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ABSTRACT 

 

 This study looks at the socioeconomic backgrounds of U.S. military recruits and casualties 

after 9/11. I aggregate data from the Department of Defense and the U.S. Census Bureau into 3-

digit Zip Code Tabulation Areas (ZCTA).  I then use Ordinary Least Squares regressions to 

determine casualty rates and recruitment rates, controlling for such factors as race, ethnicity, 

income, and education. I find that it is not poor, heavily minority communities that are suffering 

the most from the wars, but largely white, middle-class communities. I also find that white 

Hispanics are overrepresented in combat-related jobs within the military and, as a result, suffer a 

disproportionately high casualty rate while African Americans suffer a disproportionately low 

casualty rate.  
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INTRODUCTION 

 

 My thesis will explore the socioeconomic backgrounds of U.S. military casualties during 

the last 13 years of war.  As of March 27th, 2015, there have been 6,829 deaths.1 These deaths 

comprise of people who were husbands, wives, fathers, mothers, sons, and daughters. Their loss 

can have significant effects in both the immediate family and their community. Therefore, 

studying which types of people are sacrificing their lives for the rest of society is important. 

Specifically, this thesis will look at which racial and economic groups suffered the most combat 

deaths and saw the highest recruitment rates. This is a quantitative analysis and will use 

descriptive statistics and multivariate regression to analyze what the socioeconomic backgrounds 

of recruits were during this period and which communities sacrificed the most. My hypothesis is 

that the burden of the recent wars in Iraq and Afghanistan are disproportionately carried by 

white, middle-class citizens. I will test this by compiling socioeconomic data for each casualty 

and cross referencing it with census data for their respective geographic region. Additionally, I 

will take recruiting data compiled by the Department of Defense and compare it against the same 

census data. This will allow me to create a casualty rate and a recruitment rate by geographic 

area, which I can then compare against economic and social indicators for the geographic area. 

There remains a persistent view by many that joining the military is an option of last 

resort- people who cannot get jobs or get into college join out of necessity. As such, the 

impression is that people of less advantaged social classes join and, as a result, die when the U.S. 

goes to war. Most notably, Representative Charles Rangel has introduced numerous bills in 

Congress to bring back conscription because “A disproportionate number of the poor and 

                                                 
1 Obtained from the Defense Casualty Analysis System at: https://www.dmdc.osd.mil/dcas/pages/casualties.xhtml. 
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members of minority groups make up the enlisted ranks of the military, while the most privileged 

Americans are underrepresented or absent.”2 Numerous studies have shown mixed results over 

the last 20 years. However, no studies to date have looked at the Global War on Terror from 

inception to present day.3 This war represents the longest sustained military engagement in our 

nation’s history. At its height, the U.S. military had to enact some controversial policies in order 

to maintain the force at necessary levels. Namely, it resorted to lowing admission standards and 

instituted what is known as stop-loss.4 Resorting to these policies and the persistent belief of a 

“rich man’s war, poor man’s fight” fueled speculation that the underprivileged were bearing the 

brunt of the sacrifice. This belief led to calls for a reinstatement of the draft. Leaders such as 

Congressman Charlie Rangel5 and GEN (Ret) Stanley McChrystal,6 are in favor of a draft. 

Congressman Rangel introduced the Universal National Service Act in 2003, 2006, 2007, 2010, 

                                                 
2 http://www.nytimes.com/2002/12/31/opinion/bring-back-the-draft.html 
3 The term “Global War on Terror” has fallen out of favor. The Obama administration now uses the term “Overseas 
Contingency Operation.” However, due to its widely understood meaning I will refer to the wars in Iraq and 
Afghanistan as the “Global War on Terror” or GWOT. 
4 Stop-loss is the involuntary extension of service beyond the servicemember’s end of term of service (ETS). It has 
been referred to as a type of “back door draft.” After the attacks on September 11th, 2001, President Bush signed 
an order allowing for the extension of service for military members under the auspices of a national emergency. It 
was used for a number of years to help maintain troop levels. The stop-loss system is generally targeted, meaning 
that it is focused on retaining soldiers with critical skills. While arguably the most controversial, Bush’s order was 
not the first time members of the military were compelled to serve past the contractual obligation. Congress 
authorized this power to the Executive during the Vietnam War, fearing the loss of combat experienced soldiers 
might hurt the war effort in that country. However, it was President George H.W. Bush who first exercised the 
authority leading up to the first Gulf War. 
5 Rangel, Charlie. 9 March 2005 interview by Alton Frye of the Council on Foreign Relations 
http://www.cfr.org/defense-policy-and-budget/should-united-states-reinstitute-draft-conversation-congressman-
rangel-audio/p8147. 
6 GEN (Ret) Stanley McChrystal’s remarks at the Aspen Ideas Festival 2012. Accessed at the Aspen Ideas Website 
at: http://www.aspenideas.org/session/civic-rite-passage-case-national-service#1GFic5K-QWo Ricks, Thomas. 
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2011 and 2013.7  He continues to call for the draft, most recently in 2013 when he called for a 

draft before the possible intervention in Syria.8   

  This paper is divided into six sections. Section II provides background on the issue and 

examines relevant literature. Section III provides the theoretical framework for my analysis. In 

section IV, I explain my empirical model. Section V describes my data and the results of a 

multivariate regression and finally, in section VI, I discuss the policy implications of my 

findings.  

 

Background and Literature Review 

The creation of the All-Volunteer Force (AVF) in 1973 was a major turning point in how 

the military sources its manpower. Starting with the Revolutionary War, the early years of the 

United States saw the use of voluntary citizen militias as the primary source of military force. 

This structure existed until the Civil War, when the first instance of conscription occurred. After 

the Civil War, a general plan was put in place for selective service that persists to this day 

(Rostker, 2006). The draft continued from the Civil War until 1973 as the prime mechanism for 

sourcing manpower for the armed forces. War on the scale in which it occurred in the Civil War, 

World War I and World War II necessitated the use of conscription. The U.S. needed to field 

massive armies due to the nature of the conflicts. However, by the time the conflict in Vietnam 

was at its height, many influential thinkers began to assert that an all-volunteer system could 

                                                 
7 Congressman Charlie Rangel Congressional Website. Accessed at: http://rangel.house.gov/rangel%E2%80%99s-
right-it%E2%80%99s-time-another-draft. 
8 Congressman Charlie Rangel Press Release. Accessed at: http://rangel.house.gov/press-release/rangel-reinstate-
draft-we-go-syria. 
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provide the necessary manpower for the standing army and we would have the selective service 

system in place if another large scale conflict necessitated the need for more soldiers. President 

Nixon appointed a commission to study the issue. Formally titled “The Presidents Commission 

for an All-Volunteer Armed Force9,” the commission comprised of a highly diverse set of 

influential thinkers in business, academia, and the government. Commonly known as the Gates 

Commission, the group studied the efficacy of a transition to an AVF on normative and empirical 

grounds and found that a transition to an AVF was not only a more democratic approach to 

sourcing manpower, but it made economic sense as well (Gates Commission Report, 1970). 

Conscription was (and in some cases still is) viewed by many as a more egalitarian 

method for selecting those who serve, but in practice it was wrought with problems.10 Those with 

means were able to avoid the war, leaving the bulk of the fighting and dying to individuals of 

lesser means (Golding and Adedeji, 2007). Additionally, some raised concerns that an AVF 

would further shift the burden of fighting the nation’s wars to minorities and the poor. Indeed, 

more minorities did start to serve; African Americans were overrepresented as a percentage of 

the population during much of the post-Vietnam era but suffered, however, fewer casualties in 

the subsequent conflicts (Gifford, 2005). 

 Knowing the socioeconomic backgrounds of the men and women who serve is important. 

It gets directly to the question of representativeness. Much concern has been expressed of the 

                                                 
9 The terms “All Volunteer Armed Force” and “All Volunteer Force” are synonymous. When referencing the 1970 
study in this paper I use the slightly more parsimonious term of All Volunteer Force, or AVF, so it matches the 
parlance used to describe the system today.  
10 For example, college deferments in Vietnam allowed for those who were willing and able to go to college and 
avoid the draft. Similarly, during the Civil War, Union draftees could pay a fine or hire a replacement to avoid the 
war. Other examples exist in other wars; for more, see the CBO study: “The All-Volunteer Force: Issues and 
Performance,” (2007). 
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“civil-military divide” and this issue gets to the heart of the conversation. Who chooses to serve 

and who dies in combat can have lasting effects in a community and for the country. It also gets 

to the greater policy question of how we want to source our military manpower. As a result, 

numerous studies have examined the socioeconomic backgrounds of the men and women who 

serve in the U.S. military. Numerous others have looked at which groups suffered the most 

casualties in past wars. Few have studied both aspects in the United States’ most recent wars in 

Iraq and Afghanistan.  

In one of the more comprehensive studies of the issue, Kriner and Shren produced a 

detailed quantitative examination of the socioeconomic backgrounds of U.S. war casualties in 

their 2010 book, The Casualty Gap (Kriner and Shren, 2010). Their study looked at home of 

record data on every casualty from World War II to the first few years of the second Iraq War. 

Using zip code data and census reports for economic indicators of the various hometowns of the 

fallen, they found that a disproportionate number of war casualties came from economically 

disadvantaged communities. They found a fairly even distribution of casualties based on 

socioeconomic status during WWII, but since then disadvantaged communities have borne the 

brunt of the sacrifice (Kriner and Shren, 2010).  

Similarly, Gifford finds disproportionately high casualty rates among minorities 

compared to whites during the initial stages of the Iraq war (Gifford, 2005). His analysis covers 

casualties from 2003 to 2004 and finds that casualty rates between minorities and whites differ 

from high-intensity phases of combat to low-intensity phases. He defines high-intensity as the 

initial stages of a war effort when combat is the fiercest. Low-intensity is defined as the period in 

which major combat operations are over and support/stability operations are the main effort of 
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U.S. forces. His analysis was inconclusive about what drives this difference, but he does theorize 

that since blacks make up a disproportionate amount of non-combat Military Occupational 

Specialties (MOS), that when these support personnel were following the combat troops into Iraq 

they had less offensive/defensive capability than combat troops and therefore suffered more 

casualties when attacked. Additionally, he finds that Hispanics suffered disproportionately high 

casualties in combat units during high-intensity phases of war (Gifford, 2005).  

Supporting some of these findings, O’Hare and Bishop similarly find that up to 2006, war 

casualties came disproportionately from rural areas. They define “rural” as nonmetropolitan 

counties and “urban” as metropolitan areas and their surrounding suburbs, as designated by the 

Office of Management and Budget. They also attribute this to the simple fact that more soldiers 

enlist from these rural areas (O’Hare and Bishop, 2006). 

The question of which groups are killed in combat is an understudied area in the United 

States’ most recent wars. However, the question of who is volunteering to serve in these wars is 

fairly well studied. The following paragraphs highlight a few of the most significant 

contributions to the question. 

In a study looking at recruitment, Tim Kane examines the socioeconomic backgrounds of 

the men and women who joined the military before and after September 11, 2001 (Kane, 2005). 

His analysis used two cohorts, one group enlisted prior to 9/11 and the other group enlisted after. 

He then analyzes these two groups by looking at household income, education, race/ethnicity, 

and region of the country. He uses a method similar to Kriner and Shen by analyzing 

socioeconomic indicators for recruits by zip code, then comparing them against the general 

population. However, his findings differ significantly from that of Kriner and Shen. What he 
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finds was that recruits prior to 9/11 were, on average, more educated than the general population, 

came more from rural areas of the country, and were of similar income status relative to the 

general population. Recruits entering after 9/11 were also more educated than the general 

population but were from a higher income status than the general population (Kane, 2005).  

Similarly, Watkins and Sherk perform a demographic analysis of recruits in 2006 and 

2007 (Watkins and Sherk, 2008). They use census tracts instead of zip codes, allowing for a 

higher fidelity of information regarding the economic backgrounds of the recruits during this 

period. The census tracts are smaller geographic areas than the zip codes used by Kane. Since 

income level can vary widely within one zip code, using census tracts can reduce the error 

generated by using the larger geographic area. They reach results similar to Kane: recruits were 

overrepresented in the higher income quintiles and were significantly more educated than their 

civilian peers (Watkins and Sherk, 2008). Supporting these results, Asoni and Sanandaji use 

National Longitudinal Survey of Youth (NLSY) data from 1997 and came to the conclusion that 

overrepresentation by minorities has declined in recent decades and non-Hispanic whites are 

significantly overrepresented as casualties in Iraq and Afghanistan (Asoni and Sanandaji, 2013).  

In another study of the issue, the Congressional Budget Office used DoD and NLSY data 

and find that African Americans were overrepresented as a population within the military, but 

suffer a much lower casualty rate in the most recent wars. The study finds that whites are 

overrepresented as casualties in the wars in Iraq and Afghanistan. This is due, in part, because 

white servicemembers are overrepresented in combat-related occupations and black 

servicemembers are underrepresented. In terms of economic status, the study also finds a fairly 

proportional representation within the military across all income groups. The difference was at 
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the extremes, where young people from the very lowest and highest income areas are slightly 

less likely to join the military (Golding and Adedeji, 2007). Similarly, in a separate study looking 

at economic classes, Lutz finds that the military is overrepresented by the middle class (Lutz, 

2008).  

An important distinction exists between simply looking at aggregate data on the 

socioeconomic backgrounds of people that elect to serve in the military and looking at which 

groups of people go into which jobs. The mechanisms that place a recruit into a combat job is 

worth examining. These mechanisms can be driven by pecuniary factors or patriotism (i.e. self-

selection into jobs) or by cognitive ability or skills (i.e. placement into jobs).  When a potential 

recruit is interested in joining the service, they meet with a recruiter and discuss options. If they 

are still interested a time is set up to take the Armed Services Vocational Aptitude Battery 

(ASVAB). The ASVAB is the current battery of tests that measures a recruits aptitude for certain 

jobs in the military. Based on their score they receive a percentile rating known as the AFQT. 11 

They also receive a full physical and background check in order to determine their eligibility for 

service. If the results come back favorable for all the tests they are then offered their choice of 

available jobs.12  

Kriner and Shren argue that two mechanisms likely contribute to the casualty gap in the 

four wars they examined. The first mechanism is how recruits are selected from the population. 

In an AVF, there are those who see service as a calling and those who predicate their decision 

                                                 
11 Armed Forces Qualification Test. The ASVAB consists of 10 tests, four of these tests comprise your AFQT which, 
as a result, determines if someone is eligible to join to join the military. Scores on the 10 subject areas of the 
ASVAB determine which jobs a recruit is eligible for. 
12 The job selection process varies a bit between the services. Marine recruits typically make a request for the job 
field they are most interested in and are then placed into a specific job after recruit training. 
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based on economic factors (and for some it may be a mixture of both). The second mechanism is 

how the military assigns recruits into military occupational specialties (MOS).13 The AFQT 

determines which jobs they are offered; the higher the score, the more options they have. These 

mechanisms, Kriner and Shen argue, often put men and women from disadvantaged backgrounds 

into MOS’s that entail higher levels of risk (Kriner and Shren, 2010).  

Kriner and Shen’s analysis is detailed and extensive, but their methods conflict with the 

way others have examined the issue. They use median income and education levels as a way to 

determine areas that are “advantaged” and “disadvantaged” with an ambiguous distinction of the 

cutoff point from one category to the other. What these categories fail to account for is the cost 

of living and quality of life in a certain region of the country opposed to another. The median 

income level of New York City ($57,683) is higher than Sioux Falls, South Dakota ($51,882). 

However, someone making $50,000 a year in Sioux Falls could arguably live better than 

someone making $75,000 in New York City since the median home price is nearly double that of 

Sioux Falls.14 Their study indicates that rural areas are sending more recruits into the military, 

which matches the findings of other studies (O’Hare and Bishop, 2006, Kane, 2005). Since rural 

areas generally have lower median income levels than urban areas, failing to account for this 

difference (and other differences) is important. Therefore, labeling these areas simply as 

“disadvantaged” can be problematic. 

                                                 
13 The Army and Marine Corps use the term MOS. The Air Force uses Air Force Specialty Codes (AFSC) and the Navy 
refers to them as “Ratings.” However, due to the more generic nomenclature of the Army and Marine term, MOS 
will be used throughout this paper and should be considered synonymous with the word “job.” 
14 $151,000 in Sioux Falls vs $295,000 in NYC. Data come from U.S. Census Bureau Quickfacts webpages for Sioux 
Falls, SD and New York, New York. 
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Kleykamp uses multiple data sources to determine what mechanisms drive Texas high 

school students into the military. She finds that educational goals and proximity to military bases 

play a substantial role in the decision to enlist in the military. Her analysis concludes that 

individuals from advantaged backgrounds who have an interest in college usually eschew joining 

the military, but individuals from lower socioeconomic classes use the military as a means for 

upward social mobility (Kleykamp, 2006). Her analysis does not, however, indicate which 

classes enter the jobs most likely to see combat and as a result become a casualty of war. 

Likewise, the studies by Kane and Watkins and Sherk do not look at which recruits 

entered combat MOS’s or what the socioeconomic backgrounds were of the recruits that died in 

combat. In an attempt to study which groups enter combat MOS’s, Alair MacLean and Nicholas 

Parsons look at the mechanisms that drive certain individuals into combat versus non-combat 

jobs (Maclean and Parsons, 2010). They use data from the National Longitudinal Study of Youth 

to determine the socioeconomic backgrounds of individuals entering combat-related fields in the 

military. They then use a supply and demand framework to explain why certain individuals enter 

combat occupations in the military. They find that men from disadvantaged backgrounds 

(measured by looking at family income, education, and whether or not they came from intact 

families) were more likely to end up in combat MOS’s and that men from advantaged 

backgrounds are more likely to have a choice in choosing non-combat related jobs. The military 

can designate who is eligible to perform certain jobs based on the results of the AFQT. There is a 

lower threshold for acceptance into combat related jobs. Since men from disadvantaged 

backgrounds are more likely to have lower levels of education and lower scores on the AFQT, 
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they are the group more likely to enter the combat related job fields of the military (Maclean and 

Parsons, 2010).  

A study by Segal, Bachman, Freedman-Doan, and O’Malley looks at panel data on high 

school seniors to determine which race/ethnic groups have a higher propensity to serve in the 

military (Segal et al., 1999).15 They find that in the 20 years prior to the war on terror, Hispanics 

have had a higher propensity to serve than whites, but African Americans have had a higher 

propensity to serve than either whites or Hispanics. The DoD finds a similar trend in their 2001 

report, Population Representation in the Military Services (OSD, 2001).16 However, their latest 

report for 2011 finds that the percentages of African Americans across all branches of the 

military have moved closer to the general population percentages over the last ten years (OSD, 

2011). Kleykamp finds similar results in her study (Kleykamp, 2006). In a later study, Segal et 

al. also saw this trend and determined that now Latinos are filling the recruitment decline 

experienced by African Americans, and as a result the rate of Latino accession is increasing and 

is expected to continue to rise going forward (Segal, Thanner, Segal, 2007). 

None of the studies mentioned above takes a comprehensive look at who served and died 

during the ongoing GWOT. Kriner and Shen come closest, but their data were limited to four and 

a half years of a thirteen year (and counting) war.  They also only looked at casualties in Iraq. 

The nature of the wars have changed overtime: Operation Iraqi Freedom (OIF) turned into 

Operation New Dawn (OND) and there were surges in Iraq and Afghanistan since 2006. The 

                                                 
15 They used data from the University of Michigan’s Monitoring the Future (MtF) project. These data track high 
school seniors since 1975 and eighth and tenth graders since 1991. 
16 Table D-17 shows the percentage of African Americans serving in each service compared to the general 
population. 
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recession hit the U.S. hard in 2008 and had an effect on the type of recruits entering the military. 

It also had an effect on the type of soldiers who elected to stay in the military. Therefore, a more 

comprehensive analysis of the war is useful to understand who fought, who died, and what it 

means for society. The next two sections will explore the empirical aspects of how I will 

examine this issue. 

 

Theoretical Framework 

In order to examine if minorities and people of lesser means are disproportionately 

suffering the most casualties, I propose using the following theoretical framework:  

                                  Casualty Rate = ƒ (Income, Education, Race, ε)                                   (1) 

 

The logic driving this model is that census measures of income, education, and race are 

useful proxies for determining if residents of an area are economically and socially 

disadvantaged. Education provides human capital and can serve as a filtering process in driving 

certain groups into high-risk military occupations. Recruits from advantaged backgrounds will 

often have a better education, score better on the Armed Services Vocational Aptitude Battery 

(ASVAB) and, as a result, have the ability to choose jobs that are not combat related. In the 

military, jobs in fields such as intelligence and communications require higher test scores than 

fields such as infantry or armor. Therefore, one would expect to see recruits with lower overall 

test scores in combat related fields and, similarly, that they have lower test scores as a result of a 

less advantaged upbringing. In terms of race and ethnicity, African Americans and Latinos are 

often disproportionately represented in lower income groups when compared to whites. 

Similarly, income levels can vary significantly by region, so one would expect larger numbers of 
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recruits to come from poorer areas of the country because they have fewer options and they see 

the military as a means for social mobility. 

 

Empirical Model 

My econometric model uses Ordinary Least Squares (OLS) to determine if economic, 

education, and racial factors can predict casualty rates. The model is outlined below: 

                     Casualty Rate = 𝜷𝟎 + 𝜷𝟏Income + 𝜷𝟑Education + 𝜷𝟒Race +𝜷𝟓Age + u                         (2) 

All of the independent variables come from 2011 U.S. census data. I am using a 

geographic area delineated by the Census Bureau’s Zip Code Tabulation Area, or ZCTA. The 

ZCTA’s developed by the census bureau are not the same as United States Postal Service 

(USPS) zip codes. USPS zip codes frequently change, but ZCTA’s are stable geographic areas 

built from census blocks used during census-taking. Income is a measure of median household 

income for the given area. Education is broken up into three sub-groups: the percentage who did 

not finish high school, the percentage that did, and the percentage that have a college degree or 

higher. Race includes an ethnicity component in order to distinguish between non-Hispanics and 

Hispanics, therefore race is parsed into the following categories: White Non-Hispanic, 

White/Hispanic, African American, Native American, Other, and Mix. Mix is a designation for 

people of two or more racial groups. Age is simply the mean age for the zip code area. 

Contrary to the findings of Kriner and Shen, I expect to find that it is not the poorest 

areas that are bearing the brunt of the war, but the lower middle-to middle class parts of the 

country. I anticipate that income will be negatively correlated with the casualty rate in a simple 

regression, but see it become positively correlated at middle income ranges. The relationship is 
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likely not linear, but quadratic. Therefore, since potential recruits who come from wealthy 

backgrounds with a good education have more options to go to college, I expect to find that areas 

that have lower educational attainment and income levels should see higher recruitment rates and 

possibly higher casualty rates in a simple univariate regression, but take on a parabola shape 

when quadratic terms are included. Another factor driving this quadratic shape is that the poorest 

and least educated are least likely to qualify for military service based on the physical standards 

and testing required by the military. In terms of race, I expect that minorities (primarily African 

Americans) will be negatively correlated with the casualty rate and that whites will be positively 

correlated. Since the military is primarily comprised of younger people, I expect that zip codes 

with a younger demographic will be positively correlated with the casualty rate.  

 

Data Description and Regression Results 

Overview of the data 

The primary data sets comes from the Office of the Secretary of Defense and Joint Staff, 

FOIA Request Service Center library and the U.S. Census Bureau.17 For the casualty data from 

the DoD, the date range for the list of casualties runs from January 1st, 2000 to May 29th, 2013. 

The data cover all death categories, including deaths due to suicide, illness, accidents, and 

homicides. The original data set had over 16,000 observations. After deleting all death categories 

except combat-related deaths such as Killed in Action (KIA) and Died of Wounds (DOW) the 

observations were reduced to 5,267. The data set also includes variables such as date of birth, 

date of death, name, race, gender, branch of service, military occupation specialty, and home of 

                                                 
17 Located at http://www.dod.mil/pubs/foi/foiaLibrary.html, accessed on September 30th, 2014. 

http://www.dod.mil/pubs/foi/foiaLibrary.html
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record. After eliminating casualties with missing data, I was left with 5,252 observations. This 

data set is primarily used for descriptive statistical analysis. However, the home of record data 

were used to determine a casualty rate by 3-digit zip code area when combined with the census 

data. 

To examine socioeconomic factors by geographic region I look at data provided by the 

U.S. Census Bureau’s American Community Survey (ACS). From the ACS I pulled income, 

race, education, and age data by census Zip Code Tabulation Areas (ZCTA). These data were 

then aggregated into 3-digit ZCTA regions so they could be paired with the other data.18  

Additionally, military recruiting data for 2000 to 2010 is available from Data.gov and are 

arranged by the first three digits of the enlistee’s zip code. This data set is also used primarily for 

descriptive statistical analysis as it includes the number of recruits by race and education level.19 

The 3-digit zip code data allowed me to pair them with the ACS data in order to determine a 

recruitment rate for each ZCTA.  

Changes to the data 

The only data set in which I made changes was the casualty data. Age was not listed on 

the original casualty data set, so I calculated age by using the date of birth and date of death for 

all observations. Additionally, ethnicity was not delineated for each casualty. Hispanic/Latino 

servicemembers are listed correctly under the racial category of White, but in analyzing which 

demographic groups bore the brunt of the casualties not differentiating between whites and 

                                                 
18 Meaning the first three digits of the ZCTA. For example, ZCTA’s of 76010, 76011, and 76013 would fall under 
760. Aggregating the ZCTA’s into three digits makes the data more manageable. Additionally, the recruit data set 
only came in this form, therefore necessitating its use.  
19 A summary table is given in Appendix 1. 
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whites with Hispanic backgrounds is problematic. The Hispanic/Latino community (hereon 

referred to as Hispanic) represents a significant, and growing, demographic in American political 

and cultural life. As a result, I examined each casualty to determine ethnic background, 

identifying each as either white or white/Hispanic. This was done through a number of methods, 

including surname analysis, news reports, and home of record identification.20 This yielded 515 

observations coded as white/Hispanic and 4,030 categorized as white. As Figure 1 shows, failing 

to parse out Hispanics from other whites gives the impression that African Americans suffered 

the second-most number of casualties by culture class when it actually was individuals of 

Hispanic descent. This is a significant finding since African Americans constitute a larger 

percentage of the U.S. military population than Hispanics. 

 

 

 

 

 

 

 

 

                                                 
20 For example, there are 39 casualties from Puerto Rico with surnames typical of individuals of Hispanic descent, 
as such they were all categorized as White/Hispanic. This method is far from perfect and inevitably introduces 
some bias, as such the estimates should be considered as the upper bound. Additionally, the information comes 
from self-reporting of race, therefore when presented with only the race option of White, while technically 
correct, it appears that many Latino’s preferred to report “Declined to Respond” for race. When identified, I also 
listed these casualties as White/Hispanic. 
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      Figure 1 

 

As described above, the ACS and the recruitment data were aggregated by three digit 

ZCTA. There were no other changes to those data sets. I did, however, create a summary table of 

the recruitment data in order to get the 10 year averages shown in Appendix 1. 

Descriptive Statistics- Casualty Data 

The age range for casualties in this data set stretched from 18 to 60. The average age was 

26 years old and the vast majority of casualties occurred in the 18-30 year age range. This is not 

surprising as the bulk of the military is comprised heavily within these age ranges and roughly 

approximates the age distribution for the entire military population. Additionally, the vast 

majority of casualties were male: 5,183 of the 5,267 deaths, or 98.4 percent. Roughly half of the 

individuals were married (48 percent). 

Not surprisingly, the service components that suffered the most casualties during this 

time period were the ones that have the primary mission of ground combat. The Army suffered 
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the most casualties, followed by the Marine Corps. Combined, they accounted for 95.6 percent of 

all combat casualties (see Figure 2). 

      Figure 2 

 

Additionally, the vast majority of casualties came from the geographic South and West 

regions of the United States (see Figure 3). The South suffered the plurality of casualties at 40 

percent. The 87 individuals listed under “Non-U.S.” were from U.S. territories such as Puerto 

Rico and Guam, or had a home of record listed in another country. 
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      Figure 3 

 

Not surprisingly, the majority of combat casualties came from those service members 

working in ground combat specialties like Infantry, Armor, or Special Operations Forces. The 

military codes certain occupations as combat related fields; taking this information I coded each 

occupational code listed in the data set in a binary fashion, in which the numeral 1 equaled a 

ground combat job and 0 equaled all other jobs. A total of 3,407 deaths came from individuals 

serving in combat-arms related fields, which equals 64.7 percent of all casualties. One might 

think that this number would be higher, but the asymmetric nature of these wars resulted in many 

non-combat related fields being engaged in combat through Improvised Explosive Device (IED) 

attacks on convoys and indirect fire attacks on Forward Operating Bases (FOBs). 

One significant finding of these casualty statistics is the disparity in the number of 

casualties for each race compared to their population percentages in the military. According to 

the 2010 demographic study by the Department of Defense, African Americans comprised 

roughly 17 percent of the total active duty force, but they constituted only 8.2 percent of the 
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casualties from 2001 to 2013. Additionally, in 2010 Non-Hispanic whites were about 61 percent 

of the military population but suffered 77.6 percent of the casualties from 2001 to 2013. White 

Hispanics were 9.6 percent of the military population in 2010 and suffered 9.8 percent of the 

casualties from 2001-2013.21 See Table 4 for a graph representing these numbers. 

                Figure 4 

 

Another interesting finding is when one looks at the average of the median household 

income level of the casualties in Table 1. This number came from matching the home of record 

data to U.S. Census Bureau ZCTA’s and then matching the ZCTA’s to median household 

income data derived from the Bureau’s ACS database. The average household income level for 

the areas these servicemembers called home was $52,022 (in 2010 dollars). Nationally, the 

median household income in 2010 was $51,144 (Noss, 2012). However, this is a comparison of a 

mean value to a median value. When comparing the median to median dollar values, the median 

                                                 
21 There are also servicemembers that count their ethnicity as Hispanic while including their race as Black, Native 
American, multi-racial, and so forth. But the vast majority fall under White/Hispanic, so for ease of analysis I am 
only examining the difference between Non-Hispanic whites and whites. A full breakdown of Hispanic ethnicity 
identification by race can be found on page 20 of Demographics 2010: Profile of the Military Community at: 
http://www.militaryonesource.mil/12038/MOS/Reports/2010_Demographics_Report.pdf. 
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income level in the casualty data set is $48,484. There are some high median income values that 

are pulling the average above the national median range.  

A full accounting of the descriptive statistics for the casualties from late 2001 to May 

2013 are provided in Table 1; Table 2 provides descriptive statistics on the U.S. Census Bureau 

data.  

Table 1: Descriptive Statistics for Military Casualties, 2001-2013 

VARIABLES     N Mean SD Min Max 

Age 5,252 26.09 6.328 18 60 

White non-Hispanic 5,252 0.776 0.423 0 1 

White-Hispanic 5,252 0.0981 0.297 0 1 

Black 5,252 0.0821 0.274 0 1 

Asian 5,252 0.0196 0.139 0 1 

American Indian or Alaska Native 5,252 0.0120 0.109 0 1 

Hawaiian or other Pacific Islander 5,252 0.00209 0.0457 0 1 

Mixed races 5,252 0.0145 0.119 0 1 

Army 5,252 0.724 0.447 0 1 

Marines 5,252 0.232 0.422 0 1 

Navy 5,252 0.028 0.165 0 1 

Air Force 5,252 0.0158 0.125 0 1 

Coast Guard 5,252 0.000190 0.0138 0 1 

Active Duty 5,252 0.8284 0.437 0 1 

National Guard 5,252 0.100 0.300 0 1 

Reserve 5,252 0.0716 0.258 0 1 

Enlisted 5,252 0.907 0.291 0 1 

Combat occupation 5,252 0.647 0.478 0 1 

Male 5,252 0.984 0.125 0 1 

Married 5,252 0.484 0.500 0 1 

Never married 5,252 0.469 0.499 0 1 

Divorced 5,252 0.0449 0.207 0 1 

Income 5,252 52,022 15,134 19,429 138,571 

Officer 5,252 0.0931 0.291 0 1 
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   Table 2: Descriptive Statistics for Census Data, 2010 

VARIABLES N mean sd min max 

cen_age 889 38.41 3.627 22.47 57.19 

cen_nonhsgrad 889 18.02 5.064 0 39.13 

cen_hsgrad_higher 889 85.35 6.078 57.11 97.88 

cen_ba_higher 889 25.17 10.61 7.674 83.99 

cen_income 889 51,949 15,262 12,467 173,324 

cen_unemployment 889 8.335 2.633 0 24.01 

cen_white_non_hisp 889 72.78 20.79 0.517 98.50 

cen_black 889 9.813 12.55 0.0298 70.72 

cen_hispanic 889 11.34 14.64 0.191 99.31 

cen_native_amer 889 1.471 5.407 0 94.67 

cen_asian 889 2.963 5.014 0 53.42 

cen_other 889 3.559 4.917 0 35.51 

cen_mixed_races 889 4.710 3.556 0 53.57 

 

Descriptive Statistics- Recruit Data 

 Appendix A provides a summary statistical table, by year, for the education levels and 

race of all the recruits from 2001 to 2010. Throughout the ten-year period, the recruits were more 

educated than their civilian counterparts. In 2014, the nationwide average for the number of 

citizens with at least a high school diploma was 88.32 percent (U.S. Census, 2014).22 The 10-

year average for military recruits was 92.92 percent. Even during the height of the war and the 

lowering of admission standards, recruits were more educated than their peers in the general 

population. 

 In 2014, African Americans made up 13.2 percent of the U.S. population (U.S. Census, 

2014). The ten year average for the military was 19.68 percent. Blacks are significantly 

overrepresented in the military when compared to the general U.S. population. Unfortunately, the 

                                                 
22 Data from U.S. Census Bureau: Educational Attainment in the United States: 2014 - Detailed Tables. Accessed at: 
https://www.census.gov/hhes/socdemo/education/data/cps/2014/tables.html. 
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recruit data does not provide the number of Hispanics, as they are included under the race 

category of white. The U.S. population percentage for all whites, including Hispanics, was 77.7 

percent. The ten year military average was 67.9 percent. By not splitting white Hispanics from 

white non-Hispanics, it is difficult to say if either group is over or under represented within the 

military in this data set.  

Regression Results 

Casualty Regressions: 

After merging the casualty and census data I ran multiple regressions that looked at the 

casualty rate as a function of income, education, race, and age. As income and education are 

highly collinear, I had to run these regressions separately. This had the added benefit of checking 

for robustness of the findings across models. I began with running univariate models that looked 

at the casualty rate as a function of two separate variables: log income and education. Both 

coefficients are statistically significant at the 99 percent level. The negative sign on the log 

income variable indicates that as income in a given 3 digit ZCTA increases, the casualty rate is 

expected to go down. While statistically significant, the magnitude of practical significance is 

quite low. The coefficient on log_cen_income in Model 1 indicates that an increase of one 

percent in log income is expected to decrease the casualty rate by 0.0097 casualties per 1000 

residents (casualtyrate2 is the casualty rate for every 1000 people), or 9.7 casualties per one 

million residents. 

 Not surprisingly, the coefficient for education (a measure of the percent of the 

population with a bachelor’s degree or higher) is negative as well and indicates that the more 

educated a 3 digit ZCTA is, the lower the expected casualty rate. As with the coefficient on 
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income, the coefficient for education is quite low in practical significance. A one percent 

increase in the number of residents with a college degree or higher is expected to decrease the 

casualty rate by 3.16 casualties per 10 million residents. Despite the practical significance, these 

results support the findings of Kriner and Shen that casualties are coming from poorer and less 

educated parts of the country. 

Table 3: Univariate OLS Regressions of the Casualty Rate on Income/Education 

 (Model 1) (Model 2) 

VARIABLES casualtyrate2 casualtyrate2 

   

log_cen_income -0.00972***  

 (0.00157)  

cen_ba_higher  -0.000316*** 

  (3.51e-05) 

Constant 0.0574*** 0.0274*** 

 (0.00635) (0.00117) 

   

Observations 888 888 

R-squared 0.036 0.055 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

After adding in age and race variables I ran the regressions again. In looking at log 

income in Table 4 below, the coefficients remained negative and statistically significant. 

However, the race variables produced some interesting results that support my hypothesis. White 

non-Hispanic (denoted as cen_white_non_hisp) was positive and statistically significant. The 

variables that indicate minority status, cen_black and cen_hispanic, were both negative and 

highly significant statistically. Since cen_hispanic is the analogue of cen_white_non_hisp, the 

two variables had to be run separately due to collinearity. The variable cen_black denotes the 
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percentage of African Americans in a given zip code. It was included in both models and 

produced similar results in each. 

Table 4: Multivariate OLS Regressions of the Casualty Rate on Income/Education 

 (Model 1) (Model 2) (Model 3) (Model 4) 

VARIABLES casualtyrate2 casualtyrate2 casualtyrate2 casualtyrate2 

     

log_cen_income -0.0102*** -0.0106***   

 (0.00164) (0.00153)   

cen_age -4.91e-05 -6.06e-05 -0.000161 -0.000206 

 (0.000184) (0.000189) (0.000177) (0.000181) 

cen_white_non_hisp 7.78e-05**  4.22e-05  

 (3.32e-05)  (3.53e-05)  

cen_black -0.000148*** -0.000224***  -0.000140*** 

 (4.34e-05) (3.39e-05)  (3.79e-05) 

cen_hispanic  -0.000107***  -1.94e-05 

  (3.63e-05)  (5.04e-05) 

cen_nonhsgrad   -0.000537*** -0.000525*** 

   (0.000129) (0.000142) 

cen_ba_higher   -0.000488*** -0.000494*** 

   (5.61e-05) (5.19e-05) 

Constant 0.0571*** 0.0668*** 0.0427*** 0.0491*** 

 (0.00919) (0.00962) (0.00764) (0.00743) 

     

Observations 888 888 888 888 

R-squared 0.080 0.083 0.102 0.113 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

 

Next, I looked at education. This time I included a variable that accounts for poorly 

educated areas. The models indicated that when a zip code sees an increase in the number of high 

school dropouts (denoted as cen_nonhsgrad), the casualty rate is expected to drop. Additionally, 

the coefficients on cen_ba_higher and cen_black remained negative and statistically significant.  

These regressions offer conflicting results. Initially, the univariate regression output 

indicates that the military attracts less advantaged segments of the population: primarily the less 



 

26 

 

educated and minorities from poorer areas. However, upon further analysis a more nuanced 

picture begins to unfold. The multivariate regression results support the notion that wealthy and 

highly educated areas are expected to see fewer casualties; however, so are very poorly educated 

areas and areas with high percentages of minorities. Therefore, it appears that it is neither the 

highly advantaged nor the highly disadvantaged areas of the U.S. that are experiencing the 

highest casualty rates.  

The one coefficient that seems to refute this assertion is income. It remained negative and 

highly statistically significant, indicating that the poorest areas are expected to suffer the highest 

casualty rates. Taking the coefficient on log_cen_income in Table 4 (Models 1 and 2), a one 

percent increase in log income is expected to decrease the casualty rate by 0.01 percent. 

However, it is facile to say that because the coefficient on log_cen_income is negative that the 

poorest areas of the country suffer the highest casualty rates. If the burden is being born by the 

middle class, as I contend, then relationship between the casualty rate and income is not linear. 

Only by adding a quadratic term can one see the true relationship. In this case, I squared 

log_cen_income, which is denoted as log_cen_income_2 in Table 6. By doing this, the 

coefficient on log_cen_income switched to positive. This means that as income increases the 

casualty rate is expected to increase until it reaches an inflection point, at which time the casualty 

rate is expected to drop as income increases. Essentially, a one percent increase in log income is 

expected to result in an increase in the casualty rate by 0.08 percent until the income levels hit 

$34,020, at which time the casualty rates are expected to decrease by 0.01 percent for every one 

percent increase in log income.23 The U.S. Census Bureau uses the Office of Management and 

                                                 
23 The inflection point is at a median household income level of $34,020, in 2010 dollars ($36,934 in 2014 dollars). 
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Budget’s definition for poverty. In 2010, the poverty threshold for a family of four (two of which 

are children under 18 years of age) was $22,113 (DeNavas-Walt, et al., 2011).  

Table 5: OLS Regressions of the Casualty Rate on Income with Quadratic term  

 (Model 1) (Model 2) (Model 3) 

VARIABLES casualtyrate2 casualtyrate2 casualtyrate2 

    

log_cen_income 0.0822*** 0.0646*** 0.0637** 

 (0.0255) (0.0249) (0.0252) 

log_cen_income_2 -0.0115*** -0.00939*** -0.00932*** 

 (0.00312) (0.00304) (0.00307) 

cen_age  2.68e-05 -6.98e-07 

  (0.000186) (0.000194) 

cen_white_non_hisp  5.73e-05*  

  (3.27e-05)  

cen_black  -0.000155*** -0.000212*** 

  (4.26e-05) (3.43e-05) 

cen_hispanic   -8.95e-05** 

   (3.68e-05) 

Constant -0.125** -0.0926* -0.0834 

 (0.0519) (0.0532) (0.0550) 

    

Observations 888 888 888 

R-squared 0.050 0.089 0.092 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Except for age, all of the coefficients are statistically significant at the 90% level. 

Additionally, the variables denoting race indicate that casualty rates are expected to increase in 

areas with a higher percentage of white non-Hispanics. Areas with high concentrations of 

African Americans or Hispanics are expected to have lower casualty rates.  

The coefficient on white non-Hispanic appears extremely small despite its statistical 

significance. A check on the practical magnitude of the number confirms it is quite small. A one 

percentage point increase in the number of white non-Hispanics in a given 3 digit ZCTA is 
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expected to increase the number of casualties for that area by 0.0000573 for every 1000 people. 

This equates to 5.7 casualties per 10 million people. While each individual casualty is incredibly 

traumatic for the family, friends, and hometown affected by their loss, these numbers are quite 

small. This is due to the number of combat deaths when compared to the whole of the U.S. 

population.24 Compared to other wars the United States has engaged in, the number of casualties 

in the GWOT is significantly less. 

The coefficient for cen_black is statistically more significant and has a slightly higher 

magnitude of practical significance. A one-percent increase in the black population is expected to 

decrease the casualty rate for that area by 0.00015 casualties for every 1000 people, or 1.5 in a 

million. These numbers represent a slightly higher magnitude than the numbers for white non-

Hispanics, but they are still extremely small. Similarly, the coefficient on cen_hispanic relates an 

expected decrease of 8.95 casualties per 10 million people when the population of Hispanics in 

an area increases by one percentage point. 

While not practically significant due to the low overall casualty rate of the GWOT, these 

results support the notion that largely white, lower-middle to middle class parts of the country 

are suffering the highest casualty rates, contesting the notion that the burden of these wars is 

being borne by the poor and minorities.  

This section examined what types of communities are suffering the highest casualty rates, 

the next section examines, in a similar fashion, the overall recruitment rates for these 

communities. 

                                                 
24 Currently 6,829 casualties out of nearly 320 million Americans, an overall casualty rate of about .0021 percent or 
about 2.1 hostile deaths for every 100,000 Americans.  



 

29 

 

Recruitment Rate Regressions: 

Using the same empirical model, I then ran regressions looking at the recruitment rate. As 

with the casualty rate regressions above, the recruitment rate output below first looks at income 

and then education due to the problems of collinearity between the variables. Similarly, two 

models were run for each in order to look at white non-Hispanic and Hispanic due to the same 

collinearity problem, resulting in a total of four models in Table 7. 

Table 6: OLS Regressions of the Recruitment Rate on Income and Education 

 (Model 1) (Model 2) (Model 3) (Model 4) 

VARIABLES recruitrate recruitrate recruitrate recruitrate 

     

log_cen_income 0.109*** 0.107***   

 (0.0342) (0.0331)   

log_cen_income_2 -0.0169*** -0.0167***   

 (0.00423) (0.00408)   

cen_white_non_hisp 2.08e-05  -0.000264***  

 (3.05e-05)  (3.33e-05)  

cen_black 0.000208*** 0.000187***  0.000396*** 

 (6.17e-05) (5.11e-05)  (5.29e-05) 

cen_hispanic  -4.82e-05  0.000152*** 

  (3.85e-05)  (4.76e-05) 

cen_nonhsgrad   -0.00130*** -0.00114*** 

   (0.000124) (0.000128) 

cen_ba_higher   -0.00126*** -0.00116*** 

   (7.28e-05) (6.63e-05) 

     

Constant -0.129* -0.123* 0.111*** 0.0814*** 

 (0.0685) (0.0670) (0.00559) (0.00288) 

     

Observations 887 887 887 887 

R-squared 0.268 0.269 0.359 0.376 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Recruitment Rate on Income: 

 As with the casualty rate, the recruitment rate sees an increasing trend at the lower 

income levels, hits an inflection point and then begins to decrease. The inflection point for 

Model 1 in Table 7 above occurs at a median income level of $25,033. The inflection point for 

model 2 occurs at $24,741. This indicates that while recruitment increases as income increases 

for ZCTA’s with a median income level below $25,000 a year, income levels above this point 

indicate that the recruitment rate is expected to decrease as income increases.  

For log_cen_income in Model 1, the coefficient is 0.109, meaning that a one percent 

increase in log income is expected to yield approximately a tenth of a percentage point increase 

in the recruitment rate. The quadratic term, log_cen_income_2, states that after income levels 

surpass the inflection point of $24,741, a one percent increase in log income is expected to result 

in a decline in the recruitment rate by 0.017 percentage points. The coefficient for 

cen_white_non_hisp is positive but not statistically significant. Its value is 0.0000208, meaning 

that a one percentage point increase in the number of white non-Hispanics in a given 3-digit 

ZCTA is expected to increase recruitment by 2 for every 100,000 people. The coefficient for 

cen_black is also positive, but it is highly statistically significant. The coefficient implies that a 

one percentage point increase in the percentage of African Americans in a given 3-digit ZCTA is 

expected to increase recruitment by 2 for every 10,000 people. A similar result occurs in Model 

2.  As mentioned earlier, Model 2 looks at Hispanics (run separately due to the problems of 

collinearity). The coefficient on cen_hispanic is negative but not statistically significant. It 

implies that a one percentage point increase in the percentage of Hispanics living in a given 3-
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digit ZCTA is expected to decrease recruitment by 0.0000482, or about 5 for every 100,000 

people.  

Recruitment Rate on Education: 

Models 3 and 4 above address the effects of education. Starting with Model 3, the 

coefficients on the education variables- cen_nonhsgrad and cen_ba_higher- are negative and 

statistically significant at the 99 percent level. For cen_nonhsgrad, a one percentage point 

increase in the number of high school dropouts in a given 3-digit ZCTA is expected to decrease 

recruitment by 0.0013, or 1 for every 1,000 people. Similarly, for cen_ba_higher, a one 

percentage point increase in the number of college graduates in a given 3-digit ZCTA is expected 

to decrease recruitment by 0.0012, or 1 for every 1,000 people. Areas with very high percentages 

of high school drop outs have a smaller pool of eligible recruits, so it is logical to see this 

negative effect. In the same vein, areas with higher percentages of college graduates likely have 

the means to send their children to college, thereby creating this negative effect. 

The coefficient on cen_white_non_hisp is negative and statistically significant. It implies 

that a one percentage point increase in the number of white non-Hispanics in a given 3-digit 

ZCTA is expected to decrease recruitment by 2.6 for every 10,000 people. This is a significant 

change from the coefficient in Model 1. The sign switches from negative to positive and also 

becomes more statistically significant. The R-square also increases in this specification, 

indicating that education is a better predictor than income when looking at race and recruitment.  

In Model 4, all the variables are statistically significant at the 99 percent level. The 

coefficient for cen_black is positive, implying that a one percentage point increase in the number 

of African Americans in an area is expected to increase recruitment by almost 4 for every 10,000 
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people. The coefficient for cen_hispanic is also positive and implies that a one percentage point 

increase in the number of Hispanics in an area is expected to increase recruitment by 1.5 for 

every 10,000 people. There is essentially no change in the size or significance in the coefficients 

for cen_nonhsgrad and cen_ba_higher from Model 3. 

 

Conclusion and Policy Recommendation 

These results support my hypothesis that largely white, middle class communities are 

bearing the brunt of the sacrifice of the wars in Iraq and Afghanistan. At low income levels, the 

casualty rate is expected to rise as income rises. However, at high income levels the casualty rate 

is expected to decrease. This quadratic relationship shows that the highest casualty rates occur at 

the middle income ranges. As for education, areas that are very poorly educated and areas that 

are very highly educated see a negative effect on the casualty rate, implying that areas with large 

percentages of high school graduates but not college graduates are expected to see the highest 

casualty rates.  

In looking specifically at minorities, Hispanics are overrepresented as casualties. African 

Americans are underrepresented. Communities with high percentages of African Americans see 

significant recruitment rates, but these black recruits appear to disproportionately enter non-

combat related jobs. As a result, the casualty rate for African Americans in the military is 

disproportionately less compared to other races. Hispanics enter the military at a lesser rate than 

African Americans, but are overrepresented in combat related jobs within the military, as a result 

they experience a disproportionately high casualty rate. Of the 515 casualties coded as 

White/Hispanic, roughly 67 percent of them were in combat jobs. The rate for African 
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Americans was 52 percent. Since the majority of combat deaths occur to those military members 

in direct combat-related job fields, this disparity is logical. The question is: What mechanisms 

are driving Hispanics into combat related MOS’s and what are driving African Americans into 

support MOS’s? 

Three factors are likely driving Hispanics into combat jobs: cultural factors, regional 

factors, and economic factors. One of the cultural factors likely driving this trend is notion of 

machismo that is identified in Latino and Hispanic culture, where masculine activities, such as 

warfighting, are viewed favorably (Herrera, et al., 2013). This may be drawing many male 

recruits into primarily combat-oriented job fields. In terms of regional factors, exposure to the 

military by growing up near a base can influence young men and women to join (Kleykamp, 

2006). Many bases are located near heavily Hispanic-populated areas such as California, Texas, 

and Florida. This close exposure to the military breeds a familiarity with it, possibly enabling 

more young Hispanic men and women to join. The economic factors at play are that Hispanics 

are heavily represented in the lower quintiles of family income nationally and see the military as 

means for upward social and economic mobility. Additionally, due to the fact that many 

Hispanic enlistees are new or first generation immigrants, their English language skills are often 

poor (Asch, et al., 2005). This results in lower ASVAB scores which, combined with the 

machismo factor, are possibly driving more Hispanics into combat jobs than they would 

otherwise.  

African Americans experienced disproportionately high casualty rates during the early 

years of the Vietnam War. That legacy combined with the social mobility offered by the military 

is causing African Americans to still join the military in large numbers, but drive them into jobs 
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that entail less risk and provide the most opportunities to build human capital through skill 

acquisition and educational opportunities. 

As seen in Figure 4, the highest casualty rates during this period occur in the second and 

third income quintiles ($40,156 to $50,720 range, in 2010 dollars).  

Figure 5: Average Casualty Rate (per 1000 people) by Income Quintile 

 

 

Figure 6: Average Recruitment Rate by Income Quintile 
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The highest recruitment rates occur in the bottom 20 percent of median income. The 

disparity between the two graphs is due to the disproportionately large number of white 

casualties. These white casualties are coming mostly from the middle and high income quintiles. 

In terms of which economic groups are suffering the most casualties, it is true that the graph 

shows that the bottom 60 percent of median income levels suffer the highest casualty rates, but it 

is disingenuous to say that because of this it is the less advantaged areas of society suffering the 

effects of war. The difference in the casualty rate from the lowest income quintile to the highest 

is only 0.007 percentage points. In an AVF, there will never be perfect representation across 

income categories. As stated earlier, people join the military largely based on reasons of 

patriotism or the opportunities service provides (and often a combination of the two). People 

coming from high income areas have little to gain from joining the military in terms of social 

mobility or opportunity. Those that join from the upper 20 percent of income earners are likely 

doing so out of patriotism or a sense of duty. Those of the lower income quintiles are likely 

doing so primarily because they see the opportunity for social mobility (although patriotism is 

likely a significant factor as well). A 2011 survey by Pew Research examined why people joined 

the military after 9/11. Across all ranks, 75 percent cited the educational benefits as a major 

reason for joining (Pew, 2011). The education benefits, healthcare and pay, and system of 

meritocracy surrounding the military is a powerful motivator to serve. Therefore, I believe it is 

the highly motivated people from these lower income quintiles that are joining. They already 

have to meet admission standards that are quite high: for the most part they must have graduated 

high school, display a degree of moral character, and be physically fit enough to join. These are 

individuals who see the military as an opportunity. In looking at the poorest areas, defined in this 
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analysis as the bottom 20 percent of median income, the recruits from these areas can be seen as 

relatively high achievers when looking at the standards they must meet for the military. These 

are individuals who, by virtue of their ability to finish school and avoid drugs and other criminal 

behavior, display attributes that indicate they are consciously seizing an opportunity, rather than 

being naïvely exploited as cannon fodder. Simply put, the most desperate and destitute from 

these low income areas are largely not going to be eligible to serve. 

  Additionally, using nebulous terms like “advantaged” and “disadvantaged” when 

examining this issue is problematic because it does not take into account the voluntary nature of 

military service and the circumstances surrounding the decision to join. Using these terms creates 

an argument that is seemingly tautological and can be misleading. Someone coming from an 

“advantaged” background has more options; someone coming from a “disadvantaged” 

background likely has less. Therefore it only stands to reason that a profession that gives people 

advantages vis-á-vis their socioeconomic status is likely to attract disadvantaged segments of the 

population. But one has to keep in mind that the standards set by the military serves to filter out 

the metaphorical wheat from the chaff. The voluntary nature of service is the key to the system. 

A draft would force individuals who had neither the motivation or, in some cases, ability to 

graduate high school and stay away from drugs and crime into the military, thereby lowering the 

overall quality of the force and, by extension, the effectiveness of it. 

 

Policy Recommendations 

  The current AVF system is serving the military, and the nation, well.  While disparities 

exist in the proportionality of recruitment and casualties, the results of this thesis show that it is 
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not minorities and the poor suffering disproportionally from these wars. Additionally, the AVF is 

able to obtain high quality recruits that are more educated than the rest of their civilian peers. As 

a result we need to keep the current system but also need to ensure that we are not 

disproportionately populating combat MOS’s with certain races or ethnicities. 

  Calls for the draft by advocates say that it will decrease the likelihood of getting involved 

in unnecessary wars because most Americans will have “skin in the game.” But a draft is 

inherently inequitable in application. The military cannot accommodate the 30 million 

Americans of age that are eligible to serve. As a result, there will need to be some type of 

filtering process. This is where the unfairness manifests itself. As was seen in the major wars 

leading up to the switch to an AVF, the system favors those with means to avoid service. With 

perhaps the exception of WWII, it was the poor and those of lesser means that were unable to 

avoid the draft. Advocates of a draft would say there are ways to ensure the poor are not 

disproportionately serving, such as a lottery. This is may be true, but there is still the serious 

problem of motivation. Forcing people to serve is antithetical to the values the military tries to 

inculcate into its members. A military comprised of people forced to serve instead of those who 

make a conscious choice to serve will guarantee the military suffers from morale issues. Low 

morale leads to poor discipline and an erosion in the esprit de corps required to maintain an 

effective military. The military during the Vietnam War is a fitting example. From 1964 to 1973, 

there were approximately 444,000 deserters.25 A study commissioned by the Army after Vietnam 

found that those who deserted tended to be less educated (as defined by being a high school 

dropout), less intelligent, and had higher instances of “pre-service delinquencies” (Bell, 1979). 

                                                 
25 507,000 if one includes multiple instances by single individuals (Bell, 1979). 
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The desertion rate for the GWOT is significantly less, even when factoring in the smaller size of 

the military today compared to its size in Vietnam. From 2001 to 2012, a total of 11,212 

servicemembers were separated due to being Absent Without Leave (AWOL) or for desertion.26 

The disparity in the desertion rate is consistent with the argument that an AVF produces a more 

professional military. 

  If there is a major war in which we need to rapidly increase the size of the military, then 

we still have the current selective service system to fall back on. If the policy goal is to avoid 

unnecessary war, it is counterproductive to resort to a less fair system which could undermine the 

professionalism and effectiveness of the military.  The decision to go to war is a political one, 

and numerous options exist to restrain this authority through legislative action. Similarly, if there 

is no appetite for war, the electoral process can place people into power that reflect this desire.  

   In terms of recruitment, there is room for modifications to the current system. If the goal 

is shared sacrifice, then pursuing proportional representation across the varied races, ethnicities, 

and economic classes should be an objective.  

  The military should ensure it has broad racial and ethnic representation across job fields. 

Currently, whites and Hispanics are over-represented as casualties; African Americans are 

underrepresented. An adjustment to enlistment incentives could entice more equitable 

representation in combat fields across the military. 

                                                 
26 This number does not include servicemembers who went AWOL and then returned. Including those numbers 
yields approximately 40,000 deserters from 2000-2012. Separation data obtained from Freedom of Information 
Act request document #13-F-0059 at: 
http://www.dod.mil/pubs/foi/Personnel_and_Personnel_Readiness/Personnel/ 
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  This study does not address the rates for the wounded. A more complete study of the 

issue would include wounded servicemembers in the casualty rate, since this study only looks at 

those who died from wounds suffered in combat or were killed in action. Furthermore, there is an 

alarmingly high rate of suicides among active duty military and veterans. There could be 

considerable value in looking at suicide rates using the empirical model used in this thesis. 

  Additionally, better data on the economic backgrounds of the recruits entering the 

military and what drives them into high or low risk occupations would be beneficial. This study 

looks at approximately 12 years’ worth of casualties of the GWOT. It would be interesting to see 

if as the intensity of involvement in Afghanistan and Iraq tapers off, if the demographics of 

casualties shifts in some manner between race and social class. Furthermore, this study uses a 

method that aggregates census zip code tabulation areas at the 3-digit level, resulting large 

geographic areas in which income and education rates can vary considerably. A study at the 

census tract level would provide much more granularity in the examination of recruit and 

casualty socioeconomic status. 
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Year 10-year average

White 781143 66.12% 806091 66.68% 819195 67.00% 818873 67.37% 799008 67.87% 806206 68.29% 810527 68.88% 827268 69.12% 835432 69.03% 835825 68.76% 67.91%

Black 264591 22.40% 262379 21.70% 256771 21.00% 245374 20.19% 230692 19.60% 223126 18.90% 217663 18.50% 219012 18.30% 219505 18.14% 220112 18.11% 19.68%

Asian 31793 2.69% 35892 2.97% 35222 2.88% 43317 3.56% 43035 3.66% 48235 4.09% 48156 4.09% 49504 4.14% 50913 4.21% 52410 4.31% 3.66%

Other 103920 8.80% 104604 8.65% 111550 9.12% 107856 8.87% 104498 8.88% 103040 8.73% 100305 8.52% 101113 8.45% 104357 8.62% 107200 8.82% 8.75%

Total 1181447 1208966 1222738 1215420 1177233 1180607 1176651 1196897 1210207 1215547

Year 10-year average

Uknown 46768 3.96% 52397 4.33% 45287 3.70% 14629 1.20% 10156 0.86% 20468 1.73% 10130 0.86% 9077 0.76% 8058 0.67% 10936 0.90% 1.90%

Less than HS Diploma 9839 0.83% 10542 0.87% 11015 0.90% 10022 0.82% 9393 0.80% 8556 0.72% 8052 0.68% 7988 0.67% 8917 0.74% 7770 0.64% 0.77%

HS Diploma 1040873 88.10% 1058694 87.57% 1077136 88.09% 1098573 90.39% 1066239 90.42% 1053808 89.26% 1044962 88.81% 1057647 88.37% 1072083 88.59% 1082038 89.02% 88.86%

College 35226 2.98% 37693 3.12% 39514 3.23% 42854 3.53% 43855 3.72% 39353 3.33% 45930 3.90% 47404 3.96% 49873 4.12% 51753 4.26% 3.62%

Graduate degree 3815 0.32% 4333 0.36% 4528 0.37% 4787 0.39% 4773 0.40% 4814 0.41% 5198 0.44% 5488 0.46% 6096 0.50% 6749 0.56% 0.42%

PhD 244 0.02% 291 0.02% 310 0.03% 305 0.03% 267 0.02% 217 0.02% 228 0.02% 228 0.02% 248 0.02% 261 0.02% 0.02%

Other/Alternate education 44682 3.78% 45016 3.72% 44948 3.68% 44250 3.64% 44550 3.78% 53391 4.52% 62151 5.28% 69065 5.77% 64932 5.37% 56040 4.61% 4.42%

Total 1181447 1208966 1222738 1215420 1179233 1180607 1176651 1196897 1210207 1215547

Year 10-year average

White 186083 83.53% 190681 82.79% 192704 82.10% 191257 81.13% 188351 80.51% 184858 79.67% 181291 78.97% 181681 78.26% 184752 77.82% 188201 77.40% 80.22%

Black 19817 8.90% 20782 9.02% 21288 9.07% 21337 9.05% 21300 9.10% 21126 9.10% 20890 9.10% 21426 9.23% 22153 9.33% 22782 9.37% 9.13%

Asian 4470 2.01% 5043 2.19% 5404 2.30% 6462 2.74% 6981 2.98% 8129 3.50% 7675 3.34% 8155 3.51% 8777 3.70% 9418 3.87% 3.02%

Other 12398 5.57% 13823 6.00% 15316 6.53% 16679 7.08% 17317 7.40% 17929 7.73% 19714 8.59% 20877 8.99% 21713 9.15% 22749 9.36% 7.64%

Total 222768 230329 234712 235735 233949 232042 229570 232139 237395 243150

Year 10-year average

Uknown 18584 8.34% 17297 7.51% 19137 8.15% 11639 4.94% 12447 5.32% 12058 5.20% 8826 3.84% 10219 4.40% 10855 4.57% 21795 8.96% 6.12%

Less than HS Diploma 143 0.06% 550 0.24% 748 0.32% 651 0.28% 588 0.25% 372 0.16% 237 0.10% 176 0.08% 83 0.03% 51 0.02% 0.15%

HS Diploma 15294 6.87% 18872 8.19% 19038 8.11% 21730 9.22% 21886 9.36% 22151 9.55% 22529 9.81% 23488 10.12% 25054 10.55% 22804 9.38% 9.12%

College 101845 45.72% 116567 50.61% 118994 50.70% 124971 53.01% 122182 52.23% 120255 51.82% 121775 53.04% 120672 51.98% 120981 50.96% 109089 44.86% 50.49%

Graduate degree 62403 28.01% 56715 24.62% 56459 24.05% 56201 23.84% 56130 23.99% 56414 24.31% 54790 23.87% 55647 23.97% 57491 24.22% 68676 28.24% 24.91%

PhD 24314 10.91% 20122 8.74% 20156 8.59% 20387 8.65% 20552 8.78% 20632 8.89% 21282 9.27% 21813 9.40% 22706 9.56% 20644 8.49% 9.13%

Other/Alternate education 185 0.08% 206 0.09% 180 0.08% 156 0.07% 164 0.07% 160 0.07% 131 0.06% 124 0.05% 225 0.09% 91 0.04% 0.07%

Total 222768 230329 234712 235735 233949 232042 229570 232139 237395 243150
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Appendix A: Summary Table of Data on 

Recruitment, 2001 to 2010. 
Data derived from data.gov, 2 October 2014. 
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