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ABSTRACT 

 
 Journalism, traditionally, has been defined by the medium through which it is 

published; large institutions, scarce due to the cost of publishing but able to reach massive 

audience, were the sources of news. Today, as noted in the work of Clay Shirky and Jeff Jarvis, 

through new technology, scarcity is gone. On the Internet, everyone can publish. 

 At the intersection of “everyone can publish” and “only large institutions deliver news” a 

new concept is emerging. Information can now be gathered and curated by traditional media 

institutions from multiple individual publishers at low cost and high speed.1 

This gathering practice is called crowdsourcing, the “use of technology to foster 

unprecedented levels of collaboration and meaningful exchanges between people from every 

imaginable background in every imaginable geographical location.”2 Twitter, a leading 

technology in the real-time delivery of information from millions of individual sources, provides 

numerous case studies of traditional news institutions using crowdsourcing to supplement their 

reporting. Two such examples are Andy Carvin’s work curating the tweets of the Egyptian 

revolution for NPR and the PBS Newshour’s use of the hashtag #TSATime to measure the 

impact of new security regulations during the 2010 holiday season.34  

                                                 
1 Shirky, Clay. Here Comes Everybody: The Power of Organizing without Organizations (New York: Penguin Press, 2008), Kindle Edition, loc. 
746. 
2 Howe, Jeff. Crowdsourcing: Why the Power of the Crowd is Driving the Future of Business (, Kindle Edition, loc:222. 
3 Connelly, Phoebe. Curating the Revolution: Building a Real-Time News Feed About Egypt, 
http://www.theatlantic.com/technology/archive/2011/02/curating-the-revolution-building-a-real-time-news-feed-about-egypt/71041/ 

http://www.theatlantic.com/technology/archive/2011/02/curating-the-revolution-building-a-real-time-news-feed-about-egypt/71041/
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These developments raise an important question: Considering Twitter’s increasing role as 

a source of real-time information, how can traditional media outlets best use crowdsourced 

information from Twitter to supplement their own reporting, parsing out fact from rumor? 

By applying a series of social network analysis measurements to the collective tweets of 

January’s Egyptian revolution5, this thesis answers the question by recommending measures that 

can be applied to Twitter’s network of individual contributors to identify the sources closest to a 

given story.  Based on this analysis, the thesis argues that reliable sources can be identified by 

the aggregation of a diverse, independent, decentralized crowd of individuals, but only if 

traditional media does not overwhelm Twitter with unverified information before the collection 

of the data occurs. The sources that emerge from the application of social network analysis can 

assist traditional media outlets in verifying the details of a breaking story, enabling reporting that 

is both more comprehensive and more informative than previous methods of sourcing made 

possible.  

                                                                                                                                                             
4 Gorman, Teresa. “Tweet Your Thanksgiving Travel TSA Screening Experience.” http://www.pbs.org/newshour/rundown/2010/11/tweet-your-
thanksgiving-travel-tsa-screening-experience.html (accessed February 20, 2011).  
5 Wasserman, Stanley and Faust, Katherine. Social Network Analysis: Methods and Applications. (New York: Cambridge University Press, 
1994), 10. 

http://www.pbs.org/newshour/rundown/2010/11/tweet-your-thanksgiving-travel-tsa-screening-experience.html
http://www.pbs.org/newshour/rundown/2010/11/tweet-your-thanksgiving-travel-tsa-screening-experience.html
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INTRODUCTION 

 
The battle between signal and noise has intensified; broadcast news, transmitted from one 

to many, competes with new media where many transmit to many in real-time. Broadcast, 

streamlined and noise free, offers a singular point of view, while Twitter and Facebook, cluttered 

with noise, provide depth.  How can users access the strengths of both mediums, reduce the 

noise, seek truth, but not be held back by the limitations of a singular viewpoint? 

Crowdsourced information, defined as the “the use of technology to foster unprecedented 

levels of collaboration and meaningful exchanges between people from every imaginable 

background in every imaginable geographical location,” may criteria through which news 

consumption can combine the diversity of real-time new media and the veracity of the broadcast 

model.f The emergence of traditional news outlets such as NPR and CNN using crowdsourced 

information to supplement their broadcast reporting shows that there is value in this combinatory 

approach to journalism. 

One technology is leading the real-time news frontier: Twitter. Twitter offers the 

instantaneous delivery of information from millions of individual sources. Twitter’s reputation as 

a credible source, however, is hampered by the ease with which disinformation passes for fact 

within the service. Reputable and disreputable sources alike can publish, and the speed and 

volume of information transmitted on Twitter supports the proliferation of rumors; it is difficult 

to fact-check information critically before it is retransmitted. This begs the question: considering 

Twitter’s increasing role as a source of real-time news, how can traditional media outlets best 

implement crowdsourced information to supplement their own reporting? 

                                                 
f Howe, Jeff. Crowdsourcing: Why the Power of the Crowd is Driving the Future of Business. (New York: Crown Business, 2008), 221. 
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To answer this question, I will proceed as follows.  In my second chapter, I will 

conceptualize my research question by further defining crowdsourcing, applying the criteria 

James Surowiecki outlines in “The Wisdom of the Crowd” when identifying a "wise crowd;" 

diversity of opinion, independence, decentralization and aggregation.g I will then identify the key 

terms defining traditional media and the importance of verification to the flow of information 

from traditional news outlets. I will demonstrate how the Internet has fundamentally altered the 

information flow of traditional news outlets, explaining the complex role of traditional media 

outlets in this new ecosystem. I will discuss the importance of source verifications, as well as 

how the post-Internet information flow can provide journalists with access to previously unseen 

source. Finally I will explain the terminology of Twitter, focusing on the terminology of the 

network and how it relates to both crowdsourcing and journalism. 

In my third chapter, I will explain my methodology in applying the criteria of the wise 

crowd to Twitter through the use of social network analysis measures, as defined in Stanley 

Wasserman and Katherine Faust to create a new measurement, the “Landis Early Verifier,” that 

is unique to Twitter and that, under optimal circumstances, identifies the most diversely 

information, independent and decentralized members of the “wise crowd” who are leveraging 

Twitter’s microblogging technology.h These members will be measured as potential sources, 

weighed against the work of traditional media outlets also using Twitter. Using a Microsoft 

Excel software extension, Node XL, I will chart the Twitter activity of individual users, 

                                                 
g Surowiecki, James. The Wisdom of the Crowds: Why the Many Are Smarter than the Few and How Collective Wisdom Shapes Business, 
Economies, Societies and Nations (New York, Doubleday, 2004), Kindle Edition Loc: 74. 
h Wasserman, Stanley and Faust, Katherine. Social Network Analysis: Methods and Applications. (New York: Cambridge University Press, 
1994), 10. 
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justifying the use of Eigenvector centrality, measurement of retweets, and the independence of 

their tweets to create a holistic measure of their value as a source of information of a given topic. 

In chapter three, I will apply this methodology to the case of individual Twitters users 

tweeting about Egypt during the events of January 25th. The beginning of the revolution, through 

February 11th, the day Hosni Mubarak resigned from office. I will provide a combined measure 

of each user’s value per twenty-four hour cycle, mimicking the efforts of a traditional news 

outlets racing to leverage the information Twitter is providing. I will then rank users by their 

value, identifying the overlap between individual self-publishers and traditional media outlets 

using Twitter to assess the qualities of the intersection of the two forms of information flow. 

 Can large, traditional media outlets engage Twitter's massive community of individual 

self-publishers? Or are the models of broadcast media and traditional media too different to work 

in unison? What conditions must traditional news outlets create in order to successfully talk to 

the crowd, rather than at the crowd, and what data do individuals offer that makes the effort 

worthwhile? This thesis hypothesizes that, by applying Surowiecki’s theory of “wise crowds” to 

the aggregated users on Twitter discussing a given topic, a series of best practices can be 

determined that will support the aggregation and broadcast of many unique and individual 

perspectives while minimizing the potential for a cascade of disinformation.i 

  

                                                 
i Surowiecki, James. The Wisdom of the Crowds: Why the Many Are Smarter than the Few and How Collective Wisdom Shapes Business, 
Economies, Societies and Nations (New York, Doubleday, 2004), Kindle Edition Loc: 75. 
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1.0 Conceptual Framework 

This thesis examines the research question: Considering Twitter’s increasing role as a 

source of real-time information, how can traditional media outlets best use crowdsourced 

information from the service to supplement their own reporting, parsing out fact from the rumors 

permeating the crowd? In order to answer this question, this chapter establishes a conceptual 

framework. First, it examines the existing literature regarding the impact of technology, social 

media in particular, on traditional media outlets. Based on this literature, this chapter then 

identifies the key terms of the research question; traditional media; crowdsourcing; real-time 

information; Twitter; it then operationalizes these terms in order to lay out a hypothesis with 

respect to the best practices employed by traditional media outlets when they use crowdsourced 

information.  

1.1 Traditional Media Outlets in Transition 

In this chapter I address the role of traditional media outlets before the arrival of the 

Internet and their importance in defining the meaning of journalism. I argue that the way 

journalism is defined is tied to traditional media outlets solely because they once functioned as 

the only sources and verifiers of information. Furthermore, I argue that the definition of 

journalism now extends to millions of self-publishers in addition to traditional media outlets as 

the crowd of individuals consuming media can now choose their source. The most important 

function of traditional media outlets is to use their institutional resources to verify information, 

thereby legitimizing their value in an incredibly competitive information economy. 

Traditional media outlets are defined by the size of their audience and the veracity of 

their content. Audience size refers to the number of impressions made by a given media outlet, 
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while veracity is subject to the outlet’s methods of filtering content, sourcing, and attempting 

objectivity. Before the proliferation of digital media, the filtering of content served an economic 

imperative: media outlets sought to maximize their potential audience by focusing on content 

that appeals to the largest number of readers, increasing their revenue to justify the cost of 

committing content to print or video.j These economic realities resulted in a linear model of 

information transmission, with media outlets functioning as gatekeepers of information before it 

reach the crowd of individuals consuming media.  

 

Figure 1 - Information Flow Pre-Internet 

The material costs of operating a media outlet are substantial; therefore there are a limited 

number of outlets. This scarcity made media outlets the primary sources of information; no other 

information structure provided the means to reach the crowd of millions of individuals 

simultaneously. This reach eventually became synonymous with the concept of “journalism,” 

defined by Tom Rosentiel and Bill Kovach as the means “to provide people with the information 

they need to be free and self-governing.”k  

Today, due to the impact of technology, media outlets are no longer the only entities 

capable of providing the information people need to be free and self-governing. The arrival of 

                                                 
j Shirky, Clay. Here Comes Everybody: The Power of Organizing Without Organizations (New York: Penguin Press, 2008, Kindle Edition, loc: 
1256-1268. 
k Kovach, Bill and Rosentiel, Tom. The Elements of Journalism (New York: Crown Publishers, 2001), Kindle Edition, loc: 107. 
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the Internet provided millions of individual self-publishers with the capability to publish their 

information independently.l The Internet provides a platform for an unlimited number of 

gatekeepers, each independently deciding what qualifies as news and what does not.m  

 

Figure 2 – Information Flow Post Post-Internet 

Individuals can now access information directly from each other, altering the role of 

traditional media outlets. As traditional media outlets are no longer unique in their ability to 

reach large audiences, their position in the information flow as verifiers is now far more critical 

to their overall value to the economic ecosystem. Individual publishers and traditional media 

outlets are subject to a power law relationship; writers with the largest audiences trade the depth 

of their conversations for reach; writers with smaller audiences can interact more intimately with 

their readers. Individual publishers, uninhibited by the cost of publishing, are free to pass on any 

information they may feel is valuable, regardless of its veracity. Clay Shirky explains this change 

                                                 
l Shirky, Clay. Here Comes Everybody: The Power of Organizing Without Organizations (New York: Penguin Press, 2008), Kindle Edition, loc. 
746. 
m Crawford, Kate. News Online: Transformations & Continuities (Palgrave Macmillan, Great Britain, 2011), 124. 
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by arguing that “the future presented by the internet is the mass amateurization of publishing and 

a switch from “Why publish this?” to “Why not?”n 

Accordingly, this thesis defines traditional media outlets as firms defined by the size of 

their audience and the veracity of their information. Individual self-publishing is defined as the 

use of the Internet to reach a mass audience. Journalism is defined as the means through which 

people receive the information they need to be free and self-governing. Verification is the act of 

“sifting through the rumor, innuendo, the insignificant and the spin and concentrate on what is 

true and important about a story.o The crowd is defined as millions of individuals consuming 

media, indentifying with each other through heterogeneous elements formed by shared 

experiences in consuming said media.p This section establishes that traditional media outlets are 

no longer the only sources of information available due to the proliferation of self-publishers 

using the Internet to reach mass audiences. This shift alters the concept of journalism as 

individuals can now obtain information critical to being free and self-governing directly from 

other individuals within the crowd. Traditional media outlets, previously unique in their ability to 

reach mass audiences, now function as verifiers of information, contributing to the concept of 

journalism but no longer functioning as the only source of journalistic information. 

1.2 The Importance of Verification 

The post-Internet model of information transmission bypasses traditional media outlets, 

but does not eliminate them. Traditional media outlets extensive reach also requires what 

Rosentiel and Kovach describe as “the journalism of verification,” explaining that the promise of 

                                                 
n Shirky, Clay. Here Comes Everybody: The Power of Organizing Without Organizations (New York: Penguin Press, 2008), Kindle Edition, loc. 
746., 811. 
o Kovach, Bill and Rosentiel, Tom. The Elements of Journalism (New York, Crown Publishers, 2001), Kindle Edition, loc: 107. 
p Le Bon, Gustave. The Crowd: A Study of the Popular Mind. Translated by T. Fisher Unwin. (New York: The MacMillan Company, 1896) 11. 
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accuracy and factual reporting appealed to more people at any given time than opinion-based 

reporting. In order to reach the greatest number of readers, media outlets needed to take steps to 

verify their reports.q Despite the dire economic factors impacting traditional media outlets, their 

institutional resources and professional ethos, compared to those of self-publishers, results in 

traditional media outlets paying greater attention to fact-checking.r  

Verification poses substantial challenges to traditional media outlets, however, in terms 

of competing with self-publishers for timeliness of information. The pre-Internet information 

flow provided journalists with the time needed to verify their reports; sources were identified by 

the journalist and sources had no means through which they could communicate with the crowd 

without the assistance of a traditional media outlet. Today, however, the crowd dictates the 

importance of verification; individual consumers of media are free to go directly to the source if 

it is available, creating a “personalized media world where they share common experiences with 

fewer and fewer of the fellow citizens.”s Jeff Jarvis summarizes this decentralization of media as 

a structural change, noting that “"...a news organization is no longer able to -- nor can afford -- to 

be all things to all people."t 

A consequence of the breadth of the reach of traditional media outlets is that “newspapers 

and national news broadcasts help to define specific communities … creating a shared sense of 

the news, national television broadcasts in part help define who is an American."u In an 

information flow where the crowd can choose where to receive information, the shared sense of 

community shrinks into smaller units. These units, described by Cass Sunstein as “Information 

                                                 
q Kovach, Bill and Rosentiel, Tom. Blur. (New York, Bloombury, 2010), 36. 
r Meikle, Craham and Redden, Guy. News Online: Transformations & Continuities. (Great Britain, Palgrave Macmillan, 2011), 6. 
s McChesney, Robert W. News Online: Transformations & Continuities. (Great Britain, Palgrave Macmillan, 2011), 66. 
t Jarvis, Jeff. Foreword to Free for All: The Internet’s Transformation of Journalism. (Chicago, Northwestern University Press, 2010), viii. 
uKing, Elliot. Free for All: The Internet’s Transformation of Journalism. (Chicago, Northwestern University Press, 2010), 267. 
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Cocoons,” are “communications universes in which we hear only what we choose and only what 

comforts and pleases us.”v The crowd, overall, is dependent on the nature of the suggestion to 

which it is exposed, and as traditional media outlets tailor information cocoons and spurn 

verification in the service of a homogenous audience, the power of verification to unite 

heterogeneous individuals becomes apparent.w It is the only means through which society can 

combat the cascade effects, the concept that “human beings are willing to follow others, and 

once the number of followers is large enough, many of us will put our own doubts to one side 

and join them.”x 

1.3 Verification of Sources in the Post-Internet Information Flow 

In her writing that considers the impact of technology on the ways in which information 

is delivered to individuals, Kate Crawford poses the question: "If a piece of information 

[provided by an individual self-publisher] is widely circulated by a large international network, it 

may be considered to have reached the status of major news. But does that make the process that 

generated it 'journalism'?"y In order for the piece of information to be considered “journalism,” it 

must meet the criteria Rosentiel and Kovach outline; it must be “the means through which people 

receive the information they need to be free and self-governing.”z The answer to Crawford’s 

question, then, is that it depends – if the information is circulated by a traditional media outlet 

but it does not help individuals to be free and self-governing, the information is something less 

                                                 
v Sunstein, Cass. Infotopia: How Many Minds Produce Knowledge (New York: Oxford University Press, 2006). Kindle Edition. Loc: 259. 
w Le Bon, Gustave. The Crowd: A Study of the Popular Mind. Kindle Edition. Translated by T. Fisher Unwin. (New York: The MacMillan 
Company, 1896), loc: 456. 
x Sunstein, Cass. Infotopia: How Many Minds Produce Knowledge (New York: Oxford University Press, 2006). Kindle Edition. Loc: 275. 
y Crawford, Kate. News Online: Transformations & Continuities (Palgrave Macmillan, Great Britain, 2011), 118. 
z Kovach, Bill and Rosentiel, Tom. The Elements of Journalism (New York, Crown Publishers, 2001), Kindle Edition, loc: 107. 
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than journalism, such as rumor. But if it does meet this criterion, then yes, information presented 

by an individual self-publisher qualifies as a form of journalism. 

But this situation begs a question: how can traditional media outlets can determine what 

information provided by individual self-publishers should be considered journalism, as opposed 

to that which is rumor? Traditional media outlets can no longer intercept all information before it 

reaches the crowd, so the verification process must take place in real-time, competing with the 

impulsiveness, mobility and irritability of the crowd, which is “at the mercy of all exterior 

exciting causes.”aa 

In order to answer this question of verification, traditional media outlets must employ the 

same technology that has removed its ability to gatekeep. Social media, creating an environment 

in which information can be communicated rapidly through networked users, allows for the 

highly efficient relaying of information.bb Only by further investigating the individual self-

publishers within these social networks can traditional media outlets determine the users most 

likely to provide information that meets the verification standards required to serve the concept 

of journalism. 

In order to match the speed of the post-Internet information flow, traditional media 

outlets need new methods of verification. The concept of crowdsourcing, which “uses 

technology to foster unprecedented levels of collaboration and meaningful exchanges between 

people from every imaginable background in every imaginable geographical location,” can 

support traditional media in constructing verifiable information at a speed competitive, if not 

                                                 
aa Le Bon, Gustave. The Crowd: A Study of the Popular Mind. Kindle Edition. Translated by T. Fisher Unwin. (New York: The MacMillan 
Company, 1896), loc: 471. 
bb Crawford, Kate. News Online: Transformations & Continuities (Palgrave Macmillan, Great Britain, 2011), 115. 
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superior, to the dispersal of rumor.cc As Cass Sunstein summarizes, “For aggregating 

information, the Internet offers great risk as well as extraordinary promise. Both the risk and the 

promise come from the fact that … it is easy to obtain the views and even the collaboration of 

hundreds, thousands and conceivably even millions of people.”dd 

What aspects of crowdsourcing support its use as a possible means of verification for 

traditional media outlets?  Herbert Simon defines the human ability to obtain unique solutions to 

problems by stating that:  

“In all global models of rational choice, all alternatives are evaluated before a 
choice is made. In actual human decision-making, alternatives are often examined 
sequentially. We may, or may not, know the mechanism that determines the order 
of procedure. When alternatives are examined sequentially, we may regard the 
first satisfactory alternative that is evaluated as such as the one actually selected 
… if a chess player finds an alternative that leads to a forced mate for his 
opponent, he generally adopts this alternative without worrying about whether 
another alternative would lead to a forced mate.”ee 
 

Simon is explaining how human beings attempt to make rational choices, but his thoughts 

explain how accessing the intelligence of a crowd can improve reporting. Replace the 

chess player in Simon’s example with a reporter working for a traditional media outlet. 

The reporter wants to write the best possible story, but in order to do so has to go 

sequentially, source by source, to find the best information. Just like the chess player, the 

reporter is likely to choose the source that is good enough to generate the story, not 

necessarily the best source or sources. 

 By accessing the crowd through the Internet, the reporter is able to use the 

collective judgment of the crowd to help decide the best possible sources.  Instead of one 
                                                 
cc Howe, Jeff. Crowdsourcing: Why the Power of the Crowd is Driving the Future of Business. (New York: Crown Business, 2008), Kindle 
Edition. Loc: 222. 
dd Cass. Infotopia: How Many Minds Produce Knowledge (New York: Oxford University Press, 2006), Kindle Edition. Loc: 247. 
ee Simon, Herbert. A Behavioral Model of Rational Choice, The Quarterly Journal of Economics, Vol. 69, No.1 (Feb. 1955), 110. 
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individual making the decision, the reporter is aided by the decisions of a multitude of 

individuals. This is the heart of crowdsourcing; when imperfect judgments are aggregated 

in the right way, the resulting information can illuminate previously unseen solutions.ff 

 Surowiecki outlines the criteria necessary for crowds to provide information 

unavailable to the individual self-publisher or reporter at a traditional media outlet. In 

order for a crowd to be a “wise crowd,” the following characteristics must be displayed: 

diversity of opinion, meaning that members of the crowd must present some private 

information or interpretation of known facts; independence, meaning that the members 

of the crowd must present their own opinions, not the opinions of others; 

decentralization, meaning that the crowd must be separated enough to be able to 

specialize; and aggregation, which means that some method must exists for collecting 

the contributions of individuals within the crowd and turning those contributions into a 

collective idea.gg 

1.4 Source Verification on Twitter 

 Having defined crowdsourcing in the context of the Internet, it is next necessary to define 

the environment in which crowdsourcing is most relevant to the work of traditional media 

outlets. Twitter, a “real-time information network that connects you to the latest information 

about what you find interesting,”hh is an Internet-based technology that allows individual self-

publishers to post “status messages, more commonly known as tweets, where people express 

                                                 
ffSurowiecki, James. The Wisdom of the Crowds: Why the Many Are Smarter than the Few and How Collective Wisdom Shapes Business, 
Economies, Societies and Nations. Kindle Edition. Loc: 78. 
gg Ibid. 
hh “Twitter is the best way to discover what’s new in your world.” http://twitter.com/about. (Accessed February 22, 2011.) 

http://twitter.com/about
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opinions, share links and let people know what they are doing.”ii These tweets, collectively, tell a 

story, providing a plethora of individual perspectives. Users of Twitter follow other users whose 

updates they find valuable, and users can retweet any information they, in turn, would like to 

share with their own followers. 

Traditional media outlets have attempted to use Twitter, but rarely for the purposes of 

reading or retweeting the information individual self-publishers write. Instead, traditional media 

outlets are using Twitter as another avenue for broadcasting, aggregating large numbers of 

followers in an information flow similar to their traditional gatekeeper role. In her assessment of 

Twitter as a new source of news, Kate Crawford remarks on the status of CNN’s breaking news 

account, @cnnbrk, which, to date follows only 30 Twitter users but is followed by a staggering 

3,879,786 users. She notes that "The asymmetry is in itself interesting, as it reveals how closely 

the engagement with social media has been modeled on traditional broadcast models."jj 

 Traditional media outlets are, however, experimenting with new methods of using 

Twitter to supplement their reporting within the new, post-Internet information flow, aggregating 

the contributions of individual self-publishers. Andy Carvin, a senior analyst for NPR, details his 

experience using Twitter to report on the January 2011 protests in Tunisia and Egypt: 

"When I first started, I was just casually retweeting stuff from sources I found 
interesting … But as things intensified, I … focus[ed] on capturing as much as 
possible … Twitter can echo in the sense that it’s loud at first then reverberates 
for a while. So something one person might’ve posted 12 hours ago gets 
retweeted by someone who’s just checking twitter for the first time, causing it to 
propagate further… But for whatever reason, Twitter seems to self-correct, and 
people generally point out to me that I’m behind on something."kk 

                                                 
ii “In-depth study of Twitter: How much we tweet, and when.” http://royal.pingdom.com/2009/11/13/in-depth-study-of-twitter-how-much-we-
tweet-and-when/ (Accessed February 22, 2011). 
jj Crawford, Kate. News Online: Transformations & Continuities (Palgrave Macmillan, Great Britain, 2011), 115 
kk Carvin, Andy. Interview with Ethan Zuckerman. 2/4/11. http://www.ethanzuckerman.com/blog/2011/02/04/interview-with-andy-carvin-on-
curating-twitter-to-watch-tunisia-egypt/, (Accessed February 22, 2011). 

http://royal.pingdom.com/2009/11/13/in-depth-study-of-twitter-how-much-we-tweet-and-when/
http://royal.pingdom.com/2009/11/13/in-depth-study-of-twitter-how-much-we-tweet-and-when/
http://www.ethanzuckerman.com/blog/2011/02/04/interview-with-andy-carvin-on-curating-twitter-to-watch-tunisia-egypt/
http://www.ethanzuckerman.com/blog/2011/02/04/interview-with-andy-carvin-on-curating-twitter-to-watch-tunisia-egypt/
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Carvin’s work points toward the predications of media analysts that crowdsourcing 

represents an opportunity for traditional media outlets to find help by aggregating information in 

ways that no single reporter can accomplish.ll But as Carvin notes, there are significant 

challenges to the aggregation process that traditional media outlets need to solve in order to best 

supplement their own reporting. 

Based on this literature and concepts in this chapter, this thesis will demonstrate how 

traditional media outlets can further use crowdsourcing to supplement their reporting, and that 

the information provided by the aggregation of a diverse, independent, decentralized crowd of 

individuals can be used by traditional media, but only if traditional media does not impact the 

these conditions before collection. This emergent point of view is a new resource for traditional 

media outlets – it can be curated and assembled into a story. 

  

                                                 
ll Jarvis, Jeff. Foreword to Free for All: The Internet’s Transformation of Journalism. (Chicago, Northwestern University Press, 2010), viii. 
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2.0 Methodology 

Based on the concepts outlined in the previous chapter, it is apparent that the intersection 

of traditional media outlets and individual self-publishers is undefined in current literature; this 

thesis asserts that it is an uneasy relationship, with traditional media trumpeting breaking news 

when it is first to broadcastmm and individual self-publishers criticizing the clumsiness of 

traditional media when speed sacrifices verificationnn. This thesis hypothesizes that traditional 

media outlets can efficiently crowdsource individual publishers, specifically Twitter users, to 

identify the most likely sources of verifiable information within the aggregation of tweets from a 

diverse, independent, decentralized crowd of individuals. These emergent sources become a new 

resource for traditional media outlets once their information is verified by conventional means of 

journalistic investigation. 

The following methodology indentifies how social network analysis can be applied to 

Twitter to identify proxy variables representing the diverse, independent and decentralized 

attributes of individual sources within the crowd. In order to test the hypothesis that these 

sources provide an efficient means for traditional media outlets to use in their research during a 

breaking news story, an archive of more than 230,000 messages, consisting of tweets and 

retweets using the hashtag “#jan25” will be analyzed. The database was collected from 

twapperkeeper.com, an open source project designed to archive tweets related to a specific 

hashtag, keyword search or individual user.oo The archive of tweets using the hashtag #jan25 was 

                                                 
mm Andersen, Michael. Four crowdsourcing lessons from the Guardian’s (spectacular) expenses-scandal experiment. 
http://www.niemanlab.org/2009/06/four-crowdsourcing-lessons-from-the-guardians-spectacular-expenses-scandal-experiment/ (Accessed 
3/6/11).  
nn Shepard, Alicia. NPR’s Giffords Mistake: Re-Learning the Lesson of Checking Sources. 
http://www.npr.org/blogs/ombudsman/2011/01/11/132812196/nprs-giffords-mistake-re-learning-the-lesson-of-checking-sources (Accessed 
3/6/11). 
oo O’Brien, John. “About.” http://twapperkeeper.wordpress.com/about/ (Accessed 3/6/11). 

http://www.niemanlab.org/2009/06/four-crowdsourcing-lessons-from-the-guardians-spectacular-expenses-scandal-experiment/
http://www.npr.org/blogs/ombudsman/2011/01/11/132812196/nprs-giffords-mistake-re-learning-the-lesson-of-checking-sources
http://twapperkeeper.wordpress.com/about/
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created on January 26, 2011 by Twitter user “sh_zolfakar,” the day after protests began in Egypt 

calling for the removal of then-president Hosni Mubarak.pp The first tweet in the archive 

occurred on January 11, 2011 at 11:09am EST and the final tweet occurred on February 11, 2011 

at midnight EST. There are gaps in the database due to external factors in Egypt: the first is the 

Egyptian government’s blocking of Twitter on January 26th, followed by the government’s 

shutdown of the Internet on January 29th.qqrr The resulting gaps in the database are most 

prominent on January 31, 2011, February 2, 2011 and February 3rd, 2011 when use of the #Jan25 

hashtag decreases. 

This archive is an excellent and timely example wherein individual publishers, primarily 

the Egyptian people, became a resource for traditional media outlets based in the United States. 

This methodology seeks data to support the best practices traditional media outlets can practice 

when examining aggregated Twitter output to find the most likely verifiable sources of 

information at the start of the revolution and in advance of the time needed to place reporters on 

the ground in Egypt.ss  

The archive is divided in a manner consistent with the way traditional media outlets 

would parse massive amounts of tweets in real-time; it is divided into phases, each comprised of 

a 24-hour period.  The number of tweets per 24-hour period fluctuates as the protests in Egypt 

escalate; some days include far more tweets than others. This thesis contends that the proxy 

variables this methodology uses to identify the most likely verifiable sources, heretofore referred 

                                                 
pp Al Jazeera. “Timeline: Egypt’s Revolution.” http://english.aljazeera.net/news/middleeast/2011/01/201112515334871490.html (Accessed 
3/6/11). 
qq “Egypt blocks social media websites in attempted clampdown on unrest”. http://www.guardian.co.uk/world/2011/jan/26/egypt-blocks-social-
media-websites. (Accessed 3/19/11). 
rr“ Egypt Shuts Down Internet, Cellphone Services” http://online.wsj.com/article/SB10001424052748703956604576110453371369740.html. 
(Accessed 3/19/11). 
ss Ostrow, Adam. “What the Egyptian Revolution Taught Al Jazeera about Digital.” 
http://news.yahoo.com/s/mashable/20110305/tc_mashable/what_the_egyptian_revolution_taught_al_jazeera_about_digital (Accessed 3/6/11). 

http://english.aljazeera.net/news/middleeast/2011/01/201112515334871490.html
http://www.guardian.co.uk/world/2011/jan/26/egypt-blocks-social-media-websites
http://www.guardian.co.uk/world/2011/jan/26/egypt-blocks-social-media-websites
http://online.wsj.com/article/SB10001424052748703956604576110453371369740.html
http://news.yahoo.com/s/mashable/20110305/tc_mashable/what_the_egyptian_revolution_taught_al_jazeera_about_digital
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to as the “Landis Early Verifiable” measure, will isolate the Twitter users that are most capable 

of communicating the facts of the situation to a reporter when interviewed or researched using 

traditional journalism practices such as fact-checking and checking background. 

The determination of the Landis Early Verifiable measure is done using social network 

analysis, “the application of the broader field of network science to the study of human 

relationships and connections.”tt The study of relationships on Twitter theoretically leads to a 

crowd of diverse, independent and decentralized individuals, validated by the wise crowd as 

the most likely sources of verifiable information.  

                                                 
tt Hansen, Derek. Shneiderman, Ben. Smith, Mark A. Analyzing Social Media Networks with NodeXL: Insights from a Connected World. 
(Burlington, MA: Morgan Kaufmann, 2011), 35. 
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Figure 3 - By creating proxy variables for each of Surowiecki's criteria, this methodology creates a holistic measure verifying 
Twitter users’ potential as sources. 

A few basic terms are necessary to explain the application of social network analysis to 

the database of Twitter users in the Egypt database.  The network is the universe of tweets 

containing the hashtag “#jan25.” Each individual Twitter user within the network is a node or 

vertice; the terms are used interchangeably and refer to a dot within the network. The 

connections between these nodes are referred to as edges; in this thesis, edges consist of 

“mentions” between twitter users, such as when a user begins a tweet by specifically directing it 

to another user by prefaces to the message with the “@” symbol. The number of edges connected 

to a node determines the node’s degree.  In the Twitter network, edges are directed; this means 

Diverse 

Independent Decentralized 

Landis 
Early  

Verifiable 
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that a message or a relationship flows from one user to another and may not necessarily be 

reciprocated.uu 

 

Figure 4 – Example Directed Network of Twitter Users 

In Figure 1, the Twitter user network consists of six nodes. All of the nodes mention the 

user @jakelandis, creating a directed edge between the respective nodes and giving @jakelandis 

a degree of five. User @jessica also mentions user @emily, creating two edges emanating from 

the @jessica node. Following this basic example of a directed network, the next section explains 

how the criteria of diversity, decentralization and independence relate to measures used in social 

network analysis. 

Employing this methodology, the graphing of the “#Jan25” hashtag is done with 

“NodeXL,” a social network analysis software extension used in conjunction with Microsoft 

Excel. NodeXL is open source software developed to “allow non-programmers to quickly 
                                                 
uu Ibid. 
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generate useful network statistics and metrics and create visualizations of network graphs.” 

NodeXL is a project of the Social Media Research Foundation.vv 

2.1 Proxy Variable One: Diversity -- Social Network Analysis Measure: Eigenvector Centrality 

 “Diversity [is] important because the best collective decisions are the product of 

disagreement and contest,”ww explains James Surowiecki in his explanation of the criteria for a 

group to exhibit intelligence. In the tweets surrounding the events of #jan25, users who engaged 

in conversations with a diverse set of other users are more likely to be a source of verifiable 

information than a user who conversed with a small number of other users. 

 Eigenvector centrality measures not only the degree of a node, but also the degree of the 

nodes to which it is connected throughout the network.xx This calculation does not take the 

direction of the edge into account; it looks only at whether or not a connection exists. The theory 

supporting this measure is that while users who mention each other often exist in homophilous 

cliques, information from outside this clique will flow inward based on the greater number of 

external cliques connected to the users with high Eigenvector centrality scores.  

A high Eigenvector centrality score does not definitively illustrate diversity of 

information, but it can provide a measure of the best opportunity for diverse information to reach 

a user. Thus, this thesis hypothesizes that a node connected to a community of diversely 

connected nodes will display a higher Eigenvector centrality measure. The risk of homophily in 

this measure – if the quantity of secondary connections is limited, it is unlikely a diverse set of 

ideas are being transmitted – is dependent on the average geodesic distance of the mention 

                                                 
vv “NodeXL” http://www.smrfoundation.org/nodexl/. (Accessed March 20, 2011). 
ww Surowiecki, James. The Wisdom of the Crowds: Why the Many Are Smarter than the Few and How Collective Wisdom Shapes Business, 
Economies, Societies and Nations. (New York, Doubleday, 2004), Kindle Edition. Loc: 159. 
xx Hansen, Derek. Shneiderman, Ben. Smith, Mark A. Analyzing Social Media Networks with NodeXL: Insights from a Connected World. 
(Burlington, MA: Morgan Kaufmann, 2011), 45. 

http://www.smrfoundation.org/nodexl/
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network. Consequently, Eigenvector centrality is a far less useful measure of diversity in small 

networks. In Figure 1, the node with the highest Eigenvector centrality is @jakelandis, followed 

by @cmelnick and @emily.   

 

Figure 5 - Eigenvector Centrality 

In more complex Twitter graphs, Eigenvector centrality measures the potential of a user’s ideas 

being transmitted to multiple cliques, possibly then influencing or being influence by a series of  

nodes connected to different communities of users. 

 It’s important to remember than Eigenvector centrality measures a node relative to the 

rest of the nodes in a network. The below graphs illustrate the differences between Eigenvector 

centrality’s usefulness is small networks vs. larger networks – in both examples, node “a” has a 

degree of 3, but in example two, “a” is connected to a greater number of different nodes. 

 

Figure 6 - Eigenvector centrality in small network, with "a" degree=3 
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Figure 7 -  - Eigenvector centrality in larger network, with "a" degree=3 

The theory is that Eigenvector centrality provides a proxy method of identifying users 

with the largest conversation radius – users who often mention other users are active participants 

in a series of concentric circles of conversations; these conversations are what traditional media 

outlets need access to in order to identify users who are most likely to become verifiable sources. 

Eigenvector centrality can not explicitly say how diverse a user’s mention network is, but it can 

identify conversation with many different sources, increasing the likelihood of diversity within 

the conversation. 

Given that Twitter is an inherently directed network, mentions provide an intended 

direction to information shared by a user. Users who traffic highly in directed messages are 

communicating often, sharing or receiving ideas with specific individuals and influencing or 

being influenced by those individuals. As Eigenvector centrality focuses on the potential for 

influence across a network, it is most efficient to focus on “mentions” as it will shrink the scope 

of the data to a more valuable set: the resulting network will show only users who converse with 

each other, thereby signaling users who are most actively forming set of messages around a 

given topic. 
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While reducing the dataset just to “mentioned” users may seem limiting, later measures 

will consider the full universe of tweets to examine “retweets” as a measure of decentralization. 

The combination of these measures establishes an aggressive strategy to assess the data under the 

time limitations faced by media outlets racing to find meaning in a day’s Twitter activity.   

 

Figure 8 - Example of a Twitter Mention
yy

 

By reducing each day’s network to just mention relationships, this methodology shrinks 

the full network, as seen in Figure 4, down to the users who are most actively talking to each 

other. Often the information shared between users is more critical than the information shared 

openly; “mentions” an ideal place to start for journalist hoping to reduce the complexity of 

Twitter’s rapid aggregation of messages. This method sacrifices the importance of retweeted 

users for the moment, focusing purely on users who are mentioned most often. 

                                                 
yy “Example of a mention.” http://support.twitter.com/entries/14023-what-are-replies-and-mentions. (Accessed 3/19/11). 

http://support.twitter.com/entries/14023-what-are-replies-and-mentions
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Figure 9 – Example of a Full Twitter Network Based of Follower-Following Relationships Before Shrinking to “Mentions”
zz 

Once the network has been reduced for each twenty-four hour period, NodeXL is then 

used to plot those users in relationship to one another. NodeXL marks each user as a “vertice” 

and creates a “directed edge” for any mention between users in the data set. The directed edge 

points toward the mentioned users and away from the mentioner. If users message each other 

multiple times, NodeXL assigns a greater “edge weight” to the resulting graph, increasing the 

thickness of the edge between the two vertices. Figure 5 shows how these “mention networks” 

form as users mention each other over a given twenty-four hour period.  (is this from the Egypt 

data) 

                                                 
zz “20110315-NodeXL-Twitter-sxsw graph.” Created by Flickr users Marc_Smith. http://www.flickr.com/photos/marc_smith/5529363567/in/set-
72157622437066929/. (Accessed 3/19/11). 

http://www.flickr.com/photos/marc_smith/5529363567/in/set-72157622437066929/
http://www.flickr.com/photos/marc_smith/5529363567/in/set-72157622437066929/
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Figure 10- Example of NodeXL Mention Network 

Within this mention network, NodeXL computes a number of metrics for each 

vertice/node in the graph. NodeXL ranks the Eigenvector centrality values in the network from 

largest to smallest.  The larger the Eigenvector centrality measures, the more connected a user is 

to other conversations based on the larger number of directed edges emanating or point to the 

user’s vertice in the network. Eigenvector centrality measures of zero are dropped from the 

analysis as a measure of zero indicates a lack of diversity in the node’s relationship structure 

within the mention network. A lack of diversity indicates that a user is not actively conversing 

with other users in the Twitter network, decreasing the probability that said user is a source of 

diverse information useful to a traditional media outlet. 

The next step is to reduce the network to the top twenty percent of users based on 

Eigenvector centrality. The rationale for this reduction is based in the power laws that govern 

social media, Twitter included: the top twenty percent of the users supply the majority of the 
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content.aaa  By focusing on these users, the efficiency of finding users with higher potential 

“early verifiables” is increased. 

Next, the text of the tweets from the top twenty percent of users with the highest 

Eigenvector centrality is gathered. The text, a mix of Arabic and English, is then translated to 

English first using machine translation via Google translate, and then proofed by a dual 

English/Arabic speaker.  

Diversity/Eigenvector Proxy Measure Testing Step-By-Step 

• Data from the archive of tweets using the #jan25 hashtag will be divided into 24 hour 
segments, ending at midnight as recorded by the archive’s date stamps. 

• Each 24 hour segment will be reduced to just the users whose tweets “mentioned” 
another user. 

• The resulting directed network graph will display users who tweeted at each other, 
talking publicly through Twitter. 

• The number of messages between users will be reflected in the edge weight on the graph. 
• The Eigenvector centrality of each node will be calculated using NodeXL. 

 

2.2 Proxy Variable Two: Retweets as Decentralized Approval 

 Having determined a proxy variable to measure potential diversity of information 

available via Twitter, the next step of this methodology examines the decentralized approval of 

the ideas being tweeted. Determining a proxy measure that represents decentralized consensus is 

critical to assessing the best sources of information by tapping into the wise crowd’s evaluation 

of a given user’s tweets. The previous analysis relied on just the Eigenvector centrality of 

mentioned tweets and the weighted average assessing independence; this variable assesses the 

validity of the user’s connections to the crowd, but not the crowd’s evaluation of the user. 

                                                 
aaa Shirky, Clay. Here Comes Everybody: The Power of Organizing Without Organizations (New York: Penguin Press, 2008), Kindle Edition. 
Loc: 1584. 
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 In measuring decentralization, this methodology returns to the idea of validatory 

retweets, but this time it focuses on consensus: the more a tweet is retweeted, the greater the 

decentralized number of users validating the information, either as a sign of agreement with an 

opinion or an agreement of a statement of fact. Measuring decentralization cannot separate fact 

from opinion, but it can isolate the ideas the crowd agrees with most often. In short, the theory is 

that the most retweeted messages are also those most validated by a decentralized crowd. 

Additionally, the full universe of tweets, not just the mentions, is being assessed. 

 Retweets in the archive are marked by the letters “RT” at the beginning of the tweet, so in 

each day’s archive the messages can be sorted alphabetically to isolate all retweets. Retweets can 

then be divided according to the original sender of the tweet to generate a list of the most 

retweeted users. The top twenty percent of the most retweeted users can then be compared to the 

users with the highest Eigenvector centrality; the resulting users with the highest combined 

retweet rate and Eigenvector centrality will represent the users dispersing the most validated, 

diverse information.  With the addition of the independence measure, a hierarchy of the users, 

most likely to be verified by traditional means of reporting, can be created. 

Decentralization/ Most Retweeted Messages Proxy Variable Testing Step-By-Step 

 In entire sample of all 24-hour segments, sort messages alphabetically 
 Isolate users whose messages have been retweeted by examining use of “RT” in tweets 
 Pull the top 20% of users based on eigenvector centrality for a given twenty-four hour 

period 
 Pulled an equal number of the most retweeted users from the twenty-four hour period 
 Add users in the retweet column, but not represented in the eigenvector column, to the 

eigenvector column 
 Added users in the eigenvector column, but not represented in the retweet column, to the 

retweet column 
 Rank by the highest number of retweets per user 
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2.3 Proxy Variable Three: Independence -- Ratio of Tweets to Retweets 

Having established a population of diverse Twitter users recommended by a 

decentralized crowd of other Twitter users, this methodology next devises a proxy variable 

representing the independence of each user within the populations. A weighted average will be 

assigned to the tweets of the users to measure independence, with a lesser score being applied to 

retweets than to original tweets. The reasons for this are as follows:  

Retweeting (literally to tweet a message again, hence to “re” tweet) is the act of relaying 

a message created by a first node to all followers of a second node. The act of retweeting implies 

a number of meanings: retweeting can be used to: 

“…amplify or spread tweets to new audiences; inform a specific audience or 
curate; comment on a tweet by adding new content; to make one’s presence as a 
listener visible; to validate others’ thoughts, as an act of friendship, loyalty or 
homage by drawing attention; to recognize or refer to less popular people or less 
visible content; for self-gain, either to gain followers or reciprocity for more 
visible participants; or to save tweets for future personal access.”bbb  
The implications of retweeting is divided into two groups: validatory, meaning that the 

user is validating the contents of the message and extending its reach, or additive, meaning that 

the user is adding some content to the tweet to continue the discussion. 

                                                 
bbb boyd, danah, Scott Golder, and Gilad Lotan. 2010. “Tweet, Tweet, Retweet:  
Conversational Aspects of Retweeting on Twitter.” HICSS-43. IEEE: Kauai, HI, January 6 
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Figure 11 - The red rectangles represent additive retweets, while the green represent pure retweets. Blue's tweet is fully 
independent. 

  

Validatory retweets imply agreement or a desire to share the ideas in the original tweet; it 

is a display of minimal independence – the idea is, essentially, that of another user. Additive 

retweeting is a reworking of the original idea, either by commenting on the idea or by adding 

further information.  Additive retweeting is a display of partial independence; the original idea is 

being passed on but with some editing. 

The following methodology will be used to test this theory: 

Independence/Tweet to Retweet Ratio Proxy Variable Testing Step-By-Step 

 The sample of users with the highest Eigenvector scores from step one in all 
segments is taken. 

 Assign a values to their tweets during a twenty-four segment in order to determine 
a weighted average: 

o 10 for each tweet 
o 5 for each additive retweet 
o 1 for each validatory retweet 

 Average the total score for each user 
 Rank users from highest to lowest 

 

2.4 Standardization and Average of Proxy Variables 

Let's go for a 
drive! 

In my car! RT:  
Let's go fopr a 

drive! 

RT: In my car! RT: 
Let's go for a 

drive! 

Beep! RT: In my 
car! RT: Let's go 

for a drive! 

RT: Let's go for a 
drive! 

RT: Let's go for a 
drive! 



 

30 
 

 Having assessed each Twitter user’s diversity of connections, decentralized approval and 

independence, the final step of this methodology is to standardize the three proxy variables and 

compute an average. This average takes each of the previous three proxy variables into account 

equally, assuming that the variables necessary to indentify a wise crowd are equally important. 

 In order to standardize the proxy variables, the mean and standard deviation of the 

Eigenvector centrality, quantity of retweets and weighted independence average for each day’s 

population of users is calculated. The mean and standard deviation are then used to compute a z-

score for each user for each respective category. The three z-scores are then averaged to create a 

new measure, hereafter called the Landis Early Verifiable (LEV) measure. The formula is 

demonstrated below: 

 

Wherein EC is equal to the Eigenvector centrality of a given user, RT is equal to the number of 

times said user is retweeted within a given period, and IND is the weighted average of the tweets 

from said users within the same given period. 

 The resulting LEV scores are then ranked from highest to lowest, with the highest score 

identifying the users with the highest diversity of conversations, the most tweets retweeted by a 

decentralized crowd and the highest rate of tweets created independently of other users. In order 

evaluate traditional media outlets use of Twitter, the resulting LEV scores will then be examined 

for three purposes relevant to the research question: 
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 What non-media outlets users identified by the Landis Early Verifier measure later 
became sources for the media? 

 On the most newsworthy days, January 25 and February 11, what qualitative differences 
can one evaluate between the tweets of the users with the highest Landis Early Verifiable 
measure, those with mid-level scores and those with the lowest? 

o Five users will be selected per tier, each with five tweets randomly selected using 
the random number generator available at random.org, corresponding with the cell 
number of the user’s tweet in the #jan25 archive.  

o If five tweets do not exist for a user on a given day, the remaining slots will be 
recorded as “unavailable.” 

o As this test is to analyze the LEV’s ability to locate potential sources, traditional 
media or journalist Twitter users are dropped from the set. 

 Where do traditional media outlets fall within the Landis Early Verifiable scores? 

2.5 Summary of Methodology 

 The criterion for a wise crowd is aggregation of a diverse, independent, decentralized 

group of individuals. By applying the above methodology to create proxy variables measuring 

these criteria among the users tweeting about the Egyptian revolution, this thesis tests the 

performance of traditional media outlets that use Twitter by comparing their diversity, 

independence and decentralization to that of individual publishers and illustrating how the two 

entities do or do not overlap.  
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3.0 Social Network Analysis of #Jan25 

 

 The Egyptian revolution of late January 2011 has been heralded as an example of a 

“social media revolution” due to the fact that “protest organizers heavily relied on social media 

outlets such as Facebook and Twitter.”ccc This chapter seeks to measure how Twitter was 

employed throughout the revolution, from the earliest tweets to the day Hosni Mubarak resigned, 

to identify the users who best fit the criteria of a wise crowd: independent, decentralized, diverse 

and aggregated.  In addition, this measurement will reveal the presence of traditional media 

outlets within the wise crowd, exposing the overlap roles of traditional broadcast media and 

individual self-publishers. In order to apply the measures identified in the previous chapter, a 

database of over 230,000 tweets using the hashtag #jan25 was examined and the eigenvector 

centrality, weighted independence average and quantity of retweets were collected for users in 

each twenty-four hour period. These measured were then standardized and averaged to create a 

holistic measured of the user’s value to the conversation; the measure is an early verifier of the 

user’s potential importance as a source of information in the network of individuals tweeting 

using the #jan25 hashtag. 

In approaching a database as large as the archive of tweets from the Egyptian revolution, 

it was necessary to segment the data in order to assess the different phases of how the crowd 

communicated across the two week span from January 25th to February 11th. The data was 

segmented into twenty-four hour periods under the assumption that any relationship between 

individual publishers and traditional media outlets would be most visible within individual day 

night cycles, as opposed to over the entire date range.  

                                                 
ccc “Timeline: Egypt’s Revolution”. http://english.aljazeera.net/news/middleeast/2011/01/201112515334871490.html. (Accessed 04/08/11). 

http://english.aljazeera.net/news/middleeast/2011/01/201112515334871490.html
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A few notes are necessary given the complexity of the data discussed in the following 

chapter: first, the Egyptian government blocked social network sites and, eventually, the entire 

Internet over the course of the dataset, resulting in a period of very shallow use of the #jan25 

hashtag when Egyptians either had no or extremely limited access to Twitter.ddd This analysis is 

beholden to these limitations, meaning that the twenty-four hour periods where the Egyptian 

internet was functioning likely provide a more accurate analysis given their larger sample size. 

When necessary, this text will point to periods of insufficient data to explain changes in the 

#jan25 Twitter landscape. It is also worth noting that throughout the analysis the Twitter account 

names of users not affiliated with traditional media outlets have been made anonymous given the 

nature of their role in the Egyptian revolution. The anonymous names stay consistent throughout 

the chapter, however; if “Charles” is mentioned as scoring highly in section one and section two, 

it is the same user in both examples. 

3.1 Preliminary Explanation of Data Set 

Before diving in to the results of each metric explain in the previous chapter, it is first 

necessary to provide some top level information about the full data set.  

 The #jan25 archive includes over 749,000 individual “tweets,” 32,102, or 4.29%, 
of which specifically “mention” another user.  

 Each recorded tweet includes the hashtag #jan25 somewhere within the text.  
 Each recorded tweet includes the following pieces of data: 

o Text – this is the literal text of the tweet that was published. 
o To_User_ID – this is the series of digits Twitter uses to identify a user 

account to which a message was sent; each username has a corresponding 
numerical user ID. 

o From_User – this is the username, as chosen by the user, in text format. 

                                                 
ddd “Egypt’s Internet Shutdown: Visualized.” http://www.csmonitor.com/World/Backchannels/2011/0201/Egypt-s-Internet-shutdown-visualized. 
(Accessed 04/10/11). 

http://www.csmonitor.com/World/Backchannels/2011/0201/Egypt-s-Internet-shutdown-visualized
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o ID – this is the number assigned to the tweet itself – each individual 
message receives a numerical identity. 

o From_User_ID – this is the series of digits Twitter uses to identify the 
user account from which a message originated. 

o ISO_Language_Code – this is the code designated by the International 
Standards Organization to represent the language origin of the message 

o Source – this is the software source of the tweet, which can represent 
either the Twitter website, a mobile phone application or a number of 
third-party Twitter applications. 

o Created_At – this is the date the message was sent. 
o Time – this is a numerical code representation of the time the message 

was sent. 

The tweets sent during the event of #jan25 predominantly came through Twitter’s 

website, but mobile web applications also played a significant role in how the messages were 

sent through the service.  The following graph provides a breakdown of the technologies used to 

send tweets: 

 
Table 1 - Breakdown of Services Used to Tweet During #jan25 

Web  
(Twitter.com) 

Tw
itter fo

r A
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id
 

Web

Twitter for iPhone

Other (Miscellanious)

Twitter for BlackBerry

Echofon

HootSuite

Twitter for iPad

Twitter MobileWeb

UberTwitter

Twitter for Mac

Twitter for Android
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 Finally, it’s important to look at the volume of tweets per day across the date range 

analyzed in this chapter to provides a sense of the Twitter traffic as events happened in Egypt. 

The following timeline highlights major events in Egypt, as defined by Al Jazeera, juxtaposed 

with the volume of tweets containing the hashtag #jan25.eee 

 
Table 2 - Timeline of Tweets and Events in Egypt 

Given the majority of tweets originated from Twitter’s web form, the impact of the Egyptian 

government’s blocking of Internet access on the volume of Twitter data is severe but it should be 

noted that the events of Jan 25th and February 8th through 11th were the most impactful, 

correlating specifically with the largest protests. As such, the down periods provide an 

interesting foil to the periods of massive Twitter activity. 

                                                 
eee “Timeline: Egypt’s Revolution.” http://english.aljazeera.net/news/middleeast/2011/01/201112515334871490.html. (Accessed 04/10/11). 
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 In the next section, this analysis will transition to an investigation of how traditional 

media outlets can use the Twitter activity in the above graph to supplement their understanding 

of events, seeking the best sources of information during periods of intense Twitter activity by 

using the strengths of the crowd to find the most diversely connected, independent sources of 

information as approved by a decentralized Twitter community aggregated under the #jan25 

hashtag. 

3.2 Proxy Variable One – Finding Diversity through Eigenvector Centrality 

 The theory and methodology outlined in chapters two and three demonstrate the 

importance of isolating the “mention network” within the #jan25 Twitter activity – unlike the 

passive follower/followee relationships of the service, mention networks represent a group of 

users who are actively conversing, pulling in bits of information from a diverse set of sources. In 

the Egypt dataset, mentioning important data from another user is akin to linking to a trusted 

source.  

 Eigenvector centrality, as a measure of importance within a network, provides a method 

of calculating how well connected a node is relative to other well-connected nodes. In short, it is 

a numerical assessment of the Twitter users mentioning or being mentioned by the most Twitter 

users who are, in turn, mentioning or being mentioned by the most Twitter users. By limiting the 

scope of the analysis to mention networks, Eigenvector centrality provides a glimpse at the users 

being mentioned in a diverse series of conversations – logically, these are the users who could be 

valuable sources of information to a traditional media outlet. 

 Specific to this thesis’ analysis of Eigenvector centrality, the #jan25 archive of tweets 

from twapperkeeper.com provides the following data for each user:  
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 “to_user_id” – this is an identification number associated with the recipient of a 
“mention”, i.e. a tweet reading “@jakelandis hello world” would include a “to_user_id” 
number unique to the “jakelandis” Twitter account 

 “from_user_id” – this is an identification number associated with the sender of a tweet, 
which may or may not include a mention, i.e. a tweet originating from “jakelandis” 
would include a unique number identifying “jakelandis” as the sender 

 “text” – this includes the text of the tweet sent 

By combining these three categories in NodeXL, one can compute the eigenvector centrality of a 

user within a twenty-four hour period.  

 Each user id is assigned as a node within NodeXL, with edges created between the 

original user and the mentioned user. In the below figure, user 00001, 00002, and 00003, each 

representing a Twitter user tweeting about #jan25, all mention user 00006 in their tweets. Three 

edges are then created in the resulting graph of the conversations, each with an arrow illustrating 

the direction of the mention. 

text (shows the tweet as written by 
the user) 

to_user_id (numerical code 
representing recipient) 

from_user_id (numerical code 
representing sender) 

@00006 thanks for the tip! 00006 00001 

@00006 I'll see you in tahrir 00006 00002 

@00006 hurray egypt 00006 00003 
Table 3 - illustrative example of Twitter data from TwapperKeeper.com archive for #Jan25 

from_user_id to_user_id 

00001 00006 

00003 00006 

00002 00006 
Table 4 - illustrative example of data as input into NodeXL 
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Image 1 - illustrative example of resulting graph from NodeXL based on mentions within #jan25 Twitter data 

 In the above example, user “00006” is being mentioned by a diverse set of users, 

heightening the user’s Eigenvector centrality measure. If a reporter is looking for the best source 

of information among the four users tweeting about Egypt, “00006” is logically the best place to 

begin. In a four user network, Eigenvector centrality is of dubious importance, but by combining 

all of the tweets from a single twenty-four hour period results in a far more complex series of 

graphs, NodeXL illustrates the myriad of users mentioning each other throughout the Egyptian 

revolution and provides the Eigenvector centrality of the users most critical to the flow of 

information within a crowd. 

 On January 21st, 72 different Twitter users were mentioned in the tweets of 436 users 

who used the #jan25 hashtag. Some users were mentioned more than once, increasing the edge 

weight of between nodes. In the below graph, the Eigenvector centrality of each node is listed, 

with the mentions between users illustrated as directed vectors. The color gradient shifts from 

black to red as the Eigenvector centrality rises. 
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Table 5 - Eigenvector centrality map of January 21, 2011 Mention Network from #jan25 Database 

The above graph illustrates the diverse connections of the nodes scored with the highest 

Eigenvector centrality.  The central actor, scoring an Eigenvector centrality measure of 0.138, is 

mentioned or mentions the most diversely connected set series of other Twitter users within the 

conversations taking place of January 21st, 2011. By applying the above measurement to each 

day within the archive, this thesis has established a method measuring one-third of the stated 

criteria, which is to find the most diversely connected, independent sources of information as 

approved by a decentralized Twitter community aggregated under the #jan25 hashtag. 

 The resulting chart shows the users with the highest Eigenvector centrality for each day, 

replacing the real user names with anonymous placeholders. Given the gaps in the database due 

to connectivity issues in Egypt, a few dates have no recorded tweets. A few dates within the 

range have multiple users tied for the highest Eigenvector centrality, which generally shows 

symptoms of a limited mention network with few overlapping entities. Finally, it’s critical to 

note that Eigenvector centrality measures cannot be compared across days as the measure is 



 

40 
 

dependent on the network of the day in question. The final four days, February 8th through the 

11th, show the same user scoring the highest Eigenvector centrality repeatedly. 

Date Name Eigenvector Centrality 

21-Jan-11 * 0.138 

22-Jan-11 *, *, *, *, * (Five Way Tie) 0.199 

22-Jan-11 * 0.199 

23-Jan-11 RamyRaoof 0.117 

24-Jan-11 Wael 0.102 

25-Jan-11 Ircpresident 0.062 

26-Jan-11 N/A N/A 

27-Jan-11 *, 3arabawy (Tie) 0.309 

28-Jan-11 *, *, *, *, *, *, *, *, * (Nine Way Tie) 0.111 

29-Jan-11 *, *, *,* (Four Way Tie) 0.250 

30-Jan-11 * 0.129 

31-Jan-11 N/A N/A 

1-Feb-11 * 0.205 

2-Feb-11 N/A N/A 

3-Feb-11 N/A N/A 

4-Feb-11 *, *, * (Three Way Tie) 0.333 

5-Feb-11 N/A N/A 

6-Feb-11 N/A N/A 

7-Feb-11 * 0.087 

8-Feb-11 Ghonim 0.034 

9-Feb-11 Ghonim 0.037 

10-Feb-11 Ghonim 0.026 

11-Feb-11 Ghonim 0.022 
Table 6 - Users with the highest Eigenvector centrality in a single day’s mention network from January 21 to 
February 11 

3.3 Proxy Variable Two – Finding Decentralized Approval through Retweeting 

 The conceptual framework and methodology in the previous chapters illustrate that a 

decentralized crowd can collectively validate specific tweets from specific users by retweeting 

them, effectively endorsing certain users more than others. In each twenty-four hour period, the 

number of retweets can be collected by sorting the text of the tweets alphabetically and scraping 
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the messages that contain the letters “RT” and counting the frequency with which each username 

appears. 

 In the following chart, the archive of #jan25 tweets has been stripped down to purely the 

text that includes “RT,” signifying that the message has been retweeted by another Twitter user. 

The identity of the user who retweeted the message is not as relevant as the frequency. Once the 

text is isolated, the number of instances of each username, proceeded by @, is calculated. 

Text 
RT @CNBC: When Egyptian Pres. Hosni Mubarak Addresses the Nation - Watch it live on @CNBC and CNBC.com - 
http://bit.ly/hnjWQZ #Egypt #Jan25 
RT @CNBC: When Egyptian Pres. Hosni Mubarak Addresses the Nation - Watch it live on @CNBC and CNBC.com - 
http://bit.ly/hnjWQZ #Egypt #Jan25 
RT @CNBC: When Egyptian Pres. Hosni Mubarak Addresses the Nation - Watch it live on @CNBC and CNBC.com - 
http://bit.ly/hnjWQZ #Egypt #Jan25 
RT @CNBC: When Egyptian Pres. Hosni Mubarak Addresses the Nation - Watch it live on @CNBC and CNBC.com - 
http://bit.ly/hnjWQZ #Egypt #Jan25 

RT @CNBCbrk: Euro Dips Vs Dollar As Mubarak Says He'll Stay In Office Until Sept #Egypt  #Jan25 

RT @CNBCbrk: Mubarak Says Egypt's Army Will Ensure Transition Of Power  #Egypt #Breaking #Jan25 

RT @CNN #Mashad #jan25 #BreakingNews Dr.Mashad: Mubarak told me he will step down today. 
RT @CNN Video: CNN's @AndersonCooper takes on the Egyptian government's propaganda. 
http://on.cnn.com/gBBOMu #EGYPT #TAHRIR #JAN25 

RT @CNN: Egyptian ambassador: Mubarak delegates powers to VP. http://on.cnn.com/ekalkG #Egypt #Jan25 
Table 7 - Example of Retweets from #jan25 Archive 

Using a word frequency application to count the number of mentions of each username, the most 

retweeted users can be collected from each twenty-four hour period. In the above table, @CNBC 

has been retweeted by four different users, @CNBCbrk by two users, and @CNN by three users. 

In this small sample, @CNBC has the approval of the largest decentralized group of individuals. 

 Retweets provide a powerful measure of endorsement, allowing a crowd to essentially 

“vote up” an idea that resonates with their beliefs. Conversely, retweets are also very susceptible 

to cascade effects, meaning that incorrect information can spread exponentially due to near-

instantaneous network effects of Twitter until it reaches a point of such saturation that users no 
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longer question its validity. In short, decentralized acceptance must be tempered by other 

measures that better assess veracity, such as independence and diversity of sources. The below 

chart contains the users with the greatest number of retweeted messages per day. 

Date User Retweeted 

21-Jan-11 Wael 161 

22-Jan-11 Elshaheeed 24 

23-Jan-11 RamyRaoof 45 

24-Jan-11 * 80 

25-Jan-11 * 728 

27-Jan-11 * 109 

28-Jan-11 * 63 

29-Jan-11 * 73 

30-Jan-11 RamyRaoof 75 

1-Feb-11 *, *(Tie) 13 

4-Feb-11 * 78 

7-Feb-11 Ghonim 240 

8-Feb-11 Ghonim 3486 

9-Feb-11 Ghonim 4399 

10-Feb-11 Ghonim 5176 

11-Feb-11 Ghonim 12365 
Table 8 -Users with the highest quantity of retweeted messages in a single day from January 21 to February 11 

3.4 Proxy Variable Three – Finding Independence through Weighted Average of Tweet Type 

 

 In the previous chapter, the methodology outlines the differences between a tweet, an 

additive retweet and a validatory retweet. A validatory retweet is a minimally independent piece 

of data, requiring merely the selection of tweet to duplicate. An additive retweet is moderately 

independent, providing some new information to an existing message. A tweet is the most 

independent piece of data, relying on no external source. 

 Each twenty-four hour period within the #jan25 was coded based on these three criteria, 

creating a weighted average for each user for each day’s activity. The below chart contains 

modified data from the archive demonstrating the tallying method. 
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Text Name Score 
Total in area around State TV 5 to 6 thousand. #Egypt #Jan25 #Tahrir BENCNN 10 
With #Tahrir already overflowing, the protests moving outside-more people coming to 
State TV/Information Ministry #Jan25 #Egypt BENCNN 10 
RT @Burt: Buwahahahah!!! NDP SITE HACKED! Look! http://www.cairondp.org/new/ 
#Egypt #Jan25 #Tahrir ?????? ????? ???? ????? ?????? ?????? BENCNN 1 
RT @Eddy: Mubarak said he will be running for presidency in Tunisia and millions of 
Tunisians are calling for Bin Ali to return #Jan25 BENCNN 1 
RT @Charles: 2 helicopters just left pres palace #jan25 BENCNN 1 
RT @Fred: In #tahrir sq,one man says today marks the final stage in their battle against 
#mubarak #egypt #jan25 BENCNN 1 
Urgent News RT @Charles "Important and Urgent Communique from the Presidency of 
the Republic Shortly." #Tahrir #Jan25 BENCNN 5 
  BENCNN 4.142857 

Table 9 - Modified data from the 02/11/11 day of the archive representing the  
weighted average computation for independence 

Unlike the previous measures of diversity and decentralization, there is a high degree of 

users scored at the upper limit of the independence measure, meaning that few conclusions, if 

any, can be drawn from examining the list of the most independent Twitter users. Only when 

combined with the other two measures does independence provide some useful purpose, 

separating a diversely connected, decentralized user from a second individual copying his 

messages. 

3.5 Combining Proxy Variables to Create the “Landis Early Verifiable” Measure 

 

 Thus far this chapter has demonstrated the application of three distinct measures, 

independence, diversity and decentralization, to the archive of Twitter data from #jan25. In this 

next section, the method used to overcome the challenges of combining this data to form a 

holistic measure of the user’s value as a potential source will be applied. 

 Using the formula created in the previous chapter’s methodology, it is possible to take the 

three variables, each on vastly different scales, and standardize them to discover how far each 
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user’s unique attributes lay from the mean. Once these z-scores are determined for a user’s 

diversity, independence and decentralization, the three are averaged to create a new measure, the 

early verifier. 

 The following example from January 21, 2011 demonstrates the application of the early 

verifier formula to a user’s independence, decentralization and diversity measures. 

Name RT EC IND 

Jim 12365 0.022 9.689655172 
Table 10 - Sample Measures from User for 2/11/11 

The means and standard deviations for each measure for the day are as follows: 

January 21 ,2011 

Mean RT 406.792 SD RT 1040.969 

Mean EC 0.001 SD EC 0.002 

Mean IND 7.199 SD IND 2.572 
Table 11 - Mean and Standard Deviation for All Measures for All Users on January 21, 2011 

 In order to create a standardized score, or z-score, for each user’s independence, diversity and 
decentralization measures, it is necessary to apply the following formulas: 

ZEC = (EC(user)- (EC)) / σ(EC) 
ZRT = (RT(user)- (RT)) / σ(RT) 

ZIND = (IND(user)- (IND)) / σ(IND) 
For Twitter user Jim, the following z-scores are computed: 

ZEC = 11.488 
ZRT = 13.906 
ZIND = 0.968 

Finally, the average of these three scores creates a measure of the user’s potential value to a 

journalist attempting to assess a breaking news situation via Twitter. 

11.488 + 13.906 +0.968 = 26.362 
26.362 / 3 = 8.787 

On February 11, 2011, Twitter user Jim has an Early Verifier score of 8.787. Alone, this score 

means little, but when compared to the population of Early Verifier scores across the entire 

archive date range, it quickly becomes obvious that Jim is an intensely well connected, well 
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endorsed user within the Twitter network.  He is, in fact, Wael Ghonim, the online face of the 

Egyptian revolution.fff 

3.6 Early Verifier Data Tables from #Jan25 in Appendix A 

 Having demonstrated the use of the early verifier measure to compute a score than 

averages a user’s eigenvector centrality (diversity), weighted average of tweets to retweets 

(independence) and quantity of retweets (decentralization), this thesis will next apply the 

measure to all users in each given day, paying special attention to any instances in which 

traditional media outlets, such as CNN, NPR or CBS, appear within the tables. Users who are 

unaffiliated with either an Egyptian or an international news outlet have been made anonymous 

and are labeled with a “*” symbol; media outlets are highlighted in yellow. 

 Negative EV scores occur when a user’s standardized Eigenvector centrality, retweet 

quantity or weighted independence average scores, or some combination of the three, fall well 

below the mean. In the proceeding charts, the negative results have been omitted, but the full 

population of users, both for the EV test and for the entire day, are noted. 

 Also, a brief reminder that each day’s EV test population consists of the top 20% of 

Eigenvector centrality users and an equal number of the top retweeted users, so the below graphs 

are essentially a slice of a slice, as demonstrated in the below diagram. 

                                                 
fff “The Facebook Freedom Fighter.” http://www.newsweek.com/2011/02/13/the-facebook-freedom-fighter.html. (Accessed 04/12/11). 

http://twitter.com/#!/ghonim
http://www.newsweek.com/2011/02/13/the-facebook-freedom-fighter.html


 

46 
 

 
3.7 Early Verifier Quantitative Analysis in Appendix B: Identifying Sources in the Crowd 

 Although it would be optimal for a journalist to search every Twitter account to 

determine important sources of information, the quantity of data makes this approach impossible. 

The Landis Early Verifier uses a quantitative approach to reduce the size of the pool of users to a 

manageable level. In order to test the effectiveness of the Landis Early Verifier’s ability to lead 

journalists to the most likely sources of verifiable information, the top five, middle five and 

bottom five users based on their LEV scores were pulled from the database for two dates: 

January 25 and February 11, the two most active days in terms of tweet volume bookending the 

#jan25 archive. Each user then had five tweets randomly selected from the day. The set consists 

of 25 randomly selected tweets from each of the three tiers. Any user with insufficient Twitter 

activity to provide five randomly selected tweets received a “N/A” score. The full chart of users 

and tweets is available in Appendix B. As in the previous section, users whom were not 

identified by the media are kept anonymous in the data tables, each represented by a “*”symbol.  

 Examining January 21, the most obvious difference between the tiers is that the bottom 

scoring users rarely had enough tweets in the archive to randomly select a full five tweets. Three 

Top 20% of  daily 
population based on 

Eigenvector Centrality 
of 24 hour period. 

Equal number of most 
retweeted users , no 

replacement for 
overlap with 

Eigenvector Centrality. 

Independence of 
resulting population of 

users is assessed. 

Early Verifier measure 
is calculated, negative 
results dropped out. 
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of the five bottom users received multiple “N/A” scores, indicating that their inclusion in the 

LEV consideration set is based on being mentioned by other users, but not through their own 

initiative. Considering the LEV is designed to measure active participants, this is a positive 

indication that the LEV scores are suppressing users with little to offer journalists looking for 

sources. The number of retweets in the bottom tier also exceeds that of the top and middle tiers. 

 The top tier tends to provide more links to first-person photographers, either taken by the 

user or retweeted from another user on the ground in Egypt. This is an indication that users with 

higher LEV scores are either in Egypt or closely connected to users within Egypt.  The below 

sampling of tweets and photos from users with high LEV scores demonstrates this first person 

access: 

3arabawy 
 

262 
No protests yet in Alex, unlike what's been reported on Twitter earlier. Dar El Salam protest 
suspended by police http://bit.ly/gn6Ss9 #Jan25 

295 
Spoke to a Sinai protester. They r only 150 meters away from the MFO airport, shutting down 
the road completely http://bit.ly/gn6Ss9 #Jan25 

* 
 

9517 
Cars Fire brigade Divide Demonstrators Water Before Council People, and 
hit AnguishDisobedience, and Eogod Arrests And injuries Many 3 # jan25 

* 
 21935 Correction to an earlier tweet 2 fire trucks in tahrir sq #jan25 

21974 Thousands marching under galaa bridge chanting via @malek http://t.co/x9E4m2g #jan25 
Figure 12 - Tweets from users with high LEV scores 

ggg 
Figure 13- Photograph by @TravellerW from January 25, 2011, as tweeted by user with high LEV Score 

                                                 
ggg Photograph by @TravellerW from January 25, 2011. http://twitpic.com/3t9nbk. (Accessed 4/24/11). 

http://twitpic.com/3t9nbk
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hhh 
Figure 14 - Photograph by @norashalaby from January 25, 2011, as tweeted by user with high LEV Score 

iii 
Figure 15 - Photograph by @Salamander from January 25, 2011, as tweeted by user with high LEV Score 

 Examining February 11, the day that Mubarak stepped down from office, some of the 

same observations apply.  The lowest scoring users again received multiple “N/A” scores, 

indicating once again that these users are being mentioned by others but are not participating in 

the conversation.  A key indication of this is U.S. President Barack Obama’s Twitter account 

appearance – his LEV likely scores just well enough to make the consideration set based on the 

number of users mentioning him in tweets seeking opinion or action regarding the Egyptian 

revolution. 

 Unlike the sample from January 21, however, the leadership of the revolution appears to 

have consolidated under Wael Ghonim, whose @Ghonim twitter account received the highest 

                                                 
hhh Photograph by @norashalaby from January 25, 2011 http://yfrog.com/h7bhkptj (Accessed 4/24/11). 
iii Photograph by @Salamander from January 25, 2011 http://twitpic.com/3t7n3g (Accessed 4/24/11). 

http://yfrog.com/h7bhkptj
http://twitpic.com/3t7n3g
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LEV score for February 11. His tweets are more directional in nature, speaking to a broad 

audience. 

GHONIM   

93778 To All Sisters Egyptians: http://on.fb.me/gZczsN # Jan25 

93798 
Lets work on raising 100 Billion EGP from Egyptians to rebuild Egypt. Talked to one business man 
and he is ready to put the first 1B. #Jan25 

93783 Wait for my book soon: Revolution 2.0 #jan25 

93790 
They lied at us. Told us Egypt died 30 years ago, but millions of Egyptians decided to search and 
they found their country in 18 days #Jan25 

93794 
Thank Dr. Mohammed ElBaradei Fodth Egypt Was Reason Main Behind My Change InEgypt # 
Jan25 @ ElBaradei 

Figure 16 - Random sample of tweets from Wael Ghonim, @Ghonim, from February 11, 2011. 

Beyond Ghonim, first person observations once again dominate the user’s tweets with 

high LEV scores: 

SANDMONKEY   

216037 20 million people. Awesome. #jan25 
216029 http://twitpic.com/3ynoxw - The view from above. #jan25 

3ARABAWY   
2981 gas stations i passed by in Nasr City r out of fuel. #jan25 

*   

66925 
I think the army won't choose sides really until pushed to do that by revolution. What is it 
going to take?  #jan25 #egypt 

66956 

Azmi Bishara On The island: the number of Demonstrators 
Today More Number OfParticipants In All Election In Three Sessions Recent In Egypt, It 
is More Referendum # jan25 

Figure 17 - Tweets from Users with High LEV Scores 

 One user in particular from the highest ranking users list from February 11, however, 

stands out as a possible error as all of his tweets are nearly identical, each mentioning a different 

user. This type of activity fools the LEV measure slightly, demonstrating a high Eigenvector 

centrality measure due to the number of mentions and a high independence measure as none of 

the tweets are retweets. Protecting against this result on the formulaic level would require some 

means of indentifying duplicate tweets, something that is absent from the data sets created or the 

archive itself. This mention strategy, likely born of a user campaigning for attention, is similar to 
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the concept of Google bombingjjj; the repetitive use of certain words to bring up an unrelated 

result in Google.  In this Twitter-based example, “mention-bombing” results in a user being 

highly ranked in terms of LEV score but only based on the out degree of their tweets. 

*   

10374 
@ptthunder Feb11 Victory! RT PLZ http://bit.ly/iezx4I #Feb11 #Jan25 #Egypt #Mubarak 
#Tahrir #YouTube #Reddit 

10401 
@SaraKean Feb11 Victory! RT PLZ http://bit.ly/iezx4I http://bit.ly/enOyPB #Feb11 #Jan25 
#Egypt #Mubarak #Tahrir #YouTube #Reddit 

10585 
@Hadeel_y Feb11 Today The People Will Win! RT PLZ http://bit.ly/iezx4I #Feb11 #Jan25 
#Egypt #Mubarak #Tahrir #YouTube #Reddit 

10379 
@AymanM Feb11 Today The People Will Win! http://bit.ly/iezx4I #Feb11 #Jan25 #Egypt 
#Mubarak #Tahrir #YouTube #Reddit #Digg 

10515 
@eRapture Feb11 Today The People Will Win! RT PLZ http://bit.ly/iezx4I #Feb11 #Jan25 
#Egypt #Mubarak #Tahrir #YouTube #Reddit 

 
3.8 Users with High LEV Scores Later Used As Sources 

 This final section examines eleven instances across the archive date range in which the 

users who scored highly in the LEV analysis and were also used as sources by traditional media 

outlets at some point during or after the Egyptian revolution. While the anonymity of the 

majority of users analyzed in this thesis is protected, the users in this table have been publicly 

identified by a traditional media outlet and thus the author feels it is appropriate to cite their 

identity in order to establish the effectiveness of the LEV measure. 

User Date LEV Number of 
Appearances in Top 
Quintile of LEV 
Rankings 

Outlet Date Identified by 
Media 

@wael 1/21/11 2.195 5 Reuters 2/18/11 

@AYMANNOUR 1/21/11 .910 1 Al Jazeera 1/30/11 

@ELSHAHEEED 1/22/11 1.080 5 Newsweek 2/8/11 

@RamyRaoof 1/23/11 1.630 5 CNN 2/2/11 

@wnawara 1/23/11 .539 3 Business 
Insider 

1/25/11 

@GEMYHOOD 1/24/11 .224 2 Globe and 
Mail 

1/28/11 

                                                 
jjj “Google Bomb”. http://en.wikipedia.org/wiki/Google_bomb.(Accessed 4/24/11). 

http://uk.reuters.com/article/2011/02/18/us-egypt-comments-views-idUKTRE71H1ZN20110218
http://blogs.aljazeera.net/middle-east/2011/01/29/live-blog-301-egypt-protests
http://www.newsweek.com/2011/02/08/google-executive-wael-ghonim-admits-he-was-el-shaheeed.html
http://inthearena.blogs.cnn.com/category/ramy-raoof/
http://www.businessinsider.com/egyptian-riot-photos-2011-1?op=1
http://www.businessinsider.com/egyptian-riot-photos-2011-1?op=1
http://m.theglobeandmail.com/news/world/africa-mideast/egypts-youth-at-forefront-of-people-power-movement/article1884437/?service=mobile
http://m.theglobeandmail.com/news/world/africa-mideast/egypts-youth-at-forefront-of-people-power-movement/article1884437/?service=mobile
http://en.wikipedia.org/wiki/Google_bomb
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(Canada)  
@Monasosh 1/24/11 .515 6 Business 

Insider 
1/25/11 

@SandMonkey 1/25/11 .471 5 CBS 2/3/11 

@ircpresident 1/25/11 2.783 1 PC Mag 1/25/11 

@3arabawy 1/25/11 1.203 5 MSNBC 2/10/11 

@Ghonim 1/25/11 6.922 6 Guardian 2/8/11 
Figure 18 - Sample of users with high LEV scores that were later identified in the media as a source 

 
3.9 Conclusion of Social Network Analysis 

 
 As shown in the above examples, the Landis Early Verifier measure is effective at 

determining primary sources of information from within Egypt and identifying sources in 

advance of traditional media outlets. Of particular interest is the LEV’s ability to identify Wael 

Ghonim as a central actor, both during his use of the ElShaheeed Twitter handle and later using 

the Ghonim Twitter handle. 

 In essence, the LEV allows a user to reduce a population of Twitter users on a given topic 

down to just those who are most likely to be valuable sources. The LEV is a quantitative measure 

that can reduce the amount of qualitative analysis a journalist might need to commit in order to 

move forward on a breaking story, offering newsrooms a strategy when using social media in the 

heart of an event.  

 

  

http://www.businessinsider.com/egyptian-riot-photos-2011-1?op=1
http://www.businessinsider.com/egyptian-riot-photos-2011-1?op=1
http://www.cbsnews.com/8300-503543_162-503543.html?keyword=Sandmonkey
http://www.pcmag.com/article2/0,2817,2376224,00.asp
http://www.msnbc.msn.com/id/41517822/ns/technology_and_science-tech_and_gadgets/
http://www.guardian.co.uk/world/2011/feb/08/wael-ghonim-tahrir-square
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4.0 Summary 

 The creation of the early verifiable measure is an attempt to understand the users who 

convert a crowd into a wise crowd. The Landis Early Verifiable measure provides a quantitative 

means of identifying these users in a population of tens of thousands of users tweeting on a given 

topic, allowing journalists to quickly sort by importance and then apply the qualitative practices 

of journalism to develop these users into reliable sources. 

 The number of users that the Landis Early Verifiable measure identified as important in 

the early days of the #jan25 hashtag that later became sources for the media is encouraging; the 

measure does not replace the work journalists are doing in the field, but it does demonstrate 

potential to make their search more efficient, saving them time and resources. The repeated 

instances of users with high Landis Early Verifiable scores tweeting first person observations or 

photographs also supports the measure’s ability to located the users who are most likely to be 

valuable to a reporter. 

Regarding the intersection of traditional media outlets and social media, the results are 

also telling as to why individual reporters repeatedly scored higher than media outlet Twitter 

accounts. One might expect traditional media outlets to score highly – they are decentralization 

organizations, with diverse viewpoints and independence content.  However, in the case under 

investigation, the lack of mention network presence suppresses traditional media outlets in the 

results until the final days of Mubarak’s regime. Does this mean the broadcast model is 

inappropriate for Twitter? Or are there other underlying factors impacting the intersection of 

individual self-publishers and traditional media outlets over the course of the revolution? 
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 Regarding the results of the data, the lack of western traditional media outlets scoring 

highly in the model was not surprising, but the number of journalists who climbed the ranks of 

the early verifier rating over time is eye opening.  The need for real-time information on Twitter 

shows journalists forming public relationships with sources that traditional broadcast entities 

cannot have given their the volume of individuals they in their one-to-many model.  The chart 

below shows the rise of media outlets in the data throughout the events of #jan25. 

 

 
Figure 19- Quantity of Traditional Media Outlets in the Top Scoring Early Verifiable Measure per Day 

 Figure 1 shows that by the conclusion of the events leading to Mubarak’s stepping down 

from office, the media played a key role in connecting a larger audience to the events of the 

revolution. The next graph illustrates the size of the audience on Twitter throughout the same 

period; keep in mind the connectivity issues in Egypt will heavily influence the daily traffic 
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numbers.

 

Figure 20 - Quantity of Traditional Media Outlets Plotted Against Volume of Tweets 

 Are more users engaged in the #jan25 conversation because there is greater media 

attention? Or does the quantity of Twitter activity force more media to follow the story? This 

chicken vs. egg scenario encapsulates the new model of how information flows in the post-

Internet era. One possible conclusion is that the curation and verification of the Egyptian 

revolution by western media outlets on Twitter reached its greatest volume at the moments when 

Mubarak stepped down, reaching an exponentially larger population of Twitter users worldwide 

than in previous days. 

In summary, the role of traditional media in this new information ecosystem is to be both 

the sinew that connects the masses, as well as the nerve endings that alert the entire body to 
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what’s important. Without traditional media providing these essential functions, the flow of 

information coursing through the crowd will never reach its full potential. 

4.1 Caveats and Surprises in the Data 

 In the course of creating the early verifiable measure, a number of issues were discovered 

pertaining to the future application of this metric. First is the use on the #jan25 archive – few 

Twitter conversations are as well aggregated under a single hashtag as the events in Egypt. 

Replacing this hashtag for a generic keyword would substantially increase the amount of useless 

tweets, or noise.  In order to apply the early verifier measure to an event without a hashtag, such 

as a shooting or a concert, a new means of stratification is needed.  Location, date range and 

follower counts would all be suitable replacements. 

 The second issue discovered during analysis of the Twitter archive is Twitter’s lack of 

identification of multiple mentions within a single tweet.  The mention networks derived from 

the archive to measure Eigenvector centrality rely on the first mention within a given tweet; 

Twitter supplies the first mention with an identifying code of the intended recipient.  If a second 

user is mentioned, that user’s code goes unrecorded. While multiple mentions are infrequent due 

to the limited number of characters available per tweet, it is worth noting the possible omission 

of some intended mentions within each day’s mention network. 

 Another issue is the variability in the size of mention networks from day to day as the 

size of the mention network is extremely important to the accuracy of the Eigenvector centrality 

measure.  Given more time and resources, the application of either the network diameter or the 

average geodesic distance between nodes as measured within a day’s mention network could be 

carefully applied as a coefficient of Eigenvector centrality, modulating the results from smaller 
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networks relative to larger networks.  The impact on the current data is tempered somewhat by 

the standardization of each variable, but this is an area that could use further research. 

 The source of tweets also came as a surprise – Twitter’s success is foreign countries is 

often attributed to its short message service (SMS) roots, making it easy to use in countries with 

strong mobile phone presence but lacking Internet access in most residences.kkk Assuming this is 

true for Egypt, it is frankly shocking that a majority of tweets appeared to come via Twitter’s 

web form. This is either an over simplification in the archive or an indication that the presence of 

SMS tweets pales in comparison to those either submitted from a smartphone or personal 

computer’s web browser or software client in Egypt. The study of SMS versus web browser or 

software client use of Twitter in developing countries is an area ripe for study. 

 Another gap in the research relates to how traditional media outlets can navigate the use 

of multiple languages on Twitter. Given the quantity of Arabic in the archive, any traditional 

media outlet hoping to examine world events in real-time would need to either devise a machine 

language translation workflow or have full-time translators on staff – the earliest days of the 

#jan25 archive, when the central actors are just beginning to appear, also occurred when Arabic 

use was at its heaviest levels. 

 Lastly, the potential for the application of the early verifier methodology to be used to 

identify leaders within a movement cannot go unmentioned as it is likely authoritarian 

governments either already are or will shortly compile information provided on active 

participants by social networks to quell uprisings. This risk is the reason the identities of Twitter 

users within this thesis are obscured, despite the fact that many have been widely reported and 

                                                 
kkk “Twitter Buys a Text Messaging Company.” http://bits.blogs.nytimes.com/2010/04/23/twitter-buys-a-text-messaging-company/. (Accessed 
04/22/11). 

http://bits.blogs.nytimes.com/2010/04/23/twitter-buys-a-text-messaging-company/
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identified in the media. Further research should identify the risks assumed by the Wael Ghonim’s 

of the world during uprisings that heavily use elements of social media; unfortunately, the 

benefits of transparency in crowd management also seem to make protest leaders vulnerable. 

Future use of the Landis Early Verifier measure in instances where safety may be a concern 

should treat individuals, even those publishing publicly, as confidential sources.  The use of 

pseudonyms is prevalent throughout the #jan25 for a reason, and that privacy should be 

protected. 

4.1 Conclusions 

The broadcast model is most powerful as a verifier of information. Given the 

proliferation of unverified information on Twitter, laymen can reach conclusions based on a 

smattering of data without regard to its original source. Traditional media outlets, however, have 

the reach to overpower disinformation before it spreads. In order to do so, traditional media 

outlets must first listen to the conversation before shouting over top of it. 

There are benefits to becoming part of the dialogue, as Twitter represents the promise of 

the Surowiecki’s wise crowd; capable of answering complex questions through the strength of 

their aggregated opinions. Journalists can tap the crowd as a resource, using the information 

gathered to prevent the folly of the crowd – the debilitating impact of a disinformation cascade. 

The methodology designed in this thesis seeks sources most worthwhile for traditional media 

outlets to pursue – the users with the highest early verifiable scores are the Twitter users 

deserving of the traditional media outlet’s broadcast reach. As demonstrated in the previous 

chapter, the users identified by the Landis Early Verifiable measure did, in fact, become the 

spokespeople of the revolution to broadcast outlets. 
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In summary, after examination of the events on Twitter during #jan25, the author 

concludes that in order to succeed in the post-Internet information flow, journalists must be able 

to tackle the great masses of data coming from services like Twitter. Curation and verification of 

information coming from these sites is, in its simplest form, journaling the thoughts and actions 

central to a story. By evaluating Twitter users and seeking a diverse, decentralized and 

independent series of contacts, traditional media outlets can use Twitter to form the weak ties 

that undergird global communications, using the strengths of their broadcast capabilities to 

promote voices from the crowd. 
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Appendix A – Landis Early Verifiable Measure Data Tables 

 

January 21, 2011 (Total population of users measured for EV: 21, , Total population of users that day: XX) 

Name Retweeted Eigenvector Centrality Independence Z RT Z EC Z IND AVG (EV) OUTLET 
Wael 161 0.104 7.214 4.145 2.016 0.423 2.195 

 Aymannour 25 0.138 5.333 0.037 3.011 -0.318 0.910 
 * 13 0.062 9.471 -0.325 0.805 1.311 0.597 
 EGYPRESS 16 0.039 10.000 -0.234 0.130 1.519 0.472 MASRAWY 

* 12 0.041 10.000 -0.355 0.191 1.519 0.452 
 * 5 0.035 8.333 -0.567 0.026 0.863 0.107 
  

January 22, 2011 (Total population of users measured for EV: 20, Total population of users that day: XX) 

Name Retweeted Eigenvector Centrality Independence Z RT Z EC Z IND AVG (EV) OUTLET 
ELSHAHEEED 24 0.000 10.000 2.689 -0.568 1.118 1.080 

 Wael 21 0.001 6.167 2.232 -0.557 0.210 0.628 
 * 0 0.199 10.000 -0.967 1.688 1.118 0.613 
 * 9 0.000 9.400 0.404 -0.568 0.976 0.270 
 GEMYHOOD 7 0.000 10.000 0.099 -0.568 1.118 0.216 
 * 6 0.002 10.000 -0.053 -0.548 1.118 0.172 
 * 9 0.000 7.750 0.404 -0.568 0.585 0.140 
 * 10 0.000 7.000 0.556 -0.568 0.407 0.132 
 * 8 0.000 6.625 0.251 -0.568 0.319 0.001 
  

January 23, 2011 (Total population of users measured for EV: 24, Total population of users that day: XX) 

Name Retweets Eigenvector Independence Z RT Z EC Z IND AVG (EV) OUTLET 
RamyRaoof 45 0.055 10.000 3.294 0.522 1.073 1.630 

 Elshaheeed 15 0.099 8.000 0.398 1.755 0.453 0.869 
 * 15 0.055 9.053 0.398 0.511 0.779 0.563 
 wnawara 4 0.117 6.625 -0.664 2.254 0.026 0.539 
 * 16 0.026 10.000 0.495 -0.298 1.073 0.423 
 * 27 0.000 7.750 1.556 -1.017 0.375 0.305 
 * 10 0.068 6.250 -0.084 0.895 -0.090 0.240 
 * 1 0.055 10.000 -0.953 0.522 1.073 0.214 
 * 15 0.000 10.000 0.398 -1.017 1.073 0.151 
 * 23 0.000 7.393 1.170 -1.017 0.265 0.139 
 Wael 10 0.090 3.250 -0.084 1.501 -1.020 0.132 
 * 11 0.000 10.000 0.012 -1.017 1.073 0.023 
 * 11 0.000 10.000 0.012 -1.017 1.073 0.023 
 * 16 0.000 8.364 0.495 -1.017 0.566 0.014 
  

 

January 24, 2011 (Total population of users measured for EV: 64, Total population of users that day: XX) 

Name Retweets Eigenvector IND Z RT Z EC Z IND AVG OUTLET 
Wael 27 0.102 5.861 0.721 4.483 -0.172 1.678 

 * 31 0.087 7.000 0.948 3.715 0.152 1.605 
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* 80 0.002 10.000 3.727 -0.627 1.006 1.369 
 ELSHAHEEED 70 0.000 7.429 3.160 -0.703 0.274 0.910 
 * 55 0.000 10.000 2.309 -0.716 1.006 0.867 
 * 64 0.000 8.031 2.819 -0.716 0.446 0.850 
 * 29 0.028 10.000 0.835 0.706 1.006 0.849 
 RAMYRAOOF 51 0.000 10.000 2.082 -0.716 1.006 0.791 
 * 45 0.021 7.333 1.742 0.362 0.247 0.784 
 Monasosh 31 0.028 6.000 0.948 0.730 -0.132 0.515 
 * 2 0.058 6.143 -0.696 2.207 -0.092 0.473 
 * 11 0.028 9.000 -0.186 0.730 0.722 0.422 
 SHOROUKNEWS 29 0.002 10.000 0.835 -0.595 1.006 0.415 Shorouk News 

* 3 0.028 10.000 -0.640 0.706 1.006 0.358 
 * 6 0.028 8.875 -0.470 0.720 0.686 0.312 
 * 0 0.028 10.000 -0.810 0.720 1.006 0.305 
 * 1 0.027 10.000 -0.753 0.637 1.006 0.297 
 * 12 0.014 10.000 -0.129 -0.008 1.006 0.290 
 GEMYHOOD 21 0.000 10.000 0.381 -0.716 1.006 0.224 
 * 14 0.027 6.500 -0.016 0.637 0.010 0.211 
 * 1 0.021 10.000 -0.753 0.368 1.006 0.207 
 * 19 0.001 10.000 0.268 -0.676 1.006 0.199 
 * 0 0.021 10.000 -0.810 0.368 1.006 0.188 
 * 0 0.021 10.000 -0.810 0.368 1.006 0.188 
 3arabawy 23 0.018 5.944 0.494 0.178 -0.148 0.175 
 * 1 0.013 10.000 -0.753 -0.036 1.006 0.072 
 * 0 0.027 7.750 -0.810 0.649 0.366 0.068 
 * 14 0.055 0.000 -0.016 2.060 -1.840 0.068 
 * 12 0.000 10.000 -0.129 -0.716 1.006 0.054 
 * 12 0.000 10.000 -0.129 -0.716 1.006 0.054 
 * 25 0.008 5.964 0.608 -0.321 -0.142 0.048 
 * 10 0.010 8.500 -0.243 -0.223 0.579 0.038 
 * 3 0.020 7.842 -0.640 0.320 0.392 0.024 
  

 

 

 

 

 

 

 

January 25, 2011 (Total population of users measured for EV: 102, Total population of users that day: XX) 

Name 
 

Retweet Eigenvector IND Z RT Z EC Z IND AVG OUTLET 
Ircpresident 123 0.062 6.510 -0.042 8.308 0.083 2.783 

 * 728 0.008 4.799 4.268 0.342 -0.517 1.364 
 SHOROUKNEWS 583 0.001 10.000 3.235 -0.691 1.306 1.283 Shorouk News 

DIMAKHATIB 393 0.011 9.178 1.881 0.754 1.018 1.218 Al Jazeera 
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DOSTORNEWS 549 0.001 10.000 2.993 -0.682 1.306 1.206 Dostor News 
3arabawy 505 0.011 6.778 2.679 0.754 0.177 1.203 

 * 438 0.004 10.000 2.202 -0.229 1.306 1.093 
 * 284 0.013 7.413 1.105 1.176 0.399 0.893 
 IANINEGYPT 403 0.001 10.000 1.953 -0.653 1.306 0.869 CNN 

* 399 0.002 9.778 1.924 -0.601 1.228 0.850 
 ALMASRYALYOUMA 348 0.001 10.000 1.561 -0.604 1.306 0.754 Al Masry 

* 231 0.007 8.200 0.727 0.182 0.675 0.528 
 SANDMONKEY 278 0.003 8.258 1.062 -0.339 0.696 0.473 
 * 235 0.003 9.175 0.756 -0.359 1.017 0.471 
 * 237 0.001 10.000 0.770 -0.725 1.306 0.450 
 MONASOSH 250 0.001 9.468 0.863 -0.641 1.120 0.447 
 * 260 0.005 7.750 0.934 -0.144 0.518 0.436 
 * 126 0.007 9.550 -0.021 0.147 1.149 0.425 
 * 263 0.008 5.909 0.955 0.426 -0.128 0.418 
 GHONIM 209 0.001 10.000 0.570 -0.649 1.306 0.409 
 * 19 0.011 9.143 -0.783 0.862 1.006 0.362 
 * 104 0.007 9.368 -0.178 0.173 1.085 0.360 
 * 252 0.004 7.480 0.877 -0.232 0.423 0.356 
 ANHRI 211 0.000 9.780 0.585 -0.806 1.229 0.336 
 adamakary 125 0.007 8.548 -0.028 0.147 0.797 0.306 AL JAZEERA 

RAMYRAOOF 160 0.001 10.000 0.221 -0.627 1.306 0.300 
 LesNews 32 0.007 10.000 -0.691 0.280 1.306 0.299 Les News 

* 119 0.002 10.000 -0.071 -0.477 1.306 0.253 
 * 16 0.007 10.000 -0.805 0.174 1.306 0.225 
 * 87 0.021 2.555 -0.299 2.250 -1.304 0.216 
 * 170 0.000 9.444 0.293 -0.807 1.112 0.199 
 * 4 0.007 10.000 -0.890 0.164 1.306 0.193 
 Elshaheeed 135 0.007 7.300 0.043 0.158 0.360 0.187 
 * 138 0.000 10.000 0.065 -0.826 1.306 0.182 
 * 0 0.006 10.000 -0.919 0.137 1.306 0.175 
 * 166 0.000 8.875 0.264 -0.773 0.912 0.134 
 * 31 0.009 8.000 -0.698 0.460 0.605 0.122 
 * 11 0.006 9.280 -0.840 0.137 1.054 0.117 
 * 108 0.000 10.000 -0.149 -0.826 1.306 0.111 
 * 162 0.007 5.671 0.236 0.232 -0.211 0.085 
 

* 4 0.007 9.100 -0.890 0.147 0.991 0.083 
 HACKNEYLAD 95 0.000 10.000 -0.242 -0.823 1.306 0.081 Guardian 

* 7 0.007 8.800 -0.869 0.201 0.886 0.073 
 RamyRaoof 43 0.010 6.714 -0.612 0.673 0.154 0.072 
 * 150 0.002 7.828 0.150 -0.485 0.545 0.070 
 * 9 0.007 8.538 -0.854 0.234 0.794 0.058 
  

 
 
January 27, 2011 (Total population of users measured for EV: 9, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
IANINEGYPT 82 0.000 10.000 1.194 -0.804 1.215 0.535 CNN 
* 15 0.309 6.667 -0.554 1.432 0.282 0.387 
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* 38 0.000 10.000 0.046 -0.804 1.215 0.152 
 * 1 0.309 4.857 -0.919 1.432 -0.225 0.096 
 * 109 0.000 2.588 1.899 -0.804 -0.860 0.078 
 * 39 0.000 9.000 0.072 -0.804 0.935 0.068 
  

January 28, 2011 (Total population of users measured for EV: 16, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
* 40 0.111 10.000 1.081 0.854 0.967 0.967 

 * 52 0.000 10.000 1.674 -1.098 0.967 0.514 
 * 1 0.111 10.000 -0.846 0.854 0.967 0.325 
 * 0 0.111 10.000 -0.896 0.854 0.967 0.308 
 * 0 0.111 10.000 -0.896 0.854 0.967 0.308 
 * 0 0.111 10.000 -0.896 0.854 0.967 0.308 
 * 0 0.111 10.000 -0.896 0.854 0.967 0.308 
 AJARABIC 25 0.000 10.000 0.340 -1.098 0.967 0.070 AL JAZEERA 

AJENGLISH 63 0.000 0.000 2.218 -1.098 -0.992 0.043 AL JAZEERA 
 
January 29, 2011 (Total population of users measured for EV: 8, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
* 73 0.000 8.200 1.811 -0.935 0.840 0.572 

 * 12 0.250 10.000 -0.473 0.935 1.232 0.565 
 * 2 0.250 10.000 -0.847 0.935 1.232 0.440 
 * 51 0.000 5.500 0.988 -0.935 0.253 0.102 
  

January 30, 2011 (Total population of users measured for EV: 16, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
* 7 0.129 10.000 -1.061 3.208 1.004 1.050 

 RAMYRAOOF 75 0.000 10.000 2.042 -0.821 1.004 0.742 
 * 37 0.028 10.000 0.308 0.057 1.004 0.456 
 * 42 0.048 6.143 0.536 0.678 0.025 0.413 
 * 49 0.000 10.000 0.856 -0.821 1.004 0.346 
 * 47 0.000 10.000 0.764 -0.821 1.004 0.316 
 * 44 0.037 5.500 0.628 0.353 -0.138 0.281 
  

 

 

February 1, 2011 (Total population of users measured for EV: 8, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
* 2 0.205 10.000 -0.680 2.361 0.935 0.872 

 * 13 0.000 10.000 1.080 -0.597 0.935 0.473 
 * 13 0.000 10.000 1.080 -0.597 0.935 0.473 
 * 12 0.000 10.000 0.920 -0.597 0.935 0.420 
  

February 4, 2011 (Total population of users measured for EV: 6, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
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* 1 0.333 10.000 -0.755 0.913 1.291 0.483 
 * 35 0.000 10.000 0.353 -0.913 1.291 0.244 
 BENCNN 78 0.000 0.000 1.755 -0.913 -0.645 0.065 CNN 

 

February 7, 2011 (Total population of users measured for EV: 24, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
Ghonim 240 0.047 0.000 4.006 1.250 -1.127 1.376 

 * 0 0.087 10.000 -0.623 3.143 1.059 1.193 
 * 6 0.054 10.000 -0.507 1.566 1.059 0.706 
 * 78 0.017 10.000 0.882 -0.147 1.059 0.598 
 * 48 0.027 7.000 0.303 0.313 0.403 0.340 
 * 4 0.029 10.000 -0.546 0.405 1.059 0.306 
 * 1 0.029 10.000 -0.603 0.418 1.059 0.291 
 * 1 0.031 7.750 -0.603 0.528 0.567 0.164 
 * 38 0.000 10.000 0.110 -0.941 1.059 0.076 
 * 64 0.000 7.000 0.612 -0.941 0.403 0.025 
  

 

 

 

 

 

 

 

 

February 8, 2011 (Total population of users measured for EV: 144, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
Ghonim 3486 0.034 10.000 9.737 9.966 1.064 6.922 

 3arabawy 1626 0.004 8.735 4.345 0.775 0.604 1.908 
 * 1224 0.006 9.573 3.179 1.341 0.909 1.810 
 ALARABIYAAR 860 0.001 10.000 2.124 -0.275 1.064 0.971 Al Arabiyaar 

* 36 0.007 10.000 -0.265 1.672 1.064 0.824 
 * 0 0.005 10.000 -0.369 0.921 1.064 0.539 
 * 0 0.005 10.000 -0.369 0.906 1.064 0.534 
 * 0 0.005 9.710 -0.369 0.999 0.958 0.529 
 SandMonkey 158 0.005 8.412 0.089 0.905 0.486 0.493 
 Monasosh 101 0.003 9.800 -0.076 0.414 0.991 0.443 
 * 0 0.004 10.000 -0.369 0.508 1.064 0.401 
 * 0 0.004 10.000 -0.369 0.480 1.064 0.391 
 AYMANM 359 0.000 10.000 0.672 -0.636 1.064 0.366 Al Jazeera 

* 0 0.003 10.000 -0.369 0.374 1.064 0.356 
 ANJUCOMET 338 0.000 10.000 0.611 -0.636 1.064 0.346 Democracy Now 

* 0 0.003 10.000 -0.369 0.320 1.064 0.338 
 * 0 0.003 10.000 -0.369 0.310 1.064 0.335 
 * 2 0.003 10.000 -0.363 0.296 1.064 0.332 
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* 0 0.003 10.000 -0.369 0.288 1.064 0.328 
 * 180 0.002 9.572 0.153 -0.079 0.908 0.327 
 * 0 0.003 10.000 -0.369 0.276 1.064 0.324 
 * 0 0.003 10.000 -0.369 0.254 1.064 0.316 
 * 336 0.000 9.769 0.605 -0.636 0.980 0.316 
 * 2 0.003 10.000 -0.363 0.215 1.064 0.305 
 * 0 0.003 10.000 -0.369 0.195 1.064 0.297 
 * 0 0.003 10.000 -0.369 0.191 1.064 0.295 
 * 0 0.003 10.000 -0.369 0.185 1.064 0.293 
 * 0 0.003 10.000 -0.369 0.183 1.064 0.292 
 ALMASRYALYOUMA 278 0.000 10.000 0.437 -0.636 1.064 0.288 Al Masry Al Youm 

* 70 0.004 7.698 -0.166 0.733 0.227 0.264 
 * 34 0.003 9.333 -0.271 0.211 0.821 0.254 
 ALMASRYALYOUME 225 0.000 10.000 0.283 -0.636 1.064 0.237 Al Masry Al Youm 

* 0 0.003 9.500 -0.369 0.182 0.882 0.232 
 ALARABIYAENG 204 0.000 10.000 0.222 -0.636 1.064 0.217 Al Arabiyaar 

* 6 0.003 8.615 -0.352 0.441 0.560 0.216 
 * 7 0.003 9.182 -0.349 0.222 0.766 0.213 
 * 195 0.000 10.000 0.196 -0.636 1.064 0.208 
 * 194 0.000 10.000 0.193 -0.636 1.064 0.207 
 DOSTORNEWS 188 0.000 10.000 0.176 -0.636 1.064 0.201 Dostor News 

* 0 0.003 9.182 -0.369 0.205 0.766 0.201 
 BENCNN 462 0.000 7.750 0.970 -0.636 0.245 0.193 CNN 

* 225 0.000 9.593 0.283 -0.636 0.916 0.188 
 * 0 0.005 6.791 -0.369 0.966 -0.103 0.164 
 * 2 0.003 8.200 -0.363 0.418 0.409 0.154 
 * 134 0.000 10.000 0.019 -0.636 1.064 0.149 
 GUARDIAN 133 0.000 10.000 0.016 -0.636 1.064 0.148 Guardian 

* 0 0.003 8.500 -0.369 0.276 0.518 0.142 
 * 0 0.003 8.500 -0.369 0.251 0.518 0.133 
 * 7 0.003 8.500 -0.349 0.225 0.518 0.131 
 * 186 0.000 9.438 0.170 -0.636 0.859 0.131 
 * 111 0.000 10.000 -0.047 -0.636 1.064 0.127 
 * 2 0.003 8.500 -0.363 0.208 0.518 0.121 
 AJELIVE 104 0.000 10.000 -0.068 -0.636 1.064 0.120 Al Jazeera 

DAILYNEWSEGYPT 102 0.000 10.000 -0.074 -0.636 1.064 0.118 Daily News Egypt 
* 99 0.000 10.000 -0.082 -0.636 1.064 0.115 

 * 91 0.000 10.000 -0.105 -0.636 1.064 0.107 
 * 90 0.000 10.000 -0.108 -0.636 1.064 0.106 
 * 73 0.000 10.000 -0.158 -0.636 1.064 0.090 
 * 71 0.000 10.000 -0.163 -0.636 1.064 0.088 
 * 70 0.000 10.000 -0.166 -0.636 1.064 0.087 
 * 0 0.003 8.200 -0.369 0.220 0.409 0.087 
 EUGENEROBINSON 64 0.000 10.000 -0.184 -0.636 1.064 0.081 Washington Post 



 

65 

* 276 0.000 8.202 0.431 -0.636 0.410 0.068 
 * 18 0.003 7.105 -0.317 0.442 0.011 0.045 
 * 1 0.005 5.973 -0.366 0.852 -0.401 0.028 
 * 5 0.004 6.786 -0.355 0.471 -0.105 0.004 
  

 

 

 

 

 

 

 

 

 

 

 

 

 

February 9, 2011 (Total population of users measured for EV: 133, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
Ghonim 4399 0.037 10.000 8.391 10.299 1.032 6.574 

 3arabawy 2577 0.003 8.841 4.724 0.378 0.619 1.907 
 bencnn 1931 0.003 8.759 3.424 0.335 0.590 1.450 CNN 

DimaKhatib 1101 0.003 9.847 1.754 0.314 0.978 1.015 
 MONASOSH 987 0.003 9.333 1.524 0.149 0.795 0.823 
 * 1529 0.005 3.962 2.615 0.755 -1.120 0.750 
 * 810 0.000 10.000 1.168 -0.620 1.032 0.527 
 * 63 0.003 10.000 -0.335 0.377 1.032 0.358 
 * 183 0.003 9.609 -0.094 0.261 0.893 0.353 
 * 36 0.003 10.000 -0.389 0.280 1.032 0.308 
 SHOROUKNEWS 464 0.000 10.000 0.472 -0.612 1.032 0.298 
 * 2 0.003 10.000 -0.458 0.309 1.032 0.295 
 * 400 0.001 9.526 0.343 -0.332 0.864 0.292 
 ALMASRYALYOUMA 448 0.000 10.000 0.440 -0.620 1.032 0.284 
 * 1 0.003 10.000 -0.460 0.279 1.032 0.284 
 * 7 0.003 10.000 -0.448 0.244 1.032 0.276 
 * 29 0.003 10.000 -0.403 0.161 1.032 0.263 
 * 2 0.003 10.000 -0.458 0.214 1.032 0.263 
 * 10 0.003 9.940 -0.442 0.209 1.011 0.259 
 * 5 0.003 10.000 -0.452 0.188 1.032 0.256 
 * 126 0.002 9.526 -0.208 0.100 0.864 0.252 
 * 395 0.000 10.000 0.333 -0.620 1.032 0.248 
 * 3 0.003 10.000 -0.456 0.164 1.032 0.247 
 * 2 0.003 10.000 -0.458 0.158 1.032 0.244 
 * 0 0.003 10.000 -0.462 0.161 1.032 0.244 
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* 161 0.001 10.000 -0.138 -0.275 1.032 0.207 
 ALMASRYALYOUME 329 0.000 10.000 0.200 -0.620 1.032 0.204 
 * 344 0.004 6.564 0.230 0.565 -0.192 0.201 
 * 4 0.003 8.941 -0.454 0.364 0.655 0.188 
 * 350 0.001 8.800 0.243 -0.314 0.605 0.178 
 * 287 0.000 10.000 0.116 -0.620 1.032 0.176 
 * 5 0.003 9.000 -0.452 0.300 0.676 0.175 
 * 258 0.000 10.000 0.057 -0.568 1.032 0.174 
 DOSTORNEWS 385 0.000 9.217 0.313 -0.596 0.753 0.157 
 BBCLYSEDOUCET 145 0.001 10.000 -0.170 -0.395 1.032 0.156 
 * 271 0.000 9.804 0.084 -0.620 0.963 0.142 
 * 27 0.003 8.800 -0.407 0.227 0.605 0.142 
 * 230 0.000 10.000 0.001 -0.619 1.032 0.138 
 * 230 0.001 9.491 0.001 -0.441 0.851 0.137 
 * 191 0.000 10.000 -0.077 -0.556 1.032 0.133 
 * 414 0.001 8.275 0.371 -0.398 0.418 0.130 
 GUARDIAN 210 0.000 10.000 -0.039 -0.619 1.032 0.125 
 * 95 0.003 8.444 -0.271 0.150 0.478 0.119 
 * 197 0.000 10.000 -0.065 -0.612 1.032 0.118 
 ALARABIYAENG 188 0.000 10.000 -0.083 -0.599 1.032 0.117 
 * 192 0.000 10.000 -0.075 -0.611 1.032 0.115 
 * 16 0.003 8.800 -0.430 0.158 0.605 0.111 
 * 177 0.001 9.550 -0.106 -0.441 0.872 0.108 
 * 155 0.000 10.000 -0.150 -0.559 1.032 0.108 
 * 5 0.003 8.773 -0.452 0.179 0.595 0.107 
 * 175 0.000 10.000 -0.110 -0.612 1.032 0.104 
 * 0 0.003 8.500 -0.462 0.266 0.498 0.101 
 * 142 0.000 10.000 -0.176 -0.582 1.032 0.091 
 * 182 0.000 9.800 -0.096 -0.616 0.961 0.083 
 * 325 0.000 8.997 0.192 -0.620 0.675 0.082 
 * 147 0.000 10.000 -0.166 -0.620 1.032 0.082 
 SANDMONKEY 564 0.000 7.600 0.673 -0.605 0.177 0.082 
 * 1 0.003 8.500 -0.460 0.193 0.498 0.077 
 * 193 0.001 8.923 -0.073 -0.354 0.649 0.074 
 * 278 0.000 9.182 0.098 -0.620 0.741 0.073 
 * 260 0.000 8.875 0.061 -0.481 0.631 0.071 
 DAILYNEWSEGYPT 127 0.000 10.000 -0.206 -0.616 1.032 0.070 
 * 369 0.002 7.262 0.281 -0.150 0.056 0.062 
 * 1 0.003 7.646 -0.460 0.399 0.193 0.044 
 * 319 0.000 8.647 0.180 -0.615 0.550 0.038 
 * 144 0.000 9.500 -0.172 -0.576 0.854 0.035 
 * 79 0.004 6.882 -0.303 0.466 -0.079 0.028 
 * 10 0.003 8.000 -0.442 0.175 0.320 0.018 
 * 209 0.000 8.714 -0.041 -0.486 0.574 0.016 
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* 1 0.003 7.923 -0.460 0.200 0.292 0.011 
 * 2 0.003 7.750 -0.458 0.233 0.230 0.002 
  

 

 

 

 

 

 

 

 

 

 

February 10, 2011 (Total population of users measured for EV: 204, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND AVG Outlet 
Ghonim 5176 0.026 10.000 7.388 12.620 0.722 6.910 

 SandMonkey 3332 0.004 10.000 4.556 1.321 0.722 2.199 
 * 3813 0.003 0.000 5.295 0.927 -1.997 1.408 
 * 1359 0.004 10.000 1.526 1.203 0.722 1.150 
 bencnn 1835 0.002 10.000 2.257 0.295 0.722 1.091 CNN 

* 2276 0.000 10.000 2.934 -0.441 0.722 1.072 
 * 117 0.007 9.018 -0.381 3.089 0.455 1.054 
 * 1453 0.002 10.000 1.670 0.273 0.722 0.888 
 * 2134 0.001 8.161 2.716 -0.334 0.222 0.868 
 * 3172 0.000 

 
4.310 -0.607 -1.997 0.569 

 3arabawy 397 0.003 9.453 0.049 1.079 0.573 0.567 
 * 1084 0.001 10.000 1.104 -0.152 0.722 0.558 
 * 868 0.002 9.600 0.772 0.259 0.613 0.548 
 HUFFINGTONPOST 1286 0.000 10.000 1.414 -0.576 0.722 0.520 Huffington Post  

* 1140 0.000 10.000 1.190 -0.487 0.722 0.475 
 * 1130 0.000 10.000 1.174 -0.480 0.722 0.472 
 MONASOSH 1156 0.001 7.917 1.214 0.038 0.155 0.469 
 CNNEE 1157 0.000 10.000 1.216 -0.569 0.722 0.456 CNN 

* 569 0.001 10.000 0.313 0.101 0.722 0.378 
 ARWACNN 886 0.000 10.000 0.800 -0.546 0.722 0.325 CNN 

* 86 0.003 9.313 -0.429 0.855 0.535 0.320 
 CBSNEWS 416 0.001 10.000 0.078 0.095 0.722 0.298 CBS 

* 623 0.001 10.000 0.396 -0.315 0.722 0.268 
 * 595 0.001 10.000 0.353 -0.306 0.722 0.256 
 BBCLYSEDOUCET 762 0.000 10.000 0.609 -0.575 0.722 0.252 BBC 

* 2204 0.001 
 

2.824 -0.093 -1.997 0.245 
 * 565 0.001 10.000 0.307 -0.316 0.722 0.237 
 * 517 0.001 10.000 0.233 -0.251 0.722 0.235 
 * 277 0.001 10.000 -0.135 0.061 0.722 0.216 
 * 283 0.002 9.517 -0.126 0.178 0.590 0.214 
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* 901 0.001 7.769 0.823 -0.299 0.115 0.213 
 * 31 0.002 9.620 -0.513 0.519 0.618 0.208 
 * 181 0.002 9.769 -0.283 0.210 0.659 0.195 
 IANINEGYPT 539 0.000 10.000 0.267 -0.405 0.722 0.194 CNN 

* 46 0.002 10.000 -0.490 0.340 0.722 0.191 
 * 19 0.002 9.750 -0.532 0.440 0.654 0.187 
 * 7 0.003 8.476 -0.550 0.792 0.307 0.183 
 * 2 0.002 9.655 -0.558 0.475 0.628 0.182 
 * 5 0.002 10.000 -0.553 0.333 0.722 0.167 
 * 4 0.002 10.000 -0.555 0.327 0.722 0.165 
 * 0 0.002 10.000 -0.561 0.312 0.722 0.158 
 * 847 0.000 8.462 0.740 -0.583 0.303 0.153 
 * 598 0.001 8.542 0.358 -0.235 0.325 0.149 
 * 117 0.002 9.556 -0.381 0.223 0.601 0.148 
 * 4 0.002 10.000 -0.555 0.274 0.722 0.147 
 * 401 0.001 10.000 0.055 -0.337 0.722 0.146 
 * 8 0.002 9.705 -0.548 0.343 0.641 0.145 
 * 10 0.002 10.000 -0.545 0.254 0.722 0.143 
 * 36 0.002 10.000 -0.505 0.209 0.722 0.142 
 * 953 0.001 5.500 0.903 0.018 -0.502 0.140 
 * 46 0.002 9.273 -0.490 0.332 0.524 0.122 
 DAILYNEWSEGYPT 504 0.000 10.000 0.213 -0.581 0.722 0.118 Daily News Egypt 

* 0 0.002 10.000 -0.561 0.188 0.722 0.116 
 * 29 0.001 10.000 -0.516 0.136 0.722 0.114 
 * 0 0.002 10.000 -0.561 0.179 0.722 0.113 
 * 447 0.000 10.000 0.126 -0.512 0.722 0.112 
 * 2 0.001 10.000 -0.558 0.147 0.722 0.104 
 * 1 0.001 10.000 -0.559 0.145 0.722 0.102 
 * 2 0.001 10.000 -0.558 0.138 0.722 0.101 
 * 2 0.001 10.000 -0.558 0.138 0.722 0.101 
 * 19 0.002 9.357 -0.532 0.285 0.547 0.100 
 * 1 0.001 10.000 -0.559 0.135 0.722 0.099 
 * 26 0.002 9.357 -0.521 0.266 0.547 0.097 
 * 35 0.002 9.700 -0.507 0.159 0.640 0.097 
 * 0 0.001 10.000 -0.561 0.129 0.722 0.097 
 * 6 0.001 10.000 -0.552 0.118 0.722 0.096 
 * 0 0.001 10.000 -0.561 0.126 0.722 0.096 
 * 444 0.000 10.000 0.121 -0.557 0.722 0.095 
 * 0 0.001 10.000 -0.561 0.119 0.722 0.093 
 * 31 0.002 9.277 -0.513 0.264 0.525 0.092 
 * 1 0.001 10.000 -0.559 0.113 0.722 0.092 
 * 5 0.001 9.885 -0.553 0.138 0.690 0.092 
 * 0 0.001 10.000 -0.561 0.112 0.722 0.091 
 * 0 0.001 10.000 -0.561 0.112 0.722 0.091 
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* 0 0.001 10.000 -0.561 0.112 0.722 0.091 
 * 7 0.002 9.429 -0.550 0.255 0.566 0.090 
 * 1 0.001 10.000 -0.559 0.109 0.722 0.090 
 * 15 0.002 9.357 -0.538 0.257 0.547 0.089 
 DEMOCRACYNOW 389 0.000 10.000 0.037 -0.504 0.722 0.085 Democracy Now 

* 15 0.002 8.843 -0.538 0.382 0.407 0.084 
 * 22 0.002 9.600 -0.527 0.165 0.613 0.084 
 * 255 0.001 10.000 -0.169 -0.304 0.722 0.083 
 * 4 0.002 9.625 -0.555 0.183 0.620 0.083 
 * 6 0.002 9.617 -0.552 0.173 0.617 0.080 
 * 54 0.002 8.435 -0.478 0.414 0.296 0.077 
 * 2 0.002 9.182 -0.558 0.290 0.499 0.077 
 * 397 0.000 10.000 0.049 -0.556 0.722 0.072 
 * 514 0.000 8.828 0.229 -0.423 0.403 0.070 
 * 25 0.001 9.591 -0.522 0.110 0.610 0.066 
 * 427 0.000 9.763 0.095 -0.570 0.657 0.061 
 * 252 0.002 6.571 -0.174 0.554 -0.210 0.057 
 * 492 0.001 8.200 0.195 -0.263 0.232 0.055 
 GUARDIAN 336 0.000 10.000 -0.045 -0.536 0.722 0.047 Guardian 

* 0 0.002 8.889 -0.561 0.279 0.420 0.046 
 * 357 0.000 10.000 -0.013 -0.571 0.722 0.046 
 * 883 0.001 5.966 0.795 -0.284 -0.375 0.045 
 * 617 0.000 8.500 0.387 -0.578 0.314 0.041 
 * 279 0.000 10.000 -0.132 -0.480 0.722 0.036 
 * 2 0.002 9.048 -0.558 0.200 0.463 0.035 
 * 0 0.001 9.308 -0.561 0.132 0.533 0.035 
 * 4 0.001 9.250 -0.555 0.124 0.518 0.029 
 * 291 0.000 10.000 -0.114 -0.528 0.722 0.027 
 * 450 0.000 8.733 0.130 -0.431 0.377 0.025 
 * 211 0.000 10.000 -0.237 -0.410 0.722 0.025 
 * 250 0.000 10.000 -0.177 -0.477 0.722 0.022 
 * 268 0.000 10.000 -0.149 -0.507 0.722 0.022 
 * 447 0.000 8.571 0.126 -0.394 0.333 0.022 
 * 4 0.002 8.448 -0.555 0.318 0.300 0.021 
 * 367 0.000 9.591 0.003 -0.556 0.610 0.019 
 * 219 0.000 10.000 -0.224 -0.476 0.722 0.007 
 * 0 0.001 8.875 -0.561 0.155 0.416 0.003 
 * 16 0.001 8.889 -0.536 0.124 0.420 0.002 
 * 282 0.000 10.000 -0.128 -0.591 0.722 0.001 
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February 11, 2011 (Total population of users measured for EV: 259, Total population of users that day: XX) 

Name RT EC IND Z RT Z EC Z IND Early Verifier OUTLET 
GHONIM 12365 0.022 9.690 11.488 13.906 0.968 8.787 

 * 6292 0.005 9.809 5.654 2.460 1.015 3.043 
 SANDMONKEY 5922 0.003 8.800 5.298 1.686 0.622 2.535 
 * 84 0.007 9.956 -0.310 3.735 1.071 1.499 
 3arabawy 3579 0.002 8.448 3.047 0.598 0.486 1.377 
 MONASOSH 2827 0.002 8.700 2.325 0.461 0.583 1.123 
 AJARABIC 2878 0.001 10.000 2.374 -0.103 1.089 1.120 AL JAZEERA 

ALARABIYAAR 3002 0.000 10.000 2.493 -0.337 1.089 1.081 AL ARABIYAAR 
* 2316 0.001 9.375 1.834 0.342 0.846 1.007 

 * 171 0.005 7.704 -0.227 2.867 0.196 0.946 
 BENCNN 2263 0.001 8.500 1.783 -0.050 0.506 0.746 CNN 

* 1109 0.001 10.000 0.675 0.356 1.089 0.706 
 AYMANM 1259 0.001 10.000 0.819 0.203 1.089 0.703 AL JAZEERA 

* 1572 0.001 9.735 1.119 -0.138 0.986 0.656 
 * 1262 0.000 10.000 0.822 -0.347 1.089 0.521 
 RAWYARAGEH 1052 0.001 10.000 0.620 -0.244 1.089 0.488 AL JAZEERA 

* 951 0.000 9.780 0.523 -0.274 1.003 0.417 
 CNNEE 1131 0.000 10.000 0.696 -0.581 1.089 0.401 CNN 

ALARABIYAENG 781 0.000 10.000 0.359 -0.324 1.089 0.375 AL ARABIYAAR 
* 31 0.002 9.625 -0.361 0.534 0.943 0.372 

 AJENGLISH 584 0.001 10.000 0.170 -0.171 1.089 0.363 AL JAZEERA 
* 7 0.001 10.000 -0.384 0.348 1.089 0.351 

 * 450 0.002 8.533 0.042 0.491 0.518 0.350 
 * 704 0.000 10.000 0.286 -0.335 1.089 0.346 
 BBCLYSEDOUCET 729 0.000 10.000 0.310 -0.363 1.089 0.345 BBC 

* 9 0.002 8.714 -0.382 0.824 0.589 0.344 
 * 921 0.000 10.000 0.494 -0.554 1.089 0.343 
 * 250 0.001 9.845 -0.151 0.123 1.028 0.334 
 * 945 0.000 9.813 0.517 -0.554 1.016 0.326 
 NYTIMES 881 0.000 10.000 0.456 -0.579 1.089 0.322 NEW YORK TIMES 

* 0 0.001 10.000 -0.391 0.228 1.089 0.309 
 * 0 0.001 10.000 -0.391 0.221 1.089 0.306 
 * 1 0.001 10.000 -0.390 0.208 1.089 0.302 
 * 1 0.001 9.550 -0.390 0.375 0.914 0.300 
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* 0 0.001 10.000 -0.391 0.197 1.089 0.298 
 * 15 0.001 9.667 -0.376 0.268 0.959 0.284 
 * 2 0.001 10.000 -0.389 0.134 1.089 0.278 
 * 3 0.001 10.000 -0.388 0.125 1.089 0.275 
 * 2 0.001 10.000 -0.389 0.125 1.089 0.275 
 * 0 0.001 10.000 -0.391 0.125 1.089 0.274 
 * 0 0.001 10.000 -0.391 0.125 1.089 0.274 
 * 0 0.001 10.000 -0.391 0.125 1.089 0.274 
 * 585 0.000 10.000 0.171 -0.443 1.089 0.272 
 * 1 0.001 10.000 -0.390 0.115 1.089 0.271 
 * 22 0.001 9.654 -0.370 0.229 0.954 0.271 
 * 16 0.001 10.000 -0.375 0.098 1.089 0.271 
 * 19 0.001 9.633 -0.373 0.236 0.946 0.270 
 * 3 0.001 10.000 -0.388 0.104 1.089 0.268 
 * 3 0.001 10.000 -0.388 0.095 1.089 0.265 
 * 0 0.001 10.000 -0.391 0.097 1.089 0.265 
 * 1 0.001 10.000 -0.390 0.095 1.089 0.265 
 * 10 0.001 10.000 -0.381 0.076 1.089 0.261 
 * 495 0.001 8.826 0.085 0.055 0.632 0.257 
 ANNCURRY 609 0.000 10.000 0.194 -0.521 1.089 0.254 NBC 

* 659 0.000 9.250 0.242 -0.287 0.797 0.251 
 * 45 0.001 9.550 -0.348 0.184 0.914 0.250 
 RAMYRAOOF 375 0.000 10.000 -0.031 -0.320 1.089 0.246 
 * 5 0.001 9.654 -0.386 0.153 0.954 0.240 
 * 27 0.001 9.314 -0.365 0.176 0.822 0.211 
 CBSNEWS 370 0.000 10.000 -0.035 -0.422 1.089 0.210 CBS 

* 344 0.000 10.000 -0.060 -0.426 1.089 0.201 
 * 5 0.001 9.308 -0.386 0.153 0.820 0.196 
 * 1779 0.000 6.400 1.318 -0.424 -0.311 0.194 
 * 307 0.000 10.000 -0.096 -0.410 1.089 0.194 
 SHOROUKNEWS 341 0.000 10.000 -0.063 -0.468 1.089 0.186 SHOROUK NEWS 

* 8 0.001 9.250 -0.383 0.138 0.797 0.184 
 * 326 0.000 10.000 -0.078 -0.463 1.089 0.183 
 * 1469 0.000 7.000 1.020 -0.403 -0.078 0.180 
 * 422 0.000 9.428 0.015 -0.346 0.866 0.178 
 * 1 0.001 9.357 -0.390 0.077 0.839 0.175 
 SHERINET 562 0.001 8.615 0.149 -0.179 0.550 0.174 AL JAZEERA 

* 11 0.001 8.797 -0.380 0.274 0.621 0.172 
 8 1 0.001 9.000 -0.390 0.203 0.700 0.171 
 NPRNEWS 402 0.000 10.000 -0.005 -0.587 1.089 0.166 NPR NEWS 

* 222 0.000 10.000 -0.178 -0.418 1.089 0.164 
 * 0 0.001 9.100 -0.391 0.142 0.739 0.163 
 * 383 0.000 10.000 -0.023 -0.587 1.089 0.159 
 ACARVIN 1962 0.001 5.000 1.494 -0.163 -0.855 0.159 NPR 
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AJTALK 316 0.000 10.000 -0.087 -0.534 1.089 0.156 AL JAZEERA 
* 1804 0.002 3.838 1.342 0.427 -1.307 0.154 

 * 28 0.001 8.902 -0.364 0.156 0.662 0.151 
 HADEELALSH 469 0.000 9.400 0.060 -0.462 0.855 0.151 AP 

DAILYNEWSEGYPT 455 0.000 9.740 0.046 -0.583 0.987 0.150 DAILY NEWS EGYPT 
* 23 0.002 8.147 -0.369 0.446 0.368 0.149 

 LESNEWS 335 0.000 10.000 -0.069 -0.587 1.089 0.144 LES NEWS 
* 268 0.000 10.000 -0.133 -0.554 1.089 0.134 

 * 291 0.000 10.000 -0.111 -0.578 1.089 0.133 
 * 69 0.001 8.714 -0.324 0.133 0.589 0.133 
 FOXNEWS 297 0.000 10.000 -0.105 -0.586 1.089 0.132 FOXNEWS 

* 1 0.001 8.962 -0.390 0.099 0.685 0.131 
 * 3 0.001 8.650 -0.388 0.218 0.564 0.131 
 * 0 0.001 9.000 -0.391 0.082 0.700 0.131 
 CNNMEX 290 0.000 10.000 -0.112 -0.587 1.089 0.130 CNN 

* 165 0.001 7.796 -0.232 0.375 0.232 0.125 
 * 225 0.000 10.000 -0.175 -0.558 1.089 0.119 
 * 255 0.000 10.000 -0.146 -0.587 1.089 0.119 
 * 222 0.000 10.000 -0.178 -0.563 1.089 0.116 
 * 238 0.000 10.000 -0.162 -0.587 1.089 0.113 
 * 207 0.000 10.000 -0.192 -0.575 1.089 0.107 
 * 207 0.000 10.000 -0.192 -0.587 1.089 0.103 
 * 202 0.000 10.000 -0.197 -0.587 1.089 0.102 
 * 156 0.002 6.908 -0.241 0.656 -0.113 0.101 
 * 193 0.000 10.000 -0.205 -0.587 1.089 0.099 
 * 192 0.000 10.000 -0.206 -0.587 1.089 0.098 
 * 0 0.001 8.714 -0.391 0.095 0.589 0.098 
 * 432 0.000 9.129 0.024 -0.498 0.750 0.092 
 * 27 0.001 8.085 -0.365 0.289 0.344 0.090 
 * 369 0.001 7.401 -0.036 0.224 0.079 0.089 
 * 209 0.001 8.816 -0.190 -0.191 0.628 0.083 
 8 30 0.001 8.172 -0.362 0.224 0.378 0.080 
 * 196 0.001 8.714 -0.202 -0.147 0.589 0.080 
 * 1127 0.001 6.049 0.692 -0.073 -0.447 0.057 
 GUARDIAN 566 0.000 8.714 0.153 -0.574 0.589 0.056 Guardian 

* 4 0.001 8.232 -0.387 0.133 0.401 0.049 
 * 657 0.001 7.571 0.240 -0.250 0.145 0.045 
 * 18 0.001 8.059 -0.373 0.170 0.334 0.044 
 * 0 0.001 8.200 -0.391 0.115 0.389 0.038 
 * 254 0.000 9.357 -0.147 -0.587 0.839 0.035 
 * 915 0.001 6.740 0.488 -0.210 -0.179 0.033 
 * 784 0.001 6.906 0.362 -0.150 -0.114 0.033 
 * 0 0.001 8.000 -0.391 0.167 0.311 0.029 
 * 1 0.001 8.071 -0.390 0.125 0.339 0.025 
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* 14 0.001 7.429 -0.377 0.342 0.089 0.018 
 WAEL 370 0.000 8.536 -0.035 -0.445 0.519 0.013 
 * 54 0.001 7.706 -0.339 0.180 0.197 0.013 
 * 0 0.001 7.750 -0.391 0.188 0.214 0.004 
 * 1 0.001 7.750 -0.390 0.180 0.214 0.002 
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Appendix B – Qualitative Assessments of Landis Early Verifier Measures 

 

January 25, 2011 Qualitative Assessment of Landis Early Verifier Measure 

Top, Mid, and Bottom Tier Users 

Tier Name Retweet Eigenvector IND Z RT Z EC Z IND AVG 

Top Five 

ircpresident 123 0.062 6.510 -0.042 8.308 0.083 2.783 
* 728 0.008 4.799 4.268 0.342 -0.517 1.364 
3arabawy 505 0.011 6.778 2.679 0.754 0.177 1.203 
* 438 0.004 10.000 2.202 -0.229 1.306 1.093 
* 284 0.013 7.413 1.105 1.176 0.399 0.893 

Middle Five 

wnawara 43 0.010 6.714 -0.612 0.673 0.154 0.072 
* 150 0.002 7.828 0.150 -0.485 0.545 0.070 
* 9 0.007 8.538 -0.854 0.234 0.794 0.058 
* 114 0.000 8.448 -0.106 -0.805 0.762 -0.050 
* 112 0.000 8.412 -0.121 -0.781 0.750 -0.051 

Bottom Five 

* 150 0.001 1.279 0.150 -0.716 -1.751 -0.772 
* 5 0.007 1.196 -0.883 0.147 -1.780 -0.839 
* 1 0.007 1.000 -0.911 0.153 -1.849 -0.869 
* 139 0.000 0.000 0.072 -0.826 -2.200 -0.984 
* 87 0.000 0.000 -0.299 -0.826 -2.200 -1.108 
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January 25, 2011 Qualitative Assessment of Landis Early Verifier Measure 

Randomly Selected Tweets from Users in Top, Mid, and Bottom Tiers 
User / 

Randomly 

Selected Tweet Tweet 

ircpresident 
 

12320 
Are Security Even Now Is Insurance Areas Selected To demonstrate, Editing, AbdeenAhan Palace, Ramses And trade unions Ahan Central Country, And the 
Ministry of Interior# Jan25 

12358 RT @ mfatta7: Route 45, O Axanderanip # Jan25 
12355 #Jan25 RT @TravellerW: Saw that woman in a balcony raising her hands in prayer #Egypt http://twitpic.com/3t9nbk 

12337 
Security Close Door Architecture Object By Headquarters Party Tomorrow Square TalatWar The Prevention Any Person Of Login Architecture And the siege 
of A securityCapacitor To the field Talat War # Jan25 

12321 RT @ mohamedwaked: Street Sheikh Basil Stuffy Of Abdeen Liberation # Jan25 
* 

 17587 Remember: #Mubarak regime uses children of the poor & oppressed (riot police) to beat children of the poor & oppressed (protesters) #Jan25 
17494 RT @Tharwacolamus: Is #Algeria next? http://goo.gl/YvGxw For now, we want #Egypt to be next, but we'll take Algeria tomorrow. #jan25 #si ... 
17467 RT @yslaise @Tharwacolamus @monaeltahawy May #Egypt succeed in being united against #Mubarak and never live in fear ever again #Jan25 
17608 #Mahalla, northern #Egypt, #Jan25 protest is looking good via @rassdwehda 
17472 Egyptian friend in the #US: "I am dying to be in #Egypt right now. My heart aches so much!" I told him me too! #Jan25. 

3arabawy 
 249 Wake up #Egypt! http://twitpic.com/3syh80 #KhaledSaid #Jan25 

262 No protests yet in Alex,unlike what's been reported on Twitter earlier. Dar El Salam protest suspended by police http://bit.ly/gn6Ss9 #Jan25 
265 RT @ MaLek: Undecided Few Start Moves Of Aswan, will be announced For Location WhileStart The # jan25 
295 Spoke to a Sinai protester. They r only 150 meters away from the MFO airport, shutting down the road completely http://bit.ly/gn6Ss9 #Jan25 
275 RT: @Salamander: Protesters broke nahya security cordon #jan25 

* 
 

9517 

Cars Fire brigade Divide Demonstrators Water Before Council People, and hit AnguishDisobedience, and Eogod Arrests And injuries Many 3 # jan25 

9483 And who Tortures Family Community , Remains Coward Of Politicians To head # Jan25 
9504 # Jan25 to LinkedIn Ali Egyptians On Holiday Christians Nnkd Them On   Festivals HolidayPolice 

9499 
Detention of 25 young In Asyut Neighborhood Neonatal , Through Blockade Security And the seizure On Identities , And the 
flight About 10 youth Of First Collect There # Jan25 

9507 Security Threatens Demonstrators In Asyut And Ifawdahm Ali Disengagement Protests # jan25 
* 

 21935 Correction to an earlier tweet 2 fire trucks in tahrir sq #jan25 
21974 Thousands marching under galaa bridge chanting via @malek http://t.co/x9E4m2g #jan25 
21925 At least 2 fire engines in abdeen square #jan25 
21948 (Cartoon) #Jan25 A goal against dictatorship in #Egypt on Twitpic http://t.co/i5hsDKq Excellent cartoon #jan25 
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21939 Crossroad mohamed mahmoud + nobar st "@Salamander: IMG00810-20110125-0945.jpg http://bit.ly/dRClW2" #jan25 
wnawara 

 25612 RT Follow @Alshaheeed: Protests in  #USA #France #Canada #Italy #Australia #UK #Tunisia #Kuwait all confirmed #Jan25 http://on.fb.me/8Z50YF" 
25614 Anyone wishing to use BBm DM me your pin now #jan25 #egypt BB group Jan25 

25615 
RT @ gamaleid: about 6 thousand Demonstrator Succeed In Break Blockade On FieldEditorial And settled Before Council Minister Shouting "thieves Key "# 
jan25 

25610 @shadihamid: Pres Saleh gets apologetic after #Tunisia: 'I would ask for pardon from the ppl if I made mistakes' #Yemen #ArabRecolt #jan25 

25609 @ ALJADEEDNEWS: delegations Popular Die Yard Light In Tripoli To participate In On Anger"" # Jan25 # Libya # Egypt # ArabRevolt 
* 

 
16263 Mafeesh Need In Forbidden Your # jan25 
16271 RT @Linaattalah: Women protesting in Sheikh Zouayed #Sinai demanding release of their husbands #jan25 
16260 6 vehicles Security Central And Two carts Fireman And Armored In Station Egypt -Alexandria # jan25 
16277 Mostly middle-class youth and a few elderly #jan25 
16282 Alexandria's revolution is now a fact :) no skepticism #jan25 http://yfrog.com/h4yz1tj 

* 
 24647 Remember remember the #jan25 

24651 When surrounded by too much security, RUN. #jan25 
24658 Holy shit! #jan25 #cairo RT @Ghonim: Director Amr Salama was brutally beaten up by a police officer who arrested him :( #Jan25 
24649 No TV coverage from #almasriya tv, whatsoever. Chapeau #jan25 
24648 So the Police are blocking the roads #jan25 ? 

* 
 

18274 

Current Preparation Degrees Protection Maximum For April 6, Because If Itqd It Not NeedKeep Site Ali Latest Made Protection And support # jan25 

18294 Street Pilot Intellectual In Imbaba 2000 demonstrator And parents Break Cordon ImposedAbout Demonstrators # jan25 

18296 Nearly Than 500 demonstrators Heading Of Street Talat War To Field Editorial And cheersSevere Against Mubarak # jan25 

18299 Thousands In Editorial Heading Hand Council People # jan25 

18287 RT @ Kh_FoUdA: now Off Rally Of Land Major General   The 1000 activist And parentsHicharqua # jan25 

* 
 

4940 

Security Not Unable Controlled Ali Marches Shubra. And the people Regular Is Ones whoPthtv. I do not The protector Politicians Is Five Six # Jan25 

4934 In Road To Place What Cairo # Jan25 

4917 

@ 3amMina Bzmtk Are over Min Eachd Gumboots And your hands Fan ?? De EvenGumboots Narrow Levi Omc Knowing Nkalaa Is Rises Eye # Jan25 

4928 

Hovoa Song De Yashbab. I'd Learn Do you think Where http://www.youtube.com/watch?v=ECJUQnicMGA # Jan25 # Egypt # Tunis # Yemen # Jordan # 
Libya 

4941 Officer Said Of soldiers Nobody Hits. Ones who Hidharb Houdrabh # Jan25 

http://yfrog.com/h4yz1tj
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* 
 13129 RT @ maboulazm: Security Icardn Demonstrators In Field Barns Mahalla Great # Jan25 RT: @ mar3e: cardoned us in elshon square # mahalla 

13141 RT @Gsquare86: Hosni ya kharebha emshee ba2a wa sebhaaa #Mubarak #jan25 http://yfrog.com/gzdq5bcj 
13155 RT @ mado_1: calm Front Council People And demonstrators Ptsali # Jan25 

13127 RT @ maggieosama: # jan25 RT: @ AJArabic: thousands Parents JOIN To DemonstrationsProtest In Tens Sites Cities Egypt Various # Egypt 

13169 RT @ MoEltaher: site Alternative Did not block Enter Of Link Da http://tinyurl.com/4dfcpoj # JAN25 

* 
 25504 RT @Asher_Wolf: RT @exiledsurfer: RT @TheTruthNetwork: ♻ NOW: #Jan25 Crowds starts to gather in #Egypt photo http://bit.ly/eUXgI9 

25529 RT @M_E_Poles: Protesters in downtown Cairo climb firetruck and destroy water cannon.  #jan25 #Egypt 
25486 RT @AhmedFouad: @CarlosLatuff Egyptians are planning massive protests tomorrow, #Jan25 against Mubarak regime! [RT please! ] 
25518 RT @exiledsurfer: RT @Atteety: picture of Thugs leading riot police forces #jan25 http://yfrog.com/h08xndkj #egypt #cairo 
25507 RT @exiledsurfer: http://bit.ly/h9XeHM  map of arrests and demonstrations in #egypt on #jan25 updates regularly 

* 
 10421 RT @weddady: Follow the hashtag #jan25 to keep track of the protest day in #Egypt tomorrow #sidibouzid #fb via @mfatta7 

N/A 
 N/A 
 N/A 
 N/A 
 * 
 N/A 
 N/A 
 N/A 
 N/A 
 N/A 
 * 
 N/A 
 N/A 
 N/A 
 N/A 
 N/A 
  

  

http://yfrog.com/gzdq5bcj
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February 11, 2011 Qualitative Assessment of Landis Early Verifier Measure 

Top, Mid, and Bottom Tier Users 

Tier Name Retweet Eigenvector IND Z RT Z EC Z IND AVG 

Top Five 

GHONIM 12365 0.022 9.690 11.488 13.906 0.968 8.787 
* 6292 0.005 9.809 5.654 2.460 1.015 3.043 
SANDMONKEY 5922 0.003 8.800 5.298 1.686 0.622 2.535 
* 84 0.007 9.956 -0.310 3.735 1.071 1.499 
3ARABAWY 3579 0.002 8.448 3.047 0.598 0.486 1.377 

Middle Five 

* 54 0.001 7.706 -0.339 0.180 0.197 0.013 
* 0 0.001 7.750 -0.391 0.188 0.214 0.004 
* 1 0.001 7.750 -0.390 0.180 0.214 0.002 
* 4 0.001 7.750 -0.387 0.165 0.214 -0.003 
* 580 0.001 7.262 0.166 -0.249 0.024 -0.019 

Bottom Five 

* 880 0.000 0.000 0.455 -0.587 -2.799 -0.977 
* 703 0.000 0.000 0.285 -0.426 -2.799 -0.980 
* 301 0.000 0.000 -0.102 -0.587 -2.799 -1.163 
* 193 0.000 0.000 -0.205 -0.562 -2.799 -1.189 
* 214 0.000 0.000 -0.185 -0.587 -2.799 -1.190 
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February 11, 2011 Qualitative Assessment of Landis Early Verifier Measure 

Randomly Selected Tweets from Users in Top, Mid, and Bottom Tiers 
User Tweet 

GHONIM   

93778 To All Sisters Egyptians: http://on.fb.me/gZczsN # Jan25 
93798 Lets work on raising 100 Billion EGP from Egyptians to rebuild Egypt. Talked to one business man and he is ready to put the first 1B. #Jan25 
93783 Wait for my book soon: Revolution 2.0 #jan25 
93790 They lied at us. Told us Egypt died 30 years ago, but millions of Egyptians decided to search and they found their country in 18 days #Jan25 
93794 Thank Dr. Mohammed ElBaradei Fodth Egypt Was Reason Main Behind My Change InEgypt # Jan25 @ ElBaradei 

*   
66770 @karimalad no Suleiman's speech was not during prayer.. The army communique was during Friday noon prayer #jan25 
66925 I think the army won't choose sides really until pushed to do that by revolution. What is it going to take?  #jan25 #egypt 

66956 
Azmi Bishara On The island: the number of Demonstrators Today More Number OfParticipants In All Election In Three Sessions Recent In Egypt, It 
is More Referendum # jan25 

67161 The I I'm not Sure The I Dictator, Read the Twitter To know Ranking:) # jan25 # sidibouzid 
66947 Skuffet Løkke: Mubarak er historie og skal gå af #jan25 #egypt #denmark v @ArabRevolution  I am learning Danish :) 

SANDMONKEY   
216037 20 million people. Awesome. #jan25 
216029 http://twitpic.com/3ynoxw - The view from above. #jan25 
215994 @occupiedcairo @NadiaE they are on their way.  #jan25 
216011 RT @etharkamal: So we waited 10 hours to hear nothing new? #jan25 
216064 Dear Diaspora Egyptian, the country needs you. COME BACK AND INVEST HERE! #JAN25 

*   
10374 @ptthunder Feb11 Victory! RT PLZ http://bit.ly/iezx4I #Feb11 #Jan25 #Egypt #Mubarak #Tahrir #YouTube #Reddit 
10401 @SaraKean Feb11 Victory! RT PLZ http://bit.ly/iezx4I http://bit.ly/enOyPB #Feb11 #Jan25 #Egypt #Mubarak #Tahrir #YouTube #Reddit 
10585 @Hadeel_y Feb11 Today The People Will Win! RT PLZ http://bit.ly/iezx4I #Feb11 #Jan25 #Egypt #Mubarak #Tahrir #YouTube #Reddit 
10379 @AymanM Feb11 Today The People Will Win! http://bit.ly/iezx4I #Feb11 #Jan25 #Egypt #Mubarak #Tahrir #YouTube #Reddit #Digg 
10515 @eRapture Feb11 Today The People Will Win! RT PLZ http://bit.ly/iezx4I #Feb11 #Jan25 #Egypt #Mubarak #Tahrir #YouTube #Reddit 

3ARABAWY   
3033 I wonder what Al-Ahram's front page is gonna look like tomorrow? :D #Jan25 

3020 

RT @ 
mand0z: freedom Freedom Freedom Freedom Freedom Freedom Freedom FreedomFreedom Freedom Freedom Freedom Freedom Freedom Freedom Freed
om FreedomFreedom Freedom Freedom Freedom # Jan25 # Egypt # Mubarak 

3049 hahaha RT: @Firas_Atraqchi: Mubarak desperately trying to photoshop time travel to January 24 #jan25 #cairo 
2981 gas stations i passed by in Nasr City r out of fuel. #jan25 
3050 New post: # Jan25 Tahrir Square field Liberation http://bit.ly/ev4vtw 

*   
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7337 RT @RamyRaoof: injuries, deaths, clashes happened only when pro-mubarak demos and regime thugs showed up in the streets. #Egypt #Jan25 
7295 Wael @Ghonim expresses his own views and doesn't lead #Jan25 revolution, don't criticize him and move on, keep it peaceful#Tahrir #Egypt 
7384 RT @nisrineb: happiness in Egyptian faces in #Qatar 's streets reduces me to tears of happiness ta7ya Masr #Egypt #tahrir #jan25 
7373 Military council: We studying the #Egyptians demand now, and will issue later more statements what will be done#Jan25 #Egypt 
7359 RT @GenefeurMiddle East: center of the civilized world!#Arab #Egypt #Jan25 #AlJazeera #Tahrir 

*   
254031 Its combination of both! RT @Dima_Khatib its not radical Islam that worries the US – it's independence ... http://t.co/itRYGuX #jan25 
254007 @monasosh violence by pro-dem movement will harm their status and NOT mobilize much more pro-dem ppl 4 national strike 1 d/week or so #jan25 
254024 Keep calm only 1 finger of frightnd soldier between peace and bloodbath RT @3arabawy: ... 1st floor soldiers stationed machine guns.. #jan25 
254017 @Camel25Jan Group good idea: u need acceptable faces for ppl to look up to and gvnmt to be taken seriously as negotiaters.  #jan25 
254018 Confronting army heads-on NO option. Better to spread non-violent pro-dem movement: smaller demos on more locations in country #jan25 

*   
253961 @Amnamamer they can't fake it, the army will refuse, we r all getting paranoia #Jan25 
253958 @Salamander this is what z statement of yesterday said about law 179 cancelation, but they say once things settle down #egypt #tahrir #jan25 
253970 Love And Afraid Aliki O Egypt. # Jan25 
253971 RT @ ircpresident: Christians celebrating in Asuit, upper # Egypt RT @ AhmedFatah: Copts InAsyut Out Carrying Passion Palm:) # Jan25 
253964 @FantakiZ yes,this s part of the other changes they announced with the consit committee formed,& changes will be done in a week time #jan25 

*   
40515 RT @ammaribrahim: RT @algergawi: Dear Egypt, don't worry about all the tourism money you lost over the last 17 days. We're coming! :) #Jan25 
40512 Wooooooohoooooooo!!!! #egypt #jan25 
40508 RT @Sandmonkey: RT @arwasm: 3 army officers give up ranks, join protesters. 1 says "My oath was to #Egypt, not to a person." #jan25 #tahrir 
40509 So the military sides with the govt. Wonder what would happen if ALL military officers resign and side with protesters? #egypt #jan25 
40517 You have created history ur all amazing RT @monasosh: Today we fulfilled our promise to those who died #Jan25 #KhaledSaid 

*   
76124 I know i might be hated for this, but i say we're better than Mubarak, we're more merciful. Let the old fart die on Egyptian land. #Jan25 
76056 If you have not watched this, watch it now, it's Amazing : http://youtu.be/Fgw_zfLLvh8 #Jan25 Jan25 
76081 Army says statement will be released right before prayers (Unverified) #Jan25 Jan25 
76106 I've never been prouder of my Green Shibshib. #Jan25 Jan25 
76066 Meaning that even if sincere, would the military accept being under control of a civil government instead of a military one? #Jan25 

*   
N/A 

 N/A 
 N/A 
 N/A 
 N/A 
 *   
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N/A 
 N/A 
 N/A 
 N/A 
 N/A 
 *   

90887 #JAN25 can anybody answer that question? RT @JesperHolland: @GabyVerdier @FreedomNow2011 how many protester… (cont) http://deck.ly/~IUcNj 
90912 RT @alaa: wow airport police on strike, economic demands apparently but still that's a first #Jan25 
90858 RT @hadouta: RT @occupiedcairo: Khalifa Mamoun street completely full of ppl heading to palace. 10s of thousands #jan25 
90892 RT @borisfabinski: Rumors in Dubai: &quotSudntly demand on luxury villas increasing for cash! #jan25 #egyp… (cont) http://deck.ly/~O10LD 
90894 #sidibouzid #jan25 +++ All Arab leaders will be forced to listen to the people http://bit.ly/glJff... http://kvs.co/3Z7k 

*   
87064 RT @avinunu: Crowd outside Egypt embassy Amman keeps getting bigger! #Jo #jan25 http://yfrog.com/h2twyuqj 
87020 RT @NadiaE: blankets arrived at pres palace for sit in #jan25 
87043 RT @Raafatology: We have to control the TV to force #mubarak to use the only think he hates THE INTERNET #egypt #jan25 
87006 RT @Sandmonkey: On route to heliopolis. Presidential palace it is. #jan25 
86939 RT @RawyaRageh: Protesters outside palace now stopped chanting to conduct Friday prayers #Egypt #Tahrir #Jan25 

*   
N/A 

 N/A 
 N/A 
 N/A 
 N/A 
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