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ABSTRACT 

 

 

 

This thesis evaluates whether the sharing economy and in particular, the uberisation of the job 

market affects the well-being and economic outcomes for legal immigrants in the United States. 

The sharing economy is starting to take up a big part of people’s daily life. Take Uber as an 

example, statistics have also shown that nine out of ten drivers are immigrants and about 50% 

are responsible for providing more than half of their family income. Uberisation has long been 

criticized for its role in facilitating the decline of labor-intensive industries and worsening the 

economic status of people working in the gig economy. It would be crucial to discuss this issue 

from the perspective of legal immigrants given their proportion in the driver population.  I used 

data from the U.S. Bureau of Statistics and U.S. Census Bureau’s Current Population Survey 

of the Contingent worker up till May 2017.  

The findings of this thesis indicate that the earnings of the legal immigrant workforce in the 

United States are affected by the sharing economy. Also, different ethnic groups have different 

economic outcomes.  

 

Keywords: sharing economy, immigration, well-being. 
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1. Introduction  
 

 

The sharing economy is starting to take up a big part of people’s daily life. When you 

travel to a new country, instead of staying in a chain hotel, you can find an authentic local 

resort on the Airbnb website and experience living like a native. When you need to get to 

someplace and do not feel like driving, by calling for a ride-share on your mobile, Uber will 

send a driver your way.  

How developed has the sharing economy become? Take Uber, a peer-to-peer ride-

sharing transportation network company, as an example. There are more than 41.8 million Uber 

users in the United States in March 2018 and about 750,000 Uber drivers1. The average number 

of daily Uber trips is 15 million rides. The fast development of this new platform and its great 

potential is attracting more and more people to join the party, both being a passenger and 

becoming an Uber driver. Many even depend on driving Uber to make a living. In the report 

of An Earnings Standard For New York City’s App-Based Drivers: Economic Analysis and 

Policy Assessment (Parrott & Reich, 2018), it has shown that nearly two-thirds of drivers who 

worked for ride-hailing services worked full time. It has also shown that nine out of ten drivers 

are immigrants and about 50% are responsible for providing more than half of their family 

income2.  

As a “nation of immigrants”, immigration has always been a touchstone of the United 

States policy debates. Policymakers have been trying to balance economic, security and 

humanitarian concerns from different stakeholders through all kinds of immigration policies. 

After the election of president Donald J. Trump, refugees’ resettlement in the United States has 

                                                 
1 Uber Newsroom (2018). Company Info. Retrieved from https://www.uber.com/newsroom/company-info/ 
2 Parrott, A. J. & Reich, M. (2018). An Earnings Standard For New York City’s App-Based Drivers: Economic 

Analysis and Policy Assessment. Retrieved from Center for New York City Affairs website: 

http://www.centernyc.org/an-earnings-standard/ 
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shrunk greatly3. During his presidential campaign, he had pledged to take extraordinary actions 

to curb illegal immigration and prevent terrorism, including controversial plans to build the 

border wall with Mexico, deport millions of undocumented immigrants, and temporarily ban 

Muslims4. According to a Gallup survey released in July 20185, the American people now 

regard immigration as the single most important problem facing the country. 

Uberisation6 has long been criticized for its role in facilitating the decline of labor-

intensive industries and worsening the economic status of people working in the gig economy. 

So how does the sharing economy impact the immigrant workforce in the U.S. seems like a 

crucial question to ask, especially when illegal immigrant issues are widely discussed in the 

states and the legal immigrant workforce has been neglected in some way. 

Although there is a large literature about the impact of the sharing economy on today’s 

workforce as a whole, for instance An Analysis of the Labor Market for Uber’s Driver-Partners 

in the United States (Hall & Krueger, 2018), and The Rise and Nature of Alternative Work 

Arrangements in the United States, 1995-2015 (Katz & Krueger, 2016), there has been very 

little empirical analysis focusing on the group of legal immigrants in the United States.  

In this thesis, I explored whether participating in the sharing economy as an Uber driver 

under the contingent worker supplement has any causal effect on the economic outcomes and 

                                                 
3 Jie Zong, Jeanne Batalova, and Micayla Burrows, “Frequently Requested Statistics on Immigrants and 

Immigration in the United States”, Migration Information Source, March 2019, 

https://www.migrationpolicy.org/article/frequently-requested-statistics-immigrants-and-immigration-united-

states 
4 Claire Felter and Danielle Renwick, “The U.S. Immigration Debate”, Council on Foreign Relations, Retrieved 

from https://www.cfr.org/backgrounder/us-immigration-debate-0 
5 Frank Newport, “Immigration Surges to Top of Most Important Problem List”, Gallup, July 2018, 

https://news.gallup.com/poll/237389/immigration-surges-top-important-problem-

list.aspx?g_source=link_NEWSV9&g_medium=TOPIC&g_campaign=item_&g_content=Immigration%2520S

urges%2520to%2520Top%2520of%2520Most%2520Important%2520Problem%2520List 
6 Uberisation is a neo-euphemism for a property of a highly tele-networked business to hit peak efficiencies in 

operations, providing highly economical and efficient services. The idea is then projected into the area 

of economic systems to speak of vehicles and drivers (in the Uber example) as under-utilized capacity of existing 

assets or human resources, and then highly networked communications as a simple fact of economic reality, where 

then study of economic systems includes telecom in everything. 
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well-being of legal immigrants working in the United States. My findings are: an Uber driver 

earns, on average, less than a non-Uber-driver with the same marital status, same gender and 

are both immigrants. I also found that for an Uber driver, African American and American 

Indian ethnic groups immigrants earn less in weekly earnings and are significantly different 

from White immigrants; Asian American immigrants earn significantly more in weekly 

earnings than White immigrants.  
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2. Background 
 

 

2.1 The Sharing Economy 
 

 

The sharing economy, or collaborative consumption, refers to resource circulation 

systems which allow a consumer a two-sided role, in which consumers may act as both 

providers of resources or obtainers of resources (Ertz, Durif & Arcand 2016). The sharing 

economy is expected to solve problems such as hyper-consumption, pollution, and poverty by 

lowering the cost of economic coordination7 (Nurvala, 2015) including the elimination of the 

middle person in sales between a provider and a customer8. 

According to a report by PrincewaterhouseCoopers9, the sharing economy is estimated 

to grow from $14 billion in 2014 to $335 billion by 2025. PricewaterhouseCoopers (PwC) 

added music and video streaming to their definition of the sharing economy 

(PricewaterhouseCoopers, 2015a). Using this definition, 19 percent of surveyed consumers 

have engaged in a sharing economy transaction, and 44 percent were familiar with the term 

sharing economy. The main service providers within the industry make up about seven percent 

of the U.S. population and are mainly from the 25-34 age range. Eight percent of all U.S. adults 

said that they have interacted with some form of automotive sharing.  

  

                                                 
7 Hamari, J., Sjöklint, M., & Ukkonen, A. (2016). The sharing economy: Why people participate in 

collaborative consumption. Hoboken, NJ] : John Wiley & Sons]. doi:10.1002/asi.23552 
8 Hira, A., & Reilly, K. (2017). The emergence of the sharing economy: Implications for development. Journal 

of Developing Societies, 33(2), 175-190. Retrieved 

from https://journals.sagepub.com/doi/abs/10.1177/0169796X17710071 
9 Yaranghi, N., & Ravi, S. (2016). The current and future state of the sharing economy The Brookings 

Institution. 

https://journals.sagepub.com/doi/abs/10.1177/0169796X17710071
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2.2 The Legal Immigrant Workforce in the U.S. 
 

 

The number of foreign-born workers in the U.S. labor force has reached 27.4 million, 

or 17.1 percent of the total number of workers, according to figures released by the Bureau of 

Labor Statistics in May 201810. 

The Foreign-born Workers: Labor Force Characteristics – 2017 annual report includes 

foreign-born workers who are in the country legally and illegally, as well as students, refugees 

and those who may be temporary workers. The data does not separate out the number of 

undocumented workers in the country. 

The numbers also show the share of immigrants in the labor force continues to grow.  

In 2016, there were 27 million foreign-born workers in the U.S. or 16.9 percent of the labor 

force.  In 2000, by comparison, the percentage of foreign-born workers was at 13.3 percent. 

The numbers also come at a time when President Trump has promised policies that 

protect American workers and keep illegal immigrants out of the country11. According to the 

BLS, the unemployment rate for foreign-born workers was lower than that of workers who 

were U.S. natives.  

In 2017, the unemployment rate for foreign-born workers was 4.1 percent, compared 

to 4.4 percent for U.S. natives. Hispanics made up the largest share of foreign-born workers by 

far, at 47.9 percent. Asians made up 25.2 percent of the group.  

The survey also showed foreign-born workers were more likely to work in service 

industries and less likely to work in managerial or professional jobs than U.S. natives. The data 

also show that they were also more likely to have jobs in the West than any other region of the 

                                                 
10 U.S. Bureau of Labor Statistics (2018). Foreign-born Workers: Labor Force Characteristics – 2017 (USDL-

18-0786). Retrieved from https://www.bls.gov/news.release/forbrn.htm 
11 Council on Foreign Relations (2016, May 15). Campaign 2015: The Candidates & the World: Donald Trump 

on Immigration. Retrieved from https://www.cfr.org/interactives/campaign2016/ 
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country. In the West, they were 24.1 percent of the labor force, 19.6 percent in the Northeast, 

16.2 percent in the South and 8.8 percent in the Midwest. 

 

2.3 Uberisation in the United States 
 

 

The United States is witnessing a trend in developing new ways of service production. 

Examples of companies that caught up with the new trend are Airbnb Inc., a privately held 

global company headquartered in San Francisco that operates an online marketplace and 

hospitality service which is accessible via its websites and mobile apps. Members can use the 

service to arrange or offer lodging, primarily homestays, or tourism experiences. The company 

does not own any of the real estate listings, nor does it host events; as a broker, it receives 

commissions from every booking 12. Another example is Zipcar, an American car-sharing 

company that provides automobile reservations to its members, billable by the minute, hour or 

day. members may have to pay a monthly or annual membership fee in addition to car 

reservations charges13. 

The term “Uberisation” is derived from the company "Uber" who developed a mobile 

application that allows consumers to submit a trip request which is then routed to drivers who 

use their own cars to transport passengers. The term refers to the utilization of computing 

platforms, such as using mobile applications, in order to facilitate peer-to-peer transactions 

between clients and providers of a service, often bypassing the role of centrally planned 

corporations14.  

Uber is a peer-to-peer ridesharing and transportation network company (TNC) 

headquartered in San Francisco, California. Riders of Uber are quoted the fare that they will 

                                                 
12 Airbnb. (n.d.). In Wikipedia. Retrieved March 20, 2019, from https://en.wikipedia.org/wiki/Airbnb 
13 Zipcar. (n.d.). In Wikipedia. Retrieved March 20, 2019, from https://en.wikipedia.org/wiki/Zipcar 
14 Uberisation. (n.d.). In Wikipedia. Retrieved October 16, 2018, from https://en.wikipedia.org/wiki/Uberisation 



 7 

pay before requesting the ride. It uses a dynamic pricing model; prices vary based on projected 

time and distance as well as the time of day and the supply and demand for rides at the time 

the ride is requested15. At the end of the ride, payment is made based on the rider's pre-selected 

preferences, which could be a credit card on file, Google Pay, Apple Pay, or cash. After the 

ride is over, the rider is given the option to provide a gratuity to the driver, which is also billed 

to the rider's payment method. 

Uber drivers often use their own cars although drivers can rent or lease a car to drive 

with Uber16. Drivers must meet requirements for age, health, car age, and type, have a driver's 

license and a smartphone or tablet and must pass a background check. In many cities, vehicles 

used by Uber drivers must pass annual safety inspections or must have an Uber emblem posted 

in the passenger window. Uber drivers are considered independent contractors and not 

employees, and this has been the subject of lawsuits in several jurisdictions17. 

A study by James A. Parrott and Michael Reich (2018) indicates that in New York City, 

Uber’s largest domestic market, nearly two-thirds of drivers who worked for ride-hailing 

services held no other jobs; approximately 80% bought cars for the purpose of making a living 

by driving them. Many were in debt from those acquisitions and making very little money18.  

Recently, JPMorgan Chase Institute has published a study indicates that on average, 

drivers who transported people (Uber and Lyft) and packages (Uber Eats and Postmates) 

                                                 
15 Hawkins, Andrew J. (October 24, 2017). "Uber will now charge you extra if your driver has to travel longer 

to reach you". The Verge. Vox Media. 
16 Uber (2018). Driver Requirements. Retrieved from https://www.uber.com/drive/requirements/ 
17 Wiessner, D. (2018, April 12). U.S. Judge says Uber driver are not company’s employees. Reuters [London]. 

Retrieved from https://www.reuters.com/article/us-uber-lawsuit/u-s-judge-says-uber-drivers-are-not-companys-

employees-idUSKBN1HJ31I  
18 Parrott, A. J. & Reich, M. (2018). An Earnings Standard For New York City’s App-Based Drivers: Economic 

Analysis and Policy Assessment. Retrieved from Center for New York City Affairs website: 

http://www.centernyc.org/an-earnings-standard/ 

https://www.theverge.com/2017/10/24/16533940/uber-long-pickups-late-cancellations-driver-earnings
https://www.theverge.com/2017/10/24/16533940/uber-long-pickups-late-cancellations-driver-earnings
https://en.wikipedia.org/wiki/The_Verge
https://en.wikipedia.org/wiki/Vox_Media
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working through apps earned 53 percent less in 2017 than they did in 201319. The study looked 

at online payments from gig-economy services into Chase checking accounts. 

Although a number of studies20 have found that workers who participated in the sharing 

economy earned less than before, the effect on legal immigrants is still unclear. Thus, it is 

conceivable that the economic outcomes for legal immigrants in the U.S. could be similar if 

not worse than the overall population.  

  

                                                 
19 Farrell, D. Greig, Fiona. & Hamoudi, Amar. (2018) The Online Platform Economy in 2018: Drivers, 

Workers, Sellers, and Lessors. Retrieved from JP Morgan Chase &Co. Institute website: 

https://www.jpmorganchase.com/corporate/institute/report-ope-2018.htm 
20 Economic Policy Institute (2018, May 15). Uber drivers earn the equivalent of $9.21 in hourly wages. 

Retrieved from https://www.epi.org/press/uber-drivers-earn-the-equivalent-of-9-21-in-hourly-wages-uber-and-

other-gig-platforms-account-for-far-less-of-the-economy-than-many-estimates-suggest/ 



 9 

3. Literature Review 
 

 

There is much previous research on the sharing economy. Allen and Darcy (2015) 

discussed the shift of consumers towards sharing economy and the relationship between 

regulators and the enterprises in the article “The Sharing Economy”21.  

In the book “The sharing economy: the end of employment and the rise of crowd-based 

capitalism”, Arun Sundararajan (2016) explains the transition to “crowd-based capitalism” - a 

new way of organizing the economic activity that may supplant the traditional corporate-

centered model. These papers provided great background information about the sharing 

economy and helped me to define the content of this paper.  

It is very common to see advertisements of rideshare companies like Uber attracting 

drivers on the premise that partnering with the company will allow them to do what they really 

want to do. However, reality shows otherwise. According to a study by two economists, James 

A. Parrott and Michael Reich (2018), in Uber’s largest domestic market, New York City, nearly 

two-thirds of drivers who worked for ride-hailing services did so full time. They held no other 

jobs; approximately 80 percent bought cars for the purpose of making a living by driving them. 

Many were in debt from those acquisitions and making very little money. 

The report also found that 90% of NYC’s app-based drivers are immigrants and driving 

is their only job for two-thirds of the drivers; 80% acquired their vehicle to enter the industry 

and would risk losing their investment if they switched to working in another industry. 

Evidence also shows that driver pay is low, despite the rapid growth of this industry and high 

                                                 
21 Allen, D. (2015). The sharing economy. Review - Institute of Public Affairs, 67(3), 24-27. 
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pricing markups. The reason behind this is that companies depend upon having a large ready 

pool of available drivers and it reduces driver trips per hour and therefore driver pay per hour22.   

Among the many reasons why immigrants choose to become a driver for ride-share 

companies, these are the top ones: no need to purchase a taxi medallion, speak advanced 

English, or acquire expensive training or a degree from an American university; all they need 

are a license, a car, a social security number, and a smartphone. 

According to the latest Marketplace-Edison Research Poll, a quarter of American 

workers now participate in the gig economy, and they report significantly higher economic 

anxiety than regular full-time workers. This paper will try to extend this finding by explaining 

the reason behind such anxiety by looking at the correlation between income and participation 

in the sharing economy. 

According to the most recent Contingent Worker Supplement (CWS) administered by 

the Bureau of Labor Statistics (BLS), 10.1% of workers rely on alternative arrangements for 

their main job, including temporary agency work, on-call work, contracted work, and 

freelancing23.  

The Bureau of Labor Statistics (BLS) approaches this issue from another perspective. 

There has always been a discussion about whether the gig economy will threaten traditional 

jobs, but most of the debate is in the absence of solid data. In June 2018, the BLS released the 

“Contingent and Alternative Employment Arrangements Summary” and came to the 

conclusion that old-fashioned jobs still remain the king in the market. Only 10% of American 

workers in 2017 were employed in “alternative work arrangements”, a broad category 

                                                 
22 An Earnings Standard for New York City’s App-Based Drivers Economic Analysis and Policy Assessment 

James A. Parrott* and Michael Reich 

23 U.S. Bureau of Labor Statistics, “Contingent and Alternative Employment Arrangements – May 2017” 

(Washington, DC: U.S. Department of Labor, 2018), https://www.bls.gov/news.release/pdf/conemp.pdf. 

https://www.bls.gov/news.release/pdf/conemp.pdf
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including Uber drivers, freelance writers and people employed through temporary-help 

agencies. These contingent workers earn less and receive smaller benefits in general. They also 

have far less opportunity to move up the corporate ladder.  

JPMorgan Chase Institute’s recent study on the online platform economy in 2018 found 

that on average, drivers who transported people (Uber and Lyft) and packages (Uber Eats and 

Postmates) working through apps earned 53 percent less in 2017 than they did in 201324. The 

study also recorded an increase in the number of people working in transportation-related jobs 

within the gig economy. The total share of the working population involved in the gig economy 

at any point in a year increased from 2% in 2013 to nearly 5% in 2018. 

JPMorgan Chase focused on jobs mediated through online platforms, but other studies 

of the gig economy have included freelance or contract work as well. Although this study had 

the advantage of looking at objective data, rather than subjective survey responses, there are 

still limitations. The study covered activity in 39 million Chase checking accounts between 

2012 and 2018. It doesn't account for transactions through services such as PayPal and is 

subject to the demographic peculiarities of Chase account holders. My paper will follow the 

same approach and emphasize more on the legal immigrant workforce.  

While there are all these inspiring findings in the gig economy, less attention is given 

to the immigrant workforce in the United States. This thesis will focus on explaining the 

correlations between the sharing economy and the well-being of legal immigrants in the U.S.  

  

                                                 
24 https://www.jpmorganchase.com/corporate/institute/report-ope-2018.htm 
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4. Conceptual Framework and Hypothesis 
 

 

The hypothesis I will be testing is that the sharing economy increases the wellbeing of 

legal immigrants in the United States.  

In order to identify the effect of the sharing economy on the immigrant workforce, it is 

critical to first identify the criterion of measurement. What is the underlying factor impacting 

one’s well-being? Some indicators such as income, health status, and access to opportunities 

are worth looking at. According to Eger and Maridal (2015), happiness, life satisfaction, and 

prosperity are often used interchangeably with wellbeing. However, “happiness is increasingly 

used to describe momentary pleasant emotions, while life satisfaction is used to refer to the 

long-term cognitive evaluation of life as a whole, a sort of deeper happiness. Prosperity, on the 

other hand, tends to be used in discussions of tangible economic conditions.” 

Many scholarly works of literature (Hodkinson & Visser, 2013; Fletcher & Lorenz,  

1985) about well-being distinguishes between subjective and objective wellbeing. Subjective 

Well-being (SWB) touches on a person’s particular experience and can be measured through 

population surveys. Objective Wellbeing (OWB) consists of a list of quantifiable social or 

economic indicators that determines the quality of life (Sen, 1999)25. 

SWB will be used as the main interest of outcome in this thesis. One of the many 

questions I hope to answer is: Do immigrants in the United States achieve a better life after 

participating in the sharing economy?  

One of the independent variables that could be a factor of wellbeing is “Income”. 

According to Jeremy Bentham’s (1789) economic utility theory, as individuals gain income 

and wealth, they gain purchasing power, which expands the bundle of goods they can afford. 

This will lead to an increase in consumption and ultimately improve wellbeing. In 2006, the 

                                                 
25 Sen, A. K. (1999). Commodities and capabilities. Delhi; New York: Oxford University Press. 
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Gallup Organization conducted a World Poll that used an identical questionnaire for national 

samples of adults from 132 countries. The analysis confirms that average life satisfaction is 

strongly related to per capita national income26(Deaton 2008). Each doubling of income is 

associated with almost a one-point increase in life satisfaction on a scale from 0 to 10.  

Therefore, income will be used as the main dependent variable in this thesis to measure 

the well-being of the immigrant workforce. 

  

                                                 
26 Deaton, Angus. 2008. "Income, Health, and Well-Being around the World: Evidence from the Gallup World 

Poll."Journal of Economic Perspectives, 22 (2): 53-72. 
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5. Data and Methods 
 

 

The aim of this paper is to identify how does the sharing economy impact the wellbeing 

of immigrants in the United States. I used data from the U.S. Bureau of Labor Statistics (BLS) 

and the U.S. Census Bureau’s Current Population Survey of the Contingent Worker up till May 

2017. 

The Current Population Survey (CPS) is one of the largest and most well-organized 

surveys in the United States27. It is the primary source of monthly labor force statistics and it 

also collects data in order to keep the nation informed of the economic and social well-being 

of its people. This is done through supplemental inquiries.  

The Contingent Worker Supplement is a national survey conducted to obtain data on 

the contingent or temporary work that a person does without expecting continuing employment 

from a particular employer28. In other words, these contingent workers are persons who do not 

expect their jobs to last or who report that their jobs are temporary. They do not have an implicit 

or explicit contract for continuing employment. Alternative employment arrangements include 

people employed as independent contractors, on-call workers, temporary help agency workers, 

and workers provided by contract firms29. In the May 2017 Contingent Worker Supplement, 

BLS reported that there are 3.8% of workers -- 5.9 million persons -- who held contingent jobs 

in the United States.  

The population I will analyze will be immigrants in the United States in the year 2017. 

The reason I chose the year of 2017 is that there are four new questions added to the May 2017 

Contingent Worker Supplement that were designed to identify individuals who found short 

tasks or jobs through a mobile app or website and were paid through the same app or website. 

                                                 
27 https://www.census.gov/programs-surveys/cps/about.html 
28 https://www.census.gov/programs-surveys/cps/about/supplemental-surveys.html 
29 U.S. Bureau of Labor Statistics (2018). Labor Force Statistics from the Current Population Survey. Retrieved 

from https://www.bls.gov/cps/lfcharacteristics.htm#contingent 

https://www.bls.gov/cps/lfcharacteristics.htm#contingent
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People who work in the sharing economy belongs to that category and can be identified through 

those four new questions.  

 

5.1 Descriptive Statistics 
 

 

Table 1 shows the key characteristics of the dataset I used for analysis30. I first presented 

the demographics on the individual level. The immigrant population has more married 

individuals on average than non-immigrants, they also have more female respondents. The age 

difference between the immigrant and non-immigrant is significant, with immigrants 4 years 

older than non-immigrants on the mean of age. On average, the proportion of immigrants with 

a less than high school education attainment is larger than non-immigrants. This has been 

proven to be true and is consistent with the findings of several journals31. At the same time, the 

immigrant population also sees a higher number of people with a bachelor’s degree or higher. 

The polarization of educational attainment within the immigrant population under the 

contingent worker supplement is obvious and needs to be taken into consideration.  

Table 1 also shows that the difference in weekly earning between immigrant and non-

immigrant is also statistically significant, with immigrants earning $50.41 less on average than 

non-immigrants. This supported my hypothesis in a way that it proves there is wage inequality 

in the general workforce in the United States.  

  

                                                 
30 All tables are presented in the Appendix. 
31 Educational attainment: analysis by immigrant generation; The Effects of Immigrant Generation and 

Ethnicity on Educational Attainment among Young African and Caribbean Blacks in the United States 

 



 16 

5.2 Empirical Strategy 
 

 

Due to the nature of my topic, most of the factors I need to take into consideration are 

qualitative factors that often come in the form of binary information: the gender of a person; 

the immigrant status of a person; the category of job a person belongs to. The relevant 

information can be captured by a binary variable. The regression model I will be using is the 

ordinary least square model. To identify the well-being of the immigrant workforce in the 

United States, I test whether being an Uber driver along with other characteristics results in a 

better outcome for immigrants working in the U.S. as a contingent worker. This could mean 

either higher earnings or a better probability of having health insurance. My empirical strategy 

is thus designed to test whether working in the sharing economy significantly changes 

economic outcomes for immigrants. The baseline equation I will be using is:  

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 +  𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑑𝑟𝑖𝑣𝑒𝑟 + 𝛽4𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 +  𝜖 (1) 

Where 𝑌𝑖 is a numeric variable denoting the weekly earning of each individual, married 

is the binary variable showing marital status32, male is the binary variable showing gender33, 

driver is the binary variable showing work category34 and immigrant is the binary variable 

showing immigrant status. The coefficient of interest is  𝛽3and 𝛽4, which denotes whether there 

is a significant difference in weekly earnings between immigrant, non-immigrant, drivers and 

non-drivers. 

In order to control for the effect of driver on immigrant or vice versa, I added 

interactions between the two variables, this allows the immigrant premium to depend on the 

driver dummy.  

                                                 
32 married is coded as 1 if the individual is married with a present spouse, and 0 otherwise. Other situation 

includes married but spouse is absent, widowed, divorced, separated and never married.  
33 male is coded as 1 for male respondents and 0 for female respondents. 
34 driver is coded as 1 if the individual’s occupation is within the category “Taxi drivers and chauffeurs”. 
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𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑑𝑟𝑖𝑣𝑒𝑟 +  𝛽4𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 
+𝛽5𝑑𝑟𝑖𝑣𝑒𝑟 ∗ 𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 +  𝜖 

(2) 

I also added interactions between each combination of variable.  

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑑𝑟𝑖𝑣𝑒𝑟 + 𝛽4𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 
+𝛽5𝑚𝑎𝑟𝑟𝑖𝑒𝑑 ∗ 𝑚𝑎𝑙𝑒 +  𝜖 

(2.1) 

 

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑑𝑟𝑖𝑣𝑒𝑟 +  𝛽4𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 
+𝛽5𝑚𝑎𝑟𝑟𝑖𝑒𝑑 ∗ 𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 +  𝜖 

(2.2) 

 

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑑𝑟𝑖𝑣𝑒𝑟 + 𝛽4𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 
+𝛽5𝑑𝑟𝑖𝑣𝑒𝑟 ∗ 𝑚𝑎𝑙𝑒 +  𝜖 

(2.3) 

 

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑑𝑟𝑖𝑣𝑒𝑟 +  𝛽4𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 
+𝛽5𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 ∗ 𝑚𝑎𝑙𝑒 +  𝜖 

(2.4) 

 

Since the immigrant variable is only a binary variable, the information it carries is very 

limited. I created another variable “race” that denotes the race of each respondent, 1 for white, 

2 for black, 3 for American Indian, 4 for Asian and 5 for all others. Since I am only interested 

in immigrants, I then created another variable “immirace” that takes on the value of “race” * 

“immigrant”. In this way, all non-immigrant will take on the value of 0 and immigrant each 

takes on the value of their ethnicity. 

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑑𝑟𝑖𝑣𝑒𝑟 +  𝛽4(𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒 = 1) 
+𝛽5(𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒 = 2) + 𝛽6(𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒 = 3) + 𝛽7(𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒 = 4) +  𝜖 

(3) 

I then used the xi command to expand the categorical variable immirace into indicator 

variable sets by creating new variables as it is shown in Table 4. The interpretation are: 

i.immirace is expanded into dummies _Iimmirace_1_, _Iimmirace_2_, _Iimmirace_3_, 
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_Iimmirace_4_, _Iimmirace_5_. The numbers on the end are “natural” in the sense that 

_Iimmirace_1_ corresponds to immirace = 1. Here, the dummy for immirace = 1 is omitted.  

𝑌𝑖  =  𝛽0 + 𝛽1_𝐼𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒_2_  + 𝛽2_𝐼𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒_3_  + 𝛽3_𝐼𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒_4_  ) 
+ 𝛽4_𝐼𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒_5_ +  𝜖 

(4) 

In equation (5) I added the variable driver.  

𝑌𝑖  =  𝛽0 + 𝛽1_𝐼𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒_2_  + 𝛽2_𝐼𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒_3_  + 𝛽3_𝐼𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒_4_  ) 
+ 𝛽4_𝐼𝑖𝑚𝑚𝑖𝑟𝑎𝑐𝑒_5_ +  𝛽5𝑑𝑟𝑖𝑣𝑒𝑟 +  𝜖 

(5) 

The challenge I faced when constructing my model was to identify those individuals 

working in the sharing economy, working as Uber drivers to be specific. Since the sharing 

economy is an emerging industry, there is no single category in the CPS that differentiate Uber 

drivers from the rest of the workforce.  

To address this challenge, I tried to find the closest proxy. On one of the “monthly labor 

review” by the Bureau of Labor Statistics on their website, they announced that “The U.S. 

Bureau of Labor Statistics (BLS) added four questions to the May 2017 Contingent Worker 

Supplement 35 . These questions were designed to measure an emerging type of work—

electronically mediated work, defined as short jobs or tasks that workers find through websites 

or mobile apps that both connect them with customers and arrange payment for the tasks.” 

Uber drivers fit perfectly into this category. So, in Table 5 I added another regression using the 

four questions to identify Uber drivers as a subgroup: 

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 +  𝜖 (6) 

Within this subgroup, I added interaction terms between married, male and immigrant.  

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 + 𝛽4𝑚𝑎𝑟𝑟𝑖𝑒𝑑 ∗ 𝑚𝑎𝑙𝑒
+  𝜖 

(7) 

                                                 
35 https://www.bls.gov/opub/mlr/2018/article/electronically-mediated-work-new-questions-in-the-contingent-

worker-supplement.htm 
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𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 +  𝛽4𝑚𝑎𝑟𝑟𝑖𝑒𝑑
∗ 𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 +  𝜖 

(8) 

 

𝑌𝑖  =  𝛽0 + 𝛽1𝑚𝑎𝑟𝑟𝑖𝑒𝑑 + 𝛽2𝑚𝑎𝑙𝑒 + 𝛽3𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 +  𝛽4𝑖𝑚𝑚𝑖𝑔𝑟𝑎𝑛𝑡 ∗ 𝑚𝑎𝑙𝑒
+  𝜖 

(9) 

 

6. Main Results 
 

I now turn to the main results of the paper. I will first describe the OLS estimates. 

I run the OLS estimates on the entire sample in the dataset (Table 3), the coefficient on driver 

measures the average difference in hourly earnings between an Uber driver and a non-Uber-

driver who have the same marital status, gender, and immigrant status. From (1) we know that 

if we take an Uber driver and a non-Uber-driver with the same marital status, same gender and 

are both immigrants, the Uber driver earns, on average, $323.09 less per week than a non-Uber-

driver. It is very statistically significant (p<0.001). This is contrary to my assumption that the 

sharing economy has made the United States immigrant workforce better off. It pushed me to 

explore further on the effect of immigrant on income.  

Then I looked at the possible interactions between variable immigrant and driver. By 

running the regression in Table 3 equation (2), it allows me to test the null hypothesis that the 

difference between being an immigrant and a non-immigrant does not depend on the driver 

identity. Unexpectedly, the results in (2) show no statistically significance on the interaction 

term. However, the interaction term between married and male in (2.1) is very statistically 

significant (p<0.01). The indication here is that there is statistical difference in the effect of 

being married on weekly earnings between male and female individuals, which is irrelevant to 

this thesis but still an interesting find.  
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I then looked at the results of the detailed categories of the immigrant variable: 

immirace from equation (3). Results show that holding all else constant, an African American 

immigrant earns $160.43 less per week than a non-immigrant on average and it is statistically 

significant (p<0.05). The same is also true for American Indians with an even greater 

significance (p<0.001). Interestingly, the results also discovered that an Asian American 

immigrant earns $196.13 more per week than a non-immigrant on average holding all else 

constant and it is very statistically significant (p<0.001). Therefore, I have found that there is 

a difference within the immigrant group based on ethnicity and race.  

To further address the difference between each minority groups, I used simple coding 

to compare each minority ethnic group to “white” under the variable “immirace”36. The results 

can be seen from Table 2 and Table 4 regression result (4). 

The coefficient for _Iimmirace_2 compares the mean of the dependent variable, 

immirace, for levels 2 and 1 yielding 761-954 = -193 and is statistically significant (p<0.05). 

The coefficient for _Iimmirace_3 compares the mean of the dependent variable, immirace, 

for levels 3 and 1, yielding 400-954 = -554, and this is not statistically significant.  The 

coefficient for _Iimmirace_4 compares the mean of the dependent variable, immirace, for 

levels 4 and 1, yielding 1139-954 =185, and that is very statistically significant (p<0.001). 

Finally, the coefficient for _Iimmirace_5 compares the mean of the dependent variable, 

immirace, for levels 5 and 1, yielding 727-954 =-227, and this is not statistically significant. 

The result in (4) shows that African American and Asian ethnic groups are significantly 

different from White in terms of weekly earnings. I then added the dummy variable “driver” 

in (4) to get regression (5). The result shows similar results and the coefficients are all 

statistically significant except for “other” that is _Iimmirace_5. 

                                                 
36 “white” denotes immigrants that identify them as Caucasian. 
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The result in (5) shows that for an Uber driver, African American and American Indian 

ethnic groups immigrants earn less in weekly earnings and are significantly different from 

White immigrants; Asian American immigrants earn significantly more in weekly earnings 

than White immigrants.  

Thanks to the four added questions by BLS that are designed to measure electronically 

mediated work, the results in Table 5 (6) show that individuals who identify themselves to be 

in the electronically mediated work and are immigrants earn $349.72 less than non-immigrants 

on average holding all else constant. The difference is statistically significant and has proven 

the opposite of my hypothesis: immigrants working in the sharing economy are less well-off 

than non-immigrants. In equation (8), the significant (p<0.1) negative coefficient for 

married*immigrant indicates that married immigrants earn less on weekly earnings than non-

immigrants. Specifically, being married is worth about $608 less for an immigrant than a non-

immigrant.  

 

 

 

 

  



 22 

7. Discussions and Policy Implications 
 

 

The objective of my thesis was to test the hypothesis that by participating in the sharing 

economy, the well-being of the immigrant workforce in the United States would be improved. 

And the findings of my regression could not conform to this hypothesis. Otherwise, the results 

indicate that the well-being of immigrants participating in the sharing economy in the U.S. is 

worse compared to non-immigrants. This finding is counter-intuitive given the great number 

of immigrants working in the sharing economy especially as Uber drivers.  

Although I could not confirm my original hypothesis about the U.S. immigrant 

workforce, my results are still interesting. Welfare improvements can still be achieved and the 

conditions of the immigrant workforce under the sharing economy will be improved.  

The first policy implication is that regulation and supervision are needed in the sharing 

economy especially in the transportation industry. Ride-sharing applications are basically 

dominated by Uber and Lyft, leaving little or even no space for newcomers. Drivers have very 

limited options when it comes to choosing which company to work with.  

Second, companies in the sharing economy like Uber and Lyft should put efforts into 

the optimization of its application algorithms both in terms of efficiency and equality. There 

has long been a debate about the using of artificial intelligence in people’s daily life. 

Companies like Uber have been using AI in many of their products and the algorithm is 

performed in a “black box”. The complexity of the data and statistical models can make it 

difficult for analysts to fully understand and explain the underlying model or its results. In 

commercial activities, big data analysis is different from traditional statistics, Stats uses 

carefully selected samples that represented the population characteristics, and then it uses 

underlying assumptions to predict the possible outcomes of the real world. However, when it 

comes to big data, with its huge volume, analysts cannot determine whether or not it represents 

the true population characteristics, which means that even though the sample size is relatively 
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large, it still could be heavily biased. And even if the prediction is not biased, we still cannot 

know the inference process of the overall causal relationship within the algorithm. And that 

process is the key to decision making. 

Thirdly, false illusions promoted by big companies could be the reason behind the 

decline of immigrant earnings in the sharing economy.  Uber, the largest ride-sharing 

transportation network company in the United States, appealed to drivers that partnering with 

the company would allow them to do what they really wanted to do. However, reality shows 

the contrary. In Uber’s largest domestic market ---- New York City, nearly two-thirds of drivers 

who worked for ride-hailing services worked full time37. Becoming an Uber driver is also easier 

than finding other types of jobs for immigrant since the only skills you basically need is how 

to drive a car. Nonetheless, this is not true at all. Ride-sharing apps like Uber allows customers 

to rate their driver after each route, and the higher the rating, the more likely customers will 

not drop out from the paired driver on the Uber app. This means a driver with a low rating point 

is more likely to get fewer customers and make less money compared to a higher rated driver. 

This puts immigrant drivers at a disadvantage because of their language insufficiency and this 

generates discrimination that was not intended.  

  

                                                 
37 Parrott, A. J. & Reich, M. (2018). An Earnings Standard For New York City’s App-Based Drivers: Economic 

Analysis and Policy Assessment. Retrieved from Center for New York City Affairs website: 

http://www.centernyc.org/an-earnings-standard/   
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8. Limitation of the Analysis and Direction of Further Research 
 

 

The Bureau of Labor Statistics added four questions, which were used in this thesis to 

select those worked in the sharing economy, to the May 2017 Contingent Worker Supplement 

(CWS) to the Current Population Survey (CPS) in order to measure the number of people with 

electronically mediated employment. Electronically mediated employment is defined as short 

jobs or tasks that workers find through websites or mobile apps that both connect them with 

customers and arrange payment for the tasks38. People using their own cars to transport people 

from place to place and obtaining customers through a mobile app (such as Uber or Lyft) are 

included in this category. 

However, there have been some limitations. First, there have been many false positives 

in the data collection process. Some people that were incompatible with electronically 

mediated employment responded “yes” to those added questions and no problem with incorrect 

“no” answers, according to BLS 39 . The reason behind this could be a) people still lack 

understanding of the sharing economy and the definition of electronically mediated 

employment; b) some industries are in the middle-ground and by asking these four questions 

won’t select them out. For example, a manager of a fast food restaurant and a surgeon at a large 

hospital also used a website or mobile app to connect with customers and were paid through 

that same website or mobile app. This limitation of the data has imposed a certain level of bias 

on my result. Due to time constraints, it is beyond my ability to solve this problem. I do hope 

to continue working on this issue in my future research or studies. 

 

                                                 
38 Current Population Survey staff, “Frequently asked questions about data on electronically mediated 

employment,” Retrieved from https://www.bls.gov/cps/electronically-mediated-employment-

faqs.htm#questions 
39 Current Population Survey staff, "Electronically mediated work: new questions in the Contingent Worker 

Supplement," Monthly Labor Review, U.S. Bureau of Labor Statistics, September 2018, 

https://doi.org/10.21916/mlr.2018.24 

https://www.bls.gov/cps/electronically-mediated-employment-faqs.htm#questions
https://www.bls.gov/cps/electronically-mediated-employment-faqs.htm#questions
https://doi.org/10.21916/mlr.2018.24
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9. Conclusions 
 

 

This paper uses OLS estimates model to estimate the effect of the sharing economy on 

the immigrant workforce in the United States. Given the concerns of identifying people 

working in the sharing economy correctly, I used two different measurements to select out 

Uber drivers from the rest of the contingent work supplement in the BLS CPS dataset. I also 

analyze the difference between each ethnic group within the immigrant workforce. 

I found that immigrants in the United States working in the sharing economy are less 

well-off than non-immigrants. To be specific: an Uber driver earns, on average, less than a 

non-Uber-driver with the same marital status, same gender and are both immigrants. I also 

found that for an Uber driver, African American and American Indian ethnic groups 

immigrants earn less in weekly earnings and are significantly different from White immigrants; 

Asian American immigrants earn significantly more in weekly earnings than White 

immigrants. Last but not least, I found that individuals who identify themselves to be in the 

electronically mediated work and are immigrants earn less than non-immigrants on average 

holding marital status and gender constant.  
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Appendix: Additional Tables and Regression Results 
 

 

 

 

Table 1: Descriptive Statistics           

  Total  Non-immigrant Immigrant 

Difference in 

Means 

Individual level Characteristics Obs Mean  S.D Obs  Mean S.D Obs  Mean S.D  

Married 101194 0.53 0.50 94696 0.52 0.5 6498 0.67 0.47 -0.15*** 

Male respondent 101194 0.48 0.50 94696 0.48 0.5 6498 0.46 0.50 0.02*** 

Age 101194 47.68 18.68 94696 47.41 18.8 6498 51.54 16.34 -4.13*** 

Education           

 Less than high school  101194 0.14 0.34 94696 0.13 0.34 6498 0.16 0.37 -0.03*** 

 High school graduate, no college 101194 0.29 0.45 94696 0.29 0.45 6498 0.25 0.44 0.03*** 

 Some college or associate degree 101194 0.27 0.45 94696 0.28 0.45 6498 0.22 0.41 0.06*** 

 Bachelor's degree and higher 101194 0.30 0.46 94696 0.30 0.46 6498 0.37 0.48 -0.07*** 

Weekly earnings 13,686 939.93 682.22 12,775 936.57 679.9 911 986.98 712.62 -50.41* 

*** p<0.01, ** p<0.05, * p<0.1 
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Table 2 : Subgroup of immirace 
 

immirace Mean S.D. Freq. 

White 954.47 683.58 496 

Black 760.74 574.93 107 

American Indian 400 0 1 

Asian 1139.06 783.23 293 

Other 726.89 445.7 14 

Total 986.89 712.62 911 
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Table 3: Regression Results     

Dependent variable: weeklyearn     

 （1） （2） (2.1) (2.2) (2.3) (2.4) (3) 

married 293.95*** 293.9*** 177.53*** 297.86*** 294.00*** 294.02*** 209.55*** 

 (11.08) (11.08) (14.82) (11.41) (11.08) (11.08) (46.26) 

male 225.95*** 225.86*** 98.51*** 226.15*** 226.14*** 227.85*** 212.72*** 

 (11.16) (11.17) (15.10) (11.16) (11.19) (11.50) (45.90) 

driver -323.09*** -356.58*** -338.36*** -321.48*** -273.09*** -320.79*** -107.33 

 (84.31) (87.83) (82.96) (84.41) (51.53) (84.44) (215.73) 

immigrant 12.94 11.59 11.19 60.09 13.10 27.02  

 (23.85) (23.98) (23.80) (37.20) (23.86) (31.41)  

driver*immigrant  148.39      

  (234.10)      

married*male   230.47***     

   (21.98)     

married*immigrant    -68.53    

    (47.93)    

male*driver     -71.06   

     (128.35)   

male*immigrant      -28.67  

      (47.68)  

immirace        

Black       -160.43** 

       (63.38) 

American Indian       -296.58*** 

       (44.71) 

American Asian       196.14*** 

       (53.95) 

Other       -181.06 

       (119.94) 

Observations 13686 13686 13686 13686 13686 13686 911 

R-squared 0.08 0.08 0.08 0.08 0.08 0.08 0.07 

Robust standard errors are reported in parentheses. *** p<0.01, ** p<0.05, * p<0.1 
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Table 4: Regression Results 

Dependent variable: weeklyearn 

 (4) (5) 

 coefficient predicted y coefficient 

immirace1 N/A 954.47 N/A 

 N/A  N/A 

immirace2 -193.73** 760.74 -193.96** 

 (74.96)  (64.39) 

immirace3 -554.47 400 -554.38*** 

 (703.94)  (30.71) 

immirace4 184.59*** 1139.06 184.65** 

 (51.81)  (55.16) 

immirace5 -227.58 726.89 -227.49* 

 (190.58)  (119.19) 

constant 954.47  954.38 

 (31.58)  (30.71) 

driver   8.52 

   (221.39) 

Observations 911  911 

R-squared 0.03  0.03 

Robust standard errors are reported in parentheses. *** p<0.01, ** p<0.05, * p<0.1  
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Table 5: Regression Results     

Dependent variable: weeklyearn     

 (6) (7) (8) (9) 

married 449.23*** 301.51* 488.21** 455.76*** 

 (113.50) (155.35) (118.37) (113.83) 

male 273.54** 108.71 261.05*** 257.19** 

 (113.12) (171.17) (113.36) (117.90) 

immigrant -349.72** -341.74** 90.09 -622.04** 

 (163.20) (169.46) (305.39) (244.74) 

married*male  286.65   

  (223.01)   

married*immigrant   -608.09*  

   (336.25)  

male*immigrant    337.82 

    (302.93) 

Observations 144 144 144 144 

R-squared 0.15 0.16 0.16 0.15 

Robust standard errors are reported in parentheses. *** p<0.01, ** p<0.05, * p<0.1 
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