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Abstract

Educational policymakers have overwhelmingly focused their attention on policies that 

affect in-school factors, like class size, school inputs and teacher accountability. As a 

consequence of this behavior little attention has been given to policies that may influence 

educational outcomes through out-of-school factors. The main purpose of this research 

paper is to recognize the positive effect that sound housing policy may have on 

educational outcomes. By using a unique social survey from Chile, this research paper is 

able to estimate the effect housing subsidies have on years of schooling, as well as on the 

probability of dropping out of high school and be held back in school. The methodology 

employed in this study uses a sample of individuals from households that are applying for 

a housing subsidy plus those from families that have recently received one. The 

underlying assumption is that the only significant difference across both groups is caused 

by the housing subsidy itself, namely through better housing quality, lower levels of 

overcrowding and tenure of dwelling. The study finds that students from families that 

have received a housing subsidy complete more years of schooling, are less likely to be 

held back or dropout of high school. These effects are larger for families in the bottom 

end of the income distribution suggesting that housing programs that target the most 

vulnerable groups may have stronger positive effects.
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Executive Summary

Over the last five decades, poverty reduction policies have focused overwhelmingly 

on education and health. Social scientists from every field have stressed the fact that one 

main avenue to reduce household poverty level is through improving individuals’ human 

capital level. As a consequence of the growing concern about health and education, 

governments, donors and international organizations have invested billions in programs 

aiming to increase access and improve the quality of education and health services. Many 

of these programs have financed construction of new schools and primary health centers, 

provided students with books, uniforms and other school materials, and improved the 

human capital of teachers and health personnel. Some of these actions have certainly 

managed to produce the desired outcomes; others –unfortunately– have only brought 

business as usual. The main purpose of this research is not to downplay the importance of 

these two important developmental topics, but rather bring out the positive role that 

housing policy can play in improving educational outcomes and, more generally, the well 

being of impoverished families.

Due to scarce public resources, investments made in housing are usually seen as 

competing with expenditures made in health and education. The present research paper 

will argue that such competition and/or conceptual distinction is misleading. Resources 

invested in sound housing programs do not only have an immediate effect on the living 

conditions of families, but can also have a positive effect on other outcomes such as 

years of schooling, wages and high school completion.
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In order to support the claim that housing policies can have a significant effect on 

educational outcomes, this research paper will use data from three rounds (1998, 2000 & 

2003) of a social survey applied to households in Chile (CASEN). This survey includes 

sections on housing, education, health, employment and earnings, and therefore provides 

a rich nationally representative cross-sectional sample of households.

The methodology employed in this research paper is based on a comparison of

outcomes between two different population groups: on the one hand, families 

(households) that have received a housing subsidy with those that, on the other hand, are 

registered and have applied for a housing subsidy but have not yet received it. Subsidies 

are assigned using a scoring mechanism that weights socioeconomic characteristics of 

applicants and seniority (length of time registered for benefit). The main assumption 

behind the methodology employed in this study is that recipient families are not 

significantly different from non-recipients.

Using the aforementioned data set and methodology I find that individuals age 25 

years old or less, from families that have received a housing subsidy complete more 

years of schooling, are less likely to be held back or dropout from high school than those 

from families that despite being registered for a benefit have not receive one yet. These 

effects tend to be even larger for families in the bottom end of the income distribution 

suggesting that housing programs that target the most vulnerable groups can achieve 

greater impact. 

Additionally, this research paper also explores the consequences on other variables 

like wages and the likelihood of unemployment. In general, individuals who received a 
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housing subsidy experience an immediate increase in wages that tends to persist 

overtime; however, no significant effects were found in the likelihood of being 

unemployed.

The remainder of this paper is organized in five chapters. The first chapter will 

present the basic theoretical basis that will frame this issue and discuss the available 

empirical evidence. The second chapter will briefly describe the history and main 

characteristics of the Chilean Housing Policy. The third chapter will describe the 

methodology employed in this research paper, the main underlying assumptions as well 

as its strengths and weaknesses. The fourth chapter will present the main findings and 

empirical results. Finally, the fifth section will provide some concluding thoughts and 

challenges for future research.

A. Theoretical framework and available empirical evidence

Figure Nº1 taken from Bratt (2002) provides a useful way to think through the 

possible ways housing can affect family well being. The figure presents three main 

transmission mechanisms:

1. Through the physical attributes of dwelling and availability of housing (good quality 

housing)

2. Through characteristics associated with the nature of occupancy (tenure and 

affordability)
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3. Through the effect that housing has on neighborhoods’ quality (availability of good 

public services versus ghetto neighborhoods)

Figure 1: Relationship between housing and family well being.

Source: Bratt, R., 2002. Housing and Family well-being page 15.

This chapter will briefly describe each one of these transmission channels and 

present the available empirical literature. Following the review of this three transmission

mechanisms, this literature survey will conclude by presenting empirical evidence 

regarding the effect that participating in public housing may have on family well being. 

1. The effect through dwelling’s physical attributes

Public health scholars and social scientists have found that physical attributes and 

availability of housing have important effects on health outcomes. Marsh et al. (2000), 

using longitudinal data find that “experience of both current and past poor housing is 

significantly associated with greater likelihood of ill health.”1 Matte and Jacobs (2000) 

                                                
1 Marsh et al. (2002) page 411.

Family 
well being

Physical attributes and availability of housing
good quality and safety;
housing, not homelessness

Relationship of housing to occupant
not overcrowded, affordable;
opportunities to create positive 
  sense of self and empowerment;
stable, secure;
tenure options

Neighborhood conditions
good quality and safety;
accessibility of housing to employment
  and education;
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suggest that because low income and health are related, poor health associated with 

dwelling quality, may not be caused by housing itself but because families are in fact 

poor. However, they argue that provision of safe drinking water, proper sewage, facilities 

for safe food preparation and absence of overcrowding are amenities and conditions that 

promote health. Moreover, they contend that although the primarily link is between 

housing attributes and health, there is also a clear link between health and the educational 

performance of children. Children that spend rainy seasons in inappropriate shelter have 

a higher likelihood of school absenteeism and risk of grade repetition. Diseases like 

influenza, pneumonia, hepatitis and typhus are more likely in dwellings with inadequate 

isolation, sewage system and cooking amenities. Similarly, overcrowding increases 

chances of catching an infectious disease.

2. The effect through occupancy conditions

A second transmission channel comes from the relationship between the occupants 

and the dwelling: Is the dwelling owned by the occupants? Is the mortgage or rent 

affordable? Is the dwelling appropriate for the family size? Although there has been 

considerably more empirical research on the link between dwelling quality and health 

outcomes, there has recently been extensive research on the effect that home-ownership 

status may have on several social and educational outcomes.

Boehm and Schlotmann (1999) and Haurin, Parcel and Haurin (2002) find that 

higher home-ownership rates lead to improvements in child cognitive and behavioral 

outcomes. This evidence is also supported by Harkness and Newman (2003) who found 

that home-ownership has a positive effect on years of schooling, on the chance of high 
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school completion, on having some college education and a negative effect on the 

probability of being a welfare recipient.

Aside from its impact on educational outcomes, scholars have found that home-

ownership has a significant positive effect on other variables. Dietz and Haurin (2002) 

list the possible consequences that higher levels of home-ownership can have on social 

and economic outcomes: (a) relative good home maintenance and (b) increased interest 

in neighborhood-level public goods provision (security and education) and amenities. 

They predict that higher home-ownership rates should lead to higher participation in 

local political activities and organizations, relatively higher voting turnout, participation 

in neighborhood crime-watch groups, local school parent-teacher associations and other 

local volunteer actions.

Rohe and Stewart (1996) find that increased stability due to home-ownership, leads 

to more “patient” investment in building social networks and engaging in other local 

activities. Di Pasquale and Glaeser (1999) find that home-owners have better civic 

virtues. Glaeser and Sacerdote (1999) find that increased home-ownership rates in 

metropolitan areas reduce prevalence of some types of crime. Ioannides (2002) finds 

evidence to support the hypothesis that home-ownership is strongly related to home 

maintenance and therefore to both dwelling and neighborhood quality. In summary, 

home-ownership does seem to have a direct effect on educational outcomes and in 

neighborhood characteristics, which introduces the third transmission mechanism.
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3. The effect through neighborhood characteristics

A comprehensive review of both theoretical and empirical research on 

neighborhoods effects can be found in Dietz (2002), Ellen and Turner (1997), Haveman 

and Wolfe (1995) and the classic paper by Jencks and Mayer (1990).2 Empirical studies 

vary in methodology, exhaustiveness and statistical robustness. The main challenge in 

studying neighborhoods is to determine true causality. The fact that families choose the 

neighborhood in which they settle, or what is technically referred as population sorting, 

raises questions about the internal validity of non experimental studies.

In one of the first empirical studies done on neighborhood effects, Datcher (1982) 

finds that community affluence, measured by the community’s average income, is an 

important determinant of earnings and years of schooling for males ages 23-32. Case and 

Katz (1991) examine the effects of family background and neighborhood peers on the 

behavior of inner-city youths in low-income Boston neighborhoods. They find that peer 

effects takes place in regards to drug and alcohol use, church attendance, being out of 

school and unemployed. Crane (1991) finds that after controlling for individual 

characteristics, youth across gender and racial subgroups that are living in the worst 

neighborhoods of large cities, experience a sharp increase in the probability of dropping 

out of school and having a child. The main problem of all these studies is that they don’t 

control for endogeneity caused by population sorting.

                                                
2 Duncan (1994) also provides a brief summary of the theoretical and empirical evidence. Jencks and 
Mayer (1990) was the first attempt to summarize the available evidence. The papers by Dietz (2002), Ellen 
and Turner (1997) and Haveman et al. (1995) offer an excellent review of both the theory and empirical 
evidence. For obvious reason the more recent publications offer a more updated review.
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More recent research has used data from HUD’s Moving to Opportunity (MTO) 

housing program to study neighborhood effects.3 The advantage of evaluating this 

program lies on the randomized nature of this housing program. Kling, Ludwig and Katz 

(2005) use data on all five cities where MTO has been implemented (Baltimore, Boston, 

Chicago, Los Angeles and New York) and find that moving to a lower-poverty, lower-

crime neighborhood produces effects that vary across gender and are not constant over 

time. Through the first two years after random assignment, both male and female youth 

in the experimental group experience fewer violent-crime arrests compared to the control 

group. Females in the experimental group were arrested less often for other crimes as 

well. However, several years after the random assignment has took place, female 

beneficial effects persist while property crimes becomes significantly more common 

amongst males in the experimental group than in those belonging to the control group.

It is not easy to reconcile all the available evidence regarding neighborhood effects;

however, the general agreement among social scientist seems to be that family and 

individual background characteristics play a stronger and more significant role than do 

neighborhood characteristics.

In summary, available empirical evidence seems to suggest that improvements in 

housing conditions can have a positive effect in family well being. For the most part, 

dwelling’s quality (amenities) and home-ownership status (tenure) seem to be the main 

                                                
3 A study with similar underlying characteristics called Gautraux program in Chicago has been another 
source of quasi randomized experiment on neighborhood. Rusenbaum (1995) and Rubinowitz et al. (2000) 
provide empirical evaluations of such a program.
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channels by which these positive effects take place. There is less of an agreement as

whether some of these benefits operate through changes in neighborhood characteristics. 

These findings lead to the obvious question about whether sound housing policy can help 

families improve their well being. Contributing to resolving this question is the main 

purpose of this study. The following section of this chapter will present the findings of 

scholars that have already study this issue in the context of US housing policy.

4. Do housing programs improve family well being?

An empirical answer to this question poses significant challenges. The main one 

comes from the fact that families that participate in public housing get selected to 

participate precisely because they have low income, lower levels of education or a higher 

chance to be in welfare. This problem –usually referred as reverse causality caused by 

self-selection bias– is the main challenge for studies that try to asses the impact of public 

housing. 

Currie and Yelowitz (2000) examine the effect of public housing participation on 

housing quality and educational attainment. They use a two stages least square estimation 

to solve the issue of reverse causality. The authors find that children living in public 

housing projects are less likely to be held back in school and households are less likely to 

suffer from overcrowding or live in high density complexes. Currie and Yelowitz argue 

that their findings run counter to the conventional stereotype that public housing projects 

actually hurt children. Although the findings cannot be extended to all housing projects, 

the authors make the case that if there are any negative effects, they are more likely 

stemming from the neighborhood and not from the housing development itself.
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Similarly, Newman and Harkness (1999) find that “contrary to expectations, public 

housing does not have detrimental effects on the long-term self-sufficiency outcomes of 

youth. While, on average, children who spend some time in public housing have worse 

outcomes than unassisted children who are income-eligible for housing assistance, these 

worse outcomes are due to differences in family background, not housing assistance.”4 A 

follow up study by the same authors published in 2000, benefits from the use of 

instrumental variables and 2SLS to replicate the 1999 study which employed OLS and 

PROBIT estimation models. Consistent with Currie and Yelowitz’s empirical findings, 

Newman and Harkness (2000) find that it is neighborhood poverty rates and not 

participating in assisted housing what has a negative effect on educational attainment. 

The main difference between both empirical studies is that, unlike Currie et al., Newman 

and Harkness do not find that participation in public housing project has a significant 

positive effect on children educational attainment.

These three studies look at affordable housing policies in the US, which relies

absolutely on subsidized rental units. This point is important in light of the previously 

describe channels by which potential benefits might reach families. If home-ownership 

(tenure), as suggested by the available empirical evidence, is an important transmission 

mechanism, then it is likely that the benefits found by Currie et al. and Newman et al. 

could be larger if affordable housing policy was built on the idea of home-ownership.

                                                
4 Newman and Harkness (1999) page ii on Executive Summary.
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Part of the additional value of this study comes precisely from the different nature 

of the Chilean affordable housing policy which is completely based on the notion of 

home-ownership. If home-ownership is likely to be an important transmission 

mechanism, then –in theory– the impact of housing programs in Chile should also be 

positive. The following section will briefly outline the main features of the Chilean 

affordable housing programs.

B. Chilean Affordable Housing Policy

For the past 30 years, affordable housing policy in Chile has been built almost 

entirely around the concept of home-ownership. In Chile, there are no government 

administered subsidized rental units, nor an equivalent of the U.S. Section 8 voucher 

program. In the early 1970´s, affordable housing was assumed to be entirely a 

government responsibility. The central government designed, built, financed and sold 

units to the public. By design, this model allowed the public sector to provide a very 

limited amount of new housing units every year, which were insufficient to prevent the 

already high housing deficit from increasing further more.

Towards the end of the 1970s and already under Pinochet’s military dictatorship, 

housing policy started to move away from public supply of affordable housing towards a 

new paradigm that combined public financing and private construction of affordable 

housing projects. The financing of this second-wave housing programs had three main 

components: a state subsidy, a mortgage loan provided by the housing authority, and 
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individual savings. The loans were given by the government based on the idea that future 

mortgage payments would generate revenues that would enable the public sector to 

increase the amount of units provided annually without having to significantly increase 

the housing budget. This new element plus the active role of the private sector boosted

the supply of publicly finance housing during the mid 1980s and particularly during the 

economic boom of the 1990s. Although the private sector got increasingly involved in 

the provision of housing, particularly to middle-income families thanks to the application 

of the subsidy regime, most affordable housing projects were still being developed by the 

government.

The most important of these second wave affordable housing programs was a 

public-private joint effort called “Vivienda Básica”. In this program, the housing 

authority designed the project, owned the plots where the project were executed and 

selected the location of the projects. The regional housing authority also was in charge of 

establishing the bidding conditions and selecting the private contractors that would build

the projects. Once the projects were built, the housing authority was in charge of 

managing the application process and the selection of beneficiaries as well as the 

financial intermediation needed. The private sector closely supervised by the regional 

housing authority, was only in charge of building the projects.

By the end of the 1990s, housing policy was facing a new crisis caused by a 

massive default on government provided mortgage loans. Because government’s threat 

of foreclosure was unrealistic, the housing authority faced the need to replace 

government loans with private sector financial intermediation. By the year 2000, 
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government loans had been totally replaced by private bank’s mortgage loans. In order to 

lower risk and attract the interest of the private sector, the government offered an implicit 

insurance policy that guaranteed private banks full payment of mortgage loans in case the 

foreclosure price of the house was not enough to pay the remaining debt. After this 

reform, government was left only with the responsibility of providing the subsidy 

component of the housing acquisition.

Although this new development brought significant efficiency gains, it became 

immediately clear that the private sector would be unwilling to provide loans to certain 

groups of the population even after the implicit insurance policy had been implemented. 

In order to avoid leaving those groups without access to affordable housing, a New 

Housing Policy was launched. This third wave of affordable housing programs provided 

families in the lowest 30% of the income distribution with a larger subsidy that was not 

complemented by a mortgage loan. This higher subsidy allowed a family to acquire a 

“Zero-Debt-Dynamic-Affordable-House” –i.e. a 300 square foot house with a kitchen, a 

bathroom, a living area and, at least, one bedroom, built in an approximately 1000 square 

foot lot. This dwelling was called “dynamic” because it was designed to be easily 

expanded to 600 square feet if the family decided to do so. The expansion was assumed 

to be the product of family effort and was not financed by the government. This has been 

the main housing policy during the last 6 years.

As a complement to these affordable housing programs, the Housing Ministry in 

Chile also had a series of housing programs that target middle class families. These 

programs offered a comparatively lower subsidy but allowed the beneficiary to purchase 
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a new house directly in the private market. The private developer would then cash the 

voucher with the housing authority. These programs were based on the idea that the 

availability to choose plus the existence of a competitive housing market will prevent 

developers from inflating the prices for new homes and absorb the benefits the family 

was suppose to receive from the voucher.

The principles in which the Chilean housing policies were designed and the 

distinction between affordable and middle-income housing programs is key to the

methodology followed in this research paper.

C. Methodological Approach

As mentioned earlier in the text, reverse causality is the main statistical challenge in 

assessing the potential benefits from affordable housing programs. There are mainly 

three ways to deal with this challenge. The first is to use an instrumental variable 

approach, as followed by Currie et al. This method would allow an unbiased estimation 

of the effect that participation in public housing has on socioeconomic outcomes. A 

second approach would be to employ data from randomized or natural experiments 

which is not easily available. The third alternative would be to perform a discontinuous

regression analysis. This method compares the outcomes for two different group of the 

population, one that was subject to a treatment while the other was not. The underlying 

assumption here is that there are no significant differences between the runner-up that did 

not receive the treatment and the last person that was selected to receive the treatment. 
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For example, this method has been employed in evaluating the long-term impact of the 

Head Start Program. The methodology used in this study is based on the main intuition 

behind this latter approach.

The basic idea will be to put together a sample of households that:

 Own and are currently living in a dwelling that was acquire with the help of a

government housing subsidy.

 Own a dwelling that was purchased with the help of a government subsidy; however, 

the household is not currently living in it.5

 Have not received a housing subsidy but are registered with the housing authority in a 

particular housing program.

This sample of households does not include those that have received a housing 

subsidy but decided later to sell the dwelling and move to a new location. In relation to 

this point, it is important to note that all housing programs forbid the sale of a dwelling 

that has been financed with a housing subsidy before a period of five years6. Although 

this is an important point that may raise selection concerns, it would only affect those 

individuals that received the housing subsidy more than five years before the household 

was surveyed.

The remainder of this chapter will touch on four methodological issues. First, the 

survey and the possibilities offered by this unique dataset. Second, it will describe the 
                                                
5 No individual is eligible for a housing benefit he/she or his spouse owns a property, therefore if a 
household owns two properties, one of which was financed with a housing subsidy, then it must be the case 
that such property was acquire before the one that was not finance with the government subsidy.
6 This is strictly enforced by housing authorities by overseeing that each property deed includes a 
paragraph that forbids the sale for such period of time. The deed is then taken for registration with the real 
estate solicitor (notary), who would have to approve any future sales.
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selection procedures generally employed in housing programs as well as a description of

how those procedures affect the main underlying assumptions of this study and its 

findings. Third, it will present evidence that supports the claim that registered individuals

are not significantly different from those that have recently received a housing subsidy. 

Finally, the fourth methodological issue will describe the models that will be used to 

estimate the effect of housing policy on educational outcomes.

1. The Survey

The CASEN Survey asks all members of the household that are at least 18 years 

old if they are currently registered in housing programs. Rather than answering yes or no, 

respondents are asked to declare which is the actual housing program he or she is 

registered for. The Survey also asks whether the house they are currently living in was 

acquired with the help of any particular housing programs. Regarding the government 

subsidy, respondents are asked to detail the housing program and exact year when they 

received it.

In addition to these questions, the survey asks all individuals 18 or more years of 

age whether they own a property different from the one he/she is currently living in. The 

survey asks respondents whether that other property was acquired with the help of a 

housing program. Once again, the respondent is requested to detail the housing program 

and year in which the subsidy was granted. This is a very important element to this study 

as it allows the control for selective migration. In other words, if “better” households are 
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more likely to change homes and move out of publicly financed housing units,7 then –as 

times passes by– those families that stay would not be a good representation of those 

who have been benefited with a housing subsidy.

As mentioned above, the key assumptions underlying this approach is the idea that 

families who were selected into the programs are not significantly different from those 

that are registered but were not selected. The validity of this assumption requires a 

careful review of the selection criteria and procedures.

2. Housing programs’ selection procedures and criteria

All housing programs in Chile employ scoring techniques as the only 

discriminatory mechanism between applicants. The scores are calculated following

detailed formulas that weight different socioeconomic variables as well as the amount of 

time each applicant has been registered in the program (a form of seniority)8. Applicants 

are ranked top-bottom based on their score and subsidies are given in order until 

resources are completely allocated.

The important message here is that due to the combination of both socioeconomic 

factors and seniority, it is not necessarily the case that only the “poorest of the poor” get 

selected. If selection was based only on socioeconomic characteristics, then applicants 

that are selected should, on average, exhibit less years of education, lower income and/or 

                                                
7 It is important to understand that public housing in the Chilean context has a different connotation than it 
does in the US. In Chile, this concept refers to a dwelling purchase from the government at a subsidized 
price. The concept in the US is understood usually as rental units managed by a local housing authority.
8 Applicants with lower socioeconomic indicators and those who have been registered for a longer period 
of time receive higher scores.



18

be more likely to be single parent headed households. However, due to use of seniority 

the differences between both groups should be less clear. 

This seniority factor is a fundamental part of the selection process because demand 

for subsidies is far greater than the amount offered every year. Depending on 

socioeconomic characteristics and housing program, applicants on average wait up to 10 

years before they are selected for a housing subsidy. The following sub-section will 

further elaborate on this topic and present a summary of the descriptive statistics for both 

groups, namely those who were benefited and those who are registered but have not yet 

received a subsidy.

3. Descriptive statistics

One of the advantages of this data set is that it identifies the exact year in which the 

housing subsidy was received by each individual. Using simple coding techniques the 

group of individuals that received a housing subsidy during the year each survey was 

conducted can be identified. This group would be compare with those who, during that 

same year (survey year), were registered to participate in housing programs but were not 

selected. Table 1 (at the end) presents a summary of descriptive statistics for each one of 

these groups.

The first interesting element in Table 1 is that acceptance rates, or more properly 

the percentage of individuals that are selected from the pool of all registered individuals.

This rate is somewhere between 11 and 13.5 percent, suggesting that the 10 year waiting 

period is plausible.
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The second interesting point is that individuals that received a housing subsidy 

during each year were, on average, between 3 and 6 years older than those registered.

This illustrates the previous point about seniority and the fact that individuals have to 

wait several years before they are selected into the programs. 

A third point linked to the two previous ones relates to gender composition between 

beneficiaries and registered applicants. On average, females represent a consistently 

lower percentage of beneficiaries (between 45% and 50%) than they do of registered 

applicants (56%-60%). The fact that both numbers are increasing over time, with 

percentage of female beneficiaries catching up and narrowing the gap suggests that the 

difference between groups might be due to a combination of recent increase in female 

registration and long waiting periods.

The fourth and probably most important point that could be inferred from Table 1 is 

that both groups show almost identical levels of income, schooling and welfare benefits. 

Both beneficiaries and registered applicants have, on average, completed compulsory 

primary education which in Chile goes up to eight grade and have a monthly earning in 

US dollars, equivalent to 2003 pesos, that ranges between US $246 and US$312. The 

numbers for each round are also very similar. Also in terms of welfare benefits both 

groups present similar figures.

Consistent with the previous point, both groups also exhibit similar ownership rates 

of household appliances. These variables could be considered as a rough measure of 

wealth, particularly in the case of low income households. The only significant difference 

is in terms of access to hot water. This difference is most likely caused by improvements 
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in dwelling conditions generated by the fact that beneficiaries have been selected into a 

housing program.

This hypothesis is consistent with differences regarding the quality of the housing, 

the services available for them and the percentage that live in overcrowded conditions. 

Beneficiaries score almost one point higher than registered applicants in a housing 

quality index that ranges between 0 and 6. This index is based on a tabulation of both the 

material used for walls, floors and roof and the conditions (good, regular or bad) in 

which these materials are9. Likewise, the service index reflects whether the dwelling has

access to energy, sewage, running water and through which system. Finally, a crowding 

variable was created by dividing the number of individuals in the dwelling by the number 

of rooms available for sleep. If such number was less than 2.5 the dwelling was classified 

as not crowded. If such number was between 2.5 and 5, the dwelling was classified as 

having a moderate crowding problem; while if it was 5 or larger, the dwelling was 

considered to be under a serious crowding situation10. Table 1 shows how crowding is a 

significantly more prevalent and a more serious situation among individuals registered 

than it is among beneficiaries of a housing subsidy.

In short, three main conclusions can be inferred from Table 1:

 Housing Programs improve the domestic environment and living conditions for 

subsidy beneficiaries.
                                                
9 For example, certain type of roof materials were always given 2 points unless if they were in bad 
conditions. Other type of materials were given either a score between 0 and 2 depending if the conditions 
were good regular or bad, while other materials like were given a zero score regardless of the condition in 
which they were.
10 Dwelling with no bedroom were classified as having a serious crowding problem regardless of the 
number of individuals that lived there.
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 There are no significant differences between both groups, at least in terms of income, 

schooling, welfare benefits and accumulated wealth.

 Differences between groups regarding gender composition and age are primarily the 

result of a long waiting period.

4. Estimation Model

Using the previously described sample of households, OLS regression analysis and 

maximum likelihood estimation (LOGIT) techniques are employed to determine the 

effect that receiving a housing subsidy has on three different educational outcomes: (i) 

total years of schooling; (ii) probability of dropping out; (iii) probability of grade 

repetition. Equation (1) describes the general model.

(1) yi = β0 + βj*θj + β1*Housing Subsidy + ξ

where:

yi represents each dependent variable: (i) Schooling, (ii) Dropout, and (iii) Repetition

θj is the vector of control variables that include Age, Income, Welfare benefits, Gender 
dummy, Household Size, Urban dummy, a dummy for Disability, Year dummies and a 
set of dummy variables that capture ownership of home appliances.

Housing Subsidy is the variable of interest; it takes a value of 1 if the household has 
benefited from a housing subsidy and 0 otherwise.

ξ represents the error term.

Because benefits from improved housing conditions are likely to accumulate over 

time, equation (1) is first estimated for a sample that includes all household registered for 

a housing subsidy plus those that received one during the course of the year in which 

each survey was made. In other words, this first estimation provides a sense of the 
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immediate effect of the housing subsidy. In theory, if the registered group is not 

significantly different from that formed by beneficiary households, then there should be 

no large differences in educational outcomes. This first estimation provides a base case 

scenario. Following this base case scenario, equation (1) is subsequently estimated to 

include households that have been benefited in previous years. In summary, equation (1) 

is used to estimate how exposure to “better” housing can affect educational outcomes 

over a longer period of time.

As a way to check for robustness, as well as to provide additional information, two 

additional specifications were estimated. The first alternative specification is based on a 

distinction between types of housing subsidy. Equation (2) and (3) were used to 

determine whether housing programs that target different socioeconomic groups of the 

population had a different effect on the aforementioned educational outcomes. In other 

words, Equation (1) was re-estimated for two separate sample of households: (a) those 

that are registered in or have been benefited through an affordable housing program 

(Target Subsides), and (b) those that are registered or have been beneficiaries of middle-

income housing programs (Non-targeted subsidies).

(2) yi = β0 + βj*θj + β2*Target Subsidy + ξ

(3) yi = β0 + βj*θj + β3*Non-targeted Subsidy + ξ

The second alternative specification excludes from the sample those families that 

have received a subsidy but are not currently living in the dwelling purchased with it. In 

other words, this second variation of the basic model tries to determine how selective 
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migration may affect the results. Equations (4) and (5) describe the functional form for 

this second alternative specification.

(4) yi = β0 + βj*θj + β4*Non-movers Recipients + ξ

(5) yi = β0 + βj*θj + β5*All Subsidy Recipients + ξ

Note that equation (5) includes non-movers and movers; therefore, if β5 > β4 then it 

must be the case that “better” households are more likely to be moving out of publicly 

financed housing. In other words, if movers are included in the sample, the coefficient on 

housing subsidy should become larger and/or more significant.

D. Empirical Findings

Following the previously described methodology, this chapter will present the 

empirical results for each alternative specification. The first section will present the base 

case specification in which no distinction is made between type of housing program 

(target vs. Non-targeted), nor between those beneficiaries that are currently living in 

public housing and those that moved out, namely equation (1). The chapter will then 

continue with the results for equations (2) & (3), in which results are shown for each type 

of housing program (target versus non-targeted subsidies). On the third section, results 

will be presented for equations (4) & (5) which focus on the potential effect of selective 

migration. Finally, the forth section will briefly present the effect of housing subsidies on 

other non-educational outcomes like wages and probability of being unemployed.
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1. Effect of housing subsidy on educational outcomes

a) Years of schooling:

OLS regression analysis with robust standard errors was used to estimate the effect 

of housing subsidy on years of schooling. Robust standard errors were used to account 

for correlation across siblings within the same household. Column (1) in table 2 shows 

the result for the full population of individuals 25 years old or less. Columns (2) – (5) in 

table 2 present the results for the individuals that belong to each group, namely to 

households that are either registered for a subsidy or have received one recently.11

Column (1) suggests that individuals in wealthier, smaller, urban households are likely to 

have more years of education. The positive but insignificant coefficient on housing 

subsidy in column (1), suggests that housing policy does not have an impact on years of 

schooling. Given the disadvantaged background of subsidy recipients and their low 

likelihood to continue onto college education, is not surprising that the coefficient on 

housing subsidy is not statistically significant when estimation is done for the total 

population. Column (2) presents estimates for the sample of interest, namely individuals 

that either belong to a family registered in a program, or to a family that has received a 

subsidy during the survey year (round). Interestingly, the coefficients on column (2)

suggest that the predicted power of the aforementioned variables is somehow lower than 

that estimated in column (1) for the whole population. For example, the coefficient on the 

natural log of income, though still highly significant, is significantly lower (0.034 versus 

                                                
11 This latter group includes recipients of a housing subsidy independent of whether they are currently 
living in the purchased dwelling or not.
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0.043). A similar situation can be seen with most of the variables that capture wealth 

through ownership of home appliances. The previous evidence plus the fact that the 

coefficient on female is virtually zero suggests that this is a fairly homogenous group of 

individuals. The coefficient on Housing Subsidy on column (2) is again positive but not 

significant. If the sample size is enlarged to allow the inclusion of individuals who have 

received a housing subsidy within the last 3 years (column 3), the coefficient increases to 

0.051 and is more precisely estimated; however, it is still not significant at conventional 

levels. The coefficient becomes significant at the 1% confidence level (0.091), only after 

the sample is expanded to include individuals who have been benefited during the past 5 

years since the survey was made. It is unclear whether the increase in significance is due 

to a larger sample size or because housing subsidies tend to have a cumulative effect over 

time.

b) High school dropout:

A LOGIT maximum likelihood estimation was conducted to estimate the effect of 

housing policy on the likelihood that someone will be a high school dropout. Table 3 lays 

out the results for the LOGIT estimation. Once again column (1) summarizes the results 

for the total population. All control variables are highly significant and have the expected 

sign; moreover, the coefficient on housing subsidy is negative and significant at 1% level 

suggesting that housing policy may in fact help students complete 12 years of education 

but is simply not enough to allow low and middle class individuals to attend higher 

education institutions. Interestingly, this negative and significant effect on high school

dropout disappears when coefficients are estimated using our sample of interest. Column 
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(2) suggests therefore that there are no immediate benefits from receiving a housing 

subsidy. This is consistent with the hypothesis that registered individuals and 

beneficiaries are a fairly homogenous group and that the exclusion of unobservable 

characteristics such as parental attitude towards education and/or motivation may explain 

the results in column (1). Just as was the case with years of schooling, the coefficient on 

housing subsidy tends to have a higher and more significant effect as the sample is 

expanded to include individuals that have benefited from a housing subsidy in earlier 

years.

c) Grade repetition:

The effect of housing policy on the likelihood of having being held back at school

at least one year was also estimated using a LOGIT technique. Table 4 presents the 

results for a sample of students who, during the time the survey was conducted, were 

enrolled in K-12 education. A student was considered to have been held back if his/her 

age was not consistent with the expected number of complete years of education. In other 

words, an 8 year old was expected to have finished at least 1 year of education, likewise 

a 19 year old was expected to have completed 12 years of schooling.12 Column (1) in 

table 4 suggests that having received a housing subsidy significantly reduces the chances 

of repetition. The effect persists even after controlling for the quality of the school 

attended by the student.13 One of the most interesting points illustrated by table 4 is the 

                                                
12 This is a conservative criterion, since it recognizes that someone 18 years old who is finishing his senior 
year of high school has not necessarily been held back. Surveys were done on November, so school year 
was not over yet.
13 School quality is measured by the average standardized math test score received by the school in the year 
the survey was made. Data on school test scores comes from the SIMCE data base.
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fact that a housing subsidy has an immediate negative and significant effect on grade 

repetition. This is consistent with the empirical findings of Currie et al. which suggests

that lower levels of overcrowding, made possible through public housing, boosts 

students’ performance. It is interesting that unlike years of schooling and dropout, the 

effect on repetition tends to decrease over time; however, it is always significant at 1% 

confidence level. A possible explanation for this decreasing effect may be that 

motivation to study is boosted by the novelty of the new environment and this motivation 

fades over time. An alternative explanation might be that students that move to a new 

dwelling (usually in a different neighborhood) substitute time playing in the street for 

school work time. As students adapt to the new environment and establish a new network 

of friends in their new neighborhoods, they go back to the original equilibrium with 

lower time spent in school work.

In summary, the evidence presented in this subsection seems to suggest that having 

received a housing subsidy has a positive effect on educational outcomes. With the 

exception of the effect on repetition which is immediate, this positive effect is likely to 

increase and become significant only years after the housing subsidy was received. An 

issue that may be a source of concern lays in the assumption that someone who benefited

two, five or eight years before the survey was made, is significantly different from 

someone who appeared as registered when the survey was conducted. In statistical 

jargon, this backward looking comparing mechanism may raise concerns about 

heterogeneity bias. The source of this bias lays in the possibility that individuals who 
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were benefited three or five years before the survey was conducted are significantly 

different from those that are currently applying for a housing subsidy. The sign of the 

bias could, in theory, go both ways. On the one hand, if earlier beneficiaries were 

selected because they were in a more disadvantaged situation then it is likely that the bias 

is actually downward and the cumulative effect of the housing subsidy is even higher. On 

the other hand, if earlier beneficiaries are highly motivated in comparison with those 

benefited later or if the housing ministry has, over the years, comparatively increased

resources that benefit more disadvantaged individuals, then the results will probably be 

biased upward because earlier beneficiaries are comparatively more able than recent 

ones, and therefore, estimates presented in this document will be overstating the effect of 

having received the housing subsidy. Table 1 seems to suggest that some truth may be 

found in this latter claim. Average years of schooling of subsidy recipients have 

significantly decreased over the past 5 years which underscores the effort the Housing 

Ministry has made to reach the poorest group of the population.

2. Is the impact on educational outcome different across type of subsidies?

It may be the case that the effect of a housing subsidy is not the same across 

different group of the population. In order to answer this question, each housing program 

was classified as either targeting low income families or, as targeting those that belong to 

the middle class. The distinction was made based on whether the housing program 

included a mean tested condition or not. Because respondents who declare to be 

registered for a housing subsidy were also required to specify the particular program they 

were registered in, it was possible to completely separate each group. This way, 
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individuals who belonged to a family registered in a mean tested affordable housing 

program were used as control group for those who had received a subsidy through one of 

these mean tested targeted programs. Likewise, individuals whose families were 

registered in a middle income housing program were used as control for those whose 

families have received a subsidy through a middle income housing program. Like in the 

previous section, the effect on years of schooling, likelihood to dropout and grade 

repetition is presented separately.

a) Years of schooling:

Table 5 presents the effect each type of subsidy has on years of schooling. Column 

(1) presents the results for the total population. At the national level, individuals who 

have benefited from either a mean tested housing subsidy or a non-targeted one complete 

more years of education. However no definitive conclusion can be drawn from this 

estimate since those that participate in housing programs are likely to be different in 

unobservable ways from those in the total population.  Columns (2) & (3) attenuate this 

problem by comparing a sample of individuals whose families are either registered or 

have been the recipients of a housing subsidy during the year the survey was made. The 

first interesting point is that the significant positive effect disappears for both types of 

housing programs suggesting that, in fact, unobservable characteristics like parental skills 

and motivation may be behind the results shown in column (1). A second interesting 

point is that in the case of mean tested programs, selection of beneficiaries seems indeed 

to be capturing social disadvantage. The negative coefficient (-0.071) is almost 

significant at the 10% level and would imply that individuals in selected households have 
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indeed less years of schooling than those that are registered. The opposite is true for non-

targeted housing programs.

The variation over time of the coefficient is another interesting point. When the 

sample is expanded to include individuals who received a mean tested housing subsidy 

five years before the survey was conducted, the coefficient becomes positive and 

significant (at 10% level). In other words, the initial disadvantage low income 

households start at might be overturn during the following years. Of course, like in the 

first section, this backward looking comparison has the caveat of comparing groups that 

didn’t necessarily participated in the same selection process.

In the case of non-targeted housing programs, the effect is also positive and 

significant over time. When sample size is expanded to include those individuals that 

were benefited 10 years before the survey was taken, the coefficients on both types of 

subsidies are positive and significant as shown by columns (6) & (7).

b) High school dropout:

Table 6 presents estimates on the effect that each type of subsidy has on the 

likelihood of being a high school dropout. Once again column (1) suggests, for the total 

population, that beneficiaries from either type of program are indeed less likely to drop 

out of high school. This effect disappears and actually flips signs when the analysis is 

done using the sample of comparable households (see columns (2) & (3)). This is, once 

again, consistent with the previously mentioned hypothesis of omitted variable bias. An 

interesting point is that in the case of non-targeted housing subsidies, individuals whose 

families have received a subsidy are more likely to dropout during the year in which the 
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subsidy was received (coefficient 0.168 which is significant at 10% level). Because this 

non-targeted subsidy is accompanied by a larger mortgage loan component, it is possible 

that the purchase of a new house is driving spouses into the labor market in order to 

increase household income and therefore be able to pay the loan. If spouses are joining 

the labor force, then it is possible that daughters have to leave school and take over 

domestic duties. This hypothesis would explain why the coefficient on females is almost 

zero and significantly different from that in columns (1) and (2).

The long run effect presented in columns (4) –(7) suggests that the likelihood of 

being a high school dropout significantly decreases for both type of subsidies and is 

particularly significant for mean tested housing programs.

c) Grade repetition:

Table 7 presents the effect on the likelihood of being held back in school. Column 

(1) presents the results done at the population level. They indicate that individuals who 

have received either type of housing benefit are less likely to be held back in school. As 

has been a constant, this results do not persists once estimates are done using a more 

homogenous sample of households.

Columns (2) - (7) present the effect over time of both types of subsidies. The first 

interesting point in Table 7 is that the effect on grade repetition is only significant for 

those who have benefited with a mean tested housing subsidy. Although this effect tends 

to decrease over time, it remains significant at conventional level which is consistent 

with results exhibited in table 4. The fact that non-targeted housing subsidies no longer 

have a significant effect on grade repetition suggests that the -0.292 significant 
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coefficient in column (1) is mainly driven by income and other non observable 

characteristics. A second interesting finding from Table 7 comes from the link between 

the effect of each type of subsidy and school quality, as measured by school average 

math test score. Individuals benefited with a mean tested housing subsidy are more likely 

to be held back if they attend a “better” school (more demanding school) while the 

opposite is true for those benefited with a non-targeted subsidy. It is not easy to reconcile 

this evidence; however, it might be the case that the reason no effect was found for 

individuals that benefited from a non-targeted subsidy is because these families are also 

more likely to send their children to better performing charter schools, while families in 

the low income distribution send their children to the lower quality public schools. The 

fact that the coefficient for school math score is positive and significant for individuals 

participating in mean tested housing programs suggests that, difference in school quality 

might explain the effect on school repetition.

In summary, the evidence presented in this section suggests that the positive effects

of housing subsidies on educational outcomes are particularly large for households in the 

bottom end of the income distribution. This has important policy implications, since it 

suggests that resources channeled to low income household through housing are likely to 

have positive spillovers onto areas that go beyond housing.

3. How does selective migration affect the estimates?

It was argued earlier in this document that selective movement of individuals out of 

publicly financed housing may bias the results. By using two different samples, one that 
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includes movers and a second that excludes them, this section will present evidence on 

this matter. At this point is important to restate that all previous results have been 

estimated including all individuals who have benefited with a housing subsidy, regardless 

of whether they are currently living or not in the dwelling purchased with the subsidy.

Table 8 presents estimates of the effect on years of schooling for the two previously 

described samples of individuals. Evidence presented in each pair of columns suggests 

that estimates that include movers (All Subsidy Recipients) tend to be larger and more 

significant than those that exclude them. This is consistent over time which suggests that 

families with better socioeconomic outcomes are more likely to move out of a dwelling 

purchased with the help of the housing subsidy. The difference between the coefficients

in each sample is nearly one standard deviation and they both follow the same pattern 

suggested in table 2 where the positive effect became significant at conventional levels 

only in the longer run.

4. Effect of housing subsidy on wages and employment status

Although the main purpose of this study is to assess the impact of housing policy 

on educational outcomes, this section will try to estimate the effect on other 

socioeconomic variables as a way of checking for robustness and consistency of the 

results.

a) Effect on wages:

Table 9 presents estimates on the effect that receiving a subsidy has on the natural 

log of wages. The estimated equation uses years of education and work experience to 

control for human capital variables and gender, disability and urban location to control
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for other relevant social characteristics. Column (1) in table 9 shows that individuals who 

have received a housing subsidy tend to earn less than the rest of the population. Column 

(2) which uses the traditionally employed sample of households suggests that the effect is 

not only the opposite but that it is highly significant. The positive effect on wages seems 

to persist over time and suggests that subsidy recipients earn between 1.4% and 3.2% 

more than those who are registered but have not yet move to a house of their own.

Because the housing subsidy is only one of the financing component that enables a 

family to purchase a new home, it might be the case that eligibility for mortgage loans

and/or higher levels of personal savings, both which are correlated with higher wages,

actually explain the effect on wages. In other words, the results, at least in the short run, 

might be subject to reverse causality problems. If this was the case, then estimates closer 

to 1.5%, as suggested by the longer run coefficients in columns (3) - (5), should provide 

a more accurate measure of the effect of the housing subsidy on wages.

b) Effect on employment status:

Table 10 presents the evidence regarding the effect of housing subsidy on 

employment status. A similar specification to that used for wages was estimated using 

LOGIT model. The evidence seems to suggest that despite the expected negative sign, 

the impact of having received a housing subsidy on unemployment is not statistically 

significant at conventional levels.
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E. Conclusion

Educational policymakers have predominantly focused on in-school factors. Class 

size reduction, school inputs, teacher accountability reform are just a few examples. 

More recently, attention has been placed on early childhood education and the 

importance of dealing with out-of-school factors such as parental skills. Social programs 

with parenting components either at home or at educational facilities are a few examples

of policies that have tried to affect some of these out- of-school factors. The main 

problem of this approach is that these policies are frequently regarded as intrusive and 

are difficult to scale-up. Neighborhood mobility programs are another alternative that 

policymakers have used to indirectly affect school outcomes. The underlying assumption 

in these types of policies is that neighborhood conditions affect social outcomes of 

individuals. These policies are not only expensive but their benefits are not entirely clear.

This study has tried to make the case that housing conditions, particularly, quality 

of the dwelling, tenure and affordability may generate positive effect on educational 

outcomes. This research paper has argued that good quality and affordable housing might 

be one of the main channels by which policymakers can affect out-of-school factors 

linked to education. The findings suggest that individuals who received a housing 

subsidy that enabled them to purchase a house of their own completed more years of 

education, were less likely to drop out of high school and be held back in school. These

effects become larger and more significant over time, as well as stronger for individuals 

in the bottom end of the income distribution.
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The evidence presented in this study simply raises the question of housing policy as 

a good policy alternative to improve educational outcomes. Future research is required in 

order to ensure that such policies are actually cost efficient, and that they pass a cost 

benefit analysis. On the one hand, the evidence presented here suggests that the benefits 

from improving housing conditions spill-over onto areas beyond living conditions and 

therefore benefits from sound housing polices should be expanded to include effects on 

education and health. On the other hand, housing policies have a higher per capita cost 

than other proposed educational policies. 

The decision to purchase a house is probably one of the most important decisions a 

household is ever going to make. The consequences of such decisions are likely to extend 

over a long period of time. Housing is an important source of stability particularly for 

low income households, and more so if ownership of property is given to them. An 

owned home is by far the greatest source of wealth a low income household is ever going 

to have, policies that encourage them to pursue that goal and realistically provide the 

means to achieve it are not only more likely to improve the outlooks of their future but 

also provide them with the basic conditions that will enable them to pursue a self 

fulfilling life.
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Tables

TABLE 1: Descriptive Statistics

Round 1998 Round 2000 Round 2003
Benefic Regist Benefic Regist Benefic Regist

AGE 39.12 35.73 40.91 37.69 43.31 37.59
(12.22) (12.02) (12.80) (13.08) (13.81) (13.21)

FEMALE 0.45 0.56 0.47 0.57 0.50 0.60
(0.50) (0.50) (0.50) (0.49) (0.50) (0.49)

URBAN 0.77 0.70 0.66 0.62 0.52 0.65
(0.42) (0.46) (0.48) (0.49) (0.50) (0.48)

SCHOOLING 9.20 9.26 8.64 8.78 7.82 8.79
(3.68) (3.50) (4.22) (3.99) (4.15) (3.93)

US $287 US$ 312 US $300 US $294 US $248 US $246
LNINCOME 12.20 12.28 12.24 12.22 12.05 12.04

(1.54) (1.55) (1.55) (1.62) (1.78) (1.97)
LNSUBSIDIES 5.83 5.42 5.55 5.68 6.44 6.31

(4.25) (4.43) (4.47) (4.47) (4.39) (4.41)
HOUSEHOLD 4.19 4.54 4.24 4.58 4.31 4.49
SIZE (1.77) (1.95) (1.77) (2.02) (1.87) (2.02)
COMUNITY 0.43 0.44 0.49 0.41
PARTICIPATION (0.50) (0.50) (0.50) (0.49)
WASHING 0.35 0.34 0.36 0.32 0.36 0.38
MACHINE (0.48) (0.47) (0.48) (0.47) (0.48) (0.48)
FRIDGE 0.70 0.67 0.75 0.69 0.70 0.71

(0.46) (0.47) (0.44) (0.46) (0.46) (0.45)
PHONE 0.32 0.30 0.29 0.26 0.20 0.22

(0.47) (0.46) (0.45) (0.44) (0.40) (0.41)
VIDEO 0.19 0.18 0.22 0.18 0.18 0.19

(0.39) (0.39) (0.41) (0.38) (0.38) (0.39)
MICROWAVE 0.09 0.10 0.12 0.11 0.14 0.16

(0.29) (0.30) (0.33) (0.31) (0.34) (0.36)
HOTWATER 0.34 0.29 0.40 0.32 0.33 0.31

(0.47) (0.46) (0.49) (0.47) (0.47) (0.46)
INDEX HOUSING 4.68 3.61 4.68 3.67 4.20 3.49
QUALITY (0-6) (1.82) (2.15) (1.76) (2.11) (1.89) (2.13)
INDEX HOUSING 3.45 2.92 3.36 2.97 3.18 3.02
SERVICES (0-4) (1.13) (1.32) (1.13) (1.31) (1.18) (1.24)
LOW 0.13 0.21 0.11 0.19 0.15 0.18
CROWDING (0.33) (0.41) (0.31) (0.39) (0.35) (0.38)
HIGH 0.06 0.10 0.03 0.06 0.04 0.07
CROWDING (0.23) (0.30) (0.18) (0.25) (0.19) (0.26)

N 806 6,496 1,499 9,571 1,530 11,736
% Benefited 11.0% 13.5% 11.5%

Source: CASEN 1998 – 2003. In bold the mean for each variable and in parenthesis the standard deviation.
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TABLE 2: Effect of Housing Subsidy on Years of Schooling

Total Sample Sample Sample Sample
Population Year 0 3 Years ago 5 Years ago 10 Years ago

(1) (2) (3) (4) (5)
Age 0.827*** 0.782*** 0.787*** 0.793*** 0.812***

(0.004) (0.012) (0.010) (0.009) (0.008)
Age Square -0.007*** -0.007*** -0.007*** -0.007*** -0.008***

0.000 (0.001) 0.000 0.000 0.000 
Log(Income) 0.043*** 0.034*** 0.036*** 0.034*** 0.023***

(0.005) (0.009) (0.009) (0.008) (0.007)
Log(Subsidies) -0.010*** -0.009* -0.008** -0.007** -0.004

(0.001) (0.005) (0.004) (0.003) (0.003)
Dummy 2000 0.280*** 0.369*** 0.370*** 0.362*** 0.348***

(0.016) (0.052) (0.045) (0.039) (0.031)
Dummy 2003 0.377*** 0.343*** 0.367*** 0.362*** 0.366***

(0.015) (0.038) (0.034) (0.030) (0.026)
Washing 0.142*** 0.177*** 0.170*** 0.150*** 0.131***
Machine (0.014) (0.039) (0.033) (0.029) (0.024)
Fridge 0.389*** 0.291*** 0.295*** 0.310*** 0.322***

(0.017) (0.040) (0.035) (0.032) (0.028)
Phone 0.310*** 0.255*** 0.224*** 0.214*** 0.217***

(0.014) (0.041) (0.035) (0.031) (0.025)
Microwave 0.205*** 0.213*** 0.184*** 0.164*** 0.179***

(0.018) (0.079) (0.063) (0.054) (0.040)
Hotwater 0.383*** 0.198*** 0.219*** 0.217*** 0.247***

(0.014) (0.039) (0.032) (0.029) (0.024)
Female 0.095*** 0.002 0.007 0.005 0.06**

(0.013) (0.045) (0.036) (0.031) (0.024)
Household Size -0.061*** -0.037*** -0.029*** -0.028*** -0.039***

(0.003) (0.008) (0.007) (0.007) (0.006)
Disability -1.412*** -1.014*** -1.018*** -1.013*** -1.057***

(0.072) (0.154) (0.132) (0.121) (0.102)
Urban 0.247*** 0.091** 0.064** 0.064** 0.100***

(0.015) (0.036) (0.031) (0.029) (0.025)
Housing Subsidy 0.014 0.023 0.051 0.091*** 0.154***

(0.015) (0.070) (0.035) (0.027) (0.022)
Constant -4.145*** -3.470*** -3.591 -3.660*** -3.730***

(0.067) (0.149) (0.128) (0.116) (0.100)

# Observations 302,215 45,577 59,683 70,349 91,730
R-Square 0.850 0.856 0.855 0.855 0.855
Prob > F      =  0.000 0.000 0.000 0.000 0.000

*** significant at 1%; ** significant at 5%; * significant at 10%. Robust standard erros in parenthesis.
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TABLE 3: Effect of housing subsidy on high school dropout rate

Total Sample Sample Sample Sample
Population Year 0 3 Years ago 5 Years ago 10 Years ago

(1) (2) (3) (4) (5)
Age 2.231*** 2.384*** 2.350*** 2.316*** 2.243***

(0.021) (0.059) (0.051) (0.047) (0.040)
Age Square -0.049*** -0.052*** -0.051*** -0.051*** -0.049***

(0.001) (0.001) (0.001) (0.001) (0.001)
Log(Income) -0.069*** -0.066*** -0.060*** -0.061*** -0.051***

(0.004) (0.011) (0.010) (0.009) (0.008)
Log(Subsidies) 0.007*** 0.013*** 0.012*** 0.010** 0.006*

(0.002) (0.005) (0.004) (0.004) (0.003)
Dummy 2000 -0.233*** -0.227*** -0.241*** -0.237*** -0.218***

(0.018) (0.049) (0.043) (0.039) (0.034)
Dummy 2003 -0.448*** -0.364*** -0.422*** -0.415*** -0.442***

(0.018) (0.047) (0.041) (0.038) (0.034)
Washing -0.241*** -0.238*** -0.254*** -0.216*** -0.216***
Machine (0.017) (0.043) (0.039) (0.036) (0.031)
Fridge -0.578*** -0.444*** -0.460*** -0.465*** -0.483***

(0.016) (0.040) (0.036) (0.034) (0.030)
Phone -0.631*** -0.436*** -0.455*** -0.457*** -0.488***

(0.020) (0.056) (0.050) (0.046) (0.039)
Microwave -0.463*** -0.289*** -0.332*** -0.362*** -0.427***

(0.028) (0.075) (0.069) (0.064) (0.056)
Hotwater -0.849*** -0.816*** -0.814*** -0.803*** -0.792***

(0.019) (0.052) (0.045) (0.042) (0.037)
Female -0.202*** -0.179*** -0.205*** -0.231*** -0.259***

(0.014) (0.036) (0.032) (0.030) (0.026)
Household Size 0.103*** 0.060*** 0.069*** 0.078*** 0.100***

(0.004) (0.009) (0.008) (0.008) (0.007)
Disability 0.913*** 0.723*** 0.749*** 0.731*** 0.704***

(0.046) (0.119) (0.106) (0.098) (0.085)
Urban -0.394*** -0.267*** -0.239*** -0.252*** -0.248***

(0.015) (0.039) (0.035) (0.033) (0.029)
Housing -0.177*** -0.060 -0.074** -0.101*** -0.138***
Subsidy (0.017) (0.048) (0.034) (0.031) (0.027)
Constant -23.673*** -25.536*** -25.234*** -24.912*** -24.312***

(0.205) (0.581) (0.504) (0.461) (0.394)

# Observations 327,488 51,232 66,495 77,763 100,294
Pseudo R-Sqre 0.466 0.498 0.496 0.490 0.478
Prob > chi2 0.000 0.000 0.000 0.000 0.000

*** significant at 1%; ** significant at 5%; * significant at 10%. Robust standard erros in parenthesis.
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TABLE 4: Effect of housing subsidy on grade repetition 
Total Sample Sample Sample Sample

Population Year 0 3 Years ago 5 Years ago 10 Years ago

(1) (2) (3) (4) (5)
Age 0.493*** 0.637*** 0.615*** 0.611*** 0.570***

(0.030) (0.079) (0.071) (0.064) (0.056)
Age Square -0.005*** -0.01*** -0.009*** -0.009*** -0.007***

(0.001) (0.003) (0.003) (0.002) (0.002)
Log(Income) -0.051*** -0.041*** -0.047*** -0.045*** -0.044***

(0.006) (0.015) (0.013) (0.012) (0.011)
Log(Subsidies) 0.006** 0.014 -0.001 0.000 -0.002

(0.003) (0.009) (0.007) (0.007) (0.006)
Dummy 2000 -0.293*** -0.372*** -0.399*** -0.303*** -0.350***

(0.032) (0.087) (0.075) (0.067) (0.058)
Dummy 2003 -0.427*** -0.394*** -0.422*** -0.401*** -0.419***

(0.032) (0.082) (0.071) (0.066) (0.056)
Washing -0.098*** -0.036 -0.055 -0.065 -0.099*
Machine (0.030) (0.078) (0.069) (0.062) (0.054)
Fridge -0.475*** -0.42*** -0.493*** -0.472*** -0.494***

(0.028) (0.070) (0.062) (0.057) (0.050)
Phone -0.377*** -0.49*** -0.393*** -0.399*** -0.381***

(0.038) (0.107) (0.090) (0.082) (0.069)
Microwave -0.296*** 0.015 -0.003 -0.07 -0.173*

(0.053) (0.144) (0.124) (0.117) (0.099)
Hotwater -0.561*** -0.639*** -0.552*** -0.633*** -0.594***

(0.036) (0.104) (0.086) (0.079) (0.066)
Female -0.407*** -0.404*** -0.481*** -0.447*** -0.466***

(0.025) (0.065) (0.058) (0.053) (0.046)
Household Size 0.125*** 0.119*** 0.124*** 0.136*** 0.152***

(0.006) (0.016) (0.015) (0.013) (0.012)
Disability 1.266*** 0.97*** 1.143*** 1.198*** 1.333***

(0.073) (0.184) (0.161) (0.144) (0.122)
Urban 0.110*** 0.121* 0.161** 0.169*** 0.163***

(0.028) (0.070) (0.063) (0.057) (0.050)
Housing Subsidy -0.174*** -0.27*** -0.256*** -0.18*** -0.175***

(0.028) (0.093) (0.060) (0.052) (0.046)
School Math -0.027 0.107** 0.094** 0.082* 0.045
Score (0.020) (0.053) (0.047) (0.043) (0.037)
Constant -7.763*** -8.858*** -8.615*** -8.733*** -8.56***

(0.220) (0.575) (0.512) (0.470) (0.418)

# Observations 132,451 20,047 26,804 32,190 43,155
Pseudo R-Sqre 0.190 0.189 0.194 0.197 0.203
Prob > chi2 0.000 0.000 0.000 0.000 0.000

*** significant at 1%; ** significant at 5%; * significant at 10%. Robust standard erros in parenthesis.
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TABLE 5: Effect of each type of subsidy on total years of schooling
Year 0 Year 5 Year 10

Pop. Target Non Target Non Target Non 
Targeted Targeted Targeted

(1) (2) (3) (4) (5) (6) (7)

Age 0.860*** 0.814*** 0.724*** 0.838*** 0.722*** 0.857*** 0.749***
(0.002) (0.009) (0.025) (0.008) (0.018) (0.007) (0.015)

Age -0.011*** -0.010*** -0.004*** -0.010*** -0.003*** -0.011*** -0.003***

Square (0.000) (0.000) (0.001) (0.000) (0.001) (0.000) (0.001)

Log 0.038*** 0.04*** 0.017 0.036*** 0.030** 0.028*** 0.017**

(Income) (0.002) (0.010) (0.021) (0.009) (0.014) (0.008) (0.011)

Log -0.014*** -0.010*** -0.011 -0.009*** -0.007 -0.005* -0.005

(Subsidies) (0.001) (0.004) (0.010) (0.003) (0.006) (0.003) (0.005)

Dummy 0.294*** 0.377*** 0.326*** 0.364*** 0.342*** 0.379*** 0.287***

2000 (0.010) (0.045) (0.104) (0.035) (0.071) (0.031) (0.052)

Dummy 0.398*** 0.440*** 0.195** 0.438*** 0.276*** 0.465*** 0.245***

2003 (0.009) (0.041) (0.077) (0.034) (0.055) (0.030) (0.042)

Washing 0.101*** 0.129*** 0.250*** 0.124*** 0.161*** 0.120*** 0.131***

Machine (0.008) (0.035) (0.083) (0.029) (0.056) (0.025) (0.043)

Fridge 0.373*** 0.262*** 0.337** 0.285*** 0.31*** 0.299*** 0.276***
(0.009) (0.037) (0.134) (0.031) (0.104) (0.028) (0.088)

Phone 0.351*** 0.276*** 0.219*** 0.235*** 0.194*** 0.248*** 0.183***
(0.009) (0.044) (0.067) (0.035) (0.050) (0.030) (0.039)

Microwave 0.198*** 0.098* 0.266** 0.150*** 0.143** 0.177*** 0.165**
(0.011) (0.053) (0.123) (0.046) (0.073) (0.041) (0.052)

Hotwater 0.393*** 0.236*** 0.040 0.201*** 0.145*** 0.220*** 0.201***
(0.009) (0.040) (0.075) (0.032) (0.052) (0.028) (0.042)

Female 0.154*** 0.045 -0.078 0.058** -0.077 0.124*** -0.02
(0.007) (0.032) (0.100) (0.026) (0.060) (0.023) (0.043)

Household -0.042*** -0.039*** -0.036** -0.023*** -0.034*** -0.039*** -0.039***

Size (0.002) (0.008) (0.018) (0.007) (0.013) (0.006) (0.011)

Disability -1.787*** -0.995*** -1.063*** -1.176*** -0.717*** -1.280*** -0.686***
(0.044) (0.160) (0.347) (0.136) (0.214) (0.123) (0.159)

Urban 0.192*** 0.091** -0.042 0.048* -0.029 0.075*** -0.061
(0.008) (0.036) (0.092) (0.030) (0.073) (0.026) (0.068)

Target 0.082*** -0.071 0.051* 0.119***

Subsidy (0.010) (0.044) (0.027) (0.024)

Non-Target 0.115*** 0.105 0.163*** 0.220***

Subsidy (0.012) (0.109) (0.051) (0.043)

Constant -3.868*** -3.54*** -3.023*** -3.689*** -3.361*** -3.751*** -3.373***

(0.034) (0.144) (0.341) (0.122) (0.235) (0.109) (0.193)

# Obs 310,600 36,905 9,726 54,741 16,708 68,759 24,130

R-Square 0.816 0.845 0.886 0.838 0.890 0.835 0.890

Prob > F  0.000 0.000 0.000 0.000 0.000 0.000 0.000

*** significant at 1%; ** significant at 5%; * significant at 10%. Robust standard erros in parenthesis.
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TABLE 6: Effect of each type of subsidy on dropout rate
Year 0 Year 5 Year 10

Pop. Target Non Target Non Target Non
Targeted Targeted Targeted

(1) (2) (3) (4) (5) (6) (7)

Age 2.232*** 2.350*** 2.607*** 2.296*** 2.469*** 2.232*** 2.345***
(0.021) (0.062) (0.177) (0.050) (0.138) (0.043) (0.112)

Age -0.049*** -0.051*** -0.057*** -0.050*** -0.054*** -0.049*** -0.051***

Square (0.001) (0.002) (0.004) (0.001) (0.003) (0.001) (0.003)

Log -0.069*** -0.057*** -0.127*** -0.048*** -0.129*** -0.036*** -0.119***

(Income) (0.004) (0.012) (0.034) (0.010) (0.026) (0.009) (0.020)

Log 0.007*** 0.015*** 0.005 0.010** 0.005 0.005 0.006

(Subsidies) (0.002) (0.005) (0.011) (0.004) (0.009) (0.004) (0.007)

Dummy -0.235*** -0.246*** -0.181 -0.266*** -0.167* -0.255*** -0.138*

2000 (0.018) (0.054) (0.112) (0.044) (0.091) (0.038) (0.077)

Dummy -0.451*** -0.421*** -0.291*** -0.466*** -0.371*** -0.499*** -0.383***

2003 (0.018) (0.051) (0.113) (0.042) (0.092) (0.037) (0.078)

Washing -0.238*** -0.208*** -0.235** -0.190*** -0.181** -0.171*** -0.258***

Machine (0.017) (0.048) (0.098) (0.040) (0.080) (0.035) (0.068)

Fridge -0.575*** -0.419*** -0.593*** -0.450*** -0.551*** -0.483*** -0.444***
(0.016) (0.043) (0.108) (0.036) (0.093) (0.032) (0.082)

Phone -0.624*** -0.387*** -0.501*** -0.351*** -0.597*** -0.373*** -0.589***
(0.020) (0.063) (0.113) (0.053) (0.090) (0.046) (0.075)

Microwave -0.461*** -0.326*** 0.11 -0.406*** 0.045 -0.481*** -0.064
(0.028) (0.090) (0.131) (0.078) (0.110) (0.070) (0.093)

Hotwater -0.842*** -0.776*** -0.799*** -0.705*** -0.884*** -0.689*** -0.868***
(0.019) (0.058) (0.106) (0.048) (0.086) (0.043) (0.073)

Female -0.202*** -0.21*** -0.033 -0.261*** -0.085 -0.283*** -0.148**
(0.014) (0.040) (0.090) (0.033) (0.073) (0.029) (0.062)

Household 0.103*** 0.056*** 0.077*** 0.071*** 0.107*** 0.090*** 0.134***

Size (0.004) (0.010) (0.023) (0.008) (0.019) (0.007) (0.017)

Disability 0.913*** 0.668*** 1.230*** 0.722*** 0.924*** 0.697*** 0.858***
(0.046) (0.127) (0.312) (0.105) (0.250) (0.092) (0.215)

Urban -0.380*** -0.239*** -0.245*** -0.229*** -0.076 -0.226*** 0.02
(0.015) (0.042) (0.118) (0.035) (0.100) (0.031) (0.091)

Target -0.109*** -0.074 -0.071** -0.104***

Subsidy (0.019) (0.055) (0.034) (0.029)

Non-Target -0.352*** 0.168* -0.074 -0.131*

Subsidy (0.030) (0.102) (0.075) (0.067)

Constant -23.69*** -25.25*** -27.45*** -24.77*** -26.32*** -24.27*** -25.37***

(0.205) (0.609) (1.809) (0.488) (1.387) (0.421) (1.124)

# Obs. 327,488 41,843 10,541 60,888 18,080 75,677 25,885

R-Square 0.466 0.504 0.457 0.495 0.449 0.482 0.432

Prob> chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000

*** significant at 1%; ** significant at 5%; * significant at 10%. Robust standard erros in parenthesis.
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TABLE 7: Effect of each type of subsidy on grade repetition
Year 0 Year 5 Year 10

Pop. Target Non Target Non Target Non
Target Target Target

(1) (2) (3) (4) (5) (6) (7)

Age 0.494*** 0.716*** 0.214 0.681*** 0.276* 0.630*** 0.327**
(0.030) (0.086) (0.195) (0.071) (0.152) (0.062) (0.133)

Age -0.005*** -0.013*** 0.006 -0.011*** 0.004 -0.009*** 0.002
Square (0.001) (0.003) (0.007) (0.003) (0.006) (0.002) (0.005)
Log -0.051*** -0.036** -0.087* -0.043*** -0.05 -0.042*** -0.039
(Income) (0.006) (0.016) (0.050) (0.013) (0.037) (0.012) (0.030)
Log 0.006** 0.011 0.027 0.002 -0.01 0.001 -0.015
(Subsidies) (0.003) (0.009) (0.023) (0.007) (0.016) (0.006) (0.013)
Dummy -0.294*** -0.313*** -0.512** -0.282*** -0.358** -0.348*** -0.367***
2000 (0.032) (0.094) (0.225) (0.073) (0.165) (0.065) (0.137)
Dummy -0.430*** -0.357*** -0.621*** -0.399*** -0.436*** -0.433*** -0.421***
2003 (0.032) (0.088) (0.227) (0.072) (0.166) (0.062) (0.137)
Washing -0.096*** -0.047 0.062 -0.051 -0.078 -0.068 -0.15
Machine (0.030) (0.085) (0.201) (0.068) (0.146) (0.060) (0.121)
Fridge -0.472*** -0.439*** -0.174 -0.495*** -0.241 -0.516*** -0.268*

(0.028) (0.074) (0.225) (0.060) (0.168) (0.053) (0.143)
Phone -0.371*** -0.475*** -0.43** -0.338*** -0.473*** -0.321*** -0.417***

(0.038) (0.119) (0.218) (0.095) (0.156) (0.081) (0.130)
Microwave -0.295*** 0.116 -0.134 -0.083 0.042 -0.167 -0.057

(0.053) (0.161) (0.298) (0.144) (0.204) (0.123) (0.169)
Hotwater -0.555*** -0.672*** -0.36 -0.633*** -0.509*** -0.554*** -0.538***

(0.036) (0.117) (0.221) (0.092) (0.156) (0.077) (0.128)
Female -0.408*** -0.380*** -0.499*** -0.442*** -0.440*** -0.458*** -0.482***

(0.025) (0.070) (0.180) (0.057) (0.133) (0.050) (0.111)
Household 0.125*** 0.124*** 0.117** 0.141*** 0.129*** 0.153*** 0.154***
Size (0.006) (0.017) (0.052) (0.015) (0.034) (0.013) (0.029)
Disability 1.267*** 0.881*** 1.677*** 1.103*** 1.702*** 1.216*** 1.828***

(0.073) (0.202) (0.449) (0.159) (0.322) (0.137) (0.256)
Urban 0.119*** 0.185** -0.278 0.202*** 0.03 0.196*** 0.049

(0.028) (0.074) (0.210) (0.061) (0.173) (0.053) (0.156)
Target -0.127*** -0.255** -0.178*** -0.148***
Subsidy (0.032) (0.104) (0.057) (0.050)
Non-Target -0.292*** -0.156 -0.082 -0.134
Subsidy (0.050) (0.218) (0.134) (0.124)
School -0.026 0.173*** -0.223* 0.151*** -0.208** 0.137*** -0.271***
Math Score (0.020) (0.058) (0.126) (0.047) (0.096) (0.041) (0.082)
Constant -7.773*** -9.476*** -5.846*** -9.208*** -6.892*** -8.932*** -7.486***

(0.220) (0.631) (1.475) (0.518) (1.148) (0.462) (1.017)

# Obs. 132,451 16,377 4,042 25,051 7,528 31,958 11,618
Rsquare 0.190 0.183 0.222 0.189 0.221 0.192 0.230
Prob > chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000

*** significant at 1%; ** significant at 5%; * significant at 10%. Robust standard erros in parenthesis.
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TABLE 8: Effect of selective migration on estimates
Population Year 0 Year 5 Year 10

Non- All Non- All Non- All Non- All
Movers Movers Movers Movers

(1) (2) (3) (4) (5) (6) (7) (8)

Age 0.827*** 0.828*** 0.782*** 0.781*** 0.793*** 0.792*** 0.812*** 0.812***
(0.004) (0.004) (0.012) (0.012) (0.009) (0.010) (0.008) (0.008)

Age -0.007*** -0.007*** -0.007*** -0.007*** -0.007*** -0.007*** -0.008*** -0.008***
Square (0.000) (0.000) (0.001) (0.001) (0.000) (0.000) (0.000) (0.000)
Log 0.043*** 0.043*** 0.034*** 0.034*** 0.034*** 0.033*** 0.023*** 0.024***
(Income) (0.005) (0.005) (0.009) (0.010) (0.008) (0.008) (0.007) (0.007)
Log -0.010*** -0.010*** -0.009* -0.008* -0.007** -0.006* -0.004 -0.004
(Subsidies) (0.001) (0.001) (0.005) (0.005) (0.003) (0.003) (0.003) (0.003)
Dummy 0.280*** 0.281*** 0.369*** 0.379*** 0.362*** 0.377*** 0.348*** 0.360***
2000 (0.016) (0.016) (0.052) (0.053) (0.039) (0.041) (0.031) (0.033)
Dummy 0.377*** 0.378*** 0.343*** 0.346*** 0.362*** 0.367*** 0.366*** 0.371***
2003 (0.015) (0.015) (0.038) (0.039) (0.030) (0.032) (0.026) (0.027)
Washing 0.142*** 0.141*** 0.177*** 0.185*** 0.150*** 0.153*** 0.131*** 0.137***
Machine (0.014) (0.014) (0.039) (0.039) (0.029) (0.030) (0.024) (0.025)
Fridge 0.389*** 0.390*** 0.291*** 0.286*** 0.310*** 0.305*** 0.322*** 0.306***

(0.017) (0.017) (0.040) (0.040) (0.032) (0.033) (0.028) (0.029)
Phone 0.310*** 0.311*** 0.255*** 0.260*** 0.214*** 0.224*** 0.217*** 0.223***

(0.014) (0.014) (0.041) (0.041) (0.031) (0.032) (0.025) (0.026)
Microwave 0.205*** 0.204*** 0.213*** 0.222*** 0.164*** 0.163*** 0.179*** 0.175***

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Hotwater 0.383*** 0.384*** 0.198*** 0.195*** 0.217*** 0.218*** 0.247*** 0.243***

(0.014) (0.014) (0.039) (0.039) (0.029) (0.030) (0.024) (0.025)
Female 0.095*** 0.095*** 0.002 0.005 0.005 0.002 0.06** 0.056**

(0.013) (0.013) (0.045) (0.045) (0.031) (0.032) (0.024) (0.026)
Household -0.061*** -0.061*** -0.037*** -0.037*** -0.028*** -0.028*** -0.039*** -0.037***
Size (0.003) (0.003) (0.008) (0.009) (0.007) (0.007) (0.006) (0.006)
Disability -1.412*** -1.412*** -1.014*** -1.030*** -1.013*** -1.045*** -1.057*** -1.107***

(0.072) (0.072) (0.154) (0.157) (0.121) (0.126) (0.102) (0.107)
Urban 0.247*** 0.249*** 0.091** 0.101*** 0.064** 0.088*** 0.100*** 0.14***

(0.015) (0.015) (0.036) (0.038) (0.029) (0.031) (0.025) (0.027)
All Subsidy 0.014 0.023 0.091*** 0.154***
Recipients (0.015) (0.070) (0.027) (0.022)
Non-movers -0.004 0.011 0.071** 0.135***
Recipients (0.016) (0.087) (0.030) (0.023)
Constant -4.145*** -4.142*** -3.47*** -3.477*** -3.66*** -3.653*** -3.73*** -3.759***

(0.067) (0.067) (0.149) (0.150) (0.116) (0.119) (0.100) (0.103)

# Obs. 302,215 302,215 45,577 44,123 70,349 64,054 91,730 82,368
R-Square 0.850 0.850 0.856 0.856 0.855 0.855 0.855 0.854
Prob > F 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000

*** significant at 1%; ** significant at 5%; * significant at 10%. Robust standard erros in parenthesis.
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TABLE 9: Effect of housing subsidy on wages

Total Sample Sample Sample Sample
Population Year 0 3 Years ago 5 Years ago 10 Years ago

(1) (2) (3) (4) (5)
Schooling 0.139*** 0.101*** 0.103*** 0.103*** 0.106***

(0.001) (0.001) (0.001) (0.001) (0.001)
Experience 0.030*** 0.019*** 0.021*** 0.022*** 0.025***

(0.000) (0.001) (0.001) (0.001) (0.001)
Experience Square -0.0002*** -0.0001*** -0.0002*** -0.0002*** -0.0002***

(0.000) 0.000 0.000 0.000 0.000 
Dummy 2000 0.049*** 0.093*** 0.082*** 0.072*** 0.052***

(0.004) (0.009) (0.008) (0.007) (0.006)
Dummy 2003 0.107*** 0.155*** 0.149*** 0.158*** 0.136***

(0.004) (0.009) (0.008) (0.007) (0.006)
Female -0.289*** -0.268*** -0.266*** -0.273*** -0.282***

(0.003) (0.008) (0.007) (0.006) (0.005)
Disability -0.130*** -0.133*** -0.106*** -0.117*** -0.115***

(0.013) (0.031) (0.027) (0.025) (0.022)
Urban 0.188*** 0.221*** 0.209*** 0.206*** 0.209***

(0.005) (0.011) (0.010) (0.010) (0.009)
Housing Subsidy -0.101*** .032*** 0.017*** 0.013*** 0.015***

(0.003) (0.008) (0.006) (0.006) (0.005)
Constant 9.995*** 10.390*** 10.370*** 10.363*** 10.311***

(0.008) (0.020) (0.018) (0.017) (0.014)

# Observations 178,696 23,939 31,860 37,463 48,966
R-Square 0.402 0.300 0.301 0.302 0.312
Prob > F      =  0.000 0.000 0.000 0.000 0.000

*** significant at 1% confidence level
** significant at 5% confidence level
* significant at 10% confidence level. Standard erros in parenthesis.
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TABLE 10: Effect of housing subsidy on Unemployment

Total Sample Sample Sample Sample
Population Year 0 3 Years ago 5 Years ago 10 Years ago

(1) (2) (3) (4) (5)

Schooling -0.099*** -0.089*** -0.088*** -0.092*** -0.095***
(0.002) (0.007) (0.006) (0.005) (0.005)

Experience 0.082*** 0.085*** 0.080*** 0.085*** 0.091***
(0.001) (0.004) (0.004) (0.003) (0.003)

Experience Square -0.001*** -0.001*** -0.001*** -0.001*** -0.001***
(0.000) (0.000) 0.000 0.000 0.000 

Dummy 2000 -0.086*** -0.075 -0.047 -0.008 -0.023
(0.017) (0.049) (0.042) (0.039) (0.034)

Dummy 2003 -0.010 -0.057 -0.005 0.025 0.007
(0.017) (0.047) (0.041) (0.037) (0.033)

Female -0.304*** -0.559*** -0.518*** -0.502*** -0.460***
(0.014) (0.037) (0.033) (0.030) (0.026)

Disability -0.247*** -0.182 -0.211* -0.23** -0.187**
(0.045) (0.123) (0.109) (0.101) (0.090)

Urban -0.563*** -0.390*** -0.425*** -0.409*** -0.448***
(0.016) (0.042) (0.038) (0.035) (0.031)

Housing Subsidy -0.019 -0.037 -0.06* -0.028 -0.022
(0.016) (0.047) (0.033) (0.030) (0.026)

Constant -0.638*** -0.861*** -0.900*** -0.763*** -0.691***
(0.032) (0.096) (0.083) (0.076) (0.066)

# Observations 267,407 35,767 47,161 55,259 72,111
Pseudo R-Square 0.050 0.042 0.039 0.041 0.046
Prob > chi2 0.000 0.000 0.000 0.000 0.000

*** significant at 1% confidence level
** significant at 5% confidence level
* significant at 10% confidence level. Standard erros in parenthesis.
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