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ABSTRACT 

 

Cash transfer programs have increased in popularity as a mechanism to reduce present poverty by 

raising current incomes and investments in human capital of young children. Mexico was among 

the first to implement a large-scale conditional cash transfer; the Progresa/Oportunidades 

program, the explicit aim of which was to reduce the country’s widespread extreme poverty. The 

program’s demonstrated success ensured its continued existence as a pillar of Mexico’s poverty 

alleviation strategy. As such, it is important to study the long-term effects of this (and similar) 

programs on household savings. This study uses Progresa/Oportunidades program data to analyze 

the effect of the receiving cash transfers on household savings. By exploiting the randomization 

of the program’s rollout, I use OLS estimation to show that inclusion in the 

Progresa/Oportunidades program increases a households’ monthly savings by 20%. However, 

these results are not significant when household debt is accounted for. This highlights the need to 

include both savings and debt as part of cash transfer programs to enhance their effectiveness.    
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1. Introduction 

Cash transfers programs, in which governments give cash directly to their citizens to combat 

poverty, have rapidly increased in popularity since their introduction in Latin America in the 

1990s. Cash transfer programs are attractive to developing country governments because they 

eliminate the need for direct service provision by requiring beneficiaries to invest in health and 

education as a condition for eligibility. Additionally, cash incentives can be used to influence 

recipient behavior in ways that are difficult to achieve with traditional legislation. Finally, CCT 

programs have developed a legacy of efficacy in reducing poverty. This began with Mexico’s 

Progresa/Oportunidades program, which emphasized performance benchmarking and high data 

quality to demonstrate the program’s efficacy and ensure its survival through changing political 

administrations.  

This program was implemented in 1998 with the explicit goal of reducing extreme poverty in 

the country by investing in the health of new mothers, their children, and their children’s education. 

Subsequent cash transfer programs around the world have followed a similar vein by including 

requirements for human capital investments to be eligible for transfers, though some programs 

offer ‘unconditional’ transfers that have no eligibility requirements. Regardless of individual 

program requirements, the proliferation of cash transfer programs highlights their power as a 

policy tool. Therefore, it is important to investigate the long-term impacts of these programs. 

Although this paper will not examine the impact of health and education outcomes in detail, it 

is useful to review these finds to justify the argument that CCTs will continue to be used as a policy 

tool by governments in low- and middle-income countries. The body of evidence on the effects of 

existing programs illustrates they effectively build human capital among the poorest groups, a 

widely-accepted prerequisite for economic growth. If we assume these programs will continue to 
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exist through the foreseeable future, it is important to understand the “downstream” effects of these 

programs, especially savings, investment in productive assets, household consumption patterns, 

and changes in household decision-making. 

 This paper will analyze the impact of the Progresa/Oportunidades program on household 

savings through the model of an intertemporal household utility maximization; households allocate 

income between time periods to achieve an ideal level of consumption in each period. Whether 

this translates into increased long-term savings or used to equalize short-term consumption 

depends on the structure of the household; small, single generation households may prefer savings 

for future low-income periods (such as retirement) or inter-generational wealth transfer, while 

larger, multigenerational households may prefer to maximize consumption for all members of the 

household. 

 To investigate these findings, I analyze data from the Encuesta de Evaluacion de los 

Hogares Rurales (ENCEL) survey, which was conducted in selected villages to identify 

households that met Progresa/Oportunidades eligibility requirements. Due to financial and 

administrative constraints, the Mexican government could only enroll and begin providing 

transfers to only a portion of eligible beneficiaries in the first year, so eligible villages were 

randomized into treatment and control units, here households in treatment villages received 

transfers in year 1, while control villages did not begin receiving transfers until two years into the 

program. By exploiting this randomization, the causal impact of receiving a cash transfer on 

household savings, holding all other factors constant, can be identified. I find that households that 

are eligible for Progresa/Oportunidades transfers increase their monthly savings by 20 percent, 
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and those that receive transfers1 increase them by 19 percent. However, these findings do not hold 

when household debt history is introduced to the model, which is likely the result of small sample 

sizes and low statistical power.  

 The remained of the paper is organized as follows: Section II will provide background on 

the implementation of the Progresa/Oportunidades program; Section III will review the existing 

literature on cash transfer programs; Section IV provides the conceptual framework for testing the 

hypothesis presented in the paper; Section V provides context and summary statistics for the data 

set used to evaluate these hypotheses; Section VI reviews the limitations of this analysis; Section 

VII explores the policy implications of these findings; Section VIII concludes. 

2. Program Background 

The Mexican government implemented the Progresa/Oportunidades conditional cash 

transfer program in response to the realization that the existing social welfare structure depended 

on a patchwork web of intendent schemes that failed to provide a comprehensive poverty 

alleviation strategy and reach its intended beneficiaries (Levy, 2006). The programs’ primary 

architect, Santiago Levy, remarked that in order to “create a national plan to break the 

intergenerational transmission of poverty, benefits [must] reach the proper beneficiaries in a 

systematic, lasting manner” (Levy, 2006, 15-16). To achieve this goal, the government deployed 

a comprehensive household survey to create a standardized poverty index to evaluate household 

eligibility in target communities; those of 50 to 2500 residents in isolated, marginalized areas 

where access to credit is typically constrained (Gertler et al., 2012).  

 Households in communities assigned to the treatment phase began receiving 

Progresa/Oportunidades transfers in 1997, while the remaining households did not start receiving 

                                                 
1 To control for attrition, the fact that some beneficiaries may drop out of the program, I measure effects for both 

groups to control for biases if all individuals who drop out of the program are characteristically similar.  
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transfers until 2000 (Gertler et al., 2012, 168-169). Households determined to be eligible received 

monthly transfers for a three-year period, at which point they are “recertified” via a proxy-means 

test to determine eligibility for the following three years. If still eligible, the household continues 

receiving transfers through the next period, and if not, they are guaranteed transfers for an 

additional six years (Gertler et al., 2012). Therefore, households are guaranteed transfers for a 

minimum of nine years. Benefits are given to the mother of the household and the benefit is 

calculated based on the services utilized by the household, ranging from a set 90 pesos per month 

(in 1997 value) to a (predetermined) cap of 550.  

 It is important to remember that the Progresa/Oportunidades program was the first cash 

transfer program of its kind to be implemented on a national scale; at the program’s outset, the 

long-term impacts on educational and health outcomes were not well established. Thus, before 

moving into the specifics of the program, it is worth reviewing the literature on the impacts of cash 

transfers that has accumulated since the programs’ inception.  

3. Literature Review 

3.1. Why Study Cash Transfers? 

Cash transfer programs have rapidly increased in popularity as policy tools since the first 

large-scale transfer program was adopted in Mexico in the early 1990s. As of 2016, over 63 low- 

and middle-income countries have adopted some form of conditional transfer program, and 130 

have adopted an unconditional scheme (ODI, 2016). This explosion of transfer programs can be 

attributed to the relative simplicity and low administrative costs at scale compared to traditional 

policy interventions. Although policymakers must forgo alternative policy measures aimed at 

boosting national income, there is a growing body of evidence that transfer programs are both an 

equitable and efficient use of resources (World Bank, 2009).  
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In addition, there is a growing body of literature comparing the effectiveness of traditional 

policy interventions against giving cash directly to individuals, a process known as “cash 

benchmarking” (McIntosh and Zeitlin, 2018; Glassman and Rose, 2018). The idea that directly 

providing recipients with cash can be more effective than traditional policy interventions has 

particularly caught on in low-income countries, where capacity constraints are more pertinent to 

the policy decision-making framework than in wealthier contexts.  

A critical design feature incumbent to most cash transfer programs is using monitoring and 

evaluation (hereafter referred to as M&E) practices to gauge the effectiveness of the program on 

the outcomes of interest. The focus on M&E by policymakers stems from the decision by Santiago 

Levy, the architect of the Progresa/Oportunidades program, to build an evaluation unit into the 

design of what became the first large-scale CCT program. Levy worried that inability to show 

tangible results of the program would leave the program vulnerable if changes in political 

administrations brought politicians opposed to welfare state expansion into power (Levy, 2006). 

The programs’ M&E unit demonstrated, through program phase-ins and randomized control trials, 

that the program was highly effective in achieving the outcomes laid out in the original policy.  

The demonstrated efficacy of the Progresa/Oportunidades program in Mexico led to a 

boom in CCT programs first in Latin America and quickly followed by the rest of the developing 

world. Levy pointed to the programs’ use of evaluation as a key factor that allowed the program 

to survive changes in political administrations by proving that it helped alleviate poverty; the 

trailblazing nature of the program had the additional effect of bundling CCTs and program 

evaluations as the de facto norm (Levy, 2006). As CCT programs spread, a large body of evidence 

on the impact of these programs across a range of subfields grew in tandem. The first CCT 

programs targeted education and preventative healthcare for young children, but quickly expanded 
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to a broader range of education, health, nutrition, employment, and empowerment outcomes (ODI, 

2016). Fewer studies have directly studied the impact of CCT programs on individual and 

household savings and investment, typically because these programs target and track a specified 

human development outcome2.  

The following section provides a brief review of cash transfer programs on education and 

health outcomes, as these are the two most common conditions of cash transfer programs, and will 

likely continue to be so in the future. A brief review of the importance of savings and investment 

amongst the poor will then proceed the final section, which will review the existing evidence on 

saving and investment behaviors of cash transfer recipients. 

3.2. Impact of Cash Transfers on Education Outcomes 

In sum, conditional cash transfers have a positive effect on school attendance, though evidence 

is mixed on other education-related outcomes, such as learning (test scores) and cognitive 

development, such as logical reasoning and language ability (World Bank, 2009).  

Nearly every evaluated program included in systematic reviews by the World Bank (2009) and 

the Overseas Development Institute (2016) show significant positive impacts on school 

enrollment. These effects vary 0.5% in Jamaica (Levy and Ohls, 2007) to 31.3% in Cambodia 

(Filmer and Shady, 2008). The impacts of these programs vary so widely due to heterogeneous 

effects of baseline enrollment between countries and subpopulations within countries. For 

example, the transfer program in Cambodia only targeted girls in grades 7-9, for whom baseline 

enrollment was only 65% (Filmer and Shady, 2008). The Familias en Accion program in Columbia 

had a sizably smaller impact for 8- to 13-year-olds (2.1%) than for 14- to 17-year-olds (5.6%) 

                                                 
2 See ODI’s Review of Cash Transfer Programs (2016) for a comparison of the number of CT programs that directly 

target savings and the number targeting other development outcomes.  
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because of considerable differences in baseline enrollment, which were 91.7% and 63.2%, 

respectively (Attanasio et al., 2005).  

The evidence on learning and cognitive outcomes for CCT recipients is mixed both because 1) 

relatively few studies directly measure these outcomes, and 2) the variety of causal mechanisms, 

including teachers, school inputs, and socioeconomic factors, affect these outcomes 

simultaneously, making it difficult to disentangle individual effects (ODI, 2016). As countries 

achieve close to universal enrollment, the marginal impact of cash transfers on bringing more 

students into schools is exceptionally low, and so spending may shift to target learning outcomes. 

Linking financial incentives to performance on standardized tests has been attempted in the United 

States to improve learning for children enrolled in school, and the idea is beginning to catch on in 

lower income countries (Gneezy et al., 2017). A scholarship program for girls in Kenya led to 

improvements in test scores for both girls and boys in schools with scholarship recipients (Kremer 

et al., 2009). The viability of cash transfers to increase school enrollment and the potential to 

positively impact learning ensure that governments of low-income countries will continue to enact 

education-conditioned cash transfers. 

3.3. Impact of Cash Transfers on Health Outcomes 

The evidence on the impact of CCTs on health outcomes parallels the trends in education; 

CCTs greatly increase the utilization of preventative care (especially when baseline is low), but 

the evidence on “final” health outcomes is more mixed. CCTs have been used to target a range of 

health services, including pre- and post-natal care, nutrition supplements for children, 

vaccinations, and regular attendance for preventative health checks. For a detailed review of CCT 

impacts on health outcomes, reference systematic reviews by the World Bank (2009) and the 

Overseas Development Institute (2016), among others.  
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3.4. Why is Saving Important for the Poor? 

The ability to save is integral to improving individual and societal welfare across nations of all 

levels of economic development. Karlan et al. (2014, 36) succinctly synthesize this importance, 

stating that for individuals, savings “help households smooth consumption and finance productive 

investments” and that aggregate savings are a strong predictor of future macroeconomic growth. 

However, significant barriers exist to savings for the poor in developing countries; Demuirguc-

Kunt and Klapper (2012) estimate that 77 percent of adults living on $2 per day or less do not have 

an account at a formal financial institution. Even in communities where informal savings methods, 

such as savings groups or keeping cash at home, are the norm, savings rates remain low.  

Low savings rates among the poor do not imply a lack of demand for savings products; rather, 

several studies have demonstrated that the poor have substantial latent demand for savings as 

evidenced by expenditure patterns (see, Banerjee and Duflo, 2007; Rutherford, 2000; Collins et 

2009). There are intuitive reasons to expect poor households have a positive demand for savings. 

Saving allows households to better respond to income shocks, such as crop loss, injury or illness 

of a breadwinner, or purchases of expensive, productive assets. Researchers, realizing the 

existence of demand for savings by the poor, have attempted to identify the reasons the poor save 

so little. Some of these reasons include high transaction costs, information and knowledge gaps, 

and strong present biases (Karlan et al., 2014).  

Several studies have taken steps to understand the impacts of removing these barriers. In rural 

Kenya, Dupas and Robinson (2013a) studied the effect of expanded access to bank accounts for 

small-scale entrepreneurs by subsidizing bank fees. They found that removing fees led to a 

statistically significant increase in the number of active bank account users and the larger average 

account balances. Similarly, Brune et al (2013), Prina (2013), and Schaner (2013) all observe 
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similar, positive impacts by reducing barriers to saving. By this logic, we should expect to see cash 

transfers increase the propensity of the poor to save; cash transfers, by definition, increase the 

recipients’ income, thereby making the cost of saving relatively cheaper.  

3.5. Savings and Investment Behaviors of Cash Transfer Recipients 

As of 2016, 27 studies have been conducted that directly examine the impact of cash transfer 

programs on savings, investment, and production, the majority of which are unconditional 

transfers, as most of the evidence base has been generated by the UN’s From Protection to 

Production project (ODI, 2016). Of these studies, 10 examine the impact on savings. Overall, the 

results are positive. Six of these studies reported increases in household savings, three of which 

yielded statistically significant results, with effects ranging from 7 to 24 percentage point increases 

in accumulated savings. Table 1 provides an overview of these studies. 

Most of these studies generally support the theory of change that receipt of a guaranteed, 

predictable source of income should relieve households of liquidity, credit, and risk constraints, 

thereby enabling savings and investment. Studies in Zambia (Daidone et al., 2014), Kenya 

(Merttens et al., 2013), and Uganda (Merttens et al., 2015) all show statistically positive impacts 

on the likelihood of possessing a bank account and having some amount of savings accumulated, 

with the Zambia study also finding an increase in the amount of savings. Other studies that have 

shown increases in household savings include evaluations of Ghana’s LEAP program (Tiwari et 

al, 2014) and Pakistan’s BISP (Cheema et al, 2014), though the results were not statistically 

significant.



 

 

 

1
0
 

Table 1. Review of Studies: Household Savings 

 

*Highlighted rows are cash transfer interventions; non-highlighted are propensity-to-save interventions. Bolded figures indicate statistically significant effects 

 

Study Country Outcome Main Findings Direction of Effect 
Dupas and Robinson (2013) 

Kenya 
Reduced fees for opening a 

savings account 9.36 Ksh + 

Brune et al (2013) 
Malawi 

Savings Commitments 
573% increase in deposits + 

Prina (2013) 
Nepal 

Reduced fees for bank accounts 
25% increase in assets + 

Schaner (2013) 
Kenya 

Varying the interest rate of 

savings accounts 

43% increased active use of 

accounts 
+ 

Angelucci et al. (2012) Mexico Savings Amount No significant effect - 

Cheema et al. (2014) Pakistan Mean Value of Total Savings No significant effect - 

Daidone et al. (2014a) Lesotho Amount Saved (Lesotho loti) No significant effect - 

Daidone et al. (2014b) Zambia Amount Saved (Zambian 

Kwacha) 

54.4 kwacha (5%) + 

Evans et al. (2014) Tanzania HH has non-bank savings No significant effect + 

Handa et al. (2014) Ghana Any savings No significant effect + 

Haushofer and Shapiro (2013) Kenya Value of Savings 10.22 USD (1%) + 

Mertens et al. (2013) Kenya Share of HHs with any cash 

savings 

0.73 (10%) + 

Mertens et al. (2015) Uganda Mean total value of current 

savings 

No significant effect - 

Pellerano et al (2014) Lesotho Share of HHs that saved in the 

prior 12 months 

No significant effect No Change 
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One study, by Angelucci et al (2012), has examined the impact of Mexico’s Oportunidades 

program on household savings. The evaluation found an increased likelihood of having savings 

and access to a bank account for urban beneficiaries, though no impact on the level of savings. 

However, these impacts may be because the transfers are disbursed directly to bank accounts 

opened explicitly for the program for urban recipients (Bachas et al., 2018). This paper seeks to 

reexamine this finding using an expanded data set across both rural and urban jurisdictions. 

Mexico’s Oportunidades program had the explicit goal of reducing monetary poverty (Levy, 

2006), and while household savings is a critical element of reducing long-term poverty for the 

poorest households, greater savings has the added potential of increasing long-term 

macroeconomic growth3. Such effects would have profound implications for the developing world.  

4. Conceptual Framework 

The Progresa/Oportunidades program was established with the explicit goal of reducing 

poverty (Levy, 2006). As such, over time we should expect economic outcomes for program 

recipients to increase over time. These measures include, but are not limited to, household income, 

asset ownership, and savings.  

In standard intertemporal utility models, individuals (or households) allocate income 

across present and future time periods in order to smooth consumption, thereby maximizing utility 

across their lifetimes (Browning and Lusardi, 1996). Both developed and developing nations are 

rightly concerned with increasing household saving because of the (theorized) economic link 

between the national savings rate and macroeconomic growth, and the importance of savings as a 

measure of economic performance (Deaton, 1989). As the Progresa/Oportunidades program 

                                                 
3 Exploring macroeconomic growth is beyond the scope of this paper. See Robert Solow’s Neoclassical Growth Model 

for an explanation of the relationship between savings and GDP growth.  
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unequivocally increases household income for program recipients, we should expect that the 

saving rate of program recipients increases in tandem. Such evidence has been observed across the 

developing world; in India, a natural experiment in formal bank expansion allowed researchers to 

calculate that from a 2.2% reduction in poverty resulted in a 1% increase in savings held by rural 

banks (Burgess and Pande, 2005). A slew of field experiments, including Brune et al (2011) and 

Dupas and Robinson (2013a; 2013b) report similar effects.  

However, important differences exist between households in developed and developing 

countries that may affect saving and consumption behavior. In the developing context, households 

may be more concerned with smoothing consumption at some baseline level above subsistence 

rather than accumulating savings for low-productivity periods (retirement) or intergenerational 

transfer (for a detailed explanation of different savings models, see Browning and Lusardi, 1996).  

The formal hypotheses that I will test in this paper are derived from Angus Deaton’s 

adapted model of intertemporal utility maximization for poor households. My initial assumption 

follows the logic of the “Permanent Income and Consumption Hypothesis”, whereby individuals 

allocate their income across multiple time periods to achieve some desired level of consumption 

according to changes in income over time and their preferences. As income increases in the present 

(Y0), a larger fraction of this income can be transferred to future periods (Yt) in the form of savings 

(Friedman, 1957). Formally, this equation can be defined as:  

Cp,t = k(r, w, u)Yp 

where the household’s chosen level of consumption, Cp, in period t, is a function of the real interest 

rate (r), nonhuman assets (w), and household preferences (u), multiplied by the household’s 

permanent income. This equation shows that Cp,t increases as Yp increases, therefore implying an 

increase in savings. 
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However, Deaton proposes an alternative model of intertemporal utility maximization for 

poor households in the developing world based on the constraints they face. First, the poor in the 

developing world are disproportionately engaged in agriculture compared to the developed world. 

Agricultural income is inherently uncertain, and therefore does not necessarily reflect a permanent 

income (Deaton, 1989). Second, these households are typically underserved (or completely 

excluded) from credit and financial markets, which distorts the future incentives offered by 

savings. A large literature shows that the poor of developing countries have the lowest usage rate 

of bank accounts among all groups (Karlan et al., 2018). Rather than using secure, high paying 

vehicles like savings accounts, the poor utilize informal savings arrangements, such as community 

savings groups and storing cash at home, both of which yield negligible (or potentially negative) 

returns compared to traditional financial products. Similarly, the poor face significant barriers to 

using credit to transfer income across periods as lenders shy away from borrowers with no 

collateral and unstable incomes (Deaton, 1989; Demuirguc-Kunt and Klapper, 2012). 

The final differentiating assumption made in the classical model is that individuals save 

for future low-productivity periods. This is common in the rich world, where individuals save for 

retirement or accumulate savings to pass onto their children after they die. Poor households do not 

necessarily face these same decisions. In rural areas of developing countries, family units tend to 

be multigenerational. In this structure, there is no reason to save for a ‘retirement’ period because 

financial support is still derived from the same source, with the exception that now the primary 

earner is the individual’s child. Similarly, there is no need for intergenerational transfer as all 

members of the family derive the same income in all time periods.  
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Facing these constraints, households will attempt to equalize consumption across all 

periods in order to meet some minimum standard of livelihood above subsistence. Under these 

assumptions, household utility maximization across all time periods can be modeled as: 

𝜇 = 𝐸𝑡[∑(1+ 𝜎)−𝑡𝑣(𝑐𝑡)]

∞

𝑡

 

Where the expected value of utility across all periods (indefinite number of periods, represented 

as 1 to infinity) is the household’s preference for consumption in each period ((1+ 𝜎)−𝑡 where 𝜎 

is the time preference) multiplied by the instantaneous utility associated with consumption in each 

period (ct). This maximization is subject to the traditional household budget constraint: 

 

𝐴𝑡+1 = (1+ 𝑟)(𝐴𝑡 + 𝑦𝑡 − 𝑐𝑡) 

 

Where the households’ wealth in the next period (At+1) is a function of today’s wealth plus current 

income minus current consumption. Deaton’s manipulation of the above equations yields the 

following model by which households determine utility in each period. 

 

𝜆(𝑐𝑡) =  𝐸𝑡 [
(1+ 𝑟) ∗ 𝜆(𝑐𝑡+1)

1 + 𝜎
] 

 

Where 𝜆(𝑐𝑡) is the instantaneous marginal utility of consumption a household derives in period t 

(i.e., the first derivative of 𝑣(𝑐𝑡)).  

 Though this equation can be difficult to solve, the key takeaway is that the marginal utility 

of consumption in the present period is a function of marginal utility in future periods and the ratio 

between the interest rate and the household’s time preference. Further expansion of this model 
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shows that if σ > r, which is likely due to credit constraints, then households have an incentive to 

consume more in the current period to maximize utility, which shows in the data as a negative 

savings rate (if ct = At-1 + yt).  

The extent to which the differences between the savings behavior of households in the 

developed and developing world represent reality depend upon the following factors: household 

size, household composition (nuclear family or multi-generational), primary economic activity, 

and access to credit. Based on these criteria, this paper will explore two hypotheses: 

 

(1) If program recipients resemble “rich-world” households (small, nuclear family engaged 

in non-agricultural economic activity with no credit constraints) or do not have a strong 

present consumption bias, then household saving should increase as income increases;  

(2) If program recipients resemble “poor-world” households (large, multigenerational 

family primarily engaged in agriculture and face significant credit constraints) or do 

have a strong present consumption bias, then the change in household saving should 

remain unchanged, but consumption should become less variable over time. 

 

 I will test both theories of this model using household survey data collected by the Mexican 

government from program recipients. If hypothesis 1 holds, then I expect savings (calculated as 

the difference between total household income and expenditures) to increase with the total amount 

of accumulated transfers. If Hypothesis 2 turns out to be true, then I expect to see either no increase 

in household savings, or a potential decrease if present consumption bias is strong enough.  



16 

 

5. Empirical Analysis 

5.1. Overview 

 By exploiting the randomization of the rollout of the Progresa/Oportunidades program, I 

can isolate and estimate the impact of receiving transfers on household savings. This section will 

provide a background on the data used for this analysis and will test for baseline equivalence in 

demographic characteristics to verify the success of the randomized rollout. After generating a 

measure of household savings, the effect of the program on savings can be estimated using a series 

of OLS regression models (using different vectors of control variables). 

Controlling for household characteristics, assets, and community characteristics reveals a 

positive, significant effect of Progresa/Oportunidades transfers on household savings. A series of 

robustness checks are used to validate the OLS findings. Attrition is controlled for by limiting the 

sample to the households that received transfers (as opposed to those selected for treatment) and 

shows that the treatment effect is not significantly different between these two samples. 

Introducing household debt into the model eliminates the significant effects found earlier. 

However, there are significant limitations in the available measures of household debt and its 

relationship to the savings variable used in this model. These considerations are discussed further 

in the following section.  

5.2. Data Background 

This analysis will use administrative data collected by the Mexican government from 

Progresa/Oportunidades beneficiaries during the programs’ rollout. To determine the eligibility 

of potential beneficiaries, the Encuesta de Evaluacion de los Hogares Rurales (ENCEL) survey 

was administered to all residents of the targeted communities. Data gathered from the ENCEL 
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survey was used to conduct a proxy means test to identify households living in poverty and 

determine eligibility for the program.  

However, the government quickly realized that rolling out the program out to all 

communities simultaneously wasn’t feasible due to budgetary and logistical constraints. At the 

urging of the programs’ designers, the rollout was randomized across 506 rural communities in 7 

states in the first two years of the program. 320 of these communities were randomly assigned to 

the treatment group, meaning the households began receiving program transfers on or before April 

1998. The remaining 186 communities were assigned to the control group. These households did 

not begin receiving transfers until the end of 1999.  

Data collection began with a baseline survey in October 1997 (“Wave 0”), followed by six 

rounds of surveys beginning in mid-1998 through November 2000. These efforts began in poor 

rural communities, as such communities were the primary targets of the Progresa/Oportunidades 

program and policymakers were eager to get benefits to these groups as quickly as possible. Table 

2. records the number of households reached in treatment and control villages for each wave of 

the program rollout. 

Table 2. Surveys by Data Collection Wave  

Treatment Control 

Wave Frequency Percent Frequency Percent 

(0) Baseline | October 1997 14581 18% 9085 17% 

(2) October 1998 14588 18% 9073 17% 

(3) May 1999 13396 16% 8383 16% 

(4) November 1999 13482 17% 9014 17% 

(5) May 2000 13242 16% 8679 17% 

(7) November 2003 12238 15% 7805 15% 

 Total 81527 100% 52039 100% 

 

The full data set combines the ENCEL survey data with administrative records from the 

Progresa/Oportunidades program that detail transfer information. Each beneficiary household was 
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revisited and surveyed every 6 months (baseline and once each wave, with the exception of the 

long-run survey conducted in Nov 2003) resulting in 157,971 observations. After removing 

observations with no treatment status or that are missing data for any of the control variables, 

133,566 observations remain. To avoid confounding results caused by multiple surveys conducted 

in the same household, duplicated observations with the same unique identifier were removed from 

the sample. The breakdown of remaining observations by treatment and control used for this 

analysis are reported in Table 3. 

Table 3. Treatment and Control Sample in the Experimental Period 

 Received Treatment 

(original poor) 

Intent-to-Treat 

(original poor) 

 N Percent N Percent 

Control 12,565 39.30  12,565 37.71 

Treatment 19,409 60.70 20,751 62.29  

Total 31,974  33,316    

 

5.3. Control Variables 

Table 4 reports summary statistics of the control variables for the treatment and control 

groups at baseline (October 1997). Frequency distributions are reported for all indicator variables 

and sample means are given for all variables across treatment and control groups. In order to run 

an OLS regression model using this sample, we need to be sure that there is “balance” between the 

villages assigned to the treatment and control phases of the rollout. Balance means that our units 

of analysis are not statistically different from one another in terms of observable characteristics. 

To test this, I conducted cluster-sample t-tests (standard errors clustered at the community level) 

for all independent variables between the treatment and control villages to evaluate the success of 

the randomization process. The results are show in Table 4 for the household-level characteristics 

of the Intent-to-Treat sample. Balance checks of community-level characteristics for the ITT 
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sample and for both household and community-level characteristics of the ATT sample are 

included in Tables 10-12 in the appendix.  

All observable characteristics are balanced between treatment and control for both samples, 

with the exception of health clinics for both samples and the rate of home ownership (significant 

at the 5% level) for the actual treatment sample. Balance between treatment and control is crucial 

for this analysis as it indicates a clean rollout of the program and allows the use of OLS regression 

methods to make a casual statement of the effect of the program on household savings. 

 In addition to checking for balance at baseline, I tested for correlation between all the 

control variables included in the different model specifications. Highly correlated control variables 

would introduce bias into the model and produce large standard errors of the estimates, which 

would reduce the likelihood of detecting a statistically significant relationship between treatment 

status and savings. Correlation plots for the control variables are presented in Exhibits 13-15 of 

the appendix.  In these plots, dark blue indicates a large positive correlation, and dark red the 

opposite. These plots show that there is no correlation between controls that would significantly 

impact the model, and the variables that are highly correlated are logical, such as between the age 

of the household head and spouse and the relationship between age and number of children.



  

 

 

2
0
 

Table 4. Baseline Balance Check; ITT - Household Controls 

 Treatment   Control    

 

  Frequency Dist.              

(ind. only) 
   Frequency Dist.                    

(ind. only) 
   

  Mean SE 0 1  Mean SE 0 1  t P>|t| 

Household Head Characteristics 

         
 

  

Female =1 0.081614 0.0041152 7033 625  0.0839793 0.004735 4254 390  -0.38 0.706 

Age 41.94869 0.2403937 - -  42.33441 0.3325239 - -  -0.94 0.348 

Spouse's Age 36.95119 0.1864478 - -  36.85659 0.2544578 - -  0.3 0.764 

Educational Attainment 2.794414 0.0793975 - -  2.680483 0.0950036 - -  0.92 0.358 

Indigenous =1 0.418386 0.0338505 4454 3204  0.4362618 0.0438191 2618 2026  -0.32 0.747 

Household Characteristics 
         

 
  

Household Size 5.909115 0.0474922 - -  5.943368 0.0579033 - -  -0.46 0.648 

Children Age 0-7 at Baseline =1 
0.7522852 0.008121 1897 5761  0.7695952 0.0089356 1070 3574 

 
-1.43 0.152 

Children Age 8-17 at Baseline =1 
0.6889527 0.0071981 2382 5276  0.6946598 0.0085452 1418 3226 

 
-0.51 0.61 

Owns Home =1 0.9335336 0.0048643 509 7149  0.920758 0.0072467 368 4276  1.46 0.144 

Electricity in Home =1 0.5761295 0.0279528 3246 4412  0.6055125 0.0323227 1832 2812  -0.69 0.492 

Dirt Floor =1 0.7300862 0.0154812 2067 5591  0.7549526 0.0195871 1138 3506  -1 0.32 

Household Assets 
         

 
  

Household using any Land =1 
0.5911465 0.017733 3131 4527  0.5602929 0.0226555 2042 2602 

 
1.07 0.284 

Hectares of Land owned by Household 
1.562917 0.0702791 - -  1.670482 0.1066675 - - 

 
-0.84 0.4 

Household owns Draft Animals =1 
0.3448681 0.0154878 5017 2641  0.3176141 0.0165774 3169 1475 

 
1.2 0.23 

Household owns Production Animals 

=1 
0.80721 0.0114051 1476 6180  0.8145596 0.0131415 861 3782 

 
-0.42 0.673 

Value of Animals owned by 
Household (in 1997 Pesos) 

2425.924 135.5619 - -   2328.663 171.3556 - - 

  

0.45 0.656 
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5.4. Model Specification 

Aggregate income and savings were not directly identified in the ENCEL survey. However, 

information was gathered on different aspects of household expenditures and income generating 

activities. These variables can be combined to calculate aggregate monthly measures. A measure 

for monthly income was generated by aggregating the value of all consumption produced by the 

household4, the amount of government assistance the household receives, and any wages the 

household earns from wage labor: 

monthly_income = home_production + outside_wage + govt_benefits + progresa_transfer 

And monthly household expenditures are calculated as the amount that the household spends on 

food, nonfood items, and transfers made to members outside the household (donations, assistance 

to friends or family, and other variables.): 

monthly_expend = outbound_transfers + food_expend + nonfood_expend 

The amount a household savings monthly is the difference between monthly income and 

expenditures:  

monthly_saving = monthly_income - montly_expend 

Calculating the monthly savings for treatment and control households will allow me to estimate 

the following OLS regression model: 

                                                 
4 Poor agricultural households are often not involved in wage labor. Wage laborers trade labor for compensation, 

which is used to buy necessities, such as food and clothing, while agricultural households produce these goods directly. 

Therefore, this production is equated with household income. 
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∆savings = α + Dt + β1treatment + β2hh + β3hh_assets + β4comm + ε 

where treatment is an indicator for households that began receiving transfers in 1998 (the treatment 

group), hh is a vector of household demographic characteristics, hh_assets is a vector of household 

asset measures (such as livestock ownership and materials used to construct the home), comm is a 

vector of community characteristics (such as community organizations and the distance to urban 

areas), and Dt is an indicator for the transfer wave. In this model, β1 is the causal effect of interest. 

A positive and significant β1 is evidence for Hypothesis 1, where as a negative and significant or 

inconclusive β1 supports Hypothesis 2.   

5.5. Results 

OLS regressions for variations of the model specified above are reported in Table 5. 

Column A measures the effect of a households’ eligibility for Progresa/Oportunidades transfers 

without controlling for any observable characteristics except for the time period that the household 

became eligible for transfers. While this result is not significant (p=0.122), the direction and 

magnitude of the effect are informative. Households that received Progresa/Oportunidades 

transfers increased their monthly savings by 78.56 pesos compared to the control group. 

 Columns B, C, and D introduce more controls into the model; (B) controls for the 

demographic features of the household; (C) controls for the household’s assets; and (D) combines 

the controls included in the first three columns. The full model (as discussed in the previous 

section) is presented in Column (E) and controls for the time the household began receiving 

Progresa/Oportunidades transfers, demographic characteristics, asset level, and characteristics of 

the household’s community. The coefficient for treatment is significant at the 10% level; 
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households that received Progresa/Oportunidades transfers on a monthly basis saved 75.77 pesos 

more than households in communities that were not eligible to receive these transfers, holding 

other factors constant. By comparing the nominal increase in savings to the average monthly 

savings of the control group, we find that receiving Progresa/Oportunidades transfers increases 

household savings by 19.93%. 

Table 5. Impact of Progresa/Oportunidades Transfers on HH Savings (OLS) 

  

No 

Controls 

(Time 

Only)           

( A ) 

HH 

Demographic 

Characteristics              

( B ) 

HH 

Assets      

( C ) 

HH 

Demographics 

and Assets                     

( D ) 

HH 

Demographics 

and Assets + 

Community 

Characteristics              

( E ) 

Model A. ITT      

Treatment = 1 

78.56     

(50.65) 

78.1                   

(51.56) 

58.83 

(47.59) 

60.02                     

(0.217) 

75.77*                                 

(42.49) 

P-Value 0.122 0.13 0.217 0.182 0.075 

Observations 33,316 33,316 33,190 33,190 33,190 

Dependent Variable 

Mean (Control) 
383.38 383.38 380.23 380.23 380.23 

∆Savings 20.49% 20.37% 15.47% 15.79% 19.93% 

      
      

 This finding validates the theoretical literature surrounding the propensity to save for the 

very poor; poor households are typically do not save (very much, at least), not because they do not 

wish to do so, but because their incomes is completely consumed to achieve a level of subsistence 

(Deaton, 1989). Relaxing this constraint, here by providing a direct cash transfer, induces 

households to save a portion of the amount they receive.  

Households may choose to save for many reasons. A common observation raised in the 

literature on how the world’s poorest manage their finances highlights two intertwined themes: the 

poorest households are especially vulnerable to income shocks, and because they are typically 
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excluded from formal insurance mechanisms, turn to informal lending arrangements to survive 

these shocks. Such lending is typically conducted through local moneylenders (as opposed to 

formal institutions) and is much more expensive than loans procured through formal channels. 

Saving allows households to mitigate the severity of a financial shock by allowing part of the 

expense to be funded out-of-pocket, reducing the amount of interest the household pays on 

informal loans, thereby allowing the household to financially recover faster.  

5.6. Robustness Checks 

A statistically significant increase in household savings indicates that conditional cash transfer 

programs have the potential to improve overall household financial management. However, 

households may use this windfall for restructuring their finances in other ways. For example, 

Gertler and co-authors showed that Progresa/Oportunidades beneficiaries increased their 

investments in productive assets (Gertler et al., 2012). This section presents a series of robustness 

checks to triangulate the findings above against alternative models of household financial decision-

making.  

5.7. Changes to Model Specification 

 An important first check on the findings from Model A is to check for selection bias among 

eligible households in the control group. While we can be confident that members of the treatment 

group are (statistically) similar on average given the success of the initial randomization (as shown 

in the baseline balance checks), some difference could be observed if significant numbers of 

treatment households dropped out of the program before receiving transfers.  
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To account for this possibility, the same regressions were run again excluding households 

that dropped out of the program to measure the average treatment effect on the treater (ATT). 

These results are presented in Table 6. The regression results change slightly when attrition is 

taken into account, though the overall effect does not change. When controlling for household 

demographic characteristics, assets, and community characteristics, households that received 

Progresa/Oportunidades transfers increased their monthly savings by 72.14 pesos, an increase of 

18.97% compared to the control group. 

Table 6. Impact of Progresa/Oportunidades Transfers on HH Savings (ATT) 

  

No 

Controls 

(Time 

Only)           

( A ) 

HH 

Demographic 

Characteristics              

( B ) 

HH 

Assets      

( C ) 

HH 

Demographics 

and Assets                     

( D ) 

HH 

Demographics 

and Assets + 

Community 

Characteristics              

( E ) 

Model B. Received Treatment     

Treatment = 1 

72.86 

(48.42) 

69.2                

(48.89) 

52.45 

(45.85) 

51.9                      

(46.48) 

72.14*                      

(41.17) 

P-Value 0.133 0.158 0.253 0.265 0.08 

Observations 31,974 31,974 31,851 31,851 31,851 

Dependent Variable 

Mean (Control) 
383.38 383.38 380.23 380.23 380.23 

∆Savings 19.00% 18.05% 13.79% 13.65% 18.97% 

 

5.8. Impact of Debt on Household Finances 

While the literature supports the findings that rising income raises the propensity to save, the 

model explored above does not explicitly test for the possibility that households may use the 

additional income from the cash transfer for other financial objectives. Gertler et al. (2012) show 

that Mexican households increase investments in productive assets, so that exercise will not be 
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repeated here. One concern, however, is the effect that debt may have on household decision-

making.  

Poor households have an incentive to save in order to avoid the high cost of finance they face; 

however, if households have previously been exposed to some financial shock that forced them to 

take on debt which was still held at the time they began receiving transfers, then it is possible that 

the household may choose to use a cash windfall to pay down existing debt before saving to avoid 

taking on debt in the future. To test for this possibility, I have run an additional series of regressions 

incorporating household debt into the model. Table 7 shows the results from the same model in 

Model A of Table 5, with added controls for level of debt and an indicator that measures if a 

household has had debt in the past.  

Table 7. Impact of Receiving Credit on Savings - No Controls 

  

HH received 

credit in the 

past 6 mo.s     

( A ) 

Loan Taken 

was Formal   

( B ) 

 Loan 

Taken 

was 

Infomal    

( C ) 

Model A. ITT    

Treatment = 1 

70.60 

(64.47) 

 -4.04 

(376.13) 

6.83 

(376.98) 

P-Value 0.274 0.991 0.986 

Credit = 1 

284.65 

(179.77) 

803.12 

(575.96) 

 -385.67 

(413.12) 

P-Value 0.114 0.164 0.352 

Observations 22,499 851 851 
    

Model B. ATT    

Treatment = 1 

55.49     

(60.19) 

 -104.57 

(359.75) 

 -98.72 

(359.94) 

P-Value 0.357 0.772 0.784 

Credit = 1 

236.83 

(173.92) 

935.11      

(609) 

 -499.99 

(422.79) 

P-Value 0.174 0.126 0.238 

Observations 21,539 812 812 
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This output shows how much of an impact lending has on households’ decision to save; having 

taken a loan in the past greatly changes the magnitude of household savings. The method in which 

the loan was procured also plays a role, as households that are able to access formal credit increase 

their savings in response to a cash windfall, whereas households that have recently taken an 

informal loan decrease the amount they save dramatically. To see how credit impacts a household’s 

decision to save in this context, an indicator for having taken credit in the past 12 months5 is added 

to the regressions from Table 5, and the results are shown in Table 8. Adding debt into the model 

yields inconclusive results, though some important insights can be taken away from this exercise. 

First, even though the impact of treatment is no longer significant with debt factored in, the 

directionality and magnitude of the impact are not sizably different from the previous model.  

Second, even with small sample sizes, the impact of credit (from formal and informal sources) 

have logical impacts on household savings. The effect of formal credit on household savings is 

highly positive, which could be caused by the fact that households that are able to access formal 

credit maintained a positive financial position prior to the program’s implementation. Therefore, 

the program augmented an already positive position, thereby increasing the amount the household 

could save. The fact that the sign is reversed for informal credit is reversed tells the opposite story. 

As households that take on informal credit typically own few assets and face steep repayments due 

to the high interest rates of these loans, rational households will allocate the majority of their 

                                                 
5 This variable was used as it was the only debt measure with enough observations to run the regressions with controls 
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transfer to repaying existing debt, which will show in the data as an increase in expenditures, and 

therefore a decrease in savings as well.  

Table 8. Impact of Credit on Savings – With Controls 

  

HH 

Demographic 

Characteristics              

( A ) 

HH 

Assets      

( B ) 

HH 

Demographics 

and Assets                     

( C ) 

HH 

Demographics 

and Assets + 

Community 

Characteristics              

( D ) 

Community 

Characteristics 

Only                      

( E ) 

Model A. ITT      

Treatment = 1 

71.10     

(64.47) 

44.17    

(61.22) 

47.17      

(61.3) 

61.27        

(55.67) 

84.88     

(58.61) 

P-Value 0.271 0.471 0.442 0.272 0.148 

Observations 22,499 22,418 22,418 22,418 22,499 

Dependent 

Variable Mean 

(Control) 

818.95 813.66 813.66 813.66 818.95 

∆Savings 8.68% 5.43% 5.80% 7.53% 10.36% 

      

Model B. ATT     

Treatment = 1 

51.23     

(59.27)  

28.32    

(58.12) 

28.75    

(57.48) 

49.63         

(53.69) 

76.71      

(56.39) 

P-Value 0.388 0.626 0.617 0.356 0.174 

Observations 21,539 21,460 21,460 21,460 21,539 

Dependent 

Variable Mean 

(Control) 

508.51 504.72 504.72 504.72 508.51 

∆Savings 10.07% 5.61% 5.70% 9.83% 15.09% 

 

5.9. Plausibility Tests – Outstanding Debt 

Given the insight that borrowing has a sizeable impact on a household’s propensity to save, it 

is useful to explore how the level of outstanding debt correlates with a household’s propensity to 

save. Unfortunately, the ENCEL survey did not ask for outstanding debt obligations. The closest 

measure we have is the nominal amount borrowed over the past 12 months, imputed to monthly 
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terms to be in line with the other household economic measures. However, adding this variable 

into the earlier regressions offers no insight as the variable has insufficient observations to conduct 

statistical test with any combination of these controls.  

6. Limitations of Results 

The findings of the empirical analysis show that cash transfer programs can have a positive 

impact on household savings in rural communities, depending on the characteristics of the 

community in which recipient household reside, but these results are not significant when 

household debt is accounted for. The rural context and the design of the program rollout led to 

results that are externally valid in similar contexts.   

However, there are some limitations to these findings that constrain the validity of these 

results for replication. First, the survey did not directly measure household income and savings. 

These measures were imputed from various data gathered from a number of questions that 

measured household assets and consumption across a range of activities. While this methodology 

provides an approximate measure of household income and savings, it is subject to a level of bias. 

In any survey, there is always the probability that the respondent does not know the exact answer 

to the questions being asked, and therefore provides an estimate to the enumerator. Therefore, as 

the number of questions used to measure a single outcome increases, so does the uncertainty that 

the reported value is equivalent to the true value. Imputing household income, expenditures, and 

savings necessitates we interpret these results with this possible bias in mind. 

The fact that the savings variable had to be imputed from the available survey questions 

also limits the extent to which variation can be introduced to the dependent variable. The potential 
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variables that can be introduced to the model are limited to the design of the original survey. 

Relatedly, because this data is from an anonymized household survey, it is impossible to append 

additional data to explore outside factors or simply to gather additional information, should the 

same households be located. Further, savings is calculated as the difference between income and 

consumption due to data restrictions; this means that income, and thereby savings, will increase if 

a household has taken a loan within the past year, which could introduce collinearity to the model, 

reducing the likelihood of detecting significant impacts. 

 Lastly, the empirical analysis of this paper demonstrates the importance that debt has to 

poor household’s financial decision making. Given this importance, the analysis conducted in this 

paper would be significantly strengthened by a further exploration of household debt. The only 

nominal measure of household debt included in the data is a measure of repayment over the course 

of the past year. However, there are very few observations for this variable and therefore cannot 

be used in any statistical tests. The reasons for this could be twofold; either very few households 

have any debt, or households did not provide accurate responses to the survey if they felt their 

answer would impact their eligibility for the program. 

While this variable would be informative with enough data, on its own it provides no 

insight into the outstanding debt owed by households, the interest rates they face, or the impact 

that current debt has on financial decisions. Future research should explore debt in greater detail 

so its impact on financial decision making can be better understood. 
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7. Policy Implications 

 The evidence presented in this paper mirrors much of the existing literature on savings by 

the poor; the effect that different policies have on household savings depend on a diverse range of 

factors and the context of the intervention (Karlan et al., 2018). Additionally, this study only 

examines the short-term effect of the Progresa/Oportunidades program on savings. Longitudinal-

tracking and multi-year follow-ups can better inform the true long-run impact that an impact shock 

has on savings and other related financial considerations, such as debt management.  

 Many of the studies that find positive increases in savings have directly measured and 

tested household savings propensity using hard- and soft-commitment devices6, which thus far 

have not been tied to cash transfer programs. What was revealing in this study is the fact that 

households balance multiple financial obligations simultaneously, namely savings, borrowing, and 

investment, and thus interventions targeted at changing financial behavior must be holistic in their 

approach. To date, relatively few programs have sought to address borrowing and savings together, 

and even fewer interventions have attempted to measure these as joint outcomes. Karlan et al. 

(2014) point out that micro-finance lenders (MFIs) encourage (and occasionally force) their clients 

to save as part of their lending practices; however, saving at a low interest rate while borrowing at 

a high interest rate is likely to hurt the economic positions of poor borrowers and exacerbate 

financial insecurity. 

                                                 
6 Such devices include low or no-fee accounts in exchange for savings promises. See Karlan et al. (2014) for a review 

of these studies.  
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 With this in mind, what can policymakers do to address this problem? One approach is to 

tackle as many areas of financial management as possible in order to build financial resilience 

among the recipients. This is approach, known as the “Graduation Approach”7, aims to build 

financial independence and resilience through multi-year support and counseling by trained 

experts. However, the scope and cost of this program is expensive, and likely unscalable without 

significant external funding.  

 Another approach is to build financial literacy components into finance-based 

interventions. Recent work in the field of behavioral economics has explored the fact that the 

individuals do not necessarily make rational decisions in their best interest (Thaler, 2016). Two of 

the reasons cited for this behavioral pattern are time inconsistencies and imperfect information 

(Thaler, 2016). Both of these ideas apply to financial decision making by poor households; 

households may elect to defer savings and borrow excessively if they are biased towards present 

over future consumption, and may borrow and save inefficiently without proper knowledge of 

interest rates and potential returns, compound interest, budgeting, and other financial concepts. 

Teaching these, among other, concepts to beneficiaries of cash transfer programs has the potential 

to improve long-run financial success of these families. 

                                                 
7 See discussion of BRAC’s approach: https://www.un.org/development/desa/dspd/wp-

content/uploads/sites/22/2017/04/Lamia-Rashid-BRAC-Ultrapoor-Graduation-Paper-for-UN-Expert-Group-

Meeting-May-2017-25Apr17.pdf 

 

https://www.un.org/development/desa/dspd/wp-content/uploads/sites/22/2017/04/Lamia-Rashid-BRAC-Ultrapoor-Graduation-Paper-for-UN-Expert-Group-Meeting-May-2017-25Apr17.pdf
https://www.un.org/development/desa/dspd/wp-content/uploads/sites/22/2017/04/Lamia-Rashid-BRAC-Ultrapoor-Graduation-Paper-for-UN-Expert-Group-Meeting-May-2017-25Apr17.pdf
https://www.un.org/development/desa/dspd/wp-content/uploads/sites/22/2017/04/Lamia-Rashid-BRAC-Ultrapoor-Graduation-Paper-for-UN-Expert-Group-Meeting-May-2017-25Apr17.pdf
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8. Conclusion 

Mexico’s Progresa/Oportunidades program is the first conditional cash transfer program 

implemented on a national scale aimed at reducing integrational poverty. The success of this 

program, and the subsequent proliferation of cash transfer programs across the developing world, 

ensure that cash transfers will remain an integral poverty-reduction tool in development 

economics. As such, it is important to understand the “downstream” effects of these programs, 

such as the impact on household savings. This paper used household survey data from the program 

rollout and subsequent randomization used to determine the order beneficiaries would begin 

receiving transfers. Household savings is an important mechanism for breaking the cycle of 

intergenerational poverty; households save money for future investment, build resilience against 

financial shocks, and invest in their children, all of which can have a positive effect on future and 

intergenerational income.  

This analysis showed that a conditional cash transfer program can increase household savings. 

Households that were eligible for transfers in the first phase of the Progresa/Oportunidades rollout 

increased their monthly savings by 20% on average, and those that actually received transfers 

(after complying with the program’s conditional requirements) increased their savings by 19% on 

average. However, the programs’ effect on savings is insignificant when existing and recent debt 

is introduced into the model. This finding suggests that poor households have limited assets to 

allocate across the demands they face in order to achieve their financial goals.  As discussed in the 

introduction, policymakers of all stripes, including national governments, NGOs, and multilateral 

institutions, will continue to leverage cash transfers as a tool to reduce poverty. Policymakers 
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should use the findings of this paper to properly structure interventions that simultaneously achieve 

program outcomes, boost households’ capacity to save, and help households manage competing 

priorities and demands they face.  
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9. Appendix: Additional Tables 

 

  

Table 9. Baseline Balance Check; ITT - Community Characteristics 

 Treatment   Control    

 
  Frequency Dist.     Frequency Dist.  

   

  Mean SE 0 1  Mean SE 0 1 
 

t P>|t| 

Community 

Organizations 

  

        

  

Production 0.0342126 0.0137301 7396 262  0.0361757 0.0226532 4476 168 
 

-0.07 0.941 

Cooperativo de Credito 0.0020893 0.0020927 7642 16  0.0118432 0.0092902 4589 55 
 

-1.02 0.306 

Cooperativa de 
Produccion 

0.0176286 0.0109623 7523 135  0.0081826 0.0081577 4606 38 
 

0.69 0.49 

Religious 0.4075477 0.0365354 4537 3121  0.3925495 0.0439712 2821 1823 
 

0.26 0.793 

Political  0.1650562 0.0324713 6394 1264  0.1350129 0.0365985 4017 627 
 

0.61 0.539 

PTAs 0.9067642 0.0202168 714 6944  0.8824289 0.0285736 546 4098 
 

0.7 0.487 

Community Assembly 0.8876991 0.0189734 860 6798  0.8621878 0.0327938 640 4004 
 

0.67 0.501 

Faenas Communitarias 0.8784278 0.0282164 931 6727  0.8774763 0.0355235 569 4075 
 

0.02 0.983 

Community 
Characteristics 

         

 

  

Primary School 0.9691826 0.0187966 236 7422  0.9754522 0.0128086 114 4530 
 

-0.28 0.783 

Secondary School 0.2206843 0.0322908 5968 1690  0.2603359 0.0452302 3435 1209 
 

-0.71 0.476 

Health Center 0.7738313 0.0264553 1732 5926  0.8561585 0.027211 668 3976 
 

-2.17 0.031** 

Mobile Health Clinic 0.707626 0.035882 2239 5419  0.7495693 0.0380744 1163 3481 
 

-0.8 0.423 

Minimum Distance to a 

large urban center 
107.7253 3.012551 - -  105.1127 3.999255 - - 

 
0.52 0.602 

Community Mean 

Agricultural Wage (log)             

Male 3.647975 0.2363814 - -   3.793921 0.2855694 - -   -0.39 0.694 
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Table 10. Baseline Balance Check; Received Treatment - Household Controls 

 Treatment   Control    

 
  Frequency Dist.     Frequency Dist.     

  Mean SE 0 1  Mean SE 0 1  t P>|t| 

Household Head Characteristics 

         

 

  

Female =1 0.0786039 0.0041425 6283 536  0.0839793 0.004735 4254 390  -0.85 0.393 

Age 42.01173 0.2396047 - -  42.33441 0.3325239 - -  -0.79 0.431 

Spouse's Age 37.03823 0.1954561 - -  36.85659 0.2544578 - -  0.57 0.572 

Educational Attainment 2.815935 0.0787972 - -  2.680483 0.0950036 - -  1.1 0.273 

Indigenous =1 0.41663 0.0337873 3978 2841  0.4362618 0.0438191 2618 2026  -0.35 0.723 

Household Characteristics 

         
 

  

Household Size 5.995161 0.0496897 - -  5.943368 0.0579033 - -  0.68 0.498 

Children Age 0-7 at Baseline =1 
0.7578824 0.0082603 1651 5168  0.7695952 0.0089356 1070 3574 

 
-0.96 0.336 

Children Age 8-17 at Baseline =1 
0.7037689 0.0077084 2020 4799  0.6946598 0.0085452 1418 3226 

 
0.79 0.429 

Owns Home =1 0.9382607 0.0046818 421 6398  0.920758 0.0072467 368 4276  2.03 0.043** 

Electricity in Home =1 0.5890893 0.028271 2802 4017  0.6055125 0.0323227 1832 2812  -0.38 0.702 

Dirt Floor =1 0.7241531 0.0159985 1881 4938  0.7549526 0.0195871 1138 3506  -1.22 0.224 

Household Assets 
         

 
  

Household using any Land =1 
0.5977416 0.0180873 2743 4076  0.5602929 0.0226555 2042 2602 

 
1.29 0.197 

Hectares of Land owned by 

Household 
1.591531 0.0730285 - -  1.670482 0.1066675 - - 

 
-0.61 0.542 

Household owns Draft Animals =1 
0.3515178 0.0159656 4422 2397  0.3176141 0.0165774 3169 1475 

 
1.47 0.141 

Household owns Production Animals 

=1 
0.818982 0.0116873 1234 5583  0.8145596 0.0131415 861 3782 

 
0.25 0.802 

Value of Animals owned by 
Household (in 1997 Pesos) 

2415.454 133.7038 - -   2328.663 171.3556 - - 

  

0.4 0.69 
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Table 11. Baseline Balance Check; Received Treatment - Community Characteristics 

 Treatment   Control    

 
  Frequency Dist.     Frequency Dist.  

   

  Mean SE 0 1  Mean SE 0 1 
 

t P>|t| 

Community 

Organizations 

         

 

  

Production 0.0360757 0.0147097 6573 246  0.0361757 0.0226532 168 4476 
 

0 0.997 

Cooperativo de Credito 0.0021997 0.002203 15 6804  0.0118432 0.0092902 55 4598 
 

-1.01 0.313 

Cooperativa de 

Produccion 
0.0177445 0.0110868 121 6698  0.0081826 0.0081577 38 4606 

 
0.69 0.488 

Religious 0.4062179 0.0365235 2770 4049  0.3925495 0.0439712 1823 2821 
 

0.24 0.811 

Political  0.1673266 0.0322449 1141 5678  0.1350129 0.0365985 627 4017 
 

0.66 0.508 

PTAs 0.9146502 0.0175221 6237 582  0.8824289 0.0285736 4098 546 
 

0.96 0.337 

Community Assembly 0.88928 0.0187665 6064 755  0.8621878 0.0327938 4004 640 
 

0.72 0.474 

Faenas Communitarias 0.891773 0.0263614 6081 738  0.8774763 0.0355235 4075 569 
 

0.32 0.747 

Community Facilities 
         

 
  

Primary School 0.9709635 0.0168162 6621 198  0.9754522 0.0128086 4530 114 
 

-0.21 0.832 

Secondary School 0.230679 0.033439 1573 5246  0.2603359 0.0452302 1209 3435 
 

-0.53 0.598 

Health Center 0.780613 0.0257263 5323 1496  0.8561585 0.027211 3976 668 
 

-2.02 0.044** 

Mobile Health Clinic 0.7049421 0.0364328 4807 2012  0.7495693 0.0380744 3481 1163 
 

-0.85 0.397 

Minimum Distance to a 
large urban center 

107.5252 3.070841 - -  105.1127 3.999255 - - 
 

0.48 0.633 

Community Mean 
Agricultural Wage (log) 

         

 

  

Male 3.708416 0.2354368 - -   3.793921 0.2855694 - -   -0.23 0.817 
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Table 12. Correlation Matrix of Household Characteristics 
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Table 13. Correlation Matrix of Community Characteristics 
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Table 14. Correlation Matrix of All Controls 



  

41 

 

10. Bibliography 

Attanasio, O., Battistin, E., Fitzsimmons, E., Mesnard, A., and Vera-Hernández, M. 2005. “How 

Effective Are Conditional Cash Transfers? Evidence from Colombia.” Briefing note 54, Institute 

for Fiscal Studies, London. 

 

Bachas, P., Gertler, P., Higgins, S., and Sierra, E. 2017. Banking on Trust: How Debit Cards 

Enable the Poor to Save More. NBER Working Paper Series. 

 

Banerjee, Abhijit, and Esther Duflo. 2007. “The Economic Lives of the Poor,” Journal of 

Economic Perspectives, 21, 141-167. 

 

Bastagli, F., Hagen-Zanker, J., Harman, L., Barca, V., Sturge, G., and Schmidt, T. with  Pellerano, 

L. 2016. Cash Transfers: What Does the Evidence Say? London: Overseas Development Institute. 

 

Browning, M. and Lusardi, A. 1996.“Household Saving: Micro Theories and Micro Facts,” 

Journal of Economic Literature. 34(4), 1797-1855. 

 

Brune, L., Gine, X., Goldberg, J., and Yang, D. 2011. Commitments to Save: A Field Experiment 

in Rural Malawi. Washington, D.C.: World Bank Policy Research Working Paper Series. 

 

Burgess, R. and Pande, R. 2005. “Do Rural Banks Matter? Evidence from the Indian Social 

Banking Experiment,” American Economic Review, 95, 780–95. 

 

Collins, D., Murdoch, J., Rutherford, S., and Ruthven, O. 2009. Portfolios of the Poor: How the 

World’s Poor Live on $2 a Day, Princeton University Press, Princeton.  

 

Cheema, I., Farhat, M., Hunt, S., Javeed., Pellerano, L., and O’Leary, S. 2014. Benazir Income 

Support Programme: First follow-up impact evaluation report. Oxford Policy Management. 

Oxford Press, United Kingdom.  

 

Daidones, S., Davis, B., Dewbre, J., and Covarrubias, K. 2014a. Lesotho’s Child Grant 

Programme: 24-month Impact Report on Productive Activities and Labour Allocation. Rome: 

Food and Agriculture Organization of the United Nations (FAO). 

 

Daidone, S., Davis, B., Dewbre, J., González-Flores, M., Handa, S., Seidenfeld, D. and Tembo, G. 

2014b. Zambia’s Child Grant Programme: 24-month Impact Report on Productive Activities and 

Labour Allocation. Rome: Food and Agriculture Organization of the United Nations (FAO). 

 

Deaton, A. 1989. “Saving in Developing Countries: Theory and Review.” The World Bank 

Economic Review. Vol 3: 61-96. 

 



  

42 

 

Demirguc-Kunt, A., and Klapper, L. 2012. Measuring Financial Inclusion: The Global Findex 

Database. Policy Research Working Paper No. 6025. World Bank Publications. Washington, D.C. 

 

Dupas, P. and Robinson, J. 2013a. “Savings Constraints and Microenterprise Development: 

Evidence from a Field Experiment in Kenya,” American Economic Journal: Applied Economics, 

5, 163–92. 

 

Dupas, P. and Robinson, J. 2013b. “Why Don’t the Poor Save More? Evidence from Health 

Savings Experiments,” American Economic Review, 103, 1138–71. 

 

Evans, D., Hausladen, S., Kosec, K., and Reese, N. 2014. Community-Based Conditional Cash 

Transfers in Tanzania. World Bank Report. Washington, D.C.  

 

Filmer, D., and Schady, N.. 2006. “Getting Girls into School: Evidence from a Scholarship 

Program in Cambodia.” Policy Research Working Paper 3910, World Bank, Washington, DC. 

 

Friedman, M. 1957. A Theory of the Consumption Function. Princeton University Press, Princeton, 

NJ.  

 

Gertler, P., Martinez, S., and Rubio-Codina, M. 2012. "Investing Cash Transfers to Raise Long-

Term Living Standards." American Economic Journal: Applied Economics 4(1): 1-32. 

 

Glassman, A., and Rose, S. 2018. More Results for Money: Cash Benchmarking at USAID. Center 

for Global Development Policy Note. Washington, D.C. 

 

Gneezy, U., List, J., Sadoff, S., Qin, X., and Xu, Y. 2017. Measuring Success In Education: The 

Role of Effort in the Test Itself. National Bureau of Economic Research Working Paper 24004, 

Cambridge, MA. 

 

Haushofer, J., and Shapiro, J. 2013. Household Responses to Income Changes: Evidence from an 

Unconditional Cash Transfer Program in Kenya.  

 

Karlan, D., Ratan, A.L., and Zinman, J. 2014. “Savings by and for thePoor: A Research Review 

and Agenda.” Review of Income and Wealth 60(1): 36-78. 

 

Karlam, D., Dupas, P., Robinson, J., and Ufbal, D. 2018. “Banking the Unbanked? Evidence from 

Three Countries.” American Economic Journal: Applied Economics. 10(2): 257-297. 

Kremer, M., Miguel, E., and Thorton, R. 2009. “Incentives to Learn.” The Review of Economics 

and Statistics. Vol 91 (3): 437-456. 

 



  

43 

 

Levy, S. 2006. Progress Against Poverty: Sustaining Mexico’s Progresa-Oportunidades Program. 

Washington, D.C.: Brookings Institution Press. 

 

Levy, D., and Ohls, J. 2003. “Evaluation of Jamaica’s PATH Program: Methodology Report.” 

Mathematica Policy Research, Washington, DC. 

 

McIntosh, C., and Zeitlin, A. 2018. Benchmarking a Child Nutrition Program against Cash: 

Experimental Evidence from Rwanda. USAID Working Paper. 

 

Pellarno, L., Daidone, S., Dewbre, J., Davis, B., Miguelez B., and Niang, O. 2014. Lesotho’s Child 

Grant Programme and Linking Food Security to Social Protection Programme. Rome: Food and 

Agriculture Organization of the United Nations (FAO). 

 

Prina, S. 2013. Banking the Poor via Savings Accounts: Evidence from a Field Experiment. Case 

Western Reserve University, Weatherhead School of Management Working Paper.  

 

Rutherford, S. 2000. The Poor and Their Money, Oxford University Press, New Delhi.  

 

Schaner, S. 2013. The Persistent Power of Behavioral Change: Long-Run Impacts of Temporary 

Savings for the Poor. Dartmouth College Working Paper. 

 

Thaler, R. 2016. Behavioral Economics: Past, Present, and Future. American Economic Review. 

106 (7): 1577-1600.  

 

Tiwari, S., Daidone, S., Ruvalcaba, M., Prifti, E., Handa, S., Davis, B., Niang, O., Pellerano, L., 

Quarles van Ufford, P., and Seidenfeld, D. 2016. “Impact of cash transfer programs on food 

security and nutrition in sub-Saharan Africa: A cross-country analysis.” Global Food Security. Vol 

11, 72-83.  

 

World Bank, 2009. Conditional Cash Transfers: Reducing Present and Future Poverty. 

Washington, D.C.: World Bank Publications. 

 


