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ABSTRACT 

 

The improvement of women’s educational outcomes throughout the latter part 

of the twentieth century was a cause for celebration as women closed the gap in 

achievement on all levels, but particularly in attending and graduating from college.  

As the gap closed in the mid-1970s, however, women’s rates of college attainment 

continued to rise at a higher pace than men’s, to the point where now, women account 

for 55% of the student body in U.S. colleges and universities.  While this trend 

represents tremendous success on the part of women, the stagnancy of men’s college 

attainment has only begun to be recognized.  This stagnancy will soon take on a new 

urgency due to the reduction of manufacturing jobs in the United States in the last 

decade and the resultant decline in career prospects for non-college educated men.   

This thesis draws upon and tests previous theories of the college attainment 

gender gap, applying several statistical models to a dataset, the 1997 National 

Longitudinal Survey of Youth, which has not been previously used to address this 

issue.  The study finds that controlling for race/ethnicity and family background 

characteristics among high school graduates, women enter college at a rate 
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approximately ten percentage points higher than men.  The gap is largest for black 

students, and smallest for non-black, non-Hispanic students.   

When controlling for high school academic performance in addition to the 

above factors, the gender gap is reduced to approximately six percentage points.  

Additionally, when adding controls for a set of variables indicating non-cognitive 

skills, the gap is further reduced to near three percentage points.   

The study also finds that the gap in college attainment is attenuated as time 

goes on.  The gender gap is considerably higher when measuring college attainment by 

age nineteen than it is when measuring attainment by age twenty-three.  This 

narrowing could be attributable to several explanations: boys being more likely to be 

held back a year in school; boys starting school at a later age; or young men being 

more likely to wait at least a year between high school graduation and college 

enrollment.   

This thesis adds to the literature on college attainment by gender, and it 

provides an early example of the potential to examine these questions with the 

NLSY97 dataset.  The findings of this study support several theories proffered by 

previous researchers and provide several avenues for further study of this important 

policy question.   

 



 

iv 

 

 

The research and writing of thesis is dedicated first to my wife, Elizabeth, without 
whom I could not have completed this work.  Thanks to my advisor, Joydeep Roy, for 

your feedback and encouragement throughout this process.  Also, thanks to Jens 
Ludwig, for inspiring me in the classroom and helping me to develop my initial 

interests into a workable thesis idea.  Thanks to Dan Porterfield, Erik Smulson, and 
Julie Bataille, for your flexibility and support as I worked to manage the work-school 

balance.  Many thanks to my family, coworkers, faculty, and friends who provided 
thoughts, inspiration and support along the way. 

 
Jacques Andre Arsenault 

 
 



 

v 

TABLE OF CONTENTS 
 

Chapter 1. Introduction ....................................................................................... 1 
Chapter 2. Literature Review.............................................................................. 4 
Chapter 3. Research Design .............................................................................. 10 

Dataset – The National Longitudinal Survey of Youth................... 10 
Regression Methodology................................................................. 12 

Chapter 4. Results ............................................................................................. 17 
Full Sample Models......................................................................... 17 
Separate Models by Gender and Race/Ethnicity............................. 21 
College Attainment and Potential Time Effects.............................. 30 
Relevance to Previous Literature .................................................... 32 
Limitations of the Dataset and Directions for Future Research ...... 34 

Chapter 5. Conclusions ..................................................................................... 36 
References............................................................................................................. 37 
Appendix 1 – Summary Statistics......................................................................... 39 

 



 

1 

Chapter 1.  Introduction 

 

Boys attended college at considerably higher rates than girls did in the 1940s 

and 1950s in the United States.  Many factors contributed to this gap in college 

attainment, including limited labor market opportunities and prescribed societal 

expectations for women.  As the civil rights and women’s rights movements gained 

influence from the 1950s through the 1970s, the rate of college attendance for women 

climbed steadily upward, with the rate of women’s college attendance equaling men’s 

attendance in the mid-1970s.   

Most observers credit the rise in women’s college attendance rates to increasing 

labor market opportunities for women.  While the closing of the gap is easily explained 

by the “equalizing” of opportunities, it is more challenging to understand  why the gap 

was not only closed but eventually reversed.  Indeed, since the mid-1970s, the college 

attendance rate of women has continued to increase more rapidly than that of men, and 

recent projections from the U.S. Department of Education and other sources do not 

predict any slowing in that trend, with some even predicting a 2-to-1 ratio of female to 

male college students by 2020.  (Department of Education 2006) 

Most research about changing educational attainment patterns falls into one of 

two categories.  The first group, broadly examining women’s opportunities, recognizes 

the shift in gender balance in college attendance, but often cites figures that illustrated 
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continued male prevalence certain types of graduate programs, signifying further steps 

that must be taken to increase women’s educational access.  The second group, 

generally examining racial inequities, does not address the broader context of 

achievement and gender, but focuses on the particular disadvantages faced by poor 

black men.   

This study seeks to problematize the continuing decline in men’s college 

attainment relative to women’s attainment.  Can we point to a factor or factors that 

may be significantly correlated with that decline?  Have changes occurred in 

expectations or performance of “borderline college” students in high schools?  Have 

these trends led to a decline in college attainment among those male students? 

Several potential explanations have been raised to explain this phenomenon, 

including both empirical analyzing and theoretical modeling.  Some of these theories 

include the differing effect of single motherhood on boys’ and girls’ achievement, the 

role of video games in fostering recent trends, and the impact of shifting family 

background characteristics in the college-aged populaitons.  This thesis will use the 

1997 National Longitudinal Survey of Youth (NLSY97), as a resource through which 

to test some of these potential explanations.   

Analyzing trends in college attainment by gender is a critical issue for the 

policy community.  In changing economic times, the blue-collar careers once available 

to men without a college education are declining sharply.  The stagnance of young 
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men’s educational attainment can have serious long-term consequences for the health 

of the American workforce and the American economy.   

This study seeks to advance the research program in college attainment, to fill a 

gap in gender-related education studies, to apply recent theories to a new data source, 

and to develop models for future qualitative and quantitative study.   
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Chapter 2.  Literature Review 

 

The current gender gap in educational attainment has only recently become a 

topic of interest in the education policy community and American society at large.  

Significant interest in this issue emanates from political and/or ideological sources, 

many of which draw upon The War Against Boys, by Christina Hoff Sommers (2000).  

Sommers argues that current trends in educational attainment are the products of the 

overreach of “radical feminism” and that boys have been harmed as a side effect of 

policies intended to promote self-esteem and achievement in young girls.  While 

Sommers’s claims have been influential in the popular press, they reflect scant 

substantive data analysis.  Only recently have scholars and researchers set out to 

systematically determine the main factors in increasing academic gains—at all levels, 

but particularly in college attainment—for girls, contrasted with static achievement 

levels for boys.   

Two recent analytical papers provide a national-level look at the current gender 

gap in college attainment, and one of them examined the trends through historical 

comparisons.  These papers share some fundamental assumptions, but they differ 

somewhat in their net assessment of the root causes of the gap and its trends.   

The first major paper, “Where the Boys Aren’t,” (Jacob 2002) uses the National 

Educational Longitudinal Survey (NELS88) to examine the college attainment gap. 
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Brian Jacob finds that the gap in college attendance persists even among high school 

graduates.  He notes that even when controlling for traditional determinants of college 

attendance (academic performance, family income/structure, race/ethnicity), women 

are more likely to attend college.  He explains most of the remaining gap, however, 

when he includes several variables that act as a proxy for “non-cognitive skills.”   

Jacob uses the following variables in his model: 

• Race/ethnicity: African-American, white, Hispanic 

• Geographic area: urban, rural 

• Household characteristics: SES (percentile), family size, single parent 

• Prior academic performance: eighth grade composite ability score, eighth 

grade reading score, eighth grade math score 

• “Non-cognitive skill” variables: middle school grades, a behavior 

composite (a numerical value calculated from factors including detentions, 

suspensions and other disciplinary incidents), hours spent completing 

middle school homework per week, whether or not student repeated a grade 

in elementary school 

• High school academic performance: twelfth grade composite ability, 

twelfth grade reading score, twelfth grade math score, class rank 

(percentile), high school grades, academic track/vocational track 



 

6 

• Other high school factors: worked 1-19 hours/wk in 12th grade, worked 20+ 

hours/wk in 12th grade 

• Life outcomes: have children by 1994, married by 1994 

• Other: Average tuition at 2-year college in state, college density in state, 

median weekly earnings, college premium (rate of earnings for a college 

graduate over earnings for a high school graduate with the same 

background characteristics), and percent share of labor market in the 

manufacturing and construction sectors. 

Jacob’s paper focuses on the current gap in college attainment, specifically 

whether the student has attended collegeby age 24.  He finds that after controlling for 

family background characteristics and high school academic performance, a 4.9 

percentage point gap persists between the rates of college attendance for boys and 

girls.  Adding in controls for his four non-cognitive factors, he is able to eliminate all 

but 0.2 of that gap.   

Jacob’s paper provides a compelling argument of predictors of college 

attainment, but his model possesses some areas of weakness.  First, Jacob uses a set of 

proxy variables for non-cognitive skills—including middle school grades and amount 

of time spent on homework—that may not accurately reflect “non-cognitive skills” and 

that may be highly correlated with other explanatory variables.  Second, his findings 
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assess the factors contributing to the current gender gap but not the trends in the gap.  

Lastly, Jacob fails to attribute a cause to “non-cognitive skills,” omitting whether they 

emanate from genetic or environmental factors.  This omission creates difficulty in 

determining any possible public policy solutions or treatments for the attainment gap.   

The second major paper, “The Homecoming of American College Women: The 

Reversal of the College Gender Gap,” (Goldin et al 2006) approaches the attainment 

issue through a historical perspective.  Using three longitudinal studies, with the high 

school graduation cohorts of 1957, 1972, and 1992, they trace the gains made by 

women across these three years.  As the gap closed in the mid-1970s, the researchers 

primarily attribute women’s gains to increasing opportunities and expectations in the 

labor market.  However, immediately after the convergence of men’s and women’s 

rates of college attainment, the trends continue unabated and women begin to attend 

college at higher rates than men.  The Goldin paper offers a less conclusive explanation 

for the expanding gap post-1975.   

The authors discount a number of potential explanations regarding the 

divergent gender trends in attainment.  In particular, they discount the possibility of 

attainment being driven by changes in race/ethnicity among the college-age population.  

They also do not address non-cognitive skill set presented by Jacob; rather, they 

examine the changing expectations for girls in society.  In accounting for the 

differences in the 1992 cohort, their explanation proffers that the current divergence is 
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largely a result of girls’ faster cognitive development (this argument is based on 

cognitive development studies showing a one to two year “head start” for girls).  Thus, 

the current levels of college attendance simply reflect cognitive realities. 

In addition to studying the changing social expectations for women, The 

authors’ work and on the “college premium,” relies heavily on the expected increase in 

lifetime wages for a college graduate over those of a comparable high school graduate.  

While the college premium for women rose considerably in the period studied by the 

authors (1953-1992), it has since leveled off, while the college premium for men has 

continued to grow. These trends would seem to indicate that economic factors should 

lead more men to college in the, an assumption that does not seem to be borne out by 

recent patterns of attainment.1

Other authors present a range of possible explanations for the attainment gender 

gap.  Relying on the 1972 NLS, the 1984 High School & Beyond, and the NELS88, 

Donghun Cho attributes more than half of the change in girls’ college attainment (and 

more than half of the 1992 gender gap) to academic performance in high school (Cho 

2006).  

Thomas Dee explores gender differences and the possibility of bias in the 

academic performance of middle school boys and girls, finding that students who are 

 

1 While not directly addressed in this study, further examination of college premiums for men 

and women remains an important future path for this research program.   
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paired with a same-gender teacher perform at a higher level (controlling for subject 

area) than those with a teacher of the opposite gender (Dee 2005).  He extrapolates 

these findings to suggest that the preponderance of female middle-school teachers in 

all subjects amplify boys’ large underperformance in reading while “attenuating the 

more modest underperformance of girls in math and science.” (Dee) While his findings 

may possess internal validity, they do not explain the gender trends in attainment, as 

women have historically dominated the teaching profession.   

Focusing on high school achievement, Victor Lavy tests for the existence of 

gender stereotyping and discrimination by high-school teachers in Israel, finding 

evidence that male students face discrimination in each subject that is tested (Lavy 

2004).  Lavy notes that the bias exists in all segments of the ability and performance 

distribution, but due to his use of cross-sectional analysis and in a different cultural 

context, this finding, while compelling. is not particularly helpful in explaining the 

trends in the gender gap.   
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Chapter 3.  Research Design 

 

The primary purpose of my research is to examine the role of gender in college 

attainment for a national sample of students in the high school cohorts of 1998-2002.  

My initial hypothesis is that the explanations offered by previous researchers do not 

adequately explain either the composition of the gap or the full extent of why women’s 

achievement continues to grow while men’s achievement has stayed relatively constant 

over the last three decades.  The goal of my regression analysis is to determine whether 

or not the theories of Goldin et al and Jacob are reinforced or negated out by a more 

recent dataset.    

 

Dataset – The National Longitudinal Survey of Youth 
 

The NLSY97, conducted for the Bureau of Labor Statistics, was initiated with a 

sample of approximately 9,000 students ages 12 to 16 in the fall of 1996.  The survey 

included student interviews as well as parental interviews in the initial round.  The 

survey also included annual follow-up surveys of the students.   

Several structural aspects of the NLSY97 create complexities in analyzing the 

data.  First, the dataset is marked by a tenacity on the part of the survey conductors.  

This is helpful in some respects as not many variables end up with missing 
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observations; however, in some cases, forced choices may lead to biased responses on 

some questions.  Similarly, when the surveyors were unable to find a respondent in one 

year’s follow-up round, they would make special efforts to ensure the student would be 

included in successive rounds.  This leads to a more complete set of observations, but it 

lessens the ability to measure time effects.   

Finally, the use of five age cohorts in the NLSY makes for a richer dataset, but 

it also complicates the ability to examine things like college attainment.  For example, 

by the 2004 follow-up, the youngest cohort had just reached age 19 or 20.  This 

problem will be alleviated as additional follow-up surveys become available, but at the 

moment, it limits the ability to pursue certain age-related questions.   

This study incorporates the publicly available version of the NLSY97 dataset, 

through the 2004 follow-up.  A more detailed geocode version exists, but during the 

formation and methodology stages of this thesis, there was little perceived advantage 

of obtaining that data.2

 Table 1 (below) shows the raw high school graduation and college attainment 

rates for men and women in the NLSY97 sample, as well as broken out by 

race/ethnicity categories.  A full set of summary statistics can be found in Appendix 1.    
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Table 1: High School Graduation and College Attainment Rates in the NLSY97 
Sample by Gender, Across Race/Ethnicity Categories.

 Overall Black Hispanic Non-black, non-
Hispanic 

Rates (in %)   Male Female Male Female Male Female Male Female 

Graduate High 
School  

 
67.0 

 
74.6 

 
57.8 

 
72.7 61.5 70.6 

 
73.3 

 
77.4 

Attend College  
50.0 

 
62.1 

 
38.5 
 

 
58.1 

 
42.5 54.8 

 
58.1 

 
67.4 

% of H.S. 
Graduates that 
attend college  

 
74.6 

 
83.2 

 
66.5 

 
79.8 

 
69.0 77.6 

 
79.2 

 
87.1 

Source: NLSY97 

Regression Methodology 
 

In the first portion of my analysis, I construct a model for probability of college 

attainment.  My sample set contains all high school graduates in the NLSY sample.  

The primary dependent variable is whether or not a respondent has attended college by 

the 2003 follow-up survey.  The key explanatory variable is gender.  In order to isolate 

the college choice behavior from previous differences in academic achievement, I limit 

my sample to high school graduates (approximately 6,500 observations, of the initial 

NLSY sample of 9,000).   

                                                                                                                                              

2 Through the course of this study, I have discovered several ways in which the NLSY geocode 
data may be helpful for further research in this area.   
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I use the following additional variables to control for variation among the 

students in the dataset and their college choices. 

 

Family background explanatory variables: 

• Race/ethnicity: I include dummy variables for black, Hispanic, mixed race and 

non-black non-Hispanic, as the NLSY oversamples black and Hispanic 

students, allowing the opportunity to analyze patterns within those groups, as 

well as how the racial/ethnic categories impact achievement.  

• Household income: I created five classes for household income, based on 

income as a percentage of the poverty line, rather than using a linear or log-

linear variable for income.  This decision was based on the theory that 

household income should not impact college achievement in a linear fashion, 

but different income categories are likely to behave differently with respect to 

college choice. 

• Family Structure: I include variables for “live with mother figure” and “live 

with father figure,” to account for the impact of a single parent home on college 

attainment.  I also include variables for “live with biological mother” and “live 

with biological father,” as previous literature has shown that each of these 

categories have significant impacts on childhood achievement outcomes.  I was 
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unable to identify an appropriate variable for siblings in the non-geocode 

version of the NLSY.   

• Family Education: I include categorical variables for highest level of education 

achieved by mother and father, as parental education is often highly correlated 

with student achievement.   

 

Academic performance explanatory variables: 

• High school graduation: My model limits the sample to those students in the 

survey who have graduated from high school by the 2003 follow-up.   

• High school academic grades: The NLSY data includes self-reported variables 

of all high school grades for all cohorts.  I use this variable as a proxy for 

grades; as the 8-point self-reported scale approximates a 4.0 grade point 

average scale, I collapse the variable into a 0-4 range. 

• Discipline: In several iterations of the regression model, I include variables 

such as “number of times suspended,” “number of hours spent on homework 

(in middle school),” and “number of times retained in grade,” to test the Brian 

Jacob hypothesis of non-cognitive skills, and determine whether they mitigate 

the gender gap.  Due to the survey structure of the NLSY, data on these 

questions are only available for age cohorts 3-5. 
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• Middle school grades: In the models that include the “non-cognitive skills” 

variables, I also include a variable for 8th grade performance (modeled on the 

variable for high school performance).  I include this variable on the theory that 

grades in the pre-high school years generally reflect a combination of academic 

performance and other skills.   

 

After constructing and running the initial model, I construct a number of 

separate models to determine whether background and academic characteristics impact 

groups differently.  These include separate models for: 

• Men and women: I seek to determine how the genders may be differently 

affected by the respective family background and academic achievement 

variables.    

• Black, Hispanic, non-black non-Hispanic: I create these models to explore the 

factors behind the differential achievement patterns for these groups.  The 

NLSY97 over samples black and Hispanic students, and thus, both groups are 

large enough to calculate statistically significant results.   

• Age cohort: Finally, I construct separate models for each age cohort in the 

NLSY sample.  The key right hand variable will remain gender, and the model 

will retain the same control variables.  I also create a second set of models that 
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measure college attainment by a particular age, to determine whether there are 

time effects involved with the gender gap in college attainment.   

 

This set of models will allow this study to test Jacob and Goldin’s theories against 

a newer dataset, to act as a check of their research as well as to determine whether the 

landscape of attainment saw considerable change in the intervening eight years.  It will 

also provide an early preview of the (still-young) NLSY97 as a tool through which to 

assess college attainment.   
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Chapter 4.  Results 

Full Sample Models 
 

The initial regressions were simple linear probability models3 regressing, in 

turn, high school graduation and college attainment4 on the explanatory variables of 

gender, and race/ethnicity.  As anticipated, “male” had a statistically significant 

negative coefficient, as did "black" and "Hispanic."  The signs and statistical 

significance of the coefficients were maintained for both “high school graduate” and 

“attended college” as dependent variables.   

For the rest of the regression analysis, the sample was limited to include only 

high school graduates, as this population included all potential college attendees.  The 

first model in this series (table 2, model 1A) used the same explanatory variables and 

 

3 The LPM model was utilized mainly because the coefficients are easily accessible as 

percentage point changes.  In the beginning stages of regression analysis, I ran side-by-side OLS and 

probit models, to determine whether or not the coefficients, signs, and statistical significance would be 

comparable between the two types of regressions.  They were, and so the included regression analyses 

reflect LPM regression coefficients. 

4 “College Attainment” in this study is defined, as “Have you attended college” by the 2003 

follow-up  It does not discriminate between types of colleges, and it does not indicate completion, and 

therefore likely leads to higher rates of attainment than would be found in a more specifically worded 

question.   
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showed statistically significant negative coefficients on the same categories (male, 

black, hisp), with male high school graduates being 9.8 percentage points less likely to 

attend college than female high school graduates, controlling for race and ethnicity.   

Controlling for family background factors such as household income and 

parents’ education (table 2, model 1B) greatly diminishes the coefficients and 

eliminates the statistical significance of the black and Hispanic variables, but the 

coefficient on ‘male’ is maintained, and even strengthened (from -9.8 percentage 

points to -10.8).   This finding suggests that while much of the race/ethnicity effects 

can be at least partially explained by factors such as income, family structure and 

parental education, the gender gap is not explained by those factors.   

Adding high school grades (table 2, model 1C1) to the equation diminishes the 

coefficient on male from -.1083 to -.0667.   This finding indicates a strong correlation 

between academic performance in high school and future college decisions, as well as-  

indicates that a portion of the gender gap can be explained by differences in high 

school performance.  The addition of the high school grades variable strengthens the 

overall explanatory power of the model, as the adjusted R-square value indicates that 

the model explains 15.9 percent of the variation in college attainment.  (The statistical 

power of the model is also increased, with a strong F-value of 57.91).   
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My next step was to add the set of variables that approximated Brian Jacob’s 

variables for “non-cognitive skills.”5  The variables added to this model were intended 

to measure effort.  These included: whether a student had repeated one or more grades 

prior to high school; whether the student had been suspended from school; average 

number of weekdays spent doing homework in eighth grade; and eighth grade 

performance (on the theory that pre-high school grades are indicative of effort as much 

as academic prowess).6   

Adding non-cognitive skills into the equation explains almost half of the gender 

gap in the previous model (from -.064 to -.037).  This result suggests that “effort,”7 or 

at least pre-high school performance, is a strong determinant of college attainment and 

 

5 In order to include these non-cognitive skill variables, it was necessary to restrict sample to 

the third, fourth, and fifth cohorts of the survey, as those were the respondents for whom the middle 

school behavioral information was available.  Before adding in the non-cognitive variables, I ran a 

model similar to the previous model (shown in table 2, model 1C2) – this model was largely consistent 

with that of the larger sample, though it did indicate slightly higher impacts of high school grades, as 

well as mother’s education levels, on the probability of college attainment.  It also contained a higher R-

squared value (.1894, compared to .1591).  Most importantly, the coefficient of male in the shorter 

sample (column 4, -0.667) is very similar to that in the third column (column 3, -0.643).   

6 As in Jacob’s model, there is a degree of collinearity with academic performance; this finding 

is not surprising, as achievement is likely a combination of cognitive and non-cognitive skills, which are 

likely to be positively correlated with each other. 
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that a portion of the gender gap can be predicted by pre-high school indicators.  

Among the variables themselves, repeating a grade (or more than one grade) and 

performance in eighth grade were the strongest determinants of college attainment.  

Adding these variables into the equation, however, reduces the coefficient on high 

school grades from .1676 to .0955, suggesting a high degree of collinearity between 

grades and grade retention in middle school and academic performance in high school.  

Overall, this model explains .2333 of the variation in college attainment, but 

controlling for all of the above factors, one-third of the initial gender gap is still 

unexplained.8

 

7 As distinct from “cognitive ability” 

8 In adding non-cognitive skills to the model, these variables seemed to absorb the impact (and 

statistical significance) of father’s education as a predictor of college attendance.  This might suggest a 

relationship between a father’s role and role modeling on the behavior and disciplinary characteristics of 

children.   

 



 

21 

Table 2: Regressing College Attainment among High School Graduates in NLSY97 
Dependent Variable: “Has Attended College” 

 1A: All 
HS Grads 

1B: All 
HS Grads  

1C1: All 
HS Grads 

1C2: 
Cohort  
3-5 

1D: 
Cohorts 
3-5 

Intercept  .8247**  .5111**  .1212**  .0612 -.0202 
Male -.0980** -.1083** -.0655** -.0643** -.0364** 
Black  -.1146** -.0122  .0230+  .0234 -.0531** 
Hispanic -.1065**  .0029  .0220  .0297  .0344+ 
Mixed Race  .0127  .0475  .0613  .0619  .0975 
Below pov line  -.0759** -.0697** -.0649** -.0607** 
1-2x pov line  -.1065** -.0884** -.0835** -.0733** 
2-3x pov line   -.0759** -.0641** -.0635** -.0550* 
3-4x pov line  -.0252 -.0218 -.0096 -.0145 
Father figure   .0530 -.0346+  .0528* -.0408+ 
Mother figure  -.0051 -.0037 -.0267  .0017 
Bio fath   .0855**  .0699**  .1061**  .0926** 
Bio moth   .0580**  .0617**  .0698*  .0926** 
Father hs grad  -.0011 -.0028 -.0188 -.0247 
Father some col   .0659**  .0484**  .0242  .0132 
Father col grad   .1065**  .0751**  .0625*  .0401 
Father grad sch   .1177**  .0740**  .0675*  .0405 
Mother hs grad   .0642**  .0609**  .0744**  .0704** 
Mother some col    .1554**  .1463**  .1705**  .1573** 
Mother col grad   .2138**  .1952**  .2341**  .2043** 
Mother grad sch   .2458**   .2182**  .2370**  .2054** 
Age Cohorts  Included Included Included Included 
HS GPA (of 4.0)     .0079**  .1686** .0956** 
Rpt 1 grade     -.1780** 
Rpt 2+ grades     -.2870* 
Ever Suspended?     -.0744** 
Avg Days 
Homework (in 
Middle School) 

     .0088* 

Grade 8 GPA      .0960** 
    

N 6354 6348 6354 3722 3650 
Missing 0 6 0 22 94 
Adj. R2 .0257 .1118 .1591 .1894 .2333 
F-value 42.90 40.96 57.91 42.39 43.70 

1. Dependent variable is probability of attending college. 
2. * indicates statistically significant at the 5% level;   ** indicates statistical significance at the 
1% level.   
3. Omitted categories: for race, baseline is “non-black, non-Hispanic”; for mother’s education 
and father’s education, baseline is “less than high school completion”; for household income, 
baseline is 4 or more times the poverty line;  for family, baseline is no father figure or mother 
figure; for grade retention and suspension, baseline is zero; for gender, baseline is female.  

Separate Models by Gender and Race/Ethnicity  
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The next set of models seeks to identify whether different factors (including 

family background, academic performance and non-cognitive skills) impact students 

differently across race/ethnicity or gender categories.   

The first set of models divided the sample into categories of race/ethnicity 

(table 3, col 2A, 2B and 2C).  Including family background and high school 

achievement, the gender gap is largest for black respondents, with a coefficient of -

.1147 on ‘male,’ compared to -.0808 for Hispanic respondents, and -.0435 for non-

black, non-Hispanic respondents.  High school grades are a stronger indicator of 

attainment for black (.140) and non-black non-Hispanic (.171) students than they are 

for Hispanic students (.100).  Mother’s education levels are also a very high predictor 

of attainment for black students (student whose mothers are college graduates are .340 

more likely to attend college than those whose mothers did not graduate high school, 

and .225 more likely than those whose mothers graduated high school but did not go to 

college.  For Hispanic students, living with a biological father is correlated with a .135 

higher likelihood of college attainment, much higher than the coefficients for black 

(.032) and non-black non-Hispanic students).  The varying coefficients on these 

variables between the different race and ethnicity groups may be in some part due to 

variability in other factors (income, etc.) among the race/ethnic groups.   

Restricting the sample to cohorts 3-5, non-cognitive skills are added to the 

models (table 3, col 3A, 3B and 3C).  For each race/ethnicity category, this cuts the 
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gender gap by approximately half.  Middle school performance and “non-cognitive 

skills” seem to have the largest impact among black students, and consequently, high 

school grades drop the “male” effect from a .115 coefficient for black students to a 

.061 coefficient.  Conversely, the model for Hispanic students shows a larger 

coefficient on high school grades when non-cognitive factors are controlled for.  For 

black students, middle school grades and behavior strong predict future academic 

outcomes, while Hispanic students’ college choices are more strongly correlated to 

high school performance.9 10  

 

 

 

9 One caveat is that the Hispanic models have lower explanatory and statistical power than the 

black and the non-black non-Hispanic models, like due mainly to smaller sample size.   

10 One should note that “repeated 2+ grades” is not significant in any of the regressions here, 

though the coefficients are often very large.  This result is due to the small number of respondents who 

repeated two or more grades but still graduated from high school (less than one half of one percent of 

high school graduates in the sample – see summary statistics in Appendix 1).   

 



 

24 

Table 3: College Attainment Separated by Race/Ethnicity  
Dependent Variable: “Has Attended College” 

 
 
 

2A: 
Black HS 
Grads 

3A: 
Black, 
coh. 3-5 

2B: Hisp 
HS Grads 

3B: Hisp 
coh. 3-5

2C: Non-
blk non-
hisp 

3C: non-
blk non-
hisp, coh 
3-5 

Intercept  .1833+  .1958  .2640*  .0637  .0790 -.1057 
Male -.1147** -.0606* -.0808** -.0502 -.0435** -.0253 
Family 
Background 
Factors 

Included Included Included Included Included Included 

Age Cohort Included Included Included Included Included Included 
HS GPA   .1397**  .0607*  .1078**  .0999*  .1706**  .1119** 
Rpt 1 grade  -.1771**  -.2005**  -.1474** 
Rpt 2+ grades  -.2596  -.1661  -.3268 
Ever 
Suspended? 

 -.0925**  -.0899*  -.0551** 

Avg. Days 
Homework (in 
Middle 
School) 

  .0071  -.0004   .0111* 

Grade 8 GPA 1050**  .0725*  .1026**   .  *  
       

N 1516  870 1245  716 3492 2027 
Missing    8   15    8   28   20   47 
Adj. R2 .1420 .2086 .0841 .1541 .2004 .2720 
F-valu  40.76 31.28 e 12.40 10.16 6.20 6.21

1. Dependent variable is probability of attending college 
2. * indicates statistically significant at the 5% level;  ** indicates statistical significance at the 
1% level.   
3. Omitted categories:  for race, baseline is “non-black, non-Hispanic”; for mother’s education 
and father’s education, baseline is “less than high school completion;” for household income, 
baseline is 4 or more times the poverty line;  for family structure, baseline is no father figure or 
mother figure; for grade retention and suspension, baseline is zero; for gender, baseline is 

male.  fe
 

The next step was separating the sample by gender in order to determine 

whether different factors impact boys and girls differently.  In the first pair of models 

(table 4, col 4A and 4B), controlling for race/ethnicity, family background, and high 

school grades, household income is more strongly correlated with college attainment 

for boys than for girls.  Living with a biological father is a much stronger determinant 

of attainment for girls (.0915, significant at .01 level) than for boys (.0441, not 
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significant at .05 level).  Conversely, mother’s education level has a stronger 

correlation to college attainment for boys than it does for girls.  These models 

demonstrate that boys’ college attainment is considerably more sensitive to high school 

grades than girls’ attainment.   that all else constant, a one standard deviation increase 

in grade point average correlates with an 11.3 percentage point increase in likelihood 

of college attainment for boys, while a one standard deviation increase for girls 

correlates with only a 9.2 percentage point increase in likelihood of attainment.       

Incorporating non-cognitive factors into the model, the impacts of household 

income largely disappear for both boys and girls.  When controlling for non-cognitive 

factors, living with a biological father is more strongly to college attainment for boys 

(.0881, roughly comparable with the .0901 for girls).  High school grades remain a 

stronger determinant for boys than for girls, while eighth grade performance is a 

slightly stronger determinant for girls than for boys.  Mothers’ education level is a 

stronger predictor of college attainment for boys than for girls, while father’s education 

level is a stronger determinant for girls than for boys—though both coefficients are 

lower than the corresponding coefficients on mother’s education level.11   

 
Table 4: Separate Models by Gender (with and without Non-Cognitive Skills) 

                                                                                                                                                                                                                                                                                                             

11The size and statistical significance of the coefficients of father’s education level seem to 

decline sharply when introducing  non-cognitive skills into the model.  This suggests a relationship 

between the impact of a father on behavioral and disciplinary factors, for both boys and girls.   
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Dependent Variable: “Has Attended College” 

 

 4A: Male HS 
grads 

4B: Male HS 
grads, coh 
3-5 

4C: Female 
HS grads 

4D: Female 
HS grads, 
coh. 3-5 

Intercept  .0326 -.0634  .1544** -.0195 
Black  -.0040  .0514*  .0459*  .0530* 
Hispanic  .0134  .0220  .0280  .0420+ 
Mixed Race  .1686*  .2170* -.0554 -.0156 
Family Background  Included Included Included Included 
Age Cohort Included  Included  Included Included 
H.S. Grades (of 
4.0)  

 .1660**  .1041**  .1370**  .0883** 

Rpt 1 grade  -.1888**  -.1648** 
Rpt 2+ grades  -.2651  -.3450 
Ever Suspended?  -.0744**  -.0690** 
Avg. Days Homework 
(in Middle School) 

  .0062   .0114+ 

Grade 8 GPA   .0931**   .0990** 
     

N 3060 1795 3256 1855 
Missing   21   41   17   53 
Adj. R2 .1680 .2415 .1476 .2179 
F-value 26.74 20.84 23.31 21.66 

1. Dependent variable is probability of attending college. 
2. * indicates statistically significant at the 5% level; ** indicates statistical significance at the 
1% level.   
3. Omitted categories:  for race, baseline is “non-black, non-Hispanic”; for mother’s education 
and father’s education, baseline is “less than high school completion”; for household income, 
baseline is 4 or more times the poverty line;  for family structure, baseline is no father figure or 
mother figure; for grade retention and suspension, baseline is zero; for gender, baseline is 
female.  
 

Lastly, I ran a set of regressions that divided the sample into black males, black 

females, Hispanic males, Hispanic females, non-black non-Hispanic males, and non-

black non-Hispanic females.  The primary purpose of running these regressions was to 

determine how—if at all—different factors impacted males and females across 

race/ethnicity categories.  In particular, I wanted to see whether black or Hispanic boys 

and girls are impacted differently by income, grades, and other family background 

factors.   
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Table 5: Regressions by Gender and Race Ethnicity  
Excluding Non-Cognitive Skill Variables) 

Dependent Variable: “Has Attended College” 
  5A: 

Black 
Males 

5B: 
Black 
Females 

5C: 
Hispanic 
Males 

5D: 
Hispanic 
Females 

5E: non-
black 
non-
Hispanic 
Males 

5F: non-
Black 
non-
Hispanic 
Males 

Intercept  .1974  .2690*  .0962  .3895**  .0006  .2020** 
< pov line -.1376* -.0960  .0061 -.1547* -.0550* -.0257 
1-2x pov line -.0912 -.0644  .0754 -.1815* -.1469** -.1195** 
2-3x pov line  -.0895  .0284 -.0211 -.1133 -.0890** -.0654* 
3-4x pov line  .0234  .0075  .0546 -.1336 -.0537 -.0047 
Father figure -.0229  .0575 -.1805* -.1699**  .0497 -.1265** 
Mother figure -.0913  .0585  .0638  .0432  .0076 -.0295 
Bio father  .0791  .0071  .1423*  .1206*  .0085  .1317** 
Bio mother  .0282 -.0334  .0662  .1592  .0806  .0611 
Fath hs grad -.1008 -.0618  .0771  .1988** -.0639*  .0479 
Fath some col -.0468  .0100  .1240  .1058  .0235  .0900** 
Fath col grad -.0112 -.0756  .0744  .2038*  .1025**  .0889** 
Fath grad sch  .0041 -.0127  .1550  .1469  .0666  .0873* 
Moth hs grad  .1852**  .0592 -.0086 -.0068  .0487  .0666* 
Moth some col  .2564**  .2119**  .1027  .0114  .1396**  .1243** 
Moth col grad  .3931**  .2994**  .1470  .1130  .1679**  .1351** 
Moth grad sch  .3937**  .3006**  .3578**  .0632  .1990**  .1681** 
HS GPA   .1439**  .1291**  .1283**  .0885**  .1840**  .1521** 

     
N 672 844 596 649 1758 1734 
Missing 4 4 5 3 11 9 
Adj. R2 .1071 .1181 .0710 .0811 .2087 .1795 
F-value 5.73 7.64 3.67 4.36 28.25 23.30 

1. Dependent variable is probability of attending college. 
2. * indicates statistically significant at the 5% level; ** indicates statistical significance at the 
1% level.   
3. Omitted categories:  for race, baseline is “non-black, non-Hispanic”; for mother’s education 
and father’s education, baseline is “less than high school completion”;  for household income, 
baseline is 4 or more times the poverty line;  for family structure, baseline is no father figure or 
mother figure; for grade retention and suspension, baseline is zero; for gender, baseline is 
female; for high school and middle school GPA, baseline is 0.0.  
 

The black and Hispanic models for both genders have small R-squared values 

(though the F-value of each of these models remains statistically significant) – this 

result is likely due to combination the smaller sample size and large number of 
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variables.  In the set of models that did not include non-cognitive skills, one of the 

statistically significant indicators of college attainment was mother’s education, which 

had a very strong positive correlation for black males, strong for black females, and 

somewhat less strong for non-black non-Hispanic females.  Coefficients on mother’s 

education levels, as well as high school grades, are considerably smaller for Hispanic 

males and females than for both genders in the other race/ethnicity categories.   
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Table 6: Regressions by Gender and Race/Ethnicity 
Including Non-Cognitive Skills 

Dependent Variable: “Has Attended College” 
 6A: Black 

Males 
6B: Black 
Females 

6C: 
Hispanic 
Males 

6D: 
Hispanic 
Females 

6E: non-
black 
non-
Hispanic 
Males 

6F: non-
Black 
non-
Hispanic 
Females 

Intercept  .2766  .2054 -.0305  .1120 -.1871  .0157 

< pov line -.1053 -.0992  .0728 -.1929* -.0471 -.0075 

1-2x pov line -.0119 -.0699  .0815 -.2109* -.1138* -.1051** 

2-3x pov line  -.0698  .0473  .0033 -.1103 -.0585 -.0917** 

3-4x pov line  .1292  .0277  .2835* -.1931 -.0930*  .0129 

Father figure -.0706  .0924 -.1641 -.2415**  .0442 -.1634** 

Mother figure -.1779  .0344  .0399  .2682  .0411 -.0097 

Bio father  .1285  .0128  .1649*  .1499*  .0738*  .1372** 

Bio mother -.0413 -.0775  .0646  .0965  .1082  .0440 

Fath hs grad -.0139 -.1113  -.0756  .1884** -.0988*  .0280 

Fath some col  .0047 -.0483  .1290  .1241 -.0790  .0677 

Fath col grad  .1003 -.1128  .0646  .0785 -.0003  .0954* 

Fath grad sch  .0675 -.0938  .1146  .1544 -.0153  .0792 

Moth hs grad  .1856**  .0735  .0703  .0079  .0351  .0839* 

Moth some col  .2990**  .2281**  .0736  .0241  .1195**  .1499** 

Moth col grad  .4464**  .2765**  .1819  .1445  .1825**  .1204** 

Moth grad sch  .2494  .2055**  .3983*  .1490  .1763**  .1506** 

HS GPA   .0635  .0579  .0869  .0937*  .1312**  .0944** 
Rpt 1 grade -.1750* -.1637* -.2511** -.1151 -.1349** -.1454** 
Rpt 2+ grades -.0864 -.5379 Omitted Omitted -.2805 Omitted 
Suspended? -.0855 -.1068* -.0869 -.1155 -.0731** -.0169 
Days Homework 
(Mid School) 

 .0037  .0071 -.0115  .0132  .0129  .0113 

Grade 8 GPA  .0969**  .1117** .0992**  .0457  .0908**  .1087** 

      

N 401 469 339 377 1037 990 
Missing 6 9 10 18 23 24 
Adj. R2 .1571 .2060 .1439 .1536 .2724 .2543 
F-value 4.39 6.52 3.71 4.25 18.63 17.06 

1. Dependent variable is probability of attending college 
2. * indicates statistically significant at the 5% level;   ** indicates statistical significance at the 
1% level.   
3. Omitted categories:  for race, baseline is “non-black, non-Hispanic”; for mother’s education 
and father’s education, baseline is “less than high school completion;”  for household income, 
baseline is 4 or more times the poverty line;  for family structure, baseline is no father figure or 
mother figure; for grade retention and suspension, baseline is zero; for gender, baseline is 
female.  
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When adding in non-cognitive skills, high school grades are no longer 

statistically significant at the .01 and .05 levels for black males and females and 

Hispanic males, while eighth grad grades become a much stronger indicators.  For 

Hispanic females, conversely, high school grades are still a significant indicator (with a 

coefficient of .094) for Hispanic females, while eighth grade performance does not 

show a large impact.  Despite the smaller sample sizes, all six models retain statistical 

significance, and r-squared levels are in the .15 to .25 levels.   

 

College Attainment and Potential Time Effects 
 

One additional set of models that I ran were intended to determine whether 

there is a time-lag effect on the gender gap for college attainment.  The models regress 

a series of college attainment variables (by age 19, 20, 21, 22, and 23).   The models do 

seem to indicate a time lag of sorts.  The coefficient on ‘male’ drops from -.0648 on 

“college by 19” to -.0467 at 20, -.0420 at 21, and -.0207 by 22.  The gap increases, 

however, on “college by 23”, to -.0587.   

Several potential explanations can be posited for this phenomenon.  Leaving 

the “college by 23” model out of the analysis, the data seems to show that male 

students do enter college at a slightly later age than their female counterparts, reducing 

some of the gap that is strong at age 19.  One possibility exists that male students are 
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more likely to start school later, or to be retained in early grades, which would seem to 

support Goldin et al’s theory on the faster cognitive development of girls.  A third 

explanation is that young men are more likely to take a year off between high school 

and college than young women.   

Table 7: Regressing College Attainment by Certain Age on Explanatory Factors 
Dependent Variable: “Has Attended College” by Age Noted in Model 
 7A: 

College by 
Age 19 

7B: 
College by 
Age 20 

7C: 
College by 
Age 21 

7D: 
College by 
Age 22 

7E: 
College by 
Age 23 

Intercept    .2098**   .2910**   .6858**   .5187**   .8637** 
Male   -.0648**  -.0467**  -.0420**  -.0207  -.0587** 
Black     .0162   .1198   .0169   .0335   .0198 
Hispanic    .0085   .0220   .0080   .0137   .0039 
Mixed Race    .0750   .0655   .0812   .0134   .1208 
H.S. Grades     .1371**   .1232**   .0601**   .0881**   .0115* 

    
N 6316 5149 3514 2594 1331 
Missing 38 1205 2840 3760 5023 
Adj. R2 .1375 .1178 .0586 .0627 .0333 
F-value 48.95 33.75 11.41 9.25 3.18 

1. Dependent variable is probability of attending college by the age indicated in the model 
2. * indicates statistically significant at the 5% level;   ** indicates statistical significance at the 
1% level.   
3. Omitted categories:  for race, baseline is “non-black, non-Hispanic”; for mother’s education 
and father’s education, baseline is “less than high school completion;”  for household income, 
baseline is 4 or more times the poverty line;  for family structure, baseline is no father figure or 
mother figure; for grade retention and suspension, baseline is zero; for gender, baseline is 
female.  
 

As the regressions in table 7 use a mix of age cohorts, I ran an additional set of 

regressions that analyze college attainment by both cohort and age.  This regression 

allows for comparison both within and across cohorts to determine whether (and how 

much of) the diminishment of the gender gap is due to aging of a cohort, as opposed to 

a year-by-year change in the larger population.  The coefficients on male are indicated 

in table 8, which illustrates that for each cohort, the gap decreased with age.  Table 
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8also indicates some variability between cohorts in terms of college attainment by 

gender, but those results are somewhat less conclusive.   

Table 8: Coefficient on Male across Cohorts 
Dependent Variable: “Has Attended College” by Age Noted in Model 
 College 

by 19 
College 
by 20 

College 
by 21 

 College 
by 22 

College 
by 23 

Cohort 1 -.0337 -.0294 -.0312 -.0443+ -.0181+ 
Cohort 2 -.1069** -.0821** -.0760** -.0125  
Cohort 3 -.0730** -.0643** -.0224*   
Cohort 4 -.0854** -.0006    
Cohort 5 -.0337     
Combined Sample -.0648** -.0467** -.0365** -.0207 -.0181+ 

1. * indicates statistically significant at the 5% level;   ** indicates statistical significance  
at the 1% level.   
 

 

Relevance to Previous Literature 
 

Contrary to my initial hypotheses, my results present considerably more 

support than challenge to the theories of Jacob and of Goldin et al.    

Brian Jacob found a 5-7 percentage point gap in college attainment for men and 

women, even after controlling for family background and high school achievement in 

the NELS88.  After adding in his non-cognitive variables, that gap drops by almost 

three percentage points.  Similarly, my data demonstrates a drop in the gender gap 

from approximately 6.5 percentage points to 3.5 percentage points. While I did not 

have access to the same range of variables (due to differences in the datasets, and the 
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limited time horizon of the NLSY97), my findings regarding cognitive and non-

cognitive variables were consistent with those of Jacob.   

Similarly, my regression results of college attainment by age seem to indicate 

support for the theory of Goldin et al, that some of the remaining gender gap can be 

explained by the cognitive development of girls occurring at a slightly faster pace than 

boys.  The authors argue that the reversal of the gap (and its subsequent higher college 

rates for girls) can be explained away by the theory that girls are one to two years 

ahead of boys in cognitive development.   

 

While my research does not directly support this theory, several of my findings 

give some credence to the line of argument.  First, girls perform at a higher in both 

middle school and high school, even among a sample of just high school graduates.  

Additionally, the gap in college attainment between girls and boys appears to diminish 

with age, suggesting that as boys “catch up” with girls cognitively, they also catch up 

in college readiness and attainment.   
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Limitations of the Dataset and Directions for Future Research 
 

There are several limitations to the data available to me in the NLSY97 that 

prevented me from exploring this question to a fuller extent.  Some of those limitations 

are due to the design of the survey itself, while other data might be available in the 

geocode version of the Survey (which in my initial read of the dataset and creation of a 

methodology, I did not think that I would necessarily need.   

One structural issue that limited my analyzing is the current truncated time 

horizon of the dataset.  As the survey matures and more follow-ups become available, 

this survey will allow for analysis of college attainment—and completion—up to later 

ages, which will provide a richer and fuller assessment of the data. 

My study was also limited due to a lack of specificity regarding colleges, 

including data on types and selectivity of colleges and universities.  Because of the 

way that the “college” variable was constructed for these types of programs, a “yes” 

response includes any student who has enrolled in any type of college program.  This 

situation led to higher—but less precise—coefficients on the college variables.  Part of 

this limitation was due to lack of geocode access, while other parts were due to the lack 

of time to delve more deeply into the survey code in the course of the thesis process.  

This study would have also been strengthened by including state identification.  

While obtaining geocode data for the NLSY was not an apparent necessity at the outset 
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of the study, there were several ways in which state identification would have been 

helpful.  The most important advantage would be the ability to add state-by-state 

college wage premiums in the model for both men and women, in order to determine 

the influence—if any—of these economic incentives on college attainment.  This 

question provides an intriguing area for further study.   

Future research in this area should also examine more closely the early 

indicators of the gender gap.  One interesting area for study is further exploration of 

Goldin, Katz, et al’s theory on the different rates of cognitive development.  One 

potential area for research could measure the achievement levels of boys and girls who 

are held back by a year or more in their initial entry to schooling.   
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Chapter 5.  Conclusions 

 

This study demonstrated that much of the college attainment gender gap can be 

accounted for by cognitive and non-cognitive factors present well before the college 

decision is made.  The fact that much of the gap is correlated to cognitive and non-

cognitive factors, however, indicates that interventions for college readiness and 

college attainment must be targeted at early years than simply junior and senior year of 

high school.   

Even when accounting for a wide range of family background characteristics—

as well as indicators of cognitive and non-cognitive ability—a gender gap persisted.  

Future research should aim to find an appropriate explanation for the persistent gap.  

This research would do well to focus in the pre-adolescent and adolescent years, but 

promising interventions may also be targeted at improving boys’ outcomes in the early 

schooling years.   

Lastly, the appearance of a closing of the gender gap in the post-high school 

years offers perhaps a promising opportunity for promoting college attainment among 

young men who are 1-3 years out of high school.   
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Appendix 1 – Summary Statistics 

Summary Statistics of the NLSY97 Sample
  High School Graduates Variable All 

Respondents All Male Female 
  6354 3081 3273 

Male  .5119  .4849 N/A N/A 
Black  .2599  .2398  .2194  .2591 
Hispanic   .2116  .1972  .1951  .1992 
Mixed Race  .0092  .0102  .0114  .0092 
Non-Black, Non-Hispanic  .5193  .5527  .5742  .5325 
Below Poverty Line  .4390  .3887  .3739  .4027 
1-2x Poverty Line  .1549  .1462  .1396  .1525 
2-3x Poverty Line  .1434  .1538  .1616  .1463 
3-4x Poverty Line  .1071  .1239  .1286  .1195 
> 4x Poverty Line  .1555  .1874  .1964  .1790 
Lives w/ Father Figure  .7183  .7609  .7797  .7431 
Lives w/ Biological 
Father 

 .5679  .6196  .6508  .5903 

Lives w/ Mother Figure  .9594  .9683  .9678  .9688 
Lives w/ Biological 
Mother 

 .8792  .9013  .9033  .8995 

Parents’ Highest Level 
Completed 

       

Father – H.S. Graduate  .2133  .2265  .2295  .2236 
Father – Some College  .1368  .1531  .1587  .1479 
Father – College Graduate  .0868  .1072  .1123  .1023 
Father – Some Grad School  .0686  .0858  .0938  .0782 
Mother – H.S. Graduate  .3195  .3200  .3220  .3181 
Mother – Some College  .2099  .2329  .2278  .2377 
Mother – College Graduate  .1004  .1234  .1308  .1164 
Mother – Some Grad School  .0602  .0759  .0824  .0697 
Graduated High School  .7073  N/A  N/A  N/A 
High School Grades (of 
4.0) 

2.7833 
(.800) 

 2.9765 
(.6980) 

2.8472 
(.698) 

3.0980 
(.6756) 

Eighth Grade Grades (of 
4.0) 

2.7901 
(.859) 

2.9697 
(.7886) 

2.8350 
(.804) 

3.0966 
(.7516) 

Repeated a grade pre-H.S.  .1321  .0907  .1041  .0779 
Repeated 2+ grades pre-
H.S. 

 .0153 .0048  .0071  .0027 

Ever Suspended, pre-H.S.  .3930 .3059  .3836  .2328 
Avg. Days Spent on 
Homework (in Middle 
School) 

 3.3922 
(1.65) 

 3.5423 
(1.562) 

 3.3927 
(1.588) 

3.6865 
(.7516) 

Attended College  .5588 .7288 .6809  .7739 

Listed values are means for each variable.  Where applicable (in non-binary 
variables), standard deviations are listed in parentheses.   
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