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Abstract 

This study will evaluate the impact of the Argentinian conditional cash transfer Asignación 

Universal por Hijo (AUH) on employment, labor supply, and educational attainment of adults. 

AUH was introduced in 2009 for below minimum wage workers with children.  The benefits 

were conditioned on the children attending school and following a fixed vaccination and 

healthcare schedule. This thesis examines the exposure of adult household members to the AUH, 

paying particular attention to the interaction of AUH with other social benefits.  Using data from 

Encuesta Permanente de Hogar (EPH) and a difference in difference approach, I estimate the 

behavioral responses of adults in the household to transfers. Data from the Encuesta Nacional de 

Protección y Seguridad Social (ENAPROSS) surveys with information on benefits are used to 

estimate the impact of the benefit on recipients. Evidence suggests a positive effect of AUH on 

hours worked and job search in the previous twelve months. The results also suggest a negative 

but statistically insignificant impact on schooling. Together the findings support a shift in human 

capital formation from schooling to “on-the-job” training.  
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I. Introduction 

This study evaluates the short-term and long-term effects of Argentina’s federal conditional 

cash transfer “Asignación Universal por Hijo” (AUH) on the employment, labor supply, and 

education of adults.  The focus of the analysis is AUH recipients and other adults -older than 18 

years- members of the household, to whom the conditionalities are not binding.  As such, we 

estimate the spillover effects of the AUH transfer.   

A key Innovation in this analysis lies in the treatment of the AUH benefit.  More precisely, 

the benefit explicitly accounts for duration and interaction with other benefits.  Because 

individuals are eligible as long as a child is present, recipients may respond not only to the 

current benefit but also to the expected future benefit.  This “exposure” to the program varies 

based on the age and number of children in the household. The study will analyze how exposure 

to different amounts of AUH affects the outcome of interest. For example, for those who have 

more kids and thus receive more AUH, or for those who receive it during more years, how does 

this impact on labor supply or educational attainment. Also, the study will use a variable 

reflecting the exposure to other cash transfers, to evaluate how the exposure to other government 

social benefits affects these outcomes.  

No single data source includes information on who receives the transfer and the outcomes of 

interest. As such, the analysis relies on different data sources. The primary data come from the 

2003-2019 Encuesta Permanente de Hogares (EPH). The survey does not provide information on 

who receives the transfer. Therefore, we use it to estimate the intent to treat effect (ITT) by 
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comparing those eligible to receive AUH and with kids with those eligible to receive AUH but 

without kids (the difference-in-differences).  

To understand who receives the AUH, I use two point-in-time surveys: Encuesta Nacional de 

Protección Social  (ENAPROSS) 2011 and ENAPROSS 2015. However, they don’t provide 

enough information on the outcomes over time. Hence, ENAPROSS surveys will be used to 

model who receives AUH to predict receipt in the EPH data. This way, the study will compare 

those who are eligible to receive AUH and are predicted to receive it versus those who are 

eligible but predicted to not receive AUH. By doing so, we can generate an estimate akin to the 

Treatment effect on Treated (TOT).  

Based on the classic model of choice of consumption and leisure, the TOT on education is 

expected to be positive and diminishing as the expected exposure to AUH increases and as other 

social benefits increase.  The framework used conceptualizes education as an investment. In this 

setup, more income will make education affordable to beneficiaries and relax any liquidity 

constraints due to credit market imperfections.  Regarding labor supply, we would expect to be 

positive and decreasing as expected exposure to AUH and other social benefits increase. The 

poorer the family, the more likely that an individual is not working because of not being able to 

get a job and not because she doesn’t want to work.  Therefore, a higher income will give her 

more resources to look for a job and will lower the opportunity cost of not working. This effect is 

expected to decrease and potentially become negative, as the expected exposure to AUH and the 

amount of other social benefits increase.  
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This thesis is the first to implement an exposure analysis and to analyze the interaction with 

other social benefits in Argentina. As such, the analysis contributes to a better understanding of 

the indirect impact of AUH and the evaluation of its design. In addition, this thesis will be the 

first to analyze exposure to a conditional cash transfer (CCT).  

This study is organized as follows. Section II discusses the design of the AUH program and 

the associated incentives. Section III situates the thesis in the existing literature, covering both 

labor supply and education. Section IV and V present the conceptual and empirical framework.  

The data (VI), results (VII), and robustness check (XIII) follow.  Finally, sections IX and X 

presents the policy implications and conclusions.   

  

II. Background 

This thesis analyses the effectiveness of social benefits intended to reduce poverty.  More 

specifically, it evaluates the impact of a conditional cash transfer in Argentina called Universal 

per Child Benefit – AUH. -  The program provides a cash benefit to individuals who satisfy 

several conditions based on the education and health of their children.  

CCTs have generally been an effective way of reducing poverty. Fiszbein and Norbert 

Schady (2009) summarize evidence of the effects of CCT on reducing poverty of Nicaraguan 

“RPS,” In Colombian “Familias en acción,” Honduran “PRAF” and Mexican “Oportunidades.” 

They also show positive evidence on the use of health services, especially in Honduras’s 

“Programa de asignación familiar,” Colombian “Familias en Acción” and Nicaraguan “Red de 

Protección Social” Adriana Kugler (2018) proved CCT PROGRESA had long term effects on 
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educational and employment attainment. Gertler et al. (2012) show that PROGRESA has a long-

term effect in reducing poverty among the current generation, bringing improvements in long-

term living standards. 

These positive effects on children, however, are only one part of the story.  A comprehensive 

analysis of the effectiveness of CCTs must consider both the direct costs of the programs as well 

as the spillover effects such as the impact of adults in the households.   Despite abundant 

evidence on the impact on children and CCT holders, there are scarce studies on the impact on 

other adults of the household.  

Despite the evidence on significant effects on reducing poverty, there has been mixed 

evidence regarding CCT, especially about their effect on adults in terms of labor supply. There 

has been a debate over if conditionalities and requirements have a negative effect on adults, in 

terms of their labor supply and their social mobility. If they discourage labor, this effect could 

reduce the positive effect of the CCT on children. This could happen, for example, because the 

“example” of parents influence children's attitudes and values towards school and labor. 

Certainly, the positive effect of CCT on children contributes to intergenerational mobility. But 

this effect could be hindered by a negative effect on adults.  

As Bastagli et al. (2016) state, if these CCTs change behavior, their impact is likely to be 

affected. Knowing the effects on adult behavior contributes to an overall evaluation of these 

policies and to potentially more effective designs of the program.  For instance, benefit reduction 

rates and temporary transfers, etc.  
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Evaluating the AUH will allow us to compare with other CCT’s designs and thus help to find 

the best conditionalities and eligibility criteria. It will contribute to boosting the positive effects 

and minimizing the unintended consequences if there are.  

The AUH was first implemented in 2009, as a nationwide policy, when the national Decreto 

1602/2009 created it (Fernandez de Kirchner et al., 2009). AUH is a monthly payment to those 

children and youth up to 18 years old, resident in Argentina, who:  

1. don’t receive other same type social benefits,  

2. and belong to a family group whose members are: 

a. unemployed,  

b. Or employed in the informal economy and receive an income lower than the 

National Minimum Wage (in Argentina is called Minimum, Vital, and Mobile 

Salary). The payment is given to children and youth’s household’s head -mostly to 

females-  as long as children and youth accomplish the following conditionalities: 

1.  until children are four years old, should follow health checks and vaccinations schedule 

2.  from 5 to 18 years old should attend school. 

Because of its universality and design, AUH has become the most important social benefit 

and instrument against poverty in the last 50 years (Crotto, 2013, pp 82).  

The relevance of CCTs is strengthened by their substantial share of government spending. In 

scenarios in which fiscal imbalances may require cuts in spending, like in Argentina, measuring 
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the overall effects of these policies is crucial for a proper cost-benefit analysis. Moreover, in 

Argentina, there is a political and academic debate about the incentives provided by AUH and 

other government social benefits. Arguments in favor of AUH include the positive effect on 

income and reducing poverty on children’s health and education, and that can be considered as a 

right. On the other hand, it has been argued that the way it is designed, together with being 

compatible with other Government social benefits, makes people receive too much money from 

the Government. Therefore it disincentives labor supply and does not promote social mobility.  

III. Literature Review 

Evidence regarding the impact of cash transfer on adult’s employment is mixed, as these 

programs provide cash without changing the wage, and leisure can be a normal or inferior good. 

Some studies found a positive effect of cash transfers on labor force participation, such as 

Galiani et al. (2014) about PROGRESA in Mexico and Macours et al. (2012) on Nicaragua’s 

Atención a Crisis cash transfer.  Blattman et al. (2016) found positive effects of Uganda’s 

program WINGS on labor supply, but this program included training, so it is somehow different. 

There are also studies that found no effect on labor supply, and/or not statistically significant 

effect, such as Stampini and Bedoya (2012) on Mexican’s Oportunidades, Asfaw et al. (2014) 

studying the Unconditional Cash Transfer (UCT) Orphans and Vulnerable Children Cash 

Transfer in Kenya and Covarrubias et al. (2012) on Malawi’s Social Cash Transfer Programme 

(SCTP).  Although the last two are unconditional cash transfer, to measure the impact on 

employment is useful to take them into account.  
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On the other hand, there is a considerable amount of evidence showing negative effects. 

Dabalen et al. (2008) evaluated the Albanian cash transfer Ndihma Ekonomike (N.E.), which 

was implemented nationwide, and every poor household was eligible to receive it as long as the 

household head was unemployed or an income below a certain threshold. They found a large 

negative impact on the labor supply response. This study is particularly relevant because the 

eligibility criteria, which may have driven this negative effect, are similar to AUH. As Dabalen et 

al. (2008) argue, the fact that households are eligible only if they have an income below a certain 

threshold and the head of household is unemployed, may have lead to the reduction of labor 

supply.  

It is worth mentioning that this negative effect on labor supply occurred despite the fact that a 

household was ineligible if: “(iii) is unemployed but not registered as a job seeker, with the 

exception of agricultural households, and disabled individuals, (iv) refuses to take up 

employment offers by the employment office and/or does not participate in community works 

organized by the municipality or in vocational training courses when unemployed, able and of 

working age” (Dabalen et al., 2008). In the case of AUH, these requirements, which are aimed at 

avoiding negative effects on labor supply, are not present. 

A study on the South African Pension program also estimated a negative impact on labor 

supply (Bertrand et al., 2003). Although it is an unconditional transfer  (UCT), it is still worth 

analyzing to understand the behavioral dynamics. Moreover, a study conducted on Uruguay’s 

CCT called Ingreso Ciudadano, implemented during 2005-2007, found a negative effect on the 

labor market in urban areas (Borraz and Gonzalez, 2009). This CCT has similar eligibility 
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criteria as the AUH, as households are eligible if they have a per capita income below a 

threshold. It may turn this study even more relevant the fact that Uruguay is an Argentinian 

neighbor country, with a lot of history and culture in common.    

Regarding the effect of Argentinian AUH on employment, Mario et al. (2013) used fixed 

effects and Difference in Differences approaches and found no statistically significant effect on 

labor informality. On the other hand, Garganta (2015) employed a Propensity Score Matching 

and a Difference in Differences approach and found a negative and statistically significant effect 

of AUH on formal employment. Notable, the impact was consistent in all the specifications used.  

In addition, there is evidence that shows no significant effect of AUH on labor supply. 

Maurizio (2018), by doing a Nearest Neighbour (5nn) matching and Differences in Differences, 

finds no negative effect of AUH. Moreover, Heredia et al. (2019), using data from Encuesta of 

the  Observatorio Deuda Social Argentina, observed that AUH didn’t have a statistically 

significant negative effect on labor decisions.  

This thesis is the only analysis on labor supply and informality in Argentina that applies an 

exposure analysis, as applied by Kugler (2018) in Mexico and Bastian and Michelmore (2018) in 

the United States. They applied this approach to measure the effect of CCTs on children’s 

educational achievements and employment outcomes even after turning 18 years old, while we 

use it to measure the impacts on adults of the same household of children who receive AUH.   

The exposure analysis will provide more robust results than previous studies. By not 

evaluating the effects of different levels of exposure, and just evaluating the average treatment 

effect, those studies may have missed heterogeneity in the impacts. If neoclassical economic 
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theory explains AUH’s recipients' behavior, then we would expect to have an impact that differs 

based on the level of exposure to the policy.  

This analysis is similar to Kugler (2018) in that exposure will be affected by the age of 

children when started implementation; and to Bastian and Michelmore’s (2018)  in explicitly 

accounting for the amount of cash received from local, state and national governments through 

other social benefits. This thesis will account for different levels of exposure to treatment and 

other social benefits.  

The exposure analysis is crucial because the effects could vary according to the amount 

received and the years the benefit is received. For instance, Bertrand et al. (2003) found that in  

South Africa’s Old-Age Pension program, the greater the amount of pension, the greater the 

decrease in hours worked per week. A study on Indonesia UCT finds a negative effect on labor 

supply, and the effect increases with the duration of receiving the benefit (Bazzi et al. 2012). 

The fact that each country has its social safety net, each culture, and other factors that could 

determine people’s behavior, makes it relevant to apply this exposure analysis in Argentina. In 

this country, the effects could be different because social spending is different, the 

conditionalities, and the overlapping of local, state, and national social benefits are different from 

any other country. The results, recommendations, and insights brought by an exposure analysis 

done in Mexico,  the United States, or other countries, might be different from those obtained 

with such an approach applied to an Argentinian CCT.  A more robust evaluation of the impact 

on labor supply would evaluate any unintended consequences of the current design of the 

program.  
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Regarding education, Bastagli et al. (2016) summarize evidence from several studies on CCT 

and UCT. From 20 studies, among the 13 that estimated a significant effect on absenteeism, 12 

estimated a negative effect on it. The emblematic CCT Progresa has proven to have positive 

impacts on children’s schooling and employment, even in the very long-term (Kugler, 2018).   

Salvia et al. (2015) find that AUH had a positive impact on schooling. Jimenez and Jimenez 

(2016) used data from ENGHo and found a positive impact of AUH on reducing youth drop-out 

rates. Marchionni and Garganta, S. (2017) also find a positive impact on children’s education. 

The majority of evidence supports the positive impacts of CCT on children's education and 

future employment. However, few or none of the studies evaluates the impacts that have on the 

education of adult household members -not directly affected by the conditionalities.- And the 

effect that CCTs have on adult’s human capital development is crucial for social mobility.    

 The fact of having more money could mean more time to invest in education. In addition, the 

conditionalities that make compulsory for children to attend may impact on the value that the 

entire family assigns to education. Therefore, it is important to measure to what extent this 

happens. It is worth evaluating, for example, the impact on adults’ level of schooling, enrollment 

in adult education programs, non-formal training programs, etc. This thesis will contribute by 

being the first to address the impact on the adult’s education. 

IV. Conceptual Framework 

This study will examine the impact of AUH and its interaction with other government 

benefits on labor supply and education.  One approach to both outcomes is the human capital 
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framework,  where individuals can acquire skills either on the job or in school, and decisions can 

be either static or inter-temporal. A different approach is to consider labor supply in a labor-

leisure model and education as an investment in human capital.  

IV.A. Labor Supply 

This analysis considers work decisions based on the classic labor leisure choice framework, 

in which each individual maximizes her utility, choosing how much leisure time to spend and 

how much consumption of other goods, subject to time, and an income constraint. Formally:  

�

!  

!  

where U(c, l) refers to the utility of leisure time (l) and consumption (c). T denotes time, and H 

represents the time spent working. Prices are expressed as p, and w denotes the wage.  

Receiving a conditional cash transfer means an increase in income without changing the 

wage. Therefore, the AUH holder would face the following income constraint: 

 !  

In this framework, the impact of AUH will, therefore, depend on whether leisure is a normal 

or inferior good.   If leisure is a normal good, AUH leads to more leisure and fewer hours 

worked. On the other hand, if leisure is an inferior good, they would work more hours and have 

U(c, l)ut ilit yofconsumpt ionofgoodandleisure;

T = l + Ht im econ st r ain t ;

p*c = w*(T − l)incom econ st r ain t .

p*c = w*(T − l) + AUH
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less leisure time.  In most cases, leisure is considered to be an inferior good, as pointed by Borja 

(2007).   

An important consideration in this analysis is the impact of AUH on the poorest households.  

If very poor-households consume more leisure than they want because of binding constraints 

(fixed costs of work), then leisure would effectively be an inferior good. More income would 

relax those constraints and allow them to work more.  The impact of AUH will then depend on 

the size of the transfer and the extent to which the amount relaxes the binding constraint.  In this 

case, a large transfer is more likely to cause a recipient to enter the labor market or increase 

hours worked.  Note, however, this relationship is nonlinear since very large transfers may lead 

recipients to work less.  

Because the AUH is based on the presence of children, workers can be eligible for at least 18 

years.  As such, expectations about future earnings are likely to matter for the behavioral 

response.  At any point in time, recipients with young children can receive the transfer for longer 

than those with older children. Therefore, the most relevant metric becomes not the current 

benefit but the expected benefit. The former becomes even more important if individuals 

rationally incorporate future income into their current decisions.  

IV.B. Education 

This section uses a classic human capital investment a model, where each person will invest 

in education as long as: 

!  Ii + c < Yi
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where Ii express the foregone income or the opportunity cost of investing in education, Yi denotes 

the returns to education, and c refers to the direct cost of education.  Even with free high school, 

or free university, there are indirect costs (supplies, travel, etc.). 

The human capital market usually suffers from imperfect information and a lack of access to 

credit. Therefore even if the benefits of education surpass the costs, individuals might be 

constrained by the lack of liquidity and lack of access to credit. In this context, a cash transfer 

reduces the cost of education. Formally expressed:  

Hence, AUH makes investment in education more likely and can affect the decision at the 

margin. In addition, the value of leisure time could also play a role in the decision of investment 

in education. If leisure is considered a normal good, this could undermine the positive effect of 

AUH on education, making the cost of education bigger and affecting the decision in the margin, 

potentially turning the effect to negative. An individual could perceive cash transfers as reducing 

the need to invest in education and thus having a negative effect of AUH on education. On the 

other hand, if leisure is considered an inferior good, it contributes to expect AUH to have a 

positive effect on education.  

!  

Hence, taking into account both possibilities of leisure time as an inferior and normal good, 

and assuming that on the overall leisure is considered more normal than inferior good, the 

average effect of education across individuals is expected to be positive and diminishing, until a 

point in which turns negative. Table 1 summarize the expected effects on education by type of 

leisure goods and level of exposure. 

Ii + c − AUH < Yi
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Table 1. Expected effects of Asignación Universal por Hijo exposure, by type of leisure good 

and level of exposure. 

Therefore, if the CCT assumes that a conditioned is need to change householder decision 

towards sending their kids to school, it is reasonable to assume that either the CCT won’t 

increase adults’ education significantly, because there is no condition for them. If this proves to 

be wrong and adults increase their education without having a binding condition to do so, then 

maybe the condition on the children is unnecessary. If adults fail to increase their training or 

education, then it might be worth incorporating conditions on adults, assuming such behaviors 

are desirable from a policy perspective.  

V. Analysis Plan 

This analysis will estimate both the ITT and TOT of AUH on adult’s labor supply, 

employment, and schooling, applying an exposure analysis.  

The ITT impact will be based only on the EPH datasets.  The data are used to construct a 

variable reflecting the level of expected exposure to AUH (variable name: EExpAUH),  defined 

as the present discounted value of the maximum amount of money the household will receive 

Leisure inferior good Leisure normal good Total Average 
effect

Low Exposure High Exposure

Labor supply outcomes + + - inverted U shape

Education outcomes + + - inverted U shape
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over the period of its eligibility. This amount varies by the number of children (up to a maximum 

of 5) below 18 years old as well as the expected duration of eligibility. Eligibility, on the other 

hand, depends on the household’s income  (being below the minimum wage).  As AUH is paid 

only as long as the child is younger than 18 years old, the expected exposure also depends on the 

age of children at any particular moment.  

Where the exposure of individual “i” in that particular period “t” equals to the discounted 

value of the sum of the amount could potentially receive from that period “t” up to period “T” in 

which is no longer eligible to receive AUH, mainly because has no longer younger than 18 years 

old children. N is the number of periods from the present so that we calculate the present value 

of the expected amounts of AUH. To calculate the present value, as the discount rate was used 

the interest rate of long-term Argentinian Government bonds in dollars . 1

where  TotalAUH$i is the total amount that the individual “i” is eligible to receive because of her 

children. “K” is the number of kids under 18 years old, which goes from 1 up to 5, as 5 is the 

maximum number of kids one can receive AUH for.  

 Form 2015 to 2019 was used the annual average of bonds official rates. Before 2015, as there 1

are not official records of government bonds’ interest rate, point in time interest rates, got it from 
news, are used. In some cases, an average of two different long term bonds is used. 
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Therefore:  

For instance, if an individual has a child who is one year old, then the expected amount of 

AUH includes the present value of the payments she expects to receive during the next 17 years 

(until the child is 18 years old) assuming her income will continue to be below the eligibility 

limit.  In the data for 2009-2019, the mean of the total ExpAUH is 3,638 dollars and the standard 

deviation of 5,798. In other words, 3,638 dollars is the average amount of money individuals 

expect to receive, taking into account all their kids and the seventeen possible years they could 

receive AUH per each kid.  

In addition, as other social benefits provide income, a variable summing the amount of 

money received by other social benefits was built (variable name: SocialBenefits or SB). The 

benefits that are considered, and asked in the EPH survey are Pensions, Pensions Bonus, 

Unemployment Insurance, and “other subsidies or social help.” By interacting SocialBenefits 

with ExposureAUH we will be able to test if the effects of AUH and other social benefits on 

labor supply and school attendance and achievements are positive and diminishing, as 

hypothesized.  

With these variables, we can model the effect of AUH exposure and receiving other social 

benefits on labor supply and education achievements. The analysis includes building a variable 

Kids = 1 if the individual is eligible to receive AUH and has kids and equals 0 if the individual is 

eligible but hasn’t had kids.  With that, we can estimate using a difference in difference 
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approach. To do so, it was generated a variable Post equals 1 if the individual was interviewed 

after AUH started being implemented and equals 0 otherwise. On labor supply, we will estimate: 

Yit = α+ βAUHKit + γSBit  + δAUHKit*SBit + AUHitPost + θXi + µi 

where yit is the outcome of interest (hours worked, having looked for a job) by individual i    in 

period t. For example, is the number of different ways in which the individual i looked for a job 

in the last 12 months of period t. Xit is a vector of covariates, including age, gender, residential 

characteristics (having a bathroom,  located in a flooded area), etc.  and u refers to the error term.  

AUH is defined as a dummy, equal to 0 for those individuals who are eligible to receive AUH 

except for the fact that it doesn’t have children, and equal to 1 for those who are eligible to 

receive AUH and have kids. Therefore, we will be comparing to individuals with similar 

characteristics but without children.  We will estimate these two previous models using OLS 

regression.  

In addition, we will estimate using probit models, the following:  

P(Yit = 1) = Φ[α+ βAUHKit + γSBit  + δAUHKit*SBit + AUHitPost + θXi] 

where is the probability for individual “i” of a certain outcome in period “t,” like for example, 

the probability of being unemployed, in which case variable Yit equals 1 if the individual is 

unemployed in period “t” and 0 otherwise.  

To estimate the impact on the treated (TOT), a difference in differences approach will be 

used. ENAPROSS 2011 and ENAPROSS 2015 surveys, which expressly ask if an individual 
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receives AUH, will be used to estimate the probability of being treated. It is being done by 

estimating the following probit model:  

Prob(AUH) = Φ[ α+ βEligAUHit + θXi] 

where AUH is a variable built based on requirements and conditions that makes a household 

eligible to receive AUH equals 0 if the individual “i’ is eligible to receive AUH in period “t” and 

equals 0 if she isn’t eligible. !  represents a vector of covariates such as age, gender, the house 

has a bathroom, the house is in a flooded area, etc. Covariates included in this model are 

available to use in models estimated with EPH. With the coefficient estimated of this model, it 

will be predicted who receives AUH it and who doesn’t.   

To estimate the probability of receiving AUH and predict receiving AUH, ENAPROSS 2011 

and ENAPROSS 2015 can be used. Models are estimated with both databases appended and with 

the 2015 database only. ENAPROSS 2011 has fewer variables that are also present in EPH 

datasets, and for many variables has different categories than ENAPROSS 2015 and EPH 

datasets. Therefore, when recoding variables to be able to eventually use the coefficient 

estimated in EPH, some information is lost. In addition, when adding variables that are in 

ENAPROSS 2015 and EPH but not in ENAPROSS 2011, there are many missing values, and the 

sample becomes too small. As a result, statistical significance is compromised. Therefore, 

prioritizing coefficient significance, and the possibility to include more variables, only 

ENAPROSS 2015 is used to estimate the probability of receiving AUH.  

The results from the ENAPROSS regression provide the coefficients used to calculate the 

probability of receiving AUH in the EPH dataset. The predicted probability allows us to compare 

Xi
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outcomes for otherwise similar individuals depending on the value of their AUH benefits. This 

last comparison would be made with the same exposure analysis approach used to estimate ITT, 

but here would be estimating the effect on those individuals predicted to be treated. The 

estimation of the impact will be done using a difference in difference method. 

VI. Data Description and Summary Statistics 

This analysis in this thesis will be based on two different data sources, the Encuesta 

Permanente de Hogares, from the Instituto de Estadística y Censo of Argentina (EPH) and the 

Encuesta Nacional de Protección y Seguridad Social (ENAPROSS).  Each data source uses a 

different sampling method and covers a different population.  

EPH surveys a representative sample of the urban population and is carried out jointly by 

INDEC and Statistical Departments of each of the 23 Province and Buenos Aires City 

Government.  The survey is conducted every quarter, over  12 weeks. Each household is 

surveyed for two consecutive quarters, left out of sample for two consecutive quarters, and then 

surveyed for the following two consecutive quarters. This scheme is called “2-2-2.” Under this 

scheme, each household is followed for one year and a half and is always surveyed in the same 

week of the quarter.  

The sample in 2017 was 26,160 households. This number changes slightly over time but 

gives an idea of the large size of the sample. The data covers 31 urban cities. In 2002, it was 

estimated to cover 71.1% of the urban population and 61.9% of all the country’s population.   
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The sample in this analysis comes from the complete data set of 345,407 different 

households (3,195,278 observations).  EPH database has meaningful information about outcomes 

and covariates but doesn’t provide information on actual treatment status. That is, it doesn’t 

specify whether an individual receives AHU or not. It does, however, allow us to determine 

eligibility, thus enabling us to estimate the Intent to Treat (ITT) impact.  As eligibility will be 

proxied by the presence of children, the tables below provide summary statistics for households 

with and without kids.  
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Table 2. Characteristics for eligible adults, at baseline, with and without kids. 

Notes: Data from EPH. Years 2003 to the third quarter of 2009. Sample size varies for each variable, as 
indicated in columns 3 and 6 of the table  
* It has not a restriction of time, that is why differs so much from lookedJob12Months. 

The age distribution is different between those with kids and without kids. Among those with 

kids, the frequency decreases as age increases, while those without kids present an increase in 

Eligible to receive AUH, doesn’t have kids Eligible to receive AUH, has kids

Mean Standard 
Deviation observations Mean Standard 

Deviation observations

Per Capita 
Income Family 770.10 913.43 222,578 411.32 480.72 354,015

Total Non-Labor 
Income 62.39 506.26 222,578 40.96 453.94 354,015

Age 40.54 17.07 222,578 34.95 12.40 354,015

Sex (2=Female) 1.53 0.50 222,578 1.58 0.49 354,015

Proportion 
Unemployed 0.44 0.50 222,066 0.41 0.49 353,554

Attended high 
school 0.72 0.45 222,578 0.66 0.47 354,015

Searched job last 
year 0.05 0.22 80,290 0.05 0.22 117,464

Different way 
searched job 2.04 1.00 15,583 1.99 0.97 23,980

Actively 
searched job* 1.00 0.03 15,583 1.00 0.03 23,980

Children under 
18 years old 0.00 0.00 222,578 2.21 1.42 354,015
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the frequency around late 50s years old. Gender distribution is slightly different, being the 

proportion of women higher in those with kids, which is expected. Regarding the number of 

children, the distribution is skewed to the right, as expected. The different number of children is 

important because it determines the exposure level. Unemployment is higher among those with 

children. The proportion of people who actively looked for a job is almost the same 99% in both 

cases. In terms of how many different ways an individual looked for a job, the distribution is also 

similar between those with kids and those without. Regarding educational outcomes, we find the 

proportion of people who attended high school is higher among those without kids. This gap 

could be expected as those with children might have had to drop out of school in order to take 

care of their kids.  

However, this thesis will also estimate the Average effect of Treatment on Treated (ATT). To 

do so, ENAPROSS, a one-time surveyed which expressly asked if the household was receiving 

AUH, will be used to estimate the coefficients that predict the probability of receiving AUH. 

ENAPROSS 2011 was carried out between April and December 2011 and 2015, respectively, and 

included households in cities of more than 5000 people. The sample is representative of 74,3 % 

of the total population living in that size cities. 38,649 individuals were surveyed.  

With the ENAPROSS survey, we can obtain those who are Eligible to receive AUH and were 

not receiving it at that time. The problem is that, because of weak variable specifications, and 

lack of information, we can’t build eligibility as accurately in ENAPROSS 2015. That is why the 

baseline comparison is made with ENAPROSS 2011. This will give a sense of how different or 
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not are individuals eligible to receive AUH by actually receiving it or not, regardless of which 

ENAPROSS dataset is used to estimate the prob of actually receiving AUH.  

Table 3. Characteristics of eligible to receive Asignación Universal por Hijo, by holder and 

not holder. 2011. 

  Notes: Data from ENAPROSS 2011. The sample size is 4,041.  

The proportion of males is approximately the same in both groups, being less than one 

percentage point smaller in AUH holders. The age distribution is similar between AUH holders 

and not holders. On average, non-holders are less than two years older, but peak at the age of 20 

years old. It can be observed that the proportion of adults that attended high school is 

approximately eight percentage points higher among those who aren’t AUH holders.  The 
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NOT AUH holder AUH holder

Mean 
Standard 
Deviation 

Observa
tions

Mean 
Standard 
Deviation 

Observa
tions

Male 0.46 0.50 2,272 0.45 0.50 4,041

Age 38.37 15.77 2,272 36.86 14.73 4,041

High school 0.35 0.48 2,272 0.27 0.44 4,041

Unemployed or 
Informally 
employed

0.73 0.44 1,536 0.83 0.38 2,713

House Flood 
Area

0.27 0.45 815 0.26 0.45 1,443

Per Capita 
Income Quintile 

1.77 0.98 550 1.68 0.86 1,094



proportion of adults unemployed or employed in informal jobs is around five percentage points 

higher for those who aren’t AUH holders. The proportion of those living in flood areas is similar 

between those who receive AUH and don’t, and the distribution of type of house is also similar 

between treatment and control group. The distribution of the type of health coverage is different 

between these two groups. AUH holders have a greater proportion of people covered by public 

hospitals (type 5).  

!24



VII. Results 

Table 4. Main results: labor supply and education. 

    Notes: Restricted sample is restricted to those with one kid and those without kids. Data from EPH, 

years 2003 to the first quarter of 2019. The predicted probability is estimating using data from 

ENAPROSS 2011, as explained later. Sample sizes by estimations are:  Hours worked: full sample: 

75,829; restricted sample: 25,017; Predicted Prob: 75,829; Expected AUH: 42,003. Search job in last 

year: full sample: 32,610. Expected AUH: 17,834. Sample sizes of estimations of Different Ways search 

job: full sample: 75,836; restricted sample: 25,008; Expected AUH: 42,015. School years approved: full 

sample: 33,886;  Expected AUH: 17,648. 

Difference-in-differences (ITT) Expected AUH

AUH*post
Predicted 

Prob
Log Exp 

AUH
Low Medium High

Full 
Sample

Restricted 
Sample

Full 
Sample

Hours 
worked last 
week

6.97*** 
(.62)

5.75*** 
(.97)

4.10 
(9.16)

2.56*** 
(.24)

1.36*** 
(.32)

2.91*** 
(.36)

1.37*** 
(.28)

Searched job 
last year

.05*** 
(.01)

0.01 
(.004)

.01** 
(.006)

.02** 
(.006)

.0002 
(.005)

Different 
ways 
searched job

-.01 
(0.02)

-.03 
(.03)

1.18*** 
(.27)

-.02** 
(.01)

0 
(.009)

-0.02** 
(.01)

-0.01 
(.01)

School years 
approved

-.35*** 
(.07)

-2.16** 
(.88)

.02 
(.03)

-.008 
(.04)

-.01 
(0.05)

.05 
(-.04)
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VII.A Labor Supply  

For labor supply estimations, the sample is restricted to prime-age individuals,  from 25 to 55 

years old. This selection criterion minimizes any bias form workers responding to the incentives 

from pensions to retire.  

VII.A.1. Hours Worked  

 VII.A.1.a. ITT Differences in Differences Approach 

First, to check the validity of a difference in difference approach, we examine the trends 

across treatment and control groups before the evaluation period.  Figure 1 shows that trends 

were parallel before treatment. As the parallel trends assumption is met, it supports the use of a 

difference in difference approach.   
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Figure 1. Average hours worked per week, by those with kids and those without kids. 

2004 - 2019.  

Individuals eligible for the  AUH increase their weekly hours worked by 6.9 hours, on 

average, relative to those not eligible to receive AUH, as Table 4 shows. This coefficient is 

statistically significant at a 1% significance level. Evidence support a significant and positive 

intention to the treatment effect of AUH on the number of hours worked per week.  

As a robustness check, the study includes an ITT approach restricting the sample for those 

who have only one kid. The number of kids, as our regressions shows, have a significant impact 

on adult’s schooling and labor supply. Therefore, it is worth comparing those eligible with one 

kid and those without kids, so that the effects of having kids is as small as possible. Comparing 

baseline characteristics, these groups are similar in terms of outcomes of interest. Those with 

only one kid work practically the same amount of hours as those without kids. Therefore, a 

regression for only this restricted sample is run. The treatment effect coefficient estimated is 5.75 
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and statistically significant at a 1% significance level. This approach validates previous ITT 

findings of a significant and positive intention to treatment effect on hours worked.  

When using expected AUH as treatment, the treatment effect coefficient estimated is 2.56 

and statistically significant at a significance level of 1%.  In other words, a 100% increase in the 

Expected amount of AUH is associated with, on average, three more hours worked per week. In 

terms of impact, doubling the expected amount of AUH would be equivalent to having one more 

kid. This goes against the argument that poor people in Argentina have kids to receive more cash 

benefits and work less; for example, 46% of Argentinians believe that poor people have kids to 

receive AUH (Urdinez, 2019). The average present value of dollars adults expect to receive from 

AUH throughout life is 3,638 dollars.  The amount that a household receives for an extra child, 

during one year, is equivalent to (12*59 ) 708 dollars.  

An increase of an extra year of AUH is equivalent to almost 20% of the present value of what 

individuals expect to receive on average.  This 20% increase in the presented value of expected 

AUH to receive is associated with an increase in weekly hours worked of approximately one-half 

hour (2.56/ 5 = 0.512).  

As AUH is an expensive policy, it is important to check if dollars have constant marginal 

effects. To do so, four different dummies, one for each quartile of Expected AUH, are included. 

The fourth quantile is the baseline category. A variable called LowExpectedAUH will indicate if 

the person belongs to the third quartile in terms of expected AUH. The variable 

MediumExpectedAUH is one for those in the second quartile of expected AUH, and 

HighExpectedAUH indicates if an individual is in the first quartile of expected AUH. This way, 
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it can be tested the effect of different levels of treatment. This will also allow testing the 

hypothesis that the effects of AUH on the outcomes of interests will have an inverted u-shape 

depending on how much money individuals expect to receive.  

The coefficients of the three dummies are statistically significant at the 1% level. Being in 

the third quantile of Expected AUH is expected to be associated with, on average, 1.36 more 

hours worked compared to those who have the lowest expected AUH. Those who are in the third 

quartile or the medium level of Expected AU, are estimated to work on average 2.91 hours more 

than those who receive the lowest level of expected AUH. Finally, according to the estimation, 

individuals in the highest quartile of Expected AUH are associated on average with 1.37 more 

hours worked per week compared to those in the lowest level of expected AUH.  

These coefficients suggest that the impact of AUH on hours worked per week starts 

increasing, up to a certain point in which decreases, as hypothesized. It is important to note that 

according to this evidence, the current AUH design implies that the maximum amount expected 

to receive still has a positive effect on hours worked and does not reach a point in which the 

effect becomes negative.  

To estimate the impact on those treated, data from ENAPROSS is used to estimate who 

receives AUH. This estimation allows predicting who receives AUH among those surveyed in 

EPH.  

The following regression yields a percentage of correctly classified of 86.15% :  2

 This percentage of correctly classified is the same with probit and logit regression. 2
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Table 5. Estimation of who receives Asignación Universal por Hijo.     

      
        Notes: Data from ENAPROSS 2011 other covariates are dummies for each province.  

          The sample has 2,607 observations.   

Coefficient estimated

Age -0.06 
(0.01)

Property Type 0.0002 
(0.02)

Place lived 5 years ago -0.117 
(0.11)

Civil Status 
-0.14 
(0.12)

Educational level achieved
0.12* 
(0.07)

Water comes from 0.06 
(0.11)

Health coverage type
0.44*** 
(0.03)

Per capita family income -0.00004** 
(0.00002)

Constant
-1.64*** 

(0.57)
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Table 6. Probit model estimation of who receives Asignación Universal por Hijo. 

When using predicted AUH and a difference in difference approach, evidence suggests there 

is no statistically significant effect of treatment on hours worked. Nevertheless, the coefficient 

estimated is 4.10, similar to the ITT. In addition, when using the prediction of who receives 

AUH, the sample is reduced more than half of its size, although it includes more than a seventy-

thousand observations. Therefore, the evidence provided on the ITT seems to be more reliable, 

and it can be concluded that AUH has a positive effect on hours worked.    
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True 

Classified D ~D Total 

+ 33 30 63

_ 331 2213 2544

Total 364 2243 2607

Classified + if predicted Pr(D) >= .5
True D defined as BenefReceivesAUH !=0

Sensitivity  Pr( +| D) 9.07%

Speificity Pr( -|~D) 98.66%

Positive predictive value  Pr( D| +) 52.38%

Negative predictive value Pr(~D| -) 86.99%

False + rate for true ~D  Pr( +|~D) 1.34%

False - rate for true D Pr( -| D) 90.93%

False + rate for classified + Pr(~D| +) 47.62%

False - rate for classified -  Pr( D| -) 13.01%

Correctly classified 86.15%



VII.A.1.b. Regression Discontinuity Design 

The RD approach compares outcomes for those with one only child younger than 17 to those 

with one child who is 18 to 21 years old.  The results suggest a positive effect of intent to 

treatment on hours worked per week. One way to carry out this analysis is running two 

regressions, one using the sample kids between the ages of 14 and18 years old and another 

regression with a sample including those kids who are 18 to 22 years old. When regressing for 

the two samples, the higher coefficient for the older than 17 years old kid sample also suggests a 

positive effect of AUH on hours worked. This regression includes age squared and age cubed. 

However, the coefficient on age is not statistically significant at a 5% significance level.  The 

abrupt drop in the average of hours worked when the only child is 18 years old versus when she 

is 17 years old, which can be observed in the graph, suggests a positive effect too.  It could be 

argued that when a child turns 18 years old and is no longer in school, then she is more likely to 

enter the labor force, and thus adults in the same households have an incentive to work less. 

Nevertheless, the fact that the average hours worked by other adults increases after the only child 

is 18 years old suggests that this argument is not fully happening. The change in trends shown in 

the graph supports the positive effect of AUH on hours worked. In any case, it provides strong 

evidence against a negative effect of AUH on labor supply 

Another way to carry out a regression discontinuity design is to run a regression including a 

dummy variable indicating if the only child is 17 years old or younger, and thus eligible to 

receive AUH. If people who receive AUH tend to work fewer hours, then this dummy variable 

would have a negative coefficient, controlling for different covariates. Furthermore, to be sure 
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we are not biasing towards a positive effect of AUH on hours work, the regression is run without 

the dummy variable for having a kid under four years old. This covariate is expected to reduce 

hours worked because it increases the need to stay at home taking care of a child. After four 

years old, the likelihood of sending children to school increases significantly as schooling is 

mandatory since kindergarten in Argentina.    

Figure 2. Average hours adults worked per week, by child age. Parents with one child. 

The coefficient estimated suggests that having the only child at eligible age increases the 

hours worked per week by 0.77 hours on average, being this coefficient statistically significant at 

the one percent significance level and controlling for the covariates expressed in the following 

regression results table. Taking all this into account, the regression discontinuity design approach 
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suggests a positive impact of AUH on the hours worked per week by those eligible to receive the 

cash transfer. 

Table 7. Regression Discontinuity Design results: hours worked per week. 

Notes: Other covariates include a dummy for each year and for each city, health coverage type, and 

where water comes from.  Data from EPH, years 2004 to the first quarter of 2019. Sample includes 

552,443 observations.  

In conclusion, the results suggest a positive and statistically significant ITT effect of AUH, 

and not statistically significant effect on those predicted to be treated.  

Coefficient estimated

Only child younger 18 0.77*** 
(0.06)

Male 
12.84*** 

(0.05)

Household Size
0.003 
(0.01)

Level of Tenure
3.8*** 
(.01)

Attends education
-9.24*** 

(.08)

Educational Level of other 
members of household 

-0.17*** 
(0.02)

House is in flood area 
-0.001 
(0.09)

Constant
2.46** 
(1.02)
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VII.A.2. Search Job 

An ITT approach shows a positive effect of AUH on the probability of looking for a job. 

Those eligible to receive AUH are estimated to be associated, on average, with five percentage 

points higher probability of having looked for a job in the previous year. This coefficient is 

statistically significant at the 1% level.  

The coefficient estimated for expected AUH as treatment is positive and not statistically 

significant at the five percent level. Nevertheless, when we use dummies variables for each 

different quartile of expected AUH, the coefficients estimated are statistically significant at the 

5% significance level, except for the coefficient on the first quartile. Those who are in the second 

quartile of how much AUH expect to receive, are estimated to be, on average, two percentage 

points more likely to have looked for a job in the last year, compared to those who expect to 

receive the lowest level of AUH.   

Being in the third quartile is associated with an increase in the probability of looking for a 

job of one percentage point, on average, compared to those in the lowest level of expected AUH. 

Finally, receiving the highest level of expected AUH is expected to increase the probability of 

looking for a job in the last year by 0.02 percentage points, although this coefficient is 

marginally significant.  

Evidence shows that if there is an effect of AUH on looking for a job, this is a positive effect 

and follows the same pattern as in the hours worked in the last week. It starts with a positive 
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effect, reaches its maximum in the medium category, and then decreases as the value of expected 

AUH increases.  

In addition, this study analyzes the effect on the number of different ways in which 

individuals looked for a job. To do so, a variable is created, that accounts for the different ways 

in which an individual looked for a job. This includes sending C.V., talking to someone, putting 

advertisements on shops, searching on websites, etc.  Estimating the ITT effect using differences 

in differences shows no statistically significant effect of eligibility on the number of different 

ways individuals looked for a job in the past year. As a robustness check, we restrict the sample 

to those with only one kid and no kids, among those eligible to receive AUH. The coefficient 

estimated is -0.03 and not statistically significant, which suggests no effect of AUH on the 

number of ways in which people look for a job.  

Furthermore, the ITT effect of the (expected) AUH estimated using diff-in-diffs is not 

statistically significant. Using different dummies for the levels of expected AUH yields all not 

statistically significant coefficients. Therefore, evidence supports a not statistically significant 

ITT of AUH on different ways in which people looked for a job.  

In order to estimate the ATE, who receives AUH is predicted based on ENAPROSS data, as 

explained in the Analysis section. Using this prediction and the expected AUH for each 

individual predicted to receive AUH, the treatment coefficient estimated is 1.18 and statistically 

significant. In other words, an increase of 100% on the expected AUH is associated, on average, 

with an increase of 1.18 in the number of ways in which individuals looked for a job, more than 

one additional way of looking for a job. It is important to keep in mind that this output variable 
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does not measure the intensity or frequency in which people look for a job. It only measures the 

number of different ways in which they do so. 

In conclusion, it is estimated that AUH has a positive effect on the probability of looking for 

a job and has no ITT effect and a positive effect on treated in the different ways in which 

individuals looked for a job. Evidence suggests AUH does not disincentivized labor 

participation; it rather encourages it. 

VII.B. Education 

VII.B.1. School Years Approved 

When estimating the impact of AUH on schooling, the sample is restricted to prime-age 

individuals, to account for the fact that people tend to report more schooling as they age in ways 

that suggest misreporting. 

A difference in difference approach is carried out to estimate the ITT of AUH on the number 

of school years approved. This output variable only includes years of education until what is 

considered 2nd year of high-school.  

The regression coefficient estimate is -0.35 and is statistically significant at the one percent 

level. In other words, it is estimated that those eligible to receive AUH are expected to had 

reduced, on average, the years of school approved by approximately one-third of a year 

compared to the change in years of education experienced by those not eligible to receive AUH. 

Evidence supports a small but statistically significant negative impact of AUH on schooling.  
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When using expected AUH as treatment, the coefficient on the log of Expected AUH is 

estimated to be 0.02 and not statistically significant. 

When using a regressor for the different levels of expected AUH, it can be observed that the 

only statistically significant coefficient is the one on those who receive the medium level of 

expected AUH. It is estimated that those in the medium level of expected AUH are associated 

with 0.02 fewer years of education than those in the lowest level of expected AUH. Evidence 

goes against the hypothesis of an inverted u-shape of AUH on schooling.  

Evidence suggests that the effect varies very little based on the amount of money individuals 

expect to receive.  The effect remains small in magnitude, and only the medium level of 

Expected AUH remains with a statistically significant coefficient at a significance level of 5 %. 

If there is an effect, it is very small. In other words, the AUH, and giving more money, is not 

generating a significant decrease in schooling on household adults.  

VII.B.2. Regression Discontinuity Results  

As a robustness check, a regression discontinuity design approach is carried out. In this 

approach, the age of children is used as a cutoff. After the child turns 18 years old, the household 

doesn’t receive the cash transfer. Although it can be considered a fuzzy threshold because of 

people misreporting age, it is quite a strict rule and hard to misreport. To get the CTT, the benefit 

holder needs to present ID, and school certificate signed by school authorities. In addition, the 

age is something exogenous in the sense that can’t be controlled for. Therefore, it can be 

considered a threshold suitable for a regression discontinuity design.  
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For those households with only one kid, the change in income coming from AUH benefits is 

relatively higher than for a family with many kids. Hence, the sample is restricted to those with 

only one child, since she has one year to 22 years old.  

As we can see in Figure 3, the average schooling of adults in the household, by the age of the 

only child, doesn’t drops after the child turns 18. The graph suggests no impact of AUH on 

adults’ schooling. A discontinuity regression analysis does not support an impact of Expected 

AUH on years of schooling among those with lower than 2nd year of high-school. 

Figure 3. Average years of schooling of adult household members, by child age. Parents 

with one child. 

Another way to conduct a discontinuity regression, as done with hours worked, is to run a 

regression including a dummy variable indicating if the only child is seventeen years old or 
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younger and those eligible to receive AUH. By estimating this model, controlling for the same 

covariates as in the previous models for schooling,  the coefficient estimated of -.14 suggests that 

having the only child in eligible age is associated, on average, with around one-tenth of a year 

less of schooling. This coefficient is statistically significant at the one percent level, but small in 

magnitude. It should be noted that this doesn’t account for the effect of AUH on all eligible 

individuals but only compares those with one child younger than 22 years old.  Therefore, the 

regression discontinuity approach suggests a small negative or inexistent effect of AUH on 

schooling.  

An estimation of ATE tries to reduce the potential selection bias that can affect our ITT 

coefficients. In order to estimate an ATE, we used the prediction of who gets the benefits and 

who doesn’t. Using this prediction as treatment, a difference in difference estimations shows that 

the difference between post-treatment and pre-treatment is lower by -2.16 years of education for 

those predicted to receive AUH. This coefficient is statistically significant at a 5% significance 

level. Controlling for the educational level of other members of household, income per capita, 

occupational status, attempt to remove selection bias. In addition, there could still be selection 

bias driving these estimations upwards. For instance, underlying motivation is not captured in the 

model.  If motivated individuals are more likely to receive larges benefits, the estimated impact 

on both schooling and take-up of the benefit would be biased upwards.  

To summarize, the evidence supports that AUH has a negative statistically significant ITT 

and ATE on schooling. The expected AUH has a small or insignificant effect on schooling, which 

suggests no speculation or rationale calculation of the present value of the value of AUH.  
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VIII. Robustness Checks 

Table 8. Main results outcomes of interest by gender. 

Difference-in-differences (ITT) Expected AUH

Kids*post Predicted
Log 
Exp. 
AUH

Low Medium High

Full 
Sample

Restricted 
Sample

Full 
Sample

Panel A: Women
Hours 
worked last 
week

4.13*** 
(.67)

5.23*** 
(1.10)

1.5 
(8.88)

2.25*** 
(.25)

1.10*** 
(.33)

2.45*** 
(.36)

1.22*** 
(.28)

Searched job 
last year

.06*** 
(.004)

0.01 
(.004)

0.01* 
(.01)

0.02** 
(0.01)

0.001 
(.01)

Different 
ways 
searched job

-.03 
(.02)

-0.05 
(.035)

1.14*** 
(.26)

-0.02** 
(.01)

-.0003 
(.01)

-.02** 
(.01)

-.004 
(.01)

School years 
approved

-.34*** 
(.08)

-2.16** 
(.88)

0.04 
(.03)

.02 
(.05)

.01 
(0.05)

.07* 
(.04)

Panel B: 
Men
Hours 
worked last 
week

6.52*** 
(1.77)

4.20** 
(2.02)

4.53*** 
(.9)

3.14** 
(1.35)

7.04*** 
(1.48)

2.43** 
(1.17)

Searched job 
last year

0.09*** 
(.025)

.003 
(.05)

0.001 
(.08)

-.01 
(.09)

-0.09 
(0.08)

Different 
ways 
searched job

-0.02 
(.06)

0.004 
(.03)

-0.01 
(0.04)

-0.03 
(0.04)

-0.02 
(0.03)

School years 
approved

-0.18 
(.17)

-0.12 
(0.11)

-0.31** 
(.15)

-0.24 
(0.16)

-0.15 
(.13)
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Notes: Restricted sample is restricted to those with one kid and those without kids. Data from EPH, 

years 2003 to the first quarter of 2019. The predicted probability is estimating using data from 

ENAPROSS 2011, as explained later. Sample sizes Panel A: Hours Worked full sample: 66,679; restricted 

sample: 20,183; Predicted Prob: 61,466; Expected AUH: 38,809. Different ways searched job: full 

sample: 66,691; restricted sample: 20,181; Expected AUH: 38,827. Searched job last year: full sample: 

30,352; predicted Prob: 33: 886; Expected AUH: 17,496.  School years approved, full sample: 29,076; 

Expected AUH: 16,280.  

Sample sizes Panel B:  Hours worked: full sample: 9,150; restricted: 4,834; Expected AUH; 3,194. 

Searched job last year: full sample: 2,191; Expected AUH: 237 . DiffsWays searched job: full sample: 

9,145; Expected AUH: 3,188. School years approved: 4,810; Expected AUH: 1,368.  

VIII.A. Labor Supply 

VIII.A.1. Hours Worked per Week 

An ITT shows similar results for men and women. If we don’t restrict the sample, the effect 

estimated for men is more than two hours higher than for women. When we restrict the sample to 

those with less than two kids, the effect is more than one hour higher for women. These 

coefficients are statistically significant at five percent level of significance.  

One possible explanation is the fact that having more kids makes it harder for women to enter 

the labor force. Having kids that aren’t in school age, for instance, could be making women stay 

at home. In a society where women have historically taken care of kids more than men, women 

might be less likely to enter the labor force. That could be explaining why when we restrict to 

only one kid, the effect is bigger on women, and AUH is expected to be associated with an 
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increase in the hours worked by women, on average, almost two hours higher than the estimated 

effect on men. 

When using different levels of expected AUH, the effect on men is estimated to be an 

increase of more than two hours more than the increase among women. Again, this sample is not 

restricted by the number of children, so having kids might be playing a big role in this different 

effect by gender.  

Using different levels of expected AUH shows that both among men and among women, the 

shape of the effects is similar. It is worth noticing how the effect by the level of expected AUH 

varies more among men than among women.  

VIII.A.2. Job Search 

In an ITT difference in differences approach, estimating a probit model, the marginal effect 

estimated, on the probability of looking for a job, is slightly bigger for men than for women, 

being both coefficients statistically significant at the 5% significance level.  

Moreover, when using the expected AUH as treatment, the coefficient estimated for women 

and men are both statistically not significant at the 5% level. The estimated impact is higher for 

men. Being eligible to receive AUH is associated, among men, with an increase of, on average, 

nine percentage points in the probability of having looked for a job. Women eligible to receive 

AUH are estimated to have, on average, an increase in the probability of looking for a job of 6 

percentage points.  
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However, when including a dummy variable for each quartile of expected AUH, the 

estimated coefficients for the second quartile and the third quartile are positive and statistically 

significant at the 5% and 10% level for women. Women in the third quartile are approximately 

one percentage point more likely to look for a job compare to those in the lowest category. And 

those men in the first quartile of expected AUH are estimated to be associated, on average, with 

two percentage points higher probability of having looked for a job in the last year. These 

dummies coefficients are not statistically significant for men. It can be concluded that evidence 

suggests that AUH has a positive effect on the likelihood of looking for a job for men and 

women.  

In terms of the number of ways in which individuals look for a job, ITT coefficients are not 

marginally statistically significant, both for men and women. When estimating ATE by 

predicting those who receive AUH, AUH is estimated to be associated with an increase, on 

average, of 1.46 ways in which women search for a job. This coefficient is statistically 

significant at the 1 percent level. Among men, those predicted to receive AUH are expected to be 

associated with a decrease of 2.16 in the number of ways in which they look for a job. This 

coefficient estimated is statistically significant at the 5% level.  

Using expected AUH as treatment, the evidence shows a small negative impact among 

women in the number of ways in which they look for a job. Among men, expected AUH is 

estimated to have a not statistically significant impact. The evidence of expected AUH is not 

consistent with the ITT estimation effect, suggesting that if individuals calculate the present 
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value of the amount of AUH and/or this value, then the effect on the ways in which they look for 

a job is negative or nonexistent.     

VIII.B. Education 

The ITT coefficient among men is statistically significant at the 5% level. Evidence suggests 

that being eligible to AUH has an effect on the number of years-of-school approved among men 

with lower years of school than 3rd year of high-school.  

On the other hand, among women eligible to receive AUH,  expected AUH is estimated to 

have a statistically significant effect on schooling. Those women eligible to receive AUH are 

associated with approximately one-third of a year of schooling less than those not exposed to 

AUH. 

The analysis, including dummies variables for different levels of expected AUH, shows that 

the effect is statistically significant for those women in the quartile with the highest level of 

expected AUH. The size of the impact is small as well; the coefficient estimated is 0.07. 

In conclusion, evidence suggests no statistically significant impact of AUH on schooling 

among men; and a statistically significant and negative impact for women.  

VIII.C. Controlling for Cities 

Each city can have different labor market opportunities. This difference could also vary 

regarding informal jobs, which are a major source of income among low-income populations. In 

addition, each city could potentially have local social benefits, both at the municipal and 
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provincial levels, which could impact the way AUH affects individuals’ labor supply and 

schooling.  

For instance, Comodoro Rivadavia is a city in which the main industry is oil-related, which is 

an industry traditionally associated with jobs for men. In this place, the labor supply increase is 

disproportionally higher among men. Nevertheless, in some cities, the increase is higher among 

women. Therefore, from a policy perspective, dummies for each city should be included to avoid 

these differences by cities biasing the estimation of the impact of AUH.  

When controlling for cities, coefficients in hours worked per week change in less than half an 

hour. Regarding the probability of looking for a job, when using log expected AUH, coefficient s 

change more than one percentage point. Regarding different ways looked for a job, using log 

expected AUH, it turns coefficient from statistically significant to statistically not significant, not 

even at the 10% level. When estimating school years approved, changes coefficient changes less 

than 0.1, and doing so doesn’t change being them statistically significant or not. Hence, both 

from a theory-driven reason and from a data-result perspective, the models with city fix effects 

are chosen.  

IX. Discussion 

IX.A. Effect by Levels of Treatment 

Having different effect by levels of AUH and expected AUH suggests that the efficiency of 

the program depends on the amount of money is given. Therefore, evidence supports that it 
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might be worth to further study the impact of AUH by the amount of money provided. This 

would contribute to more cost-effective social benefits that promote an increase in labor supply 

and on schooling.  

Evidence can contribute to the optimal design in terms of the amount of money and also in 

terms of other features of the program. For instance, a negative effect on schooling could suggest 

the need to look for a better design. One alternative to consider could be introducing training 

requirements, as some social benefits have.  

When estimating the effects by gender, it can be observed that the effect of expected AUH on 

men is maximized for those receiving the medium level of expected AUH. As hypothesized, the 

cash transfer seems to have a positive effect up to a certain point in which the effect starts to 

decline. The same trend, but less sharp, happens for women. It is worth mentioning that the 

amount isn’t big enough, so that the effect becomes negative.  
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Figure 4. Impact of expected AUH on hours worked, by level of Expected AUH. 

IX.B. Expected AUH 

The fact that expected AUH has lower impacts than being eligible to receive AUH suggests 

that individuals may not be so rationale in calculating the present value of the amount of money 

they expect to receive. This goes against the argument that people have kids to work less.  

IX.C. Social Benefits 

Social benefits are negatively correlated with AUH; social benefits are higher when AUH is 

lower. To see if the combination of receiving AUH and other social benefits have an impact on 

our outcomes of interest, the impact of the interaction of the log of AUH and the log of Social 

benefits is estimated. As we can observe in Table 8, among men, the only statistically significant 

coefficient is the one on hours worked last week, being statistically significant at the 1% level. 

However, the size of the impact is relatively small. An increase in 100% of the interaction of 
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these two variables is associated with, on average, an increase of a quarter -of -hour-worked per 

week among men. In other words, if the amount of expected AUH is greater than 1 (which is in 

every case is greater than zero), an increase of doubling the value of social benefits will reduce 

the hours worked per week by less than 0.26, among men. For women, the impact estimated is 

0.22 and also statistically significant at the 1% level.  

Regarding the impact for men, all other coefficients estimated are not statistically significant.  

Among women, the interaction of AUH and social benefits coefficients suggest a negative 

impact on the probability of looking for a job.  The average of marginal effects can’t be 

calculated in interaction terms, thus what can be said is that the coefficient suggests a negative 

impact schooling, although marginally significant. Nevertheless, this impact is relatively small 

on the side.  
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Table 9. Interactions of Asignación Universal por Hijo and social benefits. 

Notes: AUH and social benefits specified in logs,  Data from EPH, years 2003 to the first quarter of 

2019. Sample sizes Full Sample: hours worked: 42,003; Searched job: 17,834: DiffsWays searched job: 

42,015; School years approved: 17,648. Women: hours worked: 38,809; Searched job: 17,496: DiffsWays 

searched job: 38,827 School years approved: 16,280. Men: hours worked: 3,194; Searched job: 237; 

DiffsWays searched job: 3,188; School years approved: 1,368.  

IX.D. Limitations of the Study 

First, an important limitation of this study is that the datasets from which output is obtained 

don’t have information about who receives treatment and who doesn’t. Therefore, more 

information about who receives AUH is required. This would increase the accuracy and 

robustness of the estimation of the impact on treated.  

Log Expected AUH*LogSocial Benefits

Full Sample Women Men

Hours worked last week
-0.23*** 

(.01)
-0.22*** 

(.02)
-0.26*** 

(.06)

Searched job last year
-0.01*** 

(.003)
-0.01*** 

(.003)
-0.021 
(.02)

Different ways searched job
0.0003 
(.0004)

0.0002 
(.0004)

0.002 
(.001)

School years approved
-0.003* 
(.002)

-.003* 
(.001)

-0.003 
(0.01)
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Secondly, this study doesn’t include a matching approach, as is carried out, for example, by 

Garganta (2015) and Maurizio (2018). Including a matching approach could be a way of adding 

robustness and checking consistency across results.  

Regarding the estimation of the probability of looking for a job, the outcome variable equals 

one if the person has looked for a job in the last twelve months. This makes that most people 

have actually looked for a job in the last year, and thus there is little variation in the outcome, 

regardless of counting with a big sample. The estimation of the impact on labor participation 

could be improved if the survey included information about how much time was spent looking 

for a job, the intensity of this activity, etc.  

In terms of schooling, the number of years attended variable in the surveyed only includes 

opt to 2nd year of high-school. Beyond that level, there is only information about which level 

was obtained, for example, high-school, college, masters, etc. Nevertheless, a categorical 

variable as the outcome makes the interpretation of the impact less intuitive. That is why a 

continuous variable, in this case, the number of school years attended, was chosen. Extended this 

information about the years would allow a more comprehensive estimation of the impact of AUH 

on schooling and education.  

X. Conclusion 

This study provides evidence on the effects of AUH on the labor supply and education of 

adults. Evidence supports a positive effect of AUH on hours worked per week. Our estimates go 

from an impact of 2.5 hours to 7 hours more, depending on the methodology used. The I.T.T 
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effect estimated on labor supply is also positive. Adults eligible for the AUH are, on average, five 

percentage points more likely to have looked for a job in the last twelve months.  

Regarding education, this study is the first study in Argentina to estimate the impact of AUH 

on adult members of a household that receives AUH. For those adults, the requirements of AUH 

are not binding. Therefore, it is an estimation of the indirect or spill-over effect. AUH is 

estimated to have a negative, although somewhat murky, impact on adult’s schooling. 

Moreover, this paper is the first to include the expectations of individuals as treatment. The 

present value of the amount of money that a person will receive is calculated for each point of 

time, to see what impact has the expected amount of AUH in the outcomes of interest. In most 

cases, the effect of the expected AUH is not statistically significant, or smaller than the effect 

estimated using other approaches. Nevertheless, the effect does vary in some cases, depending on 

the level of treatment expected to receive. This suggests that in some cases, as in hours worked, 

the level of treatment affects its impact. As hypothesized, the impact on hours worked by the 

level of expected AUH follows an inverted U-shape. AUH initially leads to more hours worked 

up to a certain point at which it starts to decrease.  

Further work should assess both the robustness of the average treatment effect estimation and  

the distribution of the impact of cash transfers by the expected AUH amount.     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