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ABSTRACT 

 

This thesis examines how black population proportions in urban centers vary depending on 

whether they are covered by special tax zones known as Business Improvement Districts (BIDs). 

BIDs augment publicly available amenities and have been shown to have positive impacts on 

public safety and home prices. However, while districts are created predominantly on 

socioeconomic characteristics like household incomes and local business activity, segregation and 

racial sorting mechanisms mean racial population proportions vary for reasons outside 

socioeconomic status. This paper uses a propensity score matching technique to find that older 

districts tend to have lower black population proportions than comparable non-BID regions, while 

the opposite is true for newer districts. It does not find that these districts have a causal impact on 

racial population proportions. 

This research highlights how neighborhood treatments can have disparate impacts within 

cities due to racial segregation. It adds context to the literature that has found that black populations 

systematically under consume amenities due to racial sorting mechanisms. It suggests that cities 

that fail to consider clustering due to racial sorting risk disproportionately benefitting non-black 

populations when considering impartial neighborhood treatments. It advocates for active 

municipal involvement in the development and expansion of BID programs to avoid concentrating 

their benefits in ways that discriminate against black populations. 
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1. Introduction 

In recent decades, urban cores have seen major growth and revitalization after periods of 

decline. Large cities became the fastest growing regions in America as high income, high education 

households began to move from the suburbs back into the heart of major cities. Violent crime 

plummeted, and home prices increased as coastal cities became some of the most desirable areas 

in the entire country.  

 Yet these opportunities came with their own set of challenges. While urban centers are 

more racially mixed than any point in the last 100 years, they are shaped by racial segregation that 

persists due to racial sorting mechanisms, regulatory constraints on affordable housing initiatives, 

and discrimination in housing markets. (Spader, Rieger, Herbert, & Molinsky, 2017) This meant 

that the benefits of urban renewal occurred in segregated ways, with white, black, and Latino 

neighborhoods experiencing increases in socioeconomic status independently. (Timberlake & 

Johns-Wolfe, 2016)  

This segregation can also result in differences in access to neighborhood amenities like 

police protection, schools, parks, and transportation. These are consequential differences. Even 

after controlling for socioeconomic status, children in unsafe neighborhoods have more behavioral 

issues than their peers. (Linares & Heeren, 2001) Access to parks has a positive impacts on obesity, 

chronic health conditions and mental health. (Strum & Cohen, 2014) If families sort into lower-

amenity neighborhoods than what would be predicted by socioeconomic factors alone, this sorting 

will contribute to the already persistent racial disparities in education, income, and wealth. 

As the largest population in the United States, white populations have an absolute 

advantage in determining which neighborhoods they choose to move into. Historically, whites 

have chosen high-amenity neighborhoods in ways that raise the implicit price of those amenities 



2 
 

for non-white populations. Specifically, black populations have been found to have the highest 

implicit price for urban amenities. (Bayer & McMillan, 2005) The result is that racial sorting 

explains as much of the difference in consumption of urban amenities as underlying difference in 

socioeconomic factors between black and white populations.  

In recent years, private entities in major metropolitan areas have used a new mechanism to 

augment urban amenities by creating special tax zones known as Business Improvement Districts 

(BIDs). These districts were first created to attract affluent, highly educated workers into urban 

cores. BIDs are quasi-government entities that are formed specifically to fund local projects and 

community services like street cleaning, beautification, and public security. They are also 

becoming increasingly prevalent: since the first BID was created in 1970, over 1,200 have been 

formed. 

However, these districts are formed based on basic local economic factors. If BIDs are 

chosen in areas that already disproportionately benefit non-black populations, they have the 

potential to exacerbate the differences in amenities that are available to black and non-black 

populations. 

In this paper, I will explore whether BIDs are created in neighborhoods that have lower 

black populations than what can be explained through socioeconomic characteristics alone. 

Specifically, I will use aggregated neighborhood racial compositions from the American 

Community Survey to examine how black proportions are different between BIDs and areas with 

similar socioeconomic characteristics. This paper will address whether the development of new 

amenities through these special districts is concentrated in regions that are already less black, or if 

they will help bring new amenities to currently underserved populations. 
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2. Background 

In general, BIDs are designed to deliver services and improvements to neighborhoods that 

supplement what is provided by a city. This can include services like street cleaning, public safety, 

beautification, local business development, and additional investment in local amenities. BIDs 

raise their revenue by levying taxes on all businesses within the BID zone. In most municipalities, 

cities are explicitly banned from reducing city services because of the existence of a BID. The 

cumulative impact is large: in New York City alone, BIDs contribute more than $100 million worth 

of services annually, and employ more than 1,000 individuals. (New York City Small Business 

Services, 2016) 

BID formation occurs in three specific phases. First, a steering committee of local business 

owners and community stakeholders drafts a plan. This includes BID boundaries, programs and 

services, yearly budget, and how properties will be charged. Once that plan is in place, the steering 

committee informs the public, and holds meetings to gauge support. If enough support exists, a 

formal legal process begins that ends with legislative approval. This approval means that legal 

support exists to enforce compliance with district taxes. 

Once enacted, a district is run by a nonprofit entity that spends revenue on the BIDs behalf. 

This entity often comprises of a combination of local business owners, community leaders and 

local government officials. In general, BIDs are designed to create an environment that is more 

enticing to both businesses and consumers by offering additional amenities. 

However, these areas vary significantly in what they choose to provide. In Los Angeles, 

BIDs concerned with local crime invested a majority of their revenue into private security forces. 

In Washington D.C., city BIDs spend most of their funds on beautification. In New York, most 
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money is spent on marketing, trying to attract some of the city’s many tourists. Still others provide 

free local public transit, hoping to ferry residents more easily to local businesses. 

In addition to the rapid increase in the number of BIDs since the 1970s, BIDs have staying 

power. Of the 71 BIDs in NYC that have been created as of 2016, zero have chosen to dissolve. 

While some BIDs that are considered do not ultimately earn enough support from the community 

to be implemented, more than two thirds of districts that go through the planning and outreach 

phases receive legislative approval. 

The specific regulatory environment surrounding BIDs is state specific. As BIDs are a 

newer phenomenon, most BID legislation was enacted within the last 30 years. These rules 

typically outlay the structure of the board, how formation and taxation occurs, and lays out required 

reporting. While some rules are established to establish liability and prevent fraud, BIDs are 

typically given wide latitude for how they use their funds.  

3. Literature Review 

This paper contributes to the literatures that looks differences in amenity consumption 

between difference races. Specifically, I will examine if there are differences in which populations 

benefit from an increase in amenities as introduced by a local business improvement district. While 

there are many relevant areas in literature, I will focus on segregation, gentrification, and BID 

impacts. The literature related to segregation will help inform the potential mechanisms that can 

cause racial clustering outside socioeconomic status. This creates the environment on how 

neighborhood treatments can have disparate impacts. Prior work on gentrification will inform if 

BIDs have some potential to displace minority populations, which will help address if districts can 

impact population proportions on their own. The literature related to BIDs is designed to test my 

assumption that all BIDs produce positive amenity returns.   
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3.1 Segregation, Housing Choice and Racial Sorting 

The first assumption this paper makes is that whites and blacks exhibit heterogeneous 

neighborhood preferences even after controlling for socioeconomic status. This is most commonly 

measured with a measure called the dissimilarity index, which measures the relative distribution 

of different races across neighborhoods.  

A large body of literature supports that blacks are heavily segregated from whites, 

regardless of income. Across 30 metropolitan areas, one study found that affluent blacks were no 

less segregated than poor ones. (Denton & Massey, 1988) This is true only for blacks: in both 

Hispanic and Asian populations, increases in wealth were associated with increased integration. In 

select cities like Los Angeles, the poorest Hispanics were less segregated than the most affluent 

blacks. 

It is also unlikely that preferences can explain this gap. In one Detroit survey, black 

residents were asked about their willingness to move into neighborhoods with varying proportions 

of black residents. Respondents had a clear preference for racial parity: 63 percent of respondents 

listed neighborhoods that were 50 percent black as their first choice. (Farley, Bianchi, & Colasanto, 

Barriers to the Racial Integration of Neighborhoods: The Detroit Case, 1979) 

However, the same Detroit Area Survey showed that 84 percent of white respondents 

indicated that they would be unwilling to move into a neighborhood that was just over half black. 

When asked about hypothetical neighborhoods that were just one fifth black, only half of white 

respondents indicated a willingness to move into the neighborhood. (Farley, Schuman, Bianichi, 

Colasanto, & Hatchett, 1978) Of the white respondents indicating that they would move out of a 

neighborhood if blacks began moving in, 40 percent believed that property values would decrease 

if the proportion of black residents increased. 
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This belief is borne out by the literature, as multiple studies have shown correlation 

between black population proportions and median home value. Using a hedonic price model, one 

study found that homes lose at least 16 percent of their value when placed in a neighborhood that 

is at least 10 percent black. (Harris, 1999) Other analyses have found home price disparities 

between majority white and majority minority communities (Cicerone, 1994) as high as 41 percent. 

One potential explanation relates to the Detroit study above: as blacks begin to move into all-white 

neighborhoods, black demand increases while white demand falls proportionally with increased 

black populations. 

Harris recognized that there was a strong possibility that race was proxying for less 

desirable characteristics like wealth and education level. Homeowners have shown clear 

preference for neighbors with higher wealth and education levels, and those characteristics were 

also highly correlated with race. Harris observed that controlling for socioeconomic factors almost 

eliminated the price disparity between white and non-white neighborhoods. (Harris, 1999) Keil 

and Zabel note the importance of “submarkets”, or city sections that are defined by a 

neighborhood’s racial composition. (Kiel & Zabel, 1996)  

Whether or not the reason is tied to white perceptions of lower home values, a large body 

of research suggests that blacks face significant discrimination in housing choices that can’t be 

explained by socioeconomic status alone. Some studies have noted a trend called ‘steering’, where 

real estate brokers guide buyers to specific neighborhoods based on their race. The Urban Institute 

has noted that since the 1990s, black homebuyers have seen an increase in real estate brokers 

steering them towards majority minority neighborhoods. (Ross & Turner, 2005) This increase is 

monotonic: as the neighborhood composition becomes increasingly white, brokers are more likely 

to push black buyers into minority regions.  
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In addition to steering, blacks may face discrimination through landlord or broker effort. 

In one Boston audit, pairs black and white auditors with similar characteristics were sent to try and 

rent or purchase homes from landlords or brokers. Black clients saw on average 0.6 fewer possible 

options, and were invited to see 0.7 fewer units. (Yinger, 1986) Researchers have hypothesized 

that these results are because brokers are trying to keep out black households that would upset their 

white customers. The study also found stronger results for male than female black applicants. This 

could be related to additional results from the Detroit survey, which found that white respondents 

feared that black applicants would increase neighborhood crime in addition to their impact on 

home value. (Farley, Bianchi, & Colasanto, 1979) 

3.2 Gentrification and Sorting Theories 

The above literature lays out that black communities are segregated, that this segregation 

is not due to personal preference, and that white preference for non-black neighborhoods may be 

contributing to housing discrimination for black populations. The second component is 

gentrification, and its potential displacement of minority populations. This section will explore 

how gentrification works, the types of populations who move into gentrifying neighborhoods, and 

will discuss literature related to how neighborhoods transition from predominantly one race to 

another.  

Historically, concerns over gentrification related to the displacement of minority 

communities. Early literature noted that individuals gentrifying New York City boroughs were 

predominantly young, white professionals who were displacing poor, relatively unskilled minority 

populations. (Marcuse, 1985) However, more recent work has indicated that non-white households 

in gentrifying neighborhoods have no higher turnover rates than non-white households in non-

gentrifying neighborhoods. (McKinnish, Walsh, & White, 2009) As these later studies were able 
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to track individuals over aggregate impacts, they convincingly laid out several findings: 

gentrifying in-migration was largely due to young, white college graduates without children, 

displacement fears were unfounded, and neighborhood income gains due to a retention of local 

black high school graduates and in-migration of white college graduates. 

Despite the lack of displacement, weak evidence supports that increases in the number of 

gentrifying neighborhoods increases racial segregation at the metropolitan level. (Freeman, 2009) 

This result is difficult to tie to causal relationship, as gentrifying districts make up less than 10 

percent of most metropolitan areas, muting their overall impact. As BIDs are gentrifying areas by 

design, it’s possible that this could indicate a link between the number of BIDs within a city and 

overall segregation. 

More recent literature raises a potential concern around amenities related to new residents. 

Gentrification has led to white populations moving into heavily minority neighborhoods, often 

through an increase in local amenities such as public transportation, parks, or low levels of crime. 

Though the use of disaggregated Census data, Bayer & McMillan provide evidence that black 

households systemically under consume amenities, regardless of socioeconomic status. (Bayer & 

McMillan, 2005) . Racial sorting, where individuals choose neighborhoods based on race, explains 

as much of the gap in consumption of amenities between whites and blacks as socioeconomic 

status. 

3.3 Business Improvement District (BID) Impacts on Amenities 

If increases in amenities can lead to adverse racial sorting, it is also important to establish 

that BIDs increase overall amenities. To date, BID research has focused heavily on BID impacts 

on public safety. Initial studies of BID effectiveness found that BIDs could be associate with up to 

10 percent of the decrease in crime in impacted neighborhoods. (Brooks, 2008)  
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Later versions of this research added to this work by looking at differentiation within BIDs. 

MacDonald and Blumenthal noted that BIDs showed wide deviations in total funds and the 

percentage of funds that went towards security across BIDs. Their work also featured a Bayesian 

hierarchical model, which they claimed was better able to draw specific inferences than prior 

models. By adding this additional fidelity, they found a persistent 12% drop in violent crime in 

L.A. in BID districts with significant security spending after their implementation. (MacDonald & 

Blumenthal, 2009) 

More recent research has focused on the impacts of spillover effects, or the impact that 

BID regions have on neighborhoods that are directly adjacent. Consistent with prior research on 

public safety, recent work has found that private security forces do improve crime figures for an 

area outside their immediate area of impact. To date, most BID research has not focused on the 

impact of BIDs to non-BID territories within cities. (MacDonald, Stokes, Grunwald, & 

Blumenthal, 2013) 

The presence of additional amenities is also linked to increases in real estate prices relative 

to metropolitan areas. There is also a robust body of literature detailing the link between the 

creation of a BID and real estate prices. As BIDs are commercial entities, much of this work 

specifically looks at impacts on commercial real estate prices. The work of Ellen, Scwartz and 

Voicu indicated that large, well-resourced BID projects had an immediate and positive impact on 

commercial real estate values. (Ellen, Scwartz, & Voicu, 2007) While this would imply that 

residential real estate prices were likely to rise as well in these regions, their study did not find a 

similar relationship between BID formation and residential real estate prices. 

A primary challenge to assess changes in real estate prices is the ability to separate out 

endogeneity, as neighborhoods that would choose to enter a BID are likely to have characteristics 



10 
 

that differentiate them from other neighborhoods. If BID regions are the most likely to be upwardly 

mobile prior to the BID formation, any results would be upwardly biased.  

These papers address this issue by using either comparison groups such as BIDs that failed 

to be implemented or adjacent neighborhoods. However, both types of analysis have drawbacks 

that may limit the ability to interpret their results. In this paper, I will add to the literature by using 

a propensity score matching technique to create a control of similar areas based on underlying 

characteristics. I will address the question of whether private augmentation of amenities can have 

racially segregated benefits due to historical segregation in urban cores. 

4. Conceptual Framework 

The primary outcome of interest in this paper is the proportion of a neighborhood or census 

tract that is black. Specifically, this paper is looking to identify if BIDs are implemented in regions 

that are less black than what socioeconomic characteristics alone would predict. For the purposes 

of this framework, we will look at the sets of factors that are most closely related to our outcome: 

socioeconomic factors, government controls, local amenities, and racial sorting. 

Socioeconomic factors, such as income, wealth and education status are closely tied to the 

proportion of a neighborhood that is black. The most obvious explanation for why this impacts 

neighborhood composition is that race is strongly correlated with socioeconomic status. This is 

borne out in the literature: increases in real estate prices are associated with decreases in minority 

populations. (Wyly & Hammel, 2004) An analysis considering changes in black populations must 

therefore control for these independent variables.  

A second set of factors are related to government controls. Governments can impact the 

supply of housing available to minority populations through programs like inclusionary zoning, 

which creates affordable housing in urban centers. (Marcuse, 1985) Government action can also 
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limit population inflows through zoning that prohibits the creation of apartment complexes, which 

can stall gentrifying forces. Additional policies include prohibitions on prices that would increase 

local rents or prices, conditional development zones that require equal amounts of affordable and 

new construction, as well additional measures aimed at community development and affordable 

housing. However, these controls are not important to the founding of an improvement district, 

outside through their connection to socioeconomic factors.   

The literature on gentrification indicated that a framework must consider the impact of 

local amenities on changes to black population proportions. Low crime, access to shopping centers, 

and low crime or pollution levels attract young, affluent, and often white populations. Changes to 

certain constructed amenities can come from myriad factors: public investment, private action, 

social engagement. (Freeman, 2009) Other amenities, like proximity to the central business district 

or public transportation, are more static and can be reasonably accounted for by distance from a 

neighborhood to those static amenities. 

The impact of BIDs on neighborhood racial composition will be primarily measured 

through their impacts on amenities, as prior literature has shown that high socioeconomic status 

alone is not enough to encourage white populations to move into predominantly black 

neighborhoods. Prior work provides significant evidence that BIDs exist primarily as a vehicle to 

supplement local amenities. (MacDonald & Blumenthal, 2009) This will be measured based on 

whether a census tract contains a BID for a given year. This paper will assume that positive amenity 

returns will be confined to those census tracts. While amenities like public safety have spillover 

effects, many common district programs like cleaning crews impact only the areas covered by a 

BID. As a result, most positive amenity returns will be concentrated inside district boundaries. 



12 
 

The impact of BIDs on amenities will also be closely tied to BID resources and what 

amenities they choose in invest in. These variables include items such as the size of the tax that is 

levied on BID businesses, as well as the proportion of funding that is spent on specific BID 

outcomes like funding spent on security relative to beautification projects. For this paper, I assume 

that improvement districts all produce positive amenity returns. This is borne out in the literature, 

which suggests that while different districts might choose different amenities to augment, the net 

effect is always positive. (Ellen, Scwartz, & Voicu, 2007) 

A final set of factors is related to racial sorting. This can include factors like the current 

neighborhood racial composition, which is the most explanatory factor of future neighborhood 

racial composition. (Bayer & McMillan, 2005) There are also city-specific effects that impact 

racial composition and sorting different across regions. For example, the dissimilarity index is 

significantly lower in major metropolitan areas in the southeast than in historically segregated 

cities like New York City. Discriminatory housing practices such as varying broker effort also 

vary by region. 

Taken together, the variables outside the key independent variable of BID status related to 

neighborhood socioeconomic factors can be controlled for by identifying populations with similar 

characteristics as BID regions. Differences in overall amenity levels, government controls can be 

addressed through city-fixed effects that will control for factors like the extent to which a city is 

already segregated, the extent of local inclusion programs and local amenities. 
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Figure 1: Conceptual Framework 
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5. Data and Methods 

This analysis will use a propensity score matching technique to create matched pairs to 

study black population proportions in BID areas. The unit of analysis will be census tract, based 

off tract level data collected by the American Community Survey (ACS). The ACS provides the 

basic economic and demographic information needed for the analysis. Specifically, this analysis 

uses the ACS’ demographic and housing estimates taken from five year estimates. Five year 

estimates are precise, but are collected over a 60 month period. For the course of this paper, 2016 

ACS information refers data collected between January 1st, 2011 and December 31st, 2016. 

Unlike the Census, the ACS only provides estimates at the census tract level. While the 

ACS also provides finer census block estimates, this increases the number of units that are 

suppressed, which introduces additional uncertainty into our analysis. This analysis will focus on 

the metropolitan counties associated with nine cities across the eastern United States: Atlanta, 

Boston, Chicago, Columbus, Lexington, Nashville, New York City, Philadelphia, and 

Washington, D.C. 

5.2 Variables 

The dependent variable in this analysis is the ACS’ proportion of minorities living within 

a census tract. For black populations, I use a proportional variable that categorizes an individual 

as black if they were categorized as black with a single race, or black with two races. I categorized 

individuals with three or more races as nonblack.  

The ACS also contains many other aggregated household characteristics that are useful 

covariates. Specifically, these include items like median household income, age of the head of 

household, costs related to homeownership and proportion of a census tract who rents their home. 

I also measure education using the highest degree level obtained.  
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The indicator for BIDs is based on shapefiles obtained from the nine cities in my sample. 

My treated census tracts will be those that intersected with a BID in 2016. For areas where an 

improvement district intersected with a census tract multiple times, I assumed that the tract started 

experiencing effects in the earliest year. I also assumed no spillover effects. While some BID 

impacts such as real estate prices do increase in neighboring areas, our analysis is primarily 

interested in ‘amenity’ returns such as beautification and improved transit. These impacts are 

typically contained exclusively within district boundaries. I finally assume that all BIDs have 

positive returns.  

5.3 Methodology 

In order to examine how the black population proportions differ between areas that have 

improvement districts and those who do not, I will use a propensity score matching technique that 

creates pairs that have similar characteristics. This is a two-stage model that first requires me to 

create a logistic regression that estimates the probability a census tract contains a BID using all 

my covariates except for my black population proportion. 

The first stage of the is as follows: 

𝐿𝑜𝑔𝑖𝑡(𝑃𝐵𝐼𝐷 𝑠𝑡𝑎𝑡𝑢𝑠) = log (
𝑃𝐵𝐼𝐷 𝑠𝑡𝑎𝑡𝑢𝑠)

1 − 𝑃𝐵𝐼𝐷 𝑠𝑡𝑎𝑡𝑢𝑠)
)

= 𝛽0 + 𝛽𝑖𝑛𝑐𝑜𝑚𝑒 + 𝛽ℎ𝑜𝑚𝑒𝑐𝑜𝑠𝑡𝑠 + 𝛽𝑒𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 + 𝛽𝑎𝑔𝑒 + 𝛽𝑟𝑒𝑛𝑡𝑎𝑙𝑝𝑟𝑜𝑝𝑜𝑟𝑡𝑖𝑜𝑛𝑠 + 𝜖 

Where Y is probability that a census tract contains a BID, and the coefficients represent a 

set of related socioeconomic characteristics. Income, education, and age are the socioeconomic 

characteristics that are typically used to help explain differences between racial populations. Home 

costs and rental proportions are used to ensure that census tracts are compared to similar urban 

tracts, to avoid comparing tracts in the center of an urban core to those on the periphery.   
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Once the probabilities are found, we can use these measures to pair census tracts that have 

BIDs with census tracts that do not but who were identified as having similar socioeconomic 

characteristics under the first stage model. For this analysis, I use a one-to-one nearest neighbor 

technique. The universe of census tracts will now only include census tracts with BIDs and their 

nearest neighbor (this varies between 1,132 and 2,244 census tracts depending on what BIDs I 

selected for my analysis).  

If the covariates are perfectly matched, our second stage is a simple t-test that can be used 

to identify the causal impact of black population proportions on the likelihood that a census tract 

was selected to receive a BID. As potential concerns about differences between covariates 

persisted in certain circumstances, I chose to create a second stage that used a linear probability 

model that re-added in covariates.  

6. Effect of BID Presence on Racial Composition Within Census Tracts 

Now we turn to the results of the impacts of BIDs on racial composition, focusing on black 

residents in census tracts that intersected with a district. Initial results indicate that while 

socioeconomic factors can largely explain the difference in racial proportions between BID and 

non-BID census tracts, the sort of individuals who live within BIDs change rapidly as addition 

BIDs are approved within each city. To come to this result, I perform a descriptive analysis on 

census tracts across the highlighted cities, run a propensity score matching model to compare tracts 

within a single year, and then test my hypothesis that older BIDs tend to have smaller proportions 

of black residents by using additional data from the 2000 decennial census. To test how 

improvement districts change racial populations over time, I use propensity scores to create a 

treatment group for a difference in differences model. 
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6.1 Descriptive Results 

In 2010 households in BIDs were wealthier, more educated, and more likely to rent than 

households in other sections of metro counties. Their populations were also less black than the 

surrounding areas by almost seven percentage points. By 2016, BID populations had racial 

proportions that were like the surrounding areas, despite persistently higher levels of income, 

education and rental proportions. A simple model that regresses active bid status on black 

proportion with city-fixed effects finds that between 2010 and 2016, BIDs had a statistically 

significant lower proportion of black residents for all years, though the magnitude of the difference 

fell from 8.4 percentage points in 2010 to 2.4 by 2016. There are three potential sources influencing 

this change: changes within a census tract after an improvement district was implemented, 

differences between existing BIDs and new districts that were added, and citywide changes.  

 

Figure 2: Socioeconomic Characteristics between BIDs and non-BIDs, 2010 – 2016 

First, the period between 2010 and 2016 did see a large shift in citywide demographics. 

Housing costs and income rose sharply in nominal terms in cities like DC, New York City and 

Boston. The share of residents with at least a bachelor’s degree increased in almost every city, 

with sharp rises in Nashville and Philadelphia. However, the proportion of black residents stayed 

Non-BID BID Non-BID BID Non-BID BID 

White Proportion (%) 48.2 51.2 48.6 48.8 0.4 (2.4)

Black Proportion (%) 32.0 24.9 30.2 29.5 (1.8) 4.6

Median Age (years) 35.7 34.3 36.6 35.3 0.9 1.0

Median Income ($) 54131 56913 59051 62883 4920 5970

Median Housing Costs ($) 1197 1250 1283 1361 86 111

Percent who Rent (%) 48.9 62.6 51.3 62.7 2.4 0.1

Some College (%) 17.4 14.3 17.5 15.6 0.1 1.3

Associate's Degree (%) 6.2 5.1 6.6 5.5 0.4 0.4

Bachelor's Degree (%) 18.6 24.8 20.1 24.9 1.5 0.1

Graduate/Professional 11.9 18.0 13.5 19.0 1.6 1.0

2010 2016

SOCIOECONOMIC CHARACTERISTICS

Change
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relatively stable in all cities except DC. This implies that either changes to existing BID tracts or 

the types of areas that started an improvement district were largely driving this change.  

Another way to look at BIDs is to examine tracts that were eventually selected for a BID, 

even before they received the designation. Of all tracts that are or would eventually become a BID, 

the black proportion stayed largely flat, falling from 31.9 percent in 2010 to 30.6 percent in 2016. 

For the period between 2010 and 2016, it appears as though racial proportions were more 

motivated by the era which a BID was created. In other words, the sort of BIDs being created in 

2016 varied significantly from those that were first created. In descriptive terms, being designated 

a BID did not appear to reduce the proportion of black residents.  

 

   

Figure 3: Black Population Proportions by Year of Implementation 

When grouped by year of implementation, all BID tract groups show modest declines in 

black population proportions. However, districts that were formed before 2008 were less black 

than other non-BID metro tracts in 2016. Conversely, districts that were formed within the last 5 
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years had far higher black proportions than the citywide average. Early BIDs also have higher 

incomes and education levels on average than their later counterparts, while later BIDs had lower 

incomes than the citywide average. However, this effect varies across cities. One explanation is 

that the year of formation is less important than the number of preexisting districts in a given city. 

In other words, the first BIDs within a metro could be concentrated in wealthy areas with lower 

black population proportions, while subsequent BIDs tend to filter out to poorer tracts with higher 

proportions of black residents. 

This trend is evident across cities, regardless of time. In cities that have using these special 

tax zones since the 1970s like New York City, Chicago and Atlanta, BIDs that formed early are in 

areas that are highly white today. In cities where their first BID was implemented after 2009, the 

first selection still tends to be in areas that are less black than the surrounding city.  If a city’s BIDs 

are divided into waves, or thirds by year of implementation, the black proportion in 2016 rises 

from 24.0 percent to 42.7 percent from waves one to three. My model will seek to examine if these 

first, ‘wave one’ BIDs are chosen in neighborhoods that are less black than their socioeconomic 

status alone would predict.  

 

Figure 4: Socioeconomic Characteristics by Year of Implementation  
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6.2 Propensity Score Matching Model and Difference in Differences 

While a simple regression of these first bids on black proportions reveals a seven 

percentage point lower black proportion between these early districts other regions, the large 

differences in socioeconomic covariates means that we cannot use this model to estimate causal 

impacts. Instead, I use the covariates to create a predictive model that can be used to create matched 

pairs. To do this, I create a logistic regression that regresses my socioeconomic characteristics and 

city fixed effects on an indicator for first bid presence, minus racial proportions. 

This prediction is then used to model the likelihood of any given census tract being part of 

one of the initial BIDs within each city. In examining my region for common support, my 

socioeconomic covariates do have some predictive power of being selected for an initial bid, but 

most of my matched pairs will be formed on observations with lower probabilities. I use the nearest 

method to find the most similar non-BID tract for all 616 of my census tracts that were part of the 

first wave in their respective cities. This pairing gives us a set of tracts that have highly similar 

socioeconomic characteristics. A t-test confirms that no statistically significant differences exist 

between the first, ‘wave one’ BID tracts and their matched pairs.   

The resulting t-test between our first BIDs and all other tracts shows no statistically 

significant difference in 2016 between racial populations once socioeconomic characteristics are 

accounted for. However, among ‘mature’ BIDs, or those formed before 2009, black proportions 

were around 3 percentage points less represented than the selected socioeconomic characteristics 

alone would predict. The reverse was also true: among districts formed after 2009, black 

proportions were 9 percentage points higher than socioeconomic characteristics would predict. 

The net effect is a slight skew towards black populations among all active business improvement 

districts.  
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Figure 5: Map of Propensity-Score Matched Census Tracts 

To examine if ‘mature’ BIDs have always had a skew towards non-black populations, I 

used the 2000 decennial Census to examine the 258 census tracts that contained an active district 

at the time using the same method as above. While these districts were markedly less black than 

the city as a whole, the entirety of the effect could be explained by socioeconomic characteristics. 

By using the 2016 ACS data, I was able to reexamine these neighborhoods after they had a district 

for at least fifteen years. While the districts had an even larger gap in black proportions from the 

rest of the metro area in 2016 than they did in 2000, the resulting model explained away the entirety 

of the disparity. 

While a propensity score matching model can tell us whether BIDs are inherently placed 

in regions with different racial proportions, it is less able to describe how BIDs themselves impact 

racial proportions. To analyze if BID regions’ racial proportions changed after the implementation 

of a BID, a difference in differences model is more appropriate.  
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The resulting model implied that while no causal link existed between the treatment and a 

change in racial proportions, the treated census tracts were once again far more likely to have 

higher black proportions. Treated census tracts were on average 12 percentage points more black 

than non-treated tracts with similar characteristics.  

The sum of these models is that early BIDs tended to be in regions that had smaller black 

proportions than their cities as a whole. In some instances, this can be fully explained by 

socioeconomic characteristics, but cannot for certain older BIDs. In recent years, this trend has 

almost completely reversed, where BIDs are now placed in areas that are much more black than 

characteristics would predict. However, the presence of a BID does not appear to change racial 

proportions on its own. In the next section, I will discuss the implication of these findings and look 

at policy implications.  

7. Discussion 

The key takeaway from my study is that while the first business improvement districts may 

have skewed towards benefitting non-black residents, the opposite was true for subsequent 

districts. As my empirical strategy controlled for common socioeconomic characteristics, a 

fundamental shift appears to have occurred in the types of areas that choose to create business 

improvement districts. This is evidenced even in how BIDs are talked about. Early districts had 

names like ‘special services districts’, while more recent districts were called things like 

‘community improvement zones’. Instead of filling the last wealthy sections of a city, new districts 

were created in poorer, less educated sections of the city. 

One explanation is that the role of BIDs has changed over time. Early BIDs created in the 

late 20th century coincided with a period of urban renewal, where young, wealthy professionals 

moved into metro centers. Because the emphasis was on attracting newcomers with a high amenity 
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requirement, early BIDs were designed to attract an elite workforce. Systemic disparities in the 

American workforce meant that the resulting region could be disproportionately non-black. In 

recent years, the oversaturation of high-amenity regions means that cities have been able to turn 

their focus on improve city amenities more broadly. As BIDs have been highly successful in 

increasing neighborhood amenities, BIDs may have gone from being a method to attract new 

workers to a means to improve the lives of existing residents. 

Some of this is apparent in the differences between mission statements of older and newer 

districts. In DC, the oldest BID focuses on economic outcomes, claiming that its purpose is to be 

a “catalyst, facilitator and thought leader in diversifying the economy, promoting public/private 

partnerships and enhancing the DowntownDC experience for all.” The mission statements and 

objective of newer DC BIDs appear to be more community focused: the most recent notes that it 

objective is to “convene stakeholders, spearhead projects, and energize community groups”.   

7.1 Policy Recommendations 

 Business Improvement Districts are neutral policies by themselves. The potential issue is 

when historic segregation is combined with neighborhood impacts like BIDs that can lead to 

further gaps in opportunities between black and non-black populations. These are two main 

avenues for government action: address residential segregation by race/ethnicity to reduce the 

potential discrimination in neighborhood augmentation, or expand the use of neighborhood 

augmentations to ensure that as wide a group has access to their advantages as possible.  

The first set of recommendations revolves around reducing residential segregation through 

public action. Many public policies, such as enforcement of existing anti-discrimination laws in 

the Fair Housing Act, are controlled at the federal level through the department of Housing and 

Urban Development and have application for city municipalities. However, options exist at the 
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municipal level. The city of Portland has a division called the Office of Equity and Human Rights. 

This bureau creates racial equity plans, and includes subdivisions that are designed to look at 

inequities between races for amenities like parks, police protection, transportation and other 

neighborhood amenities.  

A second set of segregation policies addresses the issue through changes to housing 

markets. One option is for cities to remove exclusionary barriers, or controls that impede the 

development of multi-family building or other affordable housing units. Cities can also offer tax 

credits designed to increase the supply of affordable housing. By increasing affordable units, cities 

reduce concentration of poor minorities into city subsets. 

Cities can also address this issue by focusing on BIDs themselves. The challenge with this 

approach is that BIDs are formed by non-government entities, and their adoption has been a net 

positive for urban renewal to date.  Yet their rapid spread also indicates that cities might generally 

have fewer amenities than desired.  

Public options to address this issue can involve the city broadly increasing taxes on local 

businesses to help fund local amenity development. However, this option is risky because districts 

are appealing because they offer absolute local control. A second option would be for local 

governments to take a direct role in the creation of BIDs in poorer neighborhoods. As businesses 

in these areas might be able to contribute less towards local development, the city may consider 

matching funds with a phase-out period to assist in initial neighborhood amenity development. 

The city should also partner with local operations like D.C.’s Josephine Parks center; nonprofit 

entities that are focused on amenity development that do not levy taxes on local businesses. 

Lastly, cities must be cautious about restricting new BID creation. The earliest districts are 

the ones most at risk of seeing a disparity between black and non-black proportions. If a city is 
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concerned about equity, approving additional districts helps ensure that their benefits are spread 

to as diverse a group as possible.  

7.2 Weaknesses 

The largest weakness of this paper is that ACS data has several quirks that make the 

resulting analysis difficult to interpret. First, census tract level data is only available in the ACS’ 

five year estimates, and each data point contains a margin of error. This analysis assumes that the 

error is completely random, which may or may not be warranted. In addition, ACS’ five year 

estimates cover a range of years, meaning that the estimates for 2016 actually cover 2012 – 2016. 

An estimate comparing 2015 to 2016 would include only a single non-overlapping year. Other 

sources of census tract information, such as the 2010 census, could provide more precise estimates. 

Second, census tracts do not overlap perfectly with business improvement districts, and the 

area that is effected by an improvement district might change which areas should be included. 

BIDs have been shown to have spillover effects, meaning that a ‘non-BID’ tract might actually be 

benefitting from a nearby BID. Conversely, a tract could be flagged even if it only overlaps a BID 

by a single block. Subsequent research could perform this analysis with more emphasis on alternate 

geographies. 

Third, the factors that influence both BID creation and housing preferences are myriad and 

complex, and it is unlikely that socioeconomic factors alone are sufficient. Subsequent analyses 

could add in factors like local business investment, population migration, or factors controlling for 

municipal action. Hedonic pricing models can offer a better way to model overall household value 

in ways that factor in urban amenities. 
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7.3 Future Research 

Future research in this topic should focus on three areas. First, by analyzing how BIDs 

change racial population proportions after their implementation. Second, by looking in to the 

mechanisms that are driving differences in racial populations. Finally, this paper did not address 

that amenity production likely varies by BID, meaning that some BIDs may produce far less for 

their residents than other. 

Data limitations in this paper prevented me from saying definitely whether early BIDs were 

placed in regions that were already less black at their inception, or if BIDs themselves caused the 

area’s black proportion to fall. Better time series data could determine the causal impact of BIDs 

on race in ways that are more robust than in this paper. 

Second, this paper only addressed whether differences in BID and non-BID regions 

existed, but did not hypothesize what mechanisms could be causing those differences. First, this 

paper did not address whether racial proportions could be differing because of movements of 

existing residents or changes to the types of residents moving to a neighborhood. Using mortgage-

level data like the Home Mortgage Disclosure Act Loan Application Register could help identify 

potential discriminatory actions like steering. 

Finally, this paper assumed that all BIDs produce positive amenity returns for their 

neighborhoods. While prior research has shown that BIDs do have positive returns, they also 

indicate that these returns vary across BIDs, depending on what district funds are spent on. By 

determining the value of each the amenities produced by a BID, future research could show if 

disparate impacts existed in the types of districts different races live in. 
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8. Conclusion 

This paper uses propensity score matching to estimate the relationship between business 

improvement districts and black population proportions in major urban counties. As BIDs have 

been shown to improve amenities like neighborhood safety that are also related to outcomes, this 

paper was designed to examine if improvement districts were disproportionately advantaging non-

black populations. Given the stark difference in standard OLS models, I paired each tract with a 

non-BID tract that had similar socioeconomic characteristics. This pairing allowed me to examine 

the differences in racial population proportions driven by BID status alone. 

BIDs show differences in predicted racial population proportions when split up by year of 

implementation. Early districts built during a period of urban renewal are less black than their 

socioeconomic characteristics would predict. More recent BIDs, conversely, have higher black 

population proportions than what would be predicted. These estimates are robust across multiple 

models, and align with results that were obtained using data from the decennial census. A 

difference-in-difference approach using census data finds no evidence that BIDs change racial 

population proportions by themselves.    

The challenge for policymakers is that these differences are less related to district creation, 

and more related to historic segregation in urban centers. As such, policymakers can attempt to 

address the issue either through policies that reduce residential segregation, or can seek to find 

ways that avoid concentrating the benefits of amenity augmentation.  
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9. Appendix 

 

 

 

Table 1

Summary of PS-matched regression analysis for variables predicting black proportions in Early/First BIDs, 2016(n  = 1,228)

Variable β SE(β) β SE(β) β SE(β)

First Wave BID (1.74) 1.74 (1.17) 1.18 (1.12) 1.15

Median Age 0.20 * 0.10 0.24 * 0.11

Log Median Income (18.62) *** 2.87 (19.60) *** 2.81

Log Median Home Costs 10.34 ** 3.56 8.88 * 3.79

Percent Renting 0.14 *** 0.04 0.15 *** 0.04

Education: Some college 2.39 *** 0.11 2.37 *** 0.12

Education: Associate 0.22 0.25 0.29 0.24

Education: Bachelor (0.43) *** 0.07 (0.28) *** 0.08

Education: Graduate/Professional 0.47 *** 0.06 0.34 *** 0.07

State Fixed Effects (x)

Intercept 25.85 1.23 104.11 21.93 120.68 26.91

0.0008 0.5420 0.5755

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Model 1 Model 2 Model 3

    

Table 2

Summary of PS-matched regression analysis for variables predicting black proportions in 'Mature' BIDs, 2016 (n  = 1,176)

Variable β SE(β) β SE(β) β SE(β)

Mature BID (3.70) * 1.51 (2.78) * 1.15 (2.88) ** 1.12

Median Age (0.17) 0.10 (0.06) 0.11

Log Median Income (6.08) * 2.87 (6.69) * 2.81

Log Median Home Costs (11.44) *** 3.42 (10.47) ** 3.59

Percent Renting 0.00 0.04 0.04 0.04

Education: Some college 1.87 *** 0.13 1.85 *** 0.14

Education: Associate (0.35) 0.23 (0.27) 0.23

Education: Bachelor (0.41) *** 0.07 (0.24) ** 0.08

Education: Graduate/Professional 0.30 *** 0.07 0.11 0.07

State Fixed Effects (x)

Intercept 25.23 10.07 160.44 21.31 150.69 25.49

0.0051 0.4273 0.4644

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Model 1 Model 2 Model 3

    

Table 1 

Regression Analysis for Early/First BIDs, 2016 

Table 2 

Regression Analysis for ‘Mature’ BIDs, 2016 
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Table 3

Summary of PS-matched regression analysis for variables predicting black proportions in Active BIDs, 2016 (n  = 2,244)

Variable β SE(β) β SE(β) β SE(β)

Active BID 0.13 1.37 1.79 . 0.95 1.70 . 0.91

Median Age 0.14 . 0.08 0.22 * 0.09

Log Median Income (22.89) *** 2.41 (24.84) *** 2.34

Log Median Home Costs 8.82 ** 2.85 9.90 *** 3.00

Percent Renting 0.03 0.03 0.06 . 0.03

Education: Some college 2.56 *** 0.09 2.52 *** 0.09

Education: Associate 0.28 0.18 0.31 . 0.18

Education: Bachelor (0.35) *** 0.06 (0.24) *** 0.07

Education: Graduate/Professional 0.54 *** 0.06 0.43 *** 0.06

State Fixed Effects (x)

Intercept 29.43 0.98 163.71 18.58 170.52 22.39

0.0001 0.5287 0.5646

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Model 1 Model 2 Model 3

    

Table 4

Summary of PS-matched regression analysis for variables predicting black proportions newer BIDS, 2016 (n  = 1,132)

Model 1 Model 2 Model 3

Variable β SE(β) β SE(β) β SE(β)

BID formed after 2009 6.41 ** 2.25 8.58 *** 1.41 8.80 *** 1.32

Median Age 0.40 ** 0.14 0.42 ** 0.14

Log Median Income (40.32) *** 3.70 (45.83) *** 3.53

Log Median Home Costs 34.38 *** 4.65 38.39 *** 4.79

Percent Renting 0.11 * 0.05 0.09 . 0.05

Education: Some college 2.61 *** 0.13 2.48 *** 0.12

Education: Associate 0.83 ** 0.27 0.67 ** 0.25

Education: Bachelor (0.43) *** 0.10 (0.36) *** 0.10

Education: Graduate/Professional 0.59 *** 0.10 0.56 *** 0.09

State Fixed Effects (x)

Intercept 33.60 1.59 152.06 33.05 181.87 37.08

0.0045 0.6145 0.6615

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

    

Table 3 

Regression Analysis for Active BIDs, 2016 

Table 4 

Regression Analysis for Newer BIDs, 2016 
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  Non-BID/Later BID First BID Tract 

Median Age (years) 35.0 34.7 
Median Income ($) 65355 64074 
Median Housing Costs ($) 1410 1368 
Percent who Rent (%) 62.4 63.4 
Some College (%) 14.4 14.8 
Associate's Degree (%) 5.1 5.0 
Bachelor's Degree (%) 27.0 27.6 
Graduate/Professional (%) 21.3 20.8 

 

Figure 6: Socioeconomic Characteristics of ‘Matched’ Tracts, First/ Wave One BIDs, 2016 

 

 

 

 

Figure 7: Region for Common Support, First/ Wave One BIDs, 2016 
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Figure 8: Propensity Scores across SES Characteristics, Matched Pairs on First/Wave One, 2016 
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