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ABSTRACT 

 Mobility strategies provide a powerful framework for policymakers to achieve 

employment opportunities and positive economic outcomes for low income and low skilled 

workers. Following the “Great Recession,” the Obama Administration established the 

Transportation Investment Generating Economic Recovery (TIGER) program to competitively 

award grants to municipalities to carry out transportation projects that could produce positive 

results in local economies. Using American Community Survey (ACS) data from 2009 through 

2015, I compare those cities that were awarded a TIGER grant for a bus rapid transit (BRT) 

project before and after the project’s implementation with cities that applied for a TIGER grant 

for a similar project, but were denied funding. I find that there is a statistically significant impact 

on the likelihood that an individual will enter the workforce in a city that has implemented a 

BRT project via a TIGER grant in comparison to an individual in the grant losing city. While 

there are constraints in measurement around the individuals who are being assessed across time 

and there is a lack of useable transit data to append, my results indicate that BRT projects are 

good investments for cities looking to bolster their economic health. 
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Introduction 

 Policymakers across the aisle have recognized the impact of transportation policy on 

economic development in the United States throughout history. While individuals may disagree 

on the correct form of transportation in which to invest, this has persisted in our policies. The 

early twentieth century was an incredible time for freight and rail travel in the United States, and 

the emergence of the private automobile and suburbs in the middle of the century created an 

opportunity for America to invest in its robust interstate highways system. However, this mode 

change in financial support at the federal level created incredible disparities in economic 

outcomes between black and white families. The 1960s boom in highways and surface 

transportation infrastructure successfully created opportunities for wealthier white families to 

live far from urban centers while allowing them to commute there for work with relative ease. At 

the same time, this period oversaw an increase in regulatory power over public transportation 

systems. Thus, modern public transportation policy has faced barriers in the forms of regulations, 

both economic and safety related, and financing mechanisms that have greatly disadvantaged 

poorer families of predominantly African American descent (Spychalski, 2011). 

The inequities created across space and time by suburbanization and automobile access 

are easily identifiable in our most segregated cities and neighborhoods. This inequity has serious 

consequences for employment, health, and basic mobility outcomes. Moreover, it has hindered 

social mobility in the United States and created cycles of poverty for families living in socially 

isolated communities that do not have access to the kinds of opportunities that middle and high 

income families take for granted. Complicating matters further has been the weakening of the 

social safety net over the past two decades and an effort by policymakers to push welfare to work 

programs in these communities (Wellman, 2014).  
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Under resourced families are much less likely to find gainful employment in their 

communities. Without access to a private vehicle or quality public transit, it’s probable that these 

families will face greater difficulty achieving the American dream. The purpose of my research 

is to explore the effects of public transportation policy on individuals to assess whether or not 

investment in public transportation infrastructure can support low income families in achieve 

positive employment outcomes. 

Literature Review 

Policy Importance – Access to Opportunity 

 This inequality of access across racial and socioeconomic groups has become a concern 

of politicians over the past decade as they reconcile the effects of welfare reform with social 

mobility and American ethos. As such, the Obama Administration made expanding access to 

opportunity across the country a primary goal of their social policy. It should be of no surprise 

that this become an enduring theme of the Administration: research has shown that the ability to 

enter areas of higher opportunity, where jobs, social services, and other supports are more 

available, is key to low-income, unemployed, and under-resourced individuals’ abilities to leave 

poverty (DeGood & Scwarz, 2016). Under Secretaries Ray LaHood and Anthony Foxx, the 

Department of Transportation (DOT) established the Ladders of Opportunities Initiative, which 

sought to invest in transit infrastructure that revitalizes and connect neighborhoods by giving 

them access to economic enterprise. Through this strategic framework, DOT has awarded nearly 

$6 billion in grant money in surface transportation projects through the Transportation 

Investment Generating Economic Recovery (TIGER) program since 2009. 

 However, there has been a dearth of research evaluating the effectiveness of 

transportation investment policies, like TIGER and other earlier programs common during the 
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urban renewal period of the 60s and 70s and the welfare reform era of the 90s. The theory that 

providing transit access can produce benefits for low income and impoverished families derives 

much of its origin from works analyzing the spatial mismatch hypothesis (SMH). SMH first 

formed in the late 60s during the civil rights era when many researchers and government officials 

began to more closely look at underlying reasons for the disproportionate number of African 

Americans living in poverty and the potential policy solutions that could connect this vulnerable 

population to economic prosperity (Ihlanfeldt & Sjoquist, 1990). The hypothesis’ underlying 

assumption is that the suburbanization and “white flight” movement of the mid-20th century left 

blacks in central cities socially isolated and disconnected from employment that matched their 

skill level, which now predominantly existed in the mostly white suburbs (Wilson, 2012). SMH 

later became an important topic of discussion during the welfare reform debate of the 90s, which 

culminated in the passage of the Personal Responsibility and Work Opportunity Reconciliation 

Act of 1996 (PRWORA). PRWORA decentralized welfare under Aid for Families with 

Dependent Children (AFDC) to a block grant system administered by the state and awarded via 

formula, and was the first among other welfare-to-work and efficiency initiatives (Sanchez, 

2008). In this scenario, SMH was representative of one of many barriers to work that existed for 

people of color living in the urban environments as they began to lose cash supports.  

 SMH is a part of a larger literature on segregation, social isolation, and the dislocations 

associated with concentrated and cyclical poverty. A connective network of transit options is 

obviously not the only reason why African Americans are more likely to live in areas of 

concentrated poverty. Zoning and housing practices in addition to disinvestment of resources by 

private industry and creditors has also played a significant role. Still, transportation, and public 

transportation specifically, is an important issue that must be addressed in order to lift the most 
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vulnerable populations out of poverty. A key learning from the Job Access and Reverse 

Commute (JARC) program during the welfare-to-work era was that our policies that address 

poverty and opportunity need to take a more coordinated and holistic approach (GAO, 1999). 

This means better intra-agency and inter-agency transparency and resource alignment. This 

ensures that measurements of success are clear and consistent across demonstrations and 

projects, and therefore easier to assess. 

 Looking at our current grantmaking programs, TIGER appears to be the most poised to 

affect serious change in the coming years. In selecting projects, the Secretary of DOT prioritizes 

proposals based on their transformational quality under the terms of the Administration’s 

Ladders of Opportunity Initiative. TIGER will invest in those transportation projects that connect 

neighborhoods to employment, education and services and in areas that have seen economic 

hardship (DOT, Ladders). There have been no studies connecting TIGER grants with improving 

labor force participation, which makes the prospect of this question particularly relevant in the 

broader history of SMH and transportation policy. Additionally, more rigorous measurement 

may make analysis more meaningful than in previous studies.  

Spatial Mismatch Hypothesis in Transportation Policy 

 Policymakers and researcher have primarily evaluated assuaging the effects of spatial 

mismatch through three strategies: 1.) desegregation, 2.) inner city development, and 3.) 

mobility. For the purposes of transportation policy, looking at mobility strategies as they relate to 

economic outcomes from skills and location disparities for low income and poor populations is 

most prudent. Due to lack of clear measurements in mobility programs, however, it is often 

difficult to discern how they affect a neighborhood through quantitative function. Most analyses 
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have chosen to focus on measuring commute times, job access, and labor participation post 

implementation in order to assess their performance. 

Extant research has most commonly used commuting times to compare the difference in 

spatial employment between racial groups. However, the main problem with this analysis is that 

it does not take into account the other reasons why racial minorities may not have similar 

commute times as their white counterparts. This can include racially influenced hiring practices, 

information asymmetries between locations with looser job markets and poorer neighborhoods, 

in addition to an inadequate network of public transportation. Moreover, commuting time 

increases have shown a correlation with increased earnings: individuals with higher wages, who 

have access to private vehicles, are more likely to choose to live further from their employer in 

areas where they can optimize their housing consumption. McLafferty and Preston (1992) use 

Public Use Microdata Series (PUMS) for the commuting times in their study and use public 

transportation as a control in order to accurately track the relationship between distance traveled 

and race. They find a statistically significant association of spatial mismatch for blacks living in 

the center of a metropolitan region. Using the American Housing Survey (AHS), other studies 

have found that controlling for the fixed effects of neighborhoods that blacks have longer 

commuting times than other races by nearly 14 percent. Finding the appropriate control variables 

is delicate for this subject matter and requires thoughtful consideration.  

Reflective of this typology are studies that assess SMH by studying the relationship 

between job access measurements and labor force participation, which add incredible nuance and 

distinction to their studies. Here instrumental variable methods have been most traditionally used 

as an identification strategy. Various studies have used the number of youth living in a household 

regressed on a parent’s household location. This instrument works through issues of endogeneity 
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as it pertains to where a parent chooses to live, but this does not take into account the 

characteristics of a parent that may inform the employment of their children (i.e. educational 

attainment, employment status, et al.) (Kasarda & Ting, 1996). Census tract information can be 

very useful for this kind of study when tracking youth, but neighborhood composition data can 

be difficult to aggregate without special permissions (O’Regan & Quigley, 1998). 

New studies analyze the differences in labor market outcomes between central city and 

suburban residents. The research here has overwhelmingly been conclusive that transit is one of 

the most important factors in explaining the racial disparities in employment. Ihlanfldt and 

Young (1994) find that 35 percent of central city-suburban differences in black employment are 

attributable to the tendency of suburban firms to be located beyond walking distance of public 

transit. Other studies have found differences of magnitude between white and black individuals 

living in the city in comparison to their counterparts in the city (Stoll, 1999).  

Transportation Infrastructure Investment and Accessibility 

Ultimately this body of research exhibits that SMH is an important tool for researchers to 

evaluate why African Americans and low income populations have less success in the job 

market. The evaluation of mobility strategies indicates that there is a way for continued research 

as it pertain to specific policies around public transportation systems as they promote positive 

employment outcomes. These studies acknowledge that race plays a significant role, but that 

transportation access can help low income individuals more generally. Investments in public 

transit systems traditionally yield higher benefits to low income populations in comparison to 

other mobility strategies that promote lowering the costs to operate a private vehicle. However, 

extremely low income populations receive almost no benefit from these policies, which indicates 

that there are other factors at play, namely race (Serulle & Cirillo, 2016). 
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Many studies strike upon the need for unemployed and low income persons to have 

access to fast, convenient, and reliable transportation services. This points to a need for the 

provision of quality service in public transportation. Low income individuals perform 25 percent 

less trips but spend more time traveling than higher income individuals. The literature about 

welfare to work for women in particular remarks on this quality of transit. Inadequate 

transportation is an incredible barrier to welfare recipients, in much the same way that no 

transportation is a barrier. This is particularly true for single women with children who have no 

access to a vehicle. Single women with dependents, faced with more need for transit in order to 

care for their children, are more likely to be employed by nearly four percentage points when 

there is a transit stop nearby. However when costs and benefits are considered in these studies, it 

becomes clearer that there is an issue of investing in areas where usage and revenues will be 

lower (Ong & Houston, 2002).  

Labor participation rates have been assessed as the dependent variable in some studies as 

a measure of success for transportation infrastructure. These have traditionally found that 

participation rates are marginally higher for workers with good access to public transit than those 

who do not, with policy recommendations that investments should be made in transit access in 

order to improve employment rates in urban environments. In this regard, certain urban 

environments have shown that this is an effective and efficient strategy at increasing 

employment rates in cities. Case studies of Atlanta and Portland specifically find that there is a 

strong association between household proximity to a bus stop and employment level when 

controlling for race, job skill level, and other household characteristics (Sanchez, 1999). Most 

other evidence in support of this theory is primarily anecdotal, with limited analytical rigor 

applied and measured (Sanchez, Shen & Peng, 2004).   
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Modes of Mobility - Bus Rapid Transit 

 The evidence and literature on mobility strategies has mostly been vague on their 

classification of public transportation or transportation in general. However, it is clear that mode 

of transportation is important. Obviously, vehicle access is most closely associated with higher 

labor participation rates. Still, nearly half of all TANF recipients do not have access to vehicles 

and must rely on informal forms of transportation or public transit if they need to get to work, 

take advantage of social services, or leave their children at daycare (Sanchez, 1999). The 

evidence in this body of research shows that low-income persons suffer from spatial 

disadvantages by way of flexible, reliable, and frequent transit services (Taylor and Ong, 1995). 

Therefore, both access to transit and the quality of transit are important. 

 There is little research on the effects of bus rapid transit (BRT) for low income 

communities. BRT is worthy of study for two reasons: it is cost-effective and it is of higher 

quality than traditional bus services. There have been numerous studies relaying the benefits of 

investments in light rail transit (LRT) infrastructure, which can include positive impacts on land 

values and employment rates.  Still, few studies have assessed linkages between BRT 

development and economic development. A potential issue is that the definition of BRT in the 

United States context is quite broad. In Europe, BRT traditionally encompasses the development 

of dedicated lanes, off board fare collection, intelligent transportation systems (ITS), and transit 

signal traffic priority, among others. In the United States, BRT can mean any one of those things 

but necessarily all of them, which adds extra complexity to analysis. The potential benefits of 

BRT for beneficiaries and bureaucrats alike should be closely assessed. BRT offers similar 

“permanence” signaling to private businesses and partnerships as LRT, which traditional bus 

service does not. More importantly for policymakers is that BRT is substantially less expensive 
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than LRT, more nimble, and fairly quick to implement (GAO, 2012). With adequate research on 

its performance, BRT could prove to be a substantially superior mobility strategy in economic 

development.  

BRT TIGER Grants and Economic Development  

 Transportation infrastructure development is a worthy area of study as it pertains to social 

welfare policy and creating opportunity for all Americans. Research has unequivocally shown 

that mobility strategies have been effective at supporting disadvantaged populations. However, 

the relative dearth of analysis of specific programs in the United States makes an assessment of 

the effects of transit development for BRT under TIGER a particularly appealing area of study. 

BRT’s cost-effectiveness in comparison to other mobility strategies makes it a low threshold 

public policy choice for urban planners and an important tool for the provision of opportunity. 

 The literature points to comparative evidence of the effects of transit infrastructure 

investment’s impact on the economy. In 2000, the city of Bogota, Colombia developed a city-

wide bus rapid transit system with results typically showing that there was an increase in income 

for those living near trunk line stations. However, the results of this project also point to a 

problem of assessing these kinds of projects on residents that live in proximity of them: are the 

people that live near these stations earning higher wages or have the projects attracted higher 

income individuals to the neighborhood (Heres, Jack and Salon, 2013)? This “chicken and egg” 

question is a key problem in analyzing most transportation projects. Still, most literature does 

point to significant positive outcomes for neighborhoods that receive investment, even if a 

portion of the population has been displaced.  

 Most studies assessing transportation infrastructure have exhibited positive impact by 

way of economic development, albeit with similar constraints around the populations that it is 
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affecting. The research explains that there are three main areas where a local economy sees 

change from infrastructure investment: urban development and land values, health and 

environmental impact, and socioeconomic development. Transit development can be a catalyst 

for high density, mixed use development which benefits from rising land values and can improve 

the lives of lower income individuals who are constrained by minimal options for quality, 

affordable housing (Topalovic, Carter, Topalovic and Krantzberg, 2012). However, this kind of 

transit-oriented development (TOD) also attracts wealthier individuals who may have a desire to 

live in walkable, more accessible areas, too. This reveals a “crowding out” effect on the lower 

income individuals who are most seriously affected by the spatial mismatch of skill and 

employment opportunities. Few studies have been effective at showing impact on those 

individuals exclusively, although most evidence points to a positive effect. 

Conceptual Framework and Hypothesis 

In its most simplistic form, we can say that access to transportation has a strong impact 

on local economic ecosystems. Individuals with access to a vehicle are more likely to be 

employed than those who do not, and for those who rely on public transportation, specifically 

low income persons who have significantly higher commute times than higher income persons, 

there is a convenience and reliability barrier for employment. It is therefore necessary to provide 

access to public transit that is reliable and of high quality to help unemployed and under 

resourced individuals, who do not have access to cars. The TIGER grant program, which 

supports infrastructure projects that have the transformational potential to connect communities 

with employment, social services and educational opportunities, provides an opportunity for 

studying this theory. TIGER grants supporting BRT projects in particular are worthy of analysis 

in that their hallmark characteristics are their speed and reliability, which are pivotal to getting 



11 
 

low income persons to jobs that have irregular schedules and are more likely to be further away 

from their homes. My analysis seeks to test the hypothesis that cities that receive a TIGER grant 

for a BRT project will have higher levels of labor participation than those cities that do not 

receive a TIGER grant after the project is implemented. 

 There are a variety of characteristics that affect an individuals’ likelihood of employment 

participation beyond transportation access. These variables, which include demographic 

characteristics, household characteristics, and neighborhood characteristics, are important to 

consider in this study in order to control for any omitted variable bias. Moreover, the 

infrastructure literature points to the effects of development on the local economy, which 

presents an array of potential difficulties in measurement that will need to be considered when 

evaluating how BRT can connect low income persons to opportunity.  

 

Figure 1: Conceptual Model 
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Demographic Characteristics 

Transportation access is not alone as an impediment to connecting low income persons to 

employment opportunity. Research shows that a variety of individual characteristics are 

associated with employment. Prime among these is race. Discriminatory practices against black 

and nonwhite persons can preclude individuals from high quality jobs. Moreover, race is closely 

associated with concentrated poverty and other factors that are associated with lower levels of 

employment. Additionally, it is critical to control for other factors that have traditionally been 

covariates in studies on employment markets, including age, sex, educational level, and number 

of dependents. Race is particularly relevant here because of its effect on place and spatial 

development (Wilson, 2012).  

Household Characteristics  

Measuring household characteristics is useful for controlling for certain economic 

factors. Single headed households face different challenges than dual income households, for 

example (Kasarda & Ting, 1996; O’Regan and Quigley, 1998). Moreover, in protecting against 

spurious measurement on changing demographics in the neighborhood, knowing how long a 

household has been in a neighborhood will allow for this study to correctly ascertain the effect of 

transportation development on individuals and households that lived in the neighborhood before 

and after the BRT project’s implementation. 

Neighborhood Characteristics 

Neighborhood effects on employment are important in the context of transportation 

development considering infrastructure investment’s potential to greatly change the fabric of a 

community. Research on concentrated poverty shows that the qualities and characteristics of 
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neighborhoods can have strong correlations on an individual’s likelihood of employment. It will 

be important to note certain variables at the neighborhood level before and after treatment to 

mitigate any effects on employment that is not related to BRT use (GAO, 2012; Hyra 2012). The 

effects of TOD and changing communities should be controlled—we need to measure the effect 

of public transit on individuals and not the effect on economic development from infrastructure 

spending. Characteristics that I control for include poverty rate, percent of welfare recipients, 

median income, crime rates, and unemployment rate. 

Transportation Characteristics 

 For the same reason why it is valuable to look at neighborhood effects on employment 

participation, it is valuable to look at the state of transportation usage before and after treatment. 

It is useful to see what kinds of transit individuals are using before and after the development of 

BRT to evaluate if any changes in employment are actually associated with the development of 

public transportation or because of other economic development factors, like changing 

neighborhood qualities. 

Data and Methods 

American Community Survey 

 In order to analyze the effects of public transportation access on individuals, it is critical 

that I assess data that is compiled at the individual level. The American Community Survey 

(ACS) is an individualized response survey that is conducted annually and extrapolated to 

represent larger populations. There are some limitations for certain cities, counties and states 

based on population. Specifically, there are one-year estimates only for any area with more than 

65,000 residents, and in some cases, there are no respondents from certain geographic areas.  
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 The ACS also attempts to obfuscate the responses of those who are surveyed by creating 

what they refer to as “public use microdata areas” (PUMAs) that are large enough to include 

multiple counties and cities. It will be important to narrow this information as much as possible 

so that the direct areas I am assessing are those that have been recently affected by a 

transportation project. The narrower the area, the less noise I will need to control for in my 

regression model. Through this careful assessment, I should be able to measure the true impact 

of transportation policy on local economic development.   

Empirical Strategy 

The nature of the American Community Survey allows me to look at individuals living in 

very particular parts of the country. Ultimately, this lends itself rather well to an identification 

strategy. In this study, I perform a difference in differences regression model to establish that 

transportation infrastructure projects have a positive impact on labor force participation in 

communities that receive project funds. TIGER is a competitive grant and therefore it will be 

appropriate to compare those localities that won a grant for a BRT project with those that did not 

win a grant for a BRT project. Theoretically, these cities and communities have similar 

capacities and technical expertise in local governing structures, which the research traditionally 

shows for competitive grants. Studies evaluating the differences between grant winners and grant 

losers provide evidence that for those grant applicants at the margins, there are fewer differences 

(Allen, 2010; Jacob and Lefgren, 2007). Through selection of these grant winners and losers, we 

can protect against selection bias, which would impact the measurement of benefits from the 

investment in transit infrastructure. We can control for a lot omitted variable bias that would 

affect why certain cities were selected over others. Still, there are a variety of factors that do 
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come to play that will effect labor participation rates in communities that will need to be added 

to my regression model to ensure that we are measuring the effect of the grant. 

 The extant literature shows that a variety of demographic, household, and neighborhood 

characteristics have an effect on employment. Race, specifically, is associated with labor market 

outcomes and the effects of segregation, including concentrated poverty and other social 

dislocations, are negatively associated with employment. This extends to household and 

neighborhood characteristics as well. Even more generally, these characteristics will need to be 

controlled for if only because the cities that I am evaluating will look different from one another 

in some areas, including race composition, welfare percentage rates, and median income, which 

will directly influence the baseline of my analysis. 

 Transportation characteristics will also be critical to my analysis. Looking at the 

percentage of individuals who have access to a vehicle, the median commute time, and any pre-

existing networks of public transportation infrastructure will all help establish a baseline. Cities 

with multimodal systems of public transportation are more likely to have better integration 

among neighborhoods and communities that are socially isolated and may have somewhat 

different improvements in labor force markets than other cities that have fewer infrastructure 

investments in public transit systems.  

With these various factors accounted for, what begins to emerge are some assumptions 

around how the impact of the TIGER grant, since the groups should really only differ based on 

their treatment status. You would also find that the difference between average effect of the grant 

on the treatment group and the impact of time on the control group would give us the true 

difference between our two groups: 
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(1) (𝐿𝑎𝑏𝑜𝑟 𝐹𝑜𝑟𝑐𝑒𝑝𝑜𝑠𝑡 𝑡𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡 −  𝐿𝑎𝑏𝑜𝑟 𝐹𝑜𝑟𝑐𝑒𝑝𝑟𝑒 𝑡𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡) −

(𝐿𝑎𝑏𝑜𝑟 𝐹𝑜𝑟𝑐𝑒𝑝𝑜𝑠𝑡 𝑐𝑜𝑛𝑡𝑟𝑜𝑙 −  𝐿𝑎𝑏𝑜𝑟 𝐹𝑜𝑟𝑐𝑒𝑝𝑟𝑒 𝑐𝑜𝑛𝑡𝑟𝑜𝑙) =  𝛿 

Still, there are some key concerns in this measurement. While the aim is to show the 

impact of transportation infrastructure on local labor economies, I am more interested in the 

social justice and equity piece. I will be measuring the same communities and cities before and 

after receiving a TIGER grant. However, the actual residents that I am evaluating are likely to be 

different. Infrastructure investment attracts business development and temporary work for 

construction, which may change the makeup of the locality’s population. New businesses and 

attractive forms of transportation bring in persons with higher incomes who want to live near 

amenities, which may force out lower income and unemployed individuals, which may 

erroneously inflate the effects of the BRT investment to reflect those newer, higher earning 

families. 

Data Analysis 

Case Studies – Grant Winners 

 From the American Community Survey data, across years 2009 through 2015, I selected 

four municipalities that received a TIGER grant for a BRT project and four municipalities that 

applied for a TIGER grant for their BRT project but were not funded. The four cities are similar 

most notably in the amount of funding they applied for and ultimately received. They range from 

$10 million on the lower end to $40 million on the higher end. Only one project was funded over 

$30 million.1Maps and further details can be found for each of these projects in Appendices 1A – 

1D. These cases were selected because of their similarity to one another, but also because of the 

                                                           
1 Las Vegas’ application for a BRT project was the widest ranging and largest proposal by far. They implemented an 
entire BRT line and applied under a regional transportation authority, utilizing resources across jurisdictions.  
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amount of data available through the ACS. Each case offered a sufficient number of observations 

across jurisdictions that allowed for a sufficient study and analysis. I detail these observations in 

the ensuing section. 

Descriptive Statistics 

 In order to test the identifying assumption that the group of TIGER grant winners and 

grant losers are comparable populations of analysis, I analyzed summary statistics for each group 

prior to the implementation of the treatment.2 Table 1 provides descriptive statistics for those 

cities that received a TIGER grant for a BRT project and for those that were denied a TIGER 

grant for a BRT project. The two groups are fairly similar across different units of analysis. 

Individuals surveyed by the Census Bureau for the American Community Survey across both 

groups have a median age in their late 30s, are about half and half male/female, about a quarter 

are nonwhite,3 forty percent are married, and the median level of education is through the 

eleventh grade. Household characteristics also bear similarities, with forty percent of households 

having a father present and family sizes are on average about 3 people. The control group is 

slightly skewed to the right for family size, but the mean is about the same as the treatment 

group.  

Families in the treatment group generally earn more money than families in the control 

group by about $15,000 a year. The range of salaries also reflects this mild difference. This is 

somewhat expected when looking at the individual competing municipalities. Table 2 reflects 

that those cities that were able to secure a grant, Las Vegas, San Antonio, St. Paul, and 

                                                           
2 Before treatment for the TIGER grant winners is defined as the time before the project was approved in each 
case. For the control group (i.e. the TIGER grant losers), the before time is defined as the time prior to when the 
application for a TIGER grant was denied. 
3 Nonwhite in the study includes those who identify as black, American Indian or Alaska native, Chinese, Japanese, 
other Asian or Pacific Islander, or other nonwhite races.  
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Nashville, have median incomes that are somewhat higher than those cities that were 

unsuccessful in securing in TIGER grant. The population sizes for those cities are also somewhat 

larger than for the control group, which would impact the number of individuals surveyed in 

each of these areas through the ACS. This is reflected in the larger number of observations for 

cities that were able to win a grant.   

Ultimately, these similarities from my subpopulation of surveyed responders indicates 

that my identifying assumption holds somewhat true. Cities and transportation authorities that 

were able to successfully apply for similar TIGER grant projects and funding likely look similar: 

they are more likely to have resources to invest in grant writers, have better infrastructure to 

support projects of this depth, and will have similar populations for which these projects will 

serve. 



 
 

 

Table 1: Descriptive Statistics – Before Treatment 

Variable 
 

Treatment Group (Grant Winners) Control Group (Grant Losers) 

Mean SD Median Min. Max. N Mean SD Median Min. Max. N 
Economic Participation 

Labor Force Part. 0.664 - 1 0 1 22,178 0.642 - 1 0 1 10,527 

Employment 0.927 - 1 0 1 14,721 0.918 - 1 0 1 6,756 

Individual Characteristics 

Age  38.826 22.978 38 0 94 27,507 37.848 22.867 37 0 94 13,134 

Sex 0.521 - 1 0 1 27,507 0.516 - 1 0 1 13,134 

Nonwhite 0.249 - 0 0 1 27,507 0.243 - 0 0 1 13,134 

Educational Attainment 6.236 3.371 6 0 11 27,507 5.746 3.300 6 0 11 13,134 

Married 0.401 - 0 0 1 27,507 0.3716 - 0 0 1 13,134 

Household Characteristics 

Family Size 2.949 1.850 3 1 14 27,507 3.012 1.771 1 1 12 13,134 

Father Present 0.429 - 0 0 1 27,507 0.437 0.496 0 0 1 13,134 

Total Family Income $81,470 $82,688 $60,000. ($7,100) $1,004,200 26,493 $65,957 $73,616 $47,000 ($9,999) $911,000 12,648 

Neighborhood Characteristics 

Percent High School Grad 
0.868 0.045 0.859 0.805 0.922 

    
22,115  0.809 0.0807 0.846 0.698 0.908 

      
6,594  

Source: US Census Bureau 

 

 

 

  

 

1
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Regression Results 

In order to test my hypothesis that BRT projects would have a positive effect on 

economic development in localities, I ran regressions assessing both the effects of the project on 

the likelihood of employment and on the likelihood of entering the labor force. I expected to find 

a stronger positive impact on labor force participation than on employment status. It is likely that 

an infrastructure project would encourage individuals to begin searching for employment along 

the transit line outside of their neighborhood, per the spatial mismatch hypothesis, but it takes 

more time to find gainful employment once you have entered the work force. The Bureau of 

Labor Statistics (BLS) estimated that after the most recent recession, the number of persons 

searching for a job who were able to find employment within five weeks of losing their previous 

position dropped by 15 percentage points within three years, exacerbating a downward trend 

since 2000 (United States DOL, 2011). Therefore, if this trend continues, we would expect to see 

individuals in the workforce searching for work for an extended period of time. This time lag is 

something I will address later on. 

Table 2 provides regression results for the impact of the TIGER grant BRT projects on 

employment outcomes for individuals living in those neighborhoods that successfully won a 

grant. With individual characteristics, household characteristics, neighborhood characteristics, 

and a time trend variable meant to stand in for transit characteristics, we find that there is an 11.6 

percentage point increase in likelihood that an individual living in a grant winning city would be 

employed. The result is not statistically significant at conventional levels. This is a larger than 

expected effect on employment outcomes than what was expected, and the lack of statistical 

significance when all other covariates are accounted for provides evidence that these projects 

may not have as strong an effect on employment outcomes. Table 2 provides four models adding 
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each group of relevant covariate characteristics, with each addition of a group decreasing the 

statistical significance and the effect of the grant.  

What’s notable is that almost all other characteristics that we would expect to have an 

effect on an individual’s likelihood of employment are statistically significant and in the 

hypothesized direction. Most in alignment with spatial mismatch theory and extant research on 

economic development is the coefficient on race across models. Nonwhite individuals have a 20 

percentage point disadvantage in likelihood of employment when compared with their white 

counterparts. This result is highly statistically significant across all models.  

Table 2: Employment Status 

Variable Model 1 Model 2 Model 3 Model 4 Model 5 

Post Treatment 
 

-0.00546 
(-0.10) 
 

-0.0210 
(-0.37) 

-0.0201 
(-0.35) 

0.235*** 
(3.38) 

0.115 
(1.58) 

Grant Winner 0.131* 
(2.40) 

 

0.0361 
(0.66) 

-0.0760 
(-1.34) 

0.126 
(1.73) 

-0.108 
(-1.28) 

Post Treatment * 
Grant Winner 
 

0.215** 
(3.00) 

0.281*** 
(3.86) 

0.261*** 
(3.50) 

0.0615 
(0.72) 

0.116 
(1.34) 

Age  0.0136*** 
(9.94) 

 

0.0571*** 
(3.84) 

0.00469** 
(2.98) 

0.00523*** 
(3.33) 

Sex  0.141*** 
(3.95) 

0.203*** 
(5.38) 

0.183*** 
(4.58) 

0.187*** 
(4.67) 

 
 

Race  -0.328*** 
(-8.45) 

-0.190*** 
(-4.68) 

-0.191*** 
(-4.42) 

-0.202*** 
(-4.68) 

 
Educational  
Attainment 

 
 
 

0.156*** 
(2.56) 

0.0721*** 
(8.74) 

0.0693*** 
(7.89) 

0.0705*** 
(8.00) 

Married 
 
 

 0.620*** 
(15.59) 

0.601*** 
(12.15) 

0.590*** 
(11.33) 

0.599*** 
(11.51) 

Family Total 
Income 
 

  0.0000131*** 
(14.55) 

0.0000132*** 
(13.68) 

0.0000135*** 
(13.93) 
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Table 2 (contd.)      

Variable Model 1 Model 2 Model 3 Model 4 Model 5 

Family Size   -0.192*** 
(-15.30) 

-0.193*** 
(-14.32) 

-0.195*** 
(-14.39) 

 
Father in House- 
hold 
 

  -0.312* 
(-2.41) 

-0138* 
(-2.39) 

-0.112 
(-1.94) 

Percent High 
School Graduate 
 

   -0.101 
(-0.30) 

3.476*** 
(5.51) 

Time Trend 
 
 

    0.141*** 
(7.27) 

Constant 
 
 

2.410*** 
(54.47) 

0.556*** 
(6.42) 

1.321*** 
(12.98) 

1.221*** 
(4.18) 

-2.223 
(-3.86) 

N 50,148 50,148 48,927 42,686 42,686 
 

T Statistics in parentheses 
* p<0.05, ** p<.01, *** p<0.001 
 

 

 Table 3 takes the same approach as Table 2, but regresses the independent variables on 

labor force participation. The coefficient of interest on the interaction between the post-treatment 

and the grant winner/treatment variables is statistically significant at the 10 percent level in the 

final model accommodating for all covariates. Thus, for individuals living in cities that have 

been awarded a TIGER grant for a BRT project, there is a 12.6 percentage point increase in the 

likelihood that they will be in the labor force in comparison to individuals in the control group, 

i.e. individuals living in a city that applied for a BRT TIGER grant but was denied funding. 

Again, labor force here means those individuals who are employed or currently looking for work.  

Even more so than the models that regressed the treatment on employment status, the covariates 

across models in table 3 reflect theories of economic development in line with research on the 

subject. Here, across all models, women are less likely than men to be in the labor force, 

nonwhite persons are less likely to be in the labor force, and as your educational attainment 
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increases, you are also more likely to be in the labor force. Similarly, individuals in households 

of larger numbers are less likely to be in the labor force, likely representing that one parent, or 

grandparent, is a full time caregiver and cannot enter the labor force. Also consistent with the 

research is that individuals in families with a father in the household are more likely to be 

employed, reflecting more traditional family support structures for economic productivity. 

Table 3: Labor Force Participation 

Variable Model 1 Model 2 Model 3 Model 4 Model 5 

Post Treatment 
 

-0.197*** 
(-7.86) 
 

-0.189*** 
(-6.63) 

-0.149*** 
(-4.97) 

-0.177*** 
(-4.55) 

-0.206*** 
(-5.21) 

Grant Winner 0.0970*** 
(3.91) 

 

0.0187 
(0.68) 

-0.0566 
(-1.94) 

-0.148*** 
(-3.71) 

-0.202*** 
(-4.78) 

Post Treatment * 
Grant Winner 
 

0.0394 
(1.25) 

0.0977** 
(2.78) 

0.0860* 
(2.32) 

0.110* 
(2.44) 

0.126** 
(2.76) 

Age  -0.0432*** 
(-90.52) 

 

-0.0521*** 
(-89.33) 

-0.0519*** 
(-83.51) 

-0.0518*** 
(-83.22) 

Sex  -0.360*** 
(-2.61) 
 

-0.436*** 
(-24.75) 

-0.417*** 
(-22.24) 

-0.417*** 
(-22.21) 

Race  -0.0545** 
(-2.61) 
 

-0.0798*** 
(3.53) 

0.0449 
(1.87) 

0.0411 
(1.71) 

Educational  
Attainment 

 
 
 

0.213*** 
(61.15) 

0.170*** 
(42.92) 

0.166*** 
(39.90) 

0.166*** 
(38.97) 

Married 
 
 

 0.518*** 
(31.30) 
 

0.434*** 
(21.35) 

0.430*** 
(19.85) 

0.435*** 
(20.01) 

Family Total 
Income 
 

  0.0000312*** 
(16.02) 

0.0000320*** 
(15.28) 

0.0000325*** 
(15.49) 

Family Size   -0.164*** 
(-20.96) 

-0.162*** 
(-19.37) 

-0.163*** 
(-19.41) 

 
Father in House- 
hold 
 

  0.0823** 
(3.15) 

0.0958*** 
(3.45) 

0.0991*** 
(3.57) 

Percent High 
School Graduate 

   1.762*** 
(10.40) 

2.662*** 
(9.64) 
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Table 3 (contd.)      

Variable Model 1 Model 2 Model 3 Model 4 Model 5 

Time Trend 
 
 

    0.0361*** 
(4.18) 

Constant 
 
 

0.583*** 
(28.68) 

1.121*** 
(26.20) 

2.248*** 
(41.31) 

0.828*** 
(5.51) 

-0.0453 
(-0.17) 

N 79,372 79,372 74,947 65,727 65,727 
 

T Statistics in parentheses 
* p<0.05, ** p<.01, *** p<0.001 
 

 

 Still, there remains a question around how effective a transit project is in getting people 

into the workforce. One would expect that the effects of the transit project on local economic 

indicators would be different across time. For example, the first year that the BRT project has 

been completed may see a significant increase in labor force participation as individuals who 

have been out of work begin using the new transportation routes to find employment across their 

city and in new cities. However, especially considering the length of time it can take an 

individual to find work, we may find that a year or more may see less significant increases in 

employment or labor force participation. Due to this time lag effect, it was important to parse out 

the data further to separate individuals in the year immediately following a project and then an 

extended level of years after a project. Since TIGER is a fairly new grant, most projects have 

only been completed within the past four or so years, which limits how far into the future we can 

look at different economic indicators. Therefore, I chose to look at the effects of the BRT 

projects a year after completion for the treatment group and a year after the grant was denied for 

the control group. To mirror this process, I did the same for each group two years after project 

completion or grant denial. 
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 Table 4 reflects the results from the time lag of one year. There are four models: two 

represent the impact of the project on employment, and the other two reflect the impact of the 

project on the labor force. The first model across both of these dependent variables does not 

include variables beyond those that are of study, and the second includes the full regression 

model including individual characteristics, household characteristics, neighborhood 

characteristics and a time lag variable to accommodate for transportation characteristics. Here we 

see results that are not too dissimilar from the results reflected in tables 2 and 3. The effects of 

the TIGER grant project on employment is not statistically significant in model 2 when all 

variables are accommodated for. Moreover, model 4, which reflects the full regression on the 

likelihood of being in the labor force is highly spastically significant (p value is less than 0.001) 

and the coefficient indicates that an individual is more likely to be employed if they are in the 

treatment group by 17.4 percentage points, a marked increase from the full model in table 3 

where the magnitude is just over 5 percentage points smaller. Again, this likely reflects that 

many individuals began searching for jobs or getting jobs in the first year of the project’s 

completion, with years thereafter depressing the magnitude of the model in table 3. 

Table 4: One Year Post Project Completion 

Variable Model 1 – 
Employment 

Model 2 – 
Employment 

Model 3 – 
Labor Force 

Model 4 – 
Labor Force 

Post Treatment 
 

-0.00546 
(-0.10) 
 

0.145* 
(1.99) 

-0.197*** 
(-7.86) 

-0.188*** 
(-4.74) 

Grant Winner 0.131* 
(2.40) 

 

-0.0394 
(-0.46) 

0.0970*** 
(3.91) 

-0.163*** 
(-3.81) 

Post Treatment * 
Grant Winner 
 

0.309*** 
(3.52) 

0.195 
(1.94) 

0.120** 
(3.27) 

0.174*** 
(3.45) 

Age  
 
 

0.00266 
(1.49) 

 -0.0512*** 
(-70.33) 

Sex  0.200*** 
(4.39) 

 -0.422*** 
(-19.10) 
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Table 4 (contd.)     

Model 1 – 
Employment 

Model 2 – 
Employment 

Model 3 – 
Labor Force 

Model 4 – 
Labor Force 

Model 1 – 
Employment 

Race  -0.176*** 
(-3.57) 

 

 0.0553* 
(1.97) 

Educational  
Attainment 

 
 
 

0.0726*** 
(7.27) 

 0.176*** 
(35.07) 

Married 
 
 

 0.553*** 
(9.25) 

 0.481*** 
(18.83) 

Family Total 
Income 
 

 0.0000143*** 
(12.51) 

 0.00000296*** 
(12.12) 

Family Size  -0.187*** 
(-11.92) 

 

 -0.161*** 
(-16.49) 

Father in House- 
hold 
 

 -0.173** 
(-2.62) 

 0.0838* 
(2.56) 

Percent High 
School Graduate 
 

 2.231*** 
(3.35) 

 1.933*** 
(6.40) 

Time Trend 
 
 

 0.115*** 
(5.32) 

 0.0237* 
(2.34) 

Constant 
 
 

2.410*** 
(54.47) 

-1.068 
(-1.47) 

0.583*** 
(28.68) 

0.490 
(1.72) 

N 38,292 31,262 60,235 47,776 
 

T Statistics in parentheses 
* p<0.05, ** p<.01, *** p<0.001 
 

 

Table 5 reflects the time lag by two years. The four projects that are used in my treatment 

group were all completed between 2012 and 2014, and the final year for which I have data is 

2015. Therefore, it was not possible to go more than two years out for these projects, and for one 

of those projects, I could not include any data. Table 5 thus includes only information for three 

treatment groups and excludes the Nashville MTA project extending traffic signal priority for 

their BRT routes. The results are accordingly somewhat less statistically significant since the 
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number of observations has decreased. The number of observations for the model regressing on 

labor force participation, for example, decreases by over 5 thousand observations. Across all 

models in each table, there are less observations for the employment status since that is a subset 

within the number of individuals in the labor force.  

Ultimately, what we see in table 5 is that the coefficient on the interaction between the 

post treatment time period and the treatment variable indicates a 12.9 percentage point increase 

in the likelihood that an individual will be in the labor force if they live in a city where there is a 

TIGER grant project. This is a decrease from the one year lag model which reflects a 17.4 

percentage point increase in likelihood. We expect to find this result as we would imagine some 

people who were encouraged to enter the labor force within a year after the BRT project 

completion may have left the labor force the following year as they find it more difficult to find 

work. Still, this reflects a trend that the BRT TIGER project does indeed make a difference on 

economic outcomes for individuals living in the cities where the projects are implemented.  

Table 5: Two Year Post Project Completion 

Variable Model 1 – 
Employment 

Model 2 – 
Employment 

Model 3 – 
Labor Force 

Model 4 – 
Labor Force 

Post Treatment 
 

-0.00546 
(-0.10) 
 

0.164* 
(2.24) 

-0.197*** 
(-7.86) 

-0174*** 
(-4.40) 

Grant Winner 0.161** 
(2.84) 

 

-0.0138 
(-0.16) 

0.107*** 
(4.17) 

-0.163*** 
(-3.82) 

Post Treatment * 
Grant Winner 
 

0.280** 
(2.96) 

0.143 
(1.34) 

0.0417 
(1.07) 

0.129* 
(2.46) 

Age  
 
 

0.00385* 
(2.05) 

 -0.0506*** 
(-66.01) 

Sex  0.186*** 
(3.86) 

 

 -0.426*** 
(-18.37) 

Race  -0.142** 
(-2.66) 

 0.0328 
(1.07) 
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Table 5 (contd.)     

Variable Model 1 – 
Employment 

Model 2 – 
Employment 

Model 3 – 
Labor Force 

Model 4 – 
Labor Force 

Educational  
Attainment 

 
 
 

0.0734*** 
(6.82) 

 0.172*** 
(32.82) 

Married 
 
 

 0.574*** 
(9.19) 

 0.489*** 
(18.17) 

Family Total 
Income 
 

 0.0000136*** 
(11.76) 

 0.00000276*** 
(11.36) 

Family Size  -0.192*** 
(-11.70) 

 

 -0.154*** 
(-14.70) 

Father in House- 
hold 
 

 -0.173* 
(-2.50) 

 

 0.0841* 
(2.44) 

Percent High 
School Graduate 
 

 1.656* 
(2.42) 

 1.588*** 
(5.06) 

Time Trend 
 
 

 0.0947*** 
(4.11) 

 0.00463 
(0.43) 

Constant 
 
 

2.410*** 
(54.47) 

-1.068 
(-1.47) 

0.583*** 
(28.68) 

0.490 
(1.72) 

N 34,654 27,727 54,807 42,738 
 

T Statistics in parentheses 
* p<0.05, ** p<.01, *** p<0.001 
 

 

Of course, there are constraints to this research. There is no way to accommodate for 

individuals who may have moved to or from the sample cities in the intervening years of the 

analysis. These changes could have significant effects on the economic outcomes of these 

models: research typically indicates that infrastructure projects attract newcomers to a city since 

they offer a good deal of opportunity around employment and can support lifestyles that are 

increasingly more attractive to younger generations. By controlling for a time lag, we may be 
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able to augment this effect, but one cannot be certain that this possibility has been nullified 

completely.  

I was able to assuage one other potential constraint as it pertains to intragroup 

comparisons among losing grant applicants for transit projects. Theoretically, there should not be 

a large difference in outcomes between my control group and a group of other municipalities that 

applied for a TIGER grant and lost. We would expect to find in a placebo experiment that there 

is no statistically significant difference between both groups’ economic outcomes before and 

after an application loss. To test this theory, I selected three other cities that applied for bus 

projects to be funded through the TIGER grant but were also denied funding. The main caveat is 

that these projects were not technically BRT projects, but were extensions or creations of other 

busing programs. At this time there was not enough data on other BRT projects in the ACS to 

accommodate a true placebo study. Table 6 reflects my findings.  

Similarly to the regressions in tables 2 and 3, the results of table 6 reflect that there is no 

discernible difference from the project for employment outcomes.  Model 2 in table 6’s lack of 

statistical significance would indicate that the intragroup comparison yields an outcome of where 

we cannot verify is there is a true difference. However, model 4 would seem to suggest that there 

is a similar statistically significant difference between these samples in comparison with true 

control and treatment groups in labor force participation. This is not what we would expect to 

find in this scenario. I would caution against interpreting these results too closely since this new 

control group (i.e. those cities that applied for a general bus project) was selected with less rigor 

than the control and treatment groups in my study. A lack of data for these specific projects from 

before 2010 necessitated coding the observations in a way that selected time periods after the 

grant applicant was denied as our “post treatment” data, meaning there were significantly less 
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observations in the time before grant denial. Moreover, since these are not true bus rapid transit 

projects, we are comparing projects that are different in scale and function, which may have an 

effect on our placebo results. 

Table 6: Placebo Test 

Variable Model 1 – 
Employment 

Model 2 – 
Employment 

Model 3 – 
Labor Force 

Model 4 – 
Labor Force 

Post Grant 
Application 
 

-0.00546 
(-0.10) 
 

0.210** 
(3.02) 

-0.197*** 
(-7.86) 

-0.132*** 
(-3.48) 

Placebo -0.216*** 
(-3.64) 

 

-0.101 
(-1.35) 

-0.0753** 
(-2.68) 

0.00701 
(0.16) 

Post Grant App. * 
Placebo 
 

0.240** 
(3.20) 

0.104 
(1.19) 

0.195*** 
(5.64) 

0.144** 
(3.04) 

Age  
 
 

0.0125*** 
(7.97) 

 -0.0477*** 
(-73.71) 

Sex  0.129** 
(3.22) 

 

 -0.425*** 
(-20.98) 

Race  -0.453*** 
(-11.18) 

 

 0.0777** 
(3.18) 

Educational  
Attainment 

 
 
 

0.167*** 
(22.19) 

 0.197*** 
(48.94) 

Married 
 
 

 0.611*** 
(12.42) 

 0.597*** 
(26.39) 

Family Total 
Income 
 

 -2.93e-08* 
(2.14) 

 -0.00000264*** 
(-45.72) 

Family Size  -0.127*** 
(-8.61) 

 

 -0.114*** 
(-12.00) 

Father in House- 
hold 
 

 0.172** 
(3.09) 

 

 0.112*** 
(3.70) 

Percent High 
School Graduate 
 

 1.260*** 
(4.83) 

 0.229 
(1.74) 

Time Trend 
 

 0.0382***  -0.0158*** 
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Table 6 (contd.)     

Variable Model 1 – 
Employment 

Model 2 – 
Employment 

Model 3 – 
Labor Force 

Model 4 – 
Labor Force 

Constant 
 
 

2.410*** 
(54.47) 

-0.551* 
(-2.22) 

0.583*** 
(28.68) 

1.678*** 
(13.10) 

N 39,251 35,578 63,487 56,683 
 

T Statistics in parentheses 
* p<0.05, ** p<.01, *** p<0.001 
 

 

Discussion and Conclusion 

 With economic inequality on the rise it is important to consider solutions that help the 

most economically disadvantaged individuals. Fast, reliable, and equitable transportation has the 

capacity to connect low income families to opportunity and to help shift local economies in a 

positive direction. This paper provides evidence that investments in these kinds of projects can 

yield better outcomes for local communities.  

 My findings are similar to those of previous works: there are a variety of factors that 

contribute to whether or not an individual is in the workforce or in the labor force. Of note, racial 

and neighborhood characteristics are quite significant (Ihlanfeldt & Sjoquist, 1990; McLafferty 

and Preston, 1992; O’Regan & Quigley, 1998; Serulle & Cirillo, 2016; Spychalski, 2011). Other 

works also reflect the importance of transit access for employment (Ong & Houston, 2002; 

Sanchez, Shen & Peng, 2004; Sanchez, 1999). However, there aren’t many works that look at 

specific, strategic projects, like bus rapid transit (BRT). The clear implication of BRT’s success 

are twofold: 1.) they are significantly cheaper and more nimble comparatively to other popular 

forms of transit (i.e. light rail and streetcars), and 2.) they are relatively easy and quick to 

implement in order to affect change in the near term. While my research cannot speak to the 
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cost-benefits of BRT, although there are a variety of other studies that can and do,4 it can speak 

to the rapidity of implementation and results. The four projects analyzed here were completed 

within three years of receiving funding and yielded results as early as their first year running.  

 Still, my analysis is imperfect. Again, there is no way to tell whom these policies are 

affecting. Do transit projects attract new residents? Do they push low income families out of 

neighborhoods once economically disadvantaged but now more attractive to higher income 

families? The American Community Survey (ACS) allows for a great deal of individual level 

analysis, but unfortunately cannot help me grapple with these questions. Moreover, the ACS 

reflects a random sample of individuals across the country, and there are certainly some BRT 

projects that I had to omit from this work due to a lack of observations. The added complication 

of using public use micro areas (PUMAs) in lieu of available metropolitan statistical areas 

(MSAs) adds a complicated layer to my work. Some PUMAs reflect areas that are somewhat 

similar to an MSA or to a city’s actual geographic limits, but others are more expansive or 

exclude some pockets of individuals.5 

 My results are also limited in that it was not possible to get rankings for each of the grant 

projects to see which of those TIGER grants were awarded or denied at the margins to more 

appropriately reflect a differences-in-differences approach. In the end, I maintain that my model 

is appropriate for this kind of analysis, but it would have been made stronger with clearer 

comparisons. It would have also proven easier for an assessment between grant winners and 

                                                           
4 GAO finds that capital costs for BRT are lower than other transit projects and provide service that is akin to light 
rail transit (LRT) but at a fraction of the cost. In London, a cost-benefit analysis for a hybrid BRT/LRT project against 
a pure BRT project reflected net benefits for each project, but that the full BRT project yielded the highest Benefit 
to Cost Ratio (BCR). For every $1 spent, there was an estimated $1.60 in benefits in comparison to $1.10 for the 
Hybrid project and $0.80 for a full LRT project (GAO, 2012; IBI Group, 2016) 
5 The Las Vegas and Reno cases in particular reflect this imperfection. At the opposite end of the spectrum, the 
PUMA cases of San Antonio and El Paso are very close to their respective MSAs. This is no coincidence to the fact 
that Texas is a far more populous state than Nevada with more metropolitan hubs that afford it to be sliced more 
equitably.  
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grant losers. Still this does not detract from at least the direction of my results: there is certainly a 

positive correlation between these projects and employment and labor force outcomes. While the 

magnitude may differ depending on methodology, one can conclude that bus rapid transit has a 

favorable impact on local economies. This paper provides reasons and some evidence to 

policymakers that infrastructure projects, specifically in the form of agile and affordable BRT, 

are worthy of government investment. 
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Appendix 

 

Figure A1: Nashville, TN 
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Figure A2: Las Vegas, NV 
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Figure A3: St. Paul, MN 
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Figure A4: San Antonio, TX 
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