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ABSTRACT 

 
Paid family leave policies are a popular topic with both policymakers and CEOs and offer 

a potential solution for decreasing the wage penalty women who become mothers face. Studies 

have shown that the impact of maternity leave taking on women’s earnings is mixed, but less 

studied is the impact of paid leave policies on paternity leave taking, particularly with regard to 

how it affects spouses’ income. This study uses NLSY97 data to conduct a propensity score 

matching analysis to determine the relationship between paid paternity leave taking and spouses’ 

income two years after the birth of a child. A statistically significant relationship between paid 

paternity leave taking and spouses’ income is not found. Further study should include 

information on maternity leave taking—both paid and unpaid—as well as a larger sample of paid 

paternity leave takers with corresponding data on spouse’s leave taking to better estimate the true 

relationship between paid paternity leave taking and spouses’ income. 
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INTRODUCTION 
 

 In recent years, particularly the last two, there has been growing discussion in the United 

States about the changing roles of men and women in the workplace and at home. Policy conversations 

surrounding the gender wage gap and paid maternity/paternity leave are ubiquitous in both popular 

media and scholarly research. While a motherhood penalty and fatherhood benefit—commonly known 

as the “Mommy Tax” and “Daddy Bonus” are well documented (Budig 2014; Budig and Hodges 2010; 

Calcagno 2014; Correll, Benard and Paik 2007; Giang 2015; Kmec 2011; Miller 2014; Williams 2014), 

policy solutions to correct for this inequity largely remain elusive.  

Paid family leave presents a potential solution for decreasing the wage penalty women who 

become mothers face, but studies have shown that the impact of maternity leave taking on women’s 

earnings is mixed. Less studied is the impact of paid leave policies on paternity leave taking and 

whether the spouses of men who take paternity leave see a decreased motherhood penalty as a result of 

shared childrearing.  

As the discussion develops surrounding which kind of policies will result in improved gender 

parity in the workplace and at home, research that sheds new light on the relationships between gender, 

work, and wages becomes increasingly important. This study will contribute to the existing literature by 

examining the impact of paid paternity leave taking on mothers’ income two years post-birth of a child. 

 

 
LITERATURE REVIEW 

 
The social and financial consequences of motherhood and fatherhood—commonly known as the 

“mommy tax” and the “daddy bonus”—are popular topics in today’s news (see, for example, Giang 
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2015; Miller 2014; Williams 2014) as well as in social science research. Budig’s (2014) examination of 

a 2013 Bureau of Labor Statistics report found that in addition to fatherhood resulting in a wage bonus 

for most men and motherhood resulting in a wage penalty for most women, the wage gap between men 

and women who are parents was increasing even as the overall gender pay gap was decreasing. Other 

studies demonstrate that the motherhood wage penalty is worse between white mothers and white 

fathers (Calcagno 2014) and lower-income white mothers (Budig and Hodges 2010).  

In addition to wage disparities, Correll, Bernard, and Paik (2007) find evidence of negative 

social bias toward women who are mothers when applying for a job, including perceived incompetence, 

while applicants who are fathers do not receive the same bias and are sometimes rewarded by 

employers for their status as a parent. The combined findings of negative wage and social consequences 

for mothers and positive outcomes for fathers are important considerations for policymakers when 

selecting policies to close the gender pay gap and promote more equitable family care policies. New 

policies requiring employers to make paid leave available, particularly to new fathers, could shift the 

structure and division of public labor in the form of wages earned in the public market. Additionally, 

these policies may shift the structure and division of private labor, in the form of care for a new child, 

between mothers and fathers. 

While the rest of the world has adopted some form of a national paid family leave policy, the 

United States, Oman, and Papua New Guinea remain the only three countries without a paid maternity 

leave policy available to all citizens (Talbot 2015). In the United States, only 12% of workers have 

access to paid family leave through their employer (U.S. Department of Labor 2015). To date, three 

states—California (2004), New Jersey (2009), and Rhode Island (2014)—have implemented paid leave 

policies. As a result, much of the domestic literature on these three states deals primarily with their 
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impact on mothers taking of maternity leave, with less focus on paternity leave and its potential 

implications. 

The effect of maternity leave taking on mothers’ wages and mothers’ decisions regarding 

whether to reenter the workforce after taking leave continue to be areas of intense study, and the results 

show mixed impacts on mothers’ earnings overall.  Since only three states have adopted paid leave 

policies of their own, much of the literature domestically focuses on leave taken under the 1993 Family 

Medical Leave Act (FMLA), which requires employers to provide job protection and up to twelve 

weeks of unpaid leave for employees with qualifying family medical situations, including pregnancy 

and care for a newborn child. Waldfogel (1999) finds that the FMLA increased both coverage and 

usage of family leave and had “no significant negative effects on women’s unemployment,” while 

Baum (2003) found that the combination of the FMLA and other unpaid state leave legislation had 

small and not statistically significant impacts on mothers’ wages and employment. 

Studies examining California’s family paid leave policy have found evidence that it has 

increased leave taking amongst young mothers in the state (Das and Polachek 2015) and doubled the 

overall use of maternity leave from three weeks to six (Rossin-Slater, Ruhm, and Waldfogel 2013). 

Still, others have found evidence that awareness of the policy’s existence—particularly amongst low-

wage workers, young workers, immigrants, and disadvantaged minorities—remains limited (Milkman 

and Appelbaum 2013). When it comes to the impact of California’s policy on mothers’ wages, 

however, mixed outcomes are reported, with some finding evidence of an increase in wages (Rossin-

Slater, Ruhm and Waldfogel 2013) and others finding the impact to be unclear (Monteiro 2015).  

 Overall, while the implications of maternity leave taking are important for understanding the 

social and financial penalties discussed above, the other side of the equation—the impact of paternity 
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leave taking—is of arguably equal importance and is far less explored. Recently, mainstream 

journalism has started to focus on the issue of paid paternity leave. Articles questioning whether paid 

leave is the solution to the “mommy tax” and “daddy bonus” (Gallagher 2015; Miller 2014) and 

whether private employers in the United States who offer paid leave see differences in their workforce 

after implementing these policies (Lieber 2015; Mundy 2014) are popular.  

The bulk of scholarly research focused on the uptake and effects of paternity leave is 

concentrated outside of the United States in European, particularly Scandinavian, countries that have 

had national paid paternity leave policies in place for years. Although the length of these paternity leave 

quotas vary from as little as 13 days to as long as 60 days, studies have found that father-specific leave 

increased paternal leave taking in each of the countries studied—Norway (Cools, Fiva and Kirkebøen 

2015), Sweden (Månsdotter, Fredlund, Hallqvist and Magnusson 2010), and Spain (Escot, Fernández-

Cornejo, and Poza 2014).  

 Internationally, the impact of fathers’ leaving taking on both their own and their spouses’ 

wages is mixed.  Rege and Solli (2013) find a decrease in the wages of fathers who took four weeks of 

paternity leave in Norway, which they associate with a shift from production outside the home to 

production inside the home. Cools, Fiva and Kirkebøen (2015) find evidence that while the paternity 

leave quota in Norway increases leave taking, there is no statistically significant evidence that it 

counters the working hours and wage differential between mothers and fathers.  

In Sweden, Johansson (2010) looks at the impact of paternity leave taking on mothers’ wages 

and finds that each additional month of paternity leave taken results in an increase in the mothers’ 

earnings when mothers reenter the workforce during the time the paternity leave is used. Johansson’s 

question is one that has yet to be explored in the United States.  
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Domestically, Han, Ruhm, and Waldfogel (2007; 2009) have found evidence of increased leave 

taking by fathers during birth months in the United States, and Baum and Ruhm (2016) and Bartel, 

Rossin-Slater, Ruhm, Stearns, and Waldfogel (2015), have found evidence of increased paternal leave 

taking under California’s paid leave policy. The impact of this domestic leave-taking on mothers’ 

wages, however, remains unexplored. This study will aim to explore the question of how paid paternity 

leave taking impacts mothers’ wages in the United States two years following the birth of a child. 

Within the context of paternity leave taking, the impact on mothers’ wages is likely to be both direct, 

helping accelerate a mother’s reentry to the workforce, and indirect through increased sharing of 

childcare responsibilities at home. 

 

CONCEPTUAL MODEL & HYPOTHESES 

The impact of fathers’ leave taking on mothers’ wages two years after the birth of a child is 

described in FIGURE 1. My research aims to estimate the impact of fathers’ paid paternity leave taking 

on mothers’ wages two years after the birth of a child. Access to paid family leave—either through one 

of the three paid family leave policies available at the state level or through an employer-sponsored 

program—should increase leave taking for both mothers and fathers overall (positive association 

between paid family leave access and both mothers and fathers taking leave). While some mothers and 

fathers will always take leave and some fathers will never take leave regardless of whether or not it is 

paid, it can be expected that those who are in the middle or “on the fence” about whether or not to take 

leave will be swayed toward taking it if the direct negative consequence of lost wages is removed 

through a paid family leave policy.  
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 Mothers’ and fathers’ propensity for leave taking is likely to be influenced by a number of 

demographic characteristics, including age, race, income, level of education attained, work experience, 

industry and occupation, as well as other characteristics that are more difficult to measure, including 

their own parents’ decisions about leave taking, family culture, job security, job culture, and regional 

culture, among others. These kinds of characteristics are likely to have mixed effects on both mothers’ 

and fathers’ leave taking. It is likely, for example, that increased job security and an office culture that 

promotes family and work-life balance will be positively associated with leave taking, while regional 

and family cultures that highly value work and hours logged at the office are likely to impact leave 

taking negatively. Other demographic characteristics, including education, income, work experience, 

industry and occupation are likely to be correlated with leave taking, as well as mothers’ wages 

directly, in both positive and negative ways.  

 Many of these characteristics are also likely to influence the division of care for the child 

between mother and father. Income, for example, may dictate which of the two parents will become the 

primary caregiver for a child if it is determined that it is less costly for the lower earner to substitute 

time at the office for time spent on domestic responsibilities, such as childcare. In this case, if the 

father’s income is higher than the mother’s, we may expect income to negatively impact the father’s 

share of in-home childcare—and the reverse if the mother was the higher earner. Similarly, the spouse 

with stronger job security may be able to adjust their work schedule to accommodate childcare at 

home—potentially a positive or negative association for the father’s share of child responsibilities. 

 Mothers’ maternity leave taking, fathers’ paternity leave taking and the division of childcare 

that follows a child’s birth are all likely to influence mothers’ future wages and income. Past studies 

have focused on the relationship between mothers’ leave taking and future wages and income and have 
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found the impact to be both positive and negative (see Monteiro 2015; Rossin-Slater, Ruhm and 

Waldfogel 2013).  

 This study will examine the relationship between fathers’ leave taking and mothers’ wages two 

years after the birth of a child. My hypothesis is that, on net, fathers’ paid leave taking will be 

positively correlated with mothers’ total income and wages two years after the birth of the child both 

directly and indirectly. Directly, I believe a father’s leave-taking after the birth of a child may allow a 

mother to return to work more quickly, therefore leaving her with smaller negative impacts both in 

terms lost wages and lost time advancing toward a higher position and/or raise at her job.  

I also hypothesize that a father’s leave taking will indirectly have a positive impact on mother’s 

wages by setting a precedent for an increased share of childcare and domestic responsibilities. There is 

evidence, mainly international, that demonstrates a secondary, potential indirect impact on mothers’ 

wages, through the relationship between paternity leave taking and the division of childcare and 

domestic work between spouses (Johansson 2011; Meil 2013). Becker (1985) presents a framework 

that suggests the allocation of childcare and housework to women negatively impacts their earnings and 

finds there is reason to believe that small changes in the division of childcare labor between mothers 

and fathers early on could have large impacts on a household’s division of responsibilities over time. 

Kotsadam, Finseraas and Handelshögskolan (2011) find that men who became fathers in Norway 

following the introduction of the national paternity leave quota were 50% more likely to equally share 

in the doing of laundry, compared to men who had their last child prior to the reform.  

In Sweden, Johansson (2011) finds evidence that paternity leave taking of six months drastically 

alters fathers’ perception of shared parenting, and Meil (2013) finds that European men’s use of 

parental leave was directly correlated with their involvement in daily childcare and housework, even 
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when controlling for working conditions, family circumstances, and duration of leave, among other 

factors.  

In the United States, one study of paternity leave—both paid and unpaid—found that fathers 

who take more leave at the birth of a child are more involved with the child care-taking activities nine 

months later (Nepomnyaschy and Waldfogel 2007). A recently released working paper from Bartel, 

Rossin-Slater, Ruhm, Stearns and Waldfogel’s (2015) states: 

   While advocates frequently credit work family programs such as PFL 
with promoting gender equality and supporting women in their careers, increased leave 
taking by fathers may have benefits that extend beyond any gains to women in the 
workplace. To the extent that gendered patterns of childcare provision develop early on, 
even relatively small changes in initial paternity leave decisions may have important 
long run implications (2). 
 

Overall, I expect that both of these associations should reduce the “mommy tax” by giving 

mothers more hours dedicated to work outside the home and less hours dedicated to child care, 

reducing the negative impact on wages that currently exists. 

 

DATA DESCRIPTION 

For this study, I utilize data from the National Longitudinal Survey of Youth 1997 (NLSY97), 

part of the National Longitudinal Surveys (NLS) program. I have obtained the data from the NLS 

Investigator site (https://www.nlsinfo.org/investigator/). The National Longitudinal Surveys (NLS) are 

a set of surveys that collect information on the same groups of women and men at various points in 

time on their labor market activities and other life events. The National Longitudinal Survey of Youth 

1997 (NLSY97) is a longitudinal survey that follows a nationally representative sample of young 

Americans born between 1980-1984. At the time of their first interview (1997), there were 8,984 
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participants, aged 12-18. During the most recent round of annual interviews (round 16), roughly 83 

percent (7,423) of the round 1 sample was interviewed. I will be examining a subsample of the data 

from 2003 to 2013, excluding the year 2012 as data is not available on the majority of my variables of 

interests for that year. 

Key independent variables of interest include responses to the questions, “Any periods of paid 

leave due to the pregnancy/birth of a child?” and “Other period of paid pregnancy leave?” These 

questions are posed to respondents annually for each job held. The universe for these questions are 

respondents at least 16 years of age who have a valid employer. I add together the total instances of 

paid leave taking each year and separate them by sex to create new variables that represent the total 

instances of men’s paid leave taking each year (MALELEAVE2003, MALELEAVE2004, 

MALELEAVE2005, etc.). A total of 609 out of the original sample of 4,599 men report taking paid 

leave for the birth of a child at least once between 2003 and 2013.  

 My key dependent variable, mothers’ wages two years after the birth of a child, will be 

determined by male respondents’ answer to the survey question, “During [previous year], how much 

did your [spouse/partner] receive from wages, salary, commissions, or tips from all jobs, before 

deductions for taxes or anything else?” which is recorded each year for the previous year’s total 

income. Because of this, my variable for spouses’ income each year is equal to the year in which it was 

recorded minus one.  

 This presents the greatest challenges to sample size, as male respondents are asked each year to 

report their spouses’ total income and wages from the previous year; however they report their own 

leave taking for the present year. Data exists on spouses’ income from 2003 to 2012 (one less year than 

male leave taking), which is particularly challenging given that male leave takers increase with each 



 

10 
 

additional year as more men in the sample enter their prime child bearing years. The exclusion of 

spouse income data for 2013 from the data set is therefore significant. Additionally, the NLSY97 data 

set did not collect data on spouses’ incomes in 2011, which means that while there is data on male 

leave taking for 2010, spousal income is not reported for 2010 and is also missing. For these reasons, 

my dependent variable of interest, which is created by a two year lead on spouses’ incomes, drives 

down sample size considerably in the matching analysis. 

 Other variables of interest include partner unique ID and household roster ID, to determine the 

link between spouses and spouse characteristics, including race and education level1; spouses’ total 

wages, salary, commission, or tips from all jobs in the year in which paternity leave was taken, to serve 

as a baseline for comparison to the measure of her salary two years later. Additionally, other 

demographic measures, including race, income, educational attainment and industry, as well as year 

and region fixed effects, will be used as control variables. 

TABLE 1 displays the averages of select characteristics of the men who took paid leave, those 

who did not take paid leave, and all men in the sample from 2000 to 2013. Of the 4,599 men included 

in the NLYS97 sample, 7% took paid paternity leave between 2000 and 2013 (men who took paid 

leave=609)2 and 93% did not (men who did not take paid leave=3,990). Of the men who took paid 

leave, 73% of them had the paid leave available to them through work, compared to just 43% in the 

group that did not. The average income for men in the overall sample is $26,094. While income for 

men who did not take paternity leave is close to the average income for all men in the sample at 

                                                
1 The NLSY97 uses a household roster for each respondent with questions for each family member tied to a differed 
household ID. By linking between the Household ID and the Partner ID, I was able to obtain characteristic information on 
the spouse. For more information on rosters in the NLSY97, see: https://www.nlsinfo.org/content/cohorts/nlsy97/using-and-
understanding-the-data/types-variables-raw-symbols-rosters-created.   
2 While there are 609 male paid leave takers in the sample, it should be noted that the analyses reflect 740 incidences of paid 
leave taking, meaning that some men in the sample take leave multiple times. 
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$24,551, men who took paternity leave made over $10,000 more per year than those who did not, with 

an average annual income of $35,272, a statistically significant difference (p<.01). Men who took 

paternity leave were also slightly more likely to be white than those who did not [56% of paid leave 

takers, compared to 52% of non-leave takers, a statistically significant difference (p<.1)]. Additionally 

men who took paid leave were more likely to hold an associate’s or a bachelor’s degree [29% of paid 

leave takers have completed one of these degrees, compared to just 15% of non-leave takers, a 

statistically significant difference (p<.01)].  

To a smaller degree, the spouses of men in the paid leave taking subsample also had a higher 

income compared to the spouses of the overall sample—$26,219, compared to $25,275, a statistically 

significant difference (p<.01). The proportion of spouses who are white and black are close between 

leave takers and non-leave takers at statistically significant levels (p<.1 & p<.05). Additionally, spouses 

of men who took paid leave were more likely to have an associate’s or bachelor’s degree (24%), 

compared to spouses of men who did not take leave (19%), a statistically significant difference (p<.05).  

 

EMPIRICAL STRATEGY 

To examine the effect of paid paternity leave on mothers’ wages two years in the future, I 

explore the relationship between the variable Spouse’s Total Income, Wages, and Salary two years after 

the birth of a child for male respondents and whether or not they took paid paternity leave. I have 

chosen two years in the future as the measure for my primary analysis since the data are somewhat 

limited given that the youngest members of the sample turned 18 in 2003. For this reason, I am only 

looking at the data from 2003 to 2013. Two years after a father takes paid leave is far enough from 
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when the child was born to potentially demonstrate a future effect of the leave on spouse’s wages, but 

still preserves some sample size of the data given the years available. 

Given the data limitations discussed above with regard to the reporting of spouses’ wages, I will 

also examine the relationship between men’s paid leave taking and spouses’ incomes the same year the 

leave is taken, one year after the leave is taken and three years after the leave is taken as secondary 

analyses. Measuring the relationship in the shorter term—the same year leave is taken and one year 

after—allows for a greater sample size. The model three years in the future offers a better opportunity 

to observe a pattern in the relationship as more time passes since the leave was taken. 

To determine what, if any, impact paid paternity leave taking by a father has on mothers’ wages 

two years in the future, I utilize propensity score matching, using the psmatch2 command in STATA. 

Propensity score matching is a non-experimental method of sampling that creates a control group with 

a distribution of covariates comparable to those of the treatment group. For this study, the treatment 

group is made up of men who took paid paternity leave. The covariates of men in the treatment and 

control group are matched on include income, race, level of education, availability of paid leave, 

whether they had a child born the year leave was taken, and industry, as well as the income, race and 

education level of their spouses. 

The matching analysis is conducted in two steps. The first estimates a probit regression with the 

above indicators to determine a male respondent’s propensity for paid leave taking: 

 

MALELEAVE = β0 + β1LogofMaleIncome + β2WhiteMale + β3BlackMale + β4MaleEducationLow + 

β5MaleEducationMiddle + β6PaidLeaveAvailabletoMale + β7ChildBorn + 

β8MaleIndustrySocialServices + β9MaleIndustryRetailTrade + β10MaleIndustryEntertainment + 
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β11LogofSpouseIncome β12WhiteSpouse + β13BlackSpouse + β14SpouseEducationLow + 

β15SpouseEducationMiddle + µ 

 
 

Here, the variable MALELEAVE is a binary variable created by combining responses to the questions, 

“Any periods of paid leave due to the pregnancy/birth of a child?” and “Other period of paid pregnancy 

leave?” which are recorded annually for each job held by the male respondent. Mu (µ) is a random 

error term. 

Using the results from this first step probit regression, a propensity score is estimated for each 

individual. Individuals who took paternity leave are then matched to individuals who did not take 

paternity leave based on their propensity scores. In the second step, the mean outcomes of the paternity 

leave taking individuals were compared to the mean outcomes of the non-paternity leave taking 

individuals they were matched to. I compare the results of these two groups to determine the effect of 

paid paternity leave taking on mothers’ wages two years after the birth of a child, as well as the same 

year, one year after, and three years after, as described above. 

For my hypothesis that paid paternity leave taking is positively associated with mothers’ 

earnings two years after the birth of a child to be correct, the difference between the treatment and 

control groups—the average effect of treatment on treated—must be positive. I anticipate that this 

coefficient will be small, given that the additional childcare and domestic work provided by the taking 

of paternity leave is not likely to dramatically impact mothers’ income, but rather counteract the 

negative effects of the “mommy tax.” 
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As secondary analyses, I use the same matching process described above to observe how the 

outcome varies over different periods of time, specifically the log of spouses’ income the same year 

paid leave is taken, one year after leave is taken and three years after leave is taken. To check for 

robustness on both the primary and the secondary analyses, I conduct standard OLS regressions of 

spouses’ wage on paid paternity leave-taking with the covariates used in the propensity score matching 

approach, as well as region and year fixed effects. Specifically, I estimate the following model: 

 

Log Spouse’s Income X years after giving birth= β0 + β1MALELEAVE + [Control variables on both 

respondent & spouse]+ [year & region fixed effects] + µ 

 

Large differences between the propensity score analysis and standard OLS regressions could indicate 

that the smaller sample size due to matching may be skewing my results. However, it could also 

indicate that there is significant omitted variable bias which the propensity score analysis is potentially 

doing a better job of correcting.  

For my estimates to be consistent and unbiased overall, I will need to have properly accounted 

and controlled for all variables that are correlated with both the taking of paid paternity leave and 

mothers’ earnings. As discussed above in the conceptual model, some characteristics that are harder to 

quantify, including a person’s own parents’ decisions about leave taking, as well as job security, job 

culture, and regional culture—are all possible sources of omitted variable bias. These could impact the 

results both negatively and positively.  

Family attitudes concerning work-family balance present the greatest challenge, potentially 

biasing the coefficient upward in two ways. First, if fathers who take paid leave come from families 
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where women’s careers are strongly valued, then it is likely that the estimate will be biased upwards, as 

it can be assumed that men from these families would have a higher likelihood of using paid leave and 

their spouses’ incomes would be higher to begin with. By controlling for spouses’ incomes the year the 

paid paternity leave is taken, however, this kind of bias should be captured by the model.  

Another possibility for bias is if a strong attitude in a family toward a traditional division of 

labor—mom as the primary caregiver and dad as the primary breadwinner—is present. If this is the 

case, then it is possible that the estimate would also be biased upwards, as fathers in these families may 

be less likely to take paid paternity leave and their spouses are more likely to have lower incomes to 

begin with. I don’t, however, expect this to bias my coefficient estimates significantly, as men who are 

taking any paid paternity leave are not likely to come from families where this attitude is exceptionally 

strong.  

Job security, job culture and attitudes are also likely to influence both leave taking and incomes; 

however, I expect that some of this variance will be captured by the industry variables for the men, 

though this data is not available for their spouses. 

 

ANALYSIS & RESULTS 

TABLE 2 and TABLE 3 show the results of four propensity score matching analyses: the 

potential impact of paternity leave taking (MALELEAVE) on the log of spouses’ income two years after 

leave is taken—my primary analysis—as well as three secondary analyses—the log of spouses’ income 

the year leave is taken, one year after leave is taken, and three years after leave is taken. All four sets of 

results displayed were produced by STATA using the psmatch2 command. In this study, the control 
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group is comprised of male respondents who did not take paternity leave and the treatment group is 

made up of male respondents who did take paternity leave between 2003 and 2013. 

As described above, this propensity score matching analysis is comprised of two steps: 

determining the propensity of male respondents to take leave and the relationship between male leave 

taking and their spouses’ incomes. TABLE 2 presents the results of the first step of this analysis—probit 

regression results of predictors for male leave taking. Predictors for leave taking include the log of the 

male respondent’s income, race, level of education, access to paid leave through his employer, whether 

the respondent works in one of the three largest industries in the sample, whether he had a child born 

the year leave was taken, as well as his spouse’s baseline income, race and level of education.  

In my primary analysis, the results show that male respondents’ income, access to paid leave 

through their employer and whether or not they have a child born, are all strongly positively predictive 

of paid leave taking (p<.01). Having a job in the retail trade industry is also positively predictive of 

leave taking (p<.05). Other characteristics, including the respondent’s race and education level, as well 

as their spouse’s race and education level, are not predictive at statistically significant levels.  

In the three secondary analyses—the log of spouses’ income the same year paid leave is taken, 

one year after leave is taken and three years after leave is taken— male respondents’ income, access to 

paid leave through their employer and whether or not they have a child born, are also all strongly 

positively predictive of paid leave taking (p<.01). Being a black male is negatively predictive in the 

model with the log of spouses’ income the same year paid leave is taken and the model with the log of 

spouses’ wages three years after leave is taken (p<.01 & p<.05). Having a job in the retail trade 

industry is also positively predictive across the three secondary analyses (p<.05, p<.05 & p<.1). 
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TABLE 3 shows the results of the second step in the matching analysis, namely the difference 

between the treatment and control groups with propensity score matching (average treatment effect on 

the treated). The average treatment effect in my primary analysis of spouses’ incomes two years after 

paid paternity leave is taken is small and positive, but not statistically significant. Similarly, the average 

treatment effects in the three secondary analyses are also small and not statistically significant. Overall, 

both my primary and secondary analyses do not show a statistically significant effect of paid paternity 

leave taking on spouses’ incomes. 

To check for robustness, TABLE 4 presents the results of an OLS regression for the effect of the 

incidences of male leave taking on spouses’ incomes with both region and year fixed effects. In the first 

regression, spouses’ incomes two years after paid leave is taken is the dependent variable. The model 

shows that male paid leave taking is slightly negatively associated with spouses’ incomes two years 

after, but like the results from the matching analysis, the effect cannot be determined as the coefficient 

is not statistically significant. Having a child born the year paid paternity leave is taken is associated 

with a 10.3% decrease in spouses’ wages two years after (p<.01), and there is a negative association (-

13.3%) between a spouse’s income the year leave is taken and her income two years after (p<.01). 

Overall, this OLS regression points to the existence of the “mommy tax,” and supports the findings in 

the matching analysis that the effect of paid paternity leave taking on spouses’ incomes two years after 

leave is taken is undetermined. 

 

CONCLUSION 

 This analysis does not find evidence of an effect of paid paternity leave taking on spouses’ 

incomes two years after the birth of a child. In order to determine if there is truly no statistically 
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significant relationship, future study must also incorporate the amount of paid and, perhaps more 

importantly, unpaid leave used by mothers around the birth of a child. If many mothers are taking 

unpaid leave around the birth of a child, resulting in a loss of income the year the child is born, it is 

possible that this negative effect is larger than any positive effect produced by paternity leave taking, 

making the relationship in the short term negative, but potentially positive as time passes. 

The small sample size of men taking paid paternity leave with matching data on spouses’ 

incomes is concerning for the internal validity of this study; however, the first stage of the propensity 

score matching models indicate that strong treatment predictors are present, including male income, the 

availability of paid leave taking and the birth of a child in the year leave is taken, which are all 

statistically significant. Although future study should aim to expand the sample size, particularly with 

regard to data on spouses’ incomes in the past, present and future, the statistical significance on the 

coefficients mentioned above indicate that this analysis mitigates the extent to which the smaller 

sample size presents a problem. By using a matching strategy, the likelihood that the relationship 

between paternity leave taking and spouses’ incomes in the present and in the future has been isolated 

is greatly increased. In a larger sample with more complete data on spouses’ incomes, I would expect to 

see a statistically significant relationship between paid paternity leave taking and spouses’ incomes. 

External validity is also a consideration since the sample is only measuring paid family leave. 

Given that only three states have adopted paid leave policies (and only two of these policies were 

potentially available to respondents for certain years in the sample), it is likely that the majority of paid 

leave taking captured is offered through employer policies. It is highly likely that only certain kinds of 

employers—namely those offering higher salaries and benefits packages—offer this kind of benefit. 

Although I have aimed to taper this effect by controlling for male leave takers’ industries, it is possible 
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that bias exists—negatively and positively—outside of the industry data controlled for and captured. 

For example, someone who works at a progressive company or in a progressive industry that 

encourages the use of paid leave taking could potentially increase the effect of leave taking on spouses’ 

incomes as this kind of “benefit friendly” industry may also offer things that would help improve 

spouses’ incomes as well, such as subsidized childcare. 

Overall, understanding the relationship between paid paternity leave taking and mothers’ 

incomes is important as policymakers continue to debate the most effective ways to support family 

leave and tackle the motherhood penalty faced by working moms. While scholarly literature has already 

explored the impact of maternity leave taking on mothers’ wages, further study is needed to examine 

the relationship between paid paternity leave taking and mothers’ incomes in the short and long term 

after the birth of a child in the United States. By uncovering the relationship between fathers’ leave 

taking and their spouses’ future earnings, we could be one step closer to creating equitable family leave 

policies and potentially even closing the gender gap in the workforce. 
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TABLES & FIGURES 

FIGURE 1. Conceptual Model 
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TABLE 1. Summary Statistics for Treatment & Control Groups of Men in the NLSY97 (2003 - 2013)

Men who took paid 
leave (N=609) 

Men who did not take 
paid leave (N=3,990)

All male respondents 
(N=4,599)

Male Characteristics
Males who took paid leave 1.000 0.000 0.070
Males who had paid leave 
available to them through work

0.730*** 0.430 0.470

Male income $35,272*** $24,551 $26,094
White males 0.560* 0.520 0.520
Black males 0.170 0.270 0.250
Male age 26*** 25 25
Male education low 0.640 0.650 0.690
Male education middle 0.290*** 0.150 0.120
Male industry (social services) 0.110*** 0.060 0.050
Male industry (retail trade) 0.120** 0.100 0.080
Male industry (entertainment) 0.050*** 0.090 0.080

Spouse Characteristics
Spouse income $26,219*** $25,013 $25,275
White spouse 0.760* 0.720 0.720
Black spouse 0.100** 0.130 0.130
Spouse age 28*** 27 27
Spouse education low 0.440*** 0.570 0.560
Spouse education middle 0.240** 0.190 0.200
Child born 0.820*** 0.310 0.380

 
Notes: Source: NLSY97 & author calculations. *** p<0.01, ** p<0.05, * p<0.1. T-test results of each variable based on “Men who took 
paid leave” vs. “Men who did not take paid leave. Males who took paid leave is the proportion of men who took paid paternity leave. 
Males who had paid leave available to them through work is the proportion of men who had paid leave available to them through their 
employer. Male income is the mean male income. White males is the proportion of men who are white. Black males is the proportion of 
men who are black. Male age is the mean of male age. Male education low is the proportion of men with a high school degree or less. 
Male education middle is the proportion of men with an associate’s or bachelor’s degree. Male industry (social services) is the proportion 
of men who work in the social services industry. Male industry (retail trade) is the proportion of men who work in retail trade. Male 
industry (entertainment) is the proportion of men who work in an entertainment industry. Spouse income is the mean of spouses’ income. 
White spouse is the proportion of spouses who are white. Black spouse is the proportion of spouses who are black. Spouse age is the mean 
of spouses’ ages. Spouse education low is the proportion of spouses with a high school degree or less. Spouse education middle is the 
proportion of spouses with an associate or bachelor degree. Child born is the proportion of male respondents who had a child born 
between 2003 and 2013. 
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TABLE 2. Probit Regression Results of Predictors for Male Leave Taking

(1) (2) (3) (4)
Log of Spouse’s Wages 
Two Years After Leave 

Taken

Log of Spouse’s Wages 
Year Leave Taken

Log of Spouse’s Wages 
One Year After Leave 

Taken

Log of Spouse’s Wages 
Three Years After 

Leave Taken

Characteristics matched on

Log of Male Income 0.374*** 0.209*** 0.357*** 0.439***
(0.085) (0.041) (0.084) (0.113)

White Male (0.133) -0.197*** (0.124) (0.202)
(0.108) (0.055) (0.102) (0.133)

Black Male (0.067) -0.196*** (0.061) -0.388**
(0.145) (0.068) (0.143) (0.196)

Male Education Low 0.142 0.369*** 0.115 0.157 
(0.185) (0.099) (0.173) (0.253)

Male Education Middle 0.161 0.448*** 0.229 0.302 
(0.196) (0.107) (0.178) (0.275)

Paid Leave Available to Male 0.296*** 0.485*** 0.483*** 0.566***
(0.092) (0.486) (0.084) (0.119)

Child Born 1.533*** 1.544*** 1.676*** 1.940***
(0.088) (0.456) (0.082) (0.123)

Male Industry (Social Services) 0.202 0.105 0.094 (0.134)
(0.155) (0.083) (0.140) (0.234)

Male Industry (Retail Trade) 0.258**  0.164** 0.249** 0.262*
(0.169) (0.066) (0.116) (0.152)

Male Industry (Entertainment) (0.006) (0.073) 0.062 (0.063)
(0.169) (0.091) (0.154) (0.222)

White Spouse 0.173 0.530*** 0.441*** 0.272 
(0.142) (0.071) (0.118) (0.186)

Black Spouse 0.163 0.472*** 0.348* 0.494*
(0.220) (0.112) (0.191) (0.283)

Log of Spouse Income (baseline) 0.012 (0.041) (0.051) 0.005 

(0.067) (0.039) (0.062) (0.086)
Spouse Education Low 0.214 (0.041) (0.200) 0.019 

(0.142) (0.072) (0.122) (0.186)
Spouse Education Middle 0.160 0.101 (0.022) 0.119 

(0.162) (0.089) (0.131) (0.211)
Constant -6.817*** -4.825*** -6.079*** -7.810***

(1.056) (0.551) (1.019) (1.387)

Observations 6,617 41,391 7,085 6,015
 

Notes: Standard errors in parentheses. *** p<0.01, ** p<0.05, * p<.1. Observations are out of a total sample of 55,188 (12 observations 
for each male participant, one per year from 2003-2013, excluding 2012). The log of spouse income (baseline) represents a spouses’ 
income the year leave is taken. A missing dummy variable for this was included, as 86% of this variable is missing. A missing dummy 
variable for the log of male income was also included (52% missing). Male education low represents men with a high school degree or 
less and male education middle represents men with an associate’s or bachelor’s degree. Spouse education low represents female spouses 
with a high school degree or less and spouse education middle represents female spouses with an associate’s or bachelor’s degree. 
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TABLE 3. Matching Analysis of Incidences of Male Leave Taking on Spouse's Wages

(1) (2) (3) (4)
Log of Spouses Wages 
Two Years After Leave 

Taken

Log of Spouses Wages 
Year Leave Taken

Log of Spouses Wages 
One Year After Leave 

Taken

Log of Spouses Wages 
Three Years After 

Leave Taken

Difference between Treatment & Control Groups 0.026 0.152 -0.089 0.137
(0.117) (0.370) (0.100) (0.142)

Observations 6,617 41,391 7,085 6,015
Untreated 6,463 40,860 6,887 5,906
Treated 154 531 198 109

R-squared 0.000 0.000 0.000 0.001
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TABLE 4. OLS Regression Results: Effect of Male Leave Taking on Spouse's Income (Incidence of Male Leave Taking)

(1) (2) (3) (4)
Log of Spouse's 

Income Two Years 
After Leave Taken

Log of Spouse's 
Income Year Leave 

Taken

Log of Spouse's 
Income One Year 

After Leave Taken

Log of Spouse's 
Income Three Years 
After Leave Taken

Male leave taking -0.122 -0.025 -0.057 0.054
(0.063) (0.018) (0.103) (0.073)

Log of Male Income 0.018 0.036*** 0.016 -0.02
(0.020) (0.003) (0.019) (0.019)

Male Education Low -0.082 -0.038* 0.023 0.076
(0.099) (0.023) (0.094) (0.108)

Male Education Middle -0.017 -0.033 0.056 0.143
(0.086) (0.021) (0.080) (0.097)

Paid Leave Available to Male 0.034 0.012* 0.036 0.026
(0.028) (0.007) (0.026) (0.030)

Child Born -0.103*** -0.038*** -0.072** -0.05
(0.034) (0.009) (0.031) (0.037)

Male Industry (Social Services) -0.055 0.013 0.043 0.029
(0.053) (0.011) (0.054) (0.054)

Male Industry (Retail Trade) -0.079** -0.007 -0.031 -0.014
(0.039) (0.008) (0.039) (0.040)

Male Industry (Entertainment) -0.173 0.005 -0.036 -0.024
(0.046) (0.009) (0.046) (0.045)

Log of Spouse Income (baseline) -0.133*** - -0.024 -0.157***
(0.018) (0.179) (0.021)

White Spouse -0.142*** 0.083*** -0.071 -0.090*
(0.048) (0.013) (0.043) (0.054)

Black Spouse -0.065 0.027 -0.072 0.052
(0.080) (0.022) (0.075) (0.087)

Spouse Education Low 0.115** -0.0300** 0.014 0.043
(0.145) (0.015) (0.049) (0.059)

Spouse Education Middle 0.134** 0.150*** 0.132** 0.029
(0.060) (0.020) (0.057) (0.065)

Constant 11.322*** 9.375*** 9.937*** 11.754***
(0.292) (0.045) (0.804) (0.311)

Observations 6,130 33,699 6,618 5,527
R-squared 0.004 0.990 0.062 0.002

 
 
Notes: Standard errors in parentheses. *** p<0.01, ** p<0.05, * p<.1. Observations are out of a total sample of 55,188 (12 observations 
for each male participant, one per year from 2003-2013, excluding 2012). The log of spouse income (baseline) represents a spouses’ 
income the year leave is taken. A missing dummy variable for this was included, as 86% of this variable is missing. A missing dummy 
variable for the log of male income was also included (52% missing). Results include fixed effects for both region and year. Male race 
variables omitted due to collinearity. Male education low represents men with a high school degree or less. Male education middle 
represents men with an associate’s or bachelor’s degree. Spouse education low represents female spouses with a high school degree or 
less. Spouse education middle represents female spouses with an associate’s or bachelor’s degree. 
 
 



 

25 
 

BIBLIOGRAPHY 
 
Bartel, A., Rossin-Slater, M., Ruhm, C., Stearns, J., & Waldfogel, J. (2015). Paid Family  

Leave, Fathers’ Leave-Taking, and Leave-Sharing in Dual-Earner Households. The National 
Bureau of Economic Research, Working Paper 21747. 

 
Baum, C. L. (2003). The effect of state maternity leave legislation and the 1993 family and medical 

leave act on employment and wages. Labour Economics, 10(5), 573-596. doi:10.1016/S0927-
5371(03)00037-X. 

 
Baum, C. L., & Ruhm, C. J. (2016). The effects of paid family leave in California on labor market 

outcomes. Journal of Policy Analysis and Management, 35(2), 333-356. doi:10.1002/pam.21894.  
 
Becker, G. S. (1985). Human capital, effort, and the sexual division of labor. Journal of Labor 

Economics, 3(1), S33-S58. doi:10.1086/298075.  
 
Budig, M. (2014). The fatherhood bonus & the motherhood penalty: Parenthood and the  

gender gap in pay. Retrieved October 31, 2015, from 
http://content.thirdway.org/publications/853/NEXT__Fatherhood_Motherhood.pdf. 

   
Budig, M. J., & Hodges, M. J. (2010). Differences in disadvantage: Variation in the motherhood 

penalty across white women's earnings distribution. American Sociological Review, 75(5), 705-
728. doi:10.1177/0003122410381593. 

 
Calcagno, J. (2014). The ‘Mommy Tax’ and ‘Daddy Bonus,’ Parenthood and Income in  

New York City 1990 - 2010. Retrieved 2016, April/10, 2016, from  
https://www.gc.cuny.edu/CUNY_GC/media/CUNY-Graduate-
Center/PDF/Centers/CLACLS/Parenthood-and-Income-in-New-York-City-1990-2010.pdf. 

 
Cools, S., Fiva, J. H., & Kirkebøen, L. J. (2015). Causal effects of paternity leave on children and 

parents. The Scandinavian Journal of Economics, 117(3), 801-828. doi:10.1111/sjoe.12113.  
 
Correll, S., Benard, S., & Paik, I. (2007). Getting a job: Is there a motherhood penalty? 

American Journal of Sociology, 112(5), 1297-1338. doi:10.1086/511799. 
 
Das, T., & Polachek, S. W. (2015). Unanticipated effects of California's paid family leave program. 

Contemporary Economic Policy, 33(4), 619-635. doi:10.1111/coep.12102.  
 

 



 

26 
 

Dustmann, C., & Schönberg, U. (2012). Expansions in maternity leave coverage and children's long-
term outcomes. American Economic Journal: Applied Economics, 4(3), 190-224. 
doi:10.1257/app.4.3.190.  

 
Escot, L., Fernández-Cornejo, J. A., & Poza, C. (2014). Fathers’ use of childbirth leave in Spain. the 

effects of the 13-day paternity leave. Population Research and Policy Review, 33(3), 419-453. 
doi:10.1007/s11113-013-9304-7.  

 
Gallagher, L. (2015, February 10). Want to create more women leaders? offer paternity leave. Fortune. 

Retrieved November 1, 2015, from http://fortune.com/2015/02/01/paternity-leave/.  
 
Giang, V. (2015, February 26). Could paternity leave policies close the wage gap? Fast Company. 

Retrieved November 1, 2015, from http://www.fastcompany.com/3042796/second-shift/could-
paternity-leave-polices-close-the-wage-gap.  

 
Han, W., Ruhm, C. J., & Waldfogel, J. (2007). Parental leave policies and parents'  

employment and leave-taking. The National Bureau of Economic Research, Working Paper 13697. 
 
Han, W., Ruhm, C., & Waldfogel, J. (2009). Parental leave policies and parents' employment and 

leave-taking. Journal of Policy Analysis and Management, 28(1), 29-54. doi:10.1002/pam.20398 . 
 
Hanel, B. (2013). The impact of paid maternity leave rights on labour market outcomes. Economic 

Record, 89(286), 339-366. doi:10.1111/1475-4932.12057.  
 
Johansson, E. (2010). The effect of own and spousal parental leave on earnings. Retrieved November 

1, 2015 from http://www.econstor.eu/bitstream/10419/45782/1/623752174.pdf.  
 
Johansson, T. (2011). Fatherhood in transition: Paternity leave and changing masculinities. Journal of 

Family Communication, 11(3), 165. doi:10.1080/15267431.2011.561137. 
 
Kmec, J. A. (2011). Are motherhood penalties and fatherhood bonuses warranted? comparing pro-work 

behaviors and conditions of mothers, fathers, and non-parents. Social Science Research, 40(2), 
444-459. doi:10.1016/j.ssresearch.2010.11.006.  

 
Kotsadam, A., & Finseraas, H. (2011). The state intervenes in the battle of the sexes: Causal effects of 

paternity leave. Social Science Research, 40(6), 1611-1622. doi:10.1016/j.ssresearch.2011.06.011.  
 
Lieber, R. (2015, August 7). Bringing paternity leave into the mainstream. The New York  

Times. Retrieved November 1, 2015 from http://www.nytimes.com/2015/08/08/your-
money/bringing-paternity-leave-into-the-mainstream.html?_r=1. 

 
Månsdotter, A., Fredlund, P., Hallqvist, J., & Magnusson, C. (2010). Who takes paternity  



 

27 
 

leave? A cohort study on prior social and health characteristics among fathers in Stockholm. 
Journal of Public Health Policy, 31(3), 324-341. doi:10.1057/jphp.2010.24  

 
Meil, G. (2013). European men's use of parental leave and their involvement in child care  

and housework. Journal of Comparative Family Studies, 44(5), 545. 
 
Milkman, R., Appelbaum, E., & ProQuest (Firm). (2013). Unfinished business: Paid  

family leave in California and the future of U.S. work-family policy. New York; Ithaca, New 
York: Cornell University Press. 

 
Miller, C. C. (2014, September 6). The motherhood penalty vs. the fatherhood bonus. The  

New York Times. Retrieved October 31, 2015 from 
http://www.nytimes.com/2014/09/07/upshot/a-child-helps-your-career-if-youre-a-
man.html?_r=0. 

 
Miller, C. C. (2014, November 1). Paternity leave: The rewards and the remaining  

stigma. The New York Times. http://www.nytimes.com/2014/11/09/upshot/paternity-leave-the-
rewards-and-the-remaining-stigma.html. 

 
Monteiro, C. E. (2015). What is the association between access to california's paid family leave policy 

and mothers' medium-term earnings? ProQuest Dissertations Publishing. Retrieved November 1, 
2015 from 
https://repository.library.georgetown.edu/bitstream/handle/10822/761003/Monteiro_georgetown_0
076M_12942.pdf?sequence=1&isAllowed=n. 

 
Mundy, L. (2014, January/February). Daddy track: The case for paternity leave. The Atlantic. Retrieved 

April 10, 2016 from http://www.theatlantic.com/magazine/archive/2014/01/the-daddy-
track/355746/.  

 
Nepomnyaschy, L., & Waldfogel, J. (2007). Paternity Leave and Fathers’ Involvement with Their 

Young Children. Community, Work & Family, 10(4), 427-453. doi:10.1080/13668800701575077.  
 
Rege, M., & Solli, I. F. (2013). The impact of paternity leave on fathers’ future earnings. Demography, 

50(6), 2255-2277. doi:10.1007/s13524-013-0233-1. 
 
Rossin-Slater, M., Ruhm, C. J., & Waldfogel, J. (2013). The effects of California's paid family leave 

program on mothers’ leave-taking and subsequent labor market outcomes: The effects of 
California's PFL program. Journal of Policy Analysis and Management, 32(2), 224-245. 
doi:10.1002/pam.21676. 

 
Ruhm, C. J. (1998). The economic consequences of parental leave mandates: Lessons from Europe. 

The Quarterly Journal of Economics, 113(1), 285-317. doi:10.1162/003355398555586 . 
 



 

28 
 

Talbot, M. (2015, January 22). America's family-leave disgrace. The New Yorker. 
Retrieved November 4, 2015, from http://www.newyorker.com/news/dailycomment/paid-family-
leave-obama-work.   

 
United States Department of Labor. (June 2015). DOL factsheet: Paid family and medical leave. 

Retrieved April 10, 2016, from http://www.dol.gov/wb/PaidLeave/pdf/PaidLeave.pdf. 
 
Waldfogel, J. (1999). The impact of the family and medical leave act. Journal of Policy Analysis and 

Management, 18(2), 281-302. doi:10.1002/(SICI)1520-6688(199921)18:2<281::AID-
PAM5>3.0.CO;2-J. 

 
Williams, A. (2014, June 4). The Hidden Wage Gap: Why Men Earn More When They  

Become Dads. Fast Company. Retrieved October 31, 2015, from  
http://www.fastcompany.com/3031380/strong-female-lead/the-hidden-wage-gap-why-men-
earn-more-when-they-become-dads.   

 

 

 

 


