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ABSTRACT 
 

Past research suggests that deploying a range of local gun violence prevention 
strategies, including community-based interventions in addition to law enforcement 
initiatives, can be more effective than relying on a single approach. In this thesis, I 
analyze a notable application of this concept by estimating the effect on murders of New 
York City’s creation of an Office to Prevent Gun Violence in 2017. After reviewing the 
literature on the impact of several violence prevention strategies, I hypothesize that such 
an agency can help cities coordinate information collection and resource deployment, 
ultimately reducing murders. Using data from the FBI’s Uniform Crime Report, I find 
that monthly murders decreased in New York City following the creation of the Office to 
Prevent Gun Violence in 2017, but through a differences-in-differences analysis using 
Los Angeles as a control city, I find insufficient evidence to attribute this decrease to the 
office. Analyzing these results, I posit that national factors may have driven at least some 
of the reduction in murders in New York City during the time period studied, and I 
suggest that further research into the implementation of New York City’s approach can 
help shed light on ways to improve the effectiveness of local violence prevention 
agencies. 
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INTRODUCTION 

 

In recent years, city governments have faced increased pressure to address gun 

violence, and this will likely increase following a deadly 2020. By mid-November of 

2020, Los Angeles had recorded its 300th murder of the year, something the city had not 

done in any entire year in more than a decade (Rector, 2020). As of early December, 

Philadelphia had recorded 463 murders, a 40-percent increase over the same period a year 

earlier (Philadelphia Police Department). In Chicago, a new police commissioner set an 

ambitious goal in April of 2020 of keeping homicides under 300; in November, the city 

passed 700 homicides for only the second time in two decades (Struett, 2020). 

Already a public health crisis before these increases, gun violence in U.S. cities 

seems to be rising sharply (Badger and Bui, 2020), a concerning trend likely due at least 

in part to the widespread social disruption and economic upheaval brought by the 

coronavirus pandemic. As city leaders work to reverse this surge, they do so against the 

backdrop of a social and political landscape that has changed dramatically in the last 

decade. Amid growing understanding of the social costs of mass incarceration and 

overpolicing, there is broad interest from activists and advocacy groups in public safety 

strategies that do not rely on policing and arrests.  

As they look beyond the police department for solutions, some cities in recent 

years have created new offices devoted to violence prevention. For policymakers with 

tight budgets, this approach is a gamble that such an office can be enough of a force 

multiplier to justify its cost. Yet existing research has made clear the potential benefit of a 

coordinated approach. In a departure from law enforcement-focused theories that 
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dominated criminology in the 1980s and 1990s, more recent scholarship has highlighted 

the necessity of mixed-methods approaches. “[N]o city that has been successful in 

reducing urban violence can credibly attribute all of its success to a single tough or soft 

approach,” writes Thomas Abt in Bleeding Out, which draws on systematic reviews of 

local gun violence prevention strategies to lay out a blueprint for future action. “[I]t is 

always some combination of both. Punishment by itself has not worked. Neither has 

prevention” (Abt, 2019, p. 46). 

Yet while a growing body of research demonstrates the effectiveness of a wide 

range of violence intervention programs, there has been little quantitative analysis of 

what happens when a city coordinates such programs through an office of gun violence 

prevention that exists outside the police department. For city leaders considering how to 

improve their public safety efforts, data on the effectiveness of such a strategy could 

provide actionable insight. Evidence suggesting significant effectiveness would offer 

strong support for establishing and expanding such offices; a lack of such evidence would 

suggest problems in implementation or in the underlying conceptual framework. 

In hopes of shedding light on this question of effectiveness, in this thesis I will 

examine as a case study New York City’s Office to Prevent Gun Violence (OPGV), 

seeking to determine the effect it had on monthly murders in city in the first three years 

after its creation. After reviewing existing literature on local violence prevention, I will 

lay out a conceptual framework and explain why offices for violence prevention could 

achieve their intended effect, at least in theory. I will then describe the data used in this 

analysis and explain how the methodology controls for possible confounding variables. 

Finally, I will present my findings and discuss their implications. 
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LITERATURE REVIEW 

 

As concerns about crime and violence in American cities rose in the 1980s, many 

cities took a criminal justice approach to public safety, aiming to change individual 

behavior through deterrence or incarceration. This approach is seen clearly in so-called 

broken windows policing, a term referencing an influential 1982 story in The Atlantic 

arguing that visible signs of disorder, even ones as small as a broken window, create 

ripple effects that contribute to crime (Kelling and Wilson, 1982). While studies have 

found mixed results of this zero-tolerance strategy, a number seem to show it has some 

effect – an effect likely magnified when it is deployed along with other policing strategies 

like hot spots policing, which assigns a heavier police presence to locations with frequent 

crime, and problem-oriented policing, which focuses resources on specific challenges 

rather than on crime in general (Distler, 2011).  

Critics of broken windows-style policing, however, have questioned its 

effectiveness at reducing crime and have also raised concerns about the social costs of 

overpolicing. Revisiting Kelling and Sousa’s 2001 study that credited aggressive policing 

tactics for precinct-level decreases in New York City crime, Harcourt and Ludwig (2006) 

suggested that a separate explanation better explained the decreases. In their analysis, the 

precincts that saw large drops in crime had generally seen the largest increases in crime 

prior to the intervention period, suggesting that a more convincing explanation was the 

principle of reversion to the mean: compared to extreme data points, subsequent data 

points will likely be closer to a long-term average. Other scholars, meanwhile, have 

raised concerns about the collateral costs of broken windows-style policing. In addition to 



 4 

questioning the logic and evidence behind aggressive policing of misdemeanors, 

Harcourt (1998) noted that Black New Yorkers were arrested for minor crimes at a 

disproportionately high rate after the city implemented its more aggressive approach and 

also wrote that an increase in police brutality complaints deserved further attention. 

Other criminal justice approaches to preventing gun violence have taken more 

narrowly tailored forms. In the early 2000s, New York City’s police department used a 

multi-pronged approach to reducing shootings, incentivizing tips that could lead to gun 

arrests, utilizing undercover investigations to disrupt illegal gun markets, harnessing 

technology to connect bullets, casings and firearms and working with law enforcement 

partners to trace trafficked firearms and hold traffickers accountable (Golden and Almo, 

2004). In a separate approach, the Operation Ceasefire model piloted in Boston in the 

1990s, police focus enforcement efforts on groups involved in violence – and directly 

communicate this focus to these groups prior to and throughout implementation 

(Kennedy et al, 2001). 

Amid mounting concerns over the collateral costs of policing and incarceration, 

many policymakers and advocates have shown increased interest in recent years in a 

public health approach that focuses on addressing contextual factors. Backers of this 

philosophy argue it avoids many of the social costs associated with the criminal justice 

approach and can also produce better results. “It is often more effective to change the 

agent and the environment in which the problem occurs than it is to focus on trying to 

change the individual with the last clear chance to prevent the problem (e.g., victim or 

perpetrator),” Hemenway and Miller (2013) write. Providing support for this theory, 
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Sharkey et al (2017) have shown that community-based nonprofit organizations played a 

measurable role in the decline of crime from its peak in the early 1990s. 

A range of gun violence interventions that take a public health approach have 

shown promising results. In their meta review of local gun violence interventions, Abt 

and Winship (2016) find strong evidence that cognitive behavioral therapy helps prevent 

violence, as well as moderate evidence of the effectiveness of two place-based 

approaches, crime prevention through environmental design and urban renewal. Another 

leading public-health intervention is Cure Violence, a strategy that relies on credible 

messengers to mediate street conflicts and prevent them from spreading and escalating 

into violence. A number of programs using this model have undergone rigorous 

evaluation and demonstrated some level of effectiveness, including programs in 

Baltimore (Webster et al, 2012) and Chicago (Gorman-Smith et al, 2014).  

The literature also suggests that efforts to reduce gun violence work best in 

coordination with each other, including combining public health and criminal justice 

interventions.  “In hot spots and for hot people, we need a range of incentives that 

promote positive associations and activities while deterring violence,” Abt writes. 

“[T]here must be both carrot and stick” (Abt, 2019, p. 45). The Operation Ceasefire 

model, which has been credited for significant decreases in shootings in Boston and 

elsewhere, provides a strong example: In addition to the deterrence effort detailed above, 

it also includes focused outreach from outreach workers to connect young people with 

social services, including job opportunities (Kennedy et al, 2001). For policymakers, 

promising results from such multi-pronged approaches suggest that coordinating violence 
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prevention strategies can be a force multiplier, producing greater public safety benefits 

than strategies carried out independently.  

To coordinate multiple approaches, a number of the country’s largest jurisdictions 

have created offices dedicated to violence prevention that are separate from the police 

department, including New York City (2017), Philadelphia (2017) and Los Angeles 

County (2019). Everytown for Gun Safety, the country’s largest gun violence prevention 

organization (and my employer), lists establishing such an office among a number of 

recommended local strategies for reducing gun violence, noting that “[c]ohesion across 

key stakeholders and strategies is particularly important to ensuring city gun violence 

prevention” (City Gun Violence Reduction Insight Portal). Yet there appear to be few if 

any publicly available quantitative evaluations of doing so. To help fill this gap, I will 

focus here on the results in New York City, seeking insight into whether the city’s OPGV 

succeeded in making the city safer than it would be without it. While case studies provide 

only one snapshot into a strategy, New York City’s size and its central role in the 

literature on crime prevention make it a logical choice for in-depth study. 
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CONCEPTUAL FRAMEWORK 

 

To understand how a dedicated agency could boost a city’s effectiveness 

preventing gun violence, consider how a city leverages resources against gun violence in 

the absence of one. In a traditional model, city agencies and city-funded organizations 

address various facets of gun violence in parallel (Figure 1). These include police 

departments, which try to prevent crime and reduce firearm supply; street outreach 

organizations, which try to mediate conflicts and build resilience; and social service 

agencies, which seek to alleviate some of the long-term factors that can make violence 

more likely. In pursuit of each of these goals, each agency or organization allocates 

money, staff, and other resources. 

In the process of deploying these resources, each provider also obtains 

information from a range of sources. This can include data collected over time, formal 

reports, community and practitioner feedback, and best practices from other 

municipalities. In some cases, this information can help illuminate both key drivers of 

gun violence at the city-wide, neighborhood or hot-spot level. In others, it can provide 

feedback on the effectiveness of specific interventions. 

In a traditional model, there is likely some degree of communication between 

practitioners about both resource deployment and information collection. This can take 

the form of reports to city agencies or donors, conversations at conferences, or more 

informal knowledge sharing between acquaintances. But in the absence of structured 

coordination, it happens on an ad-hoc basis.                         
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There are clear drawbacks to this approach. Data-sharing between agencies may 

be limited, even though information collected by one may hold significant value to 

another. Police department data about the frequency of shootings on a particular corner, 

for instance, might be highly valuable to a community-based group devoted to reclaiming 

public space. But without a system for sharing that data, it might never be communicated 

to the community-based group. Opportunities to multiply effectiveness may also be 

missed by a traditional model. For instance, if a police department attempts to follow up 

in person with every victim a month after a shooting in order to gain more information, 

perhaps this strategy’s violence reduction effects could be increased if a social service 

provider attends the same in-person meeting. Finally, the traditional model lacks a single 

agency responsible solely for citywide violence prevention, preventing accountability for 

results. 

A more coordinated approach, embodied by a single agency devoted to gun 

violence prevention, offers potential advantages (Figure 2). Such an agency can ensure 

that information is shared across multiple city agencies, providing insight that can help 

guide resource deployment. It can also create efficiencies in resource allocation, reducing 

waste and increasing the chances that promising strategies can receive added resources. 

Finally, this model can also increase focus on gun violence as an outcome of interest and 

provide more direct accountability. 

For these reasons, I hypothesize that cities that have created an office for gun 

violence prevention, including New York City, have seen lower levels of homicide 

afterward than they would have otherwise. Some lag between implementation and 
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effectiveness is likely, but given the potential benefits of this coordinated approach, I 

predict data will reflect noticeable effects starting in the first year of implementation.  

 

 
 

 
 

 
 
 
 

Figure 1. Traditional model 
 
 
 
 
 
 

 
 
 
 

Law	
enforcement

Resources

Crime

Information

Social	
service	
agencies

Resources

Long-term	
contributors

Information

Community-
based	

programs

Resources

Environmental	
stressors

Information



 10 

 
 
 

Figure 2. Coordinated model 
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DATA AND VARIABLES 

 

Data  

The murder data source used in this analysis comes from the Federal Bureau of 

Investigation’s Uniform Crime Report (UCR), a collection of crime statistics reported to 

the federal government by local jurisdictions. Used frequently in criminology and social 

science, the UCR provides a means of comparing statistics across jurisdictions that uses a 

single definition for each category of crimes, a significant advantage since cities may use 

varying classifications in their own tracking or publishing of crime data. To simplify the 

process of cleaning this data, I used a monthly UCR data set concatenated by 

criminologist Jacob Kaplan, Ph.D. (Kaplan, 2021).  

During preliminary exploration of the data, I looked at data from the country’s 10 

largest cities. After comparing trends over time in these cities, I decided to focus my 

analysis on two jurisdictions, New York City and Los Angeles, during the years 2013 

through 2019. In an effort to restrict my analysis to these cities and create an apples-to-

apples comparison across the two cities, I considered only data from the New York City 

Police Department and the Los Angeles Police Department, excluding data reported by 

the Los Angeles County Sheriff’s Department, whose jurisdiction includes 

unincorporated areas outside the city of Los Angeles, and the New York City Sheriff’s 

Office, for consistency. When looking at New York City’s numbers alone, I used all 

seven years of data, for a sample set of 84 observations. For reasons explained below, the 

difference-in-differences analysis includes both cities’ data through February of 2019 

only, yielding a data set of 148 observations. 



 12 

Population data, used a control variable, comes from annual estimates provided 

by the U.S. Census Bureau. (U.S. Census Bureau, 2020). 

 

Variables 

Analyzing the effect of an office for violence prevention on violence requires 

operationalizing two variables: the presence of such an office, and the frequency of gun 

violence. 

For the key independent variable, I created a categorical variable indicating 

whether or not New York City’s OPGV existed for the given month and city. Because the 

office was established in February of 2017, March of 2017 was the first full month of 

data for which the office was in effect (New York City, Office of the Mayor, 2017). For 

New York City’s data, that month and subsequent months were coded “1” to reflect the 

presence of the office, and prior months, including February of 2017, were coded “0” to 

reflect having no office. All Los Angeles data was coded “0,” to show that OPGV was 

not in effect there. To facilitate additional analysis, I also created two other categorical 

variables, one to indicate whether a given observation represented a month six or more 

months after implementation, and another to indicate whether a given observation 

represented a month that came a year or more after implementation. I coded these 

variables as indicator variables set to “1” for New York months starting in September of 

2017 and March of 2018, respectively, and set to “0” for prior New York months and all 

Los Angeles months. 

For the key dependent variable, I chose to use monthly murders, coded as “actual 

murders” in the UCR data. Admittedly, this is an imperfect proxy for gun violence, but 
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the UCR does not include non-fatal shootings or distinguish city-level homicides by 

weapon type, making it impossible from this data set to look at shootings or gun 

homicides. Moreover, reported murders are considered a relatively reliable metric, in that 

the overwhelming majority of murders that occur are reflected in crime data. “While 

other violent crimes may go unreported, virtually all murders are known to authorities 

because they produce an undeniable piece of physical evidence: a dead body,” Abt 

writes. “[E]ven in the US, homicide is the only category of offense where we know the 

numbers with absolute confidence” (Abt, 2019, p. 7). Additionally, while murders are an 

imperfect proxy for gun violence, they are unquestionably of interest to researchers and 

policymakers considering the impact of creating an office for violence prevention. 

Annual population estimates, used as a control variable, are calculated by the U.S. 

Census Bureau. Because the actual Census occurs only every 10 years, the Census 

Bureau calculates these estimates by adjusting 2010 Census results based on birth, death 

and migration trends and updated housing unit estimates, among other factors (U.S. 

Census Bureau, 2020). 
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METHODS 

 

Using OLS regression, I took three approaches to compare monthly murders 

before and after the creation of OPGV. First, I compared New York City’s pre-

implementation period and post-implementation period in their entirety. Second, I 

considered monthly change in the New York City data, analyzing whether a change 

occurred after implementation. Finally, I compared what happened after implementation 

in New York City with what happened during the same period in Los Angeles. 

 

Comparing pre- and post-implementation periods as a whole 

To compare monthly murders in New York City between the post-implementation 

period as a whole and the pre-implementation period as a whole, I used the following 

regression model: 

𝑦t = 𝛽0 + 𝛽1X1t +	𝛽2X2t + 𝛽3X3t + ut 

In this model, y is murders for a given month, and t represents a given month. 𝛽0 

is a constant, 𝑋1 is an indicator variable set to “1” for months when OPGV was in effect 

and set to “0” for all prior months. 𝑋2 and X3 are population and month of the year, 

control variables, and u is all of the unobserved factors contributing to variation in 

murders. 

 

Controlling for an existing trend at the time of implementation 

Because the above model only considers each period in its entirety, it cannot 

account for an existing trend over time that already existed at the time New York City 
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created OPGV. To account for this, I used the following regression model to allow for a 

possible month-to-month trend over time and determine if there was any change in that 

trend that occurred after implementation: 

 𝑦t = 𝛽0+𝛽1X1t +	𝛽2X2t + 𝛽3X3t + 𝛽4X4t + ut 

Again, y represents murders for a given month, 𝛽0 is a constant, t represents a 

given month, and u represents all of the unobserved factors contributing to variation in 

murders. This time, X1 is a month counter variable, showing the effect of one more 

month during the time period on predicted murders, and 𝑋2 is an indicator variable set to 

“1” for months when OPGV was in effect and set to “0” for all prior months. 𝑋3 and 𝑋4 

are population and month of the year, again acting as control variables.  If no meaningful 

change in murders occurred around the time of implementation, the coefficient 𝛽2 will be 

close to zero; if a change did occur, the coefficient 𝛽2 will be a point estimate for the 

change in monthly murders associated with the implementation period.  

 

Comparing New York City and Los Angeles 

To better isolate the effect of OPGV, I used a difference-in-differences analysis to 

compare what happened in New York after its implementation with what happened in 

Los Angeles during the same period. When a complex mix of factors influence an 

outcome, many of them difficult to observe or measure, difference-in-differences analysis 

can help to control for contributing factors separate from a particular variable of interest, 

provided the groups being compared are similar except for the variable of interest. Here, 

an analysis that considers New York City alone cannot control for other possible causes 

of a change in murder frequency during the implementation period, apart from what was 
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happening in New York City. By contrast, comparing what happened in New York City 

to what happened elsewhere can help to pinpoint if something unique happened in New 

York City, potentially providing stronger evidence that an effect was due to OPGV. 

Several factors make Los Angeles particularly suitable as a point of comparison. 

First, the city showed a similar trend to New York City prior to implementation; while 

both cities saw significant seasonal variation, neither was experiencing a significant 

upward or downward trend over time between January of 2013 and February of 2017 

(Figure 4). In addition, Los Angeles lacked a gun violence prevention office until 

February of 2019, when Los Angeles County created its Office of Violence Prevention 

(Los Angeles County Department of Public Health, 2021). Because neither city nor 

county officials had implemented an office until then, this helps to isolate  

OPGV as a key difference between the two cities during the study period. 

Moreover, while a county-level office is not identical to a city-level office, the fact that 

Los Angeles County created such an office in 2019 suggests local officials saw room for 

improved coordination, suggesting the area (including the city of Los Angeles) may have 

been experiencing similar dynamics in its violence prevention work – namely, challenges 

in coordination – as the dynamics that prompted New York City to create OPGV. 

Finally, these cities are the two largest in the U.S. In conducting difference-in-

differences analysis, one sets out to find a comparison group as similar to the initial group 

as possible, to help isolate the key variable of interest, so Los Angeles stands out due to 

its size as an obvious choice. In addition, the large populations of both cities make their 

murder totals less susceptible to massive percentage swings due to any specific shooting 

or other factors not generalizable to other cities. A year-over-year doubling of a city’s 
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homicide rate, for instance, would say far more about the general risk to the population in 

a city of 300 annual homicides than one with three. 

In this difference-in-differences analysis, I estimated the treatment effect in New 

York City by contrasting the size of the difference in monthly murders between the pre-

implementation and post-periods in New York with the size of the corresponding 

difference in Los Angeles. To calculate this, I used the following regression: 

𝑦tc = 𝛽0 + 𝛽1X1tc +	𝛽2X2tc+ 𝛽3X3tc + 𝛽4X4tc +	𝛽5X5tc + utc  

Because Los Angeles County created its Office of Violence Prevention in late 

February of 2019, for this calculation I considered only data through February of 2019. 

Here, y represents murders for a given month, t represents a given month, and c 

represents a given city (New York or Los Angeles), 𝛽0 is a constant, and u is all of the 

unobserved factors contributing to variation in murders. In this regression, X1 is an 

indicator variable set to “1” for all months during the post-implementation time period, in 

both cities, and set to “0” for all prior months. 𝑋2 is an indicator variable set to “1” for all 

months of New York City data and set to “0” for all months of Los Angeles data.  𝛽3 is 

an interaction term representing the product of X1 and X2; it equals 1 for post-

implementation New York months and 0 for all other months. 𝑋4 and 𝑋5 are control 

variables, representing population and month of the year.   
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RESULTS 

 

This section explores two questions. First, did monthly murders in New York City 

increase, decrease, or stay relatively constant after implementation? Second, how does 

any difference in monthly murders after implementation compare to any difference in Los 

Angeles over the same period? 

 

What happened in New York City? 

Comparing pre- and post-implementation periods as a whole 

Controlling for population and month of the year, New York City had 3.9 fewer 

murders each month in the period starting in March 2017, the month the city established 

OPGV, compared with the months between January of 2013 and February of 2017. 

(Table 1). As expected, the regression models that include month of the year show 

seasonality, with winter months generally negatively associated with murders and 

summer months generally positively associated. February, the shortest month of the year, 

shows a particularly strong and negative association with murders. As a robustness check, 

I also compared periods starting six months and 12 months after implementation, 

respectively, with the pre-implementation period. These periods starting six and 12 

months after implementation, which I’ll call the lagged periods, also saw fewer monthly 

murders than the pre-implementation period, but the differences are not statistically 

significant at the 10 percent significance level. (Table 2) 
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Figure 3. Monthly murders in New York City, Jan. 2013 – Dec. 2019 
 
Source: Author’s calculations. 
Data: Jacob Kaplan’s Concatenated Files: Uniform Crime Reporting Program Data:  
       Offenses Known and Clearances by Arrest, 1960-2019 
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Table 1 
 
Monthly murders in New York City, 2013-2019 
 

 (1) (2) (3) 
    
    
Period starting March 
2017 

-2.726* -3.164** -3.878** 

 (1.485) (1.291) (1.667) 
Population   -1.28e-05 
   (1.88e-05) 
February  -8.000** -8.000** 
  (3.086) (3.098) 
March  -3.405 -3.303 
  (3.092) (3.107) 
April  -2.691 -2.589 
  (3.092) (3.107) 
May  2.166 2.268 
  (3.092) (3.107) 
June  4.881 4.983 
  (3.092) (3.107) 
July  4.452 4.554 
  (3.092) (3.107) 
August  4.452 4.554 
  (3.092) (3.107) 
September  3.452 3.554 
  (3.092) (3.107) 
October  2.738 2.840 
  (3.092) (3.107) 
November  -3.977 -3.875 
  (3.092) (3.107) 
December  1.166 1.268 
  (3.092) (3.107) 
Constant 28.02*** 27.76*** 135.5 
 (0.945) (2.213) (158.5) 
    
Observations 84 84 84 
R-squared 0.039 0.379 0.383 

 
Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1. 
Source: Author’s calculations. 
Data: Jacob Kaplan’s Concatenated Files: Uniform Crime Reporting Program Data:  
       Offenses Known and Clearances by Arrest, 1960-2019 
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Table 2 
 
Monthly murders in New York City, controlling for population and month of the year,  
     2013-2019 
 

 (1) (2) (3) 
        
    
Period starting March 2017 -3.878**   
 (1.667) 

 
  

Period starting Sept. 2017, 
compared with period ending 
Feb. 2017 

 -3.036 
(1.939) 

 

 

    
Period starting Sept. 2017, 
compared with period ending 
Feb. 2017 

  -2.550 
(2.510) 

 
 

    

Constant 135.5 70.19 43.94 
 (158.5) (175.0) (210.9) 
    
Observations 84 78 72 
R-squared 0.383 0.413 0.385 

 
Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1. 
Coefficients for population and month of the year not shown. 
Source: Author’s calculations. 
Data: Jacob Kaplan’s Concatenated Files: Uniform Crime Reporting Program Data:  
       Offenses Known and Clearances by Arrest, 1960-2019 
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Controlling for an existing trend at the time of implementation 

Between January of 2013 and February of 2017, the month New York City 

established OPGV, there was no statistically significant trend in monthly murders over 

time, either upward or downward, after controlling for population and month of the year 

(Table 3). A model that considers change over time shows there were 5.7 fewer murders 

per month in the period that started in March of 2017 compared with that pre-

implementation period, control variables held constant (Table 4). This model also shows 

lower monthly murders during the lagged periods as compared to the pre-implementation 

period, but this effect is not significant at the 10 percent significance level. 
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Table 3 
 
Monthly murders in New York City, Jan. 2013 through Feb. 2017, controlling for  
     population and month of the year 
 

 (1) (2) (3) 
        
    
Average monthly 
change over time 

0.0255 0.0125 -0.0216 

 (0.0675) (0.0575) (0.123) 
February  -9.212** -9.178** 
  (3.649) (3.696) 
March  -2.850 -2.998 
  (3.877) (3.954) 
April  -3.362 -3.477 
  (3.874) (3.939) 
May  2.625 2.545 
  (3.872) (3.928) 
June  5.363 5.317 
  (3.871) (3.922) 
July  1.600 1.588 
  (3.870) (3.919) 
August  6.088 6.110 
  (3.871) (3.919) 
September  4.575 4.631 
  (3.872) (3.924) 
October  2.813 2.903 
  (3.874) (3.933) 
November  -2.950 -2.825 
  (3.877) (3.945) 
December  5.288 5.446 
  (3.881) (3.962) 
Population   1.94e-05 
   (6.17e-05) 
Constant 27.37*** 27.09*** -135.6 
 (1.977) (2.953) (518.4) 
    
Observations 50 50 50 
R-squared 0.003 0.460 0.462 

 
Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1. 
Coefficients for population and month of the year not shown. 
Source: Author’s calculations. 
Data: Jacob Kaplan’s Concatenated Files: Uniform Crime Reporting Program Data:  
       Offenses Known and Clearances by Arrest, 1960-2019 
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Table 4 
 
Monthly murders in New York City, Jan. 2013 – Dec. 2019, controlling for population  
     and month of the year 
 

 (1) (2) (3) 
        
    
Average monthly 
change over time 

0.0400 0.0285 0.0289 

 (0.0513) (0.0551) (0.0709) 
 

Period starting March 
2017 

-5.678* 
(2.848) 

  

 
 

    

Period starting Sept. 
2017, compared with 
period ending Feb. 
2017 

 -4.565 
(3.543) 

 

 

    
Period starting March 
2018, compared with 
period ending Feb. 
2017 

  -4.542 
(5.508) 

    
Constant 152.3 101.5 107.2 
 (160.4) (186.1) (263.2) 
    
Observations 84 78 72 
R-squared 0.388 0.416 0.387 

 
Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1. 
Coefficients for population and month of the year not shown. 
Source: Author’s calculations. 
Data: Jacob Kaplan’s Concatenated Files: Uniform Crime Reporting Program Data:  
       Offenses Known and Clearances by Arrest, 1960-2019 
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Comparing New York and Los Angeles 
 

In the time between the creation of OPGV (February of 2017) and the 

establishment of Los Angeles County’s Office of Violence Prevention (February of 

2019), New York City saw a somewhat larger decrease in monthly murders than Los 

Angeles did, with a difference in differences of 2.55 murders per month when controlling 

for month of the year, but the effect was not statistically significant at the 10 percent 

significance level. When the lagged periods are considered as robustness check, New 

York City again saw a greater difference than Los Angeles did, but again the difference 

in differences was not statistically significant. When the data is considered as a whole, 

there was a decrease of .83 murders per month between March of 2017 of February of 

2019, compared with the pre-implementation period, controlling for month of the year, 

although this difference is not statistically significant at the 10 percent significance level, 

either. 
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Figure 4. Monthly murders in New York City and Los Angeles, Jan. 2013 – Feb. 
2019 

 
Source: Author’s calculations. 
Data: Jacob Kaplan’s Concatenated Files: Uniform Crime Reporting Program Data:  
       Offenses Known and Clearances by Arrest, 1960-2019 
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Table 5 
 
Monthly murders in New York City and Los Angeles, Jan. 2013 – Feb. 2019, controlling  
     for month of the year 
 

 (1) (2) (3) (4) 
          
     
Period starting March 2017 -1.630 

(1.667) 
-0.833 
(1.418) 

  

     
New York City -64.59 

(76.84) 
5.380*** 
(1.141) 

5.380*** 
(1.128) 

5.380*** 
(1.168) 

 
     
Difference-in-differences, 
period starting March 2017 

-1.205 
(2.489) 

-2.547 
(2.004) 

  

     
 

Population 1.55e-05 
(1.70e-05) 

 
 

  

     
Period starting Sept. 2017, 
compared with period ending 
Feb. 2017 

  -0.586 
(1.557) 

 

     
Difference-in-differences, 
period starting Sept. 2017 

  -2.158 
(2.192) 

 

     
Period starting March 2018, 
compared with period ending 
Feb. 2017 

   -1.706 
(1.877) 

     
Difference-in-differences, 
period starting March 2018 

   -0.547 
(2.654) 

     
Constant -38.23 22.55*** 22.43*** 22.64*** 
 (66.77) (1.654) (1.639) (1.797) 
     
Observations 148 148 136 124 
R-squared 0.347 0.343 0.376 0.373 

 
Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1. 
Coefficients for month of the year not shown. 
Source: Author’s calculations. 
Data: Jacob Kaplan’s Concatenated Files: Uniform Crime Reporting Program Data:  
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       Offenses Known and Clearances by Arrest, 1960-2019 
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DISCUSSION 

 

When one looks only at New York City, the data from the first 34 months after 

OPGV’s creation look promising. A reduction of several murders per month from what 

would otherwise be expected – as many as five fewer each month, in one model – would 

be an important achievement, particularly given that this analysis looks only at 

homicides: Since most shootings do not kill someone, an effect on murders of this size 

would suggest a significant reduction in shootings, not nearly enough to end gun violence 

but enough to show that the approach is working in important respects. 

Using Los Angeles as a point of comparison, however, suggests that national 

factors may have been largely responsible for these apparent reductions. While New 

York saw a larger decrease in murders than Los Angeles did during the period starting 

March of 2017, the difference was relatively small, not large enough to rule out the 

possibility it was due to chance. Indeed, the decreases in both cities after February of 

2017 are in line with a national decrease in murders: Nationally, the murder rate rose 

significantly in 2015 and 2016 before dropping again in 2017 (Lopez, 2018). It is 

certainly plausible that reversion to the mean – or, alternatively, an increase in total 

resources devoted to violence prevention – played a significant role in the reductions in 

murders in both New York City and Los Angeles between March of 2017 and February 

of 2019. 

In sum, then, this study’s results show room for improvement in the city’s 

strategy. While OPGV may have contributed to a decrease in violence in New York City, 

this analysis shows no prompt, steep drop in murders after its creation. Does this mean a 
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coordinated approach does not, in fact, reduce gun violence? Perhaps. It is conceivable 

that in practice, a coordinated approach is not the force multiplier it is designed to be. 

Rather than increasing information and creating efficiencies in resource allocation, such 

an approach could create red tape and bureaucracy. Instead of focusing accountability, it 

could diffuse accountability among the many agencies and operators involved. 

Yet given the strength of the literature supporting the promise of a coordinated 

approach, other explanations for my results may be more persuasive. Perhaps the lag 

between implementation and full impact will take years, preventing the benefits of the 

office’s creation from being seen for longer than could be observed in this study. After its 

creation, OPGV needed to hire and train staff, staff needed to create systems for sharing 

information, and leaders needed to create plans for – and secure approval of – the 

deployment of new resources. While this study attempted to account for such processes 

through multiple models, perhaps the six-month and 12-month lags were simply too short 

to be realistic.  

Implementation challenges, too, could explain for the lack of significant impact 

during the study period. This study did not consider OPGV’s structure, the resources it 

received, its staffing or its strategy – all factors, among many, that contribute to the 

success or failure of any administrative endeavor. Further research can help establish the 

form that New York City’s coordinated approach took, helping to illuminate the degree to 

which its effects are a floor or a ceiling of such an approach; in all likelihood, they fall 

somewhere in between.  

Further research could also address threats to this study’s internal validity. In 

addition, the proxy this study used for gun violence – murders – is far from perfect. 
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Researchers with access to department data on all shootings might be able to shed 

additional light on changes not reflected in the murder data. Separately, while this study 

controlled for month of the year in an effort to account for significant seasonality in gun 

violence, a different approach to addressing the fluctuation within each calendar year 

might be able to show trends that this analysis did not. Further research could also 

determine the extent to which Los Angeles is an acceptable proxy for national trends, or 

whether its murder trends were influenced in this period by specific factors not 

generalizable to New York to other cities.  

With regard to generalizability, this study’s limited sample size should be a clear 

signal that these results are meant to add to – not finish – the conversation about the 

effect of a coordinated approach to gun violence. A study considering more than two 

cities would certainly shed additional light on the conceptual model under consideration, 

and readers should note that this study considered only the country’s two largest cities. 

Gun violence and gun violence prevention have differing characteristics in smaller cities, 

and further research can help establish which lessons from New York City’s 

implementation can be extrapolated to apply to small and medium-sized cities. 

Further research can also help test the conceptual model outlined above with more 

precision, in at least two respects. First, it would be instructive to assess other outcomes 

of interest in addition to murder. Looking at other such outcomes — such as long-term 

contributors to violence, like poverty, and environmental stressors, like group conflict— 

was beyond the scope of this study, but doing so can help researchers and policymakers 

develop a more complete portrait of OPGV’s impact. In addition, further study, including 

qualitative research, can shed light on the flow of information and resources between 
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OPGV and various agencies and individuals involved in violence prevention. Given time 

constraints, I limited my analysis to a key outcome of interest – murder – but further 

research into these process questions can provide crucial and actionable insight. 

Broadly, this study’s findings suggest that New York City’s leaders must continue 

to critically examine the city’s approach to reducing gun violence. While monthly 

murders decreased in the years following the city’s opening of its Office to Prevent Gun 

Violence, a comparison to Los Angeles suggests that national factors, not the city’s new 

approach, may have accounted for much or all of this change. While past researchers 

have demonstrated the significant potential of a coordinated approach to gun violence, 

these results suggest that at least in New York City, opening an office for gun violence 

prevention does not by itself guarantee swift and steep drops in gun violence. Future 

research can help determine whether specific implementation failures limited the 

effectiveness of New York’s strategy, whether the city has not yet seen its full impact, or 

whether the conceptual model laid out here needs adjustment. 
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