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ABSTRACT 
 

I study the effect that expanding Medicaid eligibility has on labor force participation of 

childless adults. The Affordable Care Act provided federal funding for states to expand 

public health insurance to populations that had never before been eligible for the benefit 

on a large scale, among those are adults without dependent children. A 2012 Supreme 

Court decision allowed states to choose whether or not they wanted to accept federal 

funds to expand Medicaid eligibility, resulting in a situation where roughly half of the 

population resided in states that had expanded Medicaid eligibility in 2014 and half did 

not. I exploit this variation by conducting a series of difference-in-differences and triple 

differences analyses both at a local level within one labor market, and nationwide to 

determine the relationship between Medicaid expansion and labor force participation. I 

find a significant negative relationship between Medicaid expansion and labor force 

participation, in which expanding Medicaid is associated with 1.5 to 3 percentage point 

drop in labor force participation.  
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I. INTRODUCTION 
 

Since its inception in 1965, Medicaid has experienced significant growth by 

almost any measure. Coverage eligibility has expanded, resulting in more people 

receiving health insurance via Medicaid and increased state and federal spending on the 

program. In FY2014, total state and federal spending on Medicaid topped $492 billion, 

including over $300 billion from the federal budget.12 As policy changes promote more 

expansive coverage and health care costs rise, spending on Medicaid is expected grow at 

an even faster pace than in the past, with federal outlays expected to top $420 billion by 

2020.3 While the primary purpose of Medicaid is to provide health care coverage, a 

change in the health care market could potentially have repercussions in the labor market. 

In the United States, health insurance coverage has traditionally been strongly linked with 

employment. In 2013, 50% of Americans received health insurance through their 

employer; Medicaid was the second largest insurance provider – covering 18% of the 

population.4 Therefore any change in the availability of public health insurance is likely 

to have some repercussion on an individual’s decision whether or not to enter the labor 

market. It is important to understand all the implications of implementing further change 

on the Medicaid program that is available to an increasingly diverse population, including 

its effect on labor supply.  

 In 2010, the Patient Protection and Affordable Care Act (ACA) expanded 

Medicaid nationwide to all adults with incomes up to 138% of the federal poverty level 

                                                
1 Federal and State Share of Medicaid Spending, 2015 
2Office of Management and Budget, 2015 
3Office of Management and Budget, 2015 
4 Health Insurance Coverage of the Total Population, 2016	
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(FPL). The expansion was meant to increase coverage nationwide for low-income adults, 

irrespective of state of residency. There are in fact 56 different Medicaid programs5 that 

receive both federal and local funding. Each program had its own set of regulations to 

establish eligibility, coverage, etc. For instance, prior to passage of the ACA, in Alabama 

only working parents with income less than 24% of the FPL were eligible for coverage, 

while in the District of Columbia working parents with incomes up to 206% of the FPL 

could receive Medicaid.6  

Arguably, the most significant aspect of the Medicaid expansion in the ACA was 

eligibility for childless adults. Prior to the passage of health care reform, only five states 

offered full Medicaid coverage to non-disabled adults without dependent children.7 

Therefore, the law would introduce a new beneficiary group to the entitlement program 

nationwide.  

 A national standard that set the eligibility floor at 138% of the FPL was never 

implemented. In 2012, the Supreme Court ruled that it was unconstitutional to require 

states to expand coverage.8 As a result states would have to opt-in to receive federal 

funding to expand eligibility. As of the end of calendar year 2014, 28 states had expanded 

coverage under the ACA and 23 had not.9 I will exploit this variation among states to 

explore the relationship between Medicaid expansion and labor supply among childless 

adults. 

                                                
5 One program for each state, the District of Columbia and overseas territories 
6 Kaiser Commission on Medicaid and the Uninsured, 2009 
7 Kaiser Commission on Medicaid and the Uninsured, 2010 
8 In National Federation of Independent Business v. Sibelius, a majority of the Court upheld most of the 
ACA’s provisions. However, seven justices ruled that requiring states to expand Medicaid was 
unconstitutional.  
9 For ease of explanation I am referring to the District of Columbia as a state and am not including the five 
overseas territories in my study.	
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II. LITERATURE REVIEW 
 

 Economic theory suggests that the introduction of government benefits will have 

varying effects on labor supply, dependent on income absent the benefit. The two 

relevant effects on labor supply decisions when altering benefit levels are the income and 

substitution effects. The income effect describes a person’s response to a change in 

purchasing power, while the substitution effect captures the response to a change in value 

of a good.  

For instance, consider an individual with income 115% of the FPL, so that prior to 

Medicaid expansion he or she was not eligible for Medicaid but after expansion was 

eligible for coverage. Now that the individual receives publicly provided health 

insurance, his or her out-of-pocket spending on health care is reduced, increasing 

purchasing power on other goods. Due to the income effect, one would expect individuals 

to respond to an increase in the ability to consume with a reduction in labor and an 

increase in the consumption of leisure.10 Such an effect is dependent on the assumption 

that leisure is a normal good. The validity of this assumption depends on the population 

studied and could help explain the different relationships observed between labor supply 

and Medicaid expansion.  

At the same time, the individual will now lose Medicaid benefits after reaching a 

certain income level (138% of the FPL), essentially introducing a new tax on income. 

Every additional dollar earned places the individual closer to the threshold at which he or 

she would no longer be eligible for Medicaid benefits. At that point the tax rate is 

equivalent to the value of Medicaid minus the value of government subsidies to purchase 

                                                
10	Harris	&	Mok,	2015	
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health insurance above the Medicaid eligibility threshold. As a result, the value of labor 

decreases relative to leisure. In this case, via the substitution effect, individuals would be 

expected to reduce labor.  

However, the hypothesized effect would likely be different among individuals 

that were eligible for Medicaid prior to the expansion and individuals with incomes 

slightly above the post-expansion eligibility levels. For instance, prior to the ACA 

childless adults were eligible for Medicaid coverage in a few states. The ACA benefits 

this population by increasing the income threshold for which they could still receive 

Medicaid. These adults would not face an income effect since they had already been 

eligible for the Medicaid benefit, so their ability to consume would not increase. 

However, these individuals would face a substitution effect, which is likely to have a 

positive effect on labor. By facing a higher income threshold before Medicaid benefits 

are taken away, the tax on additional income is reduced, making labor more valuable than 

it had been prior to expansion. In this case, with no income effect and a positive 

substitution effect, the adult would increase its labor supply.  

The opposite holds for childless adults who had been earning slightly more than 

the new threshold. Since they are still earning above the threshold they and are not 

eligible for Medicaid benefits, they would also not experience a change in income and 

therefore they also would not face an income effect.11 The insertion of an income level in 

which they would be eligible for Medicaid benefits introduces a new tax on income as 

every additional dollar earned above 138% of the FPL takes the individual further away 

                                                
11 For the purposes of developing the conceptual framework of how Medicaid relates with labor supply, I 
am temporarily ignoring the fact that individuals without employer provided health insurance and income 
above 138% would in fact face an income effect due to the ACA subsidies available for this population to 
purchase health insurance via the exchanges. 
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from the Medicaid benefit. This decreases the relative value of labor and decreases labor 

among this population.  

TABLE 1. THEORIZED EFFECT OF MEDICAID EXPANSION ON LABOR 
SUPPLY 

 
 Income Effect 

on labor 
Substitution 

Effect on labor 
Total Effect 

on labor 
Newly eligible  - - - 
Previously eligible  N/A + + 
Income slightly 
higher than new 
threshold 

N/A - - 

                    

 The previous literature examining the relationship between Medicaid and labor 

supply has reflected theory in that different labor supply outcomes were detected among 

different populations throughout various iterations of Medicaid expansion overtime. My 

research contributes to this field by examining the latest and perhaps most widespread 

expansion to a group that had previously enjoyed very little coverage – childless adults.  

 Dague et al. (2014) studied the impact of expanding Medicaid to childless adults 

in a non-ACA context. Taking advantage of a temporary expansion in Wisconsin, Dague 

et al. (2014) found that expanding coverage to childless adults led to a significant 

decrease in employment. Dague et al. (2014) address the fact that much of the change in 

labor supply was related to the unemployment rate of the country. Considering that the 

data came from 2010, a year with above average unemployment in Wisconsin and 

nationwide, results would be different at a time with normal employment.  

Garthwaite et al. (2014) reported similar results. Garthwaite et al. (2014) found 

that decreasing Medicaid eligibility was associated with a strong increase in labor supply 

in Tennessee, suggesting an inverse relationship between Medicaid eligibility and labor 

force participation. Specifically, Garthwaite et al. (2014) found that removing about 
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170,000 people off of Medicaid increased the labor supply in the state, especially for 

childless adults with moderate incomes. There are two reasons why these results may 

overstate the relationship between Medicaid participation in labor supply and reflects a 

different effect from the relationship due to ACA expansion. First, Garthwaite et al. 

(2014) measured the impact of taking away health care coverage on the propensity to join 

the labor market. Taking a benefit away is not the same as providing a new benefit. As a 

result, the income and substitution effects are different with individuals who lose 

coverage – both effects producing an incentive to seek more labor after losing coverage. 

Therefore, the behavior of Tennessee residents is not necessarily predictive of the impact 

of expanding Medicaid as has been done in many states via the ACA.  Second, due to the 

historical evolution of Tennessee’s Medicaid’s system, the population who lost coverage 

in the 2005 reforms studied, had already demonstrated a higher valuation of health 

insurance by taking actions to remain on public insurance. For this reason, one would 

expect that the same population would be more likely to seek employer provided 

coverage when they are no longer eligible for Medicaid.  

Baicker et al. (2013) found no statistically significant impact of expanding 

Medicaid on the Oregon labor market. The Oregon experiment studied in Baicker et al. 

(2013) was unique in that eligibility for the lottery to receive Medicaid through the 

expansion was based only on family characteristics, not increased income. The biggest 

difference in eligibility was that individuals did not need children to apply, but still all 

applicants had to be below the federal poverty line and possess less than $2,000 worth of 

assets. Therefore, Baicker et al. (2013) tested for the effect of Medicaid expansion on the 

labor market for low-income childless adults. This population is significantly different 
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than childless adults who received coverage due to the ACA expansion, since they all had 

to be below the FPL.  

Dave et al. (2013), Yelowitz et al. (1995), and Montgomery et al. (2000) all focus 

on a specific population over a longer period of time. The three studies focus on the 

effect various changes to Medicaid in the 1980s and 1990s had on female labor 

participation. Yelowitz et al. (1995) and Montgomery et al. (2000), which looked at all 

females, found that the reforms expanding Medicaid led to increased labor participation 

for women. Dave et al. (2013) found that Medicaid expansion decreased the probability 

that pregnant women were employed. Aside from the clear differences between the 

populations studied in those articles, the reforms in the 1980s and 1990s were 

dramatically different than the reforms expanding Medicaid through the ACA. Those 

reforms expanded eligibility primarily just for pregnant women and children. One would 

expect a substantive difference in the response to employment decisions when health 

insurance is just provided for children compared to the entire household.  

Moreover, Dave et al. (2013), Yelowitz et al. (1995), and Montgomery et al. 

(2000) study variation in the labor market throughout the entire country. Even by 

controlling for observable state effects, as is done in Montgomery et al. (2000), regional 

variations among the population and peculiarities in the rollout of the reforms amongst 

the different states can bias the results in untold ways. For this reason, the first part of this 

article focuses on differences in a defined geographical area, among a more 

homogeneous population. With nearly 3 million households sampled nationwide, the 

annual American Community Survey (ACS) provides a large sample in metropolitan 

statistical areas (MSA) that eliminates the state-by-state variation that is inherent in any 
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national study. I use ACS data to analyze trends in the St. Louis MSA, comparing the 

change in the labor force participation rate (LFPR) in the Illinois side of the border 

(which did expand Medicaid) with the Missouri side (which did not expand). Comparing 

a treatment population and a comparison population in a contained area divided by state 

lines limits the factors other than Medicaid expansion that could influence labor 

participation. 

However, as is evident in Dague et al. (2014), Baicker et al. (2013) and 

Garthwaite (2014), focusing alone on a specific region limits the ability to apply the 

results to a larger context. Characteristics inherent to Wisconsin, Oregon and Tennessee, 

or for the purposes of my study, Missouri and Illinois, could be useful in establishing a 

relationship in those specific areas, but have limited implications when discussing 

national policies. As a result, in addition to looking at the St. Louis MSA, I use the 

Current Population Survey (CPS) as a check on the robustness of the results found 

between Illinois and Missouri, and to determine the applicability of those results to the 

whole country. My study is unique compared to other literature on the subject as it uses 

state level comparisons to establish internal validity, and then tests its external validity by 

using the same methodology to a much broader context and population.  

III. CONCEPTUAL MODEL  
 
 According to previous research and economic theory, it is likely that expanding 

Medicaid to childless adults with income up to 138% of the FPL has a net negative effect 

on the labor supply for that population. As detailed above, expansion is likely to have 

different effects dependent on the individual’s income prior to expansion. Childless 
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adults who are newly eligible for coverage and who are slightly above the new income 

threshold are likely to reduce labor, while households that were previously eligible could 

increase labor.  

FIGURE 1. CONCEPTUAL MODEL 
 

 
 

 
 Figure 1 maps out the various ways in which expanding Medicaid eligibility could 

affect labor supply. As previously discussed, a major determinant of the relationship 

between labor and Medicaid expansion is where the household stood prior to expansion 

relative to the newly placed Medicaid notch.  The Medicaid notch refers to the point 

where any additional income results in a loss of the benefit. Expanding eligibility will 

push the Medicaid notch higher, allowing for more income earned while still receiving 

Medicaid benefits. In Figure 2, the Medicaid notch prior to expansion is located at H1, and 

after expansion moves up to H2.  
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FIGURE 2. LABOR-LEISURE TRADEOFF WITH MEDICAID NOTCH 
 

 
 
                      
 An individual in section A (eligible prior to expansion) might have been limiting 

the amount of hours worked in order to stay under the Medicaid notch, after expansion 

they could work more hours – up to H2 – without having to drop down to a lower budget 

constraint. Conversely, households in section C (slightly above the expansion threshold) 

would now have the incentive to work fewer hours to get back on the other side of the 

Medicaid notch and be on the higher budget constraint. However, this effect might be 

partially offset by the fact that exchange subsidies are available for households beginning 

at 139% of the FPL.  
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 Another way to express a similar effect and one most likely to affect households 

in section B (newly eligible) is to observe the impact the availability of public health 

insurance will have on an individual’s decision to seek work. Expanding Medicaid 

eligibility will increase the probability that a childless adult will have public health 

insurance. Having public health insurance decreases that person’s need to obtain private 

health insurance. If an individual does not need to obtain employer provided health 

insurance, an incentive to work is taken away, which could in turn decrease the number 

of people that seek employment.  

There are possible explanations on how expanding Medicaid to childless adults 

could increase employment. Two of these scenarios are a direct result of being more 

likely to receive public health insurance. In the first scenario, increased probability of 

public health insurance is related to better health outcomes since individuals are more 

likely to seek care if they have newly acquired health insurance. Improved health 

outcome is associated with being able to work and being more a productive employee. 

An increase in the ability to work and productivity could result in an increased desire to 

enter the labor market. An alternative scenario that would also result in an increase to the 

labor supply is if individuals are able to spend less on their health care because they now 

have health insurance. In that case, individuals would have more disposable income, 

which could increase spending on education or training program. An adult with more 

education or training could be more likely to seek employment.  
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IV. EMPIRICAL STRATEGY 
 
 I utilize a multi-faceted approach to determine the relationship between Medicaid 

expansion and labor supply. The first phase of the process is used to help determine 

causality and more likely to achieve internal validity, while the second phase is a 

robustness check that has more external validity.  

First, I look at the change in labor force participation (LFP) in one labor market – 

St. Louis. The St. Louis metropolitan statistical area stretches across both Illinois and 

Missouri. I compare the change in the LFPR between Illinois, which did expand 

Medicaid in 2014, with Missouri, which did not.  

Next, I repeat the same process, but using nationwide data that compares results 

between states that did expand Medicaid and states that did not. Specifically, I compare 

22 states that did expand Medicaid eligibility among childless adults in 2014 with 29 

states that did not expand or already had fully expanded to cover childless adults prior to 

2014. I included the five states that did accept Medicaid expansion in 2014 but had 

already fully expanded to cover childless adults in the comparison group because they did 

not undergo any noticeable change in eligibility at the same time as the other states.  
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TABLE 2. COMPARISON AND TREATMENT GROUP ASSIGNMENTS 

 

Comparison Group Treatment 
Group 

No 2014 
Expansion 

Expansion in 
2014, but had 
prior full 
expansion 

2014 
Expansion 

Alabama Delaware Arkansas 

Alaska District of 
Columbia Arizona 

Florida Massachusetts California 
Georgia New York Colorado 
Idaho Vermont Connecticut 
Indiana  Hawaii 
Kansas  Illinois 
Louisiana  Iowa 
Maine  Kentucky 
Mississippi  Maryland 
Missouri  Michigan 
Montana  Minnesota 
Nebraska  Nevada 

North Carolina  New 
Hampshire 

Oklahoma  New Jersey 
Pennsylvania  New Mexico 
South Carolina  North Dakota 
South Dakota  Ohio 
Tennessee  Oregon 
Texas  Rhode Island 
Utah  Washington 
Virginia  West Virginia 
Wisconsin   
Wyoming   

  
 I conduct a difference-in-differences analysis, comparing the change in labor 

force participation among childless adults from prior to Medicaid expansion to post 

expansion in comparison states with the change in labor supply of the similar population 

over the same time in treatment states. My principal regressions are: 

(1) 𝐿𝑎𝑏𝑜𝑟𝐹𝑜𝑟𝑐𝑒)*+ = ß. + ß0𝐸𝑥𝑝𝑎𝑛𝑠𝑖𝑜𝑛*+ + ß7𝑃𝑜𝑠𝑡+ + ß:𝐸𝑥𝑝𝑎𝑛𝑠𝑖𝑜𝑛𝑃𝑜𝑠𝑡*+ + ß;𝑋)+ + ß=𝑊*+ + 𝜇)*+ 
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(2) 𝐿𝑎𝑏𝑜𝑟𝐹𝑜𝑟𝑐𝑒)*+ = ß. + ß0𝐸𝑥𝑝𝑎𝑛𝑠𝑖𝑜𝑛*+ + ß7𝑃𝑜𝑠𝑡+ + ß:𝑍)+ + ß;𝐸𝑥𝑝𝑎𝑛𝑠𝑖𝑜𝑛𝑍)*+ + ß=𝑃𝑜𝑠𝑡𝑍)+ +
ßA𝐸𝑥𝑝𝑎𝑛𝑠𝑖𝑜𝑛2014*+ + ßF𝐸𝑥𝑝𝑎𝑛𝑠𝑖𝑜𝑛𝑃𝑜𝑠𝑡𝑍)*+ + ßG𝑋)+ + ßH𝑊*+ + 𝜇)*+  
 

The dependent variable, LaborForce, is a dummy variable set to one for 

individuals in the labor force and set to zero otherwise. The subscript i refers to the 

individual, s is the state of residence, and t is the post treatment time. The expansion 

variable refers to whether the state of residency received the treatment or not (expanded 

Medicaid). Post is a dummy variable set to one for data collected after the treatment was 

implemented. The interaction term ExpansionPost is the difference in the LFPR prior to 

2014 in expansion states compared to the change in non-expansion states. The final 

control variables X and W refer to individual and state level controls, respectively.  

TABLE 3. KEY VARIABLES 

Variable Name Explanation 
LaborForce A dummy variable set to one if everybody in the household over the 

age of 18 is in labor force, and set to zero otherwise 
Expansion Expansion status of state of residency 
Post A dummy variable set to one for data collected post the treatment was 

implemented, and zero otherwise 
ExpansionPost 
(equation 1) 

The difference in change in employment post treatment in expansion 
states compared to the change in employment in non-expansion states 

X Household control variables 
W State control variables  
Z Set of dummies of individual characteristics 
ExpansionPostZ 
(equation 2) 

The difference in change in employment prior to 2014 in expansion 
states compared to the change in employment in non-expansion states 
for individuals with Z characteristics  

ExpansionPost 
(equation2) 

The difference in change in employment prior to 2014 in expansion 
states compared to the change in employment in non-expansion states 
for the baseline group (individuals not with Z characteristics) 

               

 The second equation is a triple differences model to account for heterogeneous 

effects based on individual characteristics. In this model, Z represents a dummy variable 

for a set of individual characteristics (marital status, race, and sex) that is interacted with 
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the treatment and time variables to capture the relationships between Medicaid expansion 

and LFP based on different individual traits. I then run different models, limiting the 

sample by income range to get an even more precise relationship.  

V. DATA 
 

I use two different surveys, both from the United States Census Bureau. 

Specifically, I use the American Community Survey (ACS) and the Current Population 

Survey’s Annual Social and Economic Supplement (CPS ACES). The rationale for using 

two different datasets is that while the CPS typically produces more detailed and reliable 

data, the ACS is a larger sample. Therefore, the CPS is the preferred survey for a 

nationwide look bringing in data across the country where sample size is unlikely to be 

an issue. However, the CPS does not provide an adequate number of observations when 

restricted to one labor market, leading to the ACS as the preferred choice to analyze the 

St. Louis labor market. 

ACS data are collected as a pooled cross-sectional design. The ACS is conducted 

annually, with data collection occurring year-round, to provide policymakers at the 

federal and local levels detailed demographics and economic information in-between the 

decennial census to best allocate government resources. Surveys are conducted at the 

household, with the head of the household providing information for individuals. 

Households are selected from a random sample from every address in the country, each 

address having a 1 in 480 chance of being selected. The ACS is mandatory; therefore 

multiple attempts are made to obtain responses.  
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The CPS supplement is a rotating panel dataset, where each household is intended 

to participate for two years. Households are interviewed once a month for four 

consecutive months, and again for the corresponding time a year later. Half of the sample 

is included in two consecutive years, however due to residents moving or nonresponses, 

the match sample is considerably less than 50%. The purpose of the ACES, is to collect 

information on the employment situation. The survey produces the official government 

statistics on employment and unemployment. The sample is selected from 826 sample 

areas comprising 1,328 counties and independent cities from every state and the District 

of Columbia. Similarly to the ACS, CPS data are obtained at the household level, but 

provide details on the individual as well.  

In both the ACS and CPS, respondents were asked to answer some questions 

about the year prior to when the survey was enumerated, and other questions referred to 

the time when the survey was taken. This presented opportunities as well as limitations 

for my research. For instance, the survey asked respondents about their participation in 

the labor force for the current year, while income level was asked about the previous 

year. Take for example the 2014 ACS, which was given to participants between January 

and December of 2014. In the 2014 ACS, respondents were asked whether they currently 

were in the labor force – providing the labor force participation status for 2014. On the 

same survey, they were also asked what their annual income in the previous year was – 

providing income levels for 2013. Such a setup is advantageous for my research because 

individuals report income before the policy change, but LFP after. Therefore, I need not 

be so concerned that the income measure in which I selected the sample is a result of an 

endogenous relationship between the treatment and income. Since the income levels 
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reported are from a previous time period, it could not be the result of an increase/decrease 

of labor supply, which was caused by expanded Medicaid eligibility.  

However, the nature of the surveys does present other disadvantages. LFP is one 

of the few questions asked about the current year, thus limiting the available options for 

dependent variables. Other labor supply variables, such as hours worked and number of 

weeks worked, are asked about the previous year. Due to the fact that the 2015 ACS and 

2016 CPS have yet to be released, I was unable to use additional labor supply outcome 

measures in my models.   

A. Summary Statistics 
 

a. ACS 
 

The annual ACS attempts to collect data on over 3 million households residing in 

cities of over 60,000 people. After limiting the sample to my population of interest – non-

institutionalized childless adults between the ages of 23 and 64 residing in the St. Louis 

MSA with reported income less than 200% - I am left with a sample of 24,582 

individuals over the years of 2012 through 2014. Just over 71% of those individuals 

reside in Illinois, while the rest live in Missouri. There are 8,181 individuals in the post 

treatment years and 16,401 in the pre-treatment years.   

TABLE 4. POPULATION BY STATE & YEAR 

 Missouri Illinois Total: 

2012 2,307 5,745 8,052 

2013 2,380 5,969 8,349 

2014 2,353 5,828 8,181 

Total: 7,040 17,542 24,582 
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 In addition to being more numerous, the sample of Illinois residents is poorer, 

younger, and less white than the sample of Missouri residents even among, childless 

adults below 200% of the FPL.  

TABLE 5. INCOME & AGE BY STATE 

 Missouri Illinois Total: 

 Mean Median Mean Median Mean Median 

Income as 
Percent of 
FPL 

90.19% 87.73% 82.02% 77.78% 84.36% 82.03% 

Age 39.01 37 34.26 29 35.62 31 
 

Among this population, the median income is over $1,000 less in Illinois than in 

Missouri. While it is not ideal for a comparison group to be different from the treatment 

group, a strength of the difference-in-differences approach is that it allows for different 

starting points and tracks the differences between the changes from one year to another 

across the groups.  

TABLE 6. DEMOGRAPHICS BY STATE 

 Missouri Illinois Total: 

 N Percent N Percent N Percent 

White 6,265 88.99% 12,116 69.07% 18,381 74.77 

Non-Hispanic 6,803 96.63% 14,279 81.4% 21,082 85.76% 

Unmarried 5,968 84.77% 16,360 93.26% 22,328 90.83% 

Female 3,153 44.79% 7,647 43.59% 10,800 43.93% 

Reported 
Disability 

1,955 27.77%  2,772 15.8% 4,727 19.23% 
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 However, one could be concerned that different types of people would have 

different reactions to the treatment. For instance, unmarried individuals may respond to 

expanded Medicaid eligibility different than those that are married. Therefore, it is 

possible that a state with a disproportionate amount of individuals with those types of 

characteristics could produce questionable results that are not relevant to the general 

population. To account for this I run a series of regressions that allows for different 

relationships based on demographic characteristics and income level.  Focusing on 

specific populations with similar characteristics within one labor market provides me 

with very similar treatment and comparison groups.  

b. CPS 
 

Nationwide, the comparison group is comprised of 24 states that did not expand 

Medicaid coverage to childless adults in 2014 plus five states that that did accept federal 

funds to expand, but already had full eligibility for childless adults prior to January 2014. 

In contrast, the treatment group consisted of the just 22 states that did expand Medicaid 

eligibility to childless adults that had not had full expansion prior to 2014. Despite the 

fact that the treatment group consists of only 43% of the country’s states, childless adults 

with income below 200% of the FPL in the treatment group account for 49.7% of all 

nationwide observations.  

 

 

 

 

 



 20  

TABLE 7. POPULATION BY COMPARISON & TREATMENT GROUPS 

 Comparison   Treatment Total: 

2012 3,721 3,708 7,437 

2013 3,928 3,899 7,827 

2014 3,754 3,976 7,730 

2015 4,112 3,744 7,856 

Total: 15,523 15,327 30,850 

 

 The individuals in the comparison and treatment states are rather similar. The 

mean income level is nearly identical – much more similar than income levels in Illinois 

and Missouri. On average, individuals in treatment states have slightly higher incomes 

and are a bit younger. The most notable demographic difference between treatment and 

comparison states is that, on average, individuals in comparison states are whiter and less 

likely to be Hispanic.  

 
TABLE 8. INCOME & AGE BY COMPARISON & TREATMENT GROUPS 

 Comparison Treatment Total: 

 Mean Median Mean Median Mean Median 

Income as 
Percent of FPL 

83.8% 85.52% 84.06% 85.95% 83.93% 85.69% 

Age 34.7 30 34.1 29 34.4 29 

 

 Arguably one of the biggest differences between comparison and treatment states 

is the political party in power. As of January 2014, governors from 21 of the 2812 

comparison states were Republicans, while only seven were Democrats. Four of the 

                                                
12	Excluding	the	District	of	Columbia	from	the	list	of	comparison	states	
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seven states with Democratic governors are in the comparison group because they had 

full Medicaid expansion prior to January 2014. In the three remaining comparison group 

states with Democratic governors, Republicans controlled both houses of the legislature. 

Conversely, of the 22 states in the treatment group, only eight had Republican governors 

while 14 had Democratic governors. The stark differences in governor political party 

between the comparison and treatment groups should not be surprising. Following the 

highly politicized nature in which the ACA passed, decisions on whether or not to expand 

Medicaid tracked rather closely with the political party of the executive.  

TABLE 9. DEMOGRAPHICS BY COMPARISON & TREATMENT GROUPS 

 Comparison Treatment Total: 

 N Percent N Percent N Percent 

White 10,614 68.38% 10,848 70.78% 21,462 69.57% 

Non-Hispanic 12,133 78.16% 10,730 70.01% 22,863 74.11% 

Unmarried 14,049 90.5% 13,952 91.03 28,001 90.76% 

Female 7,014 45.18% 6,913 45.1% 13,927 45.14% 

Reported 
Disability 

2,146 13.82% 1,767 11.53% 3,913 12.68% 

 

VI. RESULTS 

A. St. Louis Metropolitan Statistical Area  
 

This study relies on a difference-in-difference approach to determine if there is a 

causal effect of Medicaid expansion on labor supply. The identifying assumption when 

using a difference-in-difference model is that absent the treatment, the change in the 

treatment group would have been the same as the change in the comparison group. In this 

context, this means that there are no other changes other than Medicaid expansion in the 
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St. Louis MSA over the time period that could have an effect on labor supply and that the 

trends in labor supply between the populations of Illinois and Missouri leading up to the 

policy change are parallel.  

 
TABLE 10. LABOR FORCE PARTICIPATION RATE 

 Missouri Illinois 

2012 .5743 .6738 

2013 .5811 
(.0068) 

.6557 
(-.0181) 

2014 .5703 
(-.0108) 

.6534 
(-.0023) 

Difference in LFP from previous year in parentheses 
 
 

Figure 3 casts doubts on whether the identifying assumption is reasonable. The 

opposite slopes of the lines preceding 2014 suggest that labor force participation in 

Illinois and in Missouri were going in opposite directions prior to the policy change. This 

would put into question any causal relationship claimed to have been determined between 

labor force participation and Medicaid expansion. One could address this limitation by 

exploring the heterogeneous effects amongst different population groups, which I will do 

in later sections. 
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FIGURE 3. LABOR FORCE PARTICIPATION RATE: ILLINOIS VS. MISSOURI13 
 

       Source: ACS 
 

 
 However, there is reason to believe that the difference in the trend prior to 

enactment of the ACA provision is also related to Medicaid. In July 2012, the state of 

Missouri began implementation of the Missouri Gateway to Better Health program. The 

program, approved as a Section 1115 Waiver project by the Center for Medicare and 

Medicaid Services, to provide coverage for basic health services to adults living in St. 

Louis City and St. Louis County not eligible for Medicaid with income up to 200% of the 

                                                
13 The treatment went into effect January 1, 2014. The treatment line is drawn between 2013, reflecting the 
fact that 2013 captures pre-treatment LFP and 2014 reflects post-treatment LFP.	
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federal poverty level. Prior to enactment of the program, only parents with dependent 

children with income 18% of the federal poverty level (35% for working adults) could 

receive Medicaid benefits.  

FIGURE 4. LABOR FORCE PARTICIPATION RATE: ILLINOIS VS. MISSOURI 
(2008-2013) 

 

 
        Source: ACS 
 
 Between 2008 through 2011, prior to enactment of the Missouri Gateway to 

Better Health Program, the changes in LFP between Illinois and Missouri were quite 

similar – following 2011 is when the parallel trends end. The program went into effect 

July 1, 2012, but ACS data is broken down by calendar year, therefore it is difficult to 

pinpoint the precise change in LFP. Due to a lack of monthly data, I include 2012 as a 

post-treatment year when conducting a difference-in-differences analysis of the Missouri 

policy change, even though about half of the observations will have come prior to the 

treatment. When 2012 and 2013 are combined as post-treatment years and individual and 
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state-level controls are introduced, the difference between the change in the labor 

participation rate among childless adults in the post-treatment years is 1.1 percentage 

points lower in Missouri than in Illinois – the result is highly significant at above the 99% 

significance level. The decrease in LFP in Missouri following the implementation of a 

modest Medicaid expansion is similar to the magnitude of the decrease witnessed in 

Illinois following the large scale Medicaid expansion in 2014.  

TABLE 11. LABOR FORCE PARTICIPATION 2010-2013 
 

        (1) 
 LFP 
  
  
Missouri x Post2012 -0.011*** 
 (0.000) 
  
Observations 27,642 
R-squared 0.154 

 
Notes: Dependent variable is the probability that an individual is in the labor force. Pre-treatment period is 
defined as calendar year 2010 and 2011; post-treatment period is 2012 and 2013. Result includes the 
following controls: race, family size, age, marital status, sex, Hispanic ethnicity and disability. Robust 
standard errors clustered by state are presented in parentheses.   

*** p<0.01, ** p<0.05, * p<0.1 
 

It is important to note that the Missouri Gateway to Better Health Program only 

provided limited health care coverage for a few services and is not analogous to the full 

Medicaid expansion that low-income individuals in Illinois experienced in 2014. 

Nevertheless, the smaller scale expansion in Missouri could downwardly bias the 

difference-in-difference results in the analysis of Illinois’ expansion. The relationship 

between expanding Medicaid eligibility and LFP might have been larger than noted were 

it not for a smaller, less generous expansion occurring in the comparison state.   
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TABLE 12. EXPANSION OF MEDICAID ELIGIBILITY & LABOR FORCE 
PARTICIPATION  

 
 (1) (2) (3) (4) 
 Bivariate_LPM Bivariate_Logit Controlled_LPM Controlled_Logit 
     
     
Illinois 0.067*** 0.290*** 0.00757 0.0398** 
 (0.000) (0.000) (0.00332) (0.0170) 
Post 2014 -0.001*** -0.002*** -0.00107 -0.00416*** 
 (0.000) (0.000) (0.000294) (0.00140) 
Illinois x Post2014 -0.012*** -0.053*** -0.0150** -0.0802*** 
 (0.000) (0.000) (0.000766) (0.00467) 
White   0.0486 0.252*** 
   (0.0109) (0.0545) 
Family Size   -0.00421 -0.0209*** 
   (0.00130) (0.00705) 
Age   -0.00620* -0.0298*** 
   (0.000801) (0.00384) 
Single   0.0272 0.120** 
   (0.0130) (0.0612) 
Education   0.0123** 0.0623*** 
   (0.000647) (0.00417) 
Hispanic   0.0505*** 0.264*** 
   (0.000554) (0.00637) 
Female   -0.0563 -0.289*** 
   (0.0103) (0.0524) 
Disability   -0.358*** -1.580*** 
   (0.00111) (0.000881) 
     
Observations 24,582 24,582 24,582 24,582 
R-squared 0.003  0.154  

Notes: Dependent variable is the probability that an individual is in the labor force. Pre-treatment period is 
defined as calendar year 2012 and 2013; post-treatment period is 2014. Logit results are presented as the 
values of the logistic regression equation, and as such should not be directly compared to LPM results. 
Robust standard errors clustered by state are presented in parentheses.   

*** p<0.01, ** p<0.05, * p<0.1 
 

Keeping the limitations and implications of bias in mind, a difference-in-

difference analysis of LFP for all childless adults in Illinois and Missouri gives a useful 

estimation of the relationship of Medicaid expansion and LFP. Columns 1 and 2 in Table 

12 provide the results of a simple bivariate difference-in-difference model. Without any 

controls, the difference between the change in the LFPR for childless adults in 2014 is 
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1.2 percentage points lower in Illinois compared to Missouri – this result is highly 

significant at above the 99% significance level. Using a logit model produces very similar 

results.  

 The results are consistent once individual and household-level controls are 

introduced. The controls account for many of the other factors that contribute to an 

individual’s decision whether or not to participate in the labor force. They are not 

necessarily related to the independent variable of interest – residing in Illinois after 2014 

– since the key factors that could affect both labor force participation and place of 

residence is accounted for by the difference-in-difference approach. For instance, the 

approach controls for entity fixed effects, such as the fact that Eastern St. Louis (in 

Illinois) is generally more depressed economically than over the border in Missouri. The 

model also accounts for year fixed effects, such as the yearly unemployment rate of the 

St. Louis MSA. For this reason, only individual and household level controls - instead of 

state-level – were included in the model.  

Because the individual and household controls are not highly correlated with the 

interaction term of interest, the coefficient does not change much once the controls are 

introduced. Nevertheless, I include these controls in the preferred model because 

excluding them did slightly upward bias the coefficient, and because the additional 

variables help explain more of the variation in the dependent variable, as is evident by the 

significant increase in the R-Squared (from .003 to .154) and the adjusted R-Squared 

(from .003 to .154).  When certain individual and household characteristics are controlled 

for, the difference between the change in the LFPR among childless adults in 2014 is 1.5 
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percentage points lower in Illinois than in Missouri – this result is significant at the 95% 

significance level.  

 The logistic model produces nearly identical results. At the mean of the data, the 

marginal effect of residing in Illinois post 2014 is -0.15, meaning that the result is nearly 

identical to the LPM model. The difference between the change in the LFPR in 2014 is 

1.5 percentage points lower in Illinois than in Missouri – the result is significant at above 

the 99% significance level. Moreover, when fitted values are obtained using the LPM 

model there are no predicted values greater than 1 and only 10 (.04% of the sample) that 

are less than 0. Due to the fact that the value of the interacted coefficient is the same 

using LPM and logit, there are no values outside of the binary constraint, and because of 

the ease of interpretation inherent in an LPM model, I will present and discuss results 

obtained by the LPM model moving forward.  

 These results are consistent with previous research on the subject that an 

expansion of Medicaid eligibility is associated with a slightly negative impact on labor 

force participation. As was the case with previous work on the subject, there is evidence 

of heterogeneous effects among the childless adult population. Historically, Medicaid and 

transfer programs more generally focused on children and single mothers. This 

population is likely to have a different indifference curve between labor and leisure than 

childless adults. Similarly, within the childless adult population, there are certain to be a 

range of indifference curves, which could be captured by examining results based on 

demographic characteristics.  
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TABLE 13. EXPANSION OF MEDICAID ELIGIBILITY & LABOR FORCE 
PARTICIPATION ACROSS POPULATIONS 

 

 (1) (2) (3) 
 Female Unmarried White 
    
    
Illinois x Post2014 0.008** 0.092** 0.012*** 
 (0.000) (0.002) (0.000) 
Illinois x Post2014 x Female -0.051**   
 (0.001)   
Illinois x Post2014 x Unmarried  -0.118***  
  (0.002)  
Illinois x Post2014 x White   -0.027** 
   (0.001) 
    
Observations 24,582 24,582 24,582 
R-squared 0.154 0.154 0.154 

Notes: Dependent variable is the probability that an individual is in the labor force. Pre-treatment period is 
defined as calendar year 2012 and 2013; post-treatment period is 2014. Key independent variables with 
three parts represent triple difference estimates of groups in each column header; the first row difference-
in-difference result reflects the estimated relationship for the baseline category. Results include the 
following controls: race, family size, age, marital status, sex, Hispanic ethnicity and disability. Robust 
standard errors clustered by state are presented in parentheses.   

*** p<0.01, ** p<0.05, * p<0.1 
    

 Table 13 summarizes the varying relationships between Medicaid eligibility and 

LFPR among different populations. The triple interaction terms detail the relationship of 

a specific subsample, while the difference-in-differences term examined in earlier tables, 

provides the relationship of the baseline group. For instance, in column 1, the triple 

differences estimate variable explains that at a 95% significance level, the difference 

between the change in the LFPR among childless female adults in 2014 is 5.1 percentage 

points lower in Illinois than in Missouri. This is the opposite relationship experienced by 

childless males. Although the magnitude is considerably smaller, there is a significant 

positive relationship between Medicaid expansion and LPR among men. 
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TABLE 14. 2014 LABOR FORCE PARTICIPATION BY SEX 
 

 Male   Female   
 Count Mean SD Count Mean SD 
Missouri 3887 .5968613 .4905913 3153 .5486838 .4977032 
Illinois 9895 .6804447 .4663279 7647 .6355434 .4813089 

 
Unlike the historical trend preceding the policy change for the overall childless 

adult population and for females, the trend for males prior to 2014 was very similar for 

both Illinois and Missouri. This increases the likelihood that the identifying assumption is 

valid and the possibility of identifying a causal effect of Medicaid expansion on the labor 

supply of childless adult males. 

FIGURE 5. MALE LABOR FORCE PARTICIPATION RATE: ILLINOIS VS. 
MISSOURI 

 

 
         Source: ACS 
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Provided that the identifying assumption holds, we conclude that Medicaid 

expansion increased the LFPR among males in Illinois by 0.8 percentage points. 

Although the coefficient is rather small, the result is significant at the 95% significance 

level.  

 There are also heterogeneous effects for unmarried individuals compared to 

childless adults who are married. Here, there is a negative correlation between Medicaid 

expansion and LFP among unmarried adults14, but a positive correlation among married 

childless adults who live with his or her spouse. The coefficient for unmarried adults is 

particularly large. There is an 11.8 percentage point difference in the change in the LFPR 

among unmarried childless adults in 2014 between Illinois and Missouri. Note that while 

the positive relationship for married adults was quite large in magnitude (9.2 percentage 

points) and statistically significant, there were relatively few observations of married 

childless adults in 2014 (725).  

TABLE 15. 2014 LABOR FORCE PARTICIPATION BY MARITAL STATUS 
 

 Married   Unmarried   
 Count Mean SD Count Mean SD 
Missouri 322 .4006211 .490787 2031 .597242 .4905735 
Illinois 403 .5210918 .5001759 5425 .663225 .4726505 
Total 725 .4675862 .4992927 7456 .645252 .4784689 

 
 Finally, there appears to be a racial discrepancy in the relationship between 

Medicaid eligibility and LFP. While the LFPR of being in the labor force dropped for 

whites in Illinois relative to Missouri – indicating a negative relationship between 

eligibility and labor supply, the association was flipped for non-whites. This difference 

                                                
14 Unmarried adults includes married couples where the spouse was absent, which accounts for about 3% of 
the sample. 



 32  

could be partially explained by the high correlation between race and income.  Therefore, 

it is necessary to explore how the relationship may vary dependent on income.  

TABLE 16. EXPANSION OF MEDICAID ELIGIBILITY & LABOR FORCE 
PARTICIPATION BY DEMOGRAPHICS AND INCOME LEVEL 

 
 (1) (2) (3) (4) 
 Full Female Unmarried White 
     
Between 138% & 200% of Poverty Level 
 

    

Illinois x Post2014 -0.038*** -0.039** -0.044** -0.025** 
 (0.002) (0.013) (0.015) (0.014) 
Illinois x Post2014 x Female  0.000   
  (0.752)   
Illinois x Post2014 x Unmarried   0.008* 

(0.069) 
 

Illinois x Post2014 x White    -0.018** 
    (0.028) 
     
Observations 6,284 6,284 6,284 6,284 
R-squared 0.263 0.263 0.263 0.263 
Below 138% of Poverty Level 
 

    

Illinois x Post2014 -0.001 0.031** 0.194*** 0.056*** 
 (0.140) (0.012) (0.000) (0.001) 
Illinois x Post2014 x Female  -0.072**   
  (0.015)   
Illinois x Post2014 x Unmarried   -0.211***  
   (0.000)  
Illinois x Post2014 x White    -0.057*** 
    (0.005) 
     
Observations 18,298 18,298 18,298 18,298 
R-squared 0.142 0.142 0.143 0.143 

Notes: Dependent variable is the probability that an individual is in the labor force. Pre-treatment period is 
defined as calendar year 2012 and 2013; post-treatment period is 2014. Key independent variables with 
three parts represent triple difference estimates of groups in each column header; the first row difference-
in-difference result reflects the estimated relationship for the baseline category. Relationships at different 
income levels determined by limiting sample to individuals with indicated levels of income and running the 
same regressions. Results include the following controls: race, family size, age, marital status, sex, 
Hispanic ethnicity and disability. Robust standard errors clustered by state are presented in parentheses.   

*** p<0.01, ** p<0.05, * p<0.1 
                    
 It is not surprising that there is generally a stronger negative relationship between 

Medicaid expansion and LFP among those that are between 138% and 200% of the 

federal poverty level. For this population there was a 3.8 percentage point decrease in the 



 33  

difference of the change in LFPR among childless adults in 201415 in Illinois compared to 

Missouri. At this income level, the relationship remains negative across various 

populations, except for unmarried childless adults and females.  

The overall negative relationship is consistent with the economic theory described 

above that posits that individuals earning above the Medicaid notch might work less in 

order to be eligible for the newly provided entitlement. At this point, these individuals do 

not experience an income effect because their income remains the same after expansion. 

However, now that their income would be close to the level necessary to be eligible for 

Medicaid, a substitution effect is introduced. At this point the relative value of an 

additional dollar earned is reduced. There is in effect an additional tax on every marginal 

dollar that is taking the individual further from Medicaid eligibility. In this example, the 

substitution effect would result in individuals reducing labor supply.  

 At a lower income level the results are more varied. Overall, there is little 

evidence of there being any effect of Medicaid expansion on LFP for childless adults at 

less than 138% of the federal poverty level. The difference-in-differences coefficient is 

not significant at the 95% significance level and the magnitude of the coefficient is very 

small – less than a quarter of a percentage point.  

 However, once the relationships are allowed to vary by individual characteristics 

other than income, the results are both statistically and economically significant. For 

instance, low-income females in Illinois experienced a drop in LFP of 7.2 percentage 

points in 2014 relative to low-income childless females in Missouri. This is likely an 

                                                
15 Once again, it is important to note the relatively small sample size of this income group – there 

were 2,111 observations of childless adults with incomes between 138% and 200% of the federal poverty 
level in 2014.  
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example of an instance when both the income and substitution effects are negative 

resulting in lower labor force participation. The introduction of a low-cost health 

insurance benefit has an effect akin to increasing income as the individual will have more 

income to spend on non-health related goods. The results suggest that the income effect 

for low-income childless females would be negative – following that this population 

would choose to consume more leisure with additional income. Similarly, the substitution 

effect is likely to be negative since each additional dollar of income earned is worth 

relatively less since it takes them closer to losing the Medicaid benefit.  

 One could hypothesize as to why the direction of the income and/or substitution 

effect is different for low-income females and males. One explanation for the difference 

between males and females is the direction of the income effect. It is possible that the 

opportunity cost for low-income females of not working is lower than that of males. At 

this income-level, females may have lower wages than males and have other 

opportunities outside of the labor force not as available to males. Therefore, low-income 

males may respond to the increased income by consuming less leisure and seeking more 

income.  

 It is interesting to note that the relationship amongst males is flipped when 

looking at individuals with moderate income (between 138% to 200% of the FPL), and 

there appears to be no effect on females with moderate income. At this point there is no 

income effect since the individuals would not be eligible for Medicaid. Yet, the 

substitution effect would have a negative impact on labor supply, as the value of each 

additional dollar is worth less than if Medicaid eligibility was not an option at 138% of 

the FPL.  
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 The largest magnitude of a relationship among any sub-populations is within 

married and unmarried low-income childless adults. Among married childless adults 

below 138% of the FPL, the LFPR increased by 19.4 percentage points in 2014 in Illinois 

relative to Missouri. For unmarried childless adults, the LFPR decreased by 21.1 

percentage points. Both results are highly statistically significant. These are very large 

relationships that are unlikely to caused solely by the expansion of Medicaid eligibility. 

For instance, the results for married individuals may be affected by the small sample size 

as there were only 388 married low-income childless adults in the sample. While it may 

be appropriate to be skeptical of the results, the nature of the relationship should not be 

ignored as they could still provide insight to the ways different populations react to 

Medicaid expansion.  

B. Nationwide  
 

 The analysis of the St. Louis labor market provides a neat comparison between 

individuals that reside in a state that expanded Medicaid eligibility with a state that did 

not because they are both subject to nearly identical labor market conditions. While such 

a concentrated analysis is valuable to determine a relationship between labor supply and 

Medicaid expansion, an additional check is needed to verify that the observed 

relationship is not just a peculiarity of the St. Louis labor market. For this reason, the 

second step of my analysis is to investigate the changes in labor supply in states that did 

expand Medicaid eligibility in 2014 with states that did not across the entire country.  

By looking at the nationwide trend, I am less likely to make a causal claim about 

the nature of the relationship between labor supply and Medicaid expansion. When 

looking at all 50 states (plus the District of Columbia) it is unlikely for the identifying 
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assumption of a difference-in-differences model to hold. There are likely to be multiple 

exogenous shocks throughout the country that affect labor supply other than the change 

in Medicaid policy. On the other hand examining nationwide relationships outside of St. 

Louis allow for more generalized results where relationships could be discussed in 

contexts other than just in one labor market.  

FIGURE 6. LABOR FORCE PARTICIPATION RATE: EXPANSION VS. NON-
EXPANSION STATES 

 

 
         Source: CPS 
 

Once again it is helpful to begin the analysis by looking at the historical trends of 

labor force participation leading up to the policy change. As evident in Figure 6, LFP in 

expansion vs. non-expansion states prior to the policy change in 2014 was trending in the 

same direction. The changes may not be perfectly parallel, but they are far more similar 

than the changes seen in the St. Louis labor market.  
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TABLE 17. EXPANSION OF MEDICAID ELIGIBILITY & LABOR FORCE 
PARTICIPATION NATIONWIDE 

 

 (1) (2) (3) (4) 
 Bivariate_LPM Bivariate_Logit Controlled_LPM Controlled_Logit 
     
     
Expansion States 0.039** 0.162** 0.037* 0.173* 
 (0.017) (0.069) (0.020) (0.091) 
Post 2014 -0.000 -0.000 -0.012 -0.058 
 (0.012) (0.047) (0.012) (0.058) 
Expanded x Post2014 -0.021 -0.089 -0.030** -0.136** 
 (0.014) (0.059) (0.012) (0.058) 
White   0.049*** 0.223*** 
   (0.010) (0.045) 
Family Size   -0.007*** -0.032*** 
   (0.002) (0.010) 
Age   -0.005*** -0.024*** 
   (0.001) (0.003) 
Single   0.062*** 0.282*** 
   (0.012) (0.056) 
Education   0.006*** 0.029*** 
   (0.002) (0.010) 
Hispanic   0.071*** 0.333*** 
   (0.013) (0.065) 
Female   -0.077*** -0.359*** 
   (0.007) (0.032) 
Disability    -0.387*** -1.817*** 
   (0.013) (0.071) 
State Unemployment    -0.010** -0.049** 
   (0.005) (0.021) 
     
Observations 30,767 30,767 30,767 30,767 
R-squared 0.001  0.126  

Notes: Dependent variable is the probability that an individual is in the labor force. Pre-treatment period is 
defined as March 2012 and March 2013; post-treatment period is March 2014 and March 2015. Treatment 
states are those that expanded Medicaid eligibility at any time during 2014, which had not had recent large-
scale expansions for childless adults. In total there were 22 states included in the treatment group (AR, KY, 
MI, NV, NH, NM, ND, OH, WV, AZ, CA, CT, CO, HI, IL, IA, MD, MN, NJ, OR, RI, WA), and 29 in the 
comparison group. Note that in MI and NH expansion was implemented in April 2014 and August 2014, 
respectively. Separate models excluding MI and NH did not produce significantly different results. Logit 
results are presented as the values of the logistic regression equation, and as such should not be directly 
compared to LPM results. Robust standard errors clustered by state are presented in parentheses.   

*** p<0.01, ** p<0.05, * p<0.1 
 

A negative relationship exists between Medicaid eligibility and LFP for all 

childless adults nationwide. While the sign is the same as the relationship observed in St. 

Louis, the magnitude of the difference between expansion and non-expansion states is 

twice as large nationwide. Controlling for individual and state level factors, at a 95% 
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significance level, the difference between the change in the LFPR is 3 percentage points 

less post 2014 for expansion states compared to non-expansion states. This model 

includes the same individual level controls as the St. Louis model, but also controls for 

state unemployment rate. Since state unemployment rate varies by both time and entity, it 

is not accounted for when using a difference-in-difference strategy, and as such must be 

included as a control.   

Once again, the logit model produces nearly identical results. At the mean of the 

data, the marginal effect of residing in an expansion state post 2014 is 0.29, meaning that 

very similar to the LPM model, the difference between the change in the LFPR post 2014 

is 2.9 percentage points lower in expansion states than in non-expansion states – the 

result is significant at the 95% significance level. Furthermore, when fitted values are 

obtained using the LPM model there are no predicted values greater than 1, and 118 out 

of 30,850 (0.4%) that are less than 0. Similar to the rationale used above in the St. Louis 

model, due to the ease of interpretation inherent in an LPM model, I will present and 

discuss results obtained by the LPM model moving forward.  

 An overall decrease of the LFPR by 1.5 to 3 percentage points in expansion states 

compared to non-expansion states is rather significant in magnitude. For instance a 1.5 

percentage point decrease in the labor force participation rate in Illinois in 2013 is equal 

to a 2.3% decrease; and a 3 percentage point decrease in expansion states is akin to a 5% 

decrease compared to 2013 levels. These results are consistent with estimates made by 

the Congressional Budget Office that Medicaid expansion due to the ACA would reduce 

labor force participation by nearly 4% by 2025.16 Note that the CBO estimate was for all 

                                                
16	Harris	&	Mok,	2015	
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newly eligible Medicaid enrollees, not just childless adults. Moreover, the time horizon is 

much greater than the one estimated in my model.  

 In addition, my results are consistent with recent research on the subject. Dague et 

al. (2014) estimated that expanding Medicaid eligibility reduced employment of childless 

adults by between 2 to 10 percentage points. Similarly, Garthwaite et al. (2014) 

concluded that decreasing Medicaid eligibility, increased employment among childless 

adults by 4.6 percentage points. Once again caution should be taken when comparing 

these results to the estimates in this study, as Dague et al. (2014) and Garthwaite et al. 

(2014) focused on employment as their dependent variable. Employment is a function of 

both labor supply and labor demand, so the role of the employer plays a more important 

role in that equation than in determining LFP.  

TABLE 18. EXPANSION OF MEDICAID ELIGIBILITY & LABOR FORCE 
PARTICIPATION NATIONWIDE BY DEMOGRAPHICS AND INCOME 

LEVEL 
 
 (1) (2) (3) (4) 
 Full Female Single White 
     
Below 200% of FPL     
     
Expanded x Post2014 -0.030**º -0.029** 0.028º -0.035 
 (0.012) (0.013) (0.041) (0.023) 
     
Expanded x Post2014 x Female  -0.001º 

(0.022) 
  

     
Expanded x Post2014 x Unmarried   -0.063*º 

(0.037) 
 

     
Expanded x Post2014 x White    0.009 

(0.026) 
     
Observations 30,767 30,767 30,767 30,767 
R-squared 0.126 0.126 0.126 0.126 
Between 138% & 200% of FPL     
Expanded x Post2014 -0.013º -0.040*º 0.058 -0.072* 
 (0.019) (0.024) (0.062) (0.036) 
     
Expanded x Post2014 x Female  0.065*º 

(0.035) 
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Between 138% & 200% of FPL (1) (2) (3) (4) 
 Full Female Single White 
     
Expanded x Post2014 x White    0.078 

(0.052) 
     
Observations 8,049 8,049 8,049 8,049 
R-squared 0.236 0.237 0.238 0.237 
Below 138% of FPL     
     
Expanded x Post2014 -0.029*º -0.021 0.003º -0.016 
 (0.016) (0.018) (0.048) (0.024) 
     
Expanded x Post2014 x Female  -0.018º 

(0.030) 
  

     
Expanded x Post2014 x Unmarried   -0.034º 

(0.047) 
 

     
Expanded x Post2014 x White    -0.016º 

(0.030) 
     
Observations 22,715 22,715 22,715 22,715 
R-squared 0.107 0.107 0.107 0.108 

Notes: Dependent variable is the probability that an individual is in the labor force. Pre-treatment period is 
defined as March 2012 and March 2013; post-treatment period is March 2014 and March 2015. Key 
independent variables with three parts represent triple difference estimates of groups in each column 
header; the first row difference-in-difference result reflects the estimated relationship for the baseline 
category. Relationships at different income levels determined by limiting sample to individuals with 
indicated levels of income and running the same regressions. Results include the following controls: race, 
family size, age, marital status, sex, education, disability, state unemployment rate, and Hispanic ethnicity. 
Robust standard errors clustered by state are presented in parentheses.   

*** p<0.01, ** p<0.05, * p<0.1 
ºDenotes same sign as equivalent St. Louis result 

  
As seen in the St. Louis analysis, it is useful to break down the results by 

demographic and income levels. Of the 21 different relationships observed, 12 were of 

the same sign in the nationwide and St. Louis analyses. The results for individuals at the 

lowest income were the most consistent, with five of seven being the same sign. 

Nationwide, the relationship among this income level is negative across all, but one 

population, even though none of the results were significant at the 95% significance 

level. It is noteworthy that this is the largest group in both samples – comprising 74% of 

both the nationwide and St. Louis samples.  
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  Also of note is the rather large negative drop in LFP among unmarried childless 

adults residing in expansion states. Although the results are not significant, the relatively 

large drop is consistent across income levels and both nationwide and in St. Louis. One 

potential explanation for the consistent strong negative relationship between expansion 

and LFP among unmarried childless adult is that this population is likely to be more 

sensitive to negative substitution and income effects. Unmarried adults might have less 

living costs other than health care, as a result they might be willing to consume more 

leisure as a result of labor being more expensive and because with government provided 

health insurance they do not have such a high demand for additional income.   

One advantage of working with CPS data is that there is an additional post-

treatment year to analyze. It is possible for there to be a delay from the time a policy is 

implemented to when an individual makes a decision on whether or not to enter the labor 

force. CPS ASEC data is collected in March of each year. By March 2014 individuals 

might not have processed, become aware of, or acted on changes in eligibility that 

occurred in January of the same year. However, by March 2015 – over a year after the 

policy change – it is more likely to observe changes in behavior as a result of a change in 

Medicaid eligibility. Altering the post-treatment variable to reflect 2015 instead of a 

combination of 2014 and 2015, assumes that March 2014 is too early to discern any 

meaningful differences in behavior due to Medicaid expansion in January 2014 and 

identifies changes in LFP in March 2015 to be caused by a change in Medicaid eligibility.  
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TABLE 19. EXPANSION OF MEDICAID ELIGIBILITY & LABOR FORCE 
PARTICIPATION NATIONWIDE BY DEMOGRAPHICS AND INCOME 

LEVEL: POST 2015 TREATMENT PERIOD 
 

 (1) (2) (3) (4) 
 Controlled2015 Female2015 Single2015 White2015 
     
Below 200% of FPL     
     
Expanded x Post2015 -0.007† -0.008† 0.066† -0.025† 
 (0.023) (0.018) (0.043) (0.031) 
Expanded x Post2015 x Female  0.001   
  (0.026)   
Expanded x Post2015 x Unmarried   -0.080†  
   (0.053)  
Expanded x Post 2015 x White    0.026† 
    (0.026) 
     
Observations 30,767 30,767 30,767 30,767 
R-squared 0.126 0.126 0.126 0.126 
Between 138% & 200% of FPL     
     
Expanded x Post2015 0.009 -0.001† 0.057† 0.019 
 (0.028) (0.029) (0.077) (0.038) 
Expanded x Post2015 x Female  0.021†   
  (0.026)   
Expanded x Post2015 x Unmarried   -0.055†  
   (0.081)  
Expanded x Post 2015 x White    -0.012 
    (0.034) 
     
Observations 8,049 8,049 8,049 8,049 
R-squared 0.236 0.236 0.236 0.236 
Below 138% of FPL     
     
Expanded x Post2015 -0.014† -0.002† 0.049† -0.045† 
 (0.029) (0.024) (0.063) (0.041) 
Expanded x Post2015 x Female  -0.026†   
  (0.031)   
Expanded x Post2015 x Unmarried   -0.067†  
   (0.084)  
Expanded x Post 2015 x White    0.047 
    (0.034) 
     
Observations 22,715 22,715 22,715 22,715 
R-squared 0.108 0.108 0.108 0.108 

Notes: Dependent variable is the probability that an individual is in the labor force. Pre-treatment period is 
defined as March 2012, March 2013, and March 2014; post-treatment period is March 2015. Key 
independent variables with three parts represent triple difference estimates of groups in each column 
header; the first row difference-in-difference result reflects the estimated relationship for the baseline 
category. Relationships at different income levels determined by limiting sample to individuals with 
indicated levels of income and running the same regressions. Results include the following controls: race, 
family size, age, marital status, sex, education, disability, state unemployment rate, and Hispanic ethnicity. 
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Robust standard errors clustered by state are presented in parentheses.   
*** p<0.01, ** p<0.05, * p<0.1 

†Denotes same sign as equivalent nationwide combined 2014 & 2015 results 
 

 The majority (16 of 21) of the nationwide results have the same sign whether one 

combines 2014 and 2015 as the post-treatment period or specifies just 2015 as the post-

treatment period. Once again, nearly all of the results for individuals below 138% of the 

federal poverty level are consistent with previous outcomes.  

 Most notable is that none of the 2015 results are statistically significant at any 

conventional significance level. There are multiple explanations for the insignificant 

results that have contradictory implications. First, it is possible that the majority of labor 

decisions were made in the months following the policy change and March 2014 is not to 

early to witness a change in behavior. If individuals began to alter their behavior by 

March 2014, then there would not be a very large difference from 2014 to 2015. If this 

were the case, the combined model specified above would be preferred. An alternative 

explanation is that there is in fact a lag in labor decisions and the 2015 model most 

accurately captures the relationship of Medicaid eligibility and LFP.  

VII. DISCUSSION 

A. Limitations 
 

 There are a number of limitations that could potentially bias my results or prevent 

me from obtaining a clear result. First, the ACA was a complete overhaul of the health 

care system, with many more components than just Medicaid expansion that went into 

effect January 2014. There is a possibility that variation in my observed outcomes could 

be caused by other policies, instead of Medicaid expansion. For example, programs and 

subsidies obtained via the insurance exchanges went into effect January 2014. Subsidies 
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are available for individuals not eligible for Medicaid. Therefore in many non-expansion 

states, the subsidy kicks in at 100% of the FPL and for expansion states at 139% of the 

FPL. Therefore, it is possible that my results understate a relationship between Medicaid 

eligibility and LFP because there are other new options for coverage available. 

 Another limitation that could prevent a clear result is that the policy change is too 

recent to observe any effect. The policy change was implemented in January 2014. There 

may be a lag between when the policy is implemented and when individuals alter their 

behavior. It may take time for people to become aware of the law change and then to take 

action based on that information. As I described above, the difference-in-differences 

results changed when only calendar year 2015 is included as the post-treatment period. 

Further research is needed to investigate whether this discrepancy occurred because 

individuals already changed their behavior in 2014, so there was less of an effect to 

capture in 2015; or because the true effects of expansion take longer to materialize, 

signaling that the 2015 results more accurately reflect the true relationship.  

 Perhaps the biggest limitation in identifying a causal relationship between 

Medicaid expansion and labor supply is the strong identifying assumption that needs to 

hold in a differences-in-differences analysis. As described in detail above, it is unlikely 

that for every population the change in LFP would have been the same if it were not for 

the treatment. The historical trends of the LFPR in treatment versus non-treatment states 

were not always in the same direction prior to the policy change. This was not always the 

case, but additional research with more post-treatment years is needed to verify the 

results.   
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B. Policy Implications & Further Research  
 

  The debate surrounding states’ policies regarding Medicaid eligibility is ongoing. 

Since 2014, three more states have decided to expand and more are considering 

expansion. Labor supply is just one of the many aspects that policymakers must consider 

when deciding whether to expand Medicaid eligibility to childless adults. Even when 

evaluating the impact that expansion might have on employment, labor supply is just one 

part of the equation that includes labor demand and economic growth among other 

economic factors. Therefore, it is necessary to keep in mind that my results only reflect 

the relationship between Medicaid expansion and labor force participation – not 

employment. Nevertheless, labor supply does play a necessary role in the employment, 

and the dynamic between expansion and labor supply must be understood.  

 My results suggest that there is a small negative relationship between Medicaid 

expansion and labor force participation. As discussed above, there are reasons to be 

skeptical of the precise estimate of the drop in the labor force participation rate, and there 

are heterogeneous effects dependent on income level and demographics, but the negative 

nature of the relationship remains fairly consistent. Further research is needed to fully 

understand the results and to suggest policy responses. If childless adults are dropping out 

of the labor force after becoming eligible for Medicaid coverage, what are they doing? 

Since this population did not report having any dependent children it is unlikely that they 

are focusing on childcare, but perhaps they are investing time in education or other skill 

development programs. Or they might enter into the informal sector. Understanding why 

individuals are leaving the labor force is critical to designing a policy response.  
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 Moreover, one must consider the overall economic forces present during the times 

studied. Between 2012 and 2015, the economy was recovering from a giant shock that 

was the Great Recession. The recession caused people to leave the labor force, as jobs 

became increasingly scarce. During the recovery, people returned to the labor force as the 

labor market improved. It would be interesting to conduct a series of follow-up studies 

that employs the same framework as this study in subsequent years, to allow more time 

for individuals to react to the policy change and to account for different economic 

conditions. 

 My results are consistent with much of the research on previous Medicaid 

expansions, in which a slightly negative relationship exists between increased eligibility 

and labor supply. When deciding whether or not to expand Medicaid eligibility in their 

own states, policymakers would be wise to view my research in the context of the 

literature examining the relationships between Medicaid and employment, health 

outcomes, and budgetary implications and to place close attention to future research on 

Medicaid in the ACA context. 
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