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ABSTRACT 

 

Women comprise the most rapidly growing subset of the veteran population.  In the past 

three decades, the roles and positions they filled within the active duty forces have 

changed drastically.  The legal barriers to their service on combat ships, in aircraft, and 

other combat logistic support roles have been removed.  However, little research exists 

contributing to an understanding of their specific needs and outcomes or how they differ 

from their male peers.  Using data from the Current Populations Survey’s Annual Social 

and Economic Supplement, this paper uses a difference-in-differences model to explore 

the impact of the 1994 Direct Ground Combat Definition and Assignment Rule, which 

rescinded the Combat Exclusion Policy, on female veterans’ civilian labor market 

outcomes.  This model reveals a statistically significant improvement in the earnings 

outcomes for the female veterans most impacted by the policy change.  However, they 

have yet to reach pay parity with their male peers.  As the Departments of Defense and 

Veterans Affairs ready servicemembers to leave active duty and enter the civilian labor 

force, there is an opportunity to provide training and guidance which better prepares 

female veterans for the realities of the market they will encounter. 
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INTRODUCTION 

     In the mid-1960s, America began to reckon with a history of discrimination.  The 

Equal Pay Act of 1963 addressed common practices of wage discrimination based on the 

gender of employees, affirming that equal pay was due for equal work.  The Civil Rights 

Act of 1964 created legal protections against bias based on race, color, religion, or 

national origin.  In 1972, the Equal Employment Opportunity Act brought these ideas 

together by prohibiting employment discrimination based on race, color, religion, sex, or 

national origin.  After the codification of these laws, the gulf that had existed between 

wages of various demographic groups began to shrink.  Finally, in 1990 the Americans 

with Disabilities Act outlawed discrimination against disabled individuals in the 

workplace.  The amalgamation of these laws should have yielded a complete eradication 

of pay gaps in the American workforce, but evidence suggests this is not the case.  The 

National Women’s Law center reports that women, on the whole, will lose $406,760 over 

the course of a 40-year career, compared with their male peers, based on a study of 2017 

American Community Survey data.  For Black women, the effect is more than doubled at 

$946,120 and for Latinas the gap is a staggering $1,135,440. 

     While many studies have been conducted on the use of education, training, and 

experience to close the gender pay gap, this research explores the existence of a pay gap 

among those for whom this history is similar and standardized: veterans of the United 

States Armed Forces.  As this population transitions to the civilian workforce, bringing 

with them a collective ideal of leadership and camaraderie, will their compensation 

emulate their shared experience or mitigate it? 
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     This paper aims to understand how the Direct Ground Combat Definition and 

Assignment Rule, which rescinded the Combat Exclusion Policy (CEP), effected earnings 

outcomes for female veterans compared with their male peers after they entered the 

civilian workforce.  Data from the Current Population Survey (CPS) Annual Social and 

Economic Supplement (ASEC) are used to examine the earnings of veterans who are 

broken into three cohorts based on age, which is used as a proxy to identify whether CEP 

applied to their entry into service. 

     This paper is organized as follows.  The Literature Review discusses the previous 

findings on the experience of veterans entering the civilian workforce, the challenges 

they face, and the advantages they experience.  It also investigates the current research on 

gender pay disparities in America.  The next section states the research question of 

interest and hypothesis for this analysis.  The Data and Methods section identifies the 

data source and illustrates the methodological framework of the thesis.  After this is a 

description of the empirical results of the model.  This is followed by a discussion of 

those results and limitations of the study.  Finally, the Conclusion deals with the 

implications and recommendations for addressing the impact of the findings on women 

veterans post-service, considering possible mechanisms to reduce the disparities they face 

in the civilian labor force. 

 

LITERATURE REVIEW 

Veteran Status and Earnings 

     There is a lack of consensus about the correlation between veteran status and earnings.  

While some studies have shown an earnings advantage, others have shown no significant 
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correlation (Cooney, Segal, Segal, & Falk, 2003; MacLean & Elder, 2007).  The major 

differentiating factor in these studies seems to be the period or era of service (MacLean & 

Elder, 2007).  In order to understand trends within the most recently transitioning 

veterans, this paper focuses on the post-Vietnam all-volunteer force (AVF).  Studies of 

this group remain largely focused on the male veteran population and find that, in the 

aggregate, the most recent veterans serving since September 11, 2001 out earn their 

nonveteran peers (Kleycamp, 2013).  Some studies show an inverse relationship between 

length of service and earnings after discharge (Bryant, Smaranayaka, & Wilhite, 1993; 

Fitzgerald, 2006).  It is important to note that these conclusions were drawn for male 

veterans, largely because the data were more readily available and the sample size was 

much larger.  As the force continues to become more diverse, it has become imperative to 

understand whether or how the experience is different for demographic subsets of the 

veteran population. 

     Fewer studies have focused on the female veteran population, but research does exist.  

In comparisons of female veterans, serving around the time of establishment of the AVF, 

to their nonveteran peers, a veteran earnings advantage emerged (Poston, Segal & Butler, 

1984; Defleur & Warner, 1985).  However, later research has drawn differing 

conclusions for more recent female veterans.  Some suggest recent female veterans 

experience an earnings disadvantage (Cooney et al., 2003; MacLean & Elder, 2007), 

while others found that post 9/11 female veterans have an earnings advantage over their 

peers of varying magnitudes based on race (Kleycamp, 2013; Padavic & Prokos, 2017).  

No studies have been conducted to identify the effect of combat experience on female 

veterans, largely because the classification of combat military occupational specialty 
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codes (MOS) has been dissonant with the lived experience of Iraq and Afghanistan war 

veterans, clouding the data.  Traditional combat roles were only opened to women in 

2016 (Dempsey & Panetta, 2013); however, women have experienced direct combat at a 

high rate in the most recent wars due to the nonlinear battlefield lines and unclear 

differentiation of forward operating areas (Kamarck, 2016).  This reality makes it 

impossible to use formal MOS designations as a proxy for combat experience. 

 

Explaining Differentials 

     Browning, Lopreato, and Poston (1973) were the first researchers to suggest that 

military service acted as a “bridging environment.”  The theory rests on the idea that 

military service exposes members to training, education, and skills which match veterans 

with higher earning civilian jobs.  The advantage would be larger for veterans from 

traditionally disadvantaged backgrounds, correlated highly with demographic disparities 

like race and gender.  Central to this theory is the idea that veterans transfer their skills 

from the military to civilian jobs, thus capitalizing on their learned proficiencies.  This 

was an expansion of the “Human Capital Theory” presented by Gary Becker in 1964 

(2009).  “Human Capital Theory” emphasizes the importance of an individual’s 

collection of knowledge, experience, skills, and abilities, while the “bridging 

environment” describes how participation in the military represents a “radical 

discontinuity,” drastically and almost immediately changing those factors for military 

members compared with their civilian peers.  Gibbons and Waldman (2004) proposed the 

concept of “task-specific human capital,” suggesting that between general-purpose and 

firm-specific human capital, there exists a third category which is specific to the type of 
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work being performed.  Whether using the term “bridging environment” or “task-specific 

human capital,” both ideas help explain how a military member might transfer some of 

their skills to the civilian workforce, and how veteran status might explain a gain in 

outcomes, particularly among groups who are traditionally disadvantaged. 

     In later research, Padavic and Prokos (2017) found that veterans are represented in 

larger proportions than their nonveteran peers in higher paying career fields; they also 

found that veterans are represented in lower proportions than nonveterans in lower 

earning fields.  They determined that this effect was amplified for minority women.  

These findings are consistent with the previously discussed concepts of “task-specific 

human capital” and the military as a “bridging environment,” showing veterans gaining 

proportionally more employment in skilled fields. 

     Studies which show an inverse relationship between length of service and earnings 

outcomes may seem to contradict the previous theories, but upon further investigation, 

they do not (Bryant et al., 1993; Fitzgerald, 2006).  While the experience gained during 

military service represents the build-up of task-specific human capital, it prevents the 

accumulation of firm-specific human capital.  This means that for those who transition 

from military to civilian careers, there is a trade-off between experience gained in service 

and seniority in the civilian sector. 

 

Gender Pay Gap in America 

     In her seminal study of the gender pay gap in America, Claudia Goldin found two 

major macroeconomic forces which contributed to increased pay parity: The Industrial 

Revolution at the turn of the 20th century and the boom in white collar job growth in the 
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1950s (Goldin, 1990).  In each case, apparent narrowing of the pay gap is associated with 

the physical change in labor required.  The introduction of mechanized production in the 

early 1900s meant that the labor force no longer required muscle and refined skills as it 

had before, and the “productive abilities” of women were more comparable to their male 

counterparts (Goldin, 1990, pg.4).  In the 1950s, the boom of white-collar jobs and the 

turn away from an industrial base meant that returns to education were higher, and 

women were more able to compete for entry level positions in higher wage fields 

(Goldin, 1990).  The seeming stagnation in female wages from the 1950s to the 1980s is 

largely attributable to women’s work tenure and discriminatory hiring and promotion 

practices; social norms continue to drive certain sex segregation (Goldin, 1990).  It is 

interesting to note that using data from the Current Population Survey (CPS) data for 

1979 and 1995 and controlling for education, experience, personal characteristics, 

parental status, city and region, occupation, industry, government employment, and part-

time status, Altonji and Blank (1999) found that only about 27% of the gender wage gap 

in each year is explained by differences in such characteristics. 

 

Female Veterans and the 1994 Direct Ground Combat Definition 

     Using Goldin’s analysis of the female labor force in America, and coupling it with 

evidence suggesting military service has the largest positive effect on earnings outcomes 

for those from the most historically disadvantaged demographics (Kleycamp, 2013; 

Padavic & Prokos, 2017), a clearer picture of the potential advantage for female veterans 

begins to emerge, but this is only in comparison to nonveteran peers.  Goldin’s 

investigation into the causal factors of labor outcomes for women has interesting 
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parallels, but a vastly different timeline, with the integration of women into the U.S. 

Armed Services.  The labor force requirements for many military job specialties have 

evolved into highly technical and skills-based needs, where returns to training and 

education outweigh many physical characteristics (Kamarack, 2016).  At the same time, 

structural barriers to female service in many job fields have only recently been lifted 

(Dempsey & Panetta, 2013).  As recently as 1993, women were still barred from serving 

on combatant aircraft and naval vessels.  The 1994 Direct Ground Combat Definition and 

Assignment Rule required that all positions in the U.S. Armed Forces would be open to 

women, excluding those where the primary mission would be direct engagement with 

enemy combatants on the ground (Aspin, 1994).  This removed the legal barrier against 

women serving in most specialties: the Combat Exclusion Policy (CEP).  A final portion 

of jobs were not opened to women until Defense Secretary Ash Carter lifted restrictions 

in 2015.  The increase in job training, leadership, and experiential opportunities for 

women in service contributed to equity in their human capital advantage compared with 

their male peers. 

 

RESEARCH QUESTION OF INTEREST 

     From the literature reviewed above, it is clear that male veterans’ post-service 

earnings and some of the predictive factors in differentials have been studied extensively.  

Further, female veterans have been compared with their nonveteran peers, and the 

resultant trends have been analyzed.  Conclusive research comparing male and female 

veterans and their earnings, however, is relatively lacking.  Based on what we know of 

the gender pay gap in the American labor force and the theorized causal factors, the more 
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recent female veteran population has had access to a more equitable share of human 

capital-enhancing military experiences than their predecessors.  Using the 1994 Direct 

Ground Combat Definition and Assignment Rule as a definitive shift in policy, we can 

assess the outcomes on female veterans as they entered and remained in the civilian labor 

force before and after the policy change.  This paper seeks to answer the question: 

How did the Direct Ground Combat Definition and Assignment Rule, 

which rescinded the Combat Exclusion Policy (CEP), effect earnings 

outcomes for female veterans compared with their male peers after they 

entered the civilian workforce.   

The supposition is that those who joined after the repeal of CEP would experience a 

narrowing of the wage gap between male and female veterans. 

 

DATA AND METHODS 

Data Set 

     The data for this paper comes from the Current Population Survey (CPS) Annual 

Social and Economic Supplement (ASEC) from 2010, 2012, 2014, and 2016.  The CPS is 

collected jointly by the U.S. Census Bureau and the U.S. Bureau of Labor Statistics.  The 

CPS ASEC is the source of timely official national estimates of poverty levels and rates 

and of widely used measures of income. It provides annual estimates based on a survey of 

more than 75,000 households. The survey contains detailed questions covering social and 

economic characteristics of each person who is a household member as of the interview 

date. Income questions refer to income received during the previous calendar year.  The 

data will be limited to the pool of respondents who identified themselves as veterans.  
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The data will be further limited to the group of respondents who joined before and after 

the Direct Ground Combat Definition and Assignment Rule was implemented in 1994, 

rescinding CEP.  This is accomplished by identifying those who were aged 18-23 in 

1988, aged 18-23 in 1994, and aged 18-23 in 2000.  Using age as a proxy, the group is 

separated into those who joined before the policy change, as the policy change occurred, 

and well after the change.  The age grouping 18-23 years old was chosen because it 

represents the most common age range of enlistment or commissioning into the armed 

services.  The years 1988, 1994, and 2000 were used to prevent overlap in the samples.  

The data are repeated or pooled cross-sectional data, meaning each cross-section is a 

new, randomly collected representative sample. 

Table 1 - Variables and Descriptions 

Name Type Description Derivation  Relationship 

ln(wage 

income) 
Dependent 

Natural logarithmic 

transformation of 

annual personal 

earnings 

Direct N/A 

Female Independent Indicator of gender Direct - 

Treat Independent 
Indicator of service post 

1994 policy change 

Derived from age 

18-23 in 1988, 

1994, & 2000 

+ 

Effect Independent 
Interaction of ‘Female’ 

& ‘Treat’ 

Derived from 

‘Female’ & 

‘Treat’ 

+ 

Age Covariate Age in years Direct 
+  

(polynomial) 

White Covariate Indicator race is white Direct 

- 

(for all non-

white) 

College Covariate 
Indicator of college 

degree attainment 
Direct 

+ 

(for all above 

H.S.) 

Married Covariate 
Indicator of married 

status 
Direct TBD 

Children Covariate 
Indicator of dependent 

children in house 
Direct TBD 
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Econometric Model 

𝑌𝑖 =  𝛼 + 𝛽1𝐹𝑒𝑚𝑎𝑙𝑒𝑖 + 𝛽2𝑇𝑟𝑒𝑎𝑡𝑖 + 𝛽3(𝐹𝑒𝑚𝑎𝑙𝑒𝑖 ∗ 𝑇𝑟𝑒𝑎𝑡𝑖) + 𝛽4…𝑧(𝐶𝑜𝑣𝑎𝑟𝑖𝑎𝑡𝑒𝑠𝑖) + 𝜀𝑖  

Where: 

𝑌𝑖 = 𝑖𝑛𝑐𝑜𝑚𝑒 

𝛼 = 𝑐𝑜𝑛𝑠𝑡𝑎𝑛𝑡 𝑡𝑒𝑟𝑚 

𝛽1 = 𝑇ℎ𝑒 𝑒𝑓𝑓𝑒𝑐𝑡 𝑜𝑓 𝑏𝑒𝑖𝑛𝑔 𝑓𝑒𝑚𝑎𝑙𝑒 𝑐𝑜𝑚𝑝𝑎𝑟𝑒𝑑 𝑡𝑜 𝑚𝑎𝑙𝑒 (𝑐𝑜ℎ𝑜𝑟𝑡 𝑒𝑓𝑓𝑒𝑐𝑡) 

𝛽2 = 𝑇ℎ𝑒 𝑒𝑓𝑓𝑒𝑐𝑡 𝑜𝑓 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑎𝑓𝑡𝑒𝑟 𝑝𝑜𝑙𝑖𝑐𝑦 𝑐𝑜𝑚𝑝𝑎𝑟𝑒𝑑 𝑡𝑜 𝑏𝑒𝑓𝑜𝑟𝑒 (𝑡𝑖𝑚𝑒 𝑒𝑓𝑓𝑒𝑐𝑡) 

𝛽3 = 𝑇ℎ𝑒 𝑒𝑓𝑓𝑒𝑐𝑡 𝑜𝑓 𝑏𝑒𝑖𝑛𝑔 𝑓𝑒𝑚𝑎𝑙𝑒 𝑎𝑓𝑡𝑒𝑟 𝑝𝑜𝑙𝑖𝑐𝑦 𝑐ℎ𝑎𝑛𝑔𝑒 (𝑡𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡 𝑒𝑓𝑓𝑒𝑐𝑡) 

𝛽4…𝑧 = 𝑇ℎ𝑒 𝑒𝑓𝑓𝑒𝑐𝑡𝑠 𝑜𝑓 𝑐𝑜𝑛𝑡𝑟𝑜𝑙𝑙𝑒𝑑 𝑐𝑜𝑣𝑎𝑟𝑖𝑎𝑡𝑒𝑠 

𝜀𝑖 = 𝐸𝑟𝑟𝑜𝑟 𝑡𝑒𝑟𝑚 

 

     The differences-in-differences model was selected to isolate the treatment effect on 

the female cohort of veterans.  A simple comparison of male and female veterans who 

served after the implementation of the new policy fails to consider the cohort effects 

which may have placed men and women on a different outcome trajectory regardless of 

the policy.  Previously cited studies of the gender pay gap in America indicate that it 

would be inappropriate to simply compare the outcomes of men and women who serve 

after the policy implementation, because men and women experience different labor 

market outcomes in America. 

      Similarly, comparing women who served before the policy was changed to women 

who served after the policy changed also tells an incomplete story.  This comparison fails 

to consider the effects that time would have had on labor market outcomes, regardless of 

the policy. 
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     By comparing the difference-in-differences, the true effect of the policy, which 

opened thousands of previously closed jobs to female service members, on labor market 

outcomes for female veterans can be isolated.  This is observed through the effect on the 

dependent variable, the natural logarithm of wage income. 

     Using pooled cross-sectional data from the 2010, 2012, 2014, and 2016 ASEC offers a 

broader number of observations and allows for a more precise isolation of other 

covariates.  This is particularly important for the age covariate, since, definitionally, it is 

different for the control and treatment groups in any one cross-section of the data. 

 

EMPIRICAL RESULTS 

Summary and Descriptive Statistics 

     This paper aims to understand how the Direct Ground Combat Definition and 

Assignment Rule effected earnings outcomes for female veterans compared with their 

male peers after they entered the civilian workforce.  To isolate the effect the following 

multivariate model was specified: 

𝑙𝑛 (𝑖𝑛𝑐𝑤𝑎𝑔𝑒) =  𝛼 + 𝛽1𝑓𝑒𝑚𝑎𝑙𝑒𝑖 + 𝛽2𝑡𝑟𝑒𝑎𝑡𝑖 + 𝛽3𝑒𝑓𝑓𝑒𝑐𝑡𝑖 + 𝛽4…𝑧(𝑐𝑜𝑣𝑎𝑟𝑖𝑎𝑡𝑒𝑠𝑖) + 𝜀𝑖 

In this model, the coefficient on effect is the estimated impact of the policy on female 

veterans’ earnings. 

     Before beginning to interpret the results of the model, it is crucial to understand the 

underlying data and methodology used to group and analyze it.  Initially, the data from 

the CPS ASEC collected in 2010, 2012, 2014, and 2016 were restricted to reflect the 

population of interest.  Using survey responses, the data were restricted to veterans who 

were employed full-time.  These veterans were then grouped into cohorts based on their 
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ages.  The data were further restricted to include only the cohorts of interest.  These were 

individuals who were aged 18-23 in the year 1988, 1994, or 2000.  Table 2 shows the 

aging patterns of these cohorts and identifies the ages of the observations of interest in 

each of the collected ASEC surveys.  To be considered valid for analysis, the 

observations with no income reported from wages were also dropped. 

Table 2 - Aging Patterns by Treatment Status 

Control: Pre-treatment Cohort (Aged 18-23 in 1988, prior to CEP repeal) 

Age in 1988  Age in 2010 Age in 2012 Age in 2014 Age in 2016 

18 - 40 42 44 46 

19 - 41 43 45 47 

20 - 42 43 44 45 

21 - 43 44 45 46 

22 - 44 45 46 47 

23 - 45 46 47 48 

Treatment Group 1: First Treatment Cohort (Aged 18-23 in 1994, after CEP repeal) 

Age in 1988 Age in 1994 Age in 2010 Age in 2012 Age in 2014 Age in 2016 

12 18 34 36 38 40 

13 19 35 37 39 41 

14 20 36 38 40 42 

15 21 37 39 41 43 

16 22 38 40 42 44 

17 23 39 41 43 45 

Treatment Group 2: Second Treatment Cohort (Aged 18-23 in 2000, well after CEP) 

Age in 1988 Age in 2000 Age in 2010 Age in 2012 Age in 2014 Age in 2016 

6 18 28 30 32 34 

7 19 29 31 33 35 

8 20 30 32 34 36 

9 21 31 33 35 37 

10 22 32 34 36 38 

11 23 33 35 37 39 

Notes: Age cohorts selected to target typical recruitment and enlistment ages in 

specified years.  Aging patterns show age of individuals in cohort during each data 

collection year. 

 

     Table 3 shows the summary statistics of key variables of interest for this analysis.  

Due to the extreme minimum and maximum values of incwage, and based on analytical 

precedent, the wage income variable was transformed using the natural logarithm.  
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Importantly, 13.4% of the observations identified themselves as female.  This is 

consistent with actual military demographics during the periods of interest.  Within the 

individual treatment groups, the percentage of observations who identified as female was 

11.5% for the control (1988 cohort), 13.8% for treatment group one (1994 cohort), and 

16.7% for treatment group two (2000 cohort).  This is consistent with the gradual 

increase of women in the armed services and in the veteran population over the periods 

observed.  The racial demographic is also consistent with the makeup of the armed 

services during the periods of interest, where roughly 80% of the observations identified 

themselves as white.  The summary statistics for those with a college degree (30.8%), 

those who were married (70.8%), and those with at least one child (70.9%) seem high 

when compared to military demographic information.  However, when it is considered 

that these cohorts are being observed in middle aged years, where the mean age of the 

individual is 40.87 years old, it seems plausible that these life milestone demographics 

would be higher for veterans than the active armed forces.  Finally, the major industry 

breakdown shows the number of observations who reported working in specific 

industries based on occupational coding. 

Table 3 - Summary Statistics of Key Variables 

Variable Description Observations Mean 
Standard 

Deviation 
Min Max 

incwage Reported 

income earned 

from wages 

7608 62,737.47 61,586.44 4 1,099,999 

lnincwage Natural 

logarithmic 

transformation 

of incwage 

variable 

7608 10.786 0.762 1.386 13.911 

female Reported 

gender; 

7608 

(1021 

female = 1) 

13.420 0.341   



 14 

female if 

female =1 

treat1 Was aged 18-

23 in 1994 

2461     

treat2 Was aged 18-

23 in 2000 

1738     

effect1 Interaction 

term between 

female and 

treat1; 

coefficient of 

interest 

339     

effect2 Interaction 

term between 

female and 

treat2; 

coefficient of 

interest 

290     

age Reported age 7608 40.866 5.454 28 51 

white Reported race 

is white 

7608 

(6106  

white = 1) 

0.803 0.398   

college Reported 

minimum 

education is 

college degree 

7608 

(2346 

college = 1) 

0.308 0.462   

married Reported 

marital status 

is married 

7608 

(5385 

married = 1) 

0.708 0.455   

children Reported at 

least one 

dependent 

child 

7608 

(5395 

children = 1) 

0.709 0.454   

ag_f_f_h Agriculture, 

forestry, 

fishing, 

hunting 

49     

mine Mining 

industry 

152     

construct Construction 579     

manuf Manufacturing 1051     

trade Trade 773     

transpo Transportation 

industry 

706     

info Information 

services 

206     
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finance Financial 

services 

383     

prof Professional 

services 

876     

edc_health_ Education and 

health  

1047     

hosp Hospitality 243     

service Service 

industry 

214     

public_ad Public 

administration 

1155     

 

     Beyond the summary statistics, understanding the descriptive statistics for the 

individual cohorts and how they compare with the treatment groups is important for 

validating the control group and selection of covariates.  Table 4 shows the aggregate 

descriptive statistics by cohort.  Importantly, average age of the control group (45.4 

years) and the treatment groups (39.7 and 33.5 years respectively) is consistent with the 

aging patterns described in table 2.  The difference between the average ages is 5.7 years 

for treatment group 1 and 11.9 years for treatment group two.  There is no finding of a 

statistical difference in the racial makeup of the control or treatment cohorts when 

comparing white with non-white veterans.  Since racial identification does not change 

over time, it is important that this variable was statistically the same for all groups.  The 

only other variable with a statistical difference from the control group to treatment group 

1 is the percentage of respondents with dependent children.  The percentage increases 

from 69.8% in the control group to 75.5%, a change of 5.7%.  It is possible that members 

of the control group who had children at a young age are beginning to find themselves 

empty nesters as their adult children leave home.  For comparison, if a member of the 

control group had a child at the age of 22, that child would now be 23.4 years old and 
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likely no longer a dependent.  Conversely, if a member of treatment group 1 had a child 

at 22, that child would now be 17.7 and still dependent. 

Table 4 - Aggregate Descriptive Statistics by Cohort 

 Control Treatment 1 Difference Treatment 2 Difference 

Average Age 
45.4 

(.047) 

39.7 

(.055) 

5.7*** 

(.073) 

33.5 

(.066) 

11.9*** 

(.082) 

% White 
79.9% 

(.007) 

81.0% 

(.008) 

1.1% 

(.011) 

79.9% 

(.010) 

0.0% 

(.012) 

% College 

Graduate 

31.4% 

(.008) 

32.3% 

(.009) 

0.9% 

(.012) 

27.6% 

(.010) 

3.9%*** 

(.014) 

% Married 
73.4% 

(.008) 

72.4% 

(.009) 

1.0% 

(.012) 

63.4% 

(.012) 

10.0%*** 

(.013) 

% With 

Children 

69.8% 

(.008) 

75.5% 

(.009) 

5.7%*** 

(.012) 

66.5% 

(.011) 

3.4%** 

(.014) 

Number 

Observations 
3409 2461 - 1739 - 

Notes: N=7608 

Statistical significance *p<0.10; **p<0.05; ***p<0.01 

Standard errors reported in (s.e.) 

 

     When comparing the control group with treatment group 2, all descriptive statistics are 

statistically different between the two except race.  It is notable that treatment group 2 has 

a lower incidence of college degree attainment by 3.9%, of marriage by 10.0%, and of 

dependent children by 3.4%.  Again, all of these milestones are correlated with age and 

opportunity, so it is unsurprising that the junior cohort reports lower rates than the control 

group.  Having identified these statistical differences between the control and treatment 

groups, it is important that these variables are included as covariates in the final model to 

enhance accuracy and reduce bias. 

     These descriptive statistics are broken down further in tables 5 and 6 to show the 

differences between the men and women in the various cohorts.  Much like the summary 

statistics presented in table 3, these statistical differences are in line with the demographic 

representation in the armed services.  We expect the male population of the military to 
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have a higher percentage of those identifying as white and those who are married.  

Perhaps more surprising is the rate at which female veterans have attained college 

degrees compared with their male peers.  It is possible that this is simply a reflection of 

the changing demographic of college students, as more women than men are now 

enrolled seeking undergraduate degrees.  Potentially, women veterans had more difficulty 

bridging their experiences from the military to civilian workforces and used college to 

smooth the transition.  Whatever the reason, it is clear there are statistical differences 

between the men and women veterans in each cohort, and controls beyond the variables 

of interest are required for the model.   

     Perhaps least surprising are the statistical differences between men and women in the 

various major industries.  The findings presented in the lower halves of tables 5 and 6 

show gender differences that are consistent with the American labor force.  Whether by 

nature, nurture, or social normalization, the gender norms of workplace industry appear 

to be as prevalent among veterans as nonveterans.  It is interesting to note that the Public 

Administration sector has statistically similar engagement by veterans in all age cohorts.  

These jobs are not only among the most transparent for determining wage parity, they are 

also jobs that often give deferential hiring preferences to veterans.  Noting the high 

incidence of statistical differences in the major industry codes, including these as 

categorical covariates will strengthen the model. 

  



 18 

 

Table 5 - Descriptive Statistics by Cohort and Gender: Treatment Group 1 

 Control  Treatment 1 

 Men Women Difference Men Women Difference 

Average Age 
45.4 

(.051) 

45.4 

(.137) 
- 

39.7 

(.059) 

39.7 

(.149) 
- 

% White 
80.1% 

(.007) 

73.2% 

(.022) 

7.6%*** 

(.021) 

83.0% 

(.008) 

68.4% 

(.025) 

14.6%*** 

(.023) 

% College 

Graduate 

29.7% 

(.008) 

45.2% 

(.025) 

15.5%*** 

(.025) 

30.0% 

(.010) 

46.6% 

(.027) 

16.6%*** 

(.027) 

% Married 
75.2% 

(.008) 

59.7% 

(.025) 

15.5%*** 

(.024) 

74.5% 

(.009) 

59.3% 

(.027) 

15.2%*** 

(.026) 

% With 

Children 

69.9% 

(.008) 

69.6% 

(.023) 
- 

75.0% 

(.009) 

79.1% 

(.022) 
- 

Major Industry       

Agriculture 
0.7% 

(.001) 

0.3% 

(.003) 
- 

0.7% 

(.002) 

0.3% 

(.003) 
- 

Mining 
1.6% 

(.002) 

0.5% 

(.004) 
- 

2.7% 

(.004) 

0.3% 

(.003) 

2.4%*** 

(.009) 

Construction 
7.4% 

(.005) 

0.8% 

(.004) 

6.6%** 

(.013) 

9.6% 

(.006) 

1.1% 

(.006) 

8.4%*** 

(.016) 

Manufacturing 
17.0% 

(.007) 

5.1% 

(.011) 

11.9%** 

(.019) 

13.8% 

(.007) 

7.4% 

(.014) 

6.4%*** 

(.020) 

Trade 
10.5% 

(.006) 

7.1% 

(.013) 

3.4%** 

(.016) 

10.5% 

(.007) 

10.6% 

(.014) 
- 

Transportation 
10.9% 

(.006) 

2.8% 

(.008) 

8.1%*** 

(.016) 

9.1% 

(.006) 

3.8% 

(.010) 

5.3%*** 

(.016) 

Information 

Services 

2.7% 

(.003) 

1.3% 

(.006) 
- 

3.6% 

(.004) 

2.4% 

(.008) 
- 

Finance 
4.4% 

(.004) 

6.4% 

(.012) 

1.9%* 

(.011) 

4.9% 

(.005) 

5.6% 

(.013) 
- 

Professional  

Services 

11.5% 

(.006) 

8.9% 

(.014) 
- 

11.8% 

(.007) 

7.1% 

(.014) 

4.7%*** 

(.018) 

Education & 

Health 

11.1% 

(.006) 

40.1 

(.024) 

28.9%*** 

(.018) 

10.4% 

(.007) 

35.7% 

(.026) 

25.3%*** 

(.020) 

Hospitality 
3.0% 

(.003) 

3.0% 

(.009) 
- 

3.3% 

(.003) 

2.7% 

(.009) 
- 

Service 

Industry 

2.9% 

(.003) 

2.5% 

(.008) 
- 

2.6% 

(.003) 

1.8% 

(.007) 
- 

Public 

Administration 

14.8% 

(.006) 

17.9% 

(.019) 
- 

15.2% 

(.008) 

16.8% 

(.020) 
- 

Observations 3017 392  2122 339  

Total Obs 3409  2461  

Notes: Only statistically significant differences are reported 

Statistical significance *p<0.10; **p<0.05; ***p<0.01 

Standard errors reported in (s.e.) 
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Table 6 - Descriptive Statistics by Cohort and Gender: Treatment Group 2 

 Control  Treatment 2  

 Men Women Difference Men Women Difference 

Average Age 
45.4 

(.051) 

45.4 

(.137) 
- 

33.5 

(.073) 

33.5 

(.159) 
- 

% White 
80.1% 

(.007) 

73.2% 

(.022) 

7.6%*** 

(.021) 

82.5% 

(.010) 

66.9% 

(.028) 

15.6%*** 

(.026) 

% College 

Graduate 

29.7% 

(.008) 

45.2% 

(.025) 

15.5%*** 

(.025) 

25.8% 

(.012) 

36.2% 

(.028) 

10.4%*** 

(.029) 

% Married 
75.2% 

(.008) 

59.7% 

(.025) 

15.5%*** 

(.024) 

66.0% 

(.012) 

50.7% 

(.029) 

15.3%*** 

(.031) 

% With 

Children 

69.9% 

(.008) 

69.6% 

(.023) 
- 

65.1% 

(.012) 

73.4% 

(.026) 

8.4%*** 

(.030) 

Major Industry       

Agriculture 
0.7% 

(.001) 

0.3% 

(.003) 
- 

0.8% 

(.002) 

0.0% 

(.000) 
- 

Mining 
1.6% 

(.002) 

0.5% 

(.004) 
- 

3.0% 

(.005) 

0.0% 

(.000) 

3.0%*** 

(.010) 

Construction 
7.4% 

(.005) 

0.8% 

(.004) 

6.6%** 

(.013) 

9.6% 

(.008) 

2.0% 

(.008) 

7.5%*** 

(.018) 

Manufacturing 
17.0% 

(.007) 

5.1% 

(.011) 

11.9%** 

(.019) 

13.3% 

(.009) 

2.8% 

(.010) 

10.6% 

(.020) 

Trade 
10.5% 

(.006) 

7.1% 

(.013) 

3.4%** 

(.016) 

10.2% 

(.008) 

7.6% 

(.016) 
- 

Transportation 
10.9% 

(.006) 

2.8% 

(.008) 

8.1%*** 

(.016) 

10.4% 

(.008) 

3.4% 

(.011) 

7.0%*** 

(.019) 

Information 

Services 

2.7% 

(.003) 

1.3% 

(.006) 
- 

2.4% 

(.004) 

0.7% 

(.005) 

1.7%* 

(.009) 

Finance 
4.4% 

(.004) 

6.4% 

(.012) 

1.9%* 

(.011) 

5.1% 

(.006) 

9.0% 

(.017) 

3.9%** 

(.015) 

Professional  

Services 

11.5% 

(.006) 

8.9% 

(.014) 
- 

12.4% 

(.009) 

14.1% 

(.020) 
- 

Education & 

Health 

11.1% 

(.006) 

40.1 

(.024) 

28.9%*** 

(.018) 

7.7% 

(.007) 

35.2% 

(.028) 

27.4%*** 

(.020) 

Hospitality 
3.0% 

(.003) 

3.0% 

(.009) 
- 

3.5% 

(.005) 

3.4% 

(.011) 
- 

Service 

Industry 

2.9% 

(.003) 

2.5% 

(.008) 
- 

3.5% 

(.005) 

1.7% 

(.008) 
- 

Public 

Administration 

14.8% 

(.006) 

17.9% 

(.019) 
- 

14.9% 

(.009) 

14.8% 

(.021) 
- 

Observations 3017 392  1448 290  

Total Obs 3409  1738  

Notes: Only statistically significant differences are reported 

Statistical significance *p<0.10; **p<0.05; ***p<0.01 

Standard errors reported in (s.e.) 
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Univariate Analysis 

     Univariate regressions of the key variables help illuminate relationships in the data.  

While some of the univariate regressions may provide insight about the full regression 

model, it is important to understand the omitted variable biases that influence these 

results.  Table 7 shows the results of 10 univariate regressions. In each case, ln(incwage) 

was the dependent variable.  Panel A shows regressions where female was the 

independent variable.  The result from column (1) could be interpreted: being female is 

associated with a 28.2 % decrease in income from wages when compared with a man, all 

other things equal.  Similarly, columns (2), (3), and (4) show the results within individual 

cohorts.  In each group, being female is associated with a greater than 23% decrease in 

income from wages when compared with male peers.  It is important to remember the 

descriptive statistics analyzed above, particularly the ones that differentiated male and 

female veteran groups, and recall that they are not included in these regressions.  These 

results are likely biased, but they begin to paint a picture of a wage discrepancy for 

female veterans. 

     Panels B and C compare members of the treatment groups to members of the control 

groups.  The results of column (8) could be interpreted: being a member of treatment 

group 2 is associated with a 22.3% decrease in wages from income when compared with 

the control group, all else equal.  Similarly, columns (9) and (10) could be interpreted as 

being a male member or female member of the treatment group compared with a male or 

female member of the control group.  Here, it is important to note the fundamental 

difference between the control and treatment groups.  These groups were defined by age 
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categories, and yet there is no control for age in this univariate regression.  It is likely that 

these results are highly biased, as age is correlated with wage income. 

Table 7 - Univariate OLS Regressions for ln(Wage Income) for Employed Veterans 

A. Gender 

 (1) 

All Groups 

(2) 

Control 

(3) 

Treatment 1 

(4) 

Treatment 2 

Female 
-0.282*** 

(.025) 

-0.288*** 

(.041) 

-0.268*** 

(.043) 

-0.239*** 

(.049) 

R Squared 0.0159 0.0145 0.0154 0.0137 

Observations 7608 3409 2461 1738 

B. Treatment Group 1 

 (5) 

All 

(6) 

Men 

(7) 

Women 

 

Post CEP 

Repeal 

-0.045 

(.020) 

-0.041 

(.021) 

-0.022 

(.063) 

 

R Squared 0.0009 0.0008 0.0002  

Observations 5870 5139 731  

C. Treatment Group 2 

 (8) 

All 

(9) 

Men 

(10) 

Women 

 

Post CEP 

Repeal 

-0.223*** 

(.022) 

-0.217*** 

(.024) 

-0.168** 

(.065) 

 

R Squared 0.0189 0.0183 0.0096  

Observations 5147 4465 682  

Notes:Statistical significance *p<0.10; **p<0.05; ***p<0.01 

Standard errors reported in (s.e.) 

 

Multivariate Analysis 

     To estimate the differences-in-differences model suggested for this analysis, it is 

critical to expand the regression analysis beyond the univariate models above.  The 

multivariate analysis must take into consideration the gender and cohort effects 

previously explored, but it must also consider the descriptive statistics and suggested 

covariates to control for correlated variables and isolate the effect of interest: the 

interaction between being female and being in a treatment cohort.  This interaction yields 
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the difference-in-differences.  The first difference is between male and female veterans.  

The second difference is control versus treatment cohorts, acting as a proxy for the 

change in the Combat Exclusion Policy.  The difference-in-differences examines how this 

policy changed the trajectory for women veterans, compared with their male peers.  Table 

8 shows the results of the regressions where ln(incwage) is the dependent variable and 

effec1t (or effect2) is the dependent variable of interest: an interaction term between 

female and treat1 (or treat2).  Panel A shows results for treatment cohort 1, and panel B 

shows the results for cohort 2.  It is not until the full model is generated - holding 

constant age, race, college completion, marital status, children, and major occupational 

industry - that a statistically significant coefficient emerges for the interaction term 

effect2.  The coefficient in panel B can be interpreted: a woman in the second treatment 

group can expect to earn 11.8% higher wage income than she would have otherwise.  

Since the treat variable is being used as a proxy to define before and after the change in 

CEP, we could say she expects to earn 11.8% higher wage income that she would have 

absent the policy change, significant at the 5% level.  Combining the germane 

coefficients from panel B - the 30.8% decrease for women compared with men, the 

15.7% increase for treatment group compared with control, and the 11.8% increase from 

the treatment effect - women in the second treatment group now only face a 3.3% 

decrease in wage income compared with men of the control group.  The coefficient on 

effect1 in panel A is not statistically significant, meaning that women in treatment group 

1 can expect to earn the same wage income as they otherwise would have based on 

gender and cohort belonging. 
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     Looking at the other coefficients in the full models, given in columns (4) and (8), the 

wage penalty on being female increases compared with the univariate analysis.  When we 

consider the controls placed on college degree achievement in the full model, the 

statistical difference in women’s attainment of a college degree compared with men, and 

the positive correlation between college education and wage income, this correction for 

the bias in the univariate analysis seems plausible.  The coefficient on treat was so biased 

in the univariate model that the sign is actually reversed in the full models.  Again, 

considering the structure of the treatment cohorts based on age and the correlation 

between age and earnings, it is unsurprising to see that the univariate coefficient was 

heavily biased. 

     The lack of statistical significance on age in panel A is slightly surprising, but may be 

explained by the relative closeness in ages between the control group and cohort 1.  With 

more data, this may have gained significance.  In fact, in panel B there is a clear positive 

correlation between age and ln(incwage), where a one-year increase in age is associated 

with a 4.4% increase in wage income, holding all other variables constant.  The positive 

correlation between identifying as white and earned wages is unsurprising, as this finding 

is consistent with many other income studies.  The same is true for the positive 

correlations between completing college, being married, and having a child.  Each of 

these findings is consistent with much of the existing literature on variables effecting 

wage income. 
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Table 8 - Estimates of Effects of Gender and CEP on the ln(Wage Income) for Employed Veterans 

A. Treatment Group 1: Aged 18-23 in 1994 

 (1) 

OLS 

(2) 

OLS 

(3) 

Diff-in-Diff 

(4) 

Full Model 

Female 
-0.281*** 

(.030) 

 -0.288*** 

(.040) 

-0.304*** 

(.038) 

Treat 
 -0.045** 

(.020) 

-0.041* 

(.021) 

0.103*** 

(.007) 

Effect 
  0.019 

(.060) 

0.043 

(.055) 

Age 
   0.031 

(.043) 

Age2 
   -0.000 

(.000) 

White 
   0.146*** 

(.023) 

College 
   0.426*** 

(.020) 

Married 
   0.159*** 

(.023) 

Children 
   0.078*** 

(.022) 

Observations    5870 

R Squared 0.0150 0.0009 0.0157 0.01628 

B. Treatment Group 2: Aged 18-23 in 2000 

 (5) 

OLS 

(6) 

OLS 

(7) 

Diff-in-Diff 

(8) 

Full Model 

Female 
-0.289*** 

(.031) 
 

-0.288*** 

(.041) 

-0.308*** 

(.038) 

Treat2  
-0.223*** 

(.022) 

-0.217*** 

(.024) 

0.157*** 

(.049) 

Effect2   
0.049 

(.063) 

0.118** 

(.058) 

Age    
0.044* 

(.025) 

Age2    
-0.000 

(.000) 

White    
0.102*** 

(.024) 

College    
0.440*** 

(.022) 

Married    
0.178*** 

(.024) 

Children    
0.053*** 

(.023) 

Observations    5039 

R Squared 0.0162 0.0189 0.0328 0.1823 

Note: Columns (4) and (8) show difference-in-differences models with controls for major industry 

code of reported profession; Statistical significance *p<0.10; **p<0.05; ***p<0.01; Standard 

errors reported in (s.e.) 
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DISCUSSION 

Findings 

     This paper aims to understand how the Direct Ground Combat Definition and 

Assignment Rule, which rescinded the Combat Exclusion Policy (CEP), effected earnings 

outcomes for female veterans compared with their male peers after they entered the 

civilian workforce.  The supposition is that those who joined after the repeal of CEP 

would experience a narrowing of the wage gap between male and female veterans.  The 

complete model examines this hypothesis as a difference-in-differences where the first 

difference is between male and female veterans and the second difference is whether the 

veterans began service before or after the repeal of CEP.  Since the data is examined 

using a difference-in-differences model, we interpret the effect1 (or effect2) coefficient as 

the policy impact on women veterans’ income from wages.  The data shows that the 

repeal of CEP increased earnings outcomes for women who joined after the policy was 

changed by 11.8% compared to what they otherwise would have earned.  While this is 

not a large enough increase to completely eliminate the observed gender wage gap among 

veterans, it indicates a significant improvement toward earnings equality for female 

veterans.  The data for the more senior treatment cohort, those who began service at the 

time of CEP implementation, shows no statistical improvement in earnings outcomes.  

Figure 1 shows a graphical representation of the earnings trends for each veteran cohort, 

disaggregated by gender. 
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Figure 1. Veteran Cohort Pay Advantage as a Percent of Male Control Group Earnings 

Limitations 

     There are four limitations to the data analysis which make it difficult to state a 

conclusive claim about the magnitude of the impact of repealing CEP on female veterans.  

These limitations are all imposed by the data source, as there is no ASEC survey question 

which addresses them.  First, there is no control for length of military service.  While the 

literature shows mixed findings on the impact of length of service and earnings, in trying 

to link veteran status with human capital accrual it is clear that there is a difference 

between one year of service, five years of service, and 20 years of service.  Including a 

quadratic term to control for length of service and the diminishing returns on extended 

service could have enhanced the power of this model. 
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     Second, there is no control for MOS, or the specific job rating and rank of the veterans 

observed.  This would have been valuable both as it relates to human capital accrual and 

in light of the highly gendered findings of the major industry descriptive statistics.  Some 

MOSs provide a large amount of task-specific training which translates well into the 

civilian job market.  Others afford an opportunity to gain more general skills which may 

not have a direct application outside of military service.  This variable would have 

offered insight as a descriptor of the changing male and female veteran populations, but it 

could have also increased the explanatory power of the model. 

     Third, there is not a control in this model for entry position or starting salary.  Similar 

to MOS, this variable could have proven interesting as a descriptor of the population and 

as a control to provide more explanatory power to the model. 

     Finally, there is no variable which controls for years of work experience or breaks in 

work history.  While the previous three variables have an indeterminant effect on the bias 

of the measured policy impact, this omission introduces a clear downward bias.  Years of 

work experience are correlated with an increase in wage income.  There is also a negative 

correlation between being female and years of work experience, typically associated with 

breaks to provide family care.  These correlations combine to inject a downward bias on 

the measured effect, meaning the magnitude of the coefficient, 11.8%, is likely smaller 

than it should be. 

CONCLUSION 

Implications 

     The improved earnings outcome for women who began their service after the repeal of 

CEP adds strength to the task-specific human capital explanations of earnings advantages 
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for veterans.  These women were afforded the opportunity to lead larger, combat capable 

teams in high stress environments.  They could train and serve as pilots, nuclear power 

specialists, combat logisticians, and other MOSs which translate more directly into higher 

paying civilian career fields.  The 11.8% improvement in wage incomes earned by the 

women in treatment group two reflects that added human capital. 

     Once servicemembers transition to civilian life, through discharge or retirement, they 

receive services and benefits from the Department of Veterans Affairs (VA).  The VA’s 

mission statement is: 

To fulfill President Lincoln’s promise “To care for him who 

shall have borne the battle, and for his widow, and his 

orphan,” by serving and honoring the men and women who 

are America’s Veterans (U.S. Department of Veterans 

Affairs). 

In November of 1994, the Center for Women Veterans (CWV) was established within the 

VA  

to serve as an advocate for a cultural transformation (both 

within the VA and in the general public) in recognizing the 

service contributions of women Veterans and women in the 

military (U.S. Department of Veterans Affairs). 

     The recognition of a need for CWV was a huge step for women veterans.  The CWV 

has already championed many health initiatives to provide necessary quality care which 

had been lacking for women.  Here they have an opportunity to serve women in a very 

different capacity.  The current Transition Assistance Program (TAP) is a one-size-fits all 
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training curriculum provided jointly by the DoD and VA to servicemembers as they 

begin their transition out of service.  It is not nuanced for gender or other demographic 

identity indicators which have a proven, measured impact on civilian outcomes.  While 

this gender-neutral training is typical of the modern military, it fails to consider that the 

workforce veterans will be entering is highly gender-normalized.  The descriptive 

statistics from this data underscore that point, with a disproportionate spread across the 

major industry occupational codes based on gender.  Rather than ignoring the gendered 

reality of the civilian labor force, TAP should address it and inform transitioning 

servicemembers of the advantages and disadvantages of entering various industries.  TAP 

should also advise veterans of workplace discrimination and equal opportunity laws so 

they are able to recognize issues they may not have experienced while in the military and 

address them. 

     In most cases, the transition into the civilian labor force requires a translation of 

military service into a resume.  Once those resumes are built, they must be submitted to 

potential employers.  At both junctures, research indicates women are more likely to 

downplay their experience and hesitate to “reach” for a job than men (Ignatova, 2019).  

Again, there is an opportunity for TAP to inform veterans of these internal biases and 

help overcome them.  By continuing to offer gender-neutral resume and interview 

training, TAP ignores data which indicate that women, on average, need encouragement 

to apply for higher paying jobs even when their qualifications are exactly comparable to 

male applicants. 

     While these may seem like very minor changes to the current transition assistance 

training offered, they have potential to make a lasting impact on earnings outcomes for 
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women veterans.  The military has a history of attempting to neutralize differences to 

function as a meritocracy, but the realities faced by transitioning servicemembers as they 

enter the civilian labor market are quite different.  The 1995 Fourth World Conference on 

Women addressed the tendency for policy makers to default to gender-neutral 

assessments and offered an alternative solution.  They recommended gender-

mainstreaming, defined as 

The process of assessing the implications for women and 

men of any planned action, including legislation, policies or 

programmes, in all areas and at all levels.  It is a strategy for 

making women’s as well as men’s concerns and experiences 

an integral dimension of the design, implementation, 

monitoring and evaluation of policies and programmes in all 

political, economic and societal spheres so that women and 

men benefit equally and inequality is not perpetrated.  The 

ultimate goal is to achieve gender equality (UN Women). 

By applying the concepts of gender-mainstreaming and recognizing the gendered 

distinctions of earnings outcomes currently faced by veterans, the VA and CWV have an 

opportunity to fulfill their stated missions. 

 

Suggestions for Further Research 

     As the number of female veterans continues to increase, so does the imperative to 

understand and address their needs.  The Women Veterans Report (WVR) of 2017 

estimates that the current female veteran population is over 2 million women strong, will 
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grow at a rate of 18,000 women per year over the next decade, and will comprise over 

16.3 percent of all living veterans by 2042.   It is inexcusable to ignore female veterans 

when studying the veteran population.  The old defense of small sample size and 

insufficient data is no longer admissible.  One might suggest that any research that has 

been conducted on effects, impacts, and outcomes for only male veterans should be 

updated to include the female veteran population.   

     As research on veterans and service members expands to include women, it is 

important to recognize that impacts may be felt differently by the different genders; 

gender-mainstreaming is necessary.  Disaggregating the data and understanding how 

various identities change statistical outcomes is increasingly important as the force and, 

in turn, the veteran population become more diverse.  Continuing to rely on averages and 

aggregates may hide the fact that a subset of the population is not experiencing the same 

effects as the rest.  After almost two decades of continuous war in Afghanistan, Iraq, and 

Syria - and with women serving as more than 15 percent of the force during those wars - 

it is imperative that veterans’ outcomes be understood and future needs predicted based 

on the projected makeup of the population, not old data which excludes women. 

     It is possible that this research could be expanded upon to make inferences and 

estimations about how the Secretary of Defense’s decision to open all jobs in all branches 

of the military to women might have far reaching and unintended consequences.  There is 

an opportunity to predict the impacts on veterans’ needs by understanding how the force 

structure changed in 1994 and comparing how it is changing now.  The VA has 

undertaken a tremendous effort to improve its relationship with female veterans and 

begin to understand their specific needs.  They have made large strides, particularly with 
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provision and access to healthcare services specific to women (Women Veterans Report, 

2017).  However, even in VA literature, female veterans are often compared with non-

veteran women rather than their male peers.  While previous research and the WVR 

indicate women veterans are experiencing better educational and socioeconomic 

outcomes than non-veterans, this does not describe how they are faring compared with 

their male peers.  In a side-by-side comparison, female veterans are still earning less than 

men.  Gendered analysis of veteran outcomes is critical because it can allow the VA to 

understand where these discrepancies are forming, whether their policies are having an 

effect, and how new programing might be implemented to address the needs of the fastest 

growing group of veterans: women. 
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APPENDIX: 2018 Active Duty Demographics 
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