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Abstract 

Context: The recent reauthorization of TANF until 2010 will likely continue the focus on 
work-first strategies for moving welfare recipients off of the rolls, but many TANF 
recipients face barriers making work-first an impractical strategy. Mental illness is one of 
the obstacles faced by many low-income women eligible for TANF. Prior research 
indicates that poor mental health can substantially impact labor market outcomes. Little 
research has examined the impact of mental illness on the TANF target population, low-
income, unmarried women with children. 
 
Objective: To examine the impact of mental illness on the labor market outcomes of 
low-income, unmarried, women with children. 
 
Design, Setting, and Participants: This study analyzes data from the 2003 National 
Survey on Drug Use and Health for 1817 low-income, unmarried, women with children. 
The analyses controlled for a diagnosis of serious mental illness, a proxy for poor mental 
illness, a self-report of overall health status, and interactions between mental and overall 
health. The empirical model also controlled for confounding variables such as substance 
abuse problems, age, education, urbanicity, and race. 
 
Main Outcome Measures: Two dependent variables were analyzed: employment and 
weekly hours of work. The dichotomous measure of employment is equal to one if the 
individual was employed at the time of survey. The measure of weekly hours is left-
censored at zero for those who are unemployed. 
 
Results: Low-income, unmarried women with children with fair to poor health and a 
diagnosis of serious mental illness were 79% less likely to be employed than individuals 
with no mental illness and excellent health (p<0.01) and worked 27.6 fewer hours per 
week than women with no mental illness and excellent health. 
 
Conclusions: The findings demonstrate the importance of examining the interactions 
between mental health and physical health. Mental illness coupled with fair or poor 
overall health drastically impacts labor market outcomes for the TANF eligible 
population. The findings suggest that the Department of Health and Human Services and 
state administrators should take into account the effects of mental illness into account 
when designing work-first programs and TANF regulations.   
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The Effects of Poor Mental Health on the Labor Market Outcomes of Women Eligible for 

Assistance from the Temporary Assistance for Needy Families (TANF) Block Grant 

By: Andrea E. Mayo  

 

Introduction 

 In 1996, the federal entitlement program AFDC was abolished by the Personal 

Responsibility Work Opportunity Reconciliation Act was replaced by the new system of 

Temporary Assistance for Needy Families Block Grants. With the passage of PRWORA, 

the structure of the welfare program was completely re-organized. Cash-assistance was 

no longer considered an entitlement program, and federal payments to the system were 

made as block grants rather than as matching funds. The new system imposed federal 

time limits, mandatory caseload reductions, and sanctions for non-compliant families. 

The focus of the program shifted from a permanent assistance program for those who 

cannot work to a temporary safety net for poor families, with re-entry into the labor 

market as the primary goal.  

 On the whole, the TANF program has been relatively successful. Welfare 

caseloads have dropped significantly since the passage of PRWORA (Administration of 

Children and Families, 2005). Most of the welfare leavers have found employment, but 

not all welfare recipients have fared well under the new rules. There still remains a 

substantial minority of hard-to-serve welfare recipients who face multiple barriers to 

work (Zedlewksi and Loprest, 2001). Because this group encounters many obstacles to 

employment, and the hardest to employ are those who face the most barriers, it is difficult 
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to know where to start. One frequent obstacle that is extremely difficult to overcome 

without intervention is that of poor mental health. On the other hand, with interventions 

including medication and counseling many sufferers of mental illness can lead healthy 

and productive lives  

 According to the 1997 National Household Survey of Drug Abuse, 30.7 percent 

of single mothers on welfare met the criteria for at least one of six psychiatric disorders. 

The National Comorbidity Survey conducted from 1990 to 1992 found that 44.5 percent 

of single mothers with incomes below $20,000 met the criteria for one of 14 psychiatric 

disorders. The Women’s Employment Study from 1997 to 1999 showed that about one-

third of women participating in each of the first three waves of the Michigan based study 

met the criteria for a psychiatric disorder (Danziger, 2001). It is also common knowledge 

among psychiatric and social work professionals that low-income people and certain 

minority groups are much more susceptible to mental health disorders than the general 

population (American Psychological Association, 2001).  

The effects of mental health on workforce participation are striking. In the general 

US population around 70 to 90 percent of working age adults with a serious mental 

illness are unemployed. Poor mental health can hinder employment in various ways. 

While mental illnesses are likely to disrupt work, the side effects of medication can also 

have negative effects performance. Moreover, the stigma associated with the disease can 

cause poor self-esteem and discrimination by employers (Derr et al, 2000).  

 This study seeks to examine whether mental illness affects labor market outcomes 

among TANF recipients. The analysis examines the impact of mental illness on 
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employment and hours worked. These measures are advantageous because they reveal the 

costs of mental illness for individuals, and capture the productivity losses these diseases 

impose on society as a whole. With the re-authorization of TANF and cuts to public 

insurance programs imminent, the findings should be of interest to policymakers who 

must address shortcomings in existing welfare laws. 

 

Previous Literature  

 Researchers have examined the linkages between mental illness and labor market 

success since the late 1970s. The publication and quality of these studies have been 

mainly predicated on the increasing availability of newer and better data. Much of the 

published research that has examined the relationship between mental health status and 

labor market activity is based on selected samples; so this progression should lead to 

studies which have greater generalizability. 

The first major study to establish this link was Bartel and Taubman’s study of 

matched veteran twins (1979). They found that for those twins with psychiatric disorders, 

earnings, wage rates, and labor market participation were reduced, illustrating for the first 

time that mental health does have an impact on success in the labor market. Other studies 

in the early 1980s also demonstrated the linkage between mental health and employment 

using matched and twin studies. The problem with this first series of studies is that their 

data is not representative and often not random (Bartel and Taubman 1986; Benham and 

Benham 1982). Also, these studies relied on self-reports of mental illness, rather than 

screening for the illness itself. As the rate of undiagnosed mental illness in the United 
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States is quite high, this caused a selection problem with early data. According to the 

Substance Abuse and Mental Health Services Administration (2005), of the 21.4 million 

adults with Serious Psychiatric Disorders in 2004, only 10.3 million or 48 percent 

received treatment. 

 The next series of studies appeared in the mid and late 1980s. These studies used 

data from the Epidemiological Catchment Area Study (ECA), a survey conducted by the 

National Institute of Mental Health. The survey was designed to document the prevalence 

and incidence of mental illness in the United States. The survey was conducted in five 

areas previously designated as community mental health catchment areas. The ECA was 

the first survey to use diagnostic interviews to determine mental health status. The survey 

used questions from the Diagnostic Interview Schedule version III, which allowed 

researchers to categorize respondents’ mental illness in terms of the standards outlined in 

the Diagnostic and Statistical Manual of Mental Disorders, 3rd Edition (DSM-III). This 

provided researchers with a more comprehensive view of the actual incidence of mental 

illness (NIMH, 1985).  

Studies using data from the ECA further cemented the link between mental illness 

and poor labor market outcomes. All the studies using this data showed at least a 

moderate decrease in employment and other measures of labor market performance 

(Frank and Gertler, 1991; Miller and Kelman, 1992; Anderson and Mitchell 1989; 

Mullahy and Sindelar, 1989). The ECA data had two major limitations. First, the data 

was drawn from five sites that were not randomly selected. The results of these studies 

could not be generalized to the population of the United States as a whole. Secondly, the 
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indicators of labor market activity were very limited in the ECA. For example, income 

was reported as household income, but not individual earnings. 

 In the mid to late 1990s, researchers used two types of data to overcome the 

problems of generalizability inherent in the ECA data. One approach was  to evaluate the 

data from clinical trials of medications for mental illness. In 1998, Berndt, et al. studied 

the productivity of workers involved in a clinical trial for an antidepressant. The study 

looked at both the impacts of mental illness on work performance, and the short-term 

effects of anti-depressant treatment on the workers’ productivity. The researchers found 

that more severe depression did result in lower productivity and that treatment seemed to 

increase productivity. Regression analysis found that the effects of depression on work 

performance at zero, four, and twelve weeks were negative and statistically significant; 

however, because the work performance index was subjective, the coefficient estimate 

itself has little meaning. The exact point estimate was less important than the sign of the 

relationship. Improvements in perceived work performance were also statistically 

significant and occurred rapidly, with two thirds of the improvement occurring in the first 

four weeks of treatment. The study has two significant limitations. First, the authors 

could only study the productivity of the workers for the duration of the clinical trial, 

meaning that long-term effects could not be evaluated. Second, the workers’ productivity 

was determined using self-reports of perceived ability. Individuals with depression are 

more likely to think poorly of themselves and are more likely to report poor outcomes for 

subjective measures of productivity. The subjectivity of the measure also makes the 

regression analysis extremely difficult to interpret (Berndt et al, 1996). 
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 In the late 1990s, data from the first national, randomly sampled study on mental 

illness and substance abuse was released by the National Institute of Mental Health. Data 

from this study, the National Comorbidity Survey, was collected from 1990 to 1992. The 

data provided researchers with nationally representative, randomly sampled, diagnostic 

and self-reported data on the incidence and prevalence of mental illness and substance 

abuse and its effects, for the first time. Many studies were published in the late 1990s 

using this data (Kessler, 2002).  

 In 1997, Ettner, Frank and Kessler used the National Comorbidity Survey to 

estimate the effects of psychiatric disorders on three different measures of labor 

outcomes. They were interested in the impact of multiple disorders, in particular, on the 

percent of the population employed, hours worked, and annual income. They found 

highly significant substantial differences in percent employed, and annual income for 

women suffering from any psychiatric disorder holding all else equal. The predicted 

percent employed for women with no disorder was 82.9% but decreased to only 71.9% 

for those with a disorder in the single equation estimate. An instrumental variable model 

was also estimated. This model showed a decrease in the probability of employment from 

83.6% to 69.4% for women with a psychiatric disorder. Having a mental illness 

decreased income by $3,465 to $10,048 depending on the model used (Ettner, Frank, and 

Kessler, 1997). Frank and Kessler also found that mental illness significantly increased 

the number of work-loss days for individuals, regardless of occupation. Affective 

disorders were predicted to cost society a total of 25 work loss days per month per 100 

workers, ceteris paribus (Kessler and Frank, 1997). 
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 Marcotte, Wilcox-Gok, and Redmon also analyzed data from the National 

Comorbidity Survey to evaluate the impacts of affective disorders on labor market 

outcomes. They found the impact of affective disorders on labor market behavior varies 

by gender. For women, the presence of depression resulted in a decreases in income of 

over $6,000 per year. This effect became less statistically significant over time. For men, 

the only mental illness that significantly affected earnings was dysthymia. Interestingly, 

the researchers found that the effects of dysthymia for men increased over time, 

becoming more statistically significant for those who had suffered from the disease for a 

longer period of time. This suggests that women may develop more of an ability to cope 

with depression, whereas men succumb to the effects of dysthymia after prolonged 

exposure. (Marcotte, Wilcox-Gok, and Redmon). 

 Researchers have also analyzed data from the Midlife Development in the United 

States (MIDUS) series to examine the relationship between poor mental health and labor 

market outcomes. The first survey was administered in 1995 and a new survey was re-

administered in 2005 to establish longitudinal data. The survey, sponsored by the 

MacArthur foundation, was created to give a snapshot of the prevalence of mental illness 

among those between ages 30 and 70. 

In 1999, Kessler et al. combined data from the National Comorbidity Survey and 

MIDUS to estimate the effects of depression on short-term work disability. They found 

that major depression had a statistically significant effect on the percent of respondents 

with short-term disability. They estimated the costs of missed days to be approximately 

$182-395 per depressed worker (Kessler et al, 1999).  
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Susan Ettner also used the MIDUS data to estimate the effects of physical and 

mental health on both objective and subjective measures of labor market outcomes. The 

findings of her study suggest that both mental and physical health affect labor market 

outcomes. Functional limitations were the strongest predictors of employment among 

both women and men; however, in all of the various regression models, mental health and 

substance abuse problems were statistically significant just as often as physical health 

problems. The study also found that there were very little health effects on the type of 

employment for participants. Impairments did not seem to have much of an effect on the 

industry entered or job chosen. This can be attributed to self-selection into the labor 

market, with the decision to work (employment status) capturing the majority of the 

health effects (Ettner 2000). 

While all of these studies seem to confirm a link between mental illness and labor 

market outcomes, none have looked at the impacts on low-income workers, in particular. 

Also, many of these studies have major generalizability problems due to the nature of the 

sample. Studies based on data that have greater generalizability are old. My study will 

attempt to address the limitations of prior research. 

 

Conceptual Model 

The economics literature recognizes that health status is an important determinant 

of wages and labor supply. Previous research has examined the relationship between 

health and work within the context of a human capital model of labor supply. The human 

capital model has as its basic assumption that wages are based on the marginal 
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productivity of a worker. Skills, in turn, are a function of an individual’s genetic makeup 

and investment in human capital. Workers with more skills earn higher wages, as 

additional skills translate into higher productivity on the job. 

Investment in human capital is generally achieved through education and on-the-

job training. If returns to education are positive, additional schooling is expected to raise 

the wage rate. Likewise, both general and specific training are expected to have positive 

returns. The theory of on-the-job training explains the shape of the age-earnings profile. 

Nevertheless, individuals possess different genetic abilities. Therefore, no two persons 

face identical opportunities for education or employment.  As such, the marginal rate of 

return and marginal cost of investment vary across the population. 

Mental illness is a common health problem among members of the working age 

population, particularly in lower income brackets. While mental illness is debilitating to 

those it affects, it is rarely considered life threatening. Also, due to continued stigma and 

misunderstanding, there exist disincentives to treat mental illness as a health problem. 

Nonetheless, this disease imposes substantial losses on both the individual and society 

because it limits the capacity to work. Assuming that both physical and mental health are 

analogous to human capital, it seems appropriate to examine the work losses caused by 

mental illness within a human capital framework of labor market behavior.  

Poor health due to mental illness may limit the amount of human capital 

investment a person ultimately achieves. Undoubtedly, mental illness causes some 

individuals to reduce the number of hours they work; others must withdraw from the 

labor market or refrain from entering the market entirely. Furthermore, an individual with 
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mental illness may have less incentive to invest in human capital either because the 

expected returns may be lower or the initial cost of acquiring human capital may be 

higher for those suffering from mental illness.  

Other forms of human capital investment may also be affected by mental illness. 

Workers and firms usually share the cost of and returns from specific training. Still, the 

firm only accrues a benefit from its investment if the worker remains with the firm. Since 

mental illness restricts functional capacity, some firms may be hesitant to provide 

specific training to a worker suffering from this disease. This is likely to arise if the firm 

anticipates the worker’s health will reduce or possibly eliminate the return the firm 

expects to receive. Workers may also choose to invest less in themselves because they 

see that their productivity is lower and their expected work life is lower. An additional 

detriment to personal human capital investment unique to mental illness is a poor self-

perception providing further disincentives for sufferers of mental illness to invest in 

themselves.  

The arguments provided here suggest that individuals afflicted with mental illness 

will earn lower wages, work fewer hours, and invest less in human capital than workers 

who possess relatively good mental and physical health. The human capital model can be 

altered to take these considerations regarding the work impairments linked to mental 

illness into account. This study will address the first two. 
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Data and Sample Construction 

 The data used for this analysis was drawn from the 2003 National Survey on Drug 

Use and Health (NSDUH). This survey is administered annually by the Substance Abuse 

and Mental Health Services Administration of the US Department of Health and Human 

Services. Until 2001, the survey was administered as the National Survey on Drug Abuse, 

but it was renamed and modified in 2002. The survey was designed to evaluate the annual 

prevalence and incidence of substance use and abuse in the United States. In addition to 

substance abuse indicators, the 2003 survey also contains mental health treatment and 

prevalence information, as well as information about other risk factors. Information 

regarding employment status, health insurance status, income, and social integration was 

also collected.  

 The survey used criteria from the most recent version of the Diagnostic Statistical 

Manual or DSM to diagnose both substance abuse and mental health problems. Variables 

reflecting DSM standards were imputed based upon respondents’ answers to questions 

regarding behavior and drug use in the previous twelve months. 

 The sample was created using a multistage area probability sample for all fifty 

states and the District of Columbia. Institutionalized individuals and children under age 

twelve were not eligible for selection. Different questions were asked of youth ages 12 to 

17 and adults ages 18 and up, particularly in sensitive areas such as mental illness and 

drug use. The final sample collected for the NSDUH contained over 67,000 observations, 

of those approximately 55,000 were included in the public use file.  
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To examine the relationship between mental health and employment for TANF 

recipients, the sample will be restricted to include only those women who are in the target 

population for the program. Eligible recipients include unmarried women with children 

under 18 who make less than $20,000 per year.  Imposing such restrictions resulted in a 

sample of 1,817 women. From the initial 55,000 individuals reported in the public use 

file; 26,766 participants (48% of the total) were removed because they were male, 8,804 

(16% of the total) were removed because they were under 18; 1,113 (2% of the total) 

were removed for being older than 65; 13,264 (24% of the total) were removed because 

they earned more than $20,000 per year; 2,797 (5% of the total) were removed because 

they did not have children; and 669 (1% of the total) were removed because they were 

married. Because the specific requirements for TANF vary by state, some of these 

women may not actually qualify for TANF in their state. Nonetheless, this sample 

represents a reasonable approximation of the TANF population. 

 

Specification of the Empirical Model 

 Two labor market outcomes are analyzed. The first is a dichotomous indicator of 

employment status, equal to one for those who are working and zero for those who are 

either unemployed or out of the labor force. The second is weekly hours of work, which 

is analyzed for all women including those who are not working and therefore report zero 

hours. Exclusion of those who are not working would yield biased estimates as to the 

effects of mental illness on hours of work. 
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 Each respondent’s serious mental illness (SMI) score, which measures an 

individual’s degree of mental illness, serves as a proxy for mental health. This 

dichotomous variable was constructed based on individuals’ ages 18 and older responses 

to six questions about psychological distress during the one-month in the past year that 

they were at their worst emotionally. The scale, known as the K6 scale, asks: 

• That month, how often did you feel nervous? 

• During that same month when you were at your worst emotionally, how often did 

you feel hopeless? 

• During that same month when you were at your worst emotionally, how often did 

you feel restless or fidgety? 

•  During that same month when you were at your worst emotionally, how often did 

you feel so sad or depressed that nothing could cheer you up? 

•  During that same month when you were at your worst emotionally, how often did 

you feel that everything was an effort? 

• During that same month when you were at your worst emotionally, how often did 

you feel down on yourself, no good, or worthless? 

Respondents could answer “All of the time,” “Most of the time,” “Some of the time,” “A 

little of the time,” and “None of the time.” A response of “All of the time” was scored 

four points and a response of “None of the time” was scored zero points. The total score 

on this index could range from 0 to 24 with a score of 13 as the cut-off point for a 
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positive screen. This method is consistent with the DSM (U.S. Department of Health and 

Human Services, Substance Abuse and Mental Health Services Administration, 2004). 

 The model also controls for overall health, a proxy for physical health status. 

Respondents were asked to self-report whether they thought their overall health status 

was excellent, very good, good, or fair or poor. Substance abuse problems were also 

diagnosed using an approach similar to the one employed to construct the SMI variable. 

Age was controlled for using a serious of indicator variables representing ages 18-25, 

ages 26-29, ages 30-34, ages 35-49, and ages 50-64. An indicator variable was used to 

control for urban and rural differences. Education was controlled for by using a series of 

indicator variables representing; a middle school education or less, some high school, a 

high school degree, some college, and a college degree or more. Race and ethnicity were 

captured by indicators identifying white, black, and Hispanic respondents. 

 

Results 

Descriptive Statistics 

 

 Table I contains descriptive characteristics for the target TANF population and for 

the sub-samples of TANF recipients stratified by the presence or absence of a serious 

mental illness. Women in the TANF target population are more likely than women under 

65 in the general population to suffer from mental illness. Twelve percent of women in 

the total sample screened positive for serious mental illness, but that was almost doubled 

to twenty-one percent among unmarried low-income women with children. Women who 
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screened positive for serious mental illness in the general population received treatment 

47 percent of the time, but women will mental illness in the TANF target population only 

received treatment 45 percent of the time. 

 Within this TANF target population, there are striking differences between the 

women who were diagnosed with serious mental illness and those who were not (See 

Table 1). Women with a positive screen had lower rates if employment, and worked 

fewer hours per week. For example, 41% of those with a serious mental illness were 

employed compared to 49% of those without a mental health problem. In regards to hours 

of work, the mean is just under 14 hours per week for those with severe mental illness, 

compared to 16 hours per week for those without mental health disorders. They also had 

higher rates of drug abuse, disability, and poor physical health. These two groups also 

differed in other respects. Women who screened positive for mental illness were far more 

likely to be white, live outside of cities, be a Medicaid recipient, and be in their prime 

earning years compared to individuals eligible for TANF without a mental illness 

diagnosis.  Education levels were almost identical among both groups. Because the two 

samples differ in many characteristics and possibly in unobservable characteristics, 

statistical analysis is necessary to determine the degree to which mental illness is 

responsible for differences in labor outcomes.   
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Table I    

    
Descriptive Statistics    
    

  

Entire TANF 
Target 
Population 

Positive 
Screen for 
Serious 
Mental 
Illness 

Negative 
Screen for 
Serious 
Mental 
Illness 

Observations 1817 384 1433 
Dependent Variables:       
Employed=Yes 47% 41% 48% 
   =No 53% 59% 52% 
Hours per week 15.45 13.89 15.87 
(Standard Deviation) 18.16 18.16 18.14 
Explanatory variables:       
SMI Score 6.94 17.09 4.22 
(Standard Deviation) 6.39 3.10 3.76 
Received Mental Health 
Treatment 18% 45% 11% 
Substance Abuse 12% 27% 8% 
Insurance=Private 17% 12% 19% 
    =Medicaid 53% 60% 51% 
   =None 30% 28% 30% 
Age=18-25 65% 63% 66% 
      =26-29 8% 7% 8% 
      =30-34 8% 10% 8% 
      =35-49 17% 19% 16% 
      =50-64 2% 1% 2% 
Health=Excellent 18% 14% 20% 
   =Very Good 34% 28% 35% 
   =Good 33% 32% 33% 
   =Fair 13% 21% 11% 
   =Poor 2% 6% 1% 
Disabled 6% 13% 4% 
City Dweller 73% 69% 74% 
Education=Up to 8th grade 6% 6% 6% 
    =Some high school 34% 34% 34% 
   =High school graduate 41% 41% 40% 
   =Some college 16% 16% 16% 
    =College degree or more 3% 2% 3% 
Race=Black 32% 26% 34% 
   =Hispanic 22% 17% 23% 
   =Minority 61% 51% 63% 
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   =White 39% 49% 37% 
 

Logistic Regression on the Probability of Employment 

 

 Table 2 shows the logistic regression results predicting the probability of 

employment among low-income, unmarried, women with children. The specification 

recognizes that the effect of mental illness is likely to vary by overall health status and 

therefore includes interactive effects between mental illness and self-reported health. The 

effect of serious mental illness on its own is not statistically significant. However, the 

dummy indicating fair/poor health and the interaction between serious mental illness and 

fair/poor health are highly significant (p<0.01). Given its lack of significance, the dummy 

indicator for SMI was dropped to ascertain if its exclusion biased any of the other 

coefficients. Since the coefficients changed very little, the interpretations focus on the 

results reported in column 2. 

The model is highly statistically significant in all measures of goodness of fit, 

including the likelihood ratio (p<0.01). More than 65% of the cases were correctly 

classified. Individuals suffering from fair or poor health who did not screen positive for 

mental illness were 53% less likely to be employed than individuals with excellent health. 

Individuals with serious mental illness and fair or poor general health were far less likely 

to be employed. These individuals were 79% less likely to be employed than individuals 

with no mental illness and excellent health (p<0.01).  
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 Age also has an effect on employment status. Compared to women ages 18-25, 

women ages 26-29 were approximately 45% more likely to be employed (p<0.05), 

women ages 30-34 were 43% more likely to be employed (p<0.10), while women ages 

35-49 were 80% more likely to be employed (p<0.01). 

 Education has a large significant effect on employment. Compared to a baseline 

of women with a middle school education or less, women with some high school were 

71% more likely to be employed (p<0.05), while women with a high school education 

were 187% more likely to be employed (p<0.01). The most striking difference is between 

poorly educated women and women with a college degree. Women with some college 

were 293% more likely to be employed (p<0.01), and women with a college degree or 

post-graduate work were 335% more likely to be employed (p<0.01). 

 The effects of race on the employment status of women eligible for TANF are 

also significant. Black women were approximately 31% less likely than white women to 

be employed (p<0.01). In contrast, Hispanic women were 36% more likely than white 

women to be employed (p<0.05).   
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Table 2 
 
Odds Ratio Estimates for the Logit Model on the Likelihood of Employment 
 
Variable Model 1 Model 2 
SMI 1.194 

(0.647-2.202) 
-- 

Health = very good 0.912 
(0.675-1.233) 

0.887 
(0.667-1.180) 

           = good 0.788 
(0.579-1.072) 

0.766* 
(0.572-1.027) 

           = fair or poor 0.487*** 
(0.323-0.734) 

0.474***1 

(0.318-0.706) 
SMI*Health very 
good 

0.773 
(0.367-1.629) 

0.922 
(0.598-1.421) 

SMI*Health good 0.639 
(0.305-1.335) 

0.761 
(0.499-1.160) 

SMI*Health fair or 
poor 

0.365** 
(0.158-0.844) 

0.435***1 

(0.244-0.777) 
Substance Abuse 1.212 

(0.885-1.660) 
1.223 
(0.895-1.672) 

Age = 26-29 1.452** 
(1.013-2.081) 

1.450** 
(1.012-2.079) 

       = 30-34 1.431* 
(0.996-2.057) 

1.431* 
(0.995-2.079) 

       = 35-49 1.767*** 
(1.366-2.365) 

1.796*** 
(1.365-2.363) 

       = 50-64 1.495 
(0.739-2.024) 

1.490 
(0.736-3.017) 

City Dweller 1.013 
(0.805-1.274) 

1.013 
(0.805-1.273) 

Education = Some 
High School 

1.713** 
(1.068-2.747) 

1.714** 
(1.069-2.749) 

                 = High 
School Grad 

2.869*** 
(1.791-4.596) 

2.866*** 
(1.789-4.591) 

                 = Some 
College 

3.936*** 
(2.367-6.544) 

3.940*** 
(2.369-6.550) 

                 = College 
or Greater 

4.380*** 
(2.100-9.136) 

4.353*** 
(2.088-9.078) 

Black 0.688*** 
(0.547-0.867) 

0.687*** 
(0.545-0.894) 

Hispanic 1.366** 
(1.040-1.793) 

1.365** 
(1.040-1.793) 

Likelihood Ratio 145.177*** 144.854*** 
* 0.05<p<0.10 
** 0.01<p<0.05 
*** p<0.01 
1The estimated odds ratio for women with SMI and fair or poor health 
was calculated by adding the coefficients for the interaction and 
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fair/poor health and exponentiating them. The estimate was 0.21.  
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Tobit Regression on the Number of Hours Worked 

 

 It is likely that for hours worked, the effects of mental illness also vary by overall 

health status. Table 3 shows the tobit regression results predicting the number of hours 

worked per week among low-income, unmarried, women with children. Consistent with 

the employment findings, fair or poor general health without the presence of serious 

mental illness is highly statistically significant (p<0.01). Women with fair or poor health 

who had no mental health problems worked approximately 13.0 fewer hours per week 

than women with excellent health. Not surprisingly, the combined effects of serious 

mental illness and fair or poor health have large negative effects on hours of work. 

Women with both characteristics worked approximately 27.6 fewer hours than women 

with no serious mental illness who reported excellent health (p<0.05).   

 Age not only has an effect on employment but on hours worked, as well. 

Compared to women ages 18-25, women ages 26-29 worked 6.2 hours per week more 

(p<0.10), women ages 30-34 worked 6.9 hours per week more (p<0.10), and women ages 

35-49 worked 10.9 hours per week more (p<0.01).  

 As anticipated, educational attainment is associated with more work hours. 

Compared to women with a middle school education or less, women with some high 

school worked about 11 hours more per week (p<0.01), while women with a high school 

education worked 20 hours more per week (p<0.01). Here again, educational attainment 

is closely tied to working full time. Women with some college worked on average 25.5 
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hours more per week (p<0.01), and women with more than a college degree worked 26.2 

hours more per week (p<0.01) compared to those who did not attend high school. 

 The effects of race on hours worked are consistent with the findings regarding 

race/ethnicity and employment.  Black women worked on average 5.7 hours fewer than 

white women (p<0.01). Hispanic women, in contrast, worked 5.6 hours more than white 

women (p<0.05).  
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Table 3: 
 
Tobit Estimates on Hours Worked 
 
Variable Unrestricted Model Unrestricted Model 2 
SMI   3.817 

(5.343) 
-- 

Health = very good  -0.836 
(2.684) 

 -1.455 
(2.540) 

           = good  -3.271 
(2.755) 

 -3.888 
(2.615) 

           = fair or poor -12.405*** 
(3.702) 

-13.014*** 
(3.604) 

SMI*Health very 
good 

-3.672 
(6.560) 

  0.119 
(3.862) 

SMI*Health good -8.888 
(6.526) 

 -5.119 
(3.843) 

SMI*Health fair or 
poor 

-18.393** 
(7.398) 

-14.617*** 
(5.173) 

Substance Abuse 2.371 
(2.812) 

  2.560 
(2.800) 

Age = 26-29 6.206* 
(3.176) 

  6.171* 
(3.176) 

       = 30-34 6.919** 
(3.231) 

  6.889** 
(3.232) 

       = 35-49 10.899*** 
(2.394) 

 10.885*** 
(2.395) 

       = 50-64 6.735 
(6.228) 

  6.655 
(6.230) 

City Dweller -0.557 
(2.051) 

 -0.550 
(2.051) 

Education = Some 
High School 

11.276*** 
(4.371) 

 11.319*** 
(4.373) 

                 = High 
School Grad 

20.443*** 
(4.344) 

 20.443*** 
(4.346) 

                 = Some 
College 

25.461*** 
(4.634) 

 25.508*** 
(4.636) 

                 = College 
or Greater 

26.287*** 
(6.366) 

 26.157*** 
(26.157) 

Black -5.593*** 
(2.0810) 

 -5.660*** 
(2.080) 

Hispanic 5.6134** 
(2.395) 

  5.592** 
(2.396) 

Log-Likelihood -4824.453 -4824.708 
* 0.05<p<0.10 
** 0.01<p<0.05 
*** p<0.01 
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Discussion 

While the impact of mental illness on labor market outcomes has been well-

documented by economists, the effects of mental illness on low income women eligible 

for TANF have not been examined. Many previous studies have shortcomings and gaps 

in their analyses. This study addressed these issues by analyzing data from a nationally 

representative sample where mental illness was assessed using reliable diagnostic 

methods rather than self-reports. Most prior research on this subject is based on self-

reports of mental illness. 

The findings demonstrate the importance of examining the interactions between 

mental health and physical health. Many previous studies assumed that mental health and 

physical health were purely independent, and did not take interactions into account. As a 

result, these studies likely suffered from some form of omitted variable bias. When the 

interactive effects are taken into account, women with both mental illness and fair or poor 

physical health were 79% less likely to be employed, and worked 27.6 fewer hours than 

women with no mental illness and excellent health. These are very large and significant 

effects. 

While the findings indicate that poor mental and physical health have extremely 

large negative impacts on labor market outcomes for low-income single women with 

children, the study does have some limitations. First, the analysis is based on cross-

sectional data rather than longitudinal data. The model is therefore unable to analyze the 
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effects mental illness on labor market outcomes over time. The findings reported here 

probably understate the effects of poor mental and physical health, as many women with 

severe mental illness may exit the labor market or experience intermittent employment.  

Secondly, the empirical specification may be hampered by some omitted variable 

bias and some measurement error due to limitations in the survey. For example, income 

and the number and ages of children could not be controlled for in the model, because the 

survey did not contain detailed questions on these issues. 

Finally, the target-population sample size with mental illness was quite small, 

limiting the types of analysis that could be performed. While an examination of the 

effects of treatment on labor market outcomes for those women in the sample diagnosed 

with serious mental illness would have been desirable, such an analysis was not feasible 

given the small sample size. 

Despite these limitations, the results of the study demonstrate that mental illness 

has significant effects on labor market outcomes, especially when combined with poor 

physical health among women in the TANF target population. The findings suggest that a 

work-first policy that provides no support in terms of mental health treatment, combined 

with a Medicaid system with large gaps in mental health services for adults is inadequate. 

If the goal is to move more women off of welfare and into the labor force, these gaps 

must be closed.  

The new changes to TANF, recently enacted by the federal government requires 

the Department of Health and Human Services to specify which activities should and 

should not count towards each state’s work participation rate. This rate must be 
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sufficiently high or a state will be forced to provide a greater share of TANF funds. This 

analysis provides evidence that should be considered by HHS when creating regulations. 

The findings suggest that the receipt of mental health treatments could be included as an 

activity, in addition to training and employment, that should be counted towards the work 

participation rate. 
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