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ABSTRACT

Evictions are commonplace in the United States and are associated with significant
negative outcomes terms ofthe health, financial wellbeing, and housing stability of the
evicted.Housing market pressure driven by gentrificatrepresents mechanism through which
evictions might occufThis thesis examines the relationship between gentrification and eviction
rates in Washington, D.C., a city experienaimgof the highest gentrificatioratesin the U.S. |
use census datada novel court record dataset to examine the association betwedeaveact
eviction rates and proxies for gentrification that measure changes in éemsic and
demographic learacteristicsl find that for originally low-incomeor high-shareblacktracts,
there is a negative relationship betwéaese gentrification proxieand eviction rates. My
findings contribute modestly to the body of literatahallengingthe widely held notion that

gentrification causes widespread displacement.

i



TABLE OF CONTENTS

A B S T R A T . ettt t e e enn i
INTRODUGCTION ... .ottt it e s emena e e e e e e e e e et et eesamnneaeeeeeeeeeeeennnnnns 1
BACKGROUND ... eee ettt 4
LITERATURE REVIEW. ...ttt mnme e 8
CONCEPTUAL FRAMEWORK ..ottt ettt aemma e e e e e e e e e eennneeannaes 13
DATA AND METHODS ... et e e e e e e e e e emem e 16
DESCRIPTIVE FINDINGS ... ..ot e e e e e e emne s 20
REGRESSION RESULTS. ..ottt meee e e e e e e et e e e e 23
DISCUSSION..... ettt eemmr e r e e e e e e e e e e e e emmma s s s e e e e e e eeeeeeeeennnnnes 30
APPENDICES . ...t ettt s 35
WORKS CITED... .ottt ee et e e e e e emens e e e e e e e e e e 39

i



LIST OF TABLES

Tablel: Descriptive statiStiCs fOr CENSUS tracCtS................ commmmmmmseeeeveennnnnnnnenseeeeeeeeesmmmrmen 21

Table2: Descriptive statistics for censuadts by income in 2000............cccuvemevviviiiiieeeene. 22
Table3: EVICHON filiNg FESUITS.........cccciiiiiiiiiiie et 26
Tabled: EVICHON FESUIS........oooi e 28
TableA1l: Eviction filing results for change in high SCHOO0..........ccccviiiiiiimii 35
TableA2: Eviction results for change indh SChoQl...............oovimiiiiiiiiim 36
TableA3: Eviction filing results (weighted).............cciiiiiiiiiee e 37
TableA4: Eviction results (Weighted)........cccoooiririi e 38

LIST OF FIGURES

Figurel: Factors associated wWith €VICtION rates....cccececieiiiivmeiriiieieeeieee e 15

v



INTRODUCTION

Evictions ae commonplacén the United States. Each year since 2003, nedslynillion
evictions were filecand onemillion formal evictions werecarried out, constituting rate of oe
eviction filing for every 1fenter households and oerecuteceviction for evey 40 renter
householdgach yeatEviction Lab, 2018Y.In addition to formal eviction filings, informal
evictions occur frequently, in which a landlord removes a ténami their homeusinglegal or
illegal methods outside of the formal court procg@ssmond, 2012) As a result, actual
eviction counts are ofteinderstatedas these informal evictions are not represented in
administrative recorddVhile evictionsoccur in residential areas throughthe country, they
are especially concentrated in lamcome,predominatelyblack urban neighborhoods and
disproportionately affect lovncome black women with children.

Eviction is associated with variety ofnegative outcomes for evicted families (Desmond,
2012). Evictions are linked to increases in maténardship, depression, stress, poor health
outcomes (Desmond & Kimbro, 201%)creased emergency room usage (Collinson & Reed,
2018)and suicide (Fowleet al, 2015). Negative physical and mental health outcomebaaan
implications forboth mother&nd children and can persist beyond the steonh (Desmond &
Kimbro, 2015). The evicted also face a higher Ilk@bd of being fired from workDesmond &
Gershenson, 2016).

Evictions are also related to a number of negative housing outcomes (Desnidhd, 20
Desmond & Shollenberger, 2015; Crane & Warnes, 20@0inson & Reed, 20)8Evicted
families are more likely to have subsequent voluntary and involuntary moveshand

changing residencesyicted tenanttend tomove to neighborhoods with lowaverageincomes

! An eviction is filed when a landlord petitions a court to evict their tenant. A formal eviction is carried out when the
court gants an eviction against a tenant and that tenant is forced to vacate her or his residence.
2 All citations for the remainder of this paragraph are taken from Desmond (2012).



and higher crime than tenants winove homes voluntarilfDesmond & Shollenberger, 2015).
The mark of an eviction on the record of a tertamt decreastheir desirability as a tenatd
potential landlords, which can result in tenants bé&mnged into lower quality housing
(Desmond, 2012)This sort ofhousing instability is an important outcome, as a growing body of
literature suggests that residents are positively affected by living irguiglity neighborhoods
(Ludwig et al, 2012; Chett et al. 2016)Eviction is also a significant predictor of homelessness
(Crane & Warnes, 20Q0Collinson & Reed, 2018

Evictions occur frequently in Washington, D.C., where an average of roughly 31,000
evictions were filed every year since 2314.2017, there werebout 1%viction filingsand one
executed evictioffor every 100renter households in the District. Eviction filing rates vary
widely across D.C. neiggorhoods, with very few evictions and eviction filimgscurring in
affluent neighborhoodgsvhile low-income,predominatelblack neighborhoaslin D.C.Os Wards
7 and 8 havéigh concentratioaof evictions and evictiofilings. These occur in spite of the
cityOs relatively progressive tenant protection laws, which require that all evictunetse by
a judge and caied out by a U.S. Marshall ardlow tenants tgay overdue rent up to the
moment of the eviatin itself to stop the eviction (D.C. Law Library, n.d.).

While the majority of evictions occur due to nonpayment of rent, landlordstsnes
have ulterior motives fdiling evictions beyond removing delinquent tenafesmond, 2012).
As property valuesicrease in gentrifyingity neighborhoods, landlords may leveraygctions
as a method to remove tenants and profit frogher demad in therental market. In this thesis,
| examine the relationship betweeariouseconomic and demographic changes associated with

gentrification in D.C. neighborhoods and eviction rates in those neighborhoods. I use a novel

? All factual claims in this paragraph are taken from McCabe et al. (201®jistextsin writing this report, which
uses the same court record database that | use for my analyses.



court record dataset on allietions thatwere filedin Washington, D.Cin 2017, along with
census data on D.C. neighborhootisis thesis contributes to the limited literature on the
relationship between gentrification and evintibrough analysis of thepeeviously unexamined
daa. As far as | knowthis thesis marks the first inquiry into the relationship between
gentrification and evictiospecificallyin D.C., a city that has experienced intense gentrification

over the past several decadRgchardsoret al, 2019)



BACKGROUND

While the definition of gentrification is not widely agreed upon by acadethies,
concept of gentrification isonetheless prominemt literature.Gentrification is popularly
understood to involve the movement of OgentryO and invéstosnrelatively impoverished
area, and this movemaeistbelievedto result in the displacement of the original residé&nois
their homeghrough increases in housing costs araéntives for landlords to turn over lew
income tenant&lackson, 2015’ Gentrification is perceived as having both benefits, in the form
of rehabilitation of blighted neighborhoods and the promoticgcohomic and racialiversity,
and costs, in the potential for displacement of-ioeome or racial minority residents and the
erosion of the culture or OfeelO of a neighborHRinthgrdsoret al, 2019;Brown-Saracino &
Rumpf, 2011). However, thguestion of whethehe benefitof gentrificationoutweigh itscosts
is not agreed upon iheliterature (Richardsoat al, 2019).Additionally, there is little academic
consensus on whether or not the definition of gentrification should necessarily involve
displacement, or should instead account for more benign forms of residential economic
development (Richardsaat al, 2019).

Richardsoret al.(2019) examined trends gentrification and displacemengationally
andwithin individual citiesand found thatationwide about nine percent afrban
neighborhood&elow the 48 percentile for property values and family income genttifie

between 2000 and 2023/0st gentrifyingneighborhoodsvere concentrated iities of over

“ Given my focus on eviction, | focus throughout this paper on the displacement of residents from their homes rather
than from their neighborhoods. Thistinction is in accordance with literature on gentrification and displacement,

which often focuses on whether or not a resident moved, rather than the question of where a resident moved
(Jackson, 2015; Richardson et al., 2019; Brummet & Reed, 2019). \Wieearrcing findings from the literature in

which displacement is used to refer to aggregate demographic movements out of neighborhoods, | note that, in these
instances, residents are displaced both from their residences and from their neighborhoodsaaiigre br

> All factual claims from this paragraph are taken fiRichardson et al., 2018s gentrification is a process that
necessarily involves changes to originally disadvantaged neighborhoods, Richardson et al. (2019) define
neighborhoods as eligible t@ntrify if they are below a localityOs"4gercentile for property values and family



one million residents with strong eaamies Gentrification by definition does not occur
citywide, but rather involves a process that selectivepactsspecificlow-income
neighborhoods within cities. Richardson et al. (2Gd@hd thatheighborhoodsear central
business districts and in proximity jbsand amenities saw the highestesof gentrification
nationally, whileother lowincome reighborhoodsaw lover levels

Washington, D.C. has experienced some of the hightesiof gentrification in the
country, withRichardson et a(2019)finding that40 percenof eligible neighborhoods
gentrified compared to the national average of nine percent. Sied®80s the cityOs once
blighted housing stock has undergone significant rehabilitation (Jackson, 20tbgrky low
income, high crim@eighborhoods such &olumbia Heghts and the U Street Corridor have
experienced significant increasagroperty véues, rent, andveragdevels of educational
attainmentwhile crime has decreas@uthese neighborhoodwer the same period (Jackson,
2015).

Despite thespositive trendsthere is growing concern that gentrification will exacerbate
the evident declim inthe presence diflack residentghatthe city has faced over the past several
decadesOnceone of the cities with the highest percentage of black residetits US
Washington has undergone significant racial change-asgrations of affluent whe residents
have been matched with emigrations of black residenfsom the city(Jackson, 2015).

Between 1980 and 201fhe percentage of the population that is black decrdes®daround 70
percent to just under 48 percgiite change in racial demi@phics has begparticularlynotable

in formerly black neighborhoods such@isaw and the tbtreet corridor (U.S. Census Bureau;

income. Other studies use different criteria to designate a neighborhood as eligible to gentrify. | discuss these criteria
further in the literature review.



Jackson, 2015Richardsoret al.(2019) found tha20,000 black residentaoved ouf
gentrifying neighborhoodsetween 200@nd 2010

Gentrification inD.C. occurswithin a unique context of robust rent control and tenant
protection lawghatin theorylimit the sorts ofrent increases and changes to housing stk
areoften associated with gentrificatigNewman & Wyly, 204). A significant portion of the
housing stock in D.C. is under rent contmhich limitsannualrentincreases to the Consumer
Price Index (CPI) plus two percent (DHCD, 2018). Robust tenant rights in D.C. alsthémit
extent to which landlords cannavate or sell propertieslnder D.C. law, landlords cannot
convert rental unitgito condominiums without the consent of a majority of tenéidiS. Law
Library, n.d.).Additionally, under the Tenant Opportunity to Purchase Act (TOPA), tenant
associationsonstituting a majority of tenants in a building have the first right to purchase their
building when it is put up for sale, essentially placing a temporary freeze on property sales when
tenants choose to exercise their TOPA rigbt€. Law Library, n.d. Tenants can use this right
to purchase the building in order to preserve units in their building agdamgaffordable
housing (D.C. Law Library, n.d3.

However, significant loopholas these lawsllow landlords tdoypass rent control and
restricions on conversions and saglasleast to somextent.First, while TOPA provides a
mechanism through which tenants can organize to preserve affordable housing when a building
is to be sold or converted, the TOPA process in practice is onerous for &méuaizes not

always result in an agreement for letegm affordability, even when the process is seen through

® To exercse Tenant Opportunity to Purchase rights, tenants must incorporate a tenant association whose
membership consists of at least 50 percent of units in the property. The tenant association may then purchase the
building as a cooperative, or otherwise solicitposals from developers to purchase the building. Most often, tenant
associations pursue the second option and assign the right to purchase the building to a developer in exchange for an
agreement to make repairs or renovations to the building and teessarf rent affordability. If tenants form a

tenant association, the sale of the building is delayed by 180 days at the minimum (D.C. Law Library, n.d.).



to completion (OO Toole & Jones, 2009). Landlords mayatsmpt taremove tenants from

their housing to circumvent the TOPA process and remttaidaws. The emptying of properties

of their tenants can disrupt the ability of tenants to organize to ingoedersions or sales

through exercising their TOPA rights. Additionallgndlords can increase rents up to 20 percent
when units are vaca@D.C. Law Library, n.d.)Forboth of theseeasos, potential buyers may

see rental properties devoid of tenants as more attrattiug, ombined with a high legal
threshold for evicting tenant®COs rent control and tenant rightsate a housing contethat is

in theoryunfavorable for landlords seeking to raise rents or twer residents. In practice,
however, these laws are imperfect tools for preserving affordability and may provide landlords

incentives to displace residents.



LITERATURE REVIEW

Studies of gentrification oftefocus onits relationship witithe displacement of renters,
butfewer studies examine the relationship between gentrification and eviction, which is one
form of displacement and is the focus of this paferfor the broader phenomenon of
displacement, researchers are not unanimous as to how it should be &gdmedstudiedefine
displacement in terms afygregate oumigration of lowincome or racial minority residents as
neighborhood conditions change, withoxaenining the motivation behind resident moves
(Jackson, 201Richardson et 812019 Brummet & Reed, 20)90thersuse survey data to
examine specific motivations for resident moves e@msidera moveto constitutedisplacement
when residents mowvavoluntarily due to eviction, rising rents, landlord harassment, or building
conversions (Freeman & Braconi, 2004; Newman & Wyly, 20B6)h approaches examine in a
broad sense how gentrification might cause residents to move auesitienceEviction
represents one specific mechanism through whigathdisplacemeninight occur.In thereview
below, | begin bydiscussinghe various ways in which gentrification is defined in the literature,
after whichl examine thditeraturerelated tahe relationship deveen gentrification and
displacemenin generabefore movingo the more limited literature agentrification and

evictionmore specifically

Defining gentrification

As previously mentioned, definitions of gentrification vary in literat@entrificaion is
often operationalized in literature as neighborhteydl changes in economic indicators
(Vigdor, 2003, educationatharacteristicéDraganet al, 2019; Brummet & Reed, 2019)
housing characteristics (Dirgg al, 2019) or some combination of thiree (Richardsost al,

2019) Studies that classify neighborhoods as gentrifying according to these measures



conceptualize gentrification as a process that bangsighborhood to a higher socioeconomic
status more affluent, educated, and expengNewman & Wyly, 2006)As gentrification
necessarily involveshanges to an impoverished area, studies generally define neighborhoods as
eligible to gentrify if they were originally lovncome(Zuk et al, 2018). In almost all cases,
census tracts are ubas proxies for neighborhood8uk et al., 2018

Importantly, many studiedefinegentrificationusingthe very outcomes that might cause
displacement. For example, some studies define neighborhoods as gentrifying if they
experienced high increases intréding et al, 2019) or housing values (Freeman, 2005).
However, these definitions preclude study of housing market outcomes as an effect of
gentrification becaus¢hey assumehanges in housing market outcomes to be a mechanical
marker of gentrificationOn the other handtudies that use economic or demographic changes
asproxiesfor gentrification are able to examine the relationship between gentrification and
housing market conditions thiaay cause displacemerRichardsoret al, 2019; Brummet &

Reed, 2019).

Relationship between gentrification and displacement

Some of the literature on gentrificatieaeks to examine whether increases in the
socioeconomic statud gentrifying neighborhoods are associated with changesusing
marketsthat negatiely impactlow-income renters (Freeman & Braconi, 2004; Newman &
Wyly, 2006).Rising rent levels are thought to be one of the primary mechanisms through which
gentrification is related to residential displacement: as neighborhoods gentriégsed denmal
for housing and associatettreases in remhayforce somelow-income residents to move
(Newman and Wyly, 2006However, studiebBave found mixed results on the relationship

between gentrification anéntlevels While Newman and WylyOs (2006) stadylisplacement



in New York City found a modegiositive relationshifpetween gentrification and the proportion
of income that lowincome residents pay in rewnestudy found neavidence okuch a
relationship(Brummet & Reed, 2019) and another found thadest increases in rents paid by
low-income tenants were matched by increases in income (Vigdor, ZB€ayification is also
associated witincreased rental constructi@dewman & Wyly, 2006)whichraiseshousing
supplyand should in theory decreasamts; howevelthis construction is generally unaffordable
to low-income tenantand therefore does not contribute to their supply of affordable housing
(NYU Furman Report, 2018).

Otherstudies examinthe relationship betweegentrificationanddisplacementmore
directly by examining resident movedowever, 1 is difficult to definitively determine whether
there is a causal relationship between gentrificatiorresident movegvigdor, 2002). Low
incomepopulationgend tomove more frequently tharigherincomepopulationdor a variety
of reasonsso higher residential mobility among lemcome people may be misconstrued as
displacement rather than ordinary behavior (Vigdor, 2002; Freeman & Braconi, 2004).
Additionally, without asking individualdirectly their reason for changimgsidencegsit is
difficult to discernthe motivations behinohdividual movesin response, some studies use
survey data to categorize movesregances oflisplacement when tlgavere motivated by
factors such amndlordpressure, increasing rent, or property renovation or conversion (Freeman

& Braconi, 2004; Newman & Wyly, 2006However, as resident moves are oftenivadéd by

" The studies cited in this paragraph seek to examine whether getiwifi affects housing marke®&herefore,

unlike some other studies of gentrification (Ding et al, 2015), these studies do not define gentrification according to
housing market outcomes.de@man and Braconi (2004) defiNew York City neighborhoods as gentrifying through
qualitative asessments of neighborhoods experiencing the most change and used quantitative measures of
neighborhood demographic, economic, and housing indicators to corroborate their selection of neighborhoods.
Newman and Wyly (2006) respotalFreeman and BraconiO8@2)work and therefore categoritieese same
neighborhoods as gentrifying. Brummet and Reed (2018) use the change in the share of the population with a
bachelorOs degree as its measure of gentrification. Vigdor (2002) defines Boston neighborhooifyiag gentr
according to both the results of qualitative fieldwork and changes in income.
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multiple rationalestesearchers asometimes reluctant to conclude that residential
displa@ments are solely attributable to gentrificatibreeman & Braconi, 2004; Newman &
Wyly, 2006).

Despite these challenges, there exists a considexatgant ofliteratureon the effect of
gentrification orthe displacemenof residents from their homeBerhaps counterintuitively
given the salience of the displacement threat among residents (Newman & Wyly, 2006), many
studies have found the effect of gentrification on displacement to be mixed or insignificant.
Amonganalyses that usirvey data, Freemamd BraconiOs (2004) study of New York City in
the 1990s found a smaidégative relationship between gentrification and displacement, and the
authorsspeculated that lowncome residents were more likely to remaimames ingentrifying
neighborhoods du associated benefits their quality of life. Newman & Wyly (2006)
replicated and expanded on Freeman and BraconiOs {&f@4)nd foundevidence o small
positive relationship between gentrification and displacement. However, the authors found
through qualitativeresearchihatsomeresidents in gentrifying neighborhoods responded to
perceived or actual displacement pressures thradgptive measures suchtaking on
additional roommates aratcepting a higher rent burden, suggesting that resideytperceive
displacement as a greater threat than is reflected in the authorsO quantitative(fesinusn &
Wyly, 2006). Otler studies focusing on residentmabbility as a proxy for displacement have
corroborated this tenuous relationship betweenrgieation and displacemenV{gdor et al,

2002; Ellen & OORegan, 20Iragan etl., 2019; Brummet & Reed, 2019

8 The studies cited here use resident mobility as a proxy for displacement without examining the motivations for
residents® moves (Vigdor et al., 2002; Ellen & OORedkdy, 2eagan et al., 2019; Brummet & Reed, 2019), unlike
other studies that use survey data to categorize resident moves as displacement when residents reported that they
moved due to specific displacement pressures such as rising rents or landlord hai@&sser@an & Braconi,

2004; Newman & Wyly, 2006).
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Relationship between gentrification and eviction

Few studies havepecifically examine@viction asa consequenagf gentrification. Tis
may be due to both the difficulty determining which evictions are affectieg gentrification
and the relatively lovprevalencef evictionsascompared tancidences of displacement more
generally Additionally, giventhewide variety of state anddal laws governing evictions
(Desmond, 2012}t is difficult to estimate nofpolicy-related causes of eviction across localities.
Somestudies have found that evictions are concentrated in disadvantaged, racially segregated
neighborhoods (Desmond, &, Desmond & Gershenson, 201Bpwever,many such
neighborhoods do not gentrify (Hwang & Sampson, 2014), and one study found that gentrifying

neighborhoods do not have measurably higher eviction rates (Desmond & Gershenson, 2016).

Contribution to the literature

In summarynumerousstudies have founevidence of either no relationship between
gentrification and displacementigdor et al., 2002; Ellen & OORegan, 2010; Dragan et al.,
2019 or a relationship that is positive but modéét\yman & Wyly, 2006; Bummet & Reed,
2019. However, few studies have specifically examined the relationship between gentrification
and eviction. Given the differences in eviction $dvetween different cities and states, it is
possible thaan examination athis relationshipin a single citywould be more fruitful than a
national study. In the context of intense gentrification in Washington,(Bi€hardsoret al,
2019)and the cityOs unique rent control and tenant protectiondavexamination of this
relationship in the ationOs capital ispromising avenue of researckherefore, this thesis
examinathe relationship betweamates of gentrification in D.C. neighborhoods,measurely

economic and demographic changasdrates of eviction ithose neighborhoods.
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CONCEPTUAL FRAMEWORK

Gentrification could increase rates of evictamd eviction filingsn D.C. neighborhoods
through several mechanisms. If increased housing demand from gentrification is associated with
rising rents, dw-income residents could fabggherrent burdesand become more likely to fall
behind on rent paymentstomptingeviction (Desmond & Gershenson, 201&jom the
landlordOs perspective, increased demand for housing in the neighborhoodchasddiaged
increases in rents and housing valaeuld represent an opportunity to cash infhan &
Wyly, 2006). In norrentcontrolled buildings, landlords may seek to evict residents to bring in
more affluent tenants who will pay higher rent. In reotrolled buildings, this incentive is
decreasedout & previously statedandlords can raise rents beyond the normal limits under rent
control when units are vacant (D.C. Law Library, n.@his could serve as an impetus for
landords to try to evict residentddditionally, given the protected righf tenants to impede the
conversion or sale of rental buildingsder TOPA and other lawsndlords may have incentse
to evict tenants to empty out buildings and prevent more engaged tenants from exercising their
rights. All of these factors could cdome to increase the likelihoddatlandlords will initiate
eviction proceedings against tenants in gentrifying neighborhoods.

In examining the effect of gentrification on evictions, it is important to notesthetions
are concentrated misadvantaggneighborhood$othnationally(Desmond, 2012; Desmond &
Gershenson, 2016) and in D.C. (McCabal, 2019). This means thaeighborhoods that have
become affluent through gentrificatiomay havelower rates of evictiothan disadvantaged
neighborhoodshathave not gentrifiedHowever, given the theoretical model presented thus far,
| expect that neighborhoods that becafflient through gentrification would exhibit a greater

concentration of evictions than neighborhoods of similar income that weoeigioglly low-
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income.Therefore, | hypothesize thagighborhoodshatare gentrifyingwill generally
experience higher rates of evictions and eviction filitigs neighborhoods of similar
socioeconomic status tharte not gentrifying.

| define gentrifcationbased orthangs over timan two indicators of neighborhood
socbeconomic statusnedian income anthe shareof the population that is étk. | follow the
example obtherstudies of gentrification (Vigdor, 2002; Ellen & OOReg2010)in
operatonalizing gentrification based areighborhoodyains in income. Given the context of
significant racial change in Washington, D.0.%. Census Bureau; Jackson, 2@Righardson
et al., 2019), | also employ a measure of the change in the share of thetipoghbht is black to
capture neighborhoods experiencing influxes of white residemisenomenon commonly
associated with gentrification (Newman & Wyly, 2006).

In order toreduce bias in my estimate of the effecgentrification on evictionl follow
the practice of other studies gentrification and displacement (Diagal, 2015; Brummet &
Reed, 2019; Dragaet al, 2019)by controllingfor demographic, econaiey and housing
characteristics that may relate to beéniables’ Thedemographicharateristicsthat! control
for includepopulation size, the share of the population that is black, and the share of the
population with a bachelor degree, each of which could be related to both gentrification and rates
of eviction in a trac(Brummet & Reed2019) | alsocontrol formultiple economic
characteristics of neighborhoods: | controlimedian income, the share of the population that is

unemployed, and the share of thgplation that is in poverty, as neighborhoods with lower

° My key independent variabl&the change in neighborhood median income and the change in the neighborhood
share of the population that is blaBkneasurehe way in whicha neighborhood changed alonggbealimensions

over aspecifictime period, regardless of the vadu# these indicators at the beginning or end of the time period. In
contrast to my independent variables, each of my control variables is measured airatpomat the end of this

period. By controlling for neighborhood characteristics at the emdygberiodof analysis | compare

neighborhoods that gentrified to neighborhoods that had similar characteristics at the end of the period but did not
gentrify. Importantly, | control for nghborhood median income and share black at the end of the time period.
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economic status afess likely to have gentrified but are likely to have higher rates of eviction

(Brummet & Reed, 2019Finally, | control for housing characteristics thikely relate to

gentrification and could directly impact rates of eviction: median rent, mediamigotalue,

share of the housing stock that is vacant, and percentagewgdied housing unithatare

renteroccupied Brummet & Reed, 2019Each of these factors ésplayed in Figure 1.
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Figure 1: Factors associated with eviction rates
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DATA AND METHODS

All of my analyses are performed at the census tract [€laelanalyses rely onreovel
datasebn eviction filings obtained from D.C. Landlord and Tenant Court records. The dataset
capturesll eviction filings in the District o€Columbiain 2017and containgnformationon the
legal outcome of each filing, as well as defendant and plaintiff addresses. The addresses of
defendants were geocoded using Texas A&M UniveBsBeoservices in order to determine the
census tract in whickach eviction occurred. Evictions were aggregated to the census tract level
anddivided by the number of renter households in each census tra@1¥to obtain an eviction
filing rate for each tract. The same process was repeated to obtain a ratalahactions in
each census tract by using the data on legal outcomes in the court record d&&haswhile
the eviction filing rate is the dependent valgain some of my analysethe eviction rate is the
dependat variable in other€Excluding thethree norresidential census tracts in D.C. from the
sample:' | have data on these variables 4tir1 76 residentiatensus trastin D.C.

As census tract boundaries shift between censuses, it is difficult to compare
characteristics of a tract to charatgtcs of the sam#act from previous iterations of the census.
To correct for this issue, | use a dataset obtained from the Urban I&@uater D.C. project
that corrects for differences in tract boundaries over time. This dataset colataimgkey
indicators useful fomeasuring gentrification and has the benefit of allowing for direct
comparison of census tracts across multiple censusesasuregyentrification by comparing

census tract indicators between the 2000 Census and th@D8 2Ameican Community

' Filings were coded as having resulted in eviction if the court record reported Owrit executedO, which indicates that
a judge ordered an eviction against the defendant. As D.C. leamsalefendants to pay overdue rent up to the

moment of the eviction actually taking place to stop the eviction (D.C. Law Library, n.d.), some ordered evictions
marked as writ executed in the dataset may have been stopped in this way. However, thipihcesberis likely

to be insignificant compared to the number of evictions that were carried out. In the absence of available data on
which evictions were carried out, | am forced to rely on writs executed as a proxy for actual evictions.

1 These three neresidential census tracts roughly correspond to the National Mall, Georgetown UniversityOs
campus, and the Anacostia River Park.
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Survey (ACS), as the latter represents the most recent census data that are available in the
Greater D.C. datas&t.

Following the approach of other studies of gentrification (Brummet & Reed, El&8;
& OORegan, 2010)conceptualie gertrification as a change in key indicators obromic and
demographic characteristics. Specificallytilize measures of theercentage change median
household income armmercentage point changetheshareof the populéion that is blackand
non-Hispanicbetween the 2000 Census and20822016ACS.** My keyindependent
variables ar¢hechanges in these twatharacteristics over this periddnlike someother studies
of gentrification(Ellen & OORegan, 2010; Richardson et al., 2019; Brummet & R&Eg), Rdo
not impose eligibility criteria requiring that gentrifying trastsre originallylow-income, and |
model gentrificatiorusinga continuousrather than a binarypdicator These deviations from
previous practice allow me to avaielduéng my analysis to a sample of tracts thavesy small

in sizel*

12The 20122016 ACS estimates represent the average oflraet estimates for each of the five years between
2012 and 201@nclusive) ACS singleyear estimates for 2016 were not available in the Greater D.C. dataset used
for this thesis, anthe use ofive-year estimates affords greater precision tvaold singleyearor threeyear

estimates. My independent variables #ferereflectthe differencein my key neighborhood indicators between

their 2000 and theaveragevalues as measured acrdiss five yearspanning fron2012to 2016. In contrast, my
control variables measure neighborhood characteristics asipdinte estimatsat the end of the period over

which | measure neighborhood change. Howeyecauseny control variables are also measured in the 201156

ACS, theyrepresent an averagefof these variablesO values actbsdive yearspanning fron2012to 2016. As a
result, there is a fivgear overlap between the period during which neighborhood change is measuites @erbd
whenthe control variables are measured. My dependent variables, rates of eviction and eviction filings, are
measured in 2017d therefore do not overlap with either my independent variables or my control variables

13| use percentage point changeshia percentage of the population thablisck in order taneasure theeal change

in this variableover time. Usinga percentagehange measusgould place undue weight on tracts that had small
shares of black residerits 2000, as even small changedtiis variablecould equate to a significant percentage
change. For example, a tract that was five percent black in 2000 anddentg®ack in 2012016 would have
exhibited a 100 percent change but only a five percentage point change.

'* D.C. contains 176 census residential census tracts. Using Brummet and ReedOs (2019) definition of gentrification
(tracts are eligible to gentrif§ they were at or below the #(ercentile of median income for all tracts in 2000;
eligible tracts gentrified if they were in the top quintile of change in a variable over the period), | determine that 21
tracts gentrified according to the change in mepand 16 gentrified according to the changeeirtentagdlack.

These samples of gentrifying tracts provide insufficient variation in my independent variable to allow for tractable
regression analysis.
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| estimateanordinary least squares (OLS) regression model ukmghange in income
and change ithe percentagef the population that islackas mykey independent variables
(OneighborhooahdicatorsGand rates of evictions and eviction filings as my dependent
variablesl estimatefour differentbasemodels, each with different combination of dependent
and key independent variables

As discussed in my conceptual frameworfgllow theliterature on gentrification and
displacement (Dingt al, 2015; Brummet & Reed, 2019; Dragetmal, 2019) incontroling for
other economic, demographic, and housing characteristics of census tracts thatassgciated
with both gentrification and ewiions. For each of these factors, | control for the indicator as it
was measured ithe 20122016 ACS For demographic factors, | control for population size, the
percentage of the population that is black-kispanic (Oshare blackO), and the percenfage
the population over the age of 25 that has a bachelor degree (Oshare bachelor degreeQ). The
economic characteristi¢Bat| control for are median household income (Omedian income0), the
percentage of the workforce that is unemployed (Oshare unemp)ayetihe percentage of the
population that is in poverty (Oshare povertyO). Finally, | control for median rent, median
housing value, the percentage of the housing stock that is vacant (Oshare vacantO) and the
percentage of occupied housing units thaergeroccupied (Oshare rer® to account for

neighborhoodsibusing characteristics that may affect gentrification and eviction rates.
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Using the above variablesestimatehe following OLS model:

Eviction "#$ =

Bo + Bi(Neighborhood'Indicator) ! ! ,(population "#$) + !, (share'black) !
Bs(share bachelor degree) + fs(median income) +

Bes(share une! ployed)! B,(share poverty) + ! g(median rent) !

Lo (I"#$%& housing value) + B, (! h!"# wacant) + 1,,!! hare renter) + ¢!

whereEviction Rate is the number of evictions or eviction filings per renter household in a tract,

Neighborhood Indicator is the change in median incomestiareblack, anck is the error term.
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DESCRIPTIVE FINDINGS

Table 1 provides descriptive statistics for all 176 census tracts in the saniflé7, the
mean ate of eviction filings vas 0.19ilings per renter buseholdThelowestfiling rate was
zero(Tract 9.02) and the highest filing rate was 1.09 filings per renter household (Tract'74.06)
The mean eviction rate was 0.01 evictions per renter hous@@oichcts had aeviction ateof
zero, while the tract witthe highest eviction rate had a rate of 0.06 evictions per renter
household (Tract 78.03)Vith regard to changes in the key independent variables, the mean
change in median income wa5.826 between 2000 and 202016 ard the mean change in the
share of the pagation that is black was4.7 percentage pointdotably, while 147 tracts
experienced a decreasethe black share of the population during the period, 29 tracts

experienced amcreasgnot shown here)

15 Census tracts in D.C. follow a naming conventising numbers with decimal places, such as 74.06. These
numbers are not meaningful in terms of their magnitudes; they simply distinguish between tracts.
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Table 1: Descriptive statistics for census tracts'®

Mean SD Min Max
Key dependent variables
Eviction filing rate, 2017 0.19 0.20 0.00 1.09
Eviction rate, 20T 0.01 0.01 0.00 0.06
Key independent variables
Change in median income (%) 35.& 56.92 -45.39 289.60
Change in share black (p.p) -14.70 16.07 -70.00 6.80
Demographic characteristics, 2012-2016
Population size 3,706.86 1,388.12 1,043.00 7,923.00
Share black 0.51 0.34 0.01 1.00
Share bachelor degree 0.22 0.11 0.00 0.44
Economic characteristics, 2012-2016
Median income 135,832.28 88,083.70 21,974.00 486,400.00
Share unemployed 0.10 0.08 0.00 0.33
Share in poverty 0.19 0.13 0.02 0.63
Housing characteristics, 2012-2016
Median rent 1,405.83 486.46 395.00 2,557.00
Median housing value 502,291.90 265,709.27 88,600.00 1,498,300.00
Share vacant 0.10 0.05 0.00 0.27
Share renter 0.58 0.22 0.06 1.00
n=176

Table 2 groups census tracts by their income status in 2000 and compares descriptive
statistics across inconvategories! define a tract as lovncome if it fell below the 40
percentile for median withisample income in 2000; all other tracts are considered to be high
income (Ellen & OORegan, 2010; Brummet & Reed, 2019; Richagtlaty2019) Tractsthat
were low-incomein 2000 hackvictionfiling rates of 0.31 filings per renter household®017,
compared to higiincome tractsO rates0.10, and this difference between laamd highincome
tracts is statistically significant at p<0.Qlw-income tracts &d eviction rates of 0.02 evictions

per renter household in 201dompared to a rate of 0.01 for higitome tracts. This difference

% Two control variable®median rent and median housing valBémd missing values. Each variable inad

tracts with missing values, and the tracts were different for each variable. | used single imputation for all four
missing values using all of the other control variables except for population (share black, share bachelor degree,
median income, shatmemployed, share in poverty, share vacant, and share renter) as predictors. There were no
missing values for any of the key independent or dependent variables. Therefore, four out of 2,816 data points were
imputed.
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is also statistically significant at p<0.Qlow-income tracts experienced statistically significantly
greater increases median incoméhan highincome tracts (a difference of 20.27 percent) but
did not have significantly greater decreases in the share of the population that i$ faletsk.

that were lowincome in 2000 wersignificantlymore disadvantaged based on dempigia
economic, and housing characteristic2@122016 than tracts that were highcome in 2000.

In my regression results, | examine whether the relationship betyeegnfication and rates of

eviction and eviction filings differs between originallyMoand highincome tracts.

Table 2: Descriptive statistics for census tracts by income in 2000

Low High Difference SE
Income Income
Key dependent variables
Eviction filing rate 2017 0.31 0.10 0.21%** 0.03
Eviction rate 2017 0.02 0.01 0.01*** 0.00
Key independent variables
Change in median income (%) 47.91 27.64 20.27** 8.63
Change in share black (p.p) -14.97 -14.51 -0.46 2.48
Demographic characteristics,
2012-2016
Population size 3,573.80 3,796.84 -223.04 213.23
Share black 0.73 0.36 0.36*** 0.05
Share bachelor degree 0.16 0.26 -0.10*** 0.01
Economic characteristics, 2012-
2016
Median income 76,563.93 3,796.84  99,345.05*** 11,291.70
Share unemployed 0.16 0.36 0.09*** 0.01
Share in poverty 0.29 0.26 0.18*** 0.02
Housing characteristics, 2012-2016
Median rent 1,135.39 1,588.70 -453.31 %+ 66.62
Median housing value 352,697.72 603,446.06 250,748.34*** 36,263.08
Share vacant 0.12 0.09 0.03*** 0.01
Share renter 0.72 0.49 0.24*** 0.03
n=71 n=105
*** p<0.01, ** p<0.05,* p<0.1
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REGRESSION RESULTS

Tables 3 and present mymain regression results. Tableeports results for regressions
in which the dependent variable is eviction filing rates] Table 4eports results for regressions
in which the dependentwiable is executed eviction rates. Each table reports results for six
models: three models for each of my two independent variables, change in income and change in
share black. For each independent variable, | report results for a simple bivariate linear
regression, a regression with all controls, amdodel in which | interact the relevant metric of
neighborhood change with a dichotomaselinendicator for the variable whose change | am
measuring. For example, in the regressions that focus on thgechmatheshareblack, this
interacted specification allows me to determine whether or not the relationship between changes
in racialcompositionand eviction rates differs for tracthat originally had a high verslasv
share of black residents.

Table3 reports results for regressions in which the dependent variables are eviction filing
rates. Model (1) shows that the correlation betwherhange in income and eviction filing
rates is negative and statistically significant, with a one percent in¢nelaselian income
associated with a 0.09 percentage point decrease in eviction filing rates. After controlling for
neighborhood characteristics in Model (2), the relationship between income change and eviction
filling rates is no longer significant. In Met(3), | interact the change in income with an
indicator variable for initial lowincome status, defined according to whether a trdmlsv40"

percentile for median income in 208CFor tracts that were originalljefined asigh-income, |

7 Following the approach of Ellen & OGjfae (2010), | use the Z@ercentile threshold to classify neighborhoods

as lowincome. In the authors® paper, neighborhoods below this threshold were considered to gentrify, as
neighborhoods that are higltatus are not considered to be able to gentrifyeate a parallel definition of this
threshold for my share black independent variable, by defining tracts that were originallyojn4b® percentile of
share black ashi@h-shareblack neighborhoods. As gentrification is often thought to be iassdavith

neighborhoods becoming whiter (Jackson, 2015), this methodology captures neighborhoods that were eligible to
gentrify through racial change.
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find thatthere is a small and statistically insignificant relationship betwsschange in income

and eviction filing rates, as reflected in the small and statistically insignificant coefficient on the
Qhange in income varialidby itself. However, | find thatiere is a larger negative relationship

of -0.08 €0.02 +-0.06) for originally lowincome tracts, and | find that this relationship is

statistically significantait p<0.0] as reflected in the results of thadst at the badm of Table 3

This means thafpr originally low-income tracts, an increase in median income of one percent is
associated with a decrease in eviction filing rates of about a tenth of a percentage point. Given
that the mean eviction filing rate for originally lemcome tracts is abo@l percent anthat

low-income tracts had an average increase of about 48 percent in median income over the period,
this relationships relativelysmall.

The results for the changetime share black are similar. The simple bivariate regression
whose esults are reported in Model (4) shows that an increase in the share black of one
percentage point is correlated with an increase in eviction filings of 0.28 percentage points. This
estimate is significant and is larger in magnitude than for the chamgmme. As with the
income regressionyhen | controfor neighborhood chacteristics in Model (5), this
relationship becomes insignificant and decreases in magnitude (0.08). In Model (6), | interact the
change irtheshare black witlbaselinehigh-shareblack status, defined as having been in the top
40" percentile for share bt in 2000. Fotracts that originally had lowlack populations! find
that there is a small and statistically insignificant relationship between change in share black and
eviction filing rates, as reflected in the small and statistically insignificant coefficient (0.02) on
the change in share black variable by itself. Similar to the results for change in income, | find a
more positive relationship of 0.24 percentage points (8.022) between change in share black

and eviction filing rates for originallgigh-shareblacktracts that is statistically significaat
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p<0.1 as reflected in the results of thedst. This means that a one percentage point decrease in
the share ofite population that is black is associated with a decrease of abeguaner of a
percentage point in the eviction filing rdfeThis relationships also relativelysmall, given the

mean filing rate of about 31 percent and a mean decrease in shareflabolat 15 percentag

points for lowincome tracts in my sample.

18 Because the change in share black variable is measured in percentage points and the change ariagene v
measured in percent, the magnitudes of the coefficients on each of these variables are not directly comparable to one
another.
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Table 3: Eviction filing results

Dependent variable: Eviction filing rate in 2017

) 2 3 4) ®) (6)
Percent change in income
(2000 to 20122016) -0.09%** -0.02 -0.02
(0.02) (0.02) (0.02)
Pct. pt. change in share black
(2000 to 20122016) 0.28*** 0.08 0.02
(0.07) (0.06) (0.07)
Low-income 2000 12.40***
(4.43)
Change-income * Low-income (2000) -0.06*
(0.03)
High-shareblack 2000 10.06
(6.75)
Change-black * Low-income (2000) 0.22
(0.16)
Population(20122016 -0.00 -0.00 -0.00 -0.00
(0.00) (0.00) (0.00) (0.00)
Share black20122016) 36.99***  35.89*** 36.87**  28.57***
(9.17) (9.14) (9.29) (9.42)
Share bachelor@®0122016) -50.34**  -45.22** -51.56** -46.96**
(21.11) (20.34) (20.75)  (20.17)
Median incomg20122016) 0.00 0.00* 0.00 0.00
(0.00) (0.00) (0.00) (0.00)
Share unemploye(20122016) -7.63 -27.53 -7.49 -19.34
(43.22) (43.44) (43.35) (44.47)
Share in poverty20122016) 9.00 -1.37 5.97 7.76
(20.65)  (20.77) (21.01) (21.35)
Vacancy rat¢20122016) -24.81 -25.64 -25.30 -25.20
(21.86) (21.77) (21.73)  (21.92)
Share rentef20122016) 22.37**  16.77** 21.46**  19.54**
(7.60) (6.96) (7.37) (7.56)
Median ren{(20122016) 0.01** 0.01** 0.01** 0.01**
(0.00) (0.00) (0.00) (0.00)
Median housing valug€0122016) -0.00 -0.00* -0.00 -0.00
(0.00) (0.00) (0.00) (0.00)
F-statistic and p-value for joint
hypothesis test” 8.63***
(0.0038)
F-statistic and p-value for joint
hypothesis test” 3.61*
(0.0594)
Constant 22.00***  -14.32 -11.67 22.81**  -11.84 -5.30
(1.93) (10.21) (10.67) (2.32) (9.91) (10.68)
N 176 176 176 176 176 176
R® 0.07 0.56 0.59 0.05 0.56 0.57

®Hg: B1(Change income) $2(Change income * Lovincome in 2000) = 0

® Hy: p1(Change black) $2(Change black High-shareblackin 2000) = 0

Robust standard errors in parentheses.
*** p<0.01, ** p<0.05, * p<0.1
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Table 4reports results for executed eviction rates, which are broadly similar to my results
for eviction filings. In Model (1), there is a significant negative correlation between the change
in income and eviction rates (0.0053). Thiateinship becomes insignificant after | add
controls in Model (2). Interacting with loimcome status in 2000 in Model (3), | find that the
relationship between income change and eviction rates is statistically insignificant for originally
high-income trats, as reflected in the small and statistically insignificant coefficient on the
change in income variable alone (0.00003). However, for originallyinoame tracts, the
relationship is negative with a magnitude @0027 (0.0000®0.003) percentage pus, and is
statistically significanait p<0.05as reflected in the-Btatistic at the bottom of Table As the
mean eviction rate for lowncome tracts is about 1.7 percent, this coefficient is modest but still
of somewhatmeanirgful magnitude.

Turningto theshare black, I find a similar pattern to the results for change in income.
Model (4) shows a statistically significant relationship betwberchange irtheshare black and
eviction rates that becomes insignificant after controlling for neighbdrbbaracteristics in
Model (5). When interacted with originally high share black status in Model (6), there is no
significant relationship between change in share black and eviction rates for origiwally
shareblack tracts. For tractbat were origindy high-shareblack, there is a more positive
relationship between change in share black and eviction rates that has a magnitude of 0.014
(0.001 + 0.013) percentage points and is statistically signifatgmt0.05 as reflected in the
results of the Hed. For a one percentage point decrease in share black, there is an associated
decrease in eviction rates of about a tenth of a percentage point,isvhathblegiven a mean
eviction rate of 1.7 percent and a mean decrease in share black of about A6fpeloe-

income tracts.
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Table 4: Eviction results

Dependent variable: Eviction rate in 2017

1) 2 3) 4 ®) (6)
Percent bhangein income
(2000 to 20122016) 0.0053***  -0.0007 0.0000
(0.0011) (0.0008) (0.0012)
Pct. pt. dbangein shareblack
(2000 to 20122016) 0.0178*** 0.0047 0.0010
(0.0043) (0.0031) (0.0033)
Low-income 000 0.4691*
(0.2634)
Change-income * High-share-
black (2000) -0.0030*
(0.0018)
High-shareblack 2000 0.7296**
(0.339)
Change-black * High-share-black
(2000) 0.0130
(0.0080)
Population(20122016 0.0000 0.0000 0.0000 0.0000
(0.0000)  (0.0000) (0.0000)  (0.0000)
Share black20122016) 1.9565***  1.9442*** 1.9847** 1.3367***
(0.4673)  (0.4565) (0.4740)  (0.4823)
Share bachelor(20122016) -0.6491 -0.4620 -0.5447 -0.1943
(1.0421) (1.0592) (0.9772)  (0.9361)
Median incomg20122016) 0.0000***  0.0000*** 0.0000**  0.0000*
(0.0000)  (0.0000) (0.0000)  (0.0000)
Share unemploye(20122016) 4.5423**  3.7485** 4.4781*  3.6407*
(1.8452)  (1.8826) (1.8599) (1.9541)
Share in poverty2012-2016) -0.6865 -1.0360 -0.8494 -0.7111
(0.9655)  (0.9998) (0.9689) (0.9717)
Vacancy rat¢20122016) 1.0159 1.0023 0.9543 0.9287
(1.2744)  (1.2909 (1.2592) (1.2704)
Share rentef20122016) 0.8023* 0.5971 0.7763* 0.6100
(0.4316) (0.4334) (0.4227)  (0.4367)
Median ren{(20122016) 0.0003 0.0003 0.0003 0.0003
(0.0002)  (0.0002) (0.0002)  (0.0002)
Median housing valug012
2016) -0.000***  -0.000*** -0.0000** -0.0000**
(0.0000)  (0.0000) (0.0000)  (0.0000)
F-statistic and p-value for joint
hypothesis test” 4.08**
(0.0452)
F-statistic and p-value for joint
hypothesis test” 4.44%*
(0.0366)
Constant 1.2247** -1.3820** -1.3413** 1.2966*** 1.2876** -1.0739
(0.1074) (0.6430) (0.6589) (0.1326) (0.6422) (0.6616)
N 176 176 176 176 176 176
R® 0.07 0.58 0.59 0.06 0.57 0.59

®Hg: B1(Change income) $2(Change income * Lovincome in 2000) = 0

® Hy: p1(Changeblack) +p2(Change black High-shareblackin 2000) = 0

Robust standard errors frarentheses.

*** p<0.01, ** p<0.05, *p<0.1
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Overall, these results suggest relationshigpetween changes in income ahdshare
black andrates of evictiorand eviction filings™® These results conflict with my hypothesis that
gentrification(as captured by the two indepenteariables that are my focuspuld be
associated with increased eviction and eviction filing rates. Howewesjstentvith literatuie
(Ellen & OORegan, 2010; Brummet & Reed, 2019; Richardson et al), Pfd® modest
evidence that theelationship between various measures of gentrification and rates of eviction
and eviction filingdiffers according to whether or not a neighborhaagoriginally low-

income or originally had a high concentration of black residents.

19 As thechange in educational characteristics is used in Brummet and ReedOs (2019) study of gentrification, | also
perform analyses using educational changes to define gentrification. While Brummet and Reed use the change in the
share with a bachelorOs degree, | use the change in the share withosichoodegree as an independent

variable as this measureas the aly educatiorvariable available in my dataset. These regression results are

reported in Appendix 1. Similar to the results for the change in the share black, the change in the share without a
high schoodegree has a positive and statistically significamtelation with eviction and eviction filing rates.

However | found no relationship between the change in the share witigluschoobnd eviction or eviction filing

rates when controlledfor neighborhood characteristics or wHdanteracted my mease of changes in educational
attainmenwith original neighborhood educational status. This could be due to the possibilityethhéinge in the

share without &igh schooldegree does not capture gentrification the same way as does the changedrethe sh
without a bachelorOs degree. For example, the neighborhood change associated with influxes of residents with
bachelorOs degrees could constitute an entirely different kind of neighborhood change than one that decreases the
share without &igh schooldegree, and these two processes could have different relationships with eviction and
eviction filing rates! also estimate my main regressiarssng probability weighting basl on 2016 tract

populations, and the results of these regressionepoeted inAppendix 2. These results are broadly similar to my

main regression resultehen controlling for neighborhood characteristics, | find no relationship between my
measures of gentrification and rates of eviction or eviction filings for tracts overall. Mdowelo find a negative
relationship between my measures of gentrification and rates of eviction or eviction filings in tracts that were
originally low-income or had a high concentration of black residents.
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DISCUSSION

My results suggest thdtyr my overall samplethere is no relationship between my
various measures of gentrification and rates of eviction anti@vidings among census tracts
in Washington, DC. However, for tracts that were initially fmwomeor high-shareblack there
is a negative relationship betwemry gentrification proxies and my eviction measuidss
finding is somewhat surprising,\@n the literature on gentrificati@and displacement more
broadly.Previous stuigs have generally either foutitht there is10 relationship between
gentrification and displacement (Vigdor et al., 2002; Ellen & OORegan, 2010; Dragan et al.,
2019) orthatthere isa modest positive one (Newman & Wyly, 2006; Brummet & Reed, 2019).
However, the findings of this thesis should be compared to the literature with several caveats in
mind.

First, | do not restrict my sample itatially low-income census tractsnlike several
prominent studies of gentrification and displacement (Ellen & OORegan, 2010; Brummet &
Reed, 2019; Dragan et al, 2028Yhese studies conceptualize gentrification as a process that
can by definition only occur iariginally low-income trats. Thus, the authors compare initially
low-income tracts that gentrified to initially Ieimcome tracts that did not. My analysis, on the
other hand, estimates the relationship between gentrificatioavacttbn ratesicrossu// tracts in
the city, but interacts gentrification with each tractOs original income or-shatackresidents
status to determine whether this relationship is different for tracts that were originally low
versus highincome or that were originally lowersus higkshareblack. The fact that I did find
a relationship amontpese originally lower socioeconomic status neighborhaadsdid not for

originally higher socioeconomic statueighborhoods lends credence to the idea that low

%0 As previously mentioned, if | were to restrict my sample to trdetswere initially lowincome,using the
definition for Olow incomeO used in other studies in the literd@liea & OORegan, 2010; Brummet & Reed, 2019;
Richardson et al., 2019my sanple size would have dropped from 176 to 71 residential tracts.
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income and more black neighborhoods may expeeigifferent outcomefsom other
neighborhood& the wake of socioeconomic changes.

Second, the definitions of gentrification used in literature vary widely, and the one that |
use in this study may defim®meneighborhoods as gentrifying whereas othedies would not,
or vice versa. | define gentrification as a change in either income or the share of the population
that is blackThis approach allows nte capture two processes of neighborhood change that are
commonly associated with gentrificationfluxes of wealthy residents and of white residents
(Newman & Wyly, 2006). However, neighborhood change along these dimensions does not
necessarily constitute gentrification as it is popularly understpoen thatneighborhoods could
plausibly become higdr income and less black through mechanisms other than gentrification.
For example, my measure of change in the share black would not distinguish between two
hypothetical neighborhood®one originally almost entirely white, the other originally almost
enirely blackDthat experienced the same percerfagiat change in the share black ovey
periodof analysis While the demographic change that occurred in the latter neighborhood would
be closer taneeting the definition ofentrification, my independerariable would recorthe
two neighborhoods as having experienced equivalegtees othange.

Third, while | attempt to capture the phenomenon of gentrification using two different
independent variables, it is possible that these variables refledigiveet types of
neighborhood change. However, these two variables are closely relateddthaation
coefficient is-0.69. Thus, and igen the similarity between my results that focus on changes in
income and in the share bladkis likely that tends in these two variables measure sinoitar

processes of neighborhood change.
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Finally, my study is also limited by potential sources of omitted variable bias. Due to the
limited number of traetevel variables contained in my dataset, | am unable toaldor a
number of variables that could exert bias on my estimates. For example, while | control for
neighborhood unemployment rates, | do not control for the quality of jobs in a neighborhood.
This variable is likelyto bepositively correlated with thikelihood that a neighborhood will
becone whiter and more affluent and negatively correlated with eviction rates. However, there is
a question of precedence: if quality jobs are more likely to arrive in a neighborhood after an
influx of affluent peopleather than before, then job quality would be a mediating variable rather
than a source of bias. Literature on the question of whether people follow jobs or jobs follow
people is mixed (Hicks & Faulk, 2016; Hoogstra et al, 2017; stbye et al, 2018). Howehe
extent that people follow jobs, it is likely that the omission of job quality from my model exerts
downward bias on my estimates of the effect of neighborhood change. Other variablas, such
neighborhood amenities and distance from employersidnexert downward bias for similar
reasongalthough the same question would pertain here in terms of whether these variables are
mediators or sources of bia§jariables measuring access to Ohigh opportunityO areas, such as
distance from metro stations d@istance from the city center, are also likely to be positively
correlated with socioeconomic status and negatively correlated with eviction rates. In the
aggregate, then, it is likely that my estimate is downwardly biased to some extent, given these
omitted variables. As my estimated relationship is negative, this downward bias raises the
possibility that the true relationship between neighborhood socioeconomic increases and eviction
rates is zero agvenpositive. However, it is likely that these omitteariables are highly
correlated with the controls included in my modkar example, the quality of jobs in a

neighborhood is likely correlated with the unemployment rate. Therefore, | find it probable that
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the influence of omitted variable bias is tenguethrough the inclusion of other controls in my
model.

Anotherpotential source of bidas the possibility of spillover effects on a given census
tract from nearby tracts (Brummet & Reed, 2019). While census tracts are widely used as proxies
for neighbohoods in studies of gentrification, actual neighborhood boundaries do not necessarily
fall along tract lines. Additionally, residents of one tract may acces®jalsources in other
tracts.Thus,changes in one tract@smographic, economic, and housaigracteristicsnay spill
over to nearby tracts. For example, increases in job opportunities in a neighboring tract are likely
to be positively correlated with the likelihood thagigenneighborhood becomes whiter and
more affluent and negativelpaelated with eviction rate#\s such, the omission from my
analysis of a measure of employment in neighboring tracts li#ebexerts downward bias on
my estimate. This omission further raises the possibility that the true relationship between
gentrificatian and eviction rates is zero or positive. However, omitted variables from neighboring
tracts are likely correlated with conditions within tracts, so it is probable thathise of
downward bias ialsominimal.

These caveats aside, my findings are ssirg. | find thatoriginally low-income orhigh-
shareblackneighborhoods that experienced increases in income and decreases in the black share
of the populatiorexperiencediecreased rates of evictions and eviction filings. This finding is
contrary to vihat | hadhypothesizedt predictedthat increases in median income and decreases
in the black share of the population would be markers of displacement pressures, and that this
displacement would occur at least partially through higher evictions

There ae at least three immediate explanations as to why this finding differs from my

expectations. First, it is possible that increases in income and decreases in the share of the
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population that is black are not indicative of displaceraadinstead represenbluntary in

moves by affluent and white people and voluntaryroaves by loweincome and black people.
One piece of evidence in support of this supposition is the fact thabhémme people move

more frequently on average (Vigdor, 2002; Freeman & Bria@®04) Second, it is possible

that, when displacement did occur, it did not occur through the specific mechanism of eviction
(Desmond & Shollenberger, 2015). Third, it is possible that displacement occurred through the
mechanism of evictio(perhapsamong other¥ but that this displacement had already happened
by 2017, when evictions were measured in my data. Under this assumption, there could be tracts
that experienced large decreases in the share black and/or large increases in income,
accompanied bincreases in associated displacement through eviction, but dlsatrdctswere
Oemptied outO of lewcome residents at risk of eviction before 2017 and therefore actually
experienced lower eviction rates afterwards. A lack of eviction dataftieryears inmy period

of analysigs therefore a major limitation of this study, as | am consequently unable to test this
hypothesis. A more firgrained examiationof the way in which eviction rates change over

time as neighborhoods evolve is a promisangnue for further research.

Despite the limitations of this study, my findings do provide some evidence that
originally low-incomeor high-shareblackneighborhoods that experienced charg@amonly
associated with gentrification have lower subsequées iaf evictions and eviction filingas
compared to similar neighborhoods that experiencedst@sseconomic and demographic
change. This study thus contributes modestly to the body of literature challenging the widely
held notion that gentrification naes widespread displacemétibwever, given the ambiguity of

my findings it is unclear what their policy implications are.
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APPENDICES

Appendix A: Regression results for change in the share without a high school degree (2000

to 2012-2016)

Table Al: Eviction filing results for change in high school

Dependent variable: Eviction filing rate in 2017

1) 2) 3)
Pct. pt. @angein sharehigh school
(2000 to 20122016) -0.35%** 0.06 0.05
(0.13) (0.10) (0.18)
High sharehigh school 000 -4.50
(7.02)
Change-h.s. * High h.s. (2000) -0.14
(0.27)
Population(20122016 -0.00 -0.00
(0.00) (0.00)
Share black20122016) 36.48***  36.99***
(9.10) (9.39)
Share bachelor(20122016) -55.29***  .56.66***
(21.17) (21.29)
Median ircome(20122016) 0.00 0.00
(0.00) (0.00)
Share unemploye(®0122016) -5.47 -7.47
(43.20) (43.22)
Share in poverty2012-2016) 8.57 9.97
(20.64) (20.55)
Vacancy rat¢20122016) -24.12 -21.09
(22.77) (22.31)
Share rentef20122016) 21.66***  21.77**
(7.40) (7.82)
Median ren{20122016) 0.01** 0.01**
(0.00) (0.00)
Median housing valug€0122016) -0.00 -0.00
(0.00) (0.00)
F-statistic and p-value for joint hypothesis test” 0.13
(0.7138)
Constant 13.91%** -12.38 -1229
(2.09) (9.96) (10.93)
N 176 176 176
R 0.03 0.56 0.56

#HO0: p1(Change income) f2(Change income * Lovincome in 2000) =

Robust standard errors in parentheses.
*** p<0.01, ** p<0.05, * p<0.1

*!' A tract wasdefined as having original hidtigh school statu#f it was in the top 48 percentile for share without
a highschool degree. This definition mirrors the definitions for oribioa-income and higishareblack status that
| used in my main regressions.
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Table A2: Eviction results for change in high school

Dependent variable: Eviction rate in 2017

1) 2 3)
Pct. pt. change in share high school
(2000 to 20122016) 0.0209*+*  -0.0029 -0.0059
(0.0076) (0.0054) (0.0106)
High share high schogk000 -0.3399
(0.3878)
Change-h.s. * High h.s. (2000) -0.0083
(0.0146)
Population(20122016 0.0000 0.0000
(0.0000)  (0.0000)
Share black20122016) 1.8572%* 1,9064***
(0.4524) (0.4711)
Share bachelor(20122016) -1.0377 -1.1431
(0.9808) (0.9725)
Median incomg2012-2016) 0.0000***  0.0000***
(0.0000)  (0.0000)
Share unemploye(20122016) 4.6957**  4.5124*
(1.8316) (1.8789)
Share in poverty20122016) -0.7084 -0.5762
(0.9654)  (0.9893)
Vacancy rat€20122016) 1.1015 1.3781
(1.2625) (1.3641)
Shae renter(20122016) 0.7408* 0.7699*
(0.4194)  (0.4478)
Median ren{(20122016) 0.0003 0.0002
(0.0002)  (0.0002)
Median housing valug€0122016) 0.0000***  -0.0000**
(0.0000)  (0.0000)
F-statistic and p-value for joint hypothesis test” 1.21
(0.2728)
Constant 0.7447** -1.2998** -1.3450*
(0.1151) (0.6295) (0.6929)
N 176 176 176
R 0.03 0.58 0.58

#HO: p1(Change income) $2(Change income * Lovincome in 2000) = C

Robust standard errors in parentheses.
*** p<0.01, ** p<0.05, * p<0.1
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Appendix B: Main regression results with probability weighting

Table A3: Eviction filing results (weighted)

Dependent variable: Eviction filing rate in 2017

) 2) 3 4) ®) (6)
Percent change in income
(2000 to 20122019 -0.08*** -0.02 -0.02
(0.02) (0.01) (0.02)
Pct. pt. change in share black
(2000 to 20122016) 0.20*** 0.07 0.03
(0.07) (0.06) (0.07)
Low-income 000 12.15***
(4.25)
Change-income * Low-income (2000) 10.77*
(5.80)
High-shareblack 2000 -0.06*
(0.03)
Change-black * High-share-black (2000) 0.17
(0.13)
Population(20122016 -0.00 -0.00 -0.00 -0.00
(0.00) (0.00) (0.00) (0.00)
Share black20122016) 32.21%*  32.02*** 32.42%*  23.23***
(8.63) (8.54) (8.93) (8.45)
Share bachelor(20122016) 51.49** -46.08** 53.16%** 47.81***
(19.06) (18.11) (18.73)  (18.03)
Median incomg20122016) 0.00* 0.00** 0.00 0.00
(0.00) (0.00) (0.00) (0.00)
Share unemploye(20122016) 6.87 -17.23 6.92 -7.25
(40.34) (40.62) (40.46)  (41.33)
Share in poverty20122016) 11.34 2.37 8.16 9.10
(17.60) (17.70) (18.28) (18.08)
Vacancy rat€20122016) -30.83  -32.73* -30.58 -32.33
(19.64)  (19.33) (19.47)  (19.65)
Share rente(20122016) 18.75%*  13.73** 18.09***  15.35**
(6.55) (6.05) (6.45) (6.52)
Median ren{(20122016) 0.01** 0.01** 0.01** 0.01**
(0.00) (0.00) (0.00) (0.00)
Median housing valug€0122016) -0.00* -0.00** -0.00 -0.00
(0.00) (0.00) (0.00) (0.00)
F-statistic and p-value for joint
hypothesis test” 9.81***
(0.0020)
F-statistic and p-value for joint
hypothesis test” 3.28*
(0.0719)
Constant 20.40*** -8.04 -6.07  20.43*** -6.23 -1.84
(1.84) (9.46) (9.90) (2.17) (9.40) (9.61)
N 176 176 176 176 176 176
R® 0.06 0.57 0.60 0.03 0.57 0.58

#H0: p1(Change income) $2(Change income * Lovincome in 2000) = 0

® HO: B1(Change black) $2(Change black High-shareblackin 2000) = 0

Robust standard errors in parentlese
*** p<0.01, ** p<0.05, * p<0.1
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Table A4: Eviction results (weighted)

Dependent variable: Eviction rate in 2017

1) 2 3) 4) ®) (6)
Percent change in income
(2000 to 20122016) 0.0044*+*  -0.0006 0.0001
(0.0010) (0.0007) (0.0011)
Pct. pt. change in share black

(2000 to 20122016) 0.0140***  0.0053* 0.0027
(0.0042) (0.0030) (0.0031)
Low-income 2000 0.5352** 0.2523
(0.2500) (0.1768)
Change-income * Low-income
(2000) 0.6946**
(0.3234)
High-shareblack 2000 -0.0033**
(0.0016)
Change-black * Low-income
(2000) 0.0101
(0.0073)
Population(20122016 0.0000 0.0000 0.0000 0.0000
(0.0000)  (0.0000) (0.0000)  (0.0000)
Share black20122016) 1.7661** 1.7862*** 1.807**  1.2284***
(0.4492)  (0.4323) (0.4622)  (0.4273)
Share bachelor(20122016) -0.4839 -0.2367 -0.3121 0.0220
(0.9613)  (0.9793) (0.9143) (0.8698)
Median incomg20122016) 0.0000***  0.0000*** 0.0000**  0.0000*
(0.0000)  (0.0000) (0.0000)  (0.0000)
Share unemploye(20122016) 5.1482**  4.0323** 5.0487**  4.1402**
(1.7376)  (1.7508) (1.7447) (1.8341)
Share in poverty2012-2016) -0.4443 -0.7774 -0.6665 -0.6057
(0.8242)  (0.8628) (0.8381) (0.8234)
Vacancy rat¢20122016) 0.5011 0.4459 0.4622 0.3357
(1.1550) (1.1560) (1.12297) (1.1399)
Share rentef20122016) 0.6130* 0.3927 0.6164* 0.4281
(0.3619)  (0.3595) (0.3584) (0.3670)
Median ren{(20122016) 0.0003*  0.0004** 0.0004* 0.0003
(0.0002)  (0.0002) (0.0002) (0.002)
Median housing valug012
2016) -0.000***  -0.000*** -0.00***  -0.0000**
(0.00m) (0.0000) (0.0000)  (0.0000)
F-statistic and p-value for joint
hypothesis test” 6.01**
(0.0152)
F-statistic and p-value for joint
hypothesis test” 4.62**
(0.0330)
Constant 1.1343** -1.2281** -1.2043** 1.2966*** 1.2876** -1.0739
(0.1052) (0.5872) (0.5920) (0.1326) (0.6422) (0.6616)
N 176 176 176 176 176 176
R® 0.06 0.58 0.60 0.04 0.58 0.60

#HO: f1(Change income) $2(Change incom * Low-income in 2000) = 0

® HO: B1(Change black) $2(Change black High-shareblackin 2000) = 0

Robust standard errors in parentheses.
*** p<0.01, ** p<0.05, *p<0.1

38



WORKS CITED

Brown-Saracino, Japonica, and Cesraea Rumpf. (‘)Divergerlileaof Gentrification: Evidence
from Newspaper Coverage in Seven U.s. Cities, Z888%.Qournal of Urban Affairs
33, no. 3 (August 2011): 28815.https://doi.org/10.1111/].1469906.201100552.x

Brummet, Quentin, and Davin Reed. OThe Effects of Gentrification on thé3@iied) and
Opportunity of Original Resident Adults and Children.O Working paper (Federal Reserve
Bank of Philadelphia). Federal Reserve Bank of Philadelphia, 0a.2
https://doi.org/10.21799/frbp.wp.2019.30

Chan, Corey. ODistrict of Change: Gentrification and Demographic Trends in Washington, D.C.O
Chicago Policy Review (Online); Chicago, August 25, 208.
https://search.proquest.com/pais/docview/1813979264/abstract/8D9C1A12694E4F36PQ/
1.

Chetty, Raj, Nathaniel Hendren, and Lawrence F. Katz. OThe EffectpasiEe to Better
Neighborhoods on Children: New Evidence from the Moving to Opportunity
Experiment.@merican Economic Review 106, no. 4 (April 2016): 8FD02.
https://doi.org/10.1257/aer.20150572

Cdllinson, Robert, and Davin Reed. OThe Effects of Evictions onlhomme Households,O
2018, 82.

Crane, Maureen, and Anthony M. Warnes. OEvictions and Prolonged Homeleg&nessgO
Studies 15, no. 5 (September 2000): E¥B.

OD.C. Law Library D.C. Act 22426. Eviction Procedure Reform Emergency Amendment Act
of 2018.0 Accessed December 8, 201i9s://code.dccouncil.us/dc/council/acts/22
426.html

OD.C. Law Library a 4201904.08. Conversion Condominiums; Additional Contents of Public
Offering Statement; Notice of Intent to Convert; TenantOs and SubtenantOs Right to
Purchase; Notice to Vacate.O Accessed December 8, 2019.
https://code.dccouncil.us/dc/council/code/sectiondd@4.08.html

OD.C. Law Library & 4288404.02. Tenant Opportunity to Purchase; OSale® Defined.O Accessed
October 29, 201Sttps://code.dccouncil.us/dc/council/code/section§424.02.html

OD.C. Law Library D.C. Law 22223. Vacancy Increase Reform Amendment Act of 2018.0
Accessed October 29, 2019tps://code.dccouncil.us/dc/council/laws/223.html

Desmond, Matthew. OEviction and the Reproduction of Urban Povéwiyifdan Journal of
Sociology 118, no. 1 (2012): &A33.

39



Desmond, Matthew, and Carl GershengdHousing and Employment Insecurity among the
Working Poor.Qocial Problems 63, no. 1 (February 2016): 867 .
https://doi.org/10.1093/socpro/spv025

Desmond, Matthew, and Carl Gershenson. QWho Grted? Assessing Individual,
Neighborhood, and Network Factors,O 2016, 16.

Desmond, Matthew, and Rachel Tolbert Kimbro. OEvictionOs Fallout: Housing, Hardship, and
Health.Qocial Forces 94, no. 1 (2015): 2¥824.

Desmond, Matthew, and Tracey Shoberger. OForced Displacement from Rental Housing:
Prevalence and Neighborhood Consequené&siography 52, no. 5 (2015): 17%1
1772.

Ding, Lei, Jackelyn Hwang, and Eileen Divringi. OGentrification and Residential Mobility in
Philadelphia.@ederal Reserve Bank of Philadelphia, October 2015, 28.

Dragan, Kacie, Ingrid Ellen, and Sherry Glied. ODoes Gentrification Displace Poor Children?
New Evidence from New York City Medicaid Data.O Cambridge, MA: National Bureau
of Economic Research, May 2018tps://doi.org/10.3386/w25809

Ellen, Ingrid Gould and Katherine M. OORegan. September, 2010., OHow Low Income
Neighborhoods Change: Entry, Exit and Enhancement,O 32.

Eviction Lab. ONational Estimates: EvictiamAmerica.O Eviction Lab. Accessed October 3,
2019.https://evictionlab.org/nationastimates/

Freeman, Lance. 2005. ODisplacement or Succession? Residential Mobility in Gentrifying
Neightorhoods.O Urban Affairs Review 40 (4): 83.
doi:10.1177/1078087404273341.

Freeman, Lance, and Frank Braconi. OGentrification and Displacement: New York City in the

1990s.Qlmerican Planning Association. Journal of the American Planning Association;
Chicago 70, no. 1 (Winter 2004): E52. http://dx.doi.org/10.1080/01944360408976337

Freemark, Yonah. 2019. OUpzoping Chicago: Impacts of a Zoning Reform on Property Values
and Housing Construcin.O Urban Affairs Review, January, 1078087418824672.
https://doi.org/10.1177/1078087418824672

Hicks, Michael J, and Dagney Faulk. OWhat Comes First, People or Jobs: Evidence and Lessons
for Indiana,O (January 21, 2016): 7.

Hoogstra, Gerke J., Jouke van Dijk, and Raymond J. G. M. Florax. ODo Jobs Follow People or
People Follow Jobs? A Metanalysis of Carlin@Mills Studies.8patial Economic
Analysis 12, no. 4 (October 2, 2017): 3578.
https://doi.org/10.1080/17421772.2017.1340663

40



Hwang, Jackelyn, and Robert J. Sampson. ODivergent Pathways of Gentrification: Racial
Inequality and the Social Order of Renewal in Chicago Neighborhadas:@:an
Sociological Review 79, no. 4 (August 2014): 7261.
https://doi.org/10.1177/0003122414535774

Jackson, Jonathan. OThe Consequences of Gentrification for Racial Change in Washington, DC.O
Housing Policy Debate 25, no. 2 (April 3, 2015): 3%¥3.
https://doi.org/10.1080/10511482.2014.921.221

Ludwig, Jens, Greg J. Duncan, Lisa A. Gennetian, Lawrence F. Katz, Ronald C. Kesslgr, Jeffre
R. Kling, and Lisa SanbonmatsiNéghborhood Effects on the Loffgerm WellBeing
of Low-Income AdultsOScience (New York, N.Y.) 337, no. 6101 (September 21, 2012):
15091 0. https://doi.org/10.1126cience.1224648

McCabe, Brian; Rosen, Eva; Piselikas. OEviction Filings in Washington D.C.O Georgetown
University. (September 30, 2019).

Newman, Kathe, and Elvin K. Wyly. OThe Right to Stay Put, Revisited: Gentrification and
Resistance to Disptement in New York City.Orban Studies 43, no. 1 (January 2006):
23E67.

NYU Furman Center. OFocus on Gentrification.O (June 2016).
“stbye, Stein, Mikko Moilanen, Hannu Tervo, and Olle Westerlund. OThe Creative Class: Do

JobsFollow People or Do PeaplFollow Jobs?®Regional Studies 52, no. 6 (June 3, 2018):
74565. https://doi.org/10.1080/00343404.2016.1254765

O'Toole, Aaron W., and Benita Jones. OTenant Purchase Laws as a Tool fabiéfetousing
Preservation: The D.C. Experiencéornal of Affordable Housing & Community
Development Law, vol. 18, no. 4, 2009, pp. 36388./STOR,
www.jstor.org/stable/25782856. Accessed 6 Apr. 2020.

Richardson, Jason, Bruno Mitchell, and Juan Fra@élhifting Neighborhoods: Gentrification
and Cultural Displacement in American CitieNddonal Community Reinvestment
Coalition, 2019.

Vigdor, Jacob L., Douglas S. Massey, and Alice M. Rivlin. ODoes Gentrification Harm the Poor?
[With Comments].Brookings-Wharton Papers on Urban Affairs, 2002, 13882.

Zuk, Miriam, Ariel H. Bierbaum, Karen Chapple, Karolina Gorskal Anastasia
LoukaitouSideris.OGentrification, Displacement, and the Role of Public Investment.O
Journal of Planning Literature 33, no. 1(February 1, 2018): I44.
https://doi.org/10.1177/0885412217716439

41



