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ABSTRACT 

 
 The Affordable Care Act (ACA) has resulted in millions of Americans gaining healthcare 

coverage, including increased coverage among children primarily through the welcome mat 

effect. However, the lack of the ACA’s Medicaid expansion in many Southern states may have 

affected children’s access to care based on the hypothesized, smaller welcome mat effect 

compared to other regions. Despite the documented coverage gains for children, it is unclear 

whether the ACA had an effect on access to or utilization of care among children and whether 

their access to care varied by region. Using National Health Interview Survey (NHIS) data from 

2010-2017, I examine whether the ACA increased access to care for children in the South. 

Results show no significant effect of the ACA on the access to care among children and 

specifically, no evidence of regional differences as a result of the policy. Despite the lack of 

ACA-specific effects, this study has meaningful findings of regional differentials in overall 

access to care as well as the importance of insurance coverage for children in accessing care. The 

findings in this paper are consistent with previous literature showing the welcome mat effect and 

the positive effect of healthcare coverage on a child’s access to care. 
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I. INTRODUCTION  

 Medicaid and the Children’s Health Insurance Program (CHIP) are key sources of health 

insurance coverage for low income children in the US. The Affordable Care Act, passed in 2010 

with the purpose of providing affordable health insurance to millions of uninsured Americans, 

indirectly increased coverage among children largely through the phenomenon known as the 

welcome mat effect. The welcome mat effect is a spillover effect, or a gain in coverage for 

children based on their parents receiving healthcare coverage, even if the children were already 

eligible for Medicaid or CHIP prior to their parents gaining coverage. The increase in children’s 

coverage through the welcome mat effect may be the result of a variety of factors including 

associations between parents and children having health coverage which have been shown in 

previous research. Despite documented coverage gains following the ACA’s implementation, it 

is unclear whether the policy influenced access to or utilization of care among children.  

Even less has been studied on regional differentials in access to care for children despite 

comparatively less adequate access to healthcare in the South due to greater poverty, more rural 

communities, and historic resistance to government programs in that region. It remains to be seen 

if the ACA has increased access to care for children living in the South.  

A key element of the Affordable Care Act was the mandatory expansion of Medicaid for 

adults up to 138 percent of the federal poverty line (FPL) in all states. The provision was 

declared unconstitutional by the Supreme Court in 2012, allowing states the option to expand 

their Medicaid programs but not requiring it. As a result, many Southern states have failed to 

expand Medicaid, which has had a measurable impact on coverage for adults in the region 

compared to regions that more broadly took up Medicaid expansion. The lack of Medicaid 
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expansion in Southern states may have affected children’s access to care based on the 

hypothesized, smaller welcome mat effect compared to other regions.  

 In this study, I will estimate whether and how children’s access to healthcare has changed 

across regions pre- and post-Affordable Care Act using National Health Interview Survey data 

from 2010 to 2017. The years 2010 to 2013 are the period in which the ACA was signed into law 

but before the main provisions went into effect, while the years 2014 to 2017 are the first four 

years following the ACA implementation. My primary aim is to determine whether the policy 

change in 2014 increased access to care for children in the South, despite many Southern states 

having chosen not to expand Medicaid.  

 I will answer this question by estimating a multivariate logistic regression for five 

measures of access to care including delayed care due to cost, having usual source of care, and 

having a checkup within the last 12 months. The change in access to care will be considered 

through NHIS-defined regions as well as kids’ own healthcare coverage. I will also examine the 

welcome mat effect through the measures of maternal healthcare coverage. Interaction variables 

for maternal healthcare coverage and post-ACA years, child health coverage and post-ACA 

years, and region and post-ACA years are used to allow the effect of the key explanatory 

variables on access to care to vary by the policy implementation period.  

 The results of my study add to the mounting literature about the effects of the ACA, 

filling in an existing gap regarding regional differences in children’s healthcare access. This 

study also has the potential to show the importance of states’ Medicaid expansion, not only for 

the adults that are newly eligible for public coverage, but for their children as well. The results 
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indicate remaining obstacles that exist in the provision of healthcare that extend beyond simply 

lacking coverage.  

II. CONCEPTUAL FRAMEWORK 

A child’s access to healthcare is influenced by a variety of interrelated factors related to 

controllable and uncontrollable elements for a child or their household. I use the following model 

to consider the relationships among these factors:     

 
 
 

Since most children under 18 are not eligible to work, the majority of children obtain 

private health insurance through their parents’ employer. Therefore, socioeconomic factors like 

household income, parents’ education, and ability to pay for services greatly affect a child’s 

access to healthcare. Coverage status, which is a component of socioeconomic factors, is also 

highly influential in accessing medical services as it reduces the cost of receiving those services. 

Demographic factors, including a child’s race and ethnicity, and language barriers when 

communicating with providers, have been identified as a determinant in a child’s ability to obtain 

necessary care, particularly within a timely manner.  

Figure 1. Conceptual Model 
 

Since most children under 18 are not eligible to work, the majority of children obtain 

private health insurance through their parents’ employer. Therefore, socioeconomic factors like 

household income, parents’ education, and ability to pay for services greatly affect a child’s 

access to healthcare. Coverage status, which is a component of socioeconomic factors, is also 

highly influential in accessing medical services as it reduces the cost of receiving those services. 

Demographic factors, including a child’s race and ethnicity, and language barriers when 
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communicating with providers, have been identified as a determinant in a child’s ability to obtain 

necessary care, particularly within a timely manner.  

Individuals’ necessity for care is often dictated by their health status; the poorer health a 

child is in, the more medical services they will need. However, poorer health may also mean a 

child requires specialized care, which may be more difficult to get. Whether there is even a 

doctor available to provide services is determined by the number of physicians or providers 

within the general area a child is living in as well as the types of providers in the area. Types of 

providers include primary care physicians, specialists like immunologists, and pharmacists. The 

geographic areas children live in can define what kind of healthcare a child has access to. For 

example, children in rural areas may be dozens of miles away from the nearest emergency room 

or primary care provider, requiring some form of transportation to access the care they need. The 

state a child lives in also affects their access because of differing demands on the healthcare 

system based on population size as well as states’ health policy decisions like expanding 

Medicaid.  

The Affordable Care Act and the Children’s Health Insurance Program are both 

encompassed in policy factors that have an impact on a child accessing medical care. The 

policies were created with the goal of improving coverage, which reduces the cost of receiving 

services and increases a family’s ability to pay for those services, and thus can increase access. 

One of the provisions in the ACA was the expansion of states’ Medicaid programs to include 

adults under 138 percent of the federal poverty level though several states, located predominately 

in the South, have chosen not to expand eligibility to include this broader adult population. The 
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lack of expansion may have implications on the prevalence of the welcome mat effect in certain 

regions. 

III. BACKGROUND AND LITERATURE REVIEW 

 Access to healthcare is defined as an individual’s ability to receive and utilize necessary 

healthcare services in a timely manner. While there is much debate over how access should be 

measured, having a usual source of care and yearly well-checks are basic indicators of access to 

health services. The primary methods of attaining access consists of insurance coverage, 

proximity to services, and finding a reliable source of care (Office of Disease Prevention and 

Health Promotion 2018). Barriers to accessing care largely come from high cost of services or 

lack of available services, which have been found to be concentrated among certain race and 

socioeconomic groups (Larson et al 2016).  

 Efforts to educate parents about the importance of healthcare and create policies directed 

at providing insurance coverage to children have helped improve children’s access to health 

services over the past decades. As a result, indicators of access to care have improved, 

specifically among measures of usual sources of care and provider visits (Larson et al 2016; 

Spencer 2017). Despite these advances, some argue that access to healthcare does not have an 

effect on children’s health (Leininger and Levy 2015).   

 Insurance coverage has been found to be a key factor in children’s access to healthcare. 

Health insurance reduces the cost of utilizing services, lessening one of the main barriers to 

access. Uninsurance, meaning a child lacks health insurance coverage, is associated with higher 

rates not having primary care provider and having unmet needs (Flores et al. 2017; DeVoe et al 

2010). Unmet needs include not having doctor’s visits, not seeing the doctor when a child has a 
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medical need, and not getting necessary prescription drugs. Access among children is also 

affected by whether their family has insurance coverage (Guendleman and Pearl 2004).  

 As children have gained insurance coverage, specifically through increasing Medicaid 

eligibility and the creation of the Children’s Health Insurance Program (CHIP), their access and 

use of healthcare has increased. Both public coverage, Medicaid and CHIP, and private coverage 

are associated with improved access to care as well as utilization of healthcare services, 

especially when compared to uninsured children (Selden and Hudson 2006; Dubay and Kennedy 

2001). Gains in insurance coverage have been found to have positive effects on access to 

healthcare among child subgroups, like racial and low-income subgroups (Larson et al. 2016).  

Though there is ample evidence showing the association between insurance coverage and 

access to healthcare, insurance coverage does not guarantee a child’s ability to receive necessary 

medical services. Children with health insurance may still encounter barriers to accessing needed 

care including lack of providers or providers’ unwillingness to see children covered by Medicaid 

due to low provider payment rates (Leininger and Levy 2015). While health coverage is not an 

assurance of having access to care, it plays an important role in reducing costs to receiving and 

utilizing needed services.  

Demographic and socioeconomic characteristics can make some children more likely to 

have difficulties in accessing healthcare than others. Some of these characteristics include living 

in rural or geographically isolated areas, race, ethnicity, and age of a child, and household 

income. Rural areas tend to have had smaller populations and greater distance from the suburbs 

and cities, which has resulted in gaps in access to care for the individuals living in these areas. 

Children living in rural areas have more unmet healthcare needs, especially needs related to 
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dental care, as compared with children in urban areas (Caldwell et al 2016; DeVoe et al. 2009). 

The disparities in rural access to medical services may be due in part to the distance from urban 

areas where many providers base their practices. As a result, children in rural areas have to turn 

to emergency rooms to receive necessary medical services, which does not count as having a 

usual source of care (DeVoe et al. 2009, Larson et. al 2016).  

Age and race contribute to differences in children’s access to medical services. School-

age children, defined as ages 6-18, experience higher uninsurance rates than children under 6 and 

are less likely to report access to care (Wagnerman and Burak 2018; Spencer 2017). As 

mentioned, insurance does not ensure access to care, but is key in avoiding cost barriers to 

utilizing services. Black and Hispanic children are more likely to have access gaps than white 

children and have less healthcare use when in rural areas (Larson et al. 2016; Caldwell et al 

2016). Children who are immigrants experience even more barriers to access due to language 

effects and fear of using healthcare services when undocumented. Hispanic immigrant children 

are the least likely to have access to medical services especially when they come from non-

English speaking households, resulting in unmet healthcare needs at much higher rates than 

black and white children (Avila and Bramlett 2013). In addition to cultural barriers, immigrant 

children sometimes avoid having health coverage or utilizing healthcare because of the assumed 

risk of being of being reported and deported which is known as a “chilling effect” (Ybarra et al. 

2017). Inequitable access to care based on demographic factors has gotten better through policies 

like CHIP, but gaps still persist.  

Children in low-income families also face greater challenges in accessing healthcare. 

Families that are near or below the poverty line often cannot afford to pay for private health 
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insurance and therefore have to turn to public coverage or go without insurance altogether. 

Children that come from families with higher household incomes are the most likely to have 

health insurance while children under the poverty level, defined as 200 percent of the federal 

poverty level (FPL), are more likely to be uninsured (Saavedra 2017; Wagnerman and Burak 

2018). Most low-income children are eligible for Medicaid while CHIP provides coverage for 

children whose household incomes are too high to qualify for Medicaid but cannot afford private 

coverage. Even with public coverage options available for most low-income children, there are 

still access problems for these children. Children below the poverty line have higher rates of 

unmet health needs than children above the poverty line and some providers are unwilling to see 

Medicaid-insured children due to the program’s lower reimbursement rates (Larson et. al 2016; 

Leininger and Levy 2015).  

Though some studies have found public coverage (e.g. Medicaid and CHIP) is associated 

with diminished access to care, there is not consensus on the issue. Children with public 

coverage actually tend to have less out-of-pocket expenses when utilizing medical services due 

to the copayments and premiums that come with private insurance (McMorrow et al. 2014). 

Low-income children with public and private coverage also have similar overall access to care, 

while public and private coverage among all children resulted in equal likelihoods of having a 

usual source of care (Dubay and Kenney 2001; McMorrow et al. 2014). While there is no 

definitive answer on whether public coverage results in restricted access to care, the main point 

remains that low-income children are at greater risk of facing barriers to accessing needed 

services.   
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The significant role of Medicaid among low-income families, and particularly children, is 

largely explained by the program’s design; Medicaid is a means-tested program jointly 

administered by states and the federal government designed to provide low-income individuals 

with health coverage. However, eligibility for Medicaid is not determined by income level alone; 

states set eligibility for Medicaid, which varies by groups including children, pregnant women, 

parents, and childless adults. Children that are under 133 percent of the federal poverty level are 

currently eligible for Medicaid in all states and most have been eligible for coverage in the past, 

but parents and childless adults prior to 2014 often did not qualify for Medicaid benefits due to 

the low eligibility limits set by states (Brooks et al 2018). The passage of the Affordable Care 

Act in 2010 and the following implementation in 2014 changed the role of Medicaid for low-

income adults.  

The Affordable Care Act was created with the goal of reducing the number of uninsured 

in the United States and making healthcare coverage more affordable; these goals both work to 

achieve greater access to healthcare. Between 2010, when the law was passed, and 2015, almost 

20 million previously uninsured Americans gained health insurance (Garret and Gangopadhyaya 

2016). In a two-year period, access to healthcare among adults increased in 49 states and 

uninsured rates decreased for children in 28 states, making major strides in the policy goal of 

ensuring timely access to care (Hayes et al.).  

One of the main ways the ACA worked to provide affordable health insurance was 

through Medicaid expansion, which increased Medicaid eligibility for adults up to 138 percent 

FPL. Medicaid expansion in all states was part of a three-part plan to ensure coverage for 

everyone in the US, when combined with the individual mandate provision and subsidies for 



10 
 

marketplace coverage. However, the Supreme Court case, National Federation of Independent 

Business v. Seblius 567 US 519 (2012) overturned the mandatory Medicaid expansion, ruling 

that it was coercive and unconstitutional.  

As a result of the Seblius case, over a dozen states have chosen not to expand their 

Medicaid programs to cover adults up to 138 percent FPL. There were 17 states that had not 

adopted Medicaid expansion as of 2017, with ten of the non-expansion states in the South region 

defined by NHIS (Garfield, Damico, Orgera 2018; Cohen, Martinez, and Zammiti 2018). All 

states saw a drop in their uninsured rates following the ACA, but the reductions were greater in 

expansion states compared to non-expansion states by 16 percentage points (Garret and 

Gangopadhyaya 2016).  

The South not only represents over a half of the states that have not expanded Medicaid, 

but also holds some of the nation’s highest rates of poverty, rural communities, and uninsurance 

in the nation. In rural areas that expanded Medicaid, insurance rates significantly decreased, 

dropping by over half, and expansion has helped to close the gap between urban and rural 

insured rates (Alker and Hoadley 2018). Non-expansion states have continued to see larger rates 

of uninsurance in rural areas, where parents of children comprise more than a fifth of the 

uninsured adults (Alker and Hoadley 2018).  

Though the Medicaid expansion only applied to adults, children are affected by the 

provision because of the welcome mat effect. The welcome mat effect is when health coverage 

among children increases when their parents gain coverage as well. When parents have health 

insurance, children are more likely to be covered even if they were already eligible for public 

coverage prior to their parents gaining insurance (DeVoe et al. 2015; Hudson and Moriya 2017). 
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Thus, the provisions targeted at increasing adult coverage had a spillover effect for children. At 

the time of the ACA, over 20 million children were eligible for Medicaid with 15.5 million 

enrolled in the program; within two years, more than 700,000 previously eligible children 

became enrolled (Hudson and Moriya 2017).  

The welcome mat effect resulting from the ACA has been most heavily studied within the 

context of the Medicaid expansion. States that adopted expansion have been found to have 

increased coverage for both children and their parents, which has been attributed to the welcome 

mat effect along with simplified Medicaid enrollment and increased outreach among eligible 

Medicaid populations (Aizer and Grogger 2003; Garret and Gangopadhyaya 2016; Hudson and 

Moriya 2017). Though child uninsured rates have dropped in non-expansion states following the 

ACA, the decreases are smaller than in expansion states. If all states would have adopted 

Medicaid expansion, an estimated 200,000 additional children would have gained coverage 

(Hudson and Moriya 2017). With an increase in coverage, children would have a greater 

likelihood of having access to needed health services and receiving timely care.  

In states that did not expand Medicaid, children are now faced with additional barriers to 

access, especially in the South. The South has the nation’s lowest Medicaid and CHIP 

participation rates among children as well as the highest concentration of uninsured children in 

the US following the ACA, accounting for over half of the uninsured child population; this may 

be associated with many states in the region failing to expand Medicaid (Haley et al. 2018; 

McMorrow and Kenney 2018). In all non-expansion states, children were almost twice as likely 

to be uninsured, accounting for 1.5 million of the eligible but not enrolled Medicaid population 

(Haley et al. 2018; Rudowitz et al. 2016). While coverage does not guarantee access, insurance 
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coverage reduces the cost of receiving healthcare services, which is one of the greatest barriers in 

children accessing care.  

 Even without the issue of Medicaid expansion, children are still facing gaps in access to 

care. Uninsured children are less likely to have usual sources of care while children with private 

insurance tend to have higher out of pocket costs and more difficulty paying medical bills 

compared to privately insured children (Selden and Hudson 2006; McMorrow et al. 2014). There 

are access concerns for children with public coverage even post-ACA as a result of lower 

provider payments, which may reduce the number of providers willing to see Medicaid-covered 

children (McMorrow et al. 2014). The disparities in access among demographic and 

socioeconomic groups persist, though there have been improvements. Despite the progress made 

by the Affordable Care Act, some children are still unable to access necessary medical services 

or encounter barriers to utilizing care.  

IV. DATA AND METHODS  

Data and Analysis Sample  

Data are from the 2010 to 2017 National Health Interview Survey (NHIS), a nationally 

representative, cross-sectional household survey. I use the Integrated Public Use Microdata 

Series NHIS database, which harmonizes NHIS variables across years for public use data. A 

strength of IPUMS’ integration of variables is that it allows for variables to be comparable over 

the analyzed period by combining the same information with the different variable names into a 

single variable. The years 2010 to 2017 were chosen because the period starts in the year the 

Affordable Care Act was signed into law and provides four years prior to the implementation of 

the policy (2010-13) and four years following the implementation (2014-17). The data are 
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collected on a sample child from an in-person interview with a knowledge adult within the 

child’s household.  

For 2010 to 2017, there were 795,645 individuals in the sample. The sample was limited 

to include only children, ages 0 to 18, in order to examine changes in access to care among this 

population (n = 211,070). The sample sizes for each year vary and there is additional variability 

in sample size for each access measure due to non-reporting, classified as unknown or not in 

universe (NIU). The universe is defined as the population predicted to have a response to the 

question in the questionnaire. Questions are not asked to children when they are not within the 

universe, like questions on employment status.   

The data include sampling weight variables in order to allow for population-based 

estimates. A person weight is used since analysis is on the individual child level. The sum of the 

person weight for each year is equal to the civilian, non-institutionalized US population (Blewett 

et al, 2018).  

A missing flag variable is created to remove missing observations from the dummy 

independent variables. The missing observations are removed through listwise deletion rather 

than adjusted for since they are missing at random, meaning the reason the observations are 

missing from the sample is unrelated to the estimation of the dependent variables. The missing 

data are removed in order to have a consistent number of observations for the independent 

variables. Following listwise deletion of the missing observations, there are 170,460 observations 

remaining for the control and explanatory variables.  
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Variables  
 

The dependent variables used in each of the multivariate logit models are a range of 

measures that indicate different dimensions of a child’s access to care. These variables are 

dummy variables that are recoded from the original data set, where the variable is coded 1 if a 

child has the access measure and 0 if they do not.  

A child is denoted as having had a checkup in the last 12 months if their parents indicated 

they had “a well-checkup, that is a general check-up when [he/she] was not sick or injured.” 

Having transportation to a healthcare services was indicated if the parents answered “no” to the 

survey question “Have you delayed care for any of the following reasons in the past 12 months? 

… You didn’t have transportation.” Parents reported getting a timely appointment if the child did 

not have to delay care because they could not get an appointment soon enough. Parents also 

reported their child had a usual place of care if they had a place where they “usually go when the 

child is sick or needs advice about [his/her] health.” A child is indicated to obtain care without a 

cost barrier if their parent responded “no” to the question “During the past 12 months, have you 

delayed seeking medical care/has medical care been delayed for anyone in the family because of 

worry about the cost?”  

The control and explanatory variables are also recoded into dummy variables in order to 

clearly parse out their effects. The interaction variables between mother’s insurance coverage 

and post-ACA as well as region and post-ACA and child’s insurance coverage and post-ACA are 

the key explanatory variables.  

The mean values of the independent and dependent variables are listed in Table 2. Since 

all variables are dummy variables, the means lie between 0-1 and can be read as a percentage. 
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The majority of children in the sample have access to healthcare services; the worst access 

measure is having a checkup in the last 12 months, with 82 percent of the children in the sample 

having had a reported checkup in the designated time period. By contrast, 98 percent of the 

children in the sample had transportation to healthcare services.  

The sample is almost exactly split between the pre-ACA and post-ACA period. 

Approximately three-fourths of children’s mothers have less than a college education, with 40 

percent of mothers having a high school diploma or less. Of the sample, nine percent of the 

children had no insurance coverage compared to 20 percent uninsurance among their mothers. 

Finally, a quarter of the children live below the poverty line, determined by their family size and 

household income.  

Table 1. Definition of Variables  
 

Label  Variable Definition 
Checkup12 Child had check-up in last 12 months (dependent variable) 
Hadtransport Child had transportation to healthcare service (dependent variable) 
Gotappoint Child was able to get timely appointment (dependent variable) 
Usualplace Child had a usual source of care (dependent variable) 
Nocostbarrier Child did not have cost barrier to receiving medical care 

(dependent variable)  
Pre-ACA Years 2010, 2011, 2012, 2013 
Post-ACA Years 2014, 2015, 2016, 2017  
South Child lives in the South = 1   
Northeast Child lives in the Northeast = 1  
Midwest Child lives in the Midwest = 1   
West Child lives in the West = 1   
Childuninsured Child is uninsured = 1   
Childprivatecov Child has private coverage = 1  
Childpubcov Child has public coverage = 1   
Parentuninsured Mother is uninsured = 1   
Parentprivatecov Mother has private coverage = 1  
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Table 1 (cont.) 
 

Label Variable Definition 
Parentpubcov Mother has public coverage = 1  
Female Child is female = 1   
UScitizen Child is a US citizen = 1   
Lessthanhs Mother has less than high school education = 1  
Somecollege Mother has some college education = 1   
Collegegrad Mother has bachelor’s degree = 1  
Postbachelors Mother has advanced degree = 1  
White Child is white = 1  
Black Child is black = 1  
Hispanic Child is Hispanic = 1  
Other Race Child is other race = 1  
Belowpovlevel Family income falls below US poverty threshold = 1  
Poor health  Child has poor health status = 1  
Fair health  Child has fair health status = 1  
Good health Child has good health status = 1  
Very good health  Child has very good health status = 1  
Excellent health  Child has excellent health status = 1  
ChilduninsuredPost Interaction variable between child being uninsured and post-ACA 
ChildpubcovPost Interaction variable between child having public coverage and 

post-ACA 
ChildprivatecovPost Interaction variable between child having private coverage and 

post-ACA 
ParentuninsuredPost Interaction variable between mother having private coverage and 

post-ACA 
ParentpubcovPost Interaction variable between mother having public coverage and 

post-ACA 
ParentprivatecovPost Interaction variable between mother having private coverage and 

post-ACA  
SouthPost Interaction variable between South region and post-ACA  
NortheastPost Interaction variable between Northeast region and post-ACA  
MidwestPost Interaction variable between Midwest region and post-ACA  
WestPost Interaction variable between West region and post-ACA  
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Table 2. Descriptive Statistics  

 
Variable Observations Mean Standard Deviation 

Check-up in last 12 months  78,907 0.82 0.38 
Had transportation to 
healthcare service 80,785 0.98 0.13 
Able to get timely 
appointment 80,780 0.96 0.20 
Had usual source of care 80,836 0.95 0.21 
Did not have cost barrier to 
receiving care 170,428 0.97 0.17 
Pre-ACA 170,460 0.52 0.50 
Post-ACA 170,460 0.48 0.50 
South 170,460 0.35 0.48 
Northeast 170,460 0.15 0.36 
Midwest 170,460 0.21 0.41 
West 170,460 0.29 0.45 
Female 170,460 0.49 0.50 
US Citizen 170,460 0.97 0.18 
Mother’s education – less 
than high school  170,460 0.40 0.49 
Mother’s education – some 
college  170,460 0.31 0.46 
Mother’s education – 
bachelor’s degree 170,460 0.19 0.39 
Mother’s education – 
advanced degree  170,460 0.10 0.30 
Child insurance type – 
uninsured  170,460 0.06 0.24 
Child insurance type – 
private coverage  170,460 0.51 0.50 
Child insurance type – public 
coverage  170,460 0.40 0.49 
Mother insurance type – 
uninsured  170,460 0.19 0.39 
Mother insurance type – 
private coverage  170,460 0.58 0.49 
Mother insurance type – 
public coverage  170,460 0.22 0.41 
White 170,460 0.48 0.50 
Black 170,460 0.14 0.35 
Hispanic 170,460 0.29 0.45 
Other Race 170,460 0.08 0.27 
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Table 2 (cont.) 
 

Variable Observations Mean Standard Deviation 
Below poverty level  170,460 0.24 0.42 
Poor health  170,460 0.00 0.05 
Fair health  170,460 0.02 0.13 
Good health 170,460 0.15 0.36 
Very good health  170,460 0.26 0.44 
Excellent health  170,460 0.57 0.50 

 
Data Limitations  

There are some limitations within the data, namely self-reporting and data collection. 

NHIS data are based on self-reported information during in-person interviews, which may result 

in possible inaccuracies due to difficulties remembering information from a 12-month time 

period. Also, the data on children are based on reporting from a knowledgeable parent or adult 

but is not reported by the child themselves.  

As previously mentioned, NHIS defines universes as the populations that are likely to 

have a response to a particular question; this means that different questions are asked based on 

the defined universe. Some variables’ universes have changed over the years, resulting in “yes” 

or “no” answers to questions about children’s access in addition to “NIU” responses. The sample 

size for children with “yes” or “no” responses is large enough that analyses on access measures 

can still be completed without estimation or generalizability problems; the number of 

observations with a “yes” or “no” answer for the selected dependent variables range from 78,907 

to 170,428.   

Maternal and child health coverage are key explanatory variables in my analyses. The 

data on parental health coverage come from the respondents’ answers at the time of the in-person 
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interview. However, the respondents’ health coverage may change over the course of a given 

year, which is not accounted for in the variables identifying coverage.  

Methodology  

 Bivariate analyses are run to see the relationship between key explanatory variables, 

maternal health coverage, child health coverage, and region, and socioeconomic and 

demographic characteristics by pre- and post-ACA time period. A bivariate analysis is also run 

for the binary access to care measures to see the relationship between the measures and 

socioeconomic and demographic characteristics over the ACA implementation period.  

For the bivariate analysis of child and maternal coverage types, the results are reported 

for public coverage, private coverage, and no coverage. Though some of the children and 

mothers in the sample have some other form of health coverage (i.e. Tricare, Medicare, etc.), this 

portion accounts for less than two percent of the sample and thus, the bivariate analysis for 

“other coverage” category is not reported.  

To analyze the relationship between the Affordable Care Act and changes to access to 

care pre- and post-2014 policy shifts for children in the South, I estimate five multivariate 

logistic regression models. A model is run for each binary access to care measure in order to see 

the unique effects of my explanatory variables on each measure. The multivariate logistic models 

are created to estimate the access to care measures based on maternal health coverage, the child’s 

insurance coverage, ACA policy change, and region, controlling for the child’s gender, 

citizenship, race/ethnicity, poverty level, health status, and mother’s education. Due to the non-

linear nature of a logistic regression, average marginal effects are calculated to allow for direct 

interpretation of the resultant coefficient estimates. The marginal effects show the probability of 
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each access measure for type of maternal coverage, child coverage, and region in comparison to 

their respective reference groups (mother is uninsured, child is uninsured, and the South region).   

The logistic regressions were run accounting for the complex survey sampling design by 

using the primary sampling unit and strata constructed by IPUMS as well as the person weight. 

Primary sampling unit and strata are used for variance estimation to adjust for clustering and 

stratification. The person weight, created by IPUMS and adjusted for non-response, is applied to 

the analysis to allow for population-based estimates within the complex survey sampling design.  

A sensitivity analysis is conducted in order to test the accuracy and robustness of my 

model. I run an ordered logistic model by creating an index for a child’s access to care, starting 

at a child having 0 access measures and going to having 5 access measures. The ordered logistic 

model includes the same explanatory and control variables as the five multivariate logistic 

regressions. 

Methodological Limitations  

The public-use and cross-sectional nature of the data present several limitations in my 

analyses. The NHIS public-use data do not include identifiers for each state. Instead, only census 

regions are available as an identifier of geographic location of a respondent. For the purposes of 

this analysis, I was unable to access restricted use data that would allow for state level identifiers. 

State level identifiers would allow for direct analysis of Medicaid expansion, comparing states 

that expanded the program to states that did not expand. I use the available census region data 

along with Medicaid expansion information and previous studies to compare regional access to 

care differences based on the number of states that expanded Medicaid within each region.  
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NHIS also provides cross-sectional data rather than longitudinal panel data. The cross-

sectional data come from a different group of children surveyed each year, chosen from a 

random sample of households. This means that I am unable to track the changes in access to care 

for the same children across years.  

Finally, participant selection into the survey is random in order to represent the overall 

health of the nation. However, participation in the survey is voluntary, resulting in potential 

selection bias and certain types of households being underrepresented in the sample. 

V. RESULTS  

Bivariate Results  

Maternal and Child Coverage  

 Results examining bivariate relationships between the explanatory variables, maternal 

health coverage and child health coverage, and demographic and socioeconomic characteristics 

are shown in Table 3 and Table 4 respectively. The characteristics of children based on their 

health coverage and their mother’s health coverage are largely consistent in the pre- and post-

ACA time periods. The biggest differences between time periods lie in the racial/ethnic 

composition of children across coverage types. After the ACA implementation, white children 

account for a higher percentage of the children who are uninsured (35%), have public coverage 

(33%), or have private coverage (67%). The percentage of white children in the sample is also 

several percentage points higher in the post-ACA period when the analysis is based on the type 

of coverage their mother has than in the pre-ACA period.  

 The results in Tables 3 and 4 also show the majority of mothers have less than a 

bachelor’s degree across coverage types. There is greater homogeneity in education levels 
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among children who are uninsured and have public coverage or children whose mothers fall into 

the same insurance categories in comparison to their counterparts who have insurance. 

Approximately two-thirds of children who have no insurance or have public coverage come from 

families where their mother has a high school degree or less.  

 More than half of the children with public coverage or whose mothers have public 

coverage are in households that fall below the poverty level. This is not surprising as children 

living below the poverty line generally qualify for public coverage, namely Medicaid and CHIP. 

 The self-reported health of children based on their health coverage or the coverage of 

their mothers was relatively high in both time periods, but there was an increase in the highest 

self-reported health category post-ACA in both bivariate analyses. The number of children 

reporting “excellent health” increased two to three percentage points across insurance categories 

over the observation period.   

Region 

 Table 5 presents the socioeconomic and demographic characteristics of children by 

geographic region. There are distinctive compositional differences across the regions, most 

notably in the education level of mothers, race/ethnicity of children, and poverty status of the 

children’s household. By maternal education level, the South and West regions are similar with 

around 75 percent of children’s mothers having less than a college degree. In contrast, the 

Northeast and Midwest regions have approximately 65 percent of children, or ten percentage 

points fewer, falling in the less than college degree category.  

 The race/ethnicity of children represents the greatest differentiation between geographic 

regions. The South and West have the highest percentage of minority children, though the 
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South’s composition is more evenly distributed among minority groups. Of the children in the 

South, 24 percent are black and 28 percent are Hispanic, comprising more than half of the 

children in the region. By comparison, the Northeast and Midwest only have a 45 percent and 37 

percent minority child population respectively. The racial and ethnic composition of each region 

is important as the literature has found minority children are less likely to have access to care.  

 The findings in Table 5 also indicate that a greater percentage of the children in the South 

region live in households with incomes below the federal poverty level. The difference between 

the South and other regions in percentage of child poverty ranges between three and seven 

percentage points.  

Access Measures  

 The results in Table 6 present a comparison of socioeconomic and demographic 

characteristics by access measures: child has the access measure versus child does not have the 

access measure. Trends in the access to care measures were similar between pre- and post-ACA 

time periods, though the highest level of self-reported health increased following ACA 

implementation, regardless of whether a child had an access measure.  

 The measure of children having transportation to healthcare services shows a large 

variation in access based on poverty level. Of the children who do not have transportation to a 

healthcare service, 66 percent and 57 percent of these children are below the poverty line pre-

ACA and post-ACA, respectively. By comparison, approximately 20 percent of children who 

have transportation to healthcare services have household incomes below the poverty level. 

These results indicate that children in poverty disproportionately do not have access to healthcare 

due to lack of transportation.   
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 Hispanic children have the worst access to care of the racial and ethnic groups. Across 

every access measure, Hispanic children make up a larger percentage of children who do not 

have access to care than children who do have access to care. For children who have a usual 

source of care, 24 percent are Hispanic, compared to the children who do not have a usual source 

of care, of which 38 percent are Hispanic. Minority children make up half or more of the 

children who do not have access to care, across all of the access measures.  

Multivariate Results  

 Table 7 presents the results of estimating a series of logistic regressions predicting five 

access to care measures. The findings show that holding socioeconomic and demographic 

characteristics constant, the Affordable Care Act did not have a significant effect on the access to 

healthcare among children (Table 7). There is no evidence of regional differences in children’s 

access to care following ACA implementation; the interaction terms between post-ACA and 

region variables are indistinguishable from zero. Only one regional interaction variable shows a 

meaningful effect on access to care: a child being from the Midwest having a usual source of 

care.  

 Despite the lack of post-ACA regional significance, the results indicate that region affects 

a child’s access to care, irrespective of time period. Being from the Northeast increases the 

probability of a child’s access to care for four out of five access measures, while children living 

in the West have a decreased probability of access for the same number of measures, as reflected 

in the statistical significance of the geographic region variables. The findings show a child living 

in the Northeast increases the probability of having a checkup in the last 12 months by 11.44 

percentage points compared to children in the South, which is the largest regional effect found in 
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the analysis (Model 1). The Northeast has a lower percentage of children below the poverty level 

based on the regional bivariate analysis and has the lowest number of non-metro counties out of 

the four regions as shown in Figure 2, which may explain the differences, especially the large 

differences, between the Northeast and South. The states in the Northeast region also have lower 

rates of rural populations than states in the South (see Table 8).  

 Almost every level of mother’s education has a significant association with each access 

measure in Table 7. Maternal education level increases measures of access to care overall 

between 0.23 and 11.19 percentage points depending on the measure. However, children have a 

decreased probability of receiving a timely appointment across each level of mother’s education, 

with the negative effects increasing as mother’s education increases. Higher education levels are 

generally associated with more work hours, so the negative effects of mother’s education on 

children’s ability to get a timely appointment could be due to healthcare services not being 

accessible after normal work hours.  

 The effect of a child’s race and ethnicity on the access to care measures is mixed. 

Minority children are overall less likely to have access to healthcare across the five dimensions 

considered here than white children, with the greatest negative effects seen among Hispanic 

children. In contrast to white children, Hispanic children have statistically significantly lower 

probabilities of having transportation to healthcare services, getting a timely appointment, and 

having a usual source of care. A child who is black has an increased probability of 3.5 

percentage points of having a checkup in the 12 months compared to white children, but has a 

comparatively lower probability of having transportation to healthcare services.  
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 Despite my hypothesis that living below the poverty line would be associated with 

diminished access to care, there is only a significant association between poverty level and two 

of the access measures. Being below the poverty line has a highly significant effect on the 

probability of a child having transportation to healthcare services, decreasing the probability by 

1.26 percentage points relative to children in households above the poverty level. The negative 

correlation between poverty level and transportation access to health services reflects the 

findings in the bivariate analyses showing the high percentage of children without access to 

transportation that were below the poverty level.  

 There is no evidence that child coverage or maternal health coverage have a significant 

effect on access to care measures following the implementation of the Affordable Care Act. The 

interaction variables for child and maternal coverage and post-ACA did not achieve statistical 

insignificance. This means that the effect of child and maternal insurance coverage on access to 

care does not vary based on the time period. Results were consistent with the ordered logit 

estimates run as a sensitivity analysis (see Table 9).  

 There is, however, a significant association between child and maternal coverage and 

access to care overall. For any insurance type, a child having health coverage increased the 

probability of a child having access to care. The increase in probability of access to care between 

uninsured children and children with public or private coverage is greatest for children receiving 

a checkup in the last 12 months; a child having public coverage increases the probability of 

having a checkup by 14.5 percentage points and a privately insured child has an almost 10-

percentage point increase in the probability of having a checkup compared to children without 

any insurance.  



27 
 

 Children with public coverage are found to have a lower probability of getting a timely 

appointment relative to uninsured children. The diminished access to timely appointments may 

be due to the number of providers willing to accept patients with public coverage, specifically 

Medicaid.   

 Though there is no evidence of the welcome mat effect following ACA implementation, 

the results do indicate the presence of a welcome mat effect in general. Children whose mothers 

had insurance coverage are more likely to have access to care than children whose mothers are 

uninsured. Whether a child’s mother has public or private coverage, the probability of having a 

checkup, having a usual source of care, and having no cost barrier to receiving care increase, and 

the effects are distinguishable from zero.  

VI. DISCUSSION AND CONCLUSIONS 

 In this paper I explore the effects of the Affordable Care Act on children’s access to care 

and whether there are regional differentials in access based on the policy. The results did not to 

support my hypothesis that the failure of many Southern states to expand the ACA’s Medicaid 

expansion has affected children’s access to care in the region. A likely explanation for this result 

is the provisions in the ACA were largely aimed at improving health insurance coverage for 

adults and were not child-focused.  

 Despite the lack of ACA-specific effects, this study had meaningful findings on regional 

differentials in access to care as well as the importance of insurance coverage for children in 

accessing care. The results showed that the geographic region a child lives in does have a 

significant effect on their ability to access healthcare services. Further research is needed to 

determine the underlying factors influencing child healthcare access. An examination of state 
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healthcare policies, especially for states in the Northeast region, would provide a better 

understanding of why children in some regions have greater access to care than others and could 

inform best practices for other states or regions to follow.  

 My findings of the significant association between insurance coverage and access to care 

are consistent with previous literature. A child having health insurance decreases the cost of 

receiving care, and thus, results in a greater likelihood that the child will get the health services 

he or she needs. However, the results showing a child with public coverage had decreased access 

to timely appointments may indicate the need to evaluate current Medicaid provider payment 

rates. While there could be other factors driving this result, previous research has suggested that 

payment rates affect the willingness of providers to see children covered by Medicaid, which 

state policies can work to address.  

 In this study, I found evidence of the welcome mat effect phenomenon, though not as a 

consequence of the Affordable Care Act. The welcome mat effect was shown in the statistically 

significant effects of a child’s mother having healthcare coverage on the probability of a child 

accessing care. Improved efforts at the state level should be made to enroll not only eligible 

children, but eligible parents in public or ACA marketplace coverage options to promote greater 

healthcare access among children.  

 There are some limitations to using cross-sectional data for this analysis. Cross-sectional 

data provide a different sample of children for each of the eight years that were analyzed. 

Longitudinal data would have followed the same children over the eight-year period and would 

have better represented the effects of the Affordable Care Act on individual children. 
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 The results found in this paper reveal the need for regional specific healthcare policies. 

Each region in the study has a distinct socioeconomic and demographic composition which 

likely contributed to the geographic differentials in access to care. Policies designed with 

consideration of regional characteristics would avoid a “one-size-fits-all” approach found in 

previous policies like CHIP or the ACA and thus, might be better targeted for the needs of the 

regional population. Additional research is needed to determine the regions and access measures 

that would benefit the most from further policy interventions.  
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ADDITIONAL TABLES AND FIGURES  

Table 3. Relationship between Demographic Characteristics and Parental Coverage 
 

 Parental Coverage 
 (1) 

Uninsured 
(2) 

Public Coverage 
(3)  

Private Coverage  
Pre-ACA Means Means  Means  

Female  0.49 0.49 0.49 
US citizen 0.92 0.96 0.98 
Less than high school  0.67 0.64 0.23 
Some college 0.26 0.29 0.34 
College graduate 0.06 0.05 0.28 
Post bachelors 0.01 0.02 0.15 
White  0.26 0.27 0.59 
Black 0.13 0.27 0.12 
Hispanic  0.55 0.39 0.19 
Other Race 0.05 0.06 0.09 
Below poverty level 0.45 0.61 0.05 
Poor health  0.00 0.00 0.00 
Fair health  0.03 0.04 0.01 
Good health 0.22 0.22 0.11 
Very good health  0.27 0.26 0.27 
Excellent health  0.48 0.47 0.61 

Post-ACA    
Female  0.49 0.49 0.49 
US citizen 0.93 0.97 0.98 
Less than high school  0.67 0.59 0.21 
Some college 0.25 0.32 0.32 
College graduate 0.06 0.07 0.29 
Post bachelors 0.02 0.02 0.18 
White  0.28 0.35 0.64 
Black 0.10 0.23 0.10 
Hispanic  0.55 0.34 0.17 
Other Race 0.05 0.07 0.09 
Below poverty level 0.41 0.52 0.04 
Poor health  0.00 0.01 0.00 
Fair health  0.02 0.03 0.01 
Good health 0.20 0.21 0.10 
Very good health  0.26 0.26 0.26 
Excellent health  0.51 0.50 0.64 

 
Source: Author analysis of IPUMS Health Interview Surveys: National Health Interview Survey 
(NHIS) data, 2010-2017. Version 6.3. Minneapolis, MN: IPUMS 2018.  
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Table 4. Relationship between Demographic Characteristics and Child Coverage 
 

 Child Coverage 
 (1)  

Uninsured 
(2) 

Public Coverage 
(3)  

Private Coverage  
Pre-ACA Means Means Means 

Female  0.48 0.49 0.49 
US citizen 0.82 0.97 0.98 
Less than high school  0.64 0.64 0.21 
Some college 0.27 0.29 0.33 
College graduate 0.07 0.06 0.29 
Post bachelors 0.02 0.02 0.17 
White  0.28 0.26 0.62 
Black 0.11 0.22 0.11 
Hispanic  0.53 0.45 0.17 
Other Race 0.07 0.05 0.09 
Below poverty level 0.32 0.52 0.03 
Poor health  0.00 0.00 0.00 
Fair health  0.02 0.03 0.01 
Good health 0.20 0.23 0.10 
Very good health  0.28 0.27 0.26 
Excellent health  0.50 0.47 0.63 

Post-ACA    
Female  0.48 0.49 0.49 
US citizen 0.83 0.97 0.99 
Less than high school  0.60 0.59 0.18 
Some college 0.27 0.31 0.31 
College graduate 0.10 0.07 0.32 
Post bachelors 0.03 0.02 0.20 
White  0.35 0.33 0.67 
Black 0.09 0.20 0.08 
Hispanic  0.48 0.40 0.15 
Other Race 0.08 0.06 0.09 
Below poverty level 0.26 0.45 0.02 
Poor health  0.00 0.00 0.00 
Fair health  0.02 0.03 0.01 
Good health 0.18 0.21 0.08 
Very good health  0.28 0.26 0.25 
Excellent health  0.52 0.50 0.65 

 
Source: Author analysis of IPUMS Health Interview Surveys: National Health Interview Survey 
 (NHIS) data, 2010-2017. Version 6.3. Minneapolis, MN: IPUMS 2018.  
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Table 5. Relationship between Demographic Characteristics and Region 
 

 Region  
 (1)  

South  
(2) 

Northeast 
(3)  

Midwest  
(4)  

West  
 Means Means Means Means 
Female  0.49 0.49 0.49 0.49 
US citizen 0.97 0.97 0.98 0.96 
Less than high 
school  0.42 0.35 0.33 0.44 
Some college 0.31 0.28 0.34 0.31 
College graduate 0.18 0.22 0.22 0.17 
Post bachelors 0.09 0.15 0.11 0.08 
White  0.42 0.55 0.67 0.37 
Black 0.24 0.14 0.13 0.04 
Hispanic  0.28 0.23 0.15 0.44 
Other Race 0.05 0.08 0.06 0.12 
Below poverty 
level 0.27 0.20 0.20 0.24 
Poor health  0.00 0.00 0.00 0.00 
Fair health  0.02 0.02 0.01 0.02 
Good health 0.15 0.14 0.14 0.17 
Very good health  0.25 0.27 0.28 0.26 
Excellent health  0.57 0.57 0.57 0.55 
 
Source: Author analysis of IPUMS Health Interview Surveys: National Health Interview Survey 
(NHIS) data, 2010-2017. Version 6.3. Minneapolis, MN: IPUMS 2018.  



 

Table 6. Relationship between Demographic Characteristics and Access to Care Measures 
 
 

Access to Care  
 (1)  

Child had 
checkup in 

last 12 
months  

(2) 
Child 

did not 
have 

checkup 
in last 12 
months 

 (3) 
Child had 

transportatio
n to 

healthcare 
service 

(4) 
Child did 
not have 

transportatio
n to 

healthcare 
service 

(5) 
Child was 
able to get 

timely 
appointmen

t 

(6) 
Child was 
not able to 
get timely 

appointmen
t 

(7)  
Child had 

a usual 
place for 

care 

(8)  
Child did 
not have a 

usual 
place for 

care 

(9)  
Child did 
not have 

cost barrier 
to 

receiving 
medical 

care 

(10)  
Child had 

a cost 
barrier to 
receiving 
medical 

care 

Pre-ACA Means Means Means Means Means Means Means Means Means Means 
Female  0.48 0.49 0.48 0.50 0.49 0.48 0.49 0.48 0.49 0.50 
US citizen 0.97 0.93 0.97 0.94 0.97 0.96 0.97 0.84 0.97 0.91 
Less than high 
school  0.36 0.50 0.38 0.71 0.39 0.43 0.38 0.57 0.42 0.45 
Some college 0.33 0.30 0.32 0.24 0.32 0.35 0.32 0.25 0.31 0.38 
College graduate 0.20 0.14 0.19 0.04 0.19 0.15 0.19 0.12 0.18 0.12 
Post bachelors 0.11 0.06 0.10 0.01 0.10 0.08 0.10 0.06 0.09 0.06 
White  0.47 0.44 0.47 0.22 0.47 0.37 0.47 0.33 0.45 0.40 
Black 0.16 0.12 0.15 0.25 0.15 0.16 0.16 0.12 0.16 0.14 
Hispanic  0.27 0.35 0.29 0.46 0.28 0.39 0.28 0.45 0.31 0.39 
Other Race 0.08 0.08 0.08 0.05 0.08 0.07 0.08 0.09 0.08 0.06 
Below poverty 
level 0.21 0.24 0.21 0.66 0.22 0.32 0.22 0.30 0.26 0.27 
Poor health  0.00 0.00 0.00 0.01 0.00 0.01 0.00 0.00 0.00 0.01 
Fair health  0.02 0.02 0.02 0.06 0.02 0.05 0.02 0.02 0.02 0.04 
Good health 0.14 0.19 0.15 0.29 0.15 0.23 0.15 0.19 0.16 0.25 
Very good health  0.26 0.27 0.27 0.24 0.27 0.26 0.26 0.29 0.27 0.28 
Excellent health  0.57 0.52 0.57 0.40 0.57 0.45 0.57 0.50 0.55 0.42 

Post-ACA           
Female  0.49 0.49 0.49 0.51 0.49 0.50 0.49 0.50 0.49 0.50 

38 

33 
 



35 
 

Table 6 (cont.) 
 

Access to Care  
 (1)  

Child had 
checkup in 

last 12 
months  

(2) 
Child did 
not have 

checkup in 
last 12 
months 

 (3) 
Child had 

transportati
on to 

healthcare 
service 

(4) 
Child did 
not have 

transportatio
n to 

healthcare 
service 

(5) 
Child was 
able to get 

timely 
appointmen

t 

(6) 
Child was 
not able to 
get timely 

appointmen
t 

(7)  
Child had 

a usual 
place for 

care 

(8)  
Child did 
not have a 

usual 
place for 

care 

(9)  
Child did 
not have 

cost barrier 
to 

receiving 
medical 

care 

(10)  
Child had 

a cost 
barrier to 
receiving 
medical 

care 

US citizen 0.98 0.95 0.97 0.95 0.97 0.97 0.98 0.87 0.97 0.94 
Less than high 
school  0.32 0.45 0.34 0.62 0.34 0.35 0.34 0.49 0.37 0.40 
Some college 0.31 0.31 0.31 0.32 0.31 0.34 0.31 0.28 0.31 0.37 
College graduate 0.23 0.17 0.22 0.04 0.22 0.19 0.22 0.16 0.21 0.15 
Post bachelors 0.14 0.08 0.13 0.02 0.13 0.12 0.13 0.06 0.12 0.08 
White  0.54 0.50 0.53 0.33 0.53 0.45 0.54 0.40 0.52 0.47 
Black 0.13 0.10 0.13 0.22 0.13 0.13 0.13 0.11 0.13 0.12 
Hispanic  0.24 0.31 0.25 0.38 0.25 0.33 0.24 0.38 0.27 0.35 
Other Race 0.08 0.08 0.08 0.07 0.08 0.08 0.08 0.11 0.08 0.06 
Below poverty 
level 0.17 0.20 0.17 0.57 0.17 0.25 0.17 0.25 0.21 0.21 
Poor health  0.00 0.00 0.00 0.01 0.00 0.01 0.00 0.00 0.00 0.01 
Fair health  0.01 0.02 0.01 0.06 0.01 0.05 0.01 0.02 0.01 0.05 
Good health 0.12 0.16 0.13 0.26 0.13 0.21 0.13 0.18 0.14 0.22 
Very good health  0.26 0.27 0.26 0.26 0.26 0.28 0.26 0.26 0.26 0.28 
Excellent health  0.60 0.55 0.60 0.41 0.60 0.45 0.59 0.54 0.59 0.45 
           

Source: Author analysis of IPUMS Health Interview Surveys: National Health Interview Survey (NHIS) data, 2010-2017. Version 6.3. 
Minneapolis, MN: IPUMS 2018.  
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Table 7. Access to Care Marginal Effects – Relationship between Parental Coverage, 
Region, and Access to Care Pre- and Post-ACA (Percentage Point Estimates) 

 
 Access to Care 
 (1)   

Child had 
checkup in 

last 12 months  

(2) 
Child had 

transportation 
to healthcare 

service  

(3) 
Child was able 
to get timely 
appointment  

(4)  
Child had a 
usual place 

for care 

(5)  
Child did not 

have cost 
barrier to 
receiving 

medical care 
Post-ACA 1.32 

(0.98) 
0.15 

(0.31) 
0.16 

(0.65) 
-0.68* 
(0.34) 

0.24 
(0.28) 

Northeast 11.44*** 
(0.81) 

0.53** 
(0.21) 

0.67 
(0.37) 

3.15*** 
(0.46) 

0.87** 
(0.30) 

Midwest 0.09 
(0.60) 

0.12 
(0.16) 

-0.35 
(0.32) 

0.07 
(0.31) 

0.47* 
(0.22) 

West -1.30* 
(0.55) 

0.00 
(0.16) 

-1.36*** 
(0.26) 

-0.46 
(0.23) 

-0.69*** 
(0.17) 

Northeast*Post-
ACA 

-0.55 
(1.25) 

0.05 
(0.31) 

-0.17 
(0.53) 

0.61 
(0.67) 

-0.11 
(0.44) 

Midwest*Post-ACA 0.61 
(0.84) 

-0.03 
(0.25) 

-0.07 
(0.46) 

0.98* 
(0.48) 

-0.24 
(0.33) 

West*Post-ACA -0.90 
(0.79) 

0.20 
(0.23) 

-0.16 
(0.40) 

0.66 
(0.35) 

0.54 
(0.28) 

Female -0.49 
(0.30) 

-0.14 
0.09) 

-0.08 
(0.16) 

-0.14 
(0.15) 

-0.14 
(0.09) 

US citizen 8.73*** 
(0.80) 

0.08 
(0.21) 

0.13 
(0.47) 

4.21*** 
(0.29) 

0.16 
(0.23) 

Some college 4.54*** 
(0.39) 

0.23* 
(0.11) 

-1.12*** 
(0.20) 

1.15*** 
(0.20) 

-0.94*** 
(0.15) 

College grad 7.86*** 
(0.47) 

1.42*** 
(0.27) 

-1.37*** 
(0.26) 

1.45*** 
(0.27) 

0.06 
(0.22) 

Post Bachelors 11.19*** 
(0.66) 

1.73*** 
(0.39) 

-1.47*** 
(0.32) 

1.96*** 
(0.35) 

-0.20 
(0.30) 

Child insurance type 
– public coverage  

14.49*** 
(0.66) 

-0.43* 
(0.20) 

-1.57*** 
(0.44) 

7.68*** 
(0.32) 

5.55*** 
(0.25) 

Child insurance type 
– private coverage  

9.78*** 
(0.81) 

0.75* 
(0.38) 

0.37 
(0.52) 

6.77*** 
(0.41) 

5.03*** 
(0.32) 

Child public 
coverage *Post-
ACA 

-0.84 
(1.08) 

-0.07 
(0.37) 

0.27 
(0.70) 

-0.63 
(0.44) 

-0.21 
(0.36) 

Child private 
coverage *Post-
ACA 

-0.33 
(1.28) 

-0.21 
(0.54) 

0.40 
(0.79) 

-0.80 
(0.57) 

-0.70 
(0.46) 
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Table 7 (cont.) 
 

 Access to Care 
 (2)   

Child had 
checkup in 

last 12 months  

(2) 
Child had 

transportation 
to healthcare 

service  

(3) 
Child was able 
to get timely 
appointment  

(4)  
Child had 

a usual 
place for 

care 

(5)  
Child did not 

have cost barrier 
to receiving 
medical care 

Mother insurance 
type – public 
coverage  

2.60*** 
(0.59) 

-0.38** 
(0.14) 

-0.28 
(0.33) 

1.09** 
(0.38) 

0.82*** 
(0.27) 

Mother insurance 
type – private 
coverage  

2.63*** 
(0.70) 

1.37*** 
(0.31) 

0.55 
(0.40) 

1.59*** 
(0.38) 

0.70*** 
(0.29) 

Mother public 
coverage *Post-
ACA 

1.28 
(0.97) 

0.12 
(0.23) 

0.20 
(0.53) 

-0.42 
(0.54) 

0.07 
(0.43) 

Mother private 
coverage *Post-
ACA 

2.27* 
(1.07) 

-0.16 
(0.42) 

-0.86 
(0.62) 

0.50 
(0.54) 

1.19 
(0.44) 

Black 3.50*** 
(0.51) 

-0.49*** 
(0.14) 

0.08 
(0.28) 

0.05 
(0.24) 

0.04 
(0.20) 

Hispanic 0.46 
(0.37) 

-0.34** 
(0.12) 

-1.00*** 
(0.21) 

-0.55* 
(0.22) 

0.15 
(0.16) 

Other race 0.70 
(0.61) 

-0.15 
(0.23) 

-0.10 
(0.33) 

-1.15*** 
(0.31) 

0.86** 
(0.31) 

Below poverty 
level 

-0.02 
(0.41) 

-1.26*** 
(0.11) 

-0.38 
(0.22) 

-0.38 
(0.21) 

0.35* 
(0.18) 

Fair health 1.07 
(3.15) 

0.28 
(0.48) 

1.31 
(1.05) 

-1.17 
(1.71) 

0.85 
(0.68) 

Good health -1.25 
(3.02) 

1.05* 
(0.46) 

3.97*** 
(0.98) 

-0.86 
(1.61) 

2.58*** 
(0.63) 

Very good health 0.55 
(2.98) 

1.48** 
(0.47) 

5.61*** 
(0.98) 

-0.62 
(1.59) 

3.76*** 
(0.63) 

 
Source: Author analysis of IPUMS Health Interview Surveys: National Health Interview Survey 
(NHIS) data, 2010-2017. Version 6.3. Minneapolis, MN: IPUMS 2018. 
Marginal effects and standard error estimates are in percentage points 
Estimates are weighted to account for complex survey sample design 
Standard errors are in parentheses 
* p < 0.05, ** p <0.01, *** p < 0.001 
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Table 8. Percentage of Rural and Urban Populations by State and Region 
 

 Rural Population 
(Percentage) 

SOUTH  24.2 
Alabama 41.0 
Arkansas 43.8 
Delaware 16.7 
District of Columbia 0.0 
Florida 8.8 
Georgia 24.9 
Kentucky 41.6 
Louisiana 26.8 
Maryland 12.8 
Mississippi 50.7 
North Carolina 33.9 
Oklahoma 33.8 
South Carolina 33.7 
Tennessee 33.6 
Texas 15.3 
Virginia 24.5 
West Virginia 51.3 
NORTHEAST 15.2 
Connecticut 12.0 
Maine 61.3 
Massachusetts 8.0 
New Hampshire 39.7 
New Jersey 5.3 
New York 12.1 
Pennsylvania 21.3 
Rhode Island 9.3 
Vermont 61.1 
MIDWEST 24.1 
Illinois 11.5 
Indiana 27.6 
Iowa 36.0 
Kansas 25.8 
Michigan 25.4 
Minnesota 26.7 
Missouri 29.6 
Nebraska 26.9 
North Dakota 40.1 
Ohio 22.1 
South Dakota 43.3 
Wisconsin 29.8 
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Table 8 (cont.) 
 

 Rural Population 
(Percentage) 

WEST  10.2 
Alaska 34.0 
Arizona 10.2 
California 5.0 
Colorado 13.8 
Hawaii 8.1 
Idaho 29.4 
Montana 44.1 
Nevada 5.8 
New Mexico 22.6 
Oregon 19.0 
Utah 9.4 
Washington 16.0 
Wyoming 35.2 

 
Source: Author analysis of American Community Survey (ACS) 2010 Decennial Census 
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Table 9. Ordered Logit Estimation – Relationship between Parental Coverage, Region, and 
Access to Care Pre- and Post-ACA (Odds Ratios) 

 
 Model 1 

Ordered Logit 

Post-ACA 0.11 
(0.08) 

Northeast 0.73*** 
(0.05) 

Midwest 0.02 
(0.04) 

West -0.16*** 
(0.04) 

Northeast*Post-ACA -0.07 
(0.07) 

Midwest*Post-ACA 0.04 
(0.06) 

West*Post-ACA 0.01 
(0.05) 

Female -0.03 
(0.02) 

US citizen 0.79*** 
(0.06) 

Some college 0.20*** 
(0.03) 

College grad 0.43*** 
(0.03) 

Post Bachelors 0.58*** 
(0.04) 

Child insurance type – public coverage 1.46*** 
(0.05) 

Child insurance type – private coverage 1.25*** 
(0.06) 

Child public coverage *Post-ACA -0.13 
(0.09) 

Child private coverage *Post-ACA -0.12 
(0.10) 

Mother insurance type – public 
coverage 

0.12** 
(0.04) 

Mother insurance type – private 
coverage 

0.28*** 
(0.05) 

Mother public coverage *Post-ACA 0.10 
(0.07) 

Mother private coverage *Post-ACA 0.16* 
(0.07) 
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Table 9 (cont.) 
 

 Model 1 
Ordered Logit 

Black 0.14*** 
(0.03) 

Hispanic -0.06* 
(0.03) 

Other race 0.02 
0.04) 

Below poverty level -0.11*** 
(0.03) 

Fair health 0.27 
(0.21) 

Good health 0.53** 
(0.19) 

Very good health 0.79*** 
(0.19) 

Excellent health 0.94*** 
(0.19) 

 
  Source: Author analysis of IPUMS Health Interview Surveys: National Health  
  Interview Survey (NHIS) data, 2010-2017. Version 6.3. Minneapolis, MN:  
  IPUMS 2018. 
  Estimates are weighted to account for complex survey sample design 
  Standard errors are in parentheses 
  * p < 0.05, ** p <0.01, *** p < 0.001 
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Figure 2. Number of Rural and Urban Counties by Region, 2015-2016 
 
Source: Author analysis of Georgetown University Center for Children and Families: State Data 
on Health Coverage in Small Towns and Rural Areas, 2015/16.  
Note: Delaware, District of Columbia, Massachusetts, New Jersey, and Rhode Island counties 
were excluded from data because the states have no rural counties or less than 2 percent of the 
population live in rural counties.  
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