
 
 
 
 
 

UNDERSTANDING AND ENGAGING YOUTUBE COMMUNITIES 
  
 
 
 
 

A Thesis  
 submitted to the Faculty of the 

Graduate School of Arts and Sciences 
of Georgetown University 

in partial fulfillment of the requirements for the 
degree of 

Masters of Arts 
In Communication, Culture, and Technology 

 
 
 
 

By 
 
 
 
 

Kelsey Savage, B.A.  
 
 
 
 
 

Washington, DC 
December 11, 2015



 ii 

 
 
 
 
 
 

Copyright 2015 by Kelsey Savage 
All Rights Reserved 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 
 
 
 
 



 iii 

UNDERSTANDING AND ENGAGING YOUTUBE COMMUNITIES 
 

Kelsey Savage,  B.A. 
Thesis Advisor:  Leticia Bode, Ph.D. 

 
Abstract 

 
As audiences transition from television to digital platforms, YouTube viewership 

continues to grow. This platform has fostered a community of creators that produce 

programming specifically for the site, which heavily differs from broadcast content. 

Inherent in YouTube original programming is the notion of audience participation and 

feedback between the creator and consumer. This study completes a content analysis of 

videos from fifty popular original programming channels on YouTube, along with five 

hundred associated video comments. The primary research goal was to explore how 

YouTube creators are developing content that is designed to engage viewers and analyze 

how audiences are responding to those efforts. The analyses found that YouTube original 

programming is highly personalized. Over 62% of the videos directly addressed the 

audience – either linguistically or visually—and most videos include other relationship 

building elements, like audience questions, calls to action and a personal introduction. 

While these relationship building tactics are not associated with a larger viewership, they 

do influence the qualitative feedback of the audience. Overall, the comments from 

viewers were largely positively and engaging. Only 3% of the comments were offensive, 

compared to 32% of comments that shared a positive opinion. The research further 

examines how programming characteristics contribute to audience comments and 

audience development. These finding indicate that YouTube content creators should 

design their programming efforts with audience participation in mind. In return, creators 

will be welcomed with a thoughtful and constructive community.  
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Introduction 

 
 As television audiences are becoming more fragmented and moving online, 

YouTube is seeing a rapid increase in its user base. The video platform averages 4 billion 

video views per day and is demonstrating significant audience growth every year. The 

rise of the platform has also led to a new genre of programming. YouTube original 

programming is video content that was for designed and lives exclusively on the 

platform. This video content largely differs from television programming—it’s short, 

interactive, and requires comparatively less production skills, time, and budget.  

 This new form of programming is also changing how audiences engage with their 

content. In the book YouTube: Online Video and Participatory Culture, Burgess and 

Green write about how YouTube is challenging our traditional notion of content 

producers and content consumers. Instead of having a strict divide between those two 

roles, YouTube allows anyone to be a creator and encourages viewers to participate in 

programming via comments, likes, and shares. They argue that, as a platform, YouTube 

has been as much shaped by Google’s corporate values as it has been by “the users who 

upload content to the website, and the audiences who engage around that content” (2009). 

The interactive nature of YouTube original programming is encouraging viewers to 

participate in a community surrounding their favorite content creators. Viewers can use 

the commenting system to share personal anecdotes, critique a creator’s work, request 

future episode topics, and respond to other commenters. As YouTube original 

programming has developed, creators have designed their programming to capitalize on 

viewer feedback and engagement. To most creators, audience engagement is an essential 

function of their content (Wesch, 2009). This programming approach differs significantly 
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from broadcast programming, which encourages passive viewership and little feedback or 

communication between the audience and creators.   

This study will focus particularly on the online communities that are forming 

around original and user generated programming channels on YouTube. The primary 

goal will be to understand the composition of the programming and commenting 

ecosystem. YouTube consumption is constantly expanding, particularly with younger 

viewers, and the original programming ecosystem is one of the areas with the highest 

growth. In an effort to better understanding the YouTube ecosystem, my research will 

profile content and audience engagement trends.   

The next goal of the study will be to research the specific ways that creators are 

interacting with and developing their audiences. The programming on YouTube is highly 

personal. Previous research has shown that creators tend to share their opinions, daily 

routine or subject area expertise (Strangelove, 2010 & Tolson, 2010). My goal is to 

understand what specific programming qualities help build an audience, as well as lead to 

meaningful community interactions. I will analyze the content formats, programming 

subject areas and in-video relationship building tactics to see how those efforts are 

associated with viewership metrics and audience engagement. Overall, this study will 

seek to demonstrate that video content factors significantly influence how the audience 

reacts to and engages with YouTube creators and the surrounding channel community.  
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Literature Review 
 

What is YouTube?  
 

YouTube, a video-sharing platform, is a media behemoth. The platform recently 

celebrated its ten year anniversary and promises to keep growing rapidly over the next 

decade. The website has over 1 billion users, with 300 hours of video being uploaded 

every minute (YouTube, 2015). Additionally, between March 2014 and March 2015, the 

website had a 40% growth in number of users watching per day (YouTube, 2015).  

For scale, YouTube reaches more 18-34 and 18-49 year-olds than any cable 

network in the United States (YouTube, 2015). Furthermore, YouTube users create more 

content every six months than sixty years of continuous broadcasting by three of 

America’s largest networks, ABC, CBS and NBC, combined (Wesch, 2008). YouTube is 

particularly popular with a younger generation of users. According to comScore data, 

YouTube reached 81.2% of Internet users in the United States. For 18-24 years olds, that 

statistic is significantly higher with YouTube reaching 98.3% of U.S. internet users. The 

time spent on YouTube for that age demographic also averaged 10 hours, 15 minutes per 

month (Blattleberg, 2015). With such a large repository of content and wide reach, it’s 

fair to say that YouTube is quickly transforming media consumption in the internet age.  

Given its dominance, YouTube has a wide range of functions for its users. To 

some, YouTube’s role is limited to a publishing platform where videos can be stored and 

watched. Others see the website as a direct competitor to broadcast television (Kim, 

2012). While some scholars, however, believe that YouTube is a thriving online 

community that is emblematic of Web 2.0’s participatory nature (Jenkins, 2009). All of 

the discussion about YouTube’s purpose and functionality has led to scholars, like Kim 
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and Jenkins, to study many different aspects of the platform-- including the content, user 

relationships, and website features. However, given the massive amount of videos being 

uploaded to YouTube and the speed at which the platform is developing, further research 

is required to better understand how audiences are consuming and interacting with 

content in this medium.   

More broadly, YouTube’s variety of functionality is supported by previous 

communication theory research. The Uses and Gratification Theory (UGT) posits that 

distinctive forms of media can be used and interpreted differently based on the audience. 

Specifically, the internet is highly “mutable” with a wide range of different 

communication opportunities. From a methodological perspective, UGT claims “the way 

that individuals choose to use media differs accordingly with their position in the social 

structure” (Ruggiero, 2000). As such, this study will focus particularly on the interactive 

nature of YouTube and how audiences respond to a particular programming format, 

rather than the video distribution technology as a whole.   

YouTube Original Programming vs. Broadcast Media  
 

Much of the historical literature on YouTube focuses on the wide variety of 

content available on the website. The openness of the platform has allowed professionally 

filmed, broadcast quality content to appear side by side an amateur home video. Since its 

creation, YouTube has been “imagined as a space where these two categories co-exist 

and collide, but do not really converge” (Burgess and Green, 2009). However, broadcast 

organizations were originally skeptical of displaying their professionally generated 

content (PGC) in the same ecosystem as unfiltered user generated content (UGC). Yet, 

after a few viral marketing successes, television networks began posting episodes and 
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clips on the platform more regularly. By 2008, Kim notes that most “media companies 

came to regard YouTube not as a rival but as a new channel to re-transmit their programs 

and a new source of advertising revenue” (Kim, 2012).    

Despite the addition of more professional quality videos on the platform, 

YouTube continues to have a thriving stream of user generated content. Josh Green and 

Jean Burgess tracked over 4,320 popular videos that were uploaded during a three month 

time span in 2007 and classified them as either amateur video or professionally produced 

video. They also extracted YouTube’s metadata to record the view count, favorites, 

responses and discussion. In total, they found that just over half of the popular material 

was coded as UGC, while around 42% was coded as PGC that originated from traditional 

media sources. For the 8% remaining videos, Green and Burgess were uncertain about 

whether they were PGC or UGC. By 2013, however, Lorenc found that of the top 241 

Most Subscribed channels, roughly 68% of them were user generated channels 

(Welbourne and Grant, 2015). This increase in popularity of original programming 

channels indicates that as YouTube expands its reach, viewers are becoming more 

familiar with the style of YouTube amateur videos. As such, understanding the key 

features of amateur videos will help researchers further dissect the content preferences of 

a younger generation of media consumers.  

Interestingly, Green and Burgess found that YouTube users interact with videos 

differently depending on whether they were PGC or UGC. Broadcast and mass media 

videos made up 66% of the Most Viewed category. Green and Burgess argue that the 

“Most Viewed [category] closely resembles the aggregate measures of attention utilized 

by mainstream media industries as a way of counting “eyeballs in front of a screen”. On 
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the other hand, user generated content represents a majority of content in the Most 

Discussed and Most Responded category-- 69% and 63% respectively. Green and 

Burgess theorize that much of UGC is inherently designed to invite feedback and 

conversation, unlike PGC, which is considered static. The Most Favorited category was 

largely split between PGC and UGC. Favoriting, according to Green and Burgess, is 

often considered a marker of personal taste and self-expression. The relatively even split 

could indicate that users view UGC and PGC equivalently on YouTube, regardless of the 

production quality.  

Green and Burgess’ quantitative work indicates that there are fundamental 

distinctions between the way that YouTube users interact with amateur videos and 

content from mainstream media. User generated content allows for participation and 

community conversation in a way that professionally generated content does not. For 

decades, academics have been studying mass media and the influence it has on society. 

Under the escapist model of media use, Stone & Stone believe that television content was 

designed as “a leisurely way to pass the time”. As such, the content was created to have 

mass appeal and to be viewed passively by the audience (Ruggiero, 2000). Conversely, 

Singer advocated that more interactive forms of media were designed to “obscure the line 

between the sender and the receiver of the mediate message” (Ruggiero, 2000). The 

internet allows for a wider audience reach and for people to take more active control over 

their media. As user generated content continues to develop rapidly on YouTube, further 

research should be conducted on this ecosystem. As a relatively new medium, there has 

already been a variety of research that concludes that people are consuming and 

responding to online content differently than they have to broadcast media. Specifically, 



 7 

this study will try to understand what distinct qualities in YouTube original videos 

encourage people to discuss and respond to content.  

The YouTube Original Programming Ecosystem  
 

Early studies of user generated content on YouTube focus particularly on 

vlogging. Vlogging is a “distinctly original” form of communication that is emblematic 

of the amateur videos found on YouTube (Tolson, 2010). Typically, vlogs are short 

“video blogs” that contain a person sharing a story, thought or expertise to an online 

audience. In the 1930s, our media landscape began to shift away from extended 

monologues. Instead, talk radio began to prefer more dialogical formats, like round table 

discussions. As the media industry transitioned to television, monologues became even 

less frequent because content programmers were concerned with keeping viewer attention 

and presenting an objective report (Tolson, 2010). Furthermore, due to the linear nature 

of television, programming is typically designed to fit into thirty minute or hour long 

blocks. On YouTube, there are currently no time restrictions, allowing for amateurs to 

create videos on a specific topic, regardless of the length.  

The directness of the vlogging format has allowed for the “rediscovery of 

authenticity” (Tolson, 2010). YouTube creators are broadcasting their personal 

experience to “anybody and everybody, or possibly nobody” (Wesch, 2009). Tolson 

highlights the uniqueness of vlogging compared to other media formats by conducting a 

linguistics case study on a prominent beauty vlogger’s YouTube channel. After watching 

Lauren Luke review beauty products and conduct make up tutorials on YouTube, Tolson 

notes that Luke often speaks directly to her audience by referring to them as a plural 

“you” and filming her videos in a direct to camera format. Her videos often include 
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deictic references to time and space, by including language like “today”, “now”, “here” 

and “this”. Additionally, Luke uses informal language and often admits to presentation 

mistakes. Tolson explains “it is not just then that the production is amateurish, it is that 

she makes a transparent virtue of this”. Another feature of her videos is that they typically 

start off with a greeting to the viewer and often include self-referential 

acknowledgements of the community surrounding Luke’s YouTube channel. Luke’s 

linguistic informality allows viewers to feel as if they are a part of the conversation with a 

real person and not a “celebrity persona”, despite the fact that she has over half a million 

subscribers (Tolson, 2010). While Tolson’s critical discourse analysis is a great starting 

point in terms of understanding the communication practices found in vlogs, he only 

reviews a single case study. This study will seek to apply Tolson’s linguistic research to a 

variety of amatuer videos on YouTube. Furthermore, my research will try to classify how 

the language used in amateur videos can influence the audience size and participation.  

Outside of vlogs, other amateur video formats on YouTube have found success 

and warrant further research. In fact, Green and Burgess found that only 40% of popular 

UGC on YouTube was classified as vlogging. Other popular original programming topics 

included amateur music videos (15%), live material (13%), scripted material (8%) and 

informational content (10%) (Green and Burgess, 2010). When researching science 

education and communication on YouTube, Welbourne and Grant found that UGC was 

significantly more popular than PGC, despite traditional media companies having a larger 

amount of available content. Their content analysis studied 390 videos from 39 science 

communication channels, 21 of which were created by professional media brands. One of 

their major findings was that for UGC and PGC that had a similar number of views, UGC 
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was more likely to be rated, while PGC was more likely to be shared. For user generated 

content, viewers might feel like their feedback will be more appreciated by the creator, so 

they are therefor more likely to rate it. This study will seek to understand how viewers of 

YouTube original programming deliver feedback to creators.   

In terms of content factors, Welbourne and Grant’s research also found that UGC 

was more likely to feature a recurring communicator, whereas PGC typically recycled 

broadcast clips from a variety of show formats and narrators. Channels that had a 

recurring host were more likely to have a higher view and subscriber count. According to 

Welbourne and Grant, this success can be attributed to the fact that viewers develop a 

connection and sense of trust with a show host and therefore want to return to their 

content regularly. Cayari’s research had a similar finding when they studied how amateur 

musicians were using YouTube. One musician that they interviewed, Wade Johnston, 

filmed regular Q&A videos for his audience to ask him questions about his music, career, 

and hobbies. He also added dialogue as an introduction to his music videos so that his 

audience could get to know his personality (Cayari, 2011). Both of these studies focused 

on particular subsets of user generated content, science communication and music, yet 

indicate a larger pattern around producing popular videos on YouTube. Amateur videos 

tend to be personality driven, regardless of the content subject matter. Instead of focusing 

on a particular type of YouTube creator or content category, my research seeks to broadly 

understand the original programming ecosystem.  

Participation in Online Communities  
 
 In addition to facilitating a better understanding of the types of original content 

that is created for YouTube, this study also seeks to gain a better understanding of the 
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communities that have been forming on the platform. More broadly, online communities 

have been a popular topic of academic research. According to Strangelove, the phrase 

“internet community” has been mentioned over 10 million times online and appears in 

thousands of academic articles (2010). Preece describes an online community as 

“[consisting] of people interacting socially and sharing a purpose, of policies to guide the 

interactions, and of computer systems to facilitate the sense of togetherness” (Malinen, 

2015). To Preece, computers and rules play a critical role in the function of developing an 

online community by assisting the interaction. To others, a community just needs to exist 

“in the minds of its members” and be demonstrated through “shared meaning” to have 

value (Malinen, 2015).  

 When evaluating the efficacy of online communities, some scholars are skeptical 

of the ability to build relationships over the internet. They believe there is an “inherent 

contradiction” in the phrase online community and that face-to-face communication is 

necessary to form strong bonds (Strangelove, 2010). At the same time, the internet allows 

people to easily find and connect to others with similar interests and passions. Ha and 

James believe that the internet will allow for “fractionated” communities to form in an 

“endless feast of niches and specialties” (Ruggiero, 2000). Since online communities can 

form around extremely niche subjects, it is typically easier to seek out individuals with 

specialized interest online than through a traditional manner (McKenna, 2002). 

Furthermore, other studies have found that communication online does not hinder an 

individual's ability to express their “true self”. Instead, the anonymity and informality of 

internet interactions allows them to feel more comfortable revealing personal information 

or opinions (McKenna, 2002).  
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Overall, however, it seems the key challenge for online communities is 

encouraging user participation (Malinen, 2015). More specifically, a thriving online 

community is dependent on user generated content to provide feedback, recruit new 

members and strengthen relationships as a genuine form of participation. Results of 

involvement in online communities have both intrinsic and extrinsic benefits. Some 

community members enjoy engaging with others who have a similar interest and 

commitments, while other members are interested in self-development and building their 

personal reputation (Malinen, 2015). 

In their article “Encouraging Commitment in Online Communities”, Kraut et al 

use economic and psychological studies to demonstrate how to build successful online 

communities. Their first principle for building an active community is to ask people to 

participate by outlining specific action they could take to benefit the group. This helps 

community members know what exact actions the community could benefit from. They 

found that by crafting a specific request the likelihood of getting a response increased by 

fifty percent. Another way to increase community participation is by outlining 

challenging goals -- if the community understands the goal and knows that their 

participation is necessary to reach it, they are more likely to contribute.  

Another challenge within online communities is finding ways to engage all 

members, particularly as the community expands. Kraut et al argue that as a group adds 

members, people will feel as if they are making less of an impact on the group. As such, 

they recommend crafting contributions in such a way that members feel their 

participation is complimenting others’ work, not substituting their work. For example, 

Kraut et al suggest creating tiered levels of participation with a larger group. This would 
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allow more dedicated members to take on responsibilities, while also tasking more 

peripheral members with less burdensome participation opportunities. In both design and 

function Kraut et al have illustrated tangible principles for developing an online 

community. This paper will apply Kraut’s research specifically to how YouTube creators 

are deploying tactics within their own communities.  

Online Communities on YouTube  
 

True to their slogan “Broadcast Yourself”, YouTube is a place where people 

deliberately express themselves and engage with others as part of an online community. 

In the case of YouTube original programming, either of the interpretations of “internet 

community” referenced in the previous section could be applied. Under Preece’s 

interpretation, YouTube’s interactive platform features, design and user policies help 

facilitate communication around a video or channel. More broadly, fans of creators have 

created community names to establish their shared meaning. For example, fans of 

Hannah Hart describe themselves as “hartosexuals”, while fans of the Vlogbrother 

channel have created the Nerdfighter community (Green, 2009). Additionally, niche 

subjects like gaming and makeup tutorials have found an extremely large audience on 

YouTube. For example, Rosanna Pansino’s channel “Nerdie Nummies” has amassed a 

following of almost five million subscribers and describes itself as a “geeky cooking 

show” where fans can watch baking tutorials of their favorite video game and movie 

themes (YouTube, 2015).  

For Strangelove, YouTube communities solve one of the fundamental problems 

of online interactions. He explains, “we end up unnecessarily problematizing the lack of 

face-to-face interaction in cyberspace” and yet, online video puts “millions of faces 
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online” (2010). Inherent to YouTube’s format is the ability for creators to welcome an 

audience into their living room and share their thoughts in an unmediated manner. As 

such, YouTube communities are functionally different than other forms of online 

participation. The visual and personal nature of YouTube warrants further research. This 

study will analyze how video elements—like a creator directly addressing the audience—

influences participation and audience development.  

Strangelove’s research also focuses on how YouTube creators interact with each 

other to help develop a new form of media. He explains, “there is no one authoritative 

YouTube identity, but there is one dominant YouTube community-- the community of 

amateur videographers.” According to his research, at least ten percent of popular 

original programming videos reference the YouTube community and the platform. 

Creators, he comments, are highly reflexive and view the platform as “a creative 

alternative to television”. Since Strangelove’s initial research, YouTube original 

programming has exponentially grown in size and reputation. No longer a form of fringe 

media, YouTube creators have entered the mainstream lexicon. One of the goals of this 

study is to understand how creators and commenters interact with and reference 

YouTube.  

YouTube Comments as a Form of Participation  
 

In terms of participation, Burgess and Green write “for YouTube, participatory 

culture is not a gimmick or a sideshow; it is absolute core business”. To Jenkins, 

YouTube “not only lowers the barriers to participation but also creates strong social 

incentives to produce and share what one produces with others”. Television programming 

was designed to be viewed in a passive manner without feedback or participation from 
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the audience. Jenkins explains, “The online audience is active in a fundamentally 

different way from twentieth-century conceptions of the active audience… the audience 

can no longer be seen as merely inhabiting the restricted domain of privatized 

consumption” (2009). In the case of YouTube, the commenting system has allowed for 

viewers to engage in vibrant discussions or community dialogue.  

Madden, Ruthven and McMenemy believe that the commenting system plays a 

crucial role in establishing YouTube’s democratic nature. They note that the active 

commenting system is an effective means of communication and self-expression 

(Madden, Ruthven and McMenemy, 2015). Others have questioned the efficacy of the 

comments in establishing an open and thoughtful community. For example, Lev 

Grossman writes “some of the comments on YouTube make you weep for the future of 

humanity just for the spelling alone, never mind the obscenity and the naked hatred” 

(Time, 2006). This study will first seek to gain a better understanding of the types of 

comments that people are writing and sharing on the platform. From that starting point, 

our next goal is to better understand how the commenting system influences the nature of 

relationships on YouTube.  

YouTube comments present a particularly difficult form of participation online. 

Madden, Ruthven and McMenemy note, “YouTube comments have, thus far, been 

comparatively understudied in relation to other aspects of the site, because the sheer 

number of comments, lack of structured organization, and the variable quality in terms of 

spelling, grammar and expression, have presented considerable difficulties for conducting 

analyses.” Another challenge in terms of researching online communities has been how 

dynamic user relationships can be, but Iriberri and Leroy found that the “most commonly 
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employed metrics are the volume of the contributions and the quality of the relations 

among members” (Madden, Ruthven and McMenemy, 2015). To combat these 

challenges, Madden, Ruthven and McMenemy developed a coding system to classify 

unstructured YouTube comments and participation. The scheme was developed after they 

watched 60 videos on the platform and analyzed over 66,637 comments. In total, their 

scheme had ten broad categories and over 58 sub-categories of comments. This research 

heavily influenced how we structured out comment content analysis, particularly in 

relation to YouTube original programming.  
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Research Questions  
 

What relationship building characteristics are present in YouTube content to help build a 

community surrounding the channel?  What are creators saying and/or asking their 

audience to do during their videos? 

 

Are these relationship building characteristics correlated with more audience 

engagement, specifically in terms of audience size? Are the relationship building 

characteristic associated with different forms of audience engagement?   

 

YouTube is a highly interactive platform that allows users to directly react to a video via 

the commenting system. What does the commenting ecosystem look like for popular 

original programming channels?  
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Methods  
 

This study employed quantitative content analysis to examine communities that 

have developed around YouTube original programming. In this case, original 

programming is defined as a recurring series that was created for and lives primarily on 

YouTube by independent creators. This definition excludes content that has appeared on 

other platforms-- namely television-- and was created by large brands or media 

companies. For example, this definition would exclude The Tonight Show with Jimmy 

Fallon’s YouTube channel because the channel primarily recycles clips from their 

television show. While they regularly post videos to YouTube, their content was not 

designed exclusively and specifically for the platform. Similarly, videos that Buzzfeed 

created for YouTube and posted on one of their channels would also not be included 

under this definition of “YouTube original programming” because of their status as a 

media organization.  

Additionally, this study focused on established YouTube channels that have 

developed consistent programming and fostered a community around their channel. This 

study considered channels that had at least 80,000 subscribers and over 25 videos on their 

channel. This indicated that the programming had built up a loyal fan base and the 

audience was interested in watching more than just a viral hit.  

Data  
 
 Given that YouTube allows almost any individual user to post to the platform, the 

ecosystem is incredibly sizable and constantly changing. Unlike television, which has 

specific time slots, publishing schedules, and a limited number of channels, YouTube has 
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the potential to be infinitely large. As such, the first portion of data collection involved 

establishing the ecosystem.  

 For this process, I used data from Social Blade, a website that tracks analytics for 

popular internet social networks. Social Blade provides real-time tracking for the Top 

5000 YouTube channels. I sorted through the Top 250 most subscribed channels and 

filtered out those that did not meet the definition of original programming, as well as 

those that were not in English. While YouTube is a global platform with lots of popular 

non-English speaking channels, the translations of videos is not accurate enough for 

English speaking coders to reliably interpret the video content. I used information from 

VidCon, Tubefilter and VideoInk, to supplement the Social Blade data and ensure that a 

wide variety of channel sizes were represented in this study. VidCon is an annual online 

video conference that focuses on YouTube creators. I used their list of panelists for the 

2015 conference to find creators that fit the original programming requirements. 

Tubefilter and VideoInk are industry publications that release news about YouTube 

creators. By subscribing to their newsletters and searching their archives, I was able to 

find articles that highlighted original programming creators. In total, I captured metadata 

from over 247 channels that qualified as YouTube original programming. From that data, 

I randomly selected 50 channels to study in further detail. For the full list of the 50 

channels that were selected for this study, see Appendix B.  

 After the 50 channels were identified, I selected one video from the channel to 

include in the study. Due to time limitations, I decided my research would be more 

impactful if I was able to watch videos from a variety of creators to get an understanding 

of the YouTube ecosystem as a whole, instead of selecting only a handful of creators and 
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watching many videos from their channels. For this process, I selected the tenth most 

recently uploaded video to the channel. This method was deployed to capture a video that 

hopefully represented an average upload for the channel and not a video that was either 

widely popular or unpopular. If the video was titled in such a way that made it clear that 

it was outside of the channel’s traditional format, I then selected the 11th most recently 

uploaded video. By the end of the video identification period, I decided to skip two 

videos because they were titled as a preview trailer or Vine compilation.  

 For each video, I recorded the video metadata and the ten most popular 

comments. Again, time limitations meant that I had to make decisions about the number 

of comments to include in this study. Some of the videos in this study had thousands of 

comments associated with them, but the unstructured nature of the comments make the 

coding process time intensive. By limiting the number of comments to 500 total, I was 

able to ensure that I got a variety of comments for different video creators. This variety 

will paint a more accurate picture of the YouTube ecosystem as a whole, rather than just 

focusing on a limited number of channels that might solicit a very specific kind of 

comment feedback from viewers. Comments on YouTube can be upvoted by users, so the 

most popular comments are typically listed at the top. It should be noted that if a 

comment was not in English or was posted by the video creator, I skipped that comment 

and then collected the next most popular comment. In total, eight comments had to be 

skipped because of those factors.  

Coding  
 
 For this study, the unit of analysis was the video content and associated metadata, 

which includes YouTube analytics and video comments. The master coding sheet 
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provided instructions for the content analysis and can be found in Appendix A. The video 

portion of the content analysis was largely derived from previous research on YouTube 

original programming. Specifically, information related to user generated content and 

programming format was derived from Burgess and Green. The portions of the content 

analysis that revolved around critical discourse analysis and communication theory were 

influenced by Tolson’s research. Each video in the random sample was blindly coded for 

video format variables (content style, subject matter, characters present, camera angle) 

and relationship building tactics (language, call to actions, audience participation 

requests). I also pulled relevant metadata from YouTube the videos (view count, social 

engagements, number of comments).  

 The comments were coded for the presence or absence of specific content 

attributions. This content classification scheme was largely adapted from previous work 

by Madden, Ruthven and McMenemy. To increase retention of the content, researchers 

were asked code the comments immediately after watching the video. The variables were 

defined as outlined here and also contained sub-variables:  

 

• Information- Information comments are those that request or provide factual 
information (objective facts) about something in the video content, video context 
or a completely unrelated topic. 

o Request for Information/ Question 
o Additional Information  

• Advice- Advice comments are those in which people request or give assistance or 
suggestions on what to do in a particular situation. 

o Request for Advice 
o Offering Advice 

• Opinion/Expression of personal feelings- Opinion comments are those in which 
commenters request or give their points-of-view on a video, person, object or 
topic. They contain explicit and subjective value judgments, but are not 
encouraging actions.  

o Request for Opinion  
o Positive Opinion 
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o Negative Opinion 
o Opinion with No Judgment 
o First Reaction 
o Offensive Content  

• General Conversation - This category encompasses a range of comment types 
that fulfill particular purposes in initiating and maintaining conversations. 

o Generic Conversation 
o Personal Story 
o Creator/ Channel Community Conversation 
o YouTube Community Conversation  

• Site Process - These comments make reference to anything related to YouTube as 
a platform. 

o Video 
o Comments 
o Subscribe 

• Video Content Description- These comments can either contain direct quotation 
of words and phrases used in the video, or paraphrased descriptions of the visual 
or audio content. 

o Summary (Paraphrase) 
o Summary (Direct) 

 
The full coding scheme with descriptions and examples can be found in Appendix A.  

 
One challenge when coding comments was understanding the user’s intent. For 

example, a user might have intended a comment to be a joke-- which would therefore be 

classified as General Conversation-- but the coder misinterpreted the comment given the 

subjective nature of humor. Another example of this was the use of images. The text of 

the comment might have indicated an opinion with no judgment, but the addition of an 

emjoi would lead the coder to conclude that the commenter actually had a positive 

opinion on a specific issue. In this case, reliability coding was deployed to ensure that 

coders were objectively interpreting comments and that results could be replicated in the 

future. 

 Before coding all 50 videos and 500 comments, I randomly selected 5 videos and 

their associated 50 comments to be part of reliability coding. After my second coder and I 

independently watched the videos and read the comments, I used Krippendorff’s Alpha 
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and average percent agreement to determine if we had achieved inter-reliability 

agreement. A measurement of .80 for Krippendorff’s Alpha is often considered the norm 

for good reliability and this study was able to achieve that without any modifications to 

the coding instructions (De Swert, 2012). The average Krippendorff’s Alpha across all of 

the comment variables was 0.892, with a 97.15% agreement achieved. For the videos, the 

average Krippendorff’s Alpha 0.972, with a 98.45% agreement achieved.   
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Results 

Research Question 1: 
 
 The first research question asked what relationship building characteristics were 

present in videos to build a community surrounding the channel. The goal of this question 

was to understand how the style and format of YouTube videos is shaping the way that 

viewers respond to the video.  

 First, I analyzed the data to simply understand what type of content was being 

produced. In terms of video format for our sample (n=50), 44% of the videos (n=22) 

involved the producer experiencing a situation, typically a “challenge”, prank or travel 

experience. Next, 30% of the videos (n=15) were filmed in a direct to camera style. This 

style is traditionally associated with “vlogging” and involves the creator discussing a 

particular topic with their audience. I found that 12% of the videos (n=6) were scripted, 

8% were voiceovers (n=4), and 6% were interview (n=3).  

Table 1: Frequency and Percentage of Video Formats 
 

Video Format Frequency Percentage 
Direct to Camera 15 30% 

Voice Over 4 8% 
Scripted 6 12% 
Interview 3 6% 

Producer Experience 22 44% 
 
In terms of content categories, there are 15 verticals that videos can be classified into on 

YouTube. My study found no videos that were classified as Sports, Travel & Events, 

Nonprofit & Activism, News & Politics or Auto. That’s not to say that videos related to 

this subject cannot be found on YouTube, but that these verticals might not have original 

programming built around them. For example, it would likely be difficult for an original 

programming channel to be built around Sports given the dominance of ESPN at live 
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reporting and rights ownership. Furthermore, some videos could have fallen into two 

vertical categories, but YouTube limits the selection to one category. For instance, my 

sample included a handful of videos that could have been described as “Travel and 

Events”, but instead were uploaded under “People & Blogs”. The most popular vertical 

category was Entertainment, with 28% of the videos (n=14). This was followed by 

People & Blog and How To/Style, each with 14% of videos (n=7). Education and 

Science & Technology had 10% (n=5) and 8% (n=4) of the videos, respectively. Four 

verticals had 6% of the videos (n=3). They were Comedy, Film & Animation, Gaming 

and Music. Lastly, only 2% of the sample was videos related to Pets & Animals (n=1).  

Table 2: Frequency and Percentage of Vertical Categories 

Vertical Category Frequency Percentage 
Comedy 3 6% 
Education 5 10% 
Entertainment 14 28% 
Film & Animation 3 6% 
Gaming 3 6% 
How To/ Style 7 14% 
Music 3 6% 
People & Blogs 7 14% 
Pets & Animals 1 2% 
Science & Technology 4 8% 

  

Next, I looked at what relationship building tactics could be found in YouTube 

original programming. For this portion study, the goal was to determine if an 

introduction, visual direct address, language direct address, question for the audience, or 

call to action was present or not present in videos. Interestingly, I found that 62% of 

videos contained a visual direct address, which was the same percentage that included 

language direct address and call to action (n=31). It should be noted that while there is a 

significant correlation between videos that contain a visual direct address and a language 
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direct address (Pearson Correlation=.576, p=.000), there were ten videos that contained 

one but not that other property. Similarly, a visual direct address and call to action were 

found to be significantly correlated (Pearson Correlation=.321, p=.000), but the data had 

eighteen instances where the two categories differed. There were fourteen instances 

where language direct address and call to action did not provide the same result (Pearson 

Correlation=.406, p=.000). This information helped ensure that our data was accurate and 

recorded correctly. An introduction was found in 46% of the videos (n=230). A question 

to the audience was only found in 20% of videos (n=10), much less frequently than the 

other relationship building tactics.  

Table 3: Percentage of Videos with Relationship Building Tactics Present 
 

Relationship Building Tactic Percentage Deployed in Video 
Visual Direct Address 62% 

Language Direct Address 62% 
Question for Audience 20% 
Call to Action Appeal 62% 

Introduction 46% 
 

Since the YouTube platform allows for a variety of user participation actions, I 

also wanted to record what specific calls to these actions were present. A message for 

viewers to subscribe to the channel was found in over 42% of videos (n=21). On 

YouTube, subscribing to a show means that you are following the show and will likely be 

a regular audience member. Next, 26% of the videos had requests for people to comment 

about the video (n=13), followed by 24% of the videos (n=12) requesting a video like. 

18% of the videos suggested that audience members watch a different video, usually on a 

similar topic or on their collaborator’s channel (n=9). Lastly, 12% of the videos (n=6) 

recommended using the description box to find more information or a URL.  
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Table 4: Percentage of Videos with Specific Calls to Action 
 

Call to Action Tactic Percentage Deployed in Video 
Like 24% 

Comment 26% 
Subscribe 42% 

Click Link in Description 12% 
Watch a Different Video 18% 

 

Research Question 2:  
 
 After researching the content of YouTube Original Programming, I also wanted to 

delve into the commenting system associated with each video. This research required 

gaining a better understanding of the comment ecosystem and how audiences are 

specifically using the commenting system to express their thoughts on creator’s videos or 

YouTube channel as a whole.  

 First, I broke down the frequencies of different comment categories. Opinion 

comments were extremely popular and appeared in over 62% of the comments for this 

study (n=314). Opinion comments are those in which commenters request or give their 

points-of-view on a video, person, object or topic. General Conversation comments 

represented 42% of the comments (n=214).  This category involved a wide range 

comments that were designed to initiate or maintain a conversation—typically a personal 

story or memory. Site Process comments, essentially any comments that references the 

YouTube platform and its interactive features, were represented in 15% of the sample 

(n=75), while Information comments were found in 10% (n=51). Information comments 

involved objective and factual claims that can be considered popular knowledge or are 

researchable. Video Content followed by Advice comments were the least popular. They 

were found in 9% (n=49) and 8% (n=42), respectively. Video Content comments were 
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comments that involved a direct response or summary of the events in the video. Advice 

comments are those in which people request or give suggestions on what to do in a 

particular situation. It should be noted that given the unstructured nature of comments on 

YouTube, comment categories were not mutually exclusive. This resulted in many 

comments having multiple categories, which is reflected in their demarcation below as 

either present or not present.  

Table 5: Percentage of Comment Categories 

Comment Categories Percentage  
Information 10.2% 

Request Information 7.6% 
Offer Information 2.6% 

Advice 8.2% 
Request Advice .6% 
Offer Advice 7.6% 

Opinion 62.8% 
Request Opinion 6.2% 
Positive Opinion 32.4% 
Negative Opinion 7.4% 
Opinion No Judgment 17.2% 
Offensive Opinion 3.2% 

General Conversation 42.8% 
Conversation/ Joke 7% 
Personal Story 16.2% 
Creator Community 19.8% 
YouTube Community 4.6% 

Site Process 15% 
Videos 12.4% 
Commenting 1.8% 
Subscribing 1.4% 

Video Content 9.4% 
Paraphrase Content 5.4% 
Direct Quote/ Summary 4.0% 

 
Subcategories of comments have been outlined in table above. The four most 

frequently deployed sub-comments were found in the Opinion and General Conversation 

genres. Positive Opinion comments were found 32% of the time (n=162). The Creator 
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Community was referenced in 19% comments (n=99), followed by Opinion No Judgment 

comments that were deployed in 17% of comments (n=86). Comments that shared a 

personal story were found 16% of the time (n=81). The least popular type of comment 

was a request for advice, which was only referenced in .6% of the comments (n=3).  

 Next, I wanted to understand how the comments shifted by vertical category or 

show format. I used a cross tabulation test to understand how the show format influenced 

the user comments. It should be noted that a multivariable cross tabulation test only tells 

you if the formats are significantly different. The researcher will have to provide 

additional context and analysis to the results to understand how the different variables 

interact. The vertical formats largely did not influence how Information, Advice, Opinion 

and Video comments were distributed. However, General Conversation comments varied 

significantly across the five different formats (p=.003). The Direct to Camera format had 

55% General Conversation comments (n=82), while Interview had 43% (n=13) and 

Producer Experience had 40% (n=89). Scripted videos had 32% General Conversation 

comments (n=19) and Voice Over had the least with 28% (n=11). When looking at the 

sub-comment breakdowns, it looks as if Interview and Scripted formats typically have a 

larger percentage of Conversation/Joke comments, at 26% and 15% respectively 

(p=.000). However, it should be noted that there were a limited number of Interview 

videos in this sample (n=3) and one of them happened to be a comedy video. As will be 

discussed further, Comedy videos tend to result in a significantly larger portion of Joke 

comments. In this case, the video vertical had a large influence over the format results 

because of the limited sample size for Interview videos. Conversely, Direct to Camera 

videos were found to have a significantly larger portion of Personal Story comments 
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(p=.003) with a reliable sample size (n=15).  Direct to Camera and Producer Experience 

videos also had a larger percentage of Creator Community and YouTube Community 

comments, but they both were only significant to the .075 level and not the .05 level.  

Table 6: Comment Categories by Video Format 

Comment Category 
Present 

Direct to 
Camera 
Format 

Voice 
Over 

Format 

Scripted 
Format 

Interview 
Format 

Producer 
Experience 

Format 

Signif
icanc

e 
Information 13% 15% 6% 13% 7% .265 
Advice 9% 5% 2% 13% 10% .229 
Opinion 61% 60% 72% 60% 63% .636 
General Conversation 55% 28% 32% 43% 40% .003* 
Conversation/ Joke 7% 5% 15% 26% 3% .000* 
Personal Story 27% 12% 12% 10% 11% .002* 
Creator Community 21% 15% 8% 13% 24% .072 
YouTube Community 6% 0% 0% 0% 6% .075 
Site Process 10% 20% 5% 3% 22% .001* 
Videos 7% 15% 2% 3% 19% .000* 
Commenting .7% .5% 3% 0% 2% .313 
Subscribing 3% 0% 2% 0% 1% .533 
Video Process 7% 12% 13% 7% 12% .481 

  
When analyzing how the show vertical category influenced the YouTube comments, 

I also used a cross tabulation test with the same limitations that were mentioned previously. 

Almost every comment category experienced significant differences based on the show 

vertical, except for the Advice and Video Process comments that did not vary significantly 

by vertical.  

Information comments occurred significantly more in Education and Science & 

Technology themed videos (p=.006). This is likely largely due to the informational nature 

of these videos themselves. The sub-comment categories, requesting and offering 

information, were found not to vary significantly between content verticals.  

Opinion comments were strongly present in Pet & Animal, Music, Film & 

Animation and People & Blog videos, but were less represented in Gaming, Education, 
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Entertainment and Science & Technology videos. This resulted in a highly significant 

difference between the vertical categories (p=.028). It seems that the reason Music, 

People & Blogs and Pet & Animal videos resulted in a higher percentage of opinion 

comments was specifically because people were reacting to the videos with positive 

opinions (a sub-comment category). Those three vertical categories had the largest 

percentage of positive opinion comments, while Gaming, Comedy and Education videos 

had the least (p=.000). Opinion No Judgment comments were also significantly different 

across verticals (p=.003). Film & Animation and Comedy had the highest percentage, 

40% and 30% respectively. While Gaming and People & Blogs had the least amount of 

Opinion No Judgment comments, at 7% and 9% respectively.   

The People & Blogs vertical had 63% General Conversation comments, while 

Comedy, Film & Animation and Pets & Animals all had the least with just 10%. This 

resulted in a significant difference across the vertical formats of .001. Interestingly, while 

Comedy had a low number of General Conversation comments, it had the largest 

percentage of Joke sub-comments. Given the Comedy vertical’s high percentage of Joke 

comments compared to the other categories, it can be noted that viewers likely responded 

to the comedy format by making significantly more jokes of their own (p=.011).  How 

To/ Style and People & Blogs also had significantly more discussion about the creator’s 

community in their comments, while Pets & Animals and Comedy had the least amount 

of discussion (p=.001).  

In terms of Site Process comments, Gaming and How To/Style each had over 

30% of their comments fall into that category, while People & Blogs, Comedy and Pets 

& Animals all had under 10% of their comments qualify. These variations resulted in a 
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highly significant difference across video vertical categories (p=.000). Additionally, since 

the Commenting and Subscribing sub-comment categories had very few data points, the 

Site Process category largely mimicked the Videos sub-comment category.  In this case, 

Gaming and How To/ Style also had significantly more video comments than the rest of 

the vertical categories (p=.000). This is likely because viewers come to YouTube to 

watch Gaming and Style experts share their craft. As such, those audiences were prone to 

requesting specific video content from the experts.  

Table 7: Comment Categories by Video Vertical 

Comment  
Category 
Present 

Come
dy 

Education Enterta
inment 

Film & 
Animati
on 

Gaming How 
To/ 
Style 

Music People 
& 
Blogs 

Pets & 
Animals 

Science 
& Tech 

Signif-
icance 

Information 0% 22% 7% 7% 17% 10% 3% 7% 10% 23% .006* 
Request 
Information 

0% 16% 4% 7% 13% 10% 7% 6% 0% 13% .113 

Offer 
Information 

0% 4% 3% 0% 3% 0% 0% 1% 10% 10% .068 

Advice 10% 10% 6% 6% 3% 7% 6% 14% 20% 7% .606 
Opinion 63% 56% 55% 76% 47% 69% 76% 73% 80% 57% .028* 
Request 
Opinion 

3% 6% 4% 3% 17% 10% 3% 9% 0% 5% .227 

Positive 
Opinion 

13% 14% 28% 33% 10% 45% 56% 49% 70% 23% .000* 

Negative 
Opinion 

13% 12% 2% 3% 10% 6% 13% 13% 0% 7% .080 

Opinion No 
Judgment 

30% 18% 18% 40% 7% 10% 13% 9% 20% 25% .003* 

Offensive 
Opinion 

13% 6% 2% 0% 3% 3% 0% 4% 0% 0% .075 

General 
Conversation 

10% 28% 46% 10% 26% 47% 40% 63% 10% 43% .001* 

Conversation/ 
Joke 

23% 4% 9% 3% 6% 1% 0% 9% 0% 10% .011* 

Personal Story 7% 12% 19% 13% 0% 20% 30% 16% 10% 20% .094 
Creator 
Community 

7% 10% 18% 20% 13% 30% 10% 35% 0% 20% .001* 

YouTube 
Community 

0% 4% 5% 0% 10% 3% 0% 12% 0% 5% .156 

Site Process 10% 18% 11% 3% 33% 30% 13% 10% 0% 13% .000* 
Videos 10% 16% 9% 3% 30% 29% 3% 6% 0% 8% .000* 
Commenting 0% 2% 7% 0% 3% 0% 6% 4% 0% 2% .312 
Subscribing 0% 0% 1% 0% 0% 3% 6% 0% 0% 3% .306 
Video Process 3% 8% 9% 7% 27% 22% 7% 13% 0% 13% .108 
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Research Question 3:  
 

After better understanding how the relationship building tactics were deployed on 

YouTube (Research Question 1), I wanted to research whether the tactics translated into 

audience engagement. Overall, the channels in this study averaged 3.2 million subscribers 

and 590 million channel views. The videos in this study had a mean of 1.2 million views 

with almost 2,900 comments per video. On average, the channels were started over six 

years ago and produced 450 videos.  

Using difference of means tests, I researched whether the tactics resulted in more 

comments, subscribers, channel views and video views. Interestingly, I found that having 

a call to action present was the only tactic that resulted in significantly higher audience 

engagement figures. Conversely, having a visual direct address, language direct address, 

introduction or question to the audience present in the video often correlated with lower 

audience engagement results than videos that did not contain those elements.  

For videos that contained calls to action (n=31), an average of 3,266 comments 

were left on the video. Videos that contained calls to action also averaged 3.6 million 

subscribers with 771 million channel views. Videos that did not contain calls to action 

had a mean of 2.4 million subscribers with 295 million channel views and 2,291 

comments on their videos. The difference in comments between videos that contained 

this relationship building characteristic and those that did not is highly significant 

(p=.003). Similarly, videos that contained calls to action also reported a significantly 

large number of subscribers (p=.009) and channel views (p=.000). The average video 
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views were higher for content that did not contain a call to action, but the difference was 

not significant (p=.068).  

Table 8: YouTube Audience Analytics by Call to Action Presence 
 

YouTube Metadata Call To Action Mean No Call to Action Mean Significance 
Comments 3,266 comments 2,291 comments .003* 
Subscribers 3,651,791 subscribers 2,482,928 subscribers .009* 

Channel Views 771,386,530 channel views 295,248,881 channel views .000* 
Video Views 1,098,391 video views 1,595,174 video views .068 

 
 When videos contained an introduction, significantly fewer video views and 

comments were present.  Videos, on average, received 1.9 million views with no 

introduction, but only around 500,000 views with an introduction (p=.000). In terms of 

comments, videos with an introduction averaged 2,026 and those without an introduction 

reported a mean of 3,636 comments (p=.000). On the other hand, videos with 

introductions averaged a larger number of subscribers—3.3 million compared to 3 

million—and channel views—634 million compared to 552 million. However, those 

results were not significant (p=.636 and p=.563, respectively).   

Table 9: YouTube Audience Analytics by Introduction Presence 
 

YouTube Metadata Introduction Mean No Introduction Mean Significance 
Comments 2026 comments 3636 comments .000* 
Subscribers 3,348,366 subscribers 3,087,732 subscribers .636 

Channel Views 634,589,466channel views 552,857,737 channel views .563 
Video Views 538,886 video views 1,924,583 video views .000* 

 
The mean subscriber, channel views and video views count were all significantly 

higher (p=.000) for videos that did not contain a visual direct address. For videos that did 

not contain a visual direct address, the channel averaged 5.1 million subscribers, 1 billion 

channel views and roughly 1.8 million video views. Videos that did have a visual direct 

address averaged over 500,000 video views, with channels averaging 2 million 
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subscribers and 325 million channel views. Videos with no visual direct address had 

around 3,000 comments, while those that had a visual direct address averaged 2,775 

comments. The difference, while slightly higher for non-direct address videos, was not 

significant (p=.385).  

Table 10: YouTube Audience Analytics by Visual Direct Address Presence 
 

YouTube Metadata  Visual Direct Address Mean No Visual Direct Address Mean Significance 
Comments 2,775 comments 3,093 comments .385 
Subscribers 2,000,837 subscribers 5,176,590 subscribers .000* 

Channel Views 332,302,666 channel views 1,011,648,870 channel views .000* 
Video Views  951,722 video views 1,834,460 video views .000* 

 
Videos that directly addressed the audience through informal, conversation 

language averaged less audience engagement across the board compared to videos that 

did not contain language that directly addressed their audience.  Videos with direct 

language averaged 2,457 comments, 2 million subscribers, 265 million channel views and 

around 575,000 video views. However, channels with no language direct address 

averaged 3,611 comments, 5 million subscribers, 1.1 billion views and 2.4 million video 

views. The subscriber, channel views and video views engagement factors were all 

significant to the .000 level, while the difference in comments was significant to the .005 

level.  

Table 11: YouTube Audience Analytics by Language Direct Address Presence 
 

YouTube Metadata  Language Direct Address 
Mean 

No Language Direct Address 
Mean 

Significance 

Comments 2,457 comments 3,611 comments .005* 
Subscribers 2,029,278 subscribers 5,130,186 subscribers .000* 

Channel Views 265,000,501 channel views 1,121,457,666 channel views .000* 
Video Views 576,885 video views  2,446,037 video views .000* 
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Lastly, videos that contained a question for the audience resulted in significantly 

less engagement across every engagement metric (p=.000). Those videos averaged 2,006 

comments, 1.6 million subscribers, 220 million channel views and 750,000 video views. 

Conversely, those videos without a question for the audience averaged 3,118 comments, 

3.5 million subscribers, 675 million channel views and 1.4 million video views. It should 

be noted that questions were only found in 20% of the videos, so the sample size of 

videos with questions for the audience was rather small (n=10).  

Table 12: YouTube Audience Analytics by Question Presence 
 

YouTube Metadata  Question to Audience Mean No Question to Audience Mean Significance 
Comments 2,006 comments 3,118 comments .000* 
Subscribers  1,676,615 subscribers 3,590,037 subscribers .000* 

Channel Views 221,548,832 channel views 682,680,571 channel views .000* 
Video Views 766,088 video views 1,417,432 video views .000* 

 
Instead of using YouTube metadata to just judge audience engagement, I also 

wanted to measure the types of non-quantitative audience feedback that different 

relationship building tactics deliver. Therefore, I looked to the comments to provide 

qualitative feedback. Overall, these results indicated that certain relationship building 

tactics within the video led to significant results in terms of garnering specific forms of 

audience reactions.  

If a video included a call to action it was significantly more likely to get 

comments about the general site process. Intuitively, this makes sense since the call to 

actions often referenced specific site actions, like subscribing or liking the video, and 

viewers were reacting by referencing those specific requests. For videos that contained a 

call to action, 18% of the comments mentioned site process (n=57). Conversely, videos 
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that did not request an action only had 9% of comments mention site process (n=18). The 

cross tabulation test reveals a significance level of .007.  

 Table 13: Comment Category by Call to Action Presence 
 

Comment Category Call to Action 
Present 

Call to Action Not 
Present 

Significance 

Information 11% 9% .469 
Advice 10% 6% .099 
Opinion 60% 68% .065 

General Conversation 40% 47% .106 
Site Process 18% 9% .007* 

Video Process 9% 12% .295 
 
 Next, I found that videos that included a visual direct address were significantly 

more likely to spur advice comments from viewers (p=.021). Videos that had a visual 

direct address had 11% of their comments offer or request advice (n=33), while videos 

that did not have a visual direct address only had 5% of their comments related to advice. 

More specifically, visual direct address videos had 9% of comments offering advice 

(n=29) and 1% requesting advice (n=3). Videos without a visual direct address had 5% of 

comments offering advice (n=9) and 0% requesting advice (n=0). Neither of these sub-

comment categories were significant, although the offering advice comments were 

largely skewed towards videos that contained a visual direct address (p=.059). The rest of 

the comment categories did not significantly differ based on whether a visual direct 

address was present in the video.  
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Table 14: Comment Category by Visual Direct Address Presence 
 

Comment Category Visual Direct 
Address Present 

Visual Direct Address 
Not Present 

Significance 

Information 10% 10% .908 
Advice 11% 5% .021* 

Requesting Advice 1% 0% .174 
Offering Advice 9% 5% .059 

Opinion 63% 62% .801 
General Conversation 45% 39% .173 
Site Process 15% 14% .699 
Video Process 8% 12% .175 

 
 Videos that used conversational language to directly address their audience were 

significantly more likely to receive comments that included conversational responses, 

indicating that the audience viewed the content as more of a two way relationship 

(p=.000). Videos with a direct address to the audience had 51% of comments that 

qualified as General Conversation (n=157), while videos that did not address the 

audience only had 30% (n=57). Within the sub-comment categories, Personal Stories, 

Creator Community and YouTube Community comments were significantly more likely 

to be present in language direct address videos (p=.000, p=.002 and p=.037, 

respectively). However, General Conversation and Joke comments were significantly 

more likely to be found in videos that did not directly address the audience (p=.005). 

None of the other comment categories were found to significantly differ depending on the 

presence of conversational language in the videos. 
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Table 15: Comment Category by Language Direct Address Presence 
 

Comment Category Language Direct 
Address Present 

Language Direct 
Address Not Present 

Significance 

Information 9% 12% .425 
Advice 9% 7% .326 
Opinion 64% 61% .527 
General Conversation 51% 30% .000* 

Conversation/ Joke 5% 11% .005* 
Personal Story 21% 7% .000* 
Creator Community 24% 13% .002* 
YouTube Community 6% 2% .037* 

Site Process 14% 17% .246 
Video Process 8% 12% .175 

  
Lastly, videos that asked a question to their audience were significantly more 

likely to result in opinion comments (p=.000). When a creator asked a question to their 

community, the audience responded with 78% of the comments falling under the opinion 

category compared to 60% of the comments when no question was asked.  Within the 

sub-comment categories, requests for opinion, positive and negative opinions, and 

offensive opinions were found not to be significantly different depending on whether an 

audience question was present. However, comments that expressed an opinion with no 

judgment were significantly more likely to appear when a question was asked (p=.000). 

This indicates that commenters were reacting to the question with a fairly balanced and 

nuanced answer. All of the other broad comment categories did not significantly differ 

depending on the presence or absence of an audience question in the video.  
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Table 15: Comment Category by Question Presence 
 

Comment Category Question to 
Audience Present 

Question to Audience 
Not Present 

Significance 

Information 8% 11% .416 
Advice 7% 9% .573 
Opinion 78% 60% .000* 

Request Opinion 8% 6% .404 
Positive Opinion 31% 33% .738 
Negative Opinion 5% 8% .305 
Opinion No Judgment 31% 14% .000* 
Offensive Opinion 4% 3% .611 

General Conversation 41% 43% .684 
Site Process 12% 16% .348 
Video Process 6% 11% .153 
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Discussion  
 

The primary purpose of this study is to gain a better understanding of the original 

programming that is being produced on YouTube. As audiences move away from 

traditional television formats and new technological developments make it easier to 

produce content, we are likely to see variations in how people are engaging with their 

media. The goal of this research is to not only understand the types of videos being made 

for YouTube, but also how the viewers are reacting, delivering feedback, and building 

communities around the programming. 

 

YouTube Original Programming  
 
 Overall, YouTube proved to be a platform that is extremely personality and 

creator focused, at least in terms of original programming. Almost 75% of the videos in 

this study involved creators either talking directly to the camera (30%) or reacting to an 

event on camera (44%). The other formats-- voice over, scripted and interviews-- often 

involved a more mediated and edited approach, but were found less frequently. Scripted 

content made up 12% of the videos in this study, while voice over represented 8% and 

interviews were found in 6% of the content. This finding aligns with previous research by 

Burgess and Green (2010), as well as how YouTube has positioned itself within the 

media market with their slogan “Broadcast Yourself”.   

 In addition to content format, YouTube’s personality driven programming was 

also highly represented in other aspects of the videos. For example, in terms of filming 

format, 62% of the videos contained the creator looking directly into the camera and 

addressing their audience. This shooting style breaks the traditional notion that the 
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internet is an impersonal and anonymous place. In this case, creators are using their 

cameras as a direct stand in for an online audience. Similarly, 62% of videos also 

contained informal, conversational language that cultivated an environment that 

inherently invites feedback. Despite having some expertise in the content area, creators 

used direct language to present themselves as a community member, rather than an 

absolute authority.  

 In terms of encouraging a participatory community, over 62% of the videos asked 

the viewer to take some kind of platform action. For example, the most popular request 

from creators was for viewers to subscribe to their channel (42%). In principle, 

subscribing to a channel on YouTube allows for the viewer to get updates on when a new 

video released. In practice, however, creators view their subscribers as their loyal 

audience and community members-- a much more meaningful relationship. Other popular 

suggested actions included leaving a comment (26%) and liking the video (24%). 

Another 20% of the videos asked the audience to answer a question or let them know 

their opinion. Overall, my research suggests that it is beneficial for creators to make 

audience calls to action a priority. Videos that included a call to action were significantly 

more likely to have a larger subscriber base (p=.009) and more channel views (p=.000). 

Video viewers, however, were not significantly higher based on the presences of a call to 

action.  

Comments on YouTube  
 

The commenting ecosystem on YouTube also demonstrates how the platform is 

driven by positive online interactions. Over 62% of the comments contained Opinion 

comments, while another 42% of comments qualified as General Conversation. Only 9% 
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of comments were either summarizing or directly reacting to the video content. 

Additionally, within the General Conversation category, Creator Community and 

Personal Story comments were found most frequently. In total, comments about the 

creator were referenced 19% of the time, while people shared personal stories in 16% of 

the comments. This indicates that the comment area of YouTube is likely where the 

community interacts with each other, rather than reacts to a specific moment of the video.  

Furthermore, the comments were also surprisingly positive. Within the Opinion 

comments, 32% expressed a positive opinion, while just 7.4% shared a negative opinion. 

Only 3% of the comments were offensive in some way, either by using inappropriate 

language or suggesting violence. Since we only analyzed the top ten most popular 

comments for each video, we cannot claim that this is representative of YouTube 

comments as a whole. This does, however, indicate the positive comments are likely to 

be upvoted by community members and therefore ranked higher than negative comments.  

 

Relationship Building and Audience Development on YouTube  
 

Interestingly, the presence of relationship building tactics in videos did not result 

in a larger audience in most cases. The original hypothesis of this study was that if videos 

incorporated relationship building elements that were emblematic of the YouTube style, 

they would be more likely to reach a wider audience. In fact, quite the opposite was true. 

Videos where the creator introduced their channel to the viewer were significantly more 

likely to have fewer comments (p=.000) and videos views (p=.000). Content that visually 

addressed the audience was statistically more likely to have fewer subscribers, channel 

views and video views (all p=.000). Furthermore, videos that used informal language or 

contained an audience question had lower levels of results across every aspect of 
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YouTube’s metadata including comments (p=.005 for language, p=.000 for question), 

subscribers (both p=.000), channel views (both p=.000) and video views (both p=.000). 

One potential explanation for this result could be that there are varying degrees of 

production quality across YouTube. Channels that have invested in more advanced 

productions, like animation and scriptwriters, might be more likely to attract a larger 

audience. For smaller channels, it might be easier to quickly produce videos that just 

involve a creator speaking directly to the camera and represent the amateur YouTube 

aesthetic. Another potential explanation could be that as YouTube creators expands their 

audience base, they feel less pressure to interact with their community or introduce their 

channel.    

This study, however, did find that relationship building tactics influenced the 

qualitative nature of participation in the comments. For example, videos that used 

informal language to directly address their audience were significantly more likely to 

have viewers respond with General Conversation comments (p=.000). The sub-comment 

analysis also supports this theory, with direct language videos having a significantly 

larger percentage of Personal Story (p=.000) and Community comments (p=.002 for 

Creator Community, p=.037 for YouTube Community). Similarly, videos that asked a 

question were more likely to receive opinion comments (p=.000), specifically No 

Judgment Opinion comments (p=.000). Videos that contained a visual direct address 

were also more likely to garner comments requesting or offering advice from the creator 

(p=059).  

The hypothesis of video content influencing comment composition is also 

supported by the results of the programming vertical analysis. Most interestingly, if a 
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video was classified as a comedy video by the uploader, the comments were significantly 

more likely to fall into the “Joke” sub-comment category (p=.011). Of the Comedy 

videos in this study, almost a quarter of their comments were considered jokes. Similarly, 

while Information comments were not found very frequently in this study, they were 

extremely likely to be found in response to Education and Science & Technology videos 

(p=.006). This finding largely indicates that YouTube communities are largely attracting 

communities of practices.  
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Conclusion  

Implications  
 
 This quantitative content analysis study revealed that YouTube original 

programming is highly personality and community driven. Creators and viewers are free 

to form communities around niche interests or individual people. While online 

communities have often been criticized for their anonymity and sterile nature, YouTube 

creators have truly established programming that interacts with the viewer and builds a 

meaningful relationship. This is consistent with the research that previous academics 

have published about YouTube’s participatory culture (Strangelove, 2010 & Burgess & 

Green, 2009).  

 A majority of the YouTube original programming demonstrated relationship 

building characteristics, like a visual direct address or language direct address, that are 

traditionally not found in television programming. These video characteristics are 

significant because they help form the foundation of the community. For instance, videos 

that contained language that directly addressed the audience were more likely to receive 

comments that acknowledged a personal story or conversation about the creator’s 

community. As such, the programming establishes the nature of the community and sets 

the tone for how the audience interacts.  

 While YouTube is only a decade old, the creators and communities that are 

forming are sure to change the future of media. The comments were overwhelmingly 

positive and thoughtful. A very small percentage of the comments that were popular were 

offensive and a significantly larger portion of the comments expressed positive emotions. 

This finding is in contrast to the popular assumptions about YouTube comments and 

online communities in general. Instead of being filling with vitriol and hatred, YouTube 
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original communities overwhelmingly demonstrated a commitment to open discussion 

and thoughtfulness.  

Furthermore, YouTube communities also displayed a commitment to fostering 

relationships. Content creators frequently asked viewers for opinions and audiences 

reciprocated with their thoughts. Viewers also regularly commented about the creator’s 

community and the YouTube community in general. It’s clear that the interactive nature 

of the platform has allowed amateur videos to be just as influential as professionally 

generated content. Viewers can now directly interact with their content creators to 

provide feedback and share their opinion with others.  

Limitations & Future Research  

 One of the limitations of this study was the sample size of just fifty videos. This 

sample size was determined by estimating a reasonable number of videos to analyze over 

the course of a semester for one person. Having more researchers or time would have 

allowed for a better understanding of the YouTube original programming ecosystem. 

More videos would also allow for a wider representation of programming verticals and 

comment types. The results section occasionally noted when there was a very limited 

sample of a particular category that could have led to unusual findings. Having more 

videos would have likely led to a more conclusive result or trend.  

 Another limitation of this study was the unstructured nature of YouTube 

comments. Occasionally, when coding comments it was difficult to understand how the 

user intended the tone and nature of the text to be interpreted. This challenge was 

particularly true with comments that could have been interpreted as jokes. Given the 

subjective nature of humor, it was difficult to gather the user’s exact intent. Similarly, 
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some communities on YouTube have words or jokes that are only understood by 

community members. At times, it was difficult to understand how to interpret a comment 

if it included community vernacular that I was unfamiliar with. While these challenges 

are difficult to overcome, having a panel of researchers interpret challenging comments 

would likely allow for a better understanding of how the user intended the comment to be 

read.   

 Additionally, while this study deliberately limited the sample to one video per 

creator in an attempt to gain an understanding of programming across YouTube, it would 

be worthwhile for researchers to select a limited number of channels and analyze many 

videos. That might provide a better perspective for how communities grow over time on 

YouTube and the specific tactics that individuals creators took to develop their channel 

and grow an audience. Another potential area of research could be to do a semantic 

analysis of YouTube comments. While the semantic analysis field is currently 

developing, it could be an interesting way of exploring YouTube comments in a more 

systematic fashion.  

 Overall, this study demonstrates the significance of relationship building in 

YouTube original programming. A key hallmark of YouTube programming is its 

interactive nature. As such, although a significant amount of research has been completed 

on YouTube content, little of this research has included study of the commenting system 

that is foundational to YouTube’s interactivity. This research attempts to bridge this gap 

by contributing an understanding of the importance of viewer feedback and community 

on the YouTube ecosystem. Moving forward, it is clear that research should not focus 
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exclusively on content or comments, but should seek to learn more about the symbiotic 

nature of YouTube’s content and community.  
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Appendix A: Code Book 
 

VIDEO METADATA  
Release Date:  
Total Number of Views:  
Words Per Minute (VidIQ):  
Video Category: 
Total Number of Comments (VidIQ): 
Total Number of Likes:  
Total Number of Dislikes:  
 
VIDEO CONTENT  
Does a character introduce himself/ herself/ the channel verbally to the viewer? 
(Example: You’re watching “The YouTube Show”, “Hi! I’m Steve”) 
 
How many character(s) appear in the video?  
 
Does a character directly address the camera for a majority of the video? 
 
Which category would best describe the video format?  
Direct to Camera Vlog - character(s) speak to the camera to directly address the 
audience.  
Voice Over - character(s) does not appear on camera, but narrates the video.  
Scripted- character(s) perform a replicable and rehearsed scene (i.e. music video, 
fictional script)  
Interview - character(s) participate in an interview while visually addressing each other.  
Producer Experience -character is filmed participating in and reacting to an activity that 
happens on camera (i.e. playing a game, participating in a challenge). 
Other  
 
Does the maker directly appear- voice only, face, some part of body.  
 
Does a character directly address the audience? (Example: You, You all, You guys, My 
Fans)  
 
Does a character pose a question directly to the audience?  
 
Does a character ask the viewer to take an action (Example: subscribe to the channel, 
favorite the video, comment on the video, check out a link, click the link in the 
description)?  
 
COMMENTS  
 
Which of the following broad categories does the comment fall into? Categories are 
not mutually exclusive. Of those broad categories, what smaller subset does it fall 
into?  
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Information- Information comments are those that request or provide factual information 
(objective facts) about something in the video content, video context or a completely 
unrelated topic. Example: “What is X?” “Where did X come from?” “How did you do 
X?” or “Is that X?”.  

• Request/ Questions- A comment containing a request for an explanation of or 
further information about something: this may be to do with video content, video 
context or something unrelated to the video  

• Additional Information - Any comment that provides factual information on 
something, including video context or content. Might be in response to 
information request or might be unsolicited. (This is something that you can 
Google. Does not include personal information about the commenter).  

 
Advice- Advice comments are those in which people request or give assistance or 
suggestions on what to do in a particular situation. Example: What should I do to achieve 
X?”,  “Where can I find/buy X?”, “Why not try X” or “I think you should ...” 

• Request for advice- A comment containing a request for input or guidance on a 
topic.   

• Offering Advice- A comment that offers input or guidance on a topic.   
 
Opinion/Expression of personal feelings- Opinion comments are those in which 
commenters request or give their points-of-view on a video, person, object or topic. They 
contain explicit and subjective value judgments, but are not encouraging actions. 
Examples: “What do you think of X?”, “Isn’t X.. .?”, “I think ... ”, and “I believe ...” 

• Request- Comment that asks a person/people to give their views on a video, 
current event or topic.  

• Positive Opinion- Comment expressing the commenter’s view on a person, video 
or topic and expressing positive sentiment  

• Negative Opinion- Comment expressing the commenter’s view on a person, 
video or topic and expressing negative sentiment  

• Opinion with no judgment- Comment expressing the commenter’s view on a 
person, video or topic.  

• Offensive Content- Comment that contains highly offensive words or 
suggestions of violence.  

 
General Conversation - This category encompasses a range of comment types that 
fulfill particular purposes in initiating and maintaining conversations. Examples: “Are 
you still going to be filming in LA next month?”  

• Generic Conversation/ Joke - A comment that is a generic greeting, joke or 
introduction.  

• Personal Story- A comment that shares personal information about the viewer’s 
life, including an anecdote, description of their life, or personal information.  

• Creator Community-- A comment that is related to the channel community or 
the creator, but not related to the specific video content.  

• YouTube Community—A comment that is related to multiple channels or 
creators on YouTube.  
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Site Process - These comments make reference to anything related to YouTube as a 
platform.  

• Videos- A comment which signposts the reader towards another video on 
YouTube, suggest content for a future video or discusses a technical element of 
the production.  

• Comments- A comment which talks about the action/ process of leaving user 
comments or makes a general comment about the body of comments already 
attached to a video.  

• Subscribing- A comment that talks about the process of subscribing to a channel 
on YouTube.  

 
Video Content Description- These comments can either contain direct quotation of 
words and phrases used in the video, or paraphrased descriptions of the visual or audio 
content.  

• Summary (paraphrase)- Comment that summarizes something in the video 
content- paraphrases  

• Summary (direct quote) - Comment that directly quotes something in the video  
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Appendix B: YouTube Original Programming Channels   
 

Channel Name Video Title Subscribers 

Total 
Channel 

Views 
Channel 

Start Date 

Number 
of 

Videos 

Andrea Russett Meet My Roommate? 2,193,391 149,836,817 7/26/2008 271 

Animalist 
Inspiring One-eyed Cat 
Finds Forever Home 279,017 65,225,846 1/23/2013 604 

arden rose "Why I Don't Wear Bras" 1,253,750 77,577,823 11/8/2008 389 
AsapSCIENCE The Science of BACON! 4,195,276 441,333,255 5/28/2012 138 
Aspyn Ovard DIY Back to School 

Projects! Supplies, Room 
Decor & Clothes! 2,065,234 104,503,552 8/28/2010 250 

Beckii TRYING JAPANESE 
SWEETS 106,352 8,921,424 7/22/2007 137 

BFvsGF BATHTUB CRASHING 7,667,918 2,095,188,213 10/9/2009 1545 
Boyinaband Internet friends are not 

real friends. 597,602 60,049,079 11/14/2007 523 

Crash Course 
Inflation and Bubbles and 
Tulips 3,315,116 261,790,784 5/19/2006 438 

Cryaotic Cry Plays: Soma [P4] 2,198,217 306,892,220 3/14/2006 1628 

DANISNOTONFIRE 

DAN AND PHIL 
BLINDFOLDED 
MAKEUP CHALLENGE 5,096,852 411,716,629 10/12/2006 122 

Dead End Hip Hop 

Cal Chuchesta - The New 
CALassic Mixtape 
Review  101,893 15,509,310 10/28/2010 551 

Felicia Day REALLY insulting 
interview about Felicia 
Day's book! 206,987 6,635,048 3/11/2008 131 

Field Day World's First Video Game 
Paintball  116,544 20,892,230 12/29/2014 31 

Fine Brothers 
Productions 

YouTubers React to K-
Pop #3 13,074,520 3,321,671,796 6/4/2007 867 

Fun for Louis 
AWESOME DUNE 
BUGGY 1,554,407 156,272,109 11/6/2011 947 

Geography Now 
Which countries will you 
cover? 107,046 4,690,083 8/31/2014 41 

Grace Helbig Oops We're All Humans 2,678,546 136,349,489 10/3/2006 431 
How It Should Have 
Ended 

How Jurassic World 
Should Have Ended 5,263,825 1,101,081,531 3/5/2007 196 

jennxpenn TRYING MEXICAN 
CANDY 2,134,749 129,927,572 1/15/2009 207 
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Jim Chapman 
JIM & TAN VS THE 
WORLD! 2,391,051 128,070,334 1/16/2009 421 

Jordan Bone 
Urban Decay NAKED 
SMOKY Palette Tutorial 106,226 4,744,579 4/5/2010 150 

Just For Laughs Gags Breaking Eggs on Bikers 
! 4,842,459 1,937,443,192 1/13/2007 3368 

juicystar07 

QUICK AND EASY 
POST WORKOUT 
HAIRSTYLES! 1,766,488 267,755,570 7/8/2008 463 

Katytastic HOW TO READ MORE 181,964 11,764,043 2/22/2009 378 
lacigreen MY LIFE BE LIKE... 1,400,398 115,787,029 11/14/2008 170 
Michelle Phan Let's Go GLAMPING ✧ 7,972,472 1,164,400,572 7/18/2006 372 

Moo Snuckle  

Garry's Mod Hide & Seek 
Funny Moments - Hair 
Salon, Funny Spawn, Big 
Head Mode(Spare Parts 
Edition) 1,213,204 65,388,310 5/29/2011 310 

MyCupcakeAddiction Caramel Cheesecake 
Recipe with Rilakkuma 
Teddy Bear Design 2,084,164 259,362,898 9/20/2011 455 

numberphile What's special about 196? 1,365,749 143,139,967 9/15/2011 310 
Periodic Videos Containing a Smelly 

Sulfur Experiment - 
Periodic Table of Videos 647,482 106,072,614 6/6/2008 564 

PewDiePie 

NAKED DONALD 
TRUMP SPACE 
SIMULATOR 39,012,426 9,955,112,593 4/29/2010 2464 

Rhett & Link What Your Fridge Says 
About You 3,684,255 518,293,064 6/5/2006 325 

Rob Dyke You've Been Doing High 
School All Wrong | 
SOCIAL AUTOPSY #1 1,915,972 180,639,332 9/10/2012 271 

RocketJump 
Tie Fighters (ft. Jimmy 
Kimmel) 7,646,096 1,220,800,778 2/22/2006 236 

schmoyoho Selma 50th anniversary- a 
tribute 2,546,131 688,691,104 12/10/2006 119 

Screen Junkies Halloween Horror Nights 
- Screen Junkies Scare! 4,737,346 958,152,140 10/3/2008 339 

Screen Rant Dark Disney: The REAL 
Stories Behind Popular 
Disney Films 755,603 100,729,098 8/18/2008 308 

Shots of Awe What Is Language? 255,840 14,535,817 4/24/2013 115 
SteveKardynal ALADDIN IN REAL 

LIFE!! 5,261,208 435,951,940 2/8/2009 27 
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thatsojack DRAWING MY CRUSH 1,271,749 61,577,527 5/25/2010 189 
TheRichest Hidden Adult Jokes in 

Kids TV Shows 1,306,216 362,810,493 1/20/2014 290 
TheRoxetera VLOG | OUR TRIP TO 

HAMBURG! 169,357 5,794,787 11/12/2011 29 
This Exists Britain’s unintentionally 

terrifying PSAs 167,659 7,651,458 12/3/2013 83 

Tyler Oakley  
My Favorite Collab Yet 
(ft. My People)  7,475,708 482,150,277 9/18/2007 389 

Us The Duo 
Top Hits of 2014 in 2.5 
Minutes - Us The Duo 1,094,727 65,136,355 6/5/2008 64 

Wassabi Productions EXTREME HOT SAUCE 
CHALLENGE 3,882,774 1,190,695,962 1/25/2006 203 

WhatsUpMoms And Update from Elle! 670,471 153,133,262 4/3/2012 273 

Young Wild and Polished 

Easy Nail Art-Dry Brush 
Technique! Seriously So 
Simple!! 115,956 7,897,806 8/17/2012 362 

YourMovieSucksDOTorg Adum & Merk: BBC Life 
Story (Episode 2) 232,776 32,963,467 6/1/2010 195 

 
 

  



 55 

References  
 
Blattberg, Eric. "The Demographics of YouTube, in 5 Charts - Digiday."Digiday. N.p., 
23 Apr. 2015. 
 
Biel, J. and Gatica-Perez. “The YouTube Lens: Crowdsourced Personality Impressions 
and Audiovisual Analysis of Vlogs” IEEE Transactions of Multimedia, Vol. 15, No. 1, 
January 2013 p 41-55  
 
Burgess, Jean and Green, Joshua. “YouTube: Online Video and Participatory Culture”. 
Cambridge UK: Polity Press. 2009 
 
Cayari, C. “The YouTube effect: How YouTube has provided new ways to consume, 
create, and share music”. International Journal of Education & the Arts, 12(6). 2011. 
 
Chau, C. YouTube as a Participatory Culture. New Directions for Youth Development, 
2010. 65-74 
 
Green, John, and Hank Green. How To Be a Nerdfighter: A Vlogbrothers FAQ. YouTube. 
Vlogbrothers, <https://www.youtube.com/watch?v=FyQi79aYfxU>.  
 
Grossman, Lev. "You — Yes, You — Are TIME's Person of the Year." Time Magazine 
25 Dec. 2006 
 
Kim, Jin. “The Institutionalization of YouTube: From user-generated content to 
professionally generated content”. Media Culture Society, January 2012, vol. 34 no 1, pg 
53-67  
 
Madden Amy,  Ruthven Ian,  McMenemy David  "A classification scheme for content 
analyses of YouTube video comments", Journal of Documentation, Vol. 69 Iss: 5, 2013. 
Pg 693 – 714.  
 
Malinen, Sanna. “Understanding user participation in online communities: A systematic 
literature review of empirical studies”.  Computers in Human Behavior. Vol 46, 2016 pg 
228-238 
 
Mohr, Iris. “Going Viral: An Analysis of YouTube Videos”. Journal of Marketing 
Development and Competitiveness. Vol 8, 2014 pg 43-49  
 
McKenna, K., Green, A. S., & Gleason, M. “Relationship formation on the Internet: 
What's the big attraction?” Journal of Social Issues, 58(1), 2002. 9-31. 
 
Ren, Kraut, Kiesler, Resnick. “Encouraging Commitment in Online Communities” In 
Kraut, R. E. & Resnick, P. (eds.) Building successful online communities: Evidence-
based social design. Cambridge, MA: MIT Press. 2011. 
 



 56 

Ruggiero, Thomas. “Uses and Gratifications Theory in the 21st Century”. Mass 
Communication & Society, 3(1),  2000. Pg 3-37 
 
"Statistics." YouTube. YouTube, 2015. 
 
Strangelove, M. Watching YouTube: Extraordinary Videos by Ordinary People. 
University of Toronto Press. 2010.  
 
Tolson, Andrew. “A New Authenticity? Communicative practices on YouTube”.  Self-
Mediation: New Media, Citizenship and Civil Selves. Pg 85-99. 2010 
 
Welbourne, D and Grant, W. “Science Communication on YouTube: Factors that Affect 
Channel and Video Popularity”. Public Understanding of Science, 2015. 1-14.  
 
Wesch, Michael. “YouTube and You: Experiences of Self-Awareness in the Context 
Collapse of the Recording Webcam”. 2009 


