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ABSTRACT 
 

Venture capital is capital that is invested in a private company that is typically young, 

unproven, and risky. Startups frequently use venture capital with the goal of going public and 

providing return for investors. An unintended consequence of using venture capital has been the 

concentration of capital into a few ideas, people, and places. In 2009, Village Capital, a venture 

capital firm based in Washington, DC, introduced peer-selected investment, a radically different 

idea aimed at shifting decision-making power away from investors and giving power to 

entrepreneurs to identify which startups are most promising. A decade, and nearly 110 

investments later, this approach has yielded a portfolio that is dramatically different from the rest 

of the industry. Using Village Capital’s data, this thesis examines the impact of peer-selected 

investment on reducing racial bias in the investment decision making process. 
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INTRODUCTION 

The current system of supporting entrepreneurs is broken. In the first half of 2019, more 

than 75% of venture capital went to startups in three states (California, New York, and 

Massachusetts), less than 9% went to female founders, and less than 3% went to founders of 

color. 

In 2009, Village Capital was founded to address challenges in equity through 

implementation of an intentionally different model. “Peer-selected investment,” a collaborative 

due diligence model that takes a bottom-up approach to investing, was created to “democratize 

entrepreneurship.” That is, to shift decision-making power away from investors and give power 

to entrepreneurs to identify which startups are most promising. 

 For nearly a decade, Village Capital has designed, built, and implemented peer-selected 

investment methodology over the course of more than 80 different accelerator programs around 

the world, resulting in more than 110 seed-stage investments. The investments made are notably 

more diverse, both geographically and demographically, than the traditional venture capital 

portfolio. 

 Village Capital has already answered affirmatively to the following two questions about 

their peer-selected investment model: Are entrepreneurs effective at discerning the future 

revenue growth or capital attractiveness of their peers? Can entrepreneurs select these investment 

opportunities in a way that mitigates the gender bias that pervades traditional venture capital?  

 Using the subset of programs run in the United States, this thesis examines the impact of 

peer-selected investment on reducing racial bias in the investment-decision making process. 

Answering this question may be of significant interest to policy makers. States are actively 

looking for ways to spur economic growth and innovation as well as support overlooked 
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communities. One model to accomplish this goal has been to place earmarked state dollars into 

traditional venture capital funds to invest in racially diverse small and medium-sized enterprises 

solving problems in a variety of different industries. It is currently premature to evaluate the 

efficacy of this approach, as the typical venture cycle lasts between 7-10 years. However, data 

obtained from this research maybe useful in determining what type of venture capital model to 

put state or federal dollars into in the future. 

 

RESEARCH QUESTION 

 Does the peer-selected investment process reduce racial bias in the investment decision 

making process?  

 

LITERATURE REVIEW 

 What do Facebook, Google, Twitter, Snapchat, Tesla, and Beyond Meat have in 

common? Each company received venture capital investment prior to making it to the public 

market. In its simplest form, venture capital refers to capital that has been invested in a private 

company that is typically very young, unproven, and risky. Prior to World II, venture capital was 

reserved only for the elite, including families such as the Vanderbilits and Rockefellers. 

However, after World II, that all changed. In 1946, Georges Doriot founded the American 

Research and Development Corporation (ARDC), a venture capital and private equity firm 

established to facilitate investment in private businesses started by soldiers returning from World 

War II. For nearly a decade, ARDC struggled to find its footing in the industry. This difficulty all 

changed in 1966. 
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 In 1966, Digital Equipment Corporation (DEC), a leading vendor of computer systems in 

the United States, went public. After a successful initial public offering, the company was valued 

at nearly $355M. In 1957, ARDC provided DEC with a $70K investment (for a 70% stake in the 

company) as well as access to up to $2M dollars in collateral loans in order to help DEC scale its 

operations. This investment yielded not only significant financial returns for ARDC, but also 

validated the idea of using venture capital as a tool to help companies reach public markets (Hsu 

and Martin 1992). 

 For nearly 7 decades, the thesis of the venture capital industry remained unchanged: 

provide capital to businesses that have the potential to return capital quickly and at a high rate. 

This thesis brought companies to the public market that have made significant impacts on our 

everyday lives. In practice, however, the operating mantra overlooked who, what, and where 

venture capital was being invested in. In 2018, 79% percent of all venture capital dollars in the 

United States went to 3 states: California, Massachusetts, and New York (Baird 2017, 132). The 

geographic concentration of venture capital means that the other 47 states receive less than 25% 

of all venture capital investments. 

 The vast majority of venture capital investment today is not only geographically 

concentrated but also given to a specific subsegment of business owners. Between 2007 and 

2018, the number of Latina-owned business increased 172% in the United States, the most by 

any minority group. During the same period, the number of Black-women owned business rose 

by 164% (American Express 2018, 7). Although the number of Latina-owned and Black-women 

owned businesses increased dramatically during this time, Latina-owned businesses raised 

$1.36B while Black-women owned business raised $289M in venture capital funding (American 

Express 2018, 8). In total, during that period, venture backed businesses in the United States 
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raised a combined $424.7B (American Express 2018, 9). Therefore, Latina-owned business 

raised .32% and Black-women owned business had .0006% of the total amount of venture capital 

raised during that period (American Express 2018, 9). In comparison, White male owned 

businesses received more than 85% of the total amount of venture capital raised during that same 

period (Gornall and Strebulaev 2018, p.1). 

One novel approach developed to mitigate bias against promising entrepreneurs of color 

is the use of accelerator programs. Simply put, an accelerator program is a program supported by 

a venture capital fund that provides guidance and mentorship to promising young businesses. 

Additionally, an accelerator is intended to drive investment into early stage businesses so they 

can stabilize and scale their operations. To date, there are over 500 active accelerators worldwide 

(Roberts 2018, 2). Research suggests that for every $1 spent on running an accelerator program, 

more than $1 of additional funds goes to participating businesses (Roberts 2018, p.4). It’s 

important to note, however, that no standard exists for operating an accelerator program. 

Although most focus on mentorship, training, and access to capital, each accelerator functions 

using slightly different rules (Roberts 2019, p.10). 

Given the variety in how accelerators operate, various structures have taken hold. One 

structure, however, is different than the rest. Village Capital is a venture capital firm that finds, 

trains, and invests in early-stage ventures solving major global problems in agriculture, 

education, health, energy, and financial inclusion. VilCap Investments, LLC is its affiliated, 

managed investment fund. Village Capital runs investment readiness programs that usually 

consist of three, four-day workshops over a three-month period. During the program, ventures 

hone their business models, learn how to hire and manage a team, interact with potential 

customers, and meet with investors. At the end of the program, two ventures receive a pre-
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determined amount of investment (usually between $50,000-$100,00) from their cohort through 

a process known as peer selection. Founder Ross Baird developed peer selection in 2009, which 

drew inspiration from the “village bank” model in microfinance, where women in the developing 

world were provided small loans using a peer-review structure (Baird 2013, p.6). 

Recently, Village Capital started to examine the efficacy of its peer-selection model. This 

model is unique within the venture capital community, as most venture capital firms are often 

hesitant to share how they determine in which companies they invest. Village Capital examined 

the following two questions: Are entrepreneurs effective at discerning the future revenue growth 

or capital attractiveness of their peers? Can entrepreneurs do so in a way that mitigates the bias 

that pervades traditional venture capital? To the first question, they found that entrepreneurs can 

evaluate the future commercial success of their peers. When looking at the performance of 

alumni in both the first and second years following a sector-specific program, the results 

demonstrated that final peer-selected rank accurately reflected the subsequent ability of ventures 

to raise capital and, to a lesser extent, generate revenue. In short, the higher ranked ventures were 

able to raise more capital than lower-ranked ventures (Schleifer 2019). To the second question, 

they found that during peer-selected investment process, female-founded or co-founded ventures 

saw representation in the ranking process in line with their commercial performance. In other 

words, the gender bias that commonly occurs within traditional venture capital was mitigated 

during the peer review process - rather than women getting “crowded out” they were evaluated 

by their peers based on the merits of their company. The mitigation effect holds true regardless 

of the proportion of men and women in the cohort (Burns, Tashima, and Matranga 2019, p.15). 

In addition to examining the efficacy of their peer-selection model, Village Capital also 

started to examine the different ways in which small businesses are funded. According to 
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Kauffman Foundation, at least 81% of American entrepreneurs do not access a bank loan or 

venture capital; those that do generally represent only a few types of people, places, and 

industries.  In the US, which accounts for roughly three-fifths of the world’s total venture capital 

(most of which is concentrated in three states), just 15% went to women, and less than 1% to 

people of color (Baird, Fram, Tashima, and Matranga 2018, p.3). This is in part the result of 

broader issues like flaws in pattern recognition and selection bias and is compounded by the 

limited range of financing tools businesses can access. Our current capital structures are highly 

restrictive to fit a narrow range of companies, and limit access from a wider pool of investable 

ventures. Today’s venture capital model was designed to be “one size fits all” by favoring 

businesses that require as few resources as possible to scale up as quickly as possible.	Equity 

investment and bank loans are the most common financing options for most early- stage 

businesses, yet there is a wide array of possible alternative solutions – some more feasible than 

others– that offer the potential to support more entrepreneurs more effectively. Three scalable 

solutions emerged: revenue share structures, place-based multi asset class funds, and peer-based 

decision making-models (Baird, Fram, Tashima, and Matranga 2018, p.6). The last one, peer-

based decision making-models, explores whether entrepreneurs who have lived experience of the 

problems, customers, and markets they are working on, can conduct due diligence and make 

investment decisions more effectively than the traditional venture capital diligence and 

investment process (Baird, Fram, Tashima, and Matranga 2018, p.6). Inspired by the “village 

banking” methodology in microfinance, the peer selection methodology has shown promising 

results in terms of inclusion and survival, all while showing positive financial performance. 

However, this topic has only been explored superficially. 
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This paper examines the impact of Village Capital’s peer selection process by specifically 

seeking to determine if peer-selection mitigates bias against founders of color.  Understanding 

the efficacy of this model may be of significant interest to policy makers as previously noted. 

 

DATA AND METHODS 

Data 

In order to explore the impact of peer-selected investment on reducing racial bias in the 

investment-decision making process, this paper analyzes data collected by Village Capital via a 

survey before and at the end of each investment readiness program. All Village Capital data is 

cleaned and housed at the Global Accelerator Learning Initiative (GALI) at Emory University’s 

Goizueta School of Business. The data set contains information on more than 45 Village Capital 

programs from 2013-18 in the US, India, sub-Saharan Africa and Latin America. The dataset 

comprises a group of more than 1200 entrepreneurs in total, including alumni of Village Capital 

peer selection programs and control groups of applicants who did not participate in the programs. 

For this analysis, the data set examined 18 Village Capital programs that took place in the US 

during the aforementioned period of time.   

Methods 

Contained within the data set described above are the following variables: 

Table 1: Descriptive Statistics for Model Dependent and Independent Variables  

Variable Name 
and Acronym 

Variable 
Type 

Variable 
Description 

Variable 
Type 

Mean Frequency 

Peer Selected 

PEER-SEL 

Dependent Company 
selected to 

receive 
investment 

Binary (1 
if peer 

selected, 0 
if not) 

0- 49% 
1-51% 

 
 

0- 314  
1-332  
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Cohort 

COHORT 

Independent Sector 
specific 
program 

Categorical 
(1 if 
fintech, 2 
if 
education, 
3 if energy, 
4 if 
agriculture, 
5 if health) 

1- 21% 
2-20% 
3-20% 
4-20% 
5-18% 

1- 138  
2-127  
3-132  
4-128  
5-121  

Previous Investment 
 

PREV_INV 

Independent Amount of 
equity 
capital 

raised prior 
to Village 

Capital 
program 

Numerical 
(in USD) 

 

$225,913.3/ 
0-50% 

 
 

0-324  
 

Year 
 

YR 

Independent Year in 
which the 
program 

took place. 

Categorical 
(1 if 2013, 
2 if 2014, 3 
if 2015, 4 
if 2016, 5 
if 2017, 
and 6 if 
2018)  

1-15% 
2- 19% 
3-17% 
4-15% 
5-17% 
6-17% 

 
 

1-95  
2- 124  
3-109  
4-98  
5-112  
6-108  

Race 

RACE 

Independent Race of 
founder 

Binary (1 
if from a 
racial 
minority, 0 
if not)  

0- 42% 
1- 58% 

 
 

0- 273  
1- 373  

 

Founder Education 
Level 

 
FEDUC 

Independent Education 
level of 
founder 

Categorical 
(1 if below 
college, 2 
if some 
college, 3 
if college, 
and 4 if 
advanced 
degree) 

1- 164 25% 
2-22) 

3- 28% 
4- 25% 

 
 

1- 164  
2- 140  
3- 183  
4- 159  

 

Previous Revenues 
 

PREV_REVENUES 

Independent Amount of 
revenue a 
startup has 

prior to 
starting 
Village 
Capital 
program 

Numerical 
(in USD) 

 

$158,916.5 
 

N/A 
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To date, little is known about the relationship between the dependent variable (peer-

selection) and many of the independent variables. However, given the racial and gender makeup 

of founders of Village Capital portfolio companies, one can suspect that being a racial or gender 

minority does not detract from your ability to be peer selected.  

Empirical Model 
 

To determine the impact of peer-selected investment on reducing racial and gender bias, 

the following logit model will be used: 

• Logit Y = β0 + β1*X1 + β2*X2 + β3*X3 + β4*X4 + β5*X4 + β6*X4 + E 

o Y= PEER_SEL 

o X1= COHORT 

o X2= PREV_INV 

o X3= YR 

o X4= RACE 

o X5 = FEDUC 

o X6 = PREV_REVENUES 

o E= Unexplained variance, error term 

o β0, β1, β2, β3, β4, β5, β6  = Coefficients of respective independent variables 

A logit model is a type of regression model that is typically used when the dependent variable (in 

this case, PEER-SEL) is binary, which means that it has a value of either 0 or 1 in the data set. 

Additionally, a logit model allows you to calculate the marginal affect that any one variable will 



 10 

have on the outcome of 0 or 1 in the dependent variable. Finally, this model allows us to not 

assume perfectly linearity between distinct variable responses. 

EMPIRICAL FINDINGS  

In order to determine what variables go into the logit model, it is imperative to start with 

a correlation matrix. A correlation matrix is a table showing the correlation coefficients between 

variables. The higher the correlation coefficient, the greater the likelihood that there is a 

relationship between the two variables. Below is a correlation matrix for the variables in the 

model: 

Table 2: Correlation Coefficient Matrix 

 PEER_SEL COHORT PREV_INV YR RACE FEDUC PREV_REVE

NUES 

PEER_SEL 1.000       

COHORT 0.007 1.000      

PREV_INV 0.475 -0.024 1.000     

YR -0.063 0.020 -0.042 1.000    

RACE 0.102 -0.027 0.056 -0.027 1.000   

FEDUC 0.016 -0.037 0.030 -0.047 0.040 1.000  

PREV_REVENUES 0.512 -0.022 0.925 -0.0531 0.062 0.031 1.000 

 

Based on the correlation matrix above, both PREV_INV (.4746) and PREV_REVENUES 

(.5118) are positively correlated with PEER_SEL. Although PEER_SEL and RACE do not 

seem, on the surface, highly correlated with each other (.1022), the variable RACE will be 
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included in the model moving forward because the main focus of this research is whether or not 

the process of peer selection mitigates bias against minority founders. 

 After conducting a correlation matrix, simple regressions were run between the 

dependent variable (PEER_SEL) and all of the independent variables individually to determine if 

the relationships were statistically significant. Results from the simple regression models are 

shown below: 

Table 3: Regression Results Between PEER_SEL and All Independent Variables 

PEER_SEL Coef. Std. Err t P>|t| [95% Conf. Interval] 
COHORT . 0022956    .0139408      . 0.16    0.869     -.0250792     . 0296704 

_cons .5071624    .0455842     11.13    0.000 .4176507 .596674 
      

PEER_SEL Coef. Std. Err t P>|t| [95% Conf. Interval] 
PREV_INV 5.69e-07    4.16e-08     13.68    0.000      4.88e-07     6.51e-07 

_cons .3853179    .0197194     19.54    0.000      .3465958     .4240399 
       

PEER_SEL Coef. Std. Err t P>|t| [95% Conf. Interval] 
YEAR -.0187025    . 0116106     -1.61    0.108     -.0415017     .0040967 
_cons 38.20914    23.40132      1.63    0.103     -7.742965     84.16124 

       
PEER_SEL Coef. Std. Err t P>|t| [95% Conf. Interval] 

RACE .1034283 .039662 2.61 0.009 .0255459 .1813107 
_cons .4542125 .0301379 15.07 0.000 .3950321 .5133928 

       
PEER_SEL Coef. Std. Err t P>|t| [95% Conf. Interval] 

FEDUC .0071915    .0176169      0.41    0.683      -.027402      .041785 
_cons .4957973    .0485931   10.20    0.000      . 4003773 .5912173 

       
PEER_SEL Coef. Std. Err t P>|t| [95% Conf. Interval] 

PREV_REVENUES 1.10e-06    7.27e-08     15.12    0.000      9.56e-07     1.24e-06 
_cons .339393    .0204842 16.57    0.000      . 2991692     .3796169 

RACE, PREV_INV, and PREV_REVENUES are all statistically significant, with p-values < .05. 

Therefore, the linear probability models above indicate that PEER_SEL and the aforementioned 

independent variables have a relationship to one another that is not simply because of random 
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chance. Because the other independent variables are not statistically significant, they will not be 

used in any future model.  

 The last step prior to running a logit model is to perform a simple regression with the 

independent variables (RACE, PREV_INV, and PREV_REVENUES) that were statistically 

significant above. Results from this regression are shown below: 

Table 4: Regression Results Between PEER_SEL, RACE, PREV_INV, and 
PREV_REVENUES 
 

PEER_SEL Coef. Std. Err t P>|t| [95% Conf. Interval] 
RACE .0715655 .0342573 2.09 0.037 .0042956 .1388355 

PREV_INV 9.76e-09 1.07e-07 0.09 0.927 -2.00e-07 2.20e-07 
PREV_REVENUES 1.07e-06 1.91e-07 5.61 0.000 6.97e-07 1.45e-06 

_cons .299932 .0282235 10.63 0.000 .2445105 .3553536 
 

In this analysis, RACE and PREV_REVENUES were statistically significant while PREV_INV 

was not. The significance of these results will be discussed in detail in the discussion section. 

 Based on the findings above, a logit model was performed in which all of the independent 

variables that were statistically significant from the first regression performed in this analysis 

were included. This was done to see if a similar, statistically significant relationship existed 

between PEER_SEL and the aforementioned independent variables. Below is the results from 

that regression: 

Table 5: Logit Regression Results Between PEER_SEL, RACE, PREV_INV, and 
PREV_REVENUES 
 

PEER_SEL Coef. Std. Err t P>|t| [95% Conf. Interval] 
RACE .3999806  .1885867 2.12 0.034 .0303575  .7696037 

PREV_INV 1.37e-06  1.59e-06  0.86  0.388 -1.74e-06 4.48e-06 
PREV_REVENUES  7.60e-06  2.43e-06  3.13 0.002  2.84e-06 .0000124 

_cons -1.052685 .1626924   -6.47  0.000 -1.371556 -.7338135 
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Just like in the analysis above, RACE and PREV_REVENUES were statistically significant 

while PREV_INV was not. The significance of these results will be discussed in detail in the 

discussion section. 

 Based on the findings above, another logit model was performed in which all of the 

independent variables were interacted with one another. This was done to see if a relationship 

existed between these newly combined variables and PEER_SEL. Below is the results from that 

regression: 

Table 6: Logit Regression Results Between PEER_SEL and Interaction Variables  

PEER_SEL Coef. Std. Err t P>|t| [95% Conf. 
Interval] 

RACE*PREV_INV .067149
3 

.024671
9 

1.11 0.02
7 

.003987
4 

.109645
3 

RACE*PREV_ REVENUES 8.76e-09 1.11e-06 0.05 0.81
6 

-1.00e-
06 

1.14e-07 

PREV_INV*PREV_REVENUE
S 

1.03e-06 1.76e-07 3.61 0.00
0 

5.67e-07 1.22e-06 

_cons .299932 .028223
5 

10.6
3 

0.00
0 

.244510
5 

.355353
6 

 
**Pseduo R2: 0.2539 

In this model, the interactions between RACE and PREV_INV and between PREV_INV and 

PREV_REVENUES are statistically significant with p-values < .05. However, the interaction 

between RACE and PREV_REVENUES is not statistically significant. This could be due to a 

variety of different reasons which will be discussed in the discussion section to follow.  

DISCUSSION 

 A core tenet of the United States has been that anyone with a great idea and an 

indefatigable work ethic can be successful. This “American Dream,” however, is becoming 

further and further out of reach for entrepreneurs.  
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One of the main reasons for this phenomenon is that people backing current startups are 

more likely to place capital in the hands of entrepreneurs that look like them, live near them, or 

have similar lived experiences. This so called “pattern recognition” results in scarce resources 

going to people and problems that don’t impact most Americans. Every year, the popular website 

TechCrunch publishes their “Startups of the Year” list. Past recipients of the honor include an 

application that lets you book high-end hotels on demand, a website that helps you get high-end 

mattresses at a lower cost, an application that lets college students communicate more efficiently, 

and an Uber-for-marijuana delivery service. 

One novel approach to get investors to see beyond their “pattern recognition” behaviors 

has been implemented by Village Capital, a venture capital firm based in Washington, DC. In 

2009, Village Capital introduced peer-selected investment, a radically different idea aimed at 

shifting decision-making power away from investors and giving power to entrepreneurs to 

identify which startups are most promising. A decade and nearly 110 investments later, this 

approach has yielded a portfolio that is dramatically different from the rest of the industry. Using 

Village Capital’s data about their peer-selected investment due diligence process, this thesis 

attempts to determine the impact of peer-selected investment on reducing racial bias in the 

investment decision making process. 

The impact of peer-selected investment on reducing racial bias in the investment-decision 

making process is analyzed using data collected from Village Capital via a survey before and at 

the end of each investment readiness program. The data is accessed from the Global Accelerator 

Learning Initiative (GALI) at Emory University’s Goizueta School of Business. The data set 

contains information on more than 45 Village Capital programs from 2013-18 in the US, India, 

sub-Saharan Africa and Latin America and comprises a group of more than 1200 entrepreneurs 
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in total, including alumni of Village Capital peer selection programs and control groups of 

applicants who did not participate in the programs. For this analysis, the data set examined 18 

Village Capital programs that took place in the US during the aforementioned period of time. 

Prior to this analysis, little was known about the relationship between the dependent 

variable PEER_SEL and many of the independent variables. However, given the racial and 

gender makeup of founders of Village Capital portfolio companies, one can suspect that being a 

racial or gender minority does not detract from your ability to be peer selected. This hypothesis 

was confirmed. According to the analysis, the independent variable RACE and the dependent 

variable PEER_SEL have a statistically significant relationship in all of the models used, 

meaning that the two variables have a relationship to one another that is not simply because of 

random chance. In addition, PEER_SEL and the independent variable PREV_REVENUES had a 

statistically significant relationship in all the models in this analysis. This could be because 

participating ventures in our accelerator programs have access to each other’s financials, 

including revenue figures. This might be a factor weighed by startups when selecting who is 

most “investment ready” in our programs. 

The findings of this analysis fill a significant gap in the current literature on the topic. 

Previously, there have not been studies examining the impact of an investor intervention 

technique on minority groups. Instead, the literature has focused on disparate topic areas such as 

the history of venture capital, the efficacy of accelerator programs, and the impact of certain 

investor intervention techniques on female entrepreneurs. Establishing the efficacy of an investor 

intervention technique such as peer-selected investment could be of significant use to federal and 

state policymakers. States are actively looking for ways to spur economic growth and innovation 

as well as support overlooked communities. One model to accomplish this goal has been to place 
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earmarked state dollars into traditional venture capital funds to invest in racially diverse small 

and medium-sized enterprises solving problems in a variety of different industries. It is currently 

premature to evaluate the efficacy of this approach, as the typical venture cycle lasts between 7-

10 years. However, data obtained from this research may be useful to determine the type of 

venture capital model to allocate state or federal dollars into in the future. 

This analysis, however, does have several limitations. First, the data is confined to 

programs run by Village Capital from 2013-2018 in the US. Since its founding in 2009, Village 

Capital has run accelerator programs for startups in Latin America, Sub-Saharan Africa, India, 

Europe, Middle East, and North Africa. Examining the efficacy of the programs would be nearly 

impossible given the way the independent variable RACE is coded. As noted in the “Empirical 

Findings” section, the variable RACE is a binary variable coded as either a 0 if the entrepreneur 

is not from a racial minority or 1 if the entrepreneur is from a racial minority. In the US, it is 

substantially easier to identify the minority status of an individual than it is in other parts of the 

world. As a result, the conclusions reached in this analysis can’t be extrapolated to Village 

Capital’s strategies in other parts of the world.  

Another shortfall of this analysis is that the data only includes years 2013-2018. Prior to 

2013, data about participating startups was not housed in a central location. As a result, the data 

could not be tracked down for this analysis. Additionally, data since 2018 was not included in 

this analysis because it had not been cleaned and housed in time.  

The final limitation of this analysis is that it does not take into account the power of the 

curriculum used by Village Capital programs. Determining who is peer-selected to receive 

investment does not occur until the final day of the final workshop of a program. Workshops 

usually last 12 days over a 3-month span. During that period of time, startups are using a 
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proprietary curriculum in which they participate in modules that help them communicate their 

visions to investors and partners who can help them bring their ideas to scale. I could not 

evaluate the impact of this proprietary curriculum on peer selection successes rates.  

 

CONCLUSION 

 As this analysis indicates, peer-selected investment has a significant impact on reducing 

racial bias in the investment decision making process. However, further research on the topic is 

needed to determine the degree of the impact. Future research on the topic should also examine 

the influence of the unique curriculum used by Village Capital during its accelerator programs. 

Anecdotal evidence suggests that the unique curriculum helps entrepreneurs of color better 

articulate their businesses, which in turn, helps them get peer selected at a rate higher than the 

typical minority founder. At the present, the “American Dream” is not attainable for 

entrepreneurs who are not white, male, and located on the coasts. Solutions must be sought to 

more appropriately fund these non-traditional entrepreneurs because many of the challenges 

facing society today and tomorrow will require involvement from people from all walks of life 

and all geographic areas. The radical approach taken by Village Capital appears successful at 

getting capital into the hands of non-traditional entrepreneurs and other “outside-the-box” 

investment strategies must be explored. 
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