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ABSTRACT 
 

This study evaluates the impact of working-ban policies for asylum seekers on the work 

integration of refugees, particularly their employment rate, in selected European 

countries. Integration of refugees is a key objective in many European countries refugee 

policy, thus the assessment of whether such working ban impedes integration of refugees 

is desirable. Previous studies evaluated different factors affecting refugees’ employment 

rate, and suggest that restrictive policies – such as working bans for asylum seekers – 

impede work integration of migrants. They mainly focused on single countries and lacked 

econometric tools to analyze the effect of working bans on work integration. Therefore, 

this study builds on and supplements existing literature by conducting a quantitative 

analysis with data of several European countries and finds that the length of working-

bans for asylum seekers seems not to be correlated with refugees’ employment rates. 

However, this study suggests further research on policies restricting asylum seekers’ and 

refugees’ access to work, since it examined only a limited number of countries and the 

data of 2011 used by this study did not cover the current refugee crisis.  
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Introduction 
 
In 2015, the registration of over 1.2 million first-time asylum seekers marked the record 

of migrants who applied for international protection in the Member States of the 

European Union. (“Record number”, n.d.). The number of first-time asylum applicants 

steadily increased between 2013 and 2016. Only since July 2016, the number of first-time 

asylum applicants has started to increase at a lower rate compared to the previous year 

(see Figure 1). However, with about 100,000 applications the number of asylum seekers 

still remains at a very high level. Moreover, the number of persons seeking asylum 

increased by 40 percent when comparing the second quarter of 2016 to the same quarter 

of 2015 (Eurostat, September 21, 2016). Undoubtedly, the situation is overwhelming as 

receiving countries search for policies to settle quickly asylum seekers.  

 
Figure 1. Number of first time asylum seekers in EU and EFTA countries 

(Source: Eurostat, September 21, 2016) 
 
Many asylum seekers will stay as refugees in host European countries. Nearly six out of 

10 asylum seekers initial request for international protection in EU Member States entails 
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a positive decision in first instance, which gives them refugee status.1 Past experience has 

shown that many migrants will eventually settle in their host country (OECD, 2016). As a 

consequence, refugees’ integration into their host country’s society is considered as the 

most relevant durable solution and thus crucial for the refugees themselves and their 

receiving community (UNHCR, 2013). 

Having access to gainful employment is considered to be one of the most important 

aspects of refugees’ socio-economic integration. It allows refugees to achieve self-

sufficiency and restore dignity. Moreover, participation of refugees in the labor market is 

assumed to be in the state’s interest, as it reduces dependence on state benefits and adds 

taxpayers (UNHCR, 2013).  

 

Nevertheless, several barriers impede asylum seekers and refugees’ access to the labor 

market. While up until the mid-1980’s European countries experienced rather low 

numbers of asylum requests, things changed in the 1990s. As a consequence of large 

flows of asylum seekers in the early 1990’s refugees’ access to the labor market and 

social insurance programs became heavily discussed. As a result of the high number of 

would-be entrants, in many countries asylum seekers’ right to work was withdrawn or 

other restrictive policies were introduced (Valenta & Thorshaug, 2013). Restrictive 

policies that exclude asylum seekers from employment have been introduced mainly to 

deter asylum requests and reduce competition for jobs for the native-born population. In 

many European countries asylum seekers whose asylum cases are pending face a working 

                                                
1	In many countries, different legal residence statuses for recognized asylum seekers seeking 
international protection exist (refugee status, humanitarian refugees, provisionally admitted 
foreigners, etc.). For the purpose of this paper, all recognized asylum seekers that received a 
positive decision for their asylum request are considered refugees.		
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ban period during which they are excluded from obtaining employment. Figure 2 gives an 

overview of the time period for which asylum seekers are excluded from the national 

labor markets of most of the EU Member States, including Norway and Switzerland. 

While only in Greece and Sweden asylum seekers do not face any restriction from 

accessing the national labor market, the period of working bans for asylum seekers ranges 

widely from one month (Portugal) and two months (Italy) to nine months (e.g. France) 

and up to 12 months (e.g. the United Kingdom). In Ireland asylum seekers are completely 

excluded from accessing the Irish labor market.  

 
Figure 2. Working ban period of asylum seekers in EU Member States, Norway and 

Switzerland 
(Source: AIDA Asylum Information Data Base, 2015/2016; OECD, 2016) 

 
Additionally, strict documentation requirements for asylum seekers exist in many 

countries in order to be able to apply for jobs (Valenta & Thorshaug, 2013). Also, 

according to the Asylum Information Database, several countries restrict asylum seekers’ 

right to work to specific sectors of their economy. For instance, in the United Kingdom 

asylum seekers can only apply to vacancies in listed shortage occupations (AIDA, 

2015b). In many countries such as Germany, the United Kingdom, Switzerland, Greece 

and Hungary, a so-called labor market test policy exists. Pursuant to such policy, native 
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workers and often also workers from the EU/EFTA-zone generally get priority in 

receiving a job offer as opposed to asylum seekers. However, some exceptions exist; for 

instance, in Switzerland the labor market test does not apply for occupational programs 

for asylum seeker (AIDA, 2015a).  

OECD and International Monetary Fund recommend reducing barriers preventing asylum 

seekers access to work. Moreover, Article 15 (1) of the EU Directive 2013/33 states that 

Member States must ensure that asylum seekers get access to the labor market no later 

than nine months after they have applied for international protection (Konle-Seidl & 

Boltis, 2016). Though, some member states such as the United Kingdom and Denmark 

still fail to implement the directive. Discussions on asylum seekers’ right to work are still 

central in the asylum debate in several European countries (Valenta & Thorshaug, 2013). 

 

If integration of refugees is key to European countries facing large numbers of asylum 

requests, it is necessary to adopt policies that accelerate and improve migrants’ 

integration. History has shown that early intervention is crucial for a successful 

integration (OECD, 2016). Therefore, policies starting integration at an early stage while 

an asylum request is pending – thus policies that affect asylum seekers – can impact a 

migrant’s integration once he or she has granted refugee status.  

 

Figures 3 to 5 illustrate the total employment rate of refugees by gender in selected EU 

Member States, Norway and Switzerland and the working ban policy applicable in 

November 2016. Roughly speaking, shorter working ban periods seem to be associated 

with higher employment rate of refugees, and this holds for both men and women.  
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Figure 3. Total employment rate of refugees in EU Member States, Norway and 

Switzerland in 20142 
(Source: Eurostat European Labour Force Survey Ad Hoc Module, 2014) 

 
 
 

                                                
2	Although this study only examines a selection of European countries, in order to demonstrate 
the trend of lower refugee employment rates associated with higher working ban periods, 
additional European countries for which data were available through the Ad Hoc Module 2014 
are included.	



 6 

 
Figure 4. Employment rate of female refugees in EU Member States, Norway and 

Switzerland in 2014 
(Source: Eurostat European Labour Force Survey Ad Hoc Module, 2014) 

 

 
Figure 5. The employment rate of male refugees in EU Member States, Norway and 

Switzerland in 2014 
(Source: Eurostat European Labour Force Survey Ad Hoc Module, 2014) 

 
This study supplements existing literature by conducting a quantitative analysis with data 

of several European countries in order to examine if the duration of a working ban for 

asylum seekers does have an impact on refugees’ employment rate. If working ban 

periods for asylum seekers are found to be correlated with refugees’ participation into the 
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host country’s labor market, countries with restrictive access to employment for asylum 

seekers should adopt more liberal policies. 

Literature Review 
 
The following section gives an overview of the literature that discuss refugees’ work 

integration and restrictive policies that have been introduced to impede asylum seekers’ 

access to the host country’s labor market. The first part deals with refugees’ work 

integration by addressing: (A) ways that work integration has been measured; (B) factors 

that have been found to affect refugees’ work integration; (C) the framework in which 

refugees’ integration has been analyzed. The second part discusses different restrictive 

policies affecting asylum seekers and refugees’ economic rights in host countries. 

Finally, gaps in existing literature are highlighted to demonstrate the rationale for this 

study.  

 
Refugees’ Work Integration 
 
Integration of refugees into the labor market of the host country is clearly an essential 

part of refugees’ integration into the hosting society. Achieving self-sufficiency through 

earning one’s own living is assumed to be closely related to other aspects of integration 

(UNHCR, 2013). As a consequence, measuring the integration of refugees in the labor 

market is an important aspect to a refugees’ general integration in the host country.  

 
A. Dependent Variables: Measuring Work Integration  

 
Employment integration of refugees can be measured in different ways and several 

dependent variables have been used to proxy for employment integration (Ott, 2013). 

Most studies examined the labor market participation or employment rate of refugees. 
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Bloch (2007) for instance analyzed the effect of several independent variables like age 

and gender on the probability of being in paid employment. Definitions of employment 

rates, however, vary among studies and are sometimes rather vague or inaccurate. For 

instance, Aslund and Rooth (2007) defined a person to be employed, if the refugee had 

some kind of income. They justify their definition by arguing that having some earnings 

compared to zero earnings means to have some connection to the labor market. 

Nevertheless, a definition that more strongly takes into account the scope of employment 

(e.g. hours employed per week) would be desirable. Svantesson and Aranki (2006) used 

self-reported information of refugees on whether they are employed or not, which might 

lead to some inaccuracy. Additionally, some studies refer to the national employment rate 

(e.g. Bloch, 2007) while others use local employment rates (e.g. Aslund & Rooth, 2007; 

Godoy, 2014).  

 

Another variable that is commonly studied to assess employment integration of refugees 

is earnings. For instance, Godoy (2014) studied the effect of the time resettled refugees 

have spent in Norway on the average income they received, which she defined as labor 

earnings. Aslund and Rooth (2007) used refugees’ annual earnings as a way to estimate 

labor market integration. Given that in some cases refugees receive benefits from their 

hosting government, clear distinction between labor earned income and total income is 

necessary to examine refugees’ integration into the labor market.  

 

Ott (2013) identified other variables that serve as proxies for labor market integration 

such as occupational, socio-economic status, diversity of occupations/non-separated labor 
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markets for refugees, job retention, or refugees’ own perspective on employment 

satisfaction. However, the literature mainly relays on employment/unemployment rates 

and income to examine labor market integration.  

 
B. Independent Variables: Factors Affecting Refugees’ Work Integration 

 
Several factors have been identified in the literature that could be related to work 

integration of refugees. These factors can be distinguished into characteristics inherent to 

refugees such as education and gender (individual level), and aspects or policies of the 

host country as well as specific regions of the host country. These include a welcoming 

attitude of the host society towards immigrants and performance of the host country’s 

economy (community level).  

 

On the individual level, there is a significant integration gap between female and male 

refugees. Bevelander and Pendakur (2009) found that female refugees have significantly 

lower employment rates than male refugees in Sweden. Dumont, Liebig, Peschner, Tanay 

and Xenogiani (2016) underline the gender gap: the overall employment rate of refugee 

women in the European countries examined is 17 percentage points lower than the male 

refugee employment rate. Research stresses that lower female employment rates among 

refugees can be explained that women might miss out on cultural orientation, language or 

employment training due to childcare needs and cultural expectations (Ott, 2013).  
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Figure 6. Employment rate of male and female refugees in EU/EFTA countries in 2014 

(Source: Eurostat European Labour Force Survey Ad Hoc Module, 2014) 
 

As claimed by the literature, Figure 6 shows that employment rates of female and male 

refugees vary, in some cases very remarkably. Except for Norway, Spain and Slovenia, 

male refugees have higher employment rates compared to female refugees. However, the 

employment rate of female refugees in Norway (57.9 percent) is only slightly higher than 

males’ employment rate (56.4 percent), and the reliability of Slovenia’s data are 

considered limited (Eurostat, 2014). The mean employment rate of male refugees is 60.2 

percent considerably higher than the mean employment rate of female refugees of 52.0 

percent. In some countries, such as the United Kingdom, Belgium and Germany, the 

employment rate of male refugees is substantially higher than the employment rate of 

refugee women.  

 

Age has also been considered to be an important factor determining work integration of 

refugees. Svantesson and Aranki (2006) found that age is positively related to refugees 

and immigrants’ probability of being employed. Dumont et al. (2016) also observed age 

to be positively statistically significant when assessing the odds of being employed for 

different immigrant groups. In contrast, Bevelander and Pendakur (2009) concluded that 
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for female refugees in Sweden aging is statistically significantly correlated with lower 

employment rates.  

 

Previous work experience and the level of education also are often found to be positively 

statistically significantly related to work integration of refugees. Bloch (2007) observes 

that having qualifications prior to arriving significantly increases the odds to be employed 

as a refugee in the United Kingdom. Bevelander and Pendakur (2009) further found that 

the influence of education is somewhat smaller for male refugees compared to female 

refugees in Sweden. However, several studies emphasize that refugees’ integration to the 

labor market can be impeded, even though they have previous work or educational 

experience, due to problems of transferring diplomas and certificates (e.g. Stewart, 2007; 

Bloch, 2007). This could for instance serve as an explanation why Svantesson and Aranki 

(2006) did not find statistical evidence that work experience helped Swedish immigrants 

and refugees’ likelihood of being employed.  

 

Additionally, language skills play a significant role in employment integration of 

refugees (Dumont et al., 2016). Bloch (2007) found refugees and asylum seekers’ 

knowledge of English to have a highly significant effect on their probability to find 

employment in the United Kingdom. Likewise, migrants in Germany who are proficient 

in German have a nine percentage points higher probability of working compared to 

migrants without knowledge of German. Subsequently, migrants proficient in German 

earn 12 percent more than those who do not know German (Brücker, Liebau, Romiti & 

Vallizadeh, 2014).  
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Time that a refugee spends in the host country also matters: their employment outcomes 

improve over time. For instance, Dumont et al. (2016) found that it takes refugees up to 

20 years to reach the same employment rate that the native-born population has. Similar 

outcomes have been found by Lundborg (2013) who claims that cultural differences 

between refugees and the host countries decline over time, leading to improved 

integration.  

 

The country of origin influences a refugee’s integration (Svantesson & Aranki, 2006; 

Dumont et al., 2016). Including the country of origin in the model is reasonable, since 

refugees from different countries of origin are likely to differ culturally. Lundborg (2013) 

showed that the country of origin has an important influence on refugees’ integration. 

 

Marital status can affect refugees’ likelihood of being employed. Belvelander and 

Pendakur (2009) showed that being married positively relates to the probability of being 

employed among resettled refugees to Sweden. Being married to a Swedish partner 

increases the probability of being employed for immigrants in Sweden. Svantsson and 

Aranki (2006) explain this finding by the fact that those immigrants have access to a 

larger social network. Godoy (2014) further found that being married has a positive 

impact on refugees’ earnings.  

 

Studies that address factors inherent to refugees which impact their work integration, 

often neglect including control variables for health, disability, mental-health (trauma 
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history) and refugees’ access to transportation (e.g. owning a car to go to work). 

However, a possible explanation for excluding any such control variables is likely the 

unavailability of data.  

  

On the community level, the state of the economy and labor market in the host country 

matter. The influence of national and local unemployment rate on refugees’ work 

integration has been subject to several studies (e.g. Godoy, 2014; Bevelander & Lundh, 

2007; Aslund & Rooth, 2007; Bloch, 2007; Svantesson & Aranki, 2006). Bevelander and 

Lundh (2007) found that local unemployment rates (as well as local employment rates) 

are statistically significant in determining the employment rate of refugees in Swedish 

municipalities: an increase of one percent in the local unemployment rate reduces slightly 

male and female refugees’ probability of being employed. 

 

The general structure of the economy has been found to impact refugees’ work 

integration (Bevelander & Lundh, 2007; Svantesson & Aranki, 2006). In their study on 

refugees’ probability to be employed in Sweden, Bevelander and Lundh (2007) conclude 

that the relative size of the public sector, of the manufacturing sector and of the private 

sector, as well as the entrepreneurial climate in the local labor market are all statistically 

significant predictors. Lundborg (2013) argues that jobs in the service sector rely strongly 

on good communication skills and proficiency in the native language than jobs in the 

manufacturing sector. Refugees’ however, often lack proficiency of the host country’s 

language in earlier period after immigration. Hence, a larger share of the service sector 
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(or a smaller size of the manufacturing sector) within an economy can explain lower 

work integration of refugees.  

 

Furthermore, the host country’s (main) language is assumed to be correlated with 

refugees’ work integration. Konle-Seidl and Boltis (2016) show that employment rates of 

immigrants are generally higher in Anglo-Saxon countries. Training programs that are 

offered to refugees by host countries are considered to play an important integration role. 

Svantesson and Aranki (2006) found that labor market practice training, which allows 

immigrants to learn about the Swedish labor market and gives opportunities for matching 

the immigrants prior work experience with a workplace in Sweden, seem to be related 

with a migrant’s probability of finding employment. However, training programs differ 

largely among countries and their impact on employment integration must be examined 

individually.  

 

Only a few studies exist on the impact of social networks, family reunion and diaspora3 

on the work integration of refugees. It is, however, assumed that social networks seem to 

play an important impact on refugees’ participation in the labor market of the host society 

(Svantesson & Aranki, 2006). Ott (2013) further states that welcoming attitude in the host 

country is assumed to positively affect refugees’ integration in the host labor market.  

 

                                                
3 According to the International Organization for Migration (IOM), there is no widely accepted 
universal definition of “diaspora”. IOM proposes the following definition of diaspora: “Emigrants 
and their descendants, who live outside the country of their birth or ancestry, either on a 
temporary or permanent basis, yet still maintain affective and material ties to their countries of 
origin” (IOM/MPI, 2012) 
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Another variable that has not been addressed in the literature is spending of host country 

on refugee integration policies in relation to GDP. It could be that larger spending is 

correlated with increased labor market participation of refugees. However, this could also 

be linked to training programs offered by host countries.  

 
C. Interpretation and Framework 

 
Several studies have been undertaken that compared work integration in terms of 

employment rate and earnings of refugees to other population groups such as natives or 

other types of immigrations (e.g. Dumont et al., 2016). Moreover, work integration is 

analyzed from different angles: some studies focus on short-time employment by looking 

at a refugees’ situation in a short time period after having received refugee status, while 

other studies look at a longer time frame (e.g. Aslund & Rooth, 2007). Additionally, 

studies that assess employment integration measure successful integration with regard to 

policy goals set by the government and tend to neglect refugees’ perception and 

definition of success (Ott, 2013).  

 
Restrictive Access to Labor Market for Asylum Seekers and Refugees 
 
Several types of policies impede the access of refugees to their host country’s labor 

market. By comparing refugee policies in Norway, Sweden, Denmark, the United 

Kingdom and the Netherlands, Valenta and Thorshaug (2013) have identified multiple 

restrictive policies. A waiting time period during which asylum seekers do not have the 

right to work for a certain period of time after having submitted their asylum requests can 

slowdown integration. There is for instance a six months waiting period for asylum 

seekers in the Netherlands. In Denmark, asylum seekers have no right to work during the 



 16 

entire waiting period until their asylum claim has been treated (Valenta and Thorshaug, 

2013). According to Bloch (2007), awaiting decision on refugee status is considered by 

refugees in Great Britain as the fourth most important barrier to the labor market and the 

main structural barrier.4 Furthermore, Valenta and Thorshaug’s (2013) comparative study 

reveals that strict documentation and identification requirements exist in several 

countries. Given the fact that many asylum seekers do not possess proper identification 

documents, requirements on providing a passport or ID demonstrate a significant obstacle 

to the right to work. Additionally, in some countries asylum seekers have restricted 

access to a certain kind of jobs. For example, asylum seekers in Great Britain are allowed 

access only to jobs that are considered to have a shortage in workers. Furthermore, 

Valenta and Thorshaug (2013) refer to the Netherlands where asylum seekers can apply 

for permission to work for 24 weeks during any 52-week period.  

 

The rationale for introducing restrictive policies on access to employment for refugees 

has been analyzed in several studies. Studies agree that limited access to the labor market 

is intended to deter potential asylum seekers who do not need protection but are in search 

for employment (see for example Mayblin, 2016; Valenta & Thorshaug, 2013). 

Arguments supporting restrictive access for refugees to the labor market are based on the 

so-called “pull factor theory”. The idea behind the pull factor theory is that asylum policy 

in a particular country has an impact on the numbers of asylum applications the country 

receives. Policies on asylum seekers and refugees’ economic rights have been considered 

to represent an important pull factor for asylum requests: a country with more lenient 

                                                
4 Refugees named English language/literacy, lack of work experience in the United Kingdom and 
the absence of qualifications as the primer barriers accessing the British labor market.			
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economic rights of asylum seekers is assumed to face higher numbers of asylum 

applications (Mayblin, 2016). Valenta and Thorshaug (2013), moreover, state that 

restrictive policies are introduced to prevent increased competition for jobs, thus to 

protect the native labor force. Additionally, they claim that it is assumed that liberal 

access to employment might undermine voluntary and forced return, as the right to work 

might strengthen asylum seekers ties to the host country which renders return migration 

less attractive.  

 

Literature on the effect of restrictive access to the labor market for refugees is rather 

limited. According to Smyth and Kum (2010), who analyzed the effect of restrictive rules 

on the integration of refugee teachers in Scotland, conclude that restrictions to the right to 

work results in “the loss of professional status or (…) deprofessionalization”. Similarly, 

Stewart (2007) – studying the situation of high-skilled refugee doctors in Great Britain – 

states that waiting periods during pending asylum cases can lead to deskilling and “brain 

waste”. By comparing the statistics of asylum seekers arrivals before and after a policy 

change on labor market access, Valenta and Thorshaug conclude that the introduced 

restrictions have only marginal effects on arrivals (2013). Aslund and Rooth (2007) 

examined the effect of initial labor market conditions that refugees in Sweden faced on 

their earnings and probability to be employed. Comparing refugees that faced the so-

called Swedish integration plan policy, which entailed several integrations services, but 

excluded them from participating in the labor market for the first 18 months, with 

refugees that came to Sweden before the integration plan policy was introduced, Aslund 

and Rooth concluded that integration plans delayed labor market entry in many cases. 
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The average time of finding a first job was approximately 1.5 years for refugees without 

the policy, compared to around two years for refugees under integration plans.  

 
Rationale for This Study and Policy Relevance 
 
Participation of refugees in host countries’ labor market is considered to be an important 

aspect of refugees’ integration. Given the current refugee crisis in Europe and around the 

world, the question on how to best integrate refugees and humanitarian immigrants in 

host society is heavily discussed. While the OECD, UNHCR, the IMF and the European 

Union all call on countries to reduce barriers to accessing labor markets that asylum 

seekers and refugees face (Konle-Seidl & Boltis, 2016), several countries have raised 

restrictive policies that exclude asylum seekers and refugees from national employment 

markets. If efficient and long-term integration of refugees is key, policies should be 

shaped so that they accelerate refugees’ integration into host societies.  

 

Although the literature has addressed structural factors 5  that influence refugees’ 

integration into national labor markets, such as national unemployment rates, the effect of 

restrictive policies that impede access to employment has been much less studied. 

Moreover, previous research encompasses almost exclusively case studies on single 

countries. To my knowledge no comparative study has addressed the effect of working 

bans of asylum seekers on refugees’ integration in a large set of countries. This study 

builds on and supplements existing literature by conducting a quantitative analysis with 

data of several European countries in order to examine if the duration of a working ban 

                                                
5 Structural factors mean factors that can to some extent be altered through policy making and are 
not, for instance, inherent to characteristics of asylum seekers/refugees.  
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for asylum seekers is related to employment rate and average wages of refugees, thus on 

the long-term integration of refugees.  

If waiting periods, during which asylum seekers are excluded from work, are found to be 

related to work integration of refugees, countries that face a large number of asylum 

seekers should abandon policies that impede asylum seekers’ access to the labor market.  

Model 
 
For this study, the following model is used:  
 
 
lfs = 	𝛽' + 	𝛽) ∗ 𝑏𝑎𝑛 +	𝛽. ∗ 𝑚𝑎𝑙𝑒 + 	𝛽2 ∗ 𝐴𝑔𝑒1524 +	𝛽9 ∗ 𝐴𝑔𝑒2564 +	𝛽; ∗ PrimaryLowSec

+ 	𝛽H ∗ SecPostSec + 	𝛽J ∗ 𝐹𝑖𝑟𝑠𝑡𝑇𝑒𝑟𝑡 + 	𝛽Q ∗ 𝑢𝑛𝑒𝑚𝑝𝑙𝑜𝑦𝑚𝑒𝑛𝑡	 
 

The model used in this study is based on models from previous research. Using a 

dichotomous dependent variable to evaluate the probability of a refugee to be employed, 

this model builds on Bevelander and Lundh (2007) and Dumont et al. (2016). Since the 

dependent variable (labor force status) is a dichotomous variable that takes on only two 

values (employed =1, not employed = 0), a liner probability model, a binary probit or 

logit regression is the most appropriate model to use. Aslund and Rooth used OLS6, thus 

a linear probability model to evaluate the probability of refugees in Sweden to be 

employed. Bevelander and Lundh (2007), as well as Dumont et al. (2016) applied a 

logistic regression and evaluated the probability of refugees’ employment by using odds 

ratios. Using a linear probability model might result in a probability of a migrant to be 

employed that lies outside the range of zero and one, while binary probit and logit 

regressions generate fitted values of the probability of a refugee to be employed that must 

                                                
6	OLS stands for Ordinary Least Squares, the standard linear regression procedure (Wooldridge, 
2009). 	
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be positioned between zero and one. Moreover, it might be that the effect of a working 

ban for asylum seekers on the probability of refugees to be employed is not constant but 

varies with the length of the working ban period. The probit or logit, as opposed to the 

linear probability model, accounts for non-linear effects on the dependent variable. 

However, it seems best, especially for comparative purposes, to run both linear and 

logit/probit regressions. 

With regard to the independent variables, the model utilized here bases on several 

previous studies (Bevelander & Lundh, 2007; Aslund & Rooth, 2007; Dumont et. al, 

2016), which have controlled for refugees’ characteristics such as age, gender and 

country of birth, as well as unemployment rates in the host country and whether the host 

country’s main language is English (see Table 1). Since this study evaluates the effect of 

working bans for asylum seekers on the employment rate of refugees, this model 

complements previous models by adding a variable for the length of working bans for 

asylum seekers in months.  
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Table 1. Variable list, definitions and predicted relationships 
 Variable  Definition  Predicted 

Relationship 
Rationale/Previous 
Studies 

Y lfs Labor Force Status 
 
lfs = 1 if the 
individual is employed 
 
lfs = 0 if the 
individual is not 
employed 

N/A Bloch (2007); 
Aslund and Rooth 
(2007); Bevelander 
& Lundh, 2007 
 

B1 ban Working ban period 
for asylum seekers: 
time that asylum 
seekers are excluded 
from the country of 
residence’s labor 
market in months (law 
which is valid prior to 
2010); ranges from 0-
12 months  

- Aslund and Rooth 
(2007) 

B2 male Gender of individual: 
 
male = 0 if an 
individual is a woman 
 
male = 1 if an 
individual is a man 

Males are 
more likely to 
be employed  

Bevelander and 
Pendakur (2009); 
Dumont, Liebig, 
Peschner, Tanay 
and Xenogiani 
(2016) 

B3 Age1524 Age group 
 
Age15_24 = 1 if age 
in years is between 15 
and 24 
 
Age15_24 = 0 if 
otherwise 
 
Age above 65 years 
serve as reference 
category.  

- Svantesson and 
Aranki (2006); 
Bevelander and 
Pendakur (2009) 

B4 Age2564 Age25_64 = 1 if age 
in years is between 25 
and 64 
 
Age25_64 = 0 if 
otherwise 

+ Svantesson and 
Aranki (2006); 
Bevelander and 
Pendakur (2009) 
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Table 1 (cont.) 
 Variable  Definition  Predicted 

Relationship 
Rationale/Previous 
Studies 

B5 PrimaryLowSec Education 
 
PrimaryLowSec = 1 if 
the highest 
educational level is 
pre-
primary/primary/lower 
secondary education  
 
PrimaryLowSec = 0 if 
otherwise 
 
Migrants with highest 
educational level 
being second stage of 
tertiary education 
(PhD) serve as 
reference group.  

A higher 
level of 
education is 
associated 
with a higher 
probability of 
being 
employed.  

Bloch (2007); 
Dumont et al. 
(2016) 

B6 SecPostSec Education 
 
SecPostSec= 1 if the 
highest educational 
level is (upper) 
secondary/post-
secondary non-tertiary 
education  
 
SecPostSec = 0 if 
otherwise  

A higher 
level of 
education is 
associated 
with a higher 
probability of 
being 
employed.  

Bloch (2007); 
Dumont et al. 
(2016) 

B7 FirstTert Education:  
 
Tert = 1 if the highest 
educational level is 
(upper) 
secondary/post-
secondary non-tertiary 
education  
 
Tert = 0 if otherwise 

A higher 
level of 
education is 
associated 
with a higher 
probability of 
being 
employed. 

Bloch (2007); 
Dumont et al. 
(2016) 

B8 unemployment National 
unemployment rate of 
the country of 
residence in 2011  

- Godoy, 2014; 
Bevelander & 
Lundh, 2007; 
Bloch, 2007;  
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Diagnostics and Analysis 
 
Design: LPM and Logit Models 
 
To examine the correlation of working ban periods for asylum-seekers and the probability 

of refugees to be employed, a Linear Probability Model (LPM)7 and a logistic regression 

were employed. The dichotomous dependent variable “labor force status” that takes only 

two values, (1) for a refugee that is employed and (0) for a refugee who is not employed, 

suggests that LPM and logit regressions are most appropriate.  

 
Diagnostics and Evolution of the Model  
 
The robustness of the LPM and logit models were examined using several econometric 

tests. In particular, multicollinearity, heteroscedasticity and misspecification of the model 

were analyzed, given that they result in inconsistent standard errors leading to incorrect t-

statistics. Hence, judgements over the significance of variables within the model might be 

incorrect, if any of these problems persist. In addition, model misspecification introduces 

inconsistent coefficients, biasing our results.  

 
A. Model Misspecification 

 
Starting with a model that, besides the key variable of interest being the length of the 

working ban period for asylum seekers, controlled for gender, country of origin, host 

country, unemployment rate within host country in 2011, age and education dummies, 

first tests revealed that several variables might be less relevant than the theory predicts.  

 
                                                
7 OLS regression with a binary dependent variable. In this case, the dependent variable “labor 
force status” measures the labor market participation status of refugees. It is a binary variable, 
taking the value of 1 for a refugee that is employed and a value of 0 for a refugee that is not 
employed.  
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Both the LPM and the Logit model did not find any country of origin dummy to be 

statistically significant (see Table 1A in the annex). As a consequence, country of origin 

dummy variables were excluded from the model. In addition, several host country 

dummy variables have been omitted because of multicollinearity. The unemployment rate 

in host countries, which the theory suggests to be an important factor in predicting an 

immigrant’s likelihood to be employed, further captures some of the country specific fix 

effects. Hence, the host country dummy variables were excluded from the model, which 

eliminates some of the multicollinearity concerns.  

 

To examine the model specification of the new model that contains the ban period, 

gender, age, education and unemployment, for both the LPM and logit regression a 

linktest was estimated. The linktest evaluates if the model is specified correctly. To pass 

the linktest, the regression of the model on the variable _hat, the predicted value from the 

regression, should be significant. The variable _hatsq, the predicted values squared, 

should however not have any explanatory power. In addition, the Ramsey RESET test, 

which examines omitted variable bias, was conducted for the LPM model.8  

 

For the LPM model, the t-statistics of _hat of the linktest is 0.53, therefore insignificant. 

The t-statistics of _hatsq is with 0.02 also insignificant. The LMP model therefore passes 

the second condition of the linktest, but clearly fails the first condition of a significant 

_hat (see Table 2A in the annex). Furthermore, the p-value that has been estimated 

applying the Ramsey test is 0.959 (see Table 3A in the annex). Therefore, we fail to 

                                                
8 Note that for logistic regression the Ramsey test is not available.		
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reject the Null Hypothesis which states that the model has no omitted variables. 

According to this test, omitted variable bias should not be an issue.  

 

To address this model specification issue, several strategies were employed. Instead of 

using the value of the working ban in months, a variable has been added to the model for 

which ban has been squared. However, the t-statistics of _hat was still insignificant (see 

Table 4A in the annex). A second strategy involved to take the natural log of the variable 

ban. The t-statistics of _hat increased to 0.78, but it still remained insignificant (see Table 

5A in the annex). In addition, the variable log(ban) was insignificant in the LPM 

regression (see Table 6A in the annex). Thus, the idea of using a logged ban variable was 

abolished. Those findings all suggest that it might be a different functional form that 

drives the low t-statistics of _hat. Indeed, the linktest results of the logit model suggest 

that the non-linear form of the logit regression might be more appropriate for this study.  

 

The linktest of the logit model estimates a z-statistics of 1.46 for _hat and a z-statistics of 

0.42 for _hatsq (see Table 7A in the annex). This linktest reveals that the logit model 

seems to be a slightly better fit. Nevertheless, also the _hat coefficient under the logit 

regression is not quite statistically significant, suggesting that some model specification 

issues might bias the results. Again, the log of ban and the square of ban have been used 

to address model misspecification issues in the logit model. Nevertheless, both alternative 

transformed ban variables fail to increase the z-score of the _hat variable respectively 

even decreased it (see Tables 9A and 10A in the annex). Unfortunately, the micro-dataset 

only contains very limited variables. Interactions of the variable male with the education 
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dummies and between the education dummies and the age dummies were all 

insignificant, given that the variable male and the education dummy variables were 

already in the general model not statistically significant. Other variables that have found 

in other studies to be significantly correlated with the participation of refugees in the host 

country’s labor market, such as the time period the refugees has spent in the host country, 

could not be controlled for.  

 

To conclude, given those findings the logit model will be emphasized. However, since 

the regression results in terms of significance do not vary greatly between the two models 

(Table 1 below) and LPM enables more apparent interpretation of the results, both 

models will be considered in the analysis section.  

 
B. Multicollinearity 

 
The issue of multicollinearity occurs when two independent variables are highly 

correlated (Wooldridge, 2009). It is important to avoid multicollinearity, as it increases 

standard errors, thus affecting the t-statistics and eventually the prediction whether a 

variable is statistically significant or not.   

 

First, the correlations between all independent variables were estimated (see Table 10A 

in the annex). The pwcorr command reveals that for all independent variables the degree 

of correlation is below the critical 0.8, with the exception of the variables (ban, Denmark) 

where a correlation of 0.83 has been found. To examine more deeply whether this 

correlation might result in an issue of multicollinearity, in a second step the variance 
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inflation factors (VIF) are estimated for the LPM regression.9 The VIF estimation finds 

no evidence that multicollinearity is an issue for the LPM, as all of the VIFs are clearly 

below the critical value of 10 (see Table 11A in the annex).  

 
C. Heteroscedasticity 

 
The LPM model is further tested for issues of heteroscedasticity. Heteroscedasticity 

occurs when the variance of the unobservable error terms is not constant. Failing to 

control for heteroscedasticity results in biased variances, and hence standard errors 

(Wooldridge, 2009). To evaluate whether standard errors of the LPM model are biased, 

the White test (or Cameron and Trivedi’s decomposition of IM-test) has been employed. 

According to the White test, a high chi2 of heteroscedasticity signals that the 

unobservable error terms are not homoscedastic. The White test reveals that with a chi2 

of 222.6 and a p-value of 0.000, the LPM indeed demonstrates heteroscedastic error 

terms (see 12A in the annex). Therefore, the robust command has been added to the LPM 

regression controlling for heteroscedasticity. Using the robust option generates the same 

point estimates of the coefficients as in ordinary OLS regression, but the standard errors 

take into account the issues of heteroscedasticity. 

All logistic regressions are per definition heteroscedastic, thus no further diagnostics is 

needed. To account for heteroscedasticity the robust command has been used throughout 

all logit models.  

 

 

                                                
9 Note that the VIF command is unavailable for logistic regressions.  
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Final Stata Outcome 
 
Taking the diagnostic findings into account and controlling for heteroscedasticity, the 

following regression results for the LPM, the Logit model and the odd ratios10 of the 

logistic regression have been estimated (see Tables 2 and 3). 

Table 2. Effect of working ban for asylum-seekers on employment status of refugees in 
Belgium, Denmark, Netherlands, Norway and Switzerland in 2011 

 
                                                
10 In order to be able to interpret better the regression estimates of the logistic model, odds ratios 
need to be calculated.		

* p<0.05, ** p<0.01, *** p<0.001
t statistics in parentheses
                                                    
chi2                                        28.93   
p                        6.20e-19        0.000326   
F                           14.14                   
Adjusted R-squared          0.050                   
Observations                  606             606   
                                                    
                          (11.65)          (4.62)   
Constant                    0.982***        2.863***

                          (-0.26)         (-0.26)   
unemployment             -0.00141        -0.00588   

                          (-0.25)         (-0.24)   
FirstTert                 -0.0140         -0.0599   

                          (-1.27)         (-1.28)   
SecPostSec                -0.0703          -0.310   

                          (-1.35)         (-1.37)   
PrimaryLowSec             -0.0743          -0.330   

                          (-9.48)         (-4.90)   
Age2564                    -0.411***       -2.570***

                          (-8.13)         (-4.58)   
Age1524                    -0.376***       -2.423***

                          (-0.55)         (-0.56)   
male                      -0.0218         -0.0950   

                           (1.02)          (1.05)   
ban                       0.00507          0.0231   
main                                                
                                                    
                              LPM           Logit   
                                                    
Final model
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Table 3. Logit model odds ratios 

 
 
Discussion  
 

A. Hypothesis 
 
Both the LPM and the logit model find no evidence that support the hypothesis that a 

longer working ban for asylum-seekers is negatively correlated with a lower employment 

rate of refugees. In both models, the coefficient of the variable ban that measures the 

length of the period during which asylum-seekers are excluded from the labor market, is 

relatively low. With comparable t-statistics of 1.02 for the LPM model and 1.05 for the 

logit regression, both models suggest that the variable ban is not statistically significant.  

 
B. Significant and Insignificant Variables 

 
The LPM and logit model are consistent, insofar that in both models the same variables 

are respectively significant or insignificant. Both models estimate the two age variables 

(Age1524 and Age2564) to be significant. Both models predict low standard errors, 

hence find high t-statistics across the two age groups.  

                                                                               
        _cons     17.51396   10.85938     4.62   0.000      5.19522     59.0425
 unemployment     .9941362    .022682    -0.26   0.797     .9506596    1.039601
    FirstTert     .9418645   .2380672    -0.24   0.813     .5739015    1.545751
   SecPostSec      .733711   .1769042    -1.28   0.199     .4573965    1.176948
PrimaryLowSec     .7187175   .1728092    -1.37   0.170     .4486363    1.151389
      Age2564     .0765409   .0401582    -4.90   0.000     .0273715    .2140363
      Age1524     .0886161   .0468914    -4.58   0.000     .0314121    .2499931
         male     .9093428   .1547601    -0.56   0.577     .6514222    1.269383
          ban     1.023351   .0224019     1.05   0.292     .9803723    1.068213
                                                                               
          lfs   Odds Ratio   Std. Err.      z    P>|z|     [95% Conf. Interval]
                              Robust
                                                                               

Log pseudolikelihood = -388.54253               Pseudo R2         =     0.0556
                                                Prob > chi2       =     0.0003
                                                Wald chi2(8)      =      28.93
Logistic regression                             Number of obs     =        606
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LPM and logit regressions did not estimate significant coefficients for education, gender 

and country dummy variables, despite previous findings in the literature suggesting that 

those variables do matter with regard to refugees’ work integration (see Svantesson & 

Aranki, 2006; Bevelander & Pendakur, 2009).  

 

A possible explanation for finding insignificant coefficients for education could be that 

the recognition of educational certificates which has increasingly been considered as a 

factor impeding refugees’ work integration (Konle-Seidl & Boltis, 2016). Hence, 

education is not a strong predictor of the likelihood that a refugee is employed in the host 

country, as education and professional training in the country of origin is simply not 

recognized by the host countries.  

 

The literature suggests that male refugees are statistically significantly more likely to be 

employed. For instance, Dumont et al. (2016) estimated that the unemployment rate for 

female refugees in Europe is 17 percentage points lower than for male refugees. Both the 

LPM and the logit model did not confirm this finding. The gender variable was 

insignificant in both models. A possible explanation for this divergence could be the use 

of different data in terms of countries covered. Dumont et al. (2016) evaluated data of 25 

countries, while this study was limited to six countries. In addition, Konle-Seidl and 

Boltis (2016) by referring to Sweden found that, with increased time spent in the host 

country, female refugees seem to overcome cultural patterns that partially served as 

explanation for the lower labor market participation of female refugees. This study could 
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however not control for the time a refugee has been living the European host country. 

Hence, failing to control for the period stayed in the host country might explain to some 

extent, why this study did not confirm a labor market participation gap between female 

and male refugees.  

 

According to the logit model, refugees who are between 15 and 24 years old are 91.1 

percent less likely to be employed than refugees of the reference category that were more 

than 64 years old. The LPM estimates that refugees between 15 and 24 years old have a 

0.38 lower probability of being employed than refugees with 64 years and more. 

Similarly, Dumont et al. (2016) found that refugees between 15 and 24 years were 75 

percent less likely to be employed compared to refugees aged 35 to 54 years. However, 

both the logit model and LPM regression observe that refugees above 64 years old are 

more likely to be employed in comparison to both age groups (between 15 and 24, and 

between 25 and 64 years), while others (see Dumont et al, 2016; Bevelander & Pendakur, 

2009) have consistently found lower employment rates for refugees above 64 years. 

Possible explanation for the diverging findings in this study might be that the dataset did 

not allow controlling for the time a refugee has spent in the host country. That is, it was 

not possible to control for the refugee’s date of arrival in the host country. Older workers 

had more experience and perhaps had been living in the host country for a longer period 

of time. This might even be more likely, if education certifications and previous work 

experiences in the country of origin are not fully recognized. In addition, possible non-

randomness of the sample could be an explanation, why this study failed to confirm 

previously found patterns of diverging labor market participation of different age groups.  
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The literature suggests that unemployment rate as an indicator for the economic condition 

in the host country is a strong predictor for refugees’ participation in the labor market 

(see Godoy, 2014; Bevelander & Lundh, 2007; Aslund & Rooth, 2007; Bloch, 2007; 

Svantesson & Aranki, 2006). However, in neither the LPM nor the logit model the 

variable unemployment was significant. A possible explanation could be that this study 

could not control for the time a refugee has already spent in the host country. Aslund and 

Rooth (2007) have found that the conditions of the labor market at the time of a refugee’s 

arrival to the host country has an effect on their employment and earnings for at least ten 

years. In addition, they suggest that local unemployment rates, rather than national labor 

market conditions matter. Hence, the national unemployment rate that was used for this 

study might be an imprecise predictor of refugees’ labor market participation.  

 

In general, it is important to keep in mind that both the LPM and the logit model 

illustrated model specification issues. Therefore, potential bias of the coefficient and the 

standard errors as a consequence of possible model misspecification might serve as 

reason, why this study failed to confirm findings of previous studies. Insignificant 

coefficients could indeed be significant, as well as signs of the significant age dummies 

could be reversed. In addition, most studies concentrated on a single country (e.g. 

Bevelander & Pendakur, 2009 in Sweden). Including data from other countries might 

likely result in different findings. The same is true for data of different time periods; it is 

possible that the political, cultural and social context has changed in favor or opposed to 

increased participation of refugees in the labor market.  
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To dig deeper into the findings, two countries – Denmark and the Netherlands – will be 

examined in more depth.  

 
Case Study: Denmark and the Netherlands  
 
The short case studies serve to illustrate different factors that affect the labor market 

participation of refugees, by comparing the integration of refugees in the labor market in 

Denmark and in the Netherlands.  

A. Patterns of Work Integration of Refugees in Denmark and the Netherlands  
 
Of the refugees in the sample that are residing in Denmark, 61.1 percent are employed. 

Denmark therefore has the highest employment rate of refugees among the countries 

studied (see Table 4). In contrast, the total employment rate of refugees in the 

Netherlands at 56.6 percent is the lowest among the countries examined. The pattern of 

lower employment rates of refugees in the Netherlands compared to Denmark is 

consistent across gender: female and male refugees are more likely to be employed in 

Denmark than the Netherlands. Surprisingly, female refugees have a higher employment 

rate in the Netherlands than male refugees.  

Table 4. Total employment rates and employment rates by gender for refugees in 
countries studied in 2011 

Country Total employment 
rate 

Employment rate 
male refugees 

Employment rate 
female refugees 

Belgium 58.7 60.5 56.4 
Denmark 61.1 61.6 60.5 
Netherlands 56.6 56.0 57.4 
Norway 57.0 57.3 56.7 
Switzerland  57.1 58.6 55.6 

 

Comparing the levels of education acquired, refugees in Denmark seem to be slightly 

more educated than refugees in the Netherlands (see Table 5). Although the education 
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dummies in this study have not been significant, the level of education acquired has been 

found to be a strong predictor of refugees’ employment rate throughout the literature. 

Therefore, the higher employment rate of refugees in Denmark could stem from a more 

educated inflow of refugees in contrast to the Netherlands, especially the significant 

differences at the highest level.  

Table 5. Education levels of refugees in Denmark and the Netherlands in 2011 
 Pre-

primary/primary/ 
low secondary 
education 

Upper 
secondary/post-
secondary non-
tertiary 
education 

First stage of 
tertiary 
education 
(Bachelor and 
Master) 

Second 
stage of 
tertiary 
education 
(PhD) 

Denmark 33.4 31.4 27.6 7.6 
Netherlands 34.9 35.5 27.9 1.7 

 

Employment rates are rather constant in Denmark across different groups of refugees in 

terms of country of origin (see Table 6). In the Netherlands, employment rates are 

however much higher for refugees from Eritrea and Iraq, while refugees from 

Afghanistan are significantly less likely to be employed. Further examination would be 

required to analyze the differences in employment participation of refugees in the 

Netherlands. It might be that the effectiveness of social networks of different groups of 

refugees in assisting the job search varies. Networks of refugees have been found to 

contribute substantially to the success of finding employment in the Netherlands (EEPO, 

2016).  

Table 6. Employment rate of refugees according to the country of origin in Denmark and 
the Netherlands in 2011 

 Afghanistan  Eritrea Iran Iraq Somalia 
Denmark 61.1 64.7 67.5 57.5 56.2 
Netherlands 48.1 75.0 53.6 61.5 55.0 
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B. Possible Policy Explanations of Different Employment Rates  

 
While the working-ban period for asylum seekers in Denmark is 12 months,11 asylum 

seekers have the right to seek employment in the Netherlands 6 months after having 

submitted a request for asylum. The higher employment rate of refugees in Denmark 

despite longer working-ban compared to the Netherlands therefore confirms the finding 

of the study: the duration during which asylum seekers are excluded from accessing the 

labor market seems not to be related with refugees’ employment rates.  

 

However, other integration policy differences exist between Denmark and the 

Netherlands which might explain the different employment participation rates of refugees 

between the two countries. For instance, although asylum seekers in the Netherlands are 

allowed to work after a waiting period of 6 months, an additional restriction limits the 

time an asylum seeker has the right to work to 24 weeks per year (OECD, 2016). Such 

policy might impede asylum seekers aspiration to work, as well as restrict significantly 

the job opportunities to short-term work. Hence, it reduces the employment experience of 

asylum seekers in the host country. Therefore, such policy which is absent in Denmark 

might lead to a lower employment rate of refugees in the Netherlands.  

 

Moreover, several other policies exist that might result in a greater incentives for refugees 

in Denmark to seek employment. For instance, the monthly post-tax benefits adjusted for 

the purchasing power which refugees receive, are at 1,150 Euro in the Netherlands and 

                                                
11 Note that the working-ban in Denmark has been reduced to 6 months. However, in 2011 and prior, where 
the data for this study had been collected, the ban was 12 months.  
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significantly higher than the 850 Euro in Denmark (Danish Government, 2004). Higher 

levels of assistance might impede a refugee’s motivation to seek other sources of income 

through employment.  

 

Denmark is furthermore known for its integration program. The official integration 

program on average amounts to 37 hours per week for a duration up to three years. It 

includes professional language training, civic education and systematic mentorship 

(Madsen, 2016). Skill assessment of refugees is further undertaken by the Danish 

authorities, as well as vocational training is offered. Moreover, a sort of traineeship has 

been introduced in Denmark, where refugees can work part time besides language 

courses (Fóti & Fromm, 2016). In contrast, Dutch language courses are offered solely by 

volunteers and the integration program in the Netherlands does not include job-related 

training, civic education and skill assessment of refugees (Fóti & Fromm, 2016). The lack 

of certain integration programs might also likely explain why employment rates of 

refugees are lower in the Netherlands than in Denmark.  

 

In addition, wage subsidies for private employers who hire refugees is an important part 

of the Danish integration program. Such wage subsidy programs have been found to 

significantly increase the likelihood of refugees of obtaining a regular job (Clausen et al., 

2009). Within the Danish integration policy, social partners such as employers and trade 

unions, take an active part in promoting refugees’ work integration. A tripartite 

agreement between the Danish government, employer associations and the trade unions 

of March 2016 seeks to include at least 50 percent of the refugees in the labor market. In 
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contrast, labor unions in the Netherlands are deeply divided and do not want to promote 

refugees’ employment participation at the expense of native workers (Fóti & Fromm, 

2016). 

 

Finally, public spending on asylum seekers differs significantly between Denmark and 

the Netherlands. In 2016, Denmark has spent 0.57 percent of its GDP on asylum seekers, 

thus figuring among the highest spending countries in Europe. In contrast, the 

Netherlands have spent only 0.23 percent of the GDP which equals the average spending 

of countries in Europe (Konle-Seidl & Boltis, 2016). Moreover, Danish municipalities 

receive a monthly subsidy for each refugee enrolled in an integration program, as well as 

obtain a reward once a refugee finds a job (OECD, 2016). Although spending alone does 

not automatically lead to improved integration, it can serve as an indicator of political 

will to improve refugees’ integration into the host country’s society and labor market.  

 

Those policies differences between Denmark and the Netherlands suggest that the co-

existence of a variety of policies and programs renders it difficult to isolate the effect of 

the working-ban. Hence, to estimate the effect of working-bans, it is necessary to 

investigate how other policies such as monthly benefits refugees receive or integrational 

programs interact with the time period during which asylum seekers are legally excluded 

from the labor market. Including some variables in the model that control for other 

integration policies or programs would therefore be helpful.  
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Policy Implications 
 
Since no statistically significant coefficient could have been estimated for the variable of 

the working ban in both models, there is no evidence that the working ban for asylum-

seekers negatively affects refugees’ employment participation. The findings of this study 

suggest that integration of refugees into the host countries labor market is likely to not 

depend on the policy framework regulating access to labor markets that applies to 

asylum-seekers at the beginning of their stay in the host country.  

Nevertheless, the current study examined the situation in a limited number of cases, 

resulting in low variety of working bans that were applicable to refugees when requesting 

asylum. In addition, the data examined the participation of refugees in the labor market in 

2011; hence, this was before the current refugee crisis. Moreover, the fact that both 

models have specification problems also suggests that the results are likely biased. It is 

therefore recommended to further examine the effect of working ban policies for asylum 

seekers on refugees’ employment, as well as other restrictive policies such as restrictions 

of sectors in which refugees are eligible to be employed, non-recognition of education 

certificates and professional experiences or need for proper identification document. A 

more comprehensive database is needed.  

 

In addition, this study did not confirm previous findings that reported education of 

refugees to be a strong predictor of the likelihood that a refugee is employed in the host 

country. Again, this study entailed some limitations, among others due to model 

misspecification. Nevertheless, recognition of education credentials of refugees obtained 

in their country of origin has been considered by the literature to be impeding refugees’ 
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work integration. Additionally, the (temporary) employment that refugees hold often 

mismatch their skills; many refugees are over-qualified (Konle-Seidl & Boltis, 2016). A 

study in Germany found that the likelihood of a refugee to be over-qualified for his or her 

job is 32 percentage points lower when education and professional experience acquired 

abroad are fully recognized in the country of origin (Konle-Seidl & Boltis, 2016). Hence, 

a deeper investigation of the effect of the recognition requirements of refugees’ education 

and work experiences obtained in the country of origin are necessary. It might be that 

such policies should be reconsidered respectively the recognition process of foreign-

obtained certifications improved.  

 

Finally, the difficulty in finding and accessing data of refugees and their labor market 

participation moreover illustrates a gap in collection of such data in many European 

countries. In particular, longitudinal data of refugees in Europe is missing. Indeed, also 

Konle-Seidl and Boltis (2016) noticed that only a few EU countries are collecting data on 

integration of immigrants, including refugees. It seems that some countries have noticed 

this data gap and have recently started collecting (longitudinal) data. For instance, 

Germany has in 2013 expanded its dataset Socio-Economic Panel (SOEP) by including a 

migration sample (DIW Berlin, n.d.). In order to examine robustly the socio-economic 

integration of refugees in Europe, it is recommended to further invest in collecting 

longitudinal data of refugees in European countries.  
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Appendix 
Table 1A. LPM and Logit model including insignificant country dummies 

 

. 

* p<0.05, ** p<0.01, *** p<0.001
Reference categories: female, Age 65+ years, PhD, Norway
t statistics in parentheses
                                                    
F                           9.503                   
Adjusted R-squared          0.048                   
Observations                  606             606   
                                                    
                           (8.98)          (4.00)   
Constant                    0.940***        3.139***

                          (-0.23)         (-0.22)   
Iraq                      -0.0138         -0.0575   

                           (0.16)          (0.21)   
Iran                      0.00974          0.0553   

                           (1.42)          (1.41)   
Eritrea                     0.108           0.468   

                          (-0.43)         (-0.42)   
Afghanistan               -0.0268          -0.111   

                              (.)             (.)   
Switzerland                     0               0   

                           (0.71)             (.)   
Netherlands                0.0469               0   

                              (.)             (.)   
Denmark                         0               0   

                              (.)          (0.74)   
Belgium                         0           0.383   

                           (0.42)         (-0.68)   
unemployment              0.00286         -0.0402   

                          (-0.30)         (-0.30)   
FirstTert                 -0.0169         -0.0763   

                          (-1.41)         (-1.43)   
SecPostSec                -0.0790          -0.351   

                          (-1.49)         (-1.52)   
PrimaryLowSec             -0.0830          -0.371   

                          (-9.38)         (-5.04)   
Age2564                    -0.423***       -2.629***

                          (-8.00)         (-4.66)   
Age1524                    -0.381***       -2.454***

                          (-0.59)         (-0.62)   
male                      -0.0236          -0.106   

                           (0.68)          (1.26)   
ban                       0.00366          0.0418   
main                                                
                                                    
                              LPM           Logit   
                                                    
Initial Model
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Table 1A (cont.)  LPM and Logit model including insignificant country dummies 

 
 
 

Table 2A. Linktest final LPM 

 
 
 
 

Table 3A. Ramsey RESET test final LPM 

 
 
 
 
 
 
 
 

 

. 

* p<0.05, ** p<0.01, *** p<0.001
Reference categories: female, Age 65+ years, PhD, Norway
t statistics in parentheses
                                                    
F                           9.503                   
Adjusted R-squared          0.048                   
Observations                  606             606   
                                                    
                           (8.98)          (4.00)   
Constant                    0.940***        3.139***

                          (-0.23)         (-0.22)   
Iraq                      -0.0138         -0.0575   

                           (0.16)          (0.21)   
Iran                      0.00974          0.0553   

                           (1.42)          (1.41)   
Eritrea                     0.108           0.468   

                          (-0.43)         (-0.42)   
Afghanistan               -0.0268          -0.111   

                              (.)             (.)   
Switzerland                     0               0   

                           (0.71)             (.)   
Netherlands                0.0469               0   

                              (.)             (.)   
Denmark                         0               0   

                              (.)          (0.74)   
Belgium                         0           0.383   

                           (0.42)         (-0.68)   
unemployment              0.00286         -0.0402   

                          (-0.30)         (-0.30)   
FirstTert                 -0.0169         -0.0763   

                          (-1.41)         (-1.43)   
SecPostSec                -0.0790          -0.351   

                          (-1.49)         (-1.52)   
PrimaryLowSec             -0.0830          -0.371   

                          (-9.38)         (-5.04)   
Age2564                    -0.423***       -2.629***

                          (-8.00)         (-4.66)   
Age1524                    -0.381***       -2.454***

                          (-0.59)         (-0.62)   
male                      -0.0236          -0.106   

                           (0.68)          (1.26)   
ban                       0.00366          0.0418   
main                                                
                                                    
                              LPM           Logit   
                                                    
Initial Model

                                                                              
       _cons     .0151746   .6163735     0.02   0.980    -1.195325    1.225674
      _hatsq     .0310785   1.247496     0.02   0.980    -2.418887    2.481044
        _hat     .9550635   1.810667     0.53   0.598    -2.600916    4.511043
                                                                              
         lfs        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    147.207921       605  .243318877   Root MSE        =    .47846
                                                   Adj R-squared   =    0.0592
    Residual     138.04036       603  .228922654   R-squared       =    0.0623
       Model    9.16756052         2  4.58378026   Prob > F        =    0.0000
                                                   F(2, 603)       =     20.02
      Source         SS           df       MS      Number of obs   =       606

. linktest

. 

                  Prob > F =      0.9736
                 F(3, 594) =      0.07
       Ho:  model has no omitted variables
Ramsey RESET test using powers of the fitted values of lfs

. ovtest



 42 

Table 4A. Linktest using LPM with the variable ban-squared 

 
 
 
 

Table 5A. Linktest using LPM with the variable log(ban) 

 
 
 
 
 
 
 
 
 
 
 
 

                                                                              
       _cons      .054622   .5914064     0.09   0.926    -1.106845    1.216089
      _hatsq     .1121781   1.199134     0.09   0.925    -2.242808    2.467164
        _hat     .8380407    1.73842     0.48   0.630    -2.576052    4.252134
                                                                              
         lfs        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    147.207921       605  .243318877   Root MSE        =    .47835
                                                   Adj R-squared   =    0.0596
    Residual    137.978597       603  .228820226   R-squared       =    0.0627
       Model    9.22932424         2  4.61466212   Prob > F        =    0.0000
                                                   F(2, 603)       =     20.17
      Source         SS           df       MS      Number of obs   =       606

. linktest

. 

                                                                              
       _cons    -.1483051   .6384364    -0.23   0.816    -1.403322    1.106712
      _hatsq    -.2828133   1.199936    -0.24   0.814    -2.641607    2.075981
        _hat     1.426343   1.817692     0.78   0.433    -2.146816    4.999502
                                                                              
         lfs        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                                                                              

       Total    99.8450363       412  .242342321   Root MSE        =    .47557
                                                   Adj R-squared   =    0.0667
    Residual    92.7296098       410   .22616978   R-squared       =    0.0713
       Model    7.11542654         2  3.55771327   Prob > F        =    0.0000
                                                   F(2, 410)       =     15.73
      Source         SS           df       MS      Number of obs   =       413

. linktest
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Table 6A. LPM regression with the variable log(ban) 

 
 
 

Table 7A. Linktest final Logit model 

 
 
 
 
 
 
 

                                                                               
        _cons       1.0398   .1903446     5.46   0.000     .6656109     1.41399
 unemployment    -.0023423   .0057929    -0.40   0.686    -.0137303    .0090458
    FirstTert     .0276204   .0689155     0.40   0.689    -.1078574    .1630982
   SecPostSec     -.062312   .0681293    -0.91   0.361    -.1962442    .0716202
PrimaryLowSec    -.0708009   .0679965    -1.04   0.298    -.2044721    .0628702
      Age2564    -.4638812   .0400199   -11.59   0.000    -.5425544   -.3852079
      Age1524    -.4149278   .0451741    -9.19   0.000    -.5037336   -.3261221
         male    -.0225639   .0486037    -0.46   0.643    -.1181117    .0729838
       logban      .015805    .069916     0.23   0.821    -.1216396    .1532496
                                                                               
          lfs        Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
                              Robust
                                                                               

                                                Root MSE          =     .47912
                                                R-squared         =     0.0711
                                                Prob > F          =     0.0000
                                                F(8, 404)         =      34.74
Linear regression                               Number of obs     =        413

                                                                              
       _cons     .0302228   .1216893     0.25   0.804    -.2082838    .2687294
      _hatsq     .0880743   .2108909     0.42   0.676    -.3252643    .5014129
        _hat      .789515   .5391864     1.46   0.143    -.2672708    1.846301
                                                                              
         lfs        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood = -388.45471                     Pseudo R2         =     0.0558
                                                Prob > chi2       =     0.0000
                                                LR chi2(2)        =      45.93
Logistic regression                             Number of obs     =        606

Iteration 4:   log likelihood = -388.45471  
Iteration 3:   log likelihood = -388.45472  
Iteration 2:   log likelihood = -388.46336  
Iteration 1:   log likelihood =  -389.3295  
Iteration 0:   log likelihood = -411.42203  

. linktest
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Table 8A. Linktest Logit model with the variable log(ban) 

 
 
 

Table 9A. Linktest Logit model with the variable ban-squared 

 

Note: 0 failures and 34 successes completely determined.
                                                                              
       _cons     .0234209     .15401     0.15   0.879    -.2784332     .325275
      _hatsq      1.46902   2.141403     0.69   0.493    -2.728052    5.666092
        _hat     .2880131   1.151017     0.25   0.802    -1.967938    2.543965
                                                                              
         lfs        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood = -258.25555                     Pseudo R2         =     0.0758
                                                Prob > chi2       =     0.0000
                                                LR chi2(2)        =      42.33
Logistic regression                             Number of obs     =        413

Iteration 10:  log likelihood = -258.25555  
Iteration 9:   log likelihood = -258.25555  
Iteration 8:   log likelihood = -258.25561  
Iteration 7:   log likelihood = -258.48755  
Iteration 6:   log likelihood = -258.50092  
Iteration 5:   log likelihood = -258.50804  
Iteration 4:   log likelihood = -258.52936  
Iteration 3:   log likelihood = -258.62265  
Iteration 2:   log likelihood = -259.09008  
Iteration 1:   log likelihood = -261.12601  
Iteration 0:   log likelihood = -279.42193  

. linktest

. 

                                                                              
       _cons     .0339582    .119217     0.28   0.776    -.1997028    .2676192
      _hatsq     .1015191   .2041961     0.50   0.619     -.298698    .5017362
        _hat     .7603915   .5180776     1.47   0.142     -.255022    1.775805
                                                                              
         lfs        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood =  -388.2832                     Pseudo R2         =     0.0562
                                                Prob > chi2       =     0.0000
                                                LR chi2(2)        =      46.28
Logistic regression                             Number of obs     =        606

Iteration 4:   log likelihood =  -388.2832  
Iteration 3:   log likelihood = -388.28321  
Iteration 2:   log likelihood = -388.29316  
Iteration 1:   log likelihood = -389.18807  
Iteration 0:   log likelihood = -411.42203  

. linktest
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Table 10A. Correlation of independent variables (pwcorr) 

 
 
 

 
Table 11A. VIF final LPM 

 
 
 
 
 
 

 Switzerland    -0.2827  -0.1485  -0.1620  -0.1247  -0.1799   1.0000 
      Norway    -0.5003  -0.3403  -0.3714  -0.2858   1.0000 
 Netherlands    -0.4492  -0.2358  -0.2574   1.0000 
     Denmark     0.3086  -0.3065   1.0000 
     Belgium     0.8074   1.0000 
unemployment     1.0000 
                                                                    
               unempl~t  Belgium  Denmark Nether~s   Norway Switze~d

 Switzerland    -0.1588  -0.0134        .        .  -0.1589  -0.1539  -0.1438 
      Norway    -0.7952  -0.0011   0.0018  -0.0386   0.0040  -0.0016   0.0304 
 Netherlands     0.0464   0.0022   0.0136   0.0658   0.0857   0.1052   0.0574 
     Denmark     0.8368  -0.0037  -0.0283   0.0046   0.0100   0.0065  -0.0008 
     Belgium     0.0553   0.0116   0.0154  -0.0219   0.0080  -0.0029   0.0061 
unemployment     0.5342   0.0095  -0.0027  -0.0246   0.0155   0.0012   0.0090 
   FirstTert     0.0060   0.0001  -0.0218   0.0082  -0.2911  -0.2819   1.0000 
  SecPostSec     0.0316   0.0010   0.0573  -0.0281  -0.3116   1.0000 
PrimaryLow~c     0.0311   0.0014   0.0627  -0.0586   1.0000 
     Age2564     0.0261  -0.0419  -0.6887   1.0000 
     Age1524    -0.0176  -0.0415   1.0000 
        male     0.0009   1.0000 
         ban     1.0000 
                                                                             
                    ban     male  Age1524  Age2564 Primar~c SecPos~c FirstT~t

> nmark Netherlands Norway Switzerland 
. pwcorr ban male Age1524 Age2564 PrimaryLowSec SecPostSec FirstTert unemployment Belgium De

    Mean VIF        1.82
                                    
        male        1.02    0.979281
         ban        1.38    0.724842
unemployment        1.39    0.717459
   FirstTert        1.50    0.664849
  SecPostSec        1.56    0.640763
PrimaryLow~c        1.57    0.638637
     Age1524        3.08    0.324584
     Age2564        3.09    0.323283
                                    
    Variable         VIF       1/VIF  

. vif
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Table 12A. White test LPM 

 
 
  . 

                                                   
               Total       542.14     41    0.0000
                                                   
            Kurtosis       305.87      1    0.0000
            Skewness        13.68      8    0.0906
  Heteroskedasticity       222.60     32    0.0000
                                                   
              Source         chi2     df      p
                                                   

Cameron & Trivedi's decomposition of IM-test
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