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ABSTRACT 

 
Much research has been done regarding the effects of macroeconomic conditions on 

the electoral chances of congressional candidates—incumbents, in particular—with mixed 

results. However, most of the models tend to ignore potential effects of equity market 

performance on congressional elections. My hypothesis proposes that positive equity market 

performance in a current election cycle predicts a positive effect on incumbent electoral vote 

shares, even after controlling for state- and national-level macroeconomic effects and the 

political environment. I specify and test a principal component fixed effects regression model 

with continuous variables measuring incumbent vote share in elections to the U.S. House of 

Representatives and the performance of the S&P 500 stock index over variable time periods 

in order to isolate a “Wall Street effect.” This model is used to test whether there is a 

statistically significant effect of US equity market performance on incumbent candidate vote 

share. I find that short-term positive stock market performance predicts an increased vote 

share for incumbent congresspersons, on average, controlling for economic and political 

factors. Positive long-term market performance, on the other hand, appears to reward only 

Democratic House incumbents using the same controls. Republican House incumbents 
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benefit from negative long-term stock market performance, indicating voters may take 

conventional wisdom regarding party differences with respect to business and regulatory 

policies into account when making voting decisions.  
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INTRODUCTION 
 

The answer to the question of whether or not there is a so-called “Wall Street effect” of 

equity market performance on the electoral chances of incumbent House candidates has 

substantively important repercussions on various levels. Existing research studies have identified 

statistically significant effects of macroeconomic indicators like unemployment, real GDP 

growth, and inflation on electoral incumbency rates (Grier & McGarrity, 1998). In particular, 

these models reveal a strong positive effect between out-party incumbency and recessionary 

indicators.1 What these models fail to take into account, I hypothesize, is that voters may use 

recent stock market performance as a proxy measure for current economic health, on average, 

even after controlling for state- and national-level macroeconomic and political conditions. If 

true, this could alter their voting behavior based on how well or poorly the stock market did 

during various periods during the current election cycle.  

BACKGROUND AND MOTIVATION 

The reason this question is important is that if incumbents are self-interested with respect 

to their own reelections, being able to identify effects resulting from stock market performance 

could lead to perverse incentives by lawmakers to affect securities markets. Out-party members 

might be encouraged to promote policies that weaken markets at the expense of shareholders in 

order to damage in-party member electoral changes. Conversely, policies that favor short-term 

market gains such as preferential tax treatments for securities transactions or relaxed regulatory 

structures might be sought by in-party members to bolster their reelection chances. This could 

create bubbles and damage the structural long-term health of markets, which could have negative 
                                                 
1 For the purposes of this study, an “out-party” member of the House of Representatives is a member who does not 
caucus with the majority party in the House. 
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effects even beyond the direct economic impact to shareholders. In sum, this effect, if it exists, 

could institutionalize rent-seeking behavior for a small group of powerful politicians instead of 

the pursuit of policies beneficial to stockholders, companies, and voters.  

There is evidence of such behaviors; political economists have asserted that 

macroeconomic policy behavior routinely changes in election years (Hibbs, 1977). From a 

political strategy perspective, it stands to reason that campaign advisors both on Capitol Hill and 

in the White House would want to know how to frame the debate with respect to markets in 

election years—if these effects are shown to exist, future congresses and presidents might 

reassess their election tactics. 

LITERATURE REVIEW 

One of the most researched aspects of voter behavior is whether national, regional, and/or 

personal economic conditions have effects on national elections (see Kramer, 1971; Stigler, 

1973; Kramer & Kiewiet, 1979; Owens & Olson, 1980; Hibbing & Alford, 1981; Markus, 1988; 

Peltzman, 1990; Grier & McGarrity, 1998, 2002; Gomez & Wilson, 2003; McGarrity, 2005). 

There has, however, been no consensus reached on whether or what economic conditions affect 

the electoral fortunes of national politicians. In his seminal 1971 work, Gerald Kramer made one 

of the first empirical attempts to assess whether national economic conditions affect voting 

decisions in the U.S. House of Representatives. Prior to this point, little attention had been paid 

to the idea that economic fortunes predicted electoral fortunes since the answer seemed obvious 

(Stigler, 1973). Kramer (1971) concluded that positive changes in economic conditions—if not 

the static figures themselves—predicted greater success for incumbents, whereas negative 

changes were associated with lesser success, with per capita income being the primary driver. In 
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other words, people “voted their pocketbooks.” Unemployment, in contrast, was determined to 

be inconsequential—a puzzling result for Kramer.  

Stigler (1973), on the other hand, realized why Kramer did not see substantial effects of 

unemployment on incumbent reelections. His reason was simple: the number of unemployed 

Americans comprises a relatively small proportion of voters since such voters have 

characteristics that are associated with low turnout like being young, unmarried, or uneducated. 

He further concluded that per capita income has little if any effect on reelections. He argued that 

a rational voter realizes that both parties have an interest in minimizing unemployment and 

maximizing per capita income. Therefore, voters would not punish incumbent candidates for 

what are, in effect, short-term economic fluctuations.2 He allowed that economic conditions are 

important to party policy and voters. In addition, he found an effect of inflation on voter 

behavior, though it remains unclear whether his observation was merely a function of the high 

inflationary environment of the 1970s. However, overall, he rejected the notion that economics 

have significant effects on the reelection rates of incumbent House members. 

Owens and Olson (1980) came to similar conclusions based on subsequent elections, 

though they ascribed the lack of observed effects to the idea that voters tend to blame the 

president, not congress, for economic conditions. They do admit that their observations are 

limited to recent elections, and that further research should cover longer timeframes.3 

                                                 
2 I tend to think his “rational voter” assumption suffers from the logical fallacy of begging the question. There was 
little evidence for such a strong assumption. He seems to intuitively understand this when he asserts that changing 
parties or votes based on short-term economic changes is as “foolish” as selling stocks due to recent reversals: in 
fact, stockholders routinely sell holdings in response to weak corporate earnings. Stigler makes strong normative 
claims about what voters “should” do, yet I would assert that discounting positive claims about what voters actually 
do at best weaken his argument and at worst makes his interpretations of the data somewhat irrelevant.  
3 1974-1979—recent at the time their article was written. 
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Kinder and Kiewiet (1979) took issue with Kramer’s (1971) findings—not with the effects, but 

with the interpretation. The authors, like Kramer, identified macroeconomic effects on voting 

behavior. However, they made the distinction that voters do not, in fact, “vote their pocketbook.” 

Indeed, after analyzing individual-level data, the authors found that there were no substantial 

effects of a respondent’s personal economic condition and voting patterns. This is not to suggest 

that economic issues are not important to individuals—to the contrary, the authors found a great 

deal of evidence to support the idea that they are. However, they concluded that personal 

experiences are not politically important. In other words, the link between economic conditions 

and political voting behavior, if it exists, is not based on personal experiences. Rather, voters 

choose candidates “sociotropically,” or as they perceive the collective “pocketbook.” 

Markus (1988) attempted to reconcile Kramer’s (1971) “pocketbook” and Kinder and 

Kiewiet’s (1979) “sociotropic” theories by changing the research design to consider both. He 

found that both effects taken together explained a great deal of variation in presidential electoral 

outcome with a mean prediction error of only three percentage points. This is not to say that he 

concluded campaigns are unimportant. After all, a three-percentage point swing can and has 

decided national elections. In fact, campaigns, he asserted, may be exactly the vehicle from 

which economic data are transmitted to the voting public. It remains to be seen whether or not 

Markus’s results are externally valid with respect to congressional elections, but the study was 

novel in its approach. 

Hibbing and Alford (1981) buttressed Kinder and Kiewiet’s (1979) finding that voters 

consider aggregate economic conditions when voting. They took the analysis one step further, 

however, and concluded that the margin of victory by an incumbent is what matters. The higher 
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the margin of victory an incumbent experienced, the more likely he was to be punished or 

rewarded by voters in the next election cycle depending on macroeconomic conditions. Further, 

when they controlled for district incumbency, they found personal financial conditions and 

choice of vote echo the effects seen at the aggregate level. 

Further advancing the theory that macroeconomics and personal economic conditions 

affect electoral choice, Grier and McGarrity (1998, 2002) found that such effects are present, but 

only when controlling for incumbency and party. Once these variables were inserted into the 

model, a wider range of economic conditions such as unemployment and inflation seemed to 

have more substantial effects than per capita income. The authors found irony in prior research 

finding weakening support for macroeconomic effects on voter choice at the same time theory is 

advancing the idea of “rational retrospective voting.” They ascribed this observed weakness to 

flawed underlying models and concluded that there is an “unambiguously positive answer” to the 

questions as to whether or not macroeconomic conditions affect House elections. Carey, et al., 

(2000); Stone, et al., (2005); Gelman and Huang (2008); and Struhl (2011) have similarly 

concluded that there is a clear incumbency effect in house elections, though with varying metrics 

and magnitudes. 

Peltzman (1990) also considered the economic effects matter closed and came to the 

conclusion that good economic conditions benefit incumbent presidents and their congressional 

party counterparts. However, he did not identify why economic conditions matter to voters. 

Furthermore, he asserted that there is still little explanation as to how voters synthesize economic 

data in voting decisions. 
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More recent research on the phenomenon of economic effects on electoral choice has 

attempted to identify other omitted variables or differences between groups. McGarrity (2005) 

found that voters do not treat all incumbents of one party the same. He asserted that voters, on 

average, punish incumbent House members based on committee assignment. His data showed 

that incumbent members of committees that have control over money, finance, or economics are 

statistically significantly more likely to be punished by voters at the ballot box when 

macroeconomic conditions suffer. This is, perhaps, a surprising conclusion: it seems reasonable 

to assume that a rational voter would find it not worth his time to seek out information like 

committee assignment. McGarrity anticipated this and explained that “credit-seeking” by 

incumbents will reflect bills and amendments that indicate his committee, and at a low economic 

cost to the rational voter since the information is acquired passively through mass media 

advertising. 

While also accepting the premise that economic conditions conclusively affect voter 

choices, Gomez and Wilson (2003) asserted that the question of whether people vote their 

pocketbooks, macroeconomic conditions, or both could not be answered uniformly for all voters. 

They found that the nature of voter choices is a function of sophistication. The authors concluded 

that less sophisticated voters tend to reward or blame the president in power based on 

macroeconomic factors and voters who are more sophisticated spread their blame and reward 

among more diffuse targets—including Congress—based on more of their personal economic 

conditions. The takeaway from their study is that the analysis of congressional elections voting 

based on economic conditions of any kind should be limited to studying the more sophisticated 

electorate. 
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The idea that there is still no consensus as to how voters synthesize economic data goes 

to the core of this research question. I hypothesize that voters use stock market performance as a 

proxy measure for national macroeconomic health since stock performance is easily measured, 

readily available, and consistently reported by major media. This is an attempt to resolve the 

ambiguity in the research with respect to economic conditions’ effects on voting—if voters are 

using an alternative measure to stand in for national macroeconomic conditions, it could explain 

why such disparate results have been observed in prior research. Furthermore, I would theorize 

that, like Gomez and Wilson (2003), there might be differences between groups of voters based 

on key characteristics. Perhaps more sophisticated voters who diffuse their blame or reward 

beyond the president to Congress and might do so based partly on their portfolio performance as 

well as their pocketbooks. It is certainly a reasonable assumption that more sophisticated voters 

would tend to have a higher ownership rate of equities. 

Of course, there are other factors that go into a voter’s decision-making process—

ideology, political identification, policy considerations, the media, the candidate’s personal 

characteristics, and candidate debates are but a few of such inputs. Like Kramer (1971), Stigler 

(1973), Markus (1988), and Grier and McGarrity (1998), I believe electoral fluctuations are 

measured best by the changes in the share of the two-party vote a particular party receives in a 

House election. I am also convinced that there are likely incumbent effects (Grier & McGarrity, 

1998, 2002; Carey, et al., 2000; Stone, et al., 2005; Gelman & Huang, 2008; Struhl, 2011), 

presidential coattail effects (Campbell, 2010), party effects (Lebo, et al., 2007; Kastellec, et. al, 

2007), political contribution effects (Duquette, et al., 2008), and macroeconomic effects 

(Kramer, 1971; Kramer & Kiewiet, 1979; Owens & Olson, 1980; Hibbing & Alford, 1981; 
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Markus, 1988; Peltzman, 1990; Grier & McGarrity, 1998, 2002; Gomez & Wilson, 2003; 

McGarrity, 2005). 

CONCEPTUAL FRAMEWORK AND HYPOTHESES 

Little research has been undertaken to determine whether there are significant effects on 

voter choice as a function of stock market performance. The stock market has many features that 

make it an interesting and potentially useful area of political study. First, millions of Americans 

have a stake in the markets, with over 50 percent now invested directly or indirectly in equities, 

whether in deferred contribution plans or in brokerage accounts (Li, 2009). With the future 

benefit levels of social insurance plans like Social Security uncertain and the decline of defined 

benefit and pension plans, more and more Americans find themselves dependent on their 

personal retirement accounts (Delavande & Rohwedder, 2010). Movements in the stock market, 

in a manner of speaking, represent an aggregation of millions of forward-looking investment 

decisions, just as I would argue electoral outcomes are an aggregation of millions of forward-

looking political preferences. Indeed, Yantek and Cowart (1986) interpret the link between 

market fluctuations and electoral outcomes as another variant on the more familiar political-

economic intersection. That said, the existing research almost universally is concerned with 

assessing whether the causal arrow goes the other way—that is, what effects, if any, exist on 

financial markets or the economy based on electoral outcomes (Yantek & Cowart, 1986; Fowler, 

2005; Cooper, et al., 2006; Jones & Banning, 2008).   
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DATA AND METHODS 

The data for my research come from publicly available existing data. The population 

consists of each U.S. House of Representatives election between 1982 and 2008, with the unit of 

analysis being congressional district-years. The data on the dependent variable of interest and 

political control variables come from Congressional Quarterly’s Voting and Elections Collection. 

The data for the primary variable of interest, S&P 500 index performance, were collected from 

Standard and Poor’s Financial Services, LLC. The data for state- and federal-level 

macroeconomic control variables were collected from the Bureau of Economic Analysis, Bureau 

of Labor Statistics, the Federal Reserve Bank of St. Louis, and the Federal Reserve Bank of 

Philadelphia. 

The rationale for using congressional district election results over 1982-2008 is that the 

sample size is comfortably large since House elections are held at regular two-year intervals in 

every congressional district in the United States. Furthermore, this period has seen the expansion 

of stock ownership of Americans, on average, making the explanatory market performance 

variables more relevant to a larger pool of voters as compared to prior years with low rates of 

participation in the stock market (Li, 2009). The S&P 500 index, in particular, was chosen as the 

primary independent variable of interest as it is the most diverse of the major indices 

representative of domestic stock performance in the United States, yet represents a homogenous 

population of constituent companies. To measure stock performance, I created two variable 

indices corresponding to shorter term and longer term S&P 500 index returns. Capturing the 
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effects of both of these variables will allow for any possible differences in short-term and long-

term returns on incumbent vote share. 4  

Congressional districts created or eliminated due to decennial reapportionment or 

redistricting were dropped from the sample in order to maintain a balanced panel, which reduced 

the number of observed congressional districts from 465 to 404. The population of analysis will 

also be limited to congressional House races that had an incumbent who ran for reelection in the 

current election year in order to determine whether an incumbent experienced an increase or 

decrease in vote share in the successive election. The population of analysis contains 5,016 

observations. 

I specify a principal component regression model with independent variables controlling 

for state-level changes in disposable income, nonfarm payroll employment, average hours 

worked in manufacturing, the unemployment rate, and wage and salary disbursements deflated 

by the consumer price index to capture local pocketbook voting effects. National measures of 

market risk, inflation, unemployment, consumer sentiment, and changes in home and oil prices 

will be included in the model to capture macroeconomic effects. Political variables are also 

specified controlling for party unity, voter turnout, presidential coattails effects, third party 

challenges, presidential election years, and contested elections. Congressional district and 

election year fixed effects regression models will be run along with to determine statistical 

significance of the specified independent variable effects.  

The first three ordinary least squares (OLS) assumptions that must be met in order to 

                                                 
4 The “shorter term” S&P 500 return variable was created from the one-, two-, three-, four-, and five-month returns 
to election day in a given year. The “longer-term” returns variable was created from the six-, nine-, twelve-, and 
twenty-four-month returns to election day. The use of the terms “short term” and “long term” are considered only 
within the context of a two-year congressional election cycle. 
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produce unbiased coefficient estimators in a time-series analysis are identical to those in a typical 

non-panel cross-sectional analysis: the stochastic process is linear in the parameters; no 

explanatory variables are perfectly collinear with one another (or a combination of others); and 

the expected value of the error term conditional on the explanatory variables for all time periods 

is zero (Stock & Watson, 2010). The panel data I am using to model the effects of market returns 

on incumbent vote shares avoids perfect multicollinearity and is linear in the parameters. 

However, the final assumption for unbiasedness differs from the traditional cross-sectional 

assumption in that the time-series assumption is a bit stronger. In order to produce unbiased 

coefficient estimates, the error in time t must be uncorrelated with all of the independent 

variables in time t—that is, all independent variables must be “contemporaneously exogenous” 

(Wooldridge, 2009). 

Under the “random walk” hypothesis—a term popularized by Princeton University 

economist Burton Malkiel in 1973 in his influential work A Random Walk Down Wall Street—

market returns on any given time periods in the past are not predictive of future market returns, 

which is consistent with economist Eugene Fama’s efficient-market hypothesis (1970). If these 

hypotheses were met, it would indicate that the final time-series OLS assumption is met and that 

the estimates in my model are unbiased. If no autocorrelation exists among my market return 

variables, at first glance, it should be expected that my independent variables of interest for 

market returns by time period should be uncorrelated in a statistically significant way with the 

error term. 

There are in fact correlations (significant at the 99.99 percent level) between S&P 500 index 

returns based on timeframe (Table 1).  



 

12 
 

TABLE 1 
S&P 500 INDEX CORRELATION MATRIX BY TIME PERIOD 

 1 
month 

2 
month 

3 
month 

4 
month 

5 
month 

6 
month 

9 
month 

12 
month 

24 
month 

1 month 1         
2 month 0.7148* 1        
3 month 0.7323* 0.8157* 1       
4 month 0.4360* 0.7123* 0.8517* 1      
5 month 0.4643* 0.7660* 0.8211* 0.9612* 1     
6 month 0.3464* 0.7187* 0.7562* 0.8767* 0.9301* 1    
9 month 0.3520* 0.7073* 0.6450* 0.7324* 0.8646* 0.9080* 1   
12 month 0.3082* 0.6446* 0.5501* 0.5783* 0.7455* 0.8344* 0.9598* 1  
24 month 0.0647* 0.4408* 0.1654* 0.3170* 0.5122* 0.6151* 0.7724* 0.8581* 1 

* p<0.01 
 

This does not necessarily violate the random walk or the efficient-market hypotheses. 

Neither is it problematic to have significant correlations between explanatory variables as long as 

they are not perfectly collinear. However, these results reveal a source of bias. It is plausible, if 

not outright likely, that the stock market returns from any given time period would be correlated 

with the returns in subsets of that period. It makes sense that the two-month return is statistically 

significantly correlated with the one-month return since the returns are calculated from the same 

end date. In this case, all returns are percentage changes from the election day in a given 

congressional election year. Indeed, almost 95 percent of the variation seen in a two-year 

(election-to-election) percentage return on the S&P 500 can be explained by just eight S&P 500 

return variables that are fewer than 24 months in duration (Table 2). 
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TABLE 2 
REGRESSION OF TWO-YEAR S&P 500 RETURNS ON OTHER PERIOD S&P RETURNS 

 
 (1) 
VARIABLES S&P 500 Return 

(24 mos.) 
  
S&P 500 Return (12 mos.) 2.949*** 
 (0.0288) 
S&P 500 Return (9 mos.) -1.962*** 
 (0.0413) 
S&P 500 Return (6 mos.) 0.125*** 
 (0.0295) 
S&P 500 Return (5 mos.) -0.555*** 
 (0.0580) 
S&P 500 Return (4 mos.) 1.988*** 
 (0.0606) 
S&P 500 Return (3 mos.) -3.484*** 
 (0.0333) 
S&P 500 Return (2 mos.) 0.962*** 
 (0.0215) 
S&P 500 Return (1 mo.) 1.054*** 
 (0.0322) 
Constant 8.457*** 
 (0.188) 
  
Observations 5,656 
R-squared 0.945 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 

 
The problem here is that there are many more timeframes that are not in the model that 

could plausibly be correlated with incumbent vote share—as my hypothesis states—and with the 

other timeframe returns in the model (as the above table indicates). These results would indicate 

a high probability that the independent variables are correlated with unobserved variables in the 

error term and therefore are not exogenous with respect to time, which could lead to omitted 

variable bias. Given a one-year period has on average 250 trading days, there could be up to 
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about 500 known unobserved variables plausibly correlated with the dependent variable and one 

or more of the market return independent variables. Of course, it would be possible to include 

every conceivable period return between one day and two years, but this would drastically 

reduce degrees of freedom and the results, therefore, would be practically useless with respect to 

inference. Furthermore, OLS coefficient estimators perform poorly when there is high 

collinearity between independent variables; standard errors increase and reduce the likelihood of 

observing statistically significant effects (Wooldridge, 2009). 

One method to correct for this problem is principal component analysis (PCA), a 

multivariate data collapsing method introduced by Karl Pearson in 1901. While a full exploration 

of the linear and matrix algebra underlying the method is beyond the scope of this thesis, PCA 

allows for a way to reduce overly complex sets of data to lower dimension categories while still 

retaining as much variation within the variables as is possible (Shlens, 2009; Jolliffe, 2006). 5 

More practically, the use of PCA in OLS regression analysis is a well-established 

technique to explore relationships between variables (see Hotelling, 1957; Kendall, 1957). 

Basically, PCA transforms a set of correlated variables into uncorrelated indices known as 

principal components (PCs), where each component is a linear weighted combination of the 

original variables, which often reveals a simpler underlying structure and in this case will allow 

potentially more meaningful relationships to become apparent (Jolliffe, 2006). In the process, 
                                                 
5 Given the nine time-series variables observed across 404 cross-sectional entities (congressional districts), the 
correlation matrix in matrix algebra is: 

� �
1 𝜌2,1 …
𝜌1,2 ⋱
⋮ 1

�
9𝑥404

 

For a more exhaustive treatment of the mathematics and theory of PCA including eigenvalues and selection criteria, 
see Murtagh, F, and A Heck. (1987). Multivariate Data Analysis.; Giri, N. (2004). Multivariate statistical analysis.; 
Bolch, B. & Huang, C. (1974). Multivariate statistical methods for business and economics; and Jobson, J 
(1992). Applied multivariate data analysis.  
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problems related to multicollinearities are minimized and predictive values for the dependent 

variable are more reliable (Hwang & Nettleton, 2003). PCA has been used in many academic 

disciplines, including economics, finance, and public policy, and the ability of this method to 

eliminate the inherent endogeneity of the market return variables makes it ideally suited for this 

econometric analysis (Fitfield, Power, & Sinclair, 2002). Feeney and Hester (1967) pioneered the 

use of PCA with stock rates of return, which, like my S&P 500 data, feature consecutive 

associated observations. 

The orthogonal nature of PCs allows for one or more of them to be introduced into a 

regression model without changing the signs or magnitudes of other variables; PCs, therefore, 

are considered unbiased and consistent estimators (Jolliffe, 2006; Wooldridge, 2009). However, 

there can be potential pitfalls using PCA. While the interpretation of the underlying variables is 

improved with the use of PCs, they are not very useful in the overall regression if there is no 

meaningful relationship between the constituent variables in each index (Jolliffe, 2006). After 

performing a principal component analysis on my market return variables, Kaiser’s selection 

criteria indicates that the nine underlying variables correspond to two zero-correlated principal 

components (1960). 6 These first two principal components capture about 87.5 percent of the 

variance in the underlying data, which adds an additional justification for this method (Table 3).  

  

                                                 
6 Kaiser’s selection criterion involves retaining components with eigenvalues greater than one. 
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TABLE 3 
PRINCIPAL COMPONENT ANALYSIS 

Principal 
Component 

 
Eigenvalues 

 
Difference 

Proportion 
of variance 

Cumulative 
variance 

     1 6.36151 4.84975 0.7068 0.7068 
2 1.51176 0.815481 0.168 0.8748 
3 0.69628 0.513925 0.0774 0.9522 
4 0.182355 0.0526411 0.0203 0.9724 
5 0.129714 0.0715372 0.0144 0.9868 
6 0.058177 0.0123459 0.0065 0.9933 
7 0.0458311 0.0357564 0.0051 0.9984 
8 0.0100747 0.0057818 0.0011 0.9995 
9 0.0042929 0 0.0005 1 

  

Graphically, only the first two principal components meet the cut-off criterion (Figure 1). 

Components with an eigenvalue of less than one account for less variance than did the original 

variable and so are of little use (Joliffe, 2002).7 

FIGURE 1 

 

                                                 
7 An eigenvalue is defined as any number such that a given matrix minus that number times the identity matrix has a 
zero determinant and are, therefore, linearly independent. 
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The one through five month return variables collapse into one PC and the six through 

twenty-four month variables collapse into the other using accepted selection criteria as seen in 

Table 4 (Kim & Mueller, 1978). The ordinal way in which the variables “belong” to each PC 

allows for a relatively straightforward interpretation of what the newly created indices represent: 

relatively long-term and relatively short-term (with respect to a two-year congressional election 

cycle) performance effects on incumbent vote share.8 Furthermore, the created variables 

maintain linearity in the parameters and avoid potential functional form misspecification. 

  

                                                 
8 Principal components are orthogonally constructed so are independent by definition. Therefore, for this study, it 
would be imprudent to consider interactive relationships between the “short term” and “long term” return indices as 
relevant. However, in reality, long term period returns are necessarily related to short term returns. 
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TABLE 4 
COMPOSITION OF PRINCIPAL COMPONENTS (EIGENVECTORS) 

 
Principal Component 

 S&P 500 Return  1 2 Uniqueness9 
1 month -0.0451 0.8422* 0.2887 
2 month 0.425 0.7939* 0.1891 
3 month 0.2604 0.9371* 0.054 
4 month 0.4721 0.7694* 0.1851 
5 month 0.6395 0.709* 0.0885 
6 month 0.7598* 0.5765 0.0903 
9 month 0.8745* 0.4433 0.0387 
12 month 0.9124* 0.3108 0.071 
24 month 0.9361* -0.0475 0.1214 

Starred figures denote a variable’s assignment to a principal component 
 

Although principal component analysis helps to alleviate a large source of omitted 

variable bias and create a more straightforward way to interpret multicollinear independent 

variables, other unobserved variables may be correlated with the incumbent’s vote share and one 

or more independent variables in the model. One might be unobserved characteristics unique to a 

particular congressional district or perhaps to certain states or regions that could be controlled for 

in the regression model. The downside to merely adding more and more variables to the model is 

that there still might be variables that are unmeasured (or unmeasurable) and also that the model 

becomes less efficient as degrees of freedom decrease (Wooldridge, 2009). 

Fortunately, there is a method to control for all characteristics that do not vary over time: 

entity fixed effects regression. Mathematically, fixed effects regression introduces an indicator 

variable unique to each entity—in this case, each congressional district. In practice, these fixed 

                                                 
9 “Uniqueness” refers to the percent of variation that is not shared with other variables, and, therefore sums to one; 
the greater the uniqueness, the lower the relevance in the PC model (Kim & Mueller, 1978). Statistical software 
programs may also refer to these values as “unexplained variation.”  
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effects dummies control for all time-invariant variables within each district whether these 

characteristics can be measured or not (Stock & Watson, 2010). Introducing entity fixed effects 

into the model allows for the effects of dependent variables to be isolated: “if the unobserved 

variable does not change over time, then any changes in the dependent variable must be due to 

influences other than these fixed characteristics” (Stock & Watson, 2003). The advantage of this 

approach is that the estimated coefficients of this model can no longer be biased by the omission 

of any time-invariant characteristics and tends to increase the explanatory power of the model 

(Wooldridge, 2009). This feature comes with an obvious downside: including fixed effects does 

not allow one to isolate the effects of or differences between any potential time-invariant 

characteristics of interest. This would be problematic if there were certain factors that differed 

between districts but that were constant over time in which this study had some interest (e.g. 

cultural norms or regions). However, my research question does not focus on such differences.  

The data are clear that over the long term, domestic equity market performance tends to 

trend upward. Over the period of this analysis (election day 1980-election day 2008), the S&P 

500 returned an annualized 14.67 percent.10 While this is generally considered to be a positive 

characteristic of the market by investors and financial retirement planners, it introduces 

complications in an econometric analysis. Though simultaneously trending regressors in a model 

will not introduce bias, there may be unobserved variables that simply happen to increase or 

decrease over time (Wooldridge, 2009). These trending variables tend to be highly correlated 

with each other as one might expect. For instance, in my dataset, total non-farm jobs by state (a 

proxy for employment) and gross domestic product by state (a proxy for local economic growth) 

                                                 
10 Data courtesy of Standard & Poor’s Financial Services, LLC 
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has a correlation of about 0.95 and statistically significantly equal variances over the period of 

1982-2008 (N=11,307). Of course, it is unsurprising that there may be simultaneous causation 

between employment growth and economic growth. However, there still might be what 

Wooldridge calls a “spurious regression problem”—that is, there still might be a driver of both 

trends unobserved in the model leading to omitted variable bias: time (2009).  

Furthermore, there may be factors excluded from the model that vary over time, but not 

by congressional district that could bias the estimators if excluded (e.g. whether the election in a 

particular year question was a “wave” election or whether the president is a Democrat).  

Adding time fixed effects to the model corrects these problems by controlling for any entity-

invariant but time-varying events or characteristics and can even make relationships more 

significant (Wooldridge, 2009). Including both time and entity fixed effects in my models 

eliminates any bias associated with the omission of any variables that do not vary over time or 

between congressional districts (Stock & Watson, 2010). 

That said, in order for the estimators to be consistent in addition to unbiased for time-

series/panel data, two more conditions must hold—homoscedasticity and no correlation between 

errors across time periods (Wooldridge, 2009). Using a relatively crude eyeball test, a scatterplot 

of the residuals against the predicted fitted values shows that the residuals may not be randomly 

distributed across the distribution of congressional district-years, indicating that the model 

plausibly violates the homoscedasticity assumption. 
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FIGURE 2 
SCATTERPLOT OF RESIDUALS VERSUS FITTED VALUES 

 
 

In practice, panel data routinely violates the assumption that errors are independently and 

identically distributed, or “iid” (Stock & Watson, 2010). If this assumption is violated, then my 

estimators will still remain unbiased, but they may have incorrect standard errors, leading to 

inferential mistakes (Wooldridge, 2003). In order to maximize the likelihood that the estimators 

in my fixed effects model are both unbiased and efficient, I used a clustered standard error 

correction. For panels with clusters greater than fifty, this method converges to the true standard 

error, and therefore these standard errors are heteroscedasticity-robust, allowing for accurate 

inference (Kedzi, 2004). Theoretically, it would be safe to assume that the errors for each 

congressional district are correlated within each district while uncorrelated with errors across 

congressional districts (e.g. the errors in Alabama’s 1st congressional district in 1982 would be 
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associated with those in the same district in 1984, while uncorrelated with the errors in 

California’s 1st district). Since my panel consists of 404 unique congressional districts and 14 

time periods, this correction for clustered standard errors will allow the model to meet the 

heteroscedasticity assumption. Another advantage is that if the “true” model actually does not 

have clustered standard errors, the model will produce the same standard error estimates as if this 

correction was not employed—in other words, there is no “cost of robustness” (Drukker, 2003). 

MODEL SPECIFICATION 
My primary model specification is 

𝑖𝑛𝑐𝑝𝑒𝑟𝑐𝑒𝑛𝑡𝑖𝑡 = 𝛽0 + 𝐶1𝑠ℎ𝑜𝑟𝑡𝑡𝑒𝑟𝑚𝑖𝑡 + 𝐶2𝑙𝑜𝑛𝑔𝑡𝑒𝑟𝑚𝑖𝑡 + 𝛽1𝑡𝑢𝑟𝑛𝑜𝑢𝑡𝑖𝑡 + 𝛽2𝑝𝑟𝑒𝑧𝑒𝑙𝑒𝑐𝑡𝑦𝑟𝑖𝑡
+ 𝛽3𝑐𝑜𝑎𝑡𝑡𝑎𝑖𝑙𝑠𝑖𝑡 + 𝛽4𝑐𝑜𝑛𝑡𝑒𝑠𝑡𝑒𝑑𝑖𝑡 + 𝛽5𝑡ℎ𝑖𝑟𝑑𝑝𝑎𝑟𝑡𝑦𝑖𝑡 + 𝛽6𝑝𝑎𝑟𝑡𝑦𝑢𝑛𝑖𝑡𝑦𝑠𝑐𝑜𝑟𝑒𝑖𝑡
+ 𝛽7𝑒𝑐𝑜𝑛𝑖𝑛𝑑𝑒𝑥𝑖𝑡 + 𝛽8𝑠𝑡𝑎𝑡𝑒𝑒𝑐𝑜𝑛𝑜𝑚𝑦𝑖𝑡 + 𝛽9𝑚𝑘𝑡𝑟𝑖𝑠𝑘𝑖𝑑𝑥𝑖𝑡 + 𝛽10𝑚𝑖𝑠𝑒𝑟𝑦𝑖𝑛𝑑𝑒𝑥𝑖𝑡
+ 𝛽11𝑐𝑜𝑛𝑠𝑠𝑒𝑛𝑡𝑖𝑡 + 𝛽12ℎ𝑜𝑚𝑒𝑝𝑟𝑖𝑐𝑒𝑖𝑡 + 𝛽13𝑜𝑖𝑙𝑝𝑟𝑖𝑐𝑒𝑖𝑡 + 𝛼𝑖 + 𝜆𝑡 + 𝜖𝑖𝑡 

 

where incpercent is an incumbent’s percentage point share in district i in year t. Shortterm is a 

principal component of one, two, three, four, and five month-to-election day percent returns of 

the S&P 500 index in year t, and longterm is a principal component of the six, nine, twelve, and 

twenty-four month-to-election day percent returns; turnout is the average percentage point 

turnout in a congressional district’s state in election year t; prezelectyr is an indicator variable 

returning one if election year t is a presidential election year; contested is an indicator variable 

returning 1 if an election in congressional district i is contested in election year t; coattails is an 

indicator variable returning 1 if the winner of the election in congressional district i in election 

year t and the president are from the same party in midterm elections or if the winner of the 

congressional election and the presidential election winner are from the same party in 

presidential election years; partyunity is the number of times a congressperson in congressional 
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district i voted with his or her party divided by the number of party support votes held in the 

current congress; and econindex is a vector combining four state-level indicators to summarize 

current economic conditions: nonfarm payroll employment, average hours worked in 

manufacturing, the unemployment rate, and wage and salary disbursements deflated by the 

consumer price index. The trend for each state’s index is set to the trend of its gross domestic 

product (GDP), so long-term growth in the state’s index matches long-term growth in its GDP 

(Stock & Watson, 1989); Other variables include: stateeconomy, a principal component of state-

level logged GDP, logged disposable income, logged federal taxes paid, and logged number of 

non-farm jobs; misery, the national unemployment rate plus the national inflation rate in year t; 

consent, a national index measured on election day by the University of Michigan reflecting 

consumer views on the economy in year t;and homeprice and oilprice, which measure the one-

year percentage change in national home sales and barrel oil prices, respectively. 𝛼𝑖 are 

congressional district fixed effects, 𝜆𝑡 are time fixed effects, and 𝜖𝑖𝑡 is the disturbance term. 

Table 5 shows descriptive statistics for several variables of interest. 
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TABLE 5 
DESCRIPTIVE STATISTICS FOR SELECTED POLITICAL AND ECONOMIC VARIABLES 

Variable N Mean Minimum Maximum 
Incumbent Vote Share 
(percentage points) 

5016 71.25 
(15.15) 

32.68 100 

Short Term S&P Market 
Performance (1-5mo) 

5656 0 
(1) 

-2.08 2.30 

Long Term S&P Market 
Performance (6-24mo)  

5656 0 
(1) 

-2.55 1.20 

State Turnout (percentage 
points) 

5649 48.85 
(10.75) 

20 78 

National Misery Index 
(unemployment rate plus 
inflation rate) 

5656 9.21 
(2.42) 

5.90 15.40 

National Consumer Sentiment 
Index 

5656 87.79 
(13.89) 

55.30 107.60 

Contested Races (1=contested 
races) 

5656 .8630 
(.3438) 

0 1 

Presidential Election Year 
(1=presidential election year) 

5656 0.500 
(0.500) 

0 1 

Oil Price per Barrel (1 year 
percentage change) 

5656 4.26 
(34.58) 

-50.60 63.00 

National Home Sales (1 year 
percentage change) 

5656 2.46 
(5.91) 

-11.00 8.80 

Party Unity Score (# times 
member voted with 
party/number of party support 
votes held) 

5654 87.60 
(12.29) 

8.11 100 

Presidential Coattails (House 
election winner and 
presidential election winner 
from the same party) 

5656 .4735 
(.4993) 

0 1 

Incumbent Vote Share in 
contested races (percentage 
points) 

4556 65.96 
(9.56) 

32.68 97.28 

Republican 2144 64.16 
(8.35) 

23.43 92.92 

Democrat 2437 67.35 
(10.43) 

34.76 97.28 

State Economic Index (factor 
vector of logged state GDP, 
jobs, federal taxes paid, and 
disposable income) 

5651 0 
(1) 

-3.35 1.98 

Philadelphia Fed State 
Coincidental Economic Index  

5651 116.36 
(28.61) 

56.41 237.93 

Chicago Fed Adjusted National 
Financial Conditions Index 

5656 0.09 
(1.01) 

-1.00 2.88 

The quantities in parenthesis below the means are the standard deviations 
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FORMAL HYPOTHESIS 

The null hypothesis states that there is no effect of domestic equity market performance on 

House incumbent electoral vote share. The alternative hypothesis states that there is such an 

effect. More formally,  

𝐻0: 𝐶1 = 0 ⋀ 𝐶2 = 0 

𝐻𝑎: 𝐶1 ≠ 0 ⋁ 𝐶2 ≠ 0 

 
ANALYSIS OF RESULTS 

It is important to keep in mind that principal component analysis is merely a method for 

deriving summary measures of predictor variables, and in this case, serves as a valuable way to 

avoid the multicollinearity trap with time-series autocorrelated independent variables. As seen in 

prior sections, the two retained principal components calculated mathematically via statistical 

software is simply a more complex version of a weighted average of the underlying variables. 

This can make any sort of simple inference with respect to marginal effects of the principal 

components suspect. Certain aspects of traditional OLS inference still hold, however: a 

coefficient’s sign indicates the direction of the relationship; its magnitude indicates the degree of 

influence, and significance indicates whether any observed influences are due to chance alone or 

not. 

Regressing House incumbent vote share on the principal component regressors and 

controlling for the political and economic variables, highly statistically significant effects are 

revealed (Table 6).  
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TABLE 6 
PRINCIPAL COMPONENT REGRESSION WITH ENTITY AND TIME FIXED EFFECTS 

 (1) (2) (3) 
VARIABLES Incumbent 

Vote Share 
Incumbent Vote 

Share 
Incumbent Vote 

Share 
    
Short Term S&P Return 0.448*** 0.486*** 0.579*** 
(1-5 mo. Principal Component) (0.127) (0.108) (0.114) 
Long Term S&P Return -0.416*** -0.298*** -1.222*** 
(6-24 mo. Principal Component) (0.142) (0.114) (0.381) 
State Turnout (percent) -0.0441** -0.108*** -0.0760** 
 (0.0195) (0.0316) (0.0354) 
Presidential Election Year 0.536 2.065*** -2.398 
 (0.537) (0.577) (1.473) 
Same Party as President -0.333 -0.247 -0.155 
 (0.246) (0.243) (0.235) 
Contested Race -33.70*** -31.83*** -31.68*** 
 (0.175) (0.496) (0.492) 
Third Party Challenger 2.782*** 2.407*** 0.337 
 (0.606) (0.606) (0.791) 
Party Unity Score 0.0836*** 0.0270 0.0285 
 (0.0107) (0.0205) (0.0205) 
State Historical Coincident Index -0.0312*** 0.0675** 0.0141 
 (0.0112) (0.0316) (0.0347) 
State Economic Index 1.028*** -7.425*** -1.109 
 (0.131) (2.822) (3.721) 
National Market Risk Index -0.0549 0.0134 -0.171 
 (0.253) (0.224) (0.445) 
National Misery Index 0.112 -0.272 0.852 
 (0.214) (0.257) (0.639) 
National Consumer Sentiment 0.104*** 0.0359 0.293*** 
 (0.0312) (0.0289) (0.0894) 
National 1 yr. chg. in Home 
Prices 

-0.0548* -0.0335 -0.172*** 

 (0.0308) (0.0240) (0.0378) 
National 1 yr. chg. in Oil Prices -0.0212** -0.0109 -0.0613** 
 (0.00951) (0.0108) (0.0290) 
Constant 87.96*** 91.73*** 65.91*** 
 (5.518) (5.345) (13.47) 
    
Observations 5,007 5,007 5,007 
R2 0.673 0.689 0.696 
Congressional District Fixed 
Effect 

NO YES YES 

Election Year Fixed Effects NO NO YES 
Number of Congressional 
Districts 

- 404 404 

Clustered standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Both short and long term equity market performances have highly statistically significant 

effects on incumbent vote share (p < 0.01), irrespective of whether or not fixed effects are taken 

into account. Therefore, I reject the null hypothesis and conclude that there is a statistically 

significant effect of market performance on House incumbent vote share. Interestingly, the 

coefficients for short term and long term performance have opposing signs. Short-term market 

S&P 500 performance predicts a positive effect on incumbent vote share, whereas long-term 

performance (in the context of a two-year congressional cycle) predicts a negative effect, on 

average, ceteris paribus. The time and entity fixed effects model (Column 3) explains about 70 

percent of the variation observed on incumbent vote share. Remarkably, even without any fixed 

effects (Column 1), the model still explains just over 67 percent of the variation, though 

including fixed effects still decreases the likelihood of omitted variable bias. Indeed, the 

coefficients of the market performance variables do increase in magnitude when fixed effects are 

included in the model.  

As I expect, a contested election has a very large effect on incumbent vote share. Merely 

having an opponent predicts about a 31.7 percentage point decrease in vote share for a sitting 

congressperson holding other factors constant. This result is highly statistically significant (p < 

0.01), and the magnitude of the effect is roughly the same whether or not fixed effects are 

included in the model. Turnout, on the other hand, has a negligible negative effect on incumbent 

vote share, albeit a highly statistically significant one. It is not surprising that high turnout could 

plausibly be a result of voters “voting the bums out.”  

Another interesting finding is how the inclusion of fixed effects can affect inference in 

the model. For instance, controlling for congressional district fixed effects but not time fixed 
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effects (Column 2), congressional elections taking place during a presidential election year 

predict about a two-percentage point bump to an incumbent’s vote share, and the inclusion of a 

third-party candidate forecasts an increase of about 2.4 percentage points, on average. After 

adding time fixed effects to the model, these variables lose significance, indicating that their 

effects are captured by controlling for entity-invariant factors (of course, presidential election 

years occur uniformly for all congressional districts). Party unity score (a general measure of 

how many times an incumbent voted with his party) does not seem to have an effect on voter 

preferences, which aligns with my hypothesis that voters probably do not follow congressional 

processes closely.11 Likewise, being from the same party as the sitting president does not appear 

to affect incumbent vote share in any of the models. 

The economic variables in the model reveal some remarkable results, especially among 

those variables I expected to see have effects on incumbent vote share. Neither national 

unemployment nor inflation seems to influence a voter’s decision whether to support his or her 

incumbent congressperson. I suspect that voters may reward or punish presidents more than they 

would their sitting congressperson for these national economic conditions. Similarly, market 

volatility does not appear to affect voter preferences in House elections. 

National consumer sentiment and changes in home and oil prices did have statistically 

significant effects on incumbent vote share, though the effects are substantively trivial. This 

probably is related once again to voters not expressing strong preferences in local elections based 

on national economic issues. The two state level indices included in the model, econindex and 

stateeconomy, represent the economic health of the state (in the form of state GDP trends) and 

                                                 
11 This is in slight contradiction to McGarrity’s “strong voter rationality” assumption (2005).  
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personal economic health (in the form of disposable income, employment, and taxes paid). In the 

model controlling for congressional district fixed effects (Column 2), state GDP trends have a 

tiny effect on incumbent vote share. The sign on index measuring personal economic health, 

however, has a puzzling direction. I would expect that as a voter’s economic situation changes 

for the better, he would be more inclined to vote for the incumbent candidate in his district, yet 

the model shows a negative effect of positive economic trends on incumbent vote share. 

However, both of these variables lose significance when I control for time fixed effects (Column 

3). It is likely that there are certain state-level economic events that are being captured in the 

time-fixed effects. 

My hypothesis predicted that positive market performance would increase incumbent 

vote share, on average, when controlling for the selected economic and political factors. The data 

bear this out—but only for short-term performance. The coefficient on short-term (one to five 

months) performance indicates that voters do reward incumbents, on average, controlling for 

long-term performance and other political and economic factors (Column 3). Surprisingly, 

positive longer-term performance (six to twenty-four months) predicts a negative effect on 

candidate vote share, on average. It may be the case that as voters begin to pay more attention to 

elections, they consider the current economic environment when making their voting decisions. 

Positive market performance in the months leading up to the elections, might then lead the 

average voter to conclude that the economy is expected to improve and would reward their 

incumbent congressperson. With respect to the unexpected result of longer-term performance on 

vote share, it is important to remember that interpretations on principal component variables are 

not always straightforward. In this case, 18 months of market performance data are collapsed, so 
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it becomes a bit trickier to postulate what is driving the negative effect. Voters probably are not 

paying attention to congressional elections, on average, during this time farther from election 

day, making the observed effect suspect. Other factors may drive the observed effects as well. 

  



 

31 
 

TABLE 7 
PRINCIPAL COMPONENT REGRESSION WITH ENTITY AND TIME FIXED EFFECTS BY PARTY 

 (1) (2) (3) 
VARIABLES Incumbent Vote 

Share 
Incumbent Vote Share 

(Dem) 
Incumbent Vote 

Share (GOP) 
    
Short Term S&P Return 0.579*** -0.0998 0.207 
(1-5 mo. Principal Component) (0.114) (0.247) (0.261) 
Long Term S&P Return -1.222*** 1.327*** -2.506*** 
(6-24 mo. Principal Component) (0.381) (0.480) (0.502) 
State Turnout (percent) -0.0760** -0.0673 -0.0310 
 (0.0354) (0.0477) (0.0522) 
Presidential Election Year -2.398 4.724*** -2.816 
 (1.473) (1.787) (1.811) 
Same Party as President -0.155 -0.781 3.524** 
 (0.235) (2.455) (1.790) 
Contested Race -31.68*** -27.31*** -29.66*** 
 (0.492) (0.811) (0.827) 
Third Party Challenger 0.337 -0.656 1.187 
 (0.791) (1.069) (0.983) 
Party Unity Score 0.0285 -0.0386 -0.0188 
 (0.0205) (0.0436) (0.0329) 
State Historical Coincident 
Index 

0.0141 -0.0155 0.0334 

 (0.0347) (0.0574) (0.0499) 
State Economic Index -1.109 -4.006 0.644 
 (3.721) (6.063) (5.297) 
National Market Risk Index -0.171 -0.0260 0.544 
 (0.445) (1.459) (1.163) 
National Misery Index 0.852 -1.944** 2.233** 
 (0.639) (0.921) (0.893) 
National Consumer Sentiment 0.293*** -0.349*** 0.605*** 
 (0.0894) (0.123) (0.122) 
National 1 yr. chg. in Home 
Prices 

-0.172*** 0.0156 -0.0207 

 (0.0378) (0.0741) (0.0676) 
National 1 yr. chg. in Oil Prices -0.0613** 0.0166 -0.0541 
 (0.0290) (0.0442) (0.0412) 
Constant 65.91*** 151.6*** 19.32 
 (13.47) (19.62) (19.96) 
    
Observations 5,007 2,720 2,295 
R2 0.696 0.668 0.699 
Congressional District Fixed 
Effect 

YES YES YES 

Election Year Fixed Effects YES YES YES 
Number of Congressional 
Districts 

404 329 308 

Clustered standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 7 uses the same model as table 6, but the effects are broken out by party. Like the 

models in Table 6, contested races affect both Democratic and Republican incumbent candidates 

similarly. This is not surprising, though some other systematic differences are. Democratic 

incumbents’ vote shares increase by about 4.7 percentage points, on average, during quadrennial 

presidential election years, ceteris paribus, whereas there is no statistically significant effect on 

Republican incumbent vote shares. On the other hand, Republican incumbent vote share 

increases by about 3.5 percentage points when a Republican president wins his election  (or 

when the sitting president is a Republican during midterm elections). Democratic House 

incumbents in the sample experience a slightly negative vote share effect when the president was 

a Democrat or won the presidency in that election year, although this effect is not statistically 

significant. 

Short-term market performance does not have a statistically significant effect on 

Democrats or Republicans as groups. However, it appears that Democrats are indeed rewarded 

for positive longer-term performance, while Republican incumbents experience less vote share 

during longer-term positive market performance. The magnitude of the coefficient of the longer-

term performance measures for Republicans seems to be what is driving the overall negative sign 

for incumbents in general. It is important to remember that the relationship between incumbent 

vote share and longer-term market performance is linear. Consequently, a better way to look at 

the relationship might be to say that Republican candidates are rewarded during periods of weak 

performing markets, whereas Democrats are punished. Seen from this perspective, the inference 

may not be so mystifying after all. Without commenting on the merits, the conventional wisdom 

is that Republicans are pro-business, whereas Democrats are not. If voters believe this to be true, 
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it may be the case that when the stock market has longer-term negative trends, they blame the 

Democrats, on average, for being overly regulatory, too pro-union, or simply anti-business. 

Those same voters would therefore reward the party of free markets and elect more Republicans 

to fix the problems. Other data in the results seem to buttress this view. Democrats suffer from 

lower vote share as the misery index (national unemployment rate plus inflation rate) increases. 

A one percentage point increase in the misery index predicts almost a two percentage point 

decrease in vote share for Democratic incumbents, on average. Republicans, however, 

experience about a 2.2 percentage point increase in vote share as the index increases by a point. 

Similarly, as consumer sentiment suffers, Republicans gain vote share while Democrats lose it. 

It would be an interesting area for further research to explore more fully the systematic 

differences in how voters perceive the two parties in light of preconceived notions and relevant 

economic and financial data. The results from these data could even lend further credence that 

Republicans might benefit electorally from any dissatisfaction with the government—

irrespective of which party that controls Congress. 

CONCLUSION 

The results of the models found statistically significant effects of market performance on 

incumbent vote share. Specifically, positive shorter-term market performance appears to be 

beneficial to incumbent House candidates, whereas the effects of longer-term performance 

depend on whether the incumbent candidate is a Democrat or a Republican. The results suggest 

that as voters pay more attention in the months leading up to an election, at least some part of 

stock market performance influences their voting decisions in aggregate, and incumbents appear 

to benefit electorally from short-term positive market gains. Longer-term market performance 
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effects seem to reinforce the idea that many voters buy the commonly held idea that Republicans 

are more equipped to handle the economy and financial markets than are Democrats. What is less 

clear is whether voters are using stock market performance as a proxy for current or predicted 

economic health or for some other combination of reasons. Without respondent-level data, it may 

be impossible to identify and isolate voter motivations in that way.  

 It is probably not likely that legislators will change any of their policy behaviors based on 

these results—effects of markets on voter preferences is relatively uncharted territory. As this 

research area develops, it would be interesting to see whether policies affecting the securities 

markets change during election years and in to what effect.   
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