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ABSTRACT 

Quality national statistics can help steer domestic policymaking, public and 

private investment, and civic engagement. As such, increased funding for national 

statistical capacity has become a key advocacy target in international development. 

However, there is growing concern that the political economy of data hampers capacity 

strengthening efforts. Could citizen participation mitigate political disincentives, and 

support ‘more and better’ statistics?  

To answer this question, I explore whether a relationship exists between citizen 

participation and national statistical capacity in sub-Saharan Africa. I use a custom 

country-year panel dataset and compare pooled ordinary least squares and two-way fixed 

effects models. Independent and dependent variables of interest are sourced from the 

Ibrahim Index of African Governance and World Bank Statistical Capacity Index, and 

models control for public sector corruption, national economic development, and 

development assistance levels.  

My findings suggest that citizen participation can influence national statistical 

capacity, but that this influence is intermediated through public administration capacity. 

This result holds only when using the Ibrahim Index of African Governance measure of 

statistical capacity, though I posit this is due to differences in measurement between the 

two dependent variables. My analysis also indicates that formalized, de jure civic checks 
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and balances are more important than de facto civil society protections in determining the 

impact of citizen participation on statistical capacity.  

This work aims to contribute to the modest literature examining the relationship 

between statistical capacity, citizen engagement, and government capacity; and seeks to 

provide timely inputs to the ongoing debate around what ‘more and better’ financing for 

data and statistics means in practice. 
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Chapter 1. Introduction 
 

National statistical offices play a key role in measuring progress and providing inputs 

toward the achievement of national and international development goals (Chen et al., 2013). 

Timely, reliable, and usable statistical products can help steer domestic policymaking, 

prioritization, and service delivery; guide public, private, and development partner investments; 

and enable civil society and citizens to hold decision-makers to account (Taylor 2016). 

For this reason, development partners have advocated for and invested in strengthening 

national statistical capacity for over thirty years (Devarajan, 2013; Krätke & Byiers, 2014). Yet 

despite this external investment – and the apparent benefits of better evidence for government 

policymakers – why does national statistical capacity continue to lag in sub-Saharan Africa?  

An increasing body of work suggests that international development practitioners have 

discounted the political economy of data and statistics (Devarajan, 2013; Jerven, 2014; Krätke & 

Byiers, 2014; Hoogeveen & Nguyen, 2019). “More and better” data can provide government 

decision-makers with an improved evidence base (Bern Network, 2019). However, these data 

may also present a threat – particularly if the evidence demonstrates unfavorable results (Taylor 

2016; Binswanger & Oechslin, 2020). This risk may disincentivize the domestic legal, financial, 

and policy reforms needed to strengthen national statistical systems. 

If outside-in assistance fails to strengthen national statistical systems, could inside-up 

levers incentivize a ‘more and better’ data supply? Citizen engagement and civil society are often 

cited as mechanisms that promote good governance. ‘Opening up’ government data and statistics 

is a common tactic to further social accountability (Devarajan et al., 2014; Fox, 2015). So, could 

citizen engagement also be a way to improve government data and statistics? 
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This research aims to explore whether citizen participation contributes to increased 

national statistical capacity in sub-Saharan Africa. To achieve this, I use pooled ordinary least 

squares (OLS) and two-way fixed effects models. My independent variables of interest are public 

administration capacity and civil society participation, taken from the 2020 Ibrahim Index of 

African Governance (IIAG). I compare results of two dependent variables: the World Bank’s 

Statistical Capacity Index (SCI) overall average, and the IIAG Capacity of the Statistical System 

indicator. Control variables include public corruption; natural logs of per capita gross domestic 

product (GDP) and official development assistance (ODA); and fixed country and time effects.  

I aim to contribute to the growing body of research around the political economy of 

investing in data and statistics in order to achieve better development outcomes. I hope to 

explore whether citizen-led (‘bottom-up’) and government-led (‘top-down’) demand for data and 

statistics may ‘meet in the middle’ as complementary strategies for improving the quality and use 

of data. 
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Chapter 2. Background 
 
 This work aims to explore how governance and citizen participation may influence 

national statistical systems. In what follows, I provide a working definition of national statistics 

and a brief history of national statistical systems in sub-Saharan Africa. 

Defining National Statistics 

National statistics are economic, social, and demographic data produced by the state that 

may be used to better understand and administer the population and economic activity of a polity 

(Krätke & Byiers, 2014). As endorsed by the United Nations General Assembly (2014): 

 
Official statistics provide an indispensable element in the information system of a 

democratic society, serving the Government, the economy and the public with data about 

the economic, demographic, social and environmental situation. To this end, official 

statistics that meet the test of practical utility are to be compiled and made available on an 

impartial basis by official statistical agencies to honour citizens’ entitlement to public 

information (p. 1-2). 

 
National statistical systems may be configured in a variety of fashions, from highly 

centralized to highly decentralized. National statistical offices usually play a key coordination 

role within this system, and are often responsible for the compilation, analysis, and dissemination 

of national statistical products. These products may be derived from data collected by censuses, 

surveys, and sectoral data collection processes (United Nations Statistics Division, 2003).  
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National Statistics in sub-Saharan Africa 

To understand official statistics in sub-Saharan Africa today, one must consider how 

nation-state formation more generally – and European colonialism in particular – have shaped 

national statistical systems.  

The development and standardization of statistical processes in Europe dates back to the 

18th century. In sub-Saharan Africa, colonial administrators valued official statistics as tools for 

revenue extraction: namely, for facilitating taxation and trade. From this common foundation, 

colony- and locality-wide statistical systems varied based on how administrators perceived and 

prioritized what counted, according to whom, and how (Krätke & Byiers, 2014).  

For example, which local elites the colonialists deemed “Native Authorities” still impacts 

subnational tax assessment and collection capacities today (Bolt & Gardner, 2020). Whether 

colonial leaders were predominantly assigned based on merit or patronage correlates with better 

or worse present-day fiscal capacity (Xu, 2019). And the value colonialists placed on profit-

driving economic activities may contribute to ongoing challenges in measuring domestic 

consumption (Jerven, 2011). 

Following independence – and against the backdrop of the Cold War – the majority of 

sub-Saharan African countries faced waves of political instability and economic decline. Post-

independence investments in domestic statistical capacity ebbed, until statistics “became supply 

driven goods without a corresponding eager market demanding to make use of such products and 

services” (Lehohla, 2008, p. 32).  

The production of official statistics requires sustained human and technical resource 

investments. These investments are easier to rationalize and prioritize if statistical products are 

deemed useful and used by public and private audiences. For a product to be considered useful, it 
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must be accessible and applicable to decisions being made. The product must also be of reliable 

quality: that is, there must be trust between public administrators, political leaders, and citizens 

in how data are collected, analyzed, and applied.  

Arguably, the colonial legacy of national statistics has had lasting repercussions for the 

present political economy of data and statistics in sub-Saharan Africa today. 
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Chapter 3. Literature Review 
 

This paper contributes to development economics and political economy literature by 

seeking to conceptualize further the relationship between governance, citizen participation, and 

national statistics. In what follows, I summarize pertinent findings about the relationship between 

governance, statistical capacity, and citizen participation; and conclude with reflections on how 

this work complements ongoing debates in development policy.  

Governance, Development, and Statistical Capacity 

In its ideal state, a strong national statistical system would positively impact governance 

and socioeconomic development by enabling evidence-informed policymaking; efficient service 

delivery and financial investment; and effective accountability processes (Jerven & Johnston, 

2015; MacFeely & Barnat, 2017). 

However, some development practitioners have begun re-examining the assumption that 

governance, development, and statistical capacity are consistently and positively related (Taylor, 

2016). Such reflection has been prompted in part by a persistent lag in national statistical 

capacity in sub-Saharan Africa, when compared to other world regions. This lag persists despite 

transitions to normatively ‘better’ (more democratic) governance models, and despite significant 

advocacy and capacity strengthening efforts (Devarajan, 2013). 

Researchers, practitioners, and advocates who aim to overcome barriers to statistical 

capacity strengthening are increasingly interested in the political economy of data and statistics. 

Issues of political economy – of politicians and bureaucrats acting in self-interested, versus civic-

minded, ways – are not unique to sub-Saharan Africa. But the ‘stickiness’ of this phenomenon in 

the region, combined with steady advocacy and funding levels for regional statistical capacity 
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strengthening, provides rationale for making sub-Saharan a focus of this work (Devarajan et al., 

2014; Carletto et al., 2015). 

To-date, research into the relationship between governance and statistical capacity has 

largely taken a case study approach. Investigations in agriculture (Jerven, 2014), education, and 

health sectors (Sandefur & Glassman, 2015) have indicated principal-agent problems may 

contribute to inaccurate data reporting.  

Jerven (2014) examined cases in Malawi, India, and Nigeria where national statistical 

systems were subjected to pressure from political elites and/or public officials. International 

financial aid, domestic political support, and employee performance goals incentivized the 

misreporting or manipulation of agriculture statistics, resulting in an overstatement of the impact 

of agricultural policy interventions.  

Similarly, Sandefur and Glassman (2015) identified discrepancies between household 

survey and administrative data across a number of African countries. The authors attributed these 

discrepancies to incentives: namely, governments and frontline service providers have an 

incentive to misreport results or inflate impact in order to secure additional financial support 

from international donors or the central government, respectively. 

Case studies do not provide generalizable evidence about what levers may be effective in 

curbing the problem of inaccurate statistical data. But a growing number of multi-country OLS 

regression analyses have contributed further evidence of a relationship between governance and 

statistical capacity.  

Oechslin and Steiner (2020) used the World Bank SCI and real GDP growth rates to 

explore the relationship between statistical capacity and economic development. The authors 

identified a positive relationship between the two phenomena only in countries with low levels of 
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public corruption; and found no relationship between statistical capacity and economic growth in 

high-corruption contexts. Oechslin and Steiner’s dataset included 146 countries and 556 

observations. 

The authors explained their results by modeling bureaucracy and private firm behavior. 

Bureaucracies that aim to produce more accurate economic statistics must collect more – and 

more accurate – firm-level economic data. However, corrupt bureaucracies may use more 

accurate firm-level data to target and extract bribes from reporting firms. This disincentivizes 

firms in high-corruption countries from reporting accurate data, which then diminishes the 

quality of national statistics.  

A similar approach was taken by Hoogeveen and Nguyen (2019) when exploring the 

relationship between statistical capacity and governance in 48 sub-Saharan African countries. 

Hoogeveen and Nguyen’s proxy for national statistical capacity was the summed total by country 

of comparable consumption surveys between 1990 and 2012. Their independent variable of 

interest was the Worldwide Governance Indicators’ government effectiveness index. Hoogeveen 

and Nguyen held constant GDP per capita, aid share of government budget, and political rights 

and civil liberties, and controlled for population density. 

The authors’ results indicated a strong, positive, and statistically significant correlation 

between governance and national statistical capacity. Hoogeveen and Nguyen’s dataset included 

only one observation per country, which poses a threat to the regression’s internal validity. 

However, their findings are consistent with other logical and empirical frameworks that connect 

individual and institutional incentives with data accessibility and accuracy (Jerven, 2014; 

Sandefur & Glassman, 2015; Taylor, 2016). 
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In sum, the qualitative and quantitative findings outlined above suggest why government 

institutions and affiliated individuals may have a disincentive to strengthen their national 

statistical system. But what does that mean for the future – is there another mechanism for 

strengthening national statistical capacity? 

Citizen Participation, Accountability, and Statistical Capacity 

For almost two decades, citizen participation and civic engagement have been perceived 

as a lever for improving long-term governance and development outcomes (Gaventa & Barrett, 

2012; Devarajan et al., 2014). Yet the identification of what enables citizen-led change, and how 

to activate those levers, remains elusive. 

To date, much citizen engagement literature involves meta-analyses of case studies, 

project impact evaluations, or lab-in-the-field experiments. One such meta-analysis – which 

spans ten years, twenty countries, and one hundred case studies – suggests that even in less-

democratic settings, citizen participation may still contribute to better social outcomes (Gaventa 

& Barrett, 2012).  

In particular, collective action may facilitate and encourage citizen participation in social 

accountability processes (Devarajan et al., 2014). Collective action can reduce the risk and level 

of effort borne by any one individual, and increase the “cost” of government non-responsiveness 

(Peixoto & Fox, 2016). Government responsiveness to feedback may in turn incentivize further 

citizen engagement (Gaventa & Barrett, 2012; Fox, 2015), which may create a self-sustaining, 

virtuous cycle.  

Yet there are a number of factors that influence the extent to which an individual would 

seek out social accountability mechanisms in the first place. Impact evaluation-, case study-, and 

lab-based research has found that individual motivation, capabilities (Purwanto et al., 2020a; 
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Purwanto et al., 2020b), pre-existing perceptions of service quality (James & Moseley, 2014), 

and fear of reprisals (Fox, 2015) shapes civic engagement.  

An oft-cited tactic for motivating citizen participation is the ‘opening up’ of public sector 

information, such as statistical data, budgetary data, and administrative data (Gurstein, 2011; 

Sandefur & Glassman, 2015). In theory, open government data makes government activities 

more transparent, which increases public trust (Purwanto et al., 2020b) and makes it easier to 

hold the government accountable for improved service delivery and development results 

(Devarajan et al., 2014).  

But in practice, the idea that open government data will increase citizen participation and 

lead to better policy outcomes may be overly simplistic. In particular, such an assumption likely 

discounts the institutional (Janssen et al., 2012; Fox, 2015; Ding, 2020) and individual (Peixoto 

& Fox, 2016) incentives and capacities that shape government responsiveness. This idea also 

ignores likely investments needed in awareness-raising, infrastructure, and skillets before open 

data may be put to effective use (Gurstein, 2011; Zuiderwijk et al., 2012; Janssen et al., 2012; 

Purwanto et al., 2020a).  

Few large-scale, quantitative studies about the connection between open government 

data, citizen engagement, and government accountability exist. The sole example found during 

desk review was Jelenic’s (2019) exploration of whether open government data contributed to 

greater accountability and improved service delivery in health and education sectors in sub-

Saharan Africa.  

This work found some correlations between government accountability, public sector 

capacity, and improved service delivery and sectoral outcomes.  However, Jelenic’s sample only 
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included 25 countries over a four-year period, limiting the ability to consider these relationships 

causal in nature.   

Conclusion 

An increasing amount of quantitative data capture aspects of statistical capacity, citizen 

engagement, and government capacity in sub-Saharan Africa. This paper seeks to use some of 

that information to provide timely inputs to the evolving debate around what “more and better” 

financing for data and statistics in Africa (Bern Network, 2019) may mean in practice. 

In what follows, I seek to build on the analytical approaches of Oechslin and Steiner 

(2020), who used the World Bank SCI; Jelenic (2019), who used IIAG data; and Hoogeveen and 

Nguyen (2019), who explored the relationship between statistical capacity and governance. 
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Chapter 4. Conceptual Framework 
 

A number of conceptual frameworks link national statistical capacity and governance 

(United Nations Statistics Division, 2003; OECD, 2017), as well as citizen participation and 

governance (US Agency for International Development, 2013; World Bank Group, 2014). 

 

Figure 1. Conceptual Framework 

Governance influences national statistical capacity through both political and public 

administration facets. Political governance dictates policy priorities and funding allocations that 

steer public administration. Public administration provides the human, financial, and 

technological capacities needed to carry out the national statistical system’s mandate (Taylor, 

2016; MacFeely & Barnat, 2017). Governance may shape – and be shaped by – national 

economic development and domestic legal frameworks. (Gaventa & Barrett, 2012; Taylor, 

2016). 
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National statistical systems may shape governance and citizen participation by producing 

information that informs policymaking and service delivery; public accountability processes; and 

public and private financial investment (Jerven & Johnston, 2015; Taylor, 2016; MacFeely & 

Barnat, 2017). 

Governance may influence – or be influenced by – citizen participation at either an 

individual or collective level. This relationship may be understood via a “long and short route” 

accountability framework used by Devarajan, Khemani, and Walton (2014) and further 

developed by Fox (2015).  

The “long route” to accountability entails citizens evaluating the performance of elected 

officials based on public service provision. Citizens act on evaluations by voting to reelect or 

replace officials, thereby shaping political governance (Devarajan et al., 2014). This “vertical” 

accountability relationship is often exercised at an individual level: for example, at the ballot box 

(Fox, 2015).  

The “short route” to accountability would entail directly hiring or firing an individual 

service provider based on performance (Devarajan, et al., 2014). However, citizens often lack the 

ability to fully ‘opt out’ of public service provision. Therefore, public sector accountability is 

more of a “diagonal” relationship between citizens and state institutions. Diagonal accountability 

is often facilitated at a collective level, through community groups or power-sharing bodies that 

coordinate citizen oversight (Fox, 2015).  

Citizen participation may be shaped, and is shaped by, domestic laws and policies that 

allow for participation. Right to information laws, civil society protections, and community 

feedback mechanisms may be implemented to support diagonal accountability (Gaventa & 
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Barrett, 2012; Janssen et al., 2012). Citizen participation is also shaped by public perceptions of 

government responsiveness to feedback (James & Moseley, 2014; Fox, 2015).  

Development partners often aim to improve governance, statistical capacity, and citizen 

participation through financial and technical assistance. However, these initiatives are often 

programmatically siloed, with separate programs and operating units providing support to public 

institutional partners, civil society partners, and national statistical offices. Seeking to understand 

how these three issues interact conceptually – which may indicate how these efforts may relate in 

practice – is relatively new ground. 

In what follows, I specifically aim to explore whether ‘diagonal’ accountability may exist 

between citizens and national statistical systems. To do this, I test the following hypotheses: 

• H1: Citizen participation does have an impact on statistical capacity, intermediated 

through public administration governance. 

• H2: Mechanisms that facilitate de jure civic participation are more impactful on national 

statistical capacity than de facto legislative protections of civil society. 
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Chapter 5. Data and Methods 
 

The aim of this work is to identify whether citizen participation influences national 

statistical capacity in sub-Saharan African countries. To study this, I develop a custom dataset 

that operationalizes measures of statistical capacity, governance, citizen engagement, and 

national economic development; and then apply pooled OLS and two-way fixed effects models. 

In what follows, I describe data sources and variables of interest, confirm my analytical sample, 

and discuss my empirical approach. 

Analytical Sample 

This analysis uses data from 38 sub-Saharan African countries for the period 2010-2019.1 

Time period selection was based on data availability of the 2020 Ibrahim Index of African 

Governance (IIAG). Country selection was primarily based on data completeness. During the 

2010-2019 time period, observations of GDP data were missing for Somalia (10), Eritrea (8), and 

South Sudan (4), and observations of ODA data were missing for Seychelles (2). To ensure a 

balanced panel dataset, these countries were excluded from further analysis. 

The sample was further delineated based on the IIAG Corruption indicator variable. As 

elaborated in the literature review, preconceptions of government responsiveness influence the 

likelihood of citizen engagement (James & Moseley, 2014). Similarly, a public institution’s 

responsiveness to feedback may be influenced by the leverage an institution has to achieve 

change (Peixoto & Fox, 2016).  

For these reasons, I would not expect citizen participation to have any relationship with 

statistical capacity in contexts with persistently high levels of public corruption. To remove 

 
1 The World Bank classifies 48 countries as being geographically located in sub-Saharan Africa. See more at 
https://datahelpdesk.worldbank.org/knowledgebase/articles/906519-world-bank-country-and-lending-groups.  
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unnecessary noise from my sample, I generated quartiles based on the IIAG public corruption 

indicator. Six countries – Burundi, Cameroon, Chad, Democratic Republic of the Congo, 

Guinea-Bissau, and Mauritania – were in the lowest quartile all ten years, and so were excluded 

from the main analysis.  

After imposing these conditions, my analytical sample contains 380 observations. 

Data Sources and Variable Construction 

Independent Variables 

I use variables from the 2020 IIAG to operationalize aspects of governance and citizen 

engagement. IIAG data provide a framework for assessing government performance in African 

countries computed at an annual, country-unit level of analysis. The 2020 IIAG data release 

includes four categories, 16 sub-categories, and 79 composite indicators for 54 countries over 

2010-2019 time period. Data and methodology updates are published every two years. 

The IIAG category and sub-category scores are composites – simple calculated averages 

of respective constituent sub-categories and indicators. Indicators are comprised of one or more 

variables taken from one or more of 40 external data sources. These indicators are transformed 

into a common scale of 0.0-100.0, with 100.0 being the best possible score (Mo Ibrahim 

Foundation, 2020a).2  

For example, the IIAG Public Administration sub-category is comprised of five 

indicators: Civil Registration, Capacity of the Statistical System, Tax & Revenue Mobilisation, 

Budgetary & Financial Management, and Professional Administration. These indicators are 

themselves simple averages of two or three sub-indicators. Of eleven total sub-indicators, three 

 
2 For more information about the IIAG methodology, see https://iiag.online/methodology.html. Complete metadata 
for the IIAG can be downloaded from https://mo.ibrahim.foundation/iiag/downloads.  
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are simple averages of sub-sub-indicators, which are averaged and transformed to the common 

IIAG 100.0-point scale.   

Similar to the methods used by Jelenic (2019), I aim to avoid distorted correlation 

between my independent and dependent variables by removing the Capacity of the Statistical 

System component indicator from the IIAG Public Administration sub-category, then taking a 

new average of the four remaining component indicators. This new average becomes the revised 

Public Administration sub-category score. Because IIAG sub-categories are calculated using 

simple averages of component indicators, this is a methodologically straightforward adjustment.  

To isolate and operationalize citizen participation in diagonal accountability mechanisms, 

I pursue a similar approach to Jelenic’s (2019) “remixing” of composite variables to remove 

potential endogeneities. I combine the IIAG Civil Society Space and Civic Checks & Balances 

indicators, and – in line with IIAG methodology – compute a simple average to generate a new 

citizen participation variable. 
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Table 1. Overview of Independent Variable Construction 
Model 
Variable IIAG Component Indicators IIAG Indicator Description 

Public 
Administration 
Capacity 

Civil Registration 
Assesses the extent to which birth and 
death certificates are available within 30 
days, free of charge 

Tax & Revenue Mobilisation 
Measures taxation capacity of a country 
and assesses the efficiency of its revenue 
mobilization 

Budgetary & Financial 
Management 

Assesses the extent to which there is a 
credible and comprehensive budget linked 
to policy priorities, with effective financial 
management systems, and timely and 
accurate accounting and fiscal reporting 

Professional Administration 
Assesses the extent to which there is 
quality public administration with 
professional personnel 

Citizen 
Participation 

Civil Society Space 

Assesses the extent to which civil society 
and non-governmental organizations are 
free to establish and operate, and are free 
from repression and persecution 

Civic Checks & Balances 

Assesses the extent to which effective 
citizen complaint mechanisms exist, and 
that citizens have the right to petition; as 
well as civic engagement and the extent to 
which cooperative associations, interest 
groups and civil society organizations are 
consulted in policy making 

Source: Mo Ibrahim Foundation (2020b) 

Dependent Variables 

In public policy research, the large-scale, standardized measurement of complex 

phenomena – such as governance, citizen engagement, and citizen capacity – is often achieved 

through the identification and use of quantifiable proxy indicators (Cameron et al., 2020).  

The use of quantifiable metrics can make it easier to present information about complex 

issues in an easy-to-understand way. This is often done through the development of composite 

indicators or indexes that “roll up” a number of individual, imperfect variables into one broader 
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metric (Sanga et al., 2011). Developers and consumers of such metrics should take care to ask 

what is measured – the de jure or de facto state of social phenomena – and whose viewpoints 

determine the method by which such phenomena are measured (Kaufmann & Kraay, 2007). 

To operationalize national statistical capacity, I explore two dependent variables: the 

World Bank SCI overall average, and the 2020 IIAG Capacity of the Statistical System indicator. 

Different inputs comprise the composite World Bank and IIAG measures of statistical capacity. 

As such, the two models reflect different ideal end states for national statistical systems.  

Specifically, the World Bank SCI measures the methodology, data sources, and 

periodicity and timeliness of statistical products (World Bank, 2020a). The IIAG indicator for 

statistical capacity measures the same, plus data completeness, accessibility, and institutional 

independence (Mo Ibrahim Foundation, 2020b). IIAG criteria are more in line with what 

advocates argue makes a national statistical system fit-for-purpose (Bern Network, 2019).  

The SCI was developed as a means of assessing the effectiveness of World Bank lending 

projects. With three pillars, twenty-five indicators, and annual coverage for 146 countries from 

2004 to 2019, the SCI is the broadest unit- and time-based measure of national statistical 

capacity. The index is based on publicly available data, making it a relatively low-cost and 

objective measure to compile (Cameron et al., 2020).  

The SCI average is an unweighted average of three composite scores – measuring 

statistical methodology, source data, and periodicity – based on the 25 diagnostic criteria of the 

index. These three sub-scores are transformed into an unweighted, standardized range of 0-100, 
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with 100 being the best possible score. The SCI is computed at an annual, country-unit level of 

analysis from 2004 to 2019 (World Bank, 2020a).3 

Critics argue that the SCI incentivizes countries to regularly “perform” by producing 

outputs – such as surveys and censuses – without accounting for the human resources, funding, 

or policy frameworks that should underpin the “utilization” of national statistical capacity 

(Ngaruko, 2008). There have also been proposals to develop Africa-specific measures for 

statistical capacity that emphasize human, financial, and policy components absent from the SCI 

(Sanga et al., 2011).  

For data and statistical advocates, the adoption of the 2030 Agenda for Sustainable 

Development and subsequent calls for a ‘data revolution’ have provided a rallying point for 

strengthening statistical capacity. This rallying point is particularly urgent, as the monitoring and 

reporting burden for over 230 Sustainable Development Goal (SDG) targets and indicators rests 

on national statistical offices (MacFeely & Barnat, 2017). 

But while the global data landscape has undergone significant change since the SCI’s 

inception in 2004, the index’s methodology has remained largely constant (Cameron et al., 

2020). In recent years, there have been an increasing number of alternate metrics that aim to 

measure statistical capacity. These measures are more in-line with what advocates have indicated 

should be prioritized in the SDG era (MacFeely & Barnat, 2017; Dang et al., 2021), but none yet 

have the same duration, methodological credibility, and public availability as the SCI. 

Of particular interest as an alternative to the SCI is the 2020 IIAG Capacity of the 

Statistical System indicator. This indicator is measured at the country-year level for 54 African 

 
3 For more information about the SCI methodology, see https://datatopics.worldbank.org/statisticalcapacity/ 
SCIdashboard.aspx. Complete metadata for the SCI can be downloaded from https://databank.worldbank.org/ 
reports.aspx?source=Statistical-capacity-indicators#. 
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countries from 2009 to 2019. It is an unweighted average of three sub-indicators: the World 

Bank SCI average; Global Integrity’s Africa Integrity Indicator that measures the autonomy of 

national statistical offices; and a statistical data coverage and openness score based on two sub-

sub-indicators from Open Data Watch’s Open Data Inventory (Mo Ibrahim Foundation, 2020b).  

All IIAG sub-indicators have a standardized range of 0.0-100.0, with 100.0 being the best 

possible score. Due to its time and country-level availability, I use the Capacity of the Statistical 

System indicator as an alternative dependent variable in my analysis.  

Table 2. Overview of the Ibrahim Index of African Governance Dependent Variable 
Construction 
Sub-Indicator Data Source (Organization) Country-Years in IIAG Indicator4 

Statistical Capacity Statistical Capacity Index  
(World Bank) 

2010, 2011, 2012, 2013, 2014, 2015, 
2016, 2017, 2018, 2019 

Independence of the 
National Statistics 
Office 

Africa Integrity Indicators 
(Global Integrity) 2016, 2017, 2018, 2019 

Statistical Data 
Coverage & Openness 

Open Data Inventory 
(Open Data Watch) 2017, 2018, 2019 

Source: Mo Ibrahim Foundation (2020b) 

Another data source of interest is the World Bank Statistical Performance Indicators that 

debuted in March 2021. Framed as successor to the SCI, the Statistical Performance Indicators 

are comprised of five pillars, 22 dimensions, and 51 indicators that measure data use, services, 

and products, in addition to data sources and infrastructure. These data are currently available for 

174 countries, from 2016 to 2019. World Bank leadership have indicated an intent to discontinue 

the SCI in favor of this new measurement framework moving forward (Dang et al., 2021).  

 
4 Static estimates are used for sub-indicator country-year data otherwise not calculated by the data source 
organization, based on the earliest recorded source data. For example, country Africa Integrity Indicator sub-scores 
for 2010-2015 are equal to country sub-scores from 2016 (Mo Ibrahim Foundation, 2020a).  
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Control Variables 

Because civic engagement may be affected by perceptions of public corruption, I also 

include the IIAG Absence of Corruption in the Public Sector indicator as a control variable. This 

variable is taken directly from the IIAG, without additional modification.  

I control for public financial resource capacity, using the variables of per capita GDP and 

per capita net ODA received. Both indicators are measured in current US dollars and were 

transformed into their natural logs for analysis.  

GDP calculations derive from World Bank and OECD national accounts data, and ODA 

calculations derive from the OECD Development Assistance Committee (OECD-DAC) using 

World Bank population estimates as a denominator. Both were downloaded from the World 

Bank’s World Development Indicator Database (World Bank, 2020).  

Finally, sub-specifications will control for time and entity fixed effects.  

Empirical Strategy 

Descriptive Analysis 

This work aims to test whether citizen participation affects national statistical capacity in 

sub-Saharan African countries. This effect may be independent from, or vary depending upon, 

public administration capacity. It may also be the case that citizen participation has no effect on 

statistical capacity, regardless of public administration capacity.  

To begin, I elaborate the mean, standard deviation, and minimum and maximum values 

of both the dependent and independent variables of interest. Measures of standard deviation and 

minimum/maximum values are also provided for both between- and within-unit aspects, and I 

also compare the relative values of both statistical capacity measures over time. 
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Inferential Analysis 

My inferential analysis aims to contribute to the growing body of work that explores the 

relationship between governance, citizen engagement, and national statistics. Works to-date have 

primarily used multivariate linear regression models, which aim for causal inference by 

comparing different units, and by comparing within-unit change (Brüderl & Ludwig, 2015). 

To more readily compare results to previous work, my baseline specification is a pooled 

OLS model: 

Yct = 𝛽0 + 𝛽1CitPartct + 𝛽2GovCapct + Xct +  𝜀ct 

Where Yct is a dependent variable denoting the unit of change for the statistical capacity 

indicator of country c in year t. The CitPartct dependent variable is a simple average of IIAG 

Civil Society Space and Civic Checks & Balances indicators, and GovCapct is the modified IIAG 

Public Administration sub-category score. The Xct indicator is a vector of country-level control 

variables, including the IIAG Absence of Corruption in the Public Sector indicator, the natural 

log of GDP per capita (current US dollars), and the natural log of ODA per capita (current US 

dollars).  

A pooled OLS model compares variations in statistical capacity, government capacity, 

and citizen engagement both within and between countries. However, the “between comparison” 

component only yields efficient results if unit-level homogeneity holds. If there is unobserved 

heterogeneity in between countries, then resulting regression estimates will be biased.  

The thirty-eight countries in my sample differ on a number of aspects that are not 

controlled for in the regression model. For this reason, a two-way fixed effects regression would 

yield less-biased results, by better – though not necessarily perfectly – mitigating potential 

unobserved heterogeneity (Collischon & Eberl, 2020). A two-way fixed effects regression 
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excises the between-country comparison, basing estimates only on variations within countries 

(Brüderl & Ludwig, 2015).5  

The use of both entity and time fixed effects eliminates any potential omitted variable 

bias associated with time- or entity-invariant characteristics, respectively. As such, fixed effects 

are a powerful tool. Fixed effects are not prevalent in the national statistical capacity literature, 

beyond the work of Oechslin and Steiner (2020).  

My fixed effects specification is: 

Yct = 𝛽0 + 𝛽1CitPartct + 𝛽2GovCapct + Xct + 𝛼c +	𝛿t +  𝜀ct 

The 𝛼 and 𝛿 represent country and year fixed effects, respectively. Time fixed effects 

control for characteristics that vary over time but are invariant across entities; and entity fixed 

effects control for characteristics that are fixed over time but variant across entities. Importantly, 

all models include cluster-robust standard errors. 

Supplementary Analysis 

It is possible that the pooled OLS and fixed effects specifications outlined above will not 

identify a causal relationship between citizen participation and statistical capacity. For example, 

governments limited by to technical, human, or financial constraints may not be able to respond 

to citizen engagement and improve national statistical functions. Conversely, highly capable 

governments may be exceedingly responsive to citizen engagement.  

To account for this, I must allow the relationship between citizen participation and 

statistical capacity to vary based on the magnitude of government capacity. For this reason, I test 

whether the addition of an interaction term CitPart*GovCap yields a statistically significant F-

 
5 The Durbin-Wu-Hausman test indicated that fixed effects would be more efficient than random effects. 
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test result for every regression result in which at least one of the dependent variables of interest 

is statistically significant.  

Finally, both citizen participation and government capacity variables are comprised of 

multiple sub-indicators. If the addition of an interaction term leads to a positive F test for joint 

significance, there would be value in ‘splitting’ citizen participation and government capacity 

variables into their component indicators. Doing so would enable the further examination of 

plausible causal mechanisms between governance, citizen engagement, and national statistical 

capacity; and may inform policy recommendations. 
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Chapter 6. Results 
 

To test whether citizen participation influences national statistical capacity, I apply 

pooled OLS and two-way fixed effects models to my custom dataset. In what follows, I provide 

the descriptive and inferential results of this analysis.  

Descriptive Results  

Table 3 presents descriptive statistics of interest for my analytical sample. Mean citizen 

participation and government capacity differed by less than 8 points, and the overall range of 

citizen participation scores was almost ten points larger. For all variables, the standard deviation 

between countries was anywhere from two to four times greater than the standard deviation 

within countries.  

Table 3. Descriptive Statistics 

Variable Mean Standard Deviation Minimum Maximum Observations 

Statistical 
Capacity 
(SCI) 

overall 61.56 11.81 30.00 93.33 380 
between  10.72 36.89 82.22 38 
within  5.22 45.12 78.78 10 

Statistical 
Capacity 
(IIAG) 

overall 45.59 16.50 7.60 95.80 380 
between  16.11 11.51 89.61 38 
within  4.32 28.21 66.46 10 

Citizen 
Participation 

overall 59.57 21.58 5.70 94.30 380 
between  21.11 6.72 92.06 38 
within  5.56 43.22 93.07 10 

Government 
Capacity 

overall 51.99 15.04 0.57 79.58 380 
between  14.77 1.74 76.47 38 
within  3.63 39.17 63.71 10 

Author’s own calculations. Source: Mo Ibrahim Foundation (2020b), World Bank (2020a) 
 

Between 2010-2019, the World Bank measure of statistical capacity was over 15 points 

higher than the IIAG measure. Both the SCI and IIAG use the same simple-average methodology 

to calculate overall statistical capacity measures from composite indicators. Therefore, this 
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difference is due solely to the IIAG’s addition of two sub-indicators measuring statistical data 

coverage and openness, and independence of the national statistical office.  

The impact of these additional IIAG sub-indicators is apparent in Figure 2: nearly all 

countries score higher against the SCI measure between 2010-2019. 

 
Author’s own calculations. Source: Mo Ibrahim Foundation (2020b), World Bank (2020a) 

Figure 2. Comparison of Statistical Capacity Measures Over Time by Country 
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Inferential Results  

World Bank Statistical Capacity Indicator 

First, I use a pooled OLS model and the World Bank SCI overall average to understand 

whether a relationship may exist between statistical capacity, citizen participation, and 

government capacity. This model compares outcomes between countries, as well as within 

countries over time (Brüderl & Ludwig, 2015). 

As reflected in Table 4, this model yields a similar result to the previous analyses of 

Hoogeveen and Nguyen (2019) and Jelenic (2019). A one-unit increase in government capacity 

correlates with a nearly half-unit increase in statistical capacity, holding citizen participation 

constant and controlling for public corruption, GDP, and ODA. This finding is significant at the 

p < 0.001 level. Adding an interaction term does not change the significance level of citizen 

participation. 

Adding fixed effects eliminates the significance of government capacity (p < 0.01); 

citizen participation also remains insignificant. Adding an interaction term does not change 

statistical significance. However, the change in coefficient magnitudes between the pooled OLS 

and fixed effects models does underscore the bias present in the pooled OLS model. 
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Table 4. Results Using the World Bank Statistical Capacity Index Indicator 

Dependent Variable:  
Statistical Capacity (SCI)  

(1) (2) 
Pooled OLS Fixed Effects 

Citizen Participation -0.005 0.015 
  (0.05) (0.07) 

Government Capacity 0.500** 0.012 
  (0.11) (0.12) 

Corruption 0.058 0.002 
  (0.09) (0.09) 

log GDP -1.399 -1.131 
  (1.76) (4.88) 

log ODA -2.606 -2.143 
  (1.47) (1.15) 

Constant 53.918 76.326 
      
Observations 380 380 
R-squared 0.436 0.035 
State effects? No Yes 
Time Effects? No Yes 
Clustered standard errors? Yes Yes 

 
Author’s own calculations. Source: Mo Ibrahim Foundation (2020b), World Bank (2020a, 2020b) 
Robust standard errors, clustered at the country level, are reported in parentheses.  
*** p < 0.01, **p < 0.05, *p <0.1 
 
Ibrahim Index of African Governance Statistical Capacity Indicator 

I then follow the same process, using the IIAG measure of statistical capacity as my 

dependent variable. As demonstrated in Table 5, the results of this pooled OLS model are similar 

to the above: there is a significant relationship between statistical and government capacity (p < 

0.001), but not between citizen participation and statistical capacity.  
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Table 5. Results Using the Ibrahim Index of African Governance Capacity of the Statistical 
System Indicator 
 

Dependent Variable:  
Statistical Capacity (IIAG)  

(1) (2) (3) 

Pooled OLS Two-Way  
Fixed Effects 

Two-Way Fixed 
Effects Interaction 

Citizen Participation 0.134* 0.246* -0.091 
  (0.07) (0.13) (0.22) 

Government Capacity 0.638*** -0.009 -0.426* 
  (0.12) (0.10) (0.21) 

Citizen Participation* 
Government Capacity 
  

- - 0.007** 

    (0.00) 

Corruption 0.209** -0.015 -0.013 
  (0.10) (0.08) (0.08) 

log GDP 1.075 -3.819 -2.543 
  (2.12) (2.54) (2.21) 

log ODA -4.241*** -0.272 -0.180 
  (1.54) (0.59) (0.65) 

Constant 4.182 55.050 70.403 
        
Observations 380 380 380 
R-squared 0.589 0.148 0.167 
F test for joint significance - - p < 0.025 
State effects? No Yes Yes 
Time Effects? No Yes Yes 
Clustered standard errors? Yes Yes Yes 

 
Author’s own calculations. Source: Mo Ibrahim Foundation (2020b), World Bank (2020a, 2020b) 
Robust standard errors, clustered at the country level, are reported in parentheses.  
*** p < 0.01, **p < 0.05, *p <0.1 
 
 In this model, a one-unit increase in government capacity correlates with an 0.638 

increase in statistical capacity. The addition of an interaction term does not change the 

significance level of citizen participation.  

Significance of all independent variables of interest disappears when using a two-way 

fixed effects model. But a relationship between citizen participation and statistical capacity does 



 31 

exist. The addition of an interaction term (CitPart*GovCap) and resulting F test for joint 

significance indicates that the impact of citizen participation on statistical capacity varies based 

on government capacity. 

Due to the positive F test for joint significance, I ‘split’ citizen participation and 

government capacity variables into their composite parts. I then run an additional two-way fixed 

effects regression using the IIAG dependent variable; the discrete sub-indicators that comprise 

citizen participation and government capacity; and my control variables.6  

As demonstrated in Table 6, only Civic Checks & Balances and Civil Registration sub-

indicators are significant (p < 0.05) predictors of national statistical capacity. A one unit increase 

in Civic Checks & Balances correlates with an over quarter-unit increase in statistical capacity, 

while a one unit increase in Civil Registration corelates with an almost 0.1 unit decrease in 

statistical capacity, all else constant and controlling for public corruption, GDP, ODA, and time 

and entity fixed effects. 

  

 
6 There is no statistical significance for any of the sub-indicators of interest when using the SCI dependent variable. 
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Table 6. Results Using Sub-Indicators for Citizen Participation and Government Capacity 
 
Dependent Variable:  
Statistical Capacity (IIAG)  

(1) 
Fixed Effects 

Civil Society Space 0.058 
  (0.07) 

Civic Checks & Balances 0.254** 
  (0.10) 

Civil Registration -0.089** 
  (0.03) 

Tax Revenue Mobilisation 0.053 
  (0.12) 

Budgetary & Financial Management 0.018 
  (0.06) 

Professional Administration 0.052 
  (0.05) 

Corruption -0.057 
  (0.8) 

log GDP -2.821 
  (2.61) 

log ODA -0.486 
  (0.60) 

Constant 51.597 
    
Observations 380 
R-squared 0.208 
State effects? Yes 
Time Effects? Yes 
Clustered standard errors? Yes 

 
Author’s own calculations. Source: Mo Ibrahim Foundation (2020b), World Bank (2020b) 
Robust standard errors, clustered at the country level, are reported in parentheses.  
*** p < 0.01, ** p < 0.05, *p <0.1 
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Chapter 7. Discussion and Policy Implications 
 

This work aims to understand whether public administration capacity and citizen 

participation influence national statistical capacity. My models indicate that the impact of citizen 

participation on statistical capacity varies based on public administration capacity; and that sub-

indicators of civic checks and balances and civil registration are significantly related to statistical 

capacity. In what follows, I discuss the interpretation and policy implications of my results, 

indicate potential limitations of this work, and suggest areas for future research.  

Discussion 

I hypothesized that citizen participation does have an impact on statistical capacity, but 

that this impact is not independent from public administration governance. The results of my 

two-way fixed effect regression model using IIAG’s measure of statistical capacity support this 

hypothesis. My results also illustrate that metrics matter, as statistical significance was only 

present when using the IIAG measure as my dependent variable.  

The World Bank and IIAG indicators of statistical capacity measure different things. The 

SCI measures periodicity and timeliness, data sources, and methodology (World Bank, 2020a); 

the IIAG measures these as well as institutional independence, data accessibility, and data 

completeness (Mo Ibrahim Foundation, 2020b). As such, these two indicators reflect different 

ideal end states for national statistical systems.  

The impact of this difference in measurement becomes apparent when examining my 

results. Any significant relationship between government capacity and the World Bank’s 

statistical capacity indicator disappears when controlling for fixed effects. However, there is a 

significant relationship between citizen participation and IIAG-measured statistical capacity, 

which varies based on public administration capacity.  
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This finding is in line with my expectations, and with prior work that argues a capacity 

threshold exists whereafter state institutions are able to respond substantively to citizen feedback 

(Ding, 2020). An area for future research may be to explore whether this capacity  threshold can 

be numerically defined based on IIAG data or alternate measures of public administration 

capacity.  

Breaking my independent variables into their component parts was also illuminating. As 

discussed in the conceptual framework, citizen participation may be shaped, and is shaped by, 

laws and policies that allow for participation (Gaventa & Barrett, 2012; Janssen et al., 2012), as 

well as by perceptions of government responsiveness to feedback (James & Moseley, 2014; Fox, 

2015).  My hypothesis that de jure civic participation mechanisms would be more impactful than 

de facto legislation on national statistical capacity is supported by my results. 

As evidenced in Table 6, of the citizen participation components, only the Civic Checks 

& Balances sub-indicator was significant; the Civil Society Space sub-indicator was not. There 

was also a significant and negative – though small in magnitude – relationship between the 

government capacity Civil Registration sub-indicator and national statistical capacity. 

The significance of Civic Checks & Balances may have a number of causal mechanisms, 

as described in the literature. The incorporation of citizen feedback into public administration 

processes benefits from formalized expectations and mandates around state institution response 

(Janssen et al., 2012). Citizens are more likely to participate in social engagement processes if 

there is an expectation or evidence that the government will act on feedback (James & Moseley, 

2014). Finally, social accountability processes may increase the demand for timely, accessible, 

complete, and credible public data from state institutions (Purwanto et al., 2020a).  
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Causal mechanisms behind the significance of Civil Registration are less clear. Civil 

registration and vital statistics data are relevant to the national statistical system. Ideally, these 

data are updated as new births and deaths occur. For this reason, civil registers may provide more 

up-to-date information about key demographic events than population surveys (United Nations 

Statistics Division, 2018). 

However, civil registration does not often fall under the direct mandate of the national 

statistical office. Ministries of health, interior, or justice often have equities in the management 

and function of civil registration systems (United Nations Statistics Division, 2018).  

It is plausible that a negative relationship between civil registration and statistical 

capacity may be due to ‘turf wars’ for access to funding or technical assistance. However, this is 

mere speculation; research beyond the scope of this paper would be required to more confidently 

identify potential causal mechanisms.  

Policy Implications 

Metrics Matter 

The measurement of complex social phenomena is complex. The need to identify proxy 

indicators that are regularly collected, comparable, reliable, and plausible approximations of 

concepts such as government capacity, citizen engagement, and statistical capacity is a fraught 

undertaking, with numerous tradeoffs and limitations. 

However, such an undertaking is also extremely influential. The act of measurement 

shapes what ‘progress’ looks like, and – as a result – which levers are prioritized in order to 

demonstrate measurable change. If a metric does not measure what matters, it will not ‘reward’ 

investments and interventions that aim to improve outcomes. 
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The World Bank SCI is a benchmark used by development partners and country 

governments to assess progress toward strengthening national statistical capacity. But the SCI 

neither measures the extent to which statistical products are accessible or comparable, nor the 

extent to which legal autonomy and resources are accorded to national statistical offices. 

Consequently, the SCI may incentivize funding an additional household survey over publishing 

metadata from the current census.  

For this reason, development actors should reconsider how the international community 

benchmarks national statistical capacity. Benchmarking should enable the prioritization of 

desired outcomes – statistics that are useful, used, and of reliable quality (Bern Network, 2019) – 

and help better align investments and interventions with these goals. The recent debut of the 

World Bank’s Statistical Performance Indicators may signal that this needed shift is taking place. 

Cooperation in Development 

Many of the same development partners that aim to improve national statistical capacity 

also finance government and civil society capacity strengthening efforts. My analysis indicates 

there is a threshold after which public administration capacity amplifies the positive effect of 

citizen engagement on national statistical capacity. If such a threshold could be quantified, 

development actors may use this measure to identify where citizen engagement around data and 

statistics may contribute to strengthening national statistical capacity. 

Similarly, the significance of civic checks and balances on statistical capacity may 

indicate an opportunity to support the evolution of civil society protections into formal civil 

society and state institution collaboration mechanisms. Unless practitioners and advocates 

actively seek to catalyze ‘data-driven development,’ opportunities to leverage investments in 

governance and civil society to strengthen national statistical capacity may be overlooked. 
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Limitations and Areas for Future Research 

This work aims to make a modest contribution to ongoing efforts aimed at understanding 

the relationship between governance, national statistical capacity, and citizen participation. For 

this reason, it is important to acknowledge potential methodological challenges that may limit the 

extent to which this research can claim to prove causal relationships.   

Across all OLS regression and fixed effects models, omitted variable bias – commonly 

referred to as unobserved between-unit heterogeneity in panel data – is a key concern. If an 

omitted variable correlates with my independent and dependent variables of interest, its omission 

would bias the estimated effect of citizen participation on statistical capacity.  

I aimed to mitigate much of this concern through the use of time and state fixed effects. 

However, this method is not foolproof (Collischon & Eberl, 2020). It is possible that my model 

still omits variables that differ across countries and change over time.  

For example, my model does not include variables that capture political governance – 

whether a country has enacted a national open data policy, or a proxy measure for political 

regime type. Such an omission does not bias my results if political governance only impacts 

statistical capacity through its relationship with public administration capacity.  

But if there is a distinct relationship between political governance and statistical capacity 

that is separate from public administration capacity, this omission would bias my model 

estimates. Future researchers may consider including additional dependent or control variables to 

protect against omitted variable bias.  

Another methodological concern is the time horizon for this analysis. Ten years is a 

longer time period than some of the analyses in reference literature (Jelenic, 2019), yet a decade 

may not be long enough to prove causality. When aiming to measure social phenomena like 
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citizen engagement and national statistics, longer time horizons may better capture causal 

impacts. 

 Finally, from a methodological perspective, reverse causality poses a significant risk to 

the validity of my findings (Collischon & Eberl, 2020). Reverse causality would mean that 

national statistical capacity influences citizen participation and/or government capacity, rather 

than the reverse. This violates the strict exogeneity assumption of the fixed effects model.  

Various methods have been suggested to circumvent this issue, but all come with 

reservations about methodological soundness and robustness of their results (Leszczensky & 

Wolbring, 2019). While more of a concern in fixed effects models, the risk of reverse causality is 

still present in pooled OLS and other regression methods. Reverse causality may be considered a 

perennial research problem (Collischon & Eberl, 2020).  

However, showing that any relationship exists between national statistical capacity and 

citizen engagement may incentivize greater collaboration between development practitioners and 

advocates – a satisfactory outcome for the purposes of this work. 

Relatedly, one of the key findings from this research is that the impact of citizen 

participation on statistical capacity varies with the magnitude of public administrative capacity. 

This finding aligns with other work that has found a threshold exists whereafter state institutions 

are able to respond to citizen feedback. An area for future research may be to explore whether 

this ‘threshold’ could be numerically defined across contexts. Doing so may indicate to locations 

to development actors where greater citizen engagement with data and statistics may contribute 

to strengthening national statistical capacity. 

Finally, it may be valuable to explore other proxy variables for governance, statistical 

capacity, and citizen participation – one such variable could be the recently launched Statistical 



 39 

Performance Indicators. Such exploration may further identify causal mechanisms that impact 

national statistical capacity. It may also help validate whether variables are appropriate proxies 

for complex phenomena – whether variables actually measure what they set out to. 
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Chapter 8. Conclusion 
 

This research aimed to explore whether increased citizen participation may contribute to 

increased national statistical capacity in sub-Saharan Africa. Using pooled OLS and two-way 

fixed effects models, I tested for this relationship using both the SCI and IIAG statistical capacity 

indicators as dependent variables.  

My results supported the hypothesis that citizen participation can influence national 

statistical capacity, and that this influence is intermediated through public administration 

capacity. This result held when controlling for time and entity fixed effects, but only when using 

the IIAG measure of statistical capacity as my dependent variable.  

My analysis also indicated that formalized, de jure civic checks and balances are more 

important than de facto laws protecting civil society space in determining the impact of citizen 

participation on statistical capacity. 

 As the World Bank phases out the SCI and phases in Statistical Performance Indicators – 

and as other proxy measures for governance and citizen engagement are refined – future 

researchers may consider testing whether this tripartite relationship continues to exist. 

Researchers should also continue to refine composite metrics to ensure that which is measured is 

that which matters.  

Finally, development partners – who also engage as institutions in strengthening 

governance, statistical capacity, and citizen participation – should consider undertaking more 

concerted efforts to harmonize programming across these issue areas, in order to take advantage 

of mutually-beneficial goals and resources, and of mutually-reinforcing progress.     
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