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Abstract 
 

The debate concerning affirmative action in higher education has 
continued in one form or another since the Supreme Court first ruled on 
the issue in 1978. During the 1990s, several states instituted programs 
that replaced affirmative action with systems that guaranteed admission 
to the top-x percent of each graduating high school class; in the case of 
Texas, this was done for the top 10% of each graduating class. This 
research finds that while class rank is a significant factor in predicting 
admission for all colleges, the weight placed on class rank at public 
institutions in Texas is higher than that for institutions not subject to the 
top 10% plan. Additionally, no significant positive race effect on 
admissions probability was found for those public institutions in Texas, 
seemingly confirming the race neutrality of said policy. 
 
In examining affirmative action generally, this paper finds that minority 
applicants do receive preferences in admissions but that the level of such 
preference has declined, compared to the earlier research literature, 
since the early 1980s. This positive effect is found for all minority groups 
when examining all institutions in the aggregate, but is found only for 
blacks when examining only schools who self-report as ‘Very Selective.’ 
Some coefficient estimates and foreknown limitations of the data set 
indicate the possibility of unobserved heterogeneity which may reduce 
the reliability of the coefficient estimates.  
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I. Introduction: 
 

While the topic of affirmative action in college1 admission is oft 

discussed, the scope of empirical evidence on the magnitude and 

significance of the preferences accorded minority applicants at selective 

undergraduate institutions is limited. Largely, this is due to the fact that 

colleges are not obligated, and may be prohibited, from sharing 

information about the admissions process. Much of what we actually 

know about specific admissions criteria has been uncovered through 

court cases challenging the validity of specific admissions processes.  

The Supreme Court has ruled, in both the case of Bakke v. 

Regents (438 U.S. 265 1978) and the more recent Grutter v. Bollinger 

(539 U.S. 306 2003) case, that there is an educational value to diversity 

and that the state has a legitimate interest in the presence of diversity in 

institutions of higher education. As such, schools may use race as a 

“plus” factor when making admissions decisions in order to further that 

interest in diversity.  

The mid – 1990s saw significant developments in the landscape of 

affirmative action policies. In the case of Hopwood v. Texas (78 F.3d 932 

1996), the policies enacted at the University of Texas Law School were 

challenged on 14th Amendment grounds. At the law school, minority 

applicants were subject to lower admissions criteria than white 
                                                
1 Throughout this text, I will often use the term “college” to refer to both colleges and 
universities. 
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applicants, effectively creating a two-tiered admissions system. The 

Court of the Fifth Circuit ruled on appeal that the Bakke decision was not 

controlling precedent, and that diversity did not constitute a compelling 

state interest under the 14th Amendment. The Supreme Court denied 

certiorari, so the decision applied to those states within the Fifth Circuit 

(until the decision in Grutter replaced it as controlling precedent). As a 

result, Texas postsecondary institutions were required to eliminate all 

considerations of race in the admissions process.  

The Texas state legislature responded by passing HB 588, also 

known as the top 10% plan, which guarantees admission to any Texas 

public college or university to high school seniors in the top 10% of their 

class. Despite the Grutter ruling in 2003 affirming the use of race in the 

admissions process, the top 10% plan as outlined in HB 588 remains 

enacted, largely reflecting the hesitancy of state policymakers to again 

test the legal arena with regards to the permissibility of considering race 

in the admissions process. 

The hypothesis advanced here is that race will be less of a factor, 

and class rank more of a factor, in predicting admission to schools 

subject to the Texas top 10% plan, when compared to those schools only 

subject to the restrictions outlined by the Supreme Court in Bakke and 

Grutter. HB 588 was crafted as a race-neutral alternative to affirmative 

action that, partly because of high levels of secondary school 
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segregation, would still produce a high number of minority admits. 

Findings that indicate a significant race effect under the top 10% plan 

would obviously call into question the race-neutrality of said policy.  

Secondly, it is hypothesized that race will have become less of a 

factor for those schools subject to federal legal guidelines in comparison 

to the effects found in the existing research literature. Previous analyses 

of the effect of race on college admission probability utilize data from the 

1980s and early 1990s. By utilizing a more recent data set, we hope to 

provide a contemporary picture of the weight placed on race in college 

admissions. Given the trepidation surrounding considerations of race in 

the intervening years between Hopwood and Grutter, as well as the 

increasing educational and economic attainment of minorities, it is likely 

that race has become less of a factor in the college admission decision 

process. An updated understanding of the weight assigned by colleges to 

race and other characteristics when making admissions decisions will 

expand the knowledge base for debates over the validity of racial and 

ethnic preferences in college admissions and any alternative policy 

options to achieve diversity.  

Two studies have examined the college admissions process in a 

manner similar to that undertaken here, and have generated estimates of 

the level of preference afforded minority applicants in admissions 

decisions. Thomas Kane (1998) utilized the High School and Beyond 
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database, with data from 1982, and found that blacks and Hispanics have 

an 8 to 10 percent higher probability of admission to selective 

undergraduate institutions. Mark Long (2004), utilizing the National 

Educational Longitudinal Survey 1988 eighth grade cohort, found that the 

effect of being black or Hispanic was to increase the predicted probability 

of admission by 8.4 and 5.8 percentage points, respectively. This analysis 

attempts to update these previous statistical evaluations using data from 

the high school class of 2002 for the state of Texas. 

 

II. Background 

A. Historical Overview 

Oftentimes discussants of affirmative action confuse labor market 

policies with college admission policies, or wrongly assume that the 

mandate of government intervention in these two spheres is expansive, 

or in the case of college admission, wrongly assume that there is any 

direct federal government intervention of any sort. 

Executive Order 11246, issued by President Lyndon Johnson, 

codified regulations on affirmative action at the federal level. It 

mandated that federal contractors with 50 or more employees and 

contracts over $50,000, “take affirmative action to ensure that applicants 

are employed… without regard to race, creed, color or national origin;” 

the order created guidelines for reporting the proportions of minorities in 
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their employ and written descriptions of their affirmative action plans to 

be filed with the Office of Federal Contract Compliance (EO 11246 Sec. 

202(1), Holzer & Neumark: 485 2000, Witt & Shin: 189 2003).  

Combined with the nondiscrimination requirements of Title VII of the Civil 

Rights Act of 1964, the expressed commitment of the federal government 

to affirmative action programs therefore is limited to the labor market; 

specifically it requires nondiscrimination generally and affirmative action 

for federal contractors of sufficient size. 

Affirmative action policies in higher education developed during the 

1960s but were not subject to any governmental mandate beyond 

nondiscrimination; rather schools were free to develop their own policies 

to increase minority enrollment. Such policies are essentially confined to 

the most selective institutions, as lower-tiered schools admit the vast 

majority of applicants. These policies simply had to conform to 

Constitutional or legislative guidelines, however admissions policies and 

regulations were not public record and were decidedly private until the 

case of Bakke v. Regents (438 U.S. 265 1978) came to prominence.  

Bakke was an applicant to the University of California-Davis School 

of Medicine who was denied admission in 1973 and 1974. He sued the 

school, on the grounds that a program in place to increase the number of 

minorities at the school, utilizing a set-aside of 16 of 100 slots for 

underrepresented minorities, violated Title VI of the Civil Rights Act of 
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1964 and the 14th Amendment (Bakke v. Regents 438 U.S. 265 at 275, 

277, 278). The Supreme Court ruled, in a divided decision, that while the 

quota system set up by the University was not “narrowly-tailored” to 

further the interest of increasing the proportions of minorities, it was not 

impermissible for colleges to consider race in making admissions 

decisions (Ibid at 306, 312). The Court also ruled that remedying the 

effects of societal discrimination was not a legitimate rationale for the 

consideration of race in admissions, but held that such considerations can 

be made in the interests of generating a diverse student body (Ibid at 

310, 312). As such, “[t]he State has a substantial interest that 

legitimately may be served by a properly devised admissions program 

involving the competitive consideration of race and ethnic origin” (Ibid at 

320).  

The task for colleges and universities was therefore to determine 

what policies constitute “properly devised” within this framework. Justice 

Lewis Powell referenced the plan in place at Harvard College in his 

opinion as one example of the use of “flexible criteria” of evaluation. The 

plan involved using race as a “plus” factor, along with other subjective 

measures of student quality or desirability (Bakke v. Regents 438 U.S. 

265 at 316, 317). 

The next major reexamination of affirmative action in higher 

education came with the case of Hopwood v. Texas (78 F.3d 932 1996). 
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In that case, the policies enacted at the University of Texas Law School 

were challenged on 14th Amendment grounds.  Minority applicants were 

subject to lower admissions criteria than white applicants; the cutoff 

values were lower so that minorities had lower admissions thresholds 

than the white applicants, effectively creating a two-tiered admissions 

system. The Court of the Fifth Circuit ruled on appeal that the Bakke 

decision was not controlling precedent, and that diversity was not a 

compelling state interest under the 14th Amendment. The Supreme 

Court denied certiorari, so the decision applied to those states within the 

Fifth Circuit (Springer: 3 2003).  

As a result of the ruling in Hopwood, the consideration of race in 

the admissions process was prohibited at all Texas colleges and 

universities. As an attempted substitute for race-conscious admissions 

policies, the Texas legislature passed HB 588, otherwise known as the 

Top 10% law, guaranteeing admissions to any public postsecondary 

school for Texas students graduating in the top 10% of their high school 

class.2 Rankings were legislated as being based upon the grade point 

average distribution at the institution in question. Additionally, students 

                                                
2 While all colleges in the state were subject to the race consideration ban as outlined by 
Hopwood, only public institutions were governed by the top 10% plan as outlined by HB 
588.  
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still had to apply to a given institution in order to realize the admissions 

guarantee (75(R) HB 588).3  

Similar policies have been enacted in Florida and California, in 

response to executive orders and ballot initiatives, respectively, 

eliminating race as a consideration in admissions at public institutions 

and adopting top-x percent admissions policies. Additionally, State 

Initiative 200 in Washington prohibited affirmative action in the public 

domain, thereby eliminating race-conscious admissions at state 

universities in that state (Horn & Flores 2003).  

The Supreme Court revisited affirmative action in the case of 

Grutter v. Bollinger (539 U.S. 306 2003), which concerned the 

admissions policy at the University of Michigan law school. In a parallel 

case considered concurrently, Gratz v. Bollinger (539 U.S. 244 2003), a 

more rigid affirmative action policy in undergraduate admissions was 

struck down as not satisfying the “narrowly tailored” framework set forth 

in Bakke. The law school policy under consideration in Grutter involved 

using race as one “plus” factor among many possible subjective 

characteristics (539 U.S. 306 at 324). The goal of the law school policy 

was to enroll a “critical mass” of underrepresented minority students, and 

it defined diversity more broadly than simply by racial category (Ibid at 

                                                
3 The onus, therefore, is on the student to realize the admissions guarantee. Some 
institutions, such as the University of Texas at Austin, use the applications of these 
presumptive admits to sort students into majors. 
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324, 325, 326). The program in Grutter met the “narrowly tailored” 

provision in the view of the Supreme Court, and it affirmed the ruling in 

Bakke that diversity constituted a compelling state interest in considering 

race in admissions. The policy emphasized “flexible criteria,” in that the 

“Law School affords…individualized consideration to applicants of all 

races. There is no policy, either de jure or de facto, of automatic 

acceptance or rejection based on any single “soft” variable” (Ibid at 338). 

 

B. Literature Review  

Given the contentious nature of affirmative action in higher 

education and the litany of court decisions surrounding racial 

preferences, it would be expected that attending a selective institution 

has some value other than simply intrinsic. Bowen & Bok (1998) find that 

minorities receive a greater premium from attending a highly selective 

school than do white students; they also find, ceterus paribus, that black 

students at highly selective institutions graduate at higher rates than 

whites. Kane (1998) finds that attending a highly selective school is 

associated with higher graduation rates and higher future earnings for 

both minority and non-minority students. Loury & Garman (1993) find 

that the future earnings benefits of attending a selective college are 

higher for blacks than for whites; they also find some support for the 

“mismatch” hypothesis, holding that minorities admitted via affirmative 



 10

action have lower college achievement due to a mismatch between the 

academic demands of the school and the student’s ability. Light & Strayer 

(2002) also find that controlling for unobservables, blacks are less likely 

to graduate from college than are whites at comparable institutions. 

Sander (2004) found decreased future attainment for minorities (in this 

case in terms of law school students and the probability of both 

graduating and passing the bar) holding undergraduate performance and 

LSAT score constant, although this specific result has been challenged in 

other recent analyses (Ho 2005).  

While there is agreement among researchers and pundits as to the 

presence of preferences for minorities, the empirical literature is 

somewhat limited in terms of quantifying the level of preference given to 

various groups. Long (2004) and Kane (1998) utilize the National 

Educational Longitudinal Survey (NELS) and the High School and Beyond 

(HSB) survey, respectively, to examine the effect of race on college 

admissions. Long found, using the 1988 NELS eighth grade cohort (the 

high school class of 1992), that blacks and Hispanics received 

preferences on the order of 8.4 and 5.8 percentage points, respectively, 

with regards to admission probability, regardless of institutional 

selectivity. Kane, utilizing the HSB database from the high school class of 

1982, finds that blacks and Hispanics have a 10.3 and 8.6 percentage 

point, respectively, higher probability of admission to selective 
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undergraduate institutions, defined as four-year colleges and universities 

in the top 20% of institutional selectivity. Kane, somewhat unsurprisingly 

but in contrast to Long, finds that race plays little role in admissions for 

the bottom 60% of institutions, as these schools generally admit all who 

apply.  

The research in this analysis utilizes the same methodological 

framework as Long and Kane, but instead uses a different, more recent 

data set and expanded controls for college characteristics. The data in 

this analysis, however, is more restrictive in that the sample population 

is not nationally representative; rather it comes from a representative 

sample of Texas high school seniors.  

Bowen & Bok (1998) examine a subset of Ivy League and highly 

selective private and public institutions in their book The Shape of River, 

utilizing the College and Beyond database from the 1989 admissions 

cohort. They found that blacks received a 17% advantage over white 

applicants in the probability of admission at the institutions in question.  

The literature surrounding the effects of race-neutral alternatives 

to affirmative action, specifically top-x percent plans, is still developing. 

These plans have had a negligible effect on minority enrollment in some 

cases, but often the top-x percent plans have been accompanied by more 

extensive outreach to high schools serving a large proportion of minority 
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students (Horn & Flores 2003), complicating the determination of specific 

policy effects.  

Minority enrollment declines have been more pronounced at state 

flagship institutions, namely those selective public schools that have 

highly competitive admissions (i.e. UC Berkeley, UCLA, and the 

University of Texas at Austin). Tienda et. al. (2003) find that the odds of 

enrollment and admission under the top 10% plan for minority applicants 

declined significantly at Texas A&M, while declining slightly at the 

University of Texas at Austin. The authors note the particularly 

aggressive outreach programs at UT Austin as a factor in explaining the 

limited reduction in admission and enrollment odds for minorities. To 

some degree, the high level of racial segregation in the composition of 

Texas high schools has muted the impact of the elimination of affirmative 

action in the face of the enactment of the top 10% plan; in fact, the 

policy implicitly depends on this segregation to generate a large portion 

of the minority admits at these flagship schools.  

 

III. Data 

 Data for this research comes from two sources. The primary data 

set employed in this analysis comes from the Texas Higher Education 

Opportunity Project (THEOP), administered by the Office of Population 

Research at Princeton University. As part of the THEOP a survey of a 
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representative sample of Texas high school seniors was taken in the 

spring of 2002.4 

   In the first survey wave, students were asked to list up to 5 

college preferences, whether they applied, and to indicate whether they 

had been accepted as of the time of the survey (between March and May 

2002). The sample size of the survey is 13,803. In the first survey wave, 

8448 students listed a first preference school (approximately 61%), and 

4686 students listed a second preference school. Seven hundred twenty 

one students listed the U. of Texas at Austin as their first preference, and 

633 listed Texas A&M as their first preference (the two Texas public 

flagship institutions). Of the 8448 students who listed a first preference, 

3915 report being accepted by their first choice school. 

 Since students could list more than one college preference and 

their admission status, the sample was adjusted to allow for students to 

be represented multiple times in the data set; the data was reshaped and 

only those observations with valid listed college codes were retained.5 

The college codes in the THEOP data correspond to the codes used by the 

National Center for Education Statistics’ Integrated Postsecondary 

Education Data System (IPEDS), which allowed for college characteristics 

                                                
4 This survey constituted the first wave of a three wave survey of this population; surveys 
were also done for high school sophomores.  
5 A small number of students listed that they had a certain preference but then did not 
name the school, as such they did not have a valid college code to which college 
characteristics could be appended. 
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such as yield rate, graduation rate, etc., to be appended to the THEOP 

data.6 The sample was restricted to 4-year institutions, to conform both 

to the previous empirical literature, and also due to the fact that most 2-

year schools have open admissions policies or are not selective enough to 

require affirmative action programs to boost minority enrollment. We 

were thankfully given access to a limited set of restricted-use high school 

characteristics by the THEOP, including the percent of economically 

disadvantaged students, the total dropout rate, the school racial 

composition, and the number of students tested in and passing algebra.  

The final adjusted sample size for the pooled regressions estimated 

below is 6454 observed preferences with appended college data. After 

reshaping the data to allow multiple observations per student (for those 

who listed more than one college preference), the adjusted sample size 

was 13292, with 7307 students represented. However, the regressions 

are restricted to students who actually applied to the college in question, 

reducing the sample size to 8688 observed preferences, with 5194 

students represented. Since many students did not know their 

acceptance status at the time of the survey, and with Accept as the 

dependent variable, those with “Don’t Know” for Accept are dropped from 

the analysis, reducing the sample size to 6454 as noted above. Table 1 

presents data on the sample characteristics for the three stages listed 
                                                
6 The IPEDS data sets utilized in creating the college characteristics are: GR 2002, HD 
2002, IC 2002, and IC 2002 AY. 
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here. The average number of 4-year college applications per student in 

the sample is 1.67. 

 

IV. Methodology: 

The research here uses a probit regression formulation to model 

the effects of various explanatory variables and controls on the 

probability of admission to an undergraduate institution. The model takes 

the form of: 

 
Pr(admitij=1) = Φ(β0+Xiβ1+Siβ2+Cjβ3) 
 
 
where Φ represents the standard normal distribution. Xi represents a 

vector of student characteristics, including race, class rank, and other 

student-level controls. Si represents a vector of student high school 

characteristics, such as % of students eligible for free or reduced-price 

lunch. Cj represents a vector of college characteristics, including yield 

rate, graduation rate, SAT scores, etc. A number of different 

specifications are estimated. 

 

 A. Basic Regression Analysis 

In the basic regression analysis, variables are grouped by type and 

added in stages to the regression specification, to determine how the 

coefficients of interest change as more controls are added; this was 



 16

done, in part, because initial regressions based on the full complement of 

controls indicated the possibility of over controlling. Additionally, 

progressively adding control variables permits us to examine how our 

coefficient estimates of interest change and gives us an idea about the 

sensitivity of the regression coefficients to the model specification.  

Six models are estimated during the basic data analysis. Model 1 

includes only the variables of interest (namely race and class rank), the 

respondent’s sex, and missing data indicators. Model 2 includes controls 

for basic high school and student-level characteristics, such as parental 

education and school racial composition, along with data on respondent 

test scores, Texas high school graduation plan, English language usage, 

whether the respondent is foreign-born, and AP test taking behavior. 

Model 3 expands the specification to include variables relating to the 

college’s selectivity and characteristics, such as the college’s yield rate, 

acceptance rate, its 6-year graduation rate, and whether the school was 

a public Texas institution (and hence subject to the top 10% law in 

admissions).  

Models 4 and 5 include some expanded high school characteristics, 

and in the case of model 5, a full complement of student-level controls 

including parental work status, courses taken, AP test scores, subject 

grades, student activities, and another measure of non-English language 

usage. Model 4 includes a more limited selection of student activity, 
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subject grades, and course taking variables. These variables are added 

later both to examine the sensitivity of our estimates and to guard 

against over controlling. 

Model 6 represents the fully expanded model, and includes all the 

variables from Model 5 and some additional college controls, language 

usage controls, and an interaction term for Class Rank and Public Texas 

College. 

 

B. Separate Samples for Top 10% Schools and All Other  

Colleges 

These regressions utilize the model specification from Model 6 

above, but with the sample divided into two groups: public colleges and 

universities in Texas, and all other colleges and universities. Regressions 

are run separately on these two sample groups. The former group of 

schools are those subject to the top 10% plan in admissions and enjoined 

from considering race in the admissions process. The top 10% plan 

should be the only means by which race may impact admission decisions 

(albeit only implicitly) for public Texas colleges and universities.7  

The logic behind these separate regressions is that the top 10% 

plan may alter the weight that certain characteristics have in the 

                                                
7 Splitting the sample and running separate regressions results in a loss of 23 
observations, yielding a total sample size (the sum of the sample sizes for these two 
regressions), of 6431. 
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admissions process to such a degree that separate equations are 

necessary. It is likely that there will be different predicted coefficients for 

the race and class rank variables; it is possible that other coefficients will 

be similarly affected.8 A Wald chi-squared test is done to determine 

whether the separate specifications are appropriate or whether the model 

should be pooled and utilize an indicator for public Texas college, as well 

as relevant interaction terms; the Wald test indicates that the separate 

specifications are appropriate, with a Probability>X2 = 0.0000.   

 

 C. Restricting to Schools Self-Identified as ‘Very Selective’ 

 Previous studies utilized the college’s entering class’ mean or 

median SAT score to rank schools and divide the sample into levels of 

institutional selectivity. The logic again is that it is generally only the 

most selective schools who need to implement affirmative action policies 

to boost minority enrollment; the majority of schools admit all who apply.  

While the IPEDS college database utilized in this analysis provides 

25th/75th percentile test score data, it does not include mean or median 

test scores for the colleges and universities. However, the IPEDS data 

does include a question in which administrators are asked to identify how 

                                                
8 Tienda et. al. (2004) note that class rank has always been heavily weighted in 
admissions decisions at institutions of higher education. Prior to 1995 at the University of 
Texas at Austin, there was no minimum test score required for top decile students. HB 
588 therefore transformed into law what had in practice been a virtual guarantee of 
admission.   
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selective their school is in terms of their admissions requirements. This is 

used to restrict the sample to only the schools that self-identify as ‘Very 

Selective.’9 In this analysis, two regressions are run for two separate 

samples. The final model specification from Model 6 above is used as the 

basic specification; an interacted model is also run that adds interaction 

terms between a variable signifying whether the respondent is a 

disadvantaged minority and the respondent’s test score, athletic 

participation, and National Honor Society participation. The two samples 

examined are the sample from the Basic Regression section, and one 

restricted to only the sample representing the All Other Colleges group 

utilized above.10 

 

V. Results:  

A. Basic Regressions 

The discussion of coefficient estimates on the variables of interest 

from the six primary regression models discussed above is divided by 

                                                
9 There were 148 colleges in the sample that self-identified themselves as ‘Very 
Selective.’ 
10 Regressions for public Texas colleges were run, but because there are only two highly 
selective public colleges in Texas (namely the University of Texas at Austin and Texas 
A&M), the resulting regressions result in high collinearity, with all the college controls 
dropping out of the model, rendering it useless as a predictive tool. Keeping the 
regressions separate adheres to the results estimated from the separate regressions 
described in the previous section, where the coefficient estimates are distinct enough to 
warrant separate specifications.  
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variable type and presented below.11 Regression results from the six 

models for variables of interest are presented in Table 2. This table 

presents marginal effects for the coefficients listed, meaning that the 

listed value shows the predicted change in the probability of acceptance 

of a one unit change in each characteristic when the applicant’s other 

characteristics were at the mean of the applicant pool. The mean 

acceptance rate in the sample is 88.05%. 

 

 Race Effects 

As expected, in Model 1, without any control variables, being Black 

or Hispanic is predicted to decrease the probability of admission, by 7.3 

and 8.0 percentage points, respectively. Adding basic high school and 

student-level controls in Model 2 results in all the race coefficients 

besides Hispanic becoming insignificant. As additional control variables 

are added in subsequent models, the coefficient on Hispanic also ceases 

to be significant. The p-value for the coefficient on Hispanic is close to 

significant in Model 6, with p=0.124; the coefficient estimate indicates 

that being Hispanic reduces the probability of being accepted by 1.88 

percentage points. This unexpected negative effect indicates the 

possibility of unobserved heterogeneity in our model due to possibly 

                                                
11 Discussion of coefficient groups (e.g. race) is conducted separately for each 
specification because many of the estimates are sensitive to the sample restrictions and 
the model specification form.  
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inadequate controls, such as prior achievement or parental income; this 

is examined in detail in the discussion section. 

 

 Class Rank 

Class Rank in this dataset is defined in descending order, meaning 

that the value of the Class Rank variable increases, actual class rank 

decreases (for example, a value of 10 on the Class Rank variable 

corresponds to a class rank of the 90th percentile, or the top 10%). 

Although the coefficient estimate on this variable slowly decreases as 

control variables are added, the estimate remains significant at the 

p<.01 level throughout. The coefficient on Class Rank falls from -0.003 to 

-0.0011, or 62%, between Model 1 and Model 6. 

The addition of the Public Texas College * Class Rank interaction 

considerably reduces the magnitude of the Class Rank coefficient in 

Model 6; the interaction coefficient is significant at p<.01. In the Model 6 

regression, the coefficient on Class Rank indicates that a 10 percentage 

point increase in class rank is predicted to increase the probability of 

admission, at the mean for all other variables, by 1.14 percentage points 

for schools that are not public Texas colleges. If the college in question is 

a Public Texas College, then the estimated cumulative effect of the 10 

percentage point change in Class Rank is to increase the probability of 
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admission by 2.2 percentage points, an effect almost double that of the 

Class Rank coefficient estimate alone.    

  

Other Student Characteristics 

A number of relevant student-level control variables are presented 

in Table 2. Male is obviously an indication of respondent’s sex; its 

coefficient estimate is significant in early specifications but diminishes, 

from -0.0221 to  -0.0116, until it is not significant in Model 6. Its 

negative sign is another indication of possible unobserved heterogeneity 

in our model, for while males are less likely to go to college, many 

colleges are taking active steps to reduce these disparities and have 

given men preference in admissions.12 

AP Course Taking Behavior is an ordinal variable ranging from 1 to 

5 measuring the number of AP courses the respondent has taken. 

Student is Foreign Born and Language Other Than English are both 

indicators meant to attempt to control for some of the heterogeneity 

within the Hispanic population in Texas. Almost 10% of the observations 

in the sample report being foreign born, and 32% of the observations 

                                                
12 A case brought against the University of Georgia in 1999 is illustrative. In Johnson v. 
Board of Regents (Johnson v. Regents 106 F. Supp. 2d 1362), the University’s admissions 
plan was invalidated because it involved giving additional points to both minorities and to 
men in the undergraduate admissions process.  
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report speaking a language other than English at home.13 These variables 

for the most part are not significant in any specifications.  

Texas, at the time of the survey, had three possible high school 

graduation plans: General Curriculum, College Prep, and Distinguished 

Achievement, with the latter being the most rigorous and presented in 

Table 2. In the final model specification, the coefficient is significant at 

p<.10, and indicates that following this graduation plan increases the 

probability of acceptance by 1.99 percentage points. In large measure, 

this variable is included as a proxy for unobserved factors such as 

student motivation. Additionally, colleges may place some weight on the 

graduation plan of a particular student when making admissions 

decisions, particularly colleges in Texas that are familiar with the 

characteristics of the graduation plans.  

Test Score is a composite measure including SAT, ACT, and PSAT 

scores. For students with a valid SAT score, Test Score equals such 

score. For students without SAT scores but with ACT scores, Test Score 

equals this ACT score converted to an SAT score equivalent.14 For 

students without either SAT or ACT scores, Test Score equals the 

                                                
13 Because of the reshaped data, these percentages do not represent a certain percent of 
the respondents but only the percent of the sample, where the unit of observation is a 
revealed and applied to college preference. 
14 ACT-to-SAT conversion was completed using guidelines from the year 2002 provided by 
the College Board. “SAT-ACT Score Comparisons.” The College Board, 2002. Available 
online at: 
http://www.collegeboard.com/prod_downloads/about/news_info/cbsenior/yr2002/pdf/ten
.pdf  
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student’s PSAT score should that score have been provided by the 

respondent. As expected, this measure has a strong positive and 

significant association with college admission across specifications. The 

coefficient on Test Score falls by about 20 percent between Model 1 and 

Model 6 as variables are added to the estimation; in Model 6 the 

coefficient indicates that a one standard deviation (σ=185.366) change in 

the respondent’s test score increases the probability of acceptance by 3.0 

percentage points. 

A litany of student activity and course taking indicator variables 

were included in Models 4, 5, and 6. Two of interest are presented in 

Table 2. In the final specification, respondent participation in the National 

Honor Society is predicted to increase the probability of admission by 

1.99 percentage points. If the respondent was taking or had taken 

calculus, this was predicted to increase the probability of acceptance by 

2.48 percentage points, both relatively large in comparison to the effect 

of test scores. The variable for National Honor Society may be proxying 

for GPA in these regressions, given the academic component of the 

group, and Student has Taken Calculus may be a proxy for student ability 

and motivation, both of which may help to explain the significance and 

magnitude of the coefficients. 
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 College Controls 

A major advantage of using the IPEDS database is that it affords 

for the creation of a number of variables which have heretofore not been 

included in examinations of the effect of race on the probability of 

admission. Three college controls of interest are presented in Table 2. A 

college’s yield rate is the percentage of accepted students who actually 

enroll and is strongly correlated with school desirability (Harvard, for 

example, has one of the highest yield rates). 6-year graduation rate is 

positively correlated with school and student quality, as better schools 

generally have higher graduation rates. Both of these variables are 

positively correlated with selectivity and are components of the 

selectivity rankings of schools in such rankings as Barron’s and U.S. 

News and World Report. Acceptance rate is negatively correlated with 

selectivity, and is also a component of these independent college 

rankings. 

The coefficient on Yield Rate is significant at p<.01 in all 

specifications, and its value in Model 6 indicates that a one standard 

deviation (σ=.117) increase in a college’s yield rate decreases the 

probability of admission by 2.1 percentage points. Acceptance rate is 

positive and significant as expected, and the coefficient in Model 6 

indicates that a one standard deviation (σ=.153) increase in the college’s 

acceptance rate is predicted to increase the probability of admission by 
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3.9 percentage points. College 6-year Graduation Rate is significant at 

p<.05 in Model 6, and a one standard deviation (σ=.192) increase in the 

college’s 6-year graduation rate is predicted to decrease the probability 

of acceptance by 2.1 percentage points.  

 

B. Separate Regressions by College Type (In-State Public 

vs. All Other Schools) 

Regression output for coefficients of interest in the two model 

specifications are presented in Table 3. Aside from the restrictions 

generating the two separate regressions, the specifications are the same 

as that from Model 6 above. This table again presents marginal effects 

for the coefficient estimates.15   

 

Race Effects 

In the case of public Texas colleges, being Asian or Other Race is 

not predicted to affect admission probabilities, with neither coefficient 

significant. The coefficient on Black, while not significant at conventional 
                                                
15 Because the 5th Circuit ruling applied also to Mississippi and Louisiana, those states 
were also enjoined from considering race in admissions but did not implement top-x 
percent plans. Dummies for these states were incorporated into later models, but they did 
not change the marginal effects of the variables of interest significantly. Additionally, the 
ban on considerations of race in public college in admissions in California, Washington, 
and Florida are also of interest. Adding dummies for these states, along with the state 
dummies mentioned prior, again did not significantly impact the results of the regressions 
or the conclusions drawn from them. Even when prohibited from considering race in 
admissions, there still may be race effects for these schools if other policies are in place 
that are designed to supplement minority admissions after the elimination of race-based 
preferences. These programs, however, would not typically be categorized as affirmative 
action.  
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levels, has a p-value of p=0.157; the estimate of the marginal effect of 

being black is to reduce the probability of admission by 1.99 percentage 

points. This predicted effect is not statistically different from the 

coefficient on Black in the regression from Model 6 above. 

The coefficient on Hispanic is significant at p<.05 and indicates 

that the effect of being Hispanic is to reduce the probability of admission 

by 3.39 percentage points. This predicted effect is not statistically 

different from the predicted effect from Model 6 above. This predicted 

effect, however, is quite large when compared to other estimated effects 

in these regressions or those in the previous section. The top 10% plan 

in Texas, while explicitly prohibiting the consideration of race in 

admissions, in large part depends on high levels of high school racial 

segregation to produce the necessary numbers of minority top 10% 

admits. Although we are here controlling for school racial composition, 

the negative coefficient is surprising given high levels of school 

segregation in Texas; we would expect a positive association between 

being Hispanic and admission to a public Texas college, if any effect were 

to be predicted by the regression model. This again points to the 

possibility of omitted variables in our model, possibly relating to both 

characteristics of Hispanics (country of origin) and student-level controls 

such as GPA and family income.  
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In the regression for All Other Colleges, we find results more in 

line with what theory and our original hypothesis predicted. All of the 

race coefficients, with the exception of the Hispanic indicator, are 

significant at the p<.10 level. The coefficient on Black predicts that the 

marginal effect of being black is to increase the probability of being 

admitted by 2.5 percentage points; this is a smaller effect than that 

found by either Kane (1998) or Long (2004), as hypothesized.  

The coefficient estimate on Hispanic, while not significant at 

conventional levels, has a p=0.168; the marginal effect of this coefficient 

estimate is an increase in the probability of acceptance of 2.2 percentage 

points. This is in keeping with the results of Kane (1998) and Long 

(2004), who both found smaller predicted effects on admission for 

Hispanics than for blacks. The coefficient on Other Race indicates a 

predicted increase in the probability of admission of 3.3 percentage 

points. This predicted effect is not statistically different from the 

predicted effect from Model 6 above; the estimates for Black and 

Hispanic are significantly different, however, from the estimates in Model 

6. 

Examinations of the means between the two samples utilized in 

the regressions from Table 3 indicate that the applications to All Other 

Schools are slightly more qualified; these applications had mean test 

scores approximately 40 points higher and were five percent more likely 
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to be in the National Honor Society. However, the mean class rank values 

between the two groups were almost identical, and the All Other Schools 

sample applications were only one percent more likely to be in the 

Distinguished Achievement Graduation plan. Given that the samples are 

not mutually exclusive with regards to students, however, because 

students can apply to more than one school, the mean differences may 

not be large because individual students (and hence their test scores, 

etc.) can be represented in both samples.  

A factor that again points to possible problems with unobserved 

heterogeneity is the positive and significant coefficient on the Asian 

variable. Generally, schools have not needed to give preference to Asian 

applicants because of their higher overall test scores and achievement; in 

fact, when the California public university systems where prohibited from 

considering race in admissions due to Proposition 209, Asian admissions 

and enrollment at the flagship schools increased markedly, meaning that 

affirmative action admits of other races were displacing qualified Asian 

applicants in the pool of accepted students (Horn & Flores 2003). The 

coefficient on Asian in this regression means that the predicted effect of 

being Asian is to increase the probability of admission by 3.2 percentage 

points. 

The Wald chi-squared test statistic for Public Texas College 

interaction coefficients from the pooled specification is 2295.70, which 
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yields a Probability>X2 = 0.0000, which indicates that the separate 

specifications in this section are appropriate.   

 

 Class Rank 

As expected, Class Rank is significant in both regressions, and of 

greater magnitude in the Public Texas College regression. In the Public 

Texas College regression, the predicted effect of a 10 percentage point 

increase in class rank is to increase the probability of admission by 1.7 

percentage points, a smaller effect than that found in the pooled 

specification with interaction terms and a dummy for public Texas 

college. The coefficient estimate on Class Rank in the regression for All 

Other Schools indicates an increase in the probability of admission of 1.3 

percentage points for a 10 percentage point increase in class rank, an 

effect of similar magnitude of that found in the specification from Model 6 

in the pooled regression. The difference in coefficient estimates is 

significant at the p<.001 level; however the magnitude of the difference 

is small. 

 

Other Student Characteristics 

 A number of other student characteristics are presented in Table 3. 

The indicator variable for Distinguished Achievement Graduation Plan is 

significant at p<.05 in the Public Texas College regression, and 
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insignificant in the All Other Colleges regression. This disparity is not 

surprising given that public Texas colleges likely have a much better 

understanding of the import of this graduation plan and have a more 

direct connection with the educational practices in the state. What is 

surprising, however, is the magnitude of this coefficient, given the effects 

seen from other variables. The predicted marginal effect of the 

graduation plan in the Public Texas College regression is to increase the 

probability of admission by 2.4 percentage points; this effect is almost 

50% larger than the predicted effect of a 10 percentage point increase in 

Class Rank from this regression. About 25 percent of each sample 

completed the Distinguished Achievement Graduation Plan. 

 The predicted marginal effect of Test Score in these two 

regressions is in line with both our previous pooled regression and 

theoretical indications. The coefficient is smaller in magnitude in the 

Public Texas College regression, likely owning to the fact that test scores 

are not a factor in creating class rankings.16 The difference in predicted 

effects is significant at the p<.05 level. For the Public Texas College and 

All Other Schools regressions, the predicted marginal effect of a one 

                                                
16 Of the 6454 observations, 63 cases reported that standardized test scores factored into 
the creation of their schools class ranking; this represents 37 actual students. The Top 
10% law, HB 588, specifies that admission under the top 10% provision be based on a 
ranking of students utilizing GPA scores, making no mention of standardized test scores, 
so there is some question as to the veracity of these responses to the contrary in the 
survey.  
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standard deviation increase in test scores is to increase the probability of 

admission by 2.5 and 3.8 percentage points, respectively. 

 The indicator variables for National Honor Society and Student Has 

Taken Calculus are both significant in the Public Texas College 

regression, increasing the predicted probability of admission by 2.4 and 

3.0 percentage points, respectively. These magnitudes are surprising, 

given the extensive controls in the model and the predicted marginal 

effects of other variables such as class rank. One possible factor is that 

many schools utilize a weighted GPA measure to generate their class 

rankings, meaning that, ceterus paribus, courses such as calculus have a 

greater impact on GPA than less rigorous classes.17 Because we have no 

control for GPA in these regressions, this coefficient may be absorbing 

some of this impact, both due to the aforementioned fact as well as to 

the self-selection correlation between rigorous coursework and 

achievement. National Honor Society membership is based in part on 

GPA, so the effect of this factor may be contained by the variable 

coefficient. Furthermore, with class rank at the decile level, we are 

missing a degree of sensitivity in our analysis that may be affecting 

other, related coefficients. However, the significance of these coefficients 

                                                
17 2652 observations reported that weighted GPA was a factor in class rank, representing 
1658 actual students, which is approximately 40% of the students represented in the 
sample. Again, 117 observations stated that extracurricular activities factor into class 
rank, although as stated in note 6 above, the validity of this assertion is questionable.  



 33

again point to possible omitted factors that the sample in question did 

not allow us to control for in these regressions.  

 

C. Restricting to Schools Self-Identified as ‘Very Selective’ 

Regression output for coefficients of interest in the two model 

specifications are presented in Table 4. This table again presents 

marginal effects for the coefficient estimates.  

 

 Race Effects 

In the All Colleges specifications, the coefficient on Black is the 

only race coefficient that is significant, in this case in the regression 

without the Disadvantaged Minority interactions. Disadvantaged Minority 

in these regressions include those observations where the respondent is 

Black, Hispanic, or of Other Race. The coefficient estimate indicates that 

being black increases the probability of admission by 4.3 percentage 

points, a very large effect especially in comparison to the magnitudes of 

other marginal effects from other specifications.  

In the All Colleges specification including the interactions, the only 

race-related coefficient that is significant is the interaction for 

Disadvantaged Minority and Athletics; paradoxically, it indicates that 

Disadvantaged Minorities who play athletics are predicted to be between 

0.7 and 6.8 percentage points less likely to be admitted at these very 
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selective institutions. This is quizzical given that minorities make up a 

disproportionate number of student athletes at collegiate institutions.18 It 

may be that these very selective schools undertake very little recruiting 

or place little emphasis on sports; more likely, however, is that the 

proportion of scholar athletes is so small that the interaction is absorbing 

some unmeasured factor correlated with disadvantaged minority status 

and athletic participation. Disadvantaged minority high school athletes 

may devote less time to academic activities, so the coefficient may be 

absorbing some of the unmeasured motivation factors related to 

achievement not captured by other regressors. 

 The effect of race in the Excluding Public Texas Colleges 

specification that excludes the interaction terms is to a degree consistent 

with that of the All Colleges specifications; the marginal effect of being 

Other Race in the non-interacted model is similar to the effect of Black in 

the initial All Colleges specification in Table 4. None of the other race 

coefficients in this first Excluding Public Texas Colleges specification are 

significant. 

Interestingly, the coefficient on Hispanic in the regression including 

the interaction terms is significant and negative, with a predicted 

marginal effect, when the interaction coefficients are incorporated at the 

                                                
18 For example, Blacks, Hispanics, Native Americans/Alaskan Natives, Other race, and 
nonresident aliens made up 35.4 percent of Division I athletes in 2001, yet constituted 
only 23 percent of college enrollment. See “1999-00 – 2003-2004 NCAA Student-Athlete 
Ethnicity Report,” and “Minorities in Higher Education Twenty-first Annual Status Report.” 
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mean for the group, of a reduction in the probability of admission by 19.7 

percentage points! We are hard pressed to take this result seriously, 

given the magnitude of the coefficient in the previous model without the 

regression coefficients. The predicted effect of being black is similarly 

highly inflated in this model, even after incorporating the coefficients on 

the interaction terms. This may be in part due to the fact that the sample 

size of this model is reduced to 782 observations because of the sample 

restrictions. Blacks and Hispanics constitute 9.2 and 15.3 percent, 

respectively, of the observations in the sample utilized in the Excluding 

Public Texas Colleges regressions. 

 

 Class Rank 

 The coefficient of class rank itself is not significant in any 

specification estimated using the sample of applications to ‘Very 

Selective’ colleges, but for the All Colleges regressions the effect of class 

rank is significant for public Texas colleges as shown by the interaction 

between Public Texas College and Class Rank. In these two All Colleges 

regressions, the marginal effect of a 10 percentage point increase in class 

rank for public Texas colleges is to increase the probability of admission 

by 5 percentage points; the predicted marginal effect including the 

interactions in the pooled regression is similar at 4.9 percentage points. 
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These predicted effects of class rank for public Texas colleges are two to 

three times as large as that found in previous specifications.  

Well over 60 percent of incoming Texas freshman at the two state 

flagship institutions (UT Austin & Texas A&M) were admitted under the 

top 10% rule (Tienda et. al. 2003) during the period under study; in 

2005, 72 percent of the Texas freshman entering UT Austin were 

admitted under the plan (Gilbert 2005). The magnitude of the estimated 

coefficients may be due to the fact that the University of Texas at Austin 

and Texas A&M constitute the only two highly selective colleges in Texas; 

as a result, the admissions decisions of these two schools play the 

predominant role in the effect of the variable in question.19 Because the 

majority of students at these schools have been admitted under HB 588 

(Tienda et. al. 2003), the students applying to these schools are very 

likely to be in the top 10% of their class, constituting a form of selection 

into the sample. It may be then that class rank is not weighted two to 

three times higher at these schools, but that top 10% graduates are 

automatically accepted at these schools and subsequently have high 

demand for the admission slots available. Additionally, however, we 

would also expect more selective colleges to place greater emphasis on 

class rank, given that lower-tiered schools admit the vast majority of 

                                                
19 Three other Texas public colleges listed themselves as ‘Very Selective’: UT Dallas, UT 
Tyler, and Texas A&M International. These three schools represent 7.94% of the sample 
where the listed school was ‘Very Selective’ and also a public Texas college. Despite their 
assertions, these schools are not, in fact, very selective.  
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applicants. The magnitudes of the coefficients on Class Rank in the 

Excluding Public Texas Colleges specifications are considerably larger 

than those in the All Colleges regressions, but the coefficient estimates 

are not significantly different from zero. 

 

Other Student Characteristics 

Interestingly, the coefficient on Distinguished Achievement 

Graduation Plan is positive and significant in all specifications; its 

predicted impact ranges from a 3.2 to 4.2 percentage point increase in 

the probability of admission, with its value higher in the All Colleges 

specifications. The Student has Taken Calculus indicator is significant in 

the All Colleges specifications, likely for reasons mentioned above due to 

its effect via weighted GPA and class rank. National Honor Society 

participation is negative and significant in the final specification; the 

predicted effect is not negative however for disadvantaged minorities.   

The estimates of Test Score are consistent between models, 

predicting that a 100 percentage point increase in test score would 

increase the probability of admission between 3.0 and 3.4 percentage 

points. These predicted impacts change if the respondent is a 

disadvantaged minority in the regressions including the interaction term; 

the effect of this change in test scores for these respondents is to 

increase the probability of acceptance in the All Colleges specification by 
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3.7 percentage points. The effect of a 100 percentage point increase in 

test score for disadvantaged minorities in the final specification from 

Table 4 is to increase the predicted probability of admission by 3.9 

percentage points.  

 

VI. Discussion 

 Obviously, particularly evidenced by the most recent regression 

results presented, the results from this study with regards to the impact 

of race on the probability of college admission are decidedly mixed. The 

results from our examination of the effects of class rank are largely in 

line with our hypothesis and the theoretical understanding of the 

admissions process. 

 Utilizing the IPEDS database allowed for a more comprehensive set 

of college characteristic controls in our regression models, compared to 

the primary previous literature on this subject. Kane (1998) utilizes the 

mean SAT score of the entering freshman class, undergraduate 

enrollment, the percent Black or Hispanic, and an indicator for historically 

black colleges; Long (2004) utilizes median freshman SAT score and an 

indicator for private colleges. The analysis here uses these controls 

(although college SAT scores are the 25th/75th percentiles rather than 

mean or median), as well as the yield rate, acceptance rate, graduation 

rate, and tuition cost.  
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The THEOP data set includes a large battery of controls in some 

variable categories, namely student participation in extracurriculars and 

the hours devoted to these activities. The data set includes important 

indicators concerning AP course and test taking behavior, factors which 

have been becoming increasingly important for a number of reasons. 

Empirical and anecdotal evidence indicates that the college admissions 

process has become more competitive; for example, at the Texas public 

flagships the size of the entering classes have increased much more 

slowly than the number of applicants (Tienda et. al. 2003). Schools are 

also reporting record numbers of applicants, and concomitantly, record 

low acceptance rates (Mathews & Kinzie 2006). Secondly, the perceived 

benefits of attending a selective college have likely increased as the 

American economy transitions and the wage premium given to college 

graduates increases; furthermore, the returns to schooling in the form of 

future earnings are positively correlated with college selectivity, a fact 

which holds for both minorities and non-minorities (Kane 1998).  

 However, there are some serious limitations with the data utilized 

that may help explain some of the unexpected results and the sensitivity 

that certain estimates showed to changes in model specification. Of 

primary concern is the fact that the survey does not include any 

information on a students GPA. Although some of this effect is contained 

in GPA’s effect on class rank, and some of the significance of the 
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coefficient estimates for National Honor Society participation can be 

explained by its correlation with GPA, it is still a significant limitation of 

the survey, especially when compared to the previous empirical 

literature. Colleges utilize GPA as one of the most important factors in 

making admissions decisions. The THEOP survey does ask about recent 

grades in basic subject areas and course taking behavior, and indicator 

variables incorporating these measures were included in the regressions. 

However, GPA is likely a better measure of prior student achievement as 

it provides a measure of overall performance and not just recent grades.   

 Of equal concern is the fact that the survey includes limited 

information on parental and family characteristics; the primary problem 

is that there is no control for family income in the survey, and by 

extension, in our regressions. Given the large impact that family 

socioeconomic status has on student achievement and resources, this is 

obviously a problem.  

 There is also the issue of measurement error and response bias in 

the survey results, from a number of factors. The survey was 

administered primarily by teachers, with survey administrators on hand 

to answer potential questions. It is debatable the extent to which 

students took the survey seriously enough to answer accurately, 

although the level of any bias would likely be random and not large 

enough to cause the unexpected results we have seen. There was, 
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however, some significant measurement error with regard to the class 

rank variable. 42 percent of students in the main THEOP survey reported 

being in the top 30% of their class, and 76 percent of the observations in 

the main sample used here report ranking in this group, although the 

latter is partly due to selection effects, and the ability of students to be 

represented multiple times. This measurement error is partly due to the 

fact that, depending on when the student applied and was admitted, 

class rank can be based on the spring semester of the respondent’s 

junior year, or the fall or spring semester of the respondent’s senior year 

(Tienda et. al. 2004). This measurement error would likely downwardly 

bias the coefficient on class rank, and for variables that may be 

correlated with GPA, like National Honor Society participation, this 

measurement error may upwardly bias the coefficient; similarly, for 

variables that may be correlated with class rank, such as the calculus 

indicator, this measurement error may upwardly bias the results.20   

                                                
20 The THEOP data is weighted to account for non-response and to adjust the sample to 
be statistically representative of the population in question, namely Texas high school 
seniors. However, because of our sample restrictions, and the fact that students may 
constitute multiple observations if they applied to more than one college, these weights 
are not as useful for our analysis. An adjusted sample weight was created in auxillary 
data specifications, and constituted the base THEOP weight divided by the number of 
times the student was present in the sample. Utilizing this figure as a probability weight 
in the probit regressions only slightly impacted the marginal effects of the variables of 
interest; as such the results are not reported here. The coefficient estimates for these 
regressions largely conform to the direction of biases outlined in the paragraph above. 
Including the adjusted weights did make the coefficient estimate on the Hispanic indicator 
in the Excluding Public Texas Colleges regression from Table 3 significant at the p<.10 
level. 
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 Additionally, black and Hispanic respondents to the survey, and 

hence in the data set utilized, are more likely to have missing data for 

their SAT/ACT test scores. Long (2004) finds a similar result in his study 

using the NELS data set. If the SAT/ACT test scores are missing on the 

survey but are known by the college that the respondent is applying to, 

our results may overstate the level of racial preference as the effect of 

test scores in our regressions may be absorbed by the race coefficients 

for those minorities with missing test scores.  

 The THEOP is statistically representative only of the Texas high 

school senior population, and not of the national population of high 

school seniors who are applying to undergraduate institutions. In some 

regards, any differences, aside from demographic, may be small. With 

respect to college application behavior, however, there are a number of 

factors which indicate that these differences may not be insignificant. 

Firstly, Texas has historically had low rates of tuition for in-state students 

at its public colleges and universities; this makes these schools 

comparatively more attractive than out-of-state and/or private 

institutions (Tienda et. al. 2003), and indicates that Texas students may 

exhibit a higher propensity to prefer an in-state institution when 

compared to similar high school students in other states. The presence of 

two highly-regarded public flagship institutions likely increases this 

disproportionate preference for in-state public institutions. 
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 Secondly, there are obvious distortionary effects of the Hopwood 

ruling and the enactment of the top 10% plan on the college preferences 

and application behavior of Texas high school students.21 Long 

hypothesizes that the elimination of affirmative action and the enactment 

of a top-x percent plan would shift minority applications to lower tiered 

institutions. The data from Tienda et. al. (2004) support this claim for 

blacks and Hispanics to a certain degree, in that they are less likely than 

whites to prefer a selective college as their first preference; this result 

holds even for top 10% graduates. Black and Hispanic applications to the 

flagship institutions also fell post-Hopwood, and many disadvantaged 

students do not apply to the flagships, even if they qualify for admission 

under HB 588.  

For students generally, we would also expect the top 10% plan to 

impact their preference set, and there is considerable debate as to the 

“brain drain” hypothesis in Texas, namely that highly qualified students 

from rigorous high schools who graduate below the top 10% are being 

forced to attend college out of state because of crowding-out by top 10% 

admits, particularly at the flagship institutions. However, Tienda et. al. 

(2004) find that students in the 2nd decile of their class are no more likely 

to report a preference for an out-of-state school than students in the top 

                                                
21 As referenced in note 8, to some degree the top 10% plan did not represent that large 
a diversion from previously existing admissions schema, at least at UT Austin. However, 
this represents only one school and the policy likely did not receive the same level of 
publicity as the passage of HB 588. 
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decile. Beyond this, however, it is likely that the preference set and 

application behavior of students in Texas is impacted to some degree by 

the presence of the top 10% plan, and as such likely deviates from the 

aggregate national colleges preferences and application behavior of high 

school students. A full examination of these differences is beyond the 

scope of the current work. 

The other empirical literature on this subject was able to utilize 

data that is likely better for the purposes at hand. The High School and 

Beyond data set utilized by Kane (1998) involved student high school 

transcripts and financial aid records, certainly more reliable sources of 

information and markedly less likely to be inaccurate given that they 

involved administrative records rather than respondent responses. The 

National Educational Longitudinal Survey utilized by Long (2004) also 

included high school transcripts, and the NELS was part of a much more 

comprehensive study so there is a possibility that students were more 

accurate in their responses.22 Both of these, again, are nationally 

representative samples, while ours is representative only of the Texas 

high school senior population. For our purposes, one of the main 

attractions of our data set was its depth and recent completion 

timeframe.   

                                                
22 Both of these authors note that a common characteristic of surveys about college 
admissions is that students may be reluctant to list schools from which they have been 
rejected, a factor which may over or understate the level of racial preference, contingent 
on any racial differences in admissions decision reporting. 
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The timing of the survey is also somewhat problematic. The data 

collection was performed between March and May 2002. A large number 

of students surveyed at the beginning of the sample window likely had 

not yet heard from schools to which they applied. In fact, as shown in 

Table 1, fully 25.7% of our observations that had applied to the college in 

question didn’t know their admission status. Additionally, those who 

didn’t know about their acceptance status were more likely to be black or 

Hispanic.23  

Finally, there are some issues with regards to the top 10% plan 

and what students consider an application. Under the law, top 10% 

students are required to submit all of the materials required of normal 

applicants. At the flagships these applications are used to sort students 

into majors. The issue is whether or not students actually consider this a 

true “application” if they are presumptive admits under the top 10% 

plan; after all, unless they are set on a particular major at the flagships 

(a factor not even in play at the smaller schools), there is not much 

impetus to spend a great deal of time on the application if they are 

guaranteed admission as long as it is complete. The problem with this is 

that our regressions are restricted to schools that were actually applied 

to; as shown in Table 1, this amounts to just over 65% of our 

                                                
23 Not knowing acceptance status was also positively correlated with the percent of the 
high school’s students that were economically disadvantaged (i.e. those eligible for free 
or reduced-price lunch). 
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observations. If students presumptively admitted under the top 10% law 

do not consider their applications to public Texas colleges as applications 

because of the top 10% scheme, then our estimates on class rank and 

possibly other variables would be downwardly biased.24  

As noted, the regression results and the coefficients on race are 

sensitive to changes in the sample restrictions, such as the selectivity 

restriction and the separate regressions for public Texas colleges and all 

other schools, although the results in Table 2 are stable as more controls 

are added. Discounting the race coefficients in the last specification 

presented above and in Table 4, we can hesitantly say that our results 

conform to our hypothesis concerning the effect of race on the 

admissions process, in that when the race coefficients are significant they 

are generally lower than those estimated by Kane (1998) and Long 

(2004), both for all schools and those selective colleges and universities. 

The results from Table 3 for the All Other Schools regression predict that 

being black increases the probability of admission by 2.5 percentage 

points. When restricted to schools identifying as ‘Very Selective,’ the first 

column of Table 4 indicates that the predicted effect of being black is to 

increase the probability of admission by 4.3 percentage points. Kane and 

                                                
24 Consider that the average student in our sample applied to 1.67 4-year colleges. Long 
(2004) estimated using the NELS dataset that the average student submitted 2.56 
applications. This discrepancy provides some limited evidence that some presumptive top 
10% admits did not consider their “application” under the law to constitute an actual 
application for the purposes of the THEOP survey. 
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Long find predicted marginal effects for being black of 10.3 and 8.4 

percentage points, respectively. However, the results of the 

aforementioned authors are more stable over various model 

specifications, particularly those of Kane. Additionally, a number of 

specifications gave us negative and significant coefficients on the 

Hispanic variable particularly, which may point to some omitted variable 

bias along the lines of that previously mentioned, as well as some 

specifically related to Hispanics such as country of origin.  

The weight assigned to class rank at public Texas colleges was 

consistently larger than the weight assigned to this factor at all other 

colleges, both utilizing the interaction term in the Basic Regression 

Analysis, as well as the separate specifications that split the sample 

between public Texas colleges and all other schools. Additionally, in this 

split sample specification, none of the race coefficients for the Public 

Texas College regression were positive and significant; the negative 

coefficient estimate on Hispanic points to the possibility of unobserved 

heterogeneity, as noted.  

Because affirmative action in higher education is not governed by 

any specific federal legislation, but rather legal guidelines based upon the 

constitutionality of considering race in the admissions process, there is 

little here for us to recommend in the way of policy changes. However, 

the results should be illustrative for administrators, policymakers, and 
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the public in general, should they be interested in the level of preference 

afforded minority applicants. Although our regressions are not 

particularly stable, the results do indicate that the level of preference 

given to blacks, in this case, have declined from the early 1980s to the 

early 21st century. This period was characterized by considerable 

confusion as to the permissibility of different admissions schema and 

significant hesitation on the part of college administrators to further 

jeopardize the ability to consider race in the admissions process.25 It is 

uncertain how colleges have responded in the wake of the Grutter ruling; 

anti-affirmative action advocates have continued to press for the 

dismantling of scholarship programs aimed at minorities and other 

programs that are explicitly race-based. The ruling has settled some of 

the case law, but the environment remains contentious.  

 

VII. Conclusions 

 Although our results are not prototypically robust and are 

somewhat sensitive to the model specification, it seems that we would 

fail to reject both of the hypotheses outlined at the beginning of this 

                                                
25 This fact points to a possibly non-obvious limitation of the THEOP survey and our 
sample data, and a disadvantage of its recent nature when compared to the earlier 
datasets utilized by Kane (1998) and Long (2004). When the HSB and the NELS were 
collected, the environment surrounding affirmative action in higher education was much 
more settled; this was the period post-Bakke but pre-Hopwood. Since this time, so many 
policies and legal regulations have changed (e.g. Hopwood, Proposition 209 in California, 
the Talented 20 program in Florida) that any study using data from this period may be 
less likely to produce stable, reliable results that accurately quantify the level of racial 
preference in higher education.  
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work. There was not a positive and significant race effect for schools 

subject to the top 10% plan; in fact the regression from Table 3 for these 

schools shows a negative effect for being Hispanic on the probability of 

admission. Class rank was also more of a factor for these schools than for 

schools not governed by the HB 588 legislation. Secondly, discounting 

the final regression in Table 4, when the coefficient on Black was 

significant it was markedly lower than the effects of being black found by 

either Kane or Long.  

 We would not venture to state that these results will reduce the 

vociferous debate surrounding affirmative action, even if our results were 

ironclad and showed no significant race effects. Given both the changing 

demographics of the United States, as well as the increasing returns to 

education in our economy, it is likely that even absent a relevant 

Supreme Court case that the issue will continue to be debated and will 

arouse passions on both sides.  

 Future empirical work is certainly called for. The work in question 

would have benefited, statistically, from a more accurately outlined 

weighting procedure; it may also have been useful to append 

mean/median freshman class SAT scores to the college data to imitate 

the procedures used by Kane (1998) and Long (2004), which would have 

allowed for a more accurate ranking of colleges by selectivity, rather than 

the self-reported selectivity status used to sort the sample. Gaining a 



 50

better understanding of the characteristics of those respondents who 

reported “Don’t Know” for their acceptance status to ascertain how these 

responses might affect the results, particularly due to time-of-survey 

effects, would be warranted. Likely of most importance would be some 

statistical accommodation of the differential preference set and 

application behaviors of Texas students compared to the national 

collegiate applicant pool. Additional controls for the flagship schools in 

Texas, as well as possibly utilizing a state fixed effects model to control 

for differences across states in their legislation dealing with affirmative 

action, may be sources of future developments for this work.  

Any subsequent work would ideally help to give the public, 

administrators, and policy makers objective evidence as to the level of 

preference afforded minorities in the college admissions process, and 

would go far in helping to inform the debate and ground the common 

understanding of higher education affirmative action in the realm of fact, 

not ideological fiction.  
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Table 1 

Sample Characteristics       

     Apply = Yes 

 Overall Sample Apply = Yes Accept either Yes/No 

 N=13292  N=8688  N=6454  

              

Accepted 43.056% Yes 65.412% Yes 88.054% Yes 

 36.631% No 8.874% No 11.946% No 

 20.313% 
Don't 
Know 25.714%

Don't 
Know    

          

Test (SAT) Scores 1060.56 Mean 1081.27 Mean 1096.31 Mean 

 193.361 Std. Dev. 189.746 Std. Dev. 185.366 Std. Dev. 

 35.232% Missing 21.777% Missing 16.362% Missing 

          

Race 14.603% Black 14.146% Black 11.404% Black 

 43.748% White 47.617% White 52.572% White 

 29.160% Hispanic 25.161% Hispanic 23.133% Hispanic 

 5.485% Asian 6.618% Asian 6.786% Asian 

 3.905% Other 3.626% Other 3.393% Other 

 3.100% Missing 2.831% Missing 2.711% Missing 

          

Class Rank 33.696 Mean 28.59 Mean 26.103 Mean 

(descending order) 21.285 Std. Dev. 18.851 Std. Dev. 17.55 Std. Dev. 

 1.286% Missing 0.875% Missing 0.651% Missing 

          

Apply 65.363% Yes       

 34.637% No       
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Table 2 

Pooled Regression Specifications   

   

Marginal Effects of Selected Variables on the Probability of Admission  

Model: 1 2ª 3ªª 

Black -0.07292*** -0.02309 -0.01743 

 [5.30521] [1.64271] [1.38550] 

Hispanic -0.07986*** -0.04289*** -0.03014** 

 [7.61813] [2.86817] [2.32778] 

Asian -0.06958*** 0.0064 0.01665 

 [3.73366] [0.34102] [1.15057] 

Other Race -0.06143** -0.01511 0.01184 

 [2.48554] [0.69098] [0.66467] 

Male -0.02210*** -0.02730*** -0.01608** 

 [2.74967] [3.40939] [2.32207] 

Class Rank -0.00298*** -0.00221*** -0.00267*** 

 [15.18500] [9.81513] [12.81186] 

AP Course Taking Behavior  -0.00025 0.00650*** 

  [0.09578] [2.65744] 

Student is Foreign Born  -0.01822 -0.01832 

  [1.41601] [1.59464] 

Language Other Than English Spoken at Home -0.02572** -0.01645 

  [2.16679] [1.55630] 

Distinguished Achievement Graduation Plan  0.03036** 0.03237*** 

  [2.30659] [2.92114] 

Test Score  0.00008*** 0.00021*** 

  [2.96403] [8.48151] 

College Yield Rate  -0.18943*** 

  [3.80647] 

College Acceptance Rate  0.28364*** 

  [8.45949] 

College 6-year graduation rate  -0.03835 

  [0.91268] 

Public Texas College  -0.02005 

  [1.45588] 

Robust t statistics in brackets    
* significant at 10%; ** significant at 5%; *** significant at 1%  
Marginal Effects calculated at the mean for all variables   
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Table 2 (cont).   

Pooled Regression Specifications   

   

Marginal Effects of Selected Variables on the Probability of Admission  

Model: 4ªªª 5ªªªª 6ªªªªª 

Black -0.01509 -0.00886 -0.00886 

 [1.25208] [0.74502] [0.73052] 

Hispanic -0.02438** -0.01835 -0.01878 

 [1.96230] [1.48644] [1.53854] 

Asian 0.00937 0.01488 0.01959 

 [0.64692] [1.07468] [1.46541] 

Other Race 0.0077 0.01292 0.01229 

 [0.44955] [0.76538] [0.73874] 

Male -0.01515** -0.01204* -0.01162 

 [2.12859] [1.65807] [1.61634] 

Class Rank -0.00219*** -0.00179*** -0.00114*** 

 [9.69411] [7.90923] [3.54824] 

AP Course Taking Behavior 0.00435* 0.00253 0.00226 

 [1.82127] [1.01686] [0.91745] 

Student is Foreign Born -0.01626 -0.0114 -0.01192 

 [1.47888] [1.04234] [1.09328] 
Language Other Than English Spoken at 
Home -0.01613 -0.01618 -0.01213 

 [1.59938] [1.55816] [1.19949] 

Distinguished Achievement Graduation Plan 0.02486** 0.02103* 0.01998* 

 [2.24831] [1.91141] [1.82989] 

Test Score 0.00017*** 0.00016*** 0.00016*** 

 [7.22182] [6.60359] [6.86663] 

College Yield Rate -0.19547*** -0.19223*** -0.18029*** 

 [4.06724] [4.16637] [3.90457] 

College Acceptance Rate 0.28115*** 0.26475*** 0.25347*** 

 [8.66997] [8.33078] [7.75047] 

College 6-year graduation rate -0.0441 -0.04789 -0.10877** 

 [1.08409] [1.20322] [2.21731] 

Public Texas College -0.02274* -0.02288* 0.01442 

 [1.70455] [1.77645] [0.74854] 
Student participates in National Honor 
Society 0.02629*** 0.01965** 0.01986** 

 [3.06292] [2.21831] [2.24503] 

Student has taken Calculus 0.02463*** 0.02455*** 0.02480*** 

 [2.86886] [2.85659] [2.89835] 

Public Texas College * Class Rank  -0.00102*** 

  [2.94953] 

Robust t statistics in brackets   

* significant at 10%; ** significant at 5%; *** significant at 1%  

Marginal Effects calculated at the mean for all variables  
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Table 2 (cont). 

Pooled Regression Specifications 

N=6454 

 

ª includes high school controls such as racial composition, % economically 
disadvantaged, and student level controls such as parental education 

 

ªª includes all Model 2 variables, and variables for the colleges' SAT and ACT 
distribution 

 

ªªª includes all Model 3 variables, expanded high school controls, and some 
information on student activities and course taking 

 
ªªªª includes all Model 4 variables, and variables for student activities (in & out of 
school), course taking, AP test scores, subject grades, and parental work status & 
language usage 

 
ªªªªª includes all Model 5 variables, language usage with peers, information on 
college racial compostion, historically black college status, and college total 
enrollment 

 

Missing Indicators are present in the case of missing values for certain variables, 
with the missing then coded to zero 
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Table 3 

Separate Regressions by School Type   

   

Marginal Effects of Selected Variables on the Probability of Admission 

Regression: Public Texas Colleges All Other Schools 

Black -0.01987 0.02543* 

 [1.41662] [1.64733] 

Hispanic -0.03392** 0.02224 

 [2.47484] [1.37804] 

Asian 0.01687 0.03152* 

 [1.13579] [1.85045] 

Other Race 0.00256 0.03256* 

 [0.11723] [1.80235] 

Class Rank -0.00165*** -0.00127*** 

 [7.08882] [3.46234] 

Distinguished Achievement Graduation Plan 0.02397** 0.0198 

 [2.00749] [1.31608] 

Test Score 0.00014*** 0.00020*** 

 [5.44810] [5.18167] 

National Honor Society 0.02392** 0.00765 

 [2.37101] [0.56528] 

Student has Taken Calculus 0.03014*** 0.00377 

 [3.15629] [0.29269] 

Observations 4100 2331 

Robust t statistics in brackets   

* significant at 10%; ** significant at 5%; *** significant at 1%  
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Table 4 

Sample Restricted to 'Very Selective' Colleges   

     

Marginal Effects of Selected Variables on the Probability of Admission  

Model: All Colleges All Colleges 

Excluding 
Public Texas 

Colleges  

Excluding 
Public Texas 

Colleges 

Black 0.04291** 0.0363 0.01965 -0.20014

 [2.13] [1.01] [0.79] [1.51]

Hispanic -0.00051 -0.03329 0.01985 -0.28183*

 [0.02] [0.62] [0.69] [1.76]

Asian 0.01471 0.01651 0.02112 0.0129

 [0.63] [0.71] [0.79] [0.51]

Other Race 0.01033 -0.02111 0.04647*** -0.03726

 [0.34] [0.36] [2.83] [0.38]

Class Rank -0.00039 -0.00027 -0.00111 -0.00086

 [0.45] [0.32] [1.41] [1.24]

Dist. Achievement 
Graduation Plan 0.04030** 0.04204** 0.03882* 0.03162*

 [2.27] [2.43] [1.79] [1.69]

Test Score 0.00034*** 0.00033*** 0.00034*** 0.00030***

 [7.02] [6.91] [4.09] [4.17]

National Honor Society 0.01641 0.01201 -0.01284 -0.03285*

 [1.05] [0.73] [0.66] [1.79]

Student has Taken 
Calculus 0.02743* 0.02434* -0.02629 -0.02385

 [1.94] [1.74] [1.24] [1.24]

Public Texas College 0.16804*** 0.16501***   

 [3.07] [3.09]   

Public Texas College * 
Class Rank -0.00456*** -0.00460***   

 [4.88] [5.12]   

Disadvantaged Minority 
* Test Score  0.00004  0.00009*

  [1.19]  [1.78]

Disadvantaged Minority 
* N. Honor Society  0.02253  0.04519**

  [0.97]  [2.41]

Disadvantaged Minority 
* Athletics  -0.08534**  -0.04956

  [2.51]  [1.25]

     

Observations 2187 2187 782 782

Robust t statistics in brackets    

* significant at 10%; ** significant at 5%; *** significant at 1%  

 


