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Abstract: Wall Street’s traditional syndicate focus on large (“unicorn”) technology 
companies entering the public capital market through a traditional Initial Public Offering 
(IPO) method has created an artificial hurdle, making this access method of achieving a 
public listing very difficult for smaller (“sub-unicorn”) technology companies that are 
successful investments as well. Merging with a Special Purpose Acquisition Company 
(SPAC) has become an attractive alternative for sub-unicorn technology companies. 
Furthermore, digital transformation has provided SPACs with the opportunity to 
leverage advanced predictive analytics technology to better identify and select target 
companies during the search phase. Historically, the tools available for SPACs to 
identify a target company have been limited. As a result, SPACs spend months and 
significant resources to collect information, generate a target company list, create a 
decision model, and select a company within the regulatory timeframe. The advent of 
predictive analytics provides SPACs with the opportunity to leverage this technology to 
complete the target company selection process with more enhanced insights from 
various data sources in a matter of minutes. This project will demonstrate how a sub-
unicorn technology company can be identified more efficiently and effectively using a 
predictive analytics technology platform to enter the public market through a SPAC.  
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Problem Statement & Background 

Wall Street’s traditional syndicate focus on large (“unicorn”) technology 

companies entering the public capital market through a traditional Initial Public Offering 

(IPO) method has created an artificial hurdle, making this access method of achieving a 

public listing very difficult for smaller (“sub-unicorn”) technology companies that are 

successful investments as well. Even when capital and management acumen is 

available, the fate of many private companies follows an antiquated process to move 

towards the publicly traded marketplace, where value propositions can be best 

accentuated. The legacy process at times cloaks opportunities, creating artificial 

barriers and risking submersion of innovation for the sake of past conventions. Many 

companies seek better results but are limited to the outdated Wall Street relationships 

that are offered through syndicate capital models. Identifying opportunities for ideas can 

be complex and the process is in need of innovation. 

Merging with a Special Purpose Acquisition Company (SPAC) has become an 

attractive alternative for a special subsegment of technology companies. A SPAC can 

aid sub-unicorn technology companies in overcoming the challenges to becoming a 

public company. According to Gartner Group, 53% of financial institutions employ 

artificial intelligence (AI) methods “to foster new thinking and disrupt business.” (Sau, 

2020). This is an indication of the pervasive advancement in technology of creating new 

specialized companies that are distinguished from the broader categorization of 

companies and redefining traditional capital market models. 

A SPAC is a company that is created specifically to raise capital through an IPO 

for the purpose of acquiring an existing company. Basically, the SPAC entity forms a 
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corporation and raises capital in an IPO on a stock exchange. Then, an expert 

management team identifies an appropriate target company, completes an agreement 

to merge with the target company, and finally completes the merger, resulting in the 

target company becoming listed as a newly traded company.  

Due to their effectiveness and efficiency in taking companies public, SPACs have 

gained significant interest over the last decade as indicated by the growing number of 

SPAC offerings. Since 2011, SPACs have increased in both deal count and dollar 

amount raised (GigCapital, 2020). In 2018, SPACs accounted for 24% of total U.S. 

IPOs and 21% of IPO dollar value (GigCapital, 2020). As of October 2019, there were 

90 active SPACs with $17.63 billion total raised, 70 in the process of searching for a 

target company to merge, and 20 already announcing the target company and 

expectation to merge (GigCapital, 2020).  

Sub-unicorn companies are classified as late-stage growth companies that have 

an enterprise valuation in the range of $200M to $500M or even higher. Companies in 

this category can face significant challenges in undertaking the traditional IPO process 

because of their sub-unicorn status or other related factors. Given a sub-unicorn’s 

position, utilizing the SPAC process offers significant advantages. Furthermore, digital 

transformation has afforded SPAC management the opportunity to leverage advanced 

technology to better identify and select target companies. This project will demonstrate 

how a sub-unicorn technology company can be identified more efficiently and effectively 

through a predictive analytics technology platform to enter the public market via a 

SPAC.  
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Thesis Statement & Value Proposition  

The Mergers and Acquisitions (M&A) process can be greatly improved by 

leveraging technology, thereby enabling expert management teams to identify 

opportunities for SPACs. Inherent in legacy M&A is the manual due diligence process. 

Due to the number of documents and data-intensive research required, large-scale 

research is not feasible and creates a significant time delay as a result of an overall 

inefficient process. Digital transformation now provides a critical benefit for the M&A 

process through new technologies. The evaluation criteria to identify qualitative 

inclusion criteria and gaps in target technology companies for recapitalization via 

SPACs provides a ripe avenue for digital disruption. Utilizing AI harnessed by predictive 

analytics creates an enabling decision-making tool to identify an ideal candidate for a 

SPAC. This innovative approach uniquely capitalizes on predictive technology tools–

including data analytics and AI–to create an alternative path to a traditional IPO for sub-

unicorn technology companies to achieve their growth objectives and overcome the 

constraints to becoming public. The following technology framework will create the 

optimal efficiency in identifying, tracking, and then taking an ideal private company to 

the public market: 

• Target Industries as Benchmarks, a Framework Model: Quantify intelligent 

variables by leveraging technology (scalable processing) that can identify 

successful characteristics in sub-unicorn companies  

• Target Companies within Categories, Modeling Best-Fits: Identify viable targets 

in selected categories, use AI and smart models to create predictive analytics 

that will be an enabling decision-making tool in identifying an ideal candidate  
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• Unicorn Completion Criteria, Best-Fit, and Deducing Gaps: A more efficient 

method than the one being undertaken today is to quantify the approach into 

automated triggers and target gaps in target companies and to establish 

“completion criteria” that target companies must fulfill 

• SPAC: Using a SPAC as a capital market’s efficiency tool that aligns the interests 

and gaps of the target unicorn with management’s acumen and ultimately 

creating a powerful transformation for capital markets  

• Ancillary Markets: Additional application use cases and licensing reports and 

services tied to the “technology as a research service” capabilities of predictive 

analytics  

Research & Data Framework for Predictive Analytics 

In order to properly conduct due diligence on target companies, a number of data 

points for target industries, companies, as well as institutional knowledge around 

acquisitions, needs to be gathered and utilized as inputs for the predictive analytics 

system to properly identify acquisition targets. Refer to Appendix A: Technical Approach 

and Appendix B: Use Case for an illustration. The scarcity of information on private 

companies is another challenge that requires knowledge of sources and the application 

of a methodology. Additionally, this process needs to be robust in order to identify gaps 

and scalability, and to build unstructured data routines within later versions. As a 

business rule, the goal is to capture opportunities for acquisition as is common within a 

unicorn’s unique characteristics. For this reason, leveraging technology to conduct a 

baseline-level analysis enhances the success rate of selecting a company with the 

potential for growth. This process is in contrast to public companies that have filing 



 7 

requirements and disclosures, where information can be easily accessed. Therefore, 

forecasting solutions tied to benchmarks, such as market growth projections, are utilized 

as data ranges. Then, prospects of the company are applied to its analysis through 

predictive analytics to determine fit and forecasts by a quantified approach. This action 

can be logically created by first modeling the market potential, comparing the 

company’s offering(s) (product and services) as a potential, and creating iterations of 

targets. From a system perspective, some of these data points serve as validations, 

such as whether a product targets an industry, conditional choice (binary: Yes/No), 

growth prospects, etc. 

Overall, one of the themes of this project relates to qualifying and quantifying 

publicly listed and privately held companies. In order to accomplish the data component, 

understanding the number of private and publicly listed companies that exist, unique 

opportunities, and prevailing trends affecting the trends is key. For this, publicly 

available data sources and private databases must be used. Approximately 5,500 

publicly traded companies trade on the two primary equity exchanges, with Nasdaq 

having 3,300 listings and the New York Stock Exchange (NYSE) having 2,800 (Advn, 

2020). A larger number of companies also trade Over the Counter (OTC). The total 

number of privately held companies are 2.9 Million (Pitchbook, 2020). Refer to Appendix 

C for Pitchbook database illustrations. There are distinct pros and cons of being a 

publicly held company, and these factors need to be properly weighed. For instance, 

access to additional capital, a clear benefit of the public markets, outweighs the scrutiny 

of the Securities and Exchange Commission’s (SEC) disclosure requirements.  
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For this project, Pitchbook and their respective pitchbook.com SaaS service 

uniquely meets the requirements. The desired covered companies are privately owned 

companies that need to be covered from a third-party vendor perspective, range in 

various market capitalizations (from $100M to $1.5B), offer an identifiable list of 

products and services, disclose prior funding information (by source and amount) along 

with information about key management and participants.     

Artificial Intelligence & Predictive Analytics 

The basis for predictive analytics is to create logical boundaries around data, 

model a logical framework, model targeted outcomes, and then quantify the likelihood of 

an outcome. Many of these statistical process calculations are reflected in algorithms 

within the models, while others help categorize data into groups that can help provide 

best-fit analysis when combined with quantified information. Using a top-down 

approach, it is best to identify business objectives, sources of the data, technology, and 

parameters for the predictive modeling. To align with the business objectives, the target 

companies need to be private to benefit from the capitalization mechanism provided by 

the SPAC. Therefore, only private companies need to be analyzed. The “Rounds and 

Amounts” indicator illustrates the exact dollar amounts raised, timing of the raise-ups, 

and provider(s) of capital. Companies can be classified by industries and markets where 

products are targeted (as in “Verticals”) by using the capabilities of predictive analytics. 

Results should also indicate the robustness to consider primary markets and secondary 

markets where a company provides its products and/or services. Pitchbook’s application 

and datasets provides this level of detail. Some of the information is unstructured data 
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descriptions as a part of the company’s market strategy, product offering, and targeted 

industries. This type of information will need to be parsed.  

Additional information about new product initiatives and development strategies 

can be collected and quantified as part of the unstructured data evaluation. These data 

points can supplement foundational analysis provided by the predictive analytics work. 

Furthermore, key performance indicators (KPIs) of industries and each company’s 

matrix are tabulated based on data provided by the vendor. This process is based on 

Pitchbook’s data feed, whereby company data will be quantified to create a 

performance profile of the company by comparing growth trends. These are highlighted 

in the data architecture in Appendix A. A growth trend or momentum data element can 

be captured as follows: 

• Growth Rate and Weekly Target 

• Weekly Historical Rate Trajectory Plotted 

• Size Multiple vs. Industry Median 

• Size Multiple Normal Distribution Plot 

By analyzing the company’s offering against market needs and availability, gaps 

can be identified as deductions in the offering. If the items can be addressed via 

management elements or capital infusion, then certain gaps can be identified as 

opportunities for M&A. The quality for completion criteria will still need to be analyzed. 

Likelihood (predictive analytics score) of making M&A activity advantageous would be 

an indicator. This process assists in sourcing acquisition candidates as identifiable 

target companies. Unicorn and sub-unicorn acquisition targets are triggered from the 

predictive analytics.  
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Technology drives efficiency in identifying target candidates, mitigating error risks 

associated with repetitive data intensive tasks that are conducted manually. In this 

approach, data related to proper acquisition candidates, competitors, and industry 

relative data is tabulated and produces summary data delivered to the analyst. Eighty-

percent of analysts’ time is spent simply discovering and preparing data (DalleMule & 

Davenport, 2017). By automating and removing this heavy process from the investment 

analyst tasks, an enhanced focus can be delivered in identifying better suited 

candidates and risk mitigation. As illustrated in Figure 1 below, these processes are 

identified as a continuum of overlapping disciplines, enabling organizations to assemble 

targeted solutions (Nisbet, 2009). The capabilities enable repeatable, data intensive 

processes to be identified. Technology can then be best applied to gain competitive 

analysis. Tremendous gains are captured by having information and data earlier to 

process and transform it into valuable contextual information.  

Figure 1. Technology Discipline Interlock 

 

Source: Nisbet, 2009. 
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Target Industries 

The data-driven process of selecting target industries for investment purposes 

requires analyzing the relative performance of such assets over a period of time. This 

process normally requires analyzing a large amount of data and normally would be 

time-consuming. However, with the advent of high-powered processors and 

technological advancement, the process can operate more efficiently and scale. Growth 

opportunities can be identified by looking at the performance of industries against each 

other over similar time frames. Companies that are organized in similar industries tend 

to share common characteristics that allow them to be grouped together. These factors 

can then be further utilized to gauge the future profile of the underlying company by 

comparing these attributes. This analysis can be carried out to assess the amount of 

risk and other potential characteristics the underlying company possesses relative to its 

peers. By grouping companies in this fashion, industry level benchmark statistics can be 

developed. The data types can be grouped into two types: (1) performance-related data 

and (2) descriptive fundamental data. A level profile can be created to serve as a 

benchmark for comparison.    

To confirm the validity of identifying technology-based companies, an analysis of 

relative performance of the technology category can be conducted for various 

timeframes, as illustrated in Figure 2.  
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Figure 2. Relative Performance of Economic Sector Funds  

 

Source: Fidelity Analytics, 2020. 

Looking back over the last 10-years, technology-based assets have 

outperformed other industries. It is important to note, a critical inclusion criterion for an 

investment analyst to input will be to target industries that exhibit hyper-growth potential 

based on macro-economic reasons. In order to accomplish this, certain themes need to 

be targeted within the larger technology grouping for the predictive analytics technology 

to focus the model and create sharper relative performance and rating information. 

These target industries are thematically focused around big growth markets such as Big 

Data Analytics, 5G technology, Cybertechnology, Cloud-based services, Artificial 

Intelligence, Augmented Reality (AR), and Virtual Reality (VR). Greater innovation is 

expected in these focus areas as the inflows of capital follow this trend. 
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Figure 3. Capital Breakdown 

 

Source: PitchBook, 2020. 

Target Companies  

Companies that possess a favorable relative performance and risk score to their 

peers, standout as target companies. This competitive advantage can be tied to a 

number of factors such as having superior management, products or services, or a 

combination thereof. Furthermore, companies possessing these traits, but not being 

widely priced in the public markets, have unique opportunities for capitalization as these 

companies are private companies. Upon going public via M&A, these companies may 

face additional scrutiny and transparency by the public market. This forms the natural 

alignment of a target company tracking target industry where a fit can be assessed. 
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Predictive analytics can be used to develop key criteria, such as a patentable 

process or technology, to identify a unicorn company. To do so, predictive analytics 

requires the use of models to quantify data using technology to facilitate the processing 

power needed to crunch data, systems capable of storing data, and the logical 

framework to iterate through multiple steps in a procedure and grow the probability of 

success by narrowing the best-fit choices. The number of IPO/liquidity events remains 

low, as shown in Figure 4. The majority of deals remains predominantly across private 

equity, venture capital, and corporate/strategic M&A. The M&A area is an opportunity 

for an expert management team to explore a SPAC transaction. Pitchbook’s data and 

categorization breakdown in Appendix C details (potential) target verticals, industries, 

and subgroups that create the framework for inclusion and exclusion criteria in 

identifying M&A opportunities. These tools can be used in developing target company 

criteria. 

Figure 4. Investments Over Time 

 

Source: PitchBook, 2020. 
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Transformative SPAC 

Generally, the acumen and experience of a SPAC’s management determines the 

success of the capital raise process. The steps within the capital raise process begin 

with identifying the proper range for the amount to be raised, identifying the partners to 

discuss specific opportunities with, determining the relative fees, and developing the 

timeline and expectations for the acquisition. Other factors include: 

• Alignment of expertise of the company and that of the SPAC, with the SPAC 

management matching their own professional expertise to the same sector of 

target companies  

• Technology must be central to operational, efficiency gains, and strategic 

position the firm’s solutions 

• A runway for M&A IPO with benefits to the company (such as patent protection) 

post public availability 

• Additional financial parameters such as the breakeven point for investors,  

• Calculations of Burn Rate (the monthly cash amount being utilized to operate the 

company) 

• The Death Watch in case cash commitments have not been secured and the 

company is a short time frame to either get funding or make other arrangements 

to survive 

• SPAC process, formation, raise-up, “blank check” ready, acquisition process, 

M&A, best-fit comparison (raise up vs. acquisition cost) 

• Efficiency in re-capitalization versus syndicate raise up 
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• The target firm can weather the scrutiny of the public disclosure rules, with 

frequent reporting and governance policies 

• The target firms are at an “inflection point,” whereby they’ll see significant benefit 

from supplemental management expertise  

• Prior success in innovation to new products or services development, better 

financial performance, or growth from restructuring the existing organization 

As far as value hunting, the target company will exhibit unrecognized value or 

other characteristics that are considered to have been misevaluated by the market 

based on company-specific analysis and due diligence review. For a potential target 

company, this process will include, among other things, a review and analysis of the 

company’s capital structure, quality of earnings, the potential for operational 

improvements, corporate governance, customers, material contracts, and industry 

background and trends. Another highlighted matrix is to offer attractive risk-adjusted 

equity returns for our shareholders. Financial returns will be evaluated based on (1) the 

potential for organic growth in cash flows, (2) the ability to accelerate growth, including 

through the opportunity for follow-on acquisitions, and (3) the prospects for creating 

value through other value creation initiatives. Potential upside from growth in the target 

company’s earnings and an improved capital structure will be weighed against any 

identified downside risks. 

A Facilitator of Capital  

Once created, this new technological process can create an ancillary revenue 

line for the management team. By licensing this solution, the licensor can have the 

ability to target specific industries by setting the parameters and then use the solution 
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as a software as a service (SaaS) solution. This refinement of legacy M&A models is a 

facilitator or matchmaker process. Much in the way of an exchange, whereby matching 

buyers and sellers to create efficiency in capital markets, it is an intelligent private equity 

exchange. 

Financial Assessment & Business Case  

This project’s underlying fees, processes, and criteria have been sourced from 

recent SEC S-1 filings related to two companies, Social Capital Hedosophia Holdings 

and Pershing Square. The respective fees and processes deciphered from the 

documents are reflected in Appendix D: Financial Model & Analysis. The convention to 

use an offsetting escrow account for on-going expenses and build-out of the company 

capabilities while targeting an underlying acquisition was detailed in the supporting 

documentation of the referenced filings. Additional information as to the potential value 

of the warrants allotted to management and director warrants and allotments were also 

available in the research and S-1 filings (SEC Filings, 2020). 

In the baseline financial analysis conducted, the return on investment (ROI) of a 

successful formation of the underlying SPAC, creation of the predictive analytics 

technology, and selection of an ideal technology company (ranging from unicorn 

technology company to sub-unicorn technology company), would yield a 970% ROI 

over the forecasted two-year time period. See Appendix D for the line item details. Note, 

as illustrated in the expanded financial model, the forecast was conducted over a 24-

month ROI model, all warrants were simulated as exercised upon matriculation of the 

acquisition and therefore show an extracted one-time ROI, whereas, the exercise 

runway of the warrants can have a longer time period. Additionally, though the structure 
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of the shell company does not present a worthy cash flow or internal rate of return (IRR) 

until the acquisition, the risk of cash flow depletion and hurdles tied to IRR is mitigated 

due to management’s understanding of the M&A aspect of the raised capital and 

escrowed expense account. As documented in the forecast, financial management is 

paying a market rate for the borrowed expense account. Additionally, costs for 

headcount, technologies, and buildout are forecasted accordingly using respective 

market rates.  

Figure 5. Summary Financial Model 
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Activities that drive costs include build-out of the technology, staff, and research 

to identify target costs. These costs are estimated at approximately $9.4M per annum in 

the financial plan. In order to offset these costs, an escrow account has been created 

and modeled in the forecast. Given the two-year forecast, the costs are accounted for 

via the escrowed expenses with the firm paying market rate for the loan to offset costs. 

The prevailing rate was two percent to make the model as close to the real scenario as 

possible. Capital sources will be made from private introductions that the expert 

management team has established within the industry. Many of the funding sources, 

especially private equity funding, venture capital funds, and stage funding sources are 

readily available.  

Business Model Canvas & Value Proposition Canvas 

The project’s Business Model Canvas and Value Proposition Canvas are based 

on the strategic objective of integrating the predictive analytics technology within the 

target company search phase of the SPAC process. This will improve the efficiency (i.e. 

time, cost, use of resources) and effectiveness (i.e. satisfying management selection 

criteria) of identifying a target company. Below is an overview of the SPAC and 

technology processes, followed by each canvas centered on these processes.  

SPAC Process Overview 

As previously defined, a SPAC is a corporation formed for the single purpose of 

raising investment capital through an IPO, which is subsequently used to acquire a 

target private company and take it public (Layne & Lenahan, 2018). The SPAC entity is 

created by sponsors – a group of experienced and qualified investors and professionals 

(Layne & Lenahan, 2018). The sponsors register the SPAC through the typical IPO 
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process, which includes filing a registration statement with the SEC, clearing SEC 

comments, and completing a road show followed by a firm commitment underwriting 

(Layne & Lenahan, 2018). Next, the SPAC is listed on a U.S. exchange such as Nasdaq 

or NYSE, raises capital, and starts market trading (Layne & Lenahan, 2018). The IPO 

proceeds are held in a trust account until released to fund the business combination or 

used to redeem shares sold in the IPO (Layne & Lenahan, 2018). Immediately after the 

SPAC IPO listing, the sponsors have a limited timeframe (typically 24 months) to 

identify a suitable target company, negotiate a definitive agreement to merge with the 

target company via a reverse merger, and implement the merger after the execution of 

the agreement (referred to as the “De-SPAC transaction”) (Layne & Lenahan, 2018). 

The SPAC and the target company now combine into a publicly traded operating 

company. This process offers a target company a faster and more efficient path to 

becoming a publicly traded company.  
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Figure 6. SPAC Lifespan 

 
Source: (Layne & Lenahan, 2018) 

 

 
Figure 7. Number of SPACs By Geographic Focus 

 

 
*Classified by HQ location of acquisition target, or by disclosure in S-1 filing if no deal announced 

Data source: SPAC Research 
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Figure 8. Number of SPACs By Sector Focus 
 

 
*Classified by industry sector of acquisition target, or by disclosure in S-1 filing if no deal announced 

Data source: SPAC Research 

 

Predictive Analytics Technology Process Overview 

Through this project, the predictive analytics technology will be implemented 

within the target company search phase of the SPAC process. Historically, the tools 

available for SPACs to identify a target company during the search phase have been 

general (i.e. basic productivity tools) and limited to only structured data. As a result, 

SPACs spend months and significant resources to collect information, generate a target 

company list, create a decision model, and timely select a company. The advent of 

predictive analytics provides SPACs with the opportunity to leverage this technology to 

complete the target company selection process with more enhanced insights from 

various data sources (i.e. structured and unstructured). Refer to Appendix A and B. The 

platform brings real-time decision analytics to aid the SPAC in its target company idea 
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generation and selection. Instead of the SPAC management taking months to source a 

list of companies that will suit their selection criteria, the platform allows them to 

accomplish this in minutes. The primary benefits for SPACs include (Kognetics, 2020): 

• Acquisition Momentum: Provides historical acquisition trends and tracks sector 

insights for target company list generation 

• Acquisition Probability: Predicts M&A activity in the near future  

• Companies Due for an Exit: Identifies companies likely to seek buyouts which 

can be attractive targets for the SPAC 

• Growth Companies: Identifies growth companies using sector insights captured 

from both structured and unstructured sources  

• Gap Strategies: Identifies gap strategies for companies given the market trends 

and sector insights  

The predictive analytics technology involves the following steps: 

Step 1 – Scan: Continuously scan internal, external, structured, and unstructured 

sources to capture signals that most impact decision making.  

 
Source: Kognetics, 2020. 
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Step 2 – Sense: Collect, combine, process, organize, and link information to build 

knowledge graph.  

 

 
Source: Kognetics, 2020. 

 

 

Step 3 – Decide: Analyze, synthesize, and reason using cognitive analytics to drive 

decision making.  

 
Source: Kognetics, 2020. 
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Figure 9. Cyber Security Sector Example 

 
Source: Kognetics, 2020. 

 

Based on the SPAC and technology overviews described above, the (1) 

Business Model Canvas and (2) Value Proposition Canvas for this project have been 

developed as follows:  
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Figure 10. Business Model Canvas 

 
 

a. Key Partners: The investment bankers, private equity firms, venture capital firms, 

and M&A firms provide necessary expertise and resources to complete the SPAC 

IPO process of the project. Data platform providers (i.e. Pitchbook, Kognetics) 

provide the essential technology applications to source target companies, identify 

gap criteria, etc. These partners are key to each phase of the project’s business 

model and the ability of the project to deliver its value proposition.  

b. Key Activities: The key activities identified (due diligence, data modeling, creation of 

industry matrix, and identifying gaps as a key opportunity criteria) aid in delivering 

the project’s value proposition and are core to operating the unique business model 

of the project.  
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c. Key Resources: Data platform vendors for predictive technology tools and experts in 

finance, law, and technology are needed to successfully complete the project. The 

expertise and guidance provided by these tools and personnel are critical to 

delivering the value proposition and scaling the project’s solution globally.  

d. Value Proposition: The value proposition of our business model is the ability to 

leverage technology evaluation criteria to identify qualitative inclusion criteria and 

gaps in target technology companies for re-capitalization via SPACs. This innovative 

approach uniquely capitalizes on predictive technology tools–including data analytics 

and AI–to create an alternative path to a traditional IPO for sub-unicorn technology 

companies to achieve their growth objectives and overcome the constraints to 

becoming public.  

e. Customer Relationships: The relationship with customers will be through automated 

services (specifically automated SWOT and gap analysis, company valuation, 

innovation and patent scoring, risk assessment, investment matching). The 

automated services will be provided through the predictive technology application 

and associated tools. Operational and customer support will be key in maintaining 

positive customer relationships for the automated services.  

f. Customer Segments: The primary customer segments that will benefit from this 

project include exchanges that offer listings to SPACs, technology companies sub-

unicorn companies, and investment firms. These groups are all seeking to leverage 

innovative technology solutions to gain competitive advantages relative to their own 

value creation objectives. The solution provided through this project aligns with their 

individual growth and innovation objectives.  
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g. Channels: Exchanges that offer listings to SPACs, investment bankers, private 

equity firms, venture capital firms, and M&A firms are effective marketing and 

communication channels for our project’s solution. Companies in these channels 

provide access to our customer segments through long-standing connections and 

networks.  

h. Cost Structure: The project’s costs (fees for M&A, fees for technology tools, fees for 

overhead) are derived from undertaking the SPAC IPO process and utilizing the 

predictive technology application. 

i. Revenue Streams: Revenue will be generated from the data platform subscription 

fees, management fees (pre-M&A), acquisition fees, and management fees (post-

M&A). These fees are derived from undertaking the SPAC IPO process and utilizing 

the predictive technology application.  
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Figure 11. Value Proposition Canvas 

 
 

a. Gain Creators: enhanced due diligence, best company valuation, risk mitigation, 

expert management, deep relationships, strategic partnerships, recapitalization 

b. Pain Relievers: lost business deals, legal liability, intellectual property (IP) issues, 

technology costs, industry know-how 

c. Products and Services: creating SPAC, creating technology driven due diligence, 

creating efficient capital markets 

d. Gains: focus on core competency, business relationships, and enhanced operational 

capability 

e. Pains: legal liability, IP piracy and protection, lost busines opportunities 

f. Customer Jobs:  IPO, recapitalization, best fit organization 
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Stakeholders 

According to Osterwalder’s Value Proposition Design, internal stakeholders of 

organizations vary across roles and have their own unique pains and gains 

(Osterwalder, 2014). The stakeholders for this project are categorized as Influencers, 

Recommenders, Economic Buyers, Decision Makers, End-Users, and Saboteurs based 

on their respective roles. Refer to Appendix A and B for illustrations. For this project, the 

following stakeholders have been identified for each category: 

a. Influencers: A number of parties can impact the decision-making process (formally 

or informally) of the SPAC throughout its operation and use of the predictive 

analytics platform. This includes SPAC management, Private Business Owners, 

Investment Analysts, CTO for technology matters, CISO for cybersecurity and 

general security matters, Investment Bankers, Private Equity, and Venture Capital. 

Each of these groups offer different insights that can influence the SPAC and 

predictive analytics technology processes. 

b. Recommenders: Primarily the SPAC’s CEO and Investment Analysts conduct the 

due diligence portion of the acquisition process, although there can be a number of 

Influencers (as identified above) involved in offering recommendations as a whole. 

c. Economic Buyers: The key economic buyers are the SPAC management and 

Investors. The SPAC management establishes the entity and operates it through the 

target search phase to complete an acquisition. This includes implementing and 

utilizing the predictive analytics technology within the target company search 

process. The management compromises the CEO and executive team who have 

been defined in the initial regulatory disclosure document (SEC S-1 filing). The 
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SPAC’s management have a significant economic interest in the success of the 

acquisition. The Investors who purchase shares of the initial IPO of the SPAC are 

technically the end buyer, though they allocate their economic trust (collectively) to 

the SPAC management. 

d. Decision Makers: The CEO of the SPAC, as entrusted by the shareholders and the 

board of directors, is ultimately responsible for making the acquisition decision. The 

CEO will confer with the management team on the relevant criteria to support the 

final decision. 

e. End-Users: The primary end-user of the SPAC vehicle and predictive analytics 

technology is the SPAC management, which as envisioned will be experts in the 

technology field, most likely in the high-growth industries as defined by the analysis 

conducted for the SPAC. 

f. Saboteurs: In a complex technology industry and SPAC organization where a 

number of relative assessment decisions are being made, various factions can act 

as saboteurs. Internally, these can be Investment Analysts that are making 

competing recommendations for an acquisition, nebulous comfort level assessments 

based on a technology’s uniqueness, patent infringement, intellectual property in the 

marketplace that is subject to piracy, and data supplied into the predictive analytics 

model that creates false outputs. 

Transformative Target Company Criteria 

Consistent with the SPAC and predictive analytics technology strategies for this 

project, the following criteria have been identified as the key measures that qualify a 

target sub-unicorn technology company as having transformative potential. The 
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selected criteria are based on comparative criteria used by other transformative SPAC 

technology companies whose shares are currently trading in the public markets, such 

as Virgin Galactic (NYSE: SPCE).  

Figure 12. Transformative Target Company Criteria 
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Ethical Considerations 

The predictive analytics technology presents the primary ethical considerations 

for this project. The utilization of AI within new models in the financial services sector 

creates new ethical issues. As AI accelerates across the financial system, it poses a 

new source of systemic risk that has the potential to disrupt national and global 

economies, necessitating new controls and responses (World Economic Forum, 2018). 

The benefits of AI for this project are strong, however, the potential unintended ethical 

consequences must be identified and mitigated to manage the project’s overall impact. 

The identified ethical issues for the project include (World Economic Forum, 2018): 

• Privacy: Companies face widespread threats to their privacy, such as data 

collected through government and private company websites.  

• Bias in input data: Bias present in input data, as well as incomplete or 

unrepresentative datasets, limit AI’s ability to be objective. 

• Bias in development: Subconscious bias or lack of diversity among development 

teams may influence how AI is trained, which carries bias forward. 

• Post-training drift towards discrimination: As AI systems self-improve and learn, 

they may acquire new behaviors that have unintended consequences. 

• Uncertainty over input use: Some methods of AI training may obscure how data 

is used in decisions, creating the potential for discrimination. 

• The unpredictability of models: As market conditions evolve, it may be difficult to 

predict how models will respond, with the resulting portfolio and macro 

implications. 
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• Auditability: Regulators often lack the technical expertise to inspect algorithms, 

especially if development is improperly documented or there are persistent, 

system-wide gaps in governance. 

Bias in the target company selection process is critical for this project. This 

traditionally has been a prevalent issue in the venture capital sector, with data indicating 

that the venture capital sector is starkly homogeneous (Haverstock, 2020). In 2018, 

venture capitalists in the United States distributed $131 billion to nearly 9,000 start-up 

companies (Tankersley, 2020). However, only 2% of the funded companies were 

founded entirely by women, 12% had at least one female founder, and 86% were 

founded entirely by men (Tankersley, 2020). In 2018, a joint study published by Deloitte 

and the National Venture Capital Association reported that only 3% of venture capital 

partners in the United States were black, while 80% were white (Haverstock, 2020). 

Moreover, a study by Rate My Investor of venture activity in the United States from 

2013 through 2017 reported that just 1% of VC-backed entrepreneurs were black 

(Haverstock, 2020). Overcoming this ethical challenge within the SPAC and AI 

components can unleash a new wave of entrepreneurship and innovation. The SPAC 

and predictive analytics technology combination can become a transformative 

equalization agent for capital markets to promote diversity and reduce bias in the 

investment industry.  

Minimizing the impact of these ethical issues is an important prerequisite for 

enabling users to trust the system. This project will adhere to ethical protocols to 

manage these issues. The diagram below highlights the responses and safeguards that 

will be utilized (Silberg & Manyika, 2019) (Wilson, 2019): 
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Figure 13. AI Ethical Mitigation Strategies

 

Cybersecurity Risks & Mitigation Strategies 

The cybersecurity risks for this project relate to both the SPAC and predictive 

analytics technology platform. Identifying the risks and mitigation strategies are key to 

the success of the project. The inclusion of cyber-related mitigation strategies improves 

stakeholder confidence in being able to leverage the predictive analytics technology 

platform to ultimately complete the SPAC combination. Refer to Appendix A for details 

regarding the technology requirements.  
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Risk Analysis  

Together, the SPAC and predictive analytics technology platforms present a 

number of cybersecurity risks. As described previously, a SPAC is simply an acquisition 

vehicle by definition with a legal structure that openly promotes the presence of M&A 

activities, indicates the flow of sensitive information, and has a defined completion 

timeline of twenty-four months. Cybercriminals are known to target M&A activities for 

the purpose of gaining access to sensitive information including strategies, 

communications, and intellectual property (Levin & Riley, 2014). This information is 

especially appealing when it is classified as nonpublic and material, as such information 

can be used for gaining insight into potential market-moving events of publicly traded 

companies (Levin & Riley, 2014). Due to its non-traditional operating nature, SPAC has 

a limited number of directors and officers, typically less than ten. This limitation on 

personnel and full-time monitoring of cybersecurity threats creates risks, as it becomes 

difficult to detect and respond to an attack or information breach in a timely manner. 

Furthermore, the predictive analytics technology platform is subject to common 

cybersecurity threats. This includes, but is not limited to, malware, phishing, denial-of-

service attack, SQL injection, zero-day exploit, and DNS Tunneling (Cisco, 2018). In all, 

these characteristics provide cybercriminals with a clearly defined window and set of 

activities to target and execute a cyberattack against during this project. The following 

diagram describes the general risks under this project for the SPAC in using the 

predictive analytics platform.  
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Figure 14. SPAC Cybersecurity Risks in Using the Predictive Analytics Platform 

 
Source: Paterson, 2016. 

 
SPAC Cybersecurity Mitigation Strategies 

As the SPAC is exposed to cybersecurity threats from its digital activities, the 

establishment of mitigation protocols benefits both the SPAC and the target company. 

This project includes the following cybersecurity mitigation strategies for the pre-SPAC 

combination and De-SPAC combination phases (Scott & Michaels, 2020): 

• Evaluate target cybersecurity maturity and management (pre-SPAC combination) 

• Evaluate nature and risk profile of data (pre-SPAC combination) 

• Evaluate cyber regulatory compliance and response readiness (pre-SPAC 

combination) 

• Evaluate third party and dark web exposure (pre-SPAC combination) 

• Evaluate target’s cyber insurance coverage (pre-SPAC combination) 

• Evaluate go-forward cybersecurity risk (De-SPAC combination) 

• Create and implement cybersecurity protocols and strategy to meet regulatory 

compliance, such as SEC, GDPR, etc. (De-SPAC combination) 
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• Build and manage third-party vendor risk management and security program 

(De-SPAC combination) 

• Guide response and recovery efforts to security incidents (De-SPAC 

combination) 

Predictive Analytics Platform Cybersecurity Mitigation Strategies  

To mitigate the cybersecurity risks related to the predictive analytics technology 

platform, the project will rely on Pitchbook’s extensive cybersecurity governance 

procedures. The strength of their company’s governance procedures will mitigate the 

risks posed to its platform and its use in this project. PitchBook uses a number of 

reputable third parties to provide services regarding its predictive analytics technology 

platform, including providing customer support, hosting websites, processing 

transactions, data management and storage, and statistical analysis (PitchBook, 2020). 

In addition to its own servers, PitchBook also utilizes servers from Rackspace, Azure, 

Google Cloud, and Amazon Web Services primarily to host its platform and store data 

(PitchBook, 2020). To mitigate cybersecurity risks, PitchBook operates secure data 

networks protected by industry standard firewall and password protection systems 

(PitchBook, 2020). The company has implemented technical, security, and 

organizational cybersecurity measures to protect against unauthorized access to, or 

unauthorized alteration, disclosure, or destruction of its data (PitchBook, 2020). The 

company requires its service providers to implement similar measures as well. These 

measures include internal reviews of its data collection, storage, and processing 

practices and security measures, as well as physical security measures to guard 

against unauthorized access to systems where the company stores personal data 
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(PitchBook, 2020). The company’s security and privacy policies are periodically 

reviewed and enhanced as necessary and only authorized individuals have access to 

the information provided (PitchBook, 2020). Subscriptions from Pitchbook are used and 

their use is limited to the SPAC’s personnel only in fulfilling the due diligence process. 

Additionally, extensive testing of cyber networks and software will be undertaken post-

merger to ensure cybersecurity threats are continuously mitigated.  

Conclusion 

By surfacing hidden opportunities, combining predictive analytics technology with 

allocated capital vehicles, like a SPAC, creates new value for investors and 

entrepreneurs alike. SPAC Managers, possessing a successful investment track 

records and institutional acumen, can now leverage technology to accelerate their due 

diligence process. The data augmentation processes aid in uncovering target 

companies through volumes of company data to arrive at opportunities faster. These 

companies harness the power of predictive analytics technology to programmatically 

process data, create rules-based target universes with carefully constructed inclusion 

criteria, and benchmark rules that identify target valuations for staging lists. In later 

stages, qualifications tied to KPIs further focus on completion criteria to focus on 

acquisition targets. This matchmaking exercise is at the new cross-roads of where 

buyers meet sellers.  

This process is a powerful combination of expert knowledge of the SPAC 

process and predictive analytics afforded technology which is ultimately used to uncover 

an elusive sub-unicorn technology company. These opportunities are harnessed by 

creating automated processes around repeatable and accurate data. Technology acts 
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as an enabler, transforming a labor-intensive valuation process into a digitally 

transformed and more efficient methodical approach. The predictive analytics process 

helps to identify, target, and track opportunities. This project seeks to disrupt traditional 

Wall Street methods by leveraging the SPAC vehicle to expertly matching capital 

markets' advancement with technological advancement in the marketplace to create 

value and transform the future of capital markets.  
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Appendix A: Technical Approach   

Project Management  

The development process will follow an Agile Scrum development methodology. 

This will enable the organization to quickly collaborate to transform knowledge from 

cross-functional teams and iterate through rather complex development work to build 

augmented business analytics with predictive analytics. Driven from the project 

management principle that no implementations are alike, the proper project 

management framework must be selected based on the premises of the work. Given 

the smaller organizational size, complex project, and strict quality requirements tied to 

data analytics, the project needs to be carefully gated (Burgan, 2014). Agile Scrum 

offers an organized approach by maintaining the fast delivery of the agile method, but 

focusing on the cross-organizational rigor of validating deliverables systematically; this 

is commonly (in Team Layer) conducted via short two-week timeframes whereby sprint 

backlog items are delivered (Brûlé, 2011). The following steps will be fully evaluated by 

the project management team and then organized into respective iterative sprints for 

deployment. The financial plan, as approved, outlines the costs and headcount needed 

to conduct the six to nine months of development, oversee the rollout of the technology, 

and license the respective solutions. To conduct the target company acquisition due 

diligence using predictive analytics, Databricks enterprise license will be pursued for the 

organization.  
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Data Architecture  

Central to augmenting the business analytical process, is identifying repeatable 

data ingestion, databasing routines, transformations, and staging of analytics as 

previously mentioned with benchmarking and peer grouping. These databases receive 

structured data feeds that are delivered into the organization as defined in the financial 

forecast, and then programmatically ingested and staged for the investment analysts to 

view. As illustrated in the Databricks vendor comparison (Gartner, 2020) and the 

Architecture Diagram (AI Consulting, 2020), the analyst in envisioned to interact with the 

data in the Model and Serve stage of the process and the algorithms in the respective 

Prep and Train phases. The data is stored in Azure Cloud. Tools such as PowerBI, 

SQL, Python, and R scripts can be run to manipulate data and test hypothesis against 

the relevancy of the data. Moreover, the capabilities of Databricks permit the 

organization to increase capabilities to supplement data services by parsing and 

delivering analysis around unstructured files for later versions of this predicative 

analytics (Gartner, 2020).  

Databrick Data Architecture 

 
Source: AI Consulting, 2020 
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Context Diagram 

The following Context Diagram describes the system interactions needed to support the 

various requirements for the system. 
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Comparative Predictive Analytics Tool Vendors 

Below is an illustration of the top providers of solutions for predictive analytics. 
 

Predictive Analytics Tool Vendors 
 

 
 

Source: Gartner, 2020. 
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Requirements Analysis 

The following are the baseline requirements for the system operability to facilitate 

evaluation of acquisition targets for the SPAC: 

• FR-01 The information system shall provide an integrated view by pulling all data, 

both fundamental and pricing data points, related to economic industries and 

companies, both public and private to create benchmark profiles 

<INDUSTRY_BENCHMARKS>, target matrix <KPI_ TARGET> as defined 

industry target benchmarks for target markets attributes. The KPIs shall serve as 

quantifiable score serving as a relative score to help qualify candidates as ideal 

acquisition targets <ACQUISITION_TARGET> 

• FR-02 The System shall create a database for target companies that either 

management is analyzing as a focus target group or that possess economic 

value based on the KPI_TARGET DB in the <TARGET_COMPANY> database, 

with a unique trackable attribute and historical data 

• FR-03 Utilizing the Predictive Analytics engine technology, the system shall 

provide and store Industry or Companies that are outliers, relating target 

companies that score high relative to the benchmark KPI_TARGET matrix alert 

Investment Analyst (actors) of high scoring target companies 
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User Stories 

USER_STORIES_1 An Investment Analyst will set up Industry Benchmark standards by 

defining them and the baseline attributes tied for each benchmark. This will be 

conducted every 3 months, starting in March, June, September, and December. These 

benchmarks will serve as categories for all companies to be grouped based on the 

relevant matrix.  

USER_STORIES_2 The Investment Analyst will review and edit the benchmark 

attributes of companies to be tabulated, stored, and then used as a baseline benchmark 

for existing companies as well as new companies identified by the same actor.   
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Personas 

The following personas exemplify the typical actors in the envisioned system. The 

interactions and processes can be written to the educational, technological, and 

characteristics detailed.  

 

 

Jane Barker | 48 years old
• Female

• 48 years old

• Annual Income $500,000+

• B.S. MIS

• M.S. in Information Technology  

• Wants to travel and stay at best resorts

• Looking for blockbuster deals and be on corporate boards

• Soccer

Food Sushi

Does not eat red meat

Exercise Cycling and meditation

Fears Ambiguity

Favorite Slogan “Be ready for the unexpected”

Devote to work
Late riser, works late/weekends

Advanced with analytics
System and Data Architecture, 
Java, API, R Studio, Python and
SQL

James Byte | 33 years old • Male

• 33 years old

• Annual Income $200,000

• B.S. Mathematics 

• MBA Finance Specialization

• Wants to acquire wealth and start a family

• Driven innovative ideas

• Playing Golf

Food Steak & Wine

Does not eat Tofu 

Exercise Runs first thing in morning 

Does not like Yoga

Fears Failure 

Favorite Slogan “That’s the bottom line”

Work Life Balance important
Early riser

Mid to Advanced with analytics
R Studio, Python and SQL
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Use Cases 

As part of the implementation plan, use cases provide details of how a user (an actor) 

will interact with the envisioned integrated system. The use case also defines how the 

system reactions should be relative to the predefined interactions. In Appendix B, the 

use case defines the technical parameters for the SPAC Management Team. The 

various users are defined along with their inputs and system expectations.  
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Appendix B: Use Case – System Interaction 

Use Case Name: Technical parameters for Predictive Analytics Process: Data Rules for Industry Benchmarks (technology-

based), Key Performance Indicators (KPIs), Qualifications for Target Companies, Key Gaps for 

Acquisition, and Triggers Acquisition Targets   

Created By: SPAC Management Team   

Date Created: 07/10/20   

Actors: Investment Analyst provides parameters to Chief Technology Officer (CTO) and Chief Information 

Officer (CIO) 

  

Description: Databases requirements, rules for inclusion and exclusion to create quality industry and groupings, 

attributes for performance and performance ranking, target companies that meet criteria, key 

completion criteria and a heightened list of acquisition target companies 

Trigger: A database or data associated with one of the mission-critical data fields is made available via 

licensed data feeds or via intelligent agents looking for updates  

Preconditions: 1. Data is from licensed data feed (universe of securities is subscribed with Services Level 

Agreements (SLAs) 

2. Data is available via public filings (e.g. S1 SEC filings) 

3. Supplemental data is available via news, press release (PR), research, or unstructured data 

sources.  

Postconditions: 1. Investment Analyst receives periodic notifications of new files that have loaded 

2. Target companies that meet KPI,  

3. Target companies with potential capital completion matrix (Key Gaps) 

4. Acquisition alert to the CEO, when conditions are met that identify companies with KPIs and 

Key Gaps  

5. CTO and CIO receive validation that systems have run with a matrix of numbers of files 

loaded 

Normal Flow: 1. The system recognizes files available 

2. The system can run ingestion and ingestions matrix 

3. The system can populate product tables 

4. The system can create Predictive Analytics using model comparison along with statistical 

protocols and identify critical data items. 

Alternative Flows: 1. System alerts CIO of issue 

2. CIO alerts Investment Analyst and CTO 

3. Investment Analyst updates the CEO as to suspect data or potentially errant acquisition 

information.  

Exceptions: If the data field is corrupt or data fields NULL or suspect, then alert CIO for remediation steps 

Includes: N/A 

Frequency of Use: This use case will be executed only when data is available and should recover times when the 

system is off-cycle for maintenance by scanning deliveries in lieu 

Special Requirements: Initial and quarterly updates to the database criteria and test scenarios where target companies are 

analyzed manually to insure end-to-end system functionality 
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Assumptions: 1. Systems will run and augment Investment Analysis process 

2. SLAs will be met by vendors 

3. Companies filing S1s with the SEC will be truthful and ethical  

  

Notes and Issues: Once an acquisition target is met, then all data points and lineage of determining factors 

(determined by the predictive analytics) will be reworked by the Investment Analysts to ensure the 

validity of the opportunity 

● Framework for analysis benefits from technology 

● Organizational adoption creates accuracy before M&A activity. 
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Appendix C: PitchBook Database 

PitchBook Database – Verticals 
 

 

Verticals Updates Target Based on SPAC Macro Analysis

3D Printing 1,466              Potential, Depending on Opportunity

AdTech 6,519              Potential, Depending on Opportunity

Advanced Manufactoring 1,632              Potential, Depending on Opportunity

Ag Tech 5,021              Potential, Depending on Opportunity

Artificial Intellience and Machine Learning 15,139            Yes

AudioTech 1,622              No

Augmented Reality 2,002              Yes

Autonomous Cars 515                 No

B2B Payments 544                 No

Beauty 165                 No

Big Data 11,956            Yes

Cannabis 3,193              No

Car-Sharing 248                 No

CleanTech 23,396            No

CloudTech & DevOps 9,684              Yes

Construction Technlogy 922                 No

Crypocurrency/Blockchain 4,712              Yes

Cybersecurity 7,865              Yes

Digital Health 3,255              Potential, Depending on Opportunity

E-Commerce 21,390            No

EdTech 8,654              No

Ephemeral Content 80                   No

eSports 837                 No

FemTech 445                 No

FinTech 19,628            Yes

FoodTech 3,736              No

Gaming 5,855              No

HealthTech 9,036              Potential, Depending on Opportunity

HR Tech 3,628              No

Impact Investing 1,493              No

Industrial 256,632          No

Infrastruture 8,898              No

InsurTech 2,229              No

Internet of Things 7,025              Potential, Depending on Opportunity

Life Sciences 20,475            No

LOHAS &Wellness 14,846            No

Marketing Tech 8,203              No

Micro-Mobility 8,203              No

Mobile 40,615            No

Mobile Commerce 1,862              No

Mobility Tech 1,708              No

Mortgage Tech 222                 No

Nanotechnology 1,564              Potential, Depending on Opportunity

Oil & Gas 24,353            No

Oncology 7,836              No

Pet Technology 334                 No

Real Estate Technology 3,708              No

Restaurant Technology 1,470              No

Ridesharing 567                 No

Robotics and Drones 3,746              Potential, Depending on Opportunity

SaaS 37,586            Yes

Space Technology 906                 No

Supply Chain Tech 914                 No

TMT 300,763          Potential, Depending on Opportunity

Virtual Reality 2,432              Yes

Wearables & Quantified Self 1,945              No
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PitchBook Database – Industries (Broad) 
 

 
 

PitchBook Industries – Subgroup of Information Technology 
 

 
 

PitchBook – Subgroup of IT/Software 
 

 
 

  

Industry Updates Target Based on SPAC Macro Analysis

Business Products and Services (B2B) 1,437,926       Potential, Depending on Opportunity

Consumer Products and Services (B2C) 938,478          No

Energy 69,921            No

Financial Services 195,863          Yes

Healthcare 326,292          No

Information Technology 500,983          Yes

Material and Resources 143,900          No

Information Technology Updates Target Based on SPAC Macro Analysis

Communication and Networking 30,403            Potential, Depending on Opportunity

Computer Hardware 23,261            Potential, Depending on Opportunity

Semiconductors 4,402              Potential, Depending on Opportunity

IT Services 110,616          Potential, Depending on Opportunity

Software 382,890          Yes

Other Information Technology 6,133              Potential, Depending on Opportunity

Software (Within IT) Updates Target Based on SPAC Macro Analysis

Application Software 54,904            Potential, Depending on Opportunity

Automation/Workflow Software 11,435            Potential, Depending on Opportunity

Business/Productivity Software 65,385            Yes

Communication Software 8,049              Potential, Depending on Opportunity

Database Software 8,897              Potential, Depending on Opportunity

Educational Software 8,486              Potential, Depending on Opportunity

Entertainment Software 10,983            Potential, Depending on Opportunity

Financial Software 18,217            Potential, Depending on Opportunity

Internet Software 5,761              Potential, Depending on Opportunity

Multimedia and Design Software 9,369              Potential, Depending on Opportunity

Network Management Software 14,678            Potential, Depending on Opportunity

Operating Systems Software 924                 Potential, Depending on Opportunity

Social/Platform Software 438,489          Potential, Depending on Opportunity

Software Development Application 9,287              Potential, Depending on Opportunity

Vertical Market Software 6,005              Potential, Depending on Opportunity

Other  Software 187,372          Potential, Depending on Opportunity
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Appendix D: Financial Model & Analysis 
 

 
  

MPTM  900 - Tech Unicorn ~$1 Bil SPAC Implementation Model/Budget  (Everhart & Amani)
1-Jan-21 1-Feb-21 1-Mar-21 1-Apr-21 1-May-21 1-Jun-21 1-Jul-21 1-Aug-21 1-Sep-21 1-Oct-21 1-Nov-21 1-Dec-21 1-Jan-22 1-Feb-22 1-Mar-22 1-Apr-22 1-May-22 1-Jun-22 1-Jul-22 1-Aug-22 1-Sep-22 1-Oct-22 1-Nov-22 1-Dec-22

Time Period (24 Month Window) Assumptions Baseline (Per Annum) 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24

Income

IPO Proceeds

Net Proceeds 

(Warrants ~20% of 

Aggregate Deal)  -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     -                     200,000,000       

Operating Exp - Credit Facility (Line/Loan to SPAC 

(Escrow Expense Account)

Modelled from 

Pershing Square ref 

S1 Filing (maximum 

$20M Total) 9,362,243                  780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             780,187             

Total Revenue $0 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $200,780,187 $780,187 $780,187

Cost/Expenses

Executive Team Compensation    $0

  CEO & President' $500,000 $500,000 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667

  Executive Team (CTO, CIO CISO, CMO & CFO) $300,000 $1,200,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000

Predictive Tech Team - Overhead                          

   Research & Development Tools 2) $200,000 $400,000 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333 $33,333

   Data Scientist (4) $300,000 $1,200,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000 $100,000

   Development Tools (Code Python & R) $100,000 $100,000 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333

   Daas (Data as a Solution) PitchBook, etc $100,000 $100,000 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333

   Overhead Staff (3) $100,000 $300,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000 $25,000

   HQ Overhead (Annual Lease) $50,000 $600,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000 $50,000

Investment Banking Exp                          

   Contractual Agreement (Retainer) $1,000,000 $1,000,000 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333

Issuance Fees

   Issuance Legal Fees & Expenses $1,000,000 $1,000,000 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333 $83,333

   Accounting Fees $100,000 $100,000 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333

   SEC/FINRA Fees $500,000 $500,000 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667 $41,667

   Listing Exchange - Nasdaq $75,000 $75,000 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250 $6,250

   Insurance (Liability and E&O) Directors $2,000,000 $2,000,000 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667 $166,667

   Printing & Engraving $100,000 $100,000 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333 $8,333

  

Operational Loan (2 Year) $20,000,000 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0   

   Annual Interest Rate to Funding Escrow 2% $187,245 15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604               15,604                 

      
   

Total Cost $9,362,245 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $780,187 $764,583 $764,583

   Running Total $780,187 $1,560,374 $2,340,561 $3,120,748 $3,900,935 $4,681,122 $5,461,310 $6,241,497 $7,021,684 $7,801,871 $8,582,058 $9,362,245 $10,142,432 $10,922,619 $11,702,806 $12,482,993 $13,263,180 $14,043,367 $14,823,554 $15,603,741 $16,383,929 $17,164,116 $17,928,699 $18,693,282

Total Revenue - Total Cost/Expenses $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $200,000,000 $15,604 $15,604

Tax Expense $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $80,000,000 $6,241 $6,241

Net Operating Income after Tax $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $120,000,000 $9,362 $9,362

Cash Flow  $120,083,333 $92,695 $92,695

Cumulative Future Cash Flow $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $0 $120,083,333 $92,695 $92,695

Payback Period
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