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ABSTRACT 

 
As the global energy transition continues to accelerate, the drivers behind the adoption, or lack 

thereof, of renewable energy are key to understanding if important climate goals will be met. 

While renewable energy has clear environmental benefits, the introduction of any new power 

plant leaves particular cohorts with increased costs. Renewable sources of energy, including 

wind power, have the highest usage of land per capita for energy sources, and have been linked 

to adverse spillover effects when they enter into a new community. Using 2018 survey data on 

American opinions on climate change, my regression results show that having localized wind 

power does not have a negative effect on local attitudes on climate change and renewable energy. 

A better predictor for belief in climate change and support for additional funding for renewable 

energy is found to be political affiliations. From a policy perspective, these insights indicate that 

political attitudes and ideologies might be a salient factor driving the support of renewable 

energy.  
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Introduction 
 

Despite political gridlock in America over what should be done to address climate 

change, the vast majority of Americans both believe that climate change is in fact happening, and 

that the United States should fund research into renewable energy. Indeed, a 2018 article 

published in “Nature Climate Change” modeled these attitudes across the entire United States 

and found that a resounding 70% of Americans believe that climate change is occurring, with 

85% of Americans supporting additional funding into renewable energy research (Howe 2015). 

As such, the disparity between strong support for accelerating the American energy 

transition and our policymakers’ positions on initiatives that support the growth of renewable 

energy is one of the most confounding areas of American policy today. Why, despite resounding 

public support for renewable energy, and widespread agreement that climate change is in fact 

happening, do we not see more widespread support for policies that spur renewable energy 

development at the necessary scale, and a faster movement towards an energy transition that will 

avert the worst effects of climate change? There are many stories one might tell to account for 

this disparity (Sherren 2019, Olson-Hazboun 2018, Warshaw 2017) – including the effect that 

special interest money has in our politics (Brulle 2017), or the way that climate change reporting 

challenges traditional media models (Boykoff 2007).  

In an attempt to better understand social attitudes towards renewable energy, many 

scholars have looked at whether general support for renewable energy might be tempered for 

individuals when renewable energy is in their local community (Sherren 2019, Schively 2007).  

This idea, known as the “Not In My Back Yard,” or NIMBY, principle evaluates whether, in this 

context, renewable energy like wind turbines may have spillovers that change attitudes when 

they are nearby.  
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In this study I will be evaluating the way commercial wind projects have less predictable 

effects. These effects can even be spatial, as sources of renewable energy have at times been 

shown to have particular effects on communities and households which are closest in proximity 

to these projects (Sherren 2019, Olson-Hazboun 2016, Jacquet 2012). My research question will 

evaluate if localized wind projects have effects on the climate opinions of the counties in which 

they exist. Additionally, we will evaluate if other factors, like political affiliations, are better 

predictors for county-level climate opinions.  

Recently, there has been a growing field of study on potential spillover effects of 

renewable energy sources, but as it is such a nascent field, those effects are still imprecisely 

estimated. Previous studies have demonstrated that wind turbines, large structures that protrude 

from the sky and are easily noticeable by local communities, can negatively impact opinions and 

behaviors surrounding renewable energy (Stokes 2016, Swofford 2010, van der Horst 2007). 

Other credible studies have alternatively found a positive NIMBY effect from local wind 

projects on renewable energy or climate opinions, or no effect at all (Olson-Hazboun 2016, 

Jacquet 2012, Wolsink 2000, Krohn 1999, Lee 1989). Based on the existing literature and the 

scope of my research, I hypothesize that there will be no significant link between counties in the 

United States with commercial wind projects and county-level attitudes surrounding climate 

change or renewable energy. With the majority of installed commercial wind power in the 

United States in politically conservative Midwestern or Southern states, existence of a wind 

project is not likely to be a strong predictor for climate and renewable energy opinions 

(Appendix A) (Cutler 2020, US DOE 2019, Florida 2017, Wing 2010). Instead, I theorize that 

political affiliations will be a better predictor for attitudes surrounding climate change and 

renewable energy. This is in line with a growing field of evidence that suggests that demographic 
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factors are less deterministic for climate and renewable energy opinions (Olson-Hazboun 2018, 

Hornsey 2016). For instance, in a meta-analysis of studies on belief in climate change Hornsey 

found that variables like gender, age, sex and race have little relevance in determining belief in 

climate change (Hornsey 2016). Instead, factors like political affiliation, ideology or exposure to 

classic, extractive energy industries are found to be better predictors for explaining the variation 

of these attitudes (Funk 2019, Olson-Hazboun 2018, Hornsey 2016).  

My research uses newly modeled survey data from the Yale Program on Climate Change 

Communication from 2018 to look at how various factors affect county-level opinions on climate 

change and renewable energy. First, I used United States Geological Survey commercial wind 

data to look at the spatial relationship between commercial wind projects in the United States 

and climate and renewable energy attitudes. Next, I use data from the 2016 Presidential election 

to evaluate the relationship between support for Hillary Clinton and these same attitudes.  

Using a multilevel OLS model, I find no significant correlation between counties that 

have commercial wind turbines and climate and renewable energy opinions. Instead, I find 

support for Hillary Clinton in the 2016 Presidential Election to be a better predictor for these 

opinions. Our results indicate that partisanship and political affiliation is a contributing factor for 

climate and renewable opinions. As such, policymakers advocating for increased climate action 

might be less concerned about the potential for negative spillovers from a new wind energy 

project, and more considerate of the political dynamics that may affect these opinions, including 

political leadership and clear climate messaging.    
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Literature and Theoretical Considerations 
 

The global energy transition that is already underway will require the construction of 

hundreds of new power plants, of various sources, in the coming decades (Brouwer 2015, Breyer 

2018, Ansolabehere 2009). Many of these power plants will be for renewable energy like solar 

and wind, which per capita require more land than traditional energy sources like coal or natural 

gas (Carley 2009). There have been various studies that have set out to identify potential 

spillover effects of wind turbines in various contexts (Stokes 2016).  

As such, many studies have hypothesized that hundred-foot tall structures like wind 

turbines may not go unnoticed in local communities and have tried to identify the channels 

through which these effects might operate (Stokes 2016, Jacquet 2012, Wolsink 2000, Krohn 

1999). Several studies have looked at voting patterns, and whether the potential, or 

implementation, of new climate-centered policies affects voting behaviors (Stokes 2016, 

Warshaw 2017, Vandeweerdt 2015). 

One study found a correlation between wind turbines being developed in specific districts 

in Ontario, and subsequent voting that punished incumbent politicians who were in power in 

these districts at the time of the development (Stokes 2016). The paper identifies a statistically 

significant effect from both proposed and existing wind projects, and argues for the existence of 

a spatially-determined NIMBY effect, in that communities specifically 3 kilometers or closer 

from a wind turbine tended to punish incumbent politicians (Stokes 2016). 

Other studies have also found no credible evidence of a NIMBY effect resulting from a 

spatial proximity to turbines (Wolsink 2000). In a study of three major planned wind farms in the 
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Netherlands, Wolsink took survey data to identify respondents who had positive attitudes 

towards wind turbines but resistance to localized wind projects resulting from a view of the 

individualized costs associated with such projects. With this definition of NIMBYism in mind, 

Wolsink found that only 4% of respondents fit this profile of general support but discrete 

resistance when wind farms were proposed in their own locale. As such, Wolsink argues that 

support for wind power has no correlation to a spatial relationship with any particular project 

(Wolsink 2000). 

Beyond rejecting the concept of a NIMBY effect with wind projects, other studies have, 

similar to Krohn, identified a positive relationship between local wind projects and general 

attitudes towards wind energy. Jacquet polled communities before and after new, extensive wind 

projects were implemented in northern Pennsylvania. As these wind farms were developed, 

attitudes towards the projects began to improve, demonstrating the potential for growing positive 

sentiments towards local wind projects as the effects of the projects are more acutely felt 

(Jacquet 2012). 

Others have tried to identify ways in which local wind projects might affect generalized 

support of wind energy, or specific wind projects themselves pre- and post-implementation 

(Jacquet 2012, Wolsink 2000, Krohn 1999, Lee 1989). In a study on a Denmark town with a high 

concentration of wind turbines, Krohn finds that residents who are likely to see a high number of 

turbines on a daily basis tend to be more positive about wind turbines than residents who are 

likely to see a small amount of turbines (Krohn 1999). As such, Krohn concludes that the number 

of wind turbines in a given locale should not have any negative impact on resident’s views 

towards wind energy. 
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I have several hypotheses that I will be testing using survey data responses from several 

questions that I will use as my outcomes of interest. Using the Yale Climate Communications 

data that for the first time reliably models, at the county level, opinions surrounding renewable 

energy and climate change, I will create a model that contributes to the vast literature around the 

potential NIMBY effects of wind turbines. While there is in fact a significant literature that has 

studied the potential NIMBY effects of wind power (whether the presence of wind turbines in a 

given locale changes perceptions of renewable energy or changes voting patterns) (Stokes 2016, 

Jacquet 2012, Wolsink 2000, Krohn 1999), there has not been a comprehensive study done on 

these effects in the United States in total. The effects of wind power in a given locale has been 

shown to have positive, negative, and no NIMBY effects, depending on the study and relevant 

data set.  

Based on the empirical research in this field, I hypothesize that in the US there will be no 

significant correlation between the presence of localized wind turbines and county-level 

responses to the survey questions I will be looking at, “Is global warming happening?”, and 

“Should the US fund research into renewable energy sources?”  Though the empirical research is 

notably split on the existence of the relationship I will be estimating, I expect given the literature 

that the existence of a commercial wind project in a county will not be a good predictor for 

climate and renewable energy opinions.  With the vast majority of installed commercial wind 

capacity in politically conservative, in-land states, I expect existence of a wind project to be an 

ineffective predictor for climate and renewable energy opinions (Cutler 2020, US DOE 2019, 

Wing 2010). Instead, I expect that political affiliation will be a better predictor for climate and 

renewable energy opinions, with focused climate messaging and strong political leadership being 

potentially important tools for influencing climate and renewable energy opinions.  This is in line 
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with a growing field of evidence that suggests that demographic factors are less deterministic for 

climate and renewable energy opinions (Olson-Hazboun 2018, Hornsey 2016). Instead, factors 

like political affiliation and ideology are found to be better predictors for explaining the variation 

of these attitudes  (Funk 2019, Olson-Hazboun 2018, Hornsey 2016).  

Data 

I will be synthesizing four separate datasets to run my models. First, I will be using the 

United States Wind Turbine Database, which is provided and maintained by the United States 

Department of the Interior, specifically through the US Geological Survey. This dataset has 24 

variables associated with every wind turbine project existing in the United States, ranging from 

1981-2019. For my models, I will be using data points around number of turbines, as well as an 

indicator variable demonstrating whether or not a particular county has any commercial wind 

turbines.   

The next dataset is from the Yale Center on Climate Change Communications and is 

comprised of survey data taken in 2018 featuring responses to a number of questions around 

climate change and renewable energy. As dependent variables in my models, I will be using the 

responses to the survey questions:  

“Do you believe Global Warming is happening?”  

“Should the US fund research into renewable energy?”  

My use of Howe’s 2015 spatial analysis of climate and renewable energy opinions, which is 

modeled using the Yale Center on Climate Change Communications data, follows adjacent 
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studies that similarly use this model for understanding regional climate opinions including 

Olson-Hazboun in 2018, Warshaw in 2017, and Vandeweerdt in 2016. 

The next data set I will be using is the American Consumer Survey 2017. This dataset has 

551 variables, delineated at the County level, including variables of interest such as “Percent 

Employed” and “Mean Income”. This particular ACS is the 5-year estimates for 2017, meaning 

that the data is collected from 2013-2017 and then aggregated for single estimates for each 

variable. These variables will be used as controls in my model. 

Finally, I will be using a data set that identifies the percentage of support for each 

Presidential candidate by county in the 2016 election. This data set will be used in my model 

where I look at the relationship between support for Hillary Clinton, and outcomes in my 

dependent variable, survey data questions pertaining to belief in climate change and support for 

funding of renewable energy.  

Methods 

I will be using an OLS model to estimate the potential correlation between my variable of 

interest, an indicator variable that will be turned on when a county does in fact have wind 

turbines locally, and three separate outcomes of interest. To arrive at my final dataset, I match 

each survey respondent to a county and thus the wind turbines.  
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Greek: Model Description  

𝑌" = 𝛽% + 𝛽',"𝑋'," + 𝛽*," +𝑍*," + 𝛿 + 𝜀"

/

*01

 

where Yi is survey data responses to the above questions 

𝛽'," is an indicator variable for commercial wind power in a county in Tables 1 & 

2.  𝛽'," is a percentage of support for Hillary Clinton in the 2016 Presidential 

election in Tables 3 & 4. 

 

∑ 𝑍*,"/
*01  is a vector of control variables which includes a log of employment 

levels in a county and a log of income levels in a county  

𝛿 is a control for state fixed effects 

 

Controlling for employment and income outcomes is important, as these factors might 

drive climate change attitudes (Hornsey 2016). Though the effects were found to be small, in a 

meta-analysis of studies focusing on belief in climate change, Hornsey found a statistically 

significant relationship between income levels and belief in climate change (Hornsey 2016). 

Furthermore, I control for state fixed effects to account for state specific characteristics – such as 

native industries and local political messaging – that may bias results (Stock and Watson 2020).  

Data sets were merged to create a master file with survey data, wind data, demographic 

data, and Presidential voting data. My data set was collapsed at the county level to aggregate the 

relevant variables. In the merging process, some data was incongruous and therefore omitted 

from the final data set. Data from Alaska is not included in this analysis. Data from the cities of 

Baltimore (Maryland), St. Louis City (Missouri), Fairfax City (Virginia), Franklin City 
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(Virginia), Richmond (Virginia) and Roanoke (Virginia) were not included in the final analysis. I 

report the descriptive statistics for all variables in the supplementary Appendix B.   

 
Results and Discussion 
 

There has been significant research in the energy field into the concept of NIMBYism. 

Specifically, much of the research has focused on whether energy structures affect local opinions 

or actions, and if so, how. As the global energy transformation sees the construction of thousands 

of new energy projects worldwide, it is important to understand the ancillary effects of these new 

structures. 

My research uses newly modeled data from the Yale Program on Climate Change 

Communication to look at the spatial relationship between wind projects and attitudes on 

important climate questions. As this data for the first time attempts to accurately model attitudes 

on climate change at the county level in the United States, it will be easier to identify the spatial 

relationship between close proximity to wind projects and attitudes on climate change and 

renewable energy. 

For all of our models, the standard errors were clustered at the county level. Additionally, 

each model controlled for a log of a county’s employment level, a log of a county’s income plus 

benefits levels, as well as state fixed effects. As such, we identified the variation between 

counties as opposed to differences between individuals within each county. 

Table 1 features the analysis concerning the relationship between having any commercial 

wind turbines in a given county and belief that climate change is happening.   
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Table 1: Relationship between the existence of wind turbines and belief in climate change 
 

 (1) (2) (3) (4) 
VARIABLES Model 1 Model 2 Model 3 Model 4 
     
Wind 0.936*** 0.961*** 0.608*** -0.0823 
 (0.258) (0.225) (0.233) (0.204) 
Employment, log  1.535*** 1.281*** 1.431*** 
  (0.0719) (0.0754) (0.0847) 
Income, log   4.171*** -0.0186 
   (0.594) (0.638) 
Constant 63.77*** 48.35*** 4.846 51.46*** 
 (0.116) (0.735) (6.286) (6.868) 
State FE No No No Yes 
     
Observations 3,135 3,135 3,135 3,135 
R-squared 0.004 0.157 0.177 0.436 
     

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 

 
 

In a simple bivariate regression in Model 1, we see that there is a positive, statistically 

significant correlation between having any commercial scale wind turbines in a given county and 

belief that climate change is happening. Once we control for additional factors like a log of 

county employment rate, log of income and benefits, and state fixed effects, the statistical 

significance of the correlation disappears. As such, it does not appear that there is any 

statistically discernible difference, in terms of belief in climate change, between counties that 

have commercial wind farms, and those that do not.  

This change in significance after adding state fixed effects into the model is not 

surprising. There is a significant literature highlighting how in-land states, where the majority of 

commercial wind turbines are located, are more politically conservative than coastal states in the 

United States (Appendix A) (Cutler 2020, US DOE 2019, Florida 2017, Wing 2010). As political 

affiliations are found to be deterministic of climate and renewable energy opinions, these state 
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fixed effects are likely picking up the effect of the political composition where many commercial 

wind turbines are located (Olson-Hazboun 2018, Hornsey 2016). 

In Table 1, we examined the relationship between localized commercial wind turbines 

and belief that climate change is occurring. While a statistically significant relationship was 

identified in an initial multivariate regression, when adding in controls for state fixed effects, the 

significance of this relationship disappears. Table 1 shows that when controlling for variation 

between states, as well as important county-level controls, existence of commercial wind 

turbines in a county is not a good predictor for belief that climate change is occurring.  

This result could stem from a number of factors. First, commercial wind sites are a 

product, among other factors, of an area’s wind capacity. If a particular area does not have high 

wind capacity, it is excluded from the potential of having a commercial wind turbine sited in that 

area. As such, wind turbines are often sited in more rural areas, with high wind capacity, space 

for large structures, and often strong Republican political support. As we will evaluate in Tables 

3 & 4, this political affiliation is a good predictor for climate and renewable energy opinions. 

Table 1 indicates that there is likely no effect on belief in climate change in aggregate at 

the county level when there is commercial wind farm in that county. The presence of commercial 

wind farms in a county is not a good predictor of climate opinions. Other factors, such as 

political affiliation and income are found to be better predictors.  

In Table 2 we are evaluating the relationship between having any commercial wind 

turbines in a given county and support for additional funding for renewable energy.    
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Table 2: Relationship between the existence of wind turbines and support for funding renewable energy 
 

 Model (1) Model (2) Model (3) Model (4) 
VARIABLES     
     
Wind 0.529*** 0.538*** 0.255** -0.122 
 (0.116) (0.106) (0.106) (0.0743) 
Employment, log  0.548*** 0.344*** 0.443*** 
  (0.0304) (0.0317) (0.0303) 
Income, log   3.351*** 1.080*** 
   (0.212) (0.212) 
State FE No No No Yes 
      
Constant 82.51*** 77.00*** 42.05*** 67.23*** 
 (0.0482) (0.311) (2.211) (2.431) 
     
Observations 3,135 3,135 3,135 3,135 
R-squared 0.007 0.115 0.190 0.626 
     

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 

 
 

Table 2 takes the same form as Table 1, except we change the dependent variable from 

belief that climate change is occurring to support for funding into additional renewable energy 

sources. Table 2 has the same independent variable of interest and controls as Table 1, with 

standard errors clustered at the county level. Table 2 finds that the presence of commercial wind 

farms is not a good predictor for support for funding additional research into renewable energy. 

Similar to in Table 1, we see that the statistically significant relationship we observe in a 

bivariate regression, or even a simplified version of our final multivariate regression, is nullified 

by the inclusion of state fixed effects. As such, similar to our finding in Table 1, we do not 

believe there to be a statistically significant correlation between having commercial wind farms 

in a given county, and county-wide support for funding into renewable energy.   
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 Additionally, Table 2 is our check for any signs of a NIMBY effect. While other research 

has found both a positive and negative NIMBY effect from localized renewable energy projects, 

Table 2 adds to the growing literature that does not find any NIMBY effect from localized 

renewable energy projects. Indeed, Table 2 shows that there is no effect on support for funding 

for renewable energy from having localized commercial wind turbines in your county. As such, 

it seems that despite commercial wind turbines being large structures, easily noticeable by any 

citizen who has them in their county, the presence of these structures does not seem to affect 

generalized support at the county level for renewable energy. While other research has found 

evidence of a NIMBY effect at shorter distances, in the United States there does not appear to be 

any effect at the county level. 

In Table 2, there appears to be evidence that a log of a county’s income level is 

correlated, at a 99% confidence level, with support for funding additional research into 

renewable energy. A 10% increase in a county’s income level is associated with a 10.8% 

increase in support for funding additional research into renewable energy. This finding is in line 

with a meta-analysis of twenty-three studies on belief in climate change, which found a 

significant, positive correlation between income and a greater belief in climate change (Hornsey 

2016).  

In Table 3, I am evaluating the relationship between support at the county level for 

Hillary Clinton in the 2016 Presidential election and belief that climate change is happening.   
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Table 3: Relationship between support for Hillary Clinton in the 2016 election and belief in climate change 
 

 Model (1) Model (2) Model (3) Model (4) 
VARIABLES     
     
Percent HRC 0.332*** 0.337*** 0.341*** 0.329*** 
 (0.00402) (0.00500) (0.00428) (0.00425) 
Employment, log  -0.109** -0.425*** -0.0988** 
  (0.0497) (0.0463) (0.0473) 
Income, log   4.735*** 2.644*** 
   (0.230) (0.255) 
State FE No No No Yes 
      
Constant 53.43*** 54.36*** 5.074** 24.42*** 
 (0.134) (0.439) (2.425) (2.726) 
     
Observations 3,105 3,105 3,105 3,105 
R-squared 0.757 0.757 0.785 0.844 
     

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 

 
Table 3 is a departure from Models 1 and 2. Instead of using the existence of commercial 

wind farms as our variable of interest, we instead look at how counties voted in the 2016 

Presidential Election, and if that is a good predictor for our dependent variables. In Table 3, we 

look at the relationship between a county’s level of support for Hillary Clinton in the 2016 

Presidential Election, and belief that climate change is occurring. Here, even as we control for 

employment levels, income and benefit levels, and state fixed effects, we find a statistically 

significant, positive correlation between support for Hillary Clinton in 2016 and belief in climate 

change. Support for Hillary Clinton in 2016 appears to be a strong predictor for belief in climate 

change, with a 99% confidence level.  Our model shows that a 10% increase in Hillary support in 

any given county is associated with a 3.2% increase in belief that climate change is happening. 

As such, it appears that political support for Hillary Clinton in the 2016 election was a 

strong indicator for belief in climate change. There are many potential explanations for this 
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correlation. One likely explanation is that belief in climate change is correlated with other beliefs 

that lead to support of Democratic political positions. Another explanation could be that Hillary 

Clinton had a particularly resonant climate platform, or Donald Trump had a particularly weak 

one, or both, that led voters to a correlation between support for Hillary Clinton and belief in 

climate change. Ultimately Table 3, in conjunction with Table 1, implies that political 

affiliations, and not secondary factors like nearby renewable energy projects, are good predictors 

for belief in climate change. 

Table 4 features the results when analyzing the relationship between support at the 

county level for Hillary Clinton in the 2016 Presidential election and support for additional 

funding for renewable energy.    

Table 4: Relationship between support for Hillary Clinton in the 2016 election and support for funding 
renewable energy 

 
 Model (1) Model (2) Model (3) Model (4) 
VARIABLES     
     
Percent HRC 0.110*** 0.110*** 0.112*** 0.0993*** 
 (0.00267) (0.00332) (0.00268) (0.00190) 
Employment, log  0.00923 -0.234*** -0.0193 
  (0.0312) (0.0292) (0.0224) 
Income, log   3.645*** 1.877*** 
   (0.147) (0.113) 
State FE No No No Yes 
      
Constant 79.13*** 79.05*** 41.11*** 59.13*** 
 (0.0869) (0.271) (1.524) (1.261) 
     
Observations 3,105 3,105 3,105 3,105 
R-squared 0.457 0.457 0.545 0.832 
     

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 

 

Table 4, similar to Table 3, uses support for Hillary Clinton in the 2016 Presidential 

Election as the independent variable of interest. In Table 4, instead of looking at climate beliefs, 
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we are examining the relationship between support for Hillary Clinton in 2016 and support for 

the funding of additional renewable energy sources. Similar to our results in Table 3, we find a 

strong, statistically significant, positive relationship, at the 99% confidence level, between 

support for Hillary Clinton in 2016 and support for additional funding for new renewable energy 

sources. My model shows that a 10% increase in Hillary support in any given county is 

associated with a 1.0% increase in support for the funding of new renewable energy sources.  

This result is not surprising, as concern over climate change and support for increased 

federal action in response to climate change is often split on partisan lines, with strong support 

from the Democratic party (Funk 2019, Olson-Hazboun 2018). As a result, I would expect that 

supporters of the Democratic presidential candidate would also support policies representative of 

strong Democratic party positions, including support for the additional funding of renewable 

energy.  

 
Limitations 
 

In discussing the aforementioned results, I will discuss the limitations of these analyses. 

While other studies have looked at the relationship between renewable energy structures at the 

very local level and support for renewable energy, my results look at this relationship from a 

further distance, namely at the county level. While my results attempt to explain the relationship 

between having commercial wind turbines in a given county and opinions on renewable energy 

and climate change, they do not evaluate the relationship between the existence of very local 

renewable energy projects and energy or climate opinions (Sherren 2019, Stokes 2016, Olson-

Hazboun 2016, Jacquet 2012, Swofford 2009). As such, the discrete effects of having a large, 

renewable energy project 3 kilometers or closer to your home, for example, are not evaluated.  
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 Additionally, my models do not evaluate the methods that determine where commercial 

wind turbines are sited. My models do evaluate if the presence of commercial wind turbines is a 

good predictor for climate and renewable energy opinions, but I do not inversely evaluate if 

climate or energy opinions are a good predictor for where commercial wind turbines exist in the 

United States. This is an important distinction, as there is a significant literature that discusses 

how renewable energy projects get sited, to which this paper does not belong.    

Similarly, while my models evaluate the relationship between support for Hillary Clinton 

in 2016 and climate and renewable energy opinions, these results cannot be extrapolated to make 

conclusions around whether climate and renewable opinions are a good predictor for support for 

Hillary Clinton.  

 
Conclusion 
 
 There has been much discussion in the climate community about the energy 

transformation that is taking place, and how to most effectively navigate this transformation to 

avoid the most serious potential ramifications of climate change (Funk 2019, Brulle 2018, 

Warshaw 2017, Hornsey 2016). Renewable energy will play a substantial role in this 

transformation, and so it is important to understand the barriers and effects to renewable energy 

adoption. While renewable energy has clear environmental benefits, there are costs associated 

with the introduction of any new power generation source – renewable energy included. As 

renewable energy sources take up more space per capita than traditional energy sources, many 

studies have tried to identify potential spillover effects associated with the implementation of 

new renewable energy projects (Carley 2009). As such, many studies have attempted to 

understand the potential spillover effects associated with renewable energy projects, with several 

studies identifying effects of having wind projects nearby, manifesting in channels like voting 
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patterns (Stokes 2016, Warshaw 2017, Vandeweerdt 2015), or attitudes towards renewable 

energy (Jacquet 2012, Wolsink 2000, Krohn 1999, Lee 1989).  

My study adds to this literature by looking for potential NIMBY effects of localized wind 

projects on climate and renewable energy opinions. Through an OLS model, my results add to 

the growing literature that fails to find a perceptible NIMBY effect stemming from local wind 

energy projects.  While my study does not address the potential effects of hyper-local exposure 

to renewable energy projects, it does look at the effects at the county level. As localized 

commercial wind farms seem to have little effect at the county level on support for renewable 

energy, or belief in climate change, developers and policymakers should be encouraged that the 

development of a new commercial wind project locally seems to have no effect on that county’s 

aggregate attitudes towards climate change or renewable energy.  

While localized commercial wind farms seem to have no effect on support for renewable 

energy or belief in climate change, my results indicate that political affiliation is a potentially 

useful predictor to explain the variation across these societal attitudes towards climate change. 

By understanding that political affiliations are a potentially strong indicator of attitudes towards 

renewable energy and climate change, Democratic policymakers interested in new climate 

policies can be confident that efforts towards coalition building, and strong climate messaging 

can help shift public support for renewable energy and action on climate change.  

Additional research in this sphere may evaluate how consistent this correlation is between 

support for Democratic Presidential candidates and these attitudes and look at variability from 

election to election. Future research could also evaluate if this correlation exists at a more local 

level, with voters who support Democratic candidates in local elections more likely to believe in 

climate change and support renewable energy. 



20 

My research aims to support policymakers in understanding the key drivers that affect 

societal attitudes for renewable energy adoption and belief in climate change. In assuaging fear 

around potential NIMBY effects at the county level of new wind energy projects, policymakers 

can be confident that other factors are actually more deterministic of climate and renewable 

energy attitudes.  Indeed, my research helps to solidify the idea that political affiliation is a 

strong predictor for climate and renewable energy opinions. As such, resources devoted to 

coalition building and strong climate messaging can also be considered useful tools in the fight 

against climate change.  
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Appendix A 
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Appendix B 

 

    Summary Statistics     

  Mean Std. Dev. Min. Max N 
happening 63.96 5.82 49.09 84.20 3,135 
fundrenewables 82.61 2.47 74.52 91.38 3,135 
wind .2022 .4017 0 1 3,135 
PercentHRC 31.59 15.26 0 90.86 3,153 
linc 11.05 .2230 10.32 12.02 3,135 
lemploy 10.04 1.48 4.20 15.91 3,135 
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