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ABSTRACT 

 

 The past decade has seen a push towards rigorous policy evaluation and new, exciting 

methodologies have evolved to get a better sense of how effective policy interventions are in 

achieving their desired outcomes. Unfortunately, few of these efforts were aimed at governance 

reform initiatives, especially not at transparency reforms which have received almost univocal 

support from policy makers and practitioners as a means to cure a whole range of problems that 

hamper the growth performance of resource-rich countries, namely corruption. This thesis tries 

to fill this gap by triangulating a series of different methodologies to conduct both a cross and 

within-country evaluation of the effectiveness of the Extractive Industries Transparency 

Initiative (EITI) in reducing corruption in two EITI countries, Peru and Mali. I use firm level 

data from the World Bank Enterprise Surveys (WBES) and country level economic and social 

indicators from the World Development Indicators (WDI) and apply two preprocessing methods 

developed by Abadie and Hainmueller – entropy balancing and synthetic control groups – as 

well as within-country difference-in-difference estimations to measure the impact of EITI on 

reported corruption. The results show a robust reduction of corruption in Peru, where corruption 

has been reduced by as much as 14 percentage points since the introduction of EITI, while no 

such effect can be found in Mali. This paradox can be explained by two standard critiques of the 
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EITI: that it is only effective when a functioning civil society is in place prior to EITI 

implementation; and that the voluntary nature of the initiative may induce large differences in 

outcomes between countries.  
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INTRODUCTION AND MOTIVATION 

 

The expectations of transparency as a means to address a whole range of governance, economic, 

and development problems are so high that proponents have gone so far to as to call it the “Swiss 

army knife of policy” (Haufler, 2010). Transparency has the potential to enhance trust and make 

markets work more effectively, strengthen institutions, increase participation in the political 

process, hold public and private officials accountable, and increase the legitimacy of the entire 

economic and political process. When people have the information, the theory goes, they will 

organize themselves in an effective manner and shape public policy to the benefit of the most. In 

economic terms, transparency reduces costly information asymmetry and pushes the allocation of 

goods and services closer to the market clearing equilibrium. The benefits of transparency are 

said to be particularly pronounced in countries where the initial level of information sharing is 

low, and where the imbalance in access to information is mirrored in the imbalance of political 

and economic power, whereby the two are often in the same hands. A case in point are countries 

that are poor overall but rich in natural resources and both the information about and rents of 

extracting these resources have led to deteriorating levels of governance and development. Even 

though new research raises doubts about the direction of the so called “resource curse” – a 

phenomenon whereby the abundance of natural resources hamper the development of a country 

due to a focus on easy and very high rents from the extractive sector – there is a fairly well 

established vicious cycle of resource abundance, poor governance, and low levels of inclusive 

growth.  
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Efforts to promote transparency as the silver bullet to better governance have increasingly 

become institutionalized over the past two decades. A whole range of specialized agencies and 

groups have emerged whose raison d’etre is the promotion of transparency through a 

combination of awareness raising and technical assistance. Transparency has also found its way 

into working habits of international organizations and is commonly addressed in bilateral 

development partnerships, at times as window dressing, at times as conditions to receiving an aid 

package.  To date the biggest institutionalized effort to implement comprehensive transparency 

reform in resource rich countries is the Extractive Industries Transparency Initiative (EITI), 

launched at the 2002 World Summit for Sustainable Development at the initiative of former 

British Prime Minister Tony Blair. The EITI is a voluntary compact between governments, civil 

society, and industry to publish and disseminate information about the amount and value of the 

extractive industries in a given country, as well as the amount and value of contracts between 

governments and firms who are active in the extractive industries. As of early 2012, 35 countries 

are implementing EITI, whereby 14 countries have been declared EITI compliant and 21 

countries have achieved EITI candidate status. While most of these countries are poor - with the 

exception of Norway which is hosting the EITI secretariat - the EITI is trying to increase its 

reach and leverage by including wealthier resource rich countries, most notably the United States 

which have announced to launch a public consolidation on the issue in March 2012. 

 

Given the impressive growth and expansion of the EITI and the almost univocal subscription of 

politicians and practitioners to the idea of improving governance through transparency, it is 

surprising how few efforts have been undertaken to measure the effectiveness of the initiative. 
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While a regular review of the implementation process and the publication of progress reports are 

part of the framework agreement of joining EITI, little attention has been paid if EITI can, in 

fact, “…reduce corruption, and…reduce poverty, and raise the living standards of entire 

populations in resource-rich countries”.
a
 Some non-rigorous evaluations and case studies of EITI 

implementation have shown mixed results at best and hint at the fact that while EITI has been 

very successful in directing the international community‟s attention towards the problem of the 

extractive sector, it may have been less successful in actually reducing corruption and enhancing 

development.  

 

This paper aims at filling this gap by rigorously evaluating the effect of EITI on reported 

corruption levels in two EITI countries, Peru and Mali. These countries were chosen for two 

reasons: first, the timing of the data collection before the start of EITI implementation and three 

years after provides an ideal timeframe to evaluate the policy. Second, the inherent differences 

between the two countries provide an opportunity to examine the context within which EITI may 

or may not be effective in reducing corruption.  Using firm-level panel data from the World 

Bank Enterprise Surveys (WBES) as well as a series of national economic, social and 

governance indicators compiled in the World Development Indicators (WDI), I apply both cross 

and within country analysis to estimate the impact of EITI on reported corruption levels. For the 

cross country estimation I apply two preprocessing methods -  synthetic control groups and 

entropy balancing - to compare the effect of EITI on corruption in Peru and Mali to a reweighted 

control group with similar characteristics on a broad range of economic and social indicators. For 

                                                 
a EITI Articles of Association § 2.2 
b
 As of March 2012, Yemen and Madagascar are suspended due to non- adherence of EITI standards.  
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the within country estimation I compare firms that interact with the government – and should 

therefore be able to better report reduced corruption levels of public officials – to other firms in 

the country.  

 

The results show that the introduction of EITI has indeed led to a reduction of corruption in Peru, 

while the effect is ambiguous in Mali. The cross country analysis shows that firms in Peru report 

a reduction in corruption of a magnitude of around 14 percentage points compared to firms from 

an artificial control group that matches the business environment of Peru on a broad set of 

characteristics. In the within-country analysis I find that, while these findings are not statistically 

significant, firms in Peru that interact with the government are consistently reporting stronger 

reduction in corruption after the introduction of EITI than firms that are not interacting with the 

government. Since the government plays a crucial role in implementing EITI, I hypothesize this 

to be evidence that EITI has at least partially contributed to the reduction of corruption in Peru. 

On the other hand, no clear picture emerges in Mali. While there is some reduction in corruption 

compared to a reweighted control group, this finding is not robust across all specifications. 

Moreover, the within-country analysis shows no clear differences in patterns between firms that 

do or do not conduct business with the government. There are two potential reasons why EITI 

may have worked in the context of Peru, but not in Mali. As others have contested, EITI can only 

be effective when a functioning civil society is in place prior to EITI implementation and the 

voluntary nature of the initiative may induce large differences in outcomes between countries. 
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The paper is organized as follows. First, I present a review of the literature on EITI and other 

transparency and corruption initiatives followed by a brief introduction to the EITI and 

background about the status of EITI implementation in Peru and Mali. Section four introduces 

the data used in this analysis and presents the estimation strategy, in particular the triangulation 

of cross country and within country methods as well as a brief theoretical discussion of entropy 

balancing and synthetic control groups. Section five presents the results of the different 

components. A discussion of the findings and an outlook on potential future research concludes.  

 

LITERATURE REVIEW 

 

Probably the most rigorous evaluation of the impact of EITI on corruption levels to date is a 

review conducted by Ölcer (2009) using country level aggregate measures of governance 

developed by Kaufmann et al (2009). He finds no evidence that corruption levels in countries 

that implemented EITI have been significantly reduced compared to other countries. These 

results, however, are cautioned by the fact that aggregated measures of corruption perception 

may be lagging behind the introduction of policy changes and may take more time to reflect the 

introduction of the EITI. Because of the heterogeneity of EITI implementation it is also possible 

that single countries may have seen improvements, something not evident from the comparison 

of aggregated governance scores of EITI versus non-EITI countries. Furthermore, the study does 

not control for inherent differences between EITI and non-EITI countries or take initial levels of 

governance into account. A potential explanation of the weak empirical evidence of the impact 

of EITI on corruption is that the EITI assumes a strong and independent civil society including a 

free media in order for transparency to be translated into improved governance outcomes, which 
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in many implementing countries may not be in place. This notion is expanded in Kolstad and 

Wiig (2009) who claim that the correlation between lack of transparency and high levels of 

corruption do not automatically imply causality between the two concepts, which form the basis 

of EITI. There are multiple ways in which transparency can affect corruption which need to be 

understood in a given time-country context. There are circumstances in which transparency can 

indeed increase corruption if it adds to increased information discrepancy – for example if 

transparency only works for a small group of the population due to low literacy rates or low 

media consumption. They conclude that transparency is insufficient in itself and needs to be 

complemented by other reforms. They also find that the emphasis of the EITI on revenues 

instead of expenditures is misleading.  

 

Aaronson and Brinkerhoff (2009) surveyed the effect of EITI through a series of case studies in 

different candidate countries, focusing in particular on the partnership between governments, 

civil society, and the public. They find that the EITI partnership is not as effective as it could be 

for three reasons. First, the partners (governments, civil society, and business) have different 

visions of EITI. Second, some implementing governments have not allowed civil society to 

participate fully in the process or have not consistently provided civil society with the 

information they need to hold their governments to account. Third, in many participating 

countries, the public and legislators may not be aware of the EITI. Thus, although public 

participation is essential to the success and potential positive spillovers of EITI, the public is 

essentially a silent partner, limiting the ability of EITI to succeed as a counterweight to 

corruption. Haufler (2010) points to a number of concrete examples where EITI has led to the 
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discovery of lacking payments to governments which has caused public outcry in member 

countries such as Nigeria and Liberia and led to the punishment of firms that did not comply 

with the laws and regulations. However, she also contests that it is too early to conclude that 

EITI had an effect on corruption and suggests that states become full members of the EITI once 

they have already begun down the path of better governance, and the EITI helps them to credibly 

commit to reform. It does not, she concludes, catalyze such reforms itself. Pitlik et al. (2010) 

share this view and look at EITI as an outcome rather than a driver of change. They hypothesize 

that countries will commit to EITI if they are committed to reduce some discretionary power of 

policymakers and thus increase transparency. They conduct a series of cross-country probit 

estimations where the dependent variable is the binary choice of a country to join EITI 

depending on a country‟s share of natural resources of their exports, ethnic fractionalization, 

corruption, voice and accountability and whether or not a country is an OPEC member. They 

find that countries with a higher share of natural resources have a higher probability of joining 

EITI. Furthermore, countries with better governance performance are more likely to join EITI 

while OPEC countries are less likely to join.  

 

Because of the relatively recent expansion of EITI and the lack of rigorous evaluations of the 

initiative, it helps to look to other research on the effect of transparency on corruption. In their 

seminal paper on press freedom and corruption, Brunetti and Weder (2003) find evidence that a 

free press is associated with lower corruption. To address the potential endogeneity issue 

between corruption and free press, they drop the least free countries from their sample and use a 

series of instruments for press freedom. Even in their most restrictive model they find that a 



 

8 

 

standard deviation improvement in press freedom could reduce corruption between 0.6 and 0.9 

points (on a scale from 0 to 6). Or, to use one of their illustrative examples for different 

countries: if Nigeria would move to the freest level of press freedom, its corruption level would 

be reduced to that of Belgium. Islam (2006) uses the frequency of reporting information to 

international organizations such as the UN, IMF and the World Bank to create a transparency 

index. She also looks at the implementation of Freedom to Information acts and conducts a series 

of tests on how transparency is correlated with other measures of governance quality. She finds 

that countries with higher scores on the transparency index also tend to govern better. This 

finding is confirmed in Bellver and Kaufmann (2005) who create a similar index of transparency 

and show that transparency lowers corruption and is associated with better economic and human 

development outcomes.  

 

Finally, this research is related to an emerging body of new evidence coming from micro studies 

that test policy interventions using increased transparency to reduce corruption. In a paper 

looking at the effect of publicizing audit reports about the behavior of politicians on reelection 

chances in municipal elections in Brazil, Feraz and Finan (2008) find that the release of audit 

outcomes had a significant impact on incumbents' electoral performance.  They compare election 

results of politicians in municipalities where information about expenditures of federally 

transferred funds was mandated before the 2004 election to those of incumbents with a similar 

level of corruption in municipalities where the information was released after the elections. Apart 

from lower reelection chances in the municipalities with the information released prior to the 

election they also find that the effects were more pronounced in municipalities where local radio 
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was present to divulge the information. Monitoring and information sharing at the community 

level has been very effective in reducing a series of practices of petty corruption, such as teacher 

and health worker absenteeism, and led to improved quality of service delivery. Reinikka and 

Svensson (2007) conducted an evaluation of a newspaper campaign in Uganda that provided 

schools and parents with information about the handling of funds by local officials. By using 

both the timing of the campaign (rolled out at the end of 1997) and schools‟ access to 

newspapers as treatment identifiers they find that the campaign was successful, and that the 

reduction in capture of funds had a positive effect on enrolment and student learning. In Olken 

(2007), increased grassroots monitoring of over 600 Indonesian village road projects had little 

effect on corruption, while increased government audits led to reduced missed expenditures as 

measured by the discrepancies between official project costs and an independent engineer‟s 

estimates of the costs, by eight percentage points.  

 

THE EXTRACTIVE INDUSTRIES TRANSPARENCY INITIATIVE (EITI) IN PERU AND MALI 

 

The Extractive Industries Transparency Initiative (EITI) was launched at the 2002 Word Summit 

on Sustainable Development in Johannesburg, South Africa, at the initiative of Former British 

Prime Minister Tony Blair with the goal of creating a global code of conduct for countries and 

industry to ensure that revenues from the extractive sector are made public and will thus enable 

citizens and civil society organizations to make their governments accountable for rents made 

from extracting natural resources. The reason for the increased attention paid to the extractive 

industry is a fundamental paradox that lies at its center and has prevailed in almost all countries 

with substantial revenues from the extractive sector: an inverse relationship between wealth and 
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poverty (Ocheje, 2006). This phenomenon is often referred to as the resource curse, whereby 

countries with great natural resource wealth tend to grow more slowly than resource-poor 

countries. While the resource curse has passed a great many empirical tests – most notably the 

simple fact that there is virtually no overlap between countries with a high share of natural 

resources and countries with consistently high growth rates - there is less of a consensus about 

the drivers of this relationship. Since most explanations are based on crowding out theories – that 

the abundance of natural resources is crowding out other economic activities that are crucial to 

growth – the key variable driving the resource curse is often associated with the given authors‟ 

view of what ultimately drives growth (Sachs and Warner, 2001).   

 

There is, however, little disagreement about the fact that the absence of transparency in the 

extractive sectors has made it very difficult for citizens, civil society, and international investors 

to play their role in correcting some of the contributing factors to the resource curse. The 

promotion of transparency for the extractive sector has, therefore, become widely accepted as an 

appropriate solution to weak governance in resource-rich developing nations. Proponents argue 

that if extractive firms disclose publicly payments to governments, citizens will be able to hold 

governments and firms accountable (Haufler, 2010). Given that roughly 3.5 billion people live in 

countries where revenues from oil, gas, and mineral extraction is vital for economic growth, out 

of which 1.5 billion live on less than $2 a day, the gains from increased transparency are 

expected to have great potential beyond the extractive sector. Indeed, proponents argue that the 

EITI has the potential to raise “a country‟s credibility among foreign investors and the 

international banking community…[and] its potential for future development” (EITI, 2006). 



 

11 

 

While initially sponsored by the government of the UK, EITI has since been endorsed by over 14 

developed countries, by almost all NGOs and organizations working on transparency issues, as 

well as international financial institutions such as the World Bank and the International 

Monetary Fund. Perhaps most importantly, the EITI also engages with more than 60 of the 

world‟s largest oil, gas and mining companies. These companies support the EITI process 

through taking part of governance of the EITI globally, through their country operations in 

implementing countries, and through industry associations. The EITI is set up as a voluntary 

code of conduct, however, once a country decides to join, it is expected to implement all EITI 

criteria which, at its core, aim at the “[r]egular publication of all material oil, gas and mining 

payments by companies to governments (“payments”) and all material revenues received by 

governments from oil, gas and mining companies  (“revenues”) to a wide audience in a publicly 

accessible, comprehensive and comprehensible manner.” (EITI, 2011).  

 

The EITI implementation process is depicted in Figure 1. Initially, a country decides to join EITI 

and subsequently applies for EITI candidacy. In order to be accepted as an EITI candidate, a 

country has to express publicly its intent to implement EITI, commit to work with civil society, 

appoint an official to lead EITI implementation, establish a multi-stakeholder group to oversee 

the implementation of EITI, and produce and publish a work plan containing measurable targets, 

and a timetable for implementation. Once a country has been awarded the status of an EITI 

candidate there are a series of mostly soft preparation requirements, such as engaging civil 

society and industry, and hard disclosure and dissemination requirements, including the 

guarantee from the government that the EITI report is comprehensible and publicly accessible in 
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a way that encourages public discourse. Only after all requirements have been fulfilled and a 

country has been reviewed by the international EITI secretariat can it be declared EITI 

compliant, a status that has to be retained by adhering to all requirements. Otherwise, they will 

be suspended.
b
 The combination of relatively vague requirements on implementation combined 

with rigorous standards in terms of publication and dissemination criteria allow country-specific 

processes while guaranteeing a global standard. It is therefore important to look at each country‟s 

specific implementation of EITI when evaluating the effectiveness of the initiative.  

 

Figure 1 Requirements for EITI Implementing Countries 

 

Source: EITI, 2011 

                                                 
b
 As of March 2012, Yemen and Madagascar are suspended due to non- adherence of EITI standards.  
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EITI in Peru 

Peru is the world‟s sixth-largest producer of gold and copper, the second largest producer of 

silver, and also ranks highly in output of zinc and lead. In 2008, mining accounted for 6 percent 

of GDP, but provided over 70 percent of total export (EITI, 2012).  Peru is to date the only 

country in Latin America to implement the EITI. Figure 2 provides an overview of Peru‟s EITI 

implementation process, and also shows the timing of the data collection of the WBES used in 

this analysis. Peru decided to join EITI in May 2005 and officially did so in May 2006 when, by 

Supreme Decree  027-2006-EM, the Peruvian government approved the Action Plan for 

Implementation of the EITI and created the Working Committee in charge of implementing the 

Action Plan. The Working Committee consists of the Ministry of Energy and Mines that chairs 

the Committee,  the Peruvian Mining, Oil and Energy Society, as well as representatives from 

mining and hydrocarbon companies, universities and Civil Society Organizations involved in 

transparency and citizen monitoring issues in the extractive industries (Ernst & Young, 2009). 

The first EITI implementation report, covering revenue payments between 2004 and 2007, was 

published in November 2009 and made available on the website of the Ministry of Energy and 

Mines. The second EITI reconciliation report covering 2008- 2010 was published in January 

2012. Peru has established a website for EITI implementation
c
 on which it provides information 

on every aspect of the EITI, including minutes from all meetings of the Committee and updated 

information on payments from firms in the extractive industries to government.   

 

                                                 
c http://eitiperu.minem.gob.pe/documentos.php  
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Figure 2 EITI Implementation and Timing of WBES Data Collection, Peru 

 

 

EITI in Mali 

Mali is the third largest gold producer in Africa and gold accounts for approximately 20 percent 

of government revenues and for almost half of the country‟s exports. Most mining companies in 

Mali are jointly owned by the government (which holds approximately 20 percent minority 

shares in most joint ventures) and international mining companies (Drakenberg, 2010). Mali 

announced publicly to join EITI in May of 2006 through an Executive Decree (Figure 3). The 

governance of EITI implementation in Mali is structured as follows: EITI implementation is 

supervised by a Supervision Committee including the Prime Minister and different Ministers of 

the government, as specified by Decree n°7-180/PM-RM. The responsibility for EITI 

implementation is with a national pilot committee chaired by the Minister of Mining and 
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composed of representatives of public institutions, mining companies, and civil society. Finally, 

a national secretariat to facilitate EITI implementation was established in August 2007 (Mazars, 

2009). The first action plan to implement EITI in Mali for the years 2008-2010, roughly the 

period captured by the WBES, focused on (i) capacity building of all parties involved in the 

implementation of the EITI; (ii) design and implementation of a communication strategy to 

increase transparency in the extractive industries; (iii) publish the first EITI report; (iv) establish 

a permanent EITI secretariat in the country; and (v) put in place all elements necessary for the 

EITI validation process. The action plan also included a workshop for civil society organizations 

on the implementation of EITI in October 2008 and meetings between civil society organizations 

and representatives from firms in the extractive industry. The first EITI report, covering revenues 

from the extractive industries in 2006, was approved in December 2009. The second and third 

EITI reports, covering 2007-2008 and 2009, respectively, were published in June and December 

of 2011, which resulted in the EITI international secretariat declaring Mali EITI compliant in 

August 2009. As of March 2012, approximately 12 oil and gas companies as well as 8 mining 

companies support EITI in the country.  
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Figure 3 EITI  Implementation and Timing of WBES Data Collection, Mali 

 

 

DATA AND ESTIMATION STRATEGY 

 

Data 

To conduct the analysis at hand I use a combination of micro- and macro level data to account 

for the complex nature of transparency and corruption and the various factors that influence the 

persistence and perception of these concepts. Most importantly, the full dataset of the World 

Bank Enterprise Survey (WBES), encompassing 244 surveys in 125 countries between 2002 – 

2010, is used to construct a measure of corruption as an obstacle to business operations to firms. 

Annex 1 lists all WBES surveys included in the sample. The main advantage of using firm level 

data to measure corruption is that it controls for a potential elite bias that would result when 
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using aggregated indices of corruption, many of which rely on perceptions of a few experts and 

opinion leaders.  As pointed out above, EITI has been quite successful in generating consensus 

about the expected effectiveness of transparency reform in fighting corruption. By using 

aggregated indicators based on expert interviews there is a risk of measuring the expectation that 

EITI will reduce corruption rather than the actual corruption levels felt by firms. The second 

important advantage of using firm level data is that it provides the possibility to control for a 

number of firm specific characteristics in the way EITI has affected corruption. This is 

particularly important for the within country analysis, where firm characteristics are used to 

compare firms that interact with the government to those that don‟t. Finally, since corruption has 

been measured in the same manner in all surveys across all countries, the data is easily 

comparable over countries and over time. There are, however, potential pitfalls with the selection 

of the data at hand. Namely, WBES data are only collected in intervals of multiple years. For the 

two countries under investigation, data is available from a total of three different surveys 

conducted over the last 10 years. A two-step extrapolation strategy, documented in Annex 2 and 

3, is applied to construct values for the years without surveys. First, only countries with two or 

more surveys between 2002 and 2010 were kept in the sample while all other surveys were 

dropped. Subsequently, the value for corruption as an obstacle to business operations was 

estimated using existing values, whereby the average by country over time remains unchanged. 

Figures 4 and 5 show the extrapolation process for Peru and Mali, the two countries analyzed 

here. The black bars represent the level of corruption as an obstacle to business operations as 

reported by firms in the 2002, 2006, and 2010 cohorts of WBES for Peru, and the 2003, 2007, 

and 2010 cohorts for Mali, respectively. The grey bars represent the extrapolated averages over 
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the same period to estimate corruption levels in years in which no survey was conducted. It is 

important to note that, conceptually, this is a minor concern since corruption is expected to 

change slowly over time and because EITI is implemented in a multi-year process. As an 

additional cautionary measure, results for the cross country estimation below are separately 

estimated using only reported data. 

 

Figure 4 Corruption as an Obstacle to Business Operations (0= no obstacle, 4 = very severe 

obstacle), Peru 2002-2010 
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Figure 5 Corruption as an Obstacle to Business Operations (0= no obstacle, 4 = very severe 

obstacle), Mali 2002-2010 

 

 

For the comparative case study component, the WBES data is complement with the World 

Bank‟s World Development Indicators (WDI) dataset to achieve balance between the countries 

under investigation and the control countries on a high number of variables that have the 

potential to influence corruption levels in a country. The full WDI dataset includes a collection 

of development indicators compiled from officially-recognized international sources. It presents 

the most current and accurate global development data available, and includes national, regional 

and global estimates. For the analysis at hand, only indicators that were available for a majority 

of the countries over the specified period were kept in the sample. Moreover, for all 

specifications estimated below, all countries that implemented EITI during the same period as 



 

20 

 

Peru and Mali were excluded from the sample to ensure that the impact of EITI is not measured 

against a counterfactual that also implemented EITI. This also means that Mali has been 

excluded from the Peru counterfactual, and vice versa. Table 1 presents an overview of the WDI 

variables used for the entropy balancing and synthetic control group reweighting procedures, as 

well as mean values for Peru, Mali, and all other countries over the 2002-2010 period. As can be 

seen, there are large differences between the two countries studied here on almost all observable 

characteristics. Most importantly, while Peru is a middle income country with a GDP / per capita 

of US$ 3419, Mali is one of the poorest countries in the world, with a GDP / per capita of US$ 

121. Moreover, while Peru‟s growth rate in the past decade has been consistently above the 

world average, at 6.3 percent on average, Mali has grown on average by 4.8 percent, which is 

very close to the world average of 4.9 percent. Other indicators point to additional differences 

between the two countries: while the composition of Peru‟s economy is close to the world 

average, with services accounting for 58 percent of value added in the economy, agriculture 

accounts for over a third of the Malian economy.  

 

Table 1 Summary Statistics, World Development Indicators (WDI), 2002 - 2010 

Variable Name Peru Mali World 

                 Mean SD Mean SD Mean SD 

Net income (BoP, current US$ 1000)  -5553519 2871051 -237636 54358.11 -3341769 6425037 

Foreign direct investment, net (BoP, current 

US$ 1000) 

3381540 1804229 146476.2 70094.49 2422502 4700992 

Goods exports (BoP, current US$ 1000000) 19638.43 9139.154 1297.722 452.2516 30545.84 56311.2 

Service exports (BoP, current US$1000) 2570955 851013.8 293346.1 97013.03 4986761 7368916 

Cost of business start-up procedures (% of 

GNI per capita) 

29.0875 9.593217 146.1625 54.6476 45.28527 96.6304 

Mobile cellular subscriptions (per 100 people) 37.11612 29.61602 12.6601 11.3914 53.44343 40.1271 

Exports of goods and services (% of GDP) 23.54008 4.804957 27.93022 3.170733 39.95608 17.88732 
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Trade (% of GDP) 43.60321 7.255289 65.84084 4.618507 86.68989 35.0934 

Manufacturing, value added (% of GDP) 15.80084 0.748894 3.125131 0.176103 16.51778 6.190898 

Agriculture, value added (% of GDP) 7.307721 0.302403 36.70402 1.212407 12.69168 8.565177 

Industry, value added (% of GDP) 34.10336 2.588849 24.57006 1.474076 31.45193 10.15548 

Services, etc., value added (% of GDP) 58.58892 2.305131 38.61681 1.051477 55.89664 10.42369 

Coal rents (% of GDP) 0.0022266 0.003199 0 0 0.2940114 0.887214 

Inflation, GDP deflator (annual %) 3.208363 2.325765 5.136214 4.967489 8.139249 9.59051 

GDP (current US$ 1000000) 97150.78 33701.52 6427.922 2180.427 120279.1 263028 

GDP growth (annual %) 6.32909 2.866577 4.828892 1.439663 4.988478 4.864292 

Natural gas rents (% of GDP) 0.3544281 0.267781 0 0 1.327902 3.626307 

GDP per capita (current US$) 3419.32 1079.355 462.6531 121.4918 4609.446 4623.209 

Oil rents (% of GDP) 1.466397 0.338496 0 0 4.08882 10.96695 

GNI per capita, Atlas method (current US$) 3160 969.9742 423.3333 127.6715 4275.241 4309.237 

High-technology exports (% of manufactured 

exports) 

2.193329 0.29473 5.709299 2.17466 8.039767 11.12026 

ICT goods exports (% of total goods exports) 0.1289171 0.066097 0.148544 0.037982 4.244694 9.75371 

Fuel exports (% of merchandise exports) 9.592539 1.60209 2.482849 1.781032 13.5721 19.56904 

Fuel imports (% of merchandise imports) 15.18908 6.53513 21.13014 2.709827 15.30931 7.589395 

Urban population (% of total) 71.165 0.225452 30.81 1.332281 56.35972 17.95904 

Population growth (annual %) 1.236571 0.103939 3.088612 0.027968 1.019256 1.103754 

Labor participation rate, total (% of total 

population ages 15+) 

66.5625 0.320435 51.675 0.148805 63.8533 9.226467 

Health expenditure, total (% of GDP) 4.475346 0.179932 5.984701 0.289198 6.209461 1.744947 

 

 

Estimation Strategy 

Figure 6 shows reported corruption levels for Peru, Mali, and the World both before and after the 

introduction of EITI, whereby before refers to the WBES cohorts conducted in the years 

immediately before the implementation of the EITI and after to the latest cohorts of WBES (see 

Figures 2 and 3 above). There has been a reduction in corruption in Peru after the introduction of 

the EITI where the average corruption level on the 5 point scale where 0 means corruption is no 

obstacle to business operations and 4 means it is a very severe obstacle to business operations 

has gone down from 2.59 to 2.18 points. In Mali, as well as in the rest of the world, an increase 
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in corruption levels can be observed over the same period, from 0.84 to 1.98 points in Mali, and 

from 1.59 to 2.05 points in the world, respectively.   

 

Figure 6 Corruption Levels Before and After the Introduction of EITI, Peru, Mali, World 

 

 

While before-after comparisons of means offer a useful first snapshot of corruption levels before 

and after EITI was introduced, they do not provide sufficient information about whether or not 

EITI has indeed had an effect on corruption, and in what direction. Specifically, they do not 

provide an answer to the question that is at the core of all policy evaluation methods: the attempt 

to compare observed changes to changes that would have been observed in the absence of the 

policy intervention.  To estimate a counterfactual and subsequently measure the impact of EITI 

on corruption as an obstacle to firm operations I borrow from both the comparative case study 

and policy evaluation theory and methodology. Both bodies of literature help answer different 
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parts of the research question at hand and only a triangulation of methods will yield a sufficient 

answer to the question whether or not EITI has indeed reduced corruption levels in these two 

countries. In a nutshell, the comparative case study component will shed light on the question (1) 

whether or not EITI has led to a reduction in corruption in Peru and Mali compared to other, 

similar countries, while the in-country difference-in-difference component looks at (2) whether 

or not firms that interact with the government on a regular basis report a stronger reduction in 

corruption after the introduction of EITI, which I hypothesize should be the case if EITI is 

indeed driving the change in corruption. While both estimations will yield important results and 

policy lessons in and of themselves, only the triangulation can confirm the effectiveness of EITI 

in reducing corruption. The different models are introduced and specified separately below.  

 

Model Selection 

Traditional comparative case study designs are an effort to identify two units (i.e. states, 

countries) that match on a broad set of observable characteristics at a given point in time and will 

only diverge on the outcome of interest once an exogenous shock (i.e.  a policy intervention, a 

war, a natural disaster) affects one of the units in question while leaving the other untouched. 

The researcher subsequently assigns the difference in the trajectory after the event to the policy 

and suggests that the units would have trended similarly on the dependent variable if it wasn‟t for 

the exogenous shock or policy treatment. In the matter in hand, one could compare the 

corruption level of a treated country, such as Peru, to an untreated country with relatively similar 

characteristics, such as Guatemala, and assign the difference between the two countries over time 

to the policy change, the introduction of EITI, that only affected Peru.  Such comparative case 
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study estimations have been widely used in policies implemented at the country or state levels, 

most famously in Card (1990) and Card and Krueger (1994). In Card (1990), the difference in 

wage and unemployment levels in Miami after the influx of thousands of unskilled Cubans due 

to the Mariel Boatlift is compared to other cities in Florida that did not experience a similar 

sudden increase in labor supply. In Card and Krueger (1994), wage and employment levels in 

fast food restaurants in Pennsylvania and New Jersey are compared after New Jersey increased 

its minimum wage while Pennsylvania did not enact any policy change to test the effect of 

minimum wage on employment levels.  

 

While such difference-in-difference estimations have broad appeal in comparative case study 

designs, they also have their limitations, most notably the fact that they can only identify a causal 

impact when the trend between the treated and untreated units would have converged in the 

absence of the policy. A second important limitation of classical comparative case study designs 

is that it limits the researcher in the number of covariates she can achieve balance on. Because all 

covariates come from the same counterfactual case, there will always be a tradeoff between 

different observables which will reduce the explanatory power of any subsequent estimation. In 

this paper, these limitations are addressed by using two different preprocessing methods before 

conducting comparative case study analysis: entropy balancing and synthetic control groups. The 

basic idea behind both methodologies is the same: instead of relying on a single counterfactual 

case, a “donor pool” is used to construct a counterfactual case that matches the treatment unit on 

a much broader set of observable characteristics. In other words, the change of corruption in Peru 

and Mali is compared to the change in corruption of an artificial control unit that “looks like” 
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Peru and Mali, respectively. While both methods rely on the same basic idea they offer a 

different set of advantages. Entropy balancing is a reweighting method that produces covariate 

balancing that is superior compared to other alternative weighting methods, such as propensity 

scores or matching (Hainmueller, 2011). Moreover, because entropy balancing only uses 

covariate information before the introduction of the treatment, it offers the opportunity to use the 

weighted sample to conduct further analysis using any econometric model the researcher wishes 

to specify. The main advantage of synthetic control group methodology, on the other hand, is 

that it lets the researcher reveal the contribution each unit of the donor pool has made to the 

synthetic control unit and therefore increases confidence in the methodology in the eye of the 

reader.  

 

While the cross country estimation provides an answer to the question whether or not the 

introduction of EITI led to a reduction in corruption in Peru and Mali compared to an artificial 

counterfactual that “looks like” these two countries, a within country estimation is added 

exploiting the design of  EITI implementation to test whether or not EITI has affected firms that 

interact with the government differently from other firms. Given the prominent role of the 

government in the implementation of EITI, I hypothesize that a stronger reduction is expected to 

be reported by firms that interact with the government if indeed EITI is driving the change in 

corruption levels. The most important motivation for the within-country estimation is that there 

may be unobservable characteristics at work which led to a different trend in corruption levels 

between Peru and Mali and their respective counterfactuals which cannot be controlled for in the 

comparative case study component. In other words, the within country estimation is added 
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because the between country estimation assumes a common trend in the absence of the policy 

intervention, an assumption we cannot test using only comparative case study analysis. A second 

important motivation to conduct subsequent within-country estimation is a potential endogeneity 

issue in the comparative case study design. Because EITI is a voluntary compact, the choice of a 

country to join signals a basic willingness to reform, or is at least a sign of acknowledgement that 

corruption and transparency are issues that need to be addressed. There may, therefore, be other 

forces at work, such as a government committed to tackle corruption, which cannot be controlled 

for in the case study design or the preprocessing methods. The difference-in-difference 

estimation within Peru and Mali, on the other hand, controls for this bias by only looking at firms 

inside the country for whom the introduction of EITI came as an exogenous event. Finally, in the 

within country estimation, one can control for a number of firm specific characteristics which 

provides further insights into how EITI is affecting the behavior of different firms.  

 

Cross Country Estimations 

The basic model for the cross country estimation to test whether or not EITI reduced corruption 

in Peru and Mali is a simple difference-in-difference estimation given in (1) and (2): 

 

(1) Y = α+ β1 T + β2Peru + β 3  (T * Peru ) + ε  

 

and 

 

(2) Y = α+ β1 T + β2Mali + β 3  (T * Mali ) + ε 
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where : 

 

Y = Corruption by country defined as the country average of firm representatives‟ answer to the 

question “How much of an obstacle to your business is corruption? No obstacle (0); minor 

obstacle (1); moderate obstacle (2); major obstacle (3); very severe obstacle (4). “ 

 

T = Time dummy indicating the 2010 cohort of WBES 

 

Peru/Mali= Dummy variable, identifying Peru and Mali, respectively 

 

In these specifications, coefficient β1 measures the change in corruption reported by firms in the 

2010 cohort of WBES compared to earlier cohorts, coefficient β2 provides information about the 

corruption level in Peru and Mali, respectively, compared to all other countries in the sample and 

coefficient β3 on the interaction term between the year and the country dummy shows the change 

in corruption over time. In other words, to confirm the hypothesis that EITI has reduced 

corruption levels in these two countries, β3 has to be different from 0 and has to be negative.  

As mentioned above, however, equations (1) and (2) suffer from potential bias in the absence of 

any correction of the underlying covariate imbalance before conducting regression analysis. As 

discussed in detail in Abadie, Diamond, and Hainmueller (2010), the standard errors commonly 

reported in regression-based comparative case studies measure uncertainty about aggregate data. 

Specifically, the standard errors in such studies would equal zero if the data is available at an 
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aggregate level, i.e for all treated and non treated units in the sample universe. However, perfect 

knowledge of aggregate data does not eliminate all uncertainty about the parameters of interest 

because in comparative case studies an additional source of uncertainty comes from the 

impossibility of the control group to reproduce the counterfactual of how the treated unit would 

have evolved in the absence of the treatment. While such uncertainty can never, naturally, be 

overcome, there are preprocessing methods that can help increase the balance on a number of 

observable covariates in order to increase our trust in the standard errors, two of which I apply 

here.  

 

Entropy Balancing 

The following presentation of entropy balancing draws heavily from the theoretical discussion of 

the matter in Hainmueller (2012), as well as the suggested implementing strategy in Hainmueller 

and Xu (2011). In a nutshell, entropy balancing is a preprocessing procedure that allows for the 

creation of balanced samples for the subsequent estimation of treatment effects:  In a random 

sample of n = n1 + n0 units drawn from a population of size N = N1 + N0, where n, N and N1 and 

N0 refer to the size of the target population of treated units and the source population of control 

units, respectively, each unit i is exposed to a binary treatment Di ∈ {1, 0}; Di = 1 if unit i 

received the active treatment and Di = 0 if unit i received the control treatment. In the sample, 

there are n1 treated units and n0 control units, whereby the treatment effect on each treated unit is 

given in:  

 

(3) τi = Yi(1) − Yi(0),  
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or  

 

(4) τ = E[Y (1)|D = 1] − E[Y (0)|D = 1].  

 

Because the difference of mean outcomes will be estimated by comparing the treatment to the 

reweighted control group, the counterfactual mean will be estimated by: 

 

(5) E[Y (1)|D = 1] 
    ( |     ]     

    ( |     ]   
       

 

where w is a weight chosen for each control unit, consisting of three elements. The first one is a 

distance metric chosen from the distance between estimated control weights and base weights. 

The second element is the balance constraints imposed by the researcher to equalize the moments 

of the covariate distributions between the treatment and the reweighted control group. The third 

element are two normalization constraints implying that (i) the weights sum to the normalization 

constant of one and a (ii) nonnegativity constraint because the distance metric is not defined for 

negative weight values.The most important advantage of entropy balancing is that it enables the 

researcher to obtain a high degree of covariate balance by imposing a potentially large set of 

balance constraints. In contrast to other preprocessing methods such as nearest neighbor 

matching where units are either discarded or matched (weights of zero or one), the reweighting 

scheme in entropy balancing is more flexible: it reweights units appropriately to achieve balance, 

but at the same time keeps the weights as close as possible to the base weights to prevent loss of 
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information and thereby retains efficiency for the subsequent analysis. Finally, entropy balancing 

produces weights that can be used for further estimation of treatment effects with a number of 

conventional evaluation methodologies, including difference in means, a weighted least squares 

regression of the outcome on the treatment variable and possibly additional covariates that are 

not included as part of the reweighting.  

 

Synthetic Control Groups 

Like entropy balancing, synthetic control group methodology is a preprocessing method that 

balances the sample of treated units and the sample of un-treated units on a broad range of 

covariates. Using data from a universe of similar units, the idea is to create a virtual “control 

unit”, weighted both by broad economic indicators as well as predictor variables that is as 

identical as possible to the treated unit in the period before a hypothesized treatment. The 

difference between the synthetic control unit‟s predictions and the observed unit‟s actual 

behavior is subsequently used to identify whether or not the policy intervention actually yielded 

a meaningful effect (Liou and Musgrave, 2012). To conduct hypothesis testing and draw 

inferential lessons from synthetic control group estimations,  a series of “placebo tests” are 

conducted, whereby a random number of units from the donor universe are assigned as the 

treated units and compared to a synthetic control group consisting of all other units, including the 

actual treatment unit. By comparing the estimated effect of the actual intervention to the 

distribution of the effects estimated for the units not exposed to the intervention one can derive 

classical hypothesis testing in that the difference between the actual treatment effect compared to 
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placebo treatments is assigned to the policy intervention. A more formal discussion of hypothesis 

testing with synthetic control groups can be found in Abadie and Gardeazabal (2003). 

 

Synthetic control group methodology has gained increasing popularity in comparative case 

studies over the past ten years. Abadie and Gardeazabal (2003) apply the methodology to 

estimate the economic costs of conflict in the Spanish Basque Country by comparing it to a 

synthetic control group borrowing information from a sample consisting of other Spanish 

regions. Abadie, Diamond and Hainmueller (2007) evaluate proposition 99, a large-scale tobacco 

control program implemented in California in 1988, by creating a synthetic control group 

consisting of all other US states. Hinrichs (2009) uses the synthetic control method to estimate 

the effects of an affirmative action ban on the racial composition of particular selective 

universities in California, Texas, Washington, and Florida. His pool of potential control units 

consists of universities in the top two tiers of the 1995 U.S. News & World Report rankings 

except those in the four ban states. Finally, Liou and Musgrave (2012) compare a number of 

resource rich countries to a synthetic control group consisting of all other countries to estimate 

the effect of substantial resource discovery on governance.  

 

Within Country Difference-in-Difference Estimation 

The within country estimation of the effectiveness of EITI in reducing corruption in Peru and 

Mali exploits the design of EITI implementation to create different groups of firms that are 

expected to react differently to the introduction of EITI. In particular, the prominent role of the 

government in the EITI implementation process is used to use government interaction as a 
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treatment indicator that differentiates firms that are reporting a direct effect of EITI compared to 

those that only report an indirect affect. The role of government in the EITI implementation 

process is illustrated in Figure 7, where all steps in the EITI implementation process for which 

the government is solely responsible are highlighted. Out of the 21 steps a country is expected to 

implement in order to apply for EITI compliancy, 13 are in the sole responsibility of the 

government. Four steps are to be carried out by the multi stakeholder group, which is convened 

by the government and only two of the 21 steps is the sole responsibility of companies in the 

extractive sector. In short, EITI is aimed at making the government less corrupt. 

 

Figure 7 Responsibility of Government in EITI Implementation Process 

 

Source: EITI, 2011 
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I therefore hypothesize that firms that interact with the government on a regular basis are 

expected to report a stronger reduction in corruption than firms that do not interact with the 

government if EITI is indeed driving changes in corruption levels. To operationalize this 

hypothesis, I compare the different trends in corruption levels between firms that do business 

with the government and those that do not. In other words, the hypothesis tested in this section is 

whether or not the introduction of the EITI led to a reduction in perceived corruption reported by 

firms that interact directly with the government compared to those that don‟t. Formally, the 

following difference-in-difference equation is specified and estimated for Peru and Mali 

separately: 

 

(6) Yit = α+ β1 T + β2GovInteraction it-1 + β3  (Tt*GovInteraction it-1 ) + β4 Xi +  εit  

 

where: 

 

Y = Corruption defined as firm representatives‟ answer to the question “How much of an 

obstacle to your business is corruption? No obstacle (0); minor obstacle (1); moderate obstacle 

(2); major obstacle (3); very severe obstacle (4). “ 

 

T = Time dummy indicating the 2010 cohort of WBES 
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GovInteraction = Dummy variable, indicating whether or not firm executives spent more time 

with government officials than the 50
th

 percentile firm in the country 

 

X = Vector representing a series of different firm characteristics such as industry, size, or 

geographical location  

 

For the hypothesis put forth to hold, β3 is expected to be statistically significantly different from 

0 and have a negative sign. This would indicate that firms interacting with the government have 

reported a larger reduction of corruption as an obstacle to their business operations compared to 

other firms in the sample. According to the estimation strategy, this would be interpreted as 

evidence that the change in corruption levels in Peru and Mali is indeed driven by EITI. The next 

section presents results for both the cross country and within country estimations.  

 

RESULTS 

 

Entropy Balancing 

As described above, entropy balancing is a preprocessing procedure that allows for the creation 

of balanced samples for the subsequent estimation of treatment effects. The variables used to 

rebalance the sample include economic indicators (such as GDP/per capita, GDP Growth), 

industry indicators (share of different industries in contribution to GDP, exports and imports), 

information about resource extraction (oil and gas as part of GDP), technology indicators 

(number of cellular subscriptions), as well as a series of other data. Not all specifications below 

include the same set of balanced covariates; due to the large differences between the control and 
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treatment group on some specifications, some variables had to be dropped to achieve higher 

balance. Tables 2 and 3 present all samples for specifications (a) – (f) before and after applying 

entropy balancing. As can be derived from the tables, entropy balancing has reduced the 

difference between Peru and Mali and the unbalanced average of all countries in the sample.  

The reweighted samples resemble Peru and Mali on a higher number of covariates than the 

unbalanced sample. This means that for all subsequent estimations, Peru is compared to a control 

unit that resembles Peru as much as possible on a series of variables that are important in 

determining the corruption level in a given country. To limit the variance between control and 

treatment groups, the control unit consists of all countries for which sufficient indicators were 

available and that have a GDP/per capita of more than US$ 1,000 and less than US$ 5,000 for 

Peru in specification (a) and lower than US$ 1,000 for Mali in specification (d), respectively.  

Specifications (b) and (e) compare Peru to a control group borrowing only from countries from 

the Latin American and Caribbean (LAC) region and Mali to a control group consisting only of 

countries from Africa.  Finally, specifications (c) and (f) use only countries for which data on the 

dependent variable was available in 2010 to control for potential bias created by extrapolating 

data.  

 

Table 2 Entropy Balancing for Peru, Specification (a), (b) and (c) 

Specification (a) Before Weighting After Weighting 

                 Treatment Control Treatment Control 

Net income (BoP, current US$ 1000) -6292721.00 -4161328.00 -6292721.00 -6419172.00 

Foreign direct investment, net (BoP, current 

US$ 1000) 

3657554.00 2774625.00 3657554.00 3504539.00 

Goods exports (BoP, current US$ 100000) 22035.00 36396.00 22035.00 39318.00 

Service exports (BoP, current US$ 1000) 2845716.00 6094977.00 2845716.00 5872508.00 
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Cost of business start-up procedures (% of 

GNI per capita) 

29.09 30.43 29.09 28.81 

Mobile cellular subscriptions (per 100 people) 46.63 69.24 46.63 58.27 

Exports of goods and services (% of GDP) 24.48 37.74 24.48 32.13 

Trade (% of GDP) 44.84 84.01 44.84 68.59 

Manufacturing, value added (% of GDP) 15.54 17.35 15.54 16.99 

Agriculture, value added (% of GDP) 7.24 10.73 7.24 9.40 

Industry, value added (% of GDP) 58.19 57.91 58.19 57.98 

Coal rents (% of GDP) 0.00 0.34 0.00 0.30 

Inflation, GDP deflator (annual %) 3.55 7.60 3.55 6.46 

GDP (current US$ 100000) 102198.00 175904.00 102198.00 210565.00 

GDP growth (annual %) 6.49 4.67 6.49 5.36 

Natural gas rents (% of GDP) 0.39 1.82 0.39 1.28 

GDP per capita (current US$) 3582.00 4029.00 3582.00 3859.00 

Oil rents (% of GDP) 1.44 2.74 1.44 2.23 

GNI per capita, Atlas method (current US$) 3301.00 3777.00 3301.00 3581.00 

High-technology exports (% of manufactured 

exports) 

2.29 8.24 2.29 6.60 

ICT goods exports (% of total goods exports) 0.12 4.26 0.12 2.75 

Fuel exports (% of merchandise exports) 9.92 15.21 9.92 12.63 

Fuel imports (% of merchandise imports) 15.23 14.89 15.23 15.21 

Urban population (% of total) 71.25 61.58 71.25 65.78 

Population growth (annual %) 1.22 0.78 1.22 0.87 

Labor participation rate, total (% of total 

population ages 15+) 

66.70 62.16 66.70 64.20 

Health expenditure, total (% of GDP) 4.45 6.38 4.45 5.87 

 

Specification (b) Before Weighting After Weighting 

                 Treatment Control Treatment Control 

Net income (BoP, current US$ 1000) -6292721.00 -5907812.00 -6292721.00 -4936846.00 

Foreign direct investment, net (BoP, current 

US$ 1000) 

3657554.00 4147024.00 3657554.00 3117883.00 

Goods exports (BoP, current US$ 100000) 22035.00 42145.00 22035.00 29470.00 

Service exports (BoP, current US$ 1000) 2845716.00 5291763.00 2845716.00 3806274.00 

Cost of business start-up procedures (% of 

GNI per capita) 

29.09 50.88 29.09 54.13 

Mobile cellular subscriptions (per 100 people) 46.63 64.49 46.63 59.20 

Exports of goods and services (% of GDP) 24.48 35.18 24.48 33.34 

Trade (% of GDP) 44.84 73.97 44.84 70.67 

Manufacturing, value added (% of GDP) 15.54 16.16 15.54 16.21 

Agriculture, value added (% of GDP) 34.57 30.06 34.57 30.72 

Industry, value added (% of GDP) 58.19 59.44 58.19 58.44 
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Coal rents (% of GDP) 0.00 0.08 0.00 0.06 

Inflation, GDP deflator (annual %) 3.55 7.21 3.55 6.77 

GDP (current US$ 100000) 102198.00 225491.00 102198.00 162819.00 

GDP growth (annual %) 6.49 4.61 6.49 4.88 

Natural gas rents (% of GDP) 0.39 1.98 0.39 1.79 

GDP per capita (current US$) 3582.00 4537.00 3582.00 3762.00 

Oil rents (% of GDP) 1.44 3.51 1.44 4.08 

GNI per capita, Atlas method (current US$) 3301.00 4213.00 3301.00 3521.00 

High-technology exports (% of manufactured 

exports) 

2.29 6.81 2.29 5.96 

ICT goods exports (% of total goods exports) 0.12 2.09 0.12 1.17 

Fuel exports (% of merchandise exports) 9.92 14.07 9.92 15.81 

Fuel imports (% of merchandise imports) 15.23 14.71 15.23 14.94 

Urban population (% of total) 71.25 70.85 71.25 68.86 

Population growth (annual %) 1.22 1.39 1.22 1.37 

Labor participation rate, total (% of total 

population ages 15+) 

66.70 64.04 66.70 64.65 

Health expenditure, total (% of GDP) 4.45 7.02 4.45 6.57 

 

Specification (c) Before Weighting After Weighting 

                 Treatment Control Treatment Control 

Net income (BoP, current US$ 1000) -6292721.00 -3750002.00 -6292721.00 -5040821.00 

Foreign direct investment, net (BoP, current 

US$ 1000) 

3657554.00 2647947.00 3657554.00 3096306.00 

Goods exports (BoP, current US$ 100000) 22035.00 36314.00 22035.00 31124.00 

Service exports (BoP, current US$ 1000) 2845716.00 6228115.00 2845716.00 5039143.00 

Cost of business start-up procedures (% of 

GNI per capita) 

29.09 35.27 29.09 31.00 

Mobile cellular subscriptions (per 100 people) 46.63 67.53 46.63 57.61 

Exports of goods and services (% of GDP) 24.48 39.87 24.48 34.03 

Trade (% of GDP) 44.84 87.05 44.84 71.40 

Manufacturing, value added (% of GDP) 15.54 17.12 15.54 16.22 

Agriculture, value added (% of GDP) 34.57 30.39 34.57 31.88 

Industry, value added (% of GDP) 58.19 58.26 58.19 58.59 

Coal rents (% of GDP) 0.00 0.26 0.00 0.16 

Inflation, GDP deflator (annual %) 3.55 7.03 3.55 5.70 

GDP (current US$ 100000) 102198.00 145074.00 102198.00 139744.00 

GDP growth (annual %) 6.49 4.61 6.49 5.32 

Natural gas rents (% of GDP) 0.39 1.21 0.39 0.90 

GDP per capita (current US$) 3582.00 5382.00 3582.00 4790.00 

Oil rents (% of GDP) 1.44 1.82 1.44 1.52 
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GNI per capita, Atlas method (current US$) 3301.00 5017.00 3301.00 4433.00 

High-technology exports (% of manufactured 

exports) 

2.29 8.06 2.29 5.80 

ICT goods exports (% of total goods exports) 0.12 4.76 0.12 2.76 

Fuel exports (% of merchandise exports) 9.92 11.64 9.92 10.01 

Fuel imports (% of merchandise imports) 15.23 15.83 15.23 15.40 

Urban population (% of total) 71.25 58.75 71.25 63.40 

Population growth (annual %) 1.22 0.89 1.22 0.95 

Labor participation rate, total (% of total 

population ages 15+) 

66.70 63.06 66.70 64.28 

Health expenditure, total (% of GDP) 4.45 6.56 4.45 5.94 

 

 

Table 3 Entropy Balancing for Mali, specifications (d), (e) and (f) 

Specification (d) Before Weighting After Weighting 

                 Treatment Control Treatment Control 

Net income (BoP, current US$ 1000) -256058.00 -1320490.00 -256058.00 -1050287.00 

Foreign direct investment, net (BoP, current 

US$ 1000) 

142807.00 804261.00 142807.00 671198.00 

Goods exports (BoP, current US$ 100000) 1550.00 14327.00 1550.00 10569.00 

Service exports (BoP, current US$ 1000) 349076.00 2389662.00 349076.00 1822520.00 

Cost of business start-up procedures (% of 

GNI per capita) 

146.20 91.81 146.20 81.07 

Mobile cellular subscriptions (per 100 people) 16.20 37.19 16.20 33.33 

Exports of goods and services (% of GDP) 26.78 33.94 26.78 31.77 

Trade (% of GDP) 63.65 78.71 63.65 74.99 

Industry, value added (% of GDP) 24.05 30.50 24.05 29.06 

 Services, etc., value added (% of GDP) 38.99 51.37 38.99 50.46 

Coal rents (% of GDP) 0.00 0.26 0.00 0.21 

Inflation, GDP deflator (annual %) 3.77 9.42 3.77 7.90 

GDP growth (annual %) 4.91 5.58 4.91 5.76 

GDP (current US$ 100000) 6814.00 50399.00 6814.00 38480.00 

Natural gas rents (% of GDP) 0.00 1.73 0.00 1.27 

GDP per capita (current US$) 485.70 1307.00 485.70 1245.00 

Oil rents (% of GDP) 0.00 4.00 0.00 2.76 

GNI per capita, Atlas method (current US$) 447.50 1213.00 447.50 1153.00 

Urban population (% of total) 31.29 45.54 31.29 43.41 

Population growth (annual %) 3.09 1.65 3.09 1.67 

Labor participation rate, total (% of total 

population ages 15+) 

51.73 69.47 51.73 66.33 
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Health expenditure, total (% of GDP) 5.89 5.71 5.89 5.76 

 

Specification (e) Before Weighting After Weighting 

                 Treatment Control Treatment Control 

Net income (BoP, current US$ 1000) -256058.00 -1104977.00 -256058.00 -688767.00 

Foreign direct investment, net (BoP, current 

US$ 1000) 

142807.00 391882.00 142807.00 311707.00 

Goods exports (BoP, current US$ 100000) 1550.00 6877.00 1550.00 4850.00 

Cost of business start-up procedures (% of 

GNI per capita) 

146.20 121.10 146.20 85.43 

Mobile cellular subscriptions (per 100 people) 16.20 34.47 16.20 30.87 

Exports of goods and services (% of GDP) 26.78 38.34 26.78 34.89 

Trade (% of GDP) 63.65 78.89 63.65 74.30 

Industry, value added (% of GDP) 24.05 34.62 24.05 29.83 

 Services, etc., value added (% of GDP) 38.99 50.60 38.99 51.68 

Coal rents (% of GDP) 0.00 0.05 0.00 0.04 

Inflation, GDP deflator (annual %) 3.77 10.47 3.77 8.70 

GDP (current US$ 100000) 6814.00 17697.00 6814.00 15798.00 

GDP growth (annual %) 4.91 5.84 4.91 5.77 

Natural gas rents (% of GDP) 0.00 2.45 0.00 1.19 

GDP per capita (current US$) 485.70 2357.00 485.70 2186.00 

Oil rents (% of GDP) 0.00 7.66 0.00 3.80 

GNI per capita, Atlas method (current US$) 447.50 2188.00 447.50 2006.00 

Urban population (% of total) 31.29 41.47 31.29 35.44 

Population growth (annual %) 3.09 2.22 3.09 2.28 

Health expenditure, total (% of GDP) 5.89 5.65 5.89 5.56 

 

Specification (f) Before Weighting After Weighting 

                 Treatment Control Treatment Control 

Net income (BoP, current US$ 1000) -256058.00 -833763.00 -256058.00 -630840.00 

Foreign direct investment, net (BoP, current US$ 1000) 142807.00 574232.00 142807.00 440540.00 

Goods exports (BoP, current US$ 100000) 1550.00 8228.00 1550.00 6374.00 

Service exports (BoP, current US$ 1000) 349076.00 1668250.00 349076.00 1352117.00 

Cost of business start-up procedures (% of GNI per capita) 146.20 99.17 146.20 101.00 

Mobile cellular subscriptions (per 100 people) 16.20 26.62 16.20 25.24 

Exports of goods and services (% of GDP) 26.78 29.86 26.78 29.74 

Trade (% of GDP) 63.65 73.35 63.65 73.04 

Industry, value added (% of GDP) 24.05 28.19 24.05 27.49 

 Services, etc., value added (% of GDP) 38.99 51.55 38.99 51.47 
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Coal rents (% of GDP) 0.00 0.17 0.00 0.11 

Inflation, GDP deflator (annual %) 3.77 10.07 3.77 8.26 

GDP (current US$ 100000) 6814.00 31409.00 6814.00 24991.00 

GDP growth (annual %) 4.91 5.67 4.91 5.64 

Natural gas rents (% of GDP) 0.00 0.83 0.00 0.57 

GDP per capita (current US$) 485.70 843.20 485.70 854.20 

Oil rents (% of GDP) 0.00 2.76 0.00 2.91 

GNI per capita, Atlas method (current US$) 447.50 799.90 447.50 809.30 

Urban population (% of total) 31.29 38.25 31.29 40.09 

Population growth (annual %) 3.09 1.80 3.09 1.79 

Labor participation rate, total (% of total population ages 15+) 51.73 70.92 51.73 68.46 

Health expenditure, total (% of GDP) 5.89 5.91 5.89 6.01 

 

Table 4 shows the results of a series of ordinary least square (OLS) regression estimates on the 

effect of EITI on corruption reported by firms as an obstacle to business operations. All 

specifications estimate equations (1) and (2) explained above, where the introduction of EITI is 

proxied using a year dummy for 2010, the latest year for which data was collected in Peru and 

Mali. It is important to note that, because corruption is measured as the country average of all 

firms in a given country in a given year, the dependent variable has been transformed from an 

ordinal to a continuous variable, which is why OLS is the appropriate model. The results for Peru 

show a strong and significant reduction in corruption after the introduction of EITI. In 

specification (a) of Table 4, which includes all countries except for those implementing EITI as 

well as those with GDP / per capita higher than US$ 5,000 or lower than US$ 1,000, corruption 

in Peru in 2010 has been reduced by .714 points on the five point scale where 0 means corruption 

is no obstacle at all and 4 means corruption is a very severe obstacle to business operations. Put 

differently, since the introduction of EITI, corruption in Peru has been reduced by the order of 14 

percentage points. This point estimate is statistically significant at the 99 percent confidence 
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level. Compared to a control group based on a donor pool consisting of countries from the Latin 

American and Caribbean (LAC) region only, shown in specification (b) of Table 4, the point 

estimate becomes smaller, but is still amounting to a reduction of .314 points, or approximately 6 

percentage points. This result is statistically significant at the 95 percent confidence level. 

Finally, when only including countries which were part of the 2010 cohort of WBES and 

therefore were not dropped due to missing dependent variable, the reduction in corruption still is 

significant, at .552 points, or roughly 11 percentage points. The results for Mali are more 

ambiguous. Starting from a rather low overall level of corruption, none of the specifications (c) – 

(f) show a significant change in corruption levels occurring after the introduction of EITI. While 

the comparison to the control group including all countries with a GDP lower than US$ 1,500/ 

per capita in specification (d) shows a reduction in corruption of .456 points, this result is not 

statistically significant. On the other hand, when only African countries are allowed into the 

control group in specification (e), the trend actually shows an increase in corruption in 2010, 

even though this result, too, is not statistically significant. The highest point estimate is depicted 

in specification (f), which comes from the smallest sample due to the exclusion of countries with 

missing values for the dependent variable in 2010. Compared to this limited sample, corruption 

in Mali was reduced by .837 points, however, this result, too, is not statistically significant.  
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Table 4 Regression Results on Entropy Balanced Sample 

  (a) (b) (c) (d) (e) (f) 

Ordinary Least Squared Regression; Dependent Variable: Corruption as an obstacle to business operations, 

country average 

         

Peru 0.572** 0.150 0.784**    

 (0.175) (0.121) (0.184)    

Year2010 0.395+ -0.005 0.133 0.252 -0.492+ 0.478* 

 (0.216) (0.147) (0.317) (0.317) (0.287) (0.197) 

Peru*Year2010 -0.714** -0.314* -0.552+    

 (0.220) (0.152) (0.317)    

Mali    -0.229 -0.516* -0.201 

    (0.255) (0.250) (0.557) 

Mali*Year2010    -0.456 0.287 -0.837 

    (0.369) (0.344) (0.557) 

       

Constant 1.922** 2.344** 1.811** 1.631** 1.918** 1.758** 

 (0.170) (0.114) (0.184) (0.172) (0.163) (0.197) 

Observations 175 110 96 157 71 26 

R-squared 0.220 0.056 0.294 0.053 0.156 0.122 

Standard errors in parentheses       

** p<0.01, * p<0.05, + p<0.1       

(a) Control group includes all countries with per capita / GDP > 1,000 US$  &  <US$  5,000; except for EITI 

implementing countries 

(b) Control group includes LAC countries only 

(c) Control group only includes countries without missing values on dependent variable in treatment year 

(d) Control group includes all countries with per capita / GDP < US$ 1,500; except for EITI implementing 

countries 

(e) Control group includes AFR countries only 

(f) Control group only includes countries without missing values on dependent variable in treatment year 

 

Synthetic Control Groups 

Like entropy balancing, synthetic control group methodology is a preprocessing method that 

balances the sample of treated units and the sample of un-treated units on a broad range of 

covariates. It creates an artificial control group that most closely matches the treated unit in 

question and therefore provides an answer to the question of how the unit under investigation 

would have behaved in the absence of the policy change. As with the entropy balancing 
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estimations above, I use a broad set of country level variables to create synthetic control groups 

for Peru and Mali, based on a broad range of economic, social, and governance indicators. 

Additionally, to better match the pre-intervention trajectory, I also include the annual corruption 

averages prior to 2006. As stated above, one of the advantages of the synthetic control group 

methodology is its transparency about the about its composition. Table 5 shows the weights each 

country in the donor universe has contributed to synthetic Peru. As can be expected, they mainly 

draw from countries that share the biggest overlap on a large number of covariates. Not 

surprisingly, the largest donors to the synthetic control group of Peru are Latin American 

countries, namely Ecuador (weight .235) Guatemala (.212), and Paraguay (.083), which together 

provide almost half the covariate weight to synthetic Peru. On the other hand – and this is a big 

advantage over other pre-estimation methods as they usually focus on nearest neighbors or only 

include single control units – synthetic Peru also borrows from countries such as the Czech 

Republic (.048) that share some similarities in the predictor variables. Synthetic Mali (Table 6) 

consists of only two countries, Tanzania and Zambia, which account for .868 or .132 of the 

weight of the control group, respectively. A possible explanation for why not more countries 

contributed to the synthetic control group for Mali is that the 2010 cohort of WBES included 

relatively few African countries and relatively few low income countries. Additionally, some of 

the low income countries that were included in the 2010 cohort of WBES had to be dropped 

because of too many missing values in the WDI.  
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Table 5 Country Weights in Synthetic Peru 

Country Unit Weight Country Unit Weight 

    

Albania 0.003 Kenya 0.009 

Angola 0.003 Latvia 0.001 

Argentina 0.019 Lithuania 0.001 

Armenia 0.003 Macedonia, FYR 0.004 

Bangladesh    0.012 Mauritius 0.005 

Belarus 0.001 Mexico 0.007 

Bolivia 0.045 Nicaragua 0.017 

Bosnia and Herzegovina  0.003 Panama 0.004 

Botswana 0.003 Paraguay 0.083 

Brazil 0.19 Philippines 0.003 

Bulgaria 0.002 Poland 0.001 

Cameroon 0.007 Romania 0.003 

Chile 0.003 Russian Federation 0.003 

Colombia 0.007 Senegal 0.003 

Croatia 0.002 Slovak Republic 0.001 

Czech Republic    0.048 Slovenia 0.001 

Ecuador 0.235 Tanzania 0.003 

Estonia 0.002 Turkey 0.004 

Georgia 0.002 Uganda 0.003 

Guatemala   0.212 Ukraine 0.002 

Honduras 0.029 Uruguay 0.004 

Hungary 0.002 Zambia 0.003 

Indonesia   0.003   

 

Table 6 Country Weights in Synthetic Mali 

Country Unit Weight 

  

Tanzania 0.934 

Zambia 0.132 

 

Figures 8 and 9 compare the corruption levels of Peru and Mali to their synthetic control groups. 

The dotted line is depicting the trajectory both countries would have expected to take in the 



 

45 

 

absence of EITI, while the solid line shows the observed development of corruption levels.  As 

can be seen in Figure 4, Peru, which starts at a high level of corruption, was expected to show a 

reduction in corruption regardless of joining EITI. However, the observed reduction is much 

stronger than what would have been expected in the absence of EITI and what is depicted in 

synthetic Peru. The opposite pattern is true for Mali: Mali has been steadily reducing corruption 

since the first survey in 2003. However, after the introduction of EITI, corruption in Mali 

actually increased compared to its synthetic control group, which shows a further reduction after 

2007. In other words, after the introduction of EITI, Mali has actually seen an increase in 

corruption that is stronger than what would have been expected in the absence of EITI.  It is 

important to keep in mind, however, that due to a lack of data the synthetic control group for 

Mali is not as representative as it is for Peru. Nevertheless, even in the most cautious of 

interpretations, it is not possible to derive that EITI has reduced corruption in Mali from this 

analysis. 

Figure 8 Peru vs Synthetic Peru 
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Figure 9 Mali vs synthetic Mali 

 

 

Within Country Difference-in-Difference Estimation 

The cross country results have shown how corruption in Mali and Peru has evolved compared to 

a control group that “looks like” these countries, but has not implemented EITI. In this section, I 

exploit the implementation design of EITI to test whether or not firms that interact with the 

government report a different change in corruption compared to firms that do not interact with 

the government. In particular, I am estimating equation (6) presented above. Because the 

dependent variable is an ordinal variable measured at the firm level all estimations are specified 

as ordered probit regressions. Additionally, because of potential issues with serial correlations in 

difference-in-difference estimations, robust standard errors are computed for all coefficients. The 

different specifications in this section vary in their definition of the governmentinteracton 
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variable, a dummy variable that takes on the value of 1 if a firm interacted with the government 

above a certain threshold in the specified period and a value of 0 if the firm falls below this 

threshold. The different thresholds are used to test for the robustness of the results and to address 

potential self selection issues, namely, the choice of firms to interact more or less with the 

government as a reaction to the introduction of EITI. In the first specification, 

governmentinteraction is defined as illustrated in Table 7: only firms that interacted with the 

government in both 2006 (2007 for Mali) and 2010 more than the 50
th

 percentile firm are coded 

as interacting with the government. Firms that interacted with the government more than the 50
th

 

percentile in either 2006 or 2010, but not the other, were dropped in this specification to control 

for a potential reaction of firms to EITI in terms of engaging with the government. Due to this 

restrictive definition, the basic specification is reflecting a lower bound estimate of the change in 

corruption because firms that did interact with the government after the introduction of EITI, but 

not before, were dropped out of the sample. 

 

Table 7 Definition of Governmentinteraction Dummy, Basic Specification 

 2006 (7) Only 2010 Only 2006(7) & 2010 

Time spent with government > 

50th Percentile 

Dropped Dropped Governmentinteraction=1 

Time spent with government < 

50th Percentile 

Governmentinteraction=0 

 

Table 8 shows the results of the basic specification for Peru. The 50
th

 percentile in Peru includes 

all firms whose management spends more than 15 percent of its time dealing with government 
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officials in both years. The results show that, on average, firms that interact with the government 

report corruption as a stronger obstacle to business operations than firms that do not interact with 

the government, by .772 points on the five point scale where 0 means corruption is no obstacle 

and 4 means corruption is a very severe obstacle, or over 15 percentage points. This result is 

significant at the 99 percent confidence level and is robust over all specifications (a) – (c), and 

show that, even after controlling for a range of firm characteristics, firms that interact with the 

government consistently report higher levels of corruption as an obstacle to business operations. 

In terms of regional variation, there is no significant effect of firms located in Chiclayo and 

Arequipa, compared to firms located in Lima, the omitted category.  

 

The interaction term between firms that interact with the government and the year dummy for 

2010, the measure of the impact of EITI on corruption, is negative but not statistically significant 

in specifications (a) and (b) of Table 8. As pointed out above, due to the restrictive definition of 

the governmentinteraction variable, this is probably a lower bound estimate of the effect of EITI. 

In specification (c) which controls for a number of firm characteristics, the sign actually changes, 

however, the coefficient is very small and the standard error is quite large. An additional reason 

for why it might be difficult to identify an effect of EITI is the overall strong reduction over time 

across all Peruvian firms: between 2006 and 2010, corruption as an obstacle to business 

operations has been reduced by .425 points.  
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Table 8 Within Country Estimation, Peru, Basic specification 

  (a) (b) (c) 

Ordered Probit Regression; Dependent Variable: Corruption as an obstacle to business operations; 

Governmentinteraction defined as 1 if firm management spent more time with government than the 

median firm in both 2006 and 2010 

        

Governmentinteraction 0.772** 0.800* 0.580 

 (0.284) (0.331) (0.366) 

Year2010 -0.425+ -0.392+ -0.483* 

 (0.219) (0.220) (0.243) 

Governmentinteraction*Year

2010 

-0.272 -0.288 0.092 

 (0.392) (0.398) (0.450) 

firmsize  -0.140 -0.182 

  (0.138) (0.150) 

services  -0.132 0.194 

  (0.341) (0.363) 

Chiclayo  0.364 0.355 

  (0.465) (0.414) 

Arequipa  0.101 0.138 

  (0.323) (0.347) 

export  -0.147 -0.081 

  (0.225) (0.226) 

visitedtaxofficials  -0.039 0.167 

  (0.191) (0.209) 

OBSTACLEaccesstofinance   0.161+ 

   (0.094) 

OBSTACLEtaxrate   0.486** 

   (0.112) 

OBSTACLEtaxadministration   0.063 

   (0.112) 

OBSTACLEcourts   0.083 

   (0.054) 

OBSTACLEbusinesslicence   0.405** 

    

Constant 1.139** 2.610* 4.382** 

 (0.175) (1.162) (0.857) 

R-Squared 0.0147 0.0198 0.0996 

Observations 391 390 382 

Robust standard errors in parentheses 

** p<0.01, * p<0.05, + p<0.1 
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Table 9 presents the basic estimation for Mali, applying the same restrictive definition of 

governmentinteratcion as for Peru. The threshold for firms to be qualified as interacting with 

government is much lower in Mali, where firms on average spend less time dealing with 

government officials than firms in Peru. To qualify as interacting with government, all firms that 

spent more than 1.5 percent of their managements‟ time in both 2007 and 2010 with government 

are coded as 1, otherwise as 0. As was already evident from the cross country estimation above, 

corruption in Mali has actually increased between 2007 and 2010, by .54 points or roughly 12 

percentage points in specification (a). As is the case in Peru, firms that interact with the 

government tend to report higher overall levels of corruption than firms that do not interact with 

the government. When looking at the change over time for firms that interact with the 

government, the measure of the impact of EITI, there seems to be an increase in reported 

corruption of firms interacting with the government in all specification, however, none of these 

coefficients is statistically significant. The increase is strongest in specification (b) that controls 

for industry, region, and firm size, but not for other business obstacles. An interesting finding is 

that firms that have been visited by tax officials report a much higher level of corruption, by 

1.011 points or almost 20 percentage points in specification (b), and by 1.383 points or 27 

percentage points in specification (c), a rather large effect. To put it differently, controlling for 

firm size, industry, region, whether or not firms are exporting, as well as a series of obstacles to 

business operations, firms that have been visited by tax officials report corruption to be a bigger 

impediment to their business operations by almost a third compared to similar firms that have not 

been visited by tax officials.   
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Table 9 Within Country Estimation, Mali, Basic specification 

  (a) (b) (c) 

Ordered Probit Regression; Dependent Variable: Corruption as an obstacle to business operations; 

Governmentinteraction defined as 1 if firm management spent more time with government than the median firm in 

both 2007 and 2010 

        

Governmentinteraction 0.540 0.592 0.805 

 (0.430) (0.500) (0.599) 

Year2010 0.596 0.433 0.474 

 (0.475) (0.521) (0.635) 

Governmentinteraction*Year2010 0.304 0.577 0.186 

 (0.613) (0.640) (0.702) 

firmsize 

 

0.029 0.412 

 

 

(0.307) (0.331) 

services 

 

-0.132 0.194 

 

 

(0.341) (0.363) 

Sikasso 

 

0.082 0.255 

 

 

(0.551) (0.597) 

Mopti 

 

-0.239 -0.646 

 

 

(0.470) (0.557) 

Segou 

 

-0.605 -0.550 

 

 

(0.439) (0.471) 

export 

 

-0.621 -0.629 

 

 

(0.535) (0.595) 

visitedtaxofficials 

 

1.011** 1.383** 

 

 

(0.353) (0.385) 

OBSTACLEaccesstofinance 

 

 0.037 

 

 

 (0.140) 

OBSTACLEtaxrate 

 

 -0.111 

 

 

 (0.076) 

OBSTACLEtaxadministration 

 

 0.495** 

 

 

 (0.151) 

OBSTACLEbusinesslicence 

 

 0.109 

 

 

 (0.183) 

Constant 0.719* 1.682* 3.659** 

 (0.338) (0.721) (1.027) 

R-Squared 0.028 0.058 0.1096 

Observations 163 159 147 

Robust standard errors in parentheses 

** p<0.01, * p<0.05, + p<0.1 
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To check for robustness, Tables 11 and 12 show the same models applying a different, higher 

threshold for governmentinteraction which has been moved from the 50
th

 to the 75
th

 percentile. 

Again, only firms whose management spent more time with government officials than 75 percent 

of firms in the sample in both 2006 (2007 for Mali) and 2010 were coded as interacting with 

government, as illustrated in Table 10. It can be assumed that in this specification only firms 

whose business is in some way related to the government are captured in the treatment group. 

 

Table 10 Definition of Governmentinteraction Dummy, 75
th

 Percentile Specification 

 2006(7) Only 2010 Only 2006(7) & 2010 

Time spent with government > 

75th Percentile 

Dropped Dropped Governmentinteraction=1 

Time spent with government < 

75th Percentile 

Governmentinteraction=0 

 

Table 11 shows the results for Peru which show a similar pattern as in the original specifications, 

however, the effects of interacting with the government are amplified. Firms that interact with 

the government report higher corruption levels by the order of .75 points, or 15 percentage 

points, on average. Furthermore, in specifications (a) and (b), firms that interact with the 

government show a reduction between 2006 and 2010 of over .5 points, however, this reduction 

is not statistically significant. As in the previous specification, after controlling for a number of 

firm characteristics in specification (c), the interaction effect becomes much smaller. Compared 

to the earlier specification, the coefficient does have a negative sign in this specification. 
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Table 11 Within Country Estimation, 75
th

 Percentile Specification, Peru 

  (a) (b) (c) 

Ordered Probit Regression; Dependent Variable: Corruption as an obstacle to business operations; 

Governmentinteraction defined as 1 if firm management spent more time with government than the 75th percentile 

firm in both 2007 and 2010 

        

Governmentinteraction 0.805+ 0.741+ 0.579 

 (0.415) (0.438) (0.530) 

Year2010 -0.538** -0.483* -0.618** 

 (0.186) (0.188) (0.211) 

Governmentinteraction*Year2010 -0.527 -0.533 -0.103 

 (0.551) (0.573) (0.671) 

firmsize  -0.208 -0.213 

  (0.131) (0.143) 

services  0.105 0.072 

  (0.203) (0.213) 

Chiclayo  0.263 0.303 

  (0.402) (0.374) 

Arequipa  0.260 0.211 

  (0.335) (0.331) 

export  -0.047 -0.150 

  (0.209) (0.217) 

visitedtaxofficials  0.005 0.249 

  (0.180) (0.193) 

OBSTACLEaccesstofinance   0.191* 

   (0.090) 

OBSTACLEtaxrate   0.349** 

   (0.114) 

OBSTACLEtaxadministration   0.226* 

   (0.115) 

OBSTACLEcourts   0.087+ 

   (0.047) 

OBSTACLEbusinesslicence   0.389** 

   (0.089) 

Constant 0.912** 2.615* 4.649** 

 (0.146) (1.073) (0.737) 

R-Squared 0.0112 0.0164 0.0964 

Observations 431 430 420 

Robust standard errors in parentheses 

** p<0.01, * p<0.05, + p<0.1    

 

Table 12 shows the results for Mali. Moving the threshold from the 50
th

 to the 75
th

 percentile 

changes the sign on the interaction term between the indicator variable for 2010 and the 
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governmentinteraction dummy. In all specifications (a) – (c), the interaction term between the 

year 2010 and the governmentinteraction dummy variable is negative, albeit still not significant. 

In other words, comparing the sign between the basic specification and the specification where 

the governmentinteraction dummy variable is defined at the 75
th

 percentile indicates that the 

intensity of government interaction matters. In Mali, there also is a correlation between exporting 

and corruption: exporting firms report, on average, a 1.3 points lower level of corruption after 

controlling for firm size, region, and whether or not firms have been visited by tax officials. If 

other obstacles to business operations are controlled for additionally, the difference between 

exporting and not exporting firms increases to -1.455 points. 

 

Table 12 Within Country Estimation, 75
th

 Percentile Specification, Mali 

  (a) (b) (c) 

Ordered Probit Regression; Dependent Variable: Corruption as an obstacle to business operations; 

Governmentinteraction defined as 1 if firm management spent more time with government than the 75th percentile 

firm in both 2007 and 2010 

        

Governmentinteraction 0.865+ 1.016+ 1.289* 

 (0.454) (0.525) (0.568) 

Year2010 0.728* 0.711+ 0.817 

 (0.359) (0.383) (0.506) 

Governmentinteraction*Year2010 -0.244 -0.099 -0.823 

 (0.630) (0.648) (0.712) 

firmsize  0.063 0.238 

  (0.323) (0.347) 

services  0.398 -0.231 

  (1.343) (0.355) 

Sikasso  -0.278 -0.383 

  (0.538) (0.580) 

Mopti  -0.469 -1.113* 

  (0.458) (0.537) 

Segou  -0.415 -0.490 

  (0.400) (0.428) 

export  -1.364* -1.455* 

  (0.586) (0.610) 
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visitedtaxofficials  0.735* 0.905* 

  (0.341) (0.365) 

OBSTACLEaccesstofinance   0.067 

   (0.128) 

OBSTACLEtaxrate   -0.113 

   (0.086) 

OBSTACLEtaxadministration   0.423** 

   (0.155) 

OBSTACLEbusinesslicence   0.109 

   (0.212) 

Constant 3.225** 4.798** 18.246** 

 (0.373) (1.532) (1.683) 

R-Squared 0.0238 0.0545 0.0959 

Observations 168 165 155 

Robust standard errors in parentheses 

** p<0.01, * p<0.05, + p<0.1    

 

 

Finally, Tables 14 and 15 present results for a series of specifications in which all firms that 

interacted with the government in either 2006 (2007 for Mali) and/or 2010 more than the 50
th

 

percentile firm are coded as one, as illustrated in Table 13. There is obviously a potential 

selection bias at work here: if EITI has indeed reduced corruption with the government, less 

corrupt firms may be more induced to interact with the government while firms that engage in 

corrupt activities themselves may have decided not to interact with the government any more.  

 

Table 13 Definition of Governmentinteraction Dummy, Open Specification 

 2006(7) Only 2010 Only 2006(7) & 2010 

Time spent with government > 

50th Percentile 

Treatment 

Time spent with government < 

50th Percentile 

Control 
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The results are nevertheless worth reporting: In Peru, firms that interacted with the government 

at any point over the observed period report a reduction in corruption by, on average, .5 points or 

10 percentage points, for all specifications, which all are statistically significant. One potential 

explanation is that firms that are voluntarily interacting with the government – i.e. those that can 

opt in and out of the governmentinteraction group – show a stronger reaction to increased 

transparency of the government compared to firms that have to interact with the government on a 

regular basis because of the nature of their business operations. It is also important to note that 

the sample is much larger in this specification, as fewer observations had to be dropped. There 

also is a regional effect in specifications (b) and (c) of Table 14, showing that firms in Arequipa 

report lower values for corruption compared to the omitted category, firms in Lima, by .37 

points.  

 

Table 14 Within Country Estimation, all firms that interacted with government in 2006 or 

2010, Peru 

  (a) (b) (c) 

Ordered Probit Regression; Dependent Variable: Corruption as an obstacle to business operations; 

Governmentinteraction defined as 1 if firm management spent more time with government than the median firm in 2006 or 

2010 

        

Governmentinteraction 0.608** 0.669** 0.644** 

 (0.150) (0.155) (0.176) 

Year2010 -0.433** -0.431** -0.484** 

 (0.121) (0.146) (0.164) 

Governmentinteraction*Year2010 -0.482* -0.501** -0.499* 

 (0.189) (0.191) (0.208) 

firmsize  -0.106+ -0.136* 

  (0.063) (0.065) 

services  0.074 0.213 

  (0.181) (0.194) 

Chiclayo  -0.138 -0.059 

  (0.201) (0.179) 
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Arequipa  -0.366* -0.377* 

  (0.145) (0.152) 

export  -0.008 -0.045 

  (0.104) (0.107) 

visitedtaxofficials  -0.049 0.065 

  (0.093) (0.096) 

OBSTACLEaccesstofinance   0.135** 

   (0.044) 

OBSTACLEtaxrate   0.300** 

   (0.062) 

OBSTACLEtaxadministration   0.230** 

   (0.059) 

OBSTACLEcourts   0.178** 

   (0.032) 

OBSTACLEbusinesslicence   0.330** 

   (0.047) 

Constant 1.066** 0.875** 3.118** 

 (0.106) (0.218) (0.268) 

R-Squared 0.0119 0.0137 0.0935 

Observations 1,614 1,609 1,589 

Robust standard errors in parentheses   

** p<0.01, * p<0.05, + p<0.1    

 

In Mali, too, across all firms that interacted with the government in either year, there has been a 

reduction in reported corruption as can be seen in Table 15, even if these results are not 

statistically significant. As with all other specifications for Mali, corruption across all firms 

increased significantly in 2010, on average by around 0.7 points or 14 percentage points. 

Moreover, as with all other specifications, firms that have been visited by tax officials report 

higher levels of corruption, even if the magnitude has been reduced from earlier estimations.   
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Table 15 Within Country Estimation, all firms that interacted with government in 2007 or 

2010, Mali 

  (a) (b) (c) 

Ordered Probit Regression; Dependent Variable: Corruption as an obstacle to business operations; Governmentinteraction 

defined as 1 if firm management spent more time with government than the median firm in 2007 or 2010 

        

Governmentinteraction 0.283+ 0.303 0.289 

 (0.160) (0.189) (0.210) 

Year2010 0.772** 0.704** 0.693** 

 (0.196) (0.228) (0.244) 

Governmentinteraction*Year2010 -0.357 -0.155 -0.166 

 (0.275) (0.294) (0.301) 

firmsize  -0.157 0.007 

  (0.143) (0.141) 

services  -0.469 -0.194 

  (0.322) (0.148) 

Sikasso  0.097 -0.086 

  (0.327) (0.310) 

Mopti  -0.409 -0.787* 

  (0.316) (0.374) 

Segou  -0.065 0.015 

  (0.222) (0.237) 

export  -0.402+ -0.380 

  (0.228) (0.242) 

visitedtaxofficials  0.264+ 0.379* 

  (0.154) (0.164) 

OBSTACLEaccesstofinance   0.007 

   (0.053) 

OBSTACLEtaxrate   0.022 

   (0.057) 

OBSTACLEtaxadministration   0.256** 

   (0.057) 

OBSTACLEbusinesslicence   0.305** 

   (0.068) 

Constant 3.005** 2.709** 4.197** 

 (0.167) (0.448) (0.550) 

R-Squared 0.0117 0.0146 0.0434 

Observations 927 782 755 

Robust standard errors in parentheses 

** p<0.01, * p<0.05, + p<0.1    
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DISCUSSION  

 

The question I am trying to answer in this thesis is whether or not the introduction of EITI has 

led to a reduction of corruption in Peru and Mali. Applying two modern preprocessing methods - 

entropy balancing and synthetic control group methodology - to conduct a comparative case 

study analysis comparing the trajectory of Peru and Mali to a control group that “looks like” 

these two countries show a number of results that challenge some of the previous research on 

EITI, while they confirm others. First and foremost, EITI seems to have worked in Peru, where 

corruption levels have been consistently reduced, while it did not do so in Mali. The most 

straightforward explanation for this paradox is an explanation Aaronson and Brinkerhoff (2009) 

have contested in their qualitative research on EITI, namely, that for EITI to work effectively 

there needs to be a functioning civil society in place that is able to turn the additional information 

on resource revenues provided by EITI into action in order for it to have an effect on corruption. 

It is plausible that this explains the converging pattern of the two countries studied in this paper: 

while Peru is a middle-income country with a relatively high literacy rate and a well established 

civil society, Mali is one of the poorest countries in the world and suffers from high illiteracy 

rates. Even though Mali has a strong civil society for African standards it is nevertheless possible 

that this is not enough to digest the information on resource revenue flows and mobilize a large 

part of the population to take action. A second convincing argument for why EITI might work in 

one context but not in another was put forth by Ocheje (2006) who emphasizes problems with 

the voluntary nature of EITI. Specifically, he worries that “…the voluntary nature of the EITI 

means that while some countries… see value in implementing the initiative, others might not, 
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even though they may commit themselves for public relations purposes.” This problem could 

potentially be amplified by the increasing availability of trust funds provided by donor countries 

and organizations to implement EITI which could potentially create financial incentives for a 

country to join EITI without being fully committed. Possible remedies for this dilemma as 

suggested by Ocheje are increased international pressure, for example in the form of mandatory 

requirements in loan or technical assistance agreements for public disclosure of all extractive 

industry-related revenues, or public disclosure of contractual agreements, such as PSAs. Perhaps 

even more importantly, developed countries could support EITI by passing laws requiring their 

firms to publish their revenue payments to governments.  

 

The within-country analysis adds to the picture that emerged from the cross-country estimations 

and enables a more nuances analysis, albeit a less clear one. The hypothesis put forth in this part 

was that because of the prominent role of the government in EITI implementation, firms that 

interact with the government are expected to report a stronger reduction in corruption if EITI 

does indeed lead to a reduction in corruption. In the specification where interacting with the 

government was defined at the lower threshold – as firms who spent more time with government 

officials than the 50
th

 percentile firm – no clear picture emerges. In Peru, for two out of the three 

specifications the coefficient points at a reduction of corruption for firms that interact with the 

government, however, none of these coefficients is statistically significant. In Mali, for all three 

specifications, there is even an increase in reported corruption reported by firms interacting with 

the government compared to those that don‟t. However, when the threshold is set higher, at the 

75
th

 percentile, there seems to be a pattern of a stronger decrease in corruption reported by firms 
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that interact with the government in both countries. Finally, another interesting finding comes 

from the specification that does not control for selection into treatment. While such an analysis is 

not suited to derive lessons on policy effectiveness they show that there is indeed a bias in firms 

that interact with the government after EITI was introduced, and it seems to be firms that overall 

report lower levels of corruption as an obstacle to their businesses. In short, while the within 

country difference-in-difference estimations do not provide univocal confirmation of the 

hypothesis put forth, they do support the general picture that emerged in the cross-country 

analysis: Peruvian firms that interacted with the government tend to report a stronger reduction 

in corruption than those that didn‟t, while no clear effect can be found in Mali. 

 

These findings challenge some of the previous literature on the effectiveness of EITI that has 

found no proof that EITI led to improved governance and reduced corruption. At least in the case 

of Peru there is quite a significant decrease in corruption after the introduction of EITI and the 

within-country estimation hints at the fact that EITI has at least partially driven this 

development. In Mali, too, firms that interact with the government – which generally report 

higher levels of corruption than firms that do not interact with the government – have at least not 

driven the increase of corruption felt by all firms in the country. In particular, Ölcer (2009), who 

analyzes the effectiveness of EITI for the OECD, finds no evidence of a reduction in corruption 

in countries once they implemented EITI, using corruption perception indicators from the World 

Governance Indicators (WGI) and other aggregated data. While his cross-country analysis was 

different in scope than the analysis in hand, there are a few methodological elements that should 

be looked at in potential future cross-country work on EITI effectiveness. For one, EITI 
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countries have, per definition, low levels of governance and it is therefore important to 

benchmark them against a group of countries with similar governance levels and not, as done in 

previous work, against all other countries. Second, one has to be more subtle in defining when 

EITI is implemented and when it is merely a commitment to implement EITI. Admittedly, this is 

a complex task even for the limited analysis conducted in this paper, however, simply 

categorizing countries as EITI and non-EITI obscures some of the nuances associated with the 

multi-faced EITI implementation process. Lastly, and this point has been raised on a number of 

occasions in this paper, wherever possible, studies of corruption should include micro-level data 

to control for some of the perception bias in aggregated indicators which derive a lot of their 

explanatory power from expert assessments. Nonetheless, given the wealth of micro data on 

governance that has involved over the past decade, there is much scope for evaluations of the 

effectiveness of governance and transparency initiatives on the ground.  

 

CONCLUSION AND AREAS FOR FURTHER RESEARCH 

 

 

This paper is the first attempt, to my knowledge, to rigorously evaluate the effectiveness of EITI 

and is indeed one of the first rigorous evaluations of a cross-country governance initiative using 

micro level data. There are thus a number of very important lessons that can be learned from the 

analysis at hand in terms of methodology and in terms of potential future research areas. First, by 

taking advantage of the growing number of surveys that measure corruption as well as a number 

of new statistical tools, I show an attempt to provide an answer to the question that is at the core 

of every policy evaluation, namely, the approximation of the situation of what would have 
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happened in the absence of the policy. The methods used in this paper that were put forth by 

Abadie and Hainmueller offer a great opening to evaluate a whole range of programs and 

policies, particularly of policies implemented at the national level which are difficult to evaluate 

with other methodologies. Hopefully, others will follow and use these methodologies to build a 

body of evidence on what works in governance interventions to add to the already rich body of 

theoretical literature that has been developed over the past decade or so. Second, EITI varies 

significantly from country to country and only a close look at country level implementation will 

provide a valid answer to the question whether or not EITI worked in a specific country context. 

There also is a need to collect more frequent data, especially at the micro level and especially 

from affected firms. The data used in this survey did not include information from firms in the 

extractive sectors themselves which would have been very useful to compare their behavior to 

that of other firms. Moreover, the data collected by the WBES is collected only every other year 

which is a long time span given the dynamic environment firms in developing countries are 

operating in. Third, the effect of EITI on other governance dimensions should be explored. This 

paper focuses rather narrowly on corruption, but EITI has a broader set of goals such as 

improving the investment climate and strengthening accountability and governance. Given the 

many sources of governance data that have been developed over the past 15 years, there is a 

great potential to conduct such additional analysis, potentially using some of the methodologies 

suggested in this paper. Lastly, as is the case with all rigorous quantitative evaluations, there is 

always a great deal of certainty about the relationship between dependent and independent 

variable that goes along with little to no knowledge about the process by which one affected the 

other. This is a particular concern for the matter in hand. Which part of EITI implementation 
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actually affects corruption? Disclosure? Dissemination of Information? Civil society reaction? 

All these hypotheses cannot be tested with the data and methods applied here. Other 

methodologies, for example qualitative research methods, are needed to shed more light into the 

“blackbox” that governance policy still is.  
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Annex 1 Overview of WBES Surveys 

 
Country and Year of Survey Number of Firms Country and Year of Survey Number of Firms 

Afghanistan2008 535 Kyrgyzstan2005 202 

Albania2002 170 LaoPDR2009 360 

Albania2005 204 Latvia2002 176 

Albania2007 304 Latvia2005 205 

Algeria2002 557 Latvia2009 271 

Angola2006 425 Lesotho2003 75 

Angola2010 360 Lesotho2009 151 

Argentina2006 1063 Liberia2009 150 

Argentina2010 1054 Lithuania2002 200 

Armenia2002 171 Lithuania2004 239 

Armenia2005 351 Lithuania2005 205 

Armenia2009 374 Lithuania2009 276 

Azerbaijan2002 170 Madagascar2005 293 

Azerbaijan2005 350 Madagascar2009 445 

Azerbaijan2009 380 Malawi2005 160 

Bahamas2010 150 Malawi2009 150 

Bangladesh2002 1001 Malaysia2002 902 

Bangladesh2007 1504 Mali2003 155 

Belarus2002 250 Mali2007 490 

Belarus2005 325 Mali2010 360 

Belarus2008 273 Mauritania2006 237 

Benin2004 197 Mauritius2005 212 

Benin2009 150 Mauritius2009 398 

Bhutan2009 250 Mexico2006 1480 

BiH2002 182 Mexico2010 1480 

BiH2005 200 Micronesia2009 68 

Bolivia2006 613 Moldova2002 174 

Bolivia2010 362 Moldova2003 103 

Bosnia and Herzegovina2009 361 Moldova2005 350 

Botswana2006 342 Moldova2009 363 

Botswana2010 268 Mongolia2004 195 

Brazil2003 1642 Mongolia2009 362 

Brazil2009 1802 Montenegro2003 100 

Bulgaria2002 250 Montenegro2009 116 

Bulgaria2004 548 Morocco2004 850 

Bulgaria2005 300 Mozambique2007 479 
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Bulgaria2007 1015 Namibia2006 329 

Bulgaria2009 288 Nepal2009 368 

BurkinaFaso2006 139 Nicaragua2003 452 

BurkinaFaso2009 394 Nicaragua2006 478 

Burundi2006 270 Nicaragua2010 336 

Cambodia2003 503 Niger2009 150 

Cameroon2006 172 Nigeria2007 1891 

Cameroon2009 363 Oman2003 337 

CapeVerde2006 98 Pakistan2002 965 

CapeVerde2009 156 Panama2006 604 

Chad2009 150 Panama2010 365 

Chile2004 948 Paraguay2006 613 

Chile2006 1017 Paraguay2010 361 

Chile2010 1033 Peru2002 576 

China2002 1548 Peru2006 632 

China2003 2400 Peru2010 1000 

Colombia2006 1000 Philippines2003 716 

Colombia2010 942 Philippines2009 1326 

Congo2009 151 Poland2002 500 

CostaRica2005 343 Poland2003 108 

Costarica2010 538 Poland2005 975 

Croatia2002 187 Poland2009 455 

Croatia2005 236 Portugal2005 505 

Croatia2007 633 Romania2002 255 

Czech Republic2009 250 Romania2005 600 

Czech2002 268 Romania2009 541 

Czech2005 343 Russia2002 506 

DRC2006 340 Russia2005 601 

DRC2010 359 Russia2009 1004 

DominicanRepublic2005 225 Rwanda2006 212 

Ecuador2003 453 Samoa2009 109 

Ecuador2006 658 Senegal2003 262 

Ecuador2010 366 Senegal2007 506 

Egypt2004 977 Serbia&Montenegro2002 250 

ElSalvador2003 465 Serbia&Montenegro2005 300 

ElSalvador2006 693 Serbia2003 408 

Elsalvador2010 360 Serbia2009 388 

Eritrea2002 79 Sierra Leone2009 150 

Eritrea2009 179 Slovak Republic2009 275 

Estonia2002 170 Slovakia2002 170 
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Estonia2005 219 Slovakia2005 220 

Estonia2009 273 Slovenia2002 188 

Ethiopia2002 427 Slovenia2005 223 

FYROM2002 170 Slovenia2009 276 

FYROM2005 200 SouthAfrica2003 603 

Fiji2009 164 SouthAfrica2007 937 

Fyr Macedonia2009 366 SouthKorea2005 598 

Gabon2009 179 Spain2005 606 

Gambia2006 174 SriLanka2004 452 

Georgia2002 174 Swaziland2006 307 

Georgia2005 200 Syria2003 560 

Georgia2008 373 Tajikistan2002 176 

Germany2005 1196 Tajikistan2003 107 

Ghana2007 494 Tajikistan2005 200 

Greece2005 546 Tajikistan2008 360 

Grenada2010 153 Tanzania2003 276 

Guatemala2003 455 Tanzania2006 419 

Guatemala2006 522 Thailand2004 1385 

Guatemala2010 590 Timor Leste2009 150 

Guinea2006 223 Togo2009 155 

GuineaBissau2006 159 Tonga2009 150 

Guyana2004 163 Turkey2002 514 

Guyana2010 165 Turkey2004 557 

Honduras2003 450 Turkey2005 1323 

Honduras2006 436 Turkey2008 1152 

Honduras2010 360 Uganda2003 300 

Hungary2002 250 Uganda2006 563 

Hungary2005 610 Ukraine2002 463 

Hungary2009 291 Ukraine2005 594 

India2002 1827 Ukraine2008 851 

India2006 4234 Uruguay2006 621 

Indonesia2003 713 Uruguay2010 607 

Indonesia2009 1444 Uzbekistan2002 260 

Ireland2005 501 Uzbekistan2003 100 

Ivory Coast2009 526 Uzbekistan2005 300 

Jamaica2005 94 Uzbekistan2008 366 

Jamaica2010 376 Vanuatu2009 128 

Kazakhstan2002 250 Venezuela2006 500 

Kazakhstan2005 585 Venezuela2010 320 

Kazakhstan2009 544 Vietnam-b2005 500 
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Kenya2003 284 Vietnam2005 1150 

Kenya2007 657 Vietnam2009 1053 

Kosovo2009 270 Yemen2010 477 

Kyrgyz Republic2009 235 Zambia2002 207 

Kyrgyzstan2002 173 Zambia2007 484 

Kyrgyzstan2003 102 niger2005 125 

    

    

Total 115818   

 

 

Annex 2 Mean Corruption by Country, Survey Data Only  

 
 2002 2003 2004 2005 2006 2007 2008 2009 2010 

Afghanistan       2.31376   

Albania 2.098765   1.828283  2.121622    

Algeria 1.886973         

Angola     1.515294    2.97351 

Argentina     2.614794    2.298058 

Armenia 0.846154   1.282799    1.766667  

Azerbaijan 1.067114   1.398176    1.876133  

Bahamas         0.691781 

Bangladesh 2.560926     2.470864    

Belarus 1.138393   0.580858   1.58436   

Benin        2.544218  

Bhutan        0.742972  

Bolivia     2.720268    2.377095 

Bosnia and 

Herzegovina 

1.652174   1.401099    1.774929  

Botswana     1.255132    1.479245 

Brazil  2.85556      2.847875  

Bulgaria 1.525   1.168965  1.932  1.649254  

Burkina Faso     2.57554     

Burundi     1.107407   2.932115  

Cambodia  2.5752        

Cameroon     2.28655   2.830986  

Cape Verde     0.857143   1.543624  

Chad        2.78  

Chile   0.706257  1.481294    1.104594 
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China 1.605333         

Colombia     2.187117    2.053706 

Congo        2.833333  

Costa Rica         1.637383 

Croatia 1.289017   1.126126  1.068966    

Czech Republic 0.947581   1.448071    1.484979  

DRC     1.102941    2.804598 

Ecuador  2.0618   2.989231    2.402235 

Egypt, Arab Rep.   2.275105       

El Salvador  1.73333   2.373333   1.484979 2.231198 

Eritrea 0.24       0.011364  

Estonia 0.692771   0.6875      

Ethiopia 1.717703         

Fiji        1.753165  

Gabon        1.816092  

Gambia     0.666667     

Georgia 1.873563   1.22165   1.16246   

Ghana      0.645749    

Grenada         1.328467 

Guatemala  3.2923   2.578125    2.75043 

Guinea     2.121076     

Guinea Bissau     2.075472     

Guyana         1.88125 

Honduras  2.62583   2.758065    2.579251 

Hungary 0.773109   0.732639    1.467626  

India 1.947166         

Indonesia  1.86816      0.80832  

Ivory Coast        2.899408  

Jamaica         1.809524 

Kazakhstan 0.991379   0.913201    2.009634  

Kenya  2.963    2.175038    

Kosovo        3.059701  

Kyrgyz Republic 1.355422 2.01052  1.676768    2.441558  

LaoPDR        1.194245  

Latvia 0.944785   0.75    1.596899  

Lesotho        1.973154  

Liberia        1.704698  

Lithuania 1.145833  1.514644 1.160622    1.81203  

Macedonia, FYR 1.452229   1.619318      

Madagascar    2.213793    2.170068  
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Malawi        1.304054  

Mali  2.27922    0.834694   1.197531 

Mauritania     1.131356     

Mauritius    1.920398    1.964602  

Mexico     2.161554    2.221317 

Micronesia        1.471698  

Moldova 1.648148 2.3908  1.268657    1.766272  

Mongolia        1.722561  

Montenegro        0.54386  

Morocco   0.976471       

Mozambique      1.390397    

Namibia     1.109756     

Nepal        1.371831  

Nicaragua  2.66814   2.608974    2.235669 

Niger        3.014286  

Nigeria      1.484929    

Oman  0.705357        

Pakistan 1.955394         

Panama     1.603361    1.480447 

Paraguay     2.750825    2.363128 

Peru 2.544326    2.594507    2.175527 

Philippines  1.63662      1.316233  

Poland 1.496788 1.67676  1.209354    1.490099  

Romania 1.697095   1.597198    2.291139  

Russian Federati 0.985011   1.178182    2.133195  

Rwanda     0.476415     

Samoa        1.291262  

Senegal  1.82945    0.958498    

Serbia        1.707447  

Serbia and Monte 1.023256   1.467626      

Sierra Leone        1.879195  

Slovak Republic 1.5   0.802885    1.743295  

Slovenia 0.674033   0.551402    0.69697  

South Africa  1.11276    0.986111    

Spain    0.400341      

Sri Lanka   1.04       

Swaziland     1.384365     

Syrian Arab Repu  2.43165        

Tajikistan 1.267081 1.54411  0.951351   1.61198   

Tanzania  2.32592   1.246411     
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Timor Leste        0.966667  

Togo        2.834483  

Tonga        2.633333  

Turkey 1.280079  1.091575    1.86222   

Uganda  1.81428   1.26643     

Ukraine 1.509259   1.250903   2.44656   

Uruguay     1.708904    1.073825 

Uzbekistan 0.707965 0.395348  0.579439   1.25581   

Vanuatu        1.783333  

Venezuela         1.855769 

Vietnam     1.770791   0.410387  

Yemen         2.956989 

Zambia 2.029126     0.747934    

 

 

Annex 3 Mean Corruption by Country, Survey  and Extrapolated Data  

 
 2002 2003 2004 2005 2006 2007 2008 2009 2010 

Albania 2.098765 2.008605 1.918444 1.828283 1.974952 2.121622 2.268291 2.41496 2.56163 

Angola 0.057078 0.421632 0.786186 1.15074 1.515294 1.879848 2.244402 2.608956 2.97351 

Argentina 2.931529 2.852345 2.773161 2.693977 2.614794 2.53561 2.456426 2.377242 2.298058 

Armenia 0.846154 0.991702 1.137251 1.282799 1.403766 1.524733 1.6457 1.766667 1.887634 

Azerbaijan 1.067114 1.177468 1.287822 1.398176 1.517665 1.637155 1.756644 1.876133 1.995622 

Bangladesh 2.560926 2.542914 2.524901 2.506889 2.488877 2.470864 2.452852 2.434839 2.416827 

Belarus 1.138393 0.952548 0.766703 0.580858 0.91536 1.249861 1.584362 1.918863 2.253365 

Bolivia 3.063441 2.977648 2.891855 2.806061 2.720268 2.634475 2.548681 2.462888 2.377095 

Bosnia and Herze 1.652174 1.568482 1.484791 1.401099 1.494556 1.588014 1.681471 1.774929 1.868386 

Botswana 1.031019 1.087047 1.143075 1.199104 1.255132 1.31116 1.367189 1.423217 1.479245 

Brazil 2.856852 2.855569 2.854287 2.853004 2.851722 2.850439 2.849157 2.847875 2.846592 

Bulgaria 1.525 1.406322 1.287644 1.168965 1.550483 1.932 1.790627 1.649254 1.507881 

Cameroon 1.560635 1.742114 1.923592 2.105071 2.28655 2.468029 2.649507 2.830986 3.012465 

Chile -0.06878 0.318738 0.706257 1.093775 1.481294 1.387119 1.292944 1.198769 1.104594 

Colombia 2.320528 2.287175 2.253822 2.220469 2.187117 2.153764 2.120411 2.087058 2.053706 

Croatia 1.289017 1.23472 1.180423 1.126126 1.097546 1.068966 1.040385 1.011805 0.983225 

Czech Republic 0.947581 1.114411 1.281241 1.448071 1.457298 1.466525 1.475752 1.484979 1.494205 

Ecuador 1.75267 2.06181 2.37095 2.680091 2.989231 2.842482 2.695733 2.548984 2.402235 

Estonia 0.692771 0.691014 0.689257 0.6875 0.676339 0.665179 0.6540179 0.642857 0.631696 

Georgia 1.873563 1.656259 1.438954 1.22165 1.201921 1.182193 1.162465 1.142737 1.123009 
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Guatemala 3.530368 3.292308 3.054247 2.816186 2.578125 2.621201 2.664278 2.707354 2.75043 

Honduras 2.581759 2.625835 2.669912 2.713988 2.758065 2.713361 2.668658 2.623954 2.579251 

Hungary 0.773109 0.759619 0.746129 0.732639 0.916386 1.100132 1.283879 1.467626 1.651373 

Indonesia 2.044803 1.868163 1.691522 1.514882 1.338241 1.161601 0.9849602 0.80832 0.631679 

Kazakhstan 0.991379 0.96532 0.93926 0.913201 1.187309 1.461417 1.735526 2.009634 2.283742 

Kenya 3.160115 2.9631 2.766084 2.569069 2.372054 2.175038 1.978023 1.781007 1.583992 

Kyrgyz Republic 1.355422 2.010526 1.843647 1.676768 1.867965 2.059163 2.250361 2.441558 2.632756 

Latvia 0.944785 0.879857 0.814928 0.75 0.961725 1.17345 1.385174 1.596899 1.808624 

Lithuania 1.145833 1.330239 1.514644 1.160622 1.323474 1.486326 1.649178 1.81203 1.974882 

Macedonia, FYR 1.452229 1.507926 1.563622 1.619318 1.675014 1.730711 1.786407 1.842103 1.8978 

Madagascar 2.246587 2.235656 2.224724 2.213793 2.202862 2.191931 2.180999 2.170068 2.159137 

Mali 2.640353 2.279221 1.918089 1.556957 1.195826 0.834694 0.9556395 1.076585 1.197531 

Mauritius 1.887245 1.898296 1.909347 1.920398 1.931449 1.9425 1.953551 1.964602 1.975653 

Mexico 2.101791 2.116732 2.131673 2.146613 2.161554 2.176495 2.191436 2.206376 2.221317 

Moldova 1.648148 2.390805 1.829731 1.268657 1.393061 1.517464 1.641868 1.766272 1.890676 

Nicaragua 2.687864 2.668142 2.648419 2.628697 2.608974 2.515648 2.422322 2.328995 2.235669 

Panama 1.726276 1.695547 1.664819 1.63409 1.603361 1.572633 1.541904 1.511176 1.480447 

Paraguay 3.138522 3.041598 2.944674 2.847749 2.750825 2.653901 2.556977 2.460053 2.363128 

Peru 2.544326 2.556872 2.569417 2.581962 2.594507 2.489762 2.385017 2.280272 2.175527 

Philippines 1.690027 1.636628 1.583229 1.52983 1.47643 1.423031 1.369632 1.316233 1.262834 

Poland 1.496788 1.676768 1.443061 1.209354 1.27954 1.349727 1.419913 1.490099 1.560285 

Romania 1.697095 1.663796 1.630497 1.597198 1.770683 1.944169 2.117654 2.291139 2.464624 

Russian Federati 0.985011 1.049401 1.113791 1.178182 1.242572 1.306962 1.371353 1.435743 1.500134 

Senegal 2.047197 1.829457 1.611718 1.393978 1.176238 0.958498 0.7407582 0.523018 0.305279 

Slovak Republic 1.5 1.267628 1.035256 0.802885 1.037987 1.27309 1.508192 1.743295 1.978398 

Slovenia 0.674033 0.633156 0.592279 0.551402 0.587794 0.624186 0.6605777 0.69697 0.733362 

Tajikistan 1.267081 1.544118 1.247735 0.951351 1.171563 1.391775 1.611987 1.832199 2.052411 

Tanzania 2.685764 2.325926 1.966088 1.60625 1.246411 0.886573 0.5267352 0.166897 -0.19294 

Turkey 1.280079 1.185827 1.091575 1.284237 1.476899 1.66956 1.862222 2.054884 2.247546 

Uganda 1.996904 1.814286 1.631667 1.449048 1.26643 1.083811 0.9011925 0.718574 0.535955 

Ukraine 1.509259 1.42314 1.337021 1.250903 1.649457 2.048011 2.446565 2.845119 3.243673 

Uruguay 2.343983 2.185213 2.026443 1.867674 1.708904 1.550134 1.391365 1.232595 1.073825 

Zambia 2.029126 1.772888 1.516649 1.260411 1.004172 0.747934 0.4916954 0.235457 -0.02078 
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