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ABSTRACT 

 

When the Supreme Court’s Shelby v. Holder (2013) struck down parts of the 

Voting Rights Act, there were concerns about what the decision could do to voter turnout, 

especially within minority populations. These concerns quickly materialized in 2018 

where states, like Georgia, closed voting locations in predominantly minority counties. 

Although civil rights organizations have successfully litigated cases on this issue, the 

court battles are often lengthy and unpredictable—while the consequences to voter 

turnout are often immediate. In order to understand the impact of Shelby on overall voter 

turnout, I analyze data from the 2002 and 2014 senate elections across 2,285 and 2,288 

counties, respectively, representing 33 states. I also analyze data from the 2012 and 2016 

presidential elections across 3,105 and 3,107 counties respectively representing all 48 

contiguous states. I develop a measure to quantify the stringency of voter ID laws in 

effect at the time of the election within each state. I control for various demographic 

factors, including race and per capita income, and compare the effect of changing voter 

ID laws on voter turnout in four elections, two before and two after Shelby. Finally, using 

both an ordinary least squares (OLS) and fixed effects model, I find a negative and 

statistically significant relationship between voter ID laws and voter turnout. And, even 
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when that relationship is weakened by the controls, the impact of strict voter ID laws is 

greater than the margin of victory in some states during the 2016 presidential election. 
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INTRODUCTION 

The United States held midterm elections on November 6, 2018. At the time, civil 

rights organizations and election officials fielded calls from citizens complaining of long 

wait times and broken voting machines at polling locations (Gardner and Reinhard 2018). 

Many of the voters also reported officials turning them away from the polls, citing 

polices like “exact match” which require an exact match between the voter’s name on a 

government-issued ID and the voter’s name within the voter rolls. As the country took 

note of the impact of these policies on voter turnout, some observers started to argue that 

practices like exact match disproportionality impacted minorities. (Enamorado 2018). 

The 2018 midterm election was also the third national election since 2013 when the 

Supreme Court of the United States in Shelby County v. Holder struck down key pieces 

of the Voting Rights Act of 1965. 2016 saw similar headlines regarding wait times and 

voters turned away at the polls (Wolf and McCoy 2016). Voting issues made headlines in 

2014, as well (Blake 2014). After all, the Voting Rights Act (VRA) covered many facets 

of election law; from gerrymandering to mandating that certain states pre-clear new 

election laws with the Department of Justice before implementing them. The 

consequences of the Shelby decision are still being studied and debated (Liptak 2013). 

Accordingly, the Supreme Court’s 2013 decision in Shelby County v. Holder to 

strike elements of section 2 and section 5 of the Voting Rights Act of 1965 (VRA) has 

led to negative consequences on voter turnout. For example, whereas section 5 

implemented pre-clearance mandates on states that had a history of voter suppression, the 

section’s repeal has emboldened states seeking to implement tactics which some have 

argued amount to voter suppression. The pre-clearance mandate had required Alabama, 
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Georgia, Louisiana, Mississippi, South Carolina, Virginia, and most counties in North 

Carolina to pre-clear laws that could impact voting with the Department of Justice before 

implementing them.1 Now, each of these states has a voter ID law and, after the Shelby 

decision, six of these states have increased the stringency of their laws. 

Additionally, the VRA was instrumental in voter registration increase. Black voter 

registration rates increased from 33.8 percent to 56.6 percent when the VRA first passed 

in 1965 (Valelly 2004). It achieved this increase in registration by banning literacy tests, 

which were an effective tool used to ban black voters from exercising their right to vote. 

Remarkably, however, there has been a recent decrease in overall voter registration 

between the 2012 and 2016. Before Shelby, 70 percent of people were registered to vote 

(Voting and Registration in the Election of November 2014 ). After Shelby, this rate fell 

to 64 percent in 2016 (Voting and Registration in the Election of November 2016). It is a 

decrease worth noting as no new literacy tests have been implemented as of the writing of 

this paper. 

This paper evaluates the impact of the Shelby decision using ordinary least 

squares and fixed effects models to analyze the relationship between voter ID laws and 

voter turnout. Specifically, since Shelby, have voter ID laws become more strict and what 

impact does any increase in stringency have on voter turnout? Using the American 

Community Survey (ACS), Citizen Voting Age Population (CVAP) Special Tabulation, 

and CQ Press’ Voting and Elections Collection, I compare data from one senate election 

before and one after the Court’s decision in Shelby, as well as one presidential election 

                                                 
1 Some argue that the VRA increased overall turnout though there remains uncertainty regarding which 

group had a higher rate of increase (Fresh 2018) 
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before and one after Shelby. I also use date from the National Conference of State 

Legislatures to quantify the stringency of ID laws as my key independent variable. 

The results of this analysis can have major implications for Congress and civil 

rights agencies seeking to defend the integrity of US elections. In 2016 alone, the 

presidential candidates won four states by a margin of less than one percentage point; 

three of those states had enacted a voter ID law.2 Thus, given such small margins of 

victory, even a policy which disenfranchises 1 percent of voters could compromise the 

integrity of an election. Further, whereas previous research has only considered 

individual, state-wide data to assess the impact of voter ID laws on voter turnout, this 

paper considers the issue on a country-wide scale using aggregated data. This paper also 

treats the issues noted by other papers using only survey data by relying instead on 

census data and election returns. Although survey respondents may over or underestimate 

their civic engagement, I use verified election returns as my dependent variable and 

American Community Survey 5-year estimates in order to include all counties. 

PREVIOUS RESEARCH 

Evaluating Voter ID Laws 

Since Shelby, the number of states with voter ID laws has increased. But, because 

states do not share an identical number of counties or even population, this study 

analyzes the county-level impact of voter ID laws. Figure 1 illustrates the percentage of 

counties under each type of ID law. 

  

                                                 
2 See Figure 2 on page 4 
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Figure 1: ID LAW STRINGENCY OVER TIME: PERCENT OF COUNTIES 

IMPACTED 
 

The counties in the figure above are grouped by stringency of the law they are 

under. ID law stringency is based on whether a law is strict, meaning can someone still 

vote and have their vote counted by simply signing an affidavit or can they only submit a 

provisional ballot. And, is the ID required a photo ID or can it be any ID such as a bill or 

card that has a name. As Figure 1 illustrates, the Shelby decision has led to an increase in 

the use of strict photo ID laws. Additionally, of the seven states which would previously 

have been required to obtain pre-clearance from the Department of Justice, six of those 

states have enacted strict voter ID laws. Today, more than 70 percent of counties in these 

six states have to comply with a state ID law, compared to only 12 percent in 2002 

(NCSL 2017). Figure 1 clearly demonstrates that strict ID laws have become more 

commonplace since the Court’s decision in Shelby.  

Unsurprisingly, the impact of voter ID laws on voter turnout continues to be 

debated. On the one hand, supporters argue that these laws play an integral role in 

maintaining the integrity of the vote, on the other hand, others argue that voter ID laws 

are a thinly veiled mechanism to suppress the minority vote. To understand voter ID 

laws, it is important to first discuss the existing research in this field. The research can be 

grouped into four main categories: (1) Is there voter fraud? (2) Who has an eligible ID? 
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(3) How are these laws implemented? And (4) what impact have these laws had on voter 

turnout? This paper focuses on the fourth category. 

Voter Fraud 

There is insufficient support for the argument that ID laws are required to prevent 

voter fraud. While there have been isolated incidents of improper voting, researchers 

have not found evidence of widespread voter fraud (Ahlquist, Mayer and Jackman 

2014). 3  For example, studies conducted after the 2016 election, in which President 

Donald Trump suggested that there were millions of fraudulent votes cast for his 

opponent, did not find suspicious patterns in the timing of results or any evidence to 

support President Trump’s allegations of systematic fraud (Cottrell, Herron and 

Westwood 2018). 

Who Has an Eligible ID 

When discussing the impact of voter ID laws, it is also important to understand 

who has an accepted ID for voting. In states that strictly enforce such laws, estimating 

populations which could be impacted by these laws, there is cause for concern. Research 

has found, for example, that many Americans lack proper identification. In one Texas 

study evaluating who has eligible ID, researchers found that 4.7 percent of white, 8.4 

percent of black, and 11.4 percent of Hispanic eligible voters could not satisfy the state’s 

ID requirement (Barreto and Sanchez 2014). A similar study in Indiana also found that 

the percentage of white registered voters with an ID exceeded black registered voters by 

12.2 percentage points (Barreto, Nuño and Sanchez 2009). Even the United States 

Government Accountability Office (GAO) estimates that between 5 and 16 percent of 

voters do not have an ID (GAO 2014). Thus, the existing literature demonstrates that 

                                                 
3 North Carolina’s 9th Congressional District’s 2018 election may be an exception (Press 2019) 
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voter ID laws disproportionately impact minority voters, and there is a sizeable portion of 

the overall population that lacks ID. 

ID Law Implementation 

The implementation and enforcement of voter ID laws is also an area of concern. 

Unequal enforcement can mean that certain groups are impacted differently, and this lack 

of consistency can be seen as a sign of discrimination (Atkeson, Bryant, et al. 2010). For 

example, in one study, researchers asked whether poll workers complied with state law 

by requesting IDs equally from all groups. The results were staggering: during the 2008 

Super Tuesday primary states, 53 percent of white voters were asked to produce an ID, 

compared to 73 percent of black voters (Ansolabehere 2009). Similarly, another study in 

New Mexico found that the base probability for the median voter to show ID was 69 

percent. But, for Hispanic voters, that probability increased to 85 percent suggesting 

unequal and discriminatory implementation of ID laws (Atkeson, Bryant, et al. 2010). A 

later study also found that complex voter ID requirements and unclear guidelines led poll 

workers to rely on their beliefs (instead of legal requirements) to determine whom to 

target (Atkeson, Kerevel, et al. 2014). Finally, yet another study specifically addressed 

the crucial role played by Section 5 of the VRA in protecting the right of minorities when 

it found similar discrepancies in application of the law (Rogowski and Cohen 2014). 

Impact on Turnout 

Although there appears to be some consensus on voter fraud, possession of ID, 

and uneven implementation, researchers continue to debate the relationship between 

voter turnout and the presence of voter ID laws. The GAO summarized previous research 

and found statistically significant results that suggest voter ID laws reduce voter turnout 
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by 1.9-2.2 percentage points (GAO 2014). More specifically, studies conducted prior to 

Shelby found little to no impact on overall voter turnout (Ansolabehere 2009 and Mycoff, 

Wagner and Wilson 2009). But more recent studies appear to suggest otherwise. For 

example, a 2018 study assessed the experiences of Texas voters who did not have ID; the 

researchers found that strict ID laws prevent eligible voters from voting (Fraga and Miller 

2018). The study obtained copies of Reasonable Impediment Declaration (RID) forms 

and matched these forms to their respective voter files. The files and forms were then 

assigned race/ethnicity using “probabilistic estimates of the race of every individual in 

the Texas voter file” (Fraga and Miller 2018). This created a proxy population to measure 

those who could be impacted by these laws, and how they are impacted. The study found 

that those who filed a RID were less likely to vote in elections under strict ID laws. 

Another study found that strict ID laws depress the minority vote by 8.6 to 12.5 

percentage points, depending on race (Hajnal, Lajevardi and Nielson 2017). This analysis 

relies on data from the Cooperative Congressional Election Study (CCES), which 

samples every state during a given election cycle. The researchers found a negative 

correlation when they used a simple regression model to assess the impact of voter ID 

laws on voter turnout. Unfortunately, although the study corrected for potential over 

estimation of voting by cross-checking each reported vote against verified election 

records, the sampling design of the study remains a major limitation. Indeed, critics of the 

study have challenged its accuracy by suggesting error due to the nature of survey data 

and respondents’ tendencies to overestimate their civic engagement (Grimmer, et al. 

2018). But, even when correcting for these potential errors, the results nevertheless 
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suggest that the existence of ID laws is correlated with lower turnout, especially among 

minorities (Hajnal, Kuk and Lajevardi 2018).  

As previously mentioned, research on voter ID laws found consensus in three 

categories: voter fraud, possession of ID, and unequal implementation. When it comes to 

the impact of voter ID laws on voter turnout, however, that issue continues to be debated. 

While this research fails to reach a consensus regarding the overall effect of these laws, I 

argue it is because of some of the aforementioned limitations regarding specific states 

and reliance on survey data. Many of the studies have focused on specific states like 

Indiana, New Mexico, and Texas. They also rely on survey data, a tool which allows 

respondents to exaggerate or under represent their political participation and experiences 

(Burden 2018). Others that use surveys like the CCES to correct for this are still only 

looking at an individual level sample. Furthermore, many of these studies were published 

before the Shelby decision. Those that were published after the decision either looked at 

data collected immediately after the decision or only within certain states. Finally, much 

of this research was published before Shelby. Those published after the decision have 

either looked at data collected immediately after the decision or only within certain states. 

Thus, six years after the Supreme court’s decision in Shelby, these limitations have 

prevented researchers from drawing nationwide conclusions on the impact of voter ID 

laws on turnout. 

DATA AND METHODOLOGY 

For a nationwide assessment of the impact of voter ID laws on turnout, I analyze 

county level turnout data from the 2002 and 2014 senate elections, as well as the 2012 

and 2016 presidential elections. Whereas survey or individual level data can be skewed, 
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my analysis relies on verified returns from each of the states’ Secretary of States’ offices. 

I use these returns to explore the relationship between voter turnout and ID laws using 

ordinary least squares regression and fixed effects models at the county level. Also, rather 

than only considering sample data from certain states as previous studies do, I look at 

every state and every county within that state. After all, when looking at only one state or 

a few states, a broader pattern may be missed; this may be why previous results have 

been inconclusive. Furthermore, those that looked at RIDs or even survey data to try to 

approximate the numbers of missed voters, still only capture those engaging in the 

election process. Thus, by using county-level turnout data, this study is uniquely 

positioned to analyze nationwide patterns. 

Data and Variables 

As noted, this paper uses confirmed election returns and census data. More 

specifically, I use data from CQ Press’ Voting and Elections Collection for county level 

turnout data for the following years:  

• 2002 senate election (Senate General Elections, All States, 2002 Summary 

n.d.) 

• 2012 presidential election (Presidential General Election, All States, 2012 

Summary n.d.) 

• 2014 senate election (Senate general elections, All States, 2014 summary n.d.) 

• 2016 presidential election (Presidential General Election, All States, 2016 

Summary n.d.) 

My control variables use data from the 2000 Decennial Census for the 2002 

senate elections. For the 2012, 2014, and 2016 elections, I use the American Community 
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Survey, 5-Year Estimates. I merged the 2000 Decennial Census data onto the 2002 senate 

election returns (Census 2000 n.d.). For 2012 presidential elections, I merged ACS 2010-

2014 estimates onto the 2012 presidential election returns (ACS 2014 5-Year Estimates 

n.d.). I then repeated this process for the 2014 senate elections where I merged ACS 

2012-2016 onto 2014 senate election returns (ACS 2016 5-Year Estimates n.d.). I did this 

a fourth time for the presidential 2016 elections and merged ACS 2013-2017 estimates 

onto the 2016 presidential election returns (ACS 2017 5-Year Estimates n.d.). I merged 

each of these data sets using county and state because county names repeat. 

For my main independent variable, I used available voter ID law summaries from 

the National Conference of State Legislatures to discern which states had which laws 

(NCSL 2017). Voter ID laws have two components: (1) the type of ID required and (2) 

the manner of enforcement. For example, if the ID must have a photo, then it is a photo 

ID requirement, and if the voter cannot cast a ballot without proper ID (even if they fill 

out an affidavit), then it is considered strict. Some states allow for a provisional ballot but 

require the voter to verify identity at a later time; these states are also coded as strict. 

Then, for my scale, I categorized the laws based on stringency:  

• a non-strict and non-photo law was scored with a value of 0 

• a non-strict and photo law was scored with a value of 0.25 

• a strict and non-photo law was scored with a value of 0.5 

• a strict and photo law was scored with a value of 1 

I also created a dummy variable for photo and a dummy variable for stringency to 

validate my categorization of these laws. The dummy variables also provide insight into 
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whether the type of ID is an issue here or the stringency.4 In order to make sure these 

classifications were appropriate, I used MIT’s Election Data and Science Lab 

categorization and checked my list against their most recent table (Lab 2017). 

For my control variables, I use race, percentage of households that are family 

households, per capita income adjusted to 2016 dollars, and method of transportation to 

get to work.5 Race is a common control; the overwhelming majority of studies on this 

issue use this as a control. I chose to look at percentage of households that are family 

households as a very rough estimator of home stability. As for per capita income, this 

variable controls for economic discrepancies between counties. I also adjusted to 2016 

dollars because I was comparing turnout between two different years and did not want 

this to artificially skew results.  

Finally, I used voter information from the Citizen Voting Age Population (CVAP) 

Tabulation within the 2000 Census to calculate voter turnout percentages for the 2002 

senate election (CVAP Tabulation Census 2000 n.d.). I then used CVAP estimates for 

2012 to calculate the 2012 presidential election voter turnout (CVAP ACS 2012-5 Year 

Estimates n.d.). I repeated this process for the 2014 senate election using CVAP’s 2014 

estimates (CVAP ACS 2014-5 Year Estimates n.d.). Then, I repeated this process one 

more time for the 2016 presidential elections using the 2016 CVAP estimates (CVAP 

ACS 2016-5 Years Estimates n.d.). Data from each year was merged by FIPS code. I then 

created a percent turnout variable for each county by dividing the number of voters (from 

CQ’s data) by the number of US citizens over the age 18 (collected from the CVAP 

tabulation). Instead of dividing turnout by population size to estimate voter turnout rates, 

                                                 
4 See Appendix A for chart outlining this scale 
5 See Appendix B for Summary Statistics 
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I restricted the denominator to eligible voters only by focusing on citizens above the age 

of 18. This will likely generate a more accurate estimate of turnout rates. I then used the 

percent turnout variable for each county as my dependent variable. 

Each of these variables, with the exception of ID laws and per capita income, is 

measured in percentages. This controls for variation in population size and prevents 

larger counties from artificially skewing the data. 

Limitations 

One major limitation for my data was the lack of any voting location numbers. 

This is an element that can impact voter turnout which is now easier to change after 

Shelby because the burden falls on the voter to prove unfair voting location closures. 

Unfortunately, no data set lists the number of voting locations by county or state. 

Fortunately, because the ACS collects data on method of transportation used to get to 

work, I used this variable to generate an estimate for a voter’s ability to access their 

voting location. 

Additionally, working with time-series data can be challenging. These challenges 

are exacerbated when counties change names between election years. For example, 

Shannon County in South Dakota is now known as Oglala Lakota County. While I was 

able to manually correct some of these issues, some counties like Kansas City County in 

Missouri needed to be dropped from the dataset after they failed to merge properly.  

Also, my data jumps from 2002 to 2012. I could not use a senate election closer to 

2014 because the next most recent senate election was 2008—a presidential year with 

unique voter turnout behavior. I also could not use house election data because it is only 

collected by district, although this data would have been ideal because house 
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representatives are reelected every two years. The gap between years also forced me to 

use older census data with unique formatting; this limited my number of observations for 

2002. 

These limitations left me with data for 3,105 and 3,107 counties for presidential 

elections in 2012 and 2016 respectively. For 2002 and 2014 senate elections, I had 2,285 

and 2,288 counties respectively. According to the United States Geological Survey, there 

are 3,141 county and county-like areas within the United States (USGS n.d.). After 

dropping Alaska, Hawaii, and the District of Columbia, this leaves 3,109 counties. The 

remaining counties were dropped due to name changes or mismatches between census 

data collection and election return collection. The discrepancy for the 2002 and 2014 

senate elections is also larger because only 33 states had elections during those years.  

Results 

I will use a series of OLS regressions to estimate whether Shelby had an impact 

on voter turnout and use voter ID laws to quantify that change. The first is a simple 

regression of my main independent variable and percent of voter turnout. As Table 1 

illustrates, there is a significant negative correlation between voter ID laws and turnout (p 

< 0.01).  
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Table 1. Unstandardized OLS Regression Coefficients for Models Predicting Voter 

Turnout by Election Year6 

 (1) (2) (3) (4) 

VARIABLES Senate 

2002  

Presidential 

2012 

Senate  

2014 

Presidential 

2016 

     

ID Law Stringency -0.062*** -0.039*** -0.119*** -0.047*** 

 (0.017) (0.005) (0.004) (0.003) 

     

Constant 0.427*** 0.457*** 0.447*** 0.479*** 

 (0.003) (0.002) (0.003) (0.002) 

     

Observations 2,282 3,105 2,282 3,107 

R-squared 0.006 0.024 0.254 0.063 

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

In 2002, ID law stringency is negatively correlated with voter turnout by 6.2 percentage 

points. This number drops slightly to 3.9 percentage points in 2012. In 2014, there is a 

major jump from 4 percentage points to 11.9 percentage points. This is the first major 

election after the Shelby decision. All of the coefficients are statistically significant as 

well. This number then stabilizes in 2016 back to 4.7 percentage points. The stabilization 

in 2016 could be attributed to the response from experiences in 2014 and mobilization of 

civil rights groups like the ACLU. But, it is clear that at least after 2012, the coefficient 

on ID laws increases.  

 Naturally, there may also be other factors such as race and socioeconomic 

discrepancies between counties. Table 2 lists voter turnout per year and controls for race 

and per capita income adjusted to 2016 dollars.  

                                                 
6 Data created by user using CQ 2002 senate election (Senate General Elections, All States, 2002 
Summary n.d.), CQ 2012 presidential election (Presidential General Election, All States, 2012 
Summary n.d.), CQ 2014 senate election (Senate general elections, All States, 2014 summary n.d.), CQ 
2016 presidential election (Presidential General Election, All States, 2016 Summary n.d.), 2000 
Decennial Census (Census 2000 n.d.), ACS 2010-2014 (ACS 2014 5-Year Estimates n.d.), ACS 2012-
2016 (ACS 2016 5-Year Estimates n.d.), ACS 2013-2017 (ACS 2017 5-Year Estimates n.d.), CVAP 2000 
(CVAP Tabulation Census 2000 n.d.), CVAP’s 2012 estimates(CVAP ACS 2012-5 Year Estimates n.d.), 
CVAP’s 2014 estimates (CVAP ACS 2014-5 Year Estimates n.d.) and CVAP’s 2016 estimates (CVAP 
ACS 2016-5 Years Estimates n.d.).    
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Table 2. Standardized OLS Regression Coefficients for Models Predicting Voter 

Turnout by Election Year7 

 (1) (2) (3) (4) 

VARIABLES Senate 

2002 

Presidential  

2012 

Senate 

 2014 

Presidential 

2016 

     

ID Law Stringency 0.015 -0.032*** -0.070*** -0.026*** 

 (0.011) (0.004) (0.003) (0.003) 

Percent White -0.013*** -0.005*** -0.008*** -0.004*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Black -0.015*** -0.005*** -0.009*** -0.004*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Asian -0.028*** -0.012*** -0.020*** -0.011*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Hispanic -0.014*** -0.007*** -0.009*** -0.005*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Other -0.012*** -0.006*** -0.009*** -0.005*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Family Household -0.003*** -0.002*** -0.003*** -0.002*** 

 (0.000) (0.000) (0.000) (0.000) 

Per Capita Income 0.000*** 0.000*** 0.000*** 0.000*** 

(Adjusted for 2016 Dollars) (0.000) (0.000) (0.000) (0.000) 

     

Constant 1.747*** 0.941*** 1.230*** 0.828*** 

 (0.194) (0.099) (0.119) (0.098) 

     

Observations 2,204 3,105 2,284 3,107 

R-squared 0.323 0.445 0.501 0.486 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

In this model, ID laws begin to have a negative correlation with voter turnout in 2012—

when these laws became more prevalent (NCSL 2017). The change in the size of the 

coefficient between 2012 to 2014 remains; however, that change is from 3.2 percentage 

points in 2012 to 7 percentage points in 2014, compared to 4 and 11.9 percentage points 

                                                 
7 Data created by user using CQ 2002 senate election (Senate General Elections, All States, 2002 
Summary n.d.), CQ 2012 presidential election (Presidential General Election, All States, 2012 
Summary n.d.), CQ 2014 senate election (Senate general elections, All States, 2014 summary n.d.), CQ 
2016 presidential election (Presidential General Election, All States, 2016 Summary n.d.), 2000 
Decennial Census (Census 2000 n.d.), ACS 2010-2014 (ACS 2014 5-Year Estimates n.d.), ACS 2012-
2016 (ACS 2016 5-Year Estimates n.d.), ACS 2013-2017 (ACS 2017 5-Year Estimates n.d.), CVAP 2000 
(CVAP Tabulation Census 2000 n.d.), CVAP’s 2012 estimates(CVAP ACS 2012-5 Year Estimates n.d.), 
CVAP’s 2014 estimates (CVAP ACS 2014-5 Year Estimates n.d.) and CVAP’s 2016 estimates (CVAP 
ACS 2016-5 Years Estimates n.d.).    
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in my originally model, respectively. This change suggests that omission of these controls 

negatively biased my estimates. 

Furthermore, these controls appear significant, albeit their coefficients are much 

smaller than that of voter ID laws. For example, in 2014, ID law stringency was 

negatively correlated with voter turnout by 7 percentage points. But, being a black voter 

is negatively correlated with voter turnout by less than 1 percentage point. Every 

coefficient in the 2012, 2014, and 2016 elections, with the exception of Per Capita 

Income, is negatively correlated with voter turnout. In 2002, the coefficients for my 

controls are larger than those of voter ID, and the coefficient on voter ID law stringency 

is also insignificant. Again, this makes sense because that voter ID laws only became 

more prevalent after 2002. So, omitting the controls negatively biased my results, that 

bias is small, and the coefficients remained statistically significant even when controls 

were introduced.  

Also, because my scale is somewhat arbitrary, I reran my models using a binary 

variable for whether a state has a strict ID law, meaning a voter may not cast an accepted 

ballot without ID. I also created a binary variable for whether the ID required is a photo 

ID or may be substituted with another type of ID. Table 3 presents my findings.  
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Table 3. Standardized OLS Regression Coefficients for Models Predicting Voter 

Turnout by Election Year Using ID Law Dummy Variables8 

 (1) (2) (3) (4) 

VARIABLES Senate 

2002 

Presidential 

2012 

Senate 

 2014 

Presidential 

2016 

     

Photo 0.066*** -0.001 -0.017*** -0.001 

 (0.006) (0.002) (0.004) (0.003) 

Strict -0.017*** -0.026*** -0.060*** -0.023*** 

 (0.006) (0.003) (0.004) (0.002) 

Percent White -0.011*** -0.005*** -0.008*** -0.005*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Black -0.013*** -0.004*** -0.009*** -0.004*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Asian -0.026*** -0.012*** -0.020*** -0.011*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Hispanic -0.012*** -0.006*** -0.009*** -0.006*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Other -0.010*** -0.006*** -0.009*** -0.006*** 

 (0.002) (0.001) (0.001) (0.001) 

Percent Family Household -0.002*** -0.002*** -0.003*** -0.002*** 

 (0.000) (0.000) (0.000) (0.000) 

Per Capita Income 0.000*** 0.000*** 0.000*** 0.000*** 

(Adjusted to 2016 Dollars) (0.000) (0.000) (0.000) (0.000) 

     

Constant 1.535*** 0.900*** 1.234*** 0.870*** 

 (0.190) (0.099) (0.116) (0.099) 

     

Observations 2,204 3,105 2,284 3,107 

R-squared 0.358 0.446 0.530 0.487 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Even when ID laws are split by whether they are strict and require a photo on the ID, the 

sum of the two coefficients is nearly identical to using ID law stringency as a scaled 

                                                 
8 Data created by user using CQ 2002 senate election (Senate General Elections, All States, 2002 
Summary n.d.), CQ 2012 presidential election (Presidential General Election, All States, 2012 
Summary n.d.), CQ 2014 senate election (Senate general elections, All States, 2014 summary n.d.), CQ 
2016 presidential election (Presidential General Election, All States, 2016 Summary n.d.), 2000 
Decennial Census (Census 2000 n.d.), ACS 2010-2014 (ACS 2014 5-Year Estimates n.d.), ACS 2012-
2016 (ACS 2016 5-Year Estimates n.d.), ACS 2013-2017 (ACS 2017 5-Year Estimates n.d.), CVAP 2000 
(CVAP Tabulation Census 2000 n.d.), CVAP’s 2012 estimates(CVAP ACS 2012-5 Year Estimates n.d.), 
CVAP’s 2014 estimates (CVAP ACS 2014-5 Year Estimates n.d.) and CVAP’s 2016 estimates (CVAP 
ACS 2016-5 Years Estimates n.d.).    
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variable. For example, in 2014, voter ID laws based on the scale were negatively 

correlated with voter turnout by 7 percentage point. The sum of the coefficients (whether 

a state has a strict law and whether that law requires a photo) for the same year equals -

7.7 percentage points. The pattern continues in 2012 where ID laws were negatively 

correlated to voter turnout by 3.2 percentage points; there, the two coefficients sum to 2.7 

percentage points. 

 One of the most interesting things about analyzing ID laws in this manner is that 

it illustrates that the type of ID required is not as important as whether the ID law is strict. 

In 2014, for example, the original correlation based on my scale was 7 percentage points. 

Analyzing this based on whether a law is strict or requires photo, of the 7.7 percentage 

point total, 6 percentage points is attributed to the strictness of the law. This makes sense 

because an individual who is still permitted to vote after signing an affidavit is not 

disenfranchised. But, if an individual is turned away or forced to cast a provisional ballot 

which is only counted if the individual supplies an accepted ID within a predefined time 

frame, then that individual may not be able to come back later to verify their identity. The 

stricter system could lead to a vote being invalidated.  

 Another interesting finding is that requiring a photo ID is positively correlated 

with voter turnout in 2002, 2012, and 2016, with the impact being statistically significant 

in 2002. At first glance, this suggests that photo ID requirements increase turnout. But ID 

laws can also use be used as a mobilization message to get out the vote. For example, if a 

state decides to implement a photo ID requirement, civil rights groups within that state 

and throughout the nation may launch a voter registration and ID information campaign. 

Then, those voters who would normally stay home may instead exercise their right to 
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vote as they begin to see that right is in danger. Even taking this into account, however, 

stringency is still negatively correlated with turnout in 2002. In subsequent years, the 

negative coefficient on the stringency dummy exceeds that of the photo dummy, 

suggesting that strictness, not ID type, matters most. 

 Next, I test another model using the previous election of the same type to estimate 

voter turnout. This is important because differing election types have unique turnout rates 

and behaviors. By using the previous, similar type election’s turnout, I hope to reduce 

any biases which may otherwise be attributed to normal election behavior. Here, I use the 

2012 presidential election as the independent variable for 2016, along with the 2002 

senate election as the independent variable for 2014. As shown in Table 4, this estimation 

model can better account for the majority of turnout percentage, but the ID law variable 

continues to be negatively correlated with voter turnout of at least one percentage point. 

The impact has reduced, however, from a 7 percentage point correlation to a 4.7 

percentage point correlation in 2014—and from a 2.56 percentage point correlation to a 1 

percentage point correlation in 2016. While this decrease suggests a major negative bias 

from omitting voter pattern, even the 1 percentage point correlation is important here. 

Additionally, a person’s method of transportation to work can be negatively correlated 

with turnout rates. This is an important estimation because it helps to measure polling 

location accessibility. Thus, while this paper cannot definitively answer whether access to 

polls is diminished, it is an area worthy of further exploration. 
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Table 4. Standardized OLS Regression Coefficients for Models Predicting Voter 

Turnout by Election Year Using Previous Election’s Turnout9 

 (1) (2) 

VARIABLES Senate 

 2014 

Presidential  

2016 

   

ID -0.047*** -0.009*** 

 (0.003) (0.001) 

Previous Election Vote 0.403*** 0.847*** 

 (0.017) (0.008) 

Percent White -0.003*** 0.001*** 

 (0.001) (0.000) 

Percent Black -0.003*** 0.001* 

 (0.001) (0.000) 

Percent Asian -0.009*** 0.000 

 (0.001) (0.000) 

Percent Hispanic -0.004*** 0.001** 

 (0.001) (0.000) 

Percent Other -0.005*** 0.000 

 (0.001) (0.000) 

Percent Family Household -0.001*** 0.000 

 (0.000) (0.000) 

Per Capita Income 0.000*** 0.000*** 

 (0.000) (0.000) 

Percent Who Use -0.003*** -0.000 

Car, Truck, or Van (0.000) (0.000) 

Percent Who Use -0.005*** 0.000 

Public Transportation (0.001) (0.000) 

Constant 0.798*** -0.047 

 (0.099) (0.044) 

Observations 2,284 3,105 

R-squared 0.669 0.900 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

                                                 
9 Data created by user using CQ 2002 senate election (Senate General Elections, All States, 2002 
Summary n.d.), CQ 2012 presidential election (Presidential General Election, All States, 2012 
Summary n.d.), CQ 2014 senate election (Senate general elections, All States, 2014 summary n.d.), CQ 
2016 presidential election (Presidential General Election, All States, 2016 Summary n.d.), 2000 
Decennial Census (Census 2000 n.d.), ACS 2010-2014 (ACS 2014 5-Year Estimates n.d.), ACS 2012-
2016 (ACS 2016 5-Year Estimates n.d.), ACS 2013-2017 (ACS 2017 5-Year Estimates n.d.), CVAP 2000 
(CVAP Tabulation Census 2000 n.d.), CVAP’s 2012 estimates(CVAP ACS 2012-5 Year Estimates n.d.), 
CVAP’s 2014 estimates (CVAP ACS 2014-5 Year Estimates n.d.) and CVAP’s 2016 estimates (CVAP 
ACS 2016-5 Years Estimates n.d.).    
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I then conduct the same analysis using the dummy variables instead of the ID law scale, 

finding similar results (see Table 5). While the coefficients remain the same between 

using strict and photo variables versus my ID law scale, the variation in the size of the 

coefficient led me to using a Fixed Effects model to assess the impact of ID laws. Table 6 

presents my findings. I chose to set my fixed effects to the county level because although 

ID laws are enacted at a state level, any changes in the number of polling locations or 

change in voting administration tends to materialize at the county level. As a result, we 

see that even after controlling for county level changes over time, the ID law stringency 

variable continues to be negatively correlated with voter turnout by 1.6 percentage points 

for midterm elections and 1.3 percentage points for presidential elections. So, while 

omitting different variables negatively biased my coefficients, we still see a significant 

negative correlation even within a fixed effects model.  
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Table 5. Standardized OLS Regression Coefficients for Models Predicting Voter 

Turnout by Election Year Using Previous Election’s Turnout and ID Law Dummy 

Variables10 

 (1) (2) 

VARIABLES Senate 

2014 

Presidential 

2016 

   

Photo -0.016*** -0.003*** 

 (0.003) (0.001) 

Strict -0.036*** -0.006*** 

 (0.003) (0.001) 

Previous Election Vote 0.377*** 0.847*** 

 (0.017) (0.008) 

Percent White -0.003*** 0.001*** 

 (0.001) (0.000) 

Percent Black -0.003*** 0.001* 

 (0.001) (0.000) 

Percent Asian -0.009*** 0.000 

 (0.001) (0.000) 

Percent Hispanic -0.004*** 0.001** 

 (0.001) (0.000) 

Percent Other -0.005*** 0.000 

 (0.001) (0.000) 

Percent Family Household -0.001*** 0.000 

 (0.000) (0.000) 

Per Capita Income 0.000*** 0.000*** 

 (0.000) (0.000) 

Percent Who Use -0.003*** -0.000 

Car, Truck, or Van (0.000) (0.000) 

Percent Who Use -0.005*** 0.000 

Public Transportation (0.001) (0.000) 

Constant 0.848*** -0.050 

 (0.098) (0.045) 

Observations 2,284 3,105 

R-squared 0.677 0.900 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

                                                 
10 Data created by user using CQ 2002 senate election (Senate General Elections, All States, 2002 
Summary n.d.), CQ 2012 presidential election (Presidential General Election, All States, 2012 
Summary n.d.), CQ 2014 senate election (Senate general elections, All States, 2014 summary n.d.), CQ 
2016 presidential election (Presidential General Election, All States, 2016 Summary n.d.), 2000 
Decennial Census (Census 2000 n.d.), ACS 2010-2014 (ACS 2014 5-Year Estimates n.d.), ACS 2012-
2016 (ACS 2016 5-Year Estimates n.d.), ACS 2013-2017 (ACS 2017 5-Year Estimates n.d.), CVAP 2000 
(CVAP Tabulation Census 2000 n.d.), CVAP’s 2012 estimates(CVAP ACS 2012-5 Year Estimates n.d.), 
CVAP’s 2014 estimates (CVAP ACS 2014-5 Year Estimates n.d.) and CVAP’s 2016 estimates (CVAP 
ACS 2016-5 Years Estimates n.d.).    
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Table 6. Fixed Effects Coefficients for Models Predicting Voter Turnout by Election 

Type 11 

 (1) (2) 

VARIABLES Midterm Elections Presidential Elections 

   

ID Law Stringency -0.016*** -0.013*** 

 (0.004) (0.002) 

Percent White 0.007** -0.000 

 (0.003) (0.002) 

Percent Black 0.004 -0.002 

 (0.003) (0.002) 

Percent Asian 0.005 0.001 

 (0.004) (0.002) 

Percent Hispanic 0.004 0.000 

 (0.003) (0.002) 

Percent Other -0.003** -0.001 

 (0.002) (0.001) 

Percent Family Household 0.000 0.000 

 (0.000) (0.000) 

Per Capita Income -0.000*** 0.000*** 

 (0.000) (0.000) 

Percent Who Use -0.001 -0.001 

Car, Truck, or Van (0.000) (0.000) 

Percent Who Use 0.000 0.001 

Public Transportation (0.002) (0.001) 

2016.year  0.012*** 

  (0.001) 

2014.year 0.008***  

 (0.002)  

Constant -0.177 0.463*** 

 (0.315) (0.158) 

   

Observations 4,493 6,212 

R-squared 0.113 0.152 

Number of FIPS 2,287 3,107 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

                                                 
11 Data created by user using CQ 2002 senate election (Senate General Elections, All States, 2002 
Summary n.d.), CQ 2012 presidential election (Presidential General Election, All States, 2012 
Summary n.d.), CQ 2014 senate election (Senate general elections, All States, 2014 summary n.d.), CQ 
2016 presidential election (Presidential General Election, All States, 2016 Summary n.d.), 2000 
Decennial Census (Census 2000 n.d.), ACS 2010-2014 (ACS 2014 5-Year Estimates n.d.), ACS 2012-
2016 (ACS 2016 5-Year Estimates n.d.), ACS 2013-2017 (ACS 2017 5-Year Estimates n.d.), CVAP 2000 
(CVAP Tabulation Census 2000 n.d.), CVAP’s 2012 estimates(CVAP ACS 2012-5 Year Estimates n.d.), 
CVAP’s 2014 estimates (CVAP ACS 2014-5 Year Estimates n.d.) and CVAP’s 2016 estimates (CVAP 
ACS 2016-5 Years Estimates n.d.).    
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Limitations 

 OLS regression models are generally prone to biases, and here, my model is prone 

to a negative bias. But, even after running multiple models and a fixed effects model, and 

no matter how much the correlation between turnout and voter ID laws is diminished, it 

does not fall below 1.3 percentage points.  

 Additionally, there are other variables which I could have analyzed. For example, 

additional research is warranted into assessing the impact of the percentage of a county 

whose population is married. In fact, a recent study found that widowhood is correlated 

with a 9 percentage point decrease in voting (Hobbs, Christakis and Fowler 2014). Also, 

as previously mentioned, no data set provides a comprehensive count of the number of 

voting locations per county. It is reasonable to infer, however, that an inability to access a 

voting location can lead to a decrease in turnout. Here, I use commuting methods to 

estimate access to voting locations.  

 Finally, it is important to note that my data relies on 2002 turnout and census data. 

Once the 2018 midterm election data becomes available, it will become possible to 

replace the 2002 senate election data and analyze the 2006 senate election data against 

the backdrop of an even more recent dataset. To this end, although 4 years may not seem 

like a large gap, the 2018 dataset would allow for the consistent use of the American 

Community Survey (5-year estimates) across all data sets. 

CONCLUSION AND POLICY IMPLICATIONS 

Voter ID laws are associated with a decrease in voter turnout of 1.3 to 9 

percentage points. While this model cannot account for every element that can impact 

turnout, these estimates are cause for concern. My models account for the differing nature 
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of midterm and presidential elections by running the models on midterm and presidential 

elections separately. While the variation in coefficient strength needs further study, even 

the most conservative estimate of 1.3 percentage points is cause for concern. Table 8 

below shows the margin of victory for states won by less than 6 percentage points in the 

presidential elections of 2016. Eight states were won by less than 3 percentage points. 

Five of them were won by less than 1.3 percentage points. Of those five states, four had 

some form of voter ID law. Another eight states were won by less than 6 percentage 

points and four of those states had voter ID laws. This suggests that even the most 

conservative estimates are larger than at least the margin of victory in six states. If the 

actual effect is closer to 4.7 percentage points, then ten states fall under that effect and six 

of those states have voter ID laws.  

Table 8: 2016 Elections Margin of Victory Less Than 6 Percentage Points12 

State Party Difference ID Law 

Michigan R 0.23 0.25 

New Hampshire D 0.37 0.25 

Pennsylvania R 0.73 0 

Wisconsin R 0.77 1 

Florida R 1.2 0.25 

Minnesota D 1.52 0 

Nevada D 2.42 0 

Maine D 2.96 0 

Arizona R 3.54 0.5 

North Carolina R 3.66 0.25 

Colorado D 4.91 0 

Georgia R 5.13 1 

Virginia D 5.32 1 

 

                                                 
12 Data created by user using CQ 2016 presidential election (Presidential General Election, All States, 
2016 Summary n.d.)  
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Additionally, studies that show an arbitrary application of these laws demonstrate 

the need for easier to follow guidelines for those working in polling locations. If the law 

cannot be repealed, states can at least work on training their workers better on when and 

how to ask for proper identification. States should also consider simplifying their laws so 

that workers do not choose to rely on their own preconceived beliefs to discern when to 

ask for ID.  

 Finally, proponents of a voter ID law argue that this is an important mechanism to 

preserve the integrity of US elections. Unfortunately, based on the analysis above, it 

appears that voter ID laws may actually disenfranchise voters, both minority and 

majority, in a way that can sway an election. Although this analysis does not account for 

everything, it can be improved with the use of voting location data to better analyze the 

true impact of the repeal of the Shelby decision. Section 5 of the VRA, specifically, 

required pre-clearance of voting related laws and policies. And, while this paper focuses 

on ID laws, it is important that an assessment is completed of voting locations and any 

pattern in closures to see if that also has an impact on voter turnout.  

While these issues are outside the scope of this paper, it is clear from the analysis 

above that the Shelby decision led to an increase in states implementing voter ID laws 

compared to previous years. Even when I controlled for differing variables between 

counties, the coefficient on voter ID laws remained statistically significant.  

At a time when trust in democratic institutions in the United States is at an all-

time low, such findings are even more troubling (Ladd, Tucker and Kates 2018). After 

all, if citizens believe that the margin of victory is smaller than the potential percentage of 

voters disenfranchised by these laws, less citizens will have faith in election outcomes. 
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As more people begin to believe that their votes do not matter, they will be much less 

likely to vote making Congress even less representative of everyday Americans (Morris, 

Adolphe and Salam 2018). While this may seem like an exaggeration, voting is habit 

forming. Those that initially vote will keep voting. But, imagine if someone tries to vote 

and cannot. This could potentially mean they do not vote again, or do not vote for a very 

long time (Coppock and Green 2016). 

Finally, while my paper did not analyze too deeply the relationship between race 

and voter turnout, other studies have done this analysis. The Voting Rights Act was 

written to specifically protect minorities. And, while black voters now have civil rights 

organizations like the NAACP that work towards addressing disenfranchising policies, 

growing minority populations like those that are Hispanic and Asian are beginning to 

experience the same disenfranchisement. In 2014 and 2016, being a Hispanic voter is 

associated with an almost 1 percentage point decrease in turnout based on my model. But, 

it appears this decrease is not associated with just minorities either, with white voters 

experiencing a decrease of .3 percentage points in turnout.  

This is why it is important to restore the Voting Rights Act. By moving the 

burden of proof of disenfranchisement in voting from the state governments 

implementing these laws to citizens, there seems to be a lag in when disenfranchising 

policies are addressed. This is apparent in the coefficient rates between 2014 and 2016 

where we see an increase in the size of the coefficient in 2014 then a drop in 2016. If this 

is, in fact, due to a response to these laws, and we know that ID laws were repealed 

between 2014 and 2016, then the Voting Rights Act must be reinstated (NCSL 2017). 

States should be obligated to prove that a change in voting practices will not result in 
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disenfranchisement of eligible voters. Failing to do so will erode the trust of citizens in 

their government, and potentially, democracy as a whole. 

 

 

 

 

 

 

 

 

 



 29 

APPENDEX A: ID LAW SCALE OUTLINE 

 

 

 

 

 

 

 

 

  

ID Law Numeric Value 

Non-Strict, Non-Photo 0 

Non-Strict, Photo 0.25 

Strict, Non-Photo 0.5 

Strict, Photo 1 
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APPENDEX B: SUMMARY STATISTICS 

 

 

  

Midterm 2002 Summary Statistics 

Variable Obs Mean Std. Dev. Min Max 

ID Law 2002 2,285 0.05 0.14 0.00 0.50 

Percent of Voters 2,285 0.31 0.09 0.05 0.95 

Percent White 2,204 79.64 19.20 1.58 99.77 

Percent Black 2,204 10.40 15.73 0.00 84.21 

Percent Asian 2,204 0.64 1.05 0.00 13.84 

Percent Asian 2,282 4.17 4.85 0.00 44.47 

Percent Family Household 2,285 68.52 5.36 40.11 90.24 

Per Capita Income  

(Adjusted to 2016 Dollars) 
2,285 24,171.19 5,670.61 8,820.60 70,009.57 

Percent Who Use a Car,  

Van, or Truck to Commute 
2,285 89.60 6.32 44.44 98.63 

Percent Who Use Public 

Transportation to Commute 
2,285 0.76 1.88 0.00 38.33 

Percent Who Use  

Other Method to Commute 
2,285 9.65 5.97 1.03 55.55 

Midterm 2014 Summary Statistics 

Variable Obs Mean Std. Dev. Min Max 

ID Law 2014 2,288 0.45 0.45 0.00 1.00 

Percent of Voters 2,288 0.30 0.09 0.00 0.88 

Percent White 2,288 76.14 20.08 3.10 99.78 

Percent Black 2,288 10.60 15.98 0.00 85.92 

Percent Asian 2,288 0.96 1.66 0.00 23.03 

Percent Hispanic 2,282 9.07 14.18 0.00 95.68 

Percent Asian 2,282 3.16 6.72 0.00 85.85 

Percent Family Household 2,288 67.07 5.32 42.73 85.42 

Per Capita Income 

(Adjusted to 2016 Dollars) 
2,288 24,428.26 5,694.78 9,286.00 66,104.00 

Percent Who Use a Car,  

Van, or Truck to Commute 
2,288 90.13 6.08 45.69 99.29 

Percent Who Use Public 

Transportation to Commute 
2,288 0.76 1.95 0.00 41.59 

Percent Who Use 

Other Method to Commute 
2,288 0.45 0.45 0.00 1.00 
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Presidential 2012 Summary Statistics 

Variable Obs Mean Std. Dev. Min Max 

ID Law 2002 3,105 0.25 0.31 0.00 1.00 

Percent of Voters 3,105 0.45 0.08 0.06 0.94 

Percent White 3,105 78.62 19.51 1.32 100.00 

Percent Black 3,105 8.95 14.56 0.00 86.18 

Percent Asian 3,105 1.08 2.10 0.00 33.42 

Percent Family Household 3,105 67.49 5.23 41.41 86.91 

Per Capita Income  

(Adjusted to 2016 Dollars) 
3,105 24,314.30 5,721.66 8,313.17 64,487.88 

Percent Who Use a Car,  

Van, or Truck to Commute 
3,105 89.70 6.48 8.21 98.70 

Percent Who Use Public 

Transportation to Commute 
3,105 1.00 3.07 0.00 62.03 

Percent Who Use  

Other Method to Commute 
3,105 9.30 5.39 1.16 54.65 

Presidential 2016 Summary Statistics 

Variable Obs Mean Std. Dev. Min Max 

ID Law 2002 3,107 0.44 0.42 0.00 1.00 

Percent of Voters 3,107 0.46 0.08 0.12 1.00 

Percent White 3,107 77.51 19.68 0.78 100.00 

Percent Black 3,107 8.98 14.51 0.00 86.19 

Percent Asian 3,107 1.21 2.27 0.00 34.35 

Percent Family Household 3,107 66.86 5.31 40.62 89.71 

Per Capita Income  

(Adjusted to 2016 Dollars) 
3,107 25,362.20 6,061.35 9,116.81 67,911.15 

Percent Who Use a Car,  

Van, or Truck to Commute 
3,107 89.74 6.44 7.83 100.00 

Percent Who Use Public 

Transportation to Commute 
3,107 0.98 3.10 0.00 62.31 

Percent Who Use  

Other Method to Commute 
3,107 9.28 5.30 0.00 50.53 
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