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ABSTRACT 
 

 This quantitative study analyzes longitudinal data from the Kagera Health and 

Development Survey in Tanzania during 1992, 1994, and 2004 for the purpose of evaluating the 

short-term and long-term effects of outside assistance, in the form of individual transfers, on 

individual health and educational outcomes.  The author conducts ordinary least squares 

multivariate regressions for weight-for-age and height-for-age and probit multivariate 

regressions for health, literacy, primary educational attainment, and secondary educational 

attainment.  The techniques of lagging assistance, controlling for exogenous variables, and using 

change variables mitigate the sources of bias in order to isolate the particular relationships of 

interest.  This study finds some evidence that, in general, outside assistance does result in better 

health and educational outcomes in the short- and long-term.  It also finds that different 

organizations achieve varying degrees of success.  Finally, the results are practically applied to 

make the case for continued investment in developing countries through individual transfers at 

the household level.  
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INTRODUCTION 

 

There are over 1.4 billion people now living on less than $1.25 per day.  One billion people are 

going hungry, and two billion are undernourished.  Every minute a woman dies from 

complications during pregnancy or childbirth.  Each day 7,500 people are infected with HIV and 

5,500 die from AIDS.  One million people die from malaria each year.  And 25% of children in 

developing countries are underweight for their age.
1
 

 

Yet the Hudson Institute reports that the U.S. federal government sends $21.8 billion per year 

throughout the world in official development assistance.  Adding the philanthropic contributions 

of nonprofits, foundations, corporations, and individuals, the number skyrockets to $58.7 billion.  

With other donor countries providing huge additional amounts of foreign aid, why do so many 

developing countries continue to remain impoverished and diseased?
2
 

 

Is it because the money is not being properly managed, invested, and spent?  Advocates of 

foreign aid claim that it needs to be scaled up and more effectively implemented.  Or is it 

because foreign aid counter-intuitively keeps third-world countries in a state of dependency and 

deprivation?  Some believe that foreign assistance inherently causes perverse incentives and 

actually is ineffective at the individual level. 

 

In a time when failed states like Afghanistan and Somalia pose threats to our national security, 

and when failing states have similar negative potential, it is critical to determine whether aid has 

short- and long-term benefits.  Through the promotion of development, can foreign aid create 

stability and prevent the conditions by which poor people are manipulated towards radical 

                                                 
1
 “The Millennium Development Goals Report,” 2009. The United Nations. New York. 

2
 “The Index of Global Philanthropy and Remittances,” 2009. The Hudson Institute.  Online.  Accessed March 26, 

2010. 
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extremism?  As the Obama Administration retools American foreign policy (through the 

Quadrennial Diplomacy and Development Review) to maintain United States influence and 

security, the answer to this question, among others, should determine the strategic intent of 

foreign aid. 

 

This paper provides some insight on the narrow subject area of direct aid transfers to individuals 

in developing countries.  Specifically, it looks at the short- and long-term effects of aid on 

individual health, education, and income outcomes.  We start with the assumption that aid does 

not matter in the long-term, and we therefore must demonstrate results with significant 

confidence to prove otherwise.   

 

This study uses long-term data on aid recipient households in Tanzania to test the null hypothesis 

that foreign assistance does not change long-term individual outcomes.  Using data from the 

Kagera Health and Development Survey – a longitudinal survey of households in the Kagera 

region of Tanzania taken in 1991, 1992, 1993, 1994, and 2004 – this paper provides a 

quantitative analysis to determine if indeed there is statistical significance showing differences in 

typical outcomes based on receipt of individual transfers of foreign aid. 

 

Only a few papers have previously looked at the effects of foreign assistance over time.  

However, most of these studies have been focused at the macro-level.  This analysis focuses on 

individual outcomes for Tanzanians who received direct transfers at the household level. 

 

BACKGROUND 

The failure of Germany to recover after its crushing defeat in World War I inevitably led to the 

rise of Adolf Hitler because he was able to manipulate Germans’ desperate economic situation.  
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Having learned from this mistake, the United States and its allies decided to heavily invest in 

West Germany and Japan at the end of World War II.  Success in creating vibrant market 

economies that were able to trade and that prevented a resurgence of violent extremism led to the 

idea that a similar strategy should be applied to third-world countries.  At the same time, 

ironically, many economists used the Soviet Union as a model to argue for investment as a 

means to economic growth (for example, the Domar model).  Therefore, the international 

community decided that by providing foreign aid to bridge the domestic investment gap, 

developing countries would be able to grow their way into the future.  After decades of providing 

such foreign aid to poor countries, however, the empirical evidence shows that much of this 

supposed “investment” money was actually used for consumption instead, for a variety of 

reasons.
3
 

 

Today, there is wide consensus that aid must become more effective, but how that endstate is 

achieved has been much debated.  At a macro-level, Jeffrey Sachs suggests that rich countries 

should significantly increase their contributions while also generating substantial reforms in 

recipient countries.
4
  The 2005 Paris Declaration on Aid Effectiveness, signed by over 100 

countries and international organizations, makes a general statement encouraging recipient 

country ownership of development programming but does not get into specifics about 

implementation of foreign assistance.
5
  And groups like the Modernizing Foreign Assistance 

Network promote more coherent strategies for conducting foreign aid operations.
6
 

 

                                                 
3
 Easterly, William. 2002. The Elusive Quest for Growth: Economists’ Misadventures in the Tropics. MIT Press. 

Cambridge, Massachussetts. p.37-39. 
4
 Sachs, Jeffrey D. 2005. End of Poverty: Economic Possibilities for Our Time. Penguin Group (USA). 

5
 “Paris Declaration on Aid Effectiveness,” High Level Forum, Paris, February 28 – March 2, 2005. 

6
 “New Day, New Way: U.S. Foreign Assistance for the 21

st
 Century,” Modernizing Foreign Assistance Network.  

June 1, 2008. 
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On the micro-level, many recent papers have analyzed whether foreign aid has effectively 

targeted vulnerable people in most need of assistance.  Using Ethiopian household survey data 

from 1996, for example, one study found no significant association between vulnerable people 

and receipt of food aid.
7
  Another study that compiled results of a wide variety of food aid 

programs across numerous countries concluded that implementation methods are the greatest 

determinant of effective targeting.  However, it did find that interventions using means testing, 

geographic targeting, and self-selection are associated with higher percentages of benefits for the 

most impoverished.
8
  Yet another study using panel data in Ethiopia and Kenya found that self-

targeting food-for-work or indicator-targeted free distribution worked better in reaching the poor 

than community-based targeting.
9
 

 

Other papers have researched the short-term effects of foreign aid at the macro-level.  One study 

found that an infusion of “short-impact” aid has a positive, causal relationship with economic 

growth over a four-year period.
10

  Another found that in order to improve both labor supply and 

production, foreign aid must be combined with government policies that create demand.
11

  

Others have studied the effects of gift-in-kind aid on local commodity prices. 

 

PREVIOUS RESEARCH 

Only a few papers have researched the long-term effects of aid on health, education, or financial 

outcomes.  In a 2003 study using panel data from Ethiopia, the modality of food aid was found to 

                                                 
7
 Clay, Daniel C. & Molla, Daniel & Habtewold, Debebe, 1999. "Food aid targeting in Ethiopia: A study of who 

needs it and who gets it," Food Policy, Elsevier, vol. 24(4), pages 391-409, August. 
8
 Coady, David P. & Grosh, Margaret & Hoddinott, John, 2002. "Targeting outcomes redux," FCND discussion 

papers 144, International Food Policy Research Institute (IFPRI). 
9
 Lentz, Erin & Barrett, Christopher B., 2004. "Food Aid Targeting, Shocks And Private Transfers Among East 

African Pastoralists," 2004 Annual meeting, August 1-4, Denver, CO 20247, American Agricultural Economics 

Association (New Name 2008: Agricultural and Applied Economics Association). 
10

 Clemens, Michael A., Steven Radelet, Rikhil Bhavnani. 2004.  “Counting chickens when they hatch: The short-

term effect of aid on growth.” Center for Global Development. 
11

 Bhaduri, Amit and Rune Skarstein. 1994. “Short-period macroeconomic aspects of foreign aid.” Jawaharlal Nehru 

University New Delhi. 

http://ideas.repec.org/a/eee/jfpoli/v24y1999i4p391-409.html
http://ideas.repec.org/a/eee/jfpoli/v24y1999i4p391-409.html
http://ideas.repec.org/s/eee/jfpoli.html
http://ideas.repec.org/p/fpr/fcnddp/144.html
http://ideas.repec.org/s/fpr/fcnddp.html
http://ideas.repec.org/s/fpr/fcnddp.html
http://ideas.repec.org/p/ags/aaea04/20247.html
http://ideas.repec.org/p/ags/aaea04/20247.html
http://ideas.repec.org/s/ags/aaea04.html
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affect child nutritional status.  Both food-for-work and free-distribution were found to have a 

positive, causal effect on weight-for-height.
12

  This analysis uses a labor model to determine 

household consumption, assuming that Ethiopians’ utility is based upon market-purchased 

goods, home-produced goods, and leisure.  However, there are external validity issues with this 

study because the data are not representative of Ethiopia as a whole – towns selected for the 

survey are predominantly rural and easily accessible. 

 

The only major study in this field that I could find is a 2004 paper that studies the relationship 

between childhood nutrition intervention and educational attainment.
13

  The authors highlight the 

conventional wisdom that policies promoting the well-being of school children are often justified 

on the basis of their long-term education, health, and employment benefits.  However, they also 

point out that there is not much empirical evidence – even within the United States – to support 

this claim, and so they seek to provide some rigorous analysis to determine if this argument is 

indeed true.  The authors do refer to the few studies that have been conducted on the long-term 

effects of food aid, and they find a common argument that malnutrition distorts natural biological 

processes in a child’s neurological development, which tends to cause permanent negative 

second-order effects. 

 

They also point out that this 2004 IFPRI paper avoids some of the internal and external validity 

problems of prior studies.  Using very detailed, randomized survey data over a 30-year 

timeframe, carefully selecting control groups, ensuring uniform implementation of the 

experiment, and using multiple corroborating statistical models, the authors are able to make 

strong conclusions.  They find a positive and substantial effect of early childhood nutritional 

                                                 
12

 Quisumbing, Agnes R. 2003. "Food aid and child nutrition in rural Ethiopia." FCND discussion papers 158. 

International Food Policy Research Institute (IFPRI). 
13

 Maluccio, John A. & Hoddinott, John & Behrman, Jere R. & Martorell, Reynaldo & Quisumbing, Agnes R. & 

Stein, Aryeh D., 2006. "The impact of an experimental nutritional intervention in childhood on education among 

Guatemalan adults," FCND discussion papers 207, International Food Policy Research Institute (IFPRI). 

http://ideas.repec.org/p/fpr/fcnddp/158.html
http://ideas.repec.org/s/fpr/fcnddp.html
http://ideas.repec.org/p/fpr/fcnddp/207.html
http://ideas.repec.org/p/fpr/fcnddp/207.html
http://ideas.repec.org/s/fpr/fcnddp.html
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intervention on cognitive ability (a 9 percent increase above the control average), on reading 

comprehension (a 14 percent increase in average standardized test scores), and on women’s 

educational attainment (0.11 more grades passed per year on average). 

 

Two smaller towns in Guatemala with similar characteristics were randomly selected, with one 

town acting as the experimental town and one as the control.  Similarly two larger, comparable 

towns in Guatemala were randomly selected.  In each of these pairs, the experimental town was 

supplied with a high-protein nutritional supplement drink called atole.  In the control towns, a 

protein-free but similarly palatable drink called fresco was supplied.  Participants in the program 

– all children under the age of seven, along with pregnant and breastfeeding mothers – were 

given preventative and curative medical care that was the same quality in each of the four towns. 

 

In their conceptual model, the authors include the following variables in their study of the effects 

of protein supplementation: 

 a cohort control in order to understand the common effects of providing any nutritional 

supplement at all 

 an exposure term to study the differential effect between exposure to atole relative to 

exposure to fresco 

 a variable for fixed community characteristics in order to control for the size or culture of 

villages that do not change over time 

 a term linking the community characteristics related to schooling to the age of each child 

 

Moreover, the authors challenge the common acceptance of a linear relationship between the 

independent and dependent variables, and they explain that unobserved characteristics like 
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family background do not correlate with the variable of interest (atole nutritional 

supplementation) and are controlled for in the community characteristics term. 

 

Because of the scarcity of research in this subject area, this paper seeks to further analyze 

whether foreign aid has a long-term affect at the micro-level by studying the relationship 

between individual receipt of foreign aid and specific health, education and income outcomes 

over time. 

 

CONCEPTUAL MODEL 

 

 

Figure 1: Conceptual Model 

 

Aid causes specific individual outcomes: 

It is clearly possible for aid to improve health outcomes.  Whether receiving food aid in the form 

of nutritional supplements (like atole in the Guatemala longitudinal study), subsidies for medical 

Aid Longterm 
Outcomes 

Other 

- Health                   
- Education 

1. Fixed 

- Motivation            
- Gender               
- Race                  
- Geography              

2. Change over time 

- Income                         
- Family Size                 
- Private Transfers 

3. Exogenous 
environmental conditions 

- Laws                                  
- Natural Disasters                       
- Price Shocks 
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services, or educational training, aid would either provide gifts-in-kind that would directly 

improve a recipient’s health or provide knowledge to allow that person to make healthier 

personal choices.  It might be the case, however, that people who have a higher motivation to 

improve themselves (and who would otherwise take better physical care of themselves) will self-

select into foreign aid programs, creating bias in our findings.  In the long-term, it is possible that 

aid given at critical times during someone’s development could support biological processes that 

permanently improve cognitive ability, physical strength and stamina, and immune systems.  

Stated differently, the lack of aid at a pivotal time in someone’s development could create 

permanent negative conditions from which that person would never recover. 

 

Similarly, I would expect aid to cause better long-term educational outcomes because receiving 

more opportunities earlier in life usually translates into placing a higher value on knowledge and 

education.  From another perspective, those who (or those whose parents) value education may 

find ways to seek out aid in the first place.  So educational level may be somewhat endogenous 

with respect to aid.  Additionally, if aid takes the form of education, then the two might be 

synonymous. 

 

It is also plausible that aid leads to higher income.  By being able to exceed the threshold of 

immediate needs and therefore also invest in the future, someone is able to be more competitive 

in the labor market.  Those with higher income in the first place are probably less likely to 

receive aid since those giving out aid usually distribute their gifts-in-kind or services based upon 

some set of verifiable minimum criteria (one of which would be relative income level).  On the 

flip side, it is conversely possible that the poorest people live in very remote areas that aid 

workers have trouble accessing or that political or other social factors limit their ability to take 

part in aid programs. 
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Health, level of education, and/or income level causes aid: 

It is also possible, if not probable, that being sick, having poor health, being less educated, and 

living in poverty are reasons why someone would receive aid.
14

  Some of these factors could be 

criteria for receiving aid in the first place.  So we see that we have endogeneity between these 

variables. 

 

Fixed individual traits cause aid and individual outcomes: 

It is possible that individual characteristics like someone’s motivation or gender could cause aid.  

Theoretically, a more motivated person is going to find a way to qualify for and receive aid.  

Similarly, a pre-requisite for receiving aid could be a person’s gender.  At the same time, a 

higher degree of motivation may result in someone seeking out a better education, finding ways 

to improve her own health, and/or landing a better paying job. 

 

Receiving aid might prevent someone from changing his personal traits.  It might prevent 

someone from developing a physical development impairment, or it might allow someone to 

smooth consumption during periods of covariate or idiosyncratic shocks.   

 

Changing individual traits cause aid and individual outcomes: 

Personal characteristics that do change over time can cause aid.  Where someone lives, whether 

someone gets married or has children, or developing a health condition can all affect the 

likelihood of receiving aid.  A decrease in income over time could cause someone to fall into a 

category in which he then qualifies for and receives aid.  The same decrease in income could 

prevent someone from being able to pay registration fees for school or from paying for 

                                                 
14

 Clay, Daniel C. & Molla, Daniel & Habtewold, Debebe, 1999. "Food aid targeting in Ethiopia: A study of who 

needs it and who gets it," Food Policy, Elsevier, vol. 24(4), pages 391-409, August. 

 

http://ideas.repec.org/a/eee/jfpoli/v24y1999i4p391-409.html
http://ideas.repec.org/a/eee/jfpoli/v24y1999i4p391-409.html
http://ideas.repec.org/s/eee/jfpoli.html
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medication for a chronic health condition.  It could also lead someone to borrow money, which 

could later affect future income since the loan will have to be re-paid. 

 

Aid can also cause changes in personal traits: it might allow someone to move to an urban area, 

it might provide training that allows that person to become employed, or it might provide 

resources to allow for the adoption of more advanced technological agricultural techniques 

resulting in a higher crop yield. 

 

Exogenous environmental conditions cause aid and individual outcomes: 

Covariate shocks like a drought, a significant spike in prices of a good with inelastic demand, or 

widespread conflict could cause aid to flow into the region.  And such covariate shocks could 

also affect individuals by preventing certain biological processes during a critical time of 

cognitive development, pushing someone to sell property at highly discounted rates in order to 

trade off benefit in the short-term but incurring great costs in the long-run, or causing someone to 

drop out of school for a time.  Therefore, my study must be clear in showing that covariate 

shocks equally affected all people in the sample.  Conversely, aid might create economic shocks 

by distorting prices to the point that it instigates significant inflation, for example. 

 

FOCUS ON TANZANIA 

Having endured centuries of colonization and exploitation by the Portuguese, Omani Arabs, 

Germans, and British, the people of Tanzania finally gained independence in the early 1960s 

amid much violence and political upheaval.  Julius Nyerere became President of the country, and 

he forcibly implemented socialist policies, which devastated the economy.  Multi-party 

democratic elections only began in 1995.
15

  When measured by per capita income, Tanzania now 

                                                 
15

 “Tanzania.” The World Factbook. Central Intelligence Agency. Online. Accessed January 11, 2010. 
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lags in the bottom 10% of the world’s economies.  Agriculture accounts for over 40% of GDP 

and employs four-fifths of the labor force, yet only 4% of the country’s land is arable.
16

 

 

With the purpose of filling the gap in investment necessary for economic growth, the 

international community has poured billions of dollars into Tanzania since the time of Nyerere’s 

rule.  However, much of the foreign aid was translated into direct transfers to individuals in area 

development projects and programs that were independent of the national government.  In 1994, 

a special commission report recommended closer cooperation between donors and the 

government.  Since that time, Tanzania has made a concerted effort to implement a strategy that 

aligns foreign aid with its own priorities in order for it to be most effective.
17

 

 

During the early 1990s, there were a few non-governmental organizations (NGOs) particularly 

active in the Kagera district of Tanzania.  Most of these groups were drawn to Kagera because of 

the high rate of HIV/AIDS infection among the population.  One group offered funeral 

insurance, to mitigate the relatively heavy financial burden placed on the family members of 

HIV/AIDS victims when they died.  Some NGOs focused on providing school uniforms, books, 

and supplies to children in order to help them overcome the difficult predicament of losing a 

parent, assisting them in attaining a brighter future.  Others conducted educational programs to 

inform people on how HIV/AIDS spread and how to prevent infection.  Many distributed 

contraception in the form of condoms. 

 

It is important to note the particular geographic context of the Kagera Region.  Isolated from the 

rest of the country by Lake Victoria, it also borders Burundi, Rwanda, and Uganda.  Kagera is a 

predominantly rural region of the Tanzania with a non-industrial agricultural economy.  

                                                 
16

 Ibid. 
17

 “Development Partners Group Tanzania.” Development Partners Group. Online. Accessed February 12, 2010. 
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Moreover, the physical geography makes relocation difficult, and the social and cultural barriers 

prevent average Kagerans from leaving their home villages and moving elsewhere. 
18

 

 

Figure 2: Map of Kagera, Tanzania 

In the early 1990s, Tanzania’s annual GDP hovered around $5 billion, and its poverty rate was 

about 39 percent.  By 2001, the country had experienced a 3 percent decline in the poverty rate.  

Annual GDP steadily increased to $20.5 billion in 2008.
19

  Meanwhile, foreign assistance from 

OECD countries increased from an annual average of $1,421 million in the 1990s to over $2,024 

million in the 2000s.
20

  Receiving one of the largest amounts of foreign assistance in Sub-

Saharan Africa, Tanzania currently relies on foreign aid for 35% of its governmental budget 

expenditures, which amounts to approximately $2 billion.
21

 

                                                 
18

 Beegle, Kathleen and Joachim De Weerdt and Stefan Dercon, 2008. “Migration and Economic Mobility in 

Tanzania: Evidence from a Tracking Survey,” Policy Research Working Paper #4798. 
19

 “World Development Indicators.” World Bank.  Online.  Accessed February 3, 2010. 
20

 “Development Aid At A Glance: Statistics By Region.” Organisation for Economic Co-operation and 

Development. 2010 edition. 
21

 “Development Partners Group Tanzania.” 

../../../../../Application%20Data/Microsoft/Word/World%20Bank.%20%20Online.%20%20Accessed%20February%203,%202010.
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Comparably, Kagera’s poverty rate in 1991 was around 31 percent of the population.  From 1994 

to 2004, real GDP growth in the region was 4.2 percent per year while the annual population 

growth was 3.2 percent.  This led to a minor decrease in poverty to a rate of 29 percent in 2001.  

Because of its distance from Dar es Salaam, the central government had difficulty bringing 

meaningful growth or implementing poverty reduction programs in Kagera.  

 

RESEARCH DATA 

Since we don’t have a counterfactual (i.e. what would have happened to Tanzania in the absence 

of foreign aid?), it is difficult to estimate the real effects of such aid over time.  However, using a 

panel data set of individuals over a 13 year period, we are able to study the long-term effects of 

foreign aid.  By eliminating fixed sources of bias, we can isolate variables that change over time.  

Longitudinal data allows us to study the long-term effect of having received some kind of 

foreign aid direct transfer on health, education, and income outcomes.  This paper studies this 

topic by using panel survey data of approximately 900 individuals throughout 51 regions of 

Tanzania taken during the years 1991, 1992, 1993, 1994, and 2004. 

 

The Kagera Health and Development Survey (KHDS) started in 1991 by the World Bank for a 

research project entitled “The Economic Impact of Fatal Adult Illness from AIDS and Other 

Causes in Sub-Saharan Africa.”  This longitudinal study intended to gather quantitative data in 

order to better understand the effect that adult mortality and morbidity had on both individuals 

and households, and the Kagera region of Tanzania was chosen because of the high rate of 

HIV/AIDS infection among its population.  The study was financially underwritten by the World 

Bank Research Committee, the U.S. Agency for International Development, and the Danish 

Agency for Development Assistance. 
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The research team surveyed 816 households from 51 household clusters in 49 villages spanning 

all 5 districts of Kagera (which is somewhat geographically isolated in the northwest part of 

Tanzania because it is sandwiched between Lake Victoria, Uganda, Rwanda, and Burundi).  

Additionally, community leaders, health facilities, schools, and businesses were surveyed to 

better understand the context of these communities.  The initial 4 waves of the longitudinal study 

took place in 1991, 1992, 1993, and 1994.  However, most of the people surveyed were also 

found and re-interviewed in 2004 so that more long-term analysis could be conducted. 

 

Using the 1988 Tanzania census, a sample of households was chosen from a stratified random 

sample of communities.  Five hundred and fifty Primary Sampling Units (PSUs) were identified 

throughout Kagera, and “high” and “low” mortality rates were assigned (based upon a question 

in the census).  These PSUs were further segregated by agroclimatic/economic zone (since this 

factor was found to be highly-correlated with adult mortality rate), and clusters consisting of 16 

households (the number that could feasibly be surveyed in one week) were selected within each 

PSU.  Due to budget and research design, the team intended to include 50 clusters in its analysis.  

Because some entire communities might actually drop out of the sample over time, a few more 

than 50 PSUs were enumerated, and a few more than 50 clusters were initially surveyed.   

 

During the PSU enumeration, households were asked specific questions about whether a death 

had occurred for any family members aged 15-50 (the age range of those disproportionately 

affected by HIV/AIDS) in the last year and whether any adult in this age-range was too sick to 

work.  The research team targeted 14 “sick” households (falling into one of these categories) and 

2 “well” households (not falling into either group) for each of the clusters. 
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Because of the nature of the study – looking at HIV/AIDS and other diseases that kill people or 

otherwise might cause them to make significant life-altering decisions like displacing – those 

who had dropped out of the sample were important.  For example, individuals who had moved 

out of their community at the time of a later survey wave, but who still lived in the Kagera 

region, were tracked down by the research team to keep them in the longitudinal sample. 

 

Four “passages” of the survey took place, with the first household interview being considered 

“wave 1” for that household.  Some households dropped out of the sample for various reasons, 

and so the research team added new households in subsequent “passages,” but considering initial 

surveys of individual households to be “wave 1.” 

 

Out of an initial 816 households selected out of those enumerated, 47 (5.8%) could not be found 

during the first passage of the survey.  Out of these 47 households, just over half had moved.  

Death of a family member was related to a third of those who had moved.  A few heads of 

households were not available to be surveyed, and only 4 households refused to participate. 

 

After four years of the study, it was found that 9.6% of households surveyed in the first passage 

dropped out of the sample.  Attrition was categorized the following way: moving (~80%) out of 

which a third were related to death in the family, and refusal to participate (~16%).  Importantly, 

attrition due to death was not found to be statistically significant. 

 

The 2004 “wave 5” of the KHDS altered some questions in its survey to reflect changes that had 

occurred in Kagera over the previous decade and to expand the focus of research.  However, 

even in the face of obvious challenges in finding the same exact households after a 10-year lag 

involving some relocations and deaths, the research team was able to re-interview 713 (94%) of 
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the 759 households that remained in the 1991-1994 study from the first passage of the survey.  A 

quarter of those households who could not be re-interviewed were due to the death of all 

household members, and the remainder could not be traced.  The 2004 KHDS further analyzes 

the attrition by individual age and agroclimatic region.  

 

In my research, I use the sub-sample of households (713) that remained in the study throughout 

the 1991-1994 study (and not households that were added during subsequent passages of the 

survey), and my key variable is the receipt of assistance (in cash or in kind) from an outside 

organization (question 16C on the 1991 questionnaire).  I do not use data from other sources. 

 

The limitations of this data set are due to the original research question that prompted the 

consolidation of this information: the clusters are significantly weighted (14 out of 16 

households) towards households that had recently experienced a family death or that had 

someone so ill that he/she could not work in 1991.  However, this fact is exploited by focusing 

my research question on the effect of foreign aid on households affected by severe illness.  

Additionally, the survey does not sub-divide gifts-in-kind and cash transfer, so I use aggregated 

information. 

 

ANALYSIS PLAN 

This paper studies the effect of foreign aid on health, education, and income outcomes, both in 

the short- and long-term.  The most basic relationship which this paper studies is outside 

assistance and individual development outcomes.  Running this simple OLS regression, then 

interpreting the coefficient on assistance, is obviously an incomplete model.  In fact, the sources 

of bias can be broken down into the following categories, based upon my conceptual model 
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above: endogeneity, unobserved traits of individuals that remain fixed over time, and individual 

traits that do change over time. 

 

In order to deal with the problem posed by endogenity (i.e. individual outcomes causing 

assistance), this paper ensures that the chronology of events is accounted for.  Receipt of 

assistance is lagged by one year so that we can have confidence that poor health, low income, or 

low educational attainment are not the reason why Kagerans received assistance. 

 

The KHDS panel data set is very useful because it allows me to use a first difference model 

which eliminates bias due to individual characteristics that remain fixed over time.  Therefore, I 

am able to control for someone’s gender, race, or level of motivation, and I am able to better 

isolate the actual effect of assistance on long-term outcomes. 

 

The final major potential source of bias originates from third individual factors that affect both 

my independent and dependent variables and that change over time (e.g. family size, private 

transfers, income).  Fortunately, because of the level of detail in the KHDS, I am able to add 

these variables to my model in order to properly control for their effects. 

 

It is important to note that exogenous factors like covariate shocks (i.e. conflict, price shocks,  

natural disasters) or laws affecting the entire Kagera region do not change the relationship 

between the independent and dependent variables, mainly because the sample of clusters is 

completely isolated to the Kagera region.  Differences between clusters within Kagera were 

taken into account in the initial sample selection by ensuring that all four major agro-climatic 

zones were representatively included in the data set. 
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In order to best understand how each of these sources of bias affects my results, this paper starts 

with a basic OLS or probit model (depending on the functional form of the dependent variable), 

then includes the above techniques (lagging the assistance variable, using a first difference 

model, adding additional variables to be able to control for them). 

 

The key independent variable is outside assistance, which was measured in the survey in the 

following way.  Participants were asked, “In the past 12 months, have any members of your 

household received assistance, in cash or in kind, from the ……..” and 13 choices of 

organizations were listed: Evangelical Lutheran Church of Tanzania (ELCT), Catholic Church, 

Seventh Day Adventist, Mosque, Other religious organization, Party organizations, Cooperative 

unions, Social Welfare Office, Tanzania Red Cross, Partage, World Vision, Wamata, Other 

voluntary groups.  Then the participants were asked how much assistance their household 

received from each entity. 

 

The key dependent variables are listed as follows: 

 Health outcomes: 

 Healthy or not 

 Height for age 

 Weight for age 

 Education outcomes: 

 Literacy: reading and writing 

 Primary educational attainment 

 Secondary educational attainment 
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Of course we also control for exogenous variables that are correlated with both the key 

independent variable and the dependent variable in question.  Some of these factors are 

education, family size, family income, and private transfers. 

 Controls: 

 Age 

 Gender 

 Household Size 

 General Level of Health 

 Weight 

 Height 

 Education

 

Because the original data was stratified based on agro-climatic zone, which is also a synonym for 

geographic region, my analysis also controls for geographic differences across different areas 

within Kagera. 

 

In the short term (over a 4-year period), this study analyzes data from 1992 and 1994.  For a 

long-term analysis, this study uses data from 1992 and 2004 in a First Difference model.  It looks 

at the same health and education outcomes for those who received outside assistance, controlling 

for relevant variables.  By using data that is 12 years apart, we are able to both increase our 

variation and eliminate omitted variable bias from factors that remain fixed over time.  In this 

paper, I determine whether or not the data can reject the null hypothesis that aid does not affect 

individual outcomes.  

 

Finally, this study analyzes the relative effectiveness of assistance by different organizations.  

Specifically, we examine the differences in short- and long-term health and education outcomes 

on individuals who received assistance from the Evangelical Lutheran Church of Tanzania 

(ELCT) and Partage. 
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Again, our hypothesis is that direct aid transfers do not affect someone’s health or education 

outcomes in the long-run. 

 

RESULTS 

Health 

The following table for individual health outcomes reports the results of a probit regression.  

Instead of raw probit coefficients, however, it reports marginal effects with the z-score below in 

parentheses. 

 

Our regressions for health outcomes in the short-term show statistically significant results when 

we use a change model, both with and without controls.  We get a marginal effect of 0.0007 

which means that every $1 in outside assistance is associated with a 0.07% increase in the 

probability that someone will be healthy.  So $100 in assistance is associated with a 7% increase 

in the probability that someone will be healthy in the short-term.  

 

In our long-term analysis, we find statistically significant results using the level model, which 

shows that every $1 in outside assistance is associated with a 0.09% increase in the probability 

that someone will be healthy.  That means that $100 in assistance is associated with a 9% 

increase in the probability that someone will be healthy in the long-term. 
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OUTCOME: HEALTH 
    

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

  (1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

total assistance -0.000381 -0.000373* 0.000710** 0.000718** 0.000828** 0.000946*** -5.07e-05 -0.000194 

  (-1.619) (-1.692) (2.027) (2.018) (2.509) (2.867) (-0.131) (-0.544) 

age   -0.000449   -0.00123   -0.00165***   0.000115 

    (-1.491)   (-0.259)   (-3.546)   (0.0225) 

hhsize   -0.00243   0.00365   -0.00304*   -0.00219 

    (-1.588)   (0.859)   (-1.723)   (-0.716) 

male   -0.00699   --   0.0512***   -- 

    (-0.757)   --   (3.052)   -- 

all other income   --   -0.000110***   -0.0452**   -0.0149 

    --   (-4.194)   (-2.473)   (-0.705) 

primary   -0.0105   -0.0233   2.44e-08***   -6.12e-07 

    (-0.706)   (-0.838)   (5.496)   (-0.105) 

secondary   0.00961   -0.0307   -0.0413   -0.00683 

    (0.208)   (-0.300)   (-0.877)   (-0.143) 

weight   -0.00109   -0.000999   0.000932   0.000891 

    (-1.445)   (-0.848)   (0.913)   (0.968) 

height   0.00132***   -0.000255   -0.00209   -0.000996** 

    (2.804)   (-0.356)   (-1.630)   (-2.059) 

                  

Observations 3698 3689 3698 3683 3014 3005 3014 2983 

Pseudo R-2 0.0008 0.0087 0.001 0.006 0.001 0.0149 0 0.0032 

Robust z-statistics in parentheses 
      

*** p<0.01, ** p<0.05, * p<0.1 
       Table 1: Marginal Effect of Total Assistance on Health 

 

Weight for Age 

The following table for individual weight-for-age outcomes reports the results of an OLS 

regression.  Raw OLS coefficients are listed with associated t-statistics in parentheses.  

 

Our results for weight for age in the short-term similarly show statistically significant marginal 

effects when we use a change model: every $1 in outside assistance is associated with a 0.0005 

kg increase in weight for age.  That means that $100 in assistance is associated with .05 kg 

increase in weight for age. 
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In the long-term, we get statistically significant results using our change model before 

controlling for third factors.  The regression results in a marginal effect of 0.0005 kg increase in 

weight for age.  Once we add controls, however, the coefficient estimate loses statistical 

significance. 

OUTCOME: WEIGHT FOR AGE 
      

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

total assistance 0.000134 0.000155 0.000528*** 0.000511*** 7.65e-05 4.75e-05 5.82e-05** 3.39e-05 

  (0.746) (1.407) (4.229) (3.947) (0.911) (0.569) (2.077) (1.590) 

hhsize   0.00160***   0.00174   0.00153***   0.00201 

    (3.236)   (0.855)   (5.338)   (0.176) 

male   0.0113***    --   0.000973   -- 

    (3.302)   --    (0.310)   -- 

primary   0.0337***   0.0156***   0.0232***   0.141*** 

    (6.933)   (4.916)   (6.827)   (4.905) 

secondary   -0.00208   0.0226   0.0158***   0.166*** 

    (-0.152)   (1.327)   (3.017)   (4.555) 

all other income   --   3.28e-06   -1.45e-09***   5.95e-10 

    --   (0.255)   (-23.00)   (0.749) 

height   -0.00257***   0.00245***   
-

0.000458***   -0.00296** 

    (-32.74)   (2.733)   (-3.457)   (-2.502) 

health   -0.00553   0.0211   0.00864***   -0.0692* 

    (-0.762)   (1.500)   (2.977)   (-2.004) 

                  

Observations 3690 3690     3006 3005 428 428 

R-squared 0.000 0.203     0.000 0.037 0.001 0.080 

Robust t-statistics in parentheses 
       

*** p<0.01, ** p<0.05, * p<0.1 
       Table 2: Marginal Effect of Total Assistance on Weight for Age 

 

Height for Age 

The following table for individual height-for-age outcomes reports the results of an OLS 

regression.  Raw OLS coefficients are listed with associated t-statistics in parentheses.  

 

Our results for height for age do not show statistical significance.  Short-term results show 

negative marginal effects, but there is not enough variation to use a change model for this 

individual outcome.  In the long-term, the level model without controls shows a negative 
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marginal effect.  Once controls are added, however, the marginal effect becomes positive.  Using 

a change model, we get positive marginal effects. 

 

OUTCOME: HEIGHT FOR AGE 
   

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

total assistance -0.000535 -0.000278 -- -- -6.22e-05 0.000156 0.000394 0.000363 

  (-0.478) (-0.366) -- -- (-0.431) (0.628) (1.409) (1.517) 

hhsize   0.00802***   --   0.00487***   -0.000420 

    (3.082)   --   (5.715)   (-0.00436) 

male   0.0362*   --   0.0163*   -- 

    (1.804)   --   (1.979)   -- 

primary   0.134***   --   0.0314**   0.912*** 

    (4.677)   --   (2.599)   (3.140) 

secondary   0.0850   --   0.00790   1.592*** 

    (0.925)   --   (0.438)   (4.934) 

all other income   --   --   -5.28e-09***   2.15e-08*** 

    --   --   (-16.68)   (3.306) 

weight   -0.0349***   --   -0.00836***   -0.0302** 

    (-32.00)   --   (-14.54)   (-2.039) 

health   -0.133**   --   0.0321***   -0.483** 

    (-2.636)   --   (3.421)   (-2.563) 

Constant 0.971*** 2.337***   -- 0.556*** 0.907*** -1.202*** -1.050*** 

  (62.22) (27.80)   -- (133.8) (30.01) (-8.416) (-4.486) 

                  

Observations 3690 3690     3006 3005 428 428 

R-squared 0.000 0.458     0.000 0.179 0.001 0.036 

Robust t-statistics in parentheses 
      

*** p<0.01, ** p<0.05, * p<0.1 
       Table 3: Marginal Effect of Total Assistance on Height for Age 

 

Literacy 

The table for literacy outcomes reports the results of a probit regression.  Instead of raw probit 

coefficients, however, it reports marginal effects with the z-score below in parentheses. 

 

We find statistically significant results for literacy outcomes using a level model in the short-

term: controlling for third factors, we find that $1 of outside assistance is associated with a 

0.28% increase in the probability that someone will become literate in the short-term.  That 
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means that $100 of outside assistance is associated with a 28% increase in the probability that 

someone will become literate in the short-term.  Our change model does not result in statistically 

significant marginal effects. 

 

Similarly for our long-term regressions of literacy, we find that our level model results in 

statistically significant marginal effects while our change model does not.  We find that $1 of 

outside assistance is associated with a 0.06% increase in the probability that someone will 

become literate in the long-term.  That means that $100 in assistance is associated with a 6% 

increase in the probability that someone will become literate in the long-term. 

 

OUTCOME: LITERACY 
       

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES     
 

          

                  

total assistance 0.00227*** 0.00282*** -0.000383* -0.000350* 0.000775*** 0.000621** -0.000319 -0.000254 

  (3.611) (3.819) (-1.799) (-1.725) (2.709) (2.464) (-0.972) (-0.539) 

age   -0.00846*** 
 

0.00468   -0.000428*   0.00245 

    (-11.63) 
 

(1.202)   (-1.681)   (0.360) 

hhsize   0.0110*** 
 

-0.00582*   -0.000595   0.00805 

    (2.853) 
 

(-1.712)   (-0.445)   (1.633) 

male   0.112*** 
 

--   0.000867   -- 

    (6.312) 
 

--   (0.111)   -- 

all other income   -- 
 

2.75e-05   -2.33e-09*   9.15e-09 

    -- 
 

(0.886)   (-1.748)   (1.125) 

weight   0.00705*** 
 

0.000194   0.00154**   0.00414** 

    (3.911) 
 

(0.135)   (2.049)   (2.241) 

height   0.0190*** 
 

-0.000537   0.00182***   0.0145*** 

    (12.46) 
 

(-0.583)   (2.836)   (12.29) 

health   0.00976 
 

0.0163   -0.0147   -0.00448 

    (0.226) 
 

(1.500)   (-1.462)   (-0.207) 

      
 

          

Observations 3698 3689 3698 3683 3014 3005 3014 2983 

Pseudo R-squared 0.0032 0.3722 0.0005 0.0043 0.003 0.0609 0.0001 0.384 

Robust z-statistics in parentheses 
      

*** p<0.01, ** p<0.05, * p<0.1 
       Table 4: Marginal Effect of Total Assistance on Literacy 
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Primary Educational Attainment 

The following table for individual primary educational attainment outcomes reports the results of 

a probit regression.  Instead of raw probit coefficients, however, it reports marginal effects with 

the z-score below in parentheses. 

 

In the short-term, we find that our level model results in statistically significant marginal effects.  

Without controlling for third factors, we initially find that $1 of outside assistance is associated 

with a 0.1% increase in the probability that someone will complete their primary education in the 

short-term.  That means that $100 of assistance is associated with a 10% increase in the 

probability that someone will complete their primary education in the short-term.  However, 

once we add controls, we find that the marginal effect drops.  We find that $1 of outside 

assistance is associated with a 0.08% increase in the probability that someone will complete their 

primary education in the short-term.  That means that $100 of assistance is associated with a 8% 

increase in the probability that someone will complete their primary education in the short-term.  

Our change model does not result in statistically significant marginal effects. 

 

In contrast, our change model (rather than our level one) results in statistical significant marginal 

effects in the long-term.  Without controls, we find that $1 of outside assistance is associated 

with a 0.155% increase in the probability that someone will complete their primary education in 

the long-term. That means that $100 of assistance is associated with over a 15% increase in the 

probability that someone will complete their primary education in the long-term.  However, once 

we add controls, we find that the marginal effect drops slightly.  We find that $1 of outside 

assistance is associated with a 0.132% increase in the probability that someone will complete 

their primary education in the short-term.  That means that $100 of assistance is associated with 
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over a 13% increase in the probability that someone will complete their primary education in the 

long-term.   

OUTCOME: PRIMARY EDUCATIONAL ATTAINMENT 
    

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

total assistance 0.00109*** 0.000821*** 0.000305* 0.000272 0.000932 0.000421 0.00155** 0.00132** 

  (3.649) (3.416) (1.857) (1.520) (1.226) (0.777) (2.385) (2.449) 

age   -0.00541***   -0.00120   -0.00932***   0.00181 

    (-12.36)   (-0.754)   (-12.05)   (0.336) 

hhsize   0.00160   0.00331*   -0.00120   0.000345 

    (1.180)   (1.777)   (-0.319)   (0.0619) 

male   0.0171   --   -0.0987***   -- 

    (1.430)   --   (-4.719)   -- 

all other income   --   -2.86e-05   -3.02e-09*   2.17e-09*** 

    --   (-1.334)   (-1.871)   (2.678) 

weight   0.00882***   0.00299***   0.0102***   0.0226*** 

    (8.177)   (2.879)   (5.418)   (10.17) 

height   0.00562***   -0.00269***   0.0111***   -0.00705*** 

    (6.301)   (-4.165)   (4.610)   (-7.002) 

health   0.00189   0.0179**   -0.0533*   -0.0132 

    (0.0824)   (2.204)   (-1.938)   (-0.616) 

                  

Observations 3698 3689 3698 3683 3014 3005 3014 2983 

Pseudo R-squared 0.0015 0.2987 0.0011 0.0237 0.0007 0.1385 0.0017 0.1601 

Robust z-statistics in parentheses 
       

*** p<0.01, ** p<0.05, * p<0.1 
       Table 5: Marginal Effect of Total Assistance on Primary Educational Attainment 

 

Secondary Educational Attainment 

The following table for individual secondary educational attainment outcomes reports the results 

of a probit regression.  Instead of raw probit coefficients, however, it reports marginal effects 

with the z-score below in parentheses. 

 

Our regressions do not yield statistically significant results in the short-term.  In the long-term, 

however, using a level model we find that without controls, $1 of outside assistance is associated 

with a 0.04% increase in the probability that someone will complete secondary schooling.  That 

means that $100 in assistance is associated with a 4% increase in the probability that someone 
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will complete secondary schooling.  Once we add controls, however, we lost statistical 

significance in the level model. 

 

We find statistical significance before and after adding controls in the long-term change model 

for secondary educational attainment.  We find that without controls, $1 of outside assistance is 

associated with a 0.043% increase in the probability that someone will complete secondary 

schooling.  That means that $100 of assistance is associated with a 4.3% increase in that same 

probability.  Adding controls, we find that the marginal effect remains positive but drops: every 

$1 in outside assistance is associated with a 0.008% increase in the probability that someone will 

complete secondary schooling.  That means that $100 of assistance is associated with a 0.8% 

increase in probability that someone will complete their secondary education. 

 

OUTCOME: SECONDARY EDUCATIONAL ATTAINMENT 
  

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

total assistance 0.000115 7.56e-05 -0.000126 -8.31e-05 0.000408** 0.000298* 0.000432*** 8.80e-05** 

  (0.867) (0.841) (-0.842) (-0.782) (2.477) (1.842) (3.887) (2.571) 

age   -2.78e-05   -0.000228   -2.79e-05   -0.000441 

    (-0.502)   (-1.197)   (-0.118)   (-0.840) 

hhsize   0.000490   0.000845**   -0.000791   -0.000972 

    (1.383)   (2.400)   (-0.527)   (-1.503) 

male   0.00625***   --   0.0145   -- 

    (2.924)   --   (1.550)   -- 

all other income   --   -4.90e-06***   -6.67e-09***   -2.81e-07 

    --   (-4.965)   (-7.856)   (-0.388) 

weight   0.000602***   0.000184   0.00303***   0.000734*** 

    (4.550)   (1.002)   (4.658)   (4.430) 

height   -8.33e-05   -0.000209***   -2.89e-05   -0.000591*** 

    (-0.921)   (-3.218)   (-0.0512)   (-6.483) 

health   0.00162   0.00191   0.000103   0.000150 

    (0.350)   (0.981)   (0.00754)   (0.0481) 

                  

Observations 3698 3689 3698 3683 3014 3005 3014 2983 

Pseudo R-squared 0.0023 0.113 0.0045 0.0679 0.0021 0.0688 0.0034 0.0817 

Robust z-statistics in parentheses 

      
*** p<0.01, ** p<0.05, * p<0.1 

       Table 6: Marginal Effect of Total Assistance on Secondary Educational Attainment 
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Assistance from Specific Organizations 

Conducting a quantitative analysis of the assistance that specific organizations transferred to 

households in Kagera in 1992 yields some interesting results.  While there is insufficient data to 

study the effects of most of the assistance by specific organizations, we are able to look at a few 

of the most active NGOs in Kagera at the time of the initial 1992 survey.  First, assistance 

provided by the Evangelical Lutheran Church of Tanzania (ELCT) only shows positive marginal 

effects for results that were statistically significant. 

 

Evangelical Lutheran Church of Tanzania 

We find positive, statistically significant results for ELCT’s assistance in the short-term for 

weight for age, height for age, and secondary educational attainment.  Our results show that 

using a level model with controls, $1 of outside assistance is associated with a 0.000456 kg 

increase in weight for age.  So $100 in assistance is associated with 0.0456 kg increase in weight 

for age.  We similarly find that using a change model with and without controls, we find a 

marginal effect of 0.00352 cm and 0.00455 cm, respectively, associated with every $1 of outside 

assistance provided.   That translates into 0.035 cm and 0.045 cm, respectively, associated with 

$100 of assistance.  In the short-term, using a level model, we find that $1 of outside assistance 

is associated with a 0.0462% increase and a 0.0186% increase in the probability that someone 

will complete secondary schooling, with and without controls, respectively.  That means that 

$100 of assistance is associated with a 4.62% increase and a 1.86% increase in the probability 

that someone will complete their secondary education in the short-term, with and without 

controls, respectively. 

 

In the long-term, we similarly find positive, statistically significant marginal effects on weight 

for age and height for age.  Using a level model, both without and with controls, $1 in outside 
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assistance is associated with 0.000688 lbs and 0.000626 lbs increases in weight for age, 

respectively.  For the model with controls, $100 in assistance is associated with a 0.0626 lb 

increase in someone’s weight for age in the long-term.  Using a change model, we get 

statistically significant results without controls: $1 in outside assistance is associated with a 

0.00107 lb increase in weight for age in the long-term.  However, when we add controls, the 

coefficient estimate loses statistical significance.  

 

The following table for individual weight-for-age outcomes reports the results of an OLS 

regression.  Raw OLS coefficients are listed with associated t-statistics in parentheses.  

 

 

OUTCOME: WEIGHT FOR AGE 
      

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

ELCT assistance -0.000187 7.29e-05 0.000379* 0.000456** 0.000688*** 0.000626*** 0.00107** 0.000885* 

  (-0.786) (0.403) (1.916) (2.141) (4.076) (3.715) (2.575) (1.728) 

hhsize   0.00411***   0.00583   0.000608   -0.00205 

    (3.037)   (1.352)   (0.608)   (-0.747) 

male   0.0228   --   -0.00304   -- 

    (1.409)   --   (-0.472)   -- 

all other income   --   -1.92e-05   -2.98e-07   1.26e-06 

    --   (-0.662)   (-0.267)   (1.245) 

primary   0.0481***   0.0169*   0.0298***   0.0706*** 

    (3.378)   (1.778)   (3.717)   (4.280) 

secondary   -0.0297   --   0.0271*   0.0986*** 

    (-0.862)   --   (1.788)   (4.878) 

height   -0.00237***   0.00302   -0.000327   -0.00163*** 

    (-8.955)   (1.379)   (-1.343)   (-3.108) 

health   -0.0900**   -0.0104   0.00500   -0.0286** 

    (-2.141)   (-0.734)   (0.774)   (-2.646) 

Constant 0.210*** 0.563*** -0.0186** -0.0358*** 0.177*** 0.200*** -0.078*** -0.0777*** 

  (22.86) (14.35) (-2.617) (-3.399) (43.49) (5.088) (-9.102) (-8.989) 

                  

Observations 309 309 309 309 291 291 286 286 

R-squared 0.000 0.179 0.003 0.110 0.018 0.062 0.008 0.135 

Robust t-statistics in parentheses 
      

*** p<0.01, ** p<0.05, * p<0.1 
       Table 7: Marginal Effect of ELCT Assistance on Weight for Age 
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The following table for individual height-for-age outcomes reports the results of an OLS 

regression.  Raw OLS coefficients are listed with associated t-statistics in parentheses.  

 

OUTCOME: HEIGHT FOR AGE 
   

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

ELCT assistance -0.00181 -0.00106 0.00352** 0.00455** 0.000370 0.00178*** 0.00511* 0.0102** 

  (-1.206) (-0.806) (2.262) (2.069) (0.881) (3.617) (1.951) (2.211) 

hhsize   0.0189**   0.0387   0.00299   -0.0201 

    (2.763)   (1.123)   (1.029)   (-0.678) 

male   0.0433   --   0.00983   -- 

    (0.626)   --   (0.508)   -- 

all other income   --   0.000216   -3.55e-07   1.08e-05 

    --   (-0.839)   (-0.106)   (1.358) 

primary   0.207**   0.168***   0.0531*   0.593*** 

    (2.528)   (2.918)   (1.881)   (3.906) 

secondary   0.117   --   0.0511   0.971*** 

    (0.467)   --   (1.123)   (4.638) 

weight   -0.0325***   -0.0120   -0.00782***   -0.0323*** 

    (-9.602)   (-1.675)   (-6.945)   (-6.961) 

health   -0.417***   -0.100   0.0240   -0.395*** 

    (-2.900)   (-0.958)   (1.148)   (-3.771) 

Constant 0.932*** 2.326*** -0.245*** -0.303*** 0.552*** 0.877*** -0.750*** -0.590*** 

  (18.55) (10.71) (-5.038) (-3.305) (51.79) (12.39) (-10.58) (-7.070) 

                  

Observations 309 309 309 309 291 291 286 286 

R-squared 0.001 0.449 0.005 0.029 0.000 0.138 0.002 0.146 

Robust t-statistics in parentheses 
      

*** p<0.01, ** p<0.05, * p<0.1 
       Table 8: Marginal Effect of ELCT Assistance on Height for Age 
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The following table for individual secondary educational attainment outcomes reports the results 

of a probit regression.  Instead of raw probit coefficients, however, it reports marginal effects 

with the z-score below in parentheses. 

 

OUTCOME: SECONDARY EDUCATIONAL ATTAINMENT 
  

         
YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

ELCT assistance 0.000462*** 0.000186*** -- -- 0.000219 -0.000779* 0.000106 -0.000636 

  (3.900) (2.869) -- -- (0.277) (-1.872) (0.180) (-1.394) 

age   1.22e-05   --   -6.84e-05   -0.00293 

    (0.114)   --   (-0.130)   (-1.493) 

hhsize   0.000132   --   -0.00429   -0.00131 

    (0.273)   --   (-1.414)   (-0.278) 

male   0.0151   --   0.00219   -- 

    (1.430)   --   (0.0934)   -- 

all other income   --   --   3.45e-06   2.45e-06 

    --   --   (1.347)   (1.240) 

weight   0.000629***   --   0.00347***   0.00312*** 

    (7.850)   --   (2.817)   (3.216) 

height   -0.000341***   --   0.000397   -0.00195*** 

    (-3.114)   --   (0.301)   (-3.301) 

health   --   --   -0.0139   0.00557 

    --   --   (-0.584)   (0.278) 

                  

Observations 309 281 -- -- 291 291 291 286 

Pseudo R-squared 0.0737 0.274 -- -- 0.0003 0.1283 0.0001 0.0994 

Robust z-statistics in parentheses 
      

*** p<0.01, ** p<0.05, * p<0.1 
       Table 9: Marginal Effect of ELCT Assistance on Secondary Educational Attainment 

 

 

Partage 

Though all statistically significant results from ELCT were positive, we find mixed results for 

our statistically significant marginal effects for Partage’s assistance.  

 

We find positive, statistically significant results for Partage’s assistance in the short-term for 

primary educational attainment.  Our results show that using a change model with controls, $1 of 

outside assistance is associated with a 0.0383% increase in the probability that someone will 



   

32 

complete their primary education in the short-term.  That means that $100 of assistance is 

associated with a 3.83% increase in the probability that someone will complete their primary 

education in the short-term. 

 

We find negative, statistically significant results for Partage’s assistance in the short-term for 

health, literacy, and secondary educational attainment.  First, our results show that using a level 

model with controls, $1 of outside assistance is associated with a 0.113% decrease in the 

probability that someone will be healthy in the short-term.  That means that $100 of assistance is 

associated with an 11.3% decrease in the probability that someone will be healthy in the short-

term.  Second, our results show that using a change model with controls, $1 of outside assistance 

is associated with a 0.19% decrease in the probability that someone will become literate in the 

short-term.  That means that $100 of assistance is associated with a 19% decrease in the 

probability that someone will become literate in the short-term.  Third, our results show that 

using a level model with controls, $1 of outside assistance is associated with a 0.0167% decrease 

in the probability that someone will complete secondary schooling in the short-term.  That means 

that $100 of assistance is associated with a 1.67% decrease in the probability that someone will 

finish secondary schooling in the short-term. 

 

We find positive, statistically significant results for Partage’s assistance in the long-term for 

health and height-for-age.  First, our results show that using a level model with controls, $1 of 

outside assistance is associated with a 0.108% increase in the probability that someone will be 

healthy in the long-term.  That means that $100 of assistance is associated with a 10.8% increase 

in the probability that someone will be healthy in the long-term.  Second, our results show that 

using a change model with controls, $1 of outside assistance is associated with an increase of 
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0.00132 cm in height-for-age in the long-term.  That means that $100 of assistance is associated 

with a long-term increase of 0.132 cm in the long-term. 

 

We find negative, statistically significant results for Partage’s assistance in the long-term for 

literacy and secondary educational attainment.  First, our results show that using a change model 

with controls, $1 of outside assistance is associated with a 0.268% decrease in the probability 

that someone will become literate in the long-term.  That means that $100 of assistance is 

associated with an 26.8% decrease in the probability that someone will become literate in the 

long-term.  Second, our results show that using a change model with controls, $1 of outside 

assistance is associated with a 0.129% decrease in the probability that someone will complete 

secondary schooling in the long-term.  That means that $100 of assistance is associated with a 

12.9% decrease in the probability that someone will finish their secondary education in the long-

term. 
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The following table for individual health outcomes reports the results of a probit regression.  

Instead of raw probit coefficients, however, it reports marginal effects with the z-score below in 

parentheses. 

 

OUTCOME: HEALTH 
       

         YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

Partage assistance -0.00107** -0.00113*** 0.000494 0.000706 0.000995** 0.00108*** -0.000775 -0.00166 

  (-2.194) (-4.342) (0.457) (0.626) (2.254) (4.137) (-1.085) (-1.630) 

age   -0.000536   0.0152***   0.00362   0.0278 

    (-1.012)   (2.901)   (0.904)   (0.826) 

hhsize   -0.000180   -0.0127   0.00412   -0.0227 

    (-0.0226)   (-0.428)   (0.322)   (-1.475) 

male   -0.0155   --   0.158*   -- 

    (-0.406)   --   (1.750)   -- 

all other income   --   6.54e-05   -1.42e-05***   1.47e-05*** 

    --   (0.385)   (-16.98)   (4.619) 

primary   0.0442*   -0.186**   -0.0353   0.172* 

    (1.791)   (-2.233)   (-0.576)   (1.804) 

secondary   --   --   -0.158   0.487** 

    --   --   (-0.839)   (2.370) 

weight   0.00422   0.0210***   -0.00642*   0.00846** 

    (1.363)   (2.827)   (-1.753)   (1.985) 

height   -0.00216   -0.00987***   0.00532   -0.00538** 

    (-0.750)   (-3.432)   (1.012)   (-2.151) 

                  

Observations 163 158 163 160 143 143 143 142 

Pseudo R-squared 0.0332 0.0596 0.0017 0.0443 0.0106 0.1212 0.0038 0.1363 

Robust z-statistics in parentheses 
       

*** p<0.01, ** p<0.05, * p<0.1 
       Table 10: Marginal Effect of Partage Assistance on Health 
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The following table for individual height-for-age outcomes reports the results of an OLS 

regression.  Raw OLS coefficients are listed with associated t-statistics in parentheses.  

 

OUTCOME: HEIGHT FOR AGE 
      

         YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

Partage assistance 0.00157* 0.000762 -0.000827* 0.000311 1.46e-05 0.000199 -0.000866 0.00132** 

  (2.190) (1.092) (-2.373) (0.336) (0.105) (0.965) (-1.554) (2.656) 

hhsize   0.0243***   -0.0211   0.00508   0.0945 

    (11.11)   (-0.496)   (1.446)   (1.617) 

male   0.00100   --   0.0346   -- 

    (0.0467)   --   (1.335)   -- 

primary   -0.0373   -0.0438   0.0937**   0.493 

    (-0.241)   (-1.002)   (2.805)   (1.961) 

secondary   -0.0726   0.0499   0.0431   0.985** 

    (-0.369)   (0.534)   (1.314)   (3.036) 

all other income   --   0.00280***   -5.60e-06***   -0.000158*** 

    --   (9.826)   (-8.290)   (-7.584) 

weight   -0.0281***   0.0232***   -0.00812***   -0.0292** 

    (-9.299)   (4.293)   (-9.677)   (-3.281) 

health   0.175   0.0356   -0.0628   -0.193** 

    (1.272)   (0.521)   (-1.093)   (-3.240) 

Constant 0.896*** 1.699*** -0.131** -0.0170 0.545*** 0.918*** -0.673*** -0.258* 

  (19.04) (7.741) (-2.675) (-0.138) (34.02) (20.20) (-10.26) (-2.494) 

                  

Observations 163 163 161 161 143 143 142 142 

R-squared 0.007 0.457 0.001 0.104 0.000 0.227 0.000 0.176 

Robust t-statistics in parentheses 
       

*** p<0.01, ** p<0.05, * p<0.1 
       Table 11: Marginal Effect of Partage Assistance on Height for Age 
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The following table for individual literacy outcomes reports the results of a probit regression.  

Instead of raw probit coefficients, however, it reports marginal effects with the z-score below in 

parentheses. 

 

OUTCOME: LITERACY 
       

         YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

Partage assistance 3.68e-05 -0.00152 -0.00191*** -0.00190*** 0.000918** 2.64e-05 -0.000762 -0.00268** 

  (0.112) (-1.613) (-3.525) (-4.813) (2.052) (1.220) (-1.164) (-2.131) 

age   -0.00870***   -0.00866   -1.55e-05   0.00628 

    (-2.694)   (-0.677)   (-1.387)   (0.145) 

hhsize   0.0386***   -0.0323***   -1.51e-05   -0.0536*** 

    (3.378)   (-3.615)   (-0.463)   (-4.866) 

male   0.0195   --   0.000309***   -- 

    (0.303)   --   (2.577)   -- 

all other income   --   7.76e-05   9.90e-07   -1.22e-05 

    --   (0.585)   (0.513)   (-1.491) 

weight   -0.00912   0.00739**   -6.81e-05   0.00987 

    (-1.576)   (2.548)   (-1.525)   (1.388) 

height   0.0365***   -0.00301***   0.000173***   0.0178** 

    (5.528)   (-4.511)   (3.072)   (2.550) 

health   -0.0180   -0.0637*   --   -0.112 

    (-0.254)   (-1.673)   --   (-0.901) 

                  

Observations 163 163 163 161 143 118 143 142 

Pseudo R-squared 0 0.4684 0.05 0.0962 0.0622 0.4489 0.0027 0.5511 

Robust z-statistics in parentheses 
      

*** p<0.01, ** p<0.05, * p<0.1 
       Table 12: Marginal Effect of Partage Assistance on Literacy 
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The following table for individual primary educational attainment outcomes reports the results of 

a probit regression.  Instead of raw probit coefficients, however, it reports marginal effects with 

the z-score below in parentheses. 

 

OUTCOME: PRIMARY EDUCATIONAL ATTAINMENT 
    

         YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

Partage assistance 0.000498* -7.77e-05 0.000322 0.000383*** 0.000257 0.00104 0.00128** 0.00161 

  (1.681) (-0.259) (1.153) (3.610) (0.431) (1.426) (2.304) (1.423) 

age   -0.00556***   0.000274   -0.0123***   -0.0565 

    (-5.262)   (0.0126)   (-4.162)   (-1.127) 

hhsize   0.0151***   -0.00164   -0.0478***   -0.00753 

    (3.125)   (-0.309)   (-5.120)   (-0.150) 

male   -0.0420   --   0.00200   -- 

    (-0.981)   --   (0.0432)   -- 

all other income   --   0.000434***   5.60e-07   1.80e-05*** 

    --   (4.789)   (0.147)   (10.73) 

weight   0.00629   0.00320***   0.000281   0.0233*** 

    (1.073)   (6.508)   (0.0642)   (3.573) 

height   0.0108***   -0.00290***   0.0190**   -0.00327 

    (2.791)   (-3.685)   (2.262)   (-1.250) 

health   0.0346   0.0179*   0.0425   0.0792 

    (1.159)   (1.696)   (0.361)   (1.632) 

                  

Observations 163 163 163 161 143 143 143 142 

Pseudo R-squared 0.0017 0.3373 0.0091 0.1561 0.0003 0.1825 0.0075 0.2413 

Robust z-statistics in parentheses 
       

*** p<0.01, ** p<0.05, * p<0.1 
       Table 13: Marginal Effect of Partage Assistance on Primary Educational Attainment 
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The following table for individual secondary educational attainment outcomes reports the results 

of a probit regression.  Instead of raw probit coefficients, however, it reports marginal effects 

with the z-score below in parentheses. 

 

OUTCOME: SECONDARY EDUCATIONAL ATTAINMENT 
   

         YEAR 1992 - 1994 1992 - 1994 1992 - 2004 1992 - 2004 

TYPE LEVEL CHANGE LEVEL CHANGE 

 
(1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES                 

                  

Partage assistance -0.000358 -0.000167** -0.000137* -- -0.000651 -0.000715*** -0.000627 -0.00129** 

  (-1.608) (-2.414) (-1.797) -- (-1.320) (-6.144) (-0.881) (-2.074) 

age   -0.000660   --   -0.00172   -0.0188* 

    (-0.976)   --   (-1.537)   (-1.662) 

hhsize   -0.000845   --   0.0166   -0.0294*** 

    (-0.314)   --   (1.411)   (-4.661) 

male   -0.00794   --   0.0918**   -- 

    (-0.655)   --   (2.170)   -- 

all other income   --   --   -6.55e-06   1.95e-06 

    --   --   (-1.048)   (0.428) 

weight   0.000132   --   0.00278   0.00602*** 

    (0.198)   --   (0.614)   (5.180) 

height   0.00118   --   -0.000839   -0.00426*** 

    (1.207)   --   (-0.174)   (-5.820) 

health   --   --   -0.0687   0.0423 

    --   --   (-0.632)   (0.558) 

                  

Observations 163 145 163 -- 143 143 143 142 

Pseudo R-squared 0.0175 0.0973 0.0662 -- 0.0075 0.1036 0.0084 0.1575 

Robust z-statistics in 
parentheses 

        *** p<0.01, ** p<0.05, * 
p<0.1 

        Table 14: Marginal Effect of Partage Assistance on Secondary Educational Attainment 

 

 

 

DISCUSSION 

Health 

Not only are both our short- and long-term results for health outcomes statistically significant, 

but they are also substantively significant.  Increasing the chances by 7% of someone being 

healthy rather than being sick two years after receiving a transfer of $100 in assistance is a strong 

argument for the effectiveness of individual transfers of aid.  Similarly, the same $100 is 
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demonstrated to increase the chances of someone being healthy by 9% in the long-term.  Such 

individual transfers are indeed feasible, given the massive foreign aid flows into developing 

countries like Tanzania, assuming mechanisms could be put into place to ensure that funding was 

not otherwise funneled towards activities like very costly infrastructure projects or corruption. 

 

Our negative, statistically significant results for Partage in the short-term could show that the 

organization was indeed targeting its assistance efforts towards people with poor health, 

especially those with chronic problems like HIV/AIDS that cannot be cured.  The fact that the 

marginal effect of assistance becomes positive and statistically significant in the long-term may 

indicate that Partage’s aid was able to change the behavior of people in the long-term so that they 

began practicing better preventative health measures so as not to contract illnesses. 

 

Weight for Age 

While the short- and long-term changes in weight-for-age associated with $100 of outside 

assistance do not seem to be great, it is quite noteworthy that the marginal effect in both cases is 

positive.  Intuitively, it would seem that people receiving individual transfers would be able to 

better meet their physical needs and therefore put on more weight than their counterfactual 

neighbors, especially in developing countries where malnourishment and being chronically 

underweight are pandemic problems. 

 

It is also noteworthy that ELCT assistance is statistically significant in the long-term using a 

level model.  Their specific activities could be researched in more detail to understand the 

nuances of their assistance implementation so that it might be replicated elsewhere. 
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Height for Age 

Though our results for height for age are not statistically significant for all assistance in 1992, 

they are for ELCT’s assistance in 1992 – both in the short- and long-term.  It is important to note 

that people who received individual transfers from ELCT were associated with greater height for 

age than those who did not receive such assistance.  Similarly, assistance from Partage resulted 

in slightly greater height-for-age. 

 

Literacy 

Our results for literacy are the most substantial.  One hundred dollars of outside assistance being 

associated with a 28% increased probability of being able to read and write – when all but one 

variable in the model is highly statistically significant – is a key finding of this study.  It is 

noteworthy that our level models (both in the short-term and the long-term) yield statistically 

significant results while our change models do not.  We therefore cannot conclude that the 

assistance results in people becoming more literate.  Moreover, we cannot dismiss the possibility 

that literate people seek out sources of assistance more than those who are illiterate or that 

organizations distributing assistance might inadvertently bias their assistance towards people 

who are able to properly fill out paperwork in order to receive aid.  If literacy actually determines 

the receipt of aid, then it could validate the claim by some that individual transfers through 

foreign aid are not effectively targeting the most uneducated and impoverished. 

 

Our negative, statistically significant results for Partage in both the short- and long-term again 

indicate that the organization may have been properly targeting those most disadvantaged among 

the population.  The fact that these individuals became literate at a lower rate than the rest of 

Kagerans could mean that Partage was not focused on long-term poverty reduction but rather on 

meeting the immediate survival needs of people in 1992. 
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 Primary Educational Attainment 

The fact that $100 of assistance is associated with a 10% increase in the probability that someone 

will complete their primary education in the short-term is similarly a substantial finding.  Since 

the short-term level model is statistically significant while the change model is not, we can draw 

some reasonable conclusions that, on average, those receiving outside assistance are more 

educated.  But we cannot conclude that the assistance is leading to an increase in the completion 

of primary school.  This finding could potentially provide some additional evidence that more 

educated Kagerans were able to access outside assistance than were uneducated Kagerans. 

 

The fact that $100 of Partage’s assistance is associated with a only 3% increase in the probability 

that someone will complete their primary education in the short-term shows that Partage’s 

assistance may not have been as effective as the assistance of other organizations. 

 

The long-term results are both statistically significant and substantial in our change model.  One 

hundred dollars is associated with a 13% increase in the probability that someone will complete 

their primary education in the long-term.  Given that developing countries’ populations have 

disproportionately high numbers of children (for example, 43% of the current Tanzanian 

population is under the age of 14), this finding provides some evidence that individual transfers 

of aid can have important impacts on individuals and their families for a long time to come. 

 

Secondary Educational Attainment 

Finding that $100 is associated with a 0.8% increase in probability that someone will complete 

secondary education in the long-term compared to someone who does not receive the $100 is 

another key finding.  While not substantial in number, the fact that we find a positive relationship 

is important. 
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Similarly, we note that $100 of assistance from ELCT is associated with a 1.86% increase in the 

probability of secondary educational attainment in the short-term.  This could potentially be 

because children are more able to remain in school to finish their studies rather than having to 

begin their work careers earlier in life. 

 

The assistance from Partage results in negative, statistically significant marginal effects in both 

the short- and long-term.  It is unreasonable to conclude that Partage’s assistance was actually 

discouraging educational attainment; rather, it is most likely an indication that Partage’s target 

population were either the most disadvantaged in Kagera at the time or a particular segment of 

the population like farmers who did not pursue further education since they already had a means 

of living. 

 

POLICY IMPLICATIONS 

Overall, the findings of this study provide some support for the argument that foreign assistance 

results in positive outcomes for its intended beneficiaries.  It also shows that the activities of 

different organizations achieve various results, depending upon the type and method of 

assistance. 

 

More specifically, this research demonstrates that individual transfers at the household level are 

associated with substantial positive short- and long-term effects in recipients’ health outcomes 

and primary educational attainment.  A healthier population means that people can work, leading 

to increased productivity, and therefore an increased level of aggregate economic development.  

Similarly, a better educated population translates into people who can start to solve problems 

themselves.  Increased human capital logically leads to an eventual increase in private 
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investment, one of the conditions that makes economic development sustainable in the long-run.  

So individual transfers can indeed contribute to the overall development of a region (like Kagera) 

or an entire country (like Tanzania). 

 

Another important policy implication is that development programs focused at the individual 

level should be careful not to inadvertently make illiteracy a barrier to receiving assistance.  If a 

donor like the United States wants to encourage development in an impoverished area, then 

requiring handwritten applications for assistance, for example, would automatically exclude the 

most disadvantaged in that population.  

 

The quantitative findings presented in this study also demonstrate that the effectiveness of 

foreign assistance can indeed be studied and measured.  It reinforces the argument that data 

collection - especially longitudinal data over an extended period of time – should be collected so 

that analysis can be conducted to sift out the best practices from those that fail to achieve their 

intended outcomes. 

 

CONCLUSION 

There are many arguments for the distribution of foreign assistance at the individual level, but 

many of these ideas are merely theoretical and unproven in practice.  The findings of this study, 

however, provide some support for the premise that individual transfers increase the likelihood 

that aid recipients can achieve better health and educational outcomes in both the short- and the 

long-term.  Whether viewed through a humanitarian, religious, security, or development lens, 

this finding is a positive one which should help motivate the range of policy makers to continue 

providing assistance to the impoverished in developing countries.  While methods of aid 

implementation should be studied in more depth, and while longitudinal data should be collected 
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in order to allow such analysis, this study provides some quantitative evidence to make the case 

for continued investment in the developing world – at the individual and household level. 
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